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Artificial intelligence has become a central feature of contemporary retailing because it enables businesses to automate service interactions, personalise product suggestions and manage customer information at a scale that would be difficult through human service alone. Recent research identifies conversational agents, recommendation systems, prediction models and AI-enabled products as increasingly important components of customer experience across e-commerce and service settings (Noble and Mende, 2023; Peruchini, da Silva and Teixeira, 2024; Wang et al., 2024). International retailers are now on the verge of having competition from physical stores to websites to mobile apps and social media – and that customer service isn't just about working with salespeople. Product suggestions can be sent to customers through product algorithms, order-related issues can be solved through the chatbot and there may be a virtual assistant present and automated after sales support. The changes make A.I. significant beyond just as an operational technology, however; it has also become a customer facing service tool that can influence shoppers' perception of a retail business.
I would like to submit a dissertation proposal concerning herein customer satisfaction on international retail activities by implementing AI supported retail services and led service. The study is based on a simple and direct model that is a single variable in the independent and the other one in the dependent. The independent variable, AI-enabled retail service, involves customer-facing AI technologies like chatbots, recommendation systems, automated support and virtual assistants which are used throughout the shopping process. The dependent variable is the customer satisfaction, which is the overall assessment a customer, judges as to whether the retail experience is fulfilling or surpassing.
An important retail outcome is customer satisfaction, as when customers are satisfied, they are likely to keep using a retailer and have positive reactions to upcoming technology-enabled interactions with a retailer. Oliver (1980) clarifies that satisfaction is a result of the customers' comparison between their expectations and the actual performance, and recent research on chatbots reveals that there is a strong link between perceived service and conversational quality and satisfaction (Hsu and Lin, 2023). This can be in relation to speed, convenience, usefulness, accuracy, personalisation and problem-solving support in the context of an AI-enabled retail environment. AI tools can streamline the customer's journey, making it easier and faster to locate products and resolve issues, which can lead to higher customer satisfaction. They might be irrelevant, misinterpret questions and leave customers feeling like the service is impersonal and doesn't cater to their needs. The study then explores the suggested link between artificial intelligence powered retail service and satisfaction, in an international retail setting.
[bookmark: _Toc238822509]Background of the Study
With the integration of digital technologies in customer journeys, retailing has evolved in many ways. These are the areas in which artificial intelligence (AI) is currently making a significant difference in the retail industry, with the most recent reviews highlighting chatbots, recommendation systems and predictive AI use cases as key benefits of AI in retail (Sanseverino, 2021; Davenport et al., 2020; Peruchini, da Silva and Teixeira, 2024). For global retail operators, this change can be seen in the way they search for a product online, the automated service recovery process, individual value propositions, virtual product matching and data-led customer service. AI enhances these activities by being able to analyze customer data, identify patterns, answer frequently asked questions and provide real-time decision support.
Huang and Rust (2018) elaborate that AI service can be provided in various ways such as mechanical intelligence for the repetitive tasks or analytical intelligence for information processing. The latter strategy planation is related to Artificial Intelligence that they integrate in their marketing further with standardisation, personalisation and relationalisation (Huang and Rust, 2021). For a retail organization this is applicable with respect to a great deal of recurring questions, comparing products, updating them on delivery, giving them instructions on how to return the product or providing product suggestions. The evidence associated with AI Shopping further reveals that the customers consider service quality and convenience in combination with the value added by AI as part of the shopping service experience (Ameen et al., 2021). AI can then make efficiency more possible, however, whether or not this is for the benefit of the customer will rely on whether these capacities are utilized and created satisfying connections.
International retail businesses are appropriate choice for this research as they involve, deliver goods and services to large and diverse groups of customers in markets. They have to handle a significant number of interactions, over time of day, language, channels and product category. AI-powered tools can automate various components of service, maintain consistency and personalization across various touchpoints, and streamline certain tasks. The literature reveals AI has the potential to redefine personalisation, flexibility, integration and connectivity in the customer experience, on the other hand customer facing technologies can impact convenience, control and engagement (Calvo, Franco and Frasquet, 2023; Grewal et al., 2020). AI assisted product research also shows that during customer interactions with systems, factors such as information collection, need interpretation, task completion and communication are all taken into consideration by the customers in evaluating AI (Wang et al., 2024).
This emphasis is in-line with the literature surrounding customer experience as customers assess a business in a variety of touchpoints and not with one particular interaction. Lemon and Verhoef (2016) present their customer experience in 3 phases: The Pre-purchase stage, the purchase stage and the post-purchase stage. AI-customer experience research conducted recently shows that the chatbots, recommender systems and AI-based products act at these stages and can influence, both functional and experiential, evaluations (Peruchini, da Silva and Teixeira, 2024; Wang et al., 2024). AI can assist customers with search function prior to purchasing, assist during the checkout process and give automated support post purchase. Thus, customer satisfaction is a suitable measure to assess if AI has had a positive impact throughout the retail experience.
[bookmark: _Toc238822510]Research Problem
While the international retail sector has been increasingly adopting service tools powered by Artificial Intelligence, not all of these tools deliver the much-needed value to the customer. While retailers can use artificial intelligence to decrease the expenses of services, enhance the response rate or handle data-driven marketing, customers will judge AI based on the performance and results of the service encounter. Research on AI capabilities and Customer Experience (CX) with front-line AI-powered chatbots has revealed that dimensions such as convenience, and characteristics of information quality, interaction quality and problem solving can contribute to positive outcomes, while values like intrusive personalisation or lack of system capabilities can negatively affect the value (Ameen et al., 2021; Canhoto, Keegan and Ryzhikh, 2024; Chen et al., 2022). While a chatbot that eases the burden on staff might cause frustration among customers if it doesn't understand an issue, a recommender system that opens sales opportunities can lead to customer dissatisfaction, when recommendations are irrelevant or intrusive.
This turns into a real-world problem that can be solved using research techniques. While AI-driven retail service can enhance satisfaction by streamlining processes and presenting a more convenient and personalized experience, its potential to erode satisfaction is just as great when it comes off as impersonal, lacks accuracy, is intrusive or problematic to use. Grewal et al. (2021) outline the positive and negative effects of AI in Consumer-facing environments and Puntoni et al. (2021) indicate that the consumption of AI can include value creation as well as autonomy, classification and data capture concerns. So, the use of AI cannot be the only tool to ensure customer satisfaction.
This is particularly crucial in international retail, where customers have the ability to compare retailers via a multitude of digital service channels and alternatives. The evidence based on online shopping assistance indicates that AI can excel at fulfilling structured and functional requirements, but can struggle with the experiential and emotionally complex needs (Ruan and Mezei, 2022). In addition to the degree of chatbot automation, conversational and electronic service quality are important factors influencing chatbot satisfaction (Hsu and Lin, 2023). International retailers, therefore, require evidence as to when AI-powered service will help them satisfy and when it will hinder. In this dissertation, the problem was investigated by firstly conducting secondary research to critically evaluate AI enabled retail service and customer satisfaction.
[bookmark: _Toc238822511]Research Gap
The relevance of AI in the service sector, in marketing and customer experience has been well documented in existing literature. The studies of Huang and Rust (2018) and Davenport et al. (2020) present basic service theory of AI and AI impact to marketing strategy/customer interaction, respectively. Ameen et al., (2021) discuss AI-driven customer experience in terms of service quality, convenience and trust issues, while Hsu and Lin, (2023) demonstrate that chatbot quality has an impact on customer satisfaction and loyalty. These studies have already shown themselves to be relevant to customer experience and satisfaction—in relation to AI.
A gap, however, could be identified within the international retail literature that reports that international retail operations are focused. There are many studies that have been conducted which have employed more general models with constructs like trust, loyalty, engagement, perceived sacrifice, behavioural intention and continuance intention. These models offer useful explanations, but can complicate the process of teasing out conclusions of customer satisfaction from the evidence. A direct approach focussed on AI-powered retail service and customer satisfaction thus gives meaning to the organisation of, and acts as a starting point for critical reflection on, the secondary evidence.
The second gap is that AI satisfaction studies tend to be more limited in that they may concern a single technology, or one type of service configuration. Hsu and Lin (2023), for instance, has evidenced customer service chatbots, and Ruan and Mezei (2022) evaluate chatbots that provide online shopping support and contrasts it with real-life human frontline workers. These are great studies; however, they do not necessarily reflect the overall customer-facing AI service experience with retail operations globally. Recommendations, automated search and support via chat bots and post-purchase support can all be part of one shopper journey. So, it is necessary to have a wider view of the role of retail services and the conceptual model can only be extended to one independent variable and one dependent variable.
The third gap is of a practical nature. Though AI is an innovation that is sold to retailers every day, customer satisfaction is key on whether AI enhances the customer experience. The result by Grewal et al., (2020) indicates that technologies in the retail sector can impact convenience, involvement and control for the customers and the result of Canhoto, Keegan and Ryzhikh, (2024) indicates that AI-powered personalisation can be of value, but also gives rise to privacy concerns, relevance and customer expectations. This dissertation aims at filling in this lacuna by carrying out an evaluation of AI-enabled retail service and customer satisfaction using structured synthesis approach as an independent and a dependent variable respectively.
[bookmark: __RefHeading___Toc4248_2866105685][bookmark: _Toc238611785][bookmark: _Toc238822512]Research Aim, Objectives, Questions and Analytical Proposition
Research aim: The aim of this study is to critically evaluate the relationship between AI-enabled retail service and customer satisfaction in international retail businesses through secondary research.
Research objectives:
· To review recent academic literature on customer-facing AI-enabled services in international retail businesses.
· To critically evaluate evidence concerning the relationship between AI-enabled retail service and customer satisfaction.
· To identify the conditions under which AI-enabled retail service improves or reduces customer satisfaction.
· To provide evidence-based recommendations for international retail businesses on using AI-enabled service to support customer satisfaction.
Research questions:
1. How is AI-enabled retail service presented and evaluated in recent international retail literature?
2. What does current evidence indicate about the relationship between AI-enabled retail service and customer satisfaction?
3. What factors explain positive and negative customer satisfaction outcomes in AI-enabled retail service?
Analytical proposition: P1: Higher-quality AI-enabled retail service is generally associated with higher customer satisfaction in international retail businesses.
[bookmark: __RefHeading___Toc4250_2866105685][bookmark: _Toc238611786][bookmark: _Toc238822513]Conceptual Framework
The conceptual framework presents a proposed relationship between AI-enabled retail service and customer satisfaction. The independent variable is AI-enabled retail service, including customer-facing tools that support product search, recommendations, automated customer service, problem solving and shopping convenience. The dependent variable is customer satisfaction, including the customer's overall evaluation of the AI-supported retail experience and the extent to which the experience meets expectations.
The framework is supported by AI service, retail technology and satisfaction literature. AI service theory explains how automation and analysis can support different service tasks (Huang and Rust, 2018; Huang and Rust, 2021). Current retail and AI-enabled product research shows that technology can influence convenience, personalisation, consistency, task completion and the wider customer experience (Grewal et al., 2020; Wang et al., 2024). Expectation-Disconfirmation Theory explains that satisfaction is shaped by whether perceived performance meets or exceeds expectations (Oliver, 1980). The review therefore evaluates whether stronger AI-enabled retail service is associated with higher customer satisfaction across the existing evidence.
	Independent Variable
	Relationship
	Dependent Variable

