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This dissertation aims to discuss product recommendation systems in customer retention in the field of fashion e-commerce, targeted at the UK. It largely focuses on the ASOS case and compares it to H&M, Zara, Zalando and Boohoo. Chapter 1 includes the research background, rationale, aim and question. It seeks to make sense of online fashion retailers being under intense competition and facing low switching costs and ever-increasing expectations of customers. Chapter results indicate that personalised recommendations might be a tool to raise the probability of repeat and engagement of firms with the purchase.
Chapter 2 covers reviews of literature regarding the topic of personalisation, recommendation systems, customer engagement, customer retention and dynamic capabilities. It uncovers the gaps, such as: Recommendations can affect the experience with or without increasing the efforts on search; Recommendations can be powerful in terms of relevance – gaps in the business model implementation and the organisation. The conceptual framework correlates between the recommendation systems and customer engagement and retention, depending on each firm's way of operation.
In this research, the methodology used was a multi-case approach with qualitative secondary data, as explained in Chapter 3. It isn't an argument against using Zara, H&M, Boohoo and Zalando as they are different types of Fashion model ecommerce companies. Part of the chapter also includes the data sources, selection of cases, thematic analysis, quality of the research and ethical concerns.
The results are provided in Chapter 4. ASOS is a data-driven retail company with personalisation being a major strategy to ensure the retention of its shoppers. The recommendations are integrated with community engagement elements, as Zalando has such elements in place. The mid-level personalisation is H&M's: Omni-channel. Zara and Boohoo are more about fast, in-demand, on-trend and price. Chapter 5 provides a discussion of these findings and argues that a system for recommendations is most effective when accompanied by the strategy, system capability and matrix experience.
Given findings from the survey in chapter 6, it is concluded that product recommendations are useful but not sufficient. They are certainly relevant, but impact will depend on how they will be executed, how trustworthy they will become in the years to come and their suitability with the business model. That's where the dissertation comes in, as it proves technology is not a fashion in e-commerce retention. It is developed when digital technologies are linked to a clear strategic direction. It is useful, both in practice and for further applications in study. It is also indicative of future research on digital retail.
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List of Abbreviations
	Abbreviation
	Meaning

	AI
	Artificial Intelligence

	ASOS
	As Seen On Screen

	CBF
	Content-Based Filtering

	CF
	Collaborative Filtering

	CLV
	Customer Lifetime Value

	CRM
	Customer Relationship Management

	H&M
	Hennes & Mauritz

	TAM
	Technology Acceptance Model

	UTAUT
	Unified Theory of Acceptance and Use of Technology

	UK
	United Kingdom
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	Term
	Meaning

	Customer Engagement
	Customer interaction with an online fashion platform.

	Customer Retention
	Keeping existing customers and encouraging repeat purchases.

	E-commerce
	Buying and selling products online.

	Fashion E-commerce
	Online selling of clothing, shoes, and fashion items.

	Omnichannel
	A retail model using both online and offline channels.

	Personalisation
	Tailoring the shopping experience to individual customers.

	Product Recommendation System
	A digital system that suggests products based on customer data.

	Secondary Data
	Existing information from reports, websites, articles, and publications.

	Strategic Fit
	Alignment between technology, business model, and customer needs.

