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[bookmark: _Toc234925454]1. Introduction
[bookmark: _Toc234925455]1.1 Background of the Study
The global banking industry is experiencing significant digital transformation driven by advances in artificial intelligence (AI), machine learning, big data analytics and intelligent automation technologies. Unlike previous technological innovations that primarily supported operational activities, AI is increasingly viewed as a strategic capability capable of transforming organisational processes, decision-making quality and service delivery models (Davenport and Ronanki, 2018). Within financial services, AI applications including fraud detection systems, chatbots, credit scoring algorithms, robotic process automation and predictive analytics have improved efficiency and customer responsiveness while reducing operational costs (Jarrahi, 2018). The UK banking sector has emerged as one of Europe's leading adopters of AI technologies through large-scale digital transformation initiatives undertaken by institutions such as HSBC, Barclays and Lloyds Banking Group. However, while technological investment has accelerated, questions remain regarding whether AI adoption translates into improved employee outcomes rather than merely organisational benefits (Bank of England, 2024).
[bookmark: _Toc234925456]1.2 Research Problem
Despite growing investment in artificial intelligence technologies, existing research has predominantly examined AI adoption from organisational and technological perspectives, focusing on profitability, operational efficiency, customer satisfaction and competitive advantage (Makarius et al., 2020). Comparatively little attention has been devoted to understanding employee-level outcomes, particularly employee performance within AI-enabled workplaces. This limitation is significant because technological adoption alone does not guarantee productivity improvements unless employees possess the capabilities required to effectively utilise digital technologies (Sousa and Rocha, 2019). Furthermore, empirical evidence examining these relationships within the UK banking sector remains limited despite the industry's extensive digital transformation activities, thereby creating uncertainty regarding the human implications of AI implementation.
[bookmark: _Toc234925457]1.3 Research Gap
Several important gaps justify the need for the present study. First, a theoretical gap exists because previous research has rarely integrated the Technology Acceptance Model with strategic human resource management theories relating to employee performance outcomes. Second, an empirical gap exists due to the limited availability of quantitative studies examining the relationship between AI adoption and employee performance using primary data. Third, a contextual gap emerges because most existing studies have focused on manufacturing, technology and healthcare sectors rather than banking institutions in the United Kingdom (Upadhyay and Khandelwal, 2018). Finally, a managerial gap exists because organisations lack evidence-based guidance regarding workforce digital readiness and employee capability development required for successful AI implementation (van Laar et al., 2020).
[bookmark: _Toc234925458]1.4 Research Aim
The rapid adoption of artificial intelligence technologies within the banking sector has transformed operational processes, customer service delivery and strategic decision-making capabilities. However, the extent to which these technological advancements improve employee-level outcomes remains insufficiently understood, particularly within knowledge-intensive service organisations such as banks. Furthermore, emerging evidence suggests that employees' digital capabilities may influence the extent to which organisations can realise the benefits associated with AI implementation (Makarius et al., 2020). Consequently, the aim of this study is to critically examine the impact of artificial intelligence adoption on employee performance in the United Kingdom banking sector and investigate the mediating role of employee digital competence in explaining this relationship.
[bookmark: _Toc234925459]1.5 Research Objectives
The specific research objectives are therefore:
Objective 1: To examine the effect of artificial intelligence adoption on employee performance in the UK banking sector.
Objective 2: To investigate the relationship between artificial intelligence adoption and employee digital competence.
Objective 3: To examine the influence of employee digital competence on employee performance.
Objective 4: To determine the mediating role of employee digital competence in the relationship between artificial intelligence adoption and employee performance.
[bookmark: _Toc234925460]1.6 Research Questions
The study seeks to answer the following research questions:
RQ1: What is the relationship between artificial intelligence adoption and employee performance in UK banks?
RQ2: How does artificial intelligence adoption influence employee digital competence?
RQ3: What is the relationship between employee digital competence and employee performance?
RQ4: Does employee digital competence mediate the relationship between artificial intelligence adoption and employee performance?
[bookmark: _Toc234925461]1.7 Research Hypotheses
The hypotheses are therefore stated as follows:
H1: Artificial intelligence adoption positively influences employee performance.
H2: Artificial intelligence adoption positively influences employee digital competence.
H3: Employee digital competence positively influences employee performance.
H4: Employee digital competence mediates the relationship between artificial intelligence adoption and employee performance.
[bookmark: _Toc234925462]2. Literature Review
The purpose of this literature review is to critically examine the existing body of knowledge relating to artificial intelligence adoption, employee digital competence and employee performance within organisational settings, with particular emphasis on the banking sector. Rather than providing a descriptive summary of previous studies, this chapter seeks to identify theoretical debates, empirical inconsistencies and contextual limitations that justify the need for the present investigation. The literature review therefore establishes the theoretical and conceptual foundation upon which the research questions, hypotheses and methodology of the study are developed. The review is organised around three interconnected themes. 