	AI-enabled retail service
	Proposed relationship
	Customer satisfaction


[bookmark: __RefHeading___Toc4252_2866105685][bookmark: _Toc238822609][bookmark: _Toc238611787]Figure 1.1. Conceptual framework of the study
[bookmark: _Toc238822514]Significance of the Study
The study is academically relevant as it adds to the discussion on AI in retail with a focus on customer satisfaction as the outcome. Previous studies tend to lump satisfaction together with trust and loyalty, purchase intention or continuance intention. A secondary review can be focused to better understand what current evidence shows about the relationship between AI-enabled service performance and satisfaction while maintaining a simple conceptual framework. The study also relates the AI service theory with Expectation-Disconfirmation Theory, which is to ensure that the analysis is based on existing theories and the latest research in the field of retail.
The study has also practical implications for international retail companies. While retailers are investing in AI to boost efficiency, the effectiveness of these tools hinges on customer response. A critical synthesis of the literature can help to determine which factors of AI-enabled service, such as convenience, responsiveness, personalisation and reliability, are consistently associated with satisfaction and which conditions result in negative reactions. The insights gained from the evidence can inform decisions on chatbot quality, accuracy of recommendations, transparency, integration of channels, and access to human support.
[bookmark: _Toc238822515]Scope of the Study
This study focuses on published evidence of customer-facing AI-enabled retail services that are used by international retail businesses. Technologies like chatbots, product recommendation systems, automated product search, virtual assistants and AI-supported after-sales service are the focus of the review. Because customers don't directly experience them, internal AI systems like inventory forecasting, logistics optimisation, warehouse automation and employee scheduling are not included.
The dissertation is secondary research and does not involve collecting data from customers or other human subjects. The evidence base will be primarily comprised of peer-reviewed journal articles related to retail, e-commerce and similar customer-service environments. Studies published after 2020 will be given priority as the capabilities and applications of AI are rapidly evolving, and studies published before 2020 will be included only if they offer a foundational theory or measurement concept. Not all retailers or AI tools will be compared individually, but rather evidence will be synthesised to understand the overall connection between AI-powered retail service and customer satisfaction in international retail settings.
[bookmark: _Toc238822516]Overview of Research Methodology
The study is qualitative secondary research that is based on structured thematic literature review. The study is suitable for secondary research as no primary data will be collected and the study aims to assess the existing empirical studies and their explanation of the relationship between AI-enabled retail service and customer satisfaction. A literature review can serve as a research methodology if the sources are clearly identified, critically assessed and combined to answer a research question (Snyder, 2019).
Peer-reviewed journal articles will be identified using academic databases and publisher platforms with combinations of terms related to artificial intelligence, retail, customer service, customer experience and customer satisfaction. Appropriate evidence will be identified and arranged in thematic clusters, with a comparison of research contexts, methods, findings and limitations. Themes to be analysed will include responsiveness, convenience, usefulness, personalisation, reliability and privacy and human interaction. The ethical use of secondary data will be based on transparent reporting, accurate citation and faithful representation of published findings (Braun and Clarke, 2021).
[bookmark: _Toc238822517]Structure of the Dissertation
This dissertation consists of five chapters. Chapter 1 introduces the topic, background, research problem, research gap, aim, objectives, research questions, analytical proposition, conceptual framework, significance, scope and overview of the secondary research methodology. Chapter 2 critically reviews literature on AI-enabled retail service and customer satisfaction, and establishes the theoretical and conceptual foundation. The secondary research philosophy, search strategy, inclusion and exclusion criteria, source evaluation, data extraction, thematic analysis and ethical considerations are explained in chapter 3. The themes and findings from the critical synthesis of secondary evidence are presented in chapter 4. The findings, conclusions, implications, limitations and recommendations for international retailers and future research are discussed in Chapter 5.


