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1. [bookmark: _Toc233021230]Introduction
This research proposal sets out a study examining the impact of artificial intelligence (AI)-driven leadership tools on employee performance and professional development outcomes within Travelodge UK. As one of the United Kingdom's largest budget hospitality employers, with a workforce distributed across more than 600 properties, Travelodge provides a uniquely accessible and relevant organisational setting in which to investigate how technology-mediated management practices affect frontline employees. The rapid proliferation of AI in workplace settings has transformed not only operational efficiency but also the nature of the manager-employee relationship, raising important questions about how AI-generated feedback, automated coaching prompts and algorithmic performance monitoring influence the development and motivation of the people who are most directly subject to them (Fountaine, McCarthy and Saleh, 2022; Davenport and Mittal, 2022).
The hospitality sector is characterised by high staff turnover, inconsistent training provision and significant pressure on line managers to deliver both operational results and staff development with limited time and resources (Robinson et al., 2022; Baum et al., 2023). The introduction of AI-powered human resource management (HRM) tools has the potential to address some of these challenges by enabling more consistent, personalised and data-driven development support (Strohmeier, 2020; Thite, 2022). However, it also introduces risks around employee autonomy, perceived surveillance and the erosion of the relational quality that underpins effective coaching and feedback (Floridi et al., 2022; Zuboff, 2022; Malik et al., 2023). These tensions have not been adequately examined in the context of frontline hospitality workers, and the lack of large-scale quantitative evidence on this question represents a significant gap in the literature.
This proposal therefore seeks to design a rigorous, ethically sound quantitative study that will generate empirical evidence on whether, and to what degree, AI-assisted leadership tools affect the performance and development outcomes of Travelodge employees. The study is grounded in the research onion framework developed by Saunders, Lewis and Thornhill (2023), adopts a post-positivist philosophy, a deductive approach, a survey strategy and a cross-sectional time horizon. Data will be collected through a structured online questionnaire and analysed using Statistical Package for the Social Sciences (SPSS) (Field, 2024).





[bookmark: _Toc233021231]2.Aim
The overall aim of this research is to examine, through a deductive quantitative approach, the effects of AI-assisted leadership and performance management tools on the performance outcomes and professional development experiences of frontline and supervisory employees at Travelodge UK. In order for this aim to be achieved, a series of precise objectives has been formulated. According to Creswell and Creswell (2023, p. 107), research objectives are the specific, measurable outcomes that 'narrow the purpose of the study into specific questions.' They represent the operational steps through which the broader aim is translated into empirical activity (Saridakis and Cooper, 2022).

[bookmark: _Toc233021232]3. Objectives
1.	To identify AI-assisted tools and used by Travelodge line managers in training, coaching and performance management, and assess employee awareness of their use.
2.	To measure employee perceptions of the fairness and transparency of AI-mediated feedback, using validated survey instruments.
3.	To assess the statistical relationship between perceptions of AI-assisted management and self-reported performance improvement and motivation.
4.	To evaluate whether AI-assisted leadership tools produce statistically significant differences in development outcomes across employee subgroups by role, length of service, age and employment status.
5.	To examine the ethical implications of AI-mediated performance monitoring for employee autonomy and trust, and to identify recommendations for ethically sound implementation.







[bookmark: _Toc233021233]4. Research Questions

1. To what extent do Travelodge frontline employees perceive AI-assisted performance management tools as fair, transparent and credible compared to human-led feedback and coaching?

2. Is there a statistically significant relationship between Travelodge employees’ perceptions of AI-mediated development support and their self-reported levels of motivation, engagement and performance improvement?

3. Do statistically significant differences exist in performance and development outcomes across Travelodge employee subgroups defined by role, length of service, age and employment status?

4. To what extent are Travelodge employees aware of how AI tools are being used to inform decisions about their performance management and development, and how does this awareness level affect their attitudes towards those tools?