	Switching Costs
	The effort or cost for customers to move to another retailer.
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[bookmark: _Toc224223845][bookmark: _Toc229640446]1.1 Research Background
Over the last 10 years, digital commerce has exponentially changed the retailing situation around the world. The UK has become one of the most developed e-commerce markets anywhere in the world, with online retailing making a substantial contribution to total retail sales. The fashion industry in particular has been significantly disrupted by digital change, with consumers using online platforms more to browse, evaluate and purchase products (Evelina, 2022). This shift has brought on more competition between the digital retailers, forcing companies to invest in technological tools that are sophisticated enough to improve the customer experience and keep building long-term relationships with consumers.
One of the most significant advancements in technology that modern e-commerce has undergone includes the growth of product recommendation systems. These systems are based on data-driven technologies, such as machine learning and predictive analytics, which can be used to understand customer behaviour and make personalised product recommendations (Bastani et al., 2022). In the case of product recommendation, they attempt to deliver products that are most relevant to users on their journey towards creating an online purchase. As a result, personalised recommendations have become a central feature of many digital retail platforms and have shaped the way that customers explore products and interact with online stores.
Customer retention in the very competitive fashion e-commerce markets is an important strategic goal of retailers. Acquiring new customers is often much more costly than retaining existing customers, and hence, companies are increasingly looking for strategies that outline repeat purchasing behaviour and long-term customer engagement (Hawkins and Hoon, 2020). Product recommendation systems have generally been perceived as an important mechanism to improve customer lifetime value because they provide greater personalisation, product roadmap relevance, and lower the search costs for consumers.
Leading online fashion retailers such as ASOS, Zalando, Zara, H&M, and Boohoo have invested heavily in digital personalisation technologies to strengthen their competitive positions. Among these firms, a particularly relevant case is ASOS, as a consequence of the high degree of digital orientation and because it relies on data-driven marketing strategies (Kang and Kim, 2017). As a leading online fashion retailer in the UK with millions of customers around the world, ASOS has implemented product recommendation systems at a number of different points in the customer journey, from personalised homepages to product recommendations and targeted promotional communications.
Despite the increased use of product recommendation in the digital retail setting, the strategic value that product recommendation play in customer retention is a developing field of research (Muchardie, Gunawan and Aditya, 2019). While there is currently a body of literature that evaluates the role of personalisation technologies and consumer behaviour in e-commerce environments, there is still limited knowledge about how product recommendations are utilised as a mechanism of retention in particular organisational contexts. In particular, how companies are using these technologies to strategically maintain their customers and entice them to shop again and again with them needs further investigation.
This dissertation, therefore, seeks to identify the impact of product recommendation systems in the context of customer retention in the UK fashion e-commerce sector (Ascarza et al., 2018). By focusing on the case study of the ASOS company with contextual comparisons drawn with other digital fashion retailers such as Zalando, Zara, H&M and Boohoo, the research aims at developing insights into the contribution of personalisation strategies towards building long-term customer relationships in competitive online markets.
[bookmark: _Toc224223846][bookmark: _Toc229640447]1.2 Research Rationale
[bookmark: _Toc224223847][bookmark: _Toc229640448]1.2.1 Theoretical Justification
Existing academic literature has conducted an in-depth study of the role of personalisation and recommendation systems in digital commerce environments. Product recommendations are made to predict user preferences based on historical behavioural data with the intent to assist businesses in offering customised product recommendations to their users so that user experience and engagement can be increased (Assumpta Ejibenam et al., 2021). Research in the field of information systems and digital marketing has implied that personalised recommendation mechanisms have the potential to raise consumer satisfaction, product discovery, and influence purchasing behaviour in online retail environments. Scholars like Hanaysha (2018) have also brought awareness that recommendation systems help to alleviate information overload and filter large product catalogues and present consumers with relevant alternative products to make a better decision within the digital marketplaces.
Furthermore, many theoretical perspectives have been used to explain the effectiveness of recommendation systems in e-Commerce situations. Customer relationship management theory emphasises the importance of personalised relationships to the creation of long-term relationships with customers, while customer lifetime value frameworks emphasise the importance of retaining existing customers over time (Jahan and Sanam, 2026). Within this context, personalised recommendation systems are also frequently viewed as strategic instruments aimed at enabling the implementation of a relationship marketing strategy by delivering individualised experiences to consumers in order to strengthen consumer loyalty and repeat purchasing behaviour. Studies have also suggested that digital personalisation technologies enable firms to better understand what consumers want, enabling organisations to optimise marketing strategies and better understand customer engagement.
However, despite the growing research on digital personalisation and recommendation systems, there are still several aspects which are not explored adequately. The technical performance of the product recommendation, such as issues of prediction accuracy and algorithmic efficiency, has been the primary focus of much of the existing literature surrounding recommender systems (Kumar and Ayodeji, 2021). Whilst these technical aspects are important, they do not go far towards answering how recommendation systems contribute to wider organisational objectives such as customer retention. Moreover, many studies to date are based on experimental design or large quantitative datasets and overlook the organisational and strategic context within which recommendation technologies are used.
Another weakness of existing research is that many studies analyse recommendation systems at a general level and don't investigate how specific firms are incorporating these technologies into their broader business strategies (Hanaysha, 2018). In particular, there exists little case-based research into the impact of product recommendations by digital fashion retailers to help maintain customer retention in highly competitive e-commerce markets. Additionally, strategic differences between firms in terms of their implementation of recommendation technologies are something that has so far been relatively underexplored.