[bookmark: __RefHeading___Toc4260_2866105685][bookmark: _Toc238611791][bookmark: _Toc238822518]Literature Review
[bookmark: __RefHeading___Toc4262_2866105685][bookmark: _Toc238611792][bookmark: _Toc238822519]Introduction
AI has moved from a largely operational technology to a visible part of the retail customer experience. Recommendation engines, conversational agents, virtual assistants, automated product search, self-service interfaces and data-driven personalization now support customers before, during and after purchase. Recent research shows that AI-customer experience scholarship is concentrated around chatbots, prediction models and recommendation systems, while AI-enabled products and retail personalization can create both functional value and customer concerns (Canhoto, Keegan and Ryzhikh, 2024; Peruchini, da Silva and Teixeira, 2024; Wang et al., 2024). These applications may reduce search effort and provide immediate, relevant assistance, but they can also create frustration when responses are inaccurate, intrusive, difficult to use or poorly suited to emotional and complex service problems. AI-enabled retail service should therefore be understood as a potential source of both value and risk rather than a straightforward route to improved customer outcomes (Grewal et al., 2021; Puntoni et al., 2021).
This chapter critically presents and interprets literature on the proposed relationship between AI-enabled retail service and customer satisfaction. The independent variable is AI-enabled retail service, defined as customers' evaluations of AI applications used during retail interactions. The dependent variable is customer satisfaction, defined as an overall evaluation of whether the shopping and service experience meets or exceeds expectations. The review first considers the development and use of AI in retail, then evaluates the dimensions through which customers assess AI-based service. It subsequently examines positive and negative effects, synthesises evidence on the relationship between AI and satisfaction, places the evidence within an international retail context, identifies the research gap and develops the theoretical and conceptual framework. Trust, loyalty and behavioural intention are discussed only where they help explain the relationship between the two central variables.
[bookmark: __RefHeading___Toc4264_2866105685][bookmark: _Toc238611793][bookmark: _Toc238822520]Scope and Approach of the Literature Review
A structured thematic review of peer-reviewed articles on AI, retail service, customer experience and satisfaction is utilized in this chapter. Studies published after 2020 are given priority and older studies are included only if the theory or measurement is fundamental. Comparisons are made between studies in terms of their theory, method, context, findings and limitations to critically evaluate any recurring patterns and contradictions (Snyder, 2019; Braun and Clarke, 2021).
[bookmark: _Toc238822521]Artificial Intelligence in the Retail Sector
Retail AI includes systems that can analyse data, recognise patterns, foretell customer behaviour, suggest products and engage with customers. Huang and Rust (2018) differentiate between mechanical, thinking and feeling intelligence. Mechanical intelligence is for standardisation of repetitive tasks, thinking intelligence is for analysing information and helping decision making and feeling intelligence is for emotion recognition and response. This distinction is helpful as a retail application will need different capabilities. Automated order updates are mostly mechanical; recommendation systems are mostly analytical and customer-service chatbots might be called upon to be more relational. Huang and Rust (2021) then draw parallels between these capabilities and the standardisation, personalisation and relationalisation of marketing, emphasising the importance of using the right AI capability for the right service job.
AI is also enmeshed in wider shifts in retail customer experiences. Cao (2021) highlights four key value-creation logics for retail AI: automation, hyper-personalisation, complementarity and innovation; and Grewal et al. (2020) demonstrate how some customer-facing technologies can impact customers' convenience and information access, but also their sense of control and social interaction. Davenport et al. (2020) also equate AI with prediction, personalisation and automated interaction. But much of this literature is conceptual or organisation-centric and focuses on what businesses can do with AI, rather than how customers assess service that has been augmented by AI. This difference is of paramount importance in the present study as the operational efficiency can only be of value to the customer if it also enhances the service experience.
AI can be used to aid customers throughout the retail journey. Products can be filtered by algorithm and options suggested before purchase, chatbots and virtual assistants can compare product features, answer questions and assist with checkout, and automated systems can update delivery information, offer guidance for returns and service-recovery after purchase. Lemon and Verhoef (2016) describe the different phases of customer experience – pre-purchase, purchase and post-purchase – and recent research on AI and customer experience shows that bots, recommendations and AI-powered products are active at multiple stages of the customer journey (Peruchini, da Silva and Teixeira, 2024; Wang et al., 2024). Thus, AI in retail services must be seen not just as a technological component, but as part of a holistic customer experience. While a good recommendation tool can't make up for the lack of a good automated complaint handling system, a quick chatbot can't make up for the lack of human help.
[bookmark: _Toc238822522]AI-Enabled Retail Service as the Independent Variable
AI-enabled retail service is any service that customer-facing that is delivered, assisted or customized with AI. It features chatbots, virtual shopping guides, automated product search, product recommendations and AI-powered after-sales. It is more than just a single tool, but less than organisational AI adoption; inventory forecasting, warehouse automation and staff scheduling are not part of the construct as they are not directly experienced by customers. This boundary is to make the independent variable similar to the research question. Research shows that responsiveness, convenience, usefulness, personalisation and reliability are the key factors customers use to assess AI service, while empathy and perceived human presence are the relational factors (Ameen et al., 2021; Chen et al., 2022; Hsu and Lin, 2023).
[bookmark: _Toc238822523]Speed and Responsiveness
AI automation can decrease the waiting time and respond to common inquiries automatically. Ruan and Mezei (2022) discovered that chatbots can be more efficient than humans in functional product attributes, in part because of their ability to process information more quickly. However, fast is not the same as "resolution" – the same or irrelevant response can lead to more frustration. Thus, responsiveness can be defined as both the speediness and usefulness of the assistance provided (Parasuraman, Zeithaml and Berry, 1988).
[bookmark: _Toc238822524]Convenience and Usefulness
Convenience is a decrease in customer time, effort and difficulty. AI can make product discovery easier, give info and help customers even if the employees aren't available. Convenience and usefulness are important components of AI-enabled customer experience as identified by Ameen et al. (2021) and Ashfaq et al. (2020) associate usefulness, ease of use and information quality with satisfaction. But evidence based primarily on current users might underestimate the number of people who do not use a service, and self-service might lead to problems for customers who would prefer a human service or need accessibility support.
[bookmark: _Toc238822525]Personalisation
Use of AI can personalise support, products and messages based on customer behaviour and preferences. Personalisation is linked to omnichannel customer experience by Tyrvainen, Karjaluoto and Saarijarvi (2020) and utility, enjoyment, control and integration are important sources of value as identified by Riegger et al. (2021). But there must be transparency and the right use of data. It is possible to reconcile relevance and time saving with the issues of privacy and irritation, as demonstrated by Canhoto, Keegan and Ryzhikh (2024). Personalisation thus has the greatest potential to enhance satisfaction when it is accurate, helpful and felt to be proportionate.
[bookmark: __RefHeading___Toc4276_2866105685][bookmark: _Toc238611799][bookmark: _Toc238822526]Reliability and Service Quality
Reliability concerns the accuracy, consistency and dependability of AI service. Traditional SERVQUAL and E-S-QUAL frameworks emphasise reliability, responsiveness, efficiency, fulfilment and system availability (Parasuraman, Zeithaml and Berry, 1988; Parasuraman, Zeithaml and Malhotra, 2005). AI adds further issues because systems also communicate and predict. Chen et al. (2022) link multidimensional chatbot service quality with satisfaction, perceived value and continued use, while Hsu and Lin (2023) show that conversational and e-service quality predict satisfaction. Reliability is therefore a central indicator of AI-enabled retail service.
Relational qualities complicate AI service evaluation because customers may expect conversational systems to recognise tone, emotion and context. Pelau, Dabija and Ene (2021) show that interaction quality and perceived empathy matter more than human-like appearance alone. Crolic et al. (2022) further find that anthropomorphic design can reduce satisfaction among angry customers by raising expected capability. AI service quality therefore depends on the fit between design, actual capability and customer task.
[bookmark: __RefHeading___Toc4278_2866105685][bookmark: _Toc238611800][bookmark: _Toc238822527]Customer Satisfaction as the Dependent Variable
Customers' satisfaction is an evaluative reaction as per the contrast between the anticipated and actual performance. The theory of Oliver (1980), Expectation-Disconfirmation Theory, suggests that satisfaction can be achieved when the actual performance level is equal to or above the expected level, while performance level is below the expectation, satisfaction may be resulted as dissatisfaction. This logic, in particular, is relevant for services in the retail sector that are supported by AI, in which customers can come to expect fastness, relevance, information (and error avoidance), and effective escalation. What might be a straightforward answer is accepted by a customer for the routine tracking enquiry but will not be tolerated by a customer with regards to a serious complaints. Satisfaction thus is not just a function of the output, but of the adequacy of the system's performance to the service situation and expectation of the customer.
There are constructs related to customer satisfaction that need to be differentiated from customer satisfaction. Customer experience integrates all types of reactions, whether cognitive, emotional, sensory or social and behavioural, throughout the customer journey (Lemon and Verhoef, 2016); loyalty goes beyond that and is about this future commitment; purchasing intention is about planned behaviour; and trust is about leaving oneself vulnerable. Many studies on AI are done in conjunction with satisfaction with loyalty (Hsu and Lin, 2023) or continuance intention (Ashfaq et al., 2020). These greater models are instructive but also may sometimes prevent a clear view of the direct service assessment that is the focus of this dissertation. So, customer satisfaction is the only dependent variable, which is measured by overall satisfaction, expectation fulfilment and satisfaction with the AI-supported retail service.
2.6. Positive Effects of AI-Enabled Retail Service
AI can enhance the retail service through its constant availability, processing the information, improving the service, and giving a consistent answer. Mechanical, analytical work is where AI could bring value, according to Huang and Rust (2018), while prediction and personalisation are important from the perspective of Davenport et al. (2020). The same applies with Ruan and Mezei (2022), who show better functioning for chatbots in functional product attributes. Positive effects are thus most likely to be plausible in the case of tasks which are structured, information-based and within system capability.
AI can also help improve relevance by reducing the number of products to choose from and assist customers in their decision-making process. The convenience and personalisation of AI services, their relationship with service quality and customer experience is discussed by Ameen et al. (2021) and information use, task completion and communication is discussed by Wang et al. (2024). These findings indicate that customers appreciate AI technologies when they can correctly understand the need, and works to minimize labour.
2.7. Negative Effects and Limitations of AI-Enabled Retail Service
Automation can open the door to dissatisfied customers when they receive a response that they didn't expect, when the same canned answers are delivered or when the customer is unable to go to a human agent. Tran, Pallant and Johnson (2021) reveal that there is a sectoral difference in the consumers' expectation of retail chatbots, implying that consumer sentiments are sectoral. That means that retailers shouldn't expect to get similar answers in their various products based on the same chatbot structure.
Another shortcoming is a lack of emotional insight. While AI can mimic empathy, having it sound like a human can overexpect the capability of the AI or its interactions. Crolic et al. (2022) reveal that anthropomorphism can have a negative impact on angry customers' satisfaction and Luo et al. (2019) report negative experience when customers think the chatbots have lower knowledge and/or empathy. Thus, social design alters the criteria to be used as basis for evaluation, not its acceptance.
In addition, the perception of surveillance can decrease the worth of AI personalisation, as well as privacy. The data capture and classification can bring value and decrease autonomy (Puntoni et al. 2021) and the perceived exploitation and privacy are barriers to retail personalisation (Riegger et al. 2021). Canhoto, Keegan and Ryzhikh (2024) demonstrate also that relevance does not have to dismiss issues of monitoring and controlling, but can go together with these issues. Hence, personalisation is more likely to facilitate satisfaction, when the customer understands the value exchange, and still has valuable control of the usage of their data.
But international retailers run the risk of performance disparities among languages, cultures and customer groups as well. Average technical accuracy is not necessarily a good indicator of service quality across markets as training data might not equally represent all users. Grewal et al. (2021) point out the positive and the negative attributes of AI; convenience, personalisation as beneficial and the issues of privacy, fairness and displacement as harmful. Satisfaction can thus not only be achieved through the technical deployment. Retailers need to gather data on reliability of these customer segments and ensure they are adequately protected, transparent and human supported.
2.8. AI-Enabled Retail Service and Customer Satisfaction: Critical Synthesis
In general, higher AI-enhancement of the service quality generally corresponds to higher satisfaction, but not necessarily. The relationships between usefulness, information quality and conversational service quality to satisfaction have been established by Ashfaq et al. (2020), Chen et al. (2022) and Hsu and Lin (2023). Prentice, Lopes and Wang (2020) see a similar trend in the hospitality sector but with only a small degree of transfer to retail. This relationship is corroborated by the following studies; however, the direct Satisfaction effect is more difficult to determine as these studies often include the concepts of trust, value, loyalty or continuance intention.
There are varying results depending on the comparison: AI vs human service. Previous research (Ruan & Mezei, 2022) reveals that AI chatbots are more likely to provide a higher level of satisfaction with functional product attributes, while human agents are more likely to deliver the satisfaction with experiential product attributes. Luo et al. (2019) find that customer purchases decreased with the disclosure of the chatbot when customers report decreasing perceptions of knowledge and empathy and Crolic et al. (2022) find that anthropomorphism has the potential to amplify dissatisfaction among customers in a negative mood state. The findings collectively support a task fit explanation, in which AI can achieve high performance when speed and consistency of performance or objective information are emphasized and human service can be beneficial when subjective information or emotional support or flexible problem solving are needed.
There is also a variety of outcome measures. Certain studies study the satisfaction of the Chatbot (Ameen et al., 2021; Pelau, Dabija and Ene, 2021), and others the CX, acceptance (Calvo et al., 2023), purchase intention or loyalty of the customer. Although these are related, they are not the same, and cannot be interchanged. Thus, the current dissertation focuses on perceived AI-enabled retail service and customer satisfaction rather than technology acceptance or future intention as it is not taken as a proxy of satisfaction.
2.9. International Retail Context
International retailers have to deal with markets that have various language, regulation, digital adoption rates and service expectations. While AI can automate certain aspects of service, customers' expectations for privacy, customization, and human touch and speed can vary. Calvo, Franco and Frasquet (2023) present the way that AI redefines omnichannel personalisation and integration and Canhoto, Keegan and Ryzhikh (2024) present that personalisation value is conditioned by expectations, control and privacy. So, international retail needs to be technically reliable, flexible and receptive to the local context.
2.10. Critical Research Gap
The literature offers a wealth of evidence that AI has an impact on service quality, customer experience and satisfaction, yet there are four wealth gaps that warrant for the present study. First, a large number of studies are studies which only concentrated on one technology like a chatbot or service robot. This results in a deep understanding of each individual interface, but not so much of the entire experience of recommendations, automated search, virtual assistance and post-purchase support throughout an international retail experience. However, as part of the larger construct of AI in the retail service, these customer-facing applications can be treated as a whole, avoiding the need to include additional variables in the model.
Secondly, many of the previous models have included satisfaction with overlapping constructs, such as trust, loyalty, engagement, purchase intention, perceived sacrifice or continuance intention (Ameen et al., 2021; Ashfaq et al., 2020; Hsu and Lin, 2023). These models explain more complex processes making isolation of what the literature would suggest to regard as 'satisfaction' more difficult. An even simpler model is theoretically justifiable for this dissertation as the secondary evidence can be presented around one independent variable and one dependent variable without mediators or moderators.
Thirdly, research is site specific. There are different kinds of retail evidence per product category, technology/service task and a big part of the AI-service research is generated within other sectors, such as hospitality, banking. Ruan and Mezei (2022) demonstrate that there is a difference between functional and experiential product attributes when it comes to their evaluations of AI and human service. Additionally, Peruchini, da Silva and Teixeira (2024) demonstrate that there is an imbalance in the amount of research performed in the field of AI-customer experience between different technologies and industries. The synthesis of studies addressing a number of customer-facing technologies and retail touchpoints, therefore, can be focused, and lead to a clarity about transferable evidence that is relevant to the context of international retail and where care needs to be taken in transfer.
Finally, there is balanced evidence that is inconclusive. Despite the potential benefits of AI, it can also drive privacy issues, algorithm resistance, service failures in recovery and lack of human interaction. Hence, the connection is not taken for granted to be necessarily good. The research gap isn't that they're not interested in measuring the connection between AI and satisfaction, but that what evidence exists is currently disjointed by technology, sector or measure of outcomes. Both a comprehensive secondary review and the appropriateness of a single dependent variable (customer satisfaction) and one broad independent variable (AI enabled retail service) set in an international retail context is needed.
2.11. Theoretical Foundation
The main theoretical background is that of the expectation disconfirmation theory. Oliver (1980) suggests that consumers have expectations prior to experiencing the product or service and compare the actual performance with the expectations. When the performance is as expected, confirmation is achieved, when it is better or worse than expected, positive or negative disconfirmation results. If used to enable retail service, customers can expect speed and accuracy, relevance, as well as convenience and effective problem solving. When the system is able to meet or exceed this expectation, dissatisfaction is unlikely, but when there is more effort required, blocking the ability of others to provide appropriate support, or misunderstanding is likely to result in dissatisfaction.
EDT can also account for this as the same level of performance of AI may elicit different reactions due to expectation. A human-like chatbot can cause users to assume there is understanding and empathy – requiring less patience if they are not met with the same in return. Crolic et al. (2022) demonstrate that anthropomorphism can intensify responses of angry customers and Ashfaq et al. (2020) use expectation-confirmation logic in the context of satisfaction with AI service agents. The results of these studies contributed to the disconfirmation theory as the main mechanism to relate perceived performance with satisfaction to AI.
The AI service theory is added to this explanation. Huang and Rust (2018) illustrate that various types of AI services align with a variety of service tasks and Huang and Rust (2021) link the concepts of AI capability to standardisation, personalisation and relationalisation. Mechanical and analytical functions can enhance speed and usefulness, and relational requirements can be a strain on system capability. Thus, there are two pieces of the satisfaction outcome (Expectation-Disconfirmation Theory) and AI service theory explains the service being evaluated. Though TAM and UTAUT are not adopted as primary theories, as they relate primarily to the adoption of technology and intention to use, it is still important to understand how these factors are associated with satisfaction after the AI-enabled retail interaction.
2.12. Conceptual Framework and Analytical Proposition
The conceptual framework is based on the idea that there is a causal link between retail service through the use of AI and customer satisfaction. Independent variable: AI enabled retail service which is measured by the overall perception of speed, responsiveness, convenience and usefulness, personalisation and reliability in relation to customer facing AI applications. These are measures of one construct and NOT separate independent variables. The dependent variable is customer satisfaction, which is the total score of the customer satisfaction with the AI-assisted shopping experience and the shopping/service result compared to expectations.
The framework purposefully focused. The literature suggests that perhaps trust, privacy, task type and availability of human support could have an impact on the responses of the customer, but inclusion of these factors would take the dissertation away from the core purpose. They continue to be important themes in the secondary analysis interpreted. The supporting evidence to the proposed relationship is usefulness and information quality are related to satisfaction, as is service quality and conversational quality. (Ashfaq et al., 2020; Chen et al., 2022; Hsu and Lin, 2023). The theoretical base is 'Expectation-Disconfirmation Theory' which suggests that satisfaction is more likely to occur when actual performance of the AI service does not differ, or meets or surpasses, customer expectations (Oliver, 1980).
	Independent Variable
	Relationship
	Dependent Variable

	AI-enabled retail service
	Proposed relationship
	Customer satisfaction


[bookmark: _Toc238822610]Figure 2.1 . Conceptual framework of the study
P1: Higher-quality AI-enabled retail service is generally associated with higher customer satisfaction in international retail businesses.
[bookmark: __RefHeading___Toc4294_2866105685][bookmark: _Toc238611808][bookmark: _Toc238822528]Chapter Conclusion
This chapter presented findings from a literature review of AI powered retail service–based customer satisfaction. AI has grown throughout the retail journey, from recommender systems to chatbots, automated searches and virtual assistants and service recovery tools. From literature one could determine that the customers judge these services based on speed, convenience, usefulness, personalisation and reliability, in some interactions the relational capability was brought into the discussion as well. These can help to increase satisfaction by lessening effort and aiding in making good choices. But AI can also lead to dissatisfaction, due to data intrusiveness, misaligned responses, poor empathic accuracy, and the aversion to algorithms and lack of human oversight.
Based on the synthesis, it can be maintained that AI has the highest efficiency if the level of system capability is consistent with the service task and the customer's needs. Activities that are subject, opinion or feeling tend to be more difficult to automate than activities that involve information. AI service theory is used to describe the difference in capabilities, whereas Expectation-Disconfirmation Theory is applied to customer evaluation. Hence, the identified gap provides a focused secondary evaluation on AI empowered retail servicing and retail customer satisfaction for overseas retailing companies.