5. [bookmark: _Toc233021234]Literature Review
[bookmark: _Toc233021235]5.1 Artificial Intelligence in Human Resource Management
Artificial intelligence in organisational settings encompasses machine learning, natural language processing, predictive analytics and automated decision-support systems (Makridakis, 2017; Haenlein and Kaplan, 2021). Within HRM, AI applications have expanded beyond recruitment into performance management, learning and development, and workforce planning (Stone and Deadrick, 2015; Charlwood and Guenole, 2022). Garg et al. (2022) confirm that algorithmic tools increasingly monitor employee behaviour and recommend training content, while Tambe et al. (2023) argue AI can identify individual development needs beyond conventional line management observation. Tursunbayeva, Di Lauro and Pagliari (2022) note that the conceptual boundaries of AI-driven HR practice remain contested even as its practical reach expands.
However, most research focuses on organisational outcomes or recruitment contexts (Johnson, Stone and Lukaszewski, 2021; Van Esch and Black, 2022), and Budhwar et al. (2022) identify a critical gap: the lived experience of frontline employees subject to AI-mediated management. This gap is acute in hospitality, where the workforce is predominantly non-graduate, part-time and high-turnover (Baum et al., 2023). Lee et al. (2022) observe that the distributional effects of AI on employees (anxiety, distrust, disengagement) remain poorly understood, and Cheng and Hackett (2021) and Dhar (2023) both highlight that theoretical conceptualisation of algorithmic fairness lags behind its practical deployment.
Vrontis et al. (2022) found that AI adoption without adequate change management increases the risk of workforce resistance, while Fernandez and Gallardo-Gallardo (2021) identify data quality, manager scepticism and employee trust as key implementation barriers. Oswald et al. (2020) and Wang and Siau (2022) both note that methodological rigour in evaluating these tools has lagged behind adoption, particularly regarding workforce-level psychological consequences. Czinkota et al. (2022) emphasise that successful technology integration depends on aligning efficiency goals with employee expectations, while Ilmarinen (2022) highlights that older employees may experience technological change differently, reinforcing age as a relevant subgroup variable in this study.




[bookmark: _Toc233021236]5.2 Performance Management Theory
Effective performance management is widely understood as a continuous, developmental and relational process (Aguinis, 2023; Armstrong and Taylor, 2023). Aguinis (2023, p. 4) defines it as 'a continuous process of identifying, measuring, and developing the performance of individuals and teams and aligning performance with the strategic goals of the organisation,' emphasising that feedback must be timely, specific and contextualised. Armstrong and Taylor (2023) argue the manager-employee relationship is central to whether feedback produces genuine development or mere compliance. Nishii, Lepak and Schneider (2008) show that employees' attributions about the underlying purpose of HR practices significantly shape their responses, a framework directly relevant to how AI-mediated feedback is likely to be perceived.
Aguinis's (2023) Performance Management Cycle, illustrated in Figure 2 below, frames this as a six-stage iterative process: prerequisites, performance planning, performance execution, performance assessment, performance review, and performance renewal and recontracting. A key question this study poses is whether AI-assisted tools at Travelodge support or disrupt each stage of this cycle, particularly the assessment and review stages where automated feedback is most likely to be deployed.
[image: ]
Van den Broeck et al. (2022) apply Self-Determination Theory (originally proposed by Deci and Ryan, 2000) to workplace contexts and demonstrate that employee wellbeing and performance are strongly contingent on the satisfaction of three basic psychological needs: autonomy, competence and relatedness. Gormley and van der Broeck (2022) extend this theoretical application specifically to organisational management contexts, arguing that motivaltional outcomes are highly sensitive to whether employees perceive management interventions (including technologically mediated ones) as autonomy-supportive or autonomy-undermining. AI-generated performance feedback that is perceived as impersonal, opaque or surveillance-oriented may actively undermine all three of these needs, with potentially serious consequences for engagement and productivity. De Cremer and Kasparas (2022) echo this concern, warning that when employees perceive AI as a tool of managerial control rather than developmental support, trust in the organisation is eroded.
Marler and Boudreau (2022) provide a rigorous evidence-based review of HR analytics, concluding that the organisational benefits of data-driven people management are real but unevenly distributed. They note that employees in lower-wage, higher-turnover roles are disproportionately likely to experience the surveillance dimensions of HR analytics without accessing the personalised development benefits. This is directly relevant to Travelodge's frontline workforce and suggests that the effects of AI leadership tools in this context may differ significantly from findings in other organisational settings.


