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[bookmark: _Toc131975814]Executive Summary
Existing research on the impact of the use of social media on knowledge management has been explored more from a knowledge sharing perspective. To fill the gap of overlooking on the negative impacts of overuse of social media, this study adopts the Job Demands-Resources (JD-R) model as a theoretical framework to identify the relationship among ESMF (enterprise social media fatigue), SMFO (social media fatigue outcome), and KH (knowledge hiding). The quantitative research approach is adopted because it allows for the systematic investigation of relationships between variables and provides a rigorous and objective approach to data analysis. This study applies survey as the data collection method to measure attitudes, perceptions, and behaviors. The study conducts reliability analysis, validity analysis, descriptive analysis, and further correlation analysis.The findings show that social media fatigue can lead to negative outcomes in the workplace, including neglecting some messages, not involving in any discussion, or consciously ignoring or avoiding specific information and blocking individuals and groups not interested in. Additionally, individuals who experience social media fatigue may be more likely to engage in knowledge hiding behaviours, such as withholding information or avoiding collaboration with colleagues. The report ends with a reflection on the study of quantitative research methods. 




[bookmark: _Toc131975815]1 Introduction 
[bookmark: _Toc131975816]1.1 Background
In the era of the digital economy, knowledge has become a significant intangible asset and a competitive force. Therefore, the proper management of knowledge has become one of the most essential tools for businesses to increase their competitive advantage. (Di Vaio et al., 2021; He et al., 2021; Garg, K., Ganguly, 2022; Bernatović, 2022). As enterprise social media are widely utilised in the workplace, it is changing the business managerial environment including the knowledge management operations (Colbert, Yee and George, 2016). It is commonly accepted that social media have transformed and will continue to revolutionize communication, collaboration, and networking. Social media facilitates new methods of knowledge creation, search, sharing, and application (Faraj, S. et al., 2016; Ahmed, et al., 2019; Castaneda and Cuellar, 2020). 
Although social media offers businesses innovative opportunities, it also inevitably complicates knowledge process. From a corporate operations standpoint, enterprise social media has the potential to boost knowledge productivity, or conversely, it may decrease productivity if employees participate in counterproductive behaviour. Literature shows that improper use of enterprise social media (ESM hereafter) leads to a number of negative outcomes, including decreased productivity, increased stress and burnout, and decreased job satisfaction, and perceived enterprise social media fatigu
The concept of ESM fatigue (ESMF hereafter) has gained increasing attention in recent years due to its potential negative consequences on employee well-being and job performance (Benton and Dufrene, 2018:Kim and Lee, 2019; Lin, 2019). ESM fatigue has been defined as the state of exhaustion resulting from prolonged use of ESM platforms (Lin, 2019), and can lead to decreased productivity, increased stress and reduced job satisfaction (Benton and Dufrene, 2018). It is crucial to gain an understanding of how ESMF affects knowledge management, especially in knowledge hiding which has been diagnosed as a counterproductive behaviour (Ma, Zhang and Ding, 2020). 
Report shows that knowledge hiding may harm employee relationships, create a culture of mistrust, lower employee and organizational performance, and cost Fortune 500 companies an estimated $31.5 billion annually in lost revenue (Global Institute of McKinsey, 2012; Ma, Zhang and Ding, 2020). Knowledge hiding can have a significant impact on the effectiveness of knowledge management initiatives. Understanding the relationship between the usage of social media and knowledge hiding can help organizations to develop strategies for promoting knowledge sharing and collaboration, which can in turn improve the effectiveness of their knowledge management efforts.
However, existing studies have explored the possible reasons and result of Kh, limited research has been conducted on the relationship between the usage of enterprise social media and the knowledge hiding behaviour (Di Vaio et al., 2021; He et al., 2021; Garg, K., Ganguly, 2022; Bernatović, 2022). Furthermore, the role of enterprise social media in facilitating or inhibiting Kh behaviour remains unclear. Some studies suggest that social media can enhance knowledge sharing and collaboration, while others argue that it can also create new opportunities for Kh, such as selective sharing and information overload (Bernatović, 2022) Literature review suggested that further study should integrate multidiscipline theories, extend the focus from the antecedents of Kh to the generating mechanisms, across multilateral levels, and in more diverse sectors (He, et al., 2021).
[bookmark: _Toc131975817]1.2 Research gap
Existing research on the impact of the use of social media on employee performance has been explored more from a knowledge sharing perspective. This gap in research highlights the need for further investigation into the role of social media in hindering knowledge sharing within organizations. This research gap is particularly important given the increasing prevalence of remote work and the reliance on social media for communication and collaboration. By understanding the factors that influence knowledge hiding behavior in the context of social media use, organizations can develop targeted interventions to promote knowledge sharing and collaboration among employees. 
[bookmark: _Toc131975818]1.3 Research significance
Existing literatures have reported the use of ESM as both job-related stress and motivation (Di Vaio et al., 2021; He et al., 2021; Ma, Zhang and Ding, 2020). the intensive usage of online platform has been proved to become emotional demands in workplace, which deserves further study (Quinones and Griffiths, 2017). Therefore, the study on the relationship between social media usage and knowledge hiding will provide new theoretical insights into the effect mechanisms of ESM usage within the JD-R framework.. 
Practically, A comprehensive understanding of the double-side effect of ESM is vital for business to invest, design, operate and manage the ESM platform for both employee well-being and organizational performance. Moreover, the results may provide from both an organisational and an HR perspective to facilitate further practical applications to reduce workplace stress, increase motivation and engagement (Schaufeli and Taris, 2014).
[bookmark: _Toc131975819]1.4 Research questions
Through literature review, the research question is defined as: What is the relationship between enterprise social media fatigue (ESMF) and knowledge hiding (KH) behaviour? 
[bookmark: _Toc131975820]1.5 Research purposes and objectives
The purpose of the study is to find out whether the perceived enterprise social media fatigue influence knowledge hiding behaviour. The research objectives are identified as:
1. To test and identify the relationship between perceived enterprise social media fatigue and social media fatigue outcomes.
2. To test and identify the relationship between social media fatigue outcomes on knowledge hiding behaviour.
3. To suggest strategies for organizations to mitigate the negative effects of perceived enterprise social media fatigue on knowledge hiding behaviour.
[bookmark: _Toc131975821]2 Literature Review
Literature review is a process of critical analysis and synthesis of exsiting research that provides the key concepts, assumptions, beliefs, and theories that serve as the conceptual foundation of a research (Maxwell, 2005; Creswell, 2007, Efron and Ravid, 2018). A critical literature review serves multilevel of purposes which are classified into three major categories: to provide the research context, to inform the research design and methodology, and to highlight areas for improving scholarship in the discipline (Efron and Ravid, 2018). 
The literature review section covers a range of theoretical frameworks and concepts, including job demands-resources theory, the Stess-Strain-Outcome model, enterprise social media fatigue, and knowledge hiding behavior. By exploring these frameworks and concepts, this section aims to provide a conceptual framework as a solid foundation for the subsequent research hypothesis development. 
[bookmark: _Toc131975822]2.1 Theoretical background and key concepts
[bookmark: _Toc131975823]2.1.1 Enterprise social media
Enterprise social media (ESM)is defined as Web-based platforms that allow workers to (1) communicate messages with specific coworkers or broadcast messages to the entire organization; (2) explicitly indicate or implicitly reveal particular coworkers as communication partners; (3) post, edit, and sort text and files linked to themselves or others; and (4) view the messages, connections, text, and files communicated, posted, edited, and sorted by anyone else ( Leonardi, Huysman, and Steinfield, 2013). In practice, the popular platforms include Facebook, Twitter, Blogs, and in China’s context, Wechat, Dingtalk, and QQ (Zhang et al, 2020; Zhang, He and Peng, 2022). Unlike prior business communication tools that served as channels, enterprise social media permeate the organization's operations as a platform. A substantial amount of research has been conducted on the positive effect of ESM use on employee performance and knowledge management. It is generally acknowledged that social media transforms the communication, collaboration activities in the organizations, with providing novel approaches to the production, search, dissemination, and use of knowledge (Faraj, S. et al., 2016; Ahmed, et al., 2019; Castaneda and Cuellar, 2020).

