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Abstract
This study investigates the gender pay gap within an organization, utilizing a data-driven approach to identify the factors contributing to wage disparities between male and female employees. Using a dataset of 1,000 employees sourced from Glassdoor, this analysis explores horizontal and vertical gender segregation across various roles and levels of seniority. The study adopts a regression-based methodology, incorporating descriptive statistics and multiple regression models to examine the role of job-specific factors in explaining the gender pay gap. Key findings indicate that gender segregation in both roles (horizontal) and career progression (vertical) significantly contribute to pay inequalities. Although gender is found to be a significant factor in predicting base salary according to regression models, the impact of gender diminishes when considering variables like job title and department. This suggests that wage disparities are more influenced by structural inequalities in job roles rather than direct gender-based pay discrimination. The study concludes by offering recommendations for addressing these structural barriers, such as promoting gender diversity in higher-paying roles, enhancing transparency in recruitment and promotion processes, and conducting regular pay audits. These insights provide a foundation for organizational strategies to achieve greater gender equity in the workplace.
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[bookmark: _Toc179211246]INTRODCTION 
[bookmark: _Toc179211247]1.1 Overview
Understanding labor market disparities is critical due to their wide-ranging social, economic, and psychological impacts on individuals and society(Biegert, 2019). One of the most researched forms of employment inequality is the gender pay gap, which has attracted significant global attention from researchers and policymakers alike(Sampson, 2020). In recent decades, countries like the UK have made progress in reducing the gender pay gap. However, recent data indicates that these improvements have slowed, with the gap in the UK now surpassing both OECD and EU averages(Arabadjieva, 2021). Based on the latest statistics released by the UK Office for National Statistics in April 2023, there has been a marginal rise in the disparity between full-time male and female employees' median hourly wages, with women earning approximately 7.7% less than their male counterparts. This represents a slight increase compared to the data reported in 2022.When all employees, including part-time workers, are considered, the gap widens further, with women earning 14.3% less than men (ONS, 2023). The disparity is particularly evident in higher-paying sectors and among women aged 40 and above, where the wage gap reaches 14.2% (ONS, 2023). These figures underscore the persistent and entrenched nature of gender-based pay disparities across various sectors and age groups.

[bookmark: _Toc179211248]1.2 Research Objective
The report uses the Glassdoor data to examine how job related and demographic factors contribute to wage disparities. The objective is to provide empirical insights and offer practical recommendations for businesses and policymakers on how to address and reduce gender-based pay differences, particularly in sectors where the disparities are most pronounced.

[bookmark: _Toc179211249]1.3 Organization of the Report
Report follows the academic report structure:
Section 2 provides an in-depth review of the existing literature on the gender pay gap, examining its root causes, trends, and the key methodological approaches used in prior studies. Section 3 details the methodology employed, including an explanation of the data sources and the statistical methods used in the analysis. Section 4 presents the findings from the analysis, along with their implications for businesses operating in the UK. Section 5 concludes the report, reflecting on the overall significance of the analysis and proposing potential areas for further research. Section 6 offers targeted recommendations aimed at addressing and reducing the gender pay gap.







[bookmark: _Toc179211250]LITERATURE REVIEW
[bookmark: OLE_LINK4]The gender pay gap remains a widespread challenge in global labor markets(Litman et al., 2020). Despite advancements in education, labor participation, and equal pay legislation, women continue to earn less than men across nearly all sectors and job roles(Budig, Lim and Hodges, 2021). The disparity in pay between genders is commonly quantified by comparing men's earnings, and it encompasses factors beyond mere labor market disparities. It also stems from the influence of social and cultural norms that shape women’s career decisions(Ciminelli, Schwellnus and Stadler, 2021). Several factors contribute to this gap, including gender-based job segregation, differences in working hours, educational choices, and the underappreciation of work predominantly done by women(Blau and Kahn, 2017). This review examines the root causes of the gender pay gap, the methods employed in analyzing it, and the legal and ethical frameworks designed to address it. Furthermore, it highlights gaps in the existing literature and suggests areas for further study.

[bookmark: _Toc179211251]2.1 Overview of the Gender Pay Gap
The wage gap between genders is influenced by a variety of interrelated and cumulative factors. Key contributors include occupational segregation, working hour differences, educational attainment, and the societal undervaluation of female-dominated professions(Blau and Kahn, 2017).

[bookmark: _Toc179211252]2.1.1 Occupational Segregation
Occupational segregation describes the division of men and women into distinct sectors or job roles that often carry varying levels of pay and prestige(Borrowman and Klasen, 2020). Women are often seen working in lower-paid positions such as nursing assistants, and even within same industry there is vertical segregation, with men more commonly holding higher-status, better-paying managerial or executive positions (ONS, 2023).

This situation is amplified by societal and cultural expectations surrounding gender roles. For instance, women are frequently anticipated to take on caregiving responsibilities, pushing them toward part-time, flexible, or lower-wage jobs that accommodate family obligations(Landivar, Woods and Livingston, 2022). Although women constitute a large portion of the workforce, men still dominate the higher-paying, senior positions(Brown, 2019). Moreover, the work primarily performed by women is often undervalued, which further perpetuates gender wage disparities. Fields such as nursing, teaching, and caregiving are socially important but often lower paid compared to male-dominated sectors that are perceived as more specialized or valuable, like finance and technology(Müller, 2019). This societal undervaluation of female-dominated industries perpetuates income inequality across sectors(O'Connor, 2020). 

