Summary of Qualitative Analysis	Comment by Dean, Aftab: Always offer a Table of contents before the start of the chapter

What is qualitative data?
Qualitative data utilizes meanings which are reflected through language and behavior (Dey, 1993, Namey et. al, 2013).  A researcher’s use of qualitative techniques depends on the objectives of the research as well as the type of data needed to achieve the objectives Akinyode, 2018).  The role of the qualitative researcher is to gain a deep, intense and holistic overview of what is being studied, often accomplished by interacting within the everyday lives of the individual or community (Gray, 2014).  It is a naturalistic approach that seeks to understand the phenomena within their own setting rather than having subjects studied in a laboratory (Gray, 2014; Akinyode, 2018).  The trustworthiness of qualitative research is often questioned by positivists, perhaps because their convictions on validity and reliability cannot be addressed in a similar fashion in naturalistic work (Dey, 1993: Shenton, 2004; Gray, 2014).  As such, naturalistic investigators may distance themselves from the positivist paradigm.  Lincoln and Guba, (1994) propose four criteria that should be considered by qualitative researchers in pursuit of a trustworthy study.  Therefore, by addressing similar issues, Lincoln and Guba’s constructs are consistent with the criteria utilized by the positivist investigator (Lincoln and Guba, 1994; Shenton, 2004):
a)  credibility (in preference to internal validity),
b)  transferability (in preference to external validity/generalizability),
c)  dependability (in preference to reliability),
d)  confirmability (in preference to objectivity). 
Today, the use of qualitative research is becoming more popular and acceptable, as it can enhance a robust, rich methodology (Gray, 2014).  The types of data gathering tools used by qualitative researcher’s differs from quantitative research as it uses the lens of a subjective view of the respondents to include the use of observations, focus groups, interviews, or the analysis of photographs and video recordings, (Dey, 1993; Saldana, 2013; Gray, 2014; Akinyode, 2018).  The famous 18th century German philosopher, Fredrich Nietzsche’s quote: You have your way. I have my way. As for the right way, the correct way, and the only way, it does not exist (Medrut, 2018) speaks to the very heart of qualitative analysis as there continues to be a relatively limited guide on how to apply the qualitative method (Gray; 2014; Akinyode, 2018), as it can be dismissed as “too subjective” with judgements that may not be made according to established standards (Dey, 1993; Gray, 2014).  Therefore, if one seeks to have a better interpretation of the qualitative research, with the goal of beneficial implementation based on those recommendations, the importance of properly understanding the actual steps and classifications taken in qualitative data analysis cannot be over-emphasized (Akinyode, 2018). 	Comment by Dean, Aftab: Highly apt quote

Qualitative data analysis requires a 5-step process (Akinyode, 2018; Connors, 2018; O’Leary, 2020; Bhattacherjee, 2021) which include: 	Comment by Dean, Aftab: It is commonly agreed (refs) that qualitative analysis requires a 5 step process, namely:
· 1. Prepare and organize the data (data logging) by gathering notes and documents,	Comment by Dean, Aftab: Don’t use bullet points when using numbers
· 2. Review and explore the data by searching for patterns, themes and interconnections as the researcher may have overlapping themes across the data sources,
· 3. Create data classifications or codes by building both categories and subcategories that are likely to expand as the process progresses,
· 4. Build and verify those codes and revise or combine into a thematic network,
· 5. Draw conclusions on what is most significant/ important linking this back to the project’s main questions and objectives in the most credible and cohesive manner.  This final step is critical; be transparent and timely (Bengtsson, 2016; Connors, 2018).

O’Leary, (2020) identifies that, prior to the start of this process, seeking to identify one’s biases while noting overall impressions, allows for acknowledgement of preconceived notions and actively works to neutralize them, if not, one may find exactly what one expected to find.  	Comment by Dean, Aftab: Need to end with an additional sentence which links to the work in the next subheading.

e.g. Once biases have been considered the researcher can commence the work of coding their data.

