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[bookmark: _Toc227619926]PART 1: Critical Exploration of the Purpose, Content and Format of a Critical Literature Review
[bookmark: _Toc227619927]1.Introduction 
A critical literature review represents a fundamental component of doctoral research, providing a systematic and analytical evaluation of existing knowledge within a specific field. Rather than offering a purely descriptive summary, it involves the critical examination, comparison, and synthesis of scholarly work in order to identify established knowledge, ongoing debates, and gaps within the literature. At doctoral level, the literature review extends beyond a preliminary exercise and becomes a significant intellectual contribution that shapes the direction of the research and demonstrates academic rigour (Greenhalgh et al., 2017; Booth et al., 2016).
[bookmark: _Toc227619928]Within business and management research, particularly in emerging areas such as the adoption of artificial intelligence (AI) in community care services, a critical literature review facilitates engagement with interdisciplinary perspectives, including technological developments, organisational theory, and healthcare practice. Therefore, a clear understanding of the purpose, structure, and methodological rigour of a critical literature review is essential for producing high-quality doctoral research.
2. Purpose of a Critical Literature Review 
The primary purpose of a critical literature review is to develop a comprehensive and analytical understanding of existing research while positioning the study within the wider academic discourse. This involves several interrelated objectives.
Firstly, a literature review establishes the current state of knowledge within a field. Through a systematic examination of existing studies, the researcher identifies dominant theories, methodological approaches, and key empirical findings (Booth et al., 2016). However, this process extends beyond mere description; it requires critical evaluation of the strengths, limitations, and relevance of previous research.
Secondly, the literature review aims to identify gaps and opportunities for further investigation. Such gaps may arise from under-researched contexts, methodological limitations, or conflicting findings within the literature. At doctoral level, recognising these gaps is essential, as it provides justification for the research and demonstrates originality (Ridley, 2012).
Thirdly, the literature review contributes to the development of a conceptual and theoretical framework. By synthesising existing theories and models, the researcher establishes a foundation for the study. For example, in examining AI adoption, frameworks such as the Technology Acceptance Model and Diffusion of Innovation theory can be integrated and critically assessed (Venkatesh et al., 2003; Rogers, 2003).
Fourthly, a critical engagement with the literature helps to avoid unnecessary duplication of research. By understanding what has already been explored, the researcher can refine the research focus and ensure that the study contributes meaningfully to existing knowledge.
Importantly, the literature reflects an ongoing debate regarding the role of literature reviews. While some scholars view them as objective summaries of existing work, others emphasise their function in critical interpretation and theoretical development. At doctoral level, the latter perspective is widely accepted, as it aligns with the expectation of originality and critical insight.
[bookmark: _Toc227619929]3. Content of a Critical Literature Review 
The content of a critical literature review is determined not only by the range of sources included but also by the depth of analysis applied to them. A high-quality literature review draws on diverse and credible sources (Hart, 2018) including peer-reviewed journal articles, seminal theoretical works, and relevant policy or industry reports.
A key characteristic of strong content is the integration of both contemporary and foundational literature. While recent studies provide insight into current developments, seminal works offer the theoretical foundations that continue to shape the field. The ability to balance these sources demonstrates a comprehensive understanding of the subject area.
Furthermore, the literature should be organised thematically rather than presented in a purely chronological manner (Rowley & Slack, 2004). Instead of listing studies sequentially, the review should be structured around key themes, concepts, or debates. In the context of AI adoption, relevant themes may include technological capabilities, organisational readiness, ethical considerations, and workforce implications.
Another important element is the inclusion of methodological evaluation. A critical literature review examines not only the findings of studies but also how those findings were generated. This involves assessing research design, data collection methods, and analytical approaches. Such evaluation enables the researcher to identify limitations and assess the reliability of the evidence.
In addition, the literature should highlight areas of agreement and disagreement. Contradictions between studies often reveal unresolved issues or methodological inconsistencies, which in turn provide opportunities for further research.
[bookmark: _Toc227619930]4. Structure and Format of a Critical Literature Review 
The structure of a critical literature review is essential for ensuring clarity, coherence, and a logical progression of ideas. At doctoral level, the review is typically organised to move from a broad contextual understanding of the topic to a more focused and critical analysis of specific themes (Ridley, 2012; Booth et al., 2016).
A commonly adopted structure includes the following components:
[bookmark: _Toc227619931]4.1 Introduction
This section outlines the scope of the review, defines key concepts, and explains the relevance of the topic. It also establishes the boundaries of the literature being examined.
[bookmark: _Toc227619932]4.2 Thematic or Conceptual Sections
The main body of the review is organised around key themes or concepts rather than individual studies. Each section critically evaluates relevant literature, compares different perspectives, and synthesises findings. This thematic approach enhances clarity and demonstrates analytical depth.
[bookmark: _Toc227619933]4.3 Critical Discussion
Within each thematic section, critical analysis should be evident. This involves comparing authors, evaluating methodologies, and questioning underlying assumptions. Rather than presenting literature passively, the researcher actively engages with it to develop a coherent argument.
[bookmark: _Toc227619934]4.4 Identification of Gaps
Towards the end of the review, the researcher identifies gaps in the existing literature. These gaps should be clearly articulated and directly linked to the proposed research, providing a strong justification for the study.
[bookmark: _Toc227619935]4.5 Conclusion
The conclusion summarises the key insights derived from the literature, highlights the contribution of the review, and provides a transition towards the research questions or objectives.
In addition to structural considerations, the literature review must adhere to academic conventions, including consistent referencing, formal academic language, and logical organisation throughout.
[bookmark: _Toc227619936]5. Critical Review versus Descriptive Review 
A key characteristic of a doctoral-level literature review is its critical nature. A descriptive review primarily summarises existing studies without evaluation, often presenting information in a linear and uncritical manner. While this approach may demonstrate basic understanding, it does not meet the expectations of advanced academic research.
In contrast, a critical literature review involves analysis, evaluation, and synthesis of existing knowledge. This requires the researcher to go beyond accepting findings at face value and instead examine them through a series of analytical questions, such as:
· What are the strengths and limitations of this study? 
· How does this study compare with other research in the field? 
· What assumptions underpin the research? 
· To what extent are the findings generalisable? 
For example, two studies may report positive outcomes of AI adoption; however, a critical review would explore differences in context, sample size, or methodology to assess the reliability and validity of these findings.
Moreover, critical evaluation enables the identification of biases and limitations within the literature. These may include an over-reliance on particular research methods, limited diversity in study populations, or a narrow focus on specific settings. Recognising such limitations is essential for developing a well-informed and balanced understanding of the research area (Torraco, 2005).
[bookmark: _Toc227619937]6. Methodological Considerations in Literature Reviews 
Conducting a comprehensive literature review requires a systematic approach to identifying, selecting, and evaluating relevant sources. This process typically involves several key steps, including:
· defining appropriate search terms and keywords 
· selecting relevant academic databases 
· establishing clear inclusion and exclusion criteria 
· assessing the quality and credibility of sources 
Structured approaches, such as systematic or scoping reviews, are often used to enhance transparency and reproducibility. However, there is ongoing debate regarding the suitability of highly structured methodologies across all research contexts. While systematic reviews offer methodological rigour, they may limit flexibility, particularly when exploring emerging or interdisciplinary topics (Tranfield et al., 2003).
[bookmark: _Toc227619938]6.1 Review Screening and Selection Process
Although exact numerical counts are not presented, the screening process followed a structured logic consistent with PRISMA principles, ensuring transparency in the identification, selection, and inclusion of relevant studies. This approach enhances the methodological rigour of the review while maintaining flexibility appropriate for a critical literature review.
This literature review followed a structured and transparent screening process aligned with PRISMA-style principles to enhance rigour and replicability. Initial searches were conducted across Scopus, Web of Science, and Google Scholar using combinations of keywords such as (“artificial intelligence” OR “machine learning”) AND (“community care” OR “social care” OR “healthcare”) AND (“adoption” OR “implementation” OR “readiness”).
The initial search produced a broad pool of studies, which were subsequently refined through a multi-stage screening process. First, duplicate and clearly irrelevant studies were removed. Second, titles and abstracts were screened against predefined inclusion and exclusion criteria, focusing on relevance to AI adoption, organisational dynamics, healthcare delivery, and ethical considerations. Third, full-text reviews were conducted to identify studies that provided substantial theoretical, empirical, or contextual contributions.
Inclusion criteria prioritised peer-reviewed journal articles, high-impact publications, and relevant policy reports, particularly those focused on healthcare and social care contexts. Seminal theoretical works were also retained to support conceptual development. Exclusion criteria included non-scholarly sources, studies lacking relevance to organisational or implementation issues, and publications with insufficient methodological transparency.
This structured approach ensured that the final body of literature reflects both breadth and depth, supporting a robust and critically informed synthesis of AI adoption within community care settings.
[bookmark: _Toc227619939]6.2 Review Screening Summary
The search and screening process followed a PRISMA-style logic. Initial database searches generated a broad set of studies on AI, healthcare innovation, and care delivery. After removal of duplicates and clearly irrelevant items, the remaining studies were screened against the inclusion and exclusion criteria. Full-text assessment was then undertaken to identify studies most relevant to AI adoption, implementation, ethics, organisational readiness, workforce issues, and UK community care. The final pool of literature included both recent empirical studies and seminal conceptual contributions that directly informed the analytical themes of the review.
[image: ]
7. Challenges in Conducting a Critical Literature Review 
Despite its importance, conducting a critical literature review presents several challenges.
One major difficulty lies in managing the vast volume of available literature, particularly in rapidly evolving fields such as artificial intelligence. Researchers must develop effective strategies to identify and prioritise relevant studies without overlooking significant contributions.
Another challenge involves maintaining objectivity and critical distance. Researchers may be influenced by dominant theories or highly cited studies, which can limit independent analysis and reduce critical depth.
[bookmark: _Toc227619940]In addition, interdisciplinary research introduces further complexity, as it requires the integration of knowledge from multiple fields with differing theoretical perspectives and methodological approaches. This can make it more difficult to achieve coherence and consistency within the review (Snyder, 2019).
8. Conclusion 
A critical literature review is a fundamental component of doctoral research, serving both as the foundation of the study and as evidence of scholarly competence. Its purpose extends beyond the simple summary of existing knowledge to include critical evaluation, synthesis, and the advancement of understanding within a particular field.
Through careful selection of sources, thematic organisation, and rigorous analysis, the literature review enables the identification of research gaps and the development of a coherent research framework. In emerging and complex areas such as the integration of artificial intelligence in community care, the role of the literature review is particularly significant, as it helps navigate diverse perspectives and establish a clear direction for the study.
Ultimately, a high-quality critical literature review demonstrates not only extensive engagement with the literature but also strong critical thinking, originality, and the level of academic rigour expected at doctoral level.
These principles of critical review directly inform Part 2, where the literature is organised thematically in order to identify recurring patterns, contradictions, and context-specific gaps relevant to AI adoption in community care.
[bookmark: _Toc227619941]PART 2: Annotated Bibliography (Thematic & Critical Mapping)
Building on the critical foundations established in Part 1, the annotated bibliography maps the literature into analytical themes that inform the conceptual development of Part 3.

