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1. [bookmark: _Toc178693103]Abstract
Against the backdrop of the end of the COVID-19 pandemic, the travel industry is seeing a recovery from the devastation of the epidemic. The researcher of this report attempts to explain the significant influencing factors that affect the travel expenditures of travellers entering and exiting the UK borders. This was tested and analysed through quantitative methods of correlation analysis, factor analysis, t-test, ANOVA and linear regression analysis using the Travel Pac 2023 database published by the Office for National Statistics (ONS) of the United Kingdom. It was explained that seasonal or quarterly factors are not significant influencers; however, gender is a significant influencer in the group of travellers influencing travel to and from the UK borders in 2023; mode of transportation and the main purpose of travel likewise significantly influences the total traveller expenditure; Apart from the fact that the number of nights spent at the travel destination is a significant influence on travellers' expenditures, this is also a significant variable in predicting travellers' expenditures. The inclusion of this variable is more significantly accurate than predicting travellers' expenditures through the mean alone.

2. [bookmark: _Toc178693104]Introduction: The Importance of the Research

[bookmark: _Toc178693105]2.1 The Importance of the Research
Private sector consumption, including tourism, declined significantly during the epidemic, and different scholars have used empirical analyses to demonstrate this decline in consumption during the epidemic (Baker et al., 2020; Dunn et al., 2020; Chen et al., Q. (2021). Scholars have used macro data from government and business organisations in different regions, credit card transaction data and other kinds of databases to reveal even more about the significant impact of the tourism industry during the epidemic (Mandel & Veetil,2020; Fatmi et al., 2021; Chronopoulos et al., 2020). In addition, scholars' data analyses using cross-regional comparisons and global perspectives have also demonstrated such industry mega-shocks (Uğur & Akbıyık, 2020; Mach & Ponting, 2021).

However, in the aftermath of the global Covid 19 epidemic, the travel industry has been subjected to a series of measures by the Government, the public, and the private sector to rehabilitate the industry (Loayza and Pennings, 2020; Marron, 2020; Škare et al., 2021). scholars have also concluded that tourism has recovered, using data sources from different regions, but the characteristics of private expenditure on tourism show a different picture than before the epidemic (Baños-Pino et al., 2023; Rubina et al., 2023; Sun et al., 2024). This report seeks to analyse the data to discover the relationship between personal expenditure on travel and several variables relating to travel and to conduct regression analyses of why this has a more significant impact on expenditure.

The researcher of this report will take positivist philosophical assumptions of positivism which lie in the fact that facts and knowledge are pre-existing and unique, that the task of the researcher is to continually approach the only truth that already exists in the universe, and that the methodology is one of analysing and exploring using experimental or quantitative methods. This report uses the secondary dataset from the ‘Travel Pac Dataset: Travel to and from the UK’, published annually by the Office for National Statistics (ONS). The dataset is based on data on travel to and from the UK, detailing the age and gender of travellers, purpose of travel, duration of travel and spending. It is based on quarterly International Passenger Survey (IPS) data. Several variables that require a particular explanation are VISITS, which show how many visits a particular record represents. These values are added together to give the total number of visits. A visit is usually a complete round trip, e.g. for UK residents; it represents both a departure and an arrival in the UK. In the IPS, visits by overseas residents are measured when they leave the UK, while overseas visits by UK residents are measured when they return to the UK. The number of nights (NIGHTS) relates to the total number of nights spent during the visit. In the full IPS dataset, each record has its own NIGHTS variable, representing the number of days spent on that record. In the Travelpac dataset, the number of nights is weighed and summed so that a row can represent the total number of nights for one or more actual IPS interviews. Setting the values in the NIGHTS variable together gives the number of nights spent on all visits. ‘Expenditure (SPEND)’ shows the total amount spent abroad (for UK residents) or within the UK (for overseas residents) during the visit. The amount is calculated based on current prices (i.e., the monetary value at the visit) and is in pounds sterling. As with the ‘Nights’ data, these have been weighted to derive expenditure estimates by summing. The dataset was cleaned and transformed during the collection process using the questionnaire, so the researcher would not need to clean or transform the database again.

[bookmark: _Toc178693106]2.2 Research Aim and Objectives
Aim:  Describe and explain the factors significantly influencing the total consumer spending of travellers entering and exiting the UK border.

Objectives:
1. To test whether gender significantly affects travellers' total consumption expenditure differential.
2. To test whether the ‘mode of travel’ significantly affects travellers' total consumption expenditure differential.
3. To test whether the ‘main purpose’ of travel significantly affects travellers' total consumption expenditure differential.
4. Examine the extent to which the number of nights spent at a travel destination explains total travel expenditures.

Research Questions:
1. Is there a significant difference between male and female gender in the total consumption expenditure of travellers?
2. Does the mode of travel transportation significantly affect travellers’ final travel expenditures?
3. Do different main travel purposes significantly affect travellers’ travel expenditures?
4. To what extent does the number of nights of stay explain total travel expenditures?


3. [bookmark: _Toc178693107]Literature Review, Conceptual Framework and Statement of Hypotheses

[bookmark: _Toc178693108]3.1 Brief discussion on literature review, conceptual framework and hypotheses in Quantitative research
Literature reviews are indispensable in both qualitative and quantitative research. The researcher in qualitative research uses the literature review as material to fit in with the participants involved in the study regarding the assumptions; the goal is to document better and listen to the ideas and perspectives of the research participants in the study rather than prescribing the questions that need to be answered from the researcher's point of view, who is more inclined to explore and to build on the co-construction with the interviewees. The quantitative research literature review aims to provide a theme and direction for the research. The literature review shows the theories, research logic, and methods the researcher refers to. After the data has been collected and analysed, the quantitative researcher revisits the literature and compares it with the conclusions and findings of his or her research (Creswell and Creswell, 2018).

Before conducting research, a framework needs to be addressed. Crawford (2020, p.35) summarises that the research framework is a house’s foundation. There are two kinds of frameworks: theoretical framework and conceptual framework. Imenda (2014, p.189) shows that the theoretical framework is derived from theories, and the conceptual framework is derived from concepts. The relevant vital researchers describe the role of both frameworks in research in different ways. Crawford (2020, p.39) expresses that the relevant theories must be detected in the theoretical framework before applying to an ongoing relationship with the study or being tested. Maxwell (2020, p.41) describes the conceptual framework as constructed rather than found. Crawford (2020, p.41) shows that the conceptual framework serves to either argue, explain, or generalise. 

