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Abstract
FinTech is becoming more and more infused with artificial intelligence, influencing not only the technological infrastructures but the way in which work is structured and carried out. Despite the fact that the factors and advantages of AI adoption have been studied on large scales, less focus has been made on what happens in organisations after adoption, especially on standard operating procedures (SOPs) and workforce competences. This pilot study fills this gap by examining these dynamics in one of the UK FinTech SME using an exploratory qualitative design. The data were processed through an open-ended questionnaire, which will be given to employees working in operational, data, and technical positions and interact with AI on a daily basis. The socio-technical systems theory, dynamic capabilities theory and strategic HRM inform the study conceptualising the adoption of AI as not a linear process but a process of evolution of interaction among technology, processes and people.
The results show that AI implementation is not associated with an overall coordinated organisational change. As much as AI disrupts work and lessens manual workload, SOP changes seem to be rather reactionary and they are not frequently structured or owned. At the same time, workers are noted to have new skills requirements, especially in the interpretation of outputs and use of judgement, which is currently not sufficiently covered in formal training. There is also uncertainty on how well AI outputs should be relied on and how quickly support mechanisms in organisations are evolving.
Finally, the implementation of AI in FinTech SMEs is more of a continuous, unbalanced adaptation of the technology than a one-off implementation process. Technology, processes, and workforce capability change out of phase, which generates mismatches with significant implications to long-term strategic HR planning and the sustainability of AI integration.







[bookmark: _Toc227846254]1.0	 Introduction
[bookmark: _Toc227846255]1.1	 Background
Over the past decade, artificial intelligence has ceased being a broadly integrated theory to an element of the organisational continuous, particularly in the financial services sector, where it is gradually becoming a determiner of decision-making, process formulation, and work performance. This transformation lies within the bigger FinTech revolution, which is outlined by Gomber et al. (2018) as the intersection of technological innovation, the alteration of financial models, and the introduction of new capital streams into the existing systems. This already manifests itself in practice. The example of a COiN platform created by J.P. Morgan relies on natural language processing to read legal documents more efficiently and companies such as Morgan Stanley use machine learning to help with more complex financial decisions (Maple et al., 2023). 
In the meantime, machine learning, natural language processing, deep learning, and predictive analytics have already become a major component of the core activities of the company such as fraud detection, credit scoring, compliance, and algorithmic trading (Khan et al., 2024; Aderemi, 2025). This tendency is justified by the trends in investments, the total value of financing FinTech in the world is estimated at 164.1 billion in 2022 (KPMG, 2023), which means the further growth of the trend and the rise in the expectations of digital competence (Dwivedi et al., 2021; Olasiuk et al., 2023).
[bookmark: _Toc227846256]1.2	 Problem Statement
The UK FinTech SMEs are in a highly regulated and competitive market where regulatory pressures and market dynamics speed up the adoption of AI. Although studies on AI and its effects on performance outcomes (revenue, customer experience and competition) have been conducted, little has been done to consider its effects on an organisation internally. Specifically, the interaction between AI adoption and the transformation of standard operating procedures (SOPs) and the workforce capability in a single organisational environment is not well understood empirically. 
FinTech SMEs increase the intensity of these challenges, with regulatory expectations being strong, less formalised HR systems, and limited resources to develop structured capability (Harney and Alkhalaf, 2020). Thus, organisations do not have a point of reference on how to match AI implementation and sustainable processes and staff development without a better understanding. This study addresses this gap by examining these interactions within a UK FinTech SME to inform more proactive and integrated HR planning.
[bookmark: _Toc227846257]1.3 	Research Aim and Research Questions
This paper seeks to examine how AI adoption, standard operating processes, and workforce capability are interconnected within a UK FinTech SME. It will also discuss what this interconnectedness implies on strategic HR planning. The research questions that guide the study are as follows:

Primary Research Question: What is the impact of AI adoption on the standard operating procedures and workforce capability  and what do these effects suggest about strategic HR planning in a UK FinTech SME?
Sub-questions:
1. What is the current AI adoption in the SME and what organisational change does it elicit?
2. What is the impact of AI adoption on standard operating processes creation or change?
3. What are some of the workforce capability gaps that arise due to the adoption of AI?
4. What is the informal HR structure in the SME to meet these capability demands?
5. What strategic HR planning can enable sustainable AI adoption?
[bookmark: _Toc227846258]1.4 	FinTech Operations.
FinTech organisations operate in high-risk environments that involve financial transactions, sensitive information, and stringent regulatory environments, in which consistency and reliability are essential (Bagwe, 2025; Elahidoost et al., 2024). SOPs are therefore more of a control and accountability mechanism coupled with a guide of the procedure (Li et al., 2025). Business process management (BPM) entails the ongoing process modelling, monitoring and redesign rather than the business processes existing in the fixed state (Dumas et al., 2013). This is critical in FinTech where a small failure can lead to major financial or compliance consequences. 
The introduction of AI makes such structures more complicated. As an example, fraud detection automation needs changes to the decision rules, exception management, and employee interpretation of the system output (Papic, 2025). Whereas other researches consider process standardisation to be structured and cyclic (Beyene et al., 2022; Goel et al., 2023; Agustina and Mujanah, 2024), that presupposes the existence of coordination, which is not always present in SMEs. 
[bookmark: _Toc227846259]1.5. 	Challenges with AI Adoption
Though AI is linked to efficiency, it has a complicated organisational effect. Instead of removing work, it transfers the functions of execution to control, and the employees should be able to process outputs and make decisions in unspecified circumstances (Bessen, 2020). Such demands can be more than the original design of jobs. Although the importance of adaptability and technical skills is acknowledged (Babashahi et al., 2024), organisations often do not have systematic methods of cultivating them, thus leading to reactive capability development. 
The other effect of AI adoption is on employee experience. The inability to convey the role change efficiently can increase the level of job insecurity and psychological stress (Kim and Lee, 2025). In the meantime, digital literacy, data comprehension, AI ethics awareness are more in demand (Priyanghaa, 2025), and might prove difficult to develop among less formal training systems in SMEs. 
These barriers represent a larger organisational issue. The deployment of AI must be gradual in line with the capability of technology and processes, and the workforce (Agrawal et al., 2023). The misalignment with SMEs is greater, and the gaps between the implementation and operations, as well as workforce preparedness, are more intense.
[bookmark: _Toc227846260]1.6. 	Pilot Study Scope and Rationale.
The existing studies of FinTech focus more on the benefits of technology and performance outcomes, but no much has been accomplished to record internal organisational disruption. Particularly, there is a dearth of empirical studies on the relationship between the adoption of AI and SOP transformation and workforce capability in practice. Additionally, SMEs are prone to deploy AI without sufficient thinking of the organisational changes required (Rudko et al., 2021), leading to the lack of congruency between technology, processes, and workforce ability. This will compromise the intended AI benefits. The research addresses this gap by examining how adoption of AI, SOPs, and workforce capability interact in a FinTech environment. It is holistic in that the change in one dimension influences the other. Under the question, How does AI adoption impact the SOPs and workforce capability within a FinTech organisation, the research will have both theoretical and practical advice on how to align technology, processes and workforce development. Within the scope of this pilot study, the feasibility and acceptability of using an open-ended qualitative questionnaire with employees in a busy FinTech SME  will be accessed. Also, this pilot study will be used to explore whether the proposed conceptual framework and guiding propositions capture how AI adoption, SOP change and workforce capability are experienced in practice.
[bookmark: _Toc227846261]2.0	 Literature Review
[bookmark: _Toc227846262]2.1 	AI Adoption in FinTech: Automation, Fraud Detection and Algorithmic Decision-Making
Gomber et al. (2018) define the FinTech revolution as a technology-capital-new business-model convergence that is fundamentally transforming the financial services architecture. Practically, machine learning is now the foundation of such core functions as lending money to customers (loan approvals), credit scoring, customer risk profile, and fraud detection, performed on a scale and speed that is beyond human ability (Kadam et al., 2025).
Nonetheless, the implementation of AI in FinTech is not merely a technological upgrade, but is highly institutional. Akhtar et al. (2024) reveal that one of the factors that influence adoption is individual innovativeness and financial literacy, along with regulatory frameworks and institutional support systems. This defies the traditional framing of the Technology Acceptance Model (TAM) which is, to a considerable extent, the explanation of the adoption in terms of perceived usefulness and ease of use (Junior et al., 2025). Iman (2020) criticises this weakness by noting that TAM fails to recognize the importance of regulatory pressures, market competition, and institutional constraints that greatly influence FinTech settings. Conversely, institutional theory provides a better explanation because DiMaggio and Powell (1983) state that in many cases organisations do not necessarily embrace technologies because of efficiency reasons but because of coercive, normative, and mimetic pressures. In FinTech SMEs, specifically those within the Financial Conduct Authority (FCA) regulation, regulatory compliance is a decisive actor that directly organizes adoption choices, as well as system design demands.

Another essential issue that arises as a result of AI implementation is explainability. Rai (2020) notes the black box character of most AI systems, especially deep learning models, whose decision-making process is usually not transparent even to the creators of the model. 
Frederiks et al. (2022) also support the role of regulatory pressure as the most effective force to advance AI adoption in the financial service sector over the internal organisational preparedness and choice of managers. This implies that AI implementation in FinTech is not as discretionary as it is structural, and it has important ramifications on organisational governance and procedural alignment.
[bookmark: _Toc227846263]2.2 	Standard Operating Processes and Process Formalisation
The processing of the transactions, fraud escalation, and resolution of customer complaints are the operational activities that are usually controlled by organised procedures that allow organisations to show regulatory compliance and operational control to auditors and stakeholders ( Van der Aalst, 2013). Integrating AI does not eradicate SOPs but instead changes their scope, content, and governance logic especially with an ever more algorithmically mediated decision-making process.
The process of formalisation of processes is more of an iterative and incremental phenomenon than a single-time phenomenon. Beyene et al. (2022) and Goel et al. (2023) interpret standardisation as a cyclic process, of preparing, reviewing, updating, maintaining, distributing, archiving, and training. Likewise, Van der Aalst (2013) points out that business process management needs to be continuously modelled, observed, and redesigned to sustainably transform digital transformation. Dumas et al. (2013) build upon this point of view by separating process discovery, analysis, and redesign, which are further complicated by the implementation of AI into operational systems.
According to Zebec and Štemberger (2024), AI creates value when processes are standardised in the first place since structured inputs and well-defined rules can promote algorithmic efficiency. But Rosemann et al. (2024) include a more integrative perspective, and AI does not only perform processes, but also allows them to be discovered and redesigned. It is substantiated by Agustina and Mujanah (2024), who demonstrate that AI-based workflow automation within SMEs tends to generate completely new process architectures and not merely digitise the ones that already exist.

