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Using Generative AI to Support Doctoral Research
A guide for DBA students on the assisted use of generative AI in doctoral research, with worked examples including proofreading, literature discovery, qualitative analysis and the presentation of findings
Before you begin
“The first principle is that you must not fool yourself, and you are the easiest person to fool.”
Richard Feynman, Cargo Cult Science, 1974
Feynman is pointing at something sharper than ordinary dishonesty. Deceiving someone else meets resistance, since they can question you, push back, catch you out. Deceiving yourself meets no such resistance, because there is no one on the other side of the conversation to catch you. As a researcher you want things: your hypothesis to hold, your interpretation to be right, your thesis to make a clean argument. That wanting does not announce itself as bias. It quietly shapes what you notice, what you accept without enough scrutiny, and what you decide is not worth a second look. You do not experience this as choosing to be dishonest. You experience it as being persuaded, by yourself. This is why he calls it the first principle, ahead of honesty toward others. Being honest with the people around you is comparatively easy, because they are external and sceptical and will check your claims. Being honest with yourself is the harder discipline, because the only check is one you have to run on yourself, on purpose, against your own preferences.
This is exactly the discipline this guide asks of you. Your declaration form, your audit trail, your supervisor asking a question, all of that is the honesty-toward-others layer, and it matters, but it is not the layer that decides whether your thesis is genuinely your own thinking. The moment that actually decides it is quiet and private: deciding an AI-suggested theme is right because it is tidier than the work of re-examining your transcripts, or telling yourself a pasted paragraph is basically what you would have written anyway. Nobody has to catch you in that moment for it to compromise your thesis. You have to catch yourself, and no system of declarations, logs or examination can do that for you.
There is a well-known definition of integrity, often attributed to a famous author, stating that integrity is doing the right thing even when no one is watching. That attribution does not hold up, but the idea does not depend on who said it, and it says the same thing Feynman does: the test that matters is the one nobody else is there to administer. This guide can tell you where the lines are on generative AI. Only you can decide, in that private moment, to stay on the right side of them.
1. Purpose of this guide
This guide sets out how you may use generative AI to support your doctoral research on the DBA programme. Generative AI can be used across many stages of a doctoral project, and it would not be possible to list every legitimate application here. What follows works through several areas as worked examples of the underpinning principle in practice, including using AI to proofread and clarify your own writing, to help find relevant literature, to check the themes you have identified against your data alongside NVivo, and to produce a diagram from findings you have already established. Where you want to use AI in a way not covered directly by one of these examples, the same underpinning principle and the same audit trail requirement apply, and you should discuss the intended use with your supervisor before proceeding.
The guide also sets out what you must record every time you use AI, because that record, your audit trail, is what allows your supervisor and your examiners to see how AI has been used and to satisfy themselves that the thinking is yours.
The guiding principle running through everything below is straightforward. Generative AI may assist your doctoral thinking. It must not replace it. Where a task in this guide asks you to interpret, judge, decide or conclude, that task remains yours.
2. The underpinning principle: assistance, not replacement
This principle is not a local rule invented for this programme. It reflects the position taken across the UK higher education sector. The Russell Group principles on generative AI in education call on universities to support students and staff to become AI literate while ensuring that academic rigour and integrity are upheld (Russell Group, 2023), and equivalent statements have since been adopted well beyond the Russell Group's own membership. The difficulty for any programme has always been translating a broad literacy principle into a working distinction between legitimate assistance and substitution.
A useful way of making that distinction concrete is the Artificial Intelligence Assessment Scale developed by Perkins et al. (2024), which sets out five levels of AI involvement in academic work, running from no AI at one end to full AI at the other. Table 1 adapts this scale to doctoral research on the DBA. For almost all research tasks, from a literature search to a second read of your coded data, you should be working at level 3, AI task assistance. Level 4 requires your supervisor's explicit agreement and is rarely suitable for analysis or findings work. Level 5 is not permitted for any assessed or thesis component.
	Level
	Description
	What this looks like in DBA research

	1
	No AI
	Work produced entirely without generative AI, for example handwritten reflective memos or an unaided close reading of a transcript.

	2
	AI planning
	AI used only to plan or structure a task, for example asking it to suggest a search strategy or a possible chapter structure, with all content generated by the student.

	3
	AI task assistance
	The level expected across most DBA research tasks. AI supports a discrete task such as locating literature, summarising a source, generating a second read of coded data, or drawing a diagram of findings already agreed by the student. The intellectual work of interpretation and judgement remains with the student.

	4
	AI full collaboration
	AI used more extensively alongside the student, for example iterative co-drafting. This level requires explicit agreement with your supervisor and a full audit trail, and is rarely appropriate for the analysis or findings chapters of a doctoral thesis.