This annotated bibliography functions as a structured knowledge-mapping tool rather than a descriptive list. It critically evaluates key literature on AI adoption in healthcare and community care, identifying theoretical foundations, empirical evidence, organisational dynamics, ethical concerns, and contextual gaps. The aim is to support the development of a coherent research framework and highlight areas requiring further investigation.
[bookmark: _Toc227619942]2.1 THEME 1: THEORETICAL FOUNDATIONS OF AI ADOPTION 
Key Sources
Venkatesh et al. (2003); Rogers (2003); Agarwal et al. (2010); Kaplan and Haenlein (2019); Ahn and Kim (2021); Dwivedi et al. (2021)
Synthesised Annotation
The theoretical foundations of artificial intelligence (AI) adoption are grounded in established models of technology acceptance and innovation diffusion. The Unified Theory of Acceptance and Use of Technology (UTAUT) developed by Venkatesh et al. (2003) identifies performance expectancy, effort expectancy, social influence, and facilitating conditions as key determinants of user acceptance. Similarly, Rogers’ (2003) Diffusion of Innovation (DOI) theory conceptualises adoption as a process shaped by perceived relative advantage, compatibility, complexity, and observability.
These models have been widely applied in healthcare, where studies such as Agarwal et al. (2010) emphasise behavioural intention as a predictor of technology use, while Ahn and Kim (2021) highlight the importance of perceived usefulness and trust. However, a central limitation of these frameworks is their predominant focus on individual-level perceptions, often overlooking organisational and contextual influences.
In contrast to these individual-centric approaches, more recent research adopts a broader perspective. Unlike Venkatesh et al. (2003), who focus primarily on individual acceptance, Dwivedi et al. (2021) advance a multi-level framework that incorporates organisational readiness, governance structures, and environmental conditions. This shift reflects an emerging recognition that AI adoption is shaped by complex interactions beyond individual behaviour alone.
Furthermore, while Kaplan and Haenlein (2019) provide a conceptual overview of AI’s transformative potential, their analysis remains largely descriptive and lacks empirical grounding. This highlights a broader issue within the literature, where conceptual discussions are not always supported by robust implementation models.
Theme 1 Synthesis
The literature demonstrates strong agreement on the importance of perceived usefulness and social influence in shaping technology adoption. However, the dominance of individual-level models limits their applicability to complex organisational settings. In community care environments, where adoption is shaped by structural constraints and service dynamics, these models provide only a partial explanation. A more integrated, multi-dimensional approach is therefore required to capture the realities of AI implementation.
[bookmark: _Toc227619943]2.2 THEME 2: AI APPLICATIONS AND EMPIRICAL EVIDENCE
Key Sources
Jiang et al. (2017); He et al. (2019); Esteva et al. (2017); Rajkomar et al. (2019); Krittanawong et al. (2017); Davenport and Ronanki (2018); Mateus et al. (2024)
Synthesised Annotation
Empirical research demonstrates the growing capabilities of AI in healthcare, particularly in diagnostic accuracy, predictive analytics, and clinical decision-making. Jiang et al. (2017) and He et al. (2019) provide comprehensive overviews of AI applications, while studies such as Esteva et al. (2017) and Rajkomar et al. (2019) show that AI systems can perform at levels comparable to or exceeding human experts in specific tasks.
However, the literature reveals a strong bias towards hospital-based applications, where data availability and infrastructure are more advanced. In contrast, Davenport and Ronanki (2018) shift attention towards organisational value, emphasising that the benefits of AI depend not only on technical performance but also on effective integration into operational processes.
While Krittanawong et al. (2017) highlight the potential of AI in predictive healthcare, more recent studies such as Mateus et al. (2024) suggest that implementation outcomes are highly context-dependent. This indicates that technical success does not necessarily translate into practical effectiveness, particularly in decentralised care settings.
Theme 2 Synthesis
The literature provides strong evidence of AI’s technical capabilities; however, its practical relevance in community care remains uncertain. The dominance of hospital-based studies limits the generalisability of findings, highlighting a gap between technological potential and real-world implementation. This suggests that future research must move beyond performance metrics to consider contextual and organisational factors influencing adoption.
This further supports the argument that technological capability alone is insufficient to explain adoption outcomes in community care settings.