Classifications/Codes of Qualitative Data
To start, a conceptual framework, or the matrix of interlinked concepts that provides a comprehensive understanding of the occurrence, is needed for both the interpretation and explanation of data (Dey, 1993; Gray, 2014).  This will help explore the relationships between the data, while informing on one’s blueprint (Maxwell, 2005), and providing an interpretation of intentions with the possible relationships that exist (Jabareen, 2009; Gray, 2014).  
Coding in qualitative research assigns labels or codes to different sections of the data that relates to different problems (Akinyode, 2018). The data begins as a sequence which prompts the researcher to analyze the many facets of the data (Dey, 1993).  The researcher then fragments the data into ways that correspond to the separate facets or themes that are being researched, while also allowing for these fragments to be assembled back together at a later point to produce a holistic portrayal of the data (Dey, 1993).  Prior to these fragments being fitted into the research, the researcher must identify it’s characteristics and assign a code or category to it (Dey, 1993).  This classification or code (these terms will be interchanged throughout this research) is most often a word or short phrase that symbolically assigns a summative attribute for a portion of the interpretive data (Saldana, 2013).  Gradually, the fragments of data form explanations and comprehensive themes in the data (Akinyode, 2018).  	Comment by Dean, Aftab: Try to include more contemporary references. I used Dey when I did my PhD!

Of note, without this classification of data, the researcher would have no way of knowing what it is they are researching (Dey, 1993).   The researcher who strives to become proficient at doing qualitative analysis must learn to classify easily and well, as the caliber of the research rests in large part on the caliber of the coding (Saldana, 2013).  Additionally, Lincoln and Guba (1994) argue that the credibility of qualitative analysis can be strengthened through the researcher’s conscious effort to establish confidence in the accuracy of the interpretation and the fit between description and explanation.  Akinyode (2018) agrees, and stresses that the interpretation of circumstances that the researcher describes, the in-depth description of the setting, and the themes establishes the study’s credibility. 	Comment by Dean, Aftab: Use more contemporary references. I actually remember reading the Lincoln and Guba book in the 90s!

An effective method for coding large data sets is to funnel the data into relevant categories for thematic analysis (Dey, 1993; Namey et al. 2008).  The researcher may review the data multiple times seeking the relevant categories (Turner, 2106), which may reveal the code structure in a different way potentially creating a more higher-level, theory driven coding framework on each pass.  Therefore categories may have to be more sensitive to capture all the data (Dey, 1993).  Important to note, the coding is the most time-consuming part of the analysis (Turner, 2016).  If the researcher sees an emerging theme half way through the data analysis becoming more important, this additional data may cause the researcher to go back to the beginning and make further refinements to make sure there is complete coverage, making it easier to think through the codes before reading through the data (Dey, 1993; Saldana, 2013; Turner, 2016).  Coding, thus, is a method that enables you to organize and group similarly coded data into categories or “families” because they share characteristics; it’s the beginning of a pattern (Saldana, 2013).  Of note, rarely will anyone get the coding right the first time Saldana, 2013).  	Comment by Dean, Aftab: This is a good example of complementing a fairly old reference with a more contemporary source

According to Saldana (2013), the primary function of classification allows the researcher to:
1. Briefly discuss the functions of classifications during the qualitative data collection and analytic processes, 
2. Profile a diverse grouping of classifications methods generally applied in qualitative data analysis, and
3. Provide readers sources, descriptions, examples, recommended applications, and exercises for classification to further analyzing qualitative data (Saldana, 2013). 
And through this iterative process, the researcher gathers related themes or ideas, which can only be achieved through analyzing the data, into new classifications which can describe the complete picture (Dey, 1993).  The research objectives are thus guided by a conceptual clarification achieved through the data classification process (Dey, 1993).  

Additionally, from the outset, a researcher must set the boundaries between categories, which determines the structure, by establishing the aim with a comprehensive analysis plan (Dey, 1993; Namey et al. 2008; Bregtsson, 2016).  When all fragments of the classification are brought together, the researcher can more easily discriminate between the criteria being allocated from one category to a more abstract category, with the boundaries defined more precisely (Dey, 1993; Namey et al. 2008).  

Classification and data reduction is a conceptual process and are not separate from analysis, it is a part of the analysis, with the researcher’s decisions on which data fragments to code, and which to pull out, analytic choices.  Therefore, data reduction is a form of analysis that sorts, sharpens, discards and organizes in such a way that final conclusions can be drawn, potentially in a novel way (Dey, 1993; Namey et al. 2008).  This analysis may lead to the logical addition of more themes not initially present in the data, which can produce a more comprehensive classification (Dey, 1993; Namey et al. 2008). 
Graphical representations can show relationships between concepts indicated by a connecting line linking two concepts, thus linking these concepts indicate the logical relationship of hierarchy and subordination between concepts (Dey, 1993; Conceição, 2017).	Comment by Dean, Aftab: Add a sentence at the end of the paragraph to connect the narrative to the next subheading.