Hypothesis setting is a distinctive feature of quantitative research; Given (2008) explains that hypotheses are, in the vast majority of cases, unique to quantitative research, predictions and preliminary statements about the relationship between variables, and presuppose that the researcher of a quantitative study has conducted an in-depth research study on the topic and methodology of the study before setting the hypotheses; since qualitative research is primarily exploratory, interpretive and extensive, hypotheses are broadly not used in qualitative research.

[bookmark: _Toc178693109]3.2 Literature Review
This researcher searched and collated keyword travel expenditures and influencing factors and then tracked down additional literature corresponding to them in the literature published in relevant and credible journals. An attempt is made to summarise some preliminary findings on travellers' consumption expenditure and provide a preliminary overview based on different research objectives, targets and methods.

Brida and Scuderi (2013) combed through the literature on the factors influencing private consumption expenditures in travelling. They found that consumption expenditures at the private level have only begun to attract more and more researchers to explore them since the beginning of this century. Park, Woo, and Nicolau (2020) analyse travel expenses across and within different types. The empirical application examines the determinants of total expenditure, controlling for potential endogeneity, and relies on quantile regression to analyse the impact of information-seeking behaviour on total expenditure and the distribution of expenditure on accommodation, shopping, catering and local transport. The analysis of more than 48,000 samples specifically identified the impact of the length of stay variable on total expenditures and the number of nights spent at the travel destination on total private travel expenditures, which deserves further study. As another example, to enhance marketing, Jang et al. (2004) used Japanese travellers to the United States as the topic of the study: Japanese tourists have been one of the largest groups of travellers to the United States. Given the importance of Japanese tourism, understanding their expenditure patterns is crucial for tourism organisers and destination marketers. Using data from a 1997 in-flight survey, this study analyses Japanese travellers' income level and investigates the determinants of their travel expenditures in the United States. The results of the study have implications for marketing. The study found that several socio-demographic variables, including age, occupation, travelling companions, number of days spent in the U.S., number of repeat visits, and travel-related variables, play an essential role in explaining expenditure changes. The study's results will help tourism marketers better understand Japanese leisure travellers' travel spending behaviour in the United States. Using one or several years of continuous data as a study database can facilitate the use of regression analyses to study the independent variables that may impact the dependent variable, allowing for targeted business strategy planning.

Different scholars have also conducted a significant amount of empirical research on seasonal factors, which are reflected in natural conditions, including sunlight and temperature conditions, the alternation of dry and rainy seasons, and optimal or inappropriate seasons for travelling as determined by the geographic location of the travel destination, as well as in cultural factors, which include differences brought about by unique cultural festivals or cultural connotations (Cannon et al., 2002; Koc & Altinay, 2007; Loh et al., 2015; Agarwal et al., 2020; Liu et al., 2020;  Sahoo et al., 2022).

Mode of transport is also a factor that influences final travel expenditure. Whereas the mode of travelling is often accompanied by the length of stay at the travel destination, in many studies, the mode of travelling is analysed either as an intermediate variable for the length of stay at the travel destination or as a set of similar variables. Kim et al. (2011) analysed data from a sample of tourists from the Macau Special Administrative Region of China using Tobit analysis. They concluded that long-haul tourists travelling to Macau by air stay longer in Macau in terms of number of nights, higher per capita consumption and thus higher total expenditure than short-haul tourists travelling to Macau from Mainland China or Hong Kong by car, train, ferry or bus, and hence concluded that the tourism industry in Macau should increase its efforts to attract long-haul tourists and to seek to lengthen the length of time that tourists spend in the region. Similarly, scholars take to the study of the relationship between travel mode and final consumption through the same destination in different years (Slak, 2015) or similar analyses conducted by researchers in different regions for different study areas, all pointing to the fact that travel mode is either an independent variable or a critical intermediate variable that affects travellers' final consumption expenditures (Mudarra-Fernández et al., 2019; Jokubauskaitė et al., 2019; Tang et al., 2020; Ozbilen et al., 2021). In addition to studying traditional modes of transport on travel expenditures, connecting flights, as a specific means of travel transport, also significantly impacts macro travel expenditures (Massidda et al., 2020). When examining the relationship between the mode of transport used by travellers to and from the travel destination and the final cost of the trip, in most cases, it is analysed together with the length of the traveller's stay at the destination, or what can be described as the number of nights that the traveller stays at the travel destination, as the object variable of the study. However, in the literature on quantitative analyses, there are frequent cases of individual travel expenditure between correlation analyses of the same topic or combinations of different variables.

The literature of recent years demonstrates that researchers are also very passionate about this topic in terms of the impact of the factor of the main purpose of the trip on the final consumption of the traveller. Similarly to the mode of travelling, the purpose of travelling is often analysed as an intermediate variable or as one of the independent variables in regression analyses in which the final expenditure of the traveller is the dependent variable. In the literature search, the discussion of primary purpose fell into several main categories, starting with the primary purpose of travel and the role of another variable on travel expenditure, such as how the interaction between air transport indirectly affects total expenditure (Gössling et al.,2019); or how the purpose of travel affects destination bike-sharing, and to some extent also affects travel expenditure as an intermediate variable (Xing et al., 2020). The other is a study of the variables that affect the total traveller expenditure, among others (Hössinger et al., 2020; Park et al., 2020).

Gender is also a significant research variable in social science explorations. In the specific topic of expenditure while travelling, there has been no shortage of scholars in recent years who have empirically quantified gender as one of the influencing factors. The two groups of researchers each used different administrative districts in India as the geographical scope of the study; each quantified the potential relationship between gender and travel expenditures using a random sampling-based database. Saigal et al. (2021) used a data company database based on multilayered random sampling to study the impact of gender and social class on travel expenditures, while Jain & Tiwari (2020) also used a specialised data company database in a two-step process to study the impact of private income on travel expenditures. And gender on travellers' expenditure to the city of Vishakhapatnam. 

In contrast to the research team mentioned above, who used gender as a secondary independent variable, some researchers have used gender as the primary research variable to quantitatively analyse the impact of gender on the final total expenditure of private travellers using more extensive databases or datasets based on different regions (Nguyen, 2022; Yang et al., 2022.; De Pascale et al., 2023).
In summary, after combing through the literature, many existing studies explore the impact of independent variables such as seasonality, mode of travel, length of stay at the destination, main purpose of the trip and gender of the traveller, among others, on private expenditure on travel. However, from a critical point of view, limited by the nature of quantitative research, each study is conducted based on collected data or existing databases or datasets. Therefore, the value of each study depends on the scientific nature of the data collection. In turn, different perspectives or combinations between different variables can make the studies all seem unique.

