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Abstract
The research examines the role of Generative Artificial Intelligence (GenAI) on the productivity of marketing within fashion retailing organisations in the UK. The study investigates the impact of GenAI on marketing functions, on content productivity, as well as on a broad set of marketing activities such as personalisation for customers, campaign creation, and marketing decision-making, and the organizational constraints associated with effective integration. Qualitative secondary research methodology is used employing academic literature, industry reports and company reports and sources selected from the purposive sampling method. Thematic analysis is used throughout the process of collecting the data in order to establish resultant themes, patterns and relationships between the research aims. The findings highlight themes of GenAI and marketing productivity improvement, GenAI content generation, customer personalisation and engagement, data-led marketing decision-making, marketing innovation and competitive edge as well as organisational, ethical and tech barriers. 
The results show GenAI's potential to free up repetitive tasks, streamline content creation, facilitate customer interaction at a more personal level, and aid in data-driven decisions and diversification of marketing efforts. But the study also reveals considerable challenges such as skill gaps among employees, internal resistance, data integration issues, privacy concerns, the existence of algorithmic bias, intellectual property issues and adequate governance. The study highlights that GenAI can benefit marketing productivity for UK fashion retailers, albeit as a responsible tool. The key to success, however, will rely on using the technology while also developing the staff skills, human oversight, data and organizational readiness. The study suggests ongoing employee training, a gradual implementation process, enhanced data integration and AI governance and human-AI interaction. Further primary and quantitative research is recommended to measure the longer-term operational, financial and customer-related impacts of GenAI adoption.

[bookmark: _8sbtc6sdo4sg]Acknowledgement
I would like to thank my supervisor for giving me useful guidance throughout this dissertation, for giving me useful feedback, and for continual support. Also, thanks to my university which provided the academic resources and teaching environment needed for this research. I wish to extend my gratitude to the researchers and authors whose published articles and research have assisted me in my work for this dissertation. Finally, I am grateful to my family and friends for their encouragement, patience and support throughout the research and writing process.

[bookmark: _wwrt613vmi6c]Declaration


[image: ]

Master’s Degrees by Examination and Dissertation
Declaration Form

I, Md Alamin, declare that this dissertation has been composed by myself, that the work contained herein is entirely my own except where explicitly stated otherwise in the text, and that this work has not been submitted for any other degree or qualification, in whole or in part, except as specified. 

Signature: ……………Md Alamin…………………............................

Date:         …………22.9.2026……………………............................
[bookmark: _su8uv2bamedl]

Table of Contents
Chapter 1: Introduction	10
1.1 Background of the Research	10
1.2 Rationale and Problem Statement	11
1.3 Research Aim and Objectives	13
1.4 Research Questions	13
1.5 Significance of the Research	13
1.6 Research Methodology	14
1.7 Structure of Research	14
1.8 Chapter Summary	15
Chapter 2: Literature Review	16
2.1 Chapter Overview	16
2.2 The influence of generative AI on marketing functions and content productivity management in the fashion retail organisations of UK	16
2.3 Impact of Generative AI capabilities on diversified marketing activities for fashion retail companies in the UK	19
2.4 Examine the organisational barriers affecting current fashion retail companies in implementing Generative AI to improve their marketing structures and productivity	22
2.5 Theoretical Framework	25
2.6 Conceptual Framework	27
2.7 Literature Gap	28
2.8 Chapter Summary	28
Chapter 3: Research Methodology	30
3.1 Chapter Overview	30
3.2 Research Onion	30
3.3 Research Philosophy	31
3.4 Research Design	32
3.5 Research Approach	33
3.6 Data Collection Method	34
3.7 Sampling Technique	35
3.8 Data Analysis Technique	36
3.9 Ethical Considerations	37
3.10 Chapter Summary	38
Chapter 4: Data Analysis and Findings	39
4.1 Chapter Overview	39
4.2 Data Analysis Process	39
4.2.1 Thematic Coding process	39
4.2.2 Mapping process	40
4.3 Thematic Analysis	41
4.3.1 Theme 1: Generative AI and Marketing Productivity Improvement	41
4.3.2 Theme 2: Generative AI-Enabled Content Creation and Creative Performance	43
4.3.3 Theme 3: AI-Enabled Personalisation, Recommendations and Customer Assistance	45
4.3.4 Theme 4: Generative AI and Data-Driven Marketing Decision-Making	46
4.3.5 Integrated interpretation of content creation, promotion and creative marketing	47
4.4 Discussion and Findings	50
4.4.1 Discussion	50
4.4.2 Findings	52
4.5 Chapter Summary	56
Chapter 5: Conclusion and Recommendations	58
5.1 Conclusion	58
5.2 Linking Findings with Research Objectives	58
5.3 Limitations	59
5.4 Recommendations	60
5.5 Future Work	61
References	63



List of Figures
Figure 1.1: Structure of the Research	14
Figure 2.1: Technology-Organization-Environment (TOE) Model	26
Figure 2.2: Technology Acceptance Model (TAM)	27
Figure 2.3: Conceptual Framework	27
Figure 3.1: Research Onion	31
Figure 3.2: Research Design Framework	32
Figure 3.3: Research Approach Framework	34
Figure 3.4: Data Analysis Technique Framework	36
Figure 4.1: Average retail marketing effects of GenAI Adoption	42
Figure 4.2: Gen AI usage within the content marketing context	44
Figure 4.3: GenAI Implementation Factors on retail operations	45
Figure 4.4: Social media post creation though Canva AI	48
Figure 4.5: AI-Powered Virtual Try-On Experience	49
Figure 4.6: AI assistance process for fashion retailing	50




List of Tables 
Table 4.1: Thematic Coding of Secondary Qualitative Evidence	40
Table 4.2: Mapping of Six Themes to Research Objectives	41



List of Abbreviations
	Abbreviation
	Full Form

	AI
	Artificial Intelligence

	GenAI
	Generative Artificial Intelligence

	GAI
	Generative Artificial Intelligence

	LLM
	Large Language Model

	TOE
	Technology–Organisation–Environment

	TAM
	Technology Acceptance Model

	CRM
	Customer Relationship Management

	ROI
	Return on Investment

	CSR
	Corporate Social Responsibility

	UK
	United Kingdom

	M&S
	Marks & Spencer

	ASOS
	As Seen On Screen

	3D
	Three-Dimensional

	SMEs
	Small and Medium-sized Enterprises




[bookmark: _Toc241139117]Chapter 1: Introduction
[bookmark: _Toc241139118]1.1 Background of the Research
Generative Artificial Intelligence (GenAI) has emerged as one of the most essential technologies in the modern business landscape that largely affects business operations. Unlike the conventional AI that basically focuses on historical data and background and helps in automation of predefined tasks (Prasanna and Kushwaha, 2025, p.2). The fashion retail industry is increasingly using Generative AI in their marketing strategy. The possibility created by Generative AI is transforming the marketing landscape crucially, as GenAI helps to create attractive content based on the existing market trends and expectations of customers, followed by marketing techniques by the fashion retail industry leaders. This capability has transformed the way of constructing marketing strategies aiming for better customer engagement. According to the investigation of Abrokwah-Larbi (2023, p.3) the most crucial effectiveness of GenAI is its ability to develop personalised content. Since 2022, businesses are increasingly investing in GenAI technologies. The report of McKinsey & Company (2024), expresses that GenAI carries the possibility to generate between US$240 billion and US$390 billion value per annum from the fashion retail industry solely (McKinsey & Company, 2024). GenAI is now considered not merely as an operation support tool rather it has become a strategic asset for business. 
As marketing is one of a crucial part of business to continue functionality and obtain the long-term productivity of an organisation by increasing consumer attractiveness, fashion retail organisations in the UK are tending towards using GenAI tools for developing marketing strategies. Observation of Prasanna and Kushwaha (2025, p.3) shows that businesses are increasingly using GenAI for developing visual and structured data, creating engaging posts on social media, developing E-mail Campaigns, making advertising copy and constructing effective responses to give customer support. Moreover, personalised content, generated through GenAI helps to increase customer trust and loyalty effectively. The contribution of GenAI not only increases the strategic capacity of business, rather it saves time and cost to develop engaging marketing techniques that can help businesses to compete with other existing rivals in the market.  The investigation of Dwivedi et al. (2023, p.7) indicates that GenAI improves marketing effectiveness through personalized marketing that helps to focus on needs of individual customers, accelerate the execution of camps, and contributes in data-driven decision making. GenAI is recognized as the augmentation technology that boosts the ability of human markets rather than innovation and productivity enhancement. Despite the large opportunities created through the GenAI application, it also presents several limitations. Retail organisations need to address these challenges regarding the management of algorithm bias, data privacy, cybersecurity, transparency, ethical AI use to have a sustainable outcome. The existing challenges indicate productivity of marketing cannot be increased with GenAI assistance only, rather the strategic capability of an organisation can bring best output by responsible usage of GenAI.
GenAI has been diffused rapidly in the last few years and observing its influence to enhance marketing productivity retailers are now finding opportunities with this innovative technology. This study emphasises on investing how fashion retail organisations in the UK such as Zara, Marks and Spencer and Next, can apply GenAI to boost marketing effectiveness by indulging creativity and innovation in it and target better customer engagement. Investigation approaches offer valuable insights into GenAI use under the retail marketing landscape in future and influence evidence-based decision making for retail managers to operate within highly digital environments.
[bookmark: _Toc241139119]1.2 Rationale and Problem Statement
Rapid advancement of using GenAI fundamentally transformed the way of marketing in the UK retail sector. Retail organisations operate within an environment that is marked by intense competition, digital disruption, evolving consumer expectation, and increasing demand for personalised suggestion (Jaiswal et al. 2026, p.2). These notable market dynamics have created high pressure on the retail marketing managers to construct high-quality attractive content and optimise the performance of marketing campaigns, increase customer engagement rate into business and accelerate higher productivity for business while controlling time and cost of business and making optimal usage of the available resources. About 59 fashion retailers in the UK extensively use Google AI, ChatGPT in their business strategy to increase the traffic (Marketing Signals, 2026). The retail fashion is now outperforming based on these GenAI capability. According to Dwivedi et al. (2023, p.15) GenAI has emerged as an effective strategic technology for business to support the entire marketing team to automate the content creation journey, increase the customer interaction rate by analysing customer data and accelerate the decision making. 
The core rationale for conducting this research emerges from the growing adoption of GenAI technologies throughout global retail organisations and understanding about the real influence to enhance marketing productivity. Since the introduction of the “large language model” in 2022, retailers are now increasingly integrating AI-enabled tools including Microsoft Copilot, ChatGPT, Adobe, Google Gemini to interpret consumer behaviour from the gathered market data and to resolve consumer queries. These AI-enabled tools help the marketing managers to develop highly effective promotional contents for business, construct product description, make personalised e-mail, make digital advertisements and make engaging social media contents effectively that helps to minimise the total time of making routine marketing strategies for business. As per the report of McKinsey & Company (2024), about 90% of the marketing professionals in the retail in the fashion retail industry reportedly express implementing or piloting GenAI initiatives and the organisations that can scale AI application for business successfully are realising the substantial enhancement of customer engagement, productivity level, and the profitability. Likewise, a report from Deloitte (2024) has observed that about 79% of the managers expects GenAI to transform the business strategies within the next three years, which outlines the strategic influence of GenAI across industries. 
Besides the effectiveness of GenAI application for improving marketing ability of business, retailers face significant challenges while using this technology in marketing. The managers concern the ethical use of GenAI, regarding the data quality, maintaining customer privacy and giving scope to innovation and creativity of humans. Moreover, the skill and competency level of the employees are equally important to carry forward the effectiveness of GenAI usage. The research problem revolves around finding the effectiveness of GenAI usage, the existing challenges faced by retail managers while using GenAI in marketing and providing evidence-based suggestions to the marketing managers to obtain best productivity through GenAI application.






