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Executive Summary
The increasing adoption of Artificial Intelligence (AI) in recruitment and selection has transformed how organisations attract, screen, and select candidates. While AI-driven tools promise efficiency, consistency, and cost reduction, growing concerns have emerged regarding their implications for fairness, equality, and inclusion. This dissertation critically examines the impact of AI on recruitment and selection processes, with particular attention to gender bias and disability inclusion, two dimensions that remain central to debates on ethical and responsible AI use in Human Resource Management (HRM).
The study adopts a qualitative secondary research design, drawing on an extensive review and thematic analysis of contemporary academic literature published primarily between 2016 and 2025. Sources include peer-reviewed journal articles, systematic reviews, legal analyses, and policy-oriented research spanning the fields of HRM, artificial intelligence, ethics, law, and social justice. An interpretivist approach underpins the study, enabling a critical synthesis of how AI recruitment systems operate as socio-technical systems shaped by historical data, organisational practices, and regulatory environments.
The findings reveal that AI recruitment systems are predominantly adopted to enhance efficiency and organisational performance, often at the expense of fairness and inclusion considerations. While some evidence suggests that AI can reduce overt interpersonal bias through standardisation, the literature overwhelmingly demonstrates that AI frequently reproduces or amplifies existing inequalities when trained on historically biased data or implemented without robust governance. Gender bias persists in reconfigured forms, particularly through biased training datasets, algorithmic evaluation criteria, and the use of generative AI and language models that replicate gendered stereotypes. Applicant perception studies further indicate that women are more sceptical of fully automated recruitment systems, especially when transparency and human oversight are limited.
Disability inclusion emerges as the most under-researched and vulnerable dimension of AI-driven recruitment. The analysis shows that many AI tools rely on normative assumptions about communication, behaviour, and cognitive processing, which disproportionately disadvantage disabled and neurodivergent candidates. Technologies such as automated video interviewing and behavioural analytics pose particular risks of exclusion when accessibility and accommodation are not explicitly embedded. Although AI has the potential to enhance inclusion through adaptive and accessible design, this potential remains largely unrealised in current practice.
The study further concludes that governance, transparency, and human oversight are decisive in shaping fair AI recruitment outcomes. Technical bias-mitigation alone is insufficient; instead, multi-level governance frameworks incorporating continuous auditing, explainability, regulatory oversight, and human decision-making are required. Emerging regulatory initiatives, such as the European Union’s Artificial Intelligence Act, represent important progress but remain limited in addressing disability-specific risks and enforcement challenges.
Overall, the dissertation concludes that AI recruitment systems are neither inherently fair nor inherently discriminatory. Their impact depends on how they are designed, governed, and embedded within organisational and regulatory contexts. The study recommends a shift towards hybrid human–AI recruitment models, stronger ethical and regulatory safeguards, and explicit prioritisation of disability inclusion through universal design and participatory approaches. These measures are essential to ensure that AI adoption in recruitment aligns with principles of fairness, equality, and social justice while delivering organisational value.
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[bookmark: _Toc214908364][bookmark: _Toc218639332]Chapter 1: Introduction
1.1 [bookmark: _Toc214908365][bookmark: _Toc218639333]Background and Problem Statement:
Artificial Intelligence (AI) has rapidly become embedded within contemporary Human Resource Management (HRM), particularly in recruitment and selection. Organisations increasingly rely on AI-driven tools such as automated CV screening systems, chatbots, video-interview analytics, and predictive algorithms to streamline hiring processes. These technologies are widely promoted for their perceived benefits, including cost efficiency, faster decision-making, and improved accuracy in candidate evaluation (Mori et al., 2025). As organisations seek to enhance operational efficiency and remain competitive within a digital labour market, AI recruitment systems are gaining substantial prominence (Ngoc et al., 2025; Purohit and Banerjee, 2025).
However, alongside these promising developments, significant ethical and inclusion-related concerns have emerged. Research indicates that algorithmic decision-making can inadvertently reproduce pre-existing social inequalities, particularly when training data reflect historical biases (Arduini and Beck, 2025). Systems designed to identify “successful” past applicants may replicate discriminatory patterns affecting women, disabled candidates, and other underrepresented groups. For instance, gender disparities may persist when AI tools absorb biased data from male-dominated industry hiring patterns, while disabled candidates may be disadvantaged by systems that evaluate communication style, vocal tone, or physical behaviour traits that are not necessarily related to capability or performance (Hatzakis, 2025).
The tension between efficiency and fairness is a recurring theme in AI recruitment research. Much of the academic literature prioritises efficiency improvements, while less attention is given to fairness, candidate experience, and human rights issues (Mori et al., 2025). Studies consistently highlight a lack of transparency in algorithmic decision-making, limited regulation, and poor consideration of how AI affects vulnerable groups, particularly disabled job seekers (Zhuang et al., 2024). Moreover, despite claims that AI can reduce human bias, many systems lack inclusive design principles and therefore continue to disadvantage marginalised populations (Nacheva, 2024).
Given these concerns, there is a clear need for deeper investigation into how AI recruitment systems influence gender equality and disability inclusion. Existing studies provide limited empirical evidence on lived experiences, cross-sectoral impacts, or long-term effects on equal opportunity. The problem is therefore twofold: AI recruitment tools may reinforce or amplify existing inequalities and current research has not sufficiently addressed the implications for disabled candidates and women. This dissertation seeks to address this gap by conducting a structured analysis of secondary literature to investigate how AI affects fairness, inclusion, and equality within recruitment processes (Mori et al., 2025). Further more withing this paper can be found all the research that has been done for a clear view of the study credibility which is located at the appendix 1.
[bookmark: _Toc214908366][bookmark: _Toc218639334]1.2. The Research Aim:
The overarching aim of this dissertation is to provide a critical and comprehensive investigation into how Artificial Intelligence (AI) influences recruitment and selection practices, with a particular focus on gender bias and disability inclusion. As organisations increasingly integrate AI technologies into hiring processes to enhance efficiency, consistency, and speed (Mori et al., 2025; Ngoc et al., 2025), concerns about fairness and discriminatory outcomes have intensified. Research indicates that algorithmic tools may inadvertently perpetuate or amplify existing inequalities when trained on biased historical datasets, particularly affecting women and disabled applicants (Arduini and Beck, 2025; Hatzakis, 2025). The aim of the study is therefore to evaluate both the risks and the potential benefits of AI recruitment systems, examining whether they contribute to more equitable hiring or reinforce long-standing patterns of exclusion (Dadaboyev et al., 2025). Through an analysis of secondary literature, the research seeks to illuminate the complex ethical, social, and regulatory issues associated with AI-driven recruitment and propose pathways towards more inclusive and accountable hiring technologies.
[bookmark: _Toc214908367][bookmark: _Toc218639335]1.3. The Research Objectives:
In order to achieve the aim of investigating how Artificial Intelligence (AI) affects inclusion, fairness, and equality within recruitment and selection processes, the dissertation is structured around several interconnected research objectives. These objectives are grounded in current academic debates surrounding digital transformation in Human Resource Management (HRM), the ethics of algorithmic decision-making, and the broader socio-legal implications of AI adoption in the workplace. By situating the inquiry within this interdisciplinary context, the research can critically examine both the technological capabilities of AI recruitment systems and the societal inequalities they may influence.
The first objective of the study is to examine how AI-driven recruitment tools influence gender equality in hiring. This involves exploring the extent to which AI technologies may reduce subjective human bias by standardising decision-making processes, while also acknowledging the risk that such technologies may replicate or exacerbate gender disparities when trained on historically biased datasets (Arduini and Beck, 2025). Recent studies suggest that although some AI tools appear to offer improvements in neutrality, systemic gender stereotypes may continue to be encoded within algorithmic models, particularly in cases where narrative job descriptions, leadership profiles, or historical applicant data reflect entrenched social patterns (Sivakaminathan and Vandenberghe, 2025). Through this objective, the dissertation aims to assess how design choices, data structures, and organisational implementation practices mediate the relationship between AI and gender equality.
The second objective is to assess the risks and opportunities that AI recruitment systems pose for the employment inclusion of disabled candidates. Disability represents an especially under-researched dimension within the discourse on algorithmic fairness, despite strong evidence that AI systems may structurally disadvantage individuals whose communication patterns, physical attributes, or cognitive profiles deviate from normative data patterns (Hatzakis, 2025). For instance, automated video-interview analysis tools have been shown to misinterpret facial expressions, vocal tone, or body movements in ways that unintentionally penalise candidates with physical, sensory, neurological, or developmental disabilities (Zhuang et al., 2024). At the same time, inclusive design principles such as accessibility features, alternative assessment formats, and personalised adjustments have the potential to make AI recruitment more accommodating and supportive of diverse applicant needs (Nacheva, 2024). This objective therefore seeks to evaluate the dual nature of AI in relation to disability inclusion: its capacity to either create new barriers or offer innovative solutions that enhance accessibility.
The third objective focuses on exploring the ethical, legal, and regulatory issues associated with AI use in recruitment. As AI systems increasingly influence employment decisions, concerns have emerged regarding transparency, accountability, privacy, and the potential for large-scale discriminatory outcomes (Mori et al., 2025). Scholars argue that regulatory frameworks are currently insufficient to respond to the complexities of algorithmic hiring, with uncertainty surrounding compliance expectations, disclosure obligations, and liability for automated decisions (Rigotti, 2024). Furthermore, technical analyses have identified multiple points within the AI pipeline such as data collection, model training, and user interface design where bias may be introduced or amplified, underscoring the need for holistic governance structures (Fabris et al., 2025). By addressing this objective, the dissertation aims to map existing and emerging regulatory approaches while critically evaluating their effectiveness in safeguarding the rights of job applicants.
[bookmark: _Toc214908368][bookmark: _Toc218639336]1.4 The Research Questions:
Given the complex and multifaceted nature of Artificial Intelligence (AI) in recruitment and selection, the study is guided by a series of research questions that collectively shape the analytical direction of the dissertation. These questions emerge from established debates on algorithmic fairness, digital HR transformation, and the ongoing concerns surrounding discriminatory outcomes in AI-mediated hiring processes. They act as a framework through which the dissertation critically evaluates the influence of AI systems on equality, inclusion, and ethical practice.
The first research question asks:
 ‘How does the use of AI in recruitment and selection influence gender bias in hiring decisions?’ This question is central to the investigation, as gender remains one of the most frequently examined yet inconsistently addressed dimensions of algorithmic fairness. Prior research indicates that AI may either mitigate or exacerbate gender inequalities depending on how training data are selected, how models are constructed, and the level of human oversight embedded in the system (Arduini and Beck, 2025). By addressing this question, the dissertation seeks to evaluate the extent to which AI disrupts or reinforces traditional gendered assumptions within recruitment practices.
The second research question focuses on disability and asks:
 ‘What risks and opportunities do AI recruitment tools present for individuals with disabilities?’
Despite the increasing adoption of AI in hiring, disabled applicants remain significantly under-represented within empirical research and policy discussions. Existing studies suggest that AI systems frequently encode normative expectations about communication, appearance, or behaviour, thereby creating inadvertent disadvantages for disabled candidates (Hatzakis, 2025; Zhuang et al., 2024). At the same time, inclusive design and adaptive technologies present meaningful opportunities to enhance accessibility and reduce human bias when implemented effectively (Nacheva, 2024). This research question therefore enables the dissertation to critically examine the dual nature of AI as both a potential barrier and a facilitator of disability inclusion.
The third research question asks:
 ‘What ethical and regulatory measures are required to ensure fairness and inclusion in AI-driven recruitment?’
This question reflects the growing recognition that AI systems do not simply operate technically but are embedded within broader social, legal, and organisational contexts. Scholars have identified significant gaps in existing regulatory frameworks, particularly regarding transparency requirements, accountability mechanisms, and the oversight of automated decision-making (Mori et al., 2025; Rigotti, 2024). By exploring this question, the dissertation aims to identify the principles, standards, and institutional safeguards necessary to protect job seekers’ rights and ensure responsible AI adoption within recruitment.
Collectively, these research questions provide a foundation for critically interrogating the social, ethical, and regulatory dimensions of AI within recruitment. They not only structure the dissertation’s analytical approach but also ensure that the study remains focused on examining the consequences of AI adoption for fairness, equality, and inclusive employment practices.
[bookmark: _Toc214908369][bookmark: _Toc218639337]1.5 The Significance of the Study:
Understanding the significance of this research requires an appreciation of the profound transformation currently taking place within the domain of recruitment and selection. As organisations increasingly adopt Artificial Intelligence (AI) to support or automate aspects of hiring, questions of equity, fairness, and inclusion become more urgent. This study is therefore significant at multiple levels academic, practical, policy-related, and social each of which is discussed below.
[bookmark: _Toc214908370][bookmark: _Toc218639338]1.5.1 Academic Significance
From an academic perspective, this dissertation contributes to a growing body of scholarship on digital HRM, algorithmic decision-making, and the socio-technical implications of AI in the workplace. While existing research recognises that AI offers enhanced operational efficiency and improved predictive capabilities, much of the literature remains disproportionately focused on technical performance and organisational advantage rather than social equity or fairness (Mori et al., 2025). Critical issues related to gender bias, disability discrimination, and the broader ethical implications of AI adoption remain comparatively underexplored. Systematic reviews highlight a marked imbalance between studies that emphasise efficiency and those that address human rights, transparency, or candidate experience (Dadaboyev et al., 2025).
Moreover, disability remains one of the most neglected areas within AI hiring research despite increasing evidence suggesting that algorithmic systems may systematically disadvantage disabled candidates through inaccessible design or biased pattern recognition (Hatzakis, 2025; Zhuang et al., 2024). Similarly, studies exploring gender bias tend to focus on technical mitigation strategies while overlooking how systemic inequalities shape the datasets that inform AI models (Arduini and Beck, 2025). By synthesising these strands of scholarship and situating them within a broader ethical and regulatory framework, the dissertation makes a meaningful contribution to the academic discourse on fairness and inclusion in AI-mediated recruitment.
[bookmark: _Toc214908371][bookmark: _Toc218639339]1.5.2 Practical Significance
The study also carries substantial practical value for HR professionals, hiring managers, and organisational leaders. As AI tools become more widely integrated into recruitment workflows from automated CV screening to predictive candidate scoring organisations often lack the expertise to critically evaluate the fairness or ethical implications of these technologies. Research indicates that HR practitioners frequently rely on vendor claims regarding the accuracy or neutrality of AI tools without fully understanding their limitations or biases (Parveen et al., 2025). As a result, organisations may unintentionally adopt systems that perpetuate discriminatory outcomes or undermine fairness.
This dissertation provides practical insights that can assist organisations in navigating these challenges. By identifying the mechanisms through which AI can reproduce or mitigate bias, the research helps HR practitioners make informed decisions about system selection, implementation, and oversight. Furthermore, the study highlights the importance of combining AI-driven analysis with human judgement, offering guidance on how hybrid approaches can improve accountability and inclusivity (Bastida et al., 2025). The findings are therefore directly applicable to improving recruitment strategy, safeguarding organisational reputation, and ensuring compliance with anti-discrimination obligations.
[bookmark: _Toc214908372][bookmark: _Toc218639340]1.5.3 Policy and Regulatory Significance
At the policy level, this research is timely and relevant. Governments and regulatory bodies across the world are in the early stages of developing legal frameworks to govern the use of AI in employment contexts. However, existing regulations remain inconsistent, fragmented, or insufficiently detailed to address the complex risks associated with algorithmic hiring (Rigotti, 2024). Concerns surrounding transparency, accountability, data protection, and the ability of applicants to challenge automated decisions underscore the need for stronger and more coherent governance models (Fabris et al., 2025).
By critically analysing the ethical and regulatory issues associated with AI recruitment, this dissertation provides insights that may inform emerging policy debates. It highlights the necessity of regulatory measures such as fairness audits, impact assessments, clear disclosure obligations, and mechanisms for redress in cases of algorithmic discrimination. Through this contribution, the research supports policymakers seeking to establish regulatory frameworks that uphold equal opportunity while allowing organisations to benefit from technological innovation.
[bookmark: _Toc214908373][bookmark: _Toc218639341]1.5.4 Social Significance
Finally, the study has broader social significance. Fair access to employment is a foundational principle of inclusive societies, and the adoption of AI technologies within recruitment has the potential either to advance or undermine this principle. Persistent gender inequalities and disability-related barriers continue to shape labour-market experiences across sectors, and AI-driven hiring practices can influence these dynamics in profound ways (Hatzakis, 2025; Arduini and Beck, 2025). If algorithmic systems are implemented without adequate safeguards, there is a risk that discrimination could be scaled and concealed behind opaque technological processes.
Conversely, when designed responsibly, AI technologies may help reduce subjective bias, promote consistency in decision-making, and create new pathways for accessibility. Accessible platforms, unbiased data pipelines, and inclusive assessment design could enhance opportunities for groups historically marginalised within recruitment. By shedding light on the risks and opportunities associated with AI hiring, this dissertation contributes to societal efforts to ensure that technological progress aligns with principles of fairness, equity, and human dignity.
[bookmark: _Toc214908374][bookmark: _Toc218639342]1.6 Brief Research Methodology:
This dissertation adopts a qualitative secondary research methodology, which is well suited to exploring the ethical, social, and inclusion-related implications of Artificial Intelligence (AI) in recruitment. As issues such as bias, fairness, and accessibility are socially constructed rather than directly measurable, the study follows an interpretivist approach that enables the researcher to critically examine meanings, assumptions, and discourses within existing academic and policy literature (Mori et al., 2025). The research draws entirely on secondary data sources, including peer-reviewed journal articles, systematic literature reviews (Dadaboyev et al., 2025), policy reports produced by organisations such as the ILO and OECD, industry case studies documenting AI implementation in HRM (Bastida et al., 2025), and theoretical analyses addressing governance, ethics, and regulatory challenges (Rigotti, 2024; Fabris et al., 2025). These diverse sources contribute to a comprehensive understanding of the topic.
The collected literature is examined using thematic content analysis, allowing the identification of key themes such as gender bias, disability inclusion, transparency, accountability, and regulatory gaps. Themes are interpreted through recognised ethical lenses including utilitarian, justice-based, and rights-based frameworks providing a structured means of evaluating the consequences of AI-mediated recruitment (Mori et al., 2025). Although this study relies solely on existing publications, ethical considerations remain important. These include ensuring accurate representation of all authors’ work, maintaining sensitivity when discussing marginalised groups, and mitigating researcher bias by consulting a broad range of sources. This methodological approach offers a rigorous and ethically grounded foundation for analysing how AI shapes fairness and inclusion in recruitment.
[bookmark: _Toc214908375][bookmark: _Toc218639343]1.7 Structure of the Dissertation
The dissertation is organised into five chapters, each designed to contribute to a coherent and logically developed investigation into the influence of Artificial Intelligence (AI) on gender equality and disability inclusion within recruitment practices. Chapter 1 introduces the research by outlining the background, problem statement, aim, objectives, research questions, significance, and methodological approach. Chapter 2 presents a comprehensive literature review, critically examining existing scholarship on AI recruitment, gender bias, disability inclusion, fairness, ethics, and regulatory developments. This chapter identifies conceptual debates and research gaps that shape the direction of the study. Chapter 3 explains the methodological strategy adopted for the dissertation, detailing the qualitative secondary research design, data sources, analytical procedures, and ethical considerations underpinning the study.
Chapter 4 provides the findings and discussion, synthesising the themes that emerge from the literature and evaluating them in relation to the research questions. This chapter considers how AI systems influence hiring practices, the risks they pose for marginalised groups, and the adequacy of ethical and regulatory safeguards. Finally, Chapter 5 concludes the dissertation by summarising the main findings, identifying limitations, and offering practical and policy-oriented recommendations to promote more inclusive and responsible AI recruitment. Suggestions for future research are also provided to encourage further exploration of this rapidly evolving field.



