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Abstract
The rapid digitalisation of the recruitment has positioned LinkedIn has the prominent platform for the talent acquisition, particularly for the IT industry. The study examines effectiveness of LinkedIn as the recruitment platform for the IT startup companies in UK while focusing on its importance for supporting the talent acquisition process and enhancing job applicant outcomes while identifying the associated challenges. The study adopted a quantitative research approach and the study used a structured questionnaire administered to the individuals with experience in the application of IT roles in LinkedIn. The data are analysed using SPSS for employing the descriptive statistics, reliability analysis, correlation and regression analysis with the one sample t-test for addressing the research objectives. 
The findings of the study reveal that LinkedIn is perceived as the valuable recruitment tool particularly for facility in the recruited connectivity, job discovery, and the preliminary evaluation for the job suitability. However the overall job findings effectiveness is viewed moderately which indicates that LinkedIn complements rather than replacing the traditional recruitment systems. The study also demonstrates that LinkedIn enhances the applicant visibility and employability which the networking capabilities that enhance employer trust. Despite of these benefits, the notable challenges are seen including the privacy concerns, difficulty in evaluating The authenticity of the job postings and limited feedback. The study contributes to the digital recruitment literature by providing empirical evidences from the underexplored UK it startup context and offering the practical implications for the recruiters, job applicants, and the platform developers.
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Chapter 1: Introduction  
[bookmark: _nfapj3qqoqvv][bookmark: _Toc219415633]1.1 Background and Context 
Recruitment through social media has emerged as a transformative experience and practice in the modern human resource management practices, particularly in the technology driven industries. In the IT sector of the UK the startup companies are increasingly depending on the platforms including LinkedIn due to the capacity of reach to the large and diverse professionally active community. The data of Rsmuk (2024) indicate that in 2024 the number of Technology based startup companies in the UK increased by 22%. The data shows the total number of 51017 take companies in the UK which has been increasing significantly in recent years. The data of Statista (2025) also indicate that in the UK in 2025 almost 47.5 million users use LinkedIn actively for employment. In this way LinkedIn is providing a greater source of talent resources for the startup companies matching the individual expectations and organisation goals.
[image: ]
[bookmark: _Toc219415690]Figure 1.1: Number of LinkedIn Users in UK 
(Source: Statista, 2025)
For the startup IT companies, which often operate within the limited resources, these characteristics provide an essential opportunity for conducting the rapid and cost efficient hiring process compared to the traditional recruitment. The strong influence of the platform is also marked by Marwadi (2024) who notes that LinkedIn developed into a 42 billion GBP industry. 
The startup companies however face unique recruitment issues. Rocha and Grilli (2023) emphasize the early stage ventures face the issues of Limited capital and weak employer branding as well as intense competition from the established companies which offered the better wages and greater job security. These conditions make the access of the broad pool of potential candidates particularly in the technology skilled professionals essential for the survival and the growth. CIPD (2025) also supports this view highlighting that the community centric features of linked in enable the effective networking which is especially valuable for the startup companies with minimal budget of recruitment. 
Parallel to opportunities, Borrett and Strauss (2024) indicate that between 2020 and 2024, the software development role experienced 41% decline in job advertisements which signal the issues of the labour market and increasing competition for the highly skilled candidates. For the startups with Limited visibility, this decline makes the recruitment more challenging. Papers such as Rehman et al. (202) highlights the effectiveness of digital hiring which reduces the cost of hiring and enables data driven decision making. Concerns regarding information authenticity and reliability of online profiles continue to undermine the recruitment quality (Hosain and Liu, 2020; Ruparel et al., 2020). However there is a vital gap in the studies regarding finding the unique challenges of LinkedIn based hiring associated with the increasing competition for the talent acquisition which are relevant uniquely to the startup IT companies in the UK. The study in this context focuses on evaluation and analysis of the effectiveness of LinkedIn as a platform for the startup IT companies and also for the applicants such as the college and university students in the UK for talent acquisition and investigating challenges. 
[bookmark: _6fwrztxqjv9b][bookmark: _Toc219415634]1.2 Problem Statement 
Despite widespread adoption of LinkedIn as a recruitment platform, UK startup companies in the IT industry continue to experience significant challenges in sourcing and securing skilled professionals which are also associated with the external market vulnerability. The report of Partington (2025) indicates the unemployment in the UK has increased up to 5% in the July to September of 2025. This particularly indicates the reluctance of both the IT companies and the professionals in the UK. The economic slowdown in the UK has also impacted the job market causing a severe competition of the professionals while the companies are facing issues in choosing the appropriate professionals for their companies.
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[bookmark: _Toc219415691]Figure 1.2: Increasing unemployment rate in UK 
(Source: Partington,  2025)
The data from Inman and Almeida (2025) also indicated that the vacancy rate in the companies of the UK fell by 44,000 which is almost a drop of 5%. This particularly indicates the lack of intention of the employers for their employment action due to the economic issues. This economic slow down has also impacted the majority of startup companies causing further resource constraints regarding the hiring process in the company and the reduced job wage and compensation benefits to the employees.
Furthermore, networking inequalities and the digital skill related gaps also reduce effectiveness of the LinkedIn based front of the startup companies. As Peña et al. (2022) and Habets et al., (2021) Observe, candidates with the better networks attend the greater visibility potentially creating the bias recruitment outcomes. Another issue is associated with the privacy concerns and skepticism regarding how the personal data are used in LinkedIn getting the limitation of active engagement.(Ruparel et al., 2020). While LinkedIn theoretically supports the low cost hiring, startup companies in the UK continue to face the combination of structure and Technology related challenges as well as market barriers restricting the full effectiveness which created a critical need of empirical research focused on understanding how the companies use LinkedIn and the challenges they encounter.
[bookmark: _9a3tcwwnclve][bookmark: _Toc219415635]1.3 Research Aim and Objectives 
Aim
The aim of the study is assessing the use of LinkedIn and the challenges faced by the IT start ups in UK and the job applicants such as the students and applicants while using LinkedIn for employment purposes.  
Objectives
·  To explore how LinkedIn is used as a platform for hiring new talents for organisations
· To evaluate the effectiveness of LinkedIn for students and job applicants while gaining employment in IT startup companies. 
· To identify what challenges the IT startup companies and applicants face while using LinkedIn as a recruitment platform in UK
· To recommend solutions for mitigating the identified challenges in UK
Research Questions 
· RQ1: How do startup IT companies in the UK and job applicants currently use LinkedIn as a platform for sourcing and recruiting new talent?
· RQ2: What are the perceived benefits of using LinkedIn compared to traditional recruitment methods for job applicants in IT startup companies in UK?
· RQ3: What challenges and limitations do startup IT companies and students can face when using LinkedIn for talent acquisition?
· RQ4: What can be the possible solution for the identified issues? 
[bookmark: _ejrewufvy6fn][bookmark: _Toc219415636]1.4 Rationale and significance of Study 
While the current papers such as Davis et al. (2020) Explain the effectiveness of the use of linked in for the expansion of the professional networks, improving the candidate visibility and enhancing employability there are also measure issues associated with the IT startup companies for finding the professionals adequate and appropriate for their company and their goals. The greater number of users in the UK creates the essentialities of LinkedIn as the talent pool for the startup companies in the UK which require frequent hiring for sustaining growth. However, dependency on the labour market also creates barriers such as the economic slowdown and resource related issues while finding the appropriate candidates within the saturated job market and checking the profile authenticity and data privacy concern of the candidates (Inman and Almeida, 2025). 
A critical research gap in the recent literature emerges in the relation to these challenges. Majority of the existing research examines the broader role of LinkedIn in the professional networking, recruitment efficiency, and employer blending yet the unique experience of the startup IT companies remained underexplored. The vital challenges of the economic slowdown related issues and finding the candidates matching the job profile and maintaining competition with the incumbent IT firms for talent acquisition have not been explored in recent literature which creates the necessity of this research regarding analysing the unique challenges of the IT startup companies in the UK and the effectiveness of using LinkedIn. Moreover the minimal empirical evidence regarding the algorithmic tools and employer branding features that influence talent acquisition also create the need of the subsequent research regarding analysing the recruitment ecosystem features of LinkedIn which are effective for both of the candidates and companies while gaining larger consensus from the survey data of the IT professionals and startup company recruiters in the UK. 
[bookmark: _6zwmvrb9c4xg][bookmark: _Toc219415637]1.5 Scope and Limitation 
The research is exclusively focused on the UK IT industry and LinkedIn for sourcing the skilled professionals. It mainly includes a quantitative survey of the university and college students who are applying for jobs in LinkedIn in UK providing the insights into the platform effectiveness, and potential improvement strategies. The study also focuses on using the social cognitive theory for evaluating the dynamic learning environment related to social support and barriers and effectiveness of self-efficacy and knowledge. The other theoretical concerns including the social capital theory and self-determination theory are also applied in the research for evaluating the psychological needs of the professional communities and understanding the limitations of employer branding of the IT startup companies in the UK as well as challenges by the applicants. However the study is limited by the dependence on the self-reported survey response that can introduce bias, a sample restricted to the UK startups while not focusing on the generalised ideas regarding LinkedIn related issues and job market challenges. Additionally the research also excludes the other social media platforms and broader HR perspective and practices beyond LinkedIn based recruitments.
[bookmark: _rt8h1wmau02k][bookmark: _Toc219415638]1.6 Structure of Dissertation 
The research is divided into five chapters. The initial chapter of introduction develops the research objectives and Research questions while providing justification of the study and background data. The literacy review chapter provides the conceptual knowledge and the theoretical frameworks while identifying the literature gaps. Methodology chapter provides the outline of the data collection process and the just vacation of the choices of methodology. The data analysis chapter provides the results of the analysis while the fashion chapter provides the critical evaluation and analysis of the findings with the literature review. At last the conclusion chapter provides the conclusion of the study associated with the research objectives and the questions while discussing the research limitations and future research implications.


