[image: ]

Research Topic: Responsible AI and Workforce Retention in Private Healthcare: A Philosophical and Methodological Review


Student Name:
Student ID:

Supervisor:



Declaration

I confirm that this assignment is my own work, that it has not been submitted for any other award, and that all sources have been acknowledged.
 
Signed…….
 
If you have used AI for any reason please mention that too .



List of Figures
Abstract	4
Purpose	4
Method	4
Findings	4
Originality and value	5
1. Introduction	6
1.1 Background	6
1.2 Research Problem	7
1.3 Purpose of the Coursework	8
1.4 Research Questions	8
1.5 Key Concepts	9
2. Method for Conducting the Literature Review	10
2.1 Review Design	10
2.2 Search Strategy	10
2.3 Inclusion, Exclusion and Analytical Procedure	11
3. Critical Literature Review	13
3.1 Psychological Contract Fulfilment in AI-Enabled Organisations	13
3.2 Organisational Justice and Employee Retention	15
3.3 Responsible AI Adoption and Human-Centred Transformation	16
3.4 Strategic Workforce Retention	18
3.5 Comparative Philosophical Perspectives Applied to the Literature	19
3.6 Literature Synthesis and Research Gaps	21
4. Philosophical and Methodological Analysis of the Selected Study	24
4.1 Selected Study	24
4.2 Ontology and Epistemology	24
4.3 Axiology and the positionality of the researcher	25
4.4 Reliability and Validity	26
4.5 Ethical Considerations	28
5. Discussion and Contribution	29
6. Conclusion	32
References	34


[bookmark: _5elaqd7feukm]Responsible AI and Workforce Retention in Private Healthcare: A Philosophical and Methodological Review

[bookmark: _qin0vu2xfl24]Abstract
[bookmark: _pa9ofzfae0vb]Purpose
AI is transforming health care jobs by providing clinical decision support, administrative automation, worker analytics and novel ways to work together with AI. These changes could have beneficial effects on the organisations' functioning, but they can also affect their employees' conceptions, notions of fairness, working independence, trust and job security. 

The review critically explores the potential of the responsible use of AI on the retention of workers in the private health sector in terms of psychological contract fulfilment, organisational justice, employee trust and engagement.
[bookmark: _zeds0k28r4o7]Method
A thematic and philosophical approach was used for a critical literature review. Selected seminal theoretical and methodological works, as well as academic literature produced from 2021 to 2026, were analysed. Studies were compared based on the theoretical perspective, philosophical assumptions, research design, sample, findings, methodological quality, and limitations. 

The concepts of ontology, epistemology, axiology, ethics, reliability, validity and the consequences of quantitative, qualitative and configurational approaches received special attention.
[bookmark: _vuek7oernfeq]Findings
AI can have both positive and negative impacts on employees, as suggested in the literature. Its effects are greatly shaped by the process of and experience with technological change. The concept of psychological contract fulfilment is used to provide an explanation for the changing views on training, security and organisational support, and organisational justice is used to explain the perceptions of fairness in AI-related decisions. 

Responsible AI adds an ethical and governance perspective – transparency, accountability, human oversight and employee participation. Despite this, there is still some fragmentation in the literature, and significant cross-sectional research has been conducted, while synthesis of these views in the context of the research on retention in the healthcare workforce is relatively limited.
[bookmark: _blxf177c2ir1]Originality and value
The review suggests that workforce retention should be thought of as a capability of the organisation. Responsible AI adoption has a conceptual pathway that impacts psychological contract fulfilment and organisational justice, which then affect employee trust and engagement, ultimately impacting employee retention and organisational stability. 



[bookmark: _632ufwj9rdsy]1. Introduction
[bookmark: _j3a7qieeevy4]1.1 Background
AI application in healthcare is already expanding across various areas, including clinical decision support, predictive analytics, administrative automation, and digital documentation. However, there’s still a need for professional knowledge, judgment, and interpersonal relationships in the healthcare industry. 

AI is not just impacting the way things are done, but also impacting the purpose of working and the interconnection of employees and organizations. While the capabilities of AI tools are important, the reaction of healthcare professionals is more nuanced, influenced by other aspects such as transparency, training, usability, reliability, professional autonomy, and ethical safeguards (Tun et al., 2025).

This poses a special strategic dilemma for private healthcare companies. Hard-to-replicate knowledge resources are skilled healthcare workers, and turnover includes recruitment, training, service, and organizational knowledge costs. While AI will help minimize repetitive tasks and aid in decision-making, it could also be seen as a threat to work identity, autonomy, and job security for those who practice it. 

According to a study done in Ghana, there is a correlation between digital transformation, technological readiness, leadership support and psychological contract factors with healthcare professionals' intentions to leave the job (Amoako et al., 2024).

The shift towards AI might change these expectations through new training needs, flexibility, and technological adaptation requirements. Trust and withdrawal may be enhanced or reduced depending on the perception of employees about the existing organizational obligations. 

Technological transformation can increase employees' perceptions about the fulfilment of obligations and consequently increase trust in the organization and reduce withdrawal, or on the other hand, if employees experience the violation of promises or expectations, then they will become less satisfied with the organization and more inclined to withdraw. The research suggests positive relationships between psychological contracts and engagement and trust, whereas AI adoption can have a negative effect on these relationships (Braganza et al., 2021).