This dissertation fills in this gap of research by investigating the extent to which product recommendation systems help customer retention in the UK fashion e-commerce sector (Zaghloul, Barakat and Rezk, 2025). Taking on ASOS as the key case, while complementing it with context to other digital fashion retailers, the research will try to generate more meaningful insights into the strategic role played by recommendation technologies in the maintenance of long-term customer relationships.
[bookmark: _Toc224223848][bookmark: _Toc229640449]1.2.2 Practical Justification
From a practical standpoint, the effective use of digital personalisation technologies is now an important challenge for organisations operating in competitive online retail spaces. As e-commerce platforms are constantly adding more and more products, consumers are often faced with overwhelming amounts of options as they can choose from, making it difficult for consumers to figure out what to buy products are suitable for their preferences (Dwivedi, 2023). Product recommendation systems have therefore become an important mechanism to assist consumers when navigating digital marketplaces, whilst at the same time supporting organisational marketing objectives.
For online fashion retailers, customer retention is one of the biggest managerial problems. Digital consumers frequently simply switch between different platforms as they look for better prices, a broader product selection or a more convenient shopping experience (Jaiswal et al., 2018). As a result, companies are constantly looking for a way to engage customers on their platforms. Personalised product recommendations are one of the most popular tools to help improve customer engagement through recommended products to users based on their preferences and browsing behaviour.
Industry reports report that personalisation technologies have the potential to greatly affect consumer purchasing behaviour in the digital retail environment. Companies that are able to successfully implement recommendation systems can often see higher levels of customer engagement, improved conversion rates and increased repeat purchasing behaviour (Zaghloul, Barakat and Rezk, 2025). However, the implementation of these technologies also has a number of managerial challenges. Organisations have to invest in data infrastructure capabilities, elaborate on their capacity around data analysis and ensure that recommendation systems are able to provide recommendations to users that are relevant and trustworthy.
Despite these potential benefits, there are still many companies that have a hard time understanding the full impact of recommendation technologies on the long-term results of customer retention. Managers are often at a loss as to how personalisation strategies should be incorporated into more comprehensive customer relationship management programmes (Kang and Kim, 2017). Furthermore, the competitive nature of the fashion e-commerce sector means that firms need to continuously innovate their digital strategy in order to retain their customer loyalty.
By investigating the role that ASOS has on product recommendation systems in a digital platform, the aim of this research is to provide practical knowledge for managers looking to improve customer retention strategies in an online retail environment (Ascarza et al., 2018). The findings may assist organisations to better understand how personalised forms of recommendation technology will be effectively used to strategically improve customer engagement and maintain a competitive edge in the rapidly evolving e-commerce sector.
[bookmark: _Toc224223849][bookmark: _Toc229640450]1.3 Research Contribution and Motivation
This research contributes to the academic literature and the practice of management by analysing the strategic role of product recommendation systems in customer retention in the fashion e-commerce industry. From a theoretical point of view, the research extends existing research on digital personalisation by exploring the way recommendation technologies are a strategic mechanism for long-term customer relationships (Jaiswal et al., 2018). While the previous studies have mainly focused on the technical performance of the product recommendation, in this research, we focus on their organisational and strategic implications in a real-life business setting.
The study also has an empirical contribution in which it applies the qualitative case study approach to study the implementation of product recommendation systems in a major online fashion retailer (Dwivedi, 2023). Case study research enables the researcher to know more about organisational practices and decision-making processes and explore complex phenomena in their actual setting. By using ASOS as a primary case in which to make comparisons with other digital fashion retailers like Zalando, Zara, H&M, and Boohoo, the research provides insights into how firms use recommendation technologies to boost customer engagement and retention.
In addition to the contributions in the theoretical and empirical perspectives, the study is also practically useful for managers working in a digital retail environment (Assumpta Ejibenam et al., 2021). Understanding how recommendation systems impact customer retention can help organisations to develop more effective personalisation strategies and enhance their customer relationship management practices. The findings also may have implications for managerial decision-making on investments in data analytics and digital marketing technologies.
Overall, the originality of this research is in the intersection between the technologies of personalisation of product recommendation and customer retention in the fashion e-commerce sector (Jahan and Sanam, 2026). By borrowing insights from digital marketing, information systems and retail management literature, the study seeks to offer an in-depth understanding of the role of personalisation in sustaining customer engagement in online marketplaces.
[bookmark: _Toc224223850][bookmark: _Toc229640451]1.4 Research Aim, Objectives, and Questions
Research Aim
This research aims to critically examine the impact of product recommendation systems in supporting customer retention within the UK fashion e-commerce sector, using ASOS as a case study.
Research Objectives
1. To analyse how product recommendation systems are implemented within ASOS’s digital platform.
2. To evaluate the role of recommendation systems in enhancing customer retention and engagement.
Research Questions
1. How do product recommendation systems contribute to customer retention within ASOS’s e-commerce platform?
[bookmark: _Toc224223851][bookmark: _Toc229640452]1.5 Dissertation Structure
This dissertation has six chapters. Chapter 1 presents the background of the research, the rationale and goals of the study. Chapter 2 is a comprehensive literature review of the current academic studies of recommendation systems, digital personalisation and customer retention in E-Commerce environments. Chapter 3 is the methodology of the research and presents the research philosophy, approach, source of data and analytical methods employed in the research. Chapter 4 presents the research results of the role of product recommendation systems in helping ASOS improve customer retention, comparing it with other fashion e-commerce platforms. Chapter 5 discusses the findings of Chapter 4 with theoretical and managerial implications, as well as potential directions for future research. Finally, Chapter 6 concludes the dissertation with recommendations.