First, it examines the Technology Acceptance Model (TAM) as the principal theoretical framework underpinning technology adoption behaviour within organisations. Second, it critically evaluates the literature surrounding artificial intelligence adoption and its implications for employee performance. Third, it investigates employee digital competence as a potential explanatory mechanism linking technological adoption with workplace outcomes. These themes were selected because they directly correspond to the independent, mediating and dependent variables proposed within the conceptual framework. The Technology Acceptance Model developed by Davis (1989) remains one of the most influential theoretical frameworks within information systems and technology adoption research. 
The model argues that employees' intentions to use technological systems are primarily determined by perceived usefulness and perceived ease of use. While TAM has demonstrated substantial explanatory power across numerous technological contexts, critics argue that the model places excessive emphasis on individual perceptions while underestimating the influence of organisational culture, technological capabilities and workforce readiness (Venkatesh and Davis, 2000). This limitation becomes particularly important in artificial intelligence environments where employees require sophisticated digital skills to effectively utilise emerging technologies. Consequently, the present study extends the traditional TAM perspective by incorporating employee digital competence as an additional explanatory construct.
Artificial intelligence adoption has emerged as a major research theme within contemporary management and organisational studies. Existing literature suggests that AI technologies contribute to operational efficiency, decision quality and organisational competitiveness through automation, predictive analytics and intelligent decision support systems (Davenport and Ronanki, 2018). However, much of this literature focuses on organisational-level outcomes, including productivity improvements, profitability and customer satisfaction, while employee-level consequences remain comparatively underexplored (Makarius et al., 2020). Furthermore, several scholars have questioned the assumption that technological investment automatically generates productivity gains, arguing instead that complementary human capabilities are required to realise the benefits of digital transformation (Jarrahi, 2018).
Employee digital competence has therefore emerged as a critical concept within digital transformation literature. Digital competence extends beyond technical proficiency and encompasses digital literacy, adaptability, problem-solving capability and technological confidence required to operate effectively within technology-intensive workplaces (van Laar et al., 2020). Previous studies have consistently reported positive associations between digital competence and employee productivity, innovation and learning capacity (Sousa and Rocha, 2019). Nevertheless, empirical research examining the interaction between artificial intelligence adoption, digital competence and employee performance remains limited, particularly within service-intensive industries such as banking.
Several important research gaps emerge from the literature. Theoretically, few studies integrate technology acceptance theories with strategic human resource management perspectives. Empirically, quantitative evidence examining the relationship between AI adoption and employee performance remains insufficient. Contextually, existing studies have predominantly focused on manufacturing and technology sectors rather than financial institutions. Finally, from a managerial perspective, limited guidance exists regarding workforce digital readiness and employee capability development strategies required for successful artificial intelligence implementation. These limitations provide strong justification for the present study and demonstrate its potential contribution to both academic literature and managerial practice.
[bookmark: _Toc234925463]3. Methodology
The purpose of this chapter is to explain and justify the methodological choices adopted to investigate the relationship between artificial intelligence adoption, employee digital competence and employee performance within the United Kingdom banking sector. In accordance with the research aim and hypotheses, the study adopts a quantitative methodological design that allows for the objective measurement and statistical examination of relationships between the proposed variables. A rigorous methodology is essential to ensure the validity, reliability and credibility of the research findings while enabling the study to make meaningful theoretical and practical contributions.
[bookmark: _Toc234925464]3.1 Research Philosophy
The study adopts a positivist research philosophy, which assumes that social phenomena can be objectively measured and analysed using empirical observation and statistical methods. Positivism is particularly appropriate for studies seeking to test hypotheses and establish relationships between variables through numerical data analysis (Saunders, Lewis and Thornhill, 2023). Since the present research aims to examine the influence of artificial intelligence adoption on employee performance and test the mediating role of employee digital competence, a positivist approach provides the most suitable philosophical foundation. Unlike interpretivist approaches, which emphasise subjective experiences and meanings, positivism allows the researcher to generate findings that are generalisable across organisational contexts.
[bookmark: _Toc234925465]3.2 Research Approach and Design
The study employs a deductive research approach, whereby hypotheses derived from existing theories and empirical literature are tested using primary quantitative data. Deductive reasoning is consistent with the Technology Acceptance Model (TAM), which provides the theoretical basis for predicting relationships between technology adoption and behavioural outcomes (Davis, 1989). The research further adopts a cross-sectional explanatory research design, allowing the researcher to collect data at a single point in time and examine causal relationships between the variables under investigation (Bryman and Bell, 2022).
[bookmark: _Toc234925466]3.3 Data Collection Method
Primary data will be collected using a structured self-administered questionnaire distributed electronically through Google Forms and Microsoft Forms. A survey method is considered appropriate because it facilitates the collection of standardised data from a relatively large number of respondents while allowing for statistical analysis and hypothesis testing (Hair et al., 2022). The questionnaire will utilise a five-point Likert scale, ranging from 1 = Strongly Disagree to 5 = Strongly Agree, which is widely used in organisational and behavioural research due to its simplicity and reliability.