	5
	Full AI
	AI generates the output with minimal human input. Not permitted for any assessed or thesis component of the DBA.


Table 1. Levels of AI involvement in DBA research, adapted from Perkins et al. (2024)
A second strand of the underpinning literature concerns why this distinction matters for doctoral formation specifically, not only for academic integrity in the narrower sense. Recent scholarship on generative AI and doctoral education argues that the effects of AI use on a student's progress are not automatically positive and depend on how the tools are integrated into the researcher's existing competence, and that governance grounded in critical and ethical AI literacy serves students better than governance grounded in detection and policing (Bittle and El-Gayar, 2025). The implication for you as a doctoral researcher is that the question to ask before using AI is not only whether use is permitted, but whether it strengthens or substitutes for your own developing judgement as a researcher.
3. Proofreading and language clarity
The most common use of generative AI in doctoral writing, and the one you are likely to reach for first, is proofreading and language clarification. UK doctoral study has long permitted students to use a human proofreader within defined limits, on the basis that a thesis can still be considered a student's own work provided the proofreader is correcting the expression of the student's own meaning rather than adding new content. Generative AI extends this established convention rather than replacing it, and the same limits apply.
You may use AI in an assistive role to improve the clarity of your own drafted text, for example to correct grammar and spelling, to suggest a clearer way of phrasing a sentence you have already written, or to check that your intended meaning has not been obscured by the standard of English used. This can go beyond basic spelling and grammar correction and can include rewriting, rephrasing or paraphrasing passages, provided the underlying content, argument and claims remain entirely your own.
Three limits apply, and they mirror the assist not replace principle running through this whole guide.
· AI must not be used to correct factual errors. If AI flags something as potentially wrong, you investigate and correct it yourself using the primary source.
· AI must not be used to generate new content, arguments or claims. Its role is to improve how your existing meaning is expressed, not to supply meaning you have not already worked out.
· You must review and take responsibility for every change before it goes into your thesis. Read each AI-suggested rewording against what you meant to say, and reject anything that shifts your meaning even slightly.
This is a lower-stakes use of AI than the analytic uses discussed later in this guide, but it still belongs in your audit trail. A brief log entry, for example the chapter proofread, the tool used and the date, is sufficient for this kind of use, unless your supervisor asks for more detail.
4. Generative AI in literature discovery
Generative AI tools can be genuinely useful for finding relevant research, articles and books, for example by suggesting search terms, summarising the argument of a paper you have already located, or helping you map a body of literature you are not yet familiar with. Used in this way, AI is doing what a knowledgeable colleague might do over coffee: pointing you towards material and helping you get your bearings faster.
Two safeguards are non-negotiable when you use AI for this purpose.
· Every citation an AI tool gives you must be checked against the original source before it enters your reference list. Generative AI models are well documented to produce citations that look entirely plausible but do not exist, or that misattribute a real argument to the wrong author or year. You are responsible for every reference in your thesis, regardless of how it was located.
· AI-generated summaries of sources are a starting point for your own reading, not a substitute for it. You should read the primary source yourself before relying on it in your literature review or theoretical framework, particularly for any source that carries weight in your argument.
Treat AI in this role as a fast, occasionally unreliable research assistant rather than as an authority. The literature review itself, the argument you build across your sources and the gaps you identify in the existing knowledge base, remains your own scholarly work.
5. Generative AI alongside NVivo: comparing themes with your findings
The area where students most often ask for guidance is qualitative analysis, specifically whether AI can be used within or alongside NVivo to check that the themes you have identified align with your data. This is acceptable, and can strengthen your analysis, provided the sequence below is followed and documented.
You should first complete your own coding and theme development, using an established analytic approach such as reflexive thematic analysis (Braun and Clarke, 2006, 2019), before any AI tool sees your data. This first pass is where your interpretive relationship with the data is built, and it cannot be delegated. Once your own themes are in place, an AI tool, whether NVivo's own Lumivero AI Assistant or a general-purpose large language model, can be applied to the same coded material as a second analytic read. The tool is asked, in effect, what themes does this coded data suggest, and its answer is then compared against your own.
The academic underpinning for this second-read approach draws on an established idea in qualitative methodology rather than a new one. Lincoln and Guba (1985) describe investigator triangulation and peer debriefing as ways of testing the dependability of an interpretation by exposing it to another perspective. An AI-assisted second read functions as a limited, contemporary version of that same logic: not a second human coder, but a second lens that can surface where your interpretation is well supported and where it may be worth re-examining. Recent methodological work on AI-assisted thematic analysis reaches a consistent conclusion on this point, that large language models can produce plausible themes but that their outputs require verification, refinement and interpretation by the researcher rather than acceptance at face value (De Paoli, 2024).
Where the AI-suggested themes agree with your own, this is supporting evidence for your interpretation and can be noted as such. Where they diverge, the divergence is not an error to be smoothed over. It is data. You should trace the divergence back to the source excerpts, decide whether it reveals something you had underweighted or whether the AI reading is superficial or decontextualised, and record that reasoning in a memo. This is consistent with how NVivo's own developers frame the tool: AI-assisted coding can speed up early-stage analysis, but final analytical decisions stay with the researcher (Lumivero, 2024).
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Figure 1. Workflow for AI-assisted comparison of themes and AI-assisted presentation of findings, with a continuous audit trail
6. Generative AI for diagrams of your findings
Once your findings are fixed, meaning you have completed your own analysis and reconciled any divergence from an AI-assisted second read, it is acceptable to use generative AI to help produce a diagram or visual map of those findings, for example a thematic map or a conceptual model showing relationships between themes. This is a presentational task, not an analytic one. The AI is being asked to render a structure you have already decided upon, not to decide the structure itself.
Two checks apply. First, check the diagram against your own findings line by line before it goes into your thesis, since AI tools can silently drop a theme, merge two distinct themes, or imply a relationship between themes that your data does not support. Second, redraw or correct any element that does not match your findings exactly. A diagram that is close but not quite right is not acceptable simply because it is close.
7. The audit trail: an established requirement, extended to AI
Doctoral research has always required you to be able to show your working. Lincoln and Guba (1985) identify the audit trail, a documented record of the decisions made during analysis, as central to the dependability of a qualitative study, allowing another researcher to follow the path from raw data to conclusions. Generative AI use extends this existing requirement rather than replacing it. Every time you use AI in your research, from a literature search to a second read of coded data to a diagram of your findings, you must log the interaction.
Your log should record, at minimum, the tool and version used, the date, the purpose of the interaction, a summary of what you asked and what the tool produced, and the verification action you took before using or discarding the output. Table 2 gives a template, with a worked example in the first row.
	Tool and version
	Date
	Purpose of use
	Summary of prompt and output
	Verification action taken

