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[bookmark: _Toc228234718]1. Introduction 
Artificial intelligence (AI) is increasingly positioned as a key driver of transformation within health and social care, offering capabilities such as predictive analytics, decision support, workflow optimisation, and resource planning. Across policy and academic discussions, AI is frequently associated with improved efficiency, enhanced service responsiveness, and more informed organisational decision-making. However, much of the existing focus remains concentrated on acute and hospital-based care environments. In contrast, the relevance of AI within community care services remains less clearly understood, despite the growing importance of these services in delivering long-term and home-based care.
In the UK, community care services operate within a complex and pressured environment shaped by growing demand, workforce shortages, fragmented coordination, financial constraints, and increasing expectations around quality and accountability. The adult social care sector has faced sustained productivity challenges over the past decade while demand continues to rise, creating increasing strain on service delivery. Organisations delivering domiciliary and home-based care must manage staff scheduling, care continuity, communication, documentation, safeguarding responsibilities, and changing service-user needs, often with limited time and resources. These operational pressures create conditions in which digital innovation may appear attractive. In principle, AI could support community care organisations through improved scheduling, better identification of care risks, enhanced planning, and more efficient use of resources. Existing research indicates that AI tools can improve workflows and operational efficiency but also introduce new responsibilities and risks in implementation. Nevertheless, the relevance of AI in this sector cannot be assumed simply because it has shown promise elsewhere. (Skills for Care, 2022; Davenport and Kalakota, 2019).

The community care context is highly relational, person-centred, and ethically sensitive. Unlike highly standardised clinical environments, community care depends heavily on human judgement, trust, responsiveness, and contextual understanding of service users’ everyday needs. This means that the adoption of AI in such settings raises important questions not only about technical usefulness, but also about practicality, acceptability, staff readiness, data quality, ethical concerns, and the balance between technological efficiency and human care. Studies in social care highlight that while AI can support administrative tasks and decision-making, it also raises significant concerns regarding data privacy, bias, transparency, and ethical responsibility. Furthermore, research involving practitioners indicates that care professionals often express caution or resistance towards algorithmic decision-making systems, particularly where they may undermine professional judgement or trust.
Although the wider literature increasingly discusses the strategic potential of AI in health and social care, there remains limited empirical insight into how community care practitioners themselves understand its relevance, where they believe it may add value, and what barriers may affect implementation in practice. Current evidence suggests that AI adoption in care settings is often uneven, shaped by organisational readiness, training, and regulatory uncertainty, with concerns about safety, accuracy, and oversight remaining significant. This is particularly important for smaller care organisations, where innovation decisions are constrained by operational realities and resource limitations. Therefore, a more grounded and practice-oriented understanding is needed to evaluate whether AI represents a realistic and useful development for community care services rather than a purely aspirational policy and technology narrative.
Against this background, this study investigates the relevance of AI adoption within a UK community care setting through a pilot study of Respect Care Services. The study explores current operational challenges, staff and managerial perceptions of AI, perceived benefits, and key barriers to adoption. In doing so, it aims to contribute to both business and management knowledge and organisational practice, which is central to the requirement of this assessment. The paper is structured as a journal-style academic article, beginning with a review of relevant literature, followed by the research methodology, findings, discussion, and implications, before concluding with the overall contribution of the study.
[bookmark: _Toc228234719]2. Literature Review
[bookmark: _Toc228234720]2.1 Artificial Intelligence in Health and Social Care
Artificial intelligence (AI) has emerged as a significant driver of innovation in health and social care, with growing attention from policymakers, researchers, and practitioners. AI broadly refers to computational systems capable of performing tasks that typically require human intelligence, including learning, pattern recognition, prediction, and decision support. In healthcare contexts, AI has been applied in areas such as diagnostics, clinical decision-making, patient risk prediction, and administrative automation. These applications are often associated with improvements in efficiency, accuracy, and service delivery outcomes (Topol, 2019; Davenport and Kalakota, 2019).
Recent policy and research discussions in the UK highlight the increasing importance of AI in addressing systemic pressures within health and social care. Mistry (2025) notes that AI technologies are being explored to support workforce capacity, optimise resource allocation, and enhance care quality across services. Similarly, NHS England has identified AI as a key enabler of digital transformation, particularly in improving productivity and supporting decision-making processes (NHS England, 2022). These developments reflect a broader shift towards data-driven and technology-enabled care systems.
Despite these advances, the majority of AI applications have been concentrated in acute and hospital-based settings, where structured data, standardised processes, and technological infrastructure are more readily available. For example, AI has been widely used in radiology, pathology, and clinical diagnostics, where large datasets allow for algorithmic training and validation (Jiang et al., 2017). In contrast, the application of AI within social care and community-based services remains comparatively underdeveloped. This imbalance highlights a critical gap in both research and practice, particularly given the increasing reliance on community care systems to support ageing populations and long-term care needs.