[bookmark: _Toc214908376][bookmark: _Toc218639344]Chapter 2: The Literature Review
[bookmark: _Toc214908377][bookmark: _Toc218639345]2.1. Introduction to the Literature Review:
The purpose of this literature review is to critically examine the evolving body of research on Artificial Intelligence (AI) within recruitment and selection, with particular emphasis on gender bias, disability inclusion, fairness, and the ethical governance of algorithmic hiring practices. As AI-driven tools rapidly transform organisational hiring processes, scholarly interest in the social, ethical, and legal implications of these technologies has intensified. The literature has expanded significantly over the past decade, moving from early conceptual discussions of digital HRM and automation to more sophisticated analyses of algorithmic bias, fairness engineering, and inclusive design.
To capture these developments systematically, this review is organised in historical order, beginning with early foundational work on digitalisation and algorithmic decision-making in HRM, and progressing towards contemporary scholarship that interrogates AI’s impact on marginalised groups, including women and individuals with disabilities. This chronological structure reflects the maturation of the field: early studies tended to focus on efficiency, automation, and technical capabilities, whereas more recent research recognises the risks of algorithmic discrimination, the limitations of biased training data, and the need for regulatory frameworks to protect job applicants (Mori et al., 2025; Dadaboyev et al., 2025).
The review draws extensively on peer-reviewed journal articles, systematic reviews, conceptual analyses, and policy-oriented studies published between 2018 and 2025. Earlier studies provide essential context for understanding how automation entered HRM, while studies from 2023 onwards highlight the growing complexity of fairness considerations, applicant perceptions, and ethical governance. The literature shows increasing scholarly recognition of the challenges faced by disabled candidates in AI-mediated hiring (Hatzakis, 2025; Nacheva, 2024; Zhuang et al., 2024), as well as persistent gender-related inequalities embedded within data and algorithmic models (Arduini and Beck, 2025; Sivakaminathan and Vandenberghe, 2025).
By reviewing the literature sequentially, this chapter maps the field’s progression from early discussions of efficiency and innovation to nuanced debates about inclusion, fairness, and accountability. The chapter concludes with an identification of significant gaps in knowledge, particularly in relation to disability inclusion, intersectionality, cross-national research, and empirical validation of AI tools in real-world contexts. These gaps subsequently inform the conceptual and analytical framework for the remainder of the dissertation.
[bookmark: _Toc214908378][bookmark: _Toc218639346]2.2. Contemporary Research and Advanced Theorisation (2025):
The scholarly landscape in 2025 reflects a significant evolution in the academic treatment of Artificial Intelligence (AI) in recruitment and selection. By this stage, the literature had progressed well beyond foundational questions of efficiency and technological adoption toward more nuanced examinations of ethical, structural, and socio-political implications. In 2025, AI hiring systems were increasingly theorised as complex socio-technical assemblages shaped by data infrastructures, organisational norms, regulatory environments, and historical inequalities (Mori et al., 2025; Fabris et al., 2025). Research during this period focuses on three key areas: ethical evaluation, bias and fairness mechanisms, and inclusion and governance.
One of the most influential theoretical contributions of this period is Mori et al.’s (2025) systematic review, which analysed AI in recruitment through three ethical lenses utilitarianism, justice, and rights. Their work found that much of the existing literature disproportionately prioritised efficiency gains and standardisation while insufficiently addressing fairness, transparency, and candidates' lived experiences. Mori et al. argue that AI-driven recruitment systems often operate with narrow definitions of fairness and rarely incorporate rights-based perspectives that foreground non-discrimination, participatory parity, and procedural justice. Their findings mark a critical shift toward recognising the importance of candidate well-being, dignity, and autonomy.
The literature on gender bias becomes analytically sharper in 2025. Arduini and Beck (2025) put forward a detailed assessment of gender bias mitigation strategies and demonstrate that although practitioners often believe AI reduces gender discrimination, the underlying outcomes depend heavily on the representativeness of training datasets, the metrics used, and the organisational monitoring mechanisms in place. Their research challenges deterministic narratives that portray AI as inherently objective, showing instead that fairness is a product of deliberate and continuous intervention.
Disability inclusion also becomes a central concern in 2025. Hatzakis (2025) provides a comprehensive critique of AI hiring systems, arguing that algorithmic evaluations frequently embed normative assumptions about communication style, cognitive processing, and physical embodiment. These normative expectations disproportionately disadvantage disabled applicants, leading algorithms to misclassify neurodivergent behaviours, non-standard speech patterns, or irregular career trajectories as negative indicators of competence. Hatzakis advocates for universal design principles, participatory co-design with disabled people, and stronger regulatory safeguards to prevent algorithmic exclusion.
Meanwhile, Fabris et al. (2025) offer an integrative framework that identifies fairness risks across three domains: data, model, and interface. Their multidisciplinary synthesis shows how bias can be introduced at each stage of AI deployment from collection of historical data to model optimisation and even to user-interface features such as question framing and visual design. Their work underscores the importance of a comprehensive fairness engineering pipeline involving continuous auditing, explainability tools, and hybrid human–AI oversight.
Empirical research in 2025 provides further depth. Purohit and Banerjee (2025) reveal that many organisations use AI primarily to support rather than replace human judgement, reflecting concerns about legitimacy, accountability, and regulatory scrutiny. Ngoc et al. (2025) highlight that while AI systems can greatly improve efficiency and streamline candidate processing, these benefits must be balanced with transparency practices to maintain candidate trust.
Findings on candidate perceptions further illustrate the need for hybrid models. Parveen et al. (2025) demonstrate that applicants generally view AI positively only when humans remain involved in decision-making. Tursunbayeva et al. (2025) similarly argue that organisations perceived as using AI responsibly and ethically enjoy a substantial reputational advantage.
A new dimension emerges as scholars begin to analyse generative AI in recruitment contexts. Wei et al. (2025) highlight risks such as hallucination, prompt bias, and representational harm. They warn that generative systems may produce misleading job descriptions, biased candidate summaries, or inconsistent scoring unless governance structures such as red-teaming and prompt-level audits are implemented.
Finally, multiple studies emphasise that fairness cannot be achieved through technical adjustments alone. Dadaboyev et al. (2025) and Soleimani et al. (2025) argue that bias stems from broader socio-organisational processes, including unequal labour markets, biased performance metrics, inadequate oversight, and misaligned incentives. They call for multi-level interventions spanning regulatory governance, organisational culture, and technical design.
Collectively, the 2025 literature represents the most advanced stage of scholarly engagement with AI recruitment. It integrates ethical, organisational, and technological perspectives and emphasises that fairness and inclusion require systemic, not merely technical, reform.
[bookmark: _Toc214908379][bookmark: _Toc218639347]2.3. Emerging Ethical Concerns and Algorithmic Fairness (2023–2024):
The period from 2023 to 2024 marks a pivotal transition in the development of AI recruitment scholarship. During these years, the literature moved decisively away from broad enthusiasm about digitalisation and toward more critical examinations of fairness, bias, applicant experience, and regulatory accountability. Researchers increasingly recognised that AI hiring systems were not neutral tools but complex artefacts shaped by organisational assumptions, design decisions, and historically inequitable datasets.
One influential contribution is the study by Lavanchy et al. (2023), which demonstrated that applicants consistently perceive algorithm-driven recruitment systems as less fair than those involving human decision-makers. Their findings reveal that candidates are troubled by the impersonality and opacity of automated systems, especially when explanations for decisions are limited or absent. Crucially, the study highlights that fairness is not only about outcomes but also about process and transparency.
In parallel, Chen et al. (2023) provide one of the earliest structured reviews of algorithmic discrimination in recruitment. Their analysis identifies several sources of bias, including proxy variables that encode protected characteristics, under-representation in training datasets, and insufficient testing during model development. Chen et al. argue that technical fixes alone cannot address root causes of discrimination because these causes are deeply tied to social inequality.
Important developments also occurred in the area of user-interface design. Suen et al. (2024) reveal that interface elements such as avatars, question formats, and chatbot conversation styles can influence candidate behaviour and perceived fairness. Their findings indicate that even when underlying algorithms are unbiased, interface design may inadvertently privilege certain communication styles or cultural norms.
Regulatory concerns also gained momentum. Rigotti (2024) warns that existing legal frameworks were insufficient to regulate AI hiring systems, noting gaps in transparency obligations, accountability structures, and enforceability. His work anticipates later regulatory developments and highlights the growing recognition that AI recruitment requires dedicated legal oversight.
At the same time, AI’s impact on disability inclusion begins to receive more sustained attention. Nacheva (2024) identifies accessibility failures across many recruitment platforms, including incompatibility with screen readers, cognitive overload in interface design, and lack of alternative formats. Zhuang et al. (2024) extend this argument by showing how disabled workers may be disproportionately harmed by algorithmic evaluations that misinterpret behavioural or communication differences as deficits. These studies reinforce the need for universal design and participatory development.
Several systematic reviews published during this period consolidate emerging insights. Albaroudi et al. (2024) classify fairness interventions into pre-processing, in-processing, and post-processing categories, offering the first comprehensive taxonomy of mitigation strategies in hiring contexts. The Fairness, AI & Recruitment review (2024) highlights conceptual fragmentation, noting that fairness is defined differently across legal, technical, and HRM domains.
Together, the scholarship from 2023–2024 marks a period of rapid conceptual expansion. Researchers begin to understand AI hiring not only as a technological concern but as an ethical, legal, and experiential issue requiring interdisciplinary solutions.
[bookmark: _Toc214908380][bookmark: _Toc218639348]2.4. Digitalisation of HRM and Algorithmic Decision-Making (2018–2022):
The foundational period from 2018 to 2022 represents the early developmental stage of AI recruitment systems. During these years, the dominant focus in HRM was on digitalisation, automation, and efficiency gains. Organisations sought tools that would streamline administrative workloads, enhance consistency, and improve the speed of candidate screening. Technologies such as résumé parsers, keyword matchers, applicant tracking systems, and automated assessments became increasingly widespread.
Researchers during this phase emphasised the potential benefits of automation. Digital tools promised greater scalability, reduced human error, and more consistent application of selection criteria. However, even in these early stages, scholars began to express concern about data quality, algorithmic transparency, and fairness implications. Although these early systems were relatively simple compared to modern machine learning models, they introduced many of the same concerns that would dominate later debates.
One of the central issues discussed in this period was the illusion of objectivity. Some argued that automated systems could mitigate human bias by applying consistent rules, while others warned that these tools merely shifted bias from humans to algorithms. Concerns arose that datasets reflecting historical hiring inequalities could lead automated tools to reproduce discriminatory patterns.
During this era, explicit discussions of disability or gender bias were limited but emerging. Early debates primarily focused on fairness as a general concept rather than on specific protected groups. Yet scholars recognised that without attention to inclusivity, automated systems could potentially amplify existing disparities.
The increased reliance on digital data also raised questions about privacy, consent, and ethical data governance. Organisations collected and stored vast quantities of applicant information, prompting early concerns about transparency and accountability. However, regulatory guidance lagged behind technological adoption, producing a governance gap that would become more prominent in the years that followed (Mori et al., 2025).
In summary, the period from 2018 to 2022 laid the technical and conceptual foundations for the more critical and ethically centred debates that would emerge later. It marks the beginning of the shift from digital efficiency to ethical evaluation, preparing the ground for the expanded concerns of 2023–2025.
[bookmark: _Toc214908381][bookmark: _Toc218639349]2.5. Gaps in the Literature
Despite substantial growth in academic and industry research on Artificial Intelligence (AI) in recruitment particularly in 2024 and 2025 several critical gaps remain in the literature. These gaps highlight the limitations of current knowledge and underscore the need for continued empirical and conceptual investigation, especially regarding fairness, gender, disability inclusion, and responsible governance. Importantly, these gaps justify the relevance and contribution of the present dissertation.
A prominent gap concerns the overemphasis on efficiency and organisational benefits, with many studies focusing on how AI improves speed, cost-effectiveness, and predictive accuracy (Mori et al., 2025; Ngoc et al., 2025). Although recent research has begun to address fairness, the overall literature remains skewed toward operational advantages rather than the lived experiences of candidates or the potential for systemic discrimination. This imbalance limits understanding of how AI affects marginalised groups in practice.
Closely related is the persistent lack of disability-centred research. While scholars such as Hatzakis (2025), Nacheva (2024), and Zhuang et al. (2024) have highlighted the risks AI poses for disabled applicants, empirical evidence remains scarce. Few studies examine how specific disabilities interact with AI systems, how accessibility features influence candidate outcomes, or how disabled candidates perceive fairness in algorithmic hiring. Moreover, there is a marked absence of quantitative audits assessing whether AI tools disproportionately disadvantage people with disabilities in real recruitment scenarios.
Another important gap involves the limited exploration of intersectionality, particularly the combined effects of gender, disability, race, age, and other identities. Most studies isolate gender or disability rather than examining how multiple identities interact to shape candidate experiences. This gap restricts the field’s ability to capture the nuanced and layered nature of discrimination embedded within AI systems.
There is also a lack of longitudinal and real-world empirical studies. Much of the research relies on theoretical analyses, simulated data, vignette experiments, or self-reported perceptions (Lavanchy et al., 2023; Parveen et al., 2025). Very few studies provide long-term evaluations of AI recruitment tools deployed in operational contexts, meaning there is minimal evidence on whether fairness interventions remain effective over time or how organisational cultures influence AI adoption.
Additionally, significant geographical and sectoral limitations persist. The majority of studies focus on Western, technologically advanced contexts particularly Europe and North America while research in developing countries or non-corporate sectors remains limited. This creates uncertainty about how AI recruitment affects labour markets with different cultural norms, regulatory structures, and digital infrastructures (Purohit and Banerjee, 2025).
Another gap relates to the scarcity of robust regulatory analysis. Although scholars such as Rigotti (2024) and Fabris et al. (2025) acknowledge regulatory deficiencies, empirical evaluations of regulatory frameworks are largely absent. There is little evidence on how existing laws apply to AI recruitment, how compliance is monitored, or how organisations interpret legal obligations. This limits the field’s ability to propose realistic, actionable policy solutions.
A further limitation concerns the lack of transparency in AI vendors' claims. Several studies mention the importance of audits and explainability (Fabris et al., 2025; Soleimani et al., 2025), yet very few assess the claims made by commercial AI recruitment providers. This creates a blind spot in understanding whether vendor-produced systems meet the fairness standards organisations believe they uphold.
Finally, there is a notable lack of co-design and participatory research involving disabled people, women, and other underrepresented groups. While several scholars argue for inclusive design (Hatzakis, 2025; Nacheva, 2024), practical frameworks for involving affected groups in the development lifecycle of AI tools remain underdeveloped. Without participatory approaches, AI systems risk reflecting designers’ assumptions rather than the realities faced by diverse applicants.
Taken together, these gaps indicate that although the literature has advanced considerably, it remains uneven, with limited empirical grounding and insufficient attention to the experiences of marginalised groups. As such, there is a pressing need for research that integrates ethical, social, and technical perspectives and foregrounds the voices of those most affected by AI-mediated hiring. These gaps provide a clear rationale for the present dissertation, which seeks to offer a comprehensive, inclusion-focused analysis of AI in recruitment, particularly concerning gender equality and disability representation.
[bookmark: _Toc214908382][bookmark: _Toc218639350]2.6. Conceptual Framework
Building on the themes identified throughout the literature, this section presents the conceptual framework that underpins the analytical direction of the dissertation. The framework synthesises insights from historical developments in AI recruitment, emerging research on algorithmic fairness, and contemporary debates surrounding gender and disability inclusion. It serves as a structured lens through which the subsequent analysis in Chapters 4 and 5 will interpret the secondary data.
At the core of the framework is the recognition that AI recruitment systems operate within a socio-technical ecosystem. They are not neutral or purely technical artefacts but reflect the values, assumptions, and biases embedded within datasets, organisational practices, and broader societal structures. This understanding aligns with the insights of Fabris et al. (2025), who emphasise that fairness challenges arise at multiple levels data, model, and interface and that bias is cumulative rather than isolated. The socio-technical lens therefore situates AI recruitment within an interplay of human decision-making, automated processes, regulatory influences, and ethical considerations.
A second pillar of the framework is the application of ethical lenses, as outlined by Mori et al. (2025). Their tripartite approach utilitarian, justice-based, and rights-based perspectives provides a robust structure for evaluating AI systems beyond considerations of efficiency. The utilitarian lens evaluates AI in terms of organisational outcomes, productivity, and overall benefits. The justice lens assesses fairness in distributional terms, highlighting whether AI systems treat different applicant groups equitably. The rights-based lens foregrounds transparency, autonomy, and protection against discrimination. Together, these ethical perspectives reinforce the need for a balanced understanding of both the benefits and risks of AI hiring tools.
Reflecting the findings of Arduini and Beck (2025) and Sivakaminathan and Vandenberghe (2025), the framework incorporates a dimension specifically focused on gender bias. This dimension acknowledges that gender inequalities arise from historical recruitment patterns, biased datasets, and stereotyping embedded within models. It emphasises the importance of evaluating how AI systems interpret gendered patterns and whether organisational oversight is sufficient to detect and mitigate these biases. Gender is treated as both a structural factor and a variable shaped by contextual and cultural influences.
Parallel to this is the disability inclusion dimension, informed by the work of Hatzakis (2025), Nacheva (2024), and Zhuang et al. (2024). This dimension recognises that disabled applicants may encounter unique barriers related to accessibility, communication, and interface design. It focuses on how AI tools interpret non-normative behaviours and the extent to which systems incorporate universal design principles. Disability is understood not simply as an individual attribute but as a relationship between the applicant and the design of the recruitment system.
In addition to these thematic dimensions, the framework includes a fourth component: governance and regulatory oversight. Following the arguments of Rigotti (2024) and Soleimani et al. (2025), this dimension emphasises that AI fairness cannot be achieved solely through technical solutions. Instead, it requires institutional accountability, regulatory clarity, auditability, and transparency at each stage of the AI lifecycle. Governance is therefore treated as an overarching force that guides ethical implementation and shapes organisational behaviour.
Overall, the conceptual framework integrates four key dimensions:
1. The socio-technical nature of AI recruitment
2. Ethical evaluation through utilitarian, justice, and rights-based lenses
3. Bias assessment focusing on gender and disability inclusion
4. Governance structures that regulate and support ethical AI deployment
These components collectively provide a comprehensive structure for analysing how AI recruitment tools influence fairness and inclusion. They also guide the interpretation of findings in later chapters by offering a coherent lens through which the complexities of AI-mediated hiring can be understood. The framework therefore serves as both a synthesis of the literature and a foundation for the dissertation’s analytical approach.
[bookmark: _Toc214908383][bookmark: _Toc218639351]2.7. Chapter Conclusion
