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[bookmark: OLE_LINK1]1.0 Introduction
The rapid development of generative artificial intelligence (AI) has started to reshape many workplaces. Tools such as ChatGPT, Microsoft Copilot and other AI-based systems are now being used to support writing, customer service, data analysis and routine decision-making. For many organisations, generative AI offers possible benefits such as improved efficiency, lower costs and faster task completion. However, the use of this technology also brings new concerns for employees, especially in relation to trust and job security (Jarrahi, 2018; Vrontis et al., 2022).
In the context of UK small and medium-sized enterprises (SMEs), this issue is particularly important. SMEs often work with limited financial resources, smaller teams and less formal management structures compared with large organisations. Because of this, the adoption of generative AI may create stronger uncertainty for employees. Some workers may see AI as a helpful tool that supports their daily work, while others may worry that it could reduce the value of their role, replace some tasks, or increase management control (OECD, 2021; Kellogg et al., 2020). These different reactions may influence how employees trust their organisation and how secure they feel about their future employment.
Employee trust is an important issue in the workplace because it affects communication, cooperation, commitment and willingness to accept change (Mayer, Davis and Schoorman, 1995; Dirks and Ferrin, 2002). At the same time, job insecurity can have negative effects on morale, motivation and wellbeing (De Witte, 1999; Shoss, 2017). If employees believe that AI adoption is poorly managed, unclear or unfair, their trust in managers and the organisation may decline. In a similar way, if workers feel that AI may replace their skills or reduce the need for their role, they may experience stronger feelings of insecurity (Greenhalgh and Rosenblatt, 1984; Sverke, Hellgren and Näswall, 2002). For this reason, generative AI adoption should not only be seen as a technical or operational change, but also as a human and organisational issue.
Although there is growing discussion about AI in business, there is still a need to better understand how employees experience these changes in SMEs, especially in the UK context. Much discussion has focused on innovation, productivity and digital transformation, but fewer studies have looked closely at how generative AI adoption may shape employee trust and job insecurity at the same time (Jarrahi, 2018; Vrontis et al., 2022). This research therefore aims to explore how the adoption of generative AI influences employee trust and perceptions of job insecurity in UK SMEs.
1.1 Research Aim
The aim of this research is to explore how the adoption of generative AI influences employee trust and perceptions of job insecurity in UK small and medium-sized enterprises (SMEs).
1.2 Research Objectives
To examine how generative AI is being adopted in UK SMEs. 
To explore how employees perceive the impact of generative AI on trust within the workplace. 
To investigate how generative AI adoption affects employees’ feelings of job insecurity. 
To identify the organizational factors that may shape employee trust and job insecurity during AI adoption.
1.3 Research Question
RQ1: How is generative AI being adopted in UK SMEs?
RQ2: How do employees perceive the influence of generative AI adoption on trust in the workplace?
RQ3: How does generative AI adoption affect employees’ perceptions of job insecurity in UK SMEs?
RQ4: What organisational factors shape employee trust and job insecurity during the adoption of generative AI?








2.0 Preliminary Literature Review
Generative AI has become an increasingly important topic in business and management research. In recent years, organisations have started to use tools such as ChatGPT and Microsoft Copilot to support communication, writing, data processing and customer service tasks. This development has created new opportunities for efficiency and innovation, but it has also raised concerns about how employees experience technological change in the workplace (Cascio and Montealegre, 2016; Jarrahi, 2018).
One important stream of literature presents AI adoption in mainly positive terms. From this perspective, AI is seen as a tool that can improve efficiency, reduce repetitive work, support decision-making and help firms remain competitive. This argument is especially relevant to SMEs, which often operate with limited resources and may benefit from technologies that save time and labour (OECD, 2021; Vrontis et al., 2022). In this view, generative AI can be understood as a form of organisational support that helps employees complete tasks faster and allows firms to improve productivity.
However, a different body of literature offers a more critical view. Rather than focusing on efficiency alone, these studies argue that workplace technologies may also increase surveillance, managerial control, uncertainty and employee anxiety. Research on automation and algorithmic management suggests that technology may not always be experienced as supportive. Instead, employees may interpret it as a threat to autonomy, job value or future employment security (Autor, 2015; Kellogg, Valentine and Christin, 2020). From this perspective, the adoption of generative AI may create concerns that go beyond technical usefulness, especially when workers are unclear about how AI will affect their role.