[bookmark: _Toc227619944]2.3 THEME 3: ORGANISATIONAL AND WORKFORCE FACTORS 
Key Sources
Greenhalgh et al. (2017); Lebcir et al. (2021); Lambert et al. (2023); Shinners et al. (2020); Gagnon et al. (2012); Cresswell and Sheikh (2013)
Synthesised Annotation
Organisational and workforce factors are consistently identified as critical determinants of AI adoption. Greenhalgh et al. (2017) emphasise organisational readiness, highlighting the importance of leadership, culture, and infrastructure in shaping digital innovation. Similarly, Lebcir et al. (2021) demonstrate that strategic alignment and resource availability are essential for successful implementation.
From a workforce perspective, Shinners et al. (2020) and Lambert et al. (2023) focus on user engagement, training, and acceptance. Whereas Greenhalgh et al. (2017) emphasise organisational readiness at a system level, Lambert et al. (2023) place greater emphasis on frontline workforce engagement and end-user experience. This distinction highlights the dual importance of organisational structures and human factors.
Cresswell and Sheikh (2013) further extend this perspective by emphasising socio-technical alignment, suggesting that successful adoption depends on the interaction between technology, users, and organisational processes. Similarly, Gagnon et al. (2012) highlight that behavioural and organisational factors often outweigh purely technological considerations.
Theme 3 Synthesis
The literature demonstrates that AI adoption is fundamentally an organisational process shaped by leadership, workforce capability, and structural conditions. However, most studies focus on large healthcare institutions, limiting their applicability to smaller community care providers. This highlights the need for research that considers the specific organisational realities of decentralised care environments.
[bookmark: _Toc227619945]2.4 THEME 4: ETHICAL, TRUST, AND GOVERNANCE ISSUES
Key Sources
Floridi et al. (2018); Morley et al. (2020); Longoni et al. (2019); Obermeyer et al. (2019); WHO (2021)
Synthesised Annotation
Ethical considerations play a central role in AI adoption, particularly in healthcare contexts involving vulnerable populations. Floridi et al. (2018) propose a normative ethical framework based on principles such as fairness, accountability, and transparency, while Morley et al. (2020) emphasise the need for organisational governance structures to operationalise these principles.
However, a gap exists between ethical theory and practical implementation. In contrast to the normative perspective of Floridi et al. (2018), Obermeyer et al. (2019) demonstrate how algorithmic bias can produce unequal outcomes in real-world settings. This highlights the limitations of relying solely on high-level ethical frameworks without addressing implementation challenges.
Trust is also identified as a critical factor. Longoni et al. (2019) show that both patients and professionals may resist AI-driven decisions, particularly when human judgement is perceived to be replaced. The WHO (2021) further emphasises the importance of governance mechanisms to ensure responsible AI use.
Theme 4 Synthesis
The literature highlights the importance of ethical governance and trust; however, there is a significant gap between theoretical principles and practical application. This gap is particularly relevant in community care, where ethical considerations are closely linked to person-centred service delivery. Further research is needed to explore how ethical frameworks can be effectively implemented in practice.
[bookmark: _Toc227619946]2.5 THEME 5: POLICY, INFRASTRUCTURE, AND UK CONTEXT
Key Sources
NHS Digital (2022); NHS AI Lab (2021); Health Foundation (2022); Digital Social Care (2023); Skills for Care (2022); OECD (2023)
Synthesised Annotation
The UK policy landscape strongly promotes the adoption of AI and digital technologies in healthcare. Initiatives such as NHS AI Lab (2021) and OECD (2023) highlight the strategic importance of AI in improving efficiency and service delivery.
However, the literature reveals a significant gap between policy ambition and operational reality. While national strategies emphasise digital transformation, reports such as Digital Social Care (2023) indicate that many community care providers lack the necessary infrastructure and digital maturity. Similarly, Skills for Care (2022) highlight workforce skill gaps as a major barrier.
While policy frameworks present digital transformation as a progressive and achievable process, evidence suggests that implementation remains uneven across sectors. This reflects structural inequalities within the healthcare system, particularly between hospital-based services and community care providers.
Theme 5 Synthesis
The UK context reveals a disconnect between strategic vision and practical capacity. While policy initiatives strongly support AI adoption, community care organisations face significant structural and resource constraints. This highlights the need for more targeted and context-specific policy interventions to support digital transformation in this sector.
[bookmark: _Toc227619947]2.6 THEME 6: ORGANISATIONAL TRANSFORMATION AND IMPLEMENTATION DYNAMICS
Key Sources
Shaw et al. (2019); Greenhalgh et al. (2017); Cresswell and Sheikh (2013); Lebcir et al. (2021); 