[bookmark: __RefHeading___Toc4296_2866105685][bookmark: _Toc238611809][bookmark: _Toc238822529]Research Methodology
[bookmark: __RefHeading___Toc4298_2866105685][bookmark: _Toc238611810][bookmark: _Toc238822530]Introduction
In this chapter, the methodology of the impact of AI in retail services on customer satisfaction in international retail companies is explained and justified. No primary data are collected. Academic research is explored to review the impact of customer facing applications, such as chatbots, recommendation systems and virtual assistants on satisfaction in retail and related services contexts. The design expands the point of focus which was achieved in Chapter 2 while also acknowledging the variations in technologies, markets and approach to research.
The chapter covers the research philosophy, approach, design, secondary data collection, study selection, quality appraisal, data extraction, thematic analysis and ethics. It also takes into account the quality of the research as well as limitations. Literature review is only a capable method when the sources are recognized, evaluated and synthesized clear procedures (Snyder, 2019).
[bookmark: _Toc238822531]Overview of the Methodological Framework
The methodology is providing a holistic approach. Interpretations of context-dependent customer evaluations use an interpretivist approach, and the relationship of theory to patterns that have grown from the evidence is made by using the abductive approach. It adopts structured thematic literature review method, qualitative secondary research. They will be compared in terms of findings, method, and context to identify when this AI-powered retail service is related to higher or lower levels of customer satisfaction (without any pooled statistical effect).
[bookmark: _Toc238822597]Table 3.1. Methodological framework
	Methodological element
	Selected position

	Research philosophy
	Interpretivism

	Research approach
	Abductive

	Methodological choice
	Qualitative secondary research

	Research design
	Structured thematic literature review

	Evidence base
	50 peer-reviewed topic-relevant journal articles on customer-facing AI, retail service and customer satisfaction

	Analysis method
	Hybrid deductive-inductive thematic synthesis

	Primary publication period
	Mainly 2020 to 2026, with older seminal sources retained where necessary

	Primary data collection
	None


[bookmark: __RefHeading___Toc4302_2866105685][bookmark: _Toc238611812][bookmark: _Toc238822532]Research Philosophy and Assumptions
[bookmark: __RefHeading___Toc4304_2866105685][bookmark: _Toc238611813][bookmark: _Toc238822533]Interpretivist Philosophy
Research philosophy to use as a guide for determining what is considered as knowledge and how the problem is investigated. Given the context-dependency of customer satisfaction with AI, interpretivism is suitable. The very same system can work for a typical inquiry and be inadequate during a lengthy grievance. Therefore, a comparison is made between the expectations, service tasks and setting of all the studied research that impacts customer evaluation. Interpretivist investigation is sensitive to meaning and to the differences between the social contexts (Saunders, Lewis and Thornhill, 2023).
Although not chosen as the main philosophy, positivism was considered. Normally, it would be used to directly measure a new data set to do statistical tests; however, that is not allowed here. There are also variations in technology and measures/samples in the available studies and the results of these should not be equated with the results of the aforementioned study. The study draws instead associations and explanations, and is wary of causality.
[bookmark: _Toc238822534]Ontological, Epistemological and Axiological Assumptions
Ontological stance: relativist and context sensitive. Customer satisfaction is seen as a true assessment, and has different definitions depending on the customer, the retail task, the channel, market and the AI application. Just because people like an automated delivery update, it doesn't necessarily mean they like AI powered complaint resolution.
Epistemic: Knowledge comes through critical interpretation of information published. Findings are not taken as gospel, there is a range of factors tied to the value of the findings, such as the design of the research, the samples, the nature of the measures, and the context of the research. As such the review takes account of what each study reports and the extent to which the method used to obtain this conclusion is sound.
Axiologically the study takes cognisance of the impact of researcher judgement in the process of determining search terms, eligibility, and theme development. These decisions will be documented in a search log, screening criteria, appraisal matrix and extraction table. The material that is performed in the reflexive thematic work is more like a result of analytical involvement than as something to be discovered (Braun and Clarke, 2021).
[bookmark: _Toc238822535]Research Approach
The framework for the study is abductive, in the sense that it involves a flow back and forth between assertions (current explanations) and data (potential evidence to supplement explanations). Chapter 2 provides Expectation-Disconfirmation Theory, AI service theory and a proposed relationship between AI-enabled retail service and satisfaction. The review remains until emotional limitations and access to human support, privacy and complexity of task are issues. When theory is used to analyze results but unexpected evidence emerges then abduction can be used (Timmermans and Tavory, 2012).
Deductive categories are part of the initial categories such as responsiveness, convenience, usefulness, personalisation, reliability, and satisfaction. Further categories will be added based on the repetition of support in studies. The themes will assess the idea that the quality of retail service, as supported by AI, is generally related to satisfaction; nevertheless, the idea will not be formulated as a statistical hypothesis.
[bookmark: __RefHeading___Toc4310_2866105685][bookmark: _Toc238611816][bookmark: _Toc238822536]Research Design and Strategy
The research design is a structured thematic literature review. Unlike an informal narrative review, it defines where evidence will be searched, which studies are eligible, how quality will be appraised and how findings will be synthesised. It is more appropriate than meta-analysis because the literature covers different technologies, outcomes, countries and designs that cannot be assumed to measure one equivalent effect (Snyder, 2019).
The review is focused rather than fully systematic in the clinical sense. PRISMA 2020 principles will inform transparent identification, duplicate removal, screening, full-text assessment and reporting of exclusion reasons, but the dissertation will not claim a meta-analysis or full clinical-review compliance. These procedures reduce the risk of selecting sources only because they support the expected relationship (Page et al., 2021).
The unit of analysis is the published study. Each source will be examined for context, AI application, customer outcome, method, findings and limitations. Quantitative, qualitative and mixed-methods evidence may be included. Numerical results will be interpreted within their original designs rather than pooled, and the synthesis will emphasise patterns and contradictions across studies.
[bookmark: __RefHeading___Toc4312_2866105685][bookmark: _Toc238611817][bookmark: _Toc238822537]Secondary Data Collection Methods
0. [bookmark: __RefHeading___Toc4314_2866105685][bookmark: _Toc238611818][bookmark: _Toc238822538]Sources of Evidence
The evidence base comprised primarily of peer-reviewed journal articles identified via Scopus, Web of Science Core Collection and Google Scholar, and additional searches were conducted in ScienceDirect, Emerald Insight, SpringerLink and Taylor & Francis Online. To find studies that were not identified by the keyword searches, reference lists of highly relevant articles and recent reviews were also examined.
Peer-reviewed studies were given preference as they give enough detail to assess the methodology. Only transparent contextual information was used from industry reports. Analytical evidence excluded blogs, promotional materials, anonymous web pages, student papers and unsupported opinions.
[bookmark: _Toc238822539]Search Strategy
The search strategy was a combination of the term’s artificial intelligence, customer-facing retail service and satisfaction. Quotation marks were used for exact phrases, Boolean operators were used to connect concepts and alternative terms were used to enhance coverage. Searches were modified to fit the syntax of each database. The main search concepts are shown in Table 3.2.
[bookmark: _Toc238822598]Table 3.2. Search concepts and indicative terms
	Concept
	Indicative terms
	Example combination

	Artificial intelligence
	"artificial intelligence", AI, chatbot, conversational AI, recommendation system, virtual assistant
	("artificial intelligence" OR chatbot) AND retail

	Retail service
	retail, e-commerce, online shopping, customer service, service recovery, omnichannel
	AI AND (retail OR e-commerce) AND "customer service"

	Customer outcome
	"customer satisfaction", customer experience, service quality, perceived usefulness, convenience
	AI AND retail AND "customer satisfaction"

	International context
	international retail, multinational retailer, cross-country, global retail
	AI AND "international retail" AND satisfaction


The primary publication period is from January 2020 to July 2026 to ensure that the review reflects the latest advances in AI. Previous research will only be kept if it is necessary for theory or measurement. Each source must be relevant, methodologically credible and useful for answering the research questions, as well as recent.
[bookmark: _Toc238822540]Inclusion and Exclusion Criteria
The eligibility criteria were applied uniformly at the title, abstract and full-text level. Their aim was to ensure that the review remained customer-facing AI and customer satisfaction, with closely related evidence used to explain the relationship. Table 3.3 summarises the criteria.
[bookmark: _Toc238822599]Table 3.3. Inclusion and exclusion criteria
	Criterion
	Included
	Excluded

	Publication type
	Peer-reviewed journal articles; selected scholarly reviews used for context
	Blogs, promotional content, news commentary, student papers and unsupported opinion

	Date
	Mainly 2020 to July 2026; older seminal theory or measurement studies
	Older non-seminal studies where recent evidence is available

	Language
	English
	Non-English publications where a reliable full text cannot be assessed

	Topic
	Customer-facing AI in retail, e-commerce or a closely related service setting
	AI used only for logistics, inventory, workforce scheduling or other internal operations

	Outcome
	Customer satisfaction or directly relevant service quality and customer experience evidence
	Studies with no meaningful connection to customer evaluation or satisfaction

	Evidence
	Clear research aim, method and findings; full text available
	Insufficient methodological detail, duplicate records or inaccessible full text