[bookmark: _Toc233021237]5.3 Employee Experience in the Hospitality Sector

The hospitality sector presents a distinctive context for the study of AI-mediated performance management. Baum et al. (2023) describe hospitality employment as characterised by structural precarity, high labour turnover, inconsistent management quality and limited investment in employee development. Robinson et al. (2022) extend this analysis, arguing that precarity in tourism and hospitality employment is actively sustained by organisational and structural practices rather than being an incidental feature of the sector.
Kim et al. (2022) examined employee resistance to AI-based services in hospitality contexts and found that emotional discomfort, particularly the perception that AI cannot understand individual circumstances, was a primary driver of negative attitudes. Pillai and Sivathanu (2022) confirm that AI adoption in hospitality is accelerating rapidly, driven by cost pressures and the need for operational consistency across large multi-site organisations such as Travelodge. Their related work (Pilai, Sivathanu and Dwivedi, 2022) on AI-powered retail environments further demonstrates that consumer and employee comfort with AI-mediated interactions is strongly shaped by perceived transparency and control. Ivanov (2023) cautions that the hospitality literature has tended to focus disproportionately on the operational and customer-facing applications of AI, with comparatively less attention paid to its ‘darker side’ in relation to employee experience, a gap this study seeks to help address.
The CIPD (2023) annual survey on the UK people profession confirms that AI adoption among UK employers has accelerated significantly since 2022, with a growing proportion of organisations using AI in some capacity for performance management and employee development. However, the same survey identifies a significant gap between organisational intentions and employee experience: many workers remain unaware of how AI is being used to inform decisions about their development or performance. This awareness gap, identified theoretically by Budhwar et al. (2022) and empirically by the CIPD (2023), is a key variable that this study will seek to measure at Travelodge specifically.




[bookmark: _Toc233021238]5.4Wider Technology and Employment Relations Literature
A wider literature on service robots and automation provides further context. Wirtz et al. (2018) show employee and customer acceptance of service technologies depends on perceived competence and warmth; Yam et al. (2021) find employees are more accepting of systems perceived to have emotional responsiveness, even symbolically. Luo et al. (2019) and Huang and Rust (2022) both note organisational gains from automation are often achieved at the expense of employee experience unless deliberately managed, the latter distinguishing AI designed to replace versus augment human judgement. Zhu et al. (2023) confirm individual differences in technology comfort moderate responses, supporting demographic analysis in this study's design.
Beyond hospitality, Ruel and Wallace (2022) and Hancock, Lazaroff-Puck and Rutherford (2022) both find that employees with limited involvement in technology design are more vulnerable to negative wellbeing outcomes, and that treating AI adoption as purely operational undermines employee trust. Shirmohammadi, Au and Beigi (2022) extend related lessons from flexible work research to monitoring technologies, while Larson and DeChurch (2020) argue new technologies reshape the leader-follower relationship in ways existing leadership theory has not fully absorbed. Hollenbeck and Jamieson (2015) and Wright and McMahan (2011) both caution against purely instrumental treatments of human capital in strategic HRM, reinforcing this study's employee-centred outcome focus. Adamson and Roper (2019) distinguish 'good' from 'bad' jobs on dimensions including autonomy and voice, dimensions plausibly affected by AI monitoring. O'Brien and Abramson (2022) address algorithmic transparency within due-process frameworks, relevant to Objective 5's ethical focus, while Pratt (2022) situates these concerns within platform capitalism, noting algorithmic management is increasingly normalised regardless of employment status, relevant to Travelodge's mix of full-time, part-time and zero-hours staff.



[bookmark: _Toc233021239]5.5 Theoretical Framework
This study draws on two primary frameworks: Aguinis's (2023) performance management cycle, which frames effective performance management as iterative planning, execution, assessment and review; and Self-Determination Theory (Deci and Ryan, 2000; van den Broeck et al., 2022; Gormley and van der Broeck, 2022), which explains the psychological conditions for employee motivation and engagement. Together these generate clear, testable hypotheses about the relationships between AI tool use, employee perceptions and development outcomes.
The theoretical gap this study addresses is the absence of large-scale quantitative evidence measuring how frontline hospitality workers perceive AI as a leadership-deployed development tool. Tambe et al. (2023) explicitly call for this empirical work, Malik et al. (2023) identify it as a key outstanding gap, and Twyman (2023) argues HR professionals lack the evidence base needed to design genuinely ethical AI governance frameworks, a contribution this study is positioned to make.