[bookmark: _Toc227846264]2.3 	Workforce Capability and Skill Gaps
Babashahi et al. (2024) highlight technical proficiency and adaptability as core competencies in AI-enabled settings, but observe that organisations are often reactive to skill gaps post hoc instead of being proactive in their planning. Autor (2015) offers a more comprehensive view of the labour market, suggesting that automation does not remove jobs altogether but just restructures them by substituting with routine work and creating more job demands in non-routine cognitive and relational work. 
This argument is further refined by Bessen (2019), who shows that the result of employment is based on the elasticity of demand and the speed of organisational adaptation. When automation is applied to high-growth areas like FinTech, it can increase jobs in general, but in reconfigured jobs with new skills required.
Nonetheless, SMEs have structural limitations to developing these capabilities. Harney and Alkhalaf (2020) reveal that HRM practices in SMEs tend to be informal, under-resourced, and reactive, thus restricting their ability to engage in systematic workforce development. Therefore, building capabilities in reaction to the use of AI is usually disjointed and sporadic. According to Bandara et al. (2025) and Venugipal et al. (2024), the critical skill gaps in data literacy, AI supervision, ethical decision-making could not be addressed within the traditional training frameworks and demand continuous organisational learning.
Additionally, Kim and Lee (2025) also point out that AI-based job restructuring may lead to an augmentation of job insecurity and psychological distress, especially when employees feel that the organisation is not sufficiently supportive of them. Using the dynamic capabilities framework, Drydakis (2022) posits that workforce adaptability investment by SMEs can have more sustainable results in terms of AI integration.
[bookmark: _Toc227846265]2.4 	Theoretical Foundation
To comprehend the interrelationship of AI implementation, standard operating procedures (SOPs), and workforce ability, it is necessary to have a clear theoretical basis more than descriptive literature. In this paper, we will take a multi-theoretical approach to the study by relying on four complementary theories to explain this multifaceted phenomenon, acknowledging their respective weaknesses at the same time.
First, the Socio-Technical Systems Theory (STS) (Trist and Bamforth, 1951) views organisations as two systems that are interdependent, the technical (technology, tools, processes and information) and the social (people, relationships, and organisational structures) systems. Although the individual systems can be optimised to achieve short-term benefits, their combination is what can lead to long-term effectiveness. Makarius, Amanollahnejad, and Kozlov (2020) have used STS to the AI integration and showed that the implementation of technology should be in harmony with the organisational structures. Moreover, Amanollahnejad, Makarius and Kozlov (2026) demonstrate that longitudinal SME studies have demonstrated that leadership data infrastructure and workforce factors are more decisive to success than the technology itself. 
Second, the Dynamic Capabilities Theory (Teece, Pisano and Shuen, 1997, 2007, 2016; Teece, 2007, 2016) provides a strategic perspective, which concerns how an organisation is able to sense opportunities, capture them, and reorganise resources, when faced with change. As demonstrated, AI has increased these functions especially in the speed of sensing and the use of resources within SMEs. Cimino et al. (2025) observe that AI implementation is best in organisations that already have developed adaptive capabilities and organisations that do not have these capabilities find it difficult to benefit. The theory can be used in this research to understand the strategic response to AI-driven change by FinTech SMEs. 
Third, the Institutional Theory (DiMaggio and Powell, 1983; Scott, 2001) describes the manner in which the external pressure influences organisational behaviour, through regulation, norms, and expectation. These pressures are especially high in FinTech, as they are regulated. Frederiks et al. (2022) reveal that regulatory uncertainty may even promote AI adoption since companies attempt to gain legitimacy by making themselves appear innovative. On the same note, Frederiks et al. (2023) point to coercive forces of regulators like the FCA in the digital transformation process. Nevertheless, it fails to clarify the implications of the adoption to internal process, SOP redesigning, and the capability of the workforce.
Lastly, HRM capability frameworks, which are based on resource-based view (Barney, 1991) and strategic HRM (Wright and McMahan, 1992) highlight the importance of human capital in attaining competitive advantage. These frameworks emphasize the fact that organisational performance does not solely rely on technology but also non-technical resources like leadership, culture and governance (Ulrich et al., 2024). 
Each of the theories alone can only offer a partial view of AI adoption in FinTech SMEs. STS is the explanation of interdependence within the system, but it lacks strategic orientation. Collectively, these theories give a holistic perspective of how the integration of AI is transforming processes and workforce capability in SMEs.
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Figure 2.1: Theoretical Lenses and Their Role in the Conceptual Framework (Author, 2026)
[bookmark: _Toc227846266]2.5	 Conceptual Framework
The four theoretical perspectives outlined in Section 2.4 is being built on, which leads to this study developing a conceptual framework that explains the relationship between AI adoption, standard operating procedures (SOPs), and workforce capability as recursive rather than linear. Unlike traditional models that treat AI adoption as a causal input leading to organisational outcomes, this framework conceptualises an ongoing cycle of interaction:
· AI Adoption → Standard Operating Procedure Change
· Standard Operating Procedure Change → Reveals Workforce Capability Gaps
· Capability Gap → Creates Demand for Strategic Human Resource Planning
· Strategic Human Resource Planning → Shapes Conditions Under Which Sustainable Use of AI Can Be Adopted Over Time 
This recursive form is based on the fact that change in an organisation is not a step-by-step process. Rather, the elements keep on influencing and redefining the others in the course of time. Indicatively, when AI is introduced into operations, SOP redesign may be required, and this means capability differences among the employees will be revealed.
Recursiveness of the model is also favored by the existing literature. The process of formalisation of process in organisations is also ongoing and includes repeat cycles of review, revision and training (Beyene et al., 2022; Goel et al., 2023; Babashahi et al., 2024). Human resource planning in SMEs tends to be in lag of operational change, introducing a time gap between processes and capabilities (Harney and Alkhalaf, 2020). This gap is captured in the framework where it is realised that every element is continually adapting to the other.
The model is also placed in an institutionalized FinTech context by the Institutional Theory, where the acceptance of AI is driven by external factors, unlike internal choices (DiMaggio and Powell, 1983; Frederiks et al., 2022). Lastly, in line with Yin (2018), this framework is operationalised in terms of guiding propositions, as opposed to hypotheses that are set in stone, and this gives the flexibility to empirical insights to sharpen the relationships found. This may be symbolized as;
· P1: AI adoption in the FinTech SME has led to some noticeable changes in the nature of work, including the automation of tasks, the different ways decision-making is shared and new demands being placed on operations.
· P2: These changes have influenced some necessary modifications to standard operating processes, including the development of new documents, updated workflows, and revised compliance procedures.
· P3: The reconfiguration of processes has exposed workforce capability gaps, areas where employees lack the skills, knowledge, or confidence to work effectively with AI tools and AI-modified processes.
· P4: The organisation's HR function, in its current form, is not fully equipped to identify, prioritise, or address these capability gaps in a strategic and forward-looking manner.