[bookmark: __RefHeading___Toc4320_2866105685][bookmark: _Toc238611821][bookmark: _Toc238822541]Screening and Study Selection
A list of references retrieved will be entered into a review log and redundant ones will be eliminated. Titles and abstracts will be reviewed and potentially relevant studies will be reviewed in full. The reasons for exclusion, including full-text, will be documented to establish a selection process that is traceable, such as an internal operational focus, no customer outcome or inadequate methodological information.
One researcher carried out the screening, which may have resulted in some inconsistencies in judgement. A standard checklist was therefore used and decisions ruled out based on uncertain studies and border line decisions made and recorded. There were 50 peer-reviewed journal articles, relevant to the topics, included in the final evidence matrix. Preferential weighting was provided for empirical studies in the assertions regarding customer outcomes, and the concept and review articles were relied upon for the interpretation of theory, consistency and context across the results of the studies.
[bookmark: _Toc238822542]Quality Appraisal
Before interpretive weight was given to the findings methodological quality was appraised. The Mixed Methods Appraisal Tool was used for design-specific analyses of sampling, measurement, completeness and coherence of questions, methods and conclusions (Hong et al., 2018) because of the methods employed in the studies (quantitative, qualitative and mixed-methods).
Appraisal record will be taken into account is analysis transparency, sample adequacy, measurement validity, support for conclusions and stated limitations and appropriateness of design. No single percentage will be used for Studies; they will be assessed using a range of different rubrics. Weak, but relevant, studies might be discussed, but will not be considered as strongly persuasive as stronger evidence.
[bookmark: _Toc238822543]Data Extraction
A matrix for extraction was developed for the 50 journal articles in a structured format using Microsoft Excel. It included notes on author and year, country, setting, AI application, design, sample, variables or concepts, analysis, results, limitations, quality, and applied to the research questions. Outcomes were also classified as positive, negative, mixed or context-dependent.
Only information required for the dissertation was extracted. Reported coefficients or significance levels were recorded where relevant but were not recalculated. Qualitative findings were paraphrased faithfully, with quotations used only when analytically necessary. Every extracted claim remained linked to its source to protect citation accuracy.
[bookmark: __RefHeading___Toc4326_2866105685][bookmark: _Toc238611824][bookmark: _Toc238822544]Data Analysis
0. [bookmark: __RefHeading___Toc4328_2866105685][bookmark: _Toc238611825][bookmark: _Toc238822545]Thematic Synthesis Process
The evidence was analysed through a hybrid deductive-inductive thematic synthesis. After repeated reading, relevant findings were coded according to what they indicated about AI-enabled service and satisfaction. Deductive codes reflected the conceptual framework, while inductive codes captured recurring issues not fully anticipated in Chapter 2. This prevented the analysis from either ignoring theory or forcing all evidence into predetermined categories.
Analysis progressed from close coding of findings to descriptive themes and then to higher-order explanations. Descriptive themes included responsiveness, convenience, personalisation, reliability, privacy, emotional capability and human escalation. Analytical themes explained why outcomes varied across tasks and contexts. Thematic synthesis supports movement from study-level findings to broader interpretations while retaining links to the evidence (Thomas and Harden, 2008).
Themes were checked against the full extraction matrix, including articles that challenged the emerging interpretation. Comparisons considered AI type, retail channel, task, country and research design. Satisfaction with one tool was distinguished from overall retailer satisfaction. A theme was retained only when it was coherent and supported by relevant evidence or provided an important explanation for contradictory results.
[bookmark: __RefHeading___Toc4330_2866105685][bookmark: _Toc238611826][bookmark: _Toc238822546]Relationship to the Conceptual Framework
The framework identifies AI-enabled retail service as the independent variable and customer satisfaction as the dependent variable. In this secondary design, these labels organise evidence rather than imply a newly estimated causal coefficient. The synthesis evaluated whether the literature generally reported a positive relationship, which service dimensions mattered most and which conditions weakened or reversed the expected outcome.
The research questions were answered through comparison of converging, diverging and limited evidence. Conclusions were as good as the articles' quality and relevance. Results were clustered around a specific technology and/or country were considered as local and not generalisable to all international retailers.
[bookmark: _Toc238822547]Research Quality and Trustworthiness
Credibility, dependability, confirmability and transferability were the criteria used for the trustworthiness of this study. There was an increase in credibility as peer-reviewed sources were used and contradictory evidence or multiple studies is used. The search, eligibility criteria and extraction process were documented, providing dependability. A process of an audit trail provided an overview of the development of themes, and detailed reporting of countries, technologies and samples by the authors helps readers to make judgments about transferability (Nowell et al., 2017).
Other controls involve cross checking citation/alignment, keeping distinction between fact and interpretation and keeping negative evidence. The frequency of publications won't be used as an indicator of importance as well-studied technologies, like chatbots may outshine as-yet poorly studied AI services. No articles alone will be criteria for judging themes, evidence quality and relevance will be considered.
[bookmark: _Toc238822548]Ethical Considerations
Since the study does not recruit participants themselves, or collect of new personal data, there are no direct consent or anonymity issues. Secondary research will still have responsibilities for intellectual property, accurate representation and research integrity and institutional ethics procedures will still be followed. All necessary formalities for approval/exemption will be done prior to the final submission.
The use of sources will be properly acknowledged (Harvard reference). The conclusions drawn will be based on the findings and no study will be cited to support a conclusion it does not make; findings will be paraphrased faithfully with limited quoting of direct quotations and clearly identifying them. Articles will be read and copied via subscribed resources, storage repositories/websites or directly from a publisher, and no copyrighted material will be reproduced.
But there is balance needed for the ethical interpretation as well. Where they are declared, funding statements and conflicts of interest will be used, commercial claims will be told apart from evaluated evidence and both beneficial and detrimental outcomes of customers will be reported. The search log, the appraisal notes and an extraction matrix will be kept in a secure manner to be used in the academic project.
[bookmark: _Toc238822549]Methodological Limitations
The conclusions are based on the quality and availability of studies. Positive results might be favoured in publication, only English articles might be represented in the data bases, and availability of databases might influence coverage. AI defined retail service and satisfaction can also be based on a tool, a transaction or the overall retailer.
A thematic secondary review can identify patterns and explanations but cannot establish new causal proof or represent all customers directly. Evidence from other service sectors may not transfer fully to retail. Transparent boundaries, quality appraisal and cautious interpretation will therefore be used, and recommendations will remain proportionate to the evidence.
[bookmark: __RefHeading___Toc4338_2866105685][bookmark: _Toc238611830][bookmark: _Toc238822550]Chapter Conclusion
This chapter established an interpretivist, abductive and qualitative secondary methodology for evaluating AI-enabled retail service and customer satisfaction. Fifty topic-relevant peer-reviewed journal articles were retained through a transparent search and screening process, appraised and recorded in an extraction matrix. A hybrid thematic synthesis compared supporting, contradictory and context-dependent evidence. Trustworthiness was strengthened through an audit trail, balanced interpretation and accurate citation. Chapter 4 presents the themes and findings generated from this evidence base.


[bookmark: __RefHeading___Toc4340_2866105685][bookmark: _Toc238611831][bookmark: _Toc238822551]Findings, Analysis and Discussion
[bookmark: __RefHeading___Toc4342_2866105685][bookmark: _Toc238611832][bookmark: _Toc238822552]Introduction
This chapter presents the findings generated from the thematic synthesis of 50 topic-relevant peer-reviewed journal articles selected in accordance with the secondary research design set out in Chapter 3. Empirical studies provide the principal evidence on customer outcomes, while conceptual and review articles are used to interpret patterns, theory and contextual differences. The analysis focuses on customer-facing artificial intelligence in retail, e-commerce and closely related service settings, with customer satisfaction treated as the principal outcome of interest. The evidence is used to assess the proposition that higher-quality AI-enabled retail service is generally associated with higher customer satisfaction in international retail businesses.
The findings are organised around six recurring themes: speed and responsiveness; convenience and usefulness; personalisation and relevance; reliability and AI service quality; privacy, trust and customer control; and human interaction, empathy and complex service problems. The chapter first profiles the evidence base, then presents the thematic findings and a cross-theme analysis. The discussion subsequently links the results back to the literature and theoretical framework developed in Chapter 2, before answering the research questions and evaluating the analytical proposition.
[bookmark: __RefHeading___Toc4344_2866105685][bookmark: _Toc238611833][bookmark: _Toc238822553]Profile of the Evidence Base
The final evidence base comprised 50 topic-relevant peer-reviewed journal articles. Most were published from 2020 onwards, while older articles were retained where they provided foundational satisfaction, service-quality or customer-journey concepts. Retail and e-commerce evidence was prioritised, with a smaller number of closely related service studies used where they examined the same customer-facing mechanisms, including chatbot usability, service quality, trust and the need for human interaction. Full-text access was given the lowest priority, where publisher pages and legitimate repositories were used, and where a larger number of articles were needed to build up the evidence base, these were taken from open-access sources.
A range of different types of evidence can be addressed. It contains cross-sectional surveys, surveys with controlled and scenario-based experiments, scale development study items and field and sentiment analysis items, as well as conceptual frameworks and review evidence. This breadth helps to enhance the thematic comparison as the same customer-service mechanisms can be evaluated and compared across methods and contexts, while also reducing the direct comparability. AI quality, satisfaction, trust and behavioural measures are not the same and conversational AI is still more prominent than AI try-on or other retail-related AI. So, they're weighted by the methodological interest instead of being considered as "equal observations".
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[bookmark: _Toc238822600]Table 4.1. Characteristics of the 50 journal articles included in the study
	Study
	Context / AI focus
	Evidence type
	Contribution to synthesis

	Akdemir and Bulut (2024)
	Online shopping chatbots
	Empirical survey
	Communication quality supports satisfaction and chatbot reuse.

	Alagarsamy and Mehrolia (2023)
	Banking chatbots
	Empirical survey
	Trust links perceived quality and risk with satisfaction outcomes.

	Alshibly et al. (2024)
	Jordanian banking chatbots
	Empirical survey
	Reliability and personalisation support satisfaction; empowerment explains part of the effect.

	Ameen et al. (2021)
	AI-enabled beauty service
	Empirical survey
	Convenience, personalisation and AI service quality shape customer experience.

	Ashfaq et al. (2020)
	AI service agents
	Empirical survey
	Usefulness, information quality, service quality and confirmation explain satisfaction.

	Avcılar and Yenilmez (2026)
	AI-enabled mobile banking
	Empirical survey
	Intelligence and anthropomorphism influence satisfaction; human-interaction need changes effects.

	Blut et al. (2024)
	Retail AI virtual assistants
	Meta-analysis
	No single VA design suits all customers; cognitive and emotional responses vary by context.

	Bunea et al. (2024)
	Generation Z online shopping
	Empirical survey
	AI exposure and knowledge shape perceived usefulness and ease of use.

	Cai et al. (2024)
	Retail chatbot service failure
	Experiments
	Social communication can improve recovery satisfaction and trust through warmth.

	Calvo et al. (2023)
	Omnichannel retail
	Empirical retail study
	AI reshapes personalisation, consistency, flexibility and integration across channels.

	Canhoto et al. (2024)
	Physical retail personalisation
	Retail analysis
	Personalisation creates relevance but also privacy, irritation and control concerns.

	Cao (2021)
	Retail AI applications
	Conceptual framework
	Identifies automation, hyper-personalisation, complementarity and innovation as retail AI value logics.

	Chau et al. (2025)
	AI-powered e-commerce service
	Empirical study
	AI value delivery predicts satisfaction more strongly than ease of use alone.

	Chen et al. (2022)
	Frontline AI chatbots
	Scale development
	AI chatbot service quality is multidimensional and positively related to satisfaction.

	Chen et al. (2025)
	Retail e-commerce chatbots
	Empirical survey
	Understanding and problem resolution matter more directly than humanness or synchronicity.

	Crolic et al. (2022)
	Angry customer-chatbot interactions
	Experiments
	Anthropomorphism can reduce satisfaction when it raises unmet expectations.

	Davenport et al. (2020)
	AI in marketing
	Conceptual article
	Explains AI-enabled prediction, personalisation and automated customer interaction.

	Ding and Najaf (2024)
	E-commerce chatbots
	Time-lag survey
	Interactivity and humanness strengthen trust, influencing chatbot evaluation.

	Fan et al. (2026)
	Online AI chatbot service
	Experiments
	Elaborate language can increase satisfaction through warmth, depending on relationship norms.

	Grewal et al. (2020)
	In-store technology
	Conceptual article
	Technology can improve convenience and information access while affecting control and social interaction.

	Grewal et al. (2021)
	Customer-facing AI
	Conceptual article
	Balances AI benefits against privacy, fairness and human-displacement risks.

	Hassan et al. (2025)
	AI-driven e-commerce
	Empirical survey
	Trust supports satisfaction; personalised recommendations strengthen the relationship.

	He et al. (2024)
	E-commerce recommendation systems
	Empirical study
	Recommendation quality improves user satisfaction, conditioned by feeling state and shopping goal.

	Hsu and Lin (2023)
	Customer-service chatbots
	Empirical survey
	Recovery and conversational quality predict chatbot satisfaction and loyalty.

	Huang and Rust (2018)
	AI in service
	Theoretical article
	Explains task-capability fit across mechanical, analytical and relational service intelligence.

	Huang and Rust (2021)
	AI in marketing
	Strategic framework
	Links AI capability with standardisation, personalisation and relationalisation.