[bookmark: _Toc219415651]Chapter 2: Literature Review 
[bookmark: _heading=h.elkx78ilpc4v]2.1 Chapter introduction
This chapter concisely focuses on the different viewpoints of several authors and critiques about the chosen topic. Also, the chapter pays attention to the establishment of relevant theories. Furthermore, a clear literature gap and conceptual framework are delivered here for better understanding.
[bookmark: _heading=h.tl538w2dlee4]2.2 Historical context 
LinkedIn has grown to become the largest global professional networking platform since its inception in 2003 (Chang et al. 2023). It is known as the best place where organisations attract and evaluate talent. LinkedIn had taken the centre stage in digital recruitment as employers were moving away from job boards and towards algorithm-based sourcing platforms by the mid-2010s (Madsen et al. 2025). In the case of IT startups in general, the platform provided a low-cost means of accessing new talent pools globally and defining new employer brands. Consequently, with the growth of the platform to 900 million users, there was an increase in the competition to become visible (Sharafizad et al. 2025). Big companies with well-known networks, recruiting services, and significant brand recognition started to overpower the search engines and news feeds. At the same time, the changing algorithms of LinkedIn favoured interaction and network presence, and initially placed new barriers in the way of smaller companies (Kedi et al. 2024). These relationships help to reflect on the ways LinkedIn is presently enabling or restrictive to startup hiring. It also indicates what strategies would aid young firms to overcome their exposure, reputational, and ability-matching issues.
This part focuses on the history of LinkedIn and the opportunities it provides with respect to IT startups in the United Kingdom. It also focuses on the challenges and how the competition within the platform affects recruitment effectiveness and employer exposure.
[bookmark: _heading=h.c2das8ez7by6]2.3 Key terms
LinkedIn:
LinkedIn is a well-known professional social platform on which individuals and companies communicate, share updates, and seek opportunities (Cho and Lam, 2021). LinkedIn is an inexpensive and viable tool for UK IT startups to recruit, advertise and contact qualified applicants. It provides people with a space where they can present their skills, experience, and professional aspirations, and also allows employers to reach numerous professional populations.
Recruitment platform:
A recruiting platform is an online system that assists a business in seeking, administering and deciding on an applicant. LinkedIn achieves this purpose with services such as job advertisements, monitoring applications, and candidate suggestions via AI. This makes the hiring process easy and enhances decision-making in the startup because they often lack financial and human capital (Madanchian, 2024).
Talent acquisition:
Talent acquisition is the term that is used to describe strategic endeavours made by businesses to locate and recruit new staff (Palomäki, 2025). In IT companies, it is especially significant to hire individuals due to the high dependency on the attributes of creativity and technical expertise. LinkedIn simplifies these businesses in accessing specialised pools of talent. It otherwise might have been unwritable using the traditional recruitment approaches by allowing them to target individuals possessing specific technical talents in an active way.
IT startups:
It is the technology business. They often work under high pressure, act in a fast manner, and need specific skills in order to facilitate their growth (Melenchion et al. 2023). LinkedIn is becoming an important resource in reaching those who are workforce-ready due to the nature of several of these businesses being unable to afford expensive recruiting agencies or time-prolonged hiring processes.
Students and job applicants:
These include fresh graduates, workers who are still young in their careers and experienced workers seeking employment. Through LinkedIn, applicants can network with recruiters, build an online professional profile and follow career opportunities in the IT firms.
This sections has provided specific definition of main terminologies, therefore preserving not only the accuracy, consistency, and coherence of arguments provided in the study but also the clear connexion of the arguments to the position of LinkedIn in the recruitment of UK IT startups.
[bookmark: _heading=h.czwvh8v0qpl7]2.4 The ways IT organisations use LinkedIn as a platform for hiring new talent
Utilising the digital hiring platform of LinkedIn
A growing body of evidence suggests that IT firms are beginning to consider LinkedIn as being more of an online bulletin board as opposed to a digital recruitment ecosystem. To attract candidates that have specialised expertise such as cloud engineering, DevOps orchestration, or data security, the organisations use the filtering search feature, real-time analytics, and customised job adverts on the platform, as reported by Yusof (2024). However, recent studies apply Hybrid Recruitment Theory to argue that the value of LinkedIn is not simply in the digital sourcing but the integration of the data gained on the platform with more traditional forms of evaluation, e.g. skill-based interview or portfolio assessment (Rachmanda et al. 2022). The rationale behind this hybrid approach is that the IT labour market has a significant focus on the importance of accuracy and speed, and by doing so, it leads the recruiters to adopt a more proactive source approach by contacting the prospects even before they are accessible. Nonetheless, Laukkarinen (2024) suggests that LinkedIn is using algorithmic screening methods that could result in a narrowing loop that reduces the range of the diverse pool of applicants that arrive at the recruiting funnel by showing the same profiles. Consequently, the hybrid model interprets the power of LinkedIn as well as the possible disadvantages of relying on its digital cues solely.
Identification of talent via personal branding
Another recurrent question in the research is the impact that personal branding has on the perception of the IT firms regarding the applicant's eligibility. According to the study conducted by Roulin and Stronach (2022), LinkedIn provides employers with a broader range of behavioural signals than a fixed CV because it wants candidates to showcase their abilities by posting, showcases, and recommendations. These online cues, however, do not significantly affect the selection of candidates, and instead, recruiters are more likely to integrate them with other offline process components such as interviews, coding projects, and background checks, as described by Rubina Yeasmin (2024). On the other hand, Malik (2025) argues that this is a more complete picture offered by this hybrid assessment that is particularly useful in cases of startups that seek flexible and cooperative workers to thrive in high-uncertainty environments. Nevertheless, Stefanoff Jr (2023) warns about the illusion of experience created in polished online profiles, making it possible that the recruiters would be subjected to the influence of visibility rather than content. In such a way, the theory attracts attention to a conflict that occurs rather often: whereas LinkedIn extends what recruiters can possibly see, hybrid decision-making is needed to ensure that biases embedded in digital self-presentation are avoided.
Talent mapping based on data
To IT organisations, particularly those requiring the ability to anticipate shortages or absence of talent in the supply chain or demand response to shifting technology use, the data-driven insights provided by LinkedIn have been broadly recognised as a point of strength. Researchers such as Al-Quhfa et al. (2024) note that Talent Intelligence dashboards on the platform help businesses to map areas such as cybersecurity analytics and machine learning engineering, locate areas of skills within the region, and compare their recruiting activities with their competitors. According to Kambur and Yildirim (2023), despite the fact that digital analytics on LinkedIn can help identify potential candidates and demonstrate the situation in the market, traditional labour indicators, data on internal performance, and industry reports continue to be checked by the recruiters. Some scholars have welcomed this hybrid paradigm and argue that it leads to less intuitively based hiring choices and better ones. Wang et al. (2024) state that, as some might claim, predictive algorithms may favour an applicant who optimises their profiles, but not the applicant with the best functional skills. This criticism shows the necessity of merging the traditional evaluation approaches with the digital signals used by LinkedIn in order to avoid overdependence on the talent representations created on the platform.
Taking part in the development of talent and community, along with professional networks
Besides relying solely on direct searches with candidates, IT businesses can also utilise LinkedIn by creating professional groups (Yu et al. 2021). Chehore (2022) suggests that in making trust with specialised audiences, such as blockchain engineers, UX designers, or AI researchers, companies will participate in groups, technical talks, and webinars. Digital community is used as a layer of recruiting at the initial stages, which then fuels more traditional levels of hiring after a bond of trust and familiarity is established. Ancillai et al. (2023) argue that such a strategy can attract passive job seekers who prefer to get acquainted with employer content and then consider formal opportunities. Also, Koskinen (2025) presents the behaviour of employees as unofficial brand ambassadors, who mix their personal circles and the recruitment goals of the firm. Yet, this mixed approach is challenged because the over-reliance on internal networks can potentially end up strengthening existing labour groups instead of expanding them.
This section has provided an indication of evidence that IT startups use a hybrid recruitment approach that extends data analytics and digital branding strategies; despite giving LinkedIn the ability to streamline the hiring process, it is necessary to use human judgement to ensure the integrity of hiring decisions.
[bookmark: _heading=h.461eg3iseauf]2.5 The use of LinkedIn by students and job applicants to gain employment in IT startup companies
Raising awareness for employers 
According to the study of Loha and Chowdhury (2021), students and early job seekers find LinkedIn as a location where they can engage in raising awareness and not be found, but become found. IT companies usually consider LinkedIn profiles to be the first indicators of this potential, and they often tend to prefer those who are able to take initiative and quickly adapt. Researchers such as Minenko (2025) claim that students can present project work, short courses, and GitHub portfolios to demonstrate their readiness to work in the hectic environment of a startup. Further on this view, according to Rachmad (2025), the capacity to form digital identities that influence algorithm exposure and recruiter perceptions is a suggestion of the Personalised Digital Influence Theory, which suggests that this capacity to generate individual visibility on LinkedIn. Not all students are successful, however, in the same pattern. Opponents such as Mittal et al. (2024) indicate that it is challenging to transform academic achievements into engaging narratives, a fact that disposes of them in a system where individuals who already understand how digital influence works benefit. This difference brings attention to the long-running problem, which explains that LinkedIn visibility is often less about actual competence.
Creating network and involvement behaviours
The second field of study examines how students seek to establish their position through active engagement, including their ability to express their views, reply to the industry posts, and engage in a technical community discussion (Azizan et al. 2024). The advocates of this perspective argue that such measures will allow the candidates to display interest, communication skills, and cultural fit in a soft manner, which are all significant in the context of a startup. This assertion justifies why the repeated encounter increases the chances of appearing in the feeds of other users and enhances the perceived credibility of a user. Nonetheless, other scholars such as Deep and Chen (2025) caution that since not all students are likely to write regularly, due to a lack of comprehensive technical understanding, online engagement is a misleading one. Consequently, habitual influence is confused with competence, the so-called inflated influence effect, which occurs. According to Ghanbaripour et al. (2024), the subsequent conflict confuses the idea that active engagement with digital spaces can lead to better employability by supporting the opinion.
Utilisation of learning features, advanced tools, and involvement of employers
Researchers are beginning to pay increased attention to the way students select their development with the aid of built-in learning tools, skill assessments, and job-finding algorithms available on LinkedIn. A critical continuation of this argues that the platform shapes the user's perception of oneself depending on the skill sets one opts to display on it, besides being able to make content recommendations (Weiss and Glück, 2024). However, another issue raised in the literature is the way students would take senior engineers, HR managers or business organisation founders into their own hands. Beyari and Hashem (2025) say that personalised communications allow candidates to have a direct impact on communication through the establishment of relational touchpoints that cannot be replicated by algorithmic systems. Nevertheless, the other scholars remain sceptical, noting that cold outreach might not be effective when persons making decisions are bombarded by the same message. As well, students with marginalised or insecure backgrounds might be hesitant to initiate such discussions, and this would worsen the already existing disparities.
This part has highlight the potential of LinkedIn to make the professional network better known and visible, and also points to the tendency toward misrepresentation of the skills; therefore, the successful results depend on both online communication and professional abilities.
[bookmark: _heading=h.jgwq7r9kr4yb]2.6 The barriers that applicants and IT startup companies encounter while using LinkedIn as a recruitment platform
Inconsistent visibility 