Making Connections
Coding is a heuristic from the Greek, meaning “to discover” and is the foundational step toward identifying substantive connections (Dey, 1992; Saldana, 2013).  Coding is not simply labeling, but it links the data to the idea, and from the idea to all the data pertaining to that idea (Saldana, 2013; Gray, 2014).  Once data has been classified, the researcher looks to examine similarities, comparisons, variations and singularities within the data (Dey, 1993; Gray, 2014). 

To codify allows the researcher to arrange things in a systematic order to thus identify patterns, thereby allowing the researcher to find a correlation and a fresh perspective which builds up a clear picture of the data that is more robust and clearer that initially thought (Dey, 1993; Saldana, 2013).  Therefore, when the researcher searches for patterns in coded data to categorize it, it is understand that sometimes the researcher may group things together not just because they are exactly alike or very much alike, but because they might also have something in common, and by examining this association – even if, paradoxically, that commonality consists of differences, the researcher can begin to identify the connections between them (Dey, 1993; Saldana, 2013).
Counting Qualitative Accounts 
Qualitative inquiry demands meticulous attention to language and deep reflection on the emergent patterns and meanings of human experience (Saldana, 2013).  Once data has been categorized, it can then be counted; data that can be counted, can be analyzed statistically, (Dey, 1993; Gray, 2014).  However, qualitative researchers may find a dilemma when it comes to counting, as choices over counting may satisfy some while alienating others (Hannah, and Lautsch, 2011).  Ultimately, the goal of the counting process allows for a way of identifying and corroborating similarities and variations within the data allowing the researcher to explore the connections between categories (Dey, 1993; Saldana, 2013; Gray, 2014).   This search for similarities must be additive and not a substitution for the analysis of connections in the data (Dey, 1993). 

The use of graphs can be especially helpful for qualitative analysis as it provides a visual representation of complex connections highlighting the key themes and their inter-twining.  A picture says a thousand words and can be a powerful tool for capturing and conveying meaning (Dey, 1993). 

Steps involved in qualitative analysis
Analysis involves the process of breaking down data into smaller parts to reveal their characteristic elements and structure (Dey, 1993; Gray, 2014).  Descriptions lay the foundation for analysis, but research seeks integration, understanding and explanation.  It is through this analysis that we gain insight into the data whereby connections can be made between concepts providing the basis for new descriptions (Gray, 2014).  The figure below provides a visual representation of the various aspects of analyzing qualitative data.
Figure 1: Aspects of analyzing qualitative data
[image: ]
(Derived from Dey, 1993; Gray 2014)
From Codes to Creating Categories
This step allows the researcher to put the fragments of like data into piles, with an intention to compare the fragments of each pile.  This comparison observation allows the researcher to search for similar patterns within the data (Saldana, 2013).  The process of categorization, which builds on coding for patterns, can also be referred to as labelling data.  This is a process that permits data to be segregated, grouped, regrouped and relinked in order to consolidate meaning and explanation (Saldana, 2013).  
Categorizing data involves the transfer of the fragments of original data from the initial code to the category assigned (Dey, 1993).  A good practice would be to aim for some consistency in the size of the fragments categorized, especially if a weight is to be assigned at a later date.  Saldana (2013) expands on codes to categories to theory in the figure below:  Some categories may contain groupings of coded data that warrant further refinement into subcategories.  Additionally, one advantage of refining categories at a later date, is that it can be brought back together and examined as a whole before deciding upon further refinements.  All of this progresses the researcher towards the theoretical.  
Figure 2: Streamlined Codes to Categories to Theory model (Source: Saldana, 2013)[image: ]	Comment by Dean, Aftab: This is exactly what we are trying to achieve in qualitative research
Ultimately, this process is the search for patterns in data and for ideas that help explain why those patterns are there in the first place (Saldana, 2013; Gray, 2014).  
The initial category length list is dependent on the topic the researcher is analyzing, with more refined categories being added at a later date based on the breadth of data collected, and the weight assigned to that data.  The data collection in qualitative procedures is not restricted by categories but allows for in-depth and detail information (Akinyode, 2018) asking questions such as “what”, “how” “to what extent”, and “in what way” (Onwuegbuzie and Leech, 2006).  This then allows multiple resources for generating these categories (Dey, 1993; Saldana, 2013; Akinyode, 2018):
1. The initial research queries
2. Substantive and theoretical issues 
3. What can be inferred from the collected data
4. Pre-existing theories
5. Imagination and intuition
Assigning categories involves a rigorous, logical, systematic review of the fragments of data by which these fragments are given meaning (Dey, 1993; Gray, 2014).  This considerable concentration ensures that appropriate categories have been considered, with the best place to categorize each fragment; computer programs can help with this process (Turner, 2016).  One last point on categorization, if the data has been too refined, the contextual importance of the data may be undermined, although computer software can lessen that severity (Dey, 1993; Turner, 2016).  Building on that, once a researcher choses a specific path, following it consistently through the data, is key.  A visual representation of the process of choosing themes is depicted below: 
Figure 3: Thematic network for a global theme (Source: Akinyode, 2018)
[image: ]	Comment by Dean, Aftab: Make text font bigger as it is illegible 
Splitting and Splicing
The next step in the process, after the assignment of categories, is to practice secondary data analysis and shift the attention to from the original data to the reorganized data (Dey, 1993; Gray, 2014).  The purpose is to perform additional, in-depth analysis of the categories of the original data to apply a new perspective or conceptual focus to the data (Gray, 2014) with this shift known as a recontextualization of the data (Dey, 1993). 