	Klein and Martinez (2023)
	Chatbot commerce
	Experiment
	Anthropomorphic cues can increase satisfaction through enjoyment, attitude and trust.

	Lemon and Verhoef (2016)
	Customer journey
	Conceptual article
	Establishes pre-purchase, purchase and post-purchase touchpoints for customer experience.

	Luo et al. (2019)
	AI chatbot disclosure
	Field study
	Disclosure can reduce purchase outcomes when customers perceive lower knowledge and empathy.

	Nguyen et al. (2025)
	UK and Vietnam chatbots
	Cross-country surveys
	Customer-experience drivers differ across countries, supporting local adaptation.

	Noble and Mende (2023)
	Retail AI and robotics
	Conceptual review
	Frames consumer-AI and consumer-robot experience as a developing retail research field.

	Oliver (1980)
	Customer satisfaction
	Foundational theory
	Expectation-disconfirmation explains satisfaction as comparison of expected and actual performance.

	Parasuraman et al. (1988)
	Service quality
	Scale development
	SERVQUAL establishes reliability and responsiveness as central service-quality dimensions.

	Parasuraman et al. (2005)
	Electronic service quality
	Scale development
	E-S-QUAL extends service-quality assessment to digital service environments.

	Pelau et al. (2021)
	AI service interaction
	Empirical survey
	Interaction quality and empathy matter more than human-like appearance alone.

	Peruchini et al. (2024)
	AI and customer experience
	Literature review
	Shows fragmentation across chatbots, prediction and recommendation-system research.

	Prentice et al. (2020)
	AI and employee service
	Empirical study
	AI and employee service quality are associated with satisfaction and loyalty in hospitality.

	Puntoni et al. (2021)
	Consumer AI experience
	Conceptual article
	Highlights data capture, classification, delegation and social interaction as AI experience mechanisms.

	Riegger et al. (2021)
	Retail personalisation
	Empirical retail study
	Identifies value drivers and barriers including privacy, exploitation and interaction fit.

	Ruan and Mezei (2022)
	Online shopping assistance
	Scenario experiment
	AI performs better for functional attributes; human staff perform better for experiential attributes.

	Schindler et al. (2024)
	Conversational-agent modality
	Five empirical studies
	Matching voice/text modality with product type increases choice satisfaction.

	Sidlauskiene et al. (2023)
	Conversational commerce
	Experiments
	Anthropomorphism can increase perceived personalisation, with context-dependent effects.

	Singh et al. (2024)
	E-commerce shopping assistants
	Empirical survey
	Usefulness, ease of use, trust and privacy shape evaluation of AI assistants.

	Song and Bonanni (2024)
	Luxury virtual try-on
	Experiment
	AI-powered try-on improves shopping evaluation and satisfaction.

	Tran et al. (2021)
	Retail chatbots
	Sentiment analysis
	Consumer sentiment differs by sector and chatbot introduction can alter expectations of human service.

	Tyrvainen et al. (2020)
	Omnichannel retail
	Empirical survey
	Personalisation and hedonic motivation contribute to customer experience and loyalty.

	Wang et al. (2024)
	AI-enabled products
	Scale development
	Customer experience reflects data capture, interpretation, task completion and communication.

	Wut et al. (2024)
	Online customer service
	Empirical survey
	Competence is more consistently important than entertainment or warmth.

	Xu et al. (2022)
	Retail chatbots
	Experiments
	Social-oriented communication can increase satisfaction through perceived warmth.

	Yun and Park (2022)
	Chatbot service recovery
	Empirical survey
	Reliability and assurance support satisfaction; empathy matters under emotional conditions.
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[bookmark: __RefHeading___Toc4346_2866105685][bookmark: _Toc238611834][bookmark: _Toc238822554]Summary and Presentation of Findings
[bookmark: __RefHeading___Toc4348_2866105685][bookmark: _Toc238611835][bookmark: _Toc238822555]Speed and Responsiveness
While speed is an obvious benefit of AI in the customer experience, it's not the only one that customers will pay for. Ruan and Mezei (2022) reported that the satisfaction with the chatbot was higher for functional product attributes, which was partly due to the waiting-time and information-processing benefits. Rapid access can thus save effort in doing routine work like tracking or factual comparison as long as the information is accurate.
Responsiveness is more than response time. Yun and Park (2022) identified reliability and assurance to be more consistently associated with recovery satisfaction, whereas Alshibly et al. (2024) identified reliability and personalisation to have more clear impacts. Immediate automated responses thus don't help much if they don't help to solve the customer's issue.
This distinction is further supported by the findings of Chen et al. (2025), who demonstrate that the understanding and problem resolution have a more direct impact than synchronicity. Effective responsiveness is a combination of speed, relevance and resolution, across the evidence. Continuous availability is a benefit to international retailers, but it's dependent on whether the system can really deliver.
[bookmark: _Toc238822556]Convenience and Usefulness
Other common motivators are convenience and usefulness. The convenience and AI service quality are associated with customer experience (Ameen et al., 2021), and usefulness and ease of use are important factors for online shopping assistants (Singh et al., 2024). Moreover, Bunea et al. (2024) demonstrate that this assessment is influenced by a certain degree of familiarity with AI.
Convenience is thus a customer and task dependent. The more familiar users are with the digital, the less effort there is to interact with it, while less familiar users may require more explanation and/or human interaction. Ruan and Mezei (2022) demonstrate that AI is more successful when it comes to objective and functional information, while human assistance is more successful when it comes to experiential judgement. The more the task structure aligns with the AI ability, the more convenient it will be to automate.
Usefulness doesn't have to be about efficiency. Song and Bonanni (2024) find that evaluations are better for the AI-supported virtual try-on, indicating that AI can help make better decisions and speed up the process. Across studies, useful AI reduces friction and supports the shopping objective; automation that adds steps or blocks escalation does the opposite.
[bookmark: __RefHeading___Toc4352_2866105685][bookmark: _Toc238611837][bookmark: _Toc238822557]Personalisation and Relevance
Personalisation is consistently associated with improved evaluations when customers perceive the output as relevant. Ameen et al. (2021) position personalisation as an important part of AI-enabled customer experience, while Sidlauskiene, Joye and Auruskeviciene (2023) show that anthropomorphic chatbot features can increase perceived product personalisation in conversational commerce. In this sense, personalisation reduces information overload by narrowing a large product range to options that appear more appropriate to the individual customer.
Hassan, Abdelraouf and El-Shihy (2025) qualify this benefit by showing that personalised recommendations work within a wider trust-satisfaction relationship. Personalisation is therefore more valuable when recommendations appear credible and appropriate to the shopping context, rather than when data use is simply maximised.
The evidence therefore supports personalisation only when it improves task relevance without undermining trust or control. He, Liu and Jung (2024) show that recommendation systems can improve user satisfaction, but the effect depends on psychological and shopping-goal conditions, while Hassan, Abdelraouf and El-Shihy (2025) and Canhoto, Keegan and Ryzhikh (2024) show that trust, transparency and privacy shape how personalisation is evaluated. Communication studies get the same addendum: Xu, Zhang and Deng (2022) and Fan et al. (2026) demonstrate that higher or more ornate styles can only result in higher satisfaction in the right contexts. The overall findings thus question a single and simple assumption about the relationship between personalisation and being better, and explainable and proportionate personalisation in international retail.
[bookmark: _Toc238822558]Reliability and AI Service Quality
Consistent satisfaction's bases include reliability and service quality. A study by Chen et al. (2022) reveals that there is a connection between multidimensional chatbot service quality and satisfaction, perceived value and continued use, while a study by Akdemir and Bulut (2024) demonstrates that communication quality is a significant factor forecast satisfaction. Thus, availability is not the most important factor but consistent performance is.
Service recovery is a challenging test. Reliability and assurance are demonstrated to be a factor that leads to satisfaction (Yun & Park, 2022), and social oriented communication can also enhance satisfaction after failure via warmth (Cai, Gao & Yan, 2024). Therefore, the technical ability and the proper reaction about the service problem are necessary so as to recover from the same.
On a broad scale (across scale-development), evidence for reliability is more constant than for warmth, entertainment or synchronicity, or survey-recovery of service. Chen et al. (2025) demonstrate that the users' understanding and problem resolution directly affect their preference, while humanness and synchronicity primarily affect users through enjoyment. This cross-design consistency renders reliability as the most prominent trend in the review, but with many study assessments being self-rated, they are not as amenable to conclusions of causality as experiments are. The bottom line is that retailers have to make accurate understanding and successful resolution a prerequisite before becoming anthropomorphic, i.e. social.
[bookmark: _Toc238822559]Privacy, Trust and Customer Control
Interestingly, trust comes in as an explanation for the differences between what similar AI services get when dealing with customers. Alagarsamy and Mehrolia (2023) discover that trust plays a crucial role as an antecedent to satisfaction and future behavioural consequences in the use of chatbots. Ding and Najaf (2024) have also found that interactivity and perceived humanness positively impact the trust in e-commerce chatbots, which impacts on the adoption intention. While this dissertation does not have adoption as the dependent variable, it is pertinent because if customers doubt the intentions of a system or are not confident about the competence of the AI system or its treatment of information, their response to an AI interaction will be less positive.
Trust is a close neighbor of privacy and control of customers. Singh et al. (2024) classify perceptions related to privacy as one of the assessment criteria for e-commerce shopping assistants and Hassan et al. (2025) highlight that personalisation in e-commerce must be done transparently and with consideration for the context. Taken together, the evidence does not point to customers' perceived evaluation of personalisation separate from how it is achieved via data practices. A valuable recommendation, based on the leverage of those personal data, might still cause discomfort if the customer doesn't get why this recommendation was made in the first place.
The worth of AI capability additionally relies on client control. According to Chen et al. (2025), the impact of the chatbot's user understanding capability is dependent on the level of activation. Much of the trust evidence is cross sectional, so trust could be measured as a result of satisfaction as well as being its sole antecedent, but the general trend is the same for ecommerce and service scenarios. Trust and control can thus best be conceived as explanation conditions where the direct links to the results may be omitted. Transparent use of data coupled with the ability to correct and make the escalation routes visible, are more sustainable interventions for the international retailers than the personalisation alone, to create satisfaction.
[bookmark: _Toc238822560]Human Interaction, Empathy and Complex Service Problems
The evidence does not lend itself to the simple replacement model: Higher satisfaction with higher human-likeness of AI. Ruan and Mezei (2022) illustrate that there is a clear difference between the tasks – AI Chatbots excel at functional attributes while human workers excel at experiential attributes. This discovery points at fulfilling different capabilities that customers value relying on the task. Automated processing is suitable for objective comparison and routine information, but for subjective evaluation and problems concerning emotional information, judgement and understanding relationship might be necessary.
Several studies show that human-like cues can improve the interaction when they match customer needs. Klein and Martinez (2023) find that anthropomorphic cues can increase satisfaction through enjoyment, positive attitudes and trust. Xu et al. (2022) and Cai et al. (2024) similarly show that social-oriented communication can improve satisfaction through warmth. Fan et al. (2026) extends this pattern by showing that more elaborate language can increase satisfaction, although the effect depends on customers' relationship norms. These studies demonstrate that relational cues can create value, particularly when the customer expects social support.
The broader evidence favours selective rather than maximal humanisation. Wut, Chan and Wong (2024) find that competence is more consistently related to service quality than entertainment or warmth, while Schindler et al. (2024) show that matching communication modality to product type can improve choice satisfaction. Nguyen et al. (2025) further demonstrate that the effects of anthropomorphism and social presence differ between UK and Vietnamese customers, and Blut, Wünderlich and Brock (2024) find no one-size-fits-all virtual-assistant design. Experimental studies offer more causal evidence for specific cues, but have less external validity due to the controlled nature of the study. The overall conclusions thus suggest a competent AI for day-to-day tasks and easy human escalation in the case of an emergency or special or emotional situations.
[bookmark: _Toc238822561]Cross-Theme Analysis of Results
The results also show that there is an implicit sequence in the customers' assessment. It seems like we can build our service encounter on reliability and getting the job done. However, to enhance this, convenience, personalisation and relational qualities can be added once the above are realized. Social cues are not likely to offset any failure in the basic task, and can exacerbate expectations that the system can't meet if the basic task is not successful. The studies of Chen et al. (2022); Yun and Park (2022); Akdemir and Bulut (2024); and Chen et al. (2025) show that, regardless of the specifics of each case, they all assign higher scores to the service capabilities within the core elements than to the interaction features on the surface.
There is another cross-theme pattern referred to task fit. AI works best with structured and repetitive requests with information and objective answers. Relative advantage is compromised in cases where subjective advice or emotional reassurance is also required, a negotiation occurs or the service failure is unusual. This pattern owes to the positive evidence for convenience, and the negative evidence for lack of human support. For international retailers, it is therefore the design as a complementary channel between AI and human service instead of as mutually exclusive alternatives that makes for the greatest benefit of satisfaction.
[bookmark: _Toc238822601]Table 4.2. Cross-theme synthesis of conditions associated with satisfaction
	Theme
	Conditions associated with higher satisfaction
	Conditions associated with weaker satisfaction