A common challenge among applicants and IT startups on LinkedIn is the algorithmic transparency of the platform, which frequently dictates which person is seen and which one is virtually unknown. The study by Bauer et al. (2023) reports that LinkedIn ranking systems have an unintended bias of favouring users who have more networks and are active most of the time. Urdaneta-Ponte et al. (2022), assert that ranking systems algorithms give significance to relevance. On the contrary, DiPrete and Fox-Williams (2021), refute this by demonstrating that the past interactions determine relevance, thus intensifying existing disparities. This implies that a startup that has gone ahead to post its first vacancy is on unequal ground when it comes to competing with the already established firm in attracting regular engagement.
Consequently, these obstacles are also encountered by the applicants. Based on this, job seekers with fewer ties or a low profile of activities are normally not visible on the searches arrived at by recruiters. Even though they may be perfectly matched to the job requirement in terms of skills. According to Karaoglu et al. (2022), these functions are based on reliance on keywords and profile completeness, leading to a skewed meritocracy. Conversely, Sauer et al. (2024), assert that LinkedIn is designed in such a way that it amplifies social capital disparities among new graduates and those looking to change their careers. Therefore, LinkedIn institutions intensify the lack of visibility for qualified but underconnected candidates.
Skill job misfit and rigid profiling systems
The other significant obstacle is associated with the inflexible nature of the profile system of LinkedIn. This is characterised by a poor ability to capture the dynamic and hybrid nature of skill sets that are prevalent in the IT industry. Conversely, even though the platform is being used to entice users to add standardised skills, roles in the real industry are becoming more and more amalgamated. Rhea et al. (2022) mention that the categories of fixed skills offered by LinkedIn can hardly follow these newly formed combinations. This helps in creating a difference between what candidates can offer in real life and what employers can find. This is even more challenging for startups that contain multi-disciplinary and fluid positions. However, LinkedIn slides both posts and profiles into narrow verticals. Therefore, Memon et al. (2024), assume that kissword-expansion tools may be used to assist applicants in getting better jobs. Contrarily, Mönke et al. (2025), state that standardised skills merely introduce irrelevant outcomes. These kinds of limitations result in the end of wasteful searches, as well as lost opportunities on the part of both parties.
Inefficient matching and search history
LinkedIn has been viewed as a powerful force of matching because of the way the network system views fit. Similarly, the Search History enhanced Person-Job Fit or SHPJF model assists in the joint utilisation of the textual content of job descriptions or resumes and search histories of users  (Hou et al. 2022). According to this model, LinkedIn is progressively basing suitability on the patterns of clicks, past searches, and engagement behaviour of its users (Usera and Durham, 2025). Conversely, even though this method is meant to be more personalised in its recommendations, it may have the unintentional negative side of reducing potential. Moreover, as the applicants keep looking at the software engineering listings, the system eventually comes to the point of no longer showing them product or hybrid technical jobs, even though such jobs can be within their skill set. Hence, there is a similar constraint with the startups. Their past hiring behaviour causes certain candidates to have a higher profile, provoking the feedback loop, which reflects the needs of yesterday instead of the modern approach. Doan et al. (2022) note that this restricts many young IT firms that depend on flexible and multi-skilled talent. As a result, the SHPJF lens reflects the potential to limit the exploration and diversity, whereas algorithmic matching minimises effort.
The lack of trust, authenticity issues, and noise on the platform
Another crucial obstacle is associated with the aspect of trust and authenticity. Accordingly, frustrating reports are connected with old ads, slow responses of recruiters, and exaggerated abilities of new employees, which devalue LinkedIn as a viable recruitment platform. Startups, in their turn, also have their own authenticity issues. Similarly, they do not stand a chance of emerging as credible in the eyes of seasoned IT experts who might be attracted by the well-established employers due to their lack of brand presence. Kurek et al. (2024), point to the means through which platform noise, including AI-assisted CV generation, inundates recruiters with large numbers of applications that lack any significant relevance. This is where LinkedIn places this as increased accessibility. Aguinis et al. (2024), believe that engagement in the AI-assisted CV generation makes real applications difficult to detect. More importantly, these issues are interdependent in a way that low visibility is becoming the source of mistrust, mistrust causes a lack of engagement, and, in turn, engagement diminishes visibility. Thus, according to Laamanen and Mikołajewska-Zając (2024), the frictionless digital recruitment of LinkedIn is, in effect, limited by structural factors. Therefore, both the applicants and IT startups are systematically inconvenienced in unrelated yet extremely related systems.
Thus, it depicted that the algorithmic processes used by LinkedIn create inequality in showing up and give rise to trust issues. Ultimately, proving that structural limitations hinder effective recruitment on virtual platforms.
[bookmark: _heading=h.tq8kpy1zta8k]2.7 Effective strategies that are beneficial for IT organisations and applicants to mitigate the identified challenges regarding LinkedIn 
Building visibility by strategic engagement and network building
One strategy that is beneficial to significantly overcome the barriers to visibility of LinkedIn is an intentional, sustained collaboration between applicants and IT startups. According to the study by Sundström et al. (2021), engagement in terms of posting updates, commenting, and sharing raises the likelihood of the algorithm used by LinkedIn prioritising them. In turn, one of these arguments is made by Lukac and Grow (2021), who argue that ranking is a natural result of regular activity. Conversely, a challenge such as activity alone is not sufficient unless it is strategically aimed (Benedic, 2023). In the case of startups, it consists of community participation within such areas as emerging technology, presentation of product changes, and employee effectiveness in communication with job advertisements. On their part, applicants enjoy the advantage of presenting small work samples, learning experiences, or thoughts about the emerging technologies (Jeske and Olson, 2022). This kind of genuine interaction is an indicator of competence, unlike immobile profiles.
Matching profiles and job posts to solve skill-job mismatch
Another effective approach to the challenge of stiff skill sets at LinkedIn is to achieve a more lifelike and purposeful profile and job postings. According to Köchling et al. (2021), contextual detail assists recruiters when domains that the algorithm did not identify are identified. Startups also have been encouraged to post postings that feature project-based tasks, multi-functional requirements, and future skill requirements rather than focusing on pre-existing role titles. However, Cameron (2024) offers that job postings are not best suited to tailoring. Salmen et al. (2025) argue in favour of broad talents incentivised with the help of broad skill clusters. Unclear or too broad keywords, on the other hand, serve no purpose other than to generate noise. There is a balance in the approach which combines some of the necessary technical terminologies with some generalised descriptors which provide the dynamic character of startup work. Applicants can use achievement statements as they are, interweaving keywords in a natural language, and they never go invisible. 
Improving matching accuracy
It is crucial to personalise recommendation strategies to capture the varying needs and interests of the user. This standpoint is quite equivalent to the Digital Employee Experience or DEX model. DEX describes the ways individuals and organisations interact with digital platforms in a manner that determines satisfaction, productivity, and fit over the long run (Moganadas and Goh, 2022). Accordingly, to implement DEX principles in the startups, hitting the target through sharing the values, daily-in-the-life videos, or providing open access to details on working conditions can be taken into account. This would help applicants to interact with the content consciously, both in regard to their intended future career aspirations and without solely using automated recommendations (Parker and Grote, 2022). Thus, this would help applicants expand their opportunities instead of limiting them.
Building trust 
Credibility and genuineness are the keys to making an impression on applicants and the startups that are on LinkedIn. It is also advisable to adopt employer-branding practices which do not seem polished but come naturally. It is possible to share small team achievements, be frank about issues, and publish factual project updates to make such a presence feel more relatable and trustworthy (Dinh et al. 2021). Another way to convince the applicants is to ensure that they collect meaningful endorsements, request personalised recommendations and present realistic work samples. Speer et al. (2025) state that it is paramount not to take a risk of overstating skills or employing the application of generic descriptions by AI, which the recruiters can more and more readily identify. In their turn, recruiters would be able to inspire trust through transparency in terms of timelines, quick feedback, and providing realistic job information. 
A strategic involvement, brand clarity, streamlined profile development, and individualised interaction can all be beneficial in creating trust, visibility and accuracy of recruitment amongst the employers and job seekers.
[bookmark: _heading=h.rwcvdiw09k9a]2.8 Theoretical frameworks 
Hybrid Recruitment Theory
[image: ]
[bookmark: _heading=h.et3jqiwk1xs7]Figure 2.1: Hybrid Recruitment Theory
(Idea taken from Rachmanda et al. 2022)
One useful tool to understand the process of implementing mixture-based workflow by IT firms to integrate conventional methods of evaluation with digital recruitment tools, such as LinkedIn, to create fairer hiring decisions is the hybrid recruitment theory (Rachmanda et al. 2022). As the hypothesis suggests, online platforms cannot fully substitute interviews, coding exams, and portfolio assessments, despite being faster, more affordable, and providing an algorithmic insight. This perspective allows the study to explore the integration of digital signals and human judgment by IT entrepreneurs, and the study points out where LinkedIn is better at hiring people and where over-reliance on the platform may lead to blindness issues.
Personalised Digital Influence Theory
With the Personalised Digital Influence Theory, students and job seekers in an algorithm-based environment actively manage their presence in LinkedIn (Rachmad, 2025). It asserts that to a user, representations of abilities, forms of interaction, and online selves can make a difference in the occurrence and intended audience. With the method, the study can critically examine how candidates gain influence online, why certain candidates get disproportionate attention, and the effects of these customised signals on their likelihood of being found by the IT start-up recruiter.
Search History enhanced Person Job Fit or SHPJF model
The Search History-Enhanced Person-Job Fit or SHPJF makes the concept of LinkedIn influence recruitment between UK IT startups and job seekers more contemporary (Hou et al. 2022). It is based on the conventional This theory significantly states that the digital footprint of users reflects their evolving interests and capabilities, which allows the platforms to personalise job recommendations and candidate visibility (Laukkarinen, 2025). This implies that LinkedIn analyses the profile information as well as real-time activity to create a determination of suitability. Conversely, even though this enhances matching, it may also bring about algorithmic bias and affect narrow visibility. Therefore, the SHPJF can be used to describe these issues and the ways they can be remedied.
Digital Employee Experience or DEX model 
The Digital Employee Experience or DEX model provides a humanistic prism through which IT startups and job seekers in the UK negotiate LinkedIn in the recruitment process. Based on a study of the digital workplace, DEX focuses on the role of interactions of people with technology in creating satisfaction, identity, and long-term fit (Moganadas and Goh, 2022). In the case of LinkedIn, it implies a view of the site as the place of expression of culture, skills, and expectations. In the case of the startups, DEX emphasises clear, personalised branding, whereas with the applicants, it lays stress on curated profiles and meaningful interaction (Bauer et al. 2023). Thus, DEX assists in understanding the ways digital practices influence more equal and efficient employment.
[bookmark: _heading=h.610ltplun14m]2.9 Literature gap 
Current literature brings insights into the ways LinkedIn is utilised by IT startups and applicants, but there still appear to be evident gaps. In accordance, algorithm visibility, personal branding, and recruitment hybrid are rarely considered in one study, which restricts the knowledge of their combined influence on hiring. Similarly, minor information exists regarding the way these systems are experienced by students, early-career applicants, and small startups. In addition, there is no insight behind the research since it does not examine the ways a solution can be practically implemented to overcome LinkedIn's structural biases through the use of personalisation and DEX-based approaches. Therefore, it is crucial to collect further information and critically analyse and discuss it to significantly fill these gaps and obtain the overall results of this research.
This part explains why the application of several theoretical frameworks can enhance the understanding of the recruitment dynamics on LinkedIn. Similarly, support the creation of realistic interventions to enhance hiring practises within the UK IT startups.
[bookmark: _heading=h.lvzcdi359ysg]