 This pilot study doesn’t thoroughly test these propositions, but instead uses them as a guide to focus on the key areas identified by the conceptual framework. The goal is to collect data and analyse data that sheds light on these important constructs. A more in-depth examination will come later in the full case study, which will take a closer look at how AI adoption, standard operating processes, and workforce capabilities interact with each other. The relationships between these factors may be more complicated or structured differently than the framework currently suggests.
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Figure 2.2: The Recursive Cycle of AI Adoption, SOP Change, and Workforce Capability (Author, 2026)
[bookmark: _Toc227846267]3.0	 Methodology
[bookmark: _Toc227846268]3.1	 Research Design
This study adopts a qualitative pilot research design grounded in an interpretivist philosophy. Interpretivism is aimed at comprehending how people interpret their experiences and meanings that they assign to them (Sauro, 2018). It presupposes that social reality is made by subjective interpretations that depend on the personal roles and situations (Saunders et al. 2019).
The paper thus seeks to encapsulate and examine these varied views to gain a clearer insight into how AI-driven change is viewed in practice. The use of a pilot study design is not due to limitations but a methodological choice. Pilot studies are important in research design testing, evaluating the data collection methods, and uncovering emerging trends or concerns (Malmqvist et al., 2019). The pilot was used to test the suitability of an open-ended questionnaire in producing the kind of data needed for the main study. It also investigates how applicable the conceptual framework is  to a UK FinTech SME in this study and considers the recursive relationships between AI adoption, SOP changes, and workforce capability. Results will be used to design a follow-up qualitative case study of larger scale.
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Figure 3.1: Research Design Flowchart (Author, 2026)
[bookmark: _Toc227846269]3.2	 Data Collection
Data were collected through an open-ended qualitative questionnaire administered to employees of a single UK FinTech SME. The choice of an open-ended questionnaire over semi-structured interviews was used in majorly because of the demanding busy schedules of Fintech employees, scheduling interviews would have created unnecessary barriers to participation, instead allowing employees to complete the questionnaire at a time and place that suited them most. This felt more realistic and the flexibility seemed to make participation genuinely easier for everyone. 
The questionnaire explored three main areas aligned with the three core constructs of the study. The first section asked participants about their use of AI tools in their daily work, what tools they use, how frequently, and for what purposes. The second section looked at how older workflows were being adjusted or quietly replaced over time, who was responsible for modifications, and how structured the process of change had been. The third section invited participants to reflect on their own skills, confidence, relating to collaboration with AI, as well as support for training relating to these skills.
[bookmark: _Toc227846270]3.3 	Sample
The purposive sampling was used to select participants so that the selection could be deliberate so that the participants could be those with the best experience and knowledge to the research question in qualitative research, quantity is never a focus but relevance (Suri, 2011).
When designing the sample, people in the operations, data analysis and technical departments were given the greatest consideration. The idea was just to get the opinion of those who had real-life experiences with AI in their day-to-day activities. Practical examples of changes in workflow was not expected and some of their answers contained such examples. It was a good source of insight into the adoption of AI, and its implications in the Fintech SME context. 
[bookmark: _Toc227846271]3.4 	Instrument Design
The questionnaire was designed after a number of revisions. It was meant to ensure that questions were not made too technical and far-fetched. This was achieved through streamlining the words to ensure the participants did not feel that they were supposed to provide highly professional answers and be concerned about not sounding right.  
· AI Adoption that specialized on the current usage of AI in the organization and the kind of takes it can support.
· Standard Operating Processes (SOPs) that examined how and whether workflows and processes have changed since the implementation of AI. 
· Workforce Capability that looked into the capabilities that one needs to have to work with AI systems, training, and the support that the organization may offer. 
The design was such that the responses could be systematically analyzed yet still given an opportunity to share their experiences using their own words (Braun and Clarke, 2021).
[bookmark: _Toc227846272]3.5 	Data Analysis
After the responses were received the analysis was done using thematic analysis approach. According to available literature, this technique is appropriate when doing exploratory work since it allows repetition of ideas and patterns to be naturally developed out of what people actually wrote (Braun and Clarke, 2006).
The initial procedure was to read all the responses a few times. Slow readings are made to be sure that the connections required to be identified are not overlooked. The pauses at this point actually assisted the patterns to begin to emerge. Then there was coding, or checking off common themes like workflow adjustments, skill adjustments, or times of confusion over new systems. There were codes which were re-released and re-released, and others were re-released once or twice, but which nevertheless had actual weight.
Once coded, then similar ideas were clustered into larger themes. These themes encompassed common experiences among participants, such as how to collaborate with new tools or how to convert old habits. All themes were meticulously made to ensure that they remained faithful to what people had actually said.
Short snatches were chosen among the responses in the last stage to give life to the themes. The wording of the participants was preserved to maintain their original meaning and to maintain the transparency and respectfulness of the reporting (Braun and Clarke, 2021).
[bookmark: _Toc227846273]3.6 	Ethical Consideration
The whole research process was based on ethical considerations. Participation was voluntary. All the participants were given a clear information that expounded the purpose of the study and their rights. They were informed that they could withdraw at any time in case they were not comfortable (Sanjari et al., 2014).
The success of this work was dependent on protecting confidentiality in the first place. No personal information was gathered in the questionnaire, and thus, there is no trace of the respondents with each answer. This maintained anonymity throughout the beginning.
All data were stored in password protected systems and only had access according to the requirements of the research. Although these steps were made in accordance with the general guidelines, they were also based on a higher feeling of responsibility, a personal obligation to handle the stories of the participants with care and respect.