This chapter has provided a systematic and historically informed review of the literature on Artificial Intelligence (AI) in recruitment, tracing the field’s development from early digitalisation debates to the sophisticated ethical and inclusion-focused analyses emerging in 2025. Beginning with the foundational period of 2018–2022, the review showed how early forms of automation laid the groundwork for AI-driven hiring, even as concerns about transparency and data quality began to surface. The subsequent period of 2023–2024 marked a significant shift towards ethical enquiry, with researchers increasingly interrogating issues of algorithmic fairness, bias mitigation, and applicants’ perceptions of AI-mediated recruitment. Studies during this time expanded the scope of analysis beyond efficiency, highlighting the need for transparency, candidate trust, and attention to accessibility.
The literature from 2025 reflects the maturation of the field, offering deeper theoretical and empirical insights into gender bias, disability inclusion, and the socio-technical dynamics of AI systems. Research increasingly acknowledges that AI-driven recruitment tools can both mitigate and exacerbate inequality depending on how they are designed, monitored, and governed. Studies also emphasise that fairness challenges arise across multiple stages of the AI pipeline from data collection to model training and interface design underscoring the need for multi-level interventions. Emerging works highlight the growing importance of regulatory frameworks, ethical audits, and participatory design, particularly for disabled applicants who face unique barriers in automated hiring environments.
Despite considerable progress, this chapter has identified several significant gaps in the existing literature, including the lack of disability-focused empirical research, limited intersectional analysis, insufficient longitudinal studies, and a continued overemphasis on efficiency over fairness. The absence of robust global regulatory evaluations and the scarcity of research involving participatory co-design further constrain the field’s ability to promote inclusivity and accountability in AI recruitment.
These insights collectively informed the conceptual framework presented in Section 2.6, which integrates socio-technical, ethical, inclusion-focused, and governance dimensions to guide this dissertation’s analytical approach. By establishing the historical evolution of the field, identifying key themes, and highlighting critical gaps, this chapter provides a solid foundation for the methodological decisions and analytical focus that follow. The next chapter outlines the research design, data sources, analytical techniques, and ethical considerations underpinning the study’s qualitative secondary research approach.
[bookmark: _Toc214908384][bookmark: _Toc218639352]CHAPTER 3: RESEARCH METHODOLOGY
[bookmark: _Toc214908385][bookmark: _Toc218639353]3.1. Introduction
The purpose of this chapter is to provide a detailed explanation of the methodological decisions that underpin this dissertation, which examines how Artificial Intelligence (AI) influences recruitment and selection practices with a particular focus on gender bias and disability inclusion. As highlighted in the previous chapters, the integration of AI into human resource processes raises complex ethical, social, and organisational questions that demand a rigorous and thoughtful methodological approach. In order to investigate these issues comprehensively, this study employs a qualitative secondary research methodology, enabling critical engagement with existing academic scholarship, policy documents, and empirical studies.
Qualitative secondary research is especially valuable in fields characterised by rapid technological change, such as AI recruitment, where primary empirical access is constrained by commercial confidentiality, proprietary algorithms, and ethical concerns involving discrimination and fairness (Rigotti, 2024). Further, many of the phenomena under study such as bias, fairness, inclusion, and applicant perceptions are inherently sociocultural and interpretive rather than measurable in purely numerical terms. By adopting a qualitative, interpretivist methodology, this dissertation builds upon analytical traditions grounded in meaning-making, interpretation, and contextual understanding (Mori et al., 2025; Dadaboyev et al., 2025).
This chapter outlines the philosophical underpinnings of the research, the design and approach taken, the methods of data collection and analysis, ethical considerations, and the limitations inherent in secondary qualitative inquiry. Together, these methodological elements provide a transparent, rigorous foundation for interpreting the complex relationships between AI systems, organisational recruitment practices, and patterns of inequality affecting women and disabled applicants.
[bookmark: _Toc214908386][bookmark: _Toc218639354]3.2. Research Philosophies and Assumptions
The study adopts an interpretivist research philosophy, which is grounded in the idea that social phenomena such as fairness, discrimination, bias, and inclusion are constructed through human meaning-making and cannot be understood purely through numerical or objective measurement (Mori et al., 2025). Interpretivism is well suited to the investigation of AI in recruitment because the concepts under examination such as algorithmic fairness, disability inclusion, transparency, and gender bias are shaped by human values, perceptions, and historical inequalities rather than by technical processes alone (Barocas and Selbst, 2016; O’Neil, 2016).
AI recruitment systems are socio-technical in nature, meaning they are embedded within organisational practices, cultural norms, and regulatory structures that influence how algorithms are trained, deployed, and interpreted (Fabris et al., 2025; Raghavan et al., 2020). Interpretivism enables a deeper exploration of this socio-technical interplay, acknowledging that bias arises not only from flawed data or model design but also from the organisational assumptions and societal inequalities that shape AI development. For example, gendered assumptions embedded in historical hiring data continue to influence algorithmic decision-making, reinforcing systemic disparities despite the appearance of technological neutrality (Arduini and Beck, 2025; Lambrecht and Tucker, 2019).
From an ontological perspective, the study adopts a relativist view, recognising that multiple realities exist depending on the experiences of different stakeholders. HR practitioners may perceive AI tools as efficient and objective; disabled applicants may experience them as exclusionary or inaccessible; and policymakers may view them through the lens of risk mitigation and governance (Hatzakis, 2025; Williams and Gilbert, 2023). This aligns with the interpretivist assumption that social reality is not fixed, but instead varies according to context and perspective.
Epistemologically, the study draws on constructivist assumptions, which hold that knowledge is produced through interpretation rather than discovered as an objective truth. This is important because much of the research on AI recruitment reflects disciplinary differences: technical literature often prioritises accuracy and optimisation (Raghavan et al., 2020), HRM literature emphasises organisational performance and workflow efficiency (Cappelli, 2019), while disability scholarship foregrounds lived experience, accessibility, and social justice (Nacheva, 2024; Williams and Gilbert, 2023). Constructivism provides the philosophical foundation necessary to bring these diverse perspectives into dialogue and evaluate them in relation to the study’s focus on fairness and inclusion.
Interpretivism is also critical for understanding gender bias, which is influenced by long-standing social stereotypes embedded not only in data but also in language models, job descriptions, and organisational cultures (Sivakaminathan and Vandenberghe, 2025; Bolukbasi et al., 2016). Likewise, disability inclusion requires attention to social and accessibility barriers rather than a narrow focus on algorithmic prediction accuracy. AI systems often interpret disabled candidates' communication patterns, movements, or atypical responses as indicators of poor suitability, reflecting an implicit privileging of normative behaviours (Hatzakis, 2025; Zhuang et al., 2024). These issues cannot be meaningfully analysed through positivist methodologies that rely only on objective metrics; they require an interpretivist lens attentive to context, values, and meaning.
Furthermore, interpretivism aligns strongly with the human-centred perspectives increasingly called for by AI ethics scholars and regulators. The European Commission’s AI Act (European Union, 2024), for example, emphasises the importance of transparency, accountability, and human rights, principles that depend on subjective interpretation rather than technical optimisation. Scholars argue that the evaluation of fairness in AI systems must extend beyond mathematical definitions to include perceptions of justice, procedural transparency, and the lived experiences of affected individuals (Selbst et al., 2019; Bogen and Rieke, 2023).
In summary, the interpretivist research philosophy used in this study is appropriate for three key reasons:
1. It aligns with the socially constructed nature of concepts such as fairness, discrimination, transparency, and inclusion.
2. It reflects the socio-technical reality of AI recruitment systems, where technical outputs cannot be separated from organisational and societal influences.
3. It allows for the meaningful exploration of marginalised experiences, particularly those of women and disabled applicants, whose interactions with AI recruitment technologies are shaped by historical and structural inequalities.
These philosophical assumptions directly shape the research design and analytical strategies employed in this dissertation, ensuring that the study remains sensitive to the complex, value-laden dynamics of AI recruitment.
[bookmark: _Toc214908387][bookmark: _Toc218639355]3.3. Research Design
This dissertation adopts a qualitative secondary research design, which provides a structured yet flexible framework for analysing the ways Artificial Intelligence (AI) influences recruitment and selection practices. The choice of this design is driven by both the nature of the research questions and the constraints associated with primary data collection in AI-driven environments. Secondary research focuses on interpreting and synthesising existing academic studies, policy documents, industry reports, and empirical analyses. This approach is particularly well suited to emerging fields such as AI recruitment, where literature is rapidly increasing but empirical access to proprietary systems remains highly restricted (Raghavan et al., 2020; Bogen and Rieke, 2023).
[bookmark: _Toc218639356]3.3.1 Rationale for a Qualitative Secondary Research Design
There are several compelling reasons for employing a qualitative secondary design in this study. First, the research topic is inherently complex, interdisciplinary, and socio-technical, spanning fields such as computer science, HRM, ethics, disability studies, law, and sociology. Qualitative secondary research enables the integration of diverse insights across these fields, creating a multidimensional understanding of how AI affects fairness and inclusion (Fabris et al., 2025; Selbst et al., 2019).
Second, many AI recruitment tools are commercially sensitive and proprietary, limiting opportunities for direct evaluation or interviews with developers or users. Organisations often provide limited transparency about their algorithms due to intellectual property concerns, competitive advantage, or unwillingness to expose potential bias (Barocas and Selbst, 2016; O’Neil, 2016). This makes traditional primary research such as algorithm audits or controlled experiments difficult to undertake. Secondary research therefore provides access to documented evaluations, independent audits, and academic critiques that would otherwise be inaccessible.
Third, secondary research supports a broader and more comprehensive analysis of the phenomenon than primary qualitative work typically allows. Instead of relying on a small number of interviews or case studies, this design permits engagement with a wider body of evidence across multiple industries, sectors, and geographical contexts (Dadaboyev et al., 2025). This is particularly important when examining disability inclusion, where empirical studies are still limited, fragmented, and context-specific (Williams and Gilbert, 2023; Zhuang et al., 2024).
[bookmark: _Toc218639357]3.3.2 Exploratory Nature of the Research
The exploratory character of this research design reflects the emerging and rapidly evolving nature of AI hiring systems. The influence of AI on recruitment remains a relatively new domain of academic inquiry, with numerous unresolved questions relating to transparency, fairness, accessibility, and regulatory accountability (European Union, 2024). Because the field is still developing, an exploratory approach is especially suitable for identifying patterns within the literature, synthesising diverse insights, and drawing attention to areas that remain under-examined. This is particularly evident in research concerning disability bias, which continues to be significantly less developed than studies focused on gender bias or racial inequalities in algorithmic decision-making (Hatzakis, 2025; Nacheva, 2024).
An exploratory design also allows the study to move beyond rigid hypothesis testing and instead develop a richer understanding of the concepts, relationships, and mechanisms that shape AI recruitment systems. It facilitates investigation into how gender stereotypes become encoded within training datasets or how video-interview analytics penalise candidates whose behaviours diverge from normative expectations (Arduini and Beck, 2025; Lambrecht and Tucker, 2019). Such questions cannot be answered through positivist methods alone; they require flexible inquiry that can adapt to emerging evidence and accommodate the complexity inherent in socio-technical systems.
[bookmark: _Toc218639358]3.3.3 Analytical Purpose of the Research
While exploratory in intent, the research design is also fundamentally analytical. This analytical dimension enables a critical evaluation of the existing literature by examining points of convergence and divergence between studies, assessing methodological rigour, and interrogating the implications of technological, ethical, and legal arguments presented by researchers. Through this approach, the study is able to assess how different scholars conceptualise fairness: some interpret it as statistical parity, others emphasise procedural transparency, while still others frame it in terms of organisational justice or human rights compliance (Selbst et al., 2019; Mori et al., 2025).
The analytical nature of the design also supports a multidimensional exploration of disability inclusion, considering both technical aspects such as algorithmic design and data representation and socio-cultural perspectives rooted in disability studies and broader human rights discourse (Hatzakis, 2025; Williams and Gilbert, 2023). By integrating these perspectives, the study is able to generate a more holistic understanding of how discrimination manifests in AI recruitment and how it may be mitigated through ethical governance and inclusive design.
[bookmark: _Toc218639359]3.3.4 Suitability of Secondary Data for Studying Bias and Inclusion
Secondary research is particularly suitable for examining gender bias, algorithmic discrimination, and disability exclusion because these phenomena are deeply rooted in historical and societal patterns that have already been extensively documented. Whereas primary research might reveal individual experiences, secondary analysis makes it possible to investigate broader structural and systemic dynamics. The literature provides clear evidence of the historical marginalisation embedded in training datasets, which leads AI systems to reproduce long-standing inequalities unless actively corrected (Bolukbasi et al., 2016). It also highlights how algorithmic classification processes reinforce occupational stereotypes by drawing upon biased patterns in historical labour market data (Sivakaminathan and Vandenberghe, 2025).
Furthermore, secondary sources illuminate the accessibility barriers inherent in digital recruitment technologies, including platforms that fail to accommodate candidates with visual, cognitive, or mobility impairments (Nacheva, 2024; Zhuang et al., 2024). They also shed light on the broader regulatory and sociopolitical landscape shaping organisational responses to AI-related risks, particularly in the context of emerging legal frameworks such as the EU AI Act, which classifies recruitment systems as high-risk and in need of oversight (European Union, 2024; Bogen and Rieke, 2023).
These forms of systemic evidence cannot be captured solely through interviews or surveys. As such, secondary research provides a valuable means of developing an informed, comprehensive assessment of algorithmic bias and its intersection with gender and disability.
[bookmark: _Toc218639360]3.3.5 Strengths of the Research Design
The qualitative secondary research design offers several important strengths. One of its primary advantages is the breadth of evidence it enables, allowing the study to draw upon scholarship from multiple sectors, industries, and geographical regions. This breadth is essential in an interdisciplinary field like AI recruitment, which sits at the intersection of HRM, law, disability studies, computer science, sociology, and ethics.
Another strength lies in the design’s capacity for interdisciplinary integration. By synthesising insights from diverse academic traditions, the research can more effectively illuminate the socio-technical complexity of AI systems. Additionally, secondary research ensures timeliness by enabling the incorporation of the most recent studies including those addressing emerging issues such as generative AI and its associated fairness risks reported in 2025.
The design also promotes critical insight by supporting the systematic evaluation of methodological and conceptual assumptions embedded in AI development and deployment. Finally, it offers ethical advantages by avoiding the potential risk of exposing vulnerable groups particularly disabled applicants to discriminatory or inaccessible recruitment processes during data collection.
[bookmark: _Toc218639361]3.3.6 Recognised Limitations of the Research Design
Despite its merits, secondary research has several limitations that require acknowledgment. The design is inevitably dependent on the availability and quality of existing literature, and research gaps especially regarding disability inclusion limit the extent to which the topic can be examined. In addition, because AI recruitment tools are often proprietary, the study lacks direct access to organisational systems and therefore cannot conduct empirical audits or technical evaluations.
Variability in source quality also poses challenges, as academic studies differ in methodological rigour and theoretical sophistication, necessitating careful critical appraisal. Another recognised limitation is the potential for publication bias, whereby studies revealing harmful or biased algorithmic outcomes may be more likely to be published than those showing neutral results.
These limitations, however, are addressed through methodological transparency, triangulation of diverse sources, and adherence to established qualitative research standards, consistent with guidance from Creswell and Poth (2018). This ensures that the analysis remains robust, credible, and positioned within an appropriate scholarly framework.
[bookmark: _Toc214908388][bookmark: _Toc218639362]3.4. Research Approaches
An inductive research approach supports the identification of themes emerging from literature rather than testing predetermined hypotheses. This is consistent with methodological recommendations for research into emergent technologies, where patterns often evolve across multiple disciplinary domains (Soleimani et al., 2025).
Induction is particularly relevant given recent discoveries regarding generative AI bias (Wei et al., 2025), stereotyping embedded within language models (Sivakaminathan and Vandenberghe, 2025), and under-researched disability-related impacts (Zhuang et al., 2024).
[bookmark: _Toc214908389][bookmark: _Toc218639363]3.5. Data Collection Methods
Data were collected exclusively from secondary sources, drawing on a wide range of existing literature relevant to AI recruitment and inclusion. This included peer-reviewed journal articles examining the role of AI in hiring processes (Arduini and Beck, 2025; Parveen et al., 2025), as well as systematic reviews that explore algorithmic fairness and the broader ethical implications of automated decision-making (Mori et al., 2025; Dadaboyev et al., 2025). Research focusing specifically on disability and digital accessibility provided further insight into how AI systems affect disabled applicants (Hatzakis, 2025; Nacheva, 2024), while empirical studies on applicant perceptions and experiences contributed to understanding fairness, transparency, and acceptance of AI-assisted recruitment (Ilham, 2025; Lavanchy et al., 2023). In addition, the study incorporated analyses centred on regulation and governance to evaluate the adequacy of current legal and organisational safeguards (Rigotti, 2024).
A thematic analysis approach was then employed to code and synthesise the literature, enabling the identification of key recurring themes such as gender bias, disability inclusion, transparency, fairness perceptions, algorithmic risk, and regulatory oversight. This analytical process reflects established practices used in major AI recruitment reviews, which similarly organise findings across multiple socio-technical and ethical dimensions (Fabris et al., 2025; Soleimani et al., 2025).
[bookmark: _Toc214908390][bookmark: _Toc218639364]3.6. Ethical Considerations
Although the study does not involve primary participants, several ethical principles nevertheless apply. First, integrity and accurate representation are ensured by acknowledging all sources using correct Harvard citation, thereby respecting intellectual ownership and maintaining academic transparency (Mori et al., 2025). Sensitivity to marginalised groups is also essential, particularly when discussing disability and gender, and the analysis is conducted with an awareness of social vulnerability and existing power imbalances that may shape experiences of discrimination (Hatzakis, 2025). To avoid researcher bias, the dissertation draws on literature from multiple disciplinary perspectives including HRM, ethics, and computer science to prevent over-reliance on any single viewpoint and to ensure a balanced interpretation of the evidence (Fabris et al., 2025). Finally, transparency is upheld through clear discussion of the methods, analytical choices, and limitations of the research, consistent with best practices in ethical scholarship (Rigotti, 2024).
[bookmark: _Toc214908391][bookmark: _Toc218639365]3.7. Conclusion
This chapter has outlined the philosophical stance, research design, inductive analytical approach, secondary data collection methods, and ethical principles underpinning the dissertation. These methodological decisions provide a robust foundation for analysing how AI recruitment systems influence bias, fairness, and inclusion. The next chapter presents the thematic findings derived from the reviewed literature.
[bookmark: _Toc214908392][bookmark: _Toc218639366]CHAPTER 4: FINDINGS / RESULTS, ANALYSIS AND DISCUSSION
[bookmark: _Toc214908393][bookmark: _Toc218639367]4.1. Summary / Presentation of Findings / Results
To enhance clarity and support the thematic synthesis of findings derived from the secondary literature, selected pie charts are used in this section. These visualisations do not represent primary empirical data but instead provide an illustrative summary of dominant trends and emphases identified across the reviewed studies. This approach is appropriate within qualitative secondary research, where visual tools can assist in synthesising patterns across a large body of literature (Mori et al., 2025).
[bookmark: _Toc218637069]Figure 4.1: Dominant Focus of AI Recruitment Literature

