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[bookmark: _Toc8383501]Executive Summary
This report analyses the Sarn Helen Office Supplies data specifically identifying ways in which the company can engage with analytics in order to gain a better decision-making process. 
Within the first section the software package Microsoft Excel is evaluated looking at how it can be used to successfully prepossess data and is used to run several functions on Sarn Helen data. The functions which are used are IF Function, VLOOKUP and Pivot tables and Graphs. Each of these have their uses but after using them and evaluating them, the decision was that Sarn Helen would most likely benefit from using the VLOOKUP, Pivot table and graphs functions (graphs dependable on the data being inputted).
The next section of the report identifies what data mining is and whether or not the methods could be incorporated in to Sarn Helen in order to aid in decision making purposes. 
The following data mining approaches were explained and tested looking at what each approach could bring to Sarn Helen; Prediction (Classification and Linear Regression), Association and Clustering. 
After running each approach and analysing the results it is conclusive that the data mining approach clustering should be incorporated by Sarn Helen as this was the approach which gave the most useful and specific information which the company would be able to act on.






[bookmark: _Toc8383502]Report Remit
This report will be analysing the Sarn Helen Office Supplies data looking into ways in which the company can engage with analytics in order to gain a better decision-making process. By evaluating the software package Microsoft Excel for the day-to-day analysis and more specialised software such as Weka for mining the data, Sarn Helen will be able to way up the points and decide whether or not these programs could be employed into their infrastructure.
 
[bookmark: _Toc8383503]Microsoft Excel Functions 
Microsoft Excel can be used for multiple functions some of which are IF, VLOOKUP, Pivot Tables, Charts and Graphs. Each of these functions has been used to help find areas where profitability has been low with the Sarn Helen data.                                                                                    Before these functions are carried out the data must first be pre-processed.                           
Starting with the IF Function Microsoft states; “The IF function is one of the most popular functions in Excel, and it allows you to make logical comparisons between a value and what you expect” (Support.office.com, 2019).                                                                                                              The IF function is a simple function which runs a logical test that compares two items. It can be used to find items of the same or different value. The function is made up of three parameters which are; The test, The result if the test is True and The result if the test if False. The formula looks like this;=IF(test, test is TRUE, test is FALSE).                                                                                                                                               With the Sarn Helen data set the IF function was used to say whether the company was or was not making a profit on each order. This allows the company to see what products they are losing money on. As seen in the picture below.                                                                                                                                                                   
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[bookmark: _Toc8383462]Figure 1 IF Function

VLOOKUP function in Excel allows the individual reviewing the data to find a value within a table or range. With large data bases such as Sarn Helen, exact values can be located by searching for a specific word or number. The VLOOKUP formula is;” =VLOOKUP(Value you want to look up, range where you want to look up the value, the column number in the range containing the return value, Exact Match or Approximate Match – indicated as 0/FALSE or 1/TRUE)” (Support.office.com, 2019).                                                                VLOOKUP was used in the Sarn Helen data set to show how much customers were ordering and using the function whether there was a profit or loss being made from the different orders. This allows Sarn Helen to quickly review orders by simply searching the I.D number, if the number in the profit or loss column has a minus sign in front of the number this means that order had made a loss.                                                                                                             
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[bookmark: _Toc8383463]Figure 2 VLOOK UP