In principle, AI offers several potential benefits for social and community care services. These include improving scheduling and workforce planning, predicting care needs, supporting risk identification (e.g. falls or safeguarding concerns), enhancing communication and coordination, and reducing administrative burden. Research suggests that AI-driven tools could enable more proactive and personalised care by identifying patterns in service-user data and supporting early intervention strategies (Bini, 2018; Reddy et al., 2020). In organisational terms, this aligns with broader management objectives related to efficiency, cost control, and service quality.
However, the adoption of AI in social care is not without significant challenges. Unlike clinical environments, community care settings are characterised by high variability, relational interactions, and less structured data, making AI implementation more complex. Concerns have been raised regarding data quality, interoperability, workforce digital skills, and organisational readiness (Cresswell et al., 2019). Furthermore, ethical issues—including privacy, transparency, accountability, and potential bias in algorithmic decision-making—are particularly salient in care contexts where vulnerable populations are involved (Floridi et al., 2018).
Importantly, existing studies emphasise that technological innovation in care settings cannot be understood purely in technical terms. The success of AI adoption depends heavily on human, organisational, and cultural factors, including staff perceptions, trust, training, leadership, and alignment with care values (Greenhalgh et al., 2017). In many cases, resistance to new technologies arises not from lack of capability, but from concerns about how such tools may affect professional roles, decision-making autonomy, and the quality of human-centred care.
Overall, while the literature highlights the strategic potential of AI, it also demonstrates that its practical implementation—particularly in community care—remains complex and underexplored. There is a need for empirical, context-specific research that examines how AI is perceived by practitioners, where it may offer real value, and what barriers may limit its adoption in everyday organisational practice. This provides a strong foundation for the present study, which seeks to explore these issues within a UK community care setting through a pilot research approach.
[bookmark: _Toc228234721]2.2 Operational Challenges in UK Community Care
UK community care services operate within a highly complex and resource-constrained environment, facing sustained pressure from rising demand, workforce shortages, and increasing service expectations. The shift towards community-based care, driven by policy priorities to reduce hospital admissions and support individuals in their own homes, has significantly expanded the responsibilities of care providers. However, this expansion has not always been matched by proportional increases in funding, staffing, or infrastructure, resulting in persistent operational challenges across the sector (Skills for Care, 2022; Mistry, 2025).
One of the most critical challenges is workforce instability, including staff shortages, high turnover rates, and difficulties in recruitment and retention. Community care roles are often characterised by demanding working conditions, relatively low pay, and limited career progression opportunities, which contribute to workforce attrition (Skills for Care, 2022). These staffing issues directly impact service continuity, care quality, and organisational efficiency. From a management perspective, maintaining adequate staffing levels while ensuring consistent care delivery represents a significant operational burden.
A second major challenge relates to care coordination and scheduling complexity. Community care services must organise visits across geographically dispersed locations, manage time-sensitive care tasks, and respond to last-minute changes such as staff absences or service-user needs. Traditional scheduling systems, often reliant on manual processes or basic digital tools, can struggle to handle this level of complexity efficiently. Ineffective scheduling can lead to missed visits, delays, increased travel time, and reduced productivity, all of which negatively affect both service users and staff (Bunn et al., 2018).
In addition, community care organisations face increasing demands in documentation, compliance, and data management. Care providers are required to maintain accurate records, monitor service quality, ensure safeguarding, and comply with regulatory standards set by bodies such as the Care Quality Commission (CQC). These administrative requirements, while essential, can place a substantial burden on staff, reducing the time available for direct care and increasing workload pressures. Research indicates that administrative tasks are a significant source of inefficiency within care systems, often diverting attention from core service delivery (Cresswell et al., 2019).
Another important issue is the challenge of managing complex and changing care needs. Many service users in community care settings have multiple long-term conditions, requiring personalised and adaptive care approaches. Care workers and managers must continuously assess risk, respond to changes in health status, and coordinate with other services such as healthcare providers and social services. This creates a dynamic and unpredictable working environment, where decision-making is often based on incomplete or rapidly changing information.
Furthermore, communication and information sharing across different stakeholders remains a persistent difficulty. Community care involves coordination between care workers, managers, families, healthcare professionals, and external agencies. Ineffective communication systems can lead to fragmented care, duplication of effort, or missed critical information. This is particularly problematic in cases involving safeguarding concerns or complex care pathways.
These operational challenges highlight the limitations of existing systems and processes within community care. From a management perspective, they point to the need for more efficient, responsive, and data-driven approaches to service delivery. In theory, AI and digital technologies could help address some of these issues by improving scheduling, enhancing risk identification, supporting decision-making, and reducing administrative burden. However, the extent to which such solutions are feasible and acceptable within real-world community care settings remains uncertain.
Overall, the literature suggests that while the pressures facing community care organisations are well recognised, there is still limited understanding of how emerging technologies such as AI can be effectively integrated into these contexts. This reinforces the need for empirical investigation into the relevance and practicality of AI adoption within community care practice, forming a key focus of the present study.