6. [bookmark: _Toc233021240]Methodology
It is essential that research is designed and conducted in a methodologically coherent and rigorous manner. Research design can be understood as 'the general plan of how you will go about answering your research questions' (Saunders, Lewis and Thornhill, 2023, p. 155). Creswell and Creswell (2023, p. 3) similarly describe research design as the framework that 'connects the philosophical assumptions to specific methods of data collection, analysis, and interpretation.' Different research aims require different design choices, and those choices must be internally consistent and explicitly justified. This study uses the research onion developed by Saunders, Lewis and Thornhill (2023) as its organising framework, working from the outer philosophical layer inward to the specific data collection technique at the core. Each layer of the research onion is addressed in turn below. Appendix 1 illustrates the research onion as applied to this study.
[image: ]

[bookmark: _Toc233021241]6.1Research Philosophy: Post-Positivism
Research philosophy concerns the assumptions a researcher makes about knowledge and the social world; Saunders, Lewis and Thornhill (2023, p. 130) describe it as 'the development of knowledge and the nature of that knowledge.' The five principal paradigms are positivism, post-positivism, interpretivism, pragmatism and critical realism (Cohen et al., 2018; Creswell and Creswell, 2023; Saunders, Lewis and Thornhill, 2023). 
This study adopts a post-positivist philosophy, which holds that while objective social reality exists independently of the researcher, our ability to measure it with perfect precision is inherently limited (Creswell and Creswell, 2023), a more nuanced position than pure positivism (Cohen et al., 2018). This is appropriate because employee performance and perceptions of AI fairness are real, measurable phenomena, but are also shaped by individual context and organisational culture in ways no survey instrument can fully capture (Bryman, 2016; Saunders, Lewis and Thornhill, 2023). Post-positivism allows the researcher to pursue statistical rigour while remaining epistemically honest about the partial nature of the knowledge produced.

[bookmark: _Toc233021242]6.2 Research Approach: Deductive
A deductive approach begins with established theory, derives testable hypotheses, and uses empirical data to confirm or refute them (Saunders, Lewis and Thornhill, 2023; Creswell and Creswell, 2023), contrasting with induction, where theory is generated from observed data (Bryman, 2016). Veal (2017) confirms deductive approaches suit theoretically mature fields where the aim is to test existing propositions in a new context.
Deduction is appropriate here for three reasons: the AI-HRM literature is sufficiently developed to generate testable propositions, for example, that AI feedback perceived as fair will be positively associated with motivation (van den Broeck et al., 2022; Malik et al., 2023); the aim is to test relationships across a meaningful sample, not generate new theory; and deductive reasoning aligns naturally with the quantitative, survey-based strategy chosen (Saunders, Lewis and Thornhill, 2023; Creswell and Creswell, 2023).

[bookmark: _Toc233021243]6.3 Research Strategy: Survey
The survey strategy involves the collection of standardised data from a defined sample using a structured questionnaire (Veal, 2017; Saunds, Lewis and Thornhill, 2023). It is the most widely used strategy in quantitative business and management research because it allows the researcher to reach a large number of respondents efficiently, to generate data that are amenable to statistical analysis, and to produce findings that can, with appropriate sampling, be generalised beyond the immediate sample (Creswell and Creswell, 2023). Bryman (2016) confirms that survey research is particularly well suited to deductive, cross-sectional designs in which the researcher seeks to identify patterns and relationships across a heterogeneous sample.
The survey strategy is appropriate for this study because the research aim requires data from a sufficiently large number of Travelodge employees to permit statistical analysis of group differences and correlational relationships. A case study strategy, while offering richer contextual data, would not produce the statistical power needed to address objective four (Field, 2024). An action research strategy would require sustained organisational involvement and iterative data collection, which is not feasible within the time constraints of a Masters-level project (Coghlan, 2019; Saunders, Field and Thornhill, 2023).

[bookmark: _Toc233021244]6.4 Research Choice: Mono-Method Quantitative

This study adopts a mono-method quantitative design, meaning that a single method of data collection: the structured online questionnaire, is used rather than combining quantitative and qualitative approaches (Saunders, Field and Thornhill, 2023). Quantitative research uses numerical data that can be compared and analysed using statistical techniques (Creswell and Creswell, 2023). A mixed-methods design was considered but rejected for this proposal on the grounds that the existing qualitative literature on employee experience of AI management is already well developed (Budhwar et al., 2022), and what is needed is large-scale quantitative evidence to complement it. A mono-method design also supports greater methodological depth within a single approach, which Saunders, Lewis and Thornhill (2023) identify as preferable to a superficial mixed-methods design when research resources are limited.