After the literature review, this researcher found out that there are similarities in the research object of using quantitative methods to study the personal expenditure of travellers. The contribution of different researchers mainly lies in the use of different methodological techniques and the study of causality of different factors, which, unlike the qualitative research methodology, are from the standpoint of finding out the truth of the data. The advantage of quantitative research is the precise measurement and interpretation of known data from different perspectives to decipher the object of study. The disadvantage is that the facts presented in the sample data of any dataset cannot be all-inclusive and perfect. The gaps in the research area and the work attempted in this report lie in two main points: first, the recovery of the tourism market in the socio-economic context after the end of the epidemic will vary considerably from year to year, and the updating of the data according to the time dimension will make the results of the past research lose their value. Therefore, analyses using the new data have a significant value nowadays. Second, the study of the independent variables identified after testing the credibility and validity of the regression analysis with predetermined causality allows for a more precise analysis of the causes of tourism expenditure. In this report, the researcher combines several variables appearing in the literature as pre-determined causes of travellers' expenditures for the study to examine whether travel consumption expenditures are relevant and specific to the causes of the study. Therefore, the study is based on the data set of the study population.

[bookmark: _Toc178693110]3.3 Conceptual Framework and Statement of Hypotheses
By reading through the classic and recent literature on factors influencing travel private expenditure, the researchers of this report found that seasonal or quarterly factors, travellers' mode of transportation, number of nights, the main purpose of travel, and gender may significantly influence travellers' travel consumption expenditures.  stood from a quantitative research perspective, which presupposes the corresponding database labels of the above five influencing factors as independent variables and expenditures as a dependent variable, to explain what significantly influences the expenditure of travellers entering and exiting the UK border.
Dependent Variable (y)
Independent variables (x)
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Statement of Hypothesises:

Hypothesis 1:
H0: No difference in travel expenditure between males and females. 
H1: There was a significant difference in travel expenditure between males and females.

Hypothesis 2:
H0: No difference in travel expenditure among ‘mode of travel’ among air, sea and tunnel. 
H1: There were significant differences in travel expenditure among the ‘modes of travel’: air, sea, and tunnel.
Hypothesis 3:
H0: No difference in travel expenditure among the ‘main purpose’ six categories. 
H1: There were significant differences in travel expenditure among the ‘main purpose’ six categories. 
Hypothesis 4:
H0:  No improvement by adding the independent variable (number of nights) to the prediction of the dependent variable (expenditures) compared to only the mean prediction of the dependent variable.
H1: There is a significant improvement by adding the independent variable (number of nights) to the prediction of the dependent variable (expenditures) compared to only the mean prediction of the dependent variable.


4. [bookmark: _Toc178693113]Research Methodology
The dataset used for this study was derived from the Travel Pac 2023 database, which is sourced from the UK Office for National Statistics. This database is a continuous annual release of statistics on the characteristics of travellers to and from the UK, compiled to describe the travel industry's state and provide a basis for the Balance of Payments. Data from the database are collected face-to-face at the UK border using random sampling, with each traveller entering or leaving the UK border having an equal probability of being selected for the survey. The sampling locations were international airports, train stations, international terminals, and bus tunnels, depending on the mode of transportation. The samplers, or data collectors, were selected and professionally trained professionals. The survey instrument used for data collection in this database was a questionnaire known as the International Passengers Survey, whose validity was professionally tested. It is annually debugged to meet the standards required to provide the researcher with data for the research.

Through the literature search and reading organisation, this researcher found that existing studies are more concerned with several more critical factors that affect the total consumption of travellers on private trips: seasonality, mode of transportation, the number of nights of stay at the destination, the primary purpose of the trip and the gender to conduct this study.  The variables in the database are labelled as 'Quarter', 'Mode of travel', 'Number of Nights', 'Main purpose', and the effect of 'Gender' on 'Spending'.

Specifically, the first step of the study was to conduct a correlation test between the five target variables and one dependent variable to determine the correlation between these variables and exclude those with insignificant correlations or use them as auxiliary variables for the next step of the study. The second step is to conduct factor analysis; the three purposes of factor analysis are first to check the proportion of each factor in explaining the dependent variable reached in preparation for the subsequent unilinear regression analysis, second to check whether there are independent variables that can be merged, and third to confirm the confidence level of the study dataset. In addition, this study has mentioned several times that the database's data source is an official professional organisation. It has been nearly ensured in the official release that the questionnaires sampled from the dataset pass the Cronbach Alpha test well, so the validity of the database from which the dataset was obtained does not require further testing.

The next phase of the study plans to explore whether there is any significant difference between genders in total private spending on travel. Since gender is a fixed category variable and expenditure is a fixed distance variable, there are three categories in the gender dataset, namely 'Male', 'Female' and 'Do not know', which are known from the descriptive statistics. The descriptive statistics of the gender variable show that with a total sample size of 33030, the sample size of 'Do not know' is only 174, which is about 0.5 per cent, and 'Do not know' can be ignored in this study. So, the research tool was selected as an independent sample t-test to test the test assumptions, such as approximately normal disreputability, before running the t-test.

After the correlation test and factor analysis, the variables ‘Quarter’, 'Mode of travel' and 'Main purpose' will show how significant the study is, in other words, whether these three variables have any significant value for the study or which one is more valuable. Since three factors have demonstrated research significance in the literature combined and both can be used as potential independent variables for this report, this report will choose one of these three variables that are more correlated with consumer spending and conduct a ‘One-way Analysis of Variance’, or simply 'One-way ANOVA'. When two or all independent variables are highly correlated with spending, and the three factor analysis contributions are significant, separate like-for-like tests are conducted. Following research conventions for quantitative tests, critical assumptions were tested before this test was conducted and analysed using the software.

The final step of this report will be a simple regression analysis of the causal relationship between 'Number of Nights' and 'Spending'. The reason for this is that the length of stay at the destination is a significant factor in both common sense and in the literature that has been compiled that influences the total amount of money travellers spend on trips. However, for reasons of academic rigour, this planned research step is still subject to the results of the correlation tests and factor analyses carried out previously. In addition, in the database used for this report, both the 'Number of Nights' variable, which was weighted three times for statistical purposes as mentioned in the introduction to the database, and the 'Spending' variable are distance variables, which are suitable for use in linear simple regression. As with all previous tests, the use of the software for regression analysis is preceded by a discussion of the assumptions underlying the use of the method and the necessary testing.