In order to keep the data from being misrepresented from its original context, researchers should carefully safeguard the original documentation on the project as it is vital to the interpretation of the data (Dey, 1993).  An additional concern centers around ethics; are safeguards in place to honor the commitments made by the original researchers to the research subject, with whatever commitments made about confidentiality strictly adhered to in the secondary data analysis (Gray, 2014). 

The abstraction of data from the fragments causes information loss, with an epistemological criticism, arguing that the data collected cannot be replicated (Gray, 2014).  Although, the new methodological exploration allows the researcher to opportunity to think about data in a new way (Dey, 1993, Gray, 2014).  The researcher can now compare the most common used data fragments assigned from one category to those assigned of another (Connors, 2018).  This then allows the researcher to further refine the categories leading to a more robust conceptual density to their theory and a basis for new descriptions (Dey, 1993; Gray, 2014).  There are several ways this can be accomplished with Dey (1993) referring to two main categories: 
· Splitting – refining categories through subcategories
· Splicing (Merging) – combining categories for further integration
Clearly, this is not an easy process with Turner (2016), asking “To merge or to split qualitative codes, that is the question”. 
Splitting Categories
[bookmark: _Hlk76205386]The Merriam Dictionary (2021) defines splitting as “to tear, divide or rend apart”, and the very act of categorization involves subdividing or splitting the data to assign a category (Dey, 1993).  As the researcher subcategorizes, there is no longer a need to subdivide the data as one had done in the past as the categories can now be split into a number of subcategories; these can then be assigned fragments which already belong to that category.  However, when designing a qualitative structure, one of the most asked questions is ‘How many categories should there be (Saldana, 2013; Turner, 2016)? It’s easy to start out a project thinking that just a few themes will cover the research questions, but qualitative analysis tends towards ballooning thematic structure, and can lead to dozens of categories.  Gray (2014) argues that too much splitting may fragment the data, losing the connection between the text and the context, while Saldana (2013) feels that only the most salient portions of the data merit examination.  Furthermore, there will be distinctions that are too marginal to justify subcategorization (Dey, 1993).  Of course there may be some methodological variance: if a researcher is doing certain types of grounded theory this may not apply, as you create themes spontaneously.  It’s also worth noting that good qualitative coding is an iterative process, and the researcher’s expectations should be to go through the data multipe times (Turner, 2016). 
Subcategorization requires that a researcher wear an analytic lens. But how the researcher perceives and interprets what is happening in the data depends on what type of filter covers that lens, and some central concerns which will arise from the analysis (Saldana, 2013).  Thus, subcategorization will center around the important emerging themes for analysis (Dey, 1993), while generating a more nuanced analysis from the start (Saldana, 2013). 

Splicing

The Merriam Dictionary (2021) defines splicing as “to unite, link, to merge”, and is the opposite of splitting (Saldana, 2013).  Splicing categories (also referred to as lumping (Saldana, 2013), seeks to link the categories for greater integration and scope (Dey, 1993).  And the fewer the categories, the more powerful those categories become, making the analysis more coherent and salient (Saldana, 2013).  Saldana (2013) does also go on to state that lumping is an expedient coding method allowing for future subcoding if needed.  
Lumping gets to the essence of categorizing a phenomena, therefore, a researcher should not want to include each minute detail in the analysis.  Instead, look for connections between the data that are emerging from the data (Gray, 2014).  Develop hypotheses about these connections and return to the literature review to see if they can be confirmed by evidence (Gray, 2014; Bengtsson 2016).  Researchers may experience a superficial analysis if the researcher does not use conceptual words and phrases (Gray, 2014), so careful attention needs to be paid to both the conceptual and empirical relevance of the categories used to date (Dey, 1993).  
When the researcher is at the data review stage, the researcher may see the path the analysis might take, through the ideas emerging.  According to Akinyode (2018) there may be themes in the data that a researcher might assume to find, however, there may also be unexpected, unanticipated surprise themes as well; while hard-to-classify themes are those that contain ideas that uneasy to fit into one theme or overlap with several themes.  This data is the very foundation on which to build and sharpen ideas, with some of the themes encompassing the majority of the data, while others represent more marginal themes. 