Synthesised Annotation
The literature increasingly conceptualises AI adoption not as a discrete technological intervention, but as a broader process of organisational transformation. Shaw et al. (2019) frame digital transformation in healthcare as an iterative and adaptive process, requiring continuous alignment between technology, organisational strategy, and service delivery. Similarly, Greenhalgh et al. (2017) emphasise that successful implementation depends on organisational readiness, leadership engagement, and the ability to embed innovation within existing systems.
From a socio-technical perspective, Cresswell and Sheikh (2013) argue that the effectiveness of digital technologies is contingent upon the alignment between technological systems, organisational processes, and user practices. This perspective challenges purely technical interpretations of AI adoption, highlighting the importance of workflow integration and operational fit.
In contrast to technology-centric approaches, organisational studies such as Lebcir et al. (2021) emphasise strategic alignment, governance, and resource allocation as key drivers of implementation success. Whereas technology-focused research prioritises system capability and performance, organisational perspectives highlight that outcomes are largely determined by leadership decisions, change management processes, and the ability to adapt existing workflows.
More recent research reinforces the importance of managerial judgement and strategic decision-making in shaping AI implementation outcomes. While technological capability is often emphasised, studies show that organisational interpretation, prioritisation, and integration of AI technologies are critical in determining their effectiveness within practice (Shaw et al., 2019; Greenhalgh et al., 2017). This highlights that AI adoption is not purely a technical process, but a strategically mediated organisational activity. 
Theme 6 Synthesis
The literature demonstrates that AI adoption is fundamentally an organisational transformation process rather than a purely technological upgrade. However, existing studies often treat technological, organisational, and human factors in isolation, limiting their explanatory power. This fragmentation is particularly problematic in community care settings, where implementation depends on the coordination of dispersed services, workforce adaptability, and resource constraints. As a result, effective AI adoption requires a system-level approach that integrates technology with organisational processes and care delivery models.

[bookmark: _Toc227619948]2.7 THEME 7: DIGITAL TRANSFORMATION, POLICY CONTEXT, AND IMPLEMENTATION GAPS
Key Sources
Shaw et al. (2019); NHS AI Lab (2021); NHS Digital (2022); Digital Social Care (2023); Skills for Care (2022); OECD (2023)

Synthesised Annotation
The policy landscape in the United Kingdom strongly promotes digital transformation and the adoption of AI within healthcare and social care systems. Initiatives such as NHS AI Lab (2021) and OECD (2023) emphasise the strategic importance of AI in improving efficiency, decision-making, and service delivery. These frameworks position digital transformation as both necessary and achievable within modern healthcare systems.
However, the literature reveals a significant gap between policy ambition and operational reality. While Shaw et al. (2019) conceptualise digital transformation as an iterative organisational process, evidence from Digital Social Care (2023) indicates that many community care providers lack the foundational infrastructure required to initiate such transformation. This highlights a critical disparity between theoretical models of transformation and the practical conditions faced by smaller care organisations.
Further evidence from NHS Digital (2022) and the Health Foundation (2022) suggests that digital maturity varies significantly across the healthcare system, with social care consistently lagging behind hospital-based services. Workforce-related challenges also remain significant, with Skills for Care (2022) identifying gaps in digital skills and training as key barriers to implementation.
While policy frameworks present digital transformation as a progressive and system-wide process, these findings suggest that implementation is uneven and constrained by structural limitations. This reflects broader inequalities in resource allocation, technological capacity, and organisational support within the care sector.

Theme 7 Synthesis
The literature highlights a clear disconnect between strategic policy vision and the operational capacity of community care organisations. While national initiatives promote AI adoption as a pathway to innovation, structural barriers such as limited infrastructure, workforce capability, and funding constraints restrict implementation. This suggests that digital transformation within community care is not merely a matter of policy direction, but requires targeted, context-specific support to address underlying organisational challenges.
[bookmark: _Toc227619949]2.8 OVERALL SYNTHESIS 
The literature reviewed across all themes demonstrates that the adoption of artificial intelligence within healthcare, and particularly within community care services, cannot be understood through isolated technological, organisational, or behavioural perspectives. Rather, AI adoption emerges as a complex socio-technical phenomenon shaped by the dynamic interaction between technological capability, organisational readiness, workforce engagement, ethical governance, and institutional context.
From a theoretical perspective, existing models such as the Technology Acceptance Model and Diffusion of Innovation theory provide valuable insights into individual-level adoption behaviours. However, these frameworks are limited in their ability to capture the multi-level and context-dependent nature of AI implementation. The literature increasingly advocates for more integrated approaches, such as the Human–Organisation–Technology perspective, which recognise that adoption is influenced not only by user perceptions, but also by organisational structures, leadership, and environmental conditions.
Empirical evidence consistently highlights the significant potential of AI to enhance efficiency, decision-making, and service delivery. However, this evidence is predominantly derived from hospital-based and technologically advanced settings, raising concerns regarding its transferability to community care environments. In contrast, community care services operate within decentralised, resource-constrained systems characterised by fragmented infrastructure and a strong reliance on human interaction. As a result, the effectiveness of AI in these contexts cannot be evaluated solely on the basis of technical performance but must consider practical implementation conditions.
A central insight emerging from the literature is that organisational and workforce factors play a more decisive role in shaping adoption outcomes than technological sophistication alone. Leadership commitment, organisational culture, resource availability, and staff engagement are consistently identified as critical enablers or barriers to implementation. At the same time, workforce perceptions, including trust, confidence, and perceived impact on professional roles, significantly influence the acceptance and effective use of AI systems.
The literature further highlights the importance of human–AI interaction, emphasising that AI should be conceptualised as an augmentative rather than a substitutive technology. In care settings, particularly within community-based services, the relational and human-centred nature of care delivery necessitates that AI supports, rather than replaces, professional judgement and interpersonal interaction. However, empirical research examining how such augmentation is operationalised in practice remains limited, indicating a need for further investigation.
Ethical and governance considerations represent another critical dimension of AI adoption. While there is strong consensus on the importance of principles such as transparency, accountability, and fairness, the literature reveals a significant gap between high-level ethical frameworks and their practical implementation within organisational contexts. This gap is particularly pronounced in community care, where service users are often vulnerable and the ethical implications of AI adoption are heightened.
In addition, the review identifies a persistent “pilot-to-practice” gap, whereby AI technologies demonstrate success in controlled or experimental settings but fail to achieve sustainable integration within routine practice. This gap reflects broader challenges related to scalability, interoperability, and organisational alignment. In community care settings, these challenges are intensified by structural constraints, including limited digital infrastructure, fragmented systems, and workforce skill deficits.
At the policy level, the UK context reveals a clear disconnect between strategic ambition and operational capacity. While national initiatives strongly promote the adoption of AI and digital technologies, the readiness of community care organisations to implement such innovations remains uneven. This disparity risks widening the gap between different sectors of healthcare, potentially limiting the benefits of AI within social care.
Overall, the literature demonstrates that AI adoption is not a purely technological process, but a complex organisational transformation that requires alignment across multiple dimensions. The interaction between technological capability, human factors, organisational structures, and policy context ultimately determines the success or failure of implementation.
Despite the breadth of existing research, significant gaps remain. These include the limited focus on community care settings, the lack of UK-specific empirical evidence, insufficient attention to small and medium-sized care providers, and the absence of integrated frameworks that capture the full complexity of AI adoption. Addressing these gaps is essential for developing a more context-sensitive and practically relevant understanding of how AI can be effectively and responsibly implemented within community care services.
This reinforces the argument that AI adoption in community care should be understood not as a technological transition, but as a context-dependent organisational transformation process.
[bookmark: _Toc227619950]2.9 GAP MATRIX
 