	Speed and responsiveness
	Rapid, relevant responses that move the task toward resolution
	Fast but generic, repetitive or unresolved responses

	Convenience and usefulness
	Lower effort, easy access, useful decision support and suitable self-service
	Added steps, low digital confidence or automation that blocks assistance

	Personalisation
	Relevant recommendations and communication matched to context
	Intrusive, excessive or unexplained personalisation

	Reliability and quality
	Accurate understanding, dependable information and successful problem resolution
	Misunderstanding, inconsistency and weak service recovery

	Trust and control
	Transparent use of AI and data, customer agency and correction options
	Unclear data use, low trust and limited control

	Human interaction
	Social cues that fit the task, with accessible human escalation
	Human-like design without capability, or automation of emotional/complex tasks


The synthesis also clarifies how the findings address the research objectives and translate into decisions for international retailers. Table 4.3 links each objective to the evidence-based conclusion and its principal practical implication.
[bookmark: _Toc238822602]Table 4.3. Alignment of findings, research objectives and practical implications
	Research objective
	Evidence-based conclusion
	Practical implication

	Objective 1: Review recent customer-facing AI literature
	The 50-article evidence base shows that chatbots dominate, but recommendation systems, virtual assistants, personalisation and virtual try-on also shape retail experience.
	Retailers should audit AI across the full customer journey rather than evaluate one tool in isolation.

	Objective 2: Evaluate the AI service-satisfaction relationship
	The relationship is generally positive when AI is reliable, useful and capable of resolving the task; adoption alone is insufficient.
	Performance measures should prioritise resolution quality, customer effort and satisfaction, not only speed or deployment volume.

	Objective 3: Identify conditions that improve or reduce satisfaction
	Task fit, trust, customer control and human escalation explain why the same AI feature can produce different outcomes.
	Use AI for structured tasks, provide transparent personalisation and preserve visible human escalation for complex cases.

	Objective 4: Provide evidence-based recommendations
	International evidence supports consistent core service standards with local adaptation in language, communication style, privacy and support preferences.
	Global retailers should standardise reliability while adapting customer-facing design and escalation arrangements by market.


Critically, the cross-theme hierarchy is most persuasive where different methods converge. The value of warmth, anthropomorphism, and communication style is more experience-sensitive and based on customer segments the more scale-development work and the cross-sectional survey and service-recovery studies are. The importance of this distinction is that, the more they are seen in a different design, the more they are seen. Meanwhile, there's an uneven distribution of the corpus across the various AI use cases—search and research into chatbots are significantly more prevalent than content about recommendation systems or about virtual try-on and other retail-related forms of AI. The synthesis thus tends to be hierarchical, as opposed to evenly distributed. There is high confidence in the importance of competence, usefulness and task completion aspects, and moderate confidence in the personalisation and social design aspects since the impact of the latter is more reliant on trust, privacy, type of product and context. The assessment reinforces the argument for a staged approach to AI investment, where retailers first ensure they get performance of the base service, and then explore other relational capabilities.
[bookmark: _Toc238822562]Discussion of Findings
[bookmark: _Toc238822563]AI-Enabled Retail Service and Customer Satisfaction
The overall evidence is used to support the central relationship outlined in Chapter 2, albeit in a qualified manner. Those studies which measure service quality, the quality of communication, reliability, personalisation or usefulness report higher satisfaction if the customers are good in these dimensions (Ameen et al., 2021; Chen et al., 2022; Alshibly et al., 2024; Akdemir and Bulut, 2024). This helps to think of AI in retail services as a wide-spread construct that is oriented towards customers, rather than AI being synonymous with a single technology like a chatbot.
The results also validate the important argument that was made in Chapter 2 that the relationship is not automatic. Ruan and Mezei (2022) show varying results concerning product attributes, functional vs. experiential. The results demonstrated by Wut et al. (2024) demonstrate the greater impact of competence than entertainment or warmth, whereas the results revealed by Chen et al. (2025) indicated that problem understanding and solution had a more direct effect. These findings account for how, despite the adoption of powerful AI, a retailer may not see increases in satisfaction. What matters is whether or not the system provides the service task in a manner that is important to the customer. Gaining satisfaction is directly measured in some studies, and is manipulated as an experimental service factor in others; studies that rely primarily on adoption or loyalty/intent are considered second tier evidence.
On an evidential level this qualified relation is more acceptable than a mere assertion of an increase in satisfaction for an increase in AI. The direct satisfaction measures in Chen et al. (2022); Hsu and Lin (2023); Ruan and Mezei (2022); Song and Bonanni (2024) and more recent e-commerce studies have the most support as the outcome is very similar to the dependent variable in this dissertation. The studies focusing on adoption, reuse, purchase intention or purchase loyalty are only useful to understand broader behavioral implications but not indicative of satisfaction and thus are viewed with caution. The same applies on a cross-sectoral level. Study weight is placed on evidence from retail and e-commerce sectors as compared to evidence from the banking or hospitality sectors, which is maintained primarily if it also explores similar mechanisms, such as reliability, trust or human escalation. With this weighting higher-scoring AI service is invariably linked to satisfaction, yet this association may or may not be an direct measure from each study, depending on how closely it measures the focal relationship.
[bookmark: _Toc238822564]Interpretation through Expectation-Disconfirmation Theory
To explain the thematic results the Expectation-Disconfirmation Theory was used. Oliver (1980) suggests that satisfaction is based on the discrepancies between the anticipated and actual performances. Expectations in the context of AI in the retail service can be related to response time/speed, correctness, personalization, simplicity, and system's capability to solve the issue. Positive disconfirmation – when AI makes the trip easier or more useful than one thought it would be; Negative disconfirmation – when AI makes the trip more difficult or fails to understand the request, or denies access to the necessary support.
Knowing and understanding expectation dis-confirmation is also helpful in reasoning about the significance of service recovery. After a failure, when a customer gets in touch with a chatbot, that means that the user definitely needs a fix, and they might already be unhappy with the retailer. Reliability, assurance, empathy and warmth are able to contribute to recovery satisfaction as shown by Yun and Park (2022) and Cai et al. (2024). The good performance cut-off is raised in this instance than on a normal information request. Thus, satisfaction is not only related to the objective function of the AI system, but also on whether the performance of the AI system is in line with the expectations generated by the situation of the customer.
Expectation-Disconfirmation Theory also can provide contrasting concepts to why seemingly inconsistent outcomes can coexist without obliterating the entire proposition. The fast chitchatbot can lead to positive disconfirmation when dealing with a routine tracking enquiry, but negative disconfirmation when dealing with a complicated complaint and the customer is holding out for empathy and discretion or a negotiated settlement. Similarly, excessively tailored suggestions can lead to positive results if they save time spent on search but to negative results if they intrude the customer's way of search. The theory is thus useful but not for making a blanket prediction, rather it is more about the relationship between the actual and the expected performance accompanied by satisfaction. The problem with it is that a lot of the studies that have been reviewed assess expectations indirectly or deduce them from other constructs. The interpretation will therefore only be theoretical, and it would not be a test of the Oliver model, but an explanatory synthesis. Despite this, the fact that each task was repeated in the same way, same countries, and the same actors, indicates that the theory of task fit when combined with reliability and the context dependent reactions is a consistent pattern, and this thus leads to a coherent account of the mixed empirical results.
[bookmark: _Toc238822565]Interpretation through AI Service Theory
The task-based pattern is also covered by the AI service theory. Huang and Rust (2018) differentiate mechanical, analytical and more relational types of service intelligence. Mechanical and analytical skills are very appropriate to repetitive processing, information retrieval, comparison and prediction. This is in line with the discovery of Ruan and Mezei (2022) that AI Chatbots excel in functional knowledge about the products or in line with the findings of Chen et al. (2025) that understanding and problem solving are key factors in the performance of AI Chatbots.
Both of the theories are complementary, in explaining the results. AI service theory helps to understand the realistic capabilities of different AI and the Expectation-Disconfirmation Theory helps to understand how customers evaluate the performance. The chances of satisfaction are highest when the retailer sets expectations appropriately in line with the AI's capability and applies the system to the tasks that leverage the AI's capability and provide value to the customer.
[bookmark: _Toc238822566]Findings in the International Retail Context
The evidence base indicates the relevance of the proposed relationship to the international retail sector and it also shows some limitations for generalisation. The studies included in this review include those from multiple countries and service contexts, but a large percentage of the empirical evidence is from China, India, Hong Kong, Egypt, Jordan and Türkiye. Many samples are of digitally active users, with prior interactions with chatbots and/or online shopping assistants and/or AI recommendations. These users might also be more comfortable with automated service than the customers that have limited experience with digital.
Overall, the results suggest that international retailers do need to locally adapt the technical platform, despite standardisation. Nguyen et al. (2025) (UK & VN) demonstrate that informativeness, credibility, enjoyment and functionality have a positive impact on satisfaction in both countries whilst anthropomorphism and social presence are different in their importance. This makes the argument of the chapter international since it is based on direct comparative evidence, not just on single country studies. This means that even if the AI platform is standardised, local purposes for communication, expectations around privacy and level of digital comfort should be established.
There are also direct implications to Objectives 3 and 4 stemming from the international evidence. Cross-country variation refers to the fact that even with technically identical services, various AI-related outcomes of satisfaction can be observed since the expectation level, communication norms, and digital familiarity and privacy sensitivity vary across markets. Some of the sources of uncertainty when comparing across separate single country studies with each other are avoided in the comparative evidence provided by Nguyen et al. (2025), as one framework was analysed in the UK and Vietnam. Overall, however, the geographical balance is imbalanced, and there is no universal localisation formula for an international retailer. A defensible implication is not universal – common minimum standards) but a cross local validational recommendation – demanding procedures of accuracy, reliability and escalation needs local validation of language, tone, personalisation and disclosure standards. This relates the evidence to real life decision making without exaggerating generalisability. Moreover, it indicates international retailers need to monitor satisfaction on a market and service task basis, and not just on the global average that might signify low levels of satisfaction with specific customer segments.
[bookmark: __RefHeading___Toc4372_2866105685][bookmark: _Toc238611847][bookmark: _Toc238822567]Answers to the Research Questions
0. [bookmark: __RefHeading___Toc4374_2866105685][bookmark: _Toc238611848][bookmark: _Toc238822568]Research Question 1
Research Question 1 asked how AI-enabled retail service is presented and evaluated. The evidence portrays it as customer-facing capabilities including chatbots, shopping assistants, recommendations and automated support. Customers evaluate these through usefulness, convenience, responsiveness, reliability, personalisation, communication quality, trust and problem resolution.
[bookmark: __RefHeading___Toc4376_2866105685][bookmark: _Toc238611849][bookmark: _Toc238822569]Research Question 2
Research Question 2 examined the relationship with customer satisfaction. Evidence indicates a generally positive relationship when AI service is reliable, useful and capable of resolving the task. The relationship weakens when speed lacks resolution, personalisation lacks trust or automation replaces needed human support.
[bookmark: __RefHeading___Toc4378_2866105685][bookmark: _Toc238611850][bookmark: _Toc238822570]Research Question 3
Research Question 3 examined factors behind positive and negative outcomes. Positive evaluations are associated with task fit, accurate information, convenience, reliable resolution, relevant personalisation, trust and control. Negative outcomes arise from misunderstanding, weak service recovery, intrusive personalisation and insufficient human assistance in complex or emotional situations.
[bookmark: __RefHeading___Toc4380_2866105685][bookmark: _Toc238611851][bookmark: _Toc238822571]Evaluation of the Analytical Proposition
The analytical proposition stated that higher-quality AI-enabled retail service is generally associated with higher customer satisfaction in international retail businesses. The evidence supports this proposition with important conditions. Across the empirical studies, stronger service quality, communication quality, reliability, usefulness, personalisation and problem-solving capability are normally associated with better customer evaluations and satisfaction. The evidence is therefore consistent with the proposed direction of the relationship.
However, the proposition should not be interpreted as evidence that any increase in AI use will raise satisfaction. The findings distinguish AI adoption from AI service quality. Satisfaction depends on how effectively the technology performs the relevant task, whether customers trust and understand the interaction, and whether human support remains available when automation is insufficient. The proposition is therefore supported as a quality-based relationship rather than as an unconditional technology effect. This conclusion is consistent with the simple conceptual framework because it retains one explanatory construct and one outcome while using the thematic findings to explain the conditions under which the relationship is stronger or weaker.
[bookmark: __RefHeading___Toc4382_2866105685][bookmark: _Toc238611852][bookmark: _Toc238822572]Chapter Conclusion
The thematic analysis of the 50-article evidence base indicates that AI-enabled retail service can improve customer satisfaction when it creates clear service value. Significant evidence of improvement is in the areas of reliable performance, useful information, successful problem solving, convenience and relevant personalisation. When appropriately used, social communication, anthropomorphism and warmth will further enhance the experience, but are not an essential part of the competence required to provide the service. Important differences across studies are due to ‘Trust', ‘Customer control' and ‘Access to human support'.
 