In addition, according to the methodology of the IPS questionnaire, the amount of total expenditure was adjusted by calculating the statistical significance of the figures, so the descriptive statistics discussed in the report concerning the total expenditure are based on the figures from the dataset.

5. [bookmark: _Toc178693114] Data Analysis

[bookmark: _Toc178693115]5.1 Validity and Reliability Tests of the Data (Correlation analysis, Factor analysis, and the Cronbach alpha)
All data analyses in this report were conducted using IBM SPSS Statistics 27 software. All screenshots of the data analysed were also taken from the output of the data analysed by this software.

Validity testing is a must in research; standing in the positivist perspective of quantitative research, validity testing can be interpreted as whether the data can meet the requirements of the research objectives, whether the authenticity of the results can be achieved, and whether the research instrument can hit the bull's eye of the research object. (Joppe, 2000; Given, 2008). Validity testing involves correlation and factor analysis while testing whether the variables have research significance for each other is required before factor analysis (Rummel, 1970; Rietveld & Van Hout, 1993). Correlation tests the degree and direction of correlation of different variables. The correlation coefficient ranges between -1 and +1; the larger the absolute value, the stronger the correlation, and positive or negative indicates the direction of change in one variable relative to a change in another variable (Field, 2005). Pearson's correlation coefficient is mainly used for parametric testing, which is the correlation between scale variables, and correspondingly, Spearman's coefficient of determination is used for non-parametric testing, which is the correlation test between categorical and scale variables.

Firstly, six variables in the database are selected to detect whether the independent variables ‘Quarter’, ‘Mode of travel’, ‘Number of nights’, ‘Main purpose of visit’, ‘Gender’ and the dependent variable ‘Spending’ are correlated, the direction of correlation and the strength of the situation. The SPSS correlation test outputs are shown in Figure 1 (Pearson’s coefficient) and Figure 2 (Spearman coefficient) below.
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Figure 1
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Figure 2
In this dataset with a sample size of 33706, in the parametric test Pearson coefficient and non-parametric test Spearman coefficient test results, Quarter and Spending, the correlation coefficients are 0.046 and 0.086, respectively, with a significance <0.001, the pair of variables have only a weak positive correlation; Mode of travel and Spending, Pearson and Spearman coefficients of determination are -0.086 and -0.124 respectively, significance <0.001, the pair of variables has a weak negative correlation; Number of nights and Spending, the two correlation coefficients at significance <0.001 are 0.76 and 0.701 respectively, the pair of variables has a strong positive correlation; The two coefficients for Main purpose and Spending are -0.165 and -0.299 at significance <0.001, the pair has regular negative correlation; Pearson and Spearman coefficients for Gender and Spending are -0.24 and -0.29 at significance <0.001, the pair has a regular negative correlation. 
Although it is now possible to identify the correlation between the selected variables and the expenditure variables, the correlation analysis does not consider the relevant multicollinearity factors. Therefore, it is impossible to ensure the research's validity fully. So, factor analysis is required for subsequent hypothesis testing and the study's validity. Factor analysis is an analytical method that helps in identifying interrelated features and analysing interrelationships by narrowing down the number of variables into a smaller number of factors by merging them (Rayment & Joreskog, 1997; Bryman & Cramer, 2004) Further, after exploring the interrelationships among the variables, the researcher can, from a few selected independent variables identify the factors that have a significant impact on the dependent variable, which in turn lays the necessary conditions for the subsequent simple regression analyses.

Factor analyses were run using SPSS for the five independent variables selected based on the literature reading, which had significant research value for travelling for private consumption and participating in the previous correlation analyses. The results are shown in Figure 3 and Figure 4. It is important to note that the ‘NIGHTS’ variable in the database used, Travel Pac is the total number of nights stayed during the visit, and for statistical purposes, the database weighted3 the ‘NIGHTS’ variable. Hence, the variable assignments shown are statistically significant numbers after weighted3; it has gone through a cubic operation.
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Figure 4

These five variables were run together in a KMO test with a value of <0.5, making them highly unsuitable for factor analysis. The possible reason for this is that the variables selected in the database have too strong covariance, meaning that there may be variables with too strong a co-correlation with other study variables. This was returned to check the correlation test results of Figure 4 and found that the variable ‘Mode of Travel’ had a strong co-correlation with other variables, so the variable was removed, the factor analysis was done again, and the output is shown in Figure 5.
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Figure 5

The output shows that the KMO test result is 0.501, barely reaching the critical value for factor analysis. In the meantime, Bartlett's test shows df=6, and Sig .or P < 0.001, so the factor analysis results are statistically significant. The reflection that needs to be emphasised here is that if this KMO value is insufficient to support factor analysis in an academic study with sufficient time, KMO needs to be >0.7 to be truly suitable for further factor analysis. In future studies, this researcher will conduct further quantitative data collection based on the research questions and hypotheses formulated following the literature review and not the other way around.
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Figure 6
[image: 图表, 折线图

描述已自动生成]
Figure 7
Figures 6 and 7 show the results of the factor analysis. It can be seen that the first factor with an eigenvalue value of 1.054 (>1.0, which can retain) explains 26.35% of the total variance of all the variables, the second factor with an eigenvalue of 1.008 (>1.0, which can retain)  explains 25.196% of the total variance, and the largest of the two factors explains only a little more than half of the total variance. In comparison, the two factors that come next in line also have eigenvalues very close to 1.0, explaining 20%- 25%  of the total variance, so there is no need for factor merging. Figure 7 also shows this relatively average situation for that case for each factor. Although there are significant limitations to the situation, as reflected above, the combination of correlation analysis and factor analysis can be considered to provide validity to the dataset.

It is essential to mention that since the dataset used in this study is derived from the International Passenger Survey (IPS), a survey questionnaire of the Office for National Statistics (ONS), the measure of reliability between each construct has been processed during the data collection process and can be referred to in the UK government web archive or the International Passenger Survey (IPS) Methodology (2024).


Reliability (internal consistency) is an essential consideration in the process of data collection, and the process of using questionnaires to collect data needs to ensure that the questionnaire itself has sufficient reliability; the reliability of the questionnaire can be measured by the Cronbach's alpha of the SPSS software, and in the process of measurement, the value of Cronbach's alpha greater than 0.7 tend to be defined as acceptable. In contrast, those greater than 0.9 are considered extremely good. The authors of this report used secondary data from publicly available databases of credible professional statistical organisations, so it was impossible to perform a Cronbach's alpha test on the questionnaire itself. The validity of the database used for this report, Travel Pac 2023, is fully guaranteed, and information can be found in the UK government web archive or the International Passenger Survey (IPS) Methodology (2024) in the Reliability section. In conclusion, the reliability and validity of the data studied in the high report meet the requirements.

