Explainable AI for Safe and Trustworthy Autonomous Driving: A Systematic Review
The paper presents a systematic literature review of explainable AI (XAI) methods for safe and trustworthy autonomous driving (AD). It analyses requirements for AI in AD, focusing on data, model, and agency aspects. A conceptual modular framework called SafeX is proposed to integrate reviewed methods for explanation delivery and safety assurance. The authors identify five key contributions of XAI, including interpretable design and monitoring.
Making AI Accessible for STEM Teachers: Using Explainable AI for Unpacking Classroom Discourse Analysis
The paper addresses interpretability issues in AI-powered classroom discourse models using explainable AI methods to enhance understanding and trust among teachers. It investigates the effects of model explanations on STEM teachers' trust and technology acceptance of deep learning-based classroom discourse analysist investigates the effects of model explanations on STEM teachers' trust and technology acceptance of deep learning-based classroom discourse analysis. A pilot study with seven STEM teachers was conducted to evaluate their perceptions of model explanations and their impact on teaching practices. Two specific methods used are first-order Taylor expansion and integrated gradient. Local interpreting methods like backpropagation and sensitivity analysis are also utilized. Findings indicate that model explanations significantly improved teachers' trust and acceptance of the AI-powered discourse models.
A Study on the Application of Explainable AI on Ensemble Models for Predictive Analysis of Chronic Kidney Disease
The research focuses on the application of Explainable AI (XAI) tools to develop interpretable Machine Learning models for chronic kidney disease (CKD) prediction. It aims to identify key variables that distinguish CKD patients from healthy individuals, utilizing techniques such as LIME, SHAP, and Counterfactuals for interpretability. Logistic Regression is used for binary classification, followed by more complex models like Support Vector Machine (SVM) and ensemble models such as XGBoost, Decision Trees, and Random Forests. The findings aim to enhance clinical decision-making and prevent CKD progression, particularly in resource-limited settings. 
Integrating Explainable Artificial Intelligence in Anomaly Detection for Threat Management in E-Commerce Platforms
The paper addresses challenges in detecting sophisticated threats in dynamic network environments, emphasizing the need for both precision and interpretability in cybersecurity. The model was evaluated in an e-commerce environment, targeting threats like DDoS attacks and unauthorized access. The paper employs explainable AI techniques such as SHAP, LIME, and Grad-CAM for model interpretability. Results show the model achieves 95% precision with explanations generated in under 500 milliseconds, outperforming traditional methods. Additionally, the system improves analysts' decision-making efficiency, reducing validation times by 33% and increasing confidence by 20%.
AI Based Stock Market Prediction- Theoretical Perspective
The paper discusses the impact of AI on financial and stock markets, introducing new services and opportunities for individuals globally. It highlights AI's role in improving forecasting and understanding stock market movements, essential for financial forecasting. The paper discusses various AI techniques, including neural networks, decision trees, and support vector machines for stock market prediction. Natural Language Processing (NLP) is utilized to analyse unstructured data sources for predicting market trends. Machine learning algorithms analyse historical data to identify patterns and make predictions about future market movements. The study emphasizes the effectiveness of deep learning and machine learning in financial analysis, providing optimal results for investors.