[bookmark: _Toc228234722]2.3 Potential Benefits of AI in Community Care
AI is frequently presented as a tool for improving operational efficiency in community care, particularly in areas such as scheduling, coordination, and decision support. By analysing multiple variables simultaneously, AI systems have the potential to optimise workforce allocation and reduce inefficiencies associated with manual planning processes (Davenport and Kalakota, 2019). In addition, predictive capabilities may support earlier identification of risks and changing care needs, enabling a more proactive approach to service delivery (Reddy et al., 2020).
AI may also contribute to reducing administrative burden through automation of documentation and reporting tasks, allowing care staff to focus more on direct service provision. Furthermore, improved data integration could enhance communication and coordination across care systems. However, while these potential benefits are widely recognised, their practical application in community care remains uncertain and dependent on organisational and contextual factors.
[bookmark: _Toc228234723]2.4 Barriers and Challenges of AI Adoption in Community Care
Despite the potential benefits outlined above, the adoption of artificial intelligence (AI) in community care is associated with a range of significant barriers and challenges. The literature consistently emphasises that the successful implementation of AI is not simply a technical issue, but a complex organisational process influenced by human, structural, ethical, and contextual factors. These challenges are particularly pronounced in community care settings, where resources are limited, service delivery is highly relational, and operational environments are often unpredictable.
One of the primary barriers relates to organisational readiness and technological infrastructure. Many community care providers, particularly small and medium-sized organisations, lack the digital maturity required to support advanced AI systems. This includes limitations in data systems, interoperability, and access to high-quality, structured data. AI systems depend heavily on reliable and consistent data inputs, yet community care data is often fragmented, incomplete, or recorded in non-standardised formats (Cresswell et al., 2019). Without adequate data infrastructure, the effectiveness of AI tools is significantly constrained.
A second major challenge concerns workforce capability and digital skills. The successful adoption of AI requires staff to understand, trust, and effectively engage with new technologies. However, research indicates that many care workers have limited exposure to digital tools beyond basic systems and may lack the confidence or training needed to use AI-supported platforms (Skills for Care, 2022). This can lead to resistance, anxiety, or underutilisation of technology. From a management perspective, implementing AI therefore requires not only technical investment, but also substantial commitment to training, support, and cultural change within the organisation.
Trust and acceptance represent another critical barrier. Community care is fundamentally based on human relationships, empathy, and professional judgement. The introduction of AI into decision-making processes may be perceived as a threat to these values, particularly if systems are seen as opaque or difficult to interpret. Studies have shown that practitioners are often cautious about relying on algorithmic outputs, especially where decisions affect vulnerable individuals (Greenhalgh et al., 2017). Concerns about over-reliance on technology, loss of professional autonomy, and the potential erosion of person-centred care can limit willingness to adopt AI solutions.
Ethical and regulatory concerns also play a significant role. AI systems in care settings must address issues related to data privacy, confidentiality, accountability, and bias. Community care involves sensitive personal information, and any misuse or breach of data could have serious consequences for service users. Furthermore, algorithmic bias—where AI systems produce unequal or unfair outcomes—raises concerns about equity and discrimination in care delivery (Floridi et al., 2018). These ethical challenges are compounded by the evolving regulatory landscape, which can create uncertainty for organisations considering AI adoption.
Financial constraints represent an additional barrier, particularly in a sector already under economic pressure. The implementation of AI technologies often requires upfront investment in software, infrastructure, training, and ongoing maintenance. For many community care organisations, especially smaller providers, these costs may be difficult to justify without clear and immediate returns. This creates a risk that AI adoption may be limited to larger or better-resourced organisations, potentially widening inequalities within the sector.
Finally, the complex and dynamic nature of community care itself presents challenges for standardised technological solutions. Unlike highly controlled clinical environments, community care involves diverse service-user needs, changing circumstances, and context-dependent decision-making. AI systems, which often rely on patterns and structured data, may struggle to fully capture this complexity. As a result, there is a risk that AI tools may oversimplify care processes or fail to reflect the nuanced realities of frontline practice.
Overall, the literature highlights that while AI has the potential to support improvements in community care, its adoption is shaped by a combination of organisational, human, ethical, and contextual factors. These barriers suggest that the implementation of AI cannot be approached as a purely technical solution, but must be carefully aligned with the values, capabilities, and operational realities of care organisations. This reinforces the importance of empirical research to understand how these challenges are perceived and experienced by practitioners, which is a central focus of the present study.
[bookmark: _Toc228234724]2.5 Research Gap
The preceding review of literature highlights the growing interest in artificial intelligence (AI) as a tool to improve efficiency, decision-making, and service delivery within health and social care systems. Existing studies demonstrate the potential of AI to support scheduling, risk identification, administrative processes, and data-driven planning. At the same time, the literature also identifies a range of organisational, ethical, and practical challenges associated with AI adoption, particularly in contexts characterised by complexity, resource constraints, and human-centred service delivery.
However, despite this expanding body of research, several important gaps remain. First, much of the existing literature is heavily focused on acute healthcare and hospital-based environments, where data is more structured and technological infrastructure is more advanced. In contrast, community care services have received comparatively limited attention, particularly in relation to how AI may be applied within everyday operational and organisational contexts. This is a significant limitation, given the increasing policy emphasis on community-based care and the growing reliance on these services to meet long-term care needs.
Second, a large proportion of the literature adopts a conceptual or technology-driven perspective, emphasising what AI can potentially achieve rather than examining how it is actually perceived, understood, and utilised in practice. While these studies provide valuable theoretical insights, they often lack grounding in the realities of frontline care delivery. In particular, there is limited empirical evidence exploring how community care practitioners—such as care workers, coordinators, and managers—interpret the relevance of AI within their specific organisational settings.
Third, existing research tends to focus on technical capabilities and system-level outcomes, with less attention given to organisational readiness, workforce perceptions, and contextual constraints. Factors such as staff trust, digital skills, organisational culture, and resource limitations play a crucial role in shaping the success or failure of technological innovations. Yet these human and organisational dimensions remain underexplored in the context of AI adoption in community care.
Furthermore, there is a lack of small-scale, practice-oriented studies that capture the early-stage exploration of AI within real organisations. Pilot studies are particularly valuable in this regard, as they provide initial empirical insights, identify practical challenges, and inform the design of larger-scale research. However, the literature currently offers limited evidence from such exploratory investigations within community care settings.
Taken together, these gaps indicate a need for research that moves beyond theoretical discussion and examines AI adoption from a grounded, organisational perspective. Specifically, there is a need to explore how AI is perceived by practitioners, where it is considered relevant, what benefits are anticipated, and what barriers may limit its implementation in practice.
In response to these gaps, the present study adopts a pilot research approach to investigate the relevance and feasibility of AI adoption within a UK community care organisation. By collecting and analysing original empirical data from practitioners, the study aims to contribute to both academic understanding and organisational practice. In doing so, it addresses the need for context-specific, practice-based evidence and provides a foundation for future research on AI integration in community care.
To summarise the key relationships identified in the literature, a conceptual framework is presented below.
[image: Black-and-white academic conceptual framework diagram]
	Figure 1: Conceptual framework of AI adoption in community care 
[bookmark: _Toc228234725]2.6 Research Questions
Building on the identified gaps in the literature, this study seeks to explore the relevance and feasibility of artificial intelligence (AI) adoption within a UK community care setting. In particular, the research focuses on understanding how AI is perceived by practitioners, the areas in which it may offer practical value, and the challenges that may influence its implementation in organisational practice.