[bookmark: _Toc233021245]6.5 Time Horizon: Cross-Sectional
The time horizon refers to whether data are collected at a single point in time (cross-sectional) or across multiple time points (longitudinal) (Saunders,Lewis and Thornhill, 2023). This study adopts a cross-sectional design, meaning that all survey data will be collected during a defined window of approximately eight weeks. Saunders, Lewis and Thornhill (2023) note that cross-sectional designs are standard practice in Masters-level research where longitudinal data collection is not feasible within the project timeline. Cohen et al. (2018) confirm that cross-sectional surveys are appropriate when the research objective is to identify patterns, associations and group differences at a given point in time, rather than to track change over time. A longitudinal design would be valuable in a future doctoral study, where it would be possible to examine whether AI tool implementation produces measurable performance improvements over an extended period.
Travelodge is one of the United Kingdom's largest budget hotel chains, operating 607 hotels across England, Scotland, Wales and Ireland as of 2023 (Travelodge, 2024). Its properties range from city-centre flagship hotels in London, Manchester and Cardiff to roadside and airport locations serving a predominantly leisure and budget business travel market. Travelodge employs approximately 12,000 staff across its hotel portfolio, the majority of whom are frontline workers in reception, housekeeping and food and beverage roles (Travelodge, 2024). This large, geographically dispersed and predominantly non-graduate frontline workforce makes Travelodge a strategically representative and accessible site for this study.
Sampling Framework: The study will use stratified random sampling (Saunders, Lewis and Thornhill, 2023) across three occupational strata: (1) frontline customer-facing roles (e.g. receptionist, night auditor); (2) housekeeping and maintenance roles; and (3) supervisory and team leader roles. Stratified sampling ensures proportional representation of each group, which is essential for the subgroup comparisons required by Research Question 3 and Objective 4. Hotels will be selected across multiple regions of the UK to capture geographic variation in management practice. A target sample of 200 has been established based on statistical power requirements (Veal, 2017; Field, 2024). Probability sampling within each stratum will use a random number generator applied to staff lists obtained from Travelodge HR, subject to organisational access agreement.