[bookmark: _Toc179211253]2.1.2 Differences in Working Hours
The disparity in remuneration was also attributed to variations in the total number of hours worked. Women tend to be more inclined to work part-time or take career breaks, particularly for caregiving responsibilities like childcare and eldercare (Pech, Klainot-Hess and Norris, 2021). These interruptions in their careers have long-term impacts on earnings potential and career progression, a phenomenon often referred to as the “motherhood penalty”(Yu and Hara, 2021).

Research shows that the gender pay gap widens significantly after women have children. This is particularly pronounced in high-paying professions, where extended career breaks can have a more lasting impact on promotion opportunities and wage growth(Querejeta and Bucheli, 2023). In contrast, males tend to engage in full-time employment and willingly undertake additional working hours, thereby intensifying the existing income gaps(Munsch, O'Connor and Fisk, 2024). The issue has been further emphasized by the ongoing COVID-19 pandemic as women have disproportionately borne the burden of additional caregiving responsibilities, leading to reduced working hours and increased career interruptions(Collins et al., 2021). This has exacerbated pre-existing inequalities and highlighted the need for more supportive workplace policies, such as flexible working arrangements and paid parental leave, to minimize the adverse effects on women's income(Corekcioglu, Francesconi and Kunze, 2020).

[bookmark: _Toc179211254]2.1.3 Educational Attainment and the Gender Pay Gap
Despite the increased educational attainment of women, surpassing that of men in many developed countries, it has not proven sufficient to eliminate the gender pay gap(Forth, 2023). This gap is partly explained by the different fields of study that men and women choose. Men are more inclined to pursue degrees in higher-paying areas such as STEM (Science, Technology, Engineering, and Mathematics), while women tend to opt for disciplines like social sciences, education, and healthcare, which typically offer lower wages(Blau and Kahn, 2017).

[bookmark: OLE_LINK7]Even within the same educational qualifications, men tend to occupy higher-paying roles. For example, Ceci and Williams (2015) found that in STEM fields, women are underrepresented in the most lucrative specializations, such as computer science and engineering. Moreover, women are often subject to gender biases and stereotypes that limit their opportunities for advancement, even in fields where they are equally qualified(Gangwani and Kolokythas, 2019). Additionally, research has indicated that despite women entering the labor market with comparable levels of education and experience as men, their potential earnings gradually decline over time due to career interruptions and a slower rate of promotion(Kucharski and Rutkowska, 2021). This implies that although education plays a crucial role in mitigating the gender pay gap, it alone cannot completely eradicate the existing disparities.

[bookmark: _Toc179211255]2.2. Empirical Approaches to Studying the Gender Pay Gap
[bookmark: _Toc179211256]2.2.1 Regression Analysis
[bookmark: OLE_LINK8]Regression analysis enables researchers to isolate the specific effect of gender on wages while accounting for other influential variables such as education, work experience, occupation, and hours worked. By controlling for these confounding factors, regression models can more accurately estimate the portion of the gender pay gap directly attributable to gender itself, independent of other variables(Roshchin and Yemelina, 2021). However, a study by Hansen, Rand and Win (2020), it was found through regression analysis that even after accounting for factors such as education, experience, and occupation, a significant portion of the gender pay gap remains unexplained. This suggests that implicit biases or discriminatory practices may still be at play, contributing to wage disparities that cannot be attributed to observable qualifications or job-related factors.

[bookmark: _Toc179211257]2.2.2 Oaxaca-Blinder Decomposition
The Oaxaca-Blinder decomposition is a commonly used method for analyzing wage differences. This approach can be elucidated by observable factors such as education and work experience, alongside an unexplained component often associated with discrimination(Słoczyński, 2020).

[bookmark: OLE_LINK9]Jewell, Razzu and Singleton (2020) employed this approach to examine the gender wage disparity in different sectors and discovered that a considerable proportion of the discrepancy remains unaccounted for, even after factoring in variances in educational background, professional experience, and job category. This unexplained portion is often interpreted as evidence of discrimination or structural barriers that prevent women from reaching the same earnings potential as men. Recent studies have applied more advanced forms of this decomposition method to analyze the gender pay gap across different periods. While the gap has decreased in some sectors, it remains prevalent in others, especially in high-paying industries like finance and technology(Roshchin and Yemelina, 2021).

[bookmark: _Toc179211258]2.3 Legal and Ethical Implications
[bookmark: _Toc179211259]2.3.1 Legal Frameworks
[bookmark: OLE_LINK2]The UK introduced the Equal Pay Act in 1970, which mandated equal pay for equal work as a foundational step towards reducing wage disparities. This legislation was further reinforced by the Equality Act of 2010, which introduced stricter measures, such as mandatory pay transparency for companies with over 250 employees(Benedí Lahuerta, Rejchrt and Patrick, 2023). These regulations require businesses to disclose their pay structures and provide transparent gender pay gap data, helping to drive efforts aimed at reducing gender-based wage inequalities

While these legislations have a significant meaning in enhancing awareness regarding the gender pay gap, challenges persist in terms of enforcement. Although many companies comply with the obligation to disclose their pay data, they often fall short in taking substantial measures to address the underlying causes contributing to this disparity(Raghunandan and Rajgopal, 2021). This has led to calls for more robust enforcement mechanisms and the introduction of penalties for companies that fail to demonstrate progress in closing the gap.

