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[bookmark: _Toc205830934]Introduction
The sheer volume and complex nature of public consultation responses create large challenges for government bodies and organisations working on analysing public feedback. Manual classification is laborious, cost-heavy and subjective, and represents a bottleneck between response capture and insight delivery. To resolve these issues, this project looks at model classification system utilising NLP techniques. 
The system proposes to overlay GPT based theme classification along with further subtopic extraction upon any slot in the already established Feature Manipulation Engine (FME) workflows so that buss calculations can be done virtually in real time and visualised via PowerBI dashboards for public sentiment. This blend of technical innovation embedded within robust adherence to legal, ethical and organisational provisions offers operational effectiveness beyond just convenience while maintaining public confidence. 
The report details the project management structure, design decisions made and innovation approach that will inform the construction, implementation and upkeep of the system. It explains what we are aiming to build, as well as potential social outcomes, and risks which all link to the Changemakers module new focus on creativity, value creation and the common good.
[bookmark: _Toc205830935]Task 1: Project Management
[bookmark: _Toc205830936]Project Scope and Planning
The aim of this project is to automatically classify free text consultation responses which are collected through public engagement exercises such as surveys, comment periods or policy consultations. Leveraging NLP models, the project aims to automate and simplify the categorisation reducing manual work and allowing for real time creation of summary public sentiment and themes. Thus, it speeds up actionable intelligence and helps the decision makers respond better to the concerns of the public.
[bookmark: _Toc205830937]Proposed Solution
The solution involves building a two-step pipeline:
· GPT Based Thematic Classification: Incoming consultation responses are processed through a GPT model, which assigns each response to one or more predefined themes (e.g., environment, transport, education). This step ensures high level sorting for further analysis.
· Subtopic Extraction: For responses with broader themes, a secondary model or prompt logic extracts key subtopics or issues (e.g., within 'environment,' identifying 'air quality' or 'biodiversity').
This two-step classification process is integrated directly into existing FME, ensuring seamless compatibility with current data infrastructure within my organisation. The outputs are automatically fed into a database which is then connected to interactive Power BI dashboards, which enable analysts and stakeholders to visualise trends, filter by topic, and export summary reports.
[bookmark: _Toc205830938]Technologies & Resources
Asure OpenAI 
The system leverages Microsoft’s Asure OpenAI [1] services for GPT powered classification. All data is processed within UK based data centres to ensure compliance with GDPR [3]. The use of managed instances also provides robust logging, access control, and incident response capabilities.
FME
Feature Manipulation Engine (FME) [2] is an Extract Transform Load (ETL) automation software that my company uses for its data pipelines. It handles data ingestion from surveys, preprocesses responses, including anonymisation and formatting, and orchestrates the flow of data through the classification and reporting stages. The GPT model hosted on Asure will be integrated into existing ETL pipelines.
Power BI
Power BI [3] dashboards are a great way of visualising data and provide close to real time, interactive results. Stakeholders can explore trends, drill down into subtopics, and generate custom reports for internal or public dissemination.
Python Scripts
Bespoke Python scripts are used to make API calls to Asure OpenAI [4], implement error handling routines, assign confidence scores to classifications, and conduct batch processing of historic data.
Internal Subject Matter Experts
Experts from relevant departments contribute to prompt engineering, validation of initial outputs, and iterative model tuning [5]. Their feedback is critical for ensuring that the system reflects organisational priorities and public sector terminology. 
[bookmark: _Toc205830939]Timeline & Schedule
The project begins with a discovery phase, during which stakeholders will be engaged in workshops to define classification categories, the user needs and success criteria. Three rounds of prompt development using representative samples of past consultation data, with iterative feedback loops.
After this work the classification system is validated in controlled settings, it can be combined in production FME data pipeline workflows. This is the pilot phase, and so we will regularly test on an anonymised sample of historical data for monitoring performance, parameter tuning and to detect any unforeseen issues that need to be addressed before deploying in full. Consultation and analytics teams will be engaged in final user testing to ensure the solution meets operational needs, as well as regulatory compliance. Once signed off, the system can be rolled out across the organisation along with end user training and documentation.
[bookmark: _Toc205830940]Constraints
GDPR Compliance & Data Protocols
The project adheres strictly to GDPR [3] and local government data handling mandates specified in our client contract. All processing of personal or sensitive information is performed within secure environments, and raw data never leaves the organisation’s network.
Asure API Budgetary Limits
Given the finite budget allocated for Asure OpenAI usage, prompt design is optimised to be concise yet informative. Techniques such as batch processing and caching are employed to reduce redundant API calls and control costs.
Stakeholder Availability
Progress is dependent on timely input from consultation officers and subject matter experts, particularly for reviewing initial results and refining thematic categories. Scheduling flexibility and ongoing communication help mitigate delays.
[bookmark: _Toc205830941]Development Methodology
Agile Working
An Agile Scrum [8] methodology will be undertaken during project delivery. Development is organised into weekly sprints, each with clear goals and deliverables. Sprint reviews provide opportunities for demonstration, feedback, and refinement. For example, following the second week’s sprint, analysts identified recurring ambiguities in the classification of niche policy areas. This feedback leads to a dedicated sprint focusing exclusively on label refinement and prompt adaptation, ensuring the system's outputs remain accurate and relevant.
Gantt Chart
 A simple project timeline, including key milestones, dependencies, and resource allocations, is available in Appendix A – Project Timeline. The chart provides a visual overview of the project’s key phases.
[bookmark: _Toc205830942]Project Design
[bookmark: _Toc205830943]Workflow Diagram
A diagram showing the flow of data and its interfaces between different applications is show in Appendix B – Workflow Diagram and System Architecture. It shows the initial ingestion of the data through to processing in the data pipeline, output to the database where it is then linked to a PowerBI dashboard and database front end web application to allow the experts to review AI Classification.
[bookmark: _Toc205830944]Testing and Monitoring Framework
Unit tests are implemented for all major workflow components. Continuous monitoring, including health checks and performance metrics, feeds into a centralised logging system which notify the developer should errors show up that prevent the process from functioning.
[bookmark: _Toc205830945]Documentation and Training
Technical documentation will be provided and maintained throughout the project lifecycle. This includes API specifications, deployment guides, operational runbooks, and annotated diagrams. User training materials comprising quick start guides, video walkthroughs, and FAQs are distributed prior to rollout.
[bookmark: _Toc205830946]Task 2: Innovation
Both PEST and SWOT analyses are used to give a structured view of the wider project environment and internal capabilities [6]. EST Analysis is used to review external factors of Political, Economic, Social, and Technological related to AI implementation in public sector workflows. In contrast, SWOT analysis assesses internal strengths and weaknesses alongside external opportunities and threats aimed at offering a balanced perspective on project feasibility and potential risks. The following two tables illustrate these frameworks, capturing key considerations relevant to this project.
Table 1: PEST Analysis
	Political
	The evolving landscape of data protection regulations in the UK and EU, such as the General Data Protection Regulation (GDPR) [3] has a significant impact on the deployment of AI solutions. Government initiatives increasingly encourage the use of artificial intelligence in public services, guided by standards set by bodies like the who offer user guidance and toolkits on deploying AI solutions [10]. 