[bookmark: _Toc227846274]4.0	 Results and Findings
[bookmark: _Toc227846275]4.1 	Overview
The data from the questionnaires was analysed using thematic analysis and the gathered themes linked together to present first insights into the recursive relationships between the elements of the conceptual framework from Section 2.5. These themes provide insights on automation of tasks and distribution of work as well as how current processes of working with AI are transformed sometimes reactively, new skills that are required and also challenges that remain when working with AI interact with humans.
[image: Generated image: Thematic analysis flowchart results]
Figure 4: Thematic map illustrating themes and subthemes (Source- Author, 2026, following Braun & Clarke, 2021)
[bookmark: _Toc227846276]4.2	 Task Automation and the Redistribution of Work
In all the 10 respondents, AI was always reported as being integrated into transaction monitoring, fraud detection, compliance and decision support, which means it is central to business operations. The participants generally concurred that AI minimized the amount of manual labor and enhanced speed and efficiency. As an example, one participant said that AI assists in flagging transactions and prioritisation of work, another participant said that onboarding could be completed in several minutes with the help of biometric AI, which does not cause delays caused by manual verification.
But other than efficiency benefits there was a greater trend towards redistribution of work as opposed to replacement. 7 respondents explicitly talked about a transition towards execution to oversight. One of the senior managers pointed out that he was in charge of the system utilization, and the staff who are operating on the frontline pointed out that flagged transactions must still be checked by a human. Even in highly automated processes, like the onboarding process, exceptions and edge cases still needed human intervention.
Although it coincides with Gomber et al. (2018) and Kadam et al. (2025), the results present new information to the existing literature since they demonstrate that AI does not eradicate but changes human functions. 
[bookmark: _Toc227846277]4.3 	SOP Transformation
Every 10 participants noted that adoption of AI resulted in transformation of organisational processes, albeit to different levels and forms. About 8 participants observed heightened formalisation in certain aspects especially compliance and transaction management. According to one participant, the processes such as record keeping and approvals have become more organized, a factor that is in line with how AI requires more cohesive workflows to ensure that it generates consistent outputs.
Meanwhile, 9 of them highlighted a deficiency in systematic implementation. Process updates were very reactive: “Procedures occur when required and not as a component of an organized rollout. The SOP changes were divided into responsibilities whereby some of the organizations attributed it to the IT or operations, others to the leadership and none had a uniform ownership model.
The results demonstrate that transformation is not a planned, but an emergent, iterative and disproportionate one, particularly, in an instance of SMEs, although AI can be considered a catalyst of process redesign (Van der Aalst, 2013; Dumas et al., 2013). The recursiveness of change is further supported by the fact that SOPs are never planned but always changed with time as changes.
[bookmark: _Toc227846278]4.4 	New Skill Requirements
The development of hybrid skill needs, a mix of technical knowledge and business and operational knowledge, had a high consensus among 9 people. Participants emphasized the significance of the interpretation of AI outputs and the understanding of system behaviour, and one reported, “There is a lack of cross-functional understanding. This is an indication of the transition into the positions where one is expected to possess analytical and contextual decision-making skills as well.
Nevertheless, 8 participants indicated severe inadequacies in training delivery. The education was mostly informal, referred to as on the job or project based and there were minimal formal development routes. This has led to lack of uniformity in the level of capabilities, specifically to the employees who are not so familiar with digital systems.
The results are consistent with Babashahi et al. (2024) which found that reactive capability development is predominant in AI adoption situations. In line with Bandara et al. (2025) and Venugipal et al. (2024), two important gaps in capabilities are data literacy and AI supervision. 
[bookmark: _Toc227846279]4.5 	Difficulties with Human-AI Interaction.
The respondents indicated a difference in trust and comfort with AI systems. Although 6 participants noted confidence in using AI as an aid tool, they continuously stressed its limitations and the need to monitor it by humans. Conversely, it was found that 4 participants were unsure especially when the outputs of the systems were not clear: “It is not always obvious what to do. This ambiguity was particularly apparent in operation positions, where the system output is a key component of decision-making.
One overwhelming concern among 8 participants was the disconnect between technology, processes and workforce preparedness. Some of the respondents noted how AI systems are developing faster than the organisation structures and one of the respondents remarked, the technology is ahead of the organisation. This points to a lack of a connection between implementation and organisational preparedness.
In agreement with Priyanghaa (2025), these findings imply that there is a socio-technical alignment of incompleteness in issues, rather than just because of technical limitations. The confidence in AI is conditional depending on clear procedures and competence enough, which are still in development. This illustrates the importance of making sure that the technology adoption is coordinated with organisational readiness to attain successful adoption.
[bookmark: _Toc227846280]4.6	Summary of Themes
All these results show that the implementation of AI is a multi-dimensional organisational change, rather than an increase in efficiency. AI transfers work to supervision, shifts SOP adaptation to be persistent, reactive, and develops the issue of human-AI interaction. Significantly, these themes cement a recursive dynamic, whereby technology, processes, and the capability of workforce is in a state of continual influence and response to each other. This affirms the holistic nature of the research and indicates a primary contribution: AI implementation in FinTech SMEs is not as technologically capable as it is driven by the organisational capability to manage the endemic incompatibility of interconnected systems.
[bookmark: _Toc227846281]5.0	 Discussion and Limitation
[bookmark: _Toc227846282]5.1	Discussion
[bookmark: _Toc227846283]5.1.1 Interconnection of AI Adoption, SOP Transformation and Workforce Capability
The findings of this pilot study confirm the main idea of the conceptual model: the process of AI adoption, SOP transformation, and workforce capability are interrelated phenomena that are recursively linked, but not independent. The use of AI has also initiated process transformation throughout the organisation, but this has been more of a reactive and unplanned nature, as opposed to being a planned and gradual transformation. This is indicative of the incompatibility pointed out by Goel et al. (2023), who say that standardisation of sustainable processes should involve coordination.
The appearance of new skills demands, in particular, data literacy, interpretation of AI outputs, and process monitoring directly stem not only from the adoption of AI but also from updated SOPs. The capabilities necessary to perform change along with the processes themselves evolve. However, the organisation has failed to come up with an organised reaction to these capability gaps. Training is still responsive, informal and skewed. This validates Babashahi et al. (2024) and Bandara et al. (2025), who recognize the aspect of capability development as a key but poorly studied aspect of AI adoption.
One of the main results is the shift of work to execution to supervision. This is also in line with Autor (2015) who estimated that automation would cause a decrease in routine jobs and an increase in non-routine, judgment-based jobs. Employees are now more likely to monitor, validate and interpret AI outputs instead of acting directly in this organisation. This change is a paradigmatic shift in the design of work, which demands new skills.
The recursive reasoning behind the framework can be seen in the following way: The implementation of AI will lead to change in SOPs; the change will reveal gaps in capabilities; the gaps will create risks that can threaten the future of AI. This dynamic can be associated with Dynamic Capabilities Theory (Teece, 2018), in which organisations are forced to constantly change resources in response to technological change.
Nonetheless, the results also question the current models. Although the framework (Section 2.5) proposes that the gaps in capabilities are to drive strategic HR planning, the evidence that there is such a feedback loop is non-existent. HR planning has been a big omission. This builds on Harney and Alkhalaf (2020) who show that HRM in SMEs is not only reactive but also fails to act despite obvious capability gaps. This is contrary to assumptions in Alzeiby et al. (2025) and Ulrich et al. (2024) that skill gaps awareness results in HR intervention. The process of awareness to action in resource-constrained, regulated SMEs seems conditional and delayed. This contradiction does not nullify the framework but puts more emphasis on the necessity to conduct further research on the circumstances in which the gaps in capabilities are translated into HR actions.