2.10 Conceptual framework 

The obstacles that candidates and IT startups face while utilising LinkedIn for hiring.
Strategies that work well for IT companies and candidates to lessen the issues with LinkedIn
Establishing trust may be facilitated by strategic engagement, brand clarity, efficient profile creation, and personalized interaction.
Recent research sheds light on how IT startups and candidates use LinkedIn, but there are still noticeable discrepancies.

EFFECTIVENESS OF LINKEDIN AS A PLATFORM FOR STARTUP IT COMPANIES IN SOURCING NEW TALENTED WORKFORCE IN THE UK – WHAT CHALLENGES THE COMPANIES FACE AND WHAT POSSIBLE STRATEGIES CAN HELP TO MITIGATE THEM
How LinkedIn is used by IT companies to find and hire new employees
Students and job seekers using LinkedIn to find work in IT startups












[bookmark: _heading=h.vbki8suayxzz]Figure 2.2: Conceptual framework 
Visual under this section expounds on the interrelations between recruitment practises, barriers, and strategies against the theoretical backgrounds and thus presents a frameworked system of assessing the efficiency of LinkedIn.
[bookmark: _heading=h.k8a4k35hz8x4]2.11 Chapter summary
[bookmark: _heading=h.c1gxphwocz9k]This chapter succinctly focuses on various authors' perspectives and criticisms about the selected subject. The chapter also focuses on the development of pertinent theories. For a better understanding and a correct completion of the research, a clear gap and a conceptual framework are provided here.


Chapter 3: Methodology 
[bookmark: _iymv9bnbw47w][bookmark: _Toc219415652]3.1 Chapter Introduction 
The chapter outlines the methodological framework adopted for investigating the effectiveness of LinkedIn as a recruitment platform for the UK, its startup companies and the challenges encountered by both of the applicants and organisations. It provides a detailed justification of the research philosophy, design, and approach as well as the methods selected for addressing the study objectives. The chapter also ensures transparency by explaining why alternative methodological options were not adopted. By representing structured and coherent methodology, the chapter improves academic rigour of the study and supports the reliability and the validity of the findings developed from the quantity primary data.
[bookmark: _pi2epnl18fhz][bookmark: _Toc219415653]3.2 Research Onion 
The research onion serves as the structured framework which guides the logical sequences of the methodological decision in the research, ensuring the internal consistency across the different components. It also enables researchers to progress from the broader close the vehicle assumptions to the specific techniques employed for the data collection and analysis process (Saunders et al., 2019). 
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[bookmark: _Toc219415694]Figure 3.1: Research Onion Framework
(Source: Saunders et al. 2019)
In this study, the onion framework supports alignment between the positivist consideration and deductive reasoning with descriptive design. The importance is mainly dependent on ensuring that each methodological layer drains the next and reduces contradictions and enhances coherence (Bryman, 2016). By applying the research onion, the study maintains methodological clarity and allows the systematic justification of choices while improving credibility and academic robustness of research.
[bookmark: _ikm7yhpysnkm][bookmark: _Toc219415654]3.3 Research Philosophy 
Positivism is adopted in the study for guiding the philosophical aspect as it supports the use of objective, observable, and measurable data to examine the effectiveness of LinkedIn as a recruitment platform. This philosophy assumes that social phenomena can be studied by using methodology which are similar to those in natural sciences, making it appropriate for the study focused on quantifying the perceptions and behaviours and platform based experience (Bell et al., 2022). The positivism enables operationalization of the theoretical insights such as the algorithmic visibility, digital engagement patterns and the hybrid recruitment practices into the structured survey variables. The philosophy also improves reliability through the standardised data collection process which allows findings to be generalised in the context of the UK IT start-up sector. 
Interpretivism philosophy is not suitable as it focuses on the subjective meaning and qualitative insights, which contradict the objective of the study for measuring the trends through quantifiable indicators (Creswell and Creswell, 2018). Pragmatism is also rejected as it is unsuitable for integrating mixed methods which is beyond the scope of the study. The importance of the chosen philosophy is dependent on its ability of ensuring methodological alignment, maintaining objectivity and supporting the hypothesis given analysis (Bryman, 2016). Positivism therefore provides the robust epistemological foundations for evaluating LinkedIn recruitment effectiveness through the empirical and evidence based assessments. 
[bookmark: _6kqsu528i2ys][bookmark: _Toc219415655]3.4 Research Approach 
A deductive approach is adopted in the study as the research begins with established theories such as the hybrid recruitment theory, SHPJF and tests the applicability within the context of linked in based recruitment in the UK IT startup companies. The deduction supports development of the hypotheses and measurable questions that can be examined using quantitative survey data (Thomas and Thomas, 2021). This approach ensures that study progresses logically from the theoretical proposition to empirical observations. An inductive approach is not appropriate as the aim of the study is not generating the new theories yet testing the existing theories. Deductive reasoning is therefore evident for providing structure and theory based analysis regarding the recruitment patterns.
[bookmark: _4h0y2bkt6xt2][bookmark: _Toc219415656]3.5 Research Design 
A descriptive research design is employed as the study aims to systematically describe the current recruitment practices, challenges, and the user experience associated with LinkedIn without manipulating the variables. The design is also aligned with the quantitative strategy, which depends on structured survey questionnaires for collecting measurable data from the participants. As per Willmott (2020), descriptive design is appropriate for identifying the patterns such as the visibility issues and engagement behaviour with the perceived effectiveness. Experimental and exploratory designs are unsuitable as the study either focuses on establishing the casual relationships or exploring the new phenomenon of. The chosen design therefore uses clarity, replicability and analysis of objectives regarding the role of LinkedIn for IT startup recruitments. 
In terms of achieving the conclusion, each of the objectives are turned into the variables of the research for framing the survey questions. As an example for achieving the objective 1, the platform usage frequency, features used by the applicants are evaluated. The variables are derived from the literature review which helped in drawing the survey questions based on each of the objectives. 
[bookmark: _6sdgbu1h8nn0][bookmark: _Toc219415657]3.6 Data Type 
The study employs quantitative data, collected through the structured survey responses, as it enables the measurement of the attitude, behaviours, and the perceived challenges associated with the LinkedIn recruitment in a precise and objective manner (Iovino and Tsitsianis, 2020). The quantitative data is particularly suitable for the research as it supports statistical analysis which allows the patterns and relationships as well as the trends to be identified across the large group of the respondents. In contrast, qualitative data would generate subjective, narrative insights that are less suitable for generalization and would not allow with the positivist and deductive foundations of the study (Firdaus et al., 2021). The quantitative data therefore provides greater reliability, comparability and suitability for evaluating platform based recruitment phenomena. 
[bookmark: _13btxt87367r][bookmark: _Toc219415658]3.7 Data Collection Process 
The primary data was collected in the research through a structured online survey distributed to the university and college students of the UK who actively apply for the IT roles in the startup companies of the UK through LinkedIn for entry level jobs. The participants were conducted through the targeted social media advertisements and professional networking groups in LinkedIn and Facebook. Only the voluntary interested participants are contacted for the data collection process where the survey link through the Google form was disseminated and shared through the direct email invitations. This approach ensured accessibility, wide reach, and convenience for the respondents. A total of 80 surveys were distributed, from which 40 valid responses were obtained as final. The primary data was chosen as it provides the first hand to contemporary insights into the applicant experience that secondary data cannot capture. If there is a literature gap associated with visibility and algorithm related challenges and recruitment engagement, primary would have been essential for getting the raw data to bridge this literature gap. In this context a structured survey questionnaire including 15 questions are utilized for gathering the response. Two of the demographic questions are asked where the rest questions are based on the Likert scale Responses (Strongly Agree 1, Strongly Disagre 5). The data collected from the Google form are recorded at first in a MS excel file. 
The non-probability purposive sampling method was used as the study specifically required participants who had experience using LinkedIn for job applications in the startup IT companies in UK. This method is justified as it efficiently targets individuals who can provide the relevant and meaningful data aligned with the research objectives (Mishra and Alok, 2022). Additionally, purposive sampling is suitable when the research population is specialised and not easily accessible through random sampling.
Links between research objectives and survey question 
For enhancing the methodological transparency, the study explicitly linked the research objectives and questions with the survey questionnaire. Each of the research objectives is operationalised with the specific survey question. In the case of first objective which explore how the applicants and startup IT companies use the LinkedIn for recruitment, the survey focused on the questions related to frequency of platform usage and types of the recruitment features applied in the LinkedIn. For the second objective, which evaluates the effectiveness of LinkedIn for job applicants, the likert scale questions such as ease of use, visibility to the recruiters,  and perceived success are evaluated. For the third objective which focus on the challenges of LinkedIn usage, te questions emphasized on the issues such as algorithmic issues of visibility of the job notifications, competition for achieving responses and profile authenticity. The fourth objective is focused on the matters such as recommended mitigation strategies, in this case the 15th question of survey has focused on the ideas of the applicants such as transparency of recruitment strategy, employer branding and communication strategies. [Refer to Appendix 1]
[bookmark: _imandi65pnu0][bookmark: _Toc219415659]3.8 Data Analysis 
The data analysis is conducted using the SPSS, employing both of the descriptive and inferential statistics techniques. The data are first cleaned and coded as per the Likert scale in MS Excel file (Strongly Agree 1, Strongly Disagree 5). The descriptive statistics is evident for summarising the demographic characteristics and the key response patterns, health inferential tests including regression, ANOVA, and correlation analysis is evident for examining relationships between variables including visibility, engagement, and perceived effectiveness. Reliability is evaluated through the Cronbach’s Alpha Test (> 0.70) to initial the internal consistency of the scales. The data generated from the findings are related to the literature review chapter for the better cross-referencing and aligning with the literature gap and theoretical framework (Dubey and Kothari, 2022). The alignment and critical discussion of the findings are evident for reaching a conclusion about analysing effectiveness of using LinkedIn for recruitment in IT Startup companies of UK. 
The descriptive statistics are used for summarising the perceptions of the respondents regarding the use, effectiveness, and a challenges as well as the mitigation strategies associated with the LinkedIn based recruitments. The majors including the mean and the standard deviation are applied in the Likert scale items for identify the overall tendency of responses and the variability. The technique was particularly suitable for addressing the first, third, and The fourth research question which focused on exploring the usage patterns and perceived challenges including the recommended improvements rather than the casual relations. 
A one sample t-test was also employed for examining if the perceptions of the respondents significantly different from the neutral midpoint value. The taste was appropriate for evaluating the research objective 1 and it allowed the assessment of whether LinkedIn features including the recruiter connectivity and job search tools, profile evaluation methods are perceived as significantly effective rather than neutral. 
The correlation analysis was also used for examining the strength and the direction of the relationship between the key variables including the visibility, employability enhancement, networking developments, privacy concerns, and authenticity issues. This method was suitable for the second and third research objectives as it enabled identification of associations without assuming the casualties. 
The linear regression analysis was also conducted for evaluating the predictive influences of LinkedIn related factors on the visibility and engagement of the applicants. This technique was applied in the secondary search question for determining if the variables including the employer trusts, networking skills and employability enhancement significantly predicted the recruitment outcomes. The regression analysis was also selected as it allow the examination of relative contribution of multiple independent variables while controlling the other factors.
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[bookmark: _Toc219415695]Figure 3.2: Step-by-Step Data Analysis process
(Self-Developed)
[bookmark: _bzmszms1swxd][bookmark: _Toc219415660]3.9 Time Horizon 
A cross sectional time horizon is adopted for the study as the data was collected at a single point rather than across multiple phases. This approach is appropriate as the study focuses on capturing the current perceptions and experience of the LinkedIn users regarding the recruitment practices in the IT startup companies of UK especially among the university and college students who are applicants for the entry level jobs. A longitudinal design is not chosen in the study due to the time constant (Verma et al., 2024). The cross sectional approach aligns with the descriptive and quantitative design which allow efficient collection of the analysis of data and reflecting existing recruitment challenges and trends.
[bookmark: _sftxks3nj9r1][bookmark: _Toc219415661]3.10 Ethical Considerations 
The ethical standards were maintained throughout the study for ensuring participant protection and research integrity. The respondents were informed about the purpose of the study and their voluntary participation, and the right to withdraw at any stage of the study without consequences. Anonymity and confidentiality of the data were assured by avoiding the collection of personal identifiers and securely storing all the responses. The data was used exclusively for academic purposes and process in compliance with institutional ethical guidelines. The participants provided informed consents before collection of the data or completing the questionnaire. No deceptive practices were conducted and the data are secured within the university OneDrive library with ID and password protection from third party access.
[bookmark: _tmwlf3j7j5tw][bookmark: _Toc219415662]3.11 Summary 
This chapter presented a structured methodology aligned with the aim of the study evaluating the effectiveness of LinkedIn for the UK IT startups. A positivist philosophy, deductive approach, descriptive design and quantitative primary data enabled objective measurement of the user experience and recruitment challenges. The survey strategy allowed the efficient data collection process from the relevant applicants while the SPSS supported analysis with better reliability. However different limitations exist in the methodology. The purposive sampling restricted generalizability while the cross sectional design prevents assessment of the changes over the time. Moreover the self-reported survey response can introduce bias which can divert the findings of the data while choosing a limited and small sample size.