[bookmark: _Toc238822573]Conclusions and Recommendations
[bookmark: _Toc238822574]Introduction
This chapter is the sum of the dissertation by synthesizing the evidence obtained in Chapter 4 and highlighting the evidence directly to the research questions set in Chapter 1. It provides an overview of the research findings, outlines the key conclusions drawn from the second-hand evidence, introduces some practical and theoretical suggestions, outlines the key limitations encountered during the research and suggests some priorities for future research.
[bookmark: _Toc238822575]Summary of Main Findings
Overall, the synthesis suggests that when AI adds value to a service it is correlated with higher levels of satisfaction; when it does not, however, AI-enabled retail service is correlated with lower levels of satisfaction. Through the 50 articles, the most consistent ones that yielded positive results were that it was to be expected of reasonable performance, valuable information, problem solving, convenience, and relevant personalisation. Enhancement (human-like or "speed" communication) was a value only if it assisted with these basic functions.
The appropriateness of the tasks could not be overlooked. AI excelled in repetitive tasks, tasks involving extensive amounts of information and structured tasks, whereas subjective judgment, empathy and flexible service recovery were skills where humans continued to add the greatest value. This result is in line with Ruan and Mezei 2022 and AI service theory – Huang and Rust 2018.
The results also indicate that there is a conditional impact of personalisation. While relevant recommendations can save search effort and help shopping decisions, the same capability from data can lead to diminished satisfaction if consumers feel they're being surveilled, too much is being inferred or they feel they don't have a choice. Thus, the notion of trust and transparency, along with customer agency play a role in understanding the differential evaluation of similar AI systems. Overall, it should be concluded that the evidence has not indicated that greater AI adoption leads to a corresponding greater benefit of working capacity, but rather it creates a quality-changing relationship which is context based.
[bookmark: __RefHeading___Toc4390_2866105685][bookmark: _Toc238611856][bookmark: _Toc238822576]Conclusion Based on the Research Questions
[bookmark: __RefHeading___Toc4392_2866105685][bookmark: _Toc238611857][bookmark: _Toc238822577]Research Question 1
The first research question concerned how AI-enabled retail service is presented and evaluated. The evidence identifies customer-facing capabilities such as chatbots, shopping assistants, recommendation systems and automated support. Customers evaluate them mainly through usefulness, convenience, responsiveness, reliability, personalisation, communication quality and problem resolution, with trust, control and human support shaping these evaluations.
[bookmark: __RefHeading___Toc4394_2866105685][bookmark: _Toc238611858][bookmark: _Toc238822578]Research Question 2
The second research question examined what current evidence indicates about the relationship between AI-enabled retail service and customer satisfaction. The synthesis supports a generally positive relationship when customers perceive the AI service as competent, useful and reliable. Chen et al. (2022), for example, link AI chatbot service quality with satisfaction, while more recent retail evidence similarly emphasises understanding, problem resolution and communication quality. However, the relationship is not uniform. Satisfaction weakens when AI adds effort, fails to resolve the task, personalises without sufficient trust or replaces human support in complex situations. The appropriate conclusion is therefore that higher-quality AI-enabled service is associated with higher satisfaction, but the effect depends on the quality and suitability of implementation.
[bookmark: __RefHeading___Toc4396_2866105685][bookmark: _Toc238611859][bookmark: _Toc238822579]Research Question 3
The third research question asked which factors explain positive and negative satisfaction outcomes. Positive outcomes are most consistently associated with task fit, accurate information, low customer effort, reliable resolution, relevant personalisation, appropriate communication and a sense of control. The negative results occur when systems don't understand the request, send a generic answer, or set expectations that the system can't fulfill that are similar to those of a human. The results also show that easy-to-use human escalation is crucial for emotional, out-of-the-ordinary or discretion issues. All of these conditions bring about a situation where the same AI feature produces different responses by the customers from different markets, technologies and services.
[bookmark: _Toc238822580]Overall Conclusion
Based on this, it is hereby concluded that AI is a tool which can enhance the level of customer satisfaction, however the value does not stem from the AI being adopted but from its service performance. This is explained by the Expectation-Disconfirmation Theory in which the customers assess if the performance of the AI is in line or better than their expectations (Oliver, 1980). AI service theory helps to explain this by demonstrating how various AI capabilities are suitable to various service tasks. As a conceptual relationship, the link between retail service with the aid of AI and customer satisfaction is confirmed but remains conditional on reliability and task fit and customer expectations (as well as having adequate human assistance available). The study's findings result from mapping the existing set of AI-enabled retail evidence, analyzing the satisfaction relationship, determining what factors exacerbate or dampen satisfaction, and transforming the satisfaction factors into recommendations for international retailers.
[bookmark: _Toc238822581]Recommendations
[bookmark: _Toc238822582]Prioritise Reliability and Problem Resolution
When considering the use of AI in customer service, international retailers should consider its capacity to comprehend requests, give correct details, and resolve customer's concerns. Repeat-contact rates, escalation rates and customer satisfaction (in addition to response speed) should therefore also be used to measure performance in addition to successful resolution. Based on the above, don't rush in to other touchpoints with AI until it has proven itself as a reliable service.
[bookmark: _Toc238822583]Match Automation to the Service Task
Retailers should consider applying AI at the widest extent to structured and information-heavy tasks but ensure they're able to still direct schoolward raised complaints and unusual cases to their employees with a quick turnaround time when this is required for sensitive cases. The gallant human takeovers ought to be blatantly transparent, uncomplicated to utilize, and not viewed as a shortcoming in automation. This enables AI to be used as complementary capabilities with human service.
[bookmark: __RefHeading___Toc4406_2866105685][bookmark: _Toc238611864][bookmark: _Toc238822584]Use Personalisation Transparently
Personalised recommendations should be relevant, proportionate and understandable. Customers should be given meaningful control over data use, recommendation settings and automated interactions. Clear explanations of why a recommendation is shown can reduce the risk that useful personalisation is interpreted as surveillance or manipulation.
[bookmark: __RefHeading___Toc4408_2866105685][bookmark: _Toc238611865][bookmark: _Toc238822585]Adapt AI Service Across International Markets
International retailers should not assume that one AI interface will produce the same response in every market. Language quality, communication style, privacy expectations, digital familiarity and preferences for human interaction should be reviewed locally. Core service standards can remain consistent, but customer-facing design and escalation arrangements should allow market-sensitive adaptation.
[bookmark: __RefHeading___Toc4410_2866105685][bookmark: _Toc238611866][bookmark: _Toc238822586]Theoretical Recommendation
Future applications of the conceptual framework should continue to distinguish AI adoption from AI-enabled service quality. The findings support combining Expectation-Disconfirmation Theory with AI service theory because this links customer expectations to the capabilities of the technology. Trust, privacy and human interaction are best treated as explanatory conditions unless a future study is specifically designed to test them as separate variables.
[bookmark: __RefHeading___Toc4412_2866105685][bookmark: _Toc238611867][bookmark: _Toc238822587]Limitations of the Research
The study has several limitations. First, it relies on published secondary evidence, so its conclusions are constrained by the quality, measures and contexts of the included articles. Second, the 50-article evidence base remains weighted toward chatbots, e-commerce and digitally active consumers, which limits transferability to every form of international retail AI. Third, a substantial share of the empirical evidence comes from Asian and emerging-market contexts, while fewer studies provide directly comparable cross-country evidence. Fourth, several articles provide conceptual and/or review evidence instead of direct satisfaction measures, which limited interpretive weight with respect to claims for outcomes. Thematic synthesis in the end, can reveal patterns and explanations but not a new causal effect. Conclusions must, therefore, be considered as a creative synthesis of the existing evidence, and not an affirmation of the fact that AI systems will generate the same result for each retailer and customer.
[bookmark: _Toc238822588]Recommendations for Future Work
The future study could examine the association between the two variables in the research through primary data in multiple countries and retail industries with uniform indicators of customer satisfaction with the AI-powered service quality and customer satisfaction. Comparative studies may be conducted to understand if different assessments were provided between generations, age groups, cultures or degrees of confidence with digital technologies by the same AI service. Evaluating customer satisfaction through longitudinal studies would reveal overall shifts with familiarity and/or improvements in the system. The study should also account for various applications of AI and not just use chatbots as the prime example of customer-facing AI. The potential for additional efforts on service recovery, privacy, human escalation and generative AI would be highly beneficial as these are critical conditional impacts highlighted in this dissertation, while the research is rapidly evolving.
[bookmark: _Toc238822589]Final Conclusion
While AI-driven retail services can provide valuable opportunities for enhancing customer satisfaction for international retailers, it is crucial that this technology addresses customers' needs and seamlessly integrates with the service environment. The evidence is on a customer value perspective: consistent performance, helpful assistance, relevant personalization and transparent implementation, coupled with appropriate human support, have proven to be more significant than the_Add more AI approach. Therefore, a retailer that considers AI to be one of a suite of services – not as a going replacement of CS – is more likely to turn a technology 'shoe' into a retailing 'shoe'.
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