The questionnaire will consist of four sections:
· Demographic characteristics.
· Artificial intelligence adoption.
· Employee digital competence.
· Employee performance.
Measurement items will be adapted from previously validated scales to enhance construct validity and comparability with existing studies.
[bookmark: _Toc234925467]3.4 Population, Sampling and Sample Size
The target population comprises employees working within UK banking institutions, including commercial, retail and digital banks. Given the practical challenges associated with obtaining a complete sampling frame, the study will employ convenience sampling combined with snowball sampling techniques. Although probability sampling offers greater representativeness, non-probability approaches are frequently adopted in organisational research where access to respondents is restricted (Saunders, Lewis and Thornhill, 2023). The study aims to collect responses from approximately 80-100 banking employees, exceeding the minimum threshold commonly accepted for multivariate statistical analysis and improving the robustness of the findings (Hair et al., 2022).
[bookmark: _Toc234925468]3.5 Data Analysis Techniques
The collected data will be analysed using IBM SPSS Statistics Version 29. Data analysis will commence with data screening procedures to identify missing values, outliers and inconsistencies. Descriptive statistics will then be used to summarise respondent characteristics and variable distributions. To assess measurement reliability, Cronbach's Alpha coefficients will be calculated, with values exceeding 0.70 considered acceptable (Hair et al., 2022). Subsequently, Pearson correlation analysis will examine relationships between the study variables, while multiple regression analysis will test the direct effects proposed in the hypotheses. The mediating role of employee digital competence will be examined through hierarchical regression analysis, enabling the study to evaluate both direct and indirect relationships without requiring additional analytical software.