[bookmark: _Toc229640453]Chapter 2: Literature Review
[bookmark: _Toc229640454]2.1 Introduction
This chapter is a critical analysis of the literature on the impact of product recommendation systems and customer retention for the e-Commerce sector in the UK fashion industry (with a specific focus on a specific platform, ASOS). The purpose is to present a part of the relevant important theorising along with available research surveys and to identify existing research gaps. The problem to be discussed here is to understand the role played by the recommendation systems in customer retention in the competitive online retail environments (Hassan, Abdelraouf and El-Shihy, 2025). Whilst the use of personalisation strategies by ASOS will be the focus of attention, comparisons will be made with other fashion retailers that use different models, for instance, Zara, Zalando, H&M and Boohoo. The review of the literature will be focused on the theories in the presented areas and will refer to the digital transformation, customer relationship management (CRM) and consumer behaviour, but will be focused on the personalised recommendation algorithms (Farida et al., 2024). It will leave even wider e-Commerce theories that are not directly linked to fashion or personalised recommendations. The chapter is broken down into thematic sections, and each section is followed by a theoretical foundation and a conceptual framework for analysis of the follow-up chapters.
[bookmark: _Toc229640455]2.2 Thematic Overview of the Literature
[bookmark: _Toc229640456]2.2.1 Personalisation and Customer Engagement in E-commerce
Personalisation is the activity of using customer information in order to customise the overall shopping experience online, and more specifically in the form of product recommendations based upon customers' browsing/purchase history. When it comes to the world of fashion e-commerce, this customisation needs to amplify the shopping experience for the customer to introduce appropriate products to them, which will increase engagement and satisfaction levels. The Technology Acceptance Model (TAM) (Feizabadi, Gligor and Alibakhshi, 2021) and Unified Theory of Acceptance and Use of Technology (UTAUT) are seminal theories to explain the consumer's engagement with personalised technologies (Chandra et al., 2022). These theories suggest that ease of use and perceived usefulness are critical in consumer acceptance of personalised experiences. Customer Relationship Management (CRM) frameworks also emphasise the importance of making it personal to experience interaction with the customer to develop a long-term relationship, as well as building customer loyalty.
Recent empirical research shows website personalisation to be important to customer satisfaction and engagement. Studies conducted by An, Eck and Yim (2023), as well as confirm that personalised recommendations result in better customer experience, which results in higher repeat purchases. However, this research is often not a deeper analysis of industry-specific dynamics, especially in competitive markets such as fashion.
A major criticism of the take-and-hide theories is that they have a limited application on a variety of retail models. For example, ASOS is based on robust data-dependent algorithms, with machine learning technology being used to optimise recommendations, and Zara and Boohoo have a fast-fashion model in which you tend to provide fashion according to trends, rather than being able to access a personalised digital experience (FakhrHosseini et al., 2024). This is the contrast which highlights the lack of knowledge about the real impact of personalisation in various e-commerce strategies. Moreover, even if the advantages of personalisation are well known, there is no clarity as to its effectiveness on customer retention within very competitive sectors, such as fashion. Retailers that include Zalando, Zara, H&M and Boohoo might be better served by varying customer engagement models, which would be an indicator that personalisation is not necessarily the most important customer loyalty driving factor in all situations of e-commerce.
[bookmark: _Toc229640457]2.2.2 Product Recommendation Systems in Fashion E-commerce 
Product recommendation systems make use of past behaviour to make predictions about user preferences, but then use this to personalise recommendations based on data analytics, machine learning and AI. These systems are targeted to have better user experience with relevant and timely products being displayed to the customers, and can result in better engagement rates and conversion rates (Choi, Chung and Young, 2019). The basic models which are used for the development of recommendation systems are Collaborative Filtering (CF), which recommends products based on the tastes of other similar users and Content-Based Filtering (CBF), which recommends products related to the products a customer has previously shown interest in (Cardoso et al., 2022). Espinosa et al. (2021) highlighted the importance of using these systems to improve user experience, making the process of product discovery among users easier and better, which suppresses the problem of information overload existing in digital marketplaces. Recent research confirmed the positive effect of recommendation algorithms in converting and reducing decision fatigue. For instance, Zaghloul, Barakat and Rezk (2025) found that by showing consumers more options that are relevant to them, personalised recommendations lead to an increase in the rate of purchase considerably. ASOS in particular has been successfully able to introduce personalised recommendations in different touchpoints, e.g. in the form of personalised homepages, as well as targeted promotions, which, Kang & Kim (2017) argue, have a positive influence on repeat purchases.
However, while the impacts on conversions are well-documented, it's not as well-researched how these systems could be able to build a lasting relationship with their customers in the long run. Most research has been done on the immediate impact of this on sales and has not considered if customised experiences result in long-term brand loyalty (Granić, 2024). ASOS highly considers personalisation based on machine learning, where it is continuously enhancing it to suit the user behaviour. In contrast, Zalando and Boohoo have more community-based features, e.g user reviews, social shopping, where personalised recommendations have less of a role in customer engagement. This may show that the way that Zalando treats customer retention is very different to ASOS, which is more based on technology but is more about the social aspect of shopping (Liao and Sundar, 2022). The literature found today is often focused on the performance of the algorithm, for example, prediction accuracy, and does not take into account the other ways in which algorithms are used in support of broader downstream objectives, for example, customer retention. As with e-commerce models like Zara and H&M more of the focus is on fast turnover of stocks and less on a personalised approach (Giovanis and Athanasopoulou, 2018). The research gap may suggest that, for the fashion industry, more research should be conducted on how to complement the recommendation systems with various e-commerce business models.
[bookmark: _Toc229640458]2.2.3 Customer Retention in Fashion E-commerce
Customer retention is the set of strategies that companies use to ensure that customers keep coming and buying from them in a period of time. It is important in e-commerce to be able to have long-term profitability, as it may prove to be more cost-effective, saving the existing customers, compared to trying to win more. A basic type of framework for customer retention is Customer Lifetime Value (CLV) (Giovanis and Athanasopoulou, 2018), which is a measure of the gross profit that a company expects to receive from a customer over their lifetime relationship with the company. Relationship Marketing can be differentiated as an emphasis on the construction of long-term and personalised relationships with customers to boost customer loyalty and customer retention (Feizabadi and Alibakhshi, 2022). Recent empirical studies have confirmed that personalised recommendations play an important role in triggering repeat purchases. Research by Kim, Yin and Lee (2020) demonstrates that personalised product suggestions increase customer engagement and satisfaction rate, which in turn increases customer retention rate. ASOS has been known to have data-driven personalisation approaches, thus uses algorithms to provide data for suggestions of products based on individual preferences, thus being a key player in the leveraging of personalisation for greater retention.
All fashion retailers, however, do not take advantage of this approach. Zara and H&M, for example, have a fast-fashion model and are interested not in personalisation of experiences, but in product turnover. This model is not personalisation, but rather product availability and trend-based inventory. These brands, with their lack of deep personalisation, stand in sharp contrast to ASOS as ways to drive customer loyalty diverge (Khan et al., 2022). While Zara and H&M worries about always having the right stock, not having anything in store that the customers are not looking for, on the part of ASOS, ASOS are more worried about the personalised recommendations in order to keep their customers engaged. In the case of Zalando, the company also makes use of personalisation in combination with aspects of social shopping to create a community-based model for customer retention. Zalando and Boohoo use a combination of personalised recommendations and user-generated content in order to achieve engagement, which is different from the ASOS usage of machine learning-driven algorithms for the same. Despite all these approaches, the existing research works show favoritism to over-simplification of the complexity of the retention strategies through e-commerce (Mou, Shin and Cohen, 2017). Studies have also rarely focused on investigating the ways in which different business models (i.e. ASOS, Zalando, Zara, H&M and Boohoo) integrate recommendation systems into their overall efforts to keep customers. Furthermore, conflicting results have been found on the actual effect of recommendation systems on customer loyalty in the long term, especially in those markets in which the customer switching cost is low. This reveals an absence of knowledge on the effectiveness of individualised recommendations on long-term retention on different fashion e-commerce platforms.