Figure 4.1 illustrates the primary focus areas of the AI recruitment literature analysed in this study. Approximately half of the reviewed studies prioritise efficiency-related outcomes, such as speed, cost reduction, and automation benefits (Ngoc et al., 2025; Purohit and Banerjee, 2025). A smaller proportion focus explicitly on fairness and ethical considerations, while an even more limited share addresses inclusion, particularly disability-related issues (Hatzakis, 2025; Nacheva, 2024).
This visual summary reinforces earlier observations that academic and organisational discourse remains disproportionately oriented towards performance and productivity, with comparatively limited attention paid to equity and inclusion (Mori et al., 2025; Dadaboyev et al., 2025). The imbalance highlighted in the chart directly supports the identified literature gap concerning disability inclusion.
[bookmark: _Toc218637070]Figure 4.2: Reported Impact of AI on Recruitment Fairness

Figure 4.2 presents a synthesis of how AI’s impact on recruitment fairness is characterised across the literature. The largest proportion of studies indicate that AI systems reproduce existing biases, particularly when trained on historically unequal datasets or implemented without adequate oversight (Chen et al., 2023; Fabris et al., 2025). A smaller segment of research suggests that AI has the potential to reduce bias, while a substantial proportion frames AI outcomes as context-dependent, influenced by governance, design choices, and human involvement (Arduini and Beck, 2025; Soleimani et al., 2025).
This finding challenges deterministic narratives that portray AI as either inherently fair or inherently discriminatory. Instead, the literature overwhelmingly suggests that fairness outcomes depend on how AI systems are designed, deployed, and regulated.
[bookmark: _Toc218637071]Figure 4.3: Protected Group Focus in AI Recruitment Studies