[bookmark: _Toc233021246]7.Data Collection
Data will be collected through a single structured online questionnaire distributed to Travelodge employees. The questionnaire will be hosted on a secure online platform and distributed via Travelodge's internal HR communication channels, subject to the granting of formal organisational access. A target sample size of 200 has been established on the basis of statistical power requirements: Field (2024) recommends a minimum of 200 participants for Pearson, while Veal (2017) confirms that in hospitality survey research, samples of 150 to 250 are generally considered sufficient for generating findings representative of a single large organisation.
Stratified random sampling will be used to ensure that the sample reflects the actual composition of the Travelodge workforce. The three primary strata are: (1) frontline customer-facing roles (receptionist, night auditor); (2) housekeeping and maintenance roles; and (3) supervisory and team leader roles. This approach is recommended by Saunders, Lewis and Thornhill (2023) where the researcher seeks to ensure that specific subgroups within the population are adequately represented for the purposes of subgroup analysis. A pilot study involving fifteen to twenty participants will be conducted prior to full distribution to test item clarity, identify ambiguities and calculate Cronbach's alpha as a measure of internal consistency. Field (2024) identifies a Cronbach's alpha of 0.7 as the minimum acceptable threshold for social science research instruments.
The questionnaire will consist of six sections. Section A will assess employee awareness and experience of AI tools in their working environment. Section B will measure perceptions of the fairness, transparency and credibility of AI-mediated feedback using adapted items from the validated scales employed by Malik et al. (2023) and Tambe et al. (2023). Section C will assess self-reported motivation and engagement using items adapted from the Basic Psychological Needs Satisfaction scale (van den Broeck et al., 2022). Section D will measure perceptions of performance improvement in relation to AI-assisted development support. Section E will address employee wellbeing and autonomy perceptions. Section F will collect demographic data including role, length of service, age and employment status. The questionnaire will use a combination of Likert scales (1-5 and 1-7), closed multiple-choice items, binary yes/no items and a small number of ranking questions to create methodological variety while maintaining the quantitative integrity of the data (Creswell and Creswell, 2023; Field, 2024).
The questionnaire will use a variety of validated question types to balance methodological rigour with respondent accessibility, as recommended by Willis (2015) and Blemer et al. (2017). These include:
(1) Likert scales (5-point: Strongly Disagree to Strongly Agree), the primary instrument for Sections B, C, D and E. An example item is: 'I understand how AI tools are used to assess my performance at Travelodge.' One item per battery will be reverse-scored (e.g. 'The way my performance is monitored increases my anxiety at work') to detect acquiescence bias and strengthen Cronbach's alpha (Tavakol and Dennick, 2011).
(2) Frequency scales (Never / Rarely / Sometimes / Often / Always), used in Section A to measure how often employees encounter AI-generated feedback, producing ordinal data suitable for frequency distribution and chi-square analysis (Saunders, Lewis and Thornhill, 2023).
(3) Semantic differential scales (e.g. Unfair 1–2–3–4–5 Fair), used for single-construct comparisons, offering a quick, intuitive format appropriate for lower-literacy respondents in the frontline hospitality workforce (Veal, 2017).
(4) Closed multiple-choice (single-select), used in Section F for demographic variables (role, length of service, age, employment status). These produce nominal data for subgroup coding in SPSS (Field, 2024).
(5) Multi-select checkboxes , used in Section A to identify which AI tools employees have encountered, allowing multiple responses where applicable (Saunders, Lewis and Thornhill, 2023).
(6) Numeric rating scale (1–10), used for a single overall motivation item ('How motivated do you feel to develop professionally? 1 = Not at all, 10 = Extremely'), providing greater distributional spread than a 5-point scale for this key outcome variable (Creswell and Creswell, 2023).
(7) Binary (Yes / No / Unsure) , used for key awareness questions in Section A (e.g. 'Do you trust that AI tools used in your workplace are applied fairly?'), producing simple nominal data for cross-tabulation (Field, 2024).
Examples of questions can be found in Appendix 3.
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Data will be analysed using IBM SPSS Statistics. Descriptive statistics will be calculated for all variables. Pearson correlation will be used to assess the strength and direction of relationships between continuous variables. Independent samples t-tests will be used to compare mean scores between two groups, and one-way ANOVA will be used to compare means across three or more subgroups simultaneously. Field (2024) recommends ANOVA over multiple t-tests in multi-group comparisons to control for Type I error inflation. All tests will use a significance threshold of p < 0.05.




[bookmark: _Toc233021248]9. Ethical Considerations 

Saunders, Lewis and Thornhill (2023, p. 238) define research ethics as 'the standards of behaviour that guide your conduct in relation to the rights of those who become the subject of your work, or are affected by it.' The ethical conduct of this research is governed by the British Educational Research Association guidelines (BERA, 2023), the UK General Data Protection Regulation (UK GDPR, 2021) and the researcher's institution's code of research ethics. Institutional ethical approval will be sought and obtained before any data collection activity begins.
In accordance with UWTSD postgraduate research ethics requirements, the researcher will complete and submit the UWTSD PG2 Ethics Application Form to the Research Ethics Committee prior to commencing any data collection. This form requires the researcher to declare the nature of the research, potential risks to participants, data management procedures, and consent mechanisms, and to obtain formal committee approval before proceeding (UWTSD, 2024). This institutional process ensures that the ethical principles outlined below are independently verified.
All participants will receive a full participant information sheet prior to completing the survey, clearly explaining the purpose of the research, how their data will be used, who will have access to it, and how they can withdraw. Participation will be entirely voluntary, and participants will be able to withdraw at any point during the survey without consequence. No personally identifiable data will be collected; all responses will be anonymised at the point of entry and stored in encrypted form on a password-protected institutional server for a maximum of five years, after which they will be securely deleted in accordance with UK GDPR (2021).
Formal written permission will be obtained from Travelodge's senior management before any employee contact is made. The researcher will be transparent about the academic purpose of the study and will ensure that no participant's employment position is placed at risk by their involvement. Results will be reported only at the aggregate or subgroup level; no individual employee will be identifiable from the findings. The researcher acknowledges a professional connection to the hospitality sector and will maintain a reflexivity journal throughout the study to monitor and disclose the potential influence of this on questionnaire design and data interpretation (Saunders, Lewis and Thornhill, 2023).