An alternative explanation is offered by organisational justice. Not only do workers consider their gains from technological progress but also the processes that generate these gains. There are three types of justice: distributive justice, which involves outcomes, procedural justice, which involves decision processes; and interactional justice, which involves interpersonal treatment (Colquitt, 2001). However, evidence in healthcare suggests that organisational justice is related negatively to turnover intention, whereas work engagement and motivation are potential mechanisms through which organisational justice relates to employees' decisions to stay or leave (Zhao et al., 2024; Zhou et al., 2022).

The central thesis of this review is therefore that a simple theory or a single model of the technological-adoption process alone will not help to understand retention. Involving responsible AI, psychological contracts, organisational justice, trust, and engagement gives a more complete understanding of how an employee might stay with or leave an AI-enabled healthcare organisation.
[bookmark: _k25pfsfpy447]1.2 Research Problem
There are three problems that are empirical.
First, there are a number of distinct studies on AI and workers. Some studies are related to trust and acceptance of AI, while others to psychological contracts, organisational justice or intention to leave. While these perspectives yield valuable findings, they are not necessarily explanatory of how technological governance translates into employment relationships, and then to retention outcomes.
Second, in healthcare evidence, employees' reactions are contradictory. AI may be seen as supportive when it takes away administrative work or enhances professional decision-making, but AI can be seen as threatening when it involves surveillance, diminishes autonomy and causes uncertainty. A survey of health professionals' experiences revealed significant differences in four aspects: usefulness, trustworthiness, and supporting clinical judgment, with AI being generally considered useful but not so trustworthy and supportive of clinical judgment (Ayorinde et al., 2024). Likewise, studies of healthcare practitioners have indicated that perceptions of AI could evolve as systems become more autonomous and the responsibility for the outcomes of these AI-supported processes is transferred to the healthcare system (Daly et al., 2025).
Thirdly, there is a knowledge and methodology issue. Most of the empirical literature is based on cross-sectional surveys and variable-based models. These designs can detect statistical correlations and are less successful in explaining the development of employee perceptions in the technological shift. Interpretive research can offer more depth to the lived experience, while losing some comparability and breadth. Alternatively, configurational approaches, like the fsQCA, offer a way to do so, because they capture the idea that multiple sets of conditions can yield similar results (Fiss, 2011; Pappas and Woodside, 2021).
[bookmark: _rmh4rwpirpn5]1.3 Purpose of the Coursework
This review aims to critically analyze current research on workforce retention in private health care settings using AI and to explore the impact of research philosophies on understanding the concepts of psychological contract fulfillment, organisational justice, responsible AI use and employee outcomes.
It also outlines a critical evaluation of the philosophical and methodological underpinning of the researcher's choice of an empirical study and a conceptual argument for researching workforce retention as an organisational capability at a DBA level.
[bookmark: _nllqv691bugv]1.4 Research Questions
In private healthcare organisations, how do the research philosophy and methodology influence the understanding of workforce retention of the workforce when engaging in responsible adoption of AI?
Supporting questions
What are the relationships between psychological contract fulfilment, organisational justice, and organisational retention in an AI transformation?
What are the impacts of adopting AI responsibly on employee trust and engagement?
What are the current assumptions and methods behind the evidence on AI, health care staff and retention?
What research gaps are worthy of a future DBA study of responsible AI and strategic workforce retention?
[bookmark: _e1dspsswtppc]1.5 Key Concepts
Workforce retention is the ability of an organisation to retain staff and sustain valuable human resources over a period of time. It's not the same as turnover intention, which is a worker's self-reported probability of leaving. Turnover intention, however, is an indicator or antecedent of the actual turnover and not turnover itself (Zhou et al., 2022).
Employee engagement is a state of commitment that is manifested in employees' attitudes and behaviors towards their work. It can be a factor in retention but the constructs are still conceptually separate. Some research in the healthcare field indicates that engagement might be a mediating variable in the relationship between organisational factors and turnover intention (Zhou et al., 2022).
Organisational stability is the ability of the organisation to operate effectively, sustain people and services, and adapt to change. It is therefore considered here as an organisational outcome of the downstream process, not a synonym for retention.
Psychological contract fulfilment is related to the employees' perceptions that the organisation has performed its reciprocal duties and expectations. Organisational justice is defined as the perceived fairness of interpersonal treatment, processes and outcomes. Responsible AI refers to AI governance and implementation that takes account of transparency, fairness, accountability, human oversight and affected stakeholders (WHO, 2021; Rozenblit et al., 2025).
[bookmark: _5k8p83ui1wk3]