The gap matrix below provides a structured comparison of key studies, highlighting recurring theoretical, methodological, and contextual limitations. It demonstrates that existing research is fragmented, with limited integration across technological, organisational, and human dimensions, particularly within community care settings.
	Study
	Theory Used
	Method
	Context
	Key Finding
	Limitation
	Identified Gap

	Venkatesh et al. (2003)
	UTAUT
	Quantitative modelling
	General IT adoption
	User adoption driven by usefulness and social influence
	Focuses on individual-level behaviour
	Lacks organisational and contextual integration for community care

	Rogers (2003)
	Diffusion of Innovation
	Conceptual
	General innovation
	Adoption influenced by compatibility and complexity
	Limited empirical healthcare focus
	Does not capture healthcare-specific organisational dynamics

	Greenhalgh et al. (2017)
	Digital implementation
	Systematic review
	NHS healthcare
	Organisational readiness critical for adoption
	Focused on large health systems
	Limited applicability to small community care providers

	Cresswell & Sheikh (2013)
	Socio-technical theory
	Review
	Healthcare IT
	Alignment between technology and organisation is essential
	Broad healthcare focus
	Lacks focus on AI-specific adoption challenges

	Longoni et al. (2019)
	Trust/resistance
	Experimental
	Healthcare users
	Users prefer human over AI decision-making
	Controlled setting
	Limited real-world care context evidence

	Morley et al. (2020)
	Ethical AI framework
	Conceptual
	Healthcare
	Emphasises governance and ethical responsibility
	Limited operational guidance
	Gap in practical implementation of ethics in care settings

	Digital Social Care (2023)
	Policy/sector analysis
	Report
	UK social care
	Low digital maturity in care sector
	Limited theoretical integration
	Lack of empirical organisational-level research

	Mateus et al. (2024)
	AI implementation
	Empirical
	Healthcare
	AI effectiveness depends on context and readiness
	Hospital-focused
	Limited evidence in community care settings

	Lebcir et al. (2021)
	Organisational readiness
	Empirical
	Healthcare organisations
	Leadership and resources drive adoption
	Focus on larger organisations
	Gap in SME/community care context

	Shaw et al. (2019)
	Digital transformation
	Conceptual
	Healthcare systems
	Implementation is complex and iterative
	High-level perspective
	Lack of micro-level organisational insights