[bookmark: _Toc233021249]10. Limitations
Several limitations of this study must be acknowledged. First, the single-organisation design restricts external generalisability. While Travelodge is a large and representative budget hospitality employer, findings cannot be automatically extended to other hospitality brands or to different organisational contexts (Creswell and Creswell, 2023). Future research should replicate the design across multiple hospitality organisations to enable cross-organisational comparison. Second, the reliance on self-report survey data introduces the risk of social desirability bias; employees may respond in ways they believe are expected of them rather than reflecting their genuine perceptions (Saunders, Lewis and Thornhill, 2023). Anonymous survey design mitigates but does not eliminate this risk. Third, the cross-sectional design prevents causal inference; the study can identify correlations between AI tool use and performance perceptions but cannot establish that one causes the other (Field, 2024). Fourth, access constraints may affect sampling. If organisational access is not granted, the sampling strategy will shift from stratified random to convenience sampling via professional networks, which would reduce the representativeness of the sample and constitute a limitation requiring full disclosure in the final report (Veal, 2017). Fifth, some frontline employees may have limited awareness of when AI tools are influencing their management, which could affect the validity of their responses (Budhwar et al., 2022). The questionnaire design will address this by including contextual explanations of the technologies being investigated before the relevant items are presented.











[bookmark: _Toc233021250]11. Resources and Planning
Resources required for this project include access to a personal computer with internet connectivity, access to the institutional library's electronic journal databases, a licence for IBM SPSS Statistics for data analysis, and a secure online survey platform for questionnaire distribution. All of these resources are available through the university and do not require additional expenditure. Travelodge HR contact will be required for organisational access, and the researcher will initiate this process in Month 3 of the project, allowing adequate time for institutional approvals and organisational negotiations.
A detailed Gantt chart illustrating the expected use of time across the project period from September to June is included in Appendix 2. 
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This proposal has set out a rigorous, theoretically grounded study examining the impact of AI-driven leadership tools on the performance and development outcomes of Travelodge UK employees, situated at the intersection of AI in HRM, performance management theory and hospitality employee experience. The literature confirms that whilst AI adoption in HRM is accelerating, the lived experience of frontline employees subject to AI-mediated management remains under-researched (Budhwar et al., 2022; Charlwood and Guenole, 2022), and the study addresses the specific gap identified by Tambe et al. (2023) and Malik et al. (2023).

The aim, five objectives and four research questions are theoretically anchored, measurable and directly answerable through the chosen design. The methodology, structured through Saunders, Lewis and Thornhill's (2023) research onion, has been justified at every layer, and the ethical framework, including UWTSD PG2 Ethics Form approval, informed consent, anonymisation, UK GDPR compliance and researcher reflexivity, is robust. The study's expected contributions are academic, practical, policy-related and methodological, providing a replicable template for future sector-specific quantitative research in this field.
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Examples of questions that will be included in the questionnaire

1.How often do you receive feedback on your performance that you believe was generated or assisted by an automated/AI system?
(Never / Rarely / Sometimes / Often / Always)

2. Which of the following AI-assisted tools have you encountered in your role at Travelodge? (Select all that apply)

Automated performance scorecards
AI-recommended training modules
Chatbot-based coaching prompts
Automated rota/scheduling feedback
None that I am aware of

3. I understand how AI tools are used to assess my performance at Travelodge.
(Strongly Disagree / Disagree / Neutral / Agree / Strongly Agree)


4. The way my performance is monitored increases my anxiety at work.
(Strongly Disagree / Disagree / Neutral / Agree / Strongly Agree)


5. Overall, how would you describe the feedback you receive on your performance?
Unfair 1 — 2 — 3 — 4 — 5 Fair


6. What is your current role?
(Reception / Housekeeping / Maintenance / Team Leader–Supervisor / Other)


7. Please rank the following feedback methods in order of your preference (1 = most preferred):
Face-to-face conversation with my manager
Written feedback via an app or system
Automated performance report
Group team briefing


8. How motivated do you feel to develop professionally in your current role at Travelodge?
(1 = Not at all motivated, 10 = Extremely motivated)


9. Do you trust that AI tools used in your workplace are applied fairly and without bias?
(Yes / No / I don't know enough to say)


10. Is there anything else you would like to share about your experience of AI-assisted management at Travelodge?
image2.png




image3.png
Figure 2: The Performance Management Cycle (Aguinis, 2023)
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