[bookmark: _6vy0699e33ny]2. Method for Conducting the Literature Review
[bookmark: _j774xtmtjy29]2.1 Review Design
A critical literature review was deemed appropriate because the aim is not to derive a single pooled effect, but to analyse the different theories, philosophies and methodologies in the construction of knowledge around AI and workforce retention. The critical reviewing process is not a descriptive process; rather, it involves comparing evidence, identifying disagreement, and evaluating the premises that may support published research (Grant and Booth, 2009).
The analysis was divided into six categories of comparison:
1. theoretical framework;
2. philosophical orientation;
3. Design and methodology for research;
4. sample and context;
5. principal findings;
6. Limits due to methodology and philosophy.
To identify common relationships between psychological contracts, justice, responsible AI, trust and engagement and retention, a thematic synthesis approach was adopted. When the results of several qualitative and empirical studies must be synthesized, but their differences in context must be maintained, thematic synthesis is a particularly beneficial method to use (Braun and Clarke, 2021; Thomas and Harden, 2008).
[bookmark: _u5v62yu03pfn]2.2 Search Strategy
The literature was analysed around four related themes: AI and digital transformation in healthcare; Employee retention and attrition; Psychological contract, organisational justice, and responsible AI, trust, and employee engagement. 
Academic literature was searched using a combination of keywords and related terms. The keywords used were AI, AI Adoption, Digital Transformation, Healthcare, Private Healthcare, Workforce Retention, Employee Retention, Turnover Intent, Psychological Contract, Organisational Justice, responsible AI, AI Governance, employee trust, and employee engagement. Alternatively, synonyms and different spellings of the same word were merged to not exclude relevant studies by term usage.
The search was focused mainly on literature published in the last five years (2021-2026) to capture the latest advancements in AI and the need for timely evidence. The earlier seminal studies were left in where they served as a significant theoretical or methodological base, such as in the areas of psychological contracts, organisational justice, social exchange theory, dynamic capabilities, and research philosophy.
Iterative refinement of searches was done by reviewing keywords, abstracts, and reference lists of highly relevant studies. If there was an overly broad or narrow set of results from an initial search, search terms were modified to make them more relevant. This iterative strategy is appropriate, as literature-search strategies may need to be tested and refined to identify key studies to maximize the number of studies identified with relevant data while minimizing the amount of irrelevant data retrieved (Page et al., 2021).
[bookmark: _hjdjyy2s5jrb]2.3 Inclusion, Exclusion and Analytical Procedure
Included studies included peer-reviewed English-language research on healthcare, HRM, business and management, organisational AI, digital transformation, or employee outcomes from publications from 2021 to 2026.

Only AI-development studies with no workforce implications, or clinical studies with no organisational implications, were included, as were opinion pieces and non-health-related studies with no implications for the health care workforce.

The process was not a formal systematic review, but rather informed by PRISMA, since it was a critical synthesis, not a systematic review with meta-analysis. Transparent reporting of search, selection, and synthesis procedures (Page et al., 2021) is emphasized by PRISMA 2020.

The literature was then classified into the categories listed above for comparisons. Comparisons of studies were made for convergence and contradiction. Special focus was placed on the nature in which the researcher(s) handled the employees' responses, namely as measurable variables, socially constructed experiences, manifestations of deeper mechanisms, or practical problems that demanded multiple types of evidence.

[bookmark: _ej6yqy7yq7oa]

[bookmark: _xh5gs3o3eda4]3. Critical Literature Review
[bookmark: _b036w594xt1s]3.1 Psychological Contract Fulfilment in AI-Enabled Organisations
An important starting point is the concept of Psychological Contract Theory, as AI alters the employment relationship, not just the technology employed to perform tasks. Employees' psychological contracts consist of their expectations regarding reciprocal obligations, such as development, support, security, recognition and fairness (Rousseau, 1995). Social Exchange Theory also suggests that employment relationships emerge as a result of exchanges between the employee and the employer, such that positive employee reactions can be maintained by positive treatment (Blau, 1964).

When AI can be seen as an organisational change and not solely as an information system, the relevance of these theories is more apparent. AI could change jobs, job skills, job performance expectations and career paths. An employee who previously knew that the organisation was required to provide him or her with a stable job may now think that continued employment is contingent upon the employee learning to perform new technologies. The psychological contract is thus a dynamic phenomenon.

(Braganza et al., 2021)  conducted research to uncover the relationships between psychological contracts, job engagement, and employee trust among 232 workers, and the findings indicated positive relationships. However, adoption of AI had a dampening effect on the positive relationship between psychological contracts and engagement. 

It's not that technology just made people engage more, in fact, it's the opposite. It's not that technology made people engage more; it's the opposite of that. Rather, the impact of this technology was based in part on the employment relationship that encompassed it.

The importance of this discovery is because of its challenge to technological determinism. With the better the outcome of employees, the higher should be the level of technology adoption, which should further boost engagement. 

The better the outcomes of employees, the better the level of technology adoption, which should further increase engagement. Rather, evidence indicates that AI can transform the nature of positive employment relationships (Braganza et al., 2021). The technology then has a consequence because the practice of organisations and the interpretation by employees.

This is corroborated by newer health care research. (Amoako et al., 2024) conducted research that linked digital transformation, technological readiness, HR practices, leadership support, and psychological contract and turnover intention with 509 healthcare workers in Ghana. Importantly, both the covariance-based SEM and the fsQCA demonstrate that the relationship is not necessarily linear, and that it is not necessarily a single path, but rather an interplay between various paths.

The Ghana study has a methodological constraint, however. The findings are limited in their ability to explain the psychological contract formation in technological change because of the convenience sampling used and the cross-sectional design. 

After implementing digital transformation, employees can report an association between digital transformation and turnover intention, but the design does not fully allow for testing of whether the digital transformation also led to an interpretation of the psychological contracts in a negative way or whether the employees already felt dissatisfied before the digital transformation was introduced (Amoako et al., 2024).

This is an epistemological difference. A positivist survey is able to move psychological contract fulfilment from a subjective to a measurable dimension, which facilitates comparison of the responses between the respondents. In the process of measuring such a complex relational experience, however, a number of indicators are inevitably instituted. 

An interpretivist method might examine the meaning employees give to what their employer “owes” them following the implementation of AI, which could vary among nurses, physicians, administrators and technical workers.