[bookmark: _Toc241139120]1.3 Research Aim and Objectives
Aim:
The main aim of the research is to illustrate the influence of Generative AI on marketing productivity and optimised operational smoothness process in retail organisations of the UK.

Objectives
1. To evaluate the influence of Generative AI on marketing functions and content productivity management in the fashion retail organisations of UK
2. To demonstrate the impact of Generative AI capabilities on diversified marketing activities, including customer personalisation, content creation, and marketing decision-making for fashion retail companies in UK
3. To examine the organisational barriers affecting current fashion retail companies in implementing Generative AI to improve their marketing structures and productivity
[bookmark: _Toc241139121]1.4 Research Questions
1. How generative AI has influence on marketing functions and productivity of content in fashion retail organisations?
2. What are the impacts of Generative AI on the personalisation and creation of content and its decision making of marketing in fashion retail organisations?
3. What potential organisational barriers have effects on the effective implementations of Generative AI to make improvement on marketing productivity in fashion retail organisations of the UK? 
[bookmark: _Toc241139122]1.5 Significance of the Research
This research holds its significance to enhance academic knowledge and boost practical understanding on the use of generative AI to increase marketing productivity of fashion retail organisations. With rapid transformation of the marketing landscape by emerging technologies, business now requires effective strategies to increase marketing ability and the productivity of organisations. This study focuses on the effectiveness of generative AI to develop attractive content for enhancing customer engagement. Furthermore, learners can acquire significant knowledge about the impact of applying Generative AI to develop personalised content and how it helps in decision making of retail organisations effectively. Evidence-based investigation also emphasises the possible barriers that can affect the successful AI implementation in fashion retail business in the UK. Besides, the academic knowledge, evidence-based investigation in this study would help in future research. The evidence-based discussion, and given recommendations based on the existing or potential challenges of applying generative AI in the retail sector of the UK, would help the retail managers to take suitable action for obtaining the best result with generative AI.
[bookmark: _Toc241139123]1.6 Research Methodology
The research has been conducted based on secondary qualitative data. Moreover, interpretivism research’s philosophy to observe and investigate each variable precisely. Along with that the explanatory research design and inductive research approach have been applied considering the key derivatives. Secondary data application would be effective for the research to make optimal resources, especially save cost and time of research (Gardner et al. 2022, p.2). Moreover, it gave opportunities to gain a comparative view on the influence of generative AI on marketing productivity in fashion retail organisations.
[bookmark: _Toc241139124]1.7 Structure of Research
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[bookmark: _Toc241139168]Figure 1.1: Structure of the Research
(Source: Self-Developed)



[bookmark: _Toc241139125]1.8 Chapter Summary
This chapter has introduced the research aim, objectives and research question to investigate the influence of GenAI use to improve the marketing effectiveness of the fashion retail industry, UK. The background of research highlights the advancement of GenAI use in last decades and how it is helping markers to e hence the marketing efficiency by helping in automated content development, making engaging content for social media marketing, and how business can ensure top productivity by saving the time and cost of generating marketing strategies. The background and rationale of the study simultaneously focused on the ability of GenAI to make personalised content for business that can help to tackle extensive competition in the UK retail landscape. The aims, objectives and rationale will help to carry the research in a disciplined manner and give evidence-based recommendations in later chapters. 