[bookmark: _Toc178693116]5.2 T-test
This section addresses research objective 1 and research question 1 and tests 
hypothesis 1.
H0: No difference in travel expenditure between males and females. 
H1: There was a significant difference in travel expenditure between males and females.

The step in the analysis of the database used in this report was to see if gender was a factor in the total consumption expenditure of travellers. The research design planned to use the Independent Samples t-test comparing the two sample groups; the first step was to see if the assumptions for using the T-test were met; otherwise, the non-parametric test Mann-Whitney U Test was used instead. Subjects were differentiated from each other by gender, and it was an independent sample; the dependent variable, expenditure, was a continuous variable; the independent variable, gender, was a categorical variable, and for research purposes, only two groups, male and female, are studied; Independent Sample Groups, there is no relationship between the sample groups; although the distribution of the dependent variable, that is, travellers' consumption expenditure for males and females in each group is not strictly approximately normal according to the normality test, this assumption can be ignored due to the enormous sample sizes; the variances are homogeneous, and there are no outliers. So, the Independent Samples t-test can be used.
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Figure 8

The output of the t-test can be seen in Figure 8 above. The sample size for males is 18418, and the two sample sizes for females are 14437, with a total sample size of 32855. The mean of the sample set for males and females are 3227240.144 and 2871045.297, respectively, and the standard deviation is 7930384.045 and 7533467.396. The data set has a degree of freedom of 32853, and the confidence level is set at 0.05. The test was interpreted in three ways: 
1. Levene's test significance p<0.01<0.05. The probability of committing an error of the first type is significantly small. reject H0, support H1. It can be said there was a significant difference in travel expenditure between males and females.
2. With a degree of freedom of 32853, the critical value of the two-tailed t-table in the appendix was 1.96 < t-value of the sample set of 4.13. p<0.01<0.05. The probability of committing an error of the first type is significantly small, rejecting H0 and supporting H1, i.e., it can be said there was a significant difference in travel expenditure between males and females.
3. The confidence interval does not cross 0 in the Effect Size table, so H0 is rejected, and H1 is supported. It can be said there was a significant difference in travel expenditure between males and females.

In summary, all three outcome determination methods of the Independent Sample t-test test show rejection of H0 and acceptance of H1, i.e., there is an enormously significant difference between males and females regarding travel expenditures.

[bookmark: _Toc178693117]5.3 One-way ANOVA
One-way Analysis of variance, or one-way ANOVA for short, is used to test whether a dependent variable is affected by changes in groups larger than two in an independent variable, that is, to see whether different groups of the independent variable affect the dependent variable, that is, by comparing the variance of different groups in an independent variable. In this report, the question is whether different quarters, modes of transportation, and different primary purposes of travel significantly impact travel expenditures. In the previous correlation analysis, Pearson's coefficient of determination for the parametric variables and the non-parametric Spearman's coefficient of determination shows that the change in the quarter and the change in traveller's expenditures do not show a statistically significant correlation. The factor analysis above also shows that the different factors do not have significant differences in the degree of influence on the dependent variable, so a one-way ANOVA was conducted to test the effects of the modes of transportation and the primary purpose of the trip on the expenditures, respectively—test hypotheses 2 and 3, respectively.
Hypothesis 2 was first tested against research objective 2 and research question 2.
Hypothesis 2:
H0: No difference in travel expenditure among ‘mode of travel’ among air, sea and tunnel. 
H1: There were significant differences in travel expenditure among the ‘modes of travel’: air, sea, and tunnel.
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Figure 9

In response to the three assumption conditions for conducting univariate ANOVA, 1. Independence of observations: both categorical and dependent variables waiting to be detected satisfy this condition; 2. Normally-distributed response variable: according to Figure 9, the test of normality of the dependent variable expenditures Sig. .<0.01, plus its sample size reaches more than 30,000, the assumption is satisfied; 3. Homogeneity of variance: The assumption is to be confirmed in the run, and if it is not satisfied, the non-parametric test is the Games Howell post hoc test would be used to enhance the rigour;
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Figure 10
First, it needs to be stated again that in the methodological interpretation of the questionnaire 'IPS' according to the data collected from this database, the expenditures are processed by statistical methods, so this report will not be directed to the descriptive statistics in the details. Levene's test is significant for equal variance, or equal homogeneity of variance between groups, so subsequent tests are added to the nonparametric test.
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Figure 11
According to Figure 11, F(2,33702)=83.405 for the degree of freedom (2,33702); by checking the F-table in the appendix: F(2,33702)=83.405>F(2,∞)=3.00, and Sig. p<0.001<0.05, so H0 is rejected, and H1 is supported. In addition to this, the reported effect size is 0.005, at which point the confidence interval does not cross 0. It can also be concluded that the rejection of H0, Sum up, the result means that there is a significant difference between the different groups; that is to say, the different modes of transportation have significant differences in the travellers' final expenditures are significantly different.
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Figure 12
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Figure 13
As shown in Figures 12 and 13, according to the post hoc Tukey test, the amount of explanation for the air mode is much larger than for the other two modes; that is, travellers in the air mode have the most significant impact on the contribution to expenditures, followed by the sea, and finally the tunnel.


Like the previous one, now, for research objective 3, answer question 3 and test hypothesis 3.
Hypothesis 3:
H0: No difference in travel expenditure among the ‘main purpose’ six categories. 
H1: There were significant differences in travel expenditure among the ‘main purpose’ six categories. 
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Figure 14
According to Figure 14, F (5,33699) =212.535 for the degree of freedom (5,33699); by checking the F-table in the appendix: F(5,33699) =212.535>F(5,∞)=2.21, and Sig. p<0.031<0.05, so H0 is rejected, and H1 is supported. In addition to this, the reported effect size is 0.005, at which point the confidence interval does not cross 0. It can also be concluded that the rejection of H0, Sum up, the result means that there is a significant difference between the different groups; that is to say, the different main purposes have significant differences in the travellers' final expenditures are significantly different.
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Figure 15
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Figure 16
By running post hoc Tukey tests, as shown in Figures 15 and 16, the group with the largest amount of influence on final consumption is holidays and study is the second largest.