[bookmark: _Toc229640459]2.2.4 Challenges and Strategic Use of Recommendation Systems
Implementing recommendation technologies is linked to the anticipation of a series of managerial problems, especially for companies that wish to use recommendation systems to ensure customer retention in the long term. These systems require huge investments in technology and information infrastructure in order to ensure that the suggestions offered to the free user by the products are relevant and correct (Nguyen et al., 2024). Moreover, since the recommendation systems are data-driven, there are issues concerning recommendation systems like bias in the data, privacy issues and trustworthiness of users in the long term that companies have to deal with. Technology Adoption Theories (Nguyen et al., 2024) have predicted that companies face resistance and barriers in adopting new technologies. Adoption is not related to how to use the technology, but how to beat the inertia from within to ensure that the employees are aligned with the capabilities of the technology that has been implemented. ASOS invested a lot in machine learning algorithms along with data analytics in order to fuel its personalised product recommendations. However, such investments are accompanied by the challenge of ensuring that these algorithms are accurate, up-to-date and relevant to the changing preferences of customers.
Recent research, such as Nakayima et al. (2025), has manifested the role of data analytics in the improvement of recommendation systems, where companies can present more personalised and effective recommendations to their customers. Salahshour Rad, Nilashi and Mohamed Dahlan (2018) go on to highlight the fact that the data infrastructure needed for these systems can be expensive and complicated, and firms will need to invest in hardware and talent to deal with huge data sets. The challenges are not all technical ones. Firms such as Zalando and Zara, H&M and Boohoo, on the other hand, have a looser approach to personalised recommender systems, rather using a community-driven and trend-based approach, respectively (Pappas, 2018). This means that they don't have the same pressure to implement heavy personalisation systems on the basis of huge volumes of data as ASOS does. As a result, ASOS's personalisation focus is with a higher cost in terms of financial and operational burden, which is not the case with Zalando and Zaraavoid.
The chink in the literature, however, is in knowing how recommendation systems are being amalgamated in larger schemes for customer retention. Most research attempts focus on the technical performance of these algorithms or the user experience, and set to one side the organisational issues of aligning the recommendation systems with the long-term objectives for retention (Pappas, 2018). This is a key gap in the backdrop of the fact that it requires careful planning and coordination between the departments in order to operate with these systems embedded into business strategy.
[bookmark: _Toc229640460]2.3 Theoretical Foundation and Contribution
The Dynamic Capabilities Theory is used as the foundation for this particular study. This theory mediated in its ultimate capacity the ability of the firm to integrate, build and reconfigure the internal and external competencies in order to deal with rapidly changing environments (Rather, Tehseen and Parrey, 2018). In the context of fashion e-Commerce, the businesses are in continuous demand to adapt their business strategies in accordance with the changes in the market, customer preferences and technological change. For businesses such as ASOS, the dynamic capabilities of implementing and improving systems of product recommendations is crucial for staying competitive.
The theory bears particular relevance in consideration of the response of such firms as ASOS to the need for personalisation and retention of customers. ASOS have invested a lot in machine learning and data-driven personalisation technologies (Sohn, 2017). Its ability to reconfigure its recommendation systems depending on changes in the behaviour of a customer and market demands is the essence of dynamic capabilities. In this case, not only is ASOS adapting its technology, it is adapting the way it engages with its customers in order to retain them in and increase their lifetime value.
However, there are certain limitations in using the Dynamic Capabilities Theory in this regard only. The theory has more to do with a firm's capability to change the configuration of resources when faced by change, but it does not include a detailed discussion of the internal problems the organisations face in trying to implement these capabilities. Whilst ASOS is good at bringing recommendation systems together, there are challenges such as data privacy concerns, high operational costs and algorithmic bias which complicate this process (Wang and Zhao, 2025). These nuances are not worked out in their entirety in the theory. Further, although ASOS is a good example of the usage of dynamic capabilities, other firms such as Zara and Zalando have other approaches not well described by this theory. As an example, the fast-fashion model of Zara and Boohoo is based on speed and trend-based inventory, and not personalised product suggestions. Its ability to maintain a competitive edge is regarding its supply chain and its turnover to its product, not necessarily so much in its reconfiguration of digital competencies (Yadegari, Mohammadi and Masoumi, 2024). In contrast, Zalando and H&M are companies that apply a combination of personalisation and community functionality, and include social shopping with recommendation technologies. This is another use for these dynamic capabilities, one that will involve both customer experience and social influence rather than a technological adaptation per se.
This research will promote the Dynamic Capabilities Theory as it will discuss the level that companies like ASOS, Zara, Zalando, H&M and Boohoo use product recommendations integrated with their overall companies in order to keep customers. By comparing these companies, the research will highlight the way in which companies customise their technological approach on the basis of their operational model, which will add new insights into the use of dynamic capabilities in the context of e-commerce (Xiong and Zhang, 2018). Moreover, this study will investigate how these companies deal with these challenges of personalisation and will give a nuanced understanding of the practical application of this theory.
[bookmark: _Toc229640461]2.4 Conceptual Framework
In this study, a simple conceptual framework serving as a base to guide the investigation of product recommendation systems and customer retention in the fashion e-commerce business in the UK is used. The study is a multi-case study with secondary data. It is thus not instrumented with static variables nor does it perform tests on statistical relationships (FakhrHosseini et al., 2024). Rather, it will give a transparent analytical matrix to compare ASOS, Zalando, Zara, H&M and Boohoo.
The product recommendation system is the initial phase of the design. These are tools based online that use customer information, behaviour, buying history, and the power of artificial intelligence and machine learning to generate suggestions to customers for things appropriate for their requirements. The research approach in this dissertation is that recommendation systems are considered as part of belonging to the online customer experience, notably in the ASOS case (Hassan, Abdelraouf and El-Shihy, 2025). ASOS are the company that is most heavy in making use of Data Driven Personalisation. However, it also recognises that different retail stores might have different needs with regard to recommendation systems. Zara and Boohoo are more hedging on speed, trends and price. Zalando & H&M implement moderate strategies.
The other half of the framework is customer engagement. This means it has to do with how your clients engage with the fashion ecommerce platform. Any visit to their website, which includes browsing, or clicking recommended products, repeat visits, using their app, reading their product reviews, or answering personalised messages, can be considered engagement. Recommendations that make shopping easier and more personalised can have a positive impact on engagement, the idea goes (Choi, Chung and Young, 2019). However, "neighbourhood functionality, low rates, limited access and brand recognition can be drivers of engagement. This makes the framework relevant in answering the question relating to comparisons between the different business models.
The third is customer retention. This is the power of retailers to drive repeat visits & repeat purchases. A Recommendation System (RS) is not considered as a result of retention in the present study. It's rather received as a result of various connected factors. This includes Delivery, Brand trust & business model fit, Digital personalisation, Product relevance and Customer experience, and Pricing (An, Eck and Yim, 2023). The last piece of the framework is the business model context. This is crucial because each case firm takes a different approach to retaining customers. ASOS is ‘digital first ‘and personalisation-driven. The cornerstones of Zalando are recommendations, community and styling content. Zara takes advantage of rapid changes in stock and a lack of product. Customers can access both in-store and online with H&M. Boohoo is one of those fast-fashion, low-cost brands. Such differences may account for the differences in the extent of central recommendation systems found across different types of companies.
[image: ]
[bookmark: _Toc230816639][bookmark: _Toc230816957]Figure 1: Conceptual Framework (Made by Author)
Overall, the scheme provides a potentially usable model for the analysis of secondary data. It enables the study to compare the different retailers in terms of their use of recommendation systems/engagement, and retention approaches. It also refrains from taking causal conclusions that it does not have proof for based on secondary data only. So the framework makes it possible to have a realistic analysis with a rather balanced outlook. It helps with comparison and contrasting, and strategic fit of the selected retailers as part of the cross-case discussion in chapter 5, following case findings per chapter 4.