[bookmark: _Hlk120978805]However, with the widespread use of social media platforms in the workplace, more and more practices and research indicate the negative effects exist when ESM is misused, such as employee performance decrease, privacy concerns increase, work-life boundary blurred (Sun et al., 2021; Zhang, He and Peng, 2022). Specifically, studies have found that excessive use of ESM can lead to distraction and interruptions, which can disrupt workflow and decrease productivity. Other negative outcomes associated with improper ESM usage include decreased face-to-face communication and social interaction, as well as increased feelings of isolation and loneliness. This is particularly true for individuals who rely heavily on ESM for social connection, as they may become overly dependent on these platforms and neglect other forms of social interaction. Among the negative behaviours resulted from improper use of ESM, ESM fatigue has recently been observed (Sun et al., 2021; Zhang, He and Peng, 2022).
[bookmark: _Toc131975824]2.1.2 Enterprise social media fatigue
Fatigue refers to the perceived status when the employees confront with a high level of demand yet lacks the requisite skills to achieve the desired outcomes (Quinones and Griffiths, 2017). Fatigue has been extensively studied in offline settings, and it has lately been detected in online environments, such as social networking platforms
[bookmark: _Hlk131426709](Dhir, Yossatorn, Kaur, & Chen, 2018). Recent studies identified the online fatigue emerged from the improper use of ESM (Zhang et al, 2020; Zhang, He and Peng, 2022). The antecedents that trigger the ESM fatigue (ESMF) intention have been identified: information overload, privacy concerns, time cost, and fear of missing out; these influential factors lead to a low sense of achievement, emotional anxiety, reduced interest, social concerns and emotional exhaustion. Consequently, employees experiencing ESMF cope with the stress with six types of strategy: neglect behavior, diving behavior, avoidance behavior, tolerance behavior, withdrawal behavior and substitution behavior. (Zhang et al, 2020; Zhang, He and Peng, 2022). 
[bookmark: _Toc131975825]2.1.3 Knowledge hiding in the context of knowledge management
Knowledge management traditionally is defined as a process which consists of several activities, such as knowledge creation/construction, knowledge storage/embodiment, knowledge transfer/dissemination and knowledge exploitation/use (Ma, Zhang and Ding, 2020). Knowledge management research has been developed in dual paradigms which are information technology centered and human centered (Gloet and Berrell, 2003). Consistent with this epistemological perspective, later scholars distinguish knowledge management theory into four categories: the positivistic stream, the interpretive with a resource-based focus, the interpretive with a knowledge-based focus, and the organic/dynamic stream (Tzortzaki and Mihiotis 2014). 
[bookmark: _Hlk131443243]The knowledge hiding (Kh) behaviour is defined as “an intentional attempt by an individual to withhold or conceal knowledge that has been requested by another person” (Connelly et al., 2012, p. 65), and is categorized into three types: evasive hiding, rationalized hiding, and playing dumb  Evasive hiding refers to the act of withholding information by using tactics such as changing the subject diverting attention or avoiding the question altogether. This type of knowledge hiding is commonly observed in work environments where individuals may feel threatened by their colleagues or fear that sharing their knowledge may put them at a disadvantage (Connelly et al., 2012). Rationalized hiding, on the other hand, is when an individual justifies their decision to withhold information by convincing themselves that it is for the greater good. This type of knowledge hiding is common in situations where individuals believe that sharing their knowledge may lead to negative consequences for themselves or the organization as a whole (Connelly et al., 2012). Playing dumb is the third type of knowledge hiding and it refers to the act of pretending to not have the knowledge that has been requested. This behaviour is often observed when individuals feel that sharing their knowledge may result in a loss of power or status within the organization. Overall, the concept of knowledge hiding is a complex area of research that requires further exploration to better understand the reasons behind this behaviour and how to mitigate its negative consequences in the workplace (Connelly et al., 2012).
[bookmark: _Hlk120990108]Researchers have studied Kh through multiple theoretical perspectives, including ownership theory, social exchange theory, territorial behaviors theory, and motivation theory. Kh has been identified it as a challenging counterproductive behaviour that hinders the knowledge transfer and flow, consequently, affect the organizational performance (Connelly et al., 2012; Colbert, Yee and George, 2016; Garg, K., Ganguly, 2022). Prior research investigated the influential factor for Kh behaviour from dimensions including knowledge characteristics, organizational level, team/interpersonal level, individual level, contextual factors. (Ma, Zhang, and Ding, 2020; Di Vaio et al., 2021; He et al., 2021; Bernatović, 2022.). 
Overall, the concept of knowledge hiding is a complex area of research that requires further exploration to better understand the reasons behind this behaviour related to the usage of enterprise social media and the impact from ESMF (Ma, Zhang and Ding, 2020).
[bookmark: _Toc131975826]2.1.4 The Job Demands-Resources theory and ESM usage
The Job Demands–Resources (JD–R) model is a theoretical framework that attempts to incorporate two rather distinct research traditions: a negative stress research, and a positive motivation research (Demerouti, Bakker, 2011). Job demands are the physical, psychological, social, or organizational components of a position that require persistent physical and/or psychological effort or skills. Job demand, such as irregular working hours, high work pressure, may turn into job stressors when satisfying those obligations requires substantial effort from which the employee fails to meet (Van den Broeck et al., 2013). 
Furthermore, the JD-R model can also help identify the specific job demands and resources that contribute to ESM usage as either stress or motivation. For example, job demands such as high workload and time pressure may lead to ESM usage as a stressor, while job resources such as social support and autonomy may lead to ESM usage as a motivator (Bakker and Demerouti, 2017).In addition, the JD-R model can also provide insights into the potential consequences of ESM usage on employee well-being and performance. For instance, excessive ESM usage as a stressor may lead to burnout and decreased job satisfaction, while ESM usage as a motivator may enhance job satisfaction and performance (Kirschner and Karpinski, 2010).Overall, the JD-R model can be a useful framework for understanding the complex relationship between ESM usage, job demands and resources, and employee well-being and performance. By identifying the specific factors that contribute to ESM usage as either stress or motivation, organisations can develop targeted interventions to reduce workplace stress and enhance employee motivation and engagement.
[bookmark: _Toc131975827]2.2 A conceptual framework 
A conceptual framework illustrates “the concepts, assumptions, expectations, beliefs, and theories” that underpin and guides research in a visual graphical or written form (Maxwell, 2005, p39). The purpose of a conceptual framework is to demonstrate the rational and the theoretical approach of the proposed study with the existed concepts, findings, theories (Maxwell, 2005; Creswell, 2013; Efron and Ravid, 2018). A conceptual framework is developed from four primary sources, including personal experiential knowledge, existing theory and research, the pilot and exploratory research, and thought experiments (Maxwell, 2005). 
The following conceptual framework (Figure2.1) represents the synthesis of the theoretical, seminal, and empirical literature within the Stress-Strain-Outcome (SSO) theoretical framework for this study.
[image: ]
Figure 2.1 Conceptual Model
The SSO model was initially developed and utilized to explain the relationships between mental conditions and professional performances in organizations (Koeske, Kirk, & Koeske, 1993, cited from Dhir, A. et al. (2019). In the SSO frame, the stressor refers to those emotionally and behaviorally troublesome stimulators, such as technological overload or, in this study, perceived social media fatigue (Dhir et al., 2019; Zhang, He, and Peng, 2022). Stressors lead to strains that refer to the problematic behaviour that may negatively influence the productive functions of individuals. In this study, the strains consist of the neglect behaviour, diving behaviour, avoidance behaviour, tolerance behaviour, withdraw behaviour, and substitution behaviour (Zhang et al., 2020). The strain factors lead to specific outcomes, in most cases, a damage in performance. 
[bookmark: _Toc131975828]2.3 Hypothesis development
This study aims to find out whether the perceived enterprise social media fatigue influence knowledge hiding behaviour. The research questions are defined as:
1. What is the relationship between enterprise social media fatigue (ESMF) and knowledge hiding (KH) behaviour?
To answer this question, the study designs tests on the relationship between ESMF and KH. Therefore, statistically, the null hypothesis is: 
H0: There is no significant relationship between enterprise social media fatigue and knowledge hiding behaviour.
This study adopts SSO model to identify the relationship among ESMF (enterprise social media fatigue), SMFO (social media fatigue outcome), and KH (knowledge hiding). The study assumes ESMF as Stressor, SMFO as Strains, and KH as Outcome. The second research question is:
2. Whether SSO model fits to explain the relationships between ESMO, SMFO, and KH?
To answer this question, the study will test the relationship between ESMF, SMFO, and KH to determine if the relationship between Stressor, Strains, and Outcome could explain this case or not.
H1: ESMF is positively associated with SMFO.
H2: SMFO is positively associated with KH.
Since knowledge hiding behaviour has been identified and examined as three sub-categories, Evasive Hiding (EH), Playing Dumb (PD), and Rationalized Hiding (RH), this research will analysis the relationship respectively and accordingly. 
H2a: SMFO is positively associated with EH.
H2b: SMFO is positively associated with PD.
H2c: SMFO is positively associated with RH.