[bookmark: _Toc178693118]5.4 Linear Regression
This section analyses research objective 4 and research question 4 and tests hypothesis 4.
Hypothesis 4:
H0:  No improvement by adding the independent variable (number of nights) to the prediction of the dependent variable (expenditures) compared to only the mean prediction of the dependent variable.
H1: There is a significant improvement by adding the independent variable (number of nights) to the prediction of the dependent variable (expenditures) compared to only the mean prediction of the dependent variable.
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Figure 17
Regression analysis is a tool for testing hypotheses while controlling for other factors that may affect the main study variables. The five independent and dependent variables derived from literature readings studied in this report were the first factors analysed to see what percentage of the variance was explained by each independent variable, and the factor analysis was run in the software, as shown in Figure 17. The output shows that ‘Mode of travel’ explains the most variance in the independent variables, while the ‘Number of nights’ at destination is the second most important independent variable after mode of transportation. However, the previous correlation analysis in section 5.1 shows that 'Mode of travel' shows a strong correlation between the independent variables; it is not suitable for simple linear regression analysis as a dependent variable without further processing. So, 'Number of nights' was used as the main independent variable for the simple linear regression analysis.
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Figure 18
The assumptions of the simple linear regression analysis are first verified.: Linear relationship between the outcome variable and the independent variables. A scatterplot was first plotted using 'Number of nights' as the independent variable and 'Expenditure' as the dependent variable for the sample dataset, as in Figure 18 above. The scatterplot shows the linear relationship between the independent and dependent variables in the sample data set. Multiple assumptions are not applicable due to simple linear regression analysis.
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Figure 19
Second, the descriptive statistics have no specific relevance because the units of measurement of the dependent variable have been statistically manipulated. Both the mean and standard deviation can be found in the first table in Figure 19 above. The second table in Figure 19 shows a strong positive correlation between the independent and dependent variables since the Pearson correlation coefficient is positive and greater than 0.7.
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Figure 20
From Figure 20, Std. residual value exceeds the interval of -3.29 and +3.29; there are outliers in the sample dataset. Given that the sample dataset has a very large sample size, the analysis continues.
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Figure 21

From Figure 21, the Dubin-Watson test value is 1.588, +1<DW value<+3, indicating that the variables satisfy the independent observation assumption. R Square = proportion of variance of the dependent variable (Expend).  
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Figure 22
Figure 22 shows Sig. <0.05 means that the predictor of Expend works better than simply predicting using the mean, and Sig.<.001 means prediction with job satisfaction is better than prediction without the job satisfaction in the model.
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Figure 23
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Figure 24
Drawing a P-P plot (Figure 23) for the dependent variable shows the nonlinearity of the observed values with respect to the predicted values. Still, considering that the dependent variable has been statistically processed before entering the database, all the values of the variable are taken as logarithmic values and then plotted on a P-P plot (Figure 24). The results show positive linearity between predicted and observed values. This means that the residual is normally distributed.
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Figure 25
The histogram of the standardized values of the dependent variable shown in Figure 25 likewise shows normality as well.
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Figure 26
Figure 27 shows the regression coefficients, and because of the significance p<0.001, plus the confidence interval did not cross value 0, hence, Ho is rejected, and H1 is supported, i.e. adding the predictor independent variable (Number of nights) is more trustworthy than taking the mean alone to predict the dependent variable (Expand). From the table, we find the constant 547620.406 with a regression coefficient of 0.760, which means that a change of one standard deviation in the independent variable will be followed by a change of 0.760 standard deviations in the dependent variable. 
The Simple Regression Formula is:
Predictor of Expend and Number of nights
Y(Num)=547620.406+0.760X(Ex).


6. [bookmark: _Toc178693119]Findings and Conclusions

[bookmark: _Toc178693120]6.1 Findings and Conclusions
A correlation test of five independent variables (Quarter, Mode of Travel, Number of nights, Main purpose, Gender) obtained from the literature review in the Travel Pac 2023 database of the Office for National Statistics of the United Kingdom (ONS) on the dependent variable (Expenditure) revealed that these independent variables were all correlated to varying degrees for the Dependent variable have different degrees of correlation. After that, a t-test test, ANOVA test and simple regression analysis were conducted for each set of independent variables and dependent variables by the strength of correlation, the result of factor analysis and the type of variables in the data set. Conclusions were obtained: 1. Seasonality or different Quater does not have a significant effect on the travel expenditures of travellers to and from the UK. However, the difference in gender significantly affects the total travel expenditures of this group of travellers; 2. Differences in the Mode of travel also have a significant effect on travel expenditures. Specifically, the group of travellers in the Air Mode will be a distant second in making more expenditures, and the group of travellers via the Sea traveller spend slightly more than tunnel travellers. The number of nights spent at the destination is indeed an important independent variable that affects travel expenditures, and predicting travel expenditures by including the number of nights is much better than predicting them by only sticking to the mean value. Limitations of this study and aspects that could be pursued subsequently include that the database was limited to one year, inter-correlation between independent variables was not considered, covariance was not analysed, multiple regression analysis was not used, etc. In addition, there may be a greater researcher bias in the use of secondary data and the selection of variables for the study.

[bookmark: _Toc178693121]6.2 Reflective Essay
The philosophical stance of the researcher, the research assumptions, the researcher's self-stance and subjectivity, and the construction of the construct between the researcher and the study target in qualitative research, among other characteristics, make reflexivity a critical research step and component in qualitative research. Scholars often regard the inclusion of reflexivity in research as one of the most significant differences between qualitative and quantitative research (Dowling, 2006; Given,2008; Olmos-Vega et al., 2022). However, an increasing number of scholars are calling for quantitative researchers also to consider their position in quantitative research and incorporate it thoughtfully, and in quantitative research in psychology and the broader social sciences, quantitative research can be more open and transparent, and therefore more rigorous, if researchers can incorporate reflexivity into every step of thoughtful research decision-making； it follows that reflexivity is an integral part of qualitative and quantitative research and that mixed methods in the pragmatic paradigm must embrace reflexivity (Jamieson et al., 2023). 
Quantitative research, as one of the essential research methods, apart from its unique value in quantitative data collection and data analysis, can be triangulated with qualitative research methods in pragmatist researchers' studies to reduce research bias in mixed studies and make mixed studies more rigorous (Given, 2008). As Greene et al. (1989) explain, both data types can be used by seeking certainty and completeness. In addition, different data types can be used to seek elaboration, enhancement or clarification.