[bookmark: _Toc227619951]2.10 Additional Supporting Literature
In addition to the key sources synthesised within the thematic analysis, a broader body of literature further supports the findings of this review. These studies reinforce recurring patterns related to AI adoption, including the importance of organisational readiness, workforce engagement, ethical governance, and technological capability,
For example, studies such as Davenport and Ronanki (2018), Bates et al. (2020), and Brynjolfsson and McAfee (2017) emphasise the efficiency and productivity     
benefits of AI. Similarly, research by Cresswell and Sheikh (2013), Gagnon et al. (2012), and Powell et al. (2020) highlights the significance of organisational and human factors in successful implementation.
Policy and industry reports (e.g., NHS Digital, 2022; Deloitte, 2022; OECD, 2023) further demonstrate that digital maturity and infrastructure readiness vary significantly across organisations, particularly within the UK social care sector. Ethical and governance concerns are also widely discussed (e.g., WHO, 2021; Floridi et al., 2018), although their practical application remains limited.
While these additional studies contribute to the breadth of the literature, they largely reinforce existing findings rather than offering substantially new theoretical or empirical insights. Their inclusion, however, demonstrates the depth and scope of the literature underpinning this research.
PART 3: Preliminary Literature Review
Topic: Evaluating the relevance of AI adoption within community care services: The case of Respect Care Services in the UK
Drawing on the thematic synthesis developed in Part 2, this section advances a more explicit argument regarding the conditions under which AI adoption may or may not be relevant in UK community care settings.
[bookmark: _Toc227619952]1. Introduction 
Artificial Intelligence (AI) is increasingly positioned as a transformative force within contemporary healthcare systems, offering significant potential to enhance efficiency, decision-making, and service delivery. In the United Kingdom, rising demand for care services, persistent workforce shortages, and financial constraints have intensified the need for innovative, technology-enabled solutions (Topol, 2019; NHS AI Lab, 2021). While substantial progress has been made in the adoption of AI within hospital and clinical environments, its application within community care services remains comparatively underdeveloped and insufficiently examined.
Community care organisations, such as Respect Care Services, operate within complex, decentralised, and resource-constrained environments where the delivery of personalised, person-centred care is paramount. These settings are characterised by fragmented infrastructure, limited digital maturity, and a strong reliance on frontline care workers. Consequently, the integration of AI into community care raises critical questions regarding feasibility, organisational readiness, workforce capability, and ethical governance.
This section presents a critical and systematic examination of the existing literature on AI adoption in healthcare, with a particular focus on its relevance to community care services in the UK. It synthesises theoretical frameworks, empirical evidence, and policy perspectives to explore the potential benefits, challenges, and organisational implications of AI implementation. In doing so, the review identifies key gaps in current knowledge and establishes a clear rationale for further research within the context of community care organisations.
[bookmark: _Toc227619953]2. Research Problem and Research Questions 
Despite the rapid advancement of AI technologies, their application within community care services remains limited. Existing research largely focuses on hospital-based settings, resulting in a significant gap in understanding how AI can be effectively integrated into smaller, community-based care organisations.This leads to the central research problem:
There is limited empirical and conceptual understanding of the relevance, application, and impact of AI adoption within community care services in the UK (Shaw et al., 2019; Digital Social Care, 2023).
Based on this problem, the study is guided by the following research questions:
1. To what extent do existing AI technologies align with the operational needs of community care services? 
2. What organisational factors influence the adoption of AI in community care settings? 
3. What are the potential benefits and limitations of AI adoption in improving service delivery? 
4. What barriers and challenges affect the implementation of AI in community care organisations? 
5. How can AI be strategically integrated into community care services such as Respect Care Services? 
[bookmark: _Toc227619954]3. Theoretical Framework 
Understanding AI adoption requires engagement with established theoretical frameworks of technology adoption and organisational change.
The Technology Acceptance Model (TAM) suggests that adoption is influenced by perceived usefulness and ease of use (Venkatesh et al., 2003). In the context of community care, this implies that care workers are more likely to adopt AI technologies if they clearly enhance efficiency without increasing complexity. However, TAM has been criticised for focusing primarily on individual perceptions while overlooking broader organisational and contextual factors.
Similarly, the Diffusion of Innovation (DOI) theory explains adoption as a process shaped by perceived advantage, compatibility, and complexity (Rogers, 2003). Within community care settings, compatibility with existing workflows and care practices is particularly important. Technologies that disrupt interpersonal interaction or require significant behavioural change may face resistance.
More recent frameworks, such as the Human–Organisation–Technology (HOT) model, offer a more comprehensive perspective by emphasising the interaction between technological capability, organisational readiness, and human factors. This model is especially relevant to community care services, where successful implementation depends on workforce skills, leadership, and infrastructure rather than technology alone.
Overall, the literature suggests that no single framework fully captures the complexity of AI adoption in healthcare. Instead, a multi-dimensional approach is required, integrating individual, organisational, and systemic factors.
In smaller providers such as Respect Care Services, these organisational and workforce dimensions are likely to be especially significant because implementation capacity is shaped by limited resources and operational fragmentation.
[bookmark: _Toc227619955]3.1 Conceptual Framework
Based on the reviewed literature, this study proposes a conceptual framework in which AI adoption is shaped by the interaction between technological capability, organisational readiness, and workforce acceptance. Organisational readiness acts as a mediating factor, while workforce acceptance influences the effectiveness of implementation. These factors collectively impact the quality of care outcomes.
This review takes the position that existing AI adoption models are insufficient for explaining implementation in community care settings. Much of the literature is structurally biased towards hospital-based and technologically mature environments, which limits its relevance to decentralised, resource-constrained providers such as Respect Care Services. This study therefore challenges the dominance of individual-level and technology-centred explanations by arguing that AI adoption in community care is shaped by the interaction between organisational readiness, workforce acceptance, ethical governance, and contextual service conditions.
[image: ]
Figure 1: Contextualised AI Adoption Framework for Community Care
Figure 1 presents the proposed Contextualised AI Adoption Framework for Community Care. The model positions AI adoption as the initiating condition, with organisational readiness and workforce acceptance operating as sequential mechanisms through which implementation outcomes are shaped. Service quality and operational efficiency are treated as the key outcome dimensions, while trust and ethical concerns act as moderating influences that may strengthen or weaken adoption outcomes. The framework is explicitly grounded in the UK community care context, where organisational fragmentation, limited digital maturity, and person-centred service expectations shape implementation conditions.
[bookmark: _Toc227619956]3.2 Hypotheses Development
Based on the literature reviewed, the following hypotheses are proposed:
H1: AI adoption positively influences organisational readiness in community care settings.
H2: Organisational readiness positively influences workforce acceptance of AI.
H3: Workforce acceptance positively influences service quality and operational efficiency.
H4: Organisational readiness mediates the relationship between AI adoption and service quality.
H5: Workforce acceptance mediates the relationship between organisational readiness and care outcomes.
H6: Trust and ethical concerns moderate the relationship between AI adoption and workforce acceptance, such that lower trust weakens implementation outcomes.
[bookmark: _Toc227619957]3.3 Structural Equation Modelling (SEM) Approach
To empirically examine the proposed conceptual framework, this study adopts a Structural Equation Modelling (SEM) approach. SEM is particularly appropriate for this research as it enables the simultaneous analysis of complex relationships between multiple latent constructs, including mediation and moderation effects. Given that AI adoption in community care involves interdependent technological, organisational, and human factors, SEM provides a robust methodological framework for testing the proposed relationships.
The conceptual model developed in this study includes AI adoption as the independent variable, organisational readiness and workforce acceptance as mediating variables, and service quality and operational efficiency as outcome variables. Trust and ethical concerns are incorporated as moderating factors, influencing the strength of relationships between key constructs. SEM allows these direct, indirect, and moderating effects to be tested within a single integrated model, enhancing both analytical depth and explanatory power.
The use of SEM is further justified by its widespread application in technology adoption and healthcare research, particularly in studies extending models such as TAM and UTAUT (Venkatesh et al., 2003; Dwivedi et al., 2021). Unlike traditional regression-based approaches, SEM enables the modelling of latent variables that cannot be directly observed, such as organisational readiness and workforce acceptance, through multiple indicators.