[bookmark: _Toc179211260]2.3.2 Ethical Considerations
From an ethical standpoint, the gender pay gap raises critical questions about fairness and justice in the workplace. According to Equity Theory(Adams, 1965), employees expect to be compensated fairly in relation to their contributions and the compensation of others. When this expectation is unmet, it often results in dissatisfaction, lower productivity, and increased turnover rates(Blundell, 2021). Despite decades of legal reforms aimed at addressing the issue, the persistent existence of the gender pay gap signifies a failure on the part of numerous organizations to meet this fundamental ethical standard(Raghunandan and Rajgopal, 2021). Research shows that while gender pay gap reporting has led to increased transparency, it has not consistently resulted in meaningful action to close the gap, further highlighting the ethical shortcomings of many companies(Sharkey, Pontikes and Hsu, 2022).

[bookmark: OLE_LINK10]Public awareness campaigns, such as “Equal PayDay”, have significantly contributed to raising awareness about the ethical issues surrounding the gender pay gap. These movements have put pressure on companies to take greater responsibility in ensuring pay transparency and fairness, highlighting not only the internal implications for businesses but also the broader societal consequences. For instance, they emphasize how the gender pay gap undermines women's economic independence and has long-term negative effects on their retirement security, as unequal pay throughout a woman's career can result in diminished lifetime earnings and lower pension savings(Bosch and Barit, 2020). Research has shown that gender pay gaps can persist even in sectors with high transparency, indicating that awareness alone is insufficient to fully close the gap; companies must take concrete, systemic actions to address it(Olarewaju, Gideon and Koay, 2023). Furthermore, evidence suggests that while public awareness campaigns are effective in sparking discussions, they must be accompanied by legal frameworks and organizational accountability to enact lasting change(Mwaseba, Arthur and Mnasi, 2023).

[bookmark: _Toc179211261]2.4 Gaps in the Literature
A key oversight is the lack of focus on intersectionality. Many gender pay gap studies emphasize gender alone, overlooking the ways in which factors like race, sexual orientation, and socioeconomic status further influence wage inequalities.

Another gap in the literature is the limited use of new data sources to study the gender pay gap. Most existing research relies on traditional labor market data, which may not capture the full complexity of the issue. Newer data sources, such as crowdsourced platforms like Glassdoor, provide employee-reported data that allows for more granular analysis of pay disparities across companies, industries, and job roles(Penz et al., 2023). 




[bookmark: _Toc179211262]METHODOLOGY 
[bookmark: _Toc179211263]3.1 Research Questions and Hypothesis Development 
Based on the findings from existing literature and the organizational context, two key research questions and Hypothesis have been formulated:
	Research questions:

	1. How does gender segregation, both horizontal and vertical, contribute to the gender pay gap within the organization?
	2. Does controlling for job-related factors such as education, seniority, and department reduce the observed gender pay gap?

	
	

	Hypothesis development:
	

	Number 
	Related literature(concepts)

	1. Horizontal and vertical gender segregation significantly contribute to the gender pay gap, with men more concentrated in higher-paying technical and managerial roles, while women are underrepresented in these positions.
	This hypothesis aligns with the concept of occupational segregation as a major driver of wage inequality. It assumes that gender segregation in roles and career progression is a key determinant of the gender pay gap, particularly in organizations where recruitment and promotion processes lack transparency(Adeleken and Bussin, 2022).

	2. After controlling education, seniority, and department, the gender pay gap will be reduced, indicating that these job-related factors explain a substantial portion of the observed wage disparities.

	This hypothesis builds on the idea that while controlling for education, seniority, and department can account for some of the wage disparities, a residual pay gap may persist, which can be attributed to gender-based discrimination or biases in the workplace(Castellano, Punzo and Rocca, 2018). This aligns with studies that suggest that structural factors alone may not fully explain gender pay disparities, and that informal practices such as "social cloning"(Delauzun, 2020)and unequal access to career development opportunities contribute to the gender wage gap.


Table 3-1: Research Questions and Hypotheses Development

[bookmark: _Toc179211264]3.2 Data Source and Variables
The dataset utilized for this research was sourced from Glassdoor, a widely recognized platform that aggregates employee-generated data on wages, bonuses, and job roles across various industries. This dataset provides valuable insights into the structure of salaries within organizations, with a focus on pay differentials and workforce demographics. The dataset selected for this study includes a sample of 1,000 employees working in the UK, covering a broad range of industries and professional sectors. It concludes essential variables required for a robust analysis of the gender pay gap, such as job title, department, seniority, job performance, educational qualifications, base salary, and bonus pay. In addition to these work-related variables, demographic factors such as gender and age are included to facilitate a nuanced understanding of the potential disparities between male and female employees.

