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1. Introduction
As part of the AI (Fahrner et al., 2025) NHS hackathon team, I had the opportunity to explore how predictive analytics (Quinn, 2024) and artificial intelligence (Fahrner et al., 2025) can reshape preventive healthcare (Chustecki et al., 2024) within the National Health Service. Working on the Predictive Analytics (Quinn, 2024) and Preventive Care module allowed me to understand how data-driven insights can support clinicians in making earlier, more accurate decisions. This journal reflects my personal experience, my contribution, and my perspective on the challenges, teamwork, and technical aspects of our project.
2. My Role and Contribution
My specific task involved designing a prototype for the Patient Risk Score Dashboard. The system aimed to analyse historical patient data and predict potential health risks using machine learning (Quinn, 2024) models. I worked on the data pipeline, model selection, and user interface mock-up. This required balancing technical accuracy with usability. I also took responsibility for integrating explainable AI (Pinna et al., 2022) (Fahrner et al., 2025) (XAI) elements to make predictions transparent for clinicians. This experience enhanced my understanding of real-world healthcare (Chustecki et al., 2024) data, data privacy (Chustecki et al., 2024) requirements, and the importance of interpretable results in clinical decision-making.
3. Team Reflection and Ratings
Sentiljano Kacokaj – Medical Imaging (Najjar, 2023) & Diagnostics
Sentiljano showed great leadership and focus. His knowledge of medical imaging (Najjar, 2023) helped us align predictive analytics (Quinn, 2024) with diagnostic insights. His presentation was clear and inspiring. (Rating: 5/5)
Kelly Idemudia – AI (Fahrner et al., 2025) in Surgery & Robotics
Kelly brought a futuristic perspective to our project. His explanation of robotic-assisted surgeries showed how precision and AI (Fahrner et al., 2025) merge in practice. He collaborated well, though she occasionally struggled with time management. (Rating: 4.5/5)
Ivan Tsvetkov – AI (Fahrner et al., 2025) in Personalized Medicine
Ivan worked diligently on his module. His insights into genomics and personalized care added depth to our predictive framework. I appreciated his calm communication and readiness to help others. (Rating: 5/5)
Amir Majeed – Administrative Efficiency
Amir’s contribution on automation and chatbots connected perfectly with my predictive model. His module made our overall system feel complete. His enthusiasm during meetings was contagious. (Rating: 4.5/5)
Ahmed Abdi – Ethical, Legal & Security Issues
Ahmed handled one of the most complex topics—ethics and AI (Fahrner et al., 2025). His discussions about data privacy (Chustecki et al., 2024) and algorithmic bias were eye-opening. He made sure our design respected NHS and GDPR standards. (Rating: 5/5)
Maryam Qudoos – Future Trends & Innovation
Maryam’s forward-thinking approach tied the whole presentation together. Her explanation of Digital Twins (Liu et al., 2023) and Generative AI (Fahrner et al., 2025) showed us the next step beyond predictive analytics (Quinn, 2024). (Rating: 5/5)
4. Evaluation of Limitations and Risks
While our prototype demonstrated strong potential, it had several limitations. Firstly, the model relied on simulated datasets, which reduced its real-world accuracy. Secondly, the dashboard’s interface lacked accessibility features for clinicians with visual impairments. Thirdly, our system required continuous retraining to adapt to new data—a resource-intensive process. In terms of risks, patient data privacy (Chustecki et al., 2024) was the most critical concern. We handled sensitive information, so ensuring GDPR compliance was essential. There was also a risk of bias in predictions if the training data did not represent diverse populations. Finally, technical risks included system integration issues and delays in data processing pipelines.
5. Technical Reflection
Working on this project taught me how complex healthcare (Chustecki et al., 2024) systems are when integrating AI (Fahrner et al., 2025). I learned to manage trade-offs between model accuracy and interpretability. Implementing explainable AI (Pinna et al., 2022) (Fahrner et al., 2025) helped me understand the clinician’s perspective—trust is as important as precision. Additionally, I improved my skills in Python-based machine learning (Quinn, 2024), data visualization, and evaluation metrics like AUC and recall. Collaborating with peers who specialized in robotics, ethics, and imaging gave me a holistic view of AI (Fahrner et al., 2025)’s role in the NHS ecosystem. This collaboration enhanced not just my technical abilities but also my soft skills—particularly adaptability and time management.
6. Future Work
In the future, I plan to extend the Patient Risk Score Dashboard with real NHS datasets and secure APIs. This will allow more accurate predictions and better integration into electronic health records. I would also like to explore federated learning to enhance privacy while maintaining model performance. Additionally, incorporating voice-assisted AI (Fahrner et al., 2025) for clinicians could make the system more interactive and accessible. Expanding interdisciplinary collaboration with doctors and data scientists will also be crucial for real-world adoption.
7. Personal Reflection
This hackathon was one of the most meaningful academic experiences I have had. It combined teamwork, innovation, and real-world impact. I realized how essential communication and coordination are when building something as complex as an AI (Fahrner et al., 2025) healthcare (Chustecki et al., 2024) system. I also learned that leadership is not just about directing others but about listening, supporting, and adapting. Contributing to AI (Fahrner et al., 2025) in Predictive Analytics (Quinn, 2024) reaffirmed my interest in using data science for public health improvement. If I were to redo this project, I would allocate more time to user testing and stakeholder feedback to ensure the solution is practical for clinicians and patients alike.
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