[bookmark: _Toc241139126]Chapter 2: Literature Review 
[bookmark: _Toc241139127]2.1 Chapter Overview 
The literature review chapter is going to critically discuss the importance of using generative AI tools regarding business management and the growth of fashion retailers operating in the UK market. This chapter will discuss the influence of generative AI tools for marketing purposes within fashion retailers in the UK, as well as the impact of such tools on the diversification of marketing activities and key organisational barriers hampering their adoption. Moreover, a detailed theoretical perspective will also be presented in this chapter, with a focus on organisational productivity. The key gaps in the discussed literature will also be described to maintain transparency and credibility.      
[bookmark: _Toc241139128]2.2 The influence of generative AI on marketing functions and content productivity management in the fashion retail organisations of UK  
The influence of generative AI tools for the purpose of marketing activities within the fashion retail companies in the UK is significant in terms of asset management, personalised marketing and staff workload management. According to Islam et al. (2024, p.168), the use of generative AI tools enables retailers to develop creative and unique marketing content for the products, with audio-visual content, as well as 3D images. For instance, Zalando, a major fashion retailer in the UK market, uses generative AI tools for brand marketing, which further enables them to cut operational costs by 90% within six to eight weeks (Reid, 2025, p. 1). This shows that major fashion retailers in the UK market are benefitting from the deployment of AI and machine learning technologies in terms of product sales. Contrasting with the view of Islam et al. (2024, p.168), Mahmood (2025, p.10) highlighted that there are major concerns over the creation of fake content materials for marketing purposes due to the use of generative AI tools by retailers. This is mainly due to the training of the AI algorithm models using such pictures and videos by the retailers operating in the UK market. This can significantly damage the overall brand image of the company in the market and hamper its credibility among the customers. For example, Gucci, a major fashion brand in the UK market, faced customer backlash in Milan Fashion Week after it emerged that the company used fake AI-generated images for presentation at the event (McMohan, 2026, p.1). Henceforth, maintaining authenticity is necessary for managing long-term brand image. Therefore, the leadership and marketing managers of the major fashion retailers operating in the UK market need to be careful before using generative AI tools for product marketing.
Another crucial factor related to the use of generative AI tools for the purpose of marketing involves the automation of the entire process and real-time customer communication. Büyüksomer and Tekeoğlu (2024, p. 110) revealed that the use of generative AI tools facilitates one-on-one communication with customers and helps brands to develop intelligence-driven strategies. This results in the improvement of personalised marketing strategies to support the promotion of products in the target market. In the UK, the findings show that the online sales of fashion products in 2026 among customers can increase significantly due to AI-led experiences among 80% of the retailers (Press Contact, 2026, p. 1). Based on the literature review of Büyüksomer and Tekeoğlu (2024, p. 110) and noticing the example it can be said that the influence of generative AI-led marketing practices has a significant impact on attracting consumers due to the growth of positive sentiments and continuous support for the marketing managers in the UK. 
The use of generative AI by fashion retailers in the UK market also enables them to boost communication with customers and support automated product descriptions. This has a direct impact on enhancing the overall productivity among the retailers, with the growth of profitability and market share. Close to the opinion of Büyüksomer and Tekeoğlu (2024, p. 110), Chowdhury et al. (2025, p. 8), the overall annual revenue earned by the retailers in the economy rose by USD 400 to USD 600 billion, as a result of increased productivity, led by generative AI tools. On the other hand, the findings by Grewal et al. (2025, p. 702) showed that companies like Walmart are using gen AI chatbots to negotiate with market vendors to satisfy the needs of the retailers and are able to achieve 3% cost savings in their overall operations. These examples show the benefits of UK and global fashion retailers regarding the use of gen AI technology for the purpose of marketing, retailer management and cost savings related to productivity. 
Moreover, it can be said that global fashion retailers will be able to increase their sales revenue through the use of gen AI technology. However, there are concerns over the spread of misinformation among customers by UK fashion retailers due to the use of such technology. Supporting this, Karaş (2024, pp. 2353-2354) claimed that large language models (LLMs) currently available in the market have the ability to generate misinformation very quickly through the creation of false texts and amplify misleading views in the market. This has a major negative impact on the ability of fashion retailers to boost consumer trust and further enhance market share in the future. For example, Gucci, a major fashion brand with a significant UK presence, was engulfed in such controversies in the past. It can have a critical impact on organisational growth in the UK market, as survey data shows that 48% of UK customers are highly concerned about ethical problems and would not use Gen AI-led fashion product suggestions at the time of shopping (Bell, 2026, p. 1). Therefore, it can be said that, despite key benefits to the fashion retailers in the UK market, they need to ensure the use of highly ethical data before proceeding with the use of such solutions.         
On a similar note, Williamson and Prybutok (2024, p. 6) highlighted that AI tools can exploit customer sentiment by presenting false product information and exploiting the cognitive vulnerabilities of an individual. However, this can have a broader negative impact on the company in terms of customer sentiment in the market. For instance, ASOS, a major fashion retailer in the UK, was investigated by the Competition and Markets Authority (CMA), the UK regulator, over their claim of green retailing and 20% use of recyclable fabrics (Morton, 2022, p. 2). This was mainly due to the use of Gen AI tools by the company in an excessive manner to promote the available products among the customers. Based on this, it can be said that the risk of customer exploitation is a major factor hampering the brand image of fashion retailers due to the use of gen AI technology.
In contrast with the review of Williamson and Prybutok (2024, p. 6), Gastmann and Bastos (2025, p. 2) argued that the use of generative AI tools enables companies to boost brainstorming activity, with prolonged periods of reflection on the marketed product. This enables UK-based fashion retailers to develop a personality-driven marketing strategy and further increase the demand for products among the customers in the market. Supporting this, the company report of ASOS claimed that the use of Gen AI tools enabled them to build a video commerce platform “Bambuser” with the use of attractive test and product images (ASOS, 2026). As a result, it helps the marketing managers of the company to understand the market trends among the British customers in real-time. This shows that the application of generative AI tools has a positive impact on the growth of fashion-retailing brands in the UK market. 
Moreover, Sunny et al. (2025, p. 138) highlighted that advanced generative AI tools enable fashion retailers and designers to develop complex clothing designs in a way that is sustainable for a long time. In the context of the UK, this also helps major fashion brands such as Marks & Spencer, Zara and Primark to continuously arrive with new and uniquely crafted products and boost customer attraction. This also led to better management of operations and training for staff members to use such Gen AI tools. From the lens of the Technology Acceptance Model (TAM), the use of generative AI not only shapes customer experience but also enables innovation among the retailers (Khan et al. 2026, p. 10). Therefore, despite the concerns over fake content generation, the overall effectiveness of generative AI tools has a positive impact in supporting marketing practices and rationalisation of business costs among retailers.     
[bookmark: _Toc241139129]2.3 Impact of Generative AI capabilities on diversified marketing activities for fashion retail companies in the UK 
Vavrová, (2024,p.40) reviewed that fashion retailers tend to function within a highly competitive landscape wherein audiences seek fast trend adaptation, personalised services and robust digital interactions. Close to the review Mogaji and Jain (2024, p. 2384) observed that Generative AI allows retailers to assume the choices of audiences with the aid of behavioural data analytics, permitting businesses to cater for customers' goods suggestions and personalised promotional messages. As a result, fashion retailers have been increasingly adhering to the Generative AI within their marketing practices, whereby they can develop productivity while preserving competitiveness. The literature highlights divergent viewpoints about the productivity of Generative AI, with some depicting important operational benefits, while rest alert against the ethical issues, overdependence on automation and degradation of trust. However, customer personalisation exhibits a significant application of Generative AI within fashion marketing. 
The literature contends that AI-powered personalisation positively impacts satisfaction levels and buying intentions of customers as they attain appropriate content instead of any generic advertisements. For instance, online fashion retailers can adhere to AI recommendation systems whereby they can examine the audience's browsing and buying behaviour and thereafter automatically suggest accurate goods and personalised promotions. 
On a similar note, Sharma (2025, p. 3128) mentioned that personalised buying experiences develop involvement of audiences by examining browsing history, buying attitudes and varied social media conversations to suggest favourable fashion goods within real time. However, in contrast with Sharma (2025, p. 3128), Khan et al. (2026, p. 279) are of the viewpoint that while Generative AI develops in personalisation, severe reliance on AI suggestion engines might also lower customer freedom by constraining exposure to distinct other goods and fostering algorithmic bias. 
On the contrary, Bieńkowska (2025, p. 10) argued that personalization generates concerns over privacy as fashion retailers highly depend on the extensive customer data gathering, lowering trust of customers, in case the clarity is lacking. Thus, while most studies highlight the advantages of AI-powered personalisation, contradictory evidence showcases that sustainable integration needs to harmonise personalisation with dutiful data governance. While Sharma (2025, p. 3124) and Mogaji and Jain (2024, p. 2384) focus on marketing productivity, Khan et al. (2026, p. 279) depicted customer freedom and confidentiality, denoting that the works altogether claim AI’s advantages however their viewpoints vary about their responsible usage. 
Generative AI also engages the potential to shape better digital content, wherein the AI caters marketing sources rapidly and, in a cost, productive manner. Smith and Hutson (2024, p. 7) demonstrated that Generative AI has changed digital marketing by designing advertising copy, various lucrative promotional images and goods descriptions in less time, thus lowering creative production times. As per the view of Al Mamun (2024, p. 11), content marketing efficiency has developed as marketers can now automate reiterative innovative work while emphasising their strategic planning and also audience engagement. 
In real practice, the fashion retailers can adhere to the Generative AI whereby they can cater goods description, media captions, visual concepts at a faster pace throughout numerous marketing channels. Regardless of such benefits, many sources appear to question whether the AI-produced content can uniformly attain the innovation and reliability demanded within the fashion businesses. As per the perception of Rahman et al. (2026, p.3), while Generative AI boosts content production, the presence of human creativity stays crucial for shaping emotionally involving narratives and preserving unique brand identities. Contrasting with the review of Rahman et al. (2026, p.3), Solis-Kepes (2025, p.425) denoted ethical and legal issues connected with AI-produced fashion content, such as intellectual property disputes, misinformation challenges and others. Such viewpoints differ from the technology-positive claims made by Smith and Hutson (2024, p. 4), presenting that Generative AI needs to complement instead of replacing mortal innovation. Thus, it can be interpreted that marketing efficiency develops when firms amalgamate AI productivity with human innovative perceptions, rather than depending merely on automated content production. This denotes a wider agreement amid the works that Generative AI needs to add to human innovation, even though they vary on level to which automation can be relied without any mortal reviews. 
Besides, Generative AI also engages crucial purpose within marketing decisions by examining substantial amounts of structured as well as unstructured data. In this context, Harreis et al. (2023, p. 3) asserted that AI allows fashion retailers to understand the needs of audiences and develop inventory planning. However, their sector analysis depicts that UK retailers have the potential to rapidly react to the evolving choices of audiences as AI caters predictive knowledge rapidly when compared to various conventional analytical approaches. For example, the AI can blend sales records with the social media sentiments whereby they can recognize demand for new goods and shape campaign timing and goods promotion. 
In alignment with this standpoint, Imtiaz et al. (2024, p. 202) are of the notion that deep learning as well as Generative AI develops marketing decisions by implementing various visual recognition tools within operations. Such potentials lower susceptibility and allow facilitation of more agile marketing practices. In contrast, Khan et al. (2026, p. 292) mentioned that AI driven suggestions stay reliant on quality of data and also algorithm design implying the fact that inappropriate and biased data might generate misleading marketing assessment and decisions. A study by Rahman et al. (2026, p. 22) found that marketing decisions need contextual acknowledgement and ethical judgement, which contemporary Generative AI systems fail to entirely emulate. Thus, effective decision-making within marketing still relies on managerial knowledge and interpretation, instead of complete automation. Thus, while Harreis et al. (2023, p. 2) and Imtiaz et al. (2024, p. 208) mostly perceive AI to be a decision framing technology, Rahman et al. (2026, p. 32) focus on the challenges of biased data and inadequate judgment. 
In the similar context of strategic decision making like aforementioned authors, Sorooshian et al. (2026, p. 451) mentioned that Generative AI upholds supplier adherence and advertising improvement by implementing several sustainability criteria within marketing decisions, thus shaping responsible business practices. On the other hand, Solis-Kepes (2025, p. 482) cautioned that inadequate governance frameworks might make fashion businesses get exposed to reputation challenges stemming from misleading AI-produced interactions. This denotes that while Generative AI caters measurable efficiency, its productivity relies on dutiful integration upheld by ethical governance and human liability. 
Conversely, Ahmed et al. (2025, p. 35) argued that generative AI (GAI) tools deployed by the companies operating in the global market can carry out major creative tasks related to the generation of texts, audio and visual content. This enables the fashion retailers in the UK to further diversify their product marketing portfolio and attract customers towards the brand. Therefore, despite concerns over legal and ethical issues among market analysts, regulators and the customers in the UK fashion market, the use of Gen AI tools can help the companies to boost operations further and contribute to human development. Its productiveness thus relies on the ethical management, constant human involvement and quality of data used. 
[bookmark: _Toc241139130]2.4 Examine the organisational barriers affecting current fashion retail companies in implementing Generative AI to improve their marketing structures and productivity.
Technical, cultural, ethical and structural issues contribute to the organisational obstacles to the adoption of Generative AI (GenAI) in fashion retail marketing, and specific impacts extend beyond productivity structures to marketing structures and structures. The root causes of challenges can be a lack of skills across the workforce, a lack of integration among data systems, and cultural resistance. Rahouli (2025, p.18), states that whilst GenAI can be used to automate tasks like content creation and speed up decision-making, its effectiveness is hindered by the lack of technical ability of employees. For instance, the outputs from AI may be invested in by retailers like Zara or Marks & Spencer, but the marketing teams may find it difficult to seamlessly integrate AI outputs into campaigns unless they are well trained. Another cause, pointed out by Sira (202, p. 251-259), is organisational silos, which are stopping everyone from having access to the data. It can be understood that, as CRM, e-commerce and offline sales data are not connected, GenAI fails to provide the personalisation that promises marketer-centric marketing. Further, according to the opinion of Yu et al. (2025, p.461), ethical issues such as bias, privacy, and transparency also affect resistance, as managers are concerned about the accuracy of AI-generated content and the potential for it to be insensitive or robotic, as argued by.
For example, using GenAI for product descriptions in a retail setting could result in culturally insensitive content, causing customer dissatisfaction. As witnessed, Marks & Spencer's marketing departments might be hesitant to embrace AI marketing campaigns due to concerns about losing the trust of their customers (Rajput, 2025, p.15). In the same way, NEXT might also face data silos, which can cause a disjointed personalisation experience both online and offline. These illustrate how barriers specifically impact productivity, as campaigns take longer to run, personalisation accuracy suffers, and decision-making is slower, with retailers not being able to fully benefit from the efficiency of GenAI. 
The impact of the situation on production and market organisation is highly effective. For instance, retailers typically end up only seeing some engagement metrics improve when making the switch to pilot, which is in line with the view of Theodoridis and Gkikas, (2025, p.5). The organisational inertia slows down the possibilities of GenAI to save costs and speed up workflow. However, Andreas and Katerina, (2026, p.1) reviewed that ethics also limit creativity as managers demand to be involved in decisions; otherwise, automation will be delayed, as evident from the study by. This causes a decrease in productivity, and marketing is not centralised.
It highlights the Technology-Organization-Environment (TOE) model that proposes that readiness in these areas can be effective in overcoming adoption barriers (Satyro et al. 2024, p.3). While ADEDEJI (2025), emphasise that barriers are systemic and need cultural change with the integration of Gen AI in fashion retail management. Jeleel-Ojuade (2024, p.5), believes that technical solutions will not suffice if a lack of trust and organisational silos are not overcome. The point of disagreement is that barriers are either technical (can be overcome with resources) or cultural (takes a significant change to the organisation to overcome). While both recognise the importance of employee training and ethical protections, they differ on how quickly and successfully they will make this progress when encountering resistance.
Therefore, it is essential to consider these barriers, as they will determine the direction of AI's adoption. The failure to act means retailers are likely to become stagnant in the competition; if they do, they will likely be able to achieve greater personalisation and customer loyalty than their competitors (Wyman, 2024). Thus, by reflecting on these aspects, managers can create strategies like hybrid workforces involving humans and AI, clear governance frameworks, and cross-functional training, all of which can ensure that GenAI is a tool to enhance human creativity, and not replace it. It also depicts that when barriers are not handled correctly, there are repercussions. Retailers could see a lower return on investment (ROI) on AI investments, a more fractured marketing system, and loss of customer trust, as claimed by Pattabhiramaiah et al. (2025) p. 3. The gap between early adopters and laggards will increase, and the latter will lose market share. Moreover, any ethical lapses could have negative effects on the brand's reputation, especially in the fashion retail sector, where authenticity and customer perception play a significant role.
This confirms that suppression of barriers is a need and proactive strategies are needed to develop. The key to unlocking the full potential of GenAI is data integration, upskilling employees, and adapting to culture. The results of suppression can be workflow efficiencies, increased personalisation and boosted productivity. Yet, in the process of suppression, it is essential to include protection measures that will make sure that AI does not hinder human creativity and that it does not diminish brand uniqueness at the same time. Finally, by analysing organisational barriers in a comparative manner, it highlights the need for reflection, counterbalance and suppression as key actions for fashion retailers to leverage the transformative potential of GenAI.    
On the other hand, Aziz Baker (2025, p. 3) found that the issue of cultural, ethical and emotional resistance among the key stakeholders (employees) associated with the company is a major factor which negatively impacts the operationalisation of generative AI tools. The main issue is found to be related to the fear of job loss and lack of investment in the training of staff members. Despite this, the use of generative AI tools can help fashion retailers manage the cultural challenge from customers with changing preferences by creating new product designs. Therefore, the use of generative AI tools can help fashion retailers operating in the UK market to enhance operational resilience through real-time suggestions to customers through digital communication.   