	Example: NVivo 15, Lumivero AI Assistant
	14 March 2027
	Second read of interview transcripts 1 to 8 to compare against manual coding
	Asked the assistant to suggest themes from coded excerpts; it proposed six themes, four matching the student's own
	Two divergent themes traced back to source data and discussed with supervisor; one adopted, one rejected with reasons recorded in memo

	
	
	
	
	

	
	
	
	
	


Table 2. AI use log template for DBA research
Keep this log as a working document throughout your candidature rather than reconstructing it retrospectively. Your supervisor team may ask to see it at supervision meetings, and it may be requested as part of the authenticity or viva process. For Part 1 DBA assignments, this log should form part of your appendix and be submitted with your completed assignment, and shared where relevant in teaching sessions. Screenshots may be used as evidence, and the log does not count towards your word limit.
8. Case studies
The examples below illustrate each area covered in this guide, drawn from business and management research contexts. Each ends with a question and a suggested answer. Use the questions for your own reflection or in supervision discussion before reading the suggested answer, and read the case studies alongside the relevant section above rather than as a substitute for it.
Case study 1: proofreading
A DBA student for whom English is an additional language is drafting the discussion chapter of her thesis on supply chain resilience in a manufacturing SME. She uses an AI writing tool to rephrase sentences where she is unsure her intended meaning is clear, keeping the original and the revised wording side by side as she works. Reading back through the AI's suggestions, she notices that a couple of them soften one of her claims and add a transition she did not intend.
Question
What should she do with these two suggestions, and what does this case illustrate about the limits set out in section 3?
Suggested answer
She should reject or edit back any change that softens her claim or adds a transition she did not intend, since the limit in section 3 is that AI may clarify how her meaning is expressed but must not alter that meaning. Accepting a change simply because it reads more fluently would not meet this test. Every suggested change needs to be read against what she meant to say, not against how polished it sounds, before it goes into her thesis.
Case study 2: literature discovery
A DBA student researching digital transformation in family-owned SMEs uses an AI search assistant to build an initial reading list. The tool returns twelve sources, one of which, attributed to a named author and journal, cannot be found when the student tries to locate it through the university library or the publisher's own site.
Question
What should she do about the source she cannot verify, and does the fact that eleven other sources checked out change how she should treat the remaining eleven?
Suggested answer
She should discard the unverifiable source rather than include it on trust, and note in her log that it could not be verified. The fact that eleven sources checked out does not mean the remaining eleven need no further attention. She should still check each of them directly against the original publication rather than assuming accuracy because nothing has yet shown them false. Her literature review should cite only the sources she has personally verified.
Case study 3: comparing themes with NVivo
A DBA student researching staff turnover in a mid-sized retail business conducts fourteen semi-structured interviews with store managers and completes an inductive reflexive thematic analysis in NVivo, arriving at five themes including inconsistent scheduling practices and a perceived lack of career progression. She then runs the coded excerpts through NVivo's AI Assistant as a second read. The AI-suggested themes overlap closely with four of her five themes, but group scheduling and progression together as a single theme labelled management support.
Question
Should she defer to the AI's grouping, keep her own two separate themes, or something else, and how should she reach that decision?
Suggested answer
Neither automatic deference nor automatic dismissal is the right response. She should trace the divergence back to the transcripts and decide, on the evidence of what participants actually said, whether scheduling and progression are experienced as one issue or two. If the data shows them functioning differently for participants, she keeps them separate. Either way, she records her reasoning and the AI interaction itself in her audit log, since the divergence and how she resolved it is part of the analytic trail an examiner may want to see.
Case study 4: diagrams from findings