After undergoing a rigorous data cleansing process, the dataset was prepared meticulously to ensure the robustness and credibility of the statistical analysis findings. This process involved addressing missing data, identifying and handling outliers, and converting non-numeric variables into formats suitable for statistical analysis. For example, categorical variables such as job title and department were transformed into dummy variables, which is a standard procedure when incorporating categorical predictors into regression models(Hosmer, Jovanovic and Lemeshow, 1989). This step is essential to avoid the "dummy variable trap" and ensure accurate interpretation of regression coefficients(Stock and Watson, 2014).

To address missing data, cases with incomplete information were either removed or imputed, depending on the proportion and importance of the missing data to the overall analysis. Additionally, the dataset was examined for outliers that could potentially skew the results, particularly in terms of extreme salary values. Outliers were identified based on statistical rules such as interquartile range (IQR) and standard deviation thresholds, and appropriate steps were taken to mitigate their impact, either through transformation or exclusion(Fields et al., 2015).

The analysis encompasses variables that can be classified as dependent and independent. In this study, the focus is on the base salary of employees as the dependent variable, which serves as a continuous measure to evaluate wage inequality. Additionally, bonus pay is analyzed separately to determine whether gender disparities exist in this aspect of compensation. The key independent variables are gender, job title (categorical, converted into dummy variables), department (categorical, converted into dummy variables), seniority level (ordinal), and educational qualifications (ordinal, ranging from high school diploma to PhD).

[bookmark: _Toc179211265]3.3 Statistical Techniques
This study utilizes Glassdoor's gender pay-gap data to conduct an empirical analysis, incorporating a sample of 1,000 workers from the United Kingdom. To analyze the data, a range of statistical techniques are applied. First, bar charts are used to visualize gender diversity across job titles, education levels, and seniority categories, providing an overview of how men and women are distributed across different business functions. Subsequently, the mean base salary and bonus pay are computed for each gender, followed by conducting statistical tests to evaluate the statistical significance of observed disparities between male and female employees. 

If a gender pay gap is identified, a linear regression analysis is then conducted to estimate the magnitude of this gap and to investigate how job-related and demographic factors contribute to wage disparities. Categorical variables such as job title, gender, education, and department are transformed into dummy variables for inclusion in the regression models. For instance, the gender variable is coded as a binary indicator (1 for male and 0 for female). The regression coefficient for this variable provides a quantitative estimate of the gender pay gap, controlling for factors like job performance, years of experience, and the employee’s department.

Descriptive Statistics:
The initial use of descriptive statistics is to provide a comprehensive overview of the dataset. summarizing key features such as central tendencies and distributions. Measures like the mean, median, and mode are calculated for both base salary and bonus compensation across genders to offer a clear picture of how pay is distributed between male and female employees. These statistics will indicate whether pay disparities exist in aggregate form and will guide the subsequent inferential analyses.

In addition to numeric summaries, bar charts and other visual tools are employed to illustrate the gender distribution across different departments, job titles, education levels, and seniority tiers. The visualization of patterns related to gender-based segregation is of great significance, as it encompasses the distribution of males and females across distinct occupational roles as well as hierarchical positions(Gedikli, 2020). These visualizations provide preliminary insights into the structural dynamics of gender representation in the organization.

Regression Analysis:
If statistically significant gender pay gaps are detected through inferential tests, multiple regression analysis is performed to quantify these disparities and explore the contributing factors. Regression analysis trying to estimate the extent of the gender pay gap while controlling for various job-related and demographic variables such as job title, department, education, and seniority level.

By applying multiple regression models, the analysis seeks to control for potential confounders and isolate the independent effect of gender on pay. This approach ensures that any observed wage disparities are not simply the result of differing job roles, educational backgrounds, or seniority levels but are attributable to gender itself. The statistical significance of each regression coefficient is assessed using p-values and confidence intervals, ensuring the robustness and reliability of the findings(Cotilla and Campos-Soria, 2021). 

[bookmark: _Toc179211266][bookmark: OLE_LINK17]3.4 Model Performance
In this study, multiple statistical models will be evaluated using standard metrics to assess their performance in explaining the gender pay gap within the organization. The following methods will be used to determine the robustness and reliability of the models:

Adjusted R-squared
The Adjusted R-squared value assesses the goodness-of-fit of regression models. Unlike regular R-squared, which increases with the introduction of more variables regardless of their relevance, Adjusted R-squared accounts for unnecessary predictors. This makes it a more reliable metric when comparing models with varying numbers of independent variables(Kutner et al., 2005). This measure will help determine how well the independent variables (e.g., gender, seniority, department, job title) explain the variance in base salary, accounting for the complexity of the models.

P-values
The p-value of each independent variable will be analyzed to determine statistical significance. The variable is considered to have a significant impact on the dependent variable (base salary) at a 5% significance level when the p-value falls below 0.05(Andrade, 2019). The key focus will be on the p-value associated with gender to assess whether it is a significant predictor of salary after accounting for factors such as seniority, department, and education.