 
[bookmark: _Toc241139131]2.5 Theoretical Framework 
Technology-Organization-Environment (TOE) Model 
The Technology-Organization-Environment (TOE) framework by Mitchell Fleischer and Louis Tornazky (1990) explains the use of new technologies by the firms operating in the global market. According to Justino et al. (2022, p. 3), the use of the TOE framework enables the leadership of the companies to reflect on the external market characteristics to support their claim about a new innovation, before its adaptation into the system of the company. Through the use of this model, the fashion retailers operating in the UK market can also understand the external and internal aspects of the company before making any decision about the innovation technology. In the case of adapting generative AI technology into marketing operations by UK fashion retailers, this framework can help the leaders and marketing managers to understand customer demand, the opinions of the employees and the company shareholders before arriving at a strategic decision. 
Moreover, Fahim Hossain et al. (2026, p. 136) highlighted that the TOE framework has been used by industries across the global market to assess the impact of blockchain adoption on their operations and staff motivation. The environmental dimension of the framework could also help UK-based fashion retailers to assess the sustainability aspects and the CSR commitments regarding the adoption of generative AI technology into the overall operations. The technological dimension includes the synchronisation of the technology with the operational needs of the company. Therefore, through the help of the TOE model, the marketing managers of major UK-based fashion retailers such as Zara, M&S and ASOS can affirm their commitment to the adoption of generative AI technology to ensure better creation of clothing designs and support organisational growth. Since the company leaders can better understand the demand in the UK market, especially the choice of Gen Z customers, this model can be useful for future operational growth.      
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[bookmark: _exuv23ps59l5][bookmark: _Toc240974363][bookmark: _Toc240974662][bookmark: _Toc241139169]Figure 2.1: Technology-Organization-Environment (TOE) Model
(Source: Fahim Hossaina et al. 2026, p. 141)
Technology Acceptance Model (TAM) 
The Technology Acceptance Model (TAM), developed by Fred Davis in 1989, enables firms to predict the acceptance or rejection of certain technology in the market. According to Schorr (2023, pp. 55-57), the TAM model determines the usefulness and adoption of a technology within society through factors such as perceived usefulness and perceived ease of use, essentially determining the attitude of the consumers in a particular market. By ensuring that the newly adopted generative AI technology significantly enhances the overall capability of the customers to visualise the available products in 3D models in real-time, fashion retailers such as Zara and Primark in the UK can enhance brand attractiveness. It can also help them enhance the adoption of such technology by the staff members if they are trained in a proper manner under the technology experts available in the market. 
Moreover, through the use of the TAM model by the fashion retailers, it is found that human-AI collaboration increasingly shapes the shopping experience of the customers (Deng et al. 2026, p. 2). In psychological terms, this also involves affective responses and the generation of trust between the two parties for a sustained period of time. As a result, it contributed significantly to support brand effectiveness in the market by enhancing the growth of operational resilience, thereby fostering competitiveness and productivity towards the positive direction. Moreover, the adoption of generative AI technology was also found to support the fashion retailers operating in the UK market in terms of market growth, due to greater adoption of AI-led shopping customisation, which can be justified with the help of the TAM model. Therefore, the leadership and management of major UK-based fashion retailers such as M&S, Primark and ASOS can improve their market competitiveness by ensuring the adoption of generative AI, as suggested by the TAM-led assessment.                       
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[bookmark: _le1nvwii5ul9][bookmark: _Toc240974364][bookmark: _Toc240974663][bookmark: _Toc241139170]Figure 2.2: Technology Acceptance Model (TAM)
(Source: Schorr, 2023, p. 57)
[bookmark: _Toc241139132]2.6 Conceptual Framework 
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[bookmark: _180t8ypo4tk][bookmark: _Toc240974365][bookmark: _Toc240974664][bookmark: _Toc241139171]Figure 2.3: Conceptual Framework
(Source: Self-developed)
The conceptual framework in research is critical to support the development of the thesis, as it ensures that a written map of the entire study is presented. The conceptual framework also identifies the key dependent and independent variables and the linkage between them to support the theoretical arguments. In this research, the independent variables were found to be “Generative AI” and “UK Fashion Retailers", On the other hand, the dependent variables include “Diversification of marketing activity” and “Marketing function and content productivity”. 
Generative AI and the UK fashion retailers were identified as the independent variables, as those two belong to completely different dimensions; one belongs to the technology sector, and the other is mainly associated with customer demand. The diversification of marketing activity and marketing function related to content productivity are essentially dependent on the creative texts, audio and videos generated through AI tools about the fashion products to be used for the purpose of marketing.    
[bookmark: _Toc241139133]2.7 Literature Gap 
There are several gaps or drawbacks in the discussed literature in this chapter. Firstly, the study by Islam et al. (2024, p.168) failed to specify any aspects of using AI-generated visual and audio contents related to the fashion retailer brands in the UK. Moreover, another study by Chowdhury et al. (2025, p. 8) did not provide any key detail about the contribution to company growth in terms of brand success of fashion retailers in the UK market in terms of sales and revenue. As a result, the study failed to boost a comparative understanding about the importance of AI-generated content to support the growth of fashion retailer businesses in the UK and other countries. Thirdly, the article by Mogaji and Jain (2024, p. 2384), despite analysing the impact of behavioural analytics, failed to help a cooperative evaluation among the UK-based fashion retailers about the use of such technologies. Fourthly, Yu et al. (2025, p.461) did not provide any assessment about the transparency and ethical concerns over the use of generative AI technology from the perspective of UK-based fashion retailers.     
[bookmark: _Toc241139134]2.8 Chapter Summary 
[bookmark: _fbe32qu2bfw2]The literature review chapter critically analysed the influence of generative AI tools on supporting marketing functions in the global market. Moreover, the critical discussion about the importance of various generative AI tools for the marketing function among UK retailers also contributed to market penetration and high productivity. However, the chapter also identified some critical challenges of using such tools, particularly internal resistance by the staff members of the company, due to concerns over job loss. The TAM and TOE model contributed to the improvement of knowledge about the benefits of generative AI and its acceptance in UK society at the time of shopping for fashionable clothing. However, the findings from this chapter failed to identify and address the current issues regarding Gen AI among UK customers and retailers and need further investigation.
[bookmark: _lr9816d3qc6]

[bookmark: _Toc241139135]Chapter 3: Research Methodology
[bookmark: _Toc241139136]3.1 Chapter Overview
The impact of Generative Artificial Intelligence (GenAI) on the productivity of marketing functions in retail-based organisations is explored in this study. Focusing mainly on marketing activities, customer personalisation, content development and organisational transformation. Systematic analysis of these areas needs to be based on a suitable methodological framework and can be done with evidence identified in the research proposal. The study therefore adopts an interpretive perspective and an inductive approach, using secondary qualitative evidence to investigate how GenAI is being applied and how it may impact marketing productivity. An explanatory element is retained to explore relationships and patterns evident across the evidence, rather than to establish causal effects. Academic literature, industry reports, company reports and relevant industry sources form the main secondary evidence base. The methodology also establishes the procedures for source selection, thematic analysis, ethical practice and acknowledgment of research limitations. These methodological decisions provide coherence between the research purpose, research questions and the investigation of GenAI within UK fashion retail marketing.
[bookmark: _Toc241139137]3.2 Research Onion
The Research Onion model introduced by Saunders, Lewis, and Thornhill is a logical sequence of research methodology (Sarwan, 2026). It guides the researcher through the research steps to ensure that each research step is logically connected with the research aim and objectives. The framework guides from general philosophical statements to specific data collection and analysis methods.
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[bookmark: _Toc240974366][bookmark: _Toc240974665][bookmark: _Toc241139172]Figure 3.1: Research Onion
                                               (Source: Melnikovas, 2020)
[bookmark: _Toc241139138]3.3 Research Philosophy
Research philosophy determines the understanding and interpretation of the research phenomenon. The research philosophy in this study is interpretivist philosophy. Interpretivism is suitable because the study relies on existing qualitative information to “interpret” the impact of Generative Artificial Intelligence (GenAI) on retail marketing behaviour, rather than quantitative numerical measurement. The study highlights the impact of GenAI on marketing productivity, customer personalisation, content, customer engagement, and the transformation of marketing operations. These include organisational practices that are context-dependent when implementing GenAI. The interpretive attitude then makes it possible to look at various viewpoints and comprehend different representations of GenAI in academic and industry evidence.
The philosophy also reflects the usage of secondary qualitative data, which is due to the fact that the research works with information received from published academic literature, industry reports, company reports and relevant business sources. Smith and Hutson (2024, p. 11) showed how the power of GenAI technology is increasingly shaping digital marketing, and Kulshrestha et al. (2026, pp.27-43) explore GenAI's contribution to transformative marketing. The following viewpoints give us some context as we look at an interpretive analysis of how GenAI is involved in marketing. Thus, interpreting GenAI's impact on the productivity of the retail marketing process and the presence of GenAI applications in retail marketing activities is an objective that is well suited for a philosophical perspective rooted in interpretivism.
[bookmark: _Toc241139139]3.4 Research Design
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[bookmark: _Toc240974666][bookmark: _Toc241139173]Figure 3.2: Research Design Framework
This study takes with an explanatory design to uncover relationships and patterns in the secondary data used. The design was chosen because the study focuses on understanding how Generative AI (GenAI) is integrated into marketing and what potential impact it has on marketing productivity in UK fashion retail organisations. The design is appropriate as it allows the investigation of the relationship between the use of GenAI in marketing and productivity while uncovering trends, patterns, and relationships in the evidence. 
The design allows for investigating how GenAI tools are applied in marketing processes, including automated content creation, customer personalisation, customer interaction, and decision-making. In addition, the design supports the identification of patterns that demonstrate how GenAI can drive marketing productivity and where and how it fails to deliver. Therefore, the study will focus on exploring the phenomenon rather than simply assessing whether GenAI appears in UK fashion retail marketing processes.
The design also allows for evidence from different sources to be interpreted within the context of UK fashion retail. The academic evidence offers conceptualisations and demonstrations of GenAI, whereas industry/company evidence may offer indications of applications of GenAI; however, evidence from other contexts (retail) or international settings should be considered as providing context for UK fashion retail rather than direct evidence. This is because differences between contexts (e.g., organisation type, customer behaviours, technologies or markets) may impact relevance. As such, the research uses broader retail evidence to inform the interpretation of findings, while focusing on the context of UK fashion retail.
[bookmark: _Toc241139140]3.5 Research Approach
The study follows an inductive approach in order to explore how Generative Artificial Intelligence (GenAI) can affect marketing productivity in UK fashion retail organisations. An inductive approach is appropriate to this study as it seeks to investigate existing qualitative evidence on recurring patterns, relationships and themes, as opposed to testing a set causal hypothesis. The analysis begins with evidence concerning GenAI and retail marketing, and develops interpretations from the patterns identified across the selected sources.
The approach considers applications including marketing content creation, customer personalisation, customer engagement and marketing decision-making. These areas offer interconnected perspectives through which the potential contribution of GenAI to marketing productivity could be interpreted. The inductive approach therefore supports the thematic analysis to be followed later in the research, allowing findings to emerge from the evidence while acknowledging the differences between individual studies and organisational contexts.
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[bookmark: _Toc240974667][bookmark: _Toc241139174]Figure 3.3: Research Approach Framework
The inductive approach can equally well be used to explore opportunities and challenges related to GenAI adoptions. Evidence on the potential of GenAI for improving productivity, personalisation, content production, and decision-making can be contrasted with concerns about privacy, data quality, employee competencies, and organisational resistance to change. By focusing on contrasting ideas about the impacts of GenAI, the researcher would avoid presenting one perspective as intrinsically preferable to others. Instead, he or she would seek to interpret the evidence critically to advance understanding of how GenAI can make marketing more productive and the conditions under which this could happen in the UK fashion retail industry.
[bookmark: _Toc241139141]3.6 Data Collection Method
The study explores application of Generative Artificial Intelligence (GenAI) in marketing productivity with the help of the qualitative secondary data. The supportive evidence comes from various articles, journals, research papers, reports, and other sources. It covers such areas of fashion retail business as fashion retailers, fashion-related marketing, and its application in the United Kingdom. The evidence that does not relate specifically to United Kingdom fashion retail practice and research is prioritized lower and used for context purposes rather than being applied to the UK-based Fashion Retail sector.
Existing research papers documented specific uses of GenAI in marketing. GenAI in customer personalisation is explored by Abrokwah-Larbi (2023, p.11), and the impact of generative technologies on fashion retailing and customer purchase intention by Das and Das (2024, p.7). The use of generative AI in content marketing is supported by evidence provided by Wahid et al. (2023, p.1813-1822) for the examination of changes in marketing content production. Sources across the retail industry and business are also cited as the sources of today's information around the use of GenAI in fashion retail organisations from the UK, including Primark, Zara, and H&M. The sources are chosen based on their relevance to GenAI, retail marketing, productivity, personalisation, content development and organisational implementation.
[bookmark: _Toc241139142]3.7 Sampling Technique
The sampling method adopted for this study is purposive sampling because the secondary sources of information which are relevant to the study topic and research objectives are identified. Purposive sampling allows researchers to choose information based on certain features which have made the source suitable to be investigated about Generative Artificial Intelligence (GenAI) and marketing productivity in retail organisations. The sampling process is thus intended to include sources that yield relevant evidence on GenAI applications related to marketing, personalisation of users, content production, customer interaction and organisational practices.
Academic journal articles, books, and research papers are chosen due to their relevance, credibility and contribution to the research themes. The company annual reports and appropriate company sources are also included where they contain relevant evidence on the practical use of GenAI in retail. The sampling gives preference to contemporary evidence that is relevant to UK fashion retail, GenAI, marketing productivity, personalisation, content production, customer interaction and organisational implementation. Evidence concerning UK fashion retailers is prioritised where available. General UK retail organisations and international studies are considered only where they provide relevant contextual evidence about GenAI applications that can reasonably inform interpretation. Their findings are not assumed to represent the UK fashion retail sector. Contemporary literature is particularly important because GenAI is an evolving field and its applications, capabilities and organisational implications continue to develop.