The Summary Table of Key Literature is a methodical scan of papers of greatest relevance in academia that have been utilised in this dissertation. It brings together the significant theories, structures, procedures and discoveries within the domain of product recommendation frameworks, customer engagement, and customer loyalty. Some inherent limitations in the available literature, which narrow their scope to emphasise the performance of algorithms rather than actual implementation, are also identified in the table. It gives a chance to make parallels between the different business approaches with the insights that have been gathered by several companies, such as ASOS, Zalando, Zara, H&M, and Boohoo. Overall, the table augments the literature review by summarising the key debates and supporting the research gap identified. 


1

[bookmark: _Toc229640462]2.5 Summary Table of Key Literature

	Author(s) & Year
	Theory/Framework
	Key Constructs/Themes
	Methodology
	Key Findings
	Limitations/Gaps
	Relevance to Study

	(Wang and Zhao, 2025)
	Dynamic Capabilities Theory
	Firm adaptability, resource integration
	Conceptual framework
	Firms must integrate and reconfigure resources to stay competitive.
	Limited empirical validation in e-commerce.
	Provides the theoretical basis for studying ASOS’s adaptability in e-commerce.

	(Mou, Shin and Cohen, 2017)
	Technology Acceptance Model (TAM)
	Consumer acceptance, perceived usefulness
	Survey-based, quantitative
	User acceptance is determined by perceived ease of use and usefulness.
	Focused on early technology adoption, not dynamic environments.
	Explains how ASOS’s customers might accept personalized technologies.

	(Yadegari, Mohammadi and Masoumi, 2024)
	UTAUT
	Technology adoption, user behavior
	Survey-based, quantitative
	Identified factors influencing the use of technology: performance expectancy, effort expectancy.
	Limited to broad technological contexts.
	Helps understand user acceptance of ASOS's recommendation systems.

	(Khan et al., 2022)
	CRM
	Customer loyalty, long-term relationships
	Conceptual, case studies
	Personalization strengthens customer loyalty and long-term relationships.
	Focused on traditional CRM, not digital environments.
	Directly relevant to understanding ASOS’s customer retention strategies.

	(Pappas, 2018)
	Collaborative Filtering (CF)
	Personalization, user experience
	Algorithm-based, quantitative
	Collaborative filtering enhances user experience by offering relevant recommendations.
	Not all recommendations are successful in every context.
	Framework for understanding ASOS's recommendation algorithms.

	(Chandra et al., 2022)
	Collaborative Filtering
	Data-driven personalization
	Algorithm-based, quantitative
	Collaborative filtering improves product recommendations.
	Performance varies with data quality and quantity.
	Key model behind ASOS's recommendation system.

	(Nguyen et al., 2024)
	Content-Based Filtering (CBF)
	Product similarity, personalization
	Algorithm-based, qualitative
	Content-based filtering suggests items similar to user preferences.
	Limited scope in product diversity (fashion).
	Influential in ASOS’s content-based recommendation techniques.

	(Liao and Sundar, 2022)
	Personalization in E-commerce
	Personalized experiences, customer engagement
	Case study, qualitative
	Personalization in e-commerce boosts repeat purchasing and engagement.
	Narrow focus on one retailer.
	Insights on how ASOS's personalization influences retention.

	(Hassan, Abdelraouf and El-Shihy, 2025)
	Recommendation Systems
	Algorithms, engagement, retention
	Quantitative, survey-based
	Personalized recommendations increase conversions and retention.
	Limited to data-driven approaches; doesn’t explore social elements.
	Relevant for analyzing ASOS’s impact on customer retention.

	(Choi, Chung and Young, 2019)
	Customer Retention Theory
	Repeat purchasing, customer satisfaction
	Quantitative, survey-based
	Personalization positively impacts customer satisfaction and retention.
	Overlooks industry-specific differences in retention strategies.
	Provides a broad theoretical foundation for studying ASOS and competitors.

	(Xiong and Zhang, 2018)
	Relationship Marketing
	Customer loyalty, transactional vs. relational
	Survey-based, quantitative
	Transaction-based strategies are less effective than relational approaches.
	Limited analysis of personalized marketing.
	Helps compare ASOS’s relational strategies with those of Zara and Zalando.


[bookmark: _Toc230816967]Table 3: Summary Table of Key Literature (Author)

[bookmark: _Toc229640463]2.6 Conclusion
This chapter had a brief review of the literature on product recommendation systems and customer retention, as it affects the impact of personalisation in e-commerce. This indicated some gaps, in particular, the absence of an in-depth examination of the combination of the role of recommendation systems as part of wider retention measures under different business models (Giovanis and Athanasopoulou, 2018). While ASOS is based on the power of data-driven personalisation, Zara and Zalando pursue other strategies with an emphasis on trends and communities, respectively. Existing theories, such as Dynamic Capabilities, give valuable insights, but they do not go far enough to address the problems of operation that firms have in rolling out these systems (Mou, Shin and Cohen, 2017). The next chapter will build on this theoretical foundation, looking at how these strategies will play out in real-world case studies.





[bookmark: _Toc229640464]Chapter 3: Methodology
[bookmark: _Toc229640465]3.1 Introduction
This chapter outlines and rationalises the methodology of the study that seeks to determine the impact that product recommendation systems have on customer retention in fashion e-commerce. The study will be founded on the research questions of the research aim as outlined in Chapter 1. The use of secondary data in a qualitative, multi-case study approach is taken. This allows making comparisons among ASOS, Zalando, Zara, H&M, and Boohoo. However, secondary data may be an evident limitation on the insight into internal processes and lead to bias. ASOS relies on data-based personalisation; however, Zara and Boohoo have a more reliance on fast and low pricing, which makes theories less generalisable (Ragab and Arisha, 2017). The way the chapter presents the research design, selection of cases, data sources, the method of analysis, research rigour and ethical issues is presented clearly.
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[bookmark: _Toc230816640][bookmark: _Toc230816958]Figure 2: Research Onion (Saunders, Lewis and Thornhill, 2023)
[bookmark: _Toc229640466]3.2 Research Philosophy, Approach, and Design
[bookmark: _Toc229640467][bookmark: OLE_LINK1][bookmark: OLE_LINK2]3.2.1 Research Philosophy
The ongoing study will presuppose an interpretivist approach to philosophy to better educate on how firms use product recommendation systems in their business lives. Interpretivism is appropriate since organisational practices and market conditions influence the customer retention strategies. However, it may limit objectivity since the interpretation of secondary data relies on subjectivity in terms of results (Welch et al., 2022). The utilitarian aspect is also questionable owing to the research which will seek to get viable information between companies among which include, including ASOS, Zara, Zalando, H&M and Boohoo. This flexibility is obtained simultaneously, but to undertake comparisons of different business models, it can lead to a loss of theoretical consistency. 