F-statistics
The F-statistic is used to measure the overall relevance of a regression model by testing whether the independent variables, taken together, significantly affect the dependent variable. A larger F-statistic, combined with a low p-value, indicates a strong model fit, showing that the independent variables together explain a substantial part of the variation in base salary(Stock and Watson, 2014).

Model Comparison
Multiple regression models will be developed, each progressively adding additional control variables such as department, education, and job title. These models will be compared based on their Adjusted R-squared values, F-statistics, and p-values. The model that best balances explanatory power and simplicity, without introducing multicollinearity, will be selected as the preferred model for analyzing the gender pay gap.


[bookmark: _Toc179211267]FINDINGS AND DISCUSSION
[bookmark: _Toc179211268]4.1 Gender Diversity Overview
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Figure 4-1: Dender Diversity in different department 

The graphical representation in Figure 4-1 illustrates the dispersion of employees, categorized by gender, across different departments within the organization. In total, there are 532 men and 468 women, highlighting an overall gender disparity within the organization. This imbalance is evident across individual departments, where male workers outnumber their female counterparts in every business function.


[image: ]
Figure 4-2: Job Title Across Gender

The dataset reveals a striking gender imbalance in job roles, with marketing associates being predominantly female, while software engineering positions are overwhelmingly filled by males. This indicates a clear pattern of occupational gender segregation within these fields. Another noteworthy observation is the underrepresentation of women in managerial roles within the organization. Specifically, 9% of the employees hold managerial positions, out of which 72 are men and only 18 are women. This highlights the significant gender disparity at the management level.

[image: ]
Figure 4-3: Gender Diversity Between Education and Seniority

Figure 4-3 illustrates the distribution of gender across various levels of educational attainment and seniority. The data suggests that a larger proportion of men hold advanced qualifications, such as master’s and PhD degrees, indicating that more males are engaged in professions that require higher educational qualifications, like software engineering. Conversely, the data shows a slightly higher percentage of women with a college degree compared to their male counterparts. Additionally, the figure reveals that, apart from the highest seniority tier, men generally occupy more senior positions within the workforce than women.

[image: ]
Figure 4-4: Gender Diversity Between Department and Seniority 

Figure 4-4 demonstrates gender diversity across various departments and seniority levels. It is notable that men not only dominate managerial roles but also occupy more senior positions compared to women. In the operations department, a comparable trend is observed, albeit with a higher representation of experienced female employees who have been with the organization for more than five years. In contrast, women in the sales department seem to hold higher-ranking positions compared to their male counterparts.





[bookmark: _Toc179211269]4.2 Independent T test
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Table 4-1: Gender-based differences in Average base pay
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Table 4-2: Gender-based differences in Average bonus pay
As shown in Table 4-1, the average base salary for male employees is $98,457.55, while female employees have an average base salary of $89,942.82. This results in a difference of $8,514.73, with men earning more on average than their female counterparts. The t-test results, performed under both equal and unequal variance assumptions, confirm that this difference in base salary is statistically significant.

In contrast, Table 4-2 reveals that the average bonus for male employees is $6,461.13, while female employees receive a slightly higher average bonus of $6,474.01. However, the t-test conducted on independent samples does not reveal any statistically significant disparity in bonus pay between male and female employees, suggesting that gender has no impact on bonus compensation.

[bookmark: _Toc179211270]4.3 The Regression Analysis
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Table 4-3: Gender Wage Gap Analysis 
As shown in Table 4-3, four regression models were developed. Model 1 serves as the baseline, incorporating only age, seniority, performance, and gender. The subsequent models expand upon this by adding department (Model 2), education (Model 3), and job title (Model 4) as dummy variables. This multi-model approach was employed to address concerns about multicollinearity and the dummy variable trap, issues common when using many categorical variables(Stock and Watson, 2014). 

The male dummy variable's coefficient in each model quantifies the pay disparity attributed to gender within the organization. In the first three models, this coefficient shows statistical significance at the 1% level. The projected gender wage disparity is £10,187.43 in Model 1, £10,149.72 in Model 2, and £9,778.02 in Model 3. Additionally, the highest average base salary is observed among employees in the sales department, with a coefficient of £6,178.64, using administration as the baseline category. Model 3 also shows an education premium, where employees holding a PhD or master's degree earn £8,073.01 and £6,128.69 more, respectively, than those with only a high school diploma.

A notable observation in Model 4 is that, after controlling for job roles, the gender pay gap becomes statistically insignificant. This suggests that the observed wage differences are more attributable to job-specific factors than to gender. In Model 4, drivers serve as the reference category for comparison. Managers are the highest earners in the organization, with an average base salary £35,604.46 higher than drivers. Software engineers also rank high, earning £17,134.55 more than drivers on average. Conversely, marketing associates are among the lowest earners, with an average income £12,675.40 lower than drivers.

[bookmark: _Toc179211271]4.4 Main Findings for the Organization 
[bookmark: OLE_LINK1]A significant insight from the statistical results points to a marked gender-based division in job roles within the company. As highlighted by Meulders et al. (2010), gender segregation is the phenomenon where men and women are unevenly distributed across various sectors and positions. In this company, nearly all software engineer roles are held by male employees, while female employees predominantly occupy marketing associate positions. This exemplifies horizontal segregation, where men and women are concentrated in distinct roles, with males in software engineering and females in marketing(Meulders, 2010).