[bookmark: _Toc241139143]3.8 Data Analysis Technique 
Qualitative thematic analysis is applied to examine the chosen secondary evidence found in academic literature, industry reports, company reports, and relevant business sources. It is the right method due to the possibility to identify common patterns and links between the findings related to GenAI, marketing productivity, and UK fashion retail. The analysis is inductive, so that themes emerge from the evidence rather than being imposed on it from the start. It enables the comparison of similar and conflicting research results and the discussion of the differences in the context of application of GenAI. 
Scrutiny of relevant journal articles, research papers, industry reports and business sources develops an understanding of the evidence available. Focus on information related to GenAI, retail marketing, marketing productivity, personalising addressing at the customer, content creation and organisational practice. The study on GenAI and the existing literature on customer personalisation offers supporting evidence for an understanding of GenAI application in the existing literature (Abrokwah-Larbi, 2023, p.11). The research on GenAI applications in the fashion retail industry also gives some context to the analysis (Das and Das, 2024, p. 7).
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[bookmark: _Toc240974668][bookmark: _Toc241139175]Figure 3.4: Data Analysis Technique Framework

Initial coding is done after familiarisation. Codes are attached to key ideas, statements or recurring concepts within the sources selected. Findings from other sources are contrasted or compared to determine consistency; any findings that are different are retained in case they have alternate perspectives. This is because the applications of GenAI can yield varying marketing results based on their context and uses within organisations (Solis-Kepes, 2025, p.425).
The coded information is then analysed and organised to find larger patterns in the data. Relationships among relevant codes are looked at, and regular issues are looked at systematically. For instance, evidence on GenAI content creation helps understand implications for marketing activities and productivity across sources (Smith and Hutson, 2024, p. 11). The evidence of marketing success and content creator expenses, when relevant to the aim of the research, is also taken into account. Interpretation of the analysed information according to the research questions and goals is the last phase. 
The findings are made from what a person finds, and there will be no conclusions made before the analysis. Recent studies exploring the broader marketing implications of GenAI reinforce its significance in transforming marketing practices (Kulshrestha et al., 2026, pp.27-43). Thematic analysis thus offers a systematic way of taking secondary data from individuals to evidence-based findings on GenAI and retail marketing productivity.
[bookmark: _Toc241139144]3.9 Ethical Considerations
Ethical issues provide guidelines for the conduct of research in a responsible, transparent and academically proper manner. The study abides by the Code of Conduct of the University of Wales and is conducted in a manner consistent with academic integrity. Information gathered from academic publications, industry reports and other secondary sources is appropriately acknowledged, using accurate referencing. The integrity, originality and avoidance of plagiarism and misrepresentation of material from published sources are recognised by original contributions by the authors. Research materials are kept within a university-protected folder on a network that is password protected, minimising the risk of access by other people or breaches of information. Ethical issues that arise with such secondary qualitative research are concerned with responsible selection of data, accurately representing the existing evidence, acknowledging writing origin, and the secure management of research materials.
[bookmark: _Toc241139145]3.10 Chapter Summary
The study is interpretive in nature and primarily uses an explanatory research design. An inductive approach supports the use of thematic analysis to explore and interpret the use of GenAI and its implications for marketing productivity, rather than examining causal relationships. In particular, the utilization of secondary qualitative evidence with an emphasis on sources relevant to UK fashion retail is combined with purposive sampling as the preferred method. In turn, evidence relevant to the wider retail environment and international reports are used as a supportive background, contextually embedded, but not as a direct source of evidence relevant to UK fashion retail. Thematically analysed data serve to compare and identify common themes and patterns, opportunities, and challenges, and ethics support the study as a means of demonstrating responsible research practices and proper attribution.

[bookmark: _Toc241139146]Chapter 4: Data Analysis and Findings 
[bookmark: _Toc241139147]4.1 Chapter Overview
The results of secondary qualitative evidence related to the topic of GenAI and marketing productivity in fashion retail organisations are highlighted in the section. These selected themes are analysed thematically, and common themes are identified in marketing functions, personalisation, content production and implementation in an organisation. In particular, productivity enhancement, customer involvement, decision making skills and diversification of today's marketing activities are emphasized. The results are evaluated based on identified opportunities and challenges of responsible Generative AI implementation in fashion retail businesses. The findings have shown that employee skills, organizational resistance, data integration, privacy, ethics and governance are identified as critical barriers to implementation. So, the theme of the chapter is organized in a way that it directly relates to the research objectives and research questions.
[bookmark: _Toc241139148]4.2 Data Analysis Process 
[bookmark: _Toc241139149]4.2.1 Thematic Coding process
Thematic coding is used to detect the common themes and patterns in the selected secondary qualitative evidence. All the relevant evidence is mapped to marketing productivity, content production, personalisation, decision-making, diversification and organisational implementation. Similar codes are clustered into themes, and contrasting codes are kept for a balanced interpretation.
	Thematic Coding
	Evidence Identified
	Developed Theme

	Productivity improvement
	Time savings, automation and reduced marketing workload
	Generative AI and Marketing Productivity

	Content automation
	Product descriptions, advertising copy and social media materials
	Generative AI and Content Creation

	Customer personalisation
	Recommendations, targeted messages and individualised experiences
	Generative AI and Customer Personalisation

	Decision support
	Customer behaviour, market trends and marketing information
	Generative AI and Marketing Decision-Making

	Marketing diversification
	Text, images, videos and multi-channel promotional activities
	Generative AI and Marketing Diversification

	Organisational barriers
	Skills gaps, resistance, privacy, ethics and data integration
	Organisational Barriers to GenAI Implementation


[bookmark: _rpr8z4h1888s][bookmark: _Toc240974367][bookmark: _Toc240974669][bookmark: _Toc241139182]Table 4.1: Thematic Coding of Secondary Qualitative Evidence
Four themes are organised from the evidence found in the selected secondary sources. These themes represent the main impacts and circumstances of the adoption of GenAI in the field of fashion retail marketing. The first deals with the improvement of productivity, whereas the second unites such activities as the creation of content, promotion, and creative marketing activity. The third incorporates personalization, recommendations, and assistance, which share their common characteristics of facing customers.
[bookmark: _Toc241139150]4.2.2 Mapping process
The themes developed were aligned to the research objectives and questions to ensure that there is consistency between the evidence found and the purpose of the study. The other reason is that the revised mapping separates customer-facing applications from organisational implementation barriers. This is logical because product recommendations and customer assistance are applications and benefits of using GenAI. On the other hand, organisational barriers explain the influencing factors that may hinder the adoption of the technology.
	Developed Theme
	Research Objective
	Research Question

	Generative AI and Marketing Productivity
	Objective 1
	Research Question 1

	AI-Enabled Content Creation, Promotion and Creative Marketing
	Objective 2
	Research Question 2

	AI-Enabled Personalisation, Recommendations and Customer Assistance
	Objective 2
	Research Question 2

	Data-Driven Decision-Making, Marketing Diversification and Organisational Barriers
	Objective 2 and Objective 3
	Research Questions 2 and 3