In the context of community care organisations such as Respect Care Services, SEM offers a valuable means of capturing the complexity of real-world implementation conditions. It allows the researcher to assess not only whether AI adoption influences care outcomes, but also how and through which mechanisms these effects occur. This is particularly important in understanding whether organisational readiness and workforce acceptance act as critical pathways through which AI generates value.
Furthermore, SEM supports the evaluation of model fit, providing statistical indicators that assess how well the proposed theoretical model aligns with observed data. This strengthens the validity and reliability of the research findings and enhances the study’s contribution to both theory and practice.
Overall, the adoption of SEM aligns with the study’s objective of developing a theoretically grounded and empirically testable model of AI adoption in community care. It enables the transition from conceptual analysis to hypothesis testing, thereby supporting a more rigorous and evidence-based understanding of implementation dynamics within the UK care sector.
[bookmark: _Toc227619958]4. Applications of Artificial Intelligence in Healthcare and Community Care 
Artificial intelligence (AI) technologies are increasingly applied across various areas of healthcare, including clinical decision support, predictive analytics, remote monitoring, and administrative automation. These applications have demonstrated the potential to improve diagnostic accuracy, optimise resource allocation, and enhance patient outcomes (Jiang et al., 2017; He et al., 2019).
Within community care settings, the application of AI remains more limited but includes several emerging uses, such as:
· remote patient monitoring systems 
· predictive tools for identifying care needs 
· automated scheduling and workforce management 
· digital assistants for documentation and communication 
These applications have the potential to improve both efficiency and responsiveness in care delivery. For example, predictive analytics can help identify individuals at risk of deterioration, enabling early intervention. Similarly, the automation of administrative tasks can reduce workload pressures on care staff, allowing greater focus on direct patient care (Priday et al., 2025).
However, the literature suggests that the transfer of AI applications from hospital-based settings to community care environments is not straightforward. Differences in infrastructure, data availability, and organisational capacity present significant challenges. As a result, while AI technologies may be technically feasible, their practical relevance in community care remains uncertain.
[bookmark: _Toc227619959]5. Benefits of AI Adoption in Community Care 
The literature highlights several potential benefits associated with the adoption of artificial intelligence in community care settings.
[bookmark: _Toc227619960]5.1 Efficiency and Productivity
AI can automate routine administrative tasks such as scheduling, reporting, and data processing, enabling care staff to focus more on direct patient interaction. This is particularly important in community care, where workforce shortages are a significant challenge (Davenport & Ronanki, 2018).
[bookmark: _Toc227619961]5.2 Improved Quality of Care
AI can support more personalised care through the use of data-driven insights, enhancing both the accuracy and timeliness of decision-making. In addition, remote monitoring technologies can improve continuity of care, particularly for individuals with chronic conditions (Esteva et al., 2017).
[bookmark: _Toc227619962]5.3 Workforce Support
AI has the potential to reduce staff burnout by minimising repetitive tasks and supporting decision-making processes. This may contribute to improved job satisfaction and higher staff retention within care organisations (Shinners et al., 2020).
However, these benefits are often presented in optimistic terms within the literature. There is limited empirical evidence demonstrating the long-term impact of AI adoption in community care settings, raising important questions about the extent to which these benefits can be realised in practice (Mateus et al., 2024).
[bookmark: _Toc227619963]6. Challenges and Barriers to AI Adoption 
Despite its potential, the adoption of artificial intelligence in community care is associated with a range of significant challenges.
For organisations such as Respect Care Services, these barriers are not only technical but strategic, as decisions about AI adoption must be balanced against staffing pressures, service continuity, and person-centred care expectations.
[bookmark: _Toc227619964]6.1 Organisational and Infrastructure Barriers
Many community care organisations lack the digital infrastructure necessary to support AI systems. Challenges such as fragmented data systems, limited financial resources, and insufficient technological capacity can significantly hinder implementation (NHS Digital, 2022).
[bookmark: _Toc227619965]6.2 Workforce Resistance and Skills Gaps
Resistance from care staff represents a key barrier to adoption. This may stem from limited training, concerns about job displacement, or perceptions of increased complexity. The literature highlights the importance of training, ongoing support, and user involvement in facilitating acceptance and effective use of AI technologies (Lambert et al., 2023).
[bookmark: _Toc227619966]6.3 Ethical and Governance Concerns
AI adoption raises important ethical considerations, including data privacy, algorithmic bias, and accountability. These issues are particularly critical in community care settings, where services often involve vulnerable individuals and sensitive personal data (Morley et al., 2020; Floridi et al., 2018).
[bookmark: _Toc227619967]6.4 Trust and Acceptance
Trust remains a central challenge in the adoption of AI systems. Both care providers and service users may be reluctant to rely on AI-supported decision-making, particularly in contexts where human judgement and empathy are highly valued (Longoni et al., 2019).
Overall, these challenges demonstrate that AI adoption extends beyond technological implementation. It represents a complex organisational, social, and ethical process that requires careful management and strategic planning.
[bookmark: _Toc227619968]7. Organisational Impact of AI in Community Care 
The adoption of artificial intelligence has the potential to significantly transform organisational structures and processes within community care services.
· Workflow changes: The integration of AI may require the redesign of existing care processes, particularly where automation and data-driven systems are introduced. 
· Role transformation: Care professionals may shift from routine task execution towards roles that involve monitoring, interpretation, and decision support. 
· Data-driven decision-making: Organisations may become increasingly reliant on data analytics to inform planning, resource allocation, and care delivery. 
However, the literature suggests that, in the absence of strong leadership and a clear strategic vision, AI initiatives often fail to progress beyond pilot stages. This highlights a critical gap between technological potential and organisational capability, particularly within resource-constrained community care settings (Greenhalgh et al., 2017). 
[bookmark: _Toc227619969]8. Critical Debate 
A central debate within the literature concerns the balance between technological innovation and human-centred care.
On one hand, AI is widely promoted as a solution to inefficiencies, workforce shortages, and increasing demand within healthcare systems. On the other hand, critics argue that excessive reliance on AI may undermine the relational aspects of care, which are fundamental to community-based services where trust, empathy, and personal interaction are essential (Topol, 2019).
A further debate relates to whether technological capability or organisational readiness is the primary determinant of successful adoption. While technological advancements continue to accelerate, evidence suggests that organisational factors—such as leadership, culture, and resource availability—play a more significant role in shaping implementation outcomes.
These debates highlight the need for a more nuanced understanding of AI adoption that goes beyond technological optimism and recognises the complex interaction between human, organisational, and technological factors (Lebcir et al., 2021).
[bookmark: _Toc227619970]9. Synthesis of Key Findings 
The literature reviewed reveals a set of interrelated patterns that shape the adoption of artificial intelligence within community care contexts. First, AI adoption is not determined solely by technological capability; rather, it emerges from the dynamic interaction between technological functionality, organisational readiness, and workforce acceptance. While advanced AI systems demonstrate significant potential in controlled clinical environments, their effectiveness is contingent upon the organisational conditions into which they are introduced.
Second, organisational factors consistently appear more influential than technological sophistication in determining successful implementation. Leadership commitment, organisational culture, resource availability, and digital infrastructure play a decisive role in enabling or constraining adoption. This suggests that AI implementation should be understood as an organisational transformation process rather than a purely technical intervention.
Third, a persistent gap exists between the theoretical promise of AI and its practical application within community care settings. Much of the existing literature is grounded in hospital-based research, limiting its transferability to decentralised, resource-constrained environments where care delivery is relational and context-dependent.
Finally, the literature highlights the importance of ethical governance, trust, and user engagement as critical mechanisms influencing adoption outcomes. However, these factors remain underdeveloped in empirical research, particularly within UK community care services.
Overall, these findings indicate that successful AI adoption requires a holistic and context-sensitive approach that integrates technological, organisational, and human dimensions. This reinforces the need for research that moves beyond technological optimism and examines the realities of implementation within community care organisations. These findings collectively challenge the assumption that AI adoption is primarily technology-driven, instead positioning it as an organisationally mediated and socially embedded process.