A third relevant stream of literature comes from research on trust. Trust is widely recognised as a central factor in organisational relationships, particularly during periods of change. Existing studies suggest that employees are more likely to accept change when management communication is transparent, when decision-making is perceived as fair, and when workers feel respected and informed (Mayer, Davis and Schoorman, 1995; Dirks and Ferrin, 2002). This means that employee responses to AI adoption may depend not only on the technology itself, but also on how adoption is managed and communicated within the organisation.
These three streams of literature are all useful, but they are often discussed separately. Studies on AI adoption often focus on performance and innovation. Studies on technological control tend to focus on surveillance and insecurity. Trust literature, by contrast, often examines communication, fairness and leadership in broader organisational settings. As a result, there is still limited understanding of how generative AI adoption, employee trust and job insecurity interact with one another in the specific context of SMEs.
This gap is important because SMEs differ from larger organisations in several ways. They often have fewer formal systems, more direct manager–employee relationships and fewer resources for retraining or organisational support (OECD, 2021; HM Government, 2024). In this context, employee reactions to AI may be shaped more strongly by local management practices, informal communication and concerns about role replacement. Therefore, the main gap is not simply that generative AI is a new technology. Rather, the more important gap is that the interaction between AI adoption, trust and job insecurity in SMEs remains underexplored.
2.1 Generative AI Adoption in Organizations
Technology adoption in organisations is often presented as a rational process linked to performance improvement, cost reduction and innovation. From this view, firms adopt new tools because they expect better outcomes. In the case of generative AI, businesses may use these systems to draft documents, support customer interaction, summarise information and improve internal efficiency (Vrontis et al., 2022). This is especially attractive for SMEs, which often face pressure to remain competitive while operating with limited time, staff and financial resources (OECD, 2021).
However, the adoption of technology is rarely a simple or neutral process. Organisational adoption depends not only on technical usefulness, but also on management decisions, employee acceptance, training, communication and workplace culture (Cascio and Montealegre, 2016; Jarrahi, 2018). If generative AI is introduced without clear guidance, workers may feel confused about what the technology is meant to do and how it will affect existing roles. In contrast, if the organisation communicates clearly and provides support, employees may be more willing to accept AI as a useful tool rather than a threat.
In UK SMEs, this issue may be more complex. Compared with large organisations, SMEs usually have fewer formal systems, less specialised HR support and more direct relationships between managers and employees. Because of this, the way AI is introduced may have a stronger personal effect on workers. A poorly managed adoption process may quickly damage trust, while a more open and supportive process may reduce fear and encourage adaptation (OECD, 2021). Therefore, the organisational context of SMEs is important when examining employee responses to generative AI.
Although research on AI adoption has grown quickly, much of the literature still focuses on implementation benefits, technology acceptance or firm performance. Less attention has been given to the emotional and relational side of adoption, especially in SME settings. This suggests that there is a need for further research into how employees interpret generative AI in their daily work and how these interpretations influence trust and job insecurity (Vrontis et al., 2022; Nawaz et al., 2024).
2.2 Employee Trust in the Context of Generative AI Adoption
Employee trust is a key issue in organisational life because it shapes cooperation, openness, commitment and willingness to accept change (Mayer, Davis and Schoorman, 1995; McAllister, 1995). In periods of technological transformation, trust becomes even more important, since employees often rely on management for information, direction and reassurance. If workers believe that leaders are honest, transparent and fair, they may be more likely to accept the introduction of new systems. On the other hand, when communication is weak or inconsistent, trust may decline (Dirks and Ferrin, 2002).
In the context of generative AI, trust can be understood in more than one way. Employees may need to trust the organisation, the managers who introduce the technology, and in some cases the technology itself (Lee and See, 2004; Schoorman, Mayer and Davis, 2007). For example, workers may question whether AI systems are reliable, whether they are being used fairly, or whether management is using them mainly to improve work or to reduce staff costs. These concerns are important because the meaning employees give to AI adoption may shape their broader attitude towards the organisation.
Some studies suggest that trust is strongly influenced by organisational transparency and participation. When employees are involved in change processes and are given clear explanations, they are more likely to feel respected and valued. However, when decisions are made without consultation, employees may interpret the same technology as a sign of control, surveillance or future replacement (Rousseau et al., 1998; Kellogg et al., 2020). This means that trust is not only about the technology itself, but also about how the technology is governed and communicated within the organisation.