Accordingly, the study is guided by the following research questions:
Main Research Question:
· RQ1: How relevant and feasible is the adoption of artificial intelligence within a UK community care service organisation? 
Sub-Research Questions:
· RQ2: What operational challenges in community care are perceived as most suitable for AI-supported solutions? 
· RQ3: How do care staff and managers perceive the usefulness of AI in improving service delivery, decision-making, and organisational efficiency? 
· RQ4: What barriers and concerns may influence the adoption of AI within community care settings? 
· RQ5: What organisational conditions are required to support the successful implementation of AI in practice? 
These research questions are designed to align closely with the study’s exploratory pilot approach and to ensure a clear connection between the literature review, empirical data collection, and subsequent analysis. They also reflect the need to move beyond theoretical discussions of AI and towards a more grounded understanding of its practical applicability within real-world community care environments.

[bookmark: _Toc228234726]3. Methodology
[bookmark: _Toc228234727]3.1 Research Design
This study adopts a qualitative pilot case study design to explore the relevance and feasibility of artificial intelligence (AI) adoption within a UK community care organisation. The choice of a pilot study is consistent with the exploratory nature of the research and the identified gap in empirical, practice-based evidence within community care settings. As highlighted in the literature review, existing research has largely focused on conceptual discussions or hospital-based applications, with limited attention to practitioner perspectives in community care. Therefore, a pilot design enables the generation of initial insights grounded in real organisational contexts.
A qualitative approach was selected to support an in-depth exploration of perceptions, experiences, and organisational realities associated with AI adoption. This aligns directly with the research questions, which focus on understanding perceived relevance (RQ1), operational applicability (RQ2), usefulness (RQ3), barriers (RQ4), and implementation conditions (RQ5). A case study strategy allows for a detailed examination of these issues within a specific organisational setting, thereby enhancing the practical relevance of the findings.

[bookmark: _Toc228234728]3.2 Research Setting
The study is conducted within Respect Care Services, a UK-based provider of community (domiciliary) care. The organisation delivers support to individuals in their own homes, including personal care, daily living assistance, and care coordination. This setting provides a suitable context for the study, as it reflects the operational complexities, workforce pressures, and service delivery challenges identified in the literature.
Focusing on a single organisation enables a more detailed and context-sensitive analysis of how AI is perceived and evaluated in practice. While this limits generalisability, it strengthens the depth and relevance of the findings in relation to real-world organisational decision-making.

[bookmark: _Toc228234729]3.3 Sampling Strategy and Participants
A purposive sampling strategy was employed to select participants with direct experience of community care operations and organisational processes. This approach ensures that participants are able to provide informed and relevant insights aligned with the research questions.
The study involved a small sample of 6–8 participants, which is appropriate for an exploratory pilot study aimed at generating initial insights rather than generalisable findings. Participants were selected from different roles within the organisation to capture a range of perspectives, including:
· Frontline care workers 
· Senior care staff or supervisors 
· Administrative or coordination staff (where available) 
· Managerial personnel 
This variation in roles supports a more comprehensive understanding of both operational challenges (RQ2) and organisational-level considerations related to AI adoption (RQ3–RQ5).

[bookmark: _Toc228234730]3.4 Data Collection Method
Data were collected using semi-structured interviews, allowing for both consistency across participants and flexibility to explore individual experiences in depth. This method is particularly suitable for addressing the research questions, as it enables participants to reflect on their understanding of AI, its perceived usefulness, and the challenges associated with its implementation.
Each interview lasted approximately 20–30 minutes and was conducted either face-to-face or via online platforms such as Microsoft Teams or Zoom, depending on participant availability.
The interview guide was designed in direct alignment with the research questions and covered the following areas:
· Current operational challenges in community care (RQ2) 
· Awareness and understanding of AI in a care context (RQ1) 
· Perceived usefulness and potential applications of AI (RQ3) 
· Barriers and concerns related to AI adoption (RQ4) 
· Conditions required for successful implementation (RQ5) 
Open-ended questions were used to encourage detailed responses, and follow-up prompts were applied where necessary to explore key themes further. The full interview guide is provided in Appendix A

[bookmark: _Toc228234731]3.5 Data Analysis
The data collected were analysed using thematic analysis, which is well-suited to identifying patterns and themes within qualitative data. This method supports a systematic interpretation of participant responses while allowing flexibility to capture emerging insights.
The analysis followed a structured process:
1. Familiarisation with the data through repeated reading of interview notes or transcripts 
2. Initial coding of meaningful segments of data 
3. Grouping of codes into broader categories 
4. Development of key themes aligned with the research questions 
5. Interpretation of themes in relation to the literature 
The analysis was guided by the study’s focus on relevance, usefulness, barriers, and implementation conditions of AI. As a result, themes were developed to reflect both operational and organisational dimensions of AI adoption within community care.

[bookmark: _Toc228234732]3.6 Ethical Considerations
Ethical principles were maintained throughout the research process. Participation was voluntary, and all participants were provided with information regarding the purpose of the study prior to data collection.
Informed consent was obtained from all participants, and they were assured of their right to withdraw at any stage without consequence. To protect confidentiality, no identifying information was included in the analysis or reporting of findings. Participant responses were anonymised and coded.
The study did not involve access to sensitive service-user data, ensuring compliance with data protection requirements and ethical standards relevant to community care research.