This view is backed up by recent qualitative research in the field of organisational AI. Conversational AI has been explored in a global organisation through an interpretive case study, revealing three dimensions of the formation of trust: emotional, cognitive and organisational (Gkinko and Elbanna, 2023). The findings indicate that trust is built based on past experiences and the context of the organisation, and not a fixed trait of the employee.

This distinction is crucial in the healthcare setting because different professional groups could interact differently with the same AI system. For a radiologist, AI can be an extra diagnostic tool, and for an administrator, it can be a tool for performance management. Thus, the apparent scores of “AI acceptance” can mask meaningful variations in psychological contract expectations and/or professional identity.
[bookmark: _ttgjh3srihb]3.2 Organisational Justice and Employee Retention
Organisational justice has been introduced as a complement to psychological contract theory as it moves the focus from the exchange of mutual commitments to fairness perceptions of employees. Evidence-based justice includes the procedural, distributive, interpersonal, and informational aspects of justice as established by (Colquitt, 2001). These dimensions are especially crucial in an AI-enabled organisation as algorithms can be involved in workload, scheduling, performance, recruitment, or allocation of resources.
Evidence from healthcare also indicates that distributive justice can influence turnover intention through organisational commitment and work engagement (Chen et al., 2022). 
Distributive justice is the issue of the distribution of benefits and burdens. While AI can help to alleviate repetitive tasks and increase productivity, the advantages are not uniform. Some staff might get more freedom and less work, others might be monitored more intensively or even deemed redundant. Efficiency in the organisation cannot be identified with fairness for the employees.
The conceptual literature used in the draft was weak compared to the recent healthcare evidence. The study with 1200 primary health care staff members showed that there was a statistically significant negative relationship between organisational justice and intention to quit. Distributive and procedural justice were both significantly influential, and work motivation partially explained this relationship (Zhao et al., 2024).
In particular, procedural justice is a factor to consider in relation to AI because employees may be interested in the process that leads to the decision, rather than the decision itself. Even if the algorithm is more efficient, if an employee cannot challenge the result, then the process could be considered unfair.
This provides a deeper epistemological question. An algorithm could have a consistent technical process, but not be considered “fair” when implemented in an organisation. Technical consistency is not social legitimacy, therefore. While a positivist view may evaluate if an algorithm has a consistent result across individuals, an interpretive view may question what the outcomes of the algorithm mean to affected employees.
Research with healthcare practitioners should illustrate the importance of taking justice into account in addition to autonomy and trust. The fsQCA analysis of 401 healthcare professionals revealed various sets of justice, autonomy, and trust that were linked with the feeling of responsibility for AI, varying by organisational complexity (Wang et al., 2024).
This is crucial because it does not support the notion of a uniform effect of justice. The level of governance considered 'adequate' might be influenced by organisational complexity, technological maturity and its professional context.
Interactional justice incorporates the communication aspect of leadership. AI is not a technology per se that users encounter directly. Managers provide reasons for introducing AI, what their staff will need to do, and how their jobs will be impacted and supported. Therefore, it is important that leadership communication helps create the right understanding of AI as an organisational investment or an organisational threat.
Responsible leadership showed a positive relationship with organisational justice, and organisational justice showed a negative relationship with turnover intention, which in turn showed a negative relationship with responsible leadership and turnover intention (Khanam et al., 2024).
[bookmark: _m3vsn8b2un51]3.3 Responsible AI Adoption and Human-Centred Transformation
Responsible AI is different from using AI as a technical tool to using AI as a socio-organisational tool. Ethical governance, transparency, accountability, human autonomy, and protection from harm are key points that the WHO considers vital in the context of AI for health (WHO, 2021). Similarly, the study of healthcare AI governance suggests that a multi-stakeholder strategy is needed due to differing interests among patients, professionals, managers, and the AI developers and regulators.
But the question is, do these “responsible AI” principles really generate employee trust and positive organisational outcomes?
Transparency is frequently viewed as a pathway to trust, but it does not necessarily spell trust. A system can be explainable but not accurate. On the other hand, a very precise system could be very hard to use for employees. A systematic review of the literature revealed that healthcare workers' trust in AI-based clinical decision-support tools was influenced by a combination of factors, such as transparency, training, usability, reliability, validation, ethical protections, and human-centred design and user control, which were interrelated (Tun et al., 2025).
This means that explainability is not enough. People need to know and have the power to act on an explanation for it to mean anything.
As with the research on trust and technology, research on the development of an AI trust and acceptance model has also highlighted the need to consider trust to be multidimensional or not just a willingness to adopt technology (Stevens and Stetson, 2023).
It's also worth considering whether more trust is always a good thing. If too much trust is placed in algorithms, it can lead to automation bias, meaning employees may blindly follow the algorithms without properly evaluating them professionally. The desired result is not blind faith, but a degree of faith. Attitudes to AI have been found to evolve over time and to vary by role within an organisation (Daly et al., 2025).
Research indicates that the human-centred argument is supported across the board, as healthcare workers are not all equally affected by AI. Research has revealed diverse attitudes towards the acceptance of AI, along with concerns and challenges in implementation within the healthcare industry (Yousif et al., 2024; Ayorinde et al., 2024).
AI applications in healthcare were also found to be positively related to different tensions between the aspects of learning and performance, belonging and power, respectively (Irgang et al., 2025). This defies the notion that employee concerns will always thwart adoption. Opportunity and threat can both be present at the same time for employees.