Additionally, the analysis highlights significant vertical segregation. As described by Eurofound (2022), vertical segregation pertains to the restricted chances of advancement in a specific organization or industry for individuals of a certain gender. This restriction often results in gender inequalities, including pay disparities. Figure 4-2 shows that the managerial positions in the organization are overwhelmingly occupied by men, providing strong evidence of vertical segregation, as women seem to face more barriers in ascending to higher-level roles.

Both horizontal and vertical segregation contribute significantly to the organization’s gender pay gap. To address this, the company must work toward reducing the concentration of women in lower-paying roles, such as marketing associates, and men in higher-paying roles, like software engineering. Furthermore, expanding career advancement opportunities for women is crucial to increasing their representation in management positions. Organizational change is necessary to reduce gender bias in both recruitment and promotion processes.

Moratti (2020) highlights that women often face disadvantages in companies where recruitment, promotion, and salary negotiations lack formal structures and transparency. Without clear criteria, decisions may be influenced by "social cloning", where those in power favor individuals like themselves for promotion or wage increases. Moreover, informal networks, often male-dominated, can further hinder women’s access to advancement opportunities. Implementing formal human resource procedures is essential for change, including developing clear and objective criteria for recruitment and promotion(Lalanne and Seabright, 2022).

Additionally, providing clear information on salary ranges may help to reduce gender disparities during wage negotiations. Bowles et al. (2005) found that men typically achieve better outcomes in negotiations, but when both genders are given transparent information about salary ranges, this advantage disappears. This approach is expected to remove some barriers to women’s progression in the workplace.
[bookmark: _Toc179211272]4.5 Discussion on Research Questions and Hypothesis
Research Question 1: How do horizontal and vertical gender segregation contribute to the gender pay gap within the organization?
The descriptive analysis, as reflected in Figure 4-1 and Figure 4-2, clearly indicates the presence of horizontal segregation, with male employees dominating roles such as software engineers, while female employees are predominantly marketing associates. This occupational segregation is significant in driving the gender wage gap, as highlighted by the differences in average base salaries across job roles. In addition, the presence of vertical segregation can be observed through the inadequate representation of females in managerial roles, as shown in Figure 4-3 and Figure 4-4. With only 18 out of 90 managerial roles occupied by women, there are barriers preventing women from advancing to senior positions.

These findings align with Hypothesis 1, which suggested that gender segregation—both horizontal and vertical—would significantly contribute to the gender pay gap. The regression models, particularly Model 4, show that the gender pay gap becomes statistically insignificant once job title is controlled for, indicating that job roles are key in explaining the observed pay disparities.

Research Question 2: Does controlling job-related factors such as education, seniority, and department diminish the observed gender pay gap?
The findings from the regression analysis provide evidence that job-related variables significantly contribute to elucidating the disparity in wages between genders. As demonstrated in Model 3 and Model 4, controlling for education, department, and job title progressively reduces the effect of gender on base salary. In the earlier models (Model 1), the coefficient for the male variable was statistically significant, with male employees earning approximately £10,187 more on average. However, after controlling for job-specific factors, the gender variable becomes statistically insignificant, as shown in Model 4, where the difference drops to £1,132 and is no longer significant (p = 0.137).

This outcome aligns with Hypothesis 2, which posited that controlling for education, seniority, and department would reduce the gender pay gap. The findings validate that a considerable proportion of the wage disparity can be accounted for by variances in job responsibilities and other work-related elements, rather than any form of gender bias in compensation policies.

The findings from the descriptive and regression analyses provide substantial support for both hypotheses. Horizontal and vertical segregation play a critical role in shaping the gender pay gap within the organization, and controlling for job-related factors significantly reduces the observed disparities. These results emphasize the need to address structural inequalities, such as unequal access to higher-paying roles and limited career progression opportunities for women, to close the gender pay gap.

[bookmark: _Toc179211273]4.6 Ethical Concerns
This research does not require participants to engage in activities outside of their normal routines, nor does it involve any behaviors that could be considered intrusive to their personal privacy. Consequently, employee consent or authorization is not necessary for this study. The dataset is fully anonymized, containing no identifying details that could link the information back to individual employees. The researcher will securely store the data on both the university's cloud system and their personal computer, with password protection applied to ensure its safety. Moreover, the researcher will not share the dataset with any third party without prior approval from the course leader or the university. In conducting the analysis, the researcher has adhered to academic standards and regulatory guidelines. The dataset remains unaltered to fit any predetermined results, ensuring that any replication of the analytical approach used in this study would yield the same outcomes.







[bookmark: _Toc179211274]CONCLUSION
[bookmark: _Toc179211275]5.1 summary of the Findings
This study presents a comprehensive analysis of the gender pay gap within the organization, exploring the impact of horizontal and vertical gender segregation on wage disparities. Descriptive statistics show a clear pattern of horizontal segregation, where male employees are disproportionately represented in higher-paying technical roles, such as software engineering, while female employees are concentrated in lower-paying roles like marketing associates. These findings align with prior studies that highlights gender-based occupational segregation as a primary factor driving wage disparities(Finley, Hall and Marino, 2022).