[bookmark: _Toc227619971]9.1 Gaps in the Literature 
The literature review identifies several significant gaps within the existing body of research.
· Limited research specifically focused on community care services 
· A lack of UK-based empirical studies examining AI adoption in social care 
· Insufficient attention to small and medium-sized care providers 
· Limited understanding of the long-term organisational impact of AI adoption 
· Inadequate integration of technological, organisational, and human perspectives 
These gaps highlight the need for further research, particularly within the context of community care organisations such as Respect Care Services. Addressing these limitations will contribute to a more comprehensive and context-specific understanding of AI adoption in the UK care sector (Digital Social Care, 2023;).

[bookmark: _Toc227619972]10. Research Questions 
In light of the gaps identified in the literature, this study is guided by the following research questions:
1. [bookmark: _Toc227619973]To what extent do existing AI technologies align with the operational and relational needs of community care services? 
2. [bookmark: _Toc227619974]What organisational factors (e.g., leadership, culture, and resource capacity) influence the adoption and implementation of AI in community care settings? 
3. [bookmark: _Toc227619975]How do workforce perceptions, skills, and trust shape the acceptance and effective use of AI technologies in community care? 
4. [bookmark: _Toc227619976]How can human–AI interaction be designed to support, rather than replace, person-centred care practices? 
5. [bookmark: _Toc227619977]What are the key barriers to scaling AI solutions from pilot stages to sustainable implementation within community care organisations? 
6. [bookmark: _Toc227619978]How do ethical, governance, and data-related considerations influence the adoption of AI in community care services? 
7. [bookmark: _Toc227619979]What strategic approaches can enable effective and context-sensitive integration of AI within organisations such as Respect Care Services? 
[bookmark: _Toc227619980]10.1 Managerial Implications
[bookmark: _Toc227619981]The findings of this review carry significant implications for managers and decision makers within community care organisations. 
[bookmark: _Toc227619982]Firstly, AI adoption should be approached as a strategic organisational initiative rather than a standalone technological upgrade. This requires a clear vision, strong leadership commitment, and alignment with organisational goals and service delivery models.
[bookmark: _Toc227619983]Secondly, organisations must prioritise digital readiness by investing in infrastructure, data systems, and workforce capabilities. Without a foundational level of technological maturity, the implementation of AI solutions is unlikely to deliver meaningful value. Equally important is the development of staff competencies through targeted training and continuous professional development, ensuring that care workers are both confident and competent in using AI-supported systems.
[bookmark: _Toc227619984]Thirdly, a phased and context-sensitive implementation strategy is essential. Rather than large-scale transformation, organisations should adopt incremental approaches, beginning with pilot initiatives that allow for evaluation, learning, and adaptation. This reduces risk and supports more sustainable integration.
[bookmark: _Toc227619985]In addition, managers must address ethical considerations and foster trust among both staff and service users. Transparent governance frameworks, clear accountability structures, and safeguards against bias and data misuse are critical to ensuring responsible AI adoption. Building trust is particularly important in community care, where interpersonal relationships and person-centred values are central to service delivery.
[bookmark: _Toc227619986]Finally, collaboration with policymakers, technology providers, and regulatory bodies is necessary to bridge the gap between strategic ambition and operational reality. By adopting a coordinated and evidence-informed approach, community care organisations can enhance the likelihood of successfully integrating AI in ways that improve both efficiency and quality of care. This implies that investment in AI technologies without parallel investment in organisational capability is unlikely to produce sustainable improvements in care outcomes.
[bookmark: _Toc227619987]In practical terms, providers such as Respect Care Services would need to adopt a phased and context-sensitive approach rather than attempting large-scale transformation at the outset.
[bookmark: _Toc227619988]11. Conclusion 
This literature review has critically examined the current state of knowledge regarding the adoption of artificial intelligence within healthcare, with particular emphasis on its relevance to community care services. The analysis demonstrates that, while AI offers considerable potential to enhance efficiency, decision-making, and service delivery, its application within community care remains limited, fragmented, and insufficiently understood.
The findings highlight that successful AI adoption extends beyond technological capability and is fundamentally shaped by organisational readiness, workforce engagement, and the presence of appropriate ethical and governance frameworks. In particular, the literature underscores the importance of leadership, culture, and infrastructure in enabling or constraining implementation, as well as the critical role of trust and user acceptance in determining outcomes.
A key insight emerging from this review is the disconnect between the theoretical potential of AI and its practical implementation within decentralised and resource-constrained care environments. Much of the existing evidence is derived from hospital-based settings, limiting its applicability to community care, where service delivery is more relational, context-dependent, and operationally complex.
The review also identifies several important gaps in the literature, including the lack of UK-specific empirical research, limited focus on small and medium-sized care providers, and insufficient integration of technological, organisational, and human dimensions. Addressing these gaps is essential to developing a more comprehensive and contextually relevant understanding of AI adoption in community care.
This study contributes to advancing understanding of AI adoption in community care by identifying key organisational, technological, and workforce-related factors. It provides a foundation for future research and practical implementation, particularly in understanding how AI can be effectively and responsibly implemented within real-world community care settings.
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