A DBA student examining change management in a logistics firm undergoing a merger has finalised four themes: communication gaps, middle-manager fatigue, resistance framed as risk aversion, and informal information channels. He asks an AI tool to draft a diagram showing these four themes converging on employee trust as a central category. The first version places an arrow between resistance framed as risk aversion and informal information channels.
Question
What should he check before using this diagram, and what should he do if his data does not support the arrow the AI has drawn?
Suggested answer
He should check the diagram line by line against his coding structure before it goes anywhere near his thesis, since AI tools can imply a relationship between themes that the underlying data does not support. If the arrow is not supported, he removes or corrects it, relabels anything that does not match his own terminology exactly, and notes the correction and the reason for it in his audit log.
Case study 5: what happens when the principle is not followed
A DBA student drafting his literature review pastes an AI-generated summary of the resource-based view of the firm directly into his chapter, lightly rewording a few sentences before submission.
Question
Where is this most likely to catch up with him, and what would have changed if he had followed the audit trail requirement in section 7?
Suggested answer
The risk is most likely to surface in the oral examination, when he is asked to explain or defend a characterisation of a scholar's argument that was never really his own reading of the source, though it could equally surface earlier at supervision if the change in his writing is noticed. Had he logged the interaction as section 7 requires, the extent of his reliance on AI-generated text would have been visible to his supervisor well before submission, giving him the chance to go back to the primary source and write the section in his own words while there was still time.
Case study 6: philosophical underpinnings
A DBA student preparing her thesis for final submission is finding it difficult to articulate the difference between ontology and epistemology, and how the two relate to her research project, after her supervisor tells her the discussion needs to be clearer. She asks an AI tool for a concise definition of each term, is pleased with what it produces, and pastes the definitions directly into her thesis without editing them. On her RD2 submission declaration, she declares that she has used AI software.
Question
Does declaring her AI use resolve the problem with what she has done, and what has this approach failed to address?
Suggested answer
Declaring AI use does not by itself make pasted, unedited AI text acceptable. The declaration tells the reader that AI was used. It does not convert that text into her own words, and pasting output directly without editing, revision or independent verification exceeds what this guide permits regardless of which declaration was selected. Accepting the definitions without cross-checking them against the paradigm literature also risks introducing errors she has no way of catching, since she has not engaged with the underlying material herself. Most importantly, the real difficulty, that she struggles to explain what these terms mean and how they relate to her project, has not been addressed, only hidden, and is likely to resurface when an examiner asks her to explain the philosophical basis of her method.
A more productive use of AI here sits within section 3. Rather than asking AI to produce text for the thesis, she could ask it to check whether her own attempt at an explanation captures the distinction correctly, or use it to ask clarifying questions until the concept clicks, then write the explanation herself. What that self-authored explanation might look like is worth setting out, because it shows what genuine engagement with the terms delivers that a pasted definition cannot.
9. Summary
· This guide works through several areas as examples of a single underpinning principle, and is not an exhaustive list of where AI may be used in your research. Discuss any use not covered directly here with your supervisor first.
· AI may be used to proofread and clarify your own writing, but not to correct factual errors or to generate content, arguments or claims you have not already worked out yourself.
· Generative AI may be used to assist literature discovery, but every citation must be verified against the original source.
· Your own coding and theme development must come first. AI is applied afterwards, as a second analytic read, not a first one.
· Agreement between your themes and AI-suggested themes is supporting evidence. Divergence is data to be interrogated, not smoothed over.
· AI may be used to render a diagram of findings you have already established, checked line by line before use.
· Every use of AI in your research must be logged: tool, date, purpose, prompt and output summary, and verification action taken.
· Across all of this, generative AI assists your thinking. It does not replace it.
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