[bookmark: _Toc227846284]5.1.2 Managerial Implications
The findings indicate that the implementation of AI within FinTech SMEs cannot be approached as a technological one. Rather, it needs a concomitant matching of technology, processes and people. Outsourcing AI to IT alone poses a risk of causing misalignment whereby systems change quicker than organisational structures and workforce preparedness. Managers need to be more integrated and proactive. The adoption of AI should incorporate strategic HR planning at an early stage instead of being introduced in response. This is also in line with Alzeiby et al. (2025), who demonstrate that AI can only boost workforce management in the presence of people strategy and technology strategy, and with Ulrich et al. (2024), who highlight that it is important to align the workforce capability with the technological change.
In practice, it involves creating organized capability-building programs that predetermine the needs in skills, as opposed to informal and on-the-job learning. The ownership of SOP redesign should also be clear so as to document, communicate and train process changes. Moreover, organisations must focus on transparency in the operation of AI systems to lessen the level of uncertainty and enhance employee confidence. In the case of SMEs, it means that instead of responding to the changes, they should be planned, making sure that the use of AI investments is sustained by coherent processes and workforce development plans.
[bookmark: _Toc227846285]5.2 Limitations
There are a number of limitations to this study. First, being a pilot study with a small sample, the results are not generalisable in the broader FinTech industry. Rather, they offer speculative understanding of organisational dynamics in a particular situation. Second, the data collection method was based on questionnaire responses and this restricted the level of insight. This approach, in contrast to interviews, does not provide the opportunity to probe and ask follow-up questions, which limits the ability to delve deeper into the complex experiences. Lastly, the research is limited to one organisation, and adoption of AI can be quite different among various companies based on size, structure and strategy. These shortcomings indicate that there is a need to conduct more studies to confirm and generalize the results.
[bookmark: _Toc227846286]5.2.1 Suggestions for Future Research
A qualitative case study will be used as the next stage of this study, with semi-structured interviews. This will enable more in-depth investigation of the connections revealed in the conceptual framework and how people experience AI-driven change in practice. Document analysis (e.g., SOPs, training materials, internal communications) will also be included in the study to triangulate results and give a more holistic picture of the transformation of AI adoption, process transformation, and workforce capability with time. This will overcome the constraints of the pilot study and help draw more context-specific insights	 
[bookmark: _Toc227846287]6.0 Conclusion and Implication
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This pilot research aimed at investigating the relationship between AI implementation, SOPs, and workforce competence within a UK FinTech SME. The results give the first empirical indications that these components are mutually dependent and co-evolve in a recursive process. The adoption of AI is not just a technological intervention; it causes more significant organisational changes in processes and workforce expectations.
Though the organisation has gained in terms of efficiency, less manual workload, and better decision support due to the use of AI, the gains have come with challenges. SOP modifications have been very reactive and capability gaps have arisen without proper organisational reaction. The adaptation has been done by individual employees, usually without a structured support. Despite being grounded in one case, the results point to the structural issues, which FinTech SMEs face, such as regulatory concerns, resource constraints, and inadequate HR practices.
[bookmark: _Toc227846289]6.2	Practical and Theoretical Implications
Theoretically, the research has added value to the socio-technical systems thinking as it empirically supports the interdependence of AI adoption, SOP transformation, and workforce capability. The recursive model suggested in Section 2.5 is statistically justified to some extent, which supports the idea of integrated, systems-level analysis of digital transformation (Amanollahnejad et al., 2026; Makarius et al., 2020).
In practice, the findings highlight that AI implementation, process redesign, and human capital development should be coordinated and organized. The HR planning should turn into active rather than reactive planning and anticipate the capability needs before the implementation. SOP redesign must be based on ownership and communication that is well structured with the aid of training. Lastly, organisations need to mitigate the psychological effects of AI implementation by being transparent and engaged, so that employees can be aware of how AI will affect their jobs and future in the organization.