Pivot tables can summarize data by placing it in to columns and links the chosen intersections between them; “simple commands and drag and drop gestures, you can organize long lists of information and create custom tables from a list of entries or a database” (Microsoft Office Training, 2019). Once the Pivot table is created, by highlighting the data within the table a graph can be constructed. Visually the data becomes easier to read when in a graph form.                                                                                                                                           This was done using the Sarn Helen data, looking at the items that are being sold and the number of sales of those items. In the Pivot table below, it is difficult to see which items are the most popular without spending time to study the table, however when this data is placed into a bar graph, it is clear that office machines are the most popular item. This was also clear when the information was placed into a pie chart, however as there are multiple items the company is selling it became difficult to distinguish the items which did not have many sales, overall the best way to view this data would be as a bar graph format.                            
[image: ]
[bookmark: _Toc8383464]Figure 3 Pivot table
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[bookmark: _Toc8383465]Figure 4 Bar graph
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[bookmark: _Toc8383466]Figure 5 Pie chart
[bookmark: _Toc8383504]Strengths and Weaknesses of Excel
Microsoft Excel is a type of spread sheet software which can be used by businesses such as Sarn Helen Stationary to carry out multiple functions to help pre-process, analyse and visualise data. It is very useful for small to medium sized companies as if they have Windows software they will already have Excel embedded on the system. This can save companies hundreds to thousands pounds per year.                                                                                                                                                         “Cleaning data and preparing it for analysis is one of those thankless jobs that is dull, laborious, and painstaking” (Weiss and Townstead, 2005). Excel simplifies this task and makes it possible for the most unexperienced tech person to carry out this job on their own, as excel does not require an extensive amount of training and areas where there are queries’ or doubts can be looked up on the internet as Microsoft Excel is well supported with numerous videos and online websites. However, if the data has been incorrectly pre-processed, when it comes to running functions the data will not run and it will come up as an error. It can be very hard to find an error, but once the error is found excel has a feature where it can search for the error and replace it. This scenario occurred when an apostrophe was left in the Sarn Helen data, once it was removed the programme ran correctly.                                                     Excel allows large sums of data to be analyzed using pivot tables and aids in making the data visual as it places the data in to charts and graphs as seen previously. By transferring data from tables in to graphs it allows companies such as Sarn Helen to visualize large amounts of data and easily spot trends and relationships; “a graph is to present data that are too numerous or complicated to be described adequately in the text and in less space” (Slutsky, 2014). 
Sarn Helen Stationary can also use spreadsheet software for decision making purposes such as identifying which items will make them the most profit and which are losing the most money.

[bookmark: _Toc8383505]Data Mining using WEKA
Data mining is still relatively new and has been referred to as “knowledge discovery in data bases (KDD)” (fayyad and Piatetsky-Shapiro, 1996) and is described as “the process of finding anomalies, patterns and correlations within large data sets to predict outcomes” (Sas.com, 2019), “Extracting useful information from large datasets” (Hand et al., 2001). The main data mining approaches are prediction (classification), association and clustering. Each approach is used to help the individual analyse large existing quantities of data, the new information can then be used to help the individual improve their organization by cutting costs, increasing revenues, reducing risks and much more.         

[bookmark: _Toc8383506]Prediction
Prediction also named as classification when dealing with class values and when using numerical data is referred to as Regression, is the most commonly used data mining method. Prediction operates by using past data such as past experiences, opinions and other relevant information whom have similar characteristics and produces predictions (forecasts) for future behaviors of a new entity from the matching attributes.                                                                                                                    With a limited data set such as the Sarn Helen data for the prediction approach to give true results there is a requirement for the input labels for the output variable to be dependable, it is significant to contemplate the degree to which the labels are approximates or completely unreliable to be able to understand the predictions the data base generates this is stated in the journal for data base mining in education (Baker, 2010).                                                                                                                            This data mining approach can be used to make predictions for several industries the most common being retail to predict such things as level of sales that will result from a advert, Although industries such as law enforcement have found effective use for prediction; Classification is currently being used to find common properties among different crime entities. This is used to identify the source for crimes such as e-mail spamming and is also being used to predict crime trends (Chung and Wang, 2004). 
[bookmark: _GoBack]Classification has been used for Sarn Helen and has correctly Identified 63.98% instances. The diagram tree shows also shows the multiple product categories stating which ones gave the highest profit in the past, in this case it was office supplies, however it is not the best visual tool as it has 67 leaves and is not the easiest to interpret, although it did produce the data within 0.03 seconds which is an outstanding speed comparing the two, Linear regression is simpler to understand as there are less values however this does not give a in depth prediction and makes decision making harder. This type of data mining Is not the best for a company such as Sarn Helen as it is very complicated to understand and due to the vast product range, there are multiple outcomes which would take up a lot of Sarn Helens time trying to identify them.                                                                  
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[bookmark: _Toc8383467]Figure 6 Tree diagram classification
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[bookmark: _Toc8383468]Figure 7 Classification
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[bookmark: _Toc8383469]Figure 8 Linear regression
 