Figure 4.3 highlights the relative attention given to different protected groups within AI recruitment research. Gender bias dominates the literature, while disability inclusion accounts for a significantly smaller proportion of studies (Sivakaminathan and Vandenberghe, 2025; Arduini and Beck, 2025). A notable share of publications discusses fairness in general terms without disaggregating impacts across specific protected characteristics.
This visual finding is particularly important for the present dissertation, as it confirms that disabled candidates remain systematically under-represented in AI hiring research, despite evidence that they may face disproportionate exclusion risks (Hatzakis, 2025; Zhuang et al., 2024). The chart therefore provides strong justification for the study’s focus on disability inclusion alongside gender bias.
[bookmark: _Toc214908394][bookmark: _Toc218639368]4.2.  Analysis of Results
This section critically analyses the findings presented in Section 4.1, drawing on the conceptual framework and ethical lenses outlined in Chapter 2. The analysis interprets how Artificial Intelligence (AI) recruitment systems influence fairness, gender bias, and disability inclusion, rather than merely describing observed patterns. Particular attention is paid to the sources of bias, the conditions under which AI reproduces or mitigates inequality, and the role of governance and oversight in shaping outcomes.
[bookmark: _Toc218639369]4.2.1 Sources of Bias in AI Recruitment Systems
Figure 4.4 illustrates the dominant sources of bias identified across the reviewed literature. The analysis indicates that training data bias is the most frequently cited contributor to unfair outcomes in AI recruitment systems. Many AI tools are trained on historical hiring data that reflect existing gender imbalances, occupational segregation, and systemic exclusion of disabled candidates (Chen et al., 2023; Fabris et al., 2025). As a result, algorithms may learn to associate “successful” candidates with characteristics that mirror historically advantaged groups.
[bookmark: _Toc218637072]Figure 4.4 – Sources of Bias in AI Recruitment Systems