[bookmark: _Toc131975829]3 Methodology
[bookmark: _Toc131975830]3.1 Research paradigm and methodology
The concept of paradigm was described by Thomas Kuhn (1970) as “the entire constellation of beliefs, values, techniques, and so on shared by the members of a given community” (p.175). Research paradigm represents the underpinning beliefs that guides the research. Considered as a philosophical way of thinking (Kuhn, 1970), paradigm consists of four elements, namely ontology, epistemology, axiology, and methodology (Creswell, 2014; Denzin and Lincoln, 2005; Guba and Lincoln, 1994; Crotty,1998). All research is based on philosophical assumptions about ontology-what constitutes reality, epistemology-what the form of knowledge and how knowledge could be obtained, axiology-what the role of values is in research, and methodology-how the researcher discover knowledge (Denzin and Lincoln, 2011; Cohen et al., 2007; Guba and Lincoln, 2005). The four main research paradigms are positivism, realism, interpretivism (also referred to as constructivism), and pragmatism(Saunders et al., 2015). 
The choice of research methodology depends on the paradigm that which governs the study strategy. Methodology is concerned with articulating the approaches to various paradigms, and represents how the researcher discovers knowledge (Creswell, 2013; Denscombe, 2010). The three types of research methodology are quantitative, qualitative, and mixed methodologies accordingly. 
[bookmark: _Toc131975831]3.2 Research Design
This research adopts the quantitative research approach because it aligns with the research purpose to understand relationships between two or more variables. Quantitative research involves collecting numerical data through structured methods such as surveys, experiments, and statistical analysis. This approach allows for the use of statistical techniques to analyze data and draw conclusions about the relationships between variables. Additionally, quantitative research design allows for the replication of the study, which increases the reliability and validity of the findings (Creswell, 2014; Field, 2018).Quantitative research is strong at generalizing findings to larger groups, replicating results for a specific group, measuring frequency or quantity, establishing causality, profiling a sample, quantifying relationships between variables, conducting systematic scientific investigations, and using a deductive approach to test theories (Field, 2018).
This study applies survey as the data collection method. According to Creswell (2008), the key objective of survey research is to use targeted questions to measure attitudes, perceptions, and behaviors. To ensure the accuracy and reliability of the results, it is essential to follow a systematic approach when designing and administering the questionnaire-based survey. This includes taking steps to minimize sampling errors, increase the generalizability of the findings, and improve the response rate.
[bookmark: _Toc131975832]3.3 Research Method
[bookmark: _Toc131975833]3.3.1 Sample and data collection
Purposive sampling techniques are a commonly used method in qualitative studies, whereby units such as individuals, groups, or institutions are selected based on specific research questions. This approach allows for a targeted and intentional selection process that aligns with the overall purpose of the study. 
In this study, a group of pre-set dataset were applied. The dataset for this study consisted of 100 participants from “Service”, “Manufacturing”, and “Wholesale” industries. This study scales the age group from “Between 18 and 34”, “Between 35 and 44”, and “Between 45 and 60” as “1, 2, 3”, 35% of participants belongs to group1, 43% and 22% belongs to group 2 and group 3 respectively. Among the participants, 76% holds a Postgraduate degree, 20% First Degree, and 4% has High school certificate. Table 3. 1 shows the demographic information of the participants.


Table3.1 The Demographics of the participants (n=100)
	Variables
	Categories
	Frequency
	Percentage (%)

	Gender
	Male
	53
	53.0%

	
	Female
	47
	47.0%

	Age (Years)
	Between 18 and 34
	35
	35.0%

	
	Between 35 and 44
	43
	43.0%

	
	Between 45 and 60
	22
	22.0%

	Qualifications
	Postgraduate Degree
	76
	76.0%

	
	First Degree
	20
	20.0%

	
	High School Certificate
	4
	4.0%

	Type of Industry
	Service
	42
	42.0%

	
	Manufacturing
	29
	29.0%

	
	Wholesale
	29
	29.0%


[bookmark: _Toc131975834]3.3.2 Constructs and measurement items
This study adopts three mature scales and the relevant measurement items from prior literature sources, including Perceived Social Media Fatigue scale (Dhir et al., 2019; Zhang, He, and Peng, 2022), the Social Media Fatigue Outcome scale (Zhang et al., 2020), and the Knowledge Hiding Behaviour scale (Connelly et al., 2012). See Table3.2.
Table3.2 Constructs and Measurement items 
	Scale
	Construct

	Scale items
	Sources(Adapted/Adopted from)

	


Independent Variable
Perceived Social Media Fatigue (PSMF)