It is here that the philosophical question comes into play. If the answers given by employees are conflicting, then a simple variable-based model may consider the inconsistency as statistical noise. However, an interpretivist view might alternatively view contradiction as an indication that employees have multiple meanings of the same technology. Qualitative research shows that ‘contradictions in interview data can help understand how the interviewees construct meaning and identity; they are not necessarily 'bad evidence' (Watson, 2006: 172).
[bookmark: _voassvugz9xv]3.4 Strategic Workforce Retention
Traditionally, the topic of workforce retention is found in the domain of strategic HRM where it is generally seen as a way to hold onto human resources and minimise the organisational cost of turnover. Strategic HRM research has highlighted the importance of the knowledge and capabilities of employees to an organization's performance (Wright and McMahan, 2011). Dynamic Capabilities Theory builds on this as it takes into account how organisations adapt their resources and capabilities in response to changes in the environment (Teece, 2007; Teece et al., 2016).
The Dynamic Capabilities Theory contributes something that other theories such as psychological contract and justice theories do not. The primary explanations for the employee–organisation relationship are found in Psychological Contract Theory, and for employee perceptions of fairness in the organisation, Organisational Justice Theory. It is rather the question of Dynamic Capabilities Theory whether the organisation is able to transform its resources, routines and capabilities on a regular basis when things change.
This is important for an AI-powered healthcare system. Adopting AI is not a single event, but an ongoing journey within a healthcare organisation. Systems change, employees need to be reskilled, workflows are redesigned, and governance structures evolve over time. As a result, Strategic retention necessitates that the organisation be aware of technological change, react with HR practices, and alter the workforce's capabilities (Teece, 2007).
The involvement of employees may be important as a mediator. If AI is making repetitive tasks easier and offering learning opportunities and aids to professional judgment, there may be an increase in engagement. If AI is perceived as watching them or taking over their jobs, there may be a drop in engagement.
Engagement has emerged as a mediator between performance and use of AI in recent research, and between responsible AI and healthcare employee engagement (Hameed et al., 2026; Zhou et al., 2022), with evidence amongst healthcare workers pointing to its mediating role between the two.
However, engagement shouldn't be the only indicator of retention. Staff can be highly engaged but motivated to move on with their careers, and staff can be relatively disengaged but motivated to stay for financial, professional and/or family reasons. Therefore, workforce retention is a behavioural outcome that is influenced by a number of mechanisms.
[bookmark: _xpaf1d2k4icv]3.5 Comparative Philosophical Perspectives Applied to the Literature
The difference in philosophy that has been noted in the literature is not a superficial one. They shape the findings and conclusions of researchers regarding AI and employee retention. They directly impact the findings and conclusions of researchers on AI and employee retention.
Positivism
In terms of the positive approach, research generally takes the stance that social phenomena are measurable and that there is a possibility to test the relationships between variables empirically. The quantitative approach to the studies on psychological contract, justice, engagement, and intention to turn over (I.T.T.) provides examples of this (Braganza et al., 2021; Zhao et al., 2024; Zhou et al., 2022).
Comparability and statistical testing are strengths. Relatively large samples can be used to estimate relationships. But there is a need to measure what constitutes evidence. What is perceived as “fairness” is turned into a number instead of a contextual description of how the decision is felt to be unfair.
Interpretivism
What does it mean to ask about interpreting? How can we ask about the construction of meaning in social situations? This orientation is presented in an interpretive case study of conversational AI, which conveys that trust is a process that employees go through and build and is more than just a variable that is used to predict use (Gkinko and Elbanna, 2023).
Qualitative research into inconsistencies in the interviews is also important since they can show the way in which participants account for their behaviour rather than just that the data is unreliable (Watson, 2006).
Depth is then the strength of interpretivism. The downside is that the results are more context-specific and not necessarily best for estimating the prevalence of specific relationships.
Critical Realism
But critical realism has another approach to the problem. It allows differentiating between observable events and underlying mechanisms that produce them. Turnover can be seen, and can be explained as psychological contract breach, perceived injustice, leadership practices, perceived uncertainty about technology, or labour-market conditions.
This is especially helpful when the multiple mechanisms are functioning at the same time. Not assuming the equivalence of statistical correlation and causal explanation.
But critical realism also requires the careful justification of statements of underlying mechanisms. No explanation can be called “realist” since the research deals with complexity. Ontological statements must be directly linked with evidence and theoretical explanations.
Pragmatism
Pragmatism emphasizes the practical consequences of the problem being studied and the research problem. It can enable the integration of quantitative and qualitative evidence where the various approaches can answer different parts of the research question.
Pragmatism offers a compelling rationale for the measurement of the relationships between responsible AI, justice, psychological contracts, trust, engagement and retention, as well as the use of interviews to gain insights into how employees interpret AI-enabled change for this research topic.
But flexibility in methodology does not make a philosophical inconsistency. Mixed methods should be used as justified by the question of the research, not merely because there seems to be a desire for both quantitative and qualitative data.
[bookmark: _n6nih1lnhbov]3.6 Literature Synthesis and Research Gaps
	Established knowledge
	Contradiction/tension
	Methodological limitation
	Philosophical limitation
	Research gap
	DBA opportunity

	AI can support efficiency and professional work
	AI can also create insecurity, surveillance and autonomy concerns
	Cross-sectional designs dominate
	Employee meanings may be reduced to variables
	Limited understanding of change over time
	Longitudinal study