Model design bias represents a second major source of inequality. Decisions regarding which variables are included, how success is defined, and which optimisation metrics are prioritised can embed normative assumptions about productivity, leadership, or communication style (Arduini and Beck, 2025). For example, leadership traits derived from male-dominated datasets may disadvantage women applicants, while performance indicators based on standardised communication norms may penalise neurodivergent or disabled candidates (Hatzakis, 2025).
Interface and user-experience bias further compounds these issues. As shown by Suen et al. (2024), AI recruitment interfaces influence applicant behaviour and may privilege certain interaction styles. When interfaces lack accessibility features or impose rigid interaction formats, disabled candidates face disproportionate exclusion (Nacheva, 2024). Governance failures, although less frequently discussed, intensify these risks by allowing biased systems to operate without sufficient monitoring or accountability (Rigotti, 2024).
[bookmark: _Toc218639370]4.2.2 Gender Bias and AI Recruitment Outcomes
The analysis of gender-related findings suggests that AI recruitment systems do not consistently reduce gender bias and, in many cases, may reinforce it. While some studies report that standardisation can reduce overt discrimination, the broader literature demonstrates that gendered patterns persist when historical data and organisational norms remain unchallenged (Lavanchy et al., 2023; Sivakaminathan and Vandenberghe, 2025).

From a justice-based ethical perspective, this raises concerns about distributive fairness. Even when AI systems apply rules consistently, outcomes may still be unjust if the rules themselves are grounded in biased assumptions (Mori et al., 2025). Furthermore, rights-based analyses emphasise that opaque algorithmic decision-making undermines applicants’ ability to understand, challenge, or contest hiring outcomes, disproportionately affecting women in male-dominated sectors (Rigotti, 2024).
[bookmark: _Toc218639371]4.2.3 Disability Inclusion and Algorithmic Exclusion
The literature reveals that disability inclusion remains the most vulnerable dimension within AI-mediated recruitment. Automated assessments frequently rely on behavioural, linguistic, or biometric cues that fail to accommodate disability-related variation (Hatzakis, 2025; Zhuang et al., 2024). This creates structural exclusion rather than isolated incidents of bias.
From an ethical standpoint, these findings conflict sharply with rights-based principles of non-discrimination and equal access. While AI has the potential to enhance accessibility through adaptive technologies and alternative assessment formats, such benefits are realised only when inclusive design is explicitly prioritised (Nacheva, 2024). The analysis therefore demonstrates that disability-related bias is not an unavoidable consequence of AI, but a product of design and governance choices.
[bookmark: _Toc218639372]4.2.4 Governance, Oversight, and Ethical Safeguards
Figure 4.5 highlights the relative emphasis placed on governance mechanisms within the literature. Human oversight and transparency emerge as the most strongly emphasised safeguards, reflecting widespread recognition that fully automated recruitment systems lack legitimacy and accountability (Hosain, 2025; Parveen et al., 2025). Bias audits and regulatory compliance, while acknowledged, receive comparatively less empirical attention.
[bookmark: _Toc218637073]Figure 4.5 – Emphasis on Governance Measures in the Literature