The next step is to intertwine and streamline the main strands of analysis to look for connections, comprehensive notions, and connections that are emerging from the data.  A fundamental change occurs as this step moves away from comparisons within the categories, to that of comparisons between them (Dey, 1993; Gray, 2014; Akinyode, 2018).  These differing comparisons start with the thought around whether a distinction between categories is actually worth making, with computer software now available to assist in this process (Turner, 2016).  The ultimate goal; to determine if the fragments within these categories contributes to the analysis both conceptually and empirically (Dey, 1993).  The researcher is now looking for direction in the scope of the work starting with the “why” should it go somewhere (why do things happen the same way) before the “where” should it go (where are they in relation to other activities or events) (Saldana, 2013).  Thus, the researcher must be familiar with the data to obtain a sense of the whole and to learn “what is going on”, before it can be broken down into smaller meaningful units (Bengtsson, 2016). 

Lumping or splicing categories allows the researcher to clarify the relationship between categories with more work to be done around reducing the overall number of strands in the analysis.  Each data fragment, the relationships between categories, and its relativity, must all be clearly identified, with the hope to intertwine them effectively together in the final reporting to the community (Dey, 1993; Connors, 2018). 

Linking data
The Merriam Dictionary (2021) defines the work “link” as a connection element, thus, linking or connecting data with other data becomes may make it more useful.  For qualitative research, linking data is similar to categorizing for clarity and consistency.  Important to note, the researcher creates the listing of data fragment links to assign to those data observed.  These links need to be conceptually and empirically grounded (Dey, 1993); conceptually, in the aim and purpose of the research, and empirically, in the observations of the correlation within the data.  The researcher must attempt to find the links from the essence of the studied phenomenon, a deep understanding of the initial descriptive questions, or by simple inference (Dey, 1993; Bregtsson, 2016).  The researcher, when linking a qualitative content, must consider the data collected from a neutral objective perspective as data may be connected through interaction and may not be similar in any other way (Dey, 1993; Bregtsson, 2016).  Links between fragment pieces establish connections between the categories that the researcher has assigned.  The figure below provides a visual representation of how links connect data.
Figure 4: Connecting categories via links (Derived from Dey, 1993)
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The researcher assigns numbers to the data fragments as a way to eliminate the detail and reducing the fragment data down to numbers.  This will allow for the emergence of a numerical representation of the key themes, without losing the content of the fragment data, and help the researcher more easily identify the patterns within the data (Dey, 1993; Bengtsson, 2016; Akinyode, 2018).  This process is necessary when data are based on interviews, observations and when latent content analysis is to be carried out (Bengtsson, 2016).  The figure below visually show how the patterns begin to form
Figure 5: Numerical emergence of Patterns (Derived from Dey, 1993). 
	Descriptor
	Category 1
	Category 2
	Category 3

	A
	7
	8
	6

	B
	3
	6
	4

	C
	0
	3
	1


This introduces the researcher to a matrix with data that has been reduced by category.  There is now a subjective interpretation or judgement call by the researcher as a researcher brings subjectivities, personalities, and predispositions to the process (Saldana, 2013).  Consequently, the researcher in order to use statistical analysis to give meaning to the data, needs to refer back to the original data as often as possible for confirmation of patterns, or to simply explore and update earlier judgements (Dey, 1993; Bengtsson, 2016).  This shows how the validity and reliability of the whole process can be increased by translating the numbers into meaningful values (Bengtsson, 2016).  Of note, it is important to identify an interesting dilemma, and then present it concisely. If the aim of the investigation is too broad, the risk of touching upon too many aspects may preclude the researcher from reaching the desired depth of the studied phenomenon (Bengtsson, 2016). 