	Psychological contract influences engagement, trust and turnover-related outcomes
	AI can weaken positive employment relationships
	Survey-based measurement dominates
	Psychological contract is treated as measurable rather than relational
	Limited AI-specific psychological contract evidence in private healthcare
	Combine surveys with interviews

	Organisational justice is associated with lower turnover intention
	Different justice dimensions may operate differently across contexts
	Mostly cross-sectional evidence
	Fairness is measured rather than interpreted
	Limited research on fairness during AI implementation
	Context-sensitive justice analysis

	Responsible AI can support trust
	Explainability does not automatically produce trust
	Many studies focus on adoption rather than retention
	Responsibility is normatively contested
	Limited integration of responsible AI and retention
	Study governance as organisational capability

	Trust supports AI collaboration and engagement
	Excessive trust may create automation bias
	Trust often measured as a static construct
	Trust is treated as individual perception
	Limited understanding of calibrated trust
	Examine trust longitudinally

	Engagement is associated with retention-related outcomes
	Engagement does not equal retention
	Turnover intention often substitutes for actual retention
	Behavioural outcomes are simplified
	Limited direct evidence linking AI to actual retention
	Track actual workforce outcomes

	fsQCA captures causal configurations
	Configurations do not necessarily explain meanings or temporal change
	Calibration and sampling decisions affect results
	Set membership still depends on researcher conceptualisation
	Limited configurational AI-retention research
	Mixed configurational and qualitative design



Based on the synthesis, five gaps are identified.
First, the psychological contract fulfilment and organisational justice are not sufficiently involved with AI adoption.
Secondly, there is too much emphasis on cross-sectional evidence, which makes it hard to see how employee perceptions change over the life of the embedding of AI.
Third, qualitative evidence is not as well represented as quantitative evidence in research examining the relationship between AI and employee outcomes, as evidenced by recent reviews in the healthcare field (Tun et al., 2025; Ayorinde et al., 2024), where the value of professional practice and contextual interpretation is highlighted.
Fourth, a significant portion of trust, ethics, and adoption research in this field is not about retaining the workforce but rather about their trust, ethics, and adoption.
Fifth, in comparison, not much research and development work has been carried out on the integration of these constructs in an explicit organisational capability framework based on a research philosophy.
What this opportunity for DBA means, then, is to explore how these expectations of responsible AI are being translated into organisations' practices that support perceptions of fairness, build calibrated trust and engagement, and ultimately help with workforce retention.