Moreover, the examination uncovered evidence of vertical segregation, with a conspicuous underrepresentation of women in managerial positions. Despite constituting a significant proportion of the labor force, women hold significantly fewer leadership roles, thereby impeding their opportunities for career advancement and perpetuating persistent wage disparities. This aligns with studies suggesting that structural barriers, including limited career advancement opportunities for women, perpetuate gender wage gaps in organizations(Cortes, Oliveira and Salomons, 2020).

The regression analysis further supports the notion that gender is a significant determinant of base salary until job-related factors are controlled for. In Model 1, which does not include job-specific variables, the male coefficient indicates a statistically significant pay difference, with men earning considerably more than women on average. However, as Models 2 through 4 progressively control for variables such as department, education, and job title, the effect of gender diminishes, becoming statistically insignificant in Model 4. This suggests that job-specific factors, such as occupational role and level of education, largely explain the gender pay gap within the organization, which argues while direct gender discrimination in pay-setting has decreased, structural inequalities in job roles and career paths continue to drive wage disparities.

[bookmark: _Toc179211276]5.2 Limitations and Ethical Concerns 
While this study provides valuable insights into the gender pay gap within the organization, several limitations should be acknowledged. The first limitation concerns the reliance on secondary data from Glassdoor, which may introduce self-reporting bias. Employees may have inaccurately reported their salaries, either intentionally or unintentionally, which could affect the validity of the wage data. Self-reported data often lacks the rigor and verification that accompanies primary data collection methods, and the resulting analysis may therefore not fully capture the actual salary structures within the organization(Gideon et al., 2019). This limitation is particularly relevant when exploring sensitive topics like wage inequality, where respondents may be influenced by social desirability bias.

Another limitation is the inability of the dataset to account for non-monetary compensation or performance-based bonuses that may vary by gender. While the regression models controlled for base salary and department-specific factors, they did not include more nuanced aspects of compensation, such as stock options, long-term incentives, or performance reviews, which are often key drivers of overall compensation. Excluding these variables from the analysis may overlook potential areas of disparity that contribute to the broader wage gap(Hirsch and Lentge, 2022).

Also, the analysis did not control for personal characteristics such as hours worked, family responsibilities, or preferences for flexible work arrangements. Research has shown that these factors can significantly impact career progression and pay disparities, particularly for women(Bear, 2021). Without access to such variables, the current study may not fully capture the complex interplay between gender, work-life balance, and compensation. 

Ethical Concerns
This study adhered to ethical guidelines for the use of secondary data, ensuring that all data remained fully anonymized and that no personally identifiable information was included. The Glassdoor dataset was obtained from publicly available sources, which reduces the risk of privacy violations. However, it is essential to consider the ethical implications of using self-reported data. Since employees voluntarily submit salary information, there is a risk that their motivations for reporting may not align with the goals of the research, potentially introducing bias into the dataset(Tempini, 2023).

Furthermore, the analysis must be conducted with transparency and honesty. It is critical to avoid manipulating data to achieve desired results or conclusions, particularly when dealing with sensitive issues like gender inequality. The researcher must take care to present findings objectively, while also acknowledging potential limitations in the data and methodology(Hodgins and O’Connor, 2021). In line with the principles of academic integrity, the study-maintained transparency throughout the analytical process and did not engage in any practices that could mislead stakeholders or participants.

Lastly, there are broader ethical considerations related to the use of such findings in organizational settings. While the study highlights gender disparities, it is important that organizations use this data to promote equity rather than reinforce stereotypes. Any recommendations derived from the analysis should aim to foster inclusivity and equal opportunity, aligning with best practices in human resources and ethical decision-making(Cho et al., 2021).

[bookmark: _Toc179211277]5.3 Further Research 
This study offers valuable insights into the gender pay gap, yet several areas warrant further exploration to deepen understanding. Future research should extend to non-monetary compensation and performance metrics, such as stock options or long-term incentives, which can provide a fuller picture of total compensation disparities between genders(Hirsch and Lentge, 2022). Moreover, an investigation into negotiation behavior and the influence of gender norms on wage negotiations would facilitate the identification of how these factors contribute to disparities in pay(Reyes, Dinh and Salas, 2021). 

One important area for future investigation involves the examination of intersectionality, which examines how variables such as race, age, and ethnicity intersect with gender to impact discrepancies in wages. This would enable a more nuanced understanding of how multiple forms of inequality affect pay gaps(Budig, Lim and Hodges, 2021). Longitudinal studies tracking the effectiveness of equity initiatives over time are also crucial to evaluate whether diversity interventions lead to sustained improvements in pay equity(Wright et al., 2022).

Cross-industry and cross-country comparisons would offer broader insights into the structural drivers of wage inequality, while investigating how organizational culture and leadership impact gender disparities could inform more inclusive practices(Borrowman and Klasen, 2020).




