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Task 1 – Research Question
Research Question Formulation
The use of AI in recommendation systems has become increasingly prevalent in the digital landscape, especially in the online marketplace, shaping the way businesses interact with their customers and tailor their marketing efforts. In addition to the competitive marketplace, it is challenging for businesses to offer products and services that appeal directly to customer’s needs. Personalized marketing which includes recommendation systems help solving the problem of information overload, thereby making the decision process easier for customers while ensuring user experience enhancement (Zhang, Lu & Jin, 2021). For example, Netflix offers a curated collection of TV shows and movies tailored to individual preferences instead of showing its entire catalogue to each viewer (Kim, Giroux & Lee, 2020). This system also holds equal significance for e-commerce platforms, playing a pivotal role in igniting customer motivation to explore and engage in online browsing and purchasing activities. Therefore, the growing adoption of AI-powered recommendation systems has sparked interest of marketers in exploring their impact on consumer behaviour. Businesses are seeking to leverage these systems to provide personalized experiences, improve customer engagement and ultimately drive sales. 
This research is driven by a deep passion for technology’s role in marketing. In today’s dynamic digital landscape, technology, especially artificial intelligence (AI), has the power to transform industries and enhance lives. This fascination extends beyond surface-level user engagement and dives into the inner workings of AI systems, with a specific focus on recommendation systems and their ability to understand consumer behaviour. Earlier research has confirmed a link between technology and consumer behaviour, underscoring how recommendation systems can positively influence consumer behaviour, thereby benefiting businesses. As Kim, Choi and Li (2021) have identified that customer satisfaction in using recommendation systems is influenced by the precision and diversity of the recommendations alongside the convenience (Shin, 2020) offered by the technology, this research, thereby aims to assess the impact of precision, diversity and convenience of AI-driven recommendation systems implemented by famous e-commerce platform in Malaysia, Shopee, on customer satisfaction and purchase intention. The purchase intention variable is adapted from Roudposhti, Nilashi, Mardani, Streimikiene, Samad and Ibrahim’s (2018) research. By examining these factors, businesses can gain valuable insights into customer preferences, leading to the optimization of AI-driven recommendation systems and the creation of more effective and personalized customer experiences.
Hence, the question driving this research is whether precision, diversity and convenience offered by the AI-driven recommendation system contribute to customer satisfaction and influence their purchase intention?
Research Approach
The approach employed in this research is rooted in deductive reasoning. This research framework aligns seamlessly with the definition of deductive reasoning, which involves self-referencing to derive conclusions based on the logical implications of two or more propositions asserted to be true (Cramer-Petersen, Christensen & Ahmed-Kristensen, 2018). More specifically, this research endeavours to draw precise and distinct conclusions concerning the impact of AI-driven recommendation systems on consumer behaviour. The focus is set on the evaluation of discrete factors derived from existing literature such as recommendation precision, diversity and convenience in relation to customer satisfaction and purchase intentions.
	Given the research’s aim to measure the impact of specific factors, namely, the recommendation precision, diversity and convenience of AI-driven recommendation systems, on customer satisfaction and purchase intentions, the optimal approach is the quantitative research methodology. To effectively measure this influence, the acquisition and subsequent analysis of numerical data become imperative in quantifying the relationship and correlations among the variables. Hence, the application of statistical techniques is essential to derive objective, data-driven conclusions from this research endeavour. 
Data Collection Method
This research starts off with secondary data collection, followed by primary data collection. Secondary data collection method, as defined by referencing and reviewing data that have been recorded, interpreted and presented in arguments (Walliman, 2022), is adopted to review prior research and literature to inform this research’s framework and background information. Additionally, it is significant for this research to uphold the integrity of the acquired data, making certain that no tempering compromises its authenticity. This requirement fits with the definition of primary data collection, a methodology that empowers researchers to tailor the data collection process in direct response to the research question (Sharma, 2022). By that means, the collected data remains profoundly relevant and recent to the research topic while adapted information acts in to build the research’s structure and to validate the findings of this research. This mixed-method approach endows researchers with control over the design of the data collection method and expedites the research process and supporting the development of a comprehensive research framework.
	For primary data collection, the questionnaire survey is chosen to obtain insights from Malaysian consumers to scrutinize the quality factors of recommendation systems integrated by e-commerce platform used locally, Shopee. This is because questionnaire surveys adhere to a predefined structure, consisting of a written questions series to which respondents must provide answers (Mazikana, 2023). A series of closed-ended questions has been adapted from existing literature to suit the research’s specific requirements while providing respondents with multiple answer options, where they select the category that most accurately reflects their responses (Oxford University Press Canada, 2019), given the convenience in obtaining quick responses and generating inferences. This research virtually approaches potential participants, inviting them to engage in the survey voluntarily, informing them the research aims.
URL to the questionnaire: https://forms.gle/2rbKBbkKzQebV5Fu8
Sampling Method and Sample Size
The selection of the research’s population must closely align with its aim, which seeks to quantify the impact of precision, diversity and convenience of AI-driven recommendation systems in e-commerce platforms on customer satisfaction and purchase intention. Thus, it has been discerned that the target population for this research comprises Malaysian young adults aged 18 to 45 who frequently shop online using Shopee. Leveraging the extensive and growing pool of Malaysian online shoppers (Kemp, 2022) while also optimizing costs, this research adopts the pragmatic convenience sampling approach, a non-probability sampling approach where individuals self-select their participation upon receiving the invitation to respond (Stratton, 2021). According to Cohen, Manion & Morrison (2000), for research utilizing a relational survey design, it is recommended that the sample size should exceed 30 for research with a relational survey design. To ensure statistical validity and accommodate the research’s constrained timeline, the sample size for this research has been set at 50, aligning with the suggestion by Cohen, et al. (2000).