The studying and training in this quantitative module have enabled me to enhance my skills in data collection and data analysis in the social sciences, how to use the SPSS software, which is widely used in social science research, and how to think about research from the standpoint of the positivism perspective. Although this report was written using officially published government databases as a source of data, I believe that the study and training of quantitative research are significant to the research of my doctoral thesis, and I am confident that quantitative research is appropriate for my research and will be an essential part of it. I stand on the philosophical stance of pragmatism and plan to use a mixed research paradigm for the study's next step, with the quantitative component accounting for about half of the weight. The quantitative methodology was planned in my doctoral research by distributing an online questionnaire containing scales to measure all sub-themes. All items were measured on a seven-point Likert scale (1 ‘strongly disagree’ to 7 ‘strongly agree’). Participants will be asked to report their occupation and gender. The questionnaire will be administered online through the Questionnaire Star online platform. Links to the e-questionnaire will be distributed by teachers through the authors' occupational networks, using a random sample of one occupation in one area. The e-questionnaire will be sent to a more significant number of respondents, and it is estimated that there will be a valid sample of at least 300, which is sufficient for validity testing. In addition to using quantitative methods for data collection and analysis, it is equally possible to triangulate the findings of the qualitative part of the researcher's mixed research approach to mutual evidence. So, as pragmatic research, the qualitative and quantitative parts of my doctoral thesis will only serve different stages of research and are not independent but rather two different research methods that integrate and support each other.
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Tunnel 3346 1828781.936 3453748.265 59707.33834 1711715.344 1945848.528 .000 5.529E+7
Total 33705 3071089.228 7992023.915 43532.09909 2985764.844 3156413.611 .000 3.193E+8
Tests of Homogeneity of Variances
Levene
Statistic dft df2 Sig.
Spending £UK  Based on Mean 121.978 2 33702 <.001
Based on Median 68.310 2 33702 <.001
Based on Median and 68.310 2 31345000 <.001




image12.png
ANOVA
Spending £UK

Sum of
Squares df Mean Square F Sig.
Between Groups  (Combined) 1.060E+16 2 5.301E+15 83.405 <.001
LinearTerm  Unweighted 6.830E+15 1 6.830E+15  107.457 <.001
Weighted 9.809E+15 1 9.809E+15  154.323 <.001
Deviation 7.937E+14 1 7.937E+14 12.487 <.001
Within Groups 2.142E+18 33702 6.356E+13
Total 2.153E+18 33704

ANOVA Effect Sizes”

95% Confidence Interval

Point
Estimate Lower Upper
Spending £UK  Eta-squared .005 .004 .006
Epsilon-squared .005 .003 .006
Omega-squared Fixed- .005 .003 .006
effect
Omega-squared .002 .002 .003

Random-effect

a. Eta-squared and Epsilon-squared are estimated based on the fixed-effect model.
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Spending £UK
Subset for alpha = 0.05

Mode of travel N 1 2
Tukey HSD*®  Tunnel 3346 1828781.936

Sea 3081 2016313.710

Air 27278 3342609.265

Sig. 501 1.000
Tukey B*® Tunnel 3346 1828781.936

Sea 3081 2016313.710

Air 27278 3342609.265

Means for groups in homogeneous subsets are displayed.
a. Uses Harmonic Mean Sample Size = 4544.808.

b. The group sizes are unequal. The harmonic mean of the group sizes is
used. Type | error levels are not guaranteed.
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Spending £UK

ANOVA

Sum of
Squares df Mean Square F Sig.
Between Groups  (Combined) 6.581E+16 5 1.316E+16  212.535 <.001
LinearTerm  Unweighted 2.214E+16 1 2.214E+16  357.446 <.001
Weighted 5.840E+16 1 5.840E+16  943.069 <.001
Deviation 7.407E+15 4 1.852E+15 29.902 <.001
Within Groups 2.087E+18 33699 6.193E+13
Total 2.153E+18 33704

ANOVA Effect Sizes”

95% Confidence Interval

Point
Estimate Lower Upper
Spending £UK  Eta-squared 03 027 034
Epsilon-squared .030 027 034
Omega-squared Fixed- .030 .027 034
effect
Omega-squared .006 .005 .007

Random-effect

a. Eta-squared and Epsilon-squared are estimated based on the fixed-effect model.
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Spending £UK

Subset for alpha = 0.05

Main purpose of visit N 1 2 3 4 5
Tukey HSD*®  Transit 1090 61943.84299

Miscellaneous 2385 1583684.116

VFR 11231 1956272.449 1956272.449

Business 4739 2477465.072

Study 376 3382843.313

Holiday 13884 4658809.067

Sig. 1.000 817 508 1.000 1.000
Tukey B*? Transit 1090 61943.84299

Miscellaneous 2385 1583684.116

VFR 11231 1956272.449 1956272.449

Business 4739 2477465.072

Study 376 3382843.313

Holiday 13884 4658809.067

Means for groups in homogeneous subsets are displayed.

a. Uses Harmonic Mean Sample Size = 1373.509.
b. The group sizes are unequal. The harmonic mean of the group sizes is used. Type | error levels are not guaranteed.
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Communalities

Initial Extraction
Mode of travel 1.000 588
Number of nights 1.000 718
Main purpose of visit 1.000 474
Quarter 1.000 549
Gender 1.000 .B56
Extraction Method: Principal Component
Analysis.

Total Variance Explained
Initial Eigenvalues Extraction Sums of Squared Loadings

Component Total % of Variance  Cumulative % Total % of Variance ~ Cumulative %
1 1.129 22581 22581 1.129 22581 22581
2 1.052 21.047 43628 1.052 21.047 43.628
3 1.003 20.055 63.683 1.003 20.055 63.683
4 958 19.167 82.851
5 857 17.149 100.000

Extraction Method: Principal Component Analysis.
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= Regression

Descriptive Statistics

Mean Std. Deviation N
Spending £UK 3166259.761 8096459.229 32599
Numberofnights ~ 36468.45452  85737.47689 32599

Correlations

Spending Number of
£UK nights
Pearson Correlation Spending £UK 1.000 760
Number of nights 760 1.000
Sig. (1-tailed) Spending £UK .000
Number of nights .000 .
N Spending £UK 32599 32599
Number of nights 32599 32599
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Residuals Statistics®

Minimum Maximum Mean Std. Deviation N
Predicted Value 5476203750  144586768.0  3166259.761 6156431.199 32599
Residual -112560296  225173728.0 .000000 5258422475 32599
Std. Predicted Value -.425 22971 .000 1.000 32599
Std. Residual -21.405 42821 .000 1.000 32599

a. Dependent Variable: Spending £UK
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Model Summarf’
Change Statistics

Adjusted R Std. Error of R Square Sig. F Durbin-
Model R R Square Square the Estimate Change F Change dft df2 Change Watson
1 7607 578 578 5258503132 578 44681191 1 32597 .000 1.588

a. Predictors: (Constant), Number of nights
b. Dependent Variable: Spending £UK
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ANOVA?