[bookmark: _Toc179211278]RECOMMENDATIONS 
Establish Transparent Recruitment and Promotion Processes
The organization should develop and implement transparent recruitment and promotion procedures to reduce gender bias. A formalized hiring process with clear criteria for job roles and career advancement will help ensure that all employees, regardless of gender, are evaluated based on merit. The organization should conduct regular pay equity audits to monitor compensation across departments and roles, identifying potential gender-based discrepancies. Establishing pay transparency, where salary ranges are disclosed during recruitment and performance reviews, would reduce negotiation-related disparities and ensure fairness in pay-setting.

Address Horizontal Segregation by Encouraging Gender Diversity in High-Paying Roles
To address the issue of horizontal segregation contributing to gender pay inequality, companies can implement several targeted strategies in an integrated approach. First, they should work to increase the representation of women in traditionally male-dominated fields through recruitment initiatives, mentorship programs, and partnerships with educational institutions. This will encourage more women to pursue careers in these sectors. Second, companies can establish leadership development programs specifically for women, providing training and mentorship to help them acquire the necessary skills for advancement. Finally, organizations should regularly review their promotion systems to identify and eliminate any potential barriers that may hinder women's progression into management roles. By combining these efforts, businesses can create a more equitable and inclusive workplace, helping to close the gender pay gap.

Foster an Inclusive Work Culture
Companies must stay aligned with contemporary values by fostering an inclusive workplace culture. This involves promoting diversity in work teams and ensuring that the workplace environment supports inclusion. Regular leadership training is essential, particularly for those in positions of power, to mitigate unconscious biases, especially in promotion decisions. An inclusive organizational culture should enable employees to voice concerns, share experiences, and receive mentorship and support from colleagues. To reinforce these values, organizational leaders must actively engage in these efforts, demonstrating their commitment to gender inclusion and equality. By doing so, companies can not only improve workplace culture but also make strides toward greater gender equality.
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Descriptive statistics   O utputs   

G ender   Mean  Std. Deviation  Std. Error Mean  

Female   (468 )  89942.82  24378.278  1126.886  

M ale   (532)  98457.55  25517.52  1106.325  
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Levene's Test for Equality of Variances  

F  Sig.   

0.676  0.411  Equal variances assumed  
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t - test for Equality of Means  

t - statistics  df  Sig.  (2 - tailed)  Mean  Difference  Std. Error  Difference  95% Confidence  Interval of the  Difference   

Lower   Higher  

5.376   ***  998  0 .000  8514.727  1583.81  5406.747  11622.706  Equal  variances  assumed  

5.392   ***  991.219  0 .000  8514.727  1579.186  5415.796  11613.658  Equal  variances  not assumed  

 


image9.emf
Descriptive statistics   O utputs   

G ender   Mean  Std. Deviation  Std. Error Mean  

Female   (468 )  6474.01  2009.473  92.888  

M ale   (532)  6461.13  2001.756  86.787  
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Levene's Test for Equality of Variances  

F  Sig.   

0.243  0.622  Equal variances assumed  

 


image11.emf
t - test for Equality of Means  

t - statistics  df  Sig.  (2 - tailed)  Mean  Difference  Std. Error  Difference  95% Confidence  Interval of the  Difference   

Lower   Higher  

- 0.101  998  0.919  - 12.879  127.091  - 262.276  236.518  Equal  variances  assumed  

- 0.101  980.85  0.919  - 12.879  127.123  - 262.343  236.584  Equal  variances  not assumed  
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 Model 1  Model 2  Model 3  Model 4  

(Constant)  19325.911 ***   (0.000)  16293.58 ***   (0.000)  16576.41 ***   (0.000)  17283.73 ***   (0.000)  

A ge  1025.285 ***   (0.000)  1020.804 ***   (0.000)  1019.323 ***   (0.000)  1010.407 ***   (0.000)  

S eniority (Year of works)  9601.627 ***   (0.000)  9594.394 ***   (0.000)  9491.698 ***   (0.000)  9723.294 ***   (0.000)  

Perceval  - 407.98   (0.236)  - 409.703    (0.229)  - 528.784    (0.118)  93.883    (0.699)  

M ale  10187.431 ***   (0.000)  10149.72 ***   (0.000)  9778.023 ***   (0.000)  1132.931   (0.137)  

E ngineering     4503.108 ***   (0.004)    

M anagement     5084.785 ***   (0.001)    

O perations     544.114   (0.721)    

S ales     6178.643 ***   (0.000)    

B achelor  degree    1731.393   (0.199)   

M asters      6128.695 ***   (0.000)   

PhD    8073.01 ***   (0.000)    

D ata   scientist     3769.524 **  
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D ata   scientist     3769.524 **   (0.014)  

F inancial   analyst     6948.336 ***   (0.000)  

G raphic   designer     1379.584   (0.38)  

S elf  employed       2036.46   (0.197)  

M anager       35604.46 ***   (0.000)  

M arketing   associate     - 12675.4 ***   (0.000)  

S ales   associate     3530.275 **   (0.026)  

S oftware   engineer     17134.55 ***   (0.000)  

W arehouse   associate     2262.817   (0.159)  
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 Model 1  Model 2  Model 3  Model 4  

R - square  0.631  0.640  0.647  0.821  

F - statistics  424.588 ***  220.622 ***  259.642 ***  347.929 ***  

P - value (F)  0.000  0.000  0.000  0  
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