[bookmark: _Toc229640468]3.2.2 Research Approach
The abductive way of research is used. The paper starts with a conceptual framework that was created in Chapter 2 and proceeds to sample real-world cases. It works in cycles between theory and data to sharpen the knowledge. The specified strategy is feasible to investigate the differences between the information-based approach used by ASOS and the fast strategy of Zara. However, abductive reasoning may be biased on the side of the researcher due to conditioning of interpretations (Aguinis, Bergh and Molina-Azorin, 2022).
[bookmark: _Toc229640469]3.2.3 Research Strategy
The study approach is a multi-case study as it is a detailed examination of phenomena in real-life settings. This technique enables one to make a line-break comparison of five companies. ASOS is a highly personalised company, whereas Zalando has social features, and Zara and Boohoo are more of speed and price emphasis companies. H&M embraces a balanced model. Case studies, however, might have less generalisability, due to context-specific findings (Yin, 2018). Such methodological choices and how they fit the study are depicted using the Research Onion (Figure 2).

[bookmark: _Toc229640470]3.3 Justification for Case Study Methodology
The technique that is going to be adopted in the present study is the case study, as this current study is expected to generate answers to the questions of how and what the problems of the product recommendation system and customer retention are. It enables savvy, contextual knowledge of the firm’s strategies with distinctions of viable real-world usage and strategic perspective (Welch et al., 2019). It plays a role in the ranking of different models, such as personalisation of operations by ASOS, which are mainly powered by data and the speed with which Zara operates in fast fashion. However, case studies can be scenario based that results in reduced generalisation. The secondary data is used to provide annual reports, analyses of the different industries and strategies of the firms. This will allow it to research other large firms like ASOS, Zalando, H & M and Boohoo, where it might not be easy to obtain primary data. These statistics, however, tend to provide positive records and are not operational (Welch et al., 2019). Cross-case analysis also allows the analysis to be an improvement in a multi-case design. It assists in recognising trends and comparisons across models of businesses. However, the absence of consistency and interpretation may be affected by differences in the depth of data in firms.

[bookmark: _Toc229640471]3.4 Case Selection and Sampling Strategy
The sampling that this paper employs is the purposive method of sampling, which means that not all cases will be randomly selected; rather, based on their relevance to the research problem and theory. The companies are chosen because they are either product recommendation systems which are intensively used or avoided (Lock and Seele, 2015). This will allow comparison to be more analytical. However, purposive sampling may also be a source of selection bias in which the researcher decides on the inclusion of cases that may bring about neutrality. There are clear criteria for case selection. The targeting, held by focusing on the firms that participate in the digital fashion retail, makes the relevancy set. The richness of information is also taken into account, with such companies as ASOS and Zalando using extensive public information, whereas Boohoo does not go into such detail (Lock and Seele, 2015). It must be diverse, with companies unlike in their business concept, with Zara fast fashion and H&M having an omnichannel strategy. Maintenance of currency is done through a selection of recent data that is 5-7 years old. Sources are validated by relying on such sources as reports and industry publications to ensure that it is credible. Nonetheless, variability in disclosure can pose an imbalance among cases.

	Company
	Model
	Key Focus
	Strategy Type

	ASOS
	Online
	Personalisation
	Data-driven

	Zalando
	Hybrid
	Community + AI
	Hybrid

	Zara
	Fast Fashion
	Speed
	Low personalisation

	H&M
	Omnichannel
	Accessibility
	Moderate

	Boohoo
	Fast Fashion
	Price
	Low


[bookmark: _Toc230816968]Table 4: Case Profiles (Made by Author) Data from Dwivedi (2023), Nguyen et al. (2024) and Yadegari, Mohammadi and Masoumi (2024)
The selected cases provide a variety of digital maturity and strategy focus. This will enable comparison between models and also come up with alternative means of retaining customers (Li et al., 2021). Algorithms are used in ASOS, speed, and other businesses, such as Boohoo, Zara, and others use pricing. However, such diversity can make them more challenging to compare with one another since the strategies of companies do not always achieve a similar effect.