[bookmark: _a18hfs9ej5i6][bookmark: _Toc240974368][bookmark: _Toc240974670][bookmark: _Toc241139183]Table 4.2: Mapping of Six Themes to Research Objectives
[bookmark: _Toc241139151]4.3 Thematic Analysis 
[bookmark: _Toc241139152]4.3.1 Theme 1: Generative AI and Marketing Productivity Improvement
The usage of Generative AI is very important in generating new content including code, images, videos and various marketing materials for productivity improvement. Fang et al. (2025, p. 1) explored the use of Generative AI within online retail operations in their large-scale, real-world studies of Generative AI productivity. Throughout the six months of 2023 and 2024, seven workflows are included in the research, which included factors that are consumer facing. Millions of users and products are included, giving empirical coverage to assess the productivity effects, which is quite large. The results indicated that the sales performance has improved by 0% – 16.3% based on applications across the board for the GenAI. 
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[bookmark: _Toc241139176]Figure 4.1: Average retail marketing effects of GenAI Adoption
(Source: Fang et al. 2025, p. 1)
The authors noticed these increased conversion rates, and lower consumer problems, for these enhancements. Improvements in the outcomes are most noticeable for newer sellers, smaller sellers, and less experienced consumers. The results suggest that there is potential for measurable productivity gains beyond the individual employee level, suggesting that GenAI offers possibilities for the creation of value beyond mere efficiency. The research is well suited because treatment conditions are compared while inputs and prices remain controlled. The research focuses on the online retails sector rather than exploring specifically on fashion retail. So, its findings are still relevant, which can be  helpful for UK fashion retailers.
[bookmark: _p582z5s9p1f9]Al Naqbi et al. (2024, p.16) explored the uses of GenAI in retail operations in a systematic review of 14 studies. The review revealed the enhancements to customer experience personalisation, inventory management and demand forecasting. Predicted results are up to 23 % more accurate and 17 % less in carrying costs. Another indicated that the conversion improvements of 35 % are linked with customer personalisation. The review illustrates the potential for GenAI productivity not just to boost marketing communication but for wider retail activities as well. It is therefore important to consider differences in the methodologies reviewed, which can have an impact on the consistency and generalisability of the outcomes reported. So, “Generative AI and Marketing Productivity Improvement” emerges from data on automation, workload reduction, efficiency and marketing productivity. It is directly related to Research Question 1 because the question is about the effects of GenAI on marketing functions and content productivity. This theme actually describes the benefits of GenAI for marketing operations in terms of faster and more efficient procedures.
Fang et al. (2025, p. 1) offered better causal outputs, while Al Naqbi et al. (2024, p.16) showed a wider range of coverage over retail applications. Fang et al. (2025, p. 1) focused on more empirical outcomes in terms of determining productivity effects. So, Fang et al. (2025, p. 1) indicated the more convincing and sound argument that there can be measurable productivity gains. Research of Al Naqbi et al. (2024, p.16) is more useful because their operational results are applicable to a wider context of retail outlets. The results for the UK retailers such as Tesco, ASDA, Sainsbury's and Marks & Spencer's show opportunities for improved productivity. The comparison thus bolsters the argument for the potential of GenAI to enhance productivity, acknowledging that there are distinctions between the experimental evidence and more general systematic evidence.  
[bookmark: _Toc241139153]4.3.2 Theme 2: Generative AI-Enabled Content Creation and Creative Performance
Wah, (2025, p.01-13) discussed the use of AI in media and entertainment, particularly focusing on content creation, personalisation, distribution and consumer engagement on retail fashion. The review's findings are that Generative AI has improved production workflow and helped to create innovative content in various fashion sectors. The results showed that AI has the potential to enhance the efficiency of creatives in their workflow by automating content creation and editing, providing creative suggestions, and delivering content tailored to individual preferences. 
The study also found some limitations regarding authenticity, human creativity, intellectual property rights, privacy, algorithmic prejudice and misinformation. Based on these results, fashion companies can leverage GenAI in various ways, such as generating product descriptions, marketing campaigns, social media posts, and visual promotions. The same applications can be used for retailers such as Tesco, ASOS, Sainsbury's and Marks and Spencer, to enable quicker production of promotional materials. The study is primarily focused on entertainment, which shows an indirect applicability in fashion marketing environments. 
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[bookmark: _Toc241139177]Figure 4.2: Gen AI usage within the content marketing context
(Source: Wahid et al. 2025, p.1813-1822)
Wahid et al (2025, p.1813-1822) highlighted the nature of the transformation retail market by exploring the phenomenon of technology-driven democratisation of content marketing agencies. In their qualitative study, they interviewed twenty-two marketing professionals in the retail market sector. The results revealed a shift in content creation, technical and economic capacities between organisations and marketing professionals on GenAI. The research in particular highlighted the shift in services from execution to creative consultation, hyper-personalisation and AI-driven service innovation. The finding is significant for fashion retailers as potential campaigns can be created more quickly for various customer groups. The study, however, offers robust contextual evidence because participants had direct experience using GenAI within content marketing activities. Generative AI-Enabled Content Creation and Creative Performance is based on evidence relating to automated content creation and creative marketing activities. It connects with Research Question 2 as the question investigates the impact of GenAI on content creation in fashion retail marketing. So, in this way, this theme illustrates the ability of GenAI to assist content creation without compromising on human creativity.
Both studies show that GenAI can enhance the production of content, and influence the way that traditional creative marketing is done. Wah, (2025, p.01-13) offer more comprehensive evidence across a range of disciplines, Wahid et al. (2025, p.1813-1822) offer more focused organisational evidence, based on real content marketers. Wahid et al (2025, p.1813-1822) systematic review provides a broader perspective, but relies on the results of previously published studies. Wahid et al (2025, p.1813-1822) also published in peer-reviewed journals such as Industrial Marketing Management, giving their research more academic validity when analysing organisations' marketing. Wah, (2025, p.01-13) continues to be useful in providing a broader context of creativity and ethics in the use of GenAI in content-based industries. 
[bookmark: _Toc241139154]4.3.3 Theme 3: AI-Enabled Personalisation, Recommendations and Customer Assistance
Customer personalisation and engagement in retail fashion settings are increasingly rising to leverage generative AI. Harreis et al. (2023, p. 2) illustrated the possible uses of Generative AI in the fashion value chain, which includes marketing activities for customers. The research showed that AI can help with targeted marketing via consumer sentiment analysis, behavioural data, and data from all channels. Another application is suggested as personalised recommendations, which enable the product and the promotional experience to be more in line with individual characteristics of consumers. These can enhance customer engagement by making all interactions more relevant, both online and in physical stores. Similar strategies can be implemented in other digital retail settings such as Tesco, ASDA, Sainsbury's and Marks & Spencer. The study is mainly oriented toward strategic analysis of the industry and not towards concrete experimental demonstration of the implemented fashion retailers. 
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[bookmark: _Toc241139178]Figure 4.3: GenAI Implementation Factors on retail operations
(Source: Chowdhury et al. 2025, p. 8)
The evidence indicates that personalisation, product recommendation and customer assistance should ideally be regarded as interrelated aspects of the same customer-facing GenAI capability. Harreis et al. (2023, p. 1) highlights the use of behavioural/sentimental data for targeted marketing and recommendation, whereas Chowdhury et al. (2025, p. 8) extends this to multimodal information for enhanced recommendation, and Ademtsu et al. (2023, p. 4981) demonstrates that recommendation systems reduce search effort and enable cross-selling and that AI-assisted assistants offer information for products, sizes and availability. Collectively, this evidence indicates that GenAI can impact at multiple stages within the customer journey beyond the promotional message.
That said, the evidence also indicates that such outcomes are conditional upon the quality and governance of the inputs, especially customer data. Chowdhury et al. (2025, p. 8) identifies a number of constraints, including data quality, legacy-system integration, privacy and algorithmic fairness. As such, there is no guarantee that increased personalisation will lead to better experiences for customers: on the contrary, the use of poor-quality data and/or inappropriate recommendations could undermine trust in the brand. Consequently, this evidence highlights the importance of appropriate data and systems as enablers for the effective use of GenAI.
This evidence is particularly pertinent to the fashion retail sector due to the role of product choice, sizes and coordinated recommendations within the customer journey. Overall, then, GenAI seems to offer significant value in reducing search costs and increasing relevance, but this depends upon responsible/ethical application. As such, this evidence supports the proposition that GenAI can act as an enabler for customer service and marketing but cannot replace humans in such tasks.
[bookmark: _Toc241139155]4.3.4 Theme 4: Generative AI and Data-Driven Marketing Decision-Making
Generative AI is becoming more and more engaged in data-driven marketing decisions by integrating customer data, market data, and analytics in retail. Sorooshian et al. (2026, p. 441) analysed a Generative AI approach for choosing Advertising 4.0 service suppliers in the Sustainable Fashion industry. The study is a structured multi-criteria decision-making approach, while Generative AI generating decision criteria first and then validated by the experts. 
The results showed promising capabilities for GenAI in identifying and assessing suitable supplier-selection criteria in complex fashion-advertisement decisions. This is especially relevant, as marketing managers are no longer limited to just a single criterion for choosing their advertising partners. The study thus provides a practical link between Generative AI and strategic marketing decision-making in the fashion industry. It shows in its fashion-specific approach and amalgamation of AI-driven insights with human expert validation.
Imtiaz et al. (2024, p.201-216) examined the deep learning and Generative AI in the fashion industry, from marketing to sales, distribution to retail. Product recommendation, image recognition, trend prediction and personalised customer support are identified as key areas of application for AI in the review. Tesco, ASOS, Sainsbury's and Marks & Spencer are examples of retailers that are currently using AI, offering real-world examples of this broader trend towards decision support. AI and Sainsbury's data have been used as a tool to enhance customer experience, search functionality and real-time operational insights by Sainsbury's in partnership with Microsoft. M&S has also launched generative AI features to gain access to sales data and store-specific analysis, all to help managers get information more quickly.  The theme Generative AI and Data Driven Marketing Decision Making is based on evidence related to data analysis, customer insights, forecasting, and marketing decisions. It is connected to Research Question 2 as the question specifically focuses on the role of GenAI in marketing decision-making. The theme illustrates the use of GenAI to inform evidence-based decisions, whilst highlighting the role of human judgement in effective interpretation.
Both studies show that Generative AI can enhance marketing decisions when there is a vast amount of information to be structured and interpreted. Sorooshian et al. (2026, p. 449) offer more concrete evidence due to the development and validation of a specific approach to decision making in sustainable fashion that is supported by AI. Imtiaz et al. (2024, p.201-216) offered more sectoral depth but did not have a focus on only Generative AI technologies and applications. 
[bookmark: _Toc241139156]4.3.5 Integrated interpretation of content creation, promotion and creative marketing
The evidence presented suggests that GenAI should not be dissociated as tools for content creation and promotion due to their combined implication within the scope of marketing activities. Pellini (2025, p. 1) highlights the role of AI in the production of social media posts, graphics, advertisements, and various other types of visual content, which are utilized extensively within the scope of promotional activities. Similarly, Wahid et al. (2025, p.16) elaborate on the tendency of the marketing field to adopt AI-based technology for content creation and prioritize more complex tasks over the automated ones. In this regard, the evidence indicates the increased productivity level within the scope of marketing activities due to the combined utilization of AI and human capital, rather than the impact of individual factors.
The research findings further imply that the enhanced production capabilities of GenAI may not always be the primary factor affecting marketing outcomes. According to Wah (2025, p. 13), the authenticity of AI-generated content may raise ethical concerns regarding intellectual property, privacy issues, biases, and the potential of misinformation, which may undermine the effectiveness of marketing campaigns. Moreover, Pellini (2025, p. 1) suggests that human involvement in the production process is essential to ensure the consistency and accuracy of branding information. As a result, it may be concluded that the increased efficiency level attributed to GenAI utilization comes at the cost of control, which is critical for successful marketing.
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[bookmark: _Toc241139179]Figure 4.4: Social media post creation though Canva AI
(Source: Pellini, 2023, p. 1)
The evidence discussed above resonates with the practical implications for UK fashion retailers due to the nature of fashion marketing, which relies on the continuous production of both visual and verbal content for digital platforms. In such a scenario, the ability to scale content production while maintaining flexibility may become advantageous for the efficient promotion of products. However, the findings do not support the notion of GenAI as a tool to replace creative positions within UK fashion retail companies. Instead, the evidence suggests that the utilization of GenAI may be integrated as a tool for increased productivity, which supports enhanced judgment capabilities within marketing processes. This interpretation aligns with the evaluation of content creation and promotion as interrelated aspects of marketing productivity. 
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[bookmark: _Toc241139180]Figure 4.5: AI-Powered Virtual Try-On Experience
(Source: Tammik, 2025, p.2)
[image: ]
[bookmark: _Toc241139181]Figure 4.6: AI assistance process for fashion retailing
(Source: Mairaj et al. 2026, p.98-120)