[bookmark: _Toc227846290]7.0. Reflective Account on Pilot Study
This is a reflective account that explains all the process and experiences that went into carrying out the pilot study on the interconnectedness between artificial intelligence (AI) adoption, standard operating processes (SOPs) and workforce capability: implication for strategic HR planning in a UK Fintech SME. What the reflection aims to do is to evaluate the research journey, decisions taken, challenges faced and what was learnt from the experience. 
The pilot study was designed in such a way that it focuses on how the adoption of AI affects organisational procedures and workforce capability using qualitative data. This data was gathered through questionnaires that were analysed, aiming to provide basic insights into how Fintech organisations adapt to technological change, particularly in relation to process changes and the need for employees to learn a new set of skills.  The focus on how these constructs (AI, SOPs and workforce capability) interact within an SME setting also reflects the specific contribution of this study, as existing research has examined them separately and not as interconnected factors.
This reflection helps in assessing the outcomes of the study and critically evaluate the research process. It considers the rationale for choosing the methodology used, the practical difficulties encountered during data collection and analysis, and the extent to which the study achieved its intended objectives in exploring AI adoption, SOPs, and workforce capability within a Fintech SME context. It also highlights the key lessons learned, regarding conducting applied research in a real-world organisational setting.



[bookmark: _Toc227846291]7.1. Rationale for the Research Design
The research process started with choosing a topic focused on AI adoption within fintech companies. I picked this area because AI is becoming more important in how businesses work, and many organisations are just beginning to use it. I was interested in how AI connects with SOPs and workforce capabilities. I wanted to understand how new technology affects not only systems, but also the processes and the people within the company. My prior experience in SMEs, where structures are informal and evolving, made me curious about how AI, which requires formalised procedures, interacts with existing practices and workforce capabilities.
After selecting the topic, I reviewed a lot of existing studies and articles. This part was quite big and sometimes difficult because there is so much research on AI and digital change. From the literature, I found common themes like automation, redesigning processes, and retraining workers. However, I noticed that while these topics were studied separately, very few researchers had looked at how they all work together inside one organization. This helped me narrow down my research and clearly identify a gap in understanding how AI adoption , SOPs, and workforce capability interact within SME fintechs, and what this means for strategic HR planning.
For collecting data, a structured questionnaire with open-ended questions was used. I chose this method because of time constraints and how challenging meeting many people for full interviews can be.  The questionnaire asked participants about their experiences with adopting AI, how it changed their company’s processes, and how it affected the workers’ skills.
After collecting the responses, I used thematic analysis to understand the data. This meant reading through all the answers, finding patterns that kept appearing, and grouping them into main themes. I had to be careful to make sure the themes truly represented what the participants said and stayed connected to my research goals. Overall, the whole research process was iterative. 
[bookmark: _Toc227846292]7.2. Challenges I Encountered
During the research process several problems appeared. These problems mostly had to do with data collection and research method. However, due to the nature of their work as Fintech professionals they were often extremely busy, in demanding environments working under pressure. Securing access to participants was therefore a major challenge in this study. To work around this, I opted for a structured questionnaire format instead of an in-depth semi-structured interview, which I initially planned to use. The participants were able to complete the online questionnaire at their own pace and at a time to suit them.
One of the challenges of the study was to design the questionnaire. Questionnaire items had to be straightforward and clear but at the same time offer ample opportunity for the participants to give a detailed insight in their experiences. The first interview questions consisted of 22 items. In the end I decided to shorten this to 12 items. Open-ended questions are always the best way to gather meaningful data, but they tend to yield short answers. In this study that was the case, and not what I had hoped for. Questionnaires are easy to hand out, easier to administer, but less in-depth than face-to-face interviews or semi-structured interviews.
A key issue emerged from the limited depth of the survey questions and ensuing responses, and was felt particularly during the analysis stages. Some important insights were not explored or revealed because I could not ask follow up questions ,  which caused some frustration. As the researcher, the responsibility for interpreting the answers was solely yours and caution had to be used to ensure that no misrepresentation of views occurred. The process of conducting a thematic analysis became a time-consuming task; each statement had to be read and re-read for interpretation. Statements relating to similar themes were grouped accordingly, and each theme was carefully labelled.
Owing to the pressures of time and the challenges of finding an appropriate company to participate, there were few opportunities for further refinement and in-depth exploration of the issues. I ran a pilot study under great time pressure. The study had to be completed whilst juggling a number of other tasks; reviewing relevant literature; designing and distributing the questionnaire; collating the results; analysing the data; and writing up the findings.