[bookmark: _Toc219415663]Chapter 4: Findings and Results 
[bookmark: _h8zkeyag11yi][bookmark: _Toc219415664]4.1 Introduction 
The chapter presents the empirical findings derived from the quantitative data analysis conducted using the SPSS collected through the survey using the Likert Scale  questionnaire (Strongly Agree 1, Strongly Disagree 5), in direct alignment with the aim of the study, which is focused on evaluating the effectiveness of LinkedIn as a recruitment platform for the IT startup companies in the UK and also identifying the challenges faced by the applicants.  The chapter systematically reports the results obtained from the descriptive and inferential statistics tests applied   to the survey data collected from the 40 respondents with the previous LinkedIn job application experience. The analysis is structured as per the research objectives to ensure the clarity and coherence and logical progression. The finding sections focused on the presentation of these statistical outcomes without any interpretations and allowed the objective representation of the respondent’s perceptions regarding the LinkedIn usage, its effectiveness, challenges and the solutions, aligning each of the research objectives and questions. The findings of the survey provide empirical foundations for the subsequent critical discussion and development of the conclusion of the study. While the chapter primary presents the statistical outcomes, the brief evaluation commentary is also included for highlighting the notable patterns and strengths.
[bookmark: _huh2dzrgfg4][bookmark: _Toc219415665]4.2 Results of Primary Quantitative Data 
[bookmark: _eljhii8wb83a][bookmark: _Toc219415666]4.2.1 Reliability of the scales and Variables 
The reliability analysis demonstrated the measurement instruments used in the study have a satisfactory internal consistency. As shown in the case processing summary, a total of 40 valid responses were included in the reliability test where 18 cases were excluded with a listwise deletion process due to the missing values in some answers. The Cronbach’s alpha value for the 12 Likert scale items is 0.796, which exceeds the commonly accepted threshold of 0.70 in Figure 4.1. 
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[bookmark: _Toc219415696]Figure 4.1: Cronbach’s Alpha test for Reliability of the Variables 
(Self-Developed)
The result indicates the better level of reliability and suggests that the items are consistently measuring the related aspects of the underlying constructs associated with the LinkedIn usage, effectiveness of the use and challenges. The results mainly imply that the survey items are sufficiently correlated without being redundant and ensure the dependable measurement quality. The Cronbach’s alpha test ensured the questionnaire is robust and appropriate for examining the perception. 
[bookmark: _1556d8z9wun2][bookmark: _Toc219415667]4.2.2 Use of LinkedIn for Hiring new talents 
The first objective and the first research question of the study was particularly focused on analysing the use of LinkedIn for the talent acquisition process among the applicants and among the companies in the IT companies which are start-up. Therefore the four survey questions are associated with this aspect regarding analysing the effective platform usage, connecting the recruitments with hiring managers, use of the job search features, and LinkedIn profile evaluation process and culture suitability as per job. A descriptive analysis is done in the figure 4.2 which records the 40 valid responses. The mean score for the statement that links in his an effective platform for finding the IT job is 2.80 which suggests the moderate agreement, though with the relatively higher dispersion (SD= 1.381), that reflects diverse user experience. The stronger agreement is observed for the role of LinkedIn in connecting the recruiters and applicants in the IT startup companies with the lower mean of 2.45 with the comparatively lower standard deviation of 1.280 that indicates consists and perceptions. 
[image: ]
[bookmark: _Toc219415697]Figure 4.2: Descriptive statistics about the Use and efficiency of LinkedIn for recruitment 
(Self-developed)
The usefulness of the job search feature of LinkedIn such as the filters, alerts, and recommendations records a mean of 2.28 with the standard deviation of 1.261 that highlights positive evaluation of these functional tools in identifying the relevant IT job roles. Similarly, the ability of LinkedIn profiles to provide the sufficient information for evaluating company culture and suitable for a job also showed the mean of 2.28 yet it has the higher variability of 1.396 as standard deviation. The results in that case indicate that respondents generally agree that links in effectively support talent acquisition activities and demonstrate received utility in the IT recruitment context.
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[bookmark: _Toc219415698] Figure 4.3 One sample t-test result
(Self-developed)
The one sample t-test was also conducted for examining if the perception of the respondents regarding the role of LinkedIn in talent acquisition significantly differed from the neutral midpoint (Test Value = 3, Neutral = 3 as per Likert Scale), addressing the first objective. The result in the figure 4.3 indicates the mixed yet meaningful outcomes across the 4 items for the variables. The statement that LinkedIn is an effective platform for finding the IT job opportunities produced a mean score of 2.80 and was not statistical is significant (t = - 0.916, p = 0.365) which suggest that respondents neither strongly agree nor disagree beyond the neutral position. In contrast, the ability of LinkedIn to help the users connect with the recruiters and the hiring managers also shows significant results (t = -2.718, p = 0.010), with a main difference of -0.5, indicating agreement that this function supports talent acquisition. In the similar vein, the usefulness of the job search feature of LinkedIn was strongly significant (t = -3.637, p = 0.001), which demonstrates the factors that the filters and the alert and recommendations help in discovering the relevant IT job roles for the applicants. The provision of sufficient information through the LinkedIn profile to evaluate the company culture and the job suitability was also statistically significant (t = -3.285, p = 0.002). Overall, the findings suggest that while the general platform effectiveness is perceived moderately, specific recruitment related features significantly contribute  to the role of LinkedIn in talent acquisition.  The results mainly indicate that respondents the differentiate between the general job finding platform and LinkedIn and its specific functionalities of recruitment. While the job acquisition effectiveness remain moderate, the features including the recruiter connectivity and job search tool demonstrates better perceived value. This mainly suggest that LinkedIn is evaluated positively as a facilitative recruitment mechanism. The results in this context indicate that as per the first research question the functionalities such as the filters, alerts and the effectiveness of the communication with the hiring managers in It companies are the effective aspects. 
[bookmark: _d9sl9g9ye1o8][bookmark: _Toc219415668]4.2.3 Effectiveness of LinkedIn for getting employments 
The second objective of the study  was particularly focused on the analysis and evaluation of effectiveness of LinkedIn for achieving the employment chances. In that case the four variables are an analysed as per the second objective such as the perceived improvement of the employment chances with greater visibility and engagement, role of LinkedIn for employment through the features of endorsement, skill assessment and networking, and perceived effectiveness of LinkedIn for enhancing the networking capabilities of participants. 
A Pearson Correlation analysis was conducted for addressing the objective 2. The results in figure 4.4 indicates that there is a statistically significant relations among the key variables discussed above such as visibility enhancement through the features of endorsement, skill assessment and networking (r= 0.480, p = 0.002). This suggests that greater visibility on LinkedIn is associated with the higher perceived employability. Additionally, the visibility was positively correlated with the development of professional networking skills (r = 0.323, p = 0.042), which indicates that the engagement on LinkedIn contributes to the networking capability even after weaker association. A strong positive relationship was also observed between the employability enhancement and networking skills development (r = 0.481, p = 0.002), which highlights the interconnected nature of LinkedIn’s professional development features. 
[image: ]
[bookmark: _Toc219415699]Figure 4.4: Pearson Correlation result as per Objective 2 
(Self-developed)
The descriptive statistics result for the second objective which is shown in the figure 4.5 indicates the general positive perceptions regarding the effectiveness of LinkedIn for the job applications in the IT sector. The statement relating to the improved visibility and engagement with the IT employers report it means core of 2.65 (SD = 1.292), reflecting the moderate agreement yet with some variation in the experiences. The stronger agreement is observed for the employability enhancement through the LinkedIn features such as the endorsement and the skill assessment with the networking that record its lowest mean of 2.08. The perceptions of the employer trust in the profiles of LinkedIn compared to the traditional CV showed a mean of 2.32 which suggest the favourable views. It mainly indicates that perceived effectiveness of LinkedIn is seen regarding the job applications.
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[bookmark: _Toc219415700]Figure 4.5: Descriptive Statistics result as per Objective 2
(Self-Developed)
A linear regression analysis was also conducted associated with objective 2 which is shown in the figure 4.6. The result indicates that the model is statistically significant (F = 7.041, p = 0.001). It demonstrates that LinkedIn related factors meaningfully predict the visibility of applicants to the employers meaningfully. The model explains 37% of the variance in the visibility and engagement ((R² = 0.370), reflecting a moderately explanatory power. Among the predictors, the employer trust in the LinkedIn profiles emerged as the only statistically significant contributor (β = 0.406, p = 0.010), highlighting the central role in improving the visibility of applicants. The employability enhancement features and networking skills development were not statistically significant predictors even after being positively related.
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[bookmark: _Toc219415701]Figure 4.6: Linear Regression result as per Objective 2
(Self-Developed)
The overall results of the inferential statistics mainly indicates that the use of features including the skill development of networking and endorsement are the essential factors which enhance the chance of getting employment for the applicants while using LinkedIn. The results also indicated that LinkedIn also helps in improving the visibility and engagement while it also improves the professional networking skills which are relevant for the IT careers. The regression results highlight that not all of the LinkedIn related factors contribute equally to the applicant visibility. Although the multiple variables show the positive relationships, the employer trust is considered as the most influential predictor. This mainly indicate that hierarchy among the link in effectiveness factors are essential for shaping the recruitment outcomes. As for the second research question, the study results indicate that the perceived benefits are associated with the endorsement, skill assessments and the CV visibility and engagement, which mainly attracts the applicants in the IT industry of UK. 
[bookmark: _hfctg8lmibqy][bookmark: _Toc219415669]4.2.4 Challenges Faced by Applicants and Companies while using LinkedIn 
The third objective of the study focused on analysing the major barriers and challenges associated with the use of LinkedIn for finding the employment opportunities in the IT startup companies in the UK. The variables of the major challenges mainly include privacy related concerns of the profile and data, challenges of evaluating authenticity of the profiles and its reliability of the postings, the limited responses of the recruiters and its impact on effectiveness on the job application.
In this context a descriptive statistics is evaluated which is present in the figure 4.7. The concerns regarding privacy and the use of personal and professional data on LinkedIn produced a mean score of 2.53 with the standard deviation of 1.261, that indicates moderate agreement announced at the variability in the user concerns. In the similar manner, difficulty in evaluating the authenticity and reliability of the job postings and employer profiles also recorded a mean of 2.53 with a standard deviation of 1.198, highlighting this issue is a notable challenge among the respondents. The limited recruiter responses emerged as the most strongly perceived limitation with the lower mean of 2.35 that suggest comparatively higher agreement that this factor reduces effectiveness of the job application in the LinkedIn platform.
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[bookmark: _Toc219415702]Figure 4.7: Descriptive Statistics Result as per the Objective 3
(Self-developed)
A Pearson Correlation was also conducted and is presented in figure 4.8 examining the relationships among the challenges while using LinkedIn as the recruitment platform. The results indicate a positive yet weak correlation between the two variables of authenticity and the reliability of job posting and privacy concern (r = 0.305). However, the relationship is not statistically significant at 5% significance level (p = 0.056), which suggests respondents who are concerned about the privacy of data also tend to question the authenticity of job posting, and this association is not conclusive. The findings mainly imply that privacy concerns and authenticity issues may not coexist yet are not necessarily driven by the same underlying factors.
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[bookmark: _Toc219415703]Figure 4.8: Result of Correlation test as per the Objective 3
(Self-developed)
In summary when considered alongside the descriptive statistics, the results in the third objective reveals that applicants moderately agree that privacy issues, authenticity of the job postings and limited recruiter responses are the key challenges when using LinkedIn. While these challenges are evidenced individually, the correlation indicates that they are not associated with each other. Although the privacy concerns are effective, authenticity issues, and limited responses of recruiters are perceived as the challenges while the non-significant correlation suggest that we is various function independently rather than reinforcing each other. This mainly indicate that improvement of an aspect may not automatically resolve the other issues which highlight the multifaceted nature of the recruitment challenges through LinkedIn. Therefore, as per the results, the limited visibility and the issues such as lack of reliability and authenticity of the profiles are the main challenges of using the LinkedIn by the applicants. 
[bookmark: _lx94hxnbplvf][bookmark: _Toc219415670]4.2.5 Solution for Mitigating the challenges and Effective use of LinkedIn 300
The fourth objective emphasized finding the solution for the challenges found in the third objective of the study. In this context, transparency enhancement and communication support are considered to be a major solution. A descriptive statistics test is done which is presented in the figure 4.9.
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[bookmark: _Toc219415704]Figure 4.9: Descriptive Statistics Results as per Objective 4
(Self-developed)
The statement advocating the enhanced transparency, communication and applicant support recorded a low mean score of 2.10 which reflects clear agreement given as per the Likert Scale orientation (Strongly Agree - 1). The standard deviation of 1.194 suggests moderate variability and indicates that while most of the respondents support such improvements, the intensity of the agreement differs slightly across the individuals. However the result demonstrates that respondents strongly perceive the current recruitment process in LinkedIn as an improvement regarding communication and transparency. The findings provide empirical support for recommending the platform level improvement for addressing previously identified challenges. The strong agreement regarding the transparency and communication improvements indicate a clear priority among the respondents. Compared to the previously identified challenges, this solution received one of the lowest mean score that suggest the higher consensus and perceived feasibility are effective. This highlight that transparency is a central factor within the recruitment process of LinkedIn. As per the fourth research question, the aspects such as the enhancement of authenticity checking and the improvement of transparency can be the effective solution for mitigation of the issues such as reliability of the profiles in LinkedIn. 
[bookmark: _u4uqce68i6xu][bookmark: _Toc219415671]4.3 Summary 
The chapter presents its imperial findings from the quantitative analysis which was conducted using SPSS and structured as per the research object. Their results indicated that LinkedIn is perceived as an effective recruitment platform, particularly through the recruiter connectivity and the job search features, profile based information, yet the overall job finding effectiveness was viewed moderately. The finding also indicated that LinkedIn enhances job application effectiveness by improving the visibility and employability of the professional networking skills available among the employers and the applicants that improve trust to be a key predictor. Additionally, the privacy concerns and authenticity of its issues as well as the limited recruiter feedback are identified as e challenges. The respondents strongly supported that the need for improved transparency and communication can be the key features in this context which are evident for the subsequent discussion to draw conclusion.