[bookmark: _Toc8383507]Association
Association is a data mining method which traces back to the 1990s where it was developed by computer scientists to find connections between items using point-of-sales. Association functions by discovering “if-then” associations which are also referred to as association rules between variables which can be anything from items or events;” the goal is to find if-then rules of the form that if some set of variable values is found, another variable will generally have a specific value” (Baker, 2010).                                                                                                                                  This approach is frequently used in businesses to aid such aspects as in store/ catalogue design as businesses are told which items should be placed together to encourage sales. An example of this was observed with Nappies and Beers, American Supermarket Walmart found a connection between the two and found that placing the two items together saw an increase in sales.                                                                                                                                       In Sarn Helens case the items which are most commonly sold together are office machines and tables. Sarn Helen should take the same approach of placing these two items together within their catalogue in order to encourage sales. They should also do this for the other items which connections have been found in such as Binders and Bookcases. This is a data mining approach which Sarn Helen should adopt as its simple to understand and easy to implement as only small changes would be needed to place items together.
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[bookmark: _Toc8383470]Figure 9 Association                                                                                                 
[bookmark: _Toc8383508]Clustering
Clustering also known as segmentation, works by finding data which naturally group together, generating sets of clusters out of the data. Clustering can start with or without any prior theory within the data. The data can cluster so that it belongs to only one cluster, more than one cluster or no clusters. Harvey. J. Miller describes the process as “grouping a set of objects into classes or clusters so that objects within a cluster have high similarity in comparison to one another but are dissimilar to objects in other clusters” (Miller and Han, 2009).                                                                                                                                     Clustering has been used in business as it allows organisations to group together their customers depending on different factors such as purchasing patterns allowing a further analyse to be carried out which can lead to a boost in revenue.                                                      Within the Sarn Helen data each cluster has found a connection, for instance within cluster 1 there has been a home office customer segment that has been identified who are interested with purchases of office supplies. Within the second cluster there has been a corporate customer group which has been identified who make purchases of technology. 
With this information Sarn Helen can focus on sending adverts out for specific products to specific customer segments, for example for the home office segment Sarn Helen could send emails to these customers for such items as shredders, printers or stationary. This should increase sales in the office supplies department as the correct customers are being targeted.                                                                         Although the data is not the simplest to interpret and takes time, this is one data mining approach which should definitely be incorporated by Sarn Helen as it provides the company information about not what only are regularly sold together but also informs them what customers are buying them making it possible to target different audiences with the products that they are most likely to buy. 
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[bookmark: _Toc8383471]Figure 10 Clustering

[bookmark: _Toc8383509]Conclusion
In conclusion after evaluating the strengths and weaknesses of using spreadsheet software (Excel) for pre-processing, analysing and visualising the data and data mining process carried out in WEKA, It would be appropriate for this company to use spreadsheet software for decision making purposes and data mining, specifically the VLOOK up function, Pivot tables and graphs using Excel, as it is a program readily available and at a low price which works well for small to medium sized company which would assist in making decisions. 
Looking at data mining, Sarn Helen would hugely benefit by using clustering as they can target specific groups with the correct advertisements, this would lead to a significant increase in sales. 
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Order Priority = Low
Customer Segment = Corporate: LOSS (40.0/20.0)
Customer Segment

O Supplied test set
@© Cross-validation Folds 10

O Percentage spiit

Home Office

|
|
( Hore options. J ||| Sales <= 2472.5015: PROFIT (10.0/2.0)
|1 Sales > 2472.9015: 1088 (12.0/3.0)
- | Customer Segment = Consumer: PROFIT (19.0/8.0)
| (Nom) Profi v | | Customer Segment = Small Business: BROFIT (14.0/4.0)
Seles > 6410.79: PROFIT (104.0/23.0)
( Start ] Product Cavegory = Office Supplies: BROFT (461.0/36.0)
Resultlist(ight.click for options) Number of Leaves : 67

Size of the tree : 108

Tine ctaken to build model: 0.03 seconds

Stratified cross-validation
Surmary

Correctly Classified Instances
Incorrectly Classified Instances
Kappa statistic

Mean absoluce erzor

Root mean squared error
Relative absolute error

Root relative squared error
Total Number of Instances

Detailed Accuracy By Class

TP Rate EP Rate

.62 0.3%
0.608  0.312
Weighted Avg.  0.640  0.354

Confusion Matrix
& b < classified as

1117 5211 a=10s5
761 1161 | b = PROFIT

Status.