[bookmark: _Toc228234733]3.7 Trustworthiness and Rigour
To enhance the credibility and trustworthiness of the study, several measures were implemented. The interview questions were carefully designed to align with the research objectives and research questions, ensuring consistency and relevance across participants.
The use of purposive sampling ensured that participants possessed appropriate experience and knowledge of the research context. Data collection followed a consistent structure, and the thematic analysis was conducted systematically to minimise subjective bias.
While the exploratory nature of the pilot study limits the scope of generalisation, the findings provide credible and meaningful insights into practitioner perspectives and organisational considerations related to AI adoption.

[bookmark: _Toc228234734]3.8 Limitations of the Study
As a pilot study, this research is subject to certain limitations. The small sample size and focus on a single organisation limit the generalisability of the findings to wider contexts. Additionally, participant responses may be influenced by personal perceptions or organisational culture, which may introduce bias.
However, these limitations are consistent with the exploratory purpose of pilot research. The study provides valuable initial insights into the relevance and feasibility of AI adoption in community care and offers a foundation for future, more extensive research.
[bookmark: _Toc228234735]4. Findings
This section presents the findings of the pilot study based on semi-structured interviews conducted with participants from Respect Care Services. The data were analysed using thematic analysis, resulting in the identification of four key themes: (1) operational pressures in community care, (2) perceived usefulness of AI, (3) barriers and concerns regarding AI adoption, and (4) conditions for successful implementation. These themes align closely with the research questions and provide insight into how AI is understood and evaluated within a real organisational context.

[bookmark: _Toc228234736]4.1 Theme 1: Operational Pressures in Community Care
All participants highlighted significant operational challenges in their daily work, confirming the issues identified in the literature. The most frequently reported challenges included staff shortages, time pressure, scheduling difficulties, and increasing workload demands.
Frontline care workers emphasised the intensity of their daily routines, with one participant stating that:
“Sometimes the schedule is too tight, and we don’t have enough time between visits, especially when travel is involved.” (Participant 2)
Similarly, managerial participants highlighted the difficulty of maintaining efficient service delivery under constrained resources:
“We are constantly trying to balance staff availability with service user needs, and last-minute changes make it even more difficult.” (Participant 6)
Participants also noted challenges related to documentation and administrative workload, which often reduce the time available for direct care:
“There is a lot of paperwork and reporting, and it takes time away from actually supporting clients.” (Participant 4)
Overall, the findings suggest that community care services operate under continuous operational pressure, with inefficiencies in scheduling, coordination, and administrative processes affecting both staff performance and service quality.

[bookmark: _Toc228234737]4.2 Theme 2: Perceived Usefulness of AI
Participants generally recognised the potential value of AI, particularly in improving efficiency, planning, and decision-making, although their understanding of AI varied.
Several participants suggested that AI could be useful in automating scheduling and improving coordination:
“If a system could organise visits better and reduce travel time, it would make a big difference.” (Participant 1)
Others highlighted the potential for AI to support risk identification and proactive care:
“It could help identify which clients need more attention or if something is changing in their condition.” (Participant 5)
From a managerial perspective, AI was seen as potentially beneficial for data-driven decision-making:
“If we had better data and analysis, we could plan services more effectively.” (Participant 6)
However, while participants acknowledged these potential benefits, their views were often tentative rather than fully confident, suggesting that AI is perceived as useful in theory but not yet clearly understood in practice.

[bookmark: _Toc228234738]4.3 Theme 3: Barriers and Concerns Regarding AI Adoption
Despite recognising potential benefits, participants expressed several concerns that may limit AI adoption. The most prominent issues included lack of knowledge, trust, training, and concerns about the impact on human care.
A common concern was limited understanding of AI:
“We hear about AI, but we don’t really know how it would work in our day-to-day job.” (Participant 3)
Participants also raised concerns about trust and reliability, particularly in relation to decision-making:
“I would not fully rely on a system to make decisions about care. Human judgement is very important.” (Participant 2)
Ethical concerns, including data privacy and confidentiality, were also highlighted:
“We deal with sensitive information, so data protection would be a big issue.” (Participant 4)
Additionally, participants emphasised the importance of maintaining person-centred care, with some expressing concern that technology might reduce human interaction:
“Care is about people, not just systems. Technology should not replace that.” (Participant 1)
These findings indicate that barriers to AI adoption are not only technical but also cultural, ethical, and professional in nature.

[bookmark: _Toc228234739]4.4 Theme 4: Conditions for Successful AI Implementation
Participants identified several conditions that would be necessary for the successful adoption of AI within community care organisations. The most frequently mentioned factors included training, organisational support, system usability, and gradual implementation.
Training and support were seen as essential:
“If we are going to use new technology, we need proper training and ongoing support.” (Participant 5)
Participants also emphasised the importance of user-friendly systems:
“It has to be simple and easy to use, otherwise staff will not engage with it.” (Participant 3)
From a managerial perspective, leadership and organisational readiness were identified as key:
“There needs to be a clear plan and support from management for it to work.” (Participant 6)
Importantly, participants suggested that AI should be introduced as a support tool rather than a replacement for human decision-making:
“It should help us do our job better, not replace what we do.” (Participant 2)
Overall, the findings suggest that successful AI adoption depends on aligning technological solutions with the needs, skills, and values of care staff, as well as ensuring organisational readiness and support.
[bookmark: _Toc228234740]5. Discussion
This study set out to explore the relevance and feasibility of artificial intelligence (AI) adoption within a UK community care organisation. The findings provide a nuanced, practice-based perspective that both supports and challenges existing literature. Four key areas are discussed: operational alignment, perceived usefulness, barriers to adoption, and conditions for implementation.