From a utilitarian perspective, organisations may prioritise efficiency-enhancing safeguards that protect reputation and trust. However, justice- and rights-based perspectives emphasise that governance mechanisms are essential not merely for organisational benefit, but to protect applicants from systematic discrimination (Mori et al., 2025; Soleimani et al., 2025). The analysis therefore underscores the need for multi-level governance frameworks that integrate technical, organisational, and regulatory controls.
Overall, the analysis demonstrates that AI recruitment systems are neither inherently fair nor inherently discriminatory. Instead, outcomes are shaped by data quality, system design, interface accessibility, and governance structures. Gender bias and disability exclusion persist where historical inequalities are embedded within AI pipelines and where oversight is insufficient. These analytical insights provide a foundation for the discussion section (4.3), where findings will be explicitly related back to the research questions and broader theoretical debates.
[bookmark: _Toc214908395][bookmark: _Toc218639373]4.3.  Discussion of Results
This section discusses the findings and analysis presented in Sections 4.1 and 4.2 in relation to the research questions and the conceptual framework developed in Chapter 2. The discussion situates the results within broader academic debates on algorithmic fairness, ethical governance, and inclusive recruitment, highlighting the implications of Artificial Intelligence (AI) for gender equality and disability inclusion in hiring practices.
[bookmark: _Toc218639374]4.3.1 AI Recruitment and Gender Bias (Research Question 1)
How does the use of AI in recruitment and selection influence gender bias in hiring decisions?
The findings indicate that AI recruitment systems exert a conditional and context-dependent influence on gender bias, supporting neither fully optimistic nor fully critical accounts in isolation. While some studies suggest that algorithmic standardisation can reduce explicit interpersonal discrimination (Ilham, 2025; Arduini and Beck, 2025), the broader literature demonstrates that gender inequalities frequently persist or re-emerge in automated hiring environments (Lavanchy et al., 2023; Sivakaminathan and Vandenberghe, 2025).
A consistent explanation across studies relates to training data and success metrics. AI systems trained on historical recruitment and performance data often inherit gendered assumptions embedded within male-dominated occupational structures (Chen et al., 2023; Dadaboyev et al., 2025). As shown by An et al. (2025) and Wei et al. (2025), even advanced language and generative models reproduce gender stereotypes when evaluating leadership potential or career narratives. This reinforces concerns that AI may obscure rather than eliminate discrimination by embedding bias within seemingly objective processes.
Applicant perception studies further complicate the picture. Quantitative surveys demonstrate that women exhibit lower acceptance of fully automated recruitment systems, particularly when transparency and explainability are limited (Hosain, 2025; Parveen et al., 2025). Tursunbayeva et al. (2025) similarly find that ethical AI use influences organisational attractiveness, indicating that gendered trust dynamics play a significant role in candidate responses to algorithmic hiring.
From a justice-based ethical perspective, these findings suggest that procedural consistency alone is insufficient to guarantee fairness (Mori et al., 2025). Even when AI applies rules uniformly, outcomes remain unjust if evaluation criteria reflect historically gendered labour-market norms. Consequently, gender bias in AI recruitment is not eliminated but reconfigured, shifting from interpersonal judgement to data-driven exclusion unless actively governed (Rigotti, 2024; Soleimani et al., 2025).
4.3.2 Disability Inclusion and Algorithmic Exclusion (Research Question 2)
What risks and opportunities do AI recruitment tools present for individuals with disabilities?
The discussion reveals that disability inclusion represents the most critical and under-addressed challenge within AI-driven recruitment. Across conceptual, qualitative, and review-based studies, disabled candidates are consistently identified as facing heightened risks of algorithmic exclusion (Fisher et al., 2024; Zhuang et al., 2024). Unlike gender bias, which is increasingly acknowledged in AI fairness research, disability-related bias remains marginalised in both technical design and organisational governance.
Several studies highlight that AI recruitment tools rely heavily on normative assumptions regarding communication style, cognitive processing, facial expression, vocal tone, and behavioural consistency (Hatzakis, 2025). Automated video interviews and speech-analysis systems may misinterpret neurodivergence, speech impairments, or atypical body language as indicators of poor suitability, thereby disadvantaging disabled applicants irrespective of actual job performance potential (Fisher et al., 2024; Zhuang et al., 2024).
From a rights-based ethical perspective, this raises serious concerns regarding non-discrimination and equal access to employment (Mori et al., 2025). Hatzakis (2025) argues that AI recruitment systems frequently conflict with human rights frameworks by privileging standardised embodiments and cognitive norms. These risks are exacerbated by the absence of disability-specific auditing mechanisms and limited regulatory oversight.
However, the literature also identifies significant inclusive potential when AI systems are designed responsibly. Nacheva (2024) demonstrates that accessible interfaces, alternative assessment formats, and assistive technologies can improve participation for disabled candidates. This aligns with broader arguments for universal design and participatory development approaches, which emphasise co-design with disabled users rather than retroactive accommodation (Zhuang et al., 2024).
Overall, the discussion confirms that AI does not inherently exclude disabled candidates; rather, exclusion emerges from design choices, organisational priorities, and governance failures. Disability inclusion therefore serves as a critical test case for evaluating the ethical maturity of AI recruitment systems.
4.3.3 Ethical, Organisational, and Regulatory Governance (Research Question 3)
What ethical and regulatory measures are required to ensure fairness and inclusion in AI-driven recruitment?
The findings strongly suggest that technical bias-mitigation alone is insufficient to ensure fair AI recruitment. Across the literature, governance mechanisms such as human oversight, transparency, and accountability emerge as essential safeguards (Rigotti, 2024; Soleimani et al., 2025). Studies consistently show that applicants perceive AI recruitment as more legitimate and fair when humans remain involved in decision-making processes (Lavanchy et al., 2023; Hosain, 2025).
From a utilitarian perspective, organisations adopt AI recruitment tools to enhance efficiency and decision-making effectiveness (Ngoc et al., 2025; Purohit and Banerjee, 2025; Yawar and Hakimi, 2025). However, Mori et al. (2025) caution that efficiency-driven adoption often marginalises justice- and rights-based considerations. This creates tension between organisational performance goals and ethical obligations toward applicants.
Governance frameworks proposed in the literature emphasise multi-level intervention. Albaroudi et al. (2024) and Fabris et al. (2025) demonstrate that bias can arise at multiple stages of the AI pipeline data collection, model training, interface design, and deployment necessitating continuous auditing rather than one-off compliance checks. Applied AI Letters (2025) further highlight the importance of embedding fairness testing and human review within AI recruitment workflows.
Regulatory analyses reveal persistent gaps. Rigotti (2024) and Mori et al. (2025) note that existing legal frameworks struggle to address algorithmic opacity, accountability, and redress mechanisms. Disability inclusion is particularly neglected within regulatory discourse, despite clear evidence of disproportionate risk (Hatzakis, 2025). Without clearer standards, organisations may comply formally with regulation while perpetuating substantive inequality.
At an organisational level, HR-focused studies emphasise the importance of augmentation rather than automation. Bastida et al. (2025), Ebrahim and Rajab (2025), and Hewage (2023) argue that AI should support human judgement rather than replace it entirely. This hybrid approach enhances fairness, accountability, and strategic alignment while mitigating ethical risk.
4.3.4 Integrative Discussion and Conceptual Implications
When synthesised through the conceptual framework, the findings confirm that fairness failures in AI recruitment are systemic rather than isolated. Bias accumulates across data, models, interfaces, and governance structures, supporting Fabris et al.’s (2025) end-to-end fairness perspective. Ethical evaluation through utilitarian, justice-based, and rights-based lenses reveals why efficiency-focused adoption often conflicts with inclusion goals (Mori et al., 2025).
Gender bias and disability exclusion operate through distinct but interconnected mechanisms. While gender bias is increasingly visible and partially addressed through audits and perception management, disability exclusion remains structurally embedded and under-regulated. This imbalance underscores the need for participatory design, disability-specific governance, and stronger regulatory enforcement.
[bookmark: _Toc214908396][bookmark: _Toc218639375]CHAPTER 5: CONCLUSIONS AND RECOMMENDATIONS
[bookmark: _Toc214908397][bookmark: _Toc218639376]5.1. Summary of main findings
This study examined the impact of Artificial Intelligence (AI) on recruitment and selection processes, with a particular focus on gender bias and disability inclusion. Using a qualitative secondary research approach, the dissertation synthesised findings from contemporary academic literature spanning Human Resource Management (HRM), artificial intelligence, ethics, law, and social justice. The main findings are summarised below.
First, the study finds that AI recruitment systems are predominantly adopted to enhance efficiency, speed, and organisational effectiveness, rather than to advance fairness or inclusion objectives (Ngoc et al., 2025; Purohit and Banerjee, 2025; Yawar and Hakimi, 2025). AI tools are most commonly applied to automate routine recruitment tasks such as CV screening, candidate ranking, and initial assessments (Hewage, 2023; Ebrahim and Rajab, 2025). However, systematic reviews demonstrate that this efficiency-driven adoption often results in ethical and fairness considerations being treated as secondary concerns (Mori et al., 2025; Dadaboyev et al., 2025). As a result, AI recruitment systems frequently reproduce existing inequalities when safeguards are not explicitly embedded (Chen et al., 2023; Fabris et al., 2025).
Second, the findings indicate that gender bias persists in AI-mediated recruitment, although it manifests in reconfigured and less visible forms. While algorithmic standardisation can reduce some overt interpersonal discrimination, AI systems trained on historically biased datasets tend to replicate gendered patterns related to occupational segregation, leadership stereotypes, and career continuity (Lavanchy et al., 2023; Lambrecht and Tucker, 2019). Recent research on generative AI and large language models further demonstrates that gender stereotypes continue to influence algorithmic evaluations of applicants (An et al., 2025; Sivakaminathan and Vandenberghe, 2025; Wei et al., 2025). In addition, applicant perception studies reveal that women exhibit lower trust in fully automated recruitment systems, particularly where transparency and human oversight are limited (Hosain, 2025; Parveen et al., 2025; Tursunbayeva et al., 2025).
Third, the study identifies disability inclusion as the most under-researched and vulnerable dimension of AI recruitment. The literature consistently shows that disabled and neurodivergent candidates face disproportionate risks of exclusion, particularly when AI systems rely on behavioural, biometric, or communication-based proxies (Fisher et al., 2024; Zhuang et al., 2024; Hatzakis, 2025). Technologies such as automated video interviewing and speech analysis may misinterpret disability-related traits as indicators of poor suitability, resulting in structural exclusion rather than isolated bias (Ajunwa, 2021). Although AI holds potential to enhance inclusion through accessible and adaptive design, this potential remains largely unrealised in current recruitment practice (Nacheva, 2024; Williams and Gilbert, 2023).
Finally, the findings demonstrate that governance, transparency, and human oversight are decisive factors in shaping fair AI recruitment outcomes. Bias is shown to arise across the entire AI pipeline, including data collection, model development, interface design, and deployment, meaning that technical bias-mitigation alone is insufficient (Albaroudi et al., 2024; Fabris et al., 2025). Studies consistently indicate that transparency, explainability, and human involvement improve both actual and perceived fairness (Lavanchy et al., 2023; Rigotti, 2024). Although regulatory initiatives such as the European Union’s Artificial Intelligence Act represent an important step forward, gaps remain in relation to enforcement, accountability, and disability-specific protections (European Union, 2024; Mori et al., 2025).
Overall, the study concludes that AI recruitment systems are best understood as socio-technical systems, whose outcomes depend on how technology is designed, governed, and embedded within organisational and regulatory contexts (Selbst et al., 2019; Mori et al., 2025). Without deliberate ethical intervention, AI risks reinforcing gender inequality and exacerbating exclusion for disabled candidates. These findings provide the foundation for the conclusions and recommendations presented in the subsequent sections of this chapter.
[bookmark: _Toc214908398][bookmark: _Toc218639377]5.2. Conclusion based on the research questions
This section presents the final conclusions of the study in direct relation to the research questions. Drawing together the findings and discussion from Chapter 4, the conclusions reflect the study’s central argument that Artificial Intelligence (AI) in recruitment is best understood as a socio-technical system, whose outcomes are shaped by historical data, organisational priorities, system design, and governance frameworks rather than by technology alone.
[bookmark: _Toc218639378]5.2.1 Conclusion for Research Question 1: AI and Gender Bias in Recruitment
Research Question 1:
How does the use of AI in recruitment and selection influence gender bias in hiring decisions?
The study concludes that AI recruitment systems do not eliminate gender bias, but instead transform and redistribute it across algorithmic processes. While certain forms of overt interpersonal discrimination may be reduced through standardisation and automation (Arduini and Beck, 2025; Ilham, 2025), gendered inequalities persist when AI systems are trained on historically biased data or evaluated using gendered definitions of merit and performance (Lavanchy et al., 2023; Lambrecht and Tucker, 2019).
Evidence from recent studies on large language models and generative AI further reinforces this conclusion. These systems have been shown to reproduce gender stereotypes and biased evaluative patterns when processing CVs, interview responses, or career narratives (An et al., 2025; Sivakaminathan and Vandenberghe, 2025; Wei et al., 2025). As such, AI may obscure discrimination behind a veneer of objectivity rather than meaningfully addressing structural inequality, echoing earlier critiques of data-driven decision-making (O’Neil, 2016; Barocas and Selbst, 2016).
Applicant-focused research suggests that gender bias in AI recruitment also manifests through perceptions of fairness and legitimacy. Women applicants consistently report lower trust in fully automated recruitment systems, particularly where transparency and human involvement are limited (Hosain, 2025; Parveen et al., 2025; Tursunbayeva et al., 2025). Consequently, the study concludes that hybrid human–AI recruitment models, rather than full automation, offer the most viable pathway for mitigating gender bias while maintaining procedural fairness and organisational legitimacy (Cappelli, 2019; Bastida et al., 2025).
[bookmark: _Toc218639379]5.2.2 Conclusion for Research Question 2: Disability Inclusion and AI Recruitment
Research Question 2:
What risks and opportunities do AI recruitment tools present for individuals with disabilities?
The study concludes that disabled candidates face systematically heightened risks of exclusion in AI-mediated recruitment processes. Across the literature, AI tools are shown to rely on normative assumptions regarding communication, cognition, and behaviour, which disproportionately disadvantage individuals with physical, sensory, cognitive, or neurodivergent disabilities (Fisher et al., 2024; Hatzakis, 2025; Zhuang et al., 2024).
Automated video interviewing, speech analysis, and behavioural scoring systems emerge as particularly exclusionary technologies, as they often misinterpret disability-related traits as indicators of poor suitability (Ajunwa, 2021). From a social justice perspective, this raises significant concerns regarding equal access to employment and non-discrimination, particularly given the limited visibility of disability within AI fairness research and regulatory frameworks (Williams and Gilbert, 2023; Neumark et al., 2018).
However, the study also concludes that AI holds substantial inclusive potential when accessibility and universal design principles are embedded from the outset. Research demonstrates that alternative assessment formats, accessible interfaces, and participatory design approaches can enhance recruitment outcomes for disabled candidates (Nacheva, 2024). The key determinant is therefore not AI itself, but how AI systems are designed, governed, and evaluated.
Overall, disability inclusion emerges as the most under-developed dimension of AI recruitment research and practice, underscoring the need for disability-specific governance, auditing, and empirical evaluation.
[bookmark: _Toc218639380]5.2.3 Conclusion for Research Question 3: Ethical and Governance Requirements
Research Question 3:
What ethical and regulatory measures are required to ensure fairness and inclusion in AI-driven recruitment?
The study concludes that technical bias-mitigation strategies alone are insufficient to ensure fair and inclusive AI recruitment. While algorithmic adjustments can reduce certain forms of bias, fairness failures arise across the entire AI pipeline, including data collection, model development, interface design, and deployment (Albaroudi et al., 2024; Fabris et al., 2025).
Effective governance therefore requires multi-level intervention. At the organisational level, transparency, explainability, and human oversight are consistently identified as essential safeguards for ethical AI adoption (Lavanchy et al., 2023; Rigotti, 2024). Empirical studies show that recruitment systems perceived as opaque or fully automated are associated with lower trust and acceptance among applicants (Hosain, 2025).
At the regulatory level, the study concludes that existing frameworks remain inadequate to address algorithmic opacity, accountability, and redress mechanisms. While recent initiatives such as the European Union’s Artificial Intelligence Act represent a significant step forward, gaps remain in relation to disability inclusion and enforcement (European Union, 2024; Mori et al., 2025). Scholars consistently argue for continuous auditing, documentation, and accountability mechanisms, including algorithmic impact assessments and model reporting standards (Mitchell et al., 2019; Raji et al., 2020; Applied AI Letters, 2025).
From an ethical perspective, the findings reinforce the importance of balancing utilitarian efficiency goals with justice- and rights-based principles. AI recruitment systems that prioritise speed and cost reduction without adequate safeguards risk institutionalising inequality at scale (Mori et al., 2025; Selbst et al., 2019; Bender et al., 2021).
In conclusion, the study finds that AI recruitment systems are neither inherently fair nor inherently discriminatory. Their impact on gender bias and disability inclusion is contingent upon historical data patterns, system design choices, organisational practices, and governance frameworks. Hybrid human–AI approaches, combined with robust ethical oversight and inclusive design, offer the most promising pathway for leveraging AI’s benefits while mitigating its risks.
[bookmark: _Toc214908399][bookmark: _Toc218639381]5.3. Recommendation (Practical and Theoretical)
Based on the findings and conclusions of this study, this section presents a set of evidence-based recommendations aimed at improving fairness, gender equality, and disability inclusion in AI-driven recruitment and selection. The recommendations are structured at three levels: organisational and HR practice, governance and regulation, and inclusive system design. This multi-level approach reflects the study’s conclusion that AI recruitment is a socio-technical system requiring coordinated technical, organisational, and regulatory responses.
[bookmark: _Toc218639382]5.3.1 Organisational and Human Resource Management Recommendations
Organisations adopting AI recruitment tools should prioritise augmentation rather than full automation. Rather than replacing human judgement, AI systems should be used to support decision-making while retaining human oversight, particularly at critical stages such as shortlisting and final selection (Cappelli, 2019; Bastida et al., 2025). Hybrid recruitment models have been shown to enhance both fairness perceptions and organisational legitimacy (Lavanchy et al., 2023; Hosain, 2025).
Human Resource (HR) professionals should be actively involved in the design, implementation, and monitoring of AI recruitment systems. Studies emphasise that HR units must assume a strategic governance role, rather than acting as passive users of vendor-provided tools (Hewage, 2023; Purohit and Banerjee, 2025). This includes developing internal guidelines for ethical AI use, defining acceptable risk thresholds, and ensuring alignment with organisational diversity and inclusion objectives (Ngoc et al., 2025; Yawar and Hakimi, 2025).
Organisations should also invest in AI literacy and training for HR practitioners and hiring managers. Research indicates that greater understanding of algorithmic limitations improves the ability to identify bias, challenge automated outputs, and make informed decisions (Ilham, 2025; Cowgill, 2019). Without such training, there is a risk of automation bias, whereby human decision-makers defer excessively to algorithmic recommendations. AI-driven recruitment tools also shape employer branding and applicant attraction, making ethical and transparent implementation a strategic as well as moral concern (Van Esch, Black and Ferolie, 2019).
[bookmark: _Toc218639383]5.3.2 Governance, Transparency, and Accountability Recommendations
At the governance level, organisations should implement continuous bias auditing across the AI recruitment pipeline. Bias can emerge at multiple stages, including data collection, model training, interface design, and deployment, necessitating ongoing monitoring rather than one-off evaluations (Albaroudi et al., 2024; Fabris et al., 2025). Audit processes should explicitly assess disparate impacts across gender and disability groups, rather than relying solely on aggregate accuracy metrics (Barocas and Selbst, 2016; Mehrabi et al., 2021).
Transparency and explainability should be treated as core ethical requirements rather than optional features. Applicants should be informed when AI systems are used in recruitment, what types of data are processed, and how decisions are generated (Rigotti, 2024; Lavanchy et al., 2023). The use of documentation tools such as model cards and internal algorithmic reporting frameworks can support accountability and traceability (Mitchell et al., 2019; Raji et al., 2020).
From a regulatory perspective, policymakers should strengthen enforcement mechanisms associated with emerging AI governance frameworks. While the European Union’s Artificial Intelligence Act represents a significant advance in regulating high-risk AI applications, including recruitment, further clarification is needed regarding auditing standards, liability, and redress mechanisms (European Union, 2024; Mori et al., 2025). Regulators should also ensure that disability discrimination is explicitly addressed within AI governance, rather than subsumed under general fairness provisions (Hatzakis, 2025). Concerns regarding the opacity of commercial hiring algorithms and limited external accountability further complicate efforts to evaluate fairness in practice (Bogen and Rieke, 2023).
[bookmark: _Toc218639384]5.3.3 Recommendations for Gender Equality in AI Recruitment
To mitigate gender bias, organisations should critically evaluate the datasets and performance indicators used to train AI recruitment systems. Historical hiring data reflecting occupational segregation or gendered career trajectories should not be used uncritically, as this risks perpetuating inequality (Lambrecht and Tucker, 2019; Chen et al., 2023). Where possible, organisations should supplement historical data with counterfactual or synthetic datasets designed to reduce bias (Raghavan et al., 2020).
Recruitment systems that rely on language-based or generative AI models should be subject to additional scrutiny, given evidence that such models reproduce gender stereotypes and biased evaluative patterns (An et al., 2025; Sivakaminathan and Vandenberghe, 2025; Wei et al., 2025). Gender impact assessments should therefore form a routine component of AI procurement and deployment decisions.
Organisations should also consider the candidate experience as an ethical and strategic priority. Research demonstrates that transparent, ethical AI recruitment practices enhance organisational attractiveness and applicant trust, particularly among women (Tursunbayeva et al., 2025; Parveen et al., 2025; Van Esch et al., 2019). Clear communication and accessible feedback mechanisms can reduce perceptions of unfairness and improve engagement.
[bookmark: _Toc218639385]5.3.4 Recommendations for Disability Inclusion and Accessible Design
Disability inclusion requires explicit and targeted intervention, as general fairness measures are insufficient to address disability-related exclusion. AI recruitment systems should be designed in accordance with universal design principles, offering alternative assessment formats and avoiding reliance on behavioural or biometric proxies that disadvantage disabled candidates (Fisher et al., 2024; Zhuang et al., 2024).
Organisations should avoid the uncritical adoption of automated video interviewing and behavioural analytics, which have been widely criticised for misinterpreting disability-related traits (Ajunwa, 2021). Where such tools are used, candidates must be provided with meaningful opportunities to request accommodations or opt for alternative assessment methods (Nacheva, 2024).
At a broader level, the inclusion of disabled individuals in the co-design and evaluation of AI recruitment systems should be prioritised. Participatory design approaches not only reduce exclusion risks but also align AI development with social justice principles (Williams and Gilbert, 2023; Hatzakis, 2025). Policymakers and regulators should support this approach by promoting disability-specific auditing standards and reporting requirements.
In summary, the recommendations emphasise that fair and inclusive AI recruitment requires coordinated action across organisational practice, governance frameworks, and system design. AI should be used to augment human judgement rather than replace it, supported by transparency, continuous auditing, and strong regulatory oversight. Particular attention must be paid to disability inclusion, which remains the most under-addressed dimension of AI recruitment. Implementing these recommendations can help organisations harness the benefits of AI while safeguarding fairness, equality, and human rights.
[bookmark: _Toc214908400][bookmark: _Toc218639386]5.4. Limitation of Research
Despite its contributions, this study is subject to several limitations that should be acknowledged when interpreting the findings.
First, the research adopted a qualitative secondary methodology, relying on existing academic literature rather than primary empirical data. While this approach enabled a broad and in-depth synthesis of contemporary debates on AI recruitment, it limits the ability to draw causal conclusions about real-world organisational outcomes (Creswell and Poth, 2018). The findings therefore reflect patterns, interpretations, and trends identified across the literature, rather than direct measurement of hiring decisions or applicant experiences.
Second, the study is constrained by the availability and scope of existing research, particularly in relation to disability inclusion. Although gender bias in AI recruitment is increasingly examined, disability-related impacts remain under-represented in empirical studies, with much of the available work being conceptual or exploratory (Fisher et al., 2024; Hatzakis, 2025). This imbalance limits the depth of comparative analysis between gender and disability, despite clear evidence that disabled candidates may face disproportionate risks of exclusion.
Third, much of the reviewed literature is situated within Western and Global North contexts, particularly Europe and North America. Regulatory discussions, including those relating to the European Union’s Artificial Intelligence Act, may therefore not fully reflect recruitment practices or legal frameworks in other regions (European Union, 2024; Mori et al., 2025). As a result, the generalisability of the findings across different cultural and institutional contexts is limited.
Finally, the rapid pace of technological development in AI and generative models presents a temporal limitation. Emerging tools, particularly large language models, are evolving faster than regulatory and organisational responses, meaning that some findings may require reassessment as technologies and governance frameworks mature (Bender et al., 2021; Wei et al., 2025).
[bookmark: _Toc214908401][bookmark: _Toc218639387]5.5. Recommendation for Future Work
Building on the limitations identified, several directions for future research are recommended. First, there is a clear need for empirical, longitudinal studies examining the real-world impacts of AI recruitment systems on hiring outcomes, workforce diversity, and career progression. Future research should move beyond perceptions and simulations to assess how AI affects gender equality, disability inclusion, and organisational performance over time (Dadaboyev et al., 2025; Cowgill, 2019).
Second, future studies should prioritise disability-focused empirical research, particularly involving the lived experiences of disabled job applicants. There is a need for participatory and co-designed research approaches that involve disabled individuals in evaluating AI recruitment tools, rather than treating disability as an abstract fairness category (Williams and Gilbert, 2023; Zhuang et al., 2024). This would help address the current gap between ethical principles and practical implementation.
Third, further research is required on generative AI and large language models in recruitment contexts. Recent evidence suggests that such models introduce new forms of bias through language, prompt design, and training data, yet their use in recruitment is expanding rapidly (An et al., 2025; Sivakaminathan and Vandenberghe, 2025; Wei et al., 2025). Future work should examine how governance, auditing, and explainability mechanisms can be adapted to these technologies.
Finally, comparative and cross-jurisdictional research would enhance understanding of how different regulatory regimes shape AI recruitment practices. Evaluating the effectiveness of emerging frameworks, such as the European Union’s AI Act, across organisational and national contexts would provide valuable insights for policymakers and practitioners (Rigotti, 2024; Mori et al., 2025).
[bookmark: _Toc218639388]5.6 Final Conclusion
In closing, this dissertation has demonstrated that AI-driven recruitment systems are neither inherently fair nor inherently discriminatory. Their impact on gender bias and disability inclusion depends on how they are designed, governed, and embedded within organisational and regulatory contexts. While AI offers significant efficiency and strategic benefits, without deliberate ethical oversight it risks reinforcing existing inequalities. Addressing these challenges requires a shift towards inclusive design, hybrid human–AI decision-making, and robust governance frameworks, ensuring that technological innovation aligns with principles of fairness, equality, and social justice.
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[bookmark: _Toc218639389]Appendix 1.
	S/N
	Author(s)
	Topic / Title
	Themes
	Journal ranking
	Research objective addressed