Sum of
Model Squares df Mean Square F Sig.
1 Regression 1.236E+18 1 1.236E+18  44681.191 .ooo®
Residual 9.014E+17 32597 2.765E+13
Total 2.137E+18 32598
a. Dependent Variable: Spending £UK

b. Predictors: (Constant), Number of nights
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Deviation from Normal

Detrended Normal P-P Plot of Spending £UK
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Coefficients®

Standardized
Unstandardized Coefficients Coefficients 95.0% Confidence Interval for B
Model B Std. Error Beta t Sig. LowerBound  Upper Bound
1 (Constant) 547620.406 31649.859 17.302 <.001 485585.539 609655.273
Number of nights 71.806 340 760  211.379 .000 71.140 72471

a. Dependent Variable: Spending £UK
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Critical values of t for two-tailed tests

significance level (a)
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F-table of Critical Values of a = 0.05 for F(df1, df2)
DFI-l 2 3 4 5 6 7 8 9o 10 12 15 20 24 30 40 60 120 o
16145 19950 21571 22458 230.16 23399 236.77 238,88 24054 24188243 91 24595 24501 249,05 250.10 25114 25220 25325 25431]
18.51 19.00 19.16 1925 19.30 19.33 19.35 1937 19.38 19.40(19.41 19.43 19.45 19.45 19.46 19.47 19.48 19.49 19.50]
1013 9.5 928 912 901 894 889 885 881 879(874 870 8.66 8.64 362 859 857 855 853
771 694 659 639 626 616 6.09 6.04 600 596|591 586 580 577 575 572 569 566 5.63
661 579 541 5.19 5.05 495 488 482 477 474|468 462 456 4.53 450 446 443 440 437
599 514 476 453 439 428 421 415 410 406|400 394 387 384 381 377 374 370 367
559 474 435 412 397 387 379 373 3.68 364357 351 344 341 338 334 330 327 323
532 446 407 384 369 358 350 344 339 335|328 322 315 312 3.08 304 301 297 293
512 426 3.86 3.63 348 337 329 323 3.8 3.143.07 301 294 290 286 283 279 275 271
496 410 371 348 333 322 3.04 3.07 302 298|291 285 277 274 270 266 2.62 258 2.54
484 398 359 336 320 3.09 301 295 290 285|279 272 265 261 257 253 249 245 240
475 389 349 326 311 300 291 285 280 275|269 262 254 251 247 243 238 234 230
467 381 341 318 3.03 292 283 277 271 267|260 253 246 242 238 234 230 225 221
460 374 334 311 296 285 276 270 265 260|253 246 239 235 231 227 222 218 213
454 368 329 3.06 290 279 271 264 259 254|248 240 233 229 225 220 216 2.11 207
449 363 324 301 285 274 266 259 254 249|242 235 228 224 219 215 211 206 201
445 359 320 296 281 270 261 255 249 245|238 231 223 219 215 210 206 201 196
441 355 316 293 277 266 258 251 246 241(234 227 219 215 211 206 202 197 192
433 352 3.3 290 274 263 254 248 242 238(231 223 216 211 207 203 198 193 188
435 349 310 287 271 260 251 245 239 235|228 220 212 2.08 2.04 199 195 190 184
432 347 307 284 268 257 249 242 237 232]225 218 210 205 201 196 192 187 181
430 344 305 282 266 255 246 240 234 230|223 215 207 203 198 194 189 184 178
428 342 303 280 264 253 244 237 232 227|220 213 205 201 196 191 186 181 176
24 | 426 340 301 278 262 251 242 236 230 225|218 211 203 198 194 189 184 179 173
25 | 424 339 299 276 2.60 249 240 234 228 224|216 2.09 201 196 192 187 18 177 171
26 | 423 337 298 274 259 247 239 232 227 222|215 207 199 195 190 185 180 175 169
27 | 421 335 296 273 257 246 237 231 225 220(213 206 197 193 188 184 179 173 167
28 | 420 334 295 271 256 245 236 229 224 219212 204 196 191 187 182 177 171 165
20 | 418 333 293 270 255 243 235 228 222 218|210 203 194 190 185 181 175 170 164
30 | 417 332 292 269 253 242 233 227 221 216|209 201 193 189 184 179 174 168 162
40 | 408 323 284 261 245 234 225 218 212 208200 192 184 179 174 169 164 158 151
60 | 400 3.5 276 253 237 225 217 210 204 199|192 184 175 170 165 159 153 147 139
120 | 392 3.07 268 245 229 218 209 202 196 191|183 175 166 161 155 150 143 135 125
o | 384 3.00 260 237 221 210 201 194 188 183|175 1.67 157 152 146 139 132 122 1.00
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Correlations

Main
Mode of Number of purpose of Spending
Quarter travel nights visit Gender £UK
Quarter Pearson Correlation 1 022" 039" -024” 022" 046"
Sig. (2-tailed) <.001 <.001 <.001 <.001 <.001
N 33706 33706 32599 33706 33030 33705
Mode of travel Pearson Correlation 022" 1 -093" 087" -049” -.068"
Sig. (2-tailed) <.001 <.001 <.001 <.001 <.001
N 33706 33706 32599 33706 33030 33705
Number of nights Pearson Correlation 039" -093" 1 -010 -.002 760"
Sig. (2-tailed) <.001 <.001 080 685 000
N 32599 32599 32599 32599 31948 32599
Main purpose ofvisit ~ Pearson Correlation  -.024” -087" -010 1 003 -165"
Sig. (2-tailed) <001 <001 080 540 <.001
N 33706 33706 32599 33706 33030 33705
Gender Pearson Correlation 022" -049” -.002 003 1 -024"
Sig. (2-tailed) <.001 <.001 685 540 <.001
N 33030 33030 31948 33030 33030 33029
Spending £UK Pearson Correlation 046" -.068" 760" 1657 024" 1
Sig. (2-tailed) <001 <001 000 <001 <.001
N 33705 33705 32599 33705 33029 33705

**_Correlation is significant at the 0.01 level (2-tailed).