[bookmark: _7rfz1fgccp9e][bookmark: _Toc219415672]Chapter 5: Discussion
[bookmark: _aeqt0sfreeqy][bookmark: _Toc219415673]5.1 Introduction 
The chapter of discussion particularly focuses on the critical analysis and evaluation of the data of findings and the results chapter to develop the conclusion. This chapter particularly focuses on aligning the findings with each of the research questions to evaluate if the aim of the study is achieved. Apart from that, the findings are also aligned with the findings of previous literature to show the arguments and counter arguments. The theoretical implications are also discussed as per the findings of the study from the survey and the academic contribution of the overall research is also indicated. While the chapter is essential for developing a conclusion, it also highlights the potential limitations of the findings of study.
[bookmark: _yltpz6bto0c][bookmark: _Toc219415674]5.2 Findings of The Study as Per the Research Questions 
The section critically aligns the empirical findings with each of the research questions while focusing on achieving the research aim at last. 
According to the first research question which focused on examining how LinkedIn is used for the talent acquisition process, the results indicate that respondents generally perceive LinkedIn as a functional recruitment platform. The descriptive statistics showed moderate agreement regarding the overall job finding effectiveness (mean - 2.80), well the stronger agreement was observed for the recruiter connectivity (Mean= 2.45) and job search features (Mean = 2.28). One sample t-test also confirmed that recruiter connection (p= 0.010), job search features (p= 0.001) and profile based evaluation of job suitability (p= 0.002) were statistically significant. This mainly demonstrates the existing literature related idea that LinkedIn and the social media tools are actively used for facilitating the recruitments rather than guaranteeing the employment outcomes (Lenasri and Shekhar, 2024; Lesenyego and Chukwuere, 2023). 
The second research question was particularly focused on exploring the effectiveness of LinkedIn for the job applicants and the findings provide strong empirical support. The descriptive results indicated the positive perception of the employability enhancement with a mean score of 2.08 and the professional networking development having a mean of 2.32. The Pearson correlation analysis also revealed significant relationships between the visibility and employability (r = 0.480, p = 0.002), as well as between employability and networking skills (r = 0.480, p = 0.002). The regression analysis also improved the conclusion with the model explaining 37% of the variance in the visibility of applicants with an R square value of 0.370 and the employer trust emerging as a significant factor. The findings in this context highlight the existing literature and ideas that LinkedIn and the social media applications are important for improving the visibility of the applicants to the employers that enhance the chances of employment. Moreover, LinkedIn is also vital for enhancing the networking skills of the applicants (Utz and Breuer, 2019). 
The third research question was particularly emphasized on identifying the key challenges which are affecting the effectiveness of LinkedIn. That descriptive statistics in this context showed moderate agreement on the privacy concern with a mean of 2.53 and The authenticity issues to have a mean of 2.53. The limited recruiter response is also seen as the vital challenge which has a mean of 2.32. The correlation result indicated a weak and non-significant relation between the privacy and authenticity concerns which have a p value of 0.056 which suggest that these challenges operate independently. However, the results indicate that limited recruiter responses and the privacy concerns are the major issue from the perspectives of the applicants while using LinkedIn for the recruitment and employment purposes (Gruzd and Hernández-García, 2018). 
The findings regarding the 4th research question indicates that transparency management and communication can be the evident solution for mitigating the privacy related issues and authenticity related conference. The results from the descriptive statistics indicate the mean score of 2.10 which shows the agreement of the respondents regarding the need for transparency and communication related factors for supporting the challenges identified in the previous research question (Urman and Makhortykh, 2023). 
In summer the findings largely support the existing literature while empirically extending it by quantifying the relative strength and interdependence of benefits and challenges of LinkedIn. The results are also an event for achieving the research aim of analysing the effectiveness of LinkedIn and the challenges faced by the applicants and startup IT companies in the UK.
[bookmark: _91eun4ksdj3s][bookmark: _Toc219415675]5.3 Alignment of Findings with the Literature review 
The empirical findings of the study largely align with findings of the previous literature while extending the arguments presented in the literature review regarding effectiveness and the limitations of LinkedIn as recruitment platform for the IT startups and job applicants of the UK. Consistent with the previous studies, the findings confirm that LinkedIn is perceived as an important recruitment and networking tool rather than a guaranteed employment mechanism. This supports the study of Davis et al. (2020), who argue that LinkedIn primarily enhances visibility and career related networking outcomes rather than the direct job attainment. The moderate agreement on the overall job fitting effectiveness also reinforced the hybrid recruitment perspectives proposed by Rachmanda et al. (2022), which suggests that LinkedIn is the most effective when used in traditional recruitment methods rather than used in isolation. 
The findings regarding the second objective strongest support the literature emphasizing the employability and networking as well as employer trusts. The regression results identify employer trust in LinkedIn profile as the main predictor of the applicant visibility align with the study of Roulin and  Stronach (2022) who argue that recruiters in the IT startup companies of UK increasingly depend on profile based behaviour insights when evaluating the candidates. However the results also partially contrast with the study of Stefanoff jr. (2023) Who focuses on the point that dependence on the online self-presentation can be a major challenge as the respondents perceived LinkedIn positively despite the limitations. 
Regarding the challenges, the findings closely focus on the existing conference of the literature and identify it in the second chapter. The privacy concern and the authenticity issues as well as limited recruiter feedback indicate the arguments of Ruparel et al. (2020) and Bauer et al. (2023), who argue that trust deficit and algorithmic visibility create the inequalities and also impact with the structural barriers. However the weak correlations among the challenges suggest that they operate independently while extending the previous research.
[bookmark: _yzviabawlipv][bookmark: _Toc219415676]5.4 Theoretical Implication of the Findings 
The findings of the study brightly align with the theoretical frameworks presented in the second chapter of the study while also offering the critical insights into the practical application within the UK its startup recruitment context. The hybrid recruitment theory strongly supports it in the findings as the results demonstrate that link-in functions primarily as the facilitative recruitment tool rather than standalone hiring solution (Kessler et al., 2012). The platform supports recruiter access, job discovery and preliminary evaluation while does not independently determine the employment outcomes and indicate the digital platform to complement rather than replace that traditional recruitment process (Lauring and Jonasson, 2024). 
The personalized digital influence theory is also validated by the findings which indicate that applicant visibility and perceived credibility on LinkedIn are shaped by the profile quality, networking activity and the employer trust. However the findings highlight a limitation of this theory, as enhanced visibility does not consistently translate into the recruiter engagement and suggest the structure and behavioural constraints with platform based recruitments (Hutmacher and Appel, 2022).
[bookmark: _m9c67ddeoejw][bookmark: _Toc219415677]5.5 Academic Contribution and Limitations of Study 
The study makes an academic contribution by empirically examining the role of LinkedIn in recruitment within the underexplored context of the IT startup companies of UK. It there for extend the existing digital recruitment literature. It integrates multiple theoretical perspectives to demonstrate how the recruitment effectiveness emerges from the interaction of the platform functionality, application of the self-presentation and the recruiter engagement rather than from the single mechanism view point. The study also contributes by differentiating among the perceived recruitment facilitation and the actual outcomes of the employment while addressing a gap in the previous research that often treats these as equivalent. However the study has limitations. The sample size was relatively small among 40 people and geography characteristics that create generalizability limitations. The use of self-reporter data can also introduce response bias and the cross sectional design also restricts causal inferences. 
[bookmark: _w8ocib9yx4oc][bookmark: _Toc219415678]5.6 Summary 
The study addresses the identified literature gap by providing the empirical evidence on the recruitment effectiveness of LinkedIn within the specific context of IT startup companies of the UK which is an area previously underrepresented in academic research. The findings in this context demonstrate that LinkedIn serves as the recruitment facilitation platform rather than an isolated mechanism which clarifies the constraints of the previous studies. Through integrating the theoretical perspectives with the quantitative analysis, the study develops the understanding of how applicant visibility and employability interact in the digital recruitment environment.