Despite growing interest in AI in the workplace, current research has not fully explained how generative AI adoption affects employee trust in SMEs. Much of the discussion has focused on ethical concerns, technological reliability or consumer trust, while the everyday workplace experience of employees remains less explored (Lee and See, 2004; Nawaz et al., 2024). This is an important gap, as SMEs rely heavily on close working relationships, informal communication and team cooperation. A loss of trust in such settings may have a particularly strong effect on organisational functioning.
2.3 Job Insecurity and Generative AI Adoption
Job insecurity refers to an employee’s perception that their job or important parts of their work may be threatened in the future (Greenhalgh and Rosenblatt, 1984; De Witte, 2005). It is not always about actual job loss. In many cases, employees may still feel insecure even when no immediate redundancy has been announced. This is because insecurity is closely linked to uncertainty, lack of control and concerns about future employability (Ashford, Lee and Bobko, 1989; Shoss, 2017). In the context of generative AI, these feelings may become stronger when workers believe that technology can perform tasks that were previously completed by humans.
Recent debates around AI have increased these concerns. Unlike earlier forms of automation that mainly replaced routine manual work, generative AI is able to support or complete tasks involving writing, analysis, communication and content creation. Because of this, employees in administrative, marketing, customer service and knowledge-based roles may begin to question the long-term value of their skills (Autor, 2015; Jarrahi, 2018). Even when AI is presented as a support tool, workers may still worry that successful adoption will eventually reduce the need for certain roles or lower the importance of human contribution.
At the same time, employee reactions are not always the same. Some may view generative AI as an opportunity to improve productivity, learn new skills and increase their value in the organisation. Others may experience anxiety, especially if training is limited or if management communication is unclear. This shows that job insecurity is shaped not only by the technology itself, but also by the organisational environment in which the technology is introduced (Cascio and Montealegre, 2016; Shoss, 2017). Factors such as leadership style, transparency, reskilling opportunities and previous experiences of change may all influence how employees interpret the risks linked to AI adoption.
In SMEs, these concerns may be even more significant. Smaller businesses often have fewer alternative roles, less formal career development support and more limited resources for retraining. As a result, employees may feel that they have fewer protections if their tasks are changed or reduced by AI systems (OECD, 2021). This makes UK SMEs an important setting for studying job insecurity in relation to generative AI. Although automation and digital transformation have been linked to employment concerns in previous studies, the specific effects of generative AI on employee insecurity in SMEs remain underexplored (Autor, 2015; Vrontis et al., 2022).
2.4 Research Gap
The existing literature provides useful discussion on technology adoption, workplace trust and job insecurity, but these areas are often examined separately. Many studies on AI adoption focus on efficiency, innovation and organisational performance, while studies on trust and job insecurity often look at broader organisational change or earlier forms of automation (Mayer, Davis and Schoorman, 1995; Shoss, 2017; Vrontis et al., 2022). As a result, there is still limited understanding of how generative AI adoption influences employee trust and job insecurity at the same time, especially in the context of UK SMEs.
This gap is important for both academic and practical reasons. From an academic perspective, generative AI introduces a newer form of workplace change that may challenge previous assumptions about which jobs are vulnerable and how employees respond to technological disruption. From a practical perspective, SMEs need evidence that goes beyond general claims about AI benefits. They need to understand how employees interpret these changes, what creates resistance or acceptance, and how trust can be maintained during adoption (OECD, 2021; Nawaz et al., 2024). Therefore, this study proposes to explore employee experiences of generative AI adoption in UK SMEs, with specific attention to trust and job insecurity.



3.0 Methodology
This study aims to explore how generative AI adoption influences employee trust and job insecurity in UK SMEs. In order to address this aim, the research will adopt a qualitative methodology. A qualitative design is appropriate because the study focuses on employees’ experiences, perceptions and interpretations of organisational change. Since trust and job insecurity are subjective and socially shaped, they cannot be fully understood through numerical measurement alone. Instead, a qualitative approach allows the researcher to examine how employees make sense of generative AI in their workplace and how they explain its influence on their attitudes and feelings (Bryman, 2016; Creswell and Creswell, 2018).
The methodological design of this study is based on the principle of alignment between the research aim, research questions and methods. Because the study asks how employees perceive generative AI adoption and what factors shape their responses, it is more suitable to use an interpretivist perspective, an inductive approach and a case study strategy. This combination allows the research to develop a deeper understanding of employee experiences within a real organisational context (Saunders, Lewis and Thornhill, 2019). 