[bookmark: _Toc229640472]3.5 Data Sources and Data Collection
[bookmark: _Toc229640473]3.5.1 Data Sources
The use of different secondary data in this study is informative and valid. They are end-of-year reports of the company, official websites of the company, marketing and promotional campaigns, reports released by other corporations such as McKinsey and Deloitte and business newspapers such as the Financial Times and Bloomberg (Rashid et al., 2019). Annual reports are good sources of financial and strategic information, especially as firms such as ASOS and Zalando are reporting detailed digital strategies. Personalisation and interaction could be reflected in the company websites and campaigns, which show how the brands conveyed them. Industry reports give more extensive market trends, whereas the business press gives an independent assessment. Nonetheless, there are shortcomings of every source. Corporate reports also have the propensity to present biased and positive reports, especially in corporations like Boohoo that are less transparent (Snyder, 2019). Marketing tools have promotional materials which may exaggerate the effectiveness of recommendation systems. The reports on the industries are extremely generalised, and they may not be reflected in the firm-specific reality, including minimal use of personalisation in Zara. These sources, hence, bring knowledge in the actual world but need to be approached with a critical mind.
[bookmark: _Toc229640474]3.5.2 Data Collection Process
There was a systematic approach to the data collection process. The initial selection of the researchable sources was based on the five selected companies, which are ASOS, Zalando, Zara, H&M, and Boohoo. Credibility, relevance, and recency of these sources were then filtered. Data that was included only within the past 5-7 years is considered accurate. The data obtained was categorised into important themes in agreement with the conceptual framework (Saunders, Lewis and Thornhill, 2023). These were in product recommendation systems, engagement of customers and retention of customers. This thematic organisation assists in maintaining uniformity among cases and provides comparisons in an organised manner. However, different data available to different firms may render differences in the analysis depth, particularly between data-rich companies like ASOS and Boohoo, respectively.
[bookmark: _Toc229640475]3.6 Data Analysis Approach
The conceptual framework that has been created in Chapter 2 leads to data analysis. This framework links product recommendation systems, customer interaction and customer retention, as well as considers moderating roles of business models. It provides a framework approach to analysing firm strategies (Yin, 2018). However, strictly following a current model could inhibit the presentation of unpredictable hints. Thus, the analysis is very flexible and receptive to the new themes, particularly where companies such as Zara and Boohoo are not guided by data-driven personalisation.
The studies of both companies are individual studies in order to construct a fine story. ASOS is assessed because there is a great use of recommendation systems. Zalando is rated based on a hybrid approach of rating both data and community (Welch et al., 2019). Zara and Boohoo are evaluated based on their use of speed and price instead of using personalisation. H&M is between these models. This way makes it possible to gain a more in-depth insight into firm-specific strategies. Nevertheless, this imbalanced availability of data can result in more robust insights into such firms as ASOS than into Boohoo.
The comparison of patterns and differences among all five firms is done through cross-case analysis. It brings out the way various business models have different ways of using recommendation systems (Snyder, 2019). ASOS is based on algorithms, and Zara’s retention is devoid of algorithms. Nonetheless, making comparisons across different models can decrease direct comparability. Chapter 5 is based on these insights, as the theoretical discussion.
[bookmark: _Toc229640476]3.7 Research Quality and Rigour
Various measures create promises of the quality of the research. The various sources of data utilised, like the report, websites, and industry analysis, increase construct validity (Li et al., 2021). This tripleting makes it more credible, especially when comparing businesses like ASOS, Zalando and Zara. However, the secondary data may also be corporate-biased. The apparent solution to the internal validity is surely an analytical procedure which links the findings and data to the conceptual framework (Li et al., 2021). This guarantees logical consistency. This can, however, be construed differently, particularly in the case of companies that have different models, such as Boohoo and H&M.
External validity is a type of analytical generalisation as opposed to statistical inference. Results are related to theory, rather than populations. This however, could be limited in the way that it could be used because of differing strategies of the firms (Snyder, 2019). This reliability level is made up of straightforward protocols and procedures that are repeatable. Nonetheless, qualitative analysis might not be consistent among researchers because of subjective judgment.
[bookmark: _Toc229640477]3.8 Ethical Considerations
No issues of confidentiality and consent are raised in this study, since only publicly available data are used. All sources are referred to and remain academic and avoid plagiarism. However, the problems of bias and representation are inadequate in terms of ethics. Corporate data of such firms as ASOS, Zalando, and Boohoo can be a biased piece of information, and it can bring erroneous outcomes without extensive consideration (Lock and Seele, 2015). Attempts to keep sources accurate are made by cross-checking, and selective reporting is avoided. Balance can be affected by the disparities in firms, such as the minimal disclosure of Zara. The research is conducted within the ethics of the university research, which appreciates transparency, honesty, as well as ethical interpretation of all the secondary data mentioned in the research.
[bookmark: _Toc229640478]3.9 Chapter Summary 
The qualitative, multi-case study approach adopted in the analysis of product recommendation systems and retaining customers was provided in this chapter. It also rationalised the use of secondary data and explained how ASOS, Zalando, Zara, H&M and Boohoo were chosen. The process is rigorous and systematic, and open. Nevertheless, the use of secondary information and various business models can be a constraint to uniformity in some cases (Rashid et al., 2019). However, the methodology allows for considerable comparisons among different strategies. The chapter provides a definite analytical background for the study. The next chapter is the research findings in which this framework is implemented in which one speaks of the patterns, differences, and strategic implications of the selected firms.




[bookmark: _Toc229640479]Chapter 4: Findings
[bookmark: _Toc229640480]4.1 Introduction
This chapter asserts the findings of the study based on the secondary data in the form of a multi-case study. It puts 5 fashion e-commerce companies in comparison: ASOS, Zalando, Zara, H&M, and Boohoo. As much as they are all related to the same industry, the way they do business is quite different. ASOS is strategically guided by information-based suggestions as compared to Zara and Boohoo, which are guided by speed and costs. This is more even at Zalando and H&M (Wang et al., 2019). This puts in doubt the notion that most of the retention is due to individualising. The interaction is also capable of being improved with the help of the recommendation systems, though the effectiveness of the latter is not similar across the firms. The chapter is divided into five case studies with a synthesis of important patterns and differences in companies.

[bookmark: _Toc229640481]4.2 Case Study 1: ASOS
[bookmark: _Toc229640482]4.2.1 Introduction and Background
ASOS is a UK-based online fashion retailer which operates a strong online store. It is a wholly online-based company with customers all over the world. Zalando, Boohoo and H&M are the competitors of the company in the fast fashion e-commerce market (Pandey and Chawla, 2018). In contrast with Zara, which depends on physical outlets and quick supply chains, ASOS is based on online experience and customisation (ASOS plc, 2025). It will present a suitable case study with which to delve into suggested systems because of its expertise in information and technology.
[bookmark: _Toc229640483]4.2.2 Challenge or Opportunity
There is a high level of competition and low switching costs in ASOS. The customers can make a run to the other competitors who may be cheaper or faster in fashion, such as Boohoo and Zara (Landim et al., 2025). That puts a strain on retaining customers as opposed to merely getting them. The primary challenge is to maintain the time interest. ASOS, therefore, needed an effective retention strategy in terms of customisation and not necessarily the price or speed.
[bookmark: _Toc229640484]4.2.3 Approach and Implementation
ASOS is a very data-driven company. It recommends customer journeys through AI-based recommendation systems. These systems operate based on individualised personal homepages, product suggestions and specified email messages. The intention is to align products and personal tastes and minimise the search time (ASOS plc, 2025). ASOS has a greater number of algorithms than Zalando, which combines personalisation and social features. H&M has a middle approach, and Zara and Boohoo are not so concerned with the digitalisation of personalisation.
[bookmark: _Toc229640485]4.2.4 Outcomes and Results
Customer engagement and repeat