	1
	Ajunwa (2021)
	Automated video interviewing as the new phrenology
	Algorithmic bias; video interviews; ethics
	High (Law Journal)
	Ethical risks of AI recruitment

	2
	Albaroudi et al. (2024)
	AI techniques for addressing algorithmic bias in job hiring
	Bias mitigation; algorithms
	Q1
	Fairness mechanisms in AI

	3
	An et al. (2025)
	Large language model bias in hiring-related tasks
	LLMs; gender bias
	Q1
	Gender bias in AI hiring

	4
	Applied AI Letters (2025)
	Intelligent résumé screening: Design and fairness considerations
	Resume screening; fairness
	Q1
	Design fairness in AI

	5
	Arduini & Beck (2025)
	AI in recruitment and hiring processes
	Bias reduction; HR tech
	Q1
	Bias reduction potential

	6
	Barocas & Selbst (2016)
	Big data’s disparate impact
	Discrimination law; data bias
	Top-tier
	Legal implications of algorithmic bias

	7
	Bastida et al. (2025)
	From automation to augmentation in HR
	Human-AI collaboration
	Q1
	Responsible AI adoption

	8
	Bender et al. (2021)
	Dangers of stochastic parrots
	Language models; ethics
	Top-tier
	Risks of large AI models

	9
	Bogen & Rieke (2023)
	Help wanted: hiring algorithms & bias
	Accountability; opacity
	Policy report
	Governance gaps

	10
	Bolukbasi et al. (2016)
	Debiasing word embeddings
	Gender bias; NLP
	Top-tier
	Technical bias mitigation

	11
	Buolamwini & Gebru (2018)
	Gender shades
	Intersectional bias; facial analysis
	Top-tier
	Bias detection

	12
	Cappelli (2019)
	Your approach to hiring is all wrong
	Hiring strategy
	Practitioner book
	HR strategy context

	13
	Chen et al. (2023)
	Ethics and discrimination in AI recruitment
	Ethics; discrimination
	Q1
	Ethical evaluation

	14
	Creswell & Poth (2018)
	Qualitative inquiry and research design
	Methodology
	Academic book
	Research design justification

	15
	Cowgill (2019)
	Bias and productivity in humans and machines
	Bias vs efficiency
	Working paper
	Trade-offs in AI hiring

	16
	Dadaboyev et al. (2025)
	AI in employee recruitment: SLR
	Systematic review; ethics
	Q1
	Literature synthesis

	17
	Dwork et al. (2012)
	Fairness through awareness
	Fairness theory
	Top-tier
	Fairness framework

	18
	Ebrahim & Rajab (2025)
	AI-powered recruitment in HR
	HR performance; AI
	Q2
	AI impact on HR

	19
	European Union (2024)
	Artificial Intelligence Act
	Regulation; governance
	Policy
	Regulatory framework

	20
	Fabris et al. (2025)
	Fairness and bias in algorithmic hiring
	Multidisciplinary fairness
	Q1
	Comprehensive fairness review

	21
	Fisher et al. (2024)
	AI tools & disability inclusion
	Disability inclusion
	Q1
	Disability risks

	22
	Hardt et al. (2016)
	Equality of opportunity in ML
	Fairness metrics
	Top-tier
	Fairness evaluation

	23
	Hatzakis (2025)
	AI, disability and human rights
	Human rights; disability
	Book chapter
	Rights-based analysis

	24
	Hewage (2023)
	AI applicability in recruitment
	Recruitment automation
	Q2
	AI use in recruitment

	25
	Hosain (2025)
	Applicants’ perceptions of AI hiring
	Trust; perceptions
	Q1
	Applicant acceptance

	26
	Ilham (2025)
	Algorithmic hiring and perceived fairness
	Fairness perception
	Q2
	User acceptance

	27
	Lavanchy et al. (2023)
	Applicants’ fairness perceptions
	Procedural justice
	Q1
	Fairness perception

	28
	Lambrecht & Tucker (2019)
	Algorithmic gender bias
	Gender discrimination
	Q1
	Gender bias evidence

	29
	Mehrabi et al. (2021)
	Survey on bias and fairness in ML
	Bias taxonomy
	Q1
	Bias concepts

	30
	Mitchell et al. (2019)
	Model cards
	Transparency; accountability
	Top-tier
	AI documentation

	31
	Mori et al. (2025)
	AI in recruiting & ethics
	Ethics review
	Q1
	Ethical implications

	32
	Nacheva (2024)
	Digital inclusion practices
	Accessibility; disability
	Q2
	Inclusive design
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Dominant Focus of AI Recruitment Literature

Percentage	
Efficiency-focused	Fairness-focused	Inclusion-focused	50	30	20	

Reported Impact of AI on Recruitment Fairness

Percentage	
Potentially reduces bias	Reproduces existing bias	Mixed / context-dependent	25	45	30	

Protected Group Focus in AI Recruitment Studies

Percentage	
Gender	Disability	Other / General	55	15	30	

Sources of Bias in AI Recruitment Systems

Frequency	Training data bias	Model design bias	Interface / UX bias	Governance failure	40	30	20	10	Bias Source


Relative Frequency




Emphasis on Governance Measures in Literature

Emphasis Level	Human oversight	Transparency / explainability	Bias audits	Regulatory compliance	35	30	25	10	Governance Measure


Relative Emphasis
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