Another hurdle I faced was sourcing and processing the various pieces of academic literature that I used in my research. While there was plenty of quality research available that discussed the positives and negatives of AI and the digital transformation, there was also a huge amount of coverage of the subject as a whole which made it hard to find an original take. This intensified my reading, understanding, and synthesis of the material, followed by a lot of hard work to ensure it was properly incorporated into my study. I also had to pay close attention to how I referenced my sources to avoid plagiarism. Looking back, the process was more demanding than I expected, and I underestimated some of the challenges involved. However, it pushed me to improve my planning and problem-solving skills and helped me better understand how research works in real-life situations.
[bookmark: _Toc227846293]7.3. The Lessons I Learnt
I gained many valuable skills during the research process. I learned to think like a researcher which influenced my way through the process of finding a research gap, identifying research questions, and conducting a study to answer them. This process helped me to attack problems in an organised fashion. It improved my critical thinking skills and made me better at seeing connections between seemingly unrelated ideas.
This report has given me a much deeper understanding of real-life scenarios with AI. While books and articles can explain the potential of AI adoption from an information standpoint, engaging with people who are actively implementing this technology and gaining their perspectives through the report’s questionnaire highlighted some real world challenges and barriers. I now appreciate that implementing AI is not just about adopting technology; there are many implications for organisations’ operating models, daily ways of working and the skills required by employees to work with AI effectively. This experience showed me the importance of using real-world data. Even though theory provides a foundation, it does not always reflect what happens in practice; as such, engaging with actual professionals, in this case, fintech professionals, helped me gain more accurate and meaningful insights.
It also made me reflect more on how to connect the learning to real life and also how to synthesise my findings within the context of existing knowledge. This meant comparing and evaluating opposing arguments and drawing conclusions based on what the other researchers have written on the topic while at the same time being able to bring in original findings. As a result, I have become better at reading academic research papers and applying it more relevantly.
The study also gave me a realistic perspective on the actual hurdles of conducting research. It taught me lessons on how to manage my time, to acquire participants, to choose methods, and to deal with all of the unexpected twists and turns. The experiences were a mix of challenges and valuable learning opportunities, at times it seemed insurmountable, but in the end it was one of the most rewarding academic experiences I have had. Not only did I gain more confidence in doing further research, my skills in academic thinking and application have increased tenfold.
In the final part of this reflective account, the key components of conducting a pilot study on the impact of AI adoption in Fintech companies are summarised. The research process has provided HR professionals and SME leaders with useful organisational-level insights into the impact that AI adoption has on both processes and people capabilities.
The study was challenging, especially in accessing participants , working within a tight timeline, and using questionnaires to collect data. However, the study helped me gain important research skills, such as analytical thinking, careful data interpretation, and academic writing. It also improved my confidence in conducting research related to AI and digital transformation and it provided a strong foundation for my main study.
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Appendix A: Qualitative Questionnaire
Exploring the interconnectedness between AI Adoption and Standard Operating Procedures and Workforce Capability and Strategic HR Planning in A UK Fintech Company

Interview Questions
Section 1: Background Information
1. What is your current role in the firm, and how long have you been working in this organization?
2. How closely do you work with digital systems or AI-based tools in your role?

Section 2: AI Adoption
3. How is AI currently being used within the operational processes of the firm? Please describe the main tools or systems you use.
4. What were the main goals when AI tools were introduced? How does this compare with what has happened in practice?
5. Can you describe a specific example of how AI has affected how work is done in your organisation — either positively or negatively
6. Have you experienced any challenges or difficulties when using AI systems? If so, please describe


Section 3: Impact on Standard Operating Processes (SOPs)
7. Since AI was introduced, have any processes, procedures, or ways of working changed significantly? If so, how?
8. Were any new procedures created, or existing ones updated, as a result of AI adoption? Who was responsible for this?
Section 4: Workforce Capability and Skills
9. What new skills or knowledge have employees needed to develop to work effectively with AI tools? Have you noticed any gaps?
10. What training or support , if any , has been provided to help employees adapt to AI-driven changes?
11. How comfortable do you feel relying on AI tools in your daily work? Please explain your experience.
12. Has your organisation made any changes to recruitment, workforce planning, or HR strategy since adopting AI? If so what changed and who led the process?

13. In your opinion , how well is your organisation managing the people side of AI adoption(such as skills, processes, and planning)? What would you improve?

14. Is there anything else you would like to share about how AI has affected your organisation’s operations, processes, or people?

15. Were any of the questions unclear or difficult to answer? Please explain.
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Figure 1: Theoretical Lenses and Their Role in the Conceptual Framework
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Figure 2: Conceptual Framework — The Recursive Cycle of Al Adoption,
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