	

Perceived Social Media Fatigue (PSMF)
	PSMF1: I find it difficult to relax after continually using ESM
PSMF2: After a session of ESM use, I feel fatigued
PSMF3: Due to ESM use, I feel exhausted
PSMF4: After using ESM, it takes an effort to concentrate in my spare time
PSMF5: During ESM use, I often feel too fatigued to perform other tasks well

	

Dhir et al., 2019;
Zhang, He,  and Peng, 2022

	[bookmark: _Hlk131959383]






Mediator Variable
Social Media Fatigue Outcomes (SMFO)
	






Social Media Fatigue Outcomes (SMFO）
	SMFO1: Neglect behavior
- Neglecting some messages and notifications with lower clicking rate 
SMFO2: Diving behavior 
-Browsing content without creating content and not involving in any discussion 
SMFO3: Avoidance behavior -Consciously ignoring or avoiding specific information and blocking individuals and groups not interested in 
SMFO4: Tolerance behavior
-Having to frequently use ESM and creating a false image of active use under the pressure of social relationships 
SMFO5:Withdrawal behavior -Unfollowing, leaving groups and uninstalling ESM 
SMFO6:Substitution behavior
-Substituting ESM with other behaviors, such as reading, sports, etc
	Zhang et al., 2020

	












Dependent Variable
Knowledge Hiding (KH) 










	Evasive Hiding(EH)
	When communicating or cooperating with others via ESM,
EH1 I agreed to help them but never really intended to. 
EH2 I agreed to help but instead gave them information different from what they wanted. 
EH3 I told them that I would help them out later but stalled as much as possible. 
EH4 I offered them some other information instead of what he/she really wanted. 
	







Connelly et al. (2012)

	
	Playing Dumb(PD)

	Playing Dumb (PD) When communicating or cooperating with others via ESM,
PD1 I pretended that I did not know the information. 
PD2 I said that I did not know, even though I did. 
PD3 I pretended I did not know what they were talking about. 
PD4 I said that I was not very knowledgeable about the topic.
	

	
	Rationalized Hiding(RH) 
	When I did not want to give specific knowledge/information to others via ESM，
RH1 I explained that I would like to tell him/her, but was not supposed to. 
RH2 I explained that the information is confidential and only available to people on a particular project. 
RH3 I told them that my boss would not let anyone share this knowledge. 
RH4 I said that I would not answer their questions.
	


The perceived social media fatigue scale is applied to examine the employees’ perceived evaluation of their own social media usage and its impact on their well-being. The scale measures the level of exhaustion, disengagement, and cynicism towards social media platforms. The scale can be used to identify employees who may be at risk of burnout due to excessive social media use and to develop interventions to promote healthy social media habits (Dhir et al., 2019; Zhang, He, and Peng, 2022).
The Social Media Fatigue Outcome scale is a self-report questionnaire that assesses the negative outcomes of social media use, including behaviours of neglect, diving, avoidance, tolerance, withdrawal, and substitution ( Zhang et al., 2020). The scale is adopted in this research to identify the relationship between individuals perform SMFO related behaviours and the knowledge hiding behaviours.
The knowledge hiding behaviour scale is adopted in this study to measure the extent to which employees engage in knowledge hiding behaviours and the relationship with ESMF. The scale consists of threee dimensions: evasive hiding, playing dumb, and rationalized hiding (Connelly et al. 2012).
[bookmark: _Toc131975835]3.3.3 Questionnaire design
Questionnaire design requires to fulfill the research purpose with relevant, concise, and efficient questions (Burgess, 2001). A pilot study should be conducted to test the feasibility of the survey design. In the specific context of this research, a Likert five-point scale questionnaire was drafted by selecting appropriate measurement items from previous research. The questionnaire covers the use of Perceived Social Media Fatigue scale (Dhir et al., 2019; Zhang, He, and Peng, 2022), the Social Media Fatigue Outcome scale (Zhang et al., 2020), and the Knowledge Hiding Behaviour scale (Connelly et al., 2012). See Appendix.
[bookmark: _Toc131975836]3.4 Ethical considerations
In a quantitative study, the following ethical considerations should be considered. 
1. Informed Consent: The researcher should inform the participants about the study's purpose, procedures, risks, and benefits before agreeing to participate. Researcher must obtain written consent from participants or their legal guardians if they are minors.
2. Confidentiality and Anonymity: Researchers must ensure that participants' identities are kept confidential and that their data is anonymized to protect their privacy. 
3. Data Integrity: Researchers must ensure that their data is accurate, reliable, and valid. They must also ensure that their data collection and analysis methods are transparent and replicable.
4. Conflict of Interest: Researchers must disclose any potential conflicts of interest that may influence their study's results or interpretation.
[bookmark: _Toc131975837]4 Data Analysis
In order to answer the research question and to test the hypothesis, after data collection, this study conducts data analysis which consists of reliability analysis, validity analysis, descriptive analysis, and further correlation analysis. SPSS 22 is the main statistical tool. Statistic results shows the responses for each question under independent, dependent and mediating variables. Moreover, the research further conducts hypotheses testing to find the relationship between variables, where the correlation and other measures are used (Field, 2009).

[bookmark: _Toc131975838]4.1 Reliability analysis
Reliability is the ability of research data to reproduce a consistent result, or from different observers, presenting aspects on coherence, stability, equivalence and homogeneity (Creswell, 2014). It is one of the main quality criteria of a study. Cronbach’s alpha value, standard deviation and mean value are the core statistic indicators for reliabilty test (Field, 2009). Statistically, the Cronbach’s Alpha value demonstrates the internal consistency of he scale. 0.7 is the benchmark value of Cronbach’s Alpha which indicates that the estimated scale is satifactory in terms of reliability. The Cronbach’s Alpha value ranges within 0.7-0.9 means that the internal consistency of the scale is good, and greater than 0.9 means that the internal consistency of the scale is very high (Field, 2009).
[bookmark: _Toc131975839]4.1.1 Reliability Analysis of Perceived Social Media Fatigue (PSMF)
The Cronbach’s Alpha valuefor the PSMF scale is .994 (Figure4.1), greater than 0.9, suggesting that the scale has a high internal consistency. This statistic result means that the five questionnaire question design is reliable in measuring the participant’s perceived social media fatigue. Figure4.2 shows that each item’s contribution to the consistency of PSMF by measuring the Cronbach’s Alpha value if deleted each items. The result shows that only if item PSMF4 were deleted(After using ESM, it takes an effort to concentrate in my spare time) , the consistency would be higher (.996). However, considering the Cronbach’s Alpha value is very high, also the scale is adapted from prior study, this research will not delete this item. 
[image: 5de4bfb52f712cfe6c7c6a24c013ec9]
Figure 4.1: Reliability statistics for PSMF

[image: 1670463779836]
Figure 4.2: Cronbach’s Alpha if Item Deleted of PSMF
Figure 4.3 exhibit the mean and standard deviation values for PSMF, and the result show the high consistent level of the agreement, with the average agreement score stays around 4 out of 5, which means the high agreement on the negative perceived feelings after overuse of social media.
[image: 1670463873660][image: 1670555942974]
Figure 4.3 Mean and Std. Deviation statistics of PSMF
[bookmark: _Toc131975840]4.1.2 Reliability Analysis of Social Media Fatigue Outcomes (SMFO)
The alpha coefficient for the SMFO scale is .953 (Figure4.4), greater than 0.9, suggesting that the scale has a high internal consistency. This statistic result means that the six items are highly consistent in terms of measuring the SMFO scale. Figure4.5 shows that if SMFO5 or SMFO6 were deleted, the consistency would be higher than .953 (.954, .960 respectively). However, considering the Cronbach’s Alpha value is higher than .9, also the scale is adapted from prior study, this research will keep these two items. 
	Reliability Statistics