Task 2 – Research Techniques
The value of recommendation systems is commonly evaluated using business metrics, encompassing customer retention, user engagement, click-through rates, and revenue (Jannach & Jugovac, 2019). Implementing such technology is seen as essential for enhancing the user experience, which directly impacts businesses’ profitability (Jannach & Jugovac, 2019). While existing research primarily focus on customer experiences with the implementation of general AI-enabled services (Ameen, Tarhini, Reppel & Anand, 2021), comparisons between AI-enabled and other online customer services (Qin, Zhu, Zhao & Zhao, 2022), and the commercial implications of recommendation systems (Zanker, Rook, & Jannach, 2019), limited attention has been given to factors influencing user satisfaction (Kim, et al., 2021; Shin, 2020), flow experience and purchase intention within AI marketing technology (Yin & Qiu, 2021). 
This research seeks to address this gap by examining how recommendation precision, diversity and convenience of recommendation system can influence customer satisfaction and purchase intention within the context of Shopee. Using Google Forms, the questionnaire survey was conducted over four days, gathering responses from 50 respondents. The results of Questionnaire Survey are summarized in this URL: https://docs.google.com/forms/d/1ezTUho98OArVNN_qnGYqzrVJ2cQs3Pc-uz0Lf8dWxVg/viewanalytics
The collected data was then analyzed in SPSS through correlation analysis to ultimately answer the research question. Correlation analysis serves as a method for illustrating the degree of association between two related variables, quantifying this relationship through a correlation coefficient (Senthilnathan, 2019). Thus, this approach is employed to explore the relationships between recommendation precision, recommendation diversity, convenience of recommendation system, customer satisfaction, and purchase intention. The obtained coefficient in this research is shown in Table 1. Using Senthilnathan’s (2019) spectrum for interpreting correlation coefficients, the results reveal positive correlations between recommendation precision, diversity and convenience of recommendation system with customer satisfaction and purchase intention because all the coefficients are greater than 0.5.
These findings highlight the significance of optimizing recommendation systems in e-commerce, from these three aspects. When recommendation precision is high, and the system offers diverse and convenient suggestions, customer satisfaction increases and leading to higher purchase intention. As expected, the positive impacts of the precision and diversity provided by recommendation systems on customer satisfaction are in concurrence with the findings of Kim, et al. (2021). Likewise, the convenience of recommendation system exerts a favourable influence on customer satisfaction, as confirmed by Shin (2020). Regarding purchase intention, this research’s result aligns with the conclusions drawn by Roudposhti, et al. (2018). Thus, businesses should prioritize these factors to positively shape consumer behaviour and perceptions within AI-driven recommendation systems.
Table 1
Correlation analysis output
[image: ]
Figure 1
Correlation coefficients between variables



Task 3 – Presentation on Ideas
The is my 3-minute elevator pitch video: https://drive.google.com/file/d/1ktq0-KXSpoXuWtZ92346AaoyKt_eh2jw/view?usp=sharing 
Receiving constructive feedback is essential for development and enhancement of personal and professional identity (Sallang & Ling, 2019). Following the delivery of my elevator pitch outlining my research idea, my lecturer has provided me with insightful feedback regarding my presentation style and content. 
The feedback commended by engaging presentation style, noting my enthusiasm, effective vocal modulation, tone, pitch and pace. This encourages me to enhance audience engagement through refining these skills, body language and vocal variety. Furthermore, the feedback pointed out that while my slides were generally clear, the statistical analysis slide appeared cluttered due to excessive content. To address this, I will work on simplifying complex information and using visuals for clarity in future presentations. Notably, the lecturer provided a valuable suggestion to start with a hook, such as a thought-provoking question, to capture the audience’s attention. I plan to incorporate this advice into future presentations for captivating introductions.
Feedback is crucial for improvement, offering valuable insights into my presentation strengths and areas for development. I am committed to honing my skills, emphasizing engagement, clarity and using attention-grabbing hooks for more effective future presentations. Practicing with friends and family, seeking their opinions, will be integral to my growth as a communicator and presenter.


Task 4 – Data Analysis
URL to the conference poster: https://drive.google.com/file/d/1t34kcWI7OTbV5EAlieSBodvCGGdDFC42/view?usp=sharing
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