[bookmark: _6qkhudv179f1]4. Philosophical and Methodological Analysis of the Selected Study
[bookmark: _vi4rxgw8pezo]4.1 Selected Study
This study was chosen for detailed appraisal because it applies fuzzy-set Qualitative Comparative Analysis (fsQCA) (Wang et al., 2024) to explore the concept of justice in healthcare, autonomy in healthcare, trust, and accountability towards AI and healthcare professionals.
The study was chosen due to the fact that it provides a strong link between the substantive research problem and the methodological needs of this module. It integrates AI, healthcare professionals, justice, autonomy, trust, ethics, and organisational complexity under one roof.
A data analysis of 401 healthcare professionals was carried out, and configurations linked to felt accountability towards AI were identified by applying the fsQCA. The study revealed that the following conditions were significant for enacting AI ethics: combinations of justice and autonomy; and trust in the reliability and functionality of AI. It also revealed that the configurations were different with the complexity of the hospital (Wang et al., 2024).
But the result is a sense of responsibility for AI, instead of employee retention. This separation is very important. Although the study is very relevant to the proposed framework, it cannot be taken as conclusive evidence that justice and trust actually lead to employees staying with healthcare organisations.
Configurational research is particularly concerned with causal complexity, equifinality and the possibility that different combinations of conditions can produce the same outcome (Ragin, 2000; Ragin, 2008; Rihoux and Ragin, 2009; Woodside, 2013). 
[bookmark: _32wje1l9hlno]4.2 Ontology and Epistemology
With respect to methodology, one of the important points is that the authors do not make an unsupported claim in regard to their philosophical stance. The study is not just positivist, critical realist, or pragmatic within the management research lexicon. Thus, among the philosophical interpretations, there must be discernment between the explicit theoretical position taken by the authors and the assumptions that can be reasonably assumed from the research design.
Using fsQCA means that an ontology is used that can accommodate causal complexity, equifinality, and configurational relationships. Instead of looking at one independent variable and its effect on an outcome, the study is looking at combinations of conditions. This is in keeping with the logic of configurational research, in which varying causal processes can lead to comparable results (Fiss, 2011; Pappas and Woodside, 2021).
From an epistemological perspective, the study adheres to a qualitative stance that emphasizes the collection of empirical data from a systematic perspective and the operationalization of constructs. This makes it possible to compare cases and to identify cases' configurations. But the way of working also relies on the researchers' conception of justice, autonomy, trust, and accountability.
[bookmark: _r3ny4i29puhy]4.3 Axiology and the positionality of the researcher
The study of values in research is called axiology. The study is normatively significant as its research problem is related to justice, autonomy, and ethical responsibility. The study raises the question of the ethical conditions' impact on professional responsibility, which is not considered a value-neutral technology, but is treated as one (Wang et al., 2024).
However, values can be introduced to research through a variety of ways, such as in the selection of research questions, conceptualisation of constructs, the choice of measurements, interpretation, and recommendations.
This assessment around ‘positionality' also has some implications for the future DBA researcher. A scientist studying AI and retention, for example, might come to the project with a presupposition that it is good to be responsible when working with AI and that the wellbeing of employees should be safeguarded. They might be used to guide questions in an interview, interpretation, and framework development, etc.
Reflexivity is thus required. The researcher needs to delineate evidence from normative preference. An example is that if employees value human oversight, this does not prove that all organisations are required to have that governance structure.
A future DBA researcher should, therefore, keep a reflexive research record of the reasoning behind the choice of constructs, the processes of interpretation and the handling of contradictory evidence.
This is directly related to qualitative studies of inconsistencies in interviews. Don't remove contradictory interview material because it ruins the neatness of the account. The apparent inconsistencies can also highlight the complexity of employees' meaning-making processes (Watson, 2006). 
[bookmark: _vjuizrte0uaf]4.4 Reliability and Validity
The methodological strengths of the selected study are first, that a sample of 401 health care professionals was used to perform the study, and second, fsQCA was used to explore several configurations. This method is suitable when the result is obtained by combinations, instead of independent effects (Wang et al., 2024).
But methodological quality needs to be more thoroughly investigated.
Sampling adequacy
The sample is large enough for configurational analysis, however, a large sample size does not imply representativeness. The applicability of findings to private healthcare organisations is influenced by the healthcare context and characteristics of the organisation.
This concern is supported by the discovery that the relevant configuration is dependent on organisation complexity. However, if complexity is important in the field of healthcare, then differences between public and private organisations, countries, professional groups and organisational sizes could also be important.
Measurement validity
The study relies on constructs like justice, autonomy, trust and accountability. Construct validity is based on the extent to which the measures agree with the concepts.
This is important especially for accountability. Responsibility and accountability are not the same thing, nor is either the same as employee retention. A professional might feel responsible for a decision made with AI and at the same time be thinking of leaving the organisation.A professional may feel responsible for a decision made with AI and at the same time also be thinking of leaving the organisation.
The conceptual gap between the outcome of the study and the suggested retention outcome, therefore, restricts the conclusions that can be drawn.
Common-method bias
Common-method bias is a potential concern due to some constructs being assessed using self-reported responses. The study presents statistical procedures to assess common-method bias which did not reveal any significant common-method bias (Wang et al., 2024).
This enhances the methodological argument, but none of the statistical tests can rule out all potential concerns about common method effects. Risk might be further mitigated by time separation, multiple data sources or objective organisational indicators in the future.
Calibration
Calibration is at the heart of fsQCA. Continuous responses need to be transformed into membership scores of degrees of set membership. Qualitative anchors for full membership, crossover and full non-membership are used in the study (Wang et al., 2024).
This results in a significant methodological problem: calibration is not mechanical. Researchers need to explain their reasons for choosing specific thresholds as meaningful membership levels. Badly calibrated calibration can impact on which configurations seem to be essential.
Within configurational methodology, there is a good deal of consensus on the significance of transparent calibration and the use of suitable thresholds in fsQCA (Pappas and Woodside, 2021).
Necessity and sufficiency
The concept of fsQCA is different from the traditional regression as it focuses on the relation and structures of sets. A combination may be sufficient but each condition is not necessary, and a condition may be necessary but not sufficient.
For the above reason, it is important that researchers can differentiate between:
· necessity: if something doesn't happen for a reason, then it is rarely happening without a reason.
· sufficiency: whether a set of conditions is strongly linked to the results;
· consistency: the closeness of the cases to the proposed set relation;
· empirical relevance: or proportion of the outcome accounted for by the configuration, coverage.
This is an advantage of the approach of fsQCA, but also it is a limitation of the type of interpretation that can be made of the findings as opposed to regression coefficients (Fiss, 2011; Pappas and Woodside, 2021).
[bookmark: _9f6imp3nm8in]4.5 Ethical Considerations
Ethical assessment needs to be able to separate out what was actually described in the studies that are selected from other ethical issues affecting AI research.
Ethical sensitivity is exhibited in the substantive level of the central concern, which is justice, autonomy, and responsibility, in the study. It also acknowledges the need for several actors to be involved in decisions regarding the use of AI in healthcare (Wang et al., 2024).
But wider employee research raises other ethical issues.
There is often a lack of confidentiality and vulnerability of employees.
If employers identify these AI systems, healthcare workers may not be inclined to criticise them. Anonymity, then, is ethically as well as epistemically significant: anonymously participating subjects may give more honest answers.
Informed consent
Employees should be aware of what participation entails, how the data will be utilized and if participation might impact employment. If research is to be undertaken within an organisation, this is particularly relevant.
AI surveillance
Potential areas where workforce AI can be applied include monitoring productivity, communication, attendance, or performance. This can pose a threat to the effective management of responsible AI as it can be mistaken for organisational control. This is why a future retention study should explore whether or not employees are able to tell the difference between AI that helps them work and AI that monitors them.
Algorithmic bias
If there are biased patterns in the data that an AI system is trained on, these systems can perpetuate history. This might affect hiring practices, employee assessment or staff assignment in an HR context. Therefore, the principle of fairness needs to be judged at the level of the model outputs as well as the level of how it is implemented at the organizational level.
Accountability
The selected study is a significant contribution that explores felt accountability. But when system design is beyond an individual's control, accountability should not take the place of the individual professional. To create responsible governance, there is a need for accountability of managers, technology providers, governance teams and users (Wang et al., 2024).
WHO recommendations also include autonomy, transparency, responsibility and protection from harm as key aspects of AI governance in healthcare (WHO, 2021).
The student will assess alternative designs and evaluate their effectiveness.
The main advantage of the chosen study is its configurational approach to the topic of AI accountability. It does not take a single path approach to causality, but acknowledges that there is an interaction between justice, autonomy, trust and organisational complexity (Wang et al., 2024).
One of its drawbacks to the current study is that it does not focus directly on the issue of workforce retention.
[bookmark: _xath672rtag4]5. Discussion and Contribution
The review suggests that the adoption of AI should not be directly and automatically equated with workforce retention. Its impact is more likely to be indirect and situational in nature.
The proposed structure is:
Responsible AI Adoption
 ↓
Psychological Contract Fulfilment + Organisational Justice.
 ↓
 Employee Trust + Engagement
 ↓
 Workforce Retention
 ↓
 Organisational Stability
Interpretations of the relationships should be taken with a grain of salt.