[bookmark: _f5k3jwjqxjbk][bookmark: _Toc219415679]Chapter 6: Conclusion and Recommendations 
[bookmark: _3uha46s23flw][bookmark: _Toc219415680]6.1 Conclusion 
The study mainly focused on examining the effectiveness of LinkedIn as the recruitment platform for the IT startup companies in the UK by addressing the four research object division questions allied with clearly identified and developed research aims. The findings demonstrate that research aim has been largely achieved while providing a comprehensive understanding of how LinkedIn supports the recruitment processes while also highlighting its inherent limitations. 
In response to the first research question, the study found that LinkedIn is actively used as a talent acquisition platform, particularly for the recruiter connectivity, job search facilitation and preliminary evaluation of the suitability of jobs. The findings in this case highlights that LinkedIn has a major role in supporting and enabling the recruitment process rather than functioning as a direct pathway for employment. 
As per the second research question, the findings indicate that LinkedIn is effective in enhancing the outcomes of the job applicants by improving the visibility, professional networking opportunities and employability. The analysis in this case highlights that trust in LinkedIn profiles is a central factor for the employer and also improves the applicant's effectiveness. It mainly highlights the importance of credible digital self-presentation in the online recruitment environment of LinkedIn. The findings also confirm that LinkedIn adds value to the competition of applicants within the dynamic IT industry of the UK. 
As per the third research question, the study identifies the key challenges which reduce effectiveness of LinkedIn. The privacy concerns, difficulties in evaluating the authenticity of job postings and limited recruiter feedback are perceived as the notable various. The challenges are found to impact the effectiveness of applicants independently rather than in the interconnected problem context. 
The fourth research question explores potential improvements with the respondents expressing strong support for the enhanced transparency, communication and the support mechanism of the applicants. This mainly highlights the importance of user centric platforms design and the proactive recruiter engagement for improving the digital recruitment efficiency. 
Despite the contributions, the study also has several limitations. The small sample size restricted the participation group and created a limitation for the general pliability of findings. The dependence on self-reported data also introduce response bias for evaluating the long term recruitment outcomes.
[bookmark: _xrhw0ovapytc][bookmark: _Toc219415681]6.2 Linking With Objectives 
The overall empirical findings of the research also live closely with each of the objectives of research and demonstrate how the results collectively address the overall research aim. 
The first objective of the study was focused on exploding the use of LinkedIn as a platform for the talent acquisition in the IT sector of the UK. The findings show that LinkedIn is actively utilized for the recruitment related activities among the job applicants including the undergraduate and postgraduate students particularly in making connections with the recruiters, supporting the job discovery through the search feature and allowing the applicants to evaluate the company culture and suitability of job. Even if the overall perception of LinkedIn as a job finding platform are moderate, the statistical results for specific re recruitment functions indicate that LinkedIn plays the facilitative role in the talent acquisition process among the companies (Aishu, 2023). 
The second objective of the study focused on evaluating the effectiveness of LinkedIn for the job applicants. The findings strongly support this objective as the respondents generally agreed that LinkedIn enhanced employability, professional networking process and visibility to the employers. The correlation and regression analysis in this case also revealed that these dimensions are interconnected with the employee trust in the LinkedIn profiles emerging as the key driver of applicant visibility. The result in this context indicates that LinkedIn contributes meaningfully to the effectiveness of applicants. It also improves the professional signal in the digital presence while achieving the second objective of study (Sundström et al., 2021). 
The third objective focused on identifying the challenges and the limitations associated with using hint in as the recruitment platform. The findings highlight different notable challenges, including the privacy concern and difficulties of evaluating the authenticity of job postings and limited feedback of the recruiters. While these issues are perceived as important, correlation analysis indicated that they operate largely independently then as a single problem. This understanding fulfils the third objective by not only identifying the key barriers yet also clarifying the distinct natures of the challenges (Eseryel et al., 2018). 
The fourth objective of the study was focused on identifying the possible solutions and the improvements for enhancing the effectiveness of the LinkedIn based recruitments. The results indicate strong agreement among the respondents and indicate the need for improved transparency, communication and applicant support. The findings directly support the 4th objective by providing empirical justification for the recommendation for the platform level improvement.
[bookmark: _37omtbhgn6lp][bookmark: _Toc219415682]6.3 Recommendations 
[bookmark: _1xxsz66jsm4z][bookmark: _Toc219415683]6.3.1 Short term Recommendations
In the short term, the IT startup companies and the recruiters can focus on the improvement of engagement and communication practices on LinkedIn. The recruiters are encouraged for providing the timely feedback to the applicants for maintaining the clear job description to reduce the concern regarding authenticity and transparency. The applicants can be guided on optimizing in the LinkedIn profile through the accurate skill representation, credible endorsements and the consistent professional activity for enhancing the employer trust. LinkedIn can also be introduced for the clear indicator of effectiveness regarding the job post verification and addressing the immediate trust. Additionally the organisations should also focus on the short term training session or guidance material for helping the applicants and recruiters effectively utilising LinkedIn features. 
[bookmark: _kv0wq6riqknk][bookmark: _Toc219415684]6.3.2 Long-term Recommendations 
In the long term recommendation, the companies should invest in understanding the advanced algorithmic improvements of LinkedIn for enhancing the job and person association for reducing the visibility bias. The stronger data governance mechanism can also be maintained for enhancing the privacy control to help address the persistent user concern. The startup companies can also integrate LinkedIn more strategically with the traditional recruitment processes such as structured interview and skill assessment for ensuring the balanced hiring designs. The continuous platform innovation focusing on trust and transparency is also vital for the long term recruitment efficiency.
[bookmark: _hdejcdm363p6][bookmark: _Toc219415685]6.4 Limitations of Study 
In the long term recommendation, the companies should invest in understanding the advanced algorithmic improvements of LinkedIn for enhancing the job and person association for reducing the visibility bias. The stronger data governance mechanism can also be maintained for enhancing the privacy control to help address the persistent user concern. The startup companies can also integrate LinkedIn more strategically with the traditional recruitment processes such as structured interview and skill assessment for ensuring the balanced hiring designs. The continuous platform innovation focusing on trust and transparency is also vital for the long term recruitment efficiency.
[bookmark: _i032ftqefocn][bookmark: _Toc219415686]6.5 Future Implications 
The future research can build on this study through employing the diverse samples across the different industries and geographic regions for enhancing the generalizability. The longitudinal study can examine the low perception of the recruitment effectiveness of LinkedIn and its evolution over the time according to the changes in the platform. The qualitative approaches including the interview of the recruiters and the applicants can also be done for providing the deeper insights into the decision making process and the user experience. The research in the future can also explore the ethical implications of algorithm based recruitment and investigate how emerging technologies including AI and Data analytics can improve transparency and fairness.
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[bookmark: _Toc219415689]Appendix 1: Survey Questionnaire 
Section A: Demographic Information
Q1. Are you willing to participate?
· Yes 
· No 
Q2. What is your current level of education?
☐ Undergraduate (Final Year)
☐ Postgraduate
☐ Diploma/Certification
Q3. Have you ever applied for a job or internship in the IT industry through LinkedIn?
☐Yes
☐ No
Section B: Likert Scale Questions
(Strongly Agree | Agree | Neutral | Disagree | Strongly Disagree)
Objective 1: Use of LinkedIn for Talent Acquisition
Q4. LinkedIn is an effective platform for finding job opportunities in the IT industry.
Q5. LinkedIn helps me connect with recruiters and hiring managers of IT startup companies.
Q6. LinkedIn’s job search features (filters, alerts, recommendations) are useful in discovering relevant IT job roles.
Q7. LinkedIn profiles provide sufficient information to evaluate company culture and job suitability.