[bookmark: _Toc241139157]4.4 Discussion and Findings
[bookmark: _Toc241139158]4.4.1 Discussion
Content, promotion, personalization, and customer assistance 
The evidence presented demonstrates that the impact of GenAI on fashion marketing is most prominent in areas which involve the production of content and interaction with customers. GenAI can enhance the efficiency of promotional activities and utilise information on customers and their behaviour to make communication and recommendations more pertinent. Wahid et al. (2025, p.1822) provides an example of the productivity advantages which can be gained from enhanced content production, whereas Harreis et al. (2023, p. 3) and Chowdhury et al. (2025, p. 8) highlight the potential of using information on customers for targeted marketing and recommendations. As such, the evidence suggests that the value of GenAI in marketing is derived from its capacity to make various processes more productive, rather than presenting a singular application area.
Nevertheless, the evidence also demonstrates that the capacity of GenAI to either produce more content or make recommendations more personalised does not guarantee success or even benefit. The concerns related to authenticity, accuracy, privacy, bias and the quality of data highlight the potential risks which are involved in relying on such technology. As such, the findings propose that efficiency should be considered as the ability to enhance the production of valuable and relevant marketing content, rather than simply increasing the quantity of promotional material produced with the aid of GenAI.
As such, the evidence ultimately positions GenAI as an augmenting tool which allows marketers to make their processes more efficient while also introducing concerns related to authenticity and accuracy. While the use of GenAI can make repetitive tasks easier, promote creativity, assist with recommendations, and enhance customer interactions, human expertise is required to ensure the quality and ethical implications of such applications. The relationship between efficiency and judgement is especially beneficial in the context of marketing fashion due to the importance of maintaining brand image and ensuring excellent customer service.
Organisational readiness and implementation barriers 
The evidence demonstrates that the effectiveness of GenAI is influenced by factors beyond technological capacity. Productivity gains found in the evidence can only be delivered by balancing the ability of employees to utilise and assess AI outputs, organisational systems and processes which facilitate adoption, and responsible management of customer data. Chowdhury et al. (2025, p. 8) highlights data quality, integration, privacy and fairness concerns, whereas Wah (2025, p. 13) identifies authenticity, intellectual property and misinformation risks. Collectively these findings demonstrate that limitations in implementation can undermine the productivity benefits found elsewhere in the analysis.
This highlights the interconnectedness of the findings. The same technologies which accelerate marketing speed and personalisation can also introduce additional requirements for governance and human oversight. As such, effectiveness of GenAI adoption should not be assessed purely on the basis of automating processes and reducing workload. Rather, organisations must consider their capacity to manage associated risks before committing to the adoption. For UK fashion retailers, this means that investment in GenAI must be accompanied by workforce development, improved data governance and responsibility for AI generated outputs. As such, organisational readiness becomes a critical factor in transforming GenAI capability into sustainable marketing productivity.

Fashion retail-specific considerations
A closer, fashion-specific reading of these findings reveals nuances a generic retail perspective would overlook. Unlike commodity retailing, fashion marketing depends on rapidly shifting trends, seasonal collections and reliance on visual and aesthetic consistency, meaning GenAI-generated content must be not only efficient but stylistically coherent with brand identity. Wahid et al. (2025, p.1822) and Islam et al. (2024, p.168) illustrate how GenAI accelerates production of creative and visual assets, yet the evidence also implies a distinctive risk for fashion retailers: content that is technically efficient but culturally misaligned can damage brand equity more quickly than in sectors where price and functionality dominate purchasing decisions. Personalisation in fashion retailing extends beyond generic product recommendations to encompass fit, styling and virtual try-on experiences, an area highlighted only indirectly by Al Naqbi et al. (2024, p.16) and Chowdhury et al. (2025, p. 8), suggesting the evidence base still under-represents fashion-specific personalisation mechanics. Barriers identified by Chowdhury et al. (2025, p. 8) and Wah (2025, p. 13) carry heightened significance in fashion retail, where fast fashion cycles compress time available for human oversight, ethical review and bias correction before content reaches the market. This suggests fashion retailers face a sharper trade-off between speed and quality assurance than the broader retail sector, reinforcing that GenAI adoption in fashion marketing should be paced according to brand risk tolerance rather than technological capability alone.
[bookmark: _Toc241139159]4.4.2 Findings 	
The results suggest that Generative AI increasingly plays a role in the marketing activities of organisations in the UK fashion retail industry. The analysis highlights productivity gains as well as increases in content creation, ups the degree of personalisation in the customer experience and marketing decision making and reveals implementation issues. GenAI, as a result, offers both opportunities and risks that can impact its ability for fashion retailers to utilise it successfully.
Marketing Productivity and Operational Efficiency
The results showed that generative AI (GenAI) has the potential to increase the productivity of marketing-related tasks by streamlining repetitive marketing workflows and speeding up the creation of marketing materials. The potential of GenAI can enhance a business's ability to create written content, images, videos, and other marketing materials, including more efficiently completing marketing activities. Fang et al. (2025, p. 1) found a variation of up to 16.3% improvement in sales performance as a result of the usage of various GenAI applications in eCommerce. This discovery highlights the value of GenAI beyond purely saving employee time to also helping broader retail performance. The results also show that there are specific activities where productivity gains are more appropriate, such as with a high amount of content and customer interaction. GenAI can support workers in these tasks that can be accomplished faster, freeing up time to dedicate to other marketing tasks. The results indicate though that people do still play a crucial role in monitoring and verification of the quality and suitability of AI-generated outputs.
The results revealed that Generative Artificial Intelligence (GenAI) can enhance the productivity of marketing activities and streamline repetitive processes, thereby reducing time investments in creating marketing content. The outcomes suggest that GenAI can facilitate employees in creating written content, images, videos, product descriptions and promotional materials more efficiently. Besides saving employee time, the advantages of GenAI in online retail can reach beyond employee performance and sales, as shown by Fang et al. (2025, p. 1), who achieved up to 16.3% better sales results with different GenAI applications in their online retail business. 
The results indicate that GenAI is especially useful when dealing with large amounts of information and customer interactions, thus highlighting the technology's potential for use in roles with strong content and customer engagement requirements. Al Naqbi et al. (2024, p.16) further highlighted that productivity gains have been observed in retail-related tasks through the application of GenAI. AI can help improve the general workflow and a general increase of the efficiency of the operator's work. The results suggest, however, that the level of productivity is dependent upon proper human involvement. Workers continue to be accountable for the correctness, pertinence and appropriateness of AI-generated outputs. So, the impact of GenAI on productivity is primarily expectations from GenAI systems to reduce repetitive efforts among employees and to assist them, and not in a way that fully automates marketing.
Content Creation and Customer Personalisation
The results revealed that GenAI can equip fashion companies with more capabilities to produce various fashion marketing content. The analysis emphasizes applications which include creative and product content, as well as audio-visual materials and 3-D images. Islam et al. (2024, p.168) demonstrates that GenAI can assist retailers in developing creative and unique marketing materials. This means that retailers will have more flexibility in creating promotional content as well as less resources for creating traditional content. The results clearly highlight the role of personalisation for the customer. 
GenAI can assist in fuelling marketing communication that is more competitive in terms of individual customers' interest and needs. Al Naqbi et al. (2024, p.16) also found that use of GenAI in retail operations can help improve personalisation of the customer experience. This implies that GenAI could be utilized to personalise marketing communication for fashion retailers, which amounts to aiding in making it more relevant to customers. Meanwhile, the study also uncovers concerns about quality and authenticity of AI produced content. Issues related to fake content created using GenAI have been raised by Mahmood et al. (2025, p.10) with its implications on brand image and credibility. The results thus show that a greater capacity for content production requires adequate human checking of the content.
The results showed that GenAI has the potential to expand the capacity of fashion retailers in creating various types of fashion marketing content. Islam et al. (2024, p.168) discovered that creatively managed application materials such as audio-visual materials and three-dimensional images were identified. This allows fashion retailers to create promotional content for various products and digital channels, and may also cut down on the resources needed for traditional content production. Wahid et al. (2025, p.1813-1822) also reported that GenAI is reshaping content marketing by enabling quicker content creation, hyper-personalisation and strategic thinking around creative tasks. One other key discovery was the fact that customer personalisation was also seen as an important finding. Customer data and patterns can be leveraged using GenAI for more personal and focused communication as well as recommendations. 
Harreis et al. (2023, p. 2) emphasized on Consumer Sentiment and Behavioural Data for targeted marketing and personalised recommendations in the fashion value chain. Chowdhury et al. (2025, p. 8) additionally identified combining text with images and behavioural data as a potential method to create a more effective personalised customer experience. The results of the research, however, show that the personalisation requires data quality, the integration of technology and a responsible management of customer data. Mahmood (2025, p.10) further raises concerns about the potential for AI-generated content to be inaccurate or misleading, which can negatively influence brand credibility.
Data-Driven Marketing Decision-Making
The analysis revealed that GenAI could benefit the marketing decision-making process by delivering information to retailers which would help them comprehend customer and market conditions. The analysis identifies applications related to customer experience, inventory management and demand forecasting. Al Naqbi et al. (2024, p.16) found that AI applications have been effective for improving demand predictability and other retail applications. The results suggest that GenAI has the potential to offer valuable assistance in customer demand management and marketing strategy formulation by retailers. The technology can be used to process and interpret information, making it possible to make marketing decisions in a timelier manner. The results also show that it is necessary to interpret information created by AI because marketing decisions are shaped by organisational factors and expectations of customers that cannot be automated.
The findings indicate that GenAI can assist with marketing decision-making by deciphering customer data, marketing trends, and operational data for retailers. Beyond content creation, Al Naqbi et al. (2024, p.16) mentioned other use cases such as customer experience personalisation, inventory management and demand forecasting. These capabilities can aid store marketers acknowledge varying consumer tastes and curiosity and make marketing strategies that more effectively meet the needs of the market. Sorooshian et al. (2026, p. 443) also demonstrated the application of GenAI for selecting suppliers for sustainable fashion advertising; they observed that even with the support of AI, decision criteria in advertising remained complex and required expert validation. 
Marketing Diversification and Competitive Opportunities
The results show that GenAI can help fashion companies expand their marketing initiatives. The technology would enable production of other content and communication types with the ability to create marketing campaigns at different digital channels. This allows for quicker response to customer preferences and for the generation of diversity in promotional material. The results also indicate that GenAI can enable innovation by enabling retailers to try new approaches to how they communicate and create content for their customers. To create and modify information strategically can assist organisations adjust to shifts in the market and keep customers engaged. The results thus show the potential of GenAI in enhancing the flexibility and extent of the marketing.
Rahman et al. (2026, p.3) suggests that contextual understanding and ethical judgment play an important role, as GenAI isn't able to replicate managerial interpretation completely. The results implied that as a decision-support system, GenAI is more appropriate than replacing marketing managers. The findings further reveal that GenAI can help diversify marketing efforts, as it can help retailers produce various formats like text, visuals and multimedia content through a variety of channels. Ahmed et al. (2025, p.10) suggests that these capabilities may enable fashion retailers to diversify their marketing mixes and reach various customers. This allows for more flexibility when accommodating consumer desires and market dynamics for retailers.
Organisational, technological, and ethical barriers 
The results of the study suggest that the benefits of GenAI are conditional to a certain extent, depending on the organisation’s preparedness. Skills, employees’ acceptance, quality of data, privacy, ethical implications, and technological compatibility might hinder the implementation and performance of GenAI in the context of fashion retail selling. Chowdhury et al. (2025, p. 8) highlight the challenges of integration, privacy, fairness, and data-quality, whereas Wah (2025, p. 12) focuses on the issues of authenticity, intellectual property, and misinformation. The two studies confirm that increased productivity is not possible without appropriate consideration of these factors. Even though the use of GenAI can make marketing more productive and remove mundane tasks, human labour is necessary to ensure the accuracy, relevance, and brand appropriateness of information. As a result, it can be concluded that organisational readiness plays a critical role in determining the extent to which GenAI can be harnessed to benefit fashion retail selling. This conclusion directly addresses Objective 3 and Research Question 3 since they ask about the key conditions influencing the relationship between using GenAI and organisational productivity.
[bookmark: _Toc241139160]4.5 Chapter Summary
The results indicate that Generative AI has the potential to increase marketing productivity by supporting marketing activities, and increasing efficiency and reducing repetitive work. However, the results do not demonstrate that these benefits are automatic, or that Generative AI can completely replace human roles in marketing. Its effectiveness depends on the quality of AI outputs, customer data, technological integration, and employee capabilities and organisational governance.