3.1 Research Philosophy
This study adopts an interpretivist research philosophy. Interpretivism is based on the idea that social reality is not fixed, but is created through people’s experiences and interpretations (Burrell and Morgan, 1979; Saunders, Lewis and Thornhill, 2019). In the context of this research, employee trust and job insecurity are not objective facts that can be directly measured, but are shaped by how individuals understand their work environment and organisational changes.
Since the study focuses on how employees experience generative AI adoption, it is important to understand their personal views, feelings and meanings. An interpretivist approach allows the researcher to explore these subjective experiences in more depth. It also recognises that different employees may react differently to the same technological change, depending on their role, expectations and previous experiences (Creswell and Creswell, 2018).
3.2 Research Approach
This research follows an inductive approach. An inductive approach starts from data and develops patterns, themes and possible explanations, rather than testing a fixed theory from the beginning (Saunders, Lewis and Thornhill, 2019; Bryman, 2016).
In this study, the aim is not to test a specific hypothesis about generative AI, but to explore how employees understand its impact on trust and job insecurity. Therefore, it is more suitable to collect rich qualitative data and then identify key themes from employee responses. This approach allows new insights to emerge from the data, which may not be captured by pre-defined models (Gioia, Corley and Hamilton, 2013).
3.3 Research Strategy
A case study strategy will be used in this research. A case study allows an in-depth investigation of a real-life situation within its context (Flyvbjerg, 2006; Saunders, Lewis and Thornhill, 2019). In this case, the study focuses on employees working in UK SMEs that have started to adopt generative AI tools.
The case study strategy is suitable because it helps the researcher to understand how organisational context influences employee perceptions. SMEs are different from large organisations in terms of structure, communication and resource availability. By focusing on this specific setting, the research can provide more detailed and meaningful insights into how generative AI is experienced by employees (OECD, 2021).
3.4 Data Collection
The primary data will be collected through semi-structured interviews. This method is chosen because it allows participants to express their views in their own words while still providing some structure for comparison across interviews (King and Horrocks, 2010; Leavy, 2020).
Semi-structured interviews are suitable for this study as they can explore complex topics such as trust and job insecurity in more depth. The researcher will prepare a set of guiding questions related to generative AI use, employee perceptions, organisational communication and feelings about job security. However, participants will also be encouraged to expand on their answers and share their own experiences (Bryman, 2016).
Each interview is expected to last around 30–45 minutes and may be conducted online using platforms such as Microsoft Teams or Zoom. With the participant’s permission, interviews will be recorded and later transcribed for analysis.
3.5 Sampling
This study will use purposive sampling. This means that participants will be selected based on specific criteria that are relevant to the research topic (Patton, 2015; Saunders, Lewis and Thornhill, 2019).
The participants will be employees working in UK SMEs who have some experience with generative AI tools in their workplace. This may include workers in areas such as administration, marketing, customer service or other knowledge-based roles. The study aims to include around 8–12 participants, which is considered sufficient for qualitative research at this level, especially when the focus is on depth rather than breadth (Guest, Bunce and Johnson, 2006).
The selection of participants will aim to include some variation in roles and experience in order to capture different perspectives. However, due to time and access limitations, the sample may not fully represent all SMEs in the UK.
3.6 Data Analysis
The data will be analysed using thematic analysis. This method is widely used in qualitative research to identify patterns and themes within the data (Braun and Clarke, 2006; Fereday and Muir-Cochrane, 2006).
The analysis process will follow several steps. First, all interview recordings will be transcribed. Second, the researcher will read the transcripts carefully to become familiar with the data. Third, initial codes will be created to label important ideas or recurring points. These codes will then be grouped into broader themes related to trust, job insecurity and organisational factors. Finally, the themes will be reviewed and linked back to the research questions. This process allows the researcher to develop a structured understanding of how employees interpret generative AI adoption and its impact on their work experience (Braun and Clarke, 2006).
3.7 Research Quality
In qualitative research, reliability and validity are often discussed in terms of trustworthiness (Lincoln and Guba, 1985). This study will consider credibility, dependability and transparency in order to improve research quality.
To improve credibility, the researcher will ensure that interview questions are clear and relevant to the research aim. Participants will be given enough time to explain their views, and the researcher will avoid leading questions as much as possible. To improve transparency, the research process, including data collection and analysis steps, will be clearly described. This helps others to understand how the findings are developed (Morse et al., 2002; Lincoln and Guba, 1985). However, due to the small sample size and qualitative nature of the study, the results may not be generalised to all organisations.