	Economic
	By taking advantage of the scalability that cloud platforms like Microsoft Asure [11] with flexible pricing and resource allocation, provide in contrast to traditional on premises hosting organisations can realise significant savings. As such economic incentives continue, we are seeing an increasing portion of public sector migration to cloud.


	Social
	Increasing public demands for open and accountable government and authentic responsiveness to their needs. Artificial intelligence offers the potential for quicker, more accurate public feedback analysis, which can serve as a foundation for trust and engagement between government bodies and the communities they represent [1].


	Technological
	Recent advances in LLMs have improved the accuracy, versatility, and multilingual support of AI classification systems. The variety of integration options now available across Asure services enables more sophisticated solutions for processing and analysing data [11]. 



Table 2: SWOT Analysis
	Strengths
	Asure AI provides enterprise-grade reliability and uptime, security certifications, and integrates seamlessly with an extensive ecosystem of applications and services. This making Asure a front thought decision for Public Sector organisations attempting to pick up popularity with strong and secure AI platforms [2].

	Weaknesses
	Overreliance on a single vendor infrastructure, pricing strategy and future development roadmap may be restricting flexibility and the associated security risks [12].

	Opportunities
	The public sector’s increasing interest in artificial intelligence opens the door for new projects and cross department collaborations. Expanding AI adoption can drive innovation in service delivery, reporting, and public engagement.


	Threats
	Persistent public scepticism regarding the opacity of AI driven decisions and the risk of AI bias could hinder adoption. Additionally, geopolitical shifts might affect data ownership and regulatory compliance requirements [13].