	Cronbach's Alpha
	Cronbach's Alpha Based on Standardized Items
	N of Items

	.953
	.954
	6


Figure 4.4: Reliability statistics for SMFO
	Item-Total Statistics

	
	Cronbach's Alpha if Item Deleted

	Social Media Fatigue Outcomes1
	.939

	Social Media Fatigue Outcomes2
	.937

	Social Media Fatigue Outcomes3
	.935

	Social Media Fatigue Outcomes4
	.940

	Social Media Fatigue Outcomes5
	.954

	Social Media Fatigue Outcomes6
	.960


Figure 4. 5: Cronbach’s Alpha if Item Deleted of SMFO

Figure 4.6 exhibit the mean (around 4) and standard deviation value(around 1) for PSMF, the result shows the high agreement on the negative behavioural consequences after overuse of social media.
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Figure 4.6 Mean and Std. Deviation statistics of SMFO
[bookmark: _Toc131975841]4.1.3 Reliability Analysis of Knowledge Hiding (KH)
The alpha coefficient for the KH scale is .999 (Figure4.7), greater than 0.9, suggesting that the scale has a high internal consistency. This high internal consistency indicates that the items within each construct are measuring the same underlying concept and are highly correlated with each other. The KH scale consists of three constructs/dimension, which are Evasive Hiding (EV), Playing Numb (PD), and Rationalized Hiding (RH). The Figure4.8 shows the Cronbach’s Value result for each constuct, which are all .996 meaning they are reliable. Figure 4.9 exhibits the mean (around 4) and standard deviation value (around 1) shows the high agreement on the knowledge hiding behaviours.
[image: ]
Figure 4.7: Reliability statistics for KH

	Constructs/Dimensions
	Cronbach’s Alpha Value
	Items

	Evasive Hiding (EH)
	.996
	4

	Playing Dumb (PD)
	.996
	4

	Rationalized Hiding (RH)
	.996
	4


Figure 4.8: Reliability statistics for EH,PD,RH
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Figure 4.9 Mean and Std. Deviation statistics of KH
[bookmark: _Toc131975842]4.2 Validity analysis
To ensure the validity of the data, a factor analysis was conducted with relevant statistical evidence such as factor loadings, inter-item correlation, explained variance, and Eigen-value. Additionally, KMO and Bartlet's statistics, as well as determinant values, were included in the report. Following that, validity for all factors were estimated by checking the extent to which the conceptualised constructs are uni-dimensional (load onto the factor). 
[bookmark: _Toc131975843]4.2.1 Validity analysis of PSMF 
The KMO measure of sampling adequacy is 0.875, which indicates that the data is suitable for factor analysis. Bartlett's test of sphericity is significant (p < 0.001), indicating that the correlation matrix is not an identity matrix and factor analysis is appropriate. The total variance explained by the principal components is 97.835%, with the first component explaining the majority of the variance (97.835%). 
	KMO and Bartlett's Test

	Kaiser-Meyer-Olkin Measure of Sampling Adequacy.
	.875

	Bartlett's Test of Sphericity
	Approx. Chi-Square
	1381.322

	
	df
	10

	
	Sig.
	<.001

	Total Variance Explained

	Component
	Initial Eigenvalues
	Extraction Sums of Squared Loadings

	
	Total
	% of Variance
	Cumulative %
	Total
	% of Variance
	Cumulative %

	1
	4.892
	97.835
	97.835
	4.892
	97.835
	97.835

	2
	.064
	1.289
	99.124
	
	
	

	3
	.023
	.456
	99.580
	
	
	

	4
	.016
	.311
	99.891
	
	
	

	5
	.005
	.109
	100.000
	
	
	

	Extraction Method: Principal Component Analysis.


 Figure4.10 KMO and Bartlett’s Test and Total Variance Explained Statistics of PSMF
[bookmark: _Toc131975844]4.2.1 Validity analysis of SMFO 
Figure 4.11 shows that for SMFO data, the KMO measure of sampling adequacy is 0.8, indicating that the data is suitable for factor analysis. The Bartlett's test of sphericity is significant (p<0.001), indicating that the correlation matrix is not an identity matrix and factor analysis is appropriate. The first component explains 81.685% of the total variance, Overall, The correlation matrix shows that there are strong positive correlations between most pairs of variables, with the exception of SMFO5 and the other variables, which have weaker correlations.
	KMO and Bartlett's Test

	Kaiser-Meyer-Olkin Measure of Sampling Adequacy.
	.800

	Bartlett's Test of Sphericity
	Approx. Chi-Square
	1228.501

	
	df
	15

	
	Sig.
	<.001



	Total Variance Explained

	Component
	Initial Eigenvalues
	Extraction Sums of Squared Loadings

	
	Total
	% of Variance
	Cumulative %
	Total
	% of Variance
	Cumulative %

	1
	4.901
	81.685
	81.685
	4.901
	81.685
	81.685

	2
	.947
	15.783
	97.468
	
	
	

	3
	.074
	1.227
	98.695
	
	
	

	4
	.041
	.676
	99.371
	
	
	

	5
	.031
	.519
	99.891
	
	
	

	6
	.007
	.109
	100.000
	
	
	

	Extraction Method: Principal Component Analysis.
	Correlation Matrix
	SMFO1
	SMFO2
	SMFO3
	SMFO4
	SMFO5
	SMFO6

	Correlation
	SMFO1
	1.000
	.946
	.946
	.992
	.617
	.570

	
	SMFO2
	.946
	1.000
	.966
	.955
	.647
	.606

	
	SMFO3
	.946
	.966
	1.000
	.948
	.687
	.640

	
	SMFO4
	.992
	.955
	.948
	1.000
	.595
	.544

	
	SMFO5
	.617
	.647
	.687
	.595
	1.000
	.959

	
	SMFO6
	.570
	.606
	.640
	.544
	.959
	1.000





 Figure4.11 KMO and Bartlett’s Test, Total Variance Explained, Inter-item Correlation Statistics of SMFO
[bookmark: _Toc131975845]4.2.3 Validity analysis of all factors
The table (Figure4.12) shows the communalities and initial extraction values for various variables related to PSMF, SMFO, EH, PD, and RH. The values suggest that the factors extracted explain a high proportion of the variance in each variable, indicating that they are good indicators of the underlying constructs being measured.
	Communalities

	
	Initial
	Extraction

	Social Media Fatigue Outcomes1
	1.000
	.975

	Social Media Fatigue Outcomes2
	1.000
	.964

	Social Media Fatigue Outcomes3
	1.000
	.964

	Social Media Fatigue Outcomes4
	1.000
	.983

	Social Media Fatigue Outcomes5
	1.000
	.989

	Social Media Fatigue Outcomes6
	1.000
	.934

	Perceived Social Media Fatigue1
	1.000
	.983

	Perceived Social Media Fatigue2
	1.000
	.988

	Perceived Social Media Fatigue3
	1.000
	.989

	Perceived Social Media Fatigue4
	1.000
	.934

	Perceived Social Media Fatigue5
	1.000
	.988

	Evasive HIding1
	1.000
	.988

	Evasive HIding2
	1.000
	.988

	Evasive HIding3
	1.000
	.962

	Evasive HIding4
	1.000
	.988

	Playing Dumb1
	1.000
	.988

	Playing Dumb2
	1.000
	.988

	Playing Dumb3
	1.000
	.989

	Playing Dumb4
	1.000
	.988

	Rationalized Hiding1
	1.000
	.988

	Rationalized Hiding2
	1.000
	.988

	Rationalized Hiding3
	1.000
	.989

	Rationalized Hiding4
	1.000
	.988

	Extraction Method: Principal Component Analysis.