3.8 Resource Implications
Resource implications are an important part of this proposed research design. The study has relatively low financial cost because it will rely mainly on online interviews rather than travel-based fieldwork. This reduces expenses linked to transport, venue access and printed materials.
However, the study still requires significant time resources. Time will be needed for participant recruitment, scheduling interviews, conducting interviews, transcribing recordings and carrying out thematic analysis. Access to suitable participants may also be challenging, especially because employees in SMEs may have limited availability and may be cautious about discussing AI adoption and job insecurity. In addition, the researcher will need secure digital storage, access to online meeting platforms and sufficient time to manage consent, recording and anonymisation procedures. For these reasons, although the project is financially manageable, it remains time-intensive and requires careful planning. The module handbook also specifically asks students to address resource implications such as time and costs, so including this section strengthens the proposal design.









4.0 Significance of the Study
This study is expected to contribute to both academic research and practical management understanding. From an academic perspective, it focuses on the relationship between generative AI adoption, employee trust and job insecurity, which has not been widely explored together, especially in the context of UK SMEs. While existing studies often examine AI from a performance or innovation perspective, this research shifts the focus to employee experiences and organisational impact (Jarrahi, 2018; Vrontis et al., 2022).
From a practical perspective, the findings may help SME managers better understand how employees react to generative AI adoption. This is important because employee trust and feelings of security can influence motivation, performance and willingness to accept change (Dirks and Ferrin, 2002; Shoss, 2017). By identifying key factors that shape employee responses, the study may provide useful insights for organisations to manage AI adoption in a more effective and supportive way.
5.0 Ethical Considerations
Ethical considerations are important in this research because it involves collecting data from human participants and discussing potentially sensitive topics such as job insecurity and trust in the workplace. 
First, participation in this study will be voluntary. All participants will be informed about the purpose of the research before taking part, and they will have the right to withdraw at any time without giving a reason. This helps to ensure that no participant feels pressured to continue (Saunders, Lewis and Thornhill, 2019).
Second, informed consent will be obtained from all participants. Before the interview, participants will be provided with an information sheet explaining the nature of the study, what they are expected to do, and how the data will be used. They will be asked to confirm their consent before the interview begins (Bryman, 2016).
Third, confidentiality and anonymity will be maintained. Participants’ names and any identifying information will not be included in the final report. Pseudonyms will be used instead, and any details that could reveal the identity of individuals or organisations will be removed. This is particularly important because participants may share opinions about their employer (Leavy, 2020).
In addition, all data will be stored securely in password-protected files, and only the researcher will have access to the data. The data will be used only for academic purposes and will be deleted after a certain period in line with data protection requirements.
Finally, the researcher will avoid asking overly sensitive or uncomfortable questions. If participants feel uncomfortable at any point, they can choose not to answer specific questions. This helps to minimise any potential emotional or professional harm (Saunders, Lewis and Thornhill, 2019).
6.0 Limitations
There are several limitations in this study that should be acknowledged.
First, the sample size is relatively small, as the study focuses on a limited number of participants. This is common in qualitative research, but it means that the findings may not be generalised to all UK SMEs (Bryman, 2016; Creswell and Creswell, 2018).
Second, the study relies on self-reported data from interviews. Participants may not always express their true opinions, especially when discussing sensitive topics such as job insecurity or trust in their organisation. This may affect the accuracy of the data (King and Horrocks, 2010).
Third, the research focuses only on UK SMEs, which may limit the applicability of the findings to other contexts, such as large organisations or companies in different countries.
Finally, due to time constraints, the study is conducted within a limited period and does not examine long-term changes in employee perceptions. Future research could explore how trust and job insecurity evolve over time as generative AI becomes more widely used (Shoss, 2017).
7.0 Timeline
The research will be completed over a period of approximately six months. The timeline is divided into several stages.
In the first stage, relevant literature will be reviewed and the research proposal will be finalised. This will be followed by the development of interview questions and submission for ethical approval.
In the second stage, participants will be recruited and interviews will be conducted. This process may take several weeks depending on participant availability.
In the third stage, interview data will be transcribed and analysed using thematic analysis. Key themes will be identified and linked to the research questions.
In the final stage, the findings will be written up, followed by the conclusion and final editing of the report before submission.
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