[bookmark: _Toc205830947]Legal and Ethical Considerations
It is essential to ensure that GDPR [6] compliance standards are strictly observed in the management of sensitive personal data, which must be handled with all due care. As a result, organisations should consistently monitor and address the risks of AI bias to make sure AI classification systems function equitably and transparently organisations [14]. It is essential to provide clear explanations for classification decisions and openly communicate the limitations of current AI models. Ongoing efforts to improve transparency and explainability help build public confidence in AI powered solutions [7].
[bookmark: _Toc205830948]Deployment and Maintenance
[bookmark: _Toc205830949]Deployment Strategy
To ensure security and effectiveness, the implementation of the AI driven classification system consists of multiple phases. The first release will be a carefully staged experiment with anonymised datasets, akin to being tested in an ideal sandbox of test and no-confidential data only. Which will help project teams in identifying technical or ethical issues and allow them to fix it before involving real data.
As performance is optimal, deployment will be successively extended through various scale tests so that real live data will support the operational volumes. Throughout this transition, a concurrent human review process will be preserved so AI generated classifications can be triangulated for veracity and consistency [7]. During this stage the focus is on getting integrated with the organisation’s existing authentication and role based access controls. This way, you can prevent unauthorised access to the system keeping your data secure and following internal protocol.
[bookmark: _Toc205830950]Maintenance Framework
The classification system requires ongoing maintenance to maintain its performance and trustworthiness. This will include setting up a schedule for quarterly reviews and updates to the AI prompts based on feedback from users or changes in public sector reporting requirements. When necessary models will be retrained to represent the latest language trends and client servicing categorisation standards, in order to maintain an accurate system. 
The system's critical performance metrics such as API latency, system availability, and the error rate will be observed continuously which were collated while the processing stage. Anomalies or outages will be proactively investigated as necessary. Regular audits will be conducted using representative datasets to ensure fair and unbiased representation, based on internal company best practices.
[bookmark: _Toc205830951]User Engagement and Iterative Improvement
Involving end users early in the deployment process will significantly improve adoption rates and system effectiveness [15]. In one study they describe how human feedback is integrated into iterative cycles of system refinement. They emphasise that domain experts’ ongoing input allows models to adapt to changing goals and priorities [16].
[bookmark: _Toc205830952]Task 3: Project Reflection
[bookmark: _Toc205830953]Skill Development
In this project, I want to develop technical and professional skills in order to be able to deliver innovative solutions within the public sector. At a high level, we would like to push further on prompt engineering for large language models (LLMs) by harnessing exemplar (or similar belonging strategies) to design and deploy system prompts that capture the correct classifications in context. I will also learn workflow automation skills (especially how to integrate AI models with enterprise tools FME and Power BI). This will entail setting up a data pipeline, tuning API calls, and controlled data flow in regulations with GDPR [3].
On a professional level, I am working towards more engagement with stakeholders by having consultation officers involved in continuous development of the tool. I hope that by planning and leading feedback sessions, I will get better at translating technical concepts to non-technical audiences, a key skill identified in human-in-the-loop AI design [16]. They will aid to make this project successful as well as ready me for more AI-driven digital transformation roles in the future.
[bookmark: _Toc205830954]Societal Impact
This could be of real value in local government decision making if it was successful. This has the potential to speed up policy analysis and make community views heard faster by automating the sorting of public consultation responses. Cloud-based services from providers like Microsoft Asure offer the flexibility and scalability required to handle higher volumes of public feedback without having to match those increased resource requirements. 
I intend to integrate human review into the chain to verify that AI classifications are transparent and explainable with meaningful alignment toward public expectations. This matches the human oversight and accountability as ethical guiding principles for trustworthy AI. In the longer run, this could promote a form of public engagement that shows public their input is being analysed in a fast, impartial and organised way.
[bookmark: _Toc205830955]Risks and Mitigation Strategies
[bookmark: _Toc205830956]Technical 
Public language and policy priorities change as do the classification examples the model is trained on, meaning that the data used to classify requires constant refreshing or it will lose accuracy over time. I am going to solve this by planning quarterly reminder reviews as well as basing the results on new data sets. 
[bookmark: _Toc205830957]Ethics
Bias in AI Outputs- The GPT-based models could either inherit or amplify the biases that already existed in their training data. I intend to deploy bias tests using a variety of test datasets and leverage stakeholder input in order to iteratively improve outputs.
[bookmark: _Toc205830958]Organisational
Staff may be resistant to a new workflow with AI capabilities. I will include the end-users from the very beginning and pursue feedback throughout pilots together with meticulous documentation/unit training. 
[bookmark: _Toc205830959]Data Governance Risk 
Managing public responses necessitates tough data governance. Any processing will be conducted in secure environments, with anonymisation of personal data before AI processing. The goal is to build a solution that works not only on paper but also in the real world.
[bookmark: _Toc205830960]Conclusion
This report has set out a roadmap for the AI based classification system which could be instrumental in improving how public consultation data can be accessed and put to work. By using a fusion of GPT classification, FME integration and interactive dashboards built in Power BI, my proposal provides an opportunity for faster, and more accurate analytic research on the feedback from the public.
The project attempts to simultaneously experiment with cutting edge NLP and preserving oversight by adopting agile development practices, involving stakeholders early in the process, and embedding human intervention in the workflow. The anticipated outcome is not only a reduction in manual workload but also the creation of a more responsive, data-informed decision-making process within the public sector. In the future, it is hoped that it will help businesses better engage with society, establish trust about people who use AI responsibly and show how technology can deliver real societal value.
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