 Figure4.12 PSMF, SMFO, EH, PD, and RH
[bookmark: _Toc131975846]4.3 Descriptive statistics
Descriptive analysis is carried out to understand how the respondents scored the measurement items on the 5-point Likert scale. Skewness and kurtosis are two statistical measures used to check for normal distribution of this dataset. If the value of skewness is close to zero, it means the dataset is normally distributed. The value of kurtosis between the range of -2 to 2 means the result are satisfactory. 
The statistics results of PSMF (Figure 4.13) show the mean scores for each item range from 3.92 to 4.07, indicating that the respondents, on average, perceive some level of social media fatigue. The median scores for all items are 4.00, which suggests that the majority of respondents rated their level of PSMF as moderate to high. Overall, these statistics suggest that the respondents in this sample perceive some level of social media fatigue, but the distribution of responses is skewed to the left and relatively flat.
	
	PSMF1
	PSMF 2
	PSMF 3
	PSMF 4
	PSMF 5

	N
	Valid
	100
	100
	100
	100
	100

	
	Missing
	0
	0
	0
	0
	0

	Mean
	3.97
	3.94
	3.95
	4.07
	3.92

	Median
	4.00
	4.00
	4.00
	4.00
	4.00

	Skewness
	-1.314
	-1.216
	-1.266
	-1.365
	-1.239

	Kurtosis
	1.251
	.972
	.950
	1.151
	.843


 Figure4.13 PSMF
The table (Figure4.11) shows statistically the mean scores for each SMFO behaviour range from 3.94 to 4.07, with a median score of 4.00 for each outcome. Overall, the statistics suggest that the negative outcome led by social media fatigue is a common experience among the sample population.
	Statistics

	
	SMFO1
	SMFO 2
	SMFO 3
	SMFO 4
	SMFO 5
	SMFO 6

	N
	Valid
	100
	100
	100
	100
	100
	100

	
	Missing
	0
	0
	0
	0
	0
	0

	Mean
	3.96
	4.02
	4.07
	3.94
	3.95
	4.07

	Median
	4.00
	4.00
	4.00
	4.00
	4.00
	4.00

	Skewness
	-1.189
	-1.356
	-1.365
	-1.216
	-1.266
	-1.365

	Kurtosis
	1.017
	1.101
	1.151
	.972
	.950
	1.151


Figure4.14 Social Media Fatigue Outcomes
The mean scores for each measure in Evasive Hiding, Playing Dumb, and Rationalized Hiding were very similar, ranging from 3.92 to 3.95. The median score for each measure was 4.00, indicating that the distribution of scores was fairly symmetrical. Overall, the statistics suggest that the measures were fairly consistent and had similar distributions.
	Statistics

	
	Evasive HIding1
	Evasive HIding2
	Evasive HIding3
	Evasive HIding4

	N
	Valid
	100
	100
	100
	100

	
	Missing
	0
	0
	0
	0

	Mean
	3.92
	3.94
	3.95
	3.94

	Median
	4.00
	4.00
	4.00
	4.00

	Skewness
	-1.239
	-1.216
	-1.266
	-1.216

	Kurtosis
	.843
	.972
	.950
	.972


Figure4.15Evasive Hiding 
	Statistics

	
	Playing Dumb1
	Playing Dumb2
	Playing Dumb3
	Playing Dumb4

	N
	Valid
	100
	100
	100
	100

	
	Missing
	0
	0
	0
	0

	Mean
	3.92
	3.94
	3.95
	3.94

	Median
	4.00
	4.00
	4.00
	4.00

	Skewness
	-1.239
	-1.216
	-1.266
	-1.216

	Kurtosis
	.843
	.972
	.950
	.972


Figure4.16Playing Dumb 

	Statistics

	
	Rationalized Hiding1
	Rationalized Hiding2
	Rationalized Hiding3
	Rationalized Hiding4

	N
	Valid
	100
	100
	100
	100

	
	Missing
	0
	0
	0
	0

	Mean
	3.92
	3.94
	3.95
	3.94

	Median
	4.00
	4.00
	4.00
	4.00

	Skewness
	-1.239
	-1.216
	-1.266
	-1.216

	Kurtosis
	.843
	.972
	.950
	.972


Figure4.17 Rationalized Hiding
In summary, the statistical results for each variable are satisfactory as shown in the figures, and a conclusion can be drawn the data collected are normally distributed. Statistics shows that the majority of respondents report higher level of perceived some level of social media fatigue, and the negative outcome led by social media fatigue is a common experience among the sample population. Moreover, knowledge hiding behaviours are reported on a higher level.
[bookmark: _Toc131975847]4.4 Correlation analysis
The purpose of correlation analysis is to evaluate the strength and direction of associations between variables.
These results (Figure4.19) show a strong positive correlation between all four variables, indicating that as perceived social media fatigue increases, individuals are more likely to engage in social media fatigue outcomes, evasive hiding, playing dumb, and rationalized hiding. The correlation coefficients are all very high, ranging from .839 to 1.000, indicating a very strong relationship between the variables. The p-values are all less than .001, indicating that the correlations are statistically significant. Overall, these results suggest that social media fatigue is strongly associated with various forms of outcomes and hiding behaviors.
	
	Social Media 
Fatigue
Outcome

	Perceived 
Social 
Media Fatigue
	Evasive Hiding


	Playing 
Dumb


	Rationalized
Hiding



	Social Media
Fatigue Outcome
	Pearson Correlation
	
	.840**
	.839**
	.840**
	.840**

	
	Sig. (2-tailed)
	
	<.001
	<.001
	<.001
	<.001

	Perceived
Social Media 
Fatigue
	Pearson Correlation
	.840**
	
	.995**
	.996**
	.996**

	
	Sig. (2-tailed)
	<.001
	
	<.001
	<.001
	<.001

	Evasive Hiding
	Pearson Correlation
	.839**
	.995**
	
	.999**
	.999**

	
	Sig. (2-tailed)
	<.001
	<.001
	
	<.001
	<.001

	Playing Dumb
	Pearson Correlation
	.840**
	.996**
	.999**
	
	1.000**

	
	Sig. (2-tailed)
	<.001
	<.001
	<.001
	
	.000

	Retionalized Hiding
	Pearson Correlation
	.840**
	.996**
	.999**
	1.000**
	

	
	Sig. (2-tailed)
	<.001
	<.001
	<.001
	.000
	


 Figure 4.19
[bookmark: _Toc131975848]4.5 Regression Analysis
A regression analysis with "Knowledge Hiding" as the dependent variable and "Social Media Fatigue Outcomes" and "Perceived Social Media Fatigue" as the independent variables shows the following results.
	Model Summary