[bookmark: _Toc228234741]5.1 Operational Challenges and the Relevance of AI
The findings confirm that community care services operate under sustained operational pressure, particularly in relation to workforce shortages, scheduling complexity, and administrative burden. These results are consistent with existing research highlighting structural inefficiencies and increasing demand within the UK social care sector (Skills for Care, 2022; Mistry, 2025)

From a theoretical perspective, these challenges create a strong case for the application of AI, particularly in areas such as scheduling optimisation and workload management. Participants’ experiences suggest that inefficiencies are not merely incidental but systemic, reinforcing arguments in the literature that digital tools could play a significant role in improving operational performance (Davenport and Kalakota, 2019).
However, an important insight emerging from this study is that the relevance of AI is not simply determined by the existence of operational problems. While AI aligns well with identified challenges, its perceived value depends on how well it fits the realities of care delivery. This suggests that technological relevance is context-dependent, rather than universally applicable, supporting broader arguments that innovation in care settings must be aligned with organisational and professional contexts (Greenhalgh et al., 2017).

[bookmark: _Toc228234742]5.2 Perceived Usefulness of AI: Potential versus Practical Understanding
Although participants acknowledged that AI could support efficiency and decision-making, their responses suggest a gap between conceptual awareness and practical understanding. While AI was viewed positively in principle, there was limited clarity regarding how it could be integrated into everyday care practices. This indicates that perceived usefulness alone is insufficient to drive adoption, particularly where staff lack direct experience or confidence in the technology.
This finding aligns with the Technology Acceptance Model, which emphasises that adoption is influenced not only by perceived usefulness but also by ease of use and user understanding. In the absence of these factors, technological solutions may be recognised as beneficial but remain underutilised in practice.

[bookmark: _Toc228234743]5.3 Barriers to Adoption: Beyond Technical Limitations
A significant contribution of this study lies in its identification of barriers that extend beyond purely technical considerations. Consistent with existing literature, participants highlighted issues related to data quality, training, and organisational readiness (Cresswell et al., 2019). However, the findings also emphasise deeper concerns related to trust, professional judgement, and the nature of care work.
The reluctance to rely on AI for decision-making reflects broader concerns about algorithmic transparency and accountability (Floridi et al., 2018). In community care, where decisions directly affect vulnerable individuals, the perceived risks associated with AI are amplified. This suggests that trust is not only a technical issue but also a professional and ethical one, shaped by values associated with care delivery.
Furthermore, the concern that AI may undermine person-centred care highlights a fundamental tension between efficiency and human interaction. While AI is often promoted as a tool for improving productivity, participants emphasised that care work cannot be fully standardised or automated. This finding reinforces arguments in the literature that technological innovation must be carefully integrated to support, rather than replace, human-centred practices.
Importantly, these barriers indicate that AI adoption in community care is as much a social and organisational process as it is a technological one. This supports sociotechnical perspectives, which argue that successful innovation depends on the interaction between technology, people, and organisational context.

[bookmark: _Toc228234744]5.4 Conditions for Implementation: The Role of Organisational and Human Factors
The findings suggest that successful AI implementation depends on several key conditions, including training, system usability, leadership support, and gradual integration. These results align with existing research emphasising the importance of organisational readiness and workforce engagement in technology adoption (Greenhalgh et al., 2017).
Training emerged as a particularly important factor, highlighting the need to develop digital skills and confidence among staff. This supports the view that technological adoption requires not only system implementation but also capacity building within the workforce. Without adequate training, even well-designed systems may fail to achieve their intended impact.
The importance of user-friendly systems also reflects the role of perceived ease of use in influencing adoption, further reinforcing the relevance of TAM. Participants’ emphasis on simplicity suggests that complex or poorly designed systems are unlikely to be accepted in fast-paced care environments.
In addition, the role of leadership and organisational support indicates that AI adoption requires strategic direction and clear implementation planning. This aligns with organisational change theories, which emphasise the importance of leadership in managing innovation and reducing resistance.
Finally, the finding that AI should function as a support tool rather than a replacement for human decision-making provides an important practical insight. This suggests that the most viable approach to AI adoption in community care is one that enhances human capability rather than attempting to substitute it. Such an approach may help to address concerns related to trust, ethics, and professional identity.

[bookmark: _Toc228234745]5.5 Contribution to Knowledge and Practice
This study makes a modest but meaningful contribution to both academic knowledge and organisational practice. From an academic perspective, it addresses a gap in the literature by providing empirical, practice-based insights into AI adoption within a community care context. Unlike much of the existing research, which is conceptual or hospital-focused, this study captures the perspectives of practitioners working in real organisational settings.
From a practical perspective, the findings highlight that while AI has clear potential, its adoption must be carefully aligned with organisational capabilities, workforce readiness, and the values of care delivery. For community care providers, this suggests that the successful integration of AI will depend less on the technology itself and more on how it is introduced, managed, and adapted to the realities of practice.
Overall, the discussion demonstrates that AI in community care should not be viewed as a universal solution, but as a context-sensitive tool whose value depends on its alignment with human, organisational, and ethical considerations.
[bookmark: _Toc228234746]6. Conclusion and Implications
[bookmark: _Toc228234747]6.1 Conclusion
This study set out to examine the relevance and feasibility of artificial intelligence (AI) adoption within a UK community care organisation through a pilot research approach. Drawing on empirical data collected from practitioners, the study provides a grounded understanding of how AI is perceived within the operational realities of community care, addressing a gap in the existing literature which has largely focused on conceptual discussions or hospital-based applications.
The findings demonstrate that community care services face persistent operational challenges, including workforce shortages, scheduling inefficiencies, administrative burden, and the need to manage complex and changing care demands. These pressures create a strong rationale for exploring technological solutions such as AI. In this sense, the study confirms that AI is potentially relevant to community care, particularly in areas related to efficiency, coordination, and decision support.
However, the research also highlights that the feasibility of AI adoption is far from straightforward. While participants recognised the potential usefulness of AI, their understanding remained limited and often conceptual. More importantly, significant concerns were identified in relation to trust, data privacy, workforce readiness, and the potential impact on person-centred care. These findings suggest that AI adoption is not simply a technical issue, but a complex organisational and social process shaped by human, ethical, and contextual factors.
A key conclusion emerging from this study is that the value of AI in community care is conditional rather than inherent. Its effectiveness depends on how well it aligns with the needs, capabilities, and values of care organisations and practitioners. AI is therefore best understood not as a replacement for human care, but as a potential support tool that, if appropriately implemented, can enhance existing practices.
Overall, the study contributes to knowledge by providing empirical insight into AI adoption within a community care context and demonstrates that while AI holds promise, its successful integration requires careful consideration of organisational readiness, workforce engagement, and ethical responsibility.