Theoretical contribution
Psychological Contract Theory offers insights into how AI affects the expectations of reciprocity between employees and the organisation. Psychological Contract Theory provides insights into how AI impacts reciprocal expectations between employees and the organisation. Organisational Justice Theory captures the perception of employees on AI decision-making as fair or unfair. 
The reasons behind the development of reciprocal commitment due to fair and supportive treatment are covered by Social Exchange Theory, and the strategic importance of organisational capability in managing technological change is discussed by Dynamic Capabilities Theory (Blau, 1964; Rousseau, 1995; Colquitt, 2001; Teece, 2007).
These traditional ideas are insufficient to cover the governance element of responsible AI.
Philosophical contribution
The review shows that there are different philosophies resulting in different types of knowledge. Positivism can measure relationships, interpretivism can measure employee meaning, critical realism can investigate the mechanisms, and pragmatism can justify the incorporation of various types of evidence.
The most appropriate future position, probably, is pragmatic and critical realist sensitivity. Pragmatism is in favor of methodological flexibility, and critical realism of investigating mechanisms and contextual factors, not just statistical relationships, as explanations.
Methodological contribution
The results of the literature revealed that there was a lack of a long-term study using a mixed-methods approach. The relationships between the proposed constructs could be explored in quantitative analysis, and the employees' interpretations of the topic of the AI transformation could be explained in qualitative analysis.
It is also important to clearly differentiate between the following: retention, intention to turn over, engagement, and organisational stability, rather than equating these constructs.
Management contribution
The adoption of AI should be considered beyond the perspective of operational efficiency. Indicators that are relevant should encompass employee trust, perceived justice, psychological contract fulfilment, employee engagement, opportunities for reskilling, and opportunities for retention.
Leadership communication is especially crucial as it can shape the employees' perception of AI, either as a tool for support or as a threat to the organisation. Other contextual conditions that should be included in the strength of the relationships proposed are digital readiness and organisational culture.
This study makes a contribution to DBA research design.
The challenge that arises from this DBA opportunity is whether responsible AI can be made an organisational ability to retain employees. It is not that responsible AI will help to ensure workforce retention, but that responsible AI can help create the conditions within the organisation that support fulfilment, fairness, trust and engagement, which can help improve the chances of workforce stability.

[bookmark: _vtj7p2adcne]6. Conclusion
The literature confirms that the use of AI is impacting healthcare jobs, but it does not present a straightforward link between AI use and workforce retention. One thing is becoming more evident, the outcomes of the technological transformation that employees face are dependent on its governance and experience.
The psychological contract theory (PCT) provides a lens to understand the effects of AI on employees' expectations and psychological contracts. AI can influence an employee's psychological contract by changing their expectations of support, development, security and reciprocation from the organisation.AI can impact an employee's psychological contract by altering their expectations of support, development, security, and organisational reciprocity. Based on the principles of Organisational Justice Theory, employees perceive the fairness of the outcomes, processes, and information associated with AI. 
Responsible AI research is complemented by ethical principles of transparency, accountability, human oversight, and stakeholder engagement.Ethical principles of transparency, accountability, human oversight, and stakeholder engagement are added to responsible AI research. In recent healthcare evidence, it is also revealed that trust, engagement, and professional autonomy are key factors influencing employees' reactions to the use of AI. 
It is yet to be understood how these mechanisms operate in the long term and whether they have an impact on actual workforce retention. What is currently known is limited in that some studies use cross-sectional designs, some are fragmented, some are context-specific, and some collect data on employee perception but do not investigate the process of change in perception.
This uncertainty is further confirmed by the philosophical analysis. Positivist methods help to give evidence of relationships but may underrepresent the meaning of employee relationships. Interpretivist research gives more depth to the context, but lacks breadth. The selected study provides an important insight into causal complexity, which is also related to fsQCA, but the selected configurations do not capture the nuances of meaning or evolution of employee experience over time (Wang et al., 2024).
Future research for the DBA is needed to explore the proposed pathway from responsible AI adoption to the psychological contract fulfilment to organisational justice to trust and engagement to workforce retention and organisational stability. Contextual conditions should be considered, including leadership communication, digital readiness, and organisational culture.
The primary conclusion is that there is a need to consider employment relations as an organisational competency that involves a joint management of technology, people, governance and employment relations in a private healthcare context supported by AI. The question then is not so much whether AI is effective as when and how it will work within an organisation, and under which philosophical principles it will be effective for a workforce that will stay.
[bookmark: _m47or8lo48f8]
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