Objective 2: Effectiveness of LinkedIn for Job Applicants
Q8. Using LinkedIn improves my chances of getting noticed by IT employers (visibility and engagement).
Q9. LinkedIn enhances my employability through features such as endorsements, skills assessments, and networking.
Q10. I believe that employers trust LinkedIn profiles more than traditional CVs for IT job applications.
Q11. LinkedIn has helped me develop professional networking skills relevant to IT careers.

Objective 3: Challenges and Limitations
Q12. I feel concerned about privacy and the use of my personal/professional data on LinkedIn.
Q13. I find it challenging to evaluate the authenticity or reliability of job postings and employer profiles on LinkedIn.
Q14. Limited recruiter response or feedback on LinkedIn reduces its effectiveness as a job application platform.
Objective 4: Possible Solutions / Improvements
Q15. LinkedIn should improve its recruitment process by enhancing transparency, communication, and support for applicants.


Appendix 2: Survey Responses 
Q1. Are you willing to participate in this survey?
	Response
	Frequency
	Percentage (%)

	Yes
	35
	87.5

	No
	5
	12.5



Q2. What is your current level of education?
	Response
	Frequency
	Percentage (%)

	Postgraduate
	30
	75.0

	Undergraduate (Final Year)
	7
	17.5

	Diploma / Certification
	3
	7.5



Q3. Have you ever applied for a job or internship in the IT industry through LinkedIn?
	Response
	Frequency
	Percentage (%)

	Yes
	34
	85.0

	No
	6
	15.0



Q4. LinkedIn is an effective platform for finding job opportunities in the IT industry
	Response
	Frequency
	Percentage (%)

	Agree
	10
	25.0

	Disagree
	10
	25.0

	Strongly Agree
	9
	22.5

	Neutral
	6
	15.0

	Strongly Disagree
	5
	12.5



Q5. LinkedIn helps me connect with recruiters and hiring managers of IT startup companies
	Response
	Frequency
	Percentage (%)

	Agree
	15
	37.5

	Strongly Agree
	10
	25.0

	Neutral
	6
	15.0

	Disagree
	5
	12.5

	Strongly Disagree
	4
	10.0



Q6. LinkedIn’s job search features are useful in discovering relevant IT job roles
	Response
	Frequency
	Percentage (%)

	Strongly Agree
	13
	32.5

	Agree
	12
	30.0

	Neutral
	8
	20.0

	Disagree
	6
	15.0

	Strongly Disagree
	3
	7.5



Q7. LinkedIn profiles provide sufficient information to evaluate company culture and job suitability
	Response
	Frequency
	Percentage (%)

	Agree
	14
	35.0

	Strongly Agree
	11
	27.5

	Neutral
	7
	17.5

	Disagree
	5
	12.5

	Strongly Disagree
	3
	7.5



Q8. Using LinkedIn improves my chances of getting noticed by IT employers
	Response
	Frequency
	Percentage (%)

	Agree
	12
	30.0

	Strongly Agree
	10
	25.0

	Neutral
	8
	20.0

	Disagree
	6
	15.0

	Strongly Disagree
	4
	10.0



Q9. LinkedIn enhances my employability through endorsements, skills, and networking
	Response
	Frequency
	Percentage (%)

	Strongly Agree
	14
	35.0

	Agree
	13
	32.5

	Neutral
	6
	15.0

	Disagree
	4
	10.0

	Strongly Disagree
	3
	7.5



Q10. Employers trust LinkedIn profiles more than traditional CVs
	Response
	Frequency
	Percentage (%)

	Agree
	12
	30.0

	Strongly Agree
	9
	22.5

	Neutral
	8
	20.0

	Disagree
	6
	15.0

	Strongly Disagree
	5
	12.5



Q11. LinkedIn has helped me develop professional networking skills
	Response
	Frequency
	Percentage (%)

	Agree
	14
	35.0

	Strongly Agree
	10
	25.0

	Neutral
	7
	17.5

	Disagree
	6
	15.0

	Strongly Disagree
	3
	7.5



Q12. Privacy concerns regarding personal/professional data on LinkedIn
	Response
	Frequency
	Percentage (%)

	Agree
	11
	27.5

	Strongly Agree
	9
	22.5

	Neutral
	8
	20.0

	Disagree
	7
	17.5

	Strongly Disagree
	5
	12.5



Q13. Difficulty in evaluating authenticity of job postings and employer profiles
	Response
	Frequency
	Percentage (%)

	Agree
	12
	30.0

	Strongly Agree
	9
	22.5

	Neutral
	8
	20.0

	Disagree
	6
	15.0

	Strongly Disagree
	5
	12.5



Q14. Limited recruiter response reduces LinkedIn’s effectiveness
	Response
	Frequency
	Percentage (%)

	Agree
	13
	32.5

	Strongly Agree
	13
	32.5

	Disagree
	7
	17.5

	Neutral
	4
	10.0

	Strongly Disagree
	3
	7.5



Q15. LinkedIn should improve recruitment transparency, communication, and support
	Response
	Frequency
	Percentage (%)

	Strongly Agree
	15
	37.5

	Agree
	13
	32.5

	Disagree
	5
	12.5

	Neutral
	3
	7.5

	Strongly Disagree
	2
	5.0
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