[bookmark: _Toc228234748]6.2 Practical Implications
The findings of this study have several important implications for community care organisations considering the adoption of AI technologies.
First, organisations should adopt a strategic and phased approach to AI implementation. Rather than introducing complex systems at scale, it is more effective to begin with targeted applications in areas such as scheduling, administrative processes, or data management. This allows organisations to test feasibility, build confidence, and gradually integrate AI into existing workflows.
Second, workforce development and training are critical. The study highlights that limited understanding and lack of confidence represent significant barriers to adoption. Organisations must invest in training programmes that not only develop technical skills but also improve understanding of how AI can support, rather than replace, care work. Engaging staff early in the implementation process can also help reduce resistance and increase acceptance.
Third, attention must be given to system design and usability. AI tools must be accessible, intuitive, and aligned with the practical realities of care delivery. Systems that are overly complex or poorly integrated into existing workflows are unlikely to be adopted effectively. Therefore, user-centred design should be a key consideration in technology selection and development.
Fourth, organisations must address ethical and data governance considerations. Ensuring data privacy, transparency, and accountability is essential, particularly in a sector dealing with vulnerable individuals. Clear policies and safeguards are required to build trust among both staff and service users.
Finally, leadership plays a crucial role in enabling successful adoption. Strong organisational support and clear strategic direction are necessary to manage change, allocate resources, and ensure that AI implementation aligns with organisational goals and values.

[bookmark: _Toc228234749]6.3 Theoretical Implications
From a theoretical perspective, this study reinforces the relevance of technology adoption frameworks, particularly the Technology Acceptance Model (TAM), by demonstrating that perceived usefulness alone is insufficient to drive adoption without accompanying ease of use, understanding, and trust.
The findings also support sociotechnical perspectives, highlighting that technological innovation in care settings is shaped by the interaction between systems, people, and organisational context. AI adoption cannot be understood purely in terms of technical capability but must be examined as part of a broader organisational and social system.
Furthermore, the study contributes to the emerging literature on digital transformation in social care by providing empirical evidence that challenges overly optimistic assumptions about AI. It demonstrates that adoption is contingent on contextual factors and must be aligned with the relational and ethical nature of care work.

[bookmark: _Toc228234750]6.4 Limitations and Future Research
This study is subject to several limitations. As a pilot study, it is based on a small sample size within a single organisation, which limits the generalisability of the findings. Additionally, the study focuses on perceptions rather than actual implementation, meaning that conclusions regarding effectiveness are necessarily exploratory.
Future research should build on these findings by conducting larger-scale studies across multiple organisations to enhance generalisability. There is also a need for longitudinal research examining the actual implementation and impact of AI systems in community care settings over time. Comparative studies exploring differences between organisations with varying levels of digital maturity may also provide valuable insights.
In addition, future research could explore the perspectives of service users and families, which were not included in this study but represent an important dimension of AI adoption in care.
[bookmark: _Toc228234751]7. Reflective Account
[bookmark: _Toc228234752]7.1 Introduction
This section provides a reflective account of the process undertaken in completing this research project, which involved designing and conducting a pilot study on the relevance of artificial intelligence (AI) adoption within a UK community care organisation. The reflection critically examines key stages of the research process, including topic selection, engagement with literature, data collection, analysis, and academic writing. It also considers the challenges encountered, the decisions made, and the learning outcomes derived from the experience. In doing so, the reflection aligns with the requirement to evaluate both the practical and intellectual aspects of conducting research and preparing an academic journal-style article.
[bookmark: _Toc228234753]7.2 Development of the Research Focus
One of the most significant aspects of this project was the development of a clear and focused research topic. Initially, the idea of exploring AI in health and social care appeared broad and somewhat abstract. However, through engagement with academic literature and reflection on professional interests in community care, the topic was refined to focus specifically on the relevance and feasibility of AI adoption within a community care setting.
This process highlighted the importance of narrowing a research topic to ensure clarity, depth, and feasibility. It became evident that a well-defined research focus not only strengthens the quality of the study but also improves alignment between the literature review, research questions, and methodology. The refinement of the research questions was particularly important, as it provided a clear framework guiding the entire study.
[bookmark: _Toc228234754]7.3 Engagement with Literature and Identifying a Contribution
Engaging with the literature was both a critical and challenging component of the research process. A wide range of sources, including academic journal articles, policy reports, and industry publications, were reviewed to understand the current state of knowledge on AI in health and social care.
One key learning point was the importance of critical engagement rather than descriptive summarisation. Initially, there was a tendency to focus on explaining what existing studies had found. However, through iterative reading and reflection, it became clear that higher-level academic work requires the identification of patterns, contradictions, and gaps within the literature.
A particularly important outcome of this process was the identification of a research gap. While there is substantial literature on AI in healthcare, relatively little attention has been given to its application in community care, particularly from the perspective of practitioners. Recognising this gap enabled the study to position itself as making a meaningful contribution, even within the limited scope of a pilot study.
This experience reinforced the idea that contribution does not necessarily require large-scale research but can be achieved through context-specific insights and critical analysis.