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate
	Change Statistics

	
	
	
	
	
	R Square Change
	F Change
	df1
	df2
	Sig. F Change

	1
	.996a
	.993
	.993
	.08613499
	.993
	6623.346
	2
	97
	<.001

	a. Predictors: (Constant), Perceived Social Media Fatigue, Social Media Fatigue Outcomes


The model summary shows that the model has a high level of goodness of fit, with an R square value of .993 indicating that 99.3% of the variance in the dependent variable can be explained by the independent variables. The adjusted R square value is also .993, indicating that the model is not overfitting the data. The standard error of the estimate is .08613499, indicating that the model has a good level of accuracy in predicting the dependent variable. The change statistics show that the addition of the independent variables (Perceived Social Media Fatigue and Social Media Fatigue Outcomes) significantly improved the model, with an F value of 6623.346 and a p-value of <.001.
	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	98.280
	2
	49.140
	6623.346
	<.001b

	
	Residual
	.720
	97
	.007
	
	

	
	Total
	99.000
	99
	
	
	

	a. Dependent Variable: Knowledge Hiding

	b. Predictors: (Constant), Perceived Social Media Fatigue, Social Media Fatigue Outcomes


The ANOVA table explains a significant amount of variance in Knowledge Hiding, as indicated by the F-statistic (6623.346) and the p-value (<.001). The regression model accounts for 98.280 units of the total 99.000 units of variance in Knowledge Hiding, leaving only .720 units unexplained. The mean square for the regression model (49.140) is much larger than the mean square for the residual (0.007), indicating that the predictors are highly significant in explaining the variance in Knowledge Hiding.
[bookmark: _Toc131975849]5 Findings and Conclusions 
[bookmark: _Toc131975850]5.1 Findings
	Hypothesis
	Result

	H1: ESMF is positively associated with SMFO.
	Accepted

	H2: SMFO is positively associated with KH.
	Accepted

	H2a: SMFO is positively associated with EH.
	Accepted

	H2b: SMFO is positively associated with PD.
	Accepted

	H2c: SMFO is positively associated with RH.
	Accepted


The survey results show that the hypothesis of “ESMF is positively associated with SMFO”, and “SMFO is positively associated with KH” are accepted. The findings show that social media fatigue can lead to negative outcomes in the workplace, including neglecting some messages, not involving in any discussion, or consciously ignoring or avoiding specific information and blocking individuals and groups not interested in. Additionally, individuals who experience social media fatigue may be more likely to engage in knowledge hiding behaviours, such as withholding information or avoiding collaboration with colleagues. 
Furthermore, the majority of respondents perceive some level of social media fatigue after overuse of social media, and more respondents reported higher levels of social media fatigue. Percieved social media fatigue, as the predictors, are strongly associated with various forms of negative outcomes and knowledge hiding behaviors, and statiscally highly significant in explaining the variance in knowledge hiding behavious.
The above findings offer comprehensive coverage for the research by collecting sufficient information and data. It presents an opportunity to facilitate critical discussions by integrating academic theories with empirical findings, enabling the interpretation and fulfillment of the research aim and objectives (Denscombe, 2010).
[bookmark: _Toc131975851]5.2 Implications
ESMF can have a negative impact on knowledge management as it can lead to employees hiding knowledge instead of sharing it. When employees are fatigued from using ESM platforms, they may feel overwhelmed and less motivated to share their knowledge with others. This can result in a lack of collaboration and communication within the organization, which can hinder the overall knowledge management process. Furthermore, ESMF can also lead to a decrease in the quality of knowledge shared. When employees are fatigued, they may not put in the same level of effort and attention to detail when sharing knowledge, which can result in incomplete or inaccurate information being shared. This can have a negative impact on decision-making and problem-solving within the organization.
Job demands-resources theory suggests that employees need sufficient job resources to effectively manage job demands. Social media fatigue can be seen as a job demand that depletes employees' resources, leaving them with less energy and motivation to engage in knowledge management activities. This can lead to an increase in knowledge hiding, as employees may feel that they do not have the resources to engage in these activities. Therefore, social media fatigue can have a negative impact on knowledge management, as it can reduce the amount of knowledge that is shared within an organization.
Furthermore, this study proves that the Stress Strain Outcome model can help explain how social media fatigue can lead to negative outcomes such as employees hiding knowledge. The overuse of social media can be a source of stress for employees which can lead to feelings of exhaustion and burnout, commonly referred to as social media fatigue. Social media fatigue can result in strain which may lead the employees to hide knowledge. When employees feel overwhelmed and stressed, they may be less likely to share their knowledge with others. They may also be less likely to seek out new information and learning opportunities. This can have a negative impact on knowledge management, as it can limit the sharing and transfer of knowledge within an organization.
To prevent this, organizations should be aware of the potential stress and strain associated with social media use and take steps to mitigate them. This can include setting clear expectations around social media use, providing training and resources to help employees manage their digital workload, and promoting a culture of knowledge sharing and collaboration.
Overall, the research findings show that while ESM can be a valuable tool for communication and collaboration, it is important to use these platforms in a responsible and balanced way in order to avoid negative outcomes. This may involve setting boundaries around ESM usage, such as limiting the amount of time spent on these platforms or turning off notifications during certain times of the day. Additionally, organizations may need to provide training and support to employees to help them use ESM in a way that is productive and sustainable.By addressing ESMF, organizations can ensure that their knowledge management processes are effective and efficient, leading to better decision-making and overall organizational success.
[bookmark: _Toc131975852]5.3 Limitations
This study did not identify the extent of this relationship. While the study acknowledges the existence of a correlation between social media fatigue and knowledge hiding behavior, it does not provide the necessary details to understand the full scope of this relationship. Further research is needed to determine the strength of this correlation and the extent to which social media fatigue impacts knowledge hiding behavior in the workplace.
[bookmark: _Toc131975853]5.4 Recommendations for further study
Further study should identify the moderating effect of individual factors, such as personality traits, job characteristics, and organizational culture, on the relationship between perceived enterprise social media fatigue and knowledge hiding behaviour (Zhang, He, Peng, 2022; Zhang et. al, 2022). This can provide valuable insights for managers and practitioners to design effective strategies to promote knowledge sharing and prevent Kh in the workplace.
The JD-R model provides a useful framework for understanding the complex relationships between job demands, resources, and employee outcomes. Further research can help to refine and extend the model, and to identify practical interventions to improve employee well-being and performance (Van den Broeck, et al., 2013).
Overall, the relationship between social media use and knowledge hiding behavior is a complex and multifaceted issue that requires further investigation. By understanding the factors that influence knowledge hiding behavior in the context of social media use, organizations can develop targeted interventions to promote knowledge sharing and collaboration among employees, ultimately improving the effectiveness of their knowledge management efforts.
[bookmark: _Toc131975854]6 Reflections
Quantitative research is an essential aspect of any scientific inquiry, and this course has given me a deep understanding of research paradigm, quantitative research method, statistics analysis. I now understand how to design and conduct research using statistical methods to analyze and interpret data. I have learned about the different types of research designs, data collection methods, and statistical analyses.
One of the most rewarding aspects of this course is the experience of shifting from a qualitative perspective to a quantitative one for a same research topic. In this quantitative module, I was challenged to think how I should justify the alignment between the research question and the quantitative approach. At beginning, I held the opinion firmly that the quantitative approach did not align with the nature of the research question. However, when I revisit the literatures review records, surprisingly, I found the existed quantitative studies have identified various variables and measurements, also recommendations for further quantitative research. Based on the following synthesis table (Fig6.1), I located the relevant quantitative research and expand my understanding of the research topic with another round of iterative literature review with a focus on the testable and measurable relationships among variables.
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Figure 6.1 Literature review synthesis table
After this course, I change my initial research paradigm from an interpretative to a pragmatic one, because I think the research topic could be better investigated with both qualitative and quantitative approach. Exploratory sequential mixed method will be adopted. The mixed research approach involves both collection and analysis of qualitative and quantitative data in response to research questions or hypotheses (Creswell, 2014).  This research method begins by exploring with qualitative data and analysis and then use the findings/theories in the second quantitative phase. In my research, case study will be adopted in the first qualitative research phase, with a purpose to build a theory to explain and interpret the influential mechanism of ESM’s usage on KH behaviour. Then, the codes and themes generated from the first phase of study will be used as constructs to develop questionnaire to test the theory for the second phase quantitative analysis. Moreover, this course offers me the opportunity to apply my learning in real-world situations. I now understand how to collect and analyze data using statistical software and apply the results to real-world problems. This has given me a newfound appreciation for the power of quantitative research in solving complex problems. 
In summary, my research skills and competencies have been developed with my accumulated efforts, which makes me confident to initiate a research project on my own, from justifying the paradigm and methodology choice, to conceptualizing and implementing research design. 
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1. Sample Questionnaire       
Instructions: Please answer all the questions by writing in the column one number that best represents your view based on the following 5-point likert-scale as described below:
1 - Strongly Disagree
2 – Slightly Disagree
3 – Neutral
4 – Slightly Agree
5 – Strongly Agree
 