2278 630222 ¢
1282 s6.0112 ¢
0.2828
0.4251
0.4788
es.5585 ¢
95.2741 ¢
3560

Precision Recall F-Measure MCC

0.585 0.622  0.635 0.286
0.630 0.608  0.684 0.286
0.545 0.680  0.640 0.286

ROC Area PRC Area Class

0.678
0.678
0.678

0.612
0.683
0.650

oss
EROFIT





image9.png
& Weka Explorer - X
[ Freprocess | Grassiy | Gluster | Associat | setectatioutes | viuatze
Chassiter

|_Choose |LinearRegression -5 0-R 1.0€-8 -nurn-decimal-places 4

Test options Classifier output
O Use raining set Run information
O Supplied testset

Seheres veka. classifiers. functions. LinearRegreasion -5 0 - 1.0E-6 -num-decimal-places 4
© Crosswalidation Folds |10 Sarnfiellendstaset-weka. £ilters. unsupervised. sctribute . Remove-Ri-d, &, 10-16
O Percentage spiit e
( e ] order Quancity
e Sales

Discount.
(Num) Profit Brofic
Test mode:  10-%old cross-validation
L set Classifier model (full training set)
Resaultlist (right.click for options)
101801 -trees. 148 Linear Regression Model

10:20:03 - trees.J48

Erofic

4.2871 * Order Quantity +
0.2232 * Sales +
-297.205
Tine ctaken to build model: 0.06 seconds

Cross-validation

Summary

Corzelation coefficient 0.6517
Mean absolute erzor 397.4971
Root mean squared error 546.5077
Relative absolute error 75.743 ¢
Root relative squared error 75.202 %
Total Number of Instances 3560

Status.
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€ Weka Explorer

[ Preprocess | Ciassiy | Custr | Associte | elect snouts | viualizs

‘Associator
| choose |apriori-N10-T0-C0.9-D0.05-U1.0-M0.1-8-1.0-¢-1

Associator output
(st

Binders and Binder Accessories
Bookcases

Chairs & Chairmats

Computer Peripherals
Envelopes

Labels

office Furnishings

Office Machines

Baper

Eens & Arc Supplies

Rubber Bands

Scissors, Rulers and Trimers

Resultlist right-clic...

Storage & Organization
Tables
Telephones and Communication
=== Bssociator model (full ctraining set) ===

Apriori

Minimm supporc: 0.7 (27 instances)
Minimm mecric <confidence>: 0.9
Number of cycles performed: 6
Generated sets of large itemsets:

Size of set of large itemsets L(1): 11
Size of set of large itemsets L(2): 31
Size of set of large itemsets L(3): 6

Best rules found:

2
28

Bookcase:
Tables=N 27

2

Labels=l 28
38 ==> Bookease

32

31 ==> Tables-N 23 <con:
10. Binders and Binder Accessories=N 31

Tables=N 27 <conf:(0.96)> 1ife:(1.11) lev:(0.07) (2] com

<conf: (1)> 1ife: (1.18) lev:(0.11) [4] conv:(4.31)
<conf: (1)> 1ife: (1.15) lev:(0.09) (3] conv:(3.59)

Bookcases=l Labels=N 29 ==> Tables=N 28  <conf:(0.97)> 1ift:(1.11) lev:(0.07) [2] conv:(1.86)

<conf: (0.97)> 1ift: (1.08) lev:(0.05) [1] conv: (1.49)
<conf: (0.96)> 1ife: (1.11) lev:(0.07) (2] conv:(1.79)
1.79)
0.94)> 1ift: (1.05) lev:(0.04) (1] conv:(1.16)

> Tables=N 31 <conf:(0.94)> 1ifc:(1.08) lev:(0.06) (2] conv:(1.41)
(0.24)> 1iz:
Bookcases=N 29 <conf:(0.94)> 1ift:(1.04) lev:(0.03) [1] conv:(1.06)

1.07) 1e

0.05) (1] conv: (1.32)

Status.
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& Weka Explorer - X
[Freprocess | Grassiy | Guuste | Associat | setecttoutes | viuatze
Chustorer

|_choose | simplekMeans -init 0 -max-candigates 100 -periadic-pruning 10000 -min-density 2.0 41 -1.25 42 1.0 -N & - "weka.core. EuclideanDistance -R firstlast' -1 500 -num-slots 1 -8 10

Cluster mode. Clusterer output

(®) Use training set Number of iterations: 11
Within cluster sum of squared errors: 9503.176294449918

O supplied test set

O Percentage spit Initial starting points (random)
joliciesges lodustseo/eveluanon Cluster 0: 'Not Specified’,43,374.51,0.01,Reqular, 168.82,20.34, Dyfed, Corporate, 'Office Supplies',Baper
Cluster 1: Low,23,363.49,0.05,Regular, 161.22,27.67, 'Mid Glamorgan', 'Home Office’,'Office Supplies’,Envelopes
] Store clusters forvisualization Cluster 2: Vedium,23,1184.344,0.1, Reqular, 59.05,77.99, 'Mid Glamorgan',Corporate, Technology, 'Telephones and Commmnication'
Cluster 3: Eigh,33,333.32,0.03, Reqular, ~3L.07, 21. 42, Dyfed, Consuner, Furniture, 'Office Furnishings'