[bookmark: _Toc241139161]Chapter 5: Conclusion and Recommendations
[bookmark: _Toc241139162]5.1 Conclusion
The effect of Generative Artificial Intelligence (GenAI) has had on marketing productivity in UK fashion retail organisations is explored here. The results showed that GenAI could help marketing teams be more productive by freeing up time from repetitive tasks, generating faster content, and facilitating more efficient marketing efforts. It can help with a more individualised approach to the customer as well as data-enable decision-making and diversify marketing content to different channels. The value of GenAI, however, relies on the readiness of the organisation, skills of employees, trustworthy data sets, technology capability and prudent governance. The study also covers significant barriers such as employee resistance, privacy concerns, difficulties in data integration, algorithmic bias and IP and ethical risks. For this reason, GenAI should not be seen as a substitutional solution for humans in the marketing field. Instead, it's made into a complementary technology, one that can be automated with the human artwork, judgment and oversight. This can help boost UK fashion retailers' productivity and their ongoing customer trust, brand identity and responsible marketing efforts.
[bookmark: _Toc241139163]5.2 Linking Findings with Research Objectives
Objective 1: To evaluate the influence of GenAI on marketing functions and content productivity in UK fashion retail organisations.
The first goal is accomplished in the results pertaining to marketing productivity and operational efficiency. GenAI was identified as a solution that could help minimize repetitive tasks, foster faster content creation, and assist marketing staff in streamlining their repetitive duties. Fang et al. (2025, p. 1) found that sales can benefit from up to 16.3% reporting on different GenAI applications, whereas Al Naqbi et al. (2024, p.16) found gains in broader retail operations. Based on these results, it's clear that GenAI can be a valuable tool for boosting efficiency and organizational performance.
Objective 2: To demonstrate the impact of GenAI capabilities on diversified marketing activities.
The second purpose is addressed by the results of the content production, customer personalisation, diversification and marketing decision-making results. GenAI opens the door for retailers to produce a variety of marketing content, such as text, images, and multimedia materials. Islam et al. (2024, p.168) shows the creative power of GenAI, and Harreis et al. (2023, p. 2) reveals the possibility of targeted marketing and personalised recommendations with GenAI. The results also illustrate how GenAI can assist decision-making by processing customer and market data. Sorooshian et al. (2026, p. 441) shows its use for the advertising of supplier selection, and Imtiaz et al. (2024, p.201-216) mentions trend prediction and personalised customer support among its applications. This means that GenAI can create more possibilities and flexibility in marketing efforts.
Objective 3: To examine organisational barriers affecting the implementation of GenAI.
Technological, organisational and ethical barriers are determined in order to reach the third objective. Important challenges included employee capability, resistance of the organization, integration, privacy, protection of intellectual property, algorithmic bias and technological readiness. Rahouli (2025, p.12) calls for employees' technical skills, but Sira (2024, p. 251-259) focuses on organisational data silos. Yu et al. (2025, p.461) also highlights privacy issues, bias and transparency. Employee development and governance and organisational readiness. Effective GenAI adoption applications should be made in a coordinated technological and organisational effort.
[bookmark: _Toc241139164]5.3 Limitations
· Reliance on secondary data: The research is based on academic literature, industry reports, company reports and business sources. Thus, does not include direct primary evidence from UK fashion retail employees, UK fashion retail manager(s) or customers.
· Limited generalisability: Some evidence comes from international retail organisations and other disciplines related to fashion but not directly from fashion. While these sources offer helpful supplemental data, the information can't be relied upon as being equally accurate for all fashion retailers in the UK.
· Rapid development of GenAI: GenAI technologies are developing rapidly. So some of the results of this research might need to be reconsidered in the future when new capabilities and applications appear.
· Limited quantitative measurement: The study does not independently measure changes in marketing costs, productivity, sales or customer engagement before and after GenAI implementation. It is therefore not possible to determine an exact financial impact in the research.
· Variation between sources: The selected studies use different methodologies and organisational contexts. This results in variations across the level of evidence available and its comparability.
· Ethical Uncertainty: Privacy problems, algorithmic bias and employee replacement, are unsurprisingly, areas of ethical uncertainty. This research highlights such concerns but not exhaustively provides a full understanding of the long-term implications.
[bookmark: _Toc241139165]5.4 Recommendations
Develop continuous employee training
Fashion brands in the UK need to offer structured GenAI training, prompt development, verification, data preparation and ethical usage of AI. Training for employees can boost confidence and minimize reluctance to technology implementation. 
Maintain human oversight
AI marketing content should undergo human moderation before being posted online. Product information, personalized communication, advertising claims and visual content are especially critical areas that require human checking due to the potential impact on brand credibility and customer trust when outputs are not appropriate.
Improve data integration
Retailers need to better integrate their CRM with e-commerce and customer service/sales systems. Sira (2024, p. 251-259) describes organisational data silos as one challenge of effective personalisation. More consistent information and more accurate customer recommendations can be provided through better integration with GenAI.
Establish clear AI governance
Retailers need to establish policies on privacy, transparency, intellectual property, algorithmic bias, security and accountability Wang et al. (2026, p.407-424). Having a clear governance structure can help minimize the potential dangers of improperly generated content and ensure that accountability is taken for AI-generated materials.
Encourage human-AI collaboration
GenAI should be used to help, not to replace, staff. Routine work is done in an automated fashion, but creative direction, strategy and final approval remain with the employees. This can be a blend of artificial intelligence's efficiency and human creativity.
Introduce phased implementation
Retailers should start with simple, initial applications of GenAI, like description generation and social media and internal marketing analysis (Gaskarth, 2026, p.12). The application of successful strategies may then be extended to other more complex activities.
Measure GenAI performance
Retailers need to keep an eye on time taken to create the content, the cost of the campaign, customer engagement, conversion rates, customer satisfaction, and error rates, etc. This will enable managers to determine if there are tangible savings to be realised from GenAI.
Protect customer trust and brand identity
Retailers need to make sure they create their AI-generated content in a way that is reflective of their brand with consideration of not becoming misleading, inappropriate or too automated Wang et al. (2026, p.407-424). The right way to personalise needs to be at the heart of the marketing strategy that GenAI uses.
[bookmark: _Toc241139166]5.5 Future Work
Further research could be conducted to gain primary evidence from UK fashion retail organisations with the secondary qualitative in this study. Interviews with marketing managers and employees will offer direct evidence of the uptake of GenAI, its acceptance by employees, resistance and practical challenges (Gaskarth, 2026, p.12). Customer surveys could also explore customer satisfaction with AI content creation, AI customisation in recommendations and consumer trust in AI-driven marketing. More research is needed on the real impact of GenAI on marketing productivity using quantitative methods. Before and after GenAI implementation metrics such as campaign completion time, content production costs, engagement rates, conversion rates, sales performance and customer retention might be measurable. This would offer better proof of the financial and operational outcomes discovered in this current research.
Further comparative research may be conducted between UK fashion organisations to investigate whether the size of the organisation, technical sophistication and resources, and customer base, impacts on the adoption of GenAI. 
Future longitudinal study would also be beneficial due to the ongoing and rapid changes in capabilities of GenAI and practices of organisations. Given the deep integration and transformative potential of GenAI within the creative sector, a deeper analysis of its implications for creatives, such as marketing staff, should be conducted in future research. More focus should be on reskilling employees or transforming jobs such as human-AI partnerships (Gaskarth, 2026, p.12). Finally, future research of a more detailed study of privacy, algorithmic bias, intellectual property, transparency and customer trust should be done in more detail Wang et al. (2026, p.407-424). Studies like this will enable UK fashion retailers to find ways of increasing their productivity with GenAI technologies, while remaining ethical, responsible and customer-driven in marketing strategies.
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