After continually using of enterprise social media, 
PSMF1: I find it difficult to relax after continually using SM * 
PSMF2: After a session of SM use, I feel fatigued 
PSMF3: Due to SM use, I feel exhausted 
PSMF4: After using SM, it takes an effort to concentrate in my spare time 
PSMF5: During SM use, I often feel too fatigued to perform other tasks well 
Note: SM = Social Media use, measured as Weixin and Dingding use in this study of China’s context
 
After continually using of enterprise social media, I am
SMFO1: Neglecting some messages and notifications with lower clicking rate 
SMFO2: Browsing content without creating content and not involving in any discussion 
SMFO3: Consciously ignoring or avoiding specific information and blocking individuals and groups not interested in 
SMFO4: Having to frequently use ESM and creating a false image of active use under the pressure of social relationships 
SMFO5: Unfollowing, leaving groups and uninstalling ESM 
SMFO6: Substituting ESM with other behaviors, such as reading, sports, etc
 
When communicating or cooperating with others via ESM,
EH1 I agreed to help them but never really intended to. 
EH2 I agreed to help but instead gave them information different from what they wanted. 
EH3 I told them that I would help them out later but stalled as much as possible. 
EH4 I offered them some other information instead of what he/she really wanted. 
 
When communicating or cooperating with others via ESM,
PD1 I pretended that I did not know the information. 
PD2 I said that I did not know, even though I did. 
PD3 I pretended I did not know what they were talking about. 
PD4 I said that I was not very knowledgeable about the topic.
 
When I did not want to give specific knowledge/information to others via ESM，
RH1 I explained that I would like to tell him/her, but was not supposed to. 
RH2 I explained that the information is confidential and only available to people on a particular project. 
RH3 I told them that my boss would not let anyone share this knowledge. 
RH4 I said that I would not answer their questions.
2. Sample Questionnaire Data    

	No.
	Statements
	Scale


	Construct    Perceived Social Media Fatigue (PSMF)

	No.
	Statements
	Scale

	
	1
	2
	3
	4
	5
	

	PSMF1
	I find it difficult to relax after continually using ESM
	6
	6
	8
	45
	35
	

	PSMF2
	After a session of ESM use, I feel fatigued
	5
	8
	8
	46
	33
	

	PSMF3
	Due to ESM use, I feel exhausted
	6
	8
	6
	45
	35
	

	PSMF4
	After using ESM, it takes an effort to concentrate in my spare time
	6
	6
	8
	35
	45
	

	PSMF5
	During ESM use, I often feel too fatigued to perform other tasks well
	6
	9
	5
	47
	33
	


 
	Construct  Social Media Fatigue Outcomes (SMFO)


	
	1
	2
	3
	4
	5

	SMFO1
	Neglect behavior- Neglecting some messages and notifications with lower clicking rate 
	4
	8
	9
	46
	33

	SMFO2
	 Diving behavior -Browsing content without creating content and not involving in any discussion 
	6
	8
	4
	42
	40

	SMFO3
	 Avoidance behavior -Consciously ignoring or avoiding specific information and blocking individuals and groups not interested in 
	6
	6
	8
	35
	45

	SMFO4
	Tolerance behavior- Having to frequently use ESM and creating a false image of active use under the pressure of social relationships 
	5
	8
	8
	46
	33

	SMFO5
	Withdrawal behavior -Unfollowing, leaving groups and uninstalling ESM 
	6
	8
	6
	45
	35

	SMFO6
	Substitution behavior-Substituting ESM with other behaviors, such as reading, sports, etc
	6
	6
	8
	35
	45


 
 
 
 
 
 
	Construct Evasive Hiding(EH)


 
	No.
	Statements
	Scale


 
	
	1
	2
	3
	4
	5

	EH1
	 I agreed to help them but never really intended to. 
	6
	9
	5
	47
	33

	EH2 
	I agreed to help but instead gave them information different from what they wanted.
	5
	8
	8
	46
	33

	EH3
	 I told them that I would help them out later but stalled as much as possible
	6
	8
	6
	45
	35

	EH4 
	I offered them some other information instead of what he/she really wanted. 
	5
	8
	8
	46
	33


 
 
	Construct Playing Dumb(PD)


 
	No.
	Statements
	Scale


 
	
	1
	2
	3
	4
	5

	PD1 
	I pretended that I did not know the information. 
	6
	9
	5
	47
	33

	PD2
	 I said that I did not know, even though I did. 
	5
	8
	8
	46
	33

	PD3 
	I pretended I did not know what they were talking about.
	6
	8
	6
	45
	35

	PD4
	 I said that I was not very knowledgeable about the topic.
	5
	8
	8
	46
	33


 
	Construct  Rationalized Hiding (RH)

	No.
	Statements
	Scale

	
	1
	2
	3
	4
	5
	

	RH1
	RH1 I explained that I would like to tell him/her, but was not supposed to. 
	6
	9
	5
	47
	33
	

	RH2
	RH2 I explained that the information is confidential and only available to people on a particular project. 
	5
	8
	8
	46
	33
	

	RH3 
	I told them that my boss would not let anyone share this knowledge. 
	6
	8
	6
	45
	35
	

	RH4 
	I said that I would not answer their questions.
	5
	8
	8
	46
	33
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