Reducing variables in research gives detailed, coherent, transparent and consistent evidences about the subject matter allowing for increased focus (Akinyode, 2018).  Clarity of the data fragment relationship, through a logical and thoughtful presentation, will make the evidence more convincing and acceptable to other researchers and prospective users of the findings (Dey, 1993; Akinyode, 2018).
Saldana (2103) states that the matrix is a result of the complex process of coding for patterns and is the culmination of the theoretical framework, the themes of the study, the data fragments, their assignments of categories, splitting and splicing of categories along with any additional recoding or recategorization (Dey, 1993; Saldana, 2103). 


Mapping
A concept map, or mapping, is an example of a visual representation used in teaching and research that provides a tool for visualizing interconnectedness of the data, and viewing significant concepts in relation to the whole (Baugh et al. 2014; Conceição, 2017).  It is a useful way of making sense (Dey, 1993) while assisting researchers to agree on meaning as seen in interrelationships of the data (Baugh et al.  2014).
This visual map of the outcome of the research process requires two things (Dey, 1993):
1. There is a need to represent the “points” of the analysis
2. There is a need to represent the relationship between those points
By mapping, this ideal tool reduces and manages data into a few symbols that could more beneficial and less verbose (Dey, 1993; Baugh et al. 2014).  Concept maps are a type of diagram; however, concept maps are further delineated depending on the researcher’s theoretical and methodological orientations. Situated in a constructivist philosophical orientation, concept maps are designed by hand or through a computer program such the Institute for Human and Machine Cognition https://www.ihmc.us/cmaptools/ (Baugh et al. 2014).
Dey (1993) describes a way to mapping categories which includes: 
· Shapes and Patterns (squares vs. circles) can represent different types of categories
· Size can represent differences in empirical scope
· Alignment can be used to compare differences in empirical scope
· Differences in scope only need to represent the most refined categories

Graphical representations show the strength of the relationships linking concepts indicated by connecting lines or arrows of different widths and lengths (Dey, 1993; Conceição, 2017). 


Linking words can also indicate the relationship between the two concepts.  A relational approach can present findings, with the direction of the arrowhead indicating the direction of the relationship (Conceição, 2017).  Directional arrows imply a direct relationship whereas a straight line indicates a correlation or a suspected relationship (Baugh et al. 2014).  If the relationship goes in both directions, the concept map may be updated for the reciprocal relationship. 

 
Concepts that co-occur are placed near each other; with the distance between them indicating their frequency of use (Conceição, 2017).  For example:
Category A
Category C


Category B

This diagram shows a directional relationship between Category A and Category C, with Category A and Category B experiencing a causal relationship.  Note, this represents a positive relationship, if there were to exist a negative relationship, a minus sign could be placed above the arrow (Dey, 1993). 

Trustworthiness of the Qualitative Data
[bookmark: _Hlk76203298]As the qualitative approach in research may not necessarily follow any consistent systematic guideline, there is an emphasis by various qualitative researchers on trustworthiness to enhance the acceptability of collected data (Akinyode, 2018).  A discussion of trustworthiness of qualitative data must be open to criticism and evaluation allowing for alternative interpretations. There is no general consensus on which concepts should be used, nor on how to best judge the quality of research, but there are those who believe that a set of criteria is needed to include credibility (Lincoln and Guba, 1994; Akinyode, 2018).  Credibility refers to establishing how the data and analysis procedures are carried out and to ensure that no relevant data have been excluded (Bengtsson, 2016).  One of the key criteria addressed by positivist researchers is that of internal validity and credibility, in which they seek to ensure that the study measures or tests what is actually intended.   Bengtsson (2016) goes on to state that this can be accomplished through agreement from colleagues or an expert panel.  According to Merriam, credibility, deals with the question, of congruence on the findings with reality, analysis and interpretation, and how will it reflect the constructs, concepts, language, models, and theories that structured the study in the first place.  And finally, Lincoln and Guba (1994) argue that ensuring credibility is one of most important factors in establishing trustworthiness (Shenton, 2004; Saldana, 2013). 

Additionally, there remains skepticism too on counting qualitative responses as it is not an appropriate strategy for all forms of qualitative inquiry.  If counting is combined with an interpretivist approach, it may result in an inconsistency between the assumptions of that approach and the methods used to test its research question (Hannah, and Lautsch, 2011).

Jennifer Mason (https://uk.sagepub.com/en-gb/eur/qualitative-researching/book244365) talks about the growing importance of confidence in qualitative categories / themes when there is a high level of linking between the themes due to reoccurring categories. Especially, when those same categories are cited more than 3 or more times in each theme. 	Comment by Dean, Aftab: Another way of providing evidence of the reliability of the responses. 
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