Cluster 4: "Not Specified’,23,136.37,0.03, Regular, ~1039.5,15. 42, "Mid Glamorgan', 'Small Business','Office Supplies’,Appliances

Ignore atributes |

Missing values globally replaced with mean/mode

Start

—— Final cluster centroids:

Resultlist (right.ciick for options) Cluscers
Accribuce Full Data o 1 2 3

(3560.0) (731.0) (s42.0) (848.0) (s15.0) (524.0)f

Ozder Prioricy Tow Not Specified TLow Medium High Not Specified
Order Quantity 25.658 30.2878 20.5736 24.0884 28.262 27.4733
Sales 1775.0785 1147.9838 1083.275 271e.8 2624.9603 1533.1785
Discount 0.0188 0.036 0.0515 0.0505 0.0887 0.0475
Ship Mode Reqular Reqular Reqular Regular Reqular Regular,
Erofic 208.4001 115.936 126.5282 365.6452 23,2323 187.6502
Unic Price 100.1081 13,9501 75.5294 180.2972 112.3262 71.4263
Region Mid Glamorgan Dyfed Mid Glamorgan Mid Glamorgan Dyfed Mid Glamorgan
Customer Segment Corporate Corporate Home Office Corporate Consuner Srall Business
Eroduct Category office Supplies office Supplies office Supplies Technology Furnicare office Supplies
Eroduct Sub-Category Baper Eaper Binders and Binder Accessories Telephones and Comminication Office Furnishings Appliances