[bookmark: _Toc228234755]7.4 Conducting the Pilot Study and Data Collection
Designing and conducting the pilot study was one of the most practically engaging aspects of the project. The decision to use a qualitative approach, specifically semi-structured interviews, proved appropriate for exploring perceptions and experiences in depth.
However, this stage also presented several challenges. One of the main difficulties was access to participants and time constraints, which limited the sample size. While this is consistent with the nature of pilot studies, it required careful consideration to ensure that the data collected remained meaningful and relevant.
Another challenge was developing effective interview questions. It was important to ensure that questions were open-ended, aligned with the research objectives, and capable of generating useful data. This required multiple revisions and careful thinking about how participants might interpret and respond to the questions.
Despite these challenges, the pilot study provided valuable empirical insights. It also highlighted the importance of flexibility and adaptability in research, as adjustments were needed during the data collection process to respond to practical limitations.

[bookmark: _Toc228234756]7.5 Data Analysis and Interpretation
The process of analysing qualitative data through thematic analysis was both intellectually demanding and rewarding. Initially, it was challenging to move from raw responses to structured themes. Identifying patterns required careful reading, comparison, and interpretation.
A key learning point was the importance of linking data to research questions and literature. Rather than simply reporting what participants said, it was necessary to interpret the findings and relate them to existing knowledge. This strengthened the analytical depth of the study and ensured that the findings contributed to broader academic discussions.
The development of themes such as operational challenges, perceived usefulness of AI, barriers to adoption, and implementation conditions demonstrated how qualitative data can be systematically organised to generate meaningful insights. This process enhanced understanding of how empirical research can bridge theory and practice.

[bookmark: _Toc228234757]7.6 Writing the Academic Paper
Writing the research paper in the format of an academic journal article was a significant learning experience. It required a structured and coherent approach, ensuring that each section logically followed from the previous one.
One of the main challenges was maintaining a critical and analytical tone throughout the paper. It was necessary to avoid overly descriptive writing and instead focus on evaluation, justification, and synthesis. This involved continuously asking questions such as: Why is this important? What does this mean? How does this relate to existing research?
Another challenge was ensuring consistency across sections, particularly between the literature review, research questions, methodology, and findings. This required careful planning and revision to ensure alignment and coherence.
The process also highlighted the importance of clear academic communication, including appropriate referencing, logical structure, and precise language. Developing these skills is essential for producing work that meets postgraduate and doctoral-level expectations.

[bookmark: _Toc228234758]7.7 Reflections on Academic Publishing and Research Practice
This assignment also provided insight into the broader context of academic research and publishing. The requirement to produce a journal-style article highlighted the pressures faced by academics, including the need to demonstrate originality, relevance, and impact.
One important reflection is the challenge of identifying genuinely new contributions in a field where significant research already exists. This reinforced the idea that innovation often lies in applying existing concepts to new contexts or generating new empirical insights rather than completely novel ideas.
Additionally, the process raised awareness of issues related to academic integrity, particularly in relation to the use of sources and the importance of proper referencing. Ensuring that all ideas are appropriately attributed is essential not only for avoiding plagiarism but also for maintaining academic credibility.
The role of generative AI in research also requires careful consideration. While AI tools can support activities such as literature search and proofreading, it is important to ensure that the final work reflects independent thinking and original analysis, in line with academic expectations.

[bookmark: _Toc228234759]7.8 Key Learning Outcomes
Overall, this project has contributed to both academic and professional development. Several key learning outcomes can be identified:
· A deeper understanding of how to design and conduct a research study, including the development of research questions, methodology, and data analysis 
· Improved ability to critically engage with academic literature and identify research gaps 
· Enhanced skills in qualitative data analysis and interpretation 
· Greater awareness of the complexities involved in technology adoption within organisational contexts 
· Development of academic writing skills, particularly in producing structured and analytical work 
In addition, the study has strengthened understanding of the challenges and opportunities associated with AI in community care, which is relevant to future professional practice.
[bookmark: _Toc228234760]7.9 Conclusion
This reflective account has examined the process of completing a research-based assignment involving a pilot study on AI adoption in community care. The experience has demonstrated that research is not a linear process but involves continuous reflection, revision, and critical thinking.
While challenges were encountered, particularly in relation to time constraints and data collection, these were addressed through adaptability and problem-solving. The overall process has enhanced both academic capability and practical understanding of research and organisational issues.
Importantly, the project has highlighted the value of connecting theory with practice and the importance of grounding research in real-world contexts. This represents a key aspect of doctoral-level work and provides a strong foundation for future research and professional development.
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[bookmark: _Toc228234763]Appendix A: Interview Questions
Section A: Background
1. Can you briefly describe your role and responsibilities? 

Section B: Operational Challenges
2. What are the main challenges you face in your daily work?
3. Which challenges affect service efficiency the most?

Section C: AI Awareness
4. What is your understanding of artificial intelligence in care?

Section D: Usefulness
5. Where do you think AI could be useful in your organisation?
6. How could AI improve decision-making or planning?

Section E: Barriers
7. What concerns would you have about using AI?
8. What challenges might prevent its adoption?

Section F: Implementation
9. What would need to happen for AI to be successfully introduced?
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