[bookmark: _Toc234925469]3.6 Ethical Considerations
The research will comply fully with university ethical requirements and the principles of informed consent, voluntary participation, confidentiality and anonymity. Participants will receive an information sheet explaining the purpose of the study and their right to withdraw prior to data submission. No personally identifiable information will be collected, and all responses will remain anonymous. Data will be securely stored on password-protected university systems and accessed only by the researcher and supervisory team in accordance with the UK General Data Protection Regulation (UK GDPR) and the Data Protection Act 2018.
[bookmark: _Toc234925470]4. Expected Findings
The primary aim of this study is to examine the impact of artificial intelligence adoption on employee performance in the United Kingdom banking sector and to investigate the mediating role of employee digital competence within this relationship. Based on the Technology Acceptance Model (TAM) and existing empirical literature, the study anticipates that artificial intelligence adoption will demonstrate a positive and statistically significant relationship with employee performance outcomes. Specifically, employees working in organisations with higher levels of AI integration are expected to report improvements in productivity, work efficiency, service quality and goal achievement due to reductions in repetitive tasks and enhanced decision-support capabilities (Davenport and Ronanki, 2018).
Furthermore, the study expects artificial intelligence adoption to positively influence employee digital competence. Increased interaction with intelligent systems, automation technologies and digital platforms is anticipated to encourage employees to develop stronger technological skills, digital literacy and adaptability to changing workplace requirements (Sousa and Rocha, 2019). In turn, employees possessing higher levels of digital competence are expected to demonstrate superior performance outcomes because they are better equipped to utilise technological resources, solve complex problems and adapt to digitally intensive work environments (van Laar et al., 2020). However, the study does not assume that artificial intelligence adoption will automatically generate performance improvements across all employees. 
Existing literature suggests that technological investment without complementary human capital development may produce resistance, technology anxiety and underutilisation of AI capabilities, thereby limiting organisational returns from digital transformation initiatives (Jarrahi, 2018). Consequently, the research expects employee digital competence to play a significant explanatory role in translating technological capability into employee performance outcomes. If supported, the findings would contribute theoretically by extending the Technology Acceptance Model beyond traditional technology acceptance behaviours towards employee performance outcomes within strategic human resource management research. From a managerial perspective, the findings may encourage banking institutions to prioritise workforce reskilling, digital capability development and continuous learning initiatives alongside technological investment strategies. Nevertheless, these anticipated findings remain provisional and subject to empirical verification through the analysis of primary survey data collected from UK banking employees.
[bookmark: _Toc234925471]5. Limitations
Despite the potential contributions of this study, several limitations should be acknowledged. First, the use of a cross-sectional research design restricts the ability to establish definitive causal relationships between artificial intelligence adoption, employee digital competence and employee performance because data are collected at a single point in time (Bryman and Bell, 2022). Second, the use of convenience and snowball sampling may limit the generalisability of findings to the wider UK banking workforce due to potential selection bias. Third, the study relies on self-reported questionnaire responses, which may introduce common method bias and social desirability bias (Podsakoff et al., 2003). Finally, access to employees from large banking institutions may restrict sample diversity. To mitigate these limitations, validated measurement scales, anonymity assurances and rigorous statistical procedures will be employed to enhance reliability and validity.
[bookmark: _Toc234925472]6. Timeframe
The research will be conducted over a sixteen-week period in accordance with the MBA dissertation schedule. The first phase will involve the completion of the dissertation proposal and ethical approval application. This will be followed by an extensive review of academic literature and the development of the survey instrument. Data collection from UK banking employees is expected to occur over a four-week period, followed by data cleaning, coding and statistical analysis using IBM SPSS Statistics. The final stages will involve interpretation of findings, dissertation writing, proofreading and submission. Establishing a realistic timetable demonstrates effective project management and enhances the feasibility of the proposed research (Saunders, Lewis and Thornhill, 2023).
Table 6.1 Proposed Research Timeline
	Activity
	Jul
	Aug
	Sep
	Oct

	Proposal Development
	✓
	
	
	

	Ethics Approval
	✓
	
	
	

	Literature Review
	✓
	✓
	
	

	Questionnaire Design
	✓
	
	
	

	Data Collection
	
	✓
	
	

	Data Analysis (SPSS)
	
	✓
	✓
	

	Findings and Discussion
	
	
	✓
	

	Final Editing and Submission
	
	
	
	✓
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[bookmark: _Toc234925473]7. Conclusion
This proposal has outlined the rationale, theoretical foundation and methodological approach for investigating the impact of artificial intelligence adoption on employee performance within the UK banking sector. The study specifically seeks to address an important gap in existing literature by examining the mediating role of employee digital competence in explaining employee performance outcomes in AI-enabled workplaces. By integrating perspectives from technology acceptance and strategic human resource management, the research aims to contribute both theoretically and practically to contemporary debates surrounding digital transformation and workforce capability development. The adoption of a quantitative methodology and robust SPSS analytical techniques is expected to provide reliable empirical evidence capable of informing organisational decision-making, employee development strategies and future human resource practices within the banking industry.
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