Time taken to build model (full training data) : 0.09 seconds

Model and evaluation on training set

Clustered Instances

o 731 ( 21%)
1 942 ( 26%)
2 Bae (24%)
3 515 ( 14%)
s 524 (15%)
<

Status.
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1 |OrderID Returns _ Order Dat Order PricOrder QuéSales  Discount Ship Mod¢Profit  Unit Price Shipping Customer Region _ Customer Product C: Product StProduct CiShip Date IF PROFIT
2| saan s Critical 3 132221 00GRegular 654 5298  16.99 David PhilDyfed  ConsumerOffice Sug Binders arSmall Box st FALSE
3| sasn s Low 12 52989  008Regulr 23103 5522 30.71 Andy Ree:Mid GlamiCorporate Technolos Computer Small Box i FALSE
4] susN s Low 49 283668  005Regular 1484579 58674  38.49 AndyRee:Mid GlamiCorporate Technolog Office Ma Large Box ##is  TRUE
5| su7N s Low 12 13116 004Regular 3788 2214 1627 AndyRee:Mid GlamiCorporate Office SufPaper  Wrap Bag i TRUE
6| sasN s Critical 15 529  003Regulr  -3618 178 1966 Bill Donat West GlanCorporate Office Sug Paper  Small Box i FALSE
7| sasN s Critical 8 7620555  001Regular  -207.15 12299 165 Bill Donat West Glan Corporate Technolog Telephon:Small Box ###ii FALSE
8|  ss0v s High 29 17991  003Regular 1795 1758 1699 PatrickJoiDyfed  Home Off Office Suf Binders arSmall Box ##ié TRUE
9|  ssiy s High 4 7054 009Delivery\ -87.76 2246 662 PatricklorDyfed  Home Off Fumiture Tables JumboBo s FALSE
10 s s Critical 17 7074 003Regulr 7062 1536  20.27 Tamara D West Glan Corporate Office Suf Binders ar Small Box s FALSE
1] s s Critical 42 15875  007Express 1373 1571 1593 TamaraD:West Glan Corporate Office SupPaper  Wrap Bag #iiié  TRUE
2| ssan R Medium 43 26481 009Regular 12568 1798  18.69 Valerie TcMid GlamiCorporate Office Suf Storage & Small Box st FALSE
13 sssN s Critical 21 420848 001Regular 116816 2063 2554 Pauline CiWest GlanSmall BusiFumiture Office Furlarge Box ##i#ié  TRUE
14| 526N s Critical 41 896585  002Regular 259854 22184 351 Pauline Cl West Glan Small BusiFumiture Office Furlarge Box ##iié  TRUE
15| ss7N s Critical 3 411 0Delivery\ 106033 15745 3185 Pauline Ci West Glan Small BusiTechnolog Office Ma Jumbo Drt s TRUE
16 s2seN R Medium 12958 0.07 Express 301 1968 20.16 Victor PricMid Glami Consumet Office Suf Binders ar Small Box ###i  TRUE
17| sseN R Medium 19 13724 0.05 Express 779 1864 1895 Victor PricMid Glami Consumet Furniture Office Fur Small Pacl ###is  TRUE
18] 560N s Not Speci 23 368148 001Delivery\ 117.84 16298 44 Craig LesliMid Glami Consume Furniture Chairs & CJumbo D #######ii  TRUE
19 se1N s Not Speci 46 142125 001 Express 3532 4028 27.99 CraigLesliMid Glami Consumer Office Sup Storage & Medium E s FALSE
20  seN s Not Speci 2 691185  003Regular  -18.64  47.99  15.1 CraigLesliMid Glam Consumer Technolog Telephon:Small Box ###ii FALSE
21 sesy s High 29 10917  003Regular 6779 1528 17.97 Julia BarniMid GlamiHome OFf Office Suf Pens & Ar Wrap Bag it FALSE
2|  smeay s Critical 30 2614079 004 Delivery\ -110482 89298 5855 Julia WesiSouth GlaiHome OFf Furniture BookcasesJumbo Bo ##fi FALSE
23| swsN R Medium 30 61805  009Express 6567 3298 2283 George AsWest Glan Consumer Office Suf Binders ar Small Box ##is  TRUE
24| sw6N R Medium 2 16544  003Regular  -257.69 8598  28.52 George AsWest Glan Consumer Technolog Computer Small Box ###fii FALSE
25| swIN s High 11 614957  0.07Regular  -10684  77.99  19.99 Pauline CIWest GlanSmall BusiTechnolog Telephon: Small Box ####i  FALSE
2|  swEN s Low 6 1857  0.01Regular 334 1376 147luliekriz Dyfed Corporate Office SupPens & Ar Wrap Bag ##iié  TRUE
27| swon s Not Speci 23 33168 007Regulr 2583 2656 17.5|Luke SchnlMid GlamiHome Off Office Sur Appliance Small Box ####st  TRUE
8 smN s High 43 54885 OExpress 15885 2366  22.99 Cynthia ViMid GlamiCorporate Office Sup Pens & Ar Small Pacl st FALSE
20| smN s Not Speci S 5327  002Regular  -33.5 1613 20.89 Joni Blum West GlanHome Off Office Sup Labels  Small Box ###ii FALSE
0| smN s Not Speci 2 7151 009 Regular 131 1478 1457 MarkHabDyfed  Small BusiOffice Sup Pens & Ar Wrap Bag i TRUE
31| smy s Low 47 12528 OlRegular  -656 146 164 OlveraTo West GlanHome Off Office SupPens & Ar Wrap Bag st FALSE
2| smn s Critical 24 20652  0O0lRegular 7873 2034 14.96 Darren Po West Glan Corporate Fumniture Office Fur Wrap Bag ##ié TRUE
3| smsN s Critical 19 7054 006Regulr  -4835 1528 17.57 Darren PoWest GlanCorporate Office Suf Pens & Ar Wrap Bag ##iii FALSE
4| saN s Low 35 101682  002Regular 34438 4118 22.55 Michelle IMid GlamCorporate Furniture Office Fur Small Box ####is  TRUE
5| s7IN s Low 49 1514451 003 Delivery\ 451856 30964  28.7 Michelle IMid Glam Corporate Technolog Office Ma Jumbo Dri ###i  TRUE
6|  smN s Low 43 131475 00SExpress  -148.84 4242 22.65 Maria Ber West Glan Home Off Technolog Computer Small Box i FALSE
37| smN s Low 3 53098 00LExpress  -173.96  173.55  33.99 Maria BeriWest Glan Home Off Office Suf Storage & Small Box ##sfii FALSE
|| ssoN R High 31 115085  00GRegular  309.82 5124 1599 Alan BarniSouth Glai Corporate Technolog Computer Small Pacl ##is  TRUE
20l somiw L 1o sasans  nnena 122 2606 Andy GrifiMid G Tarhnalnt Offica Ma lumho 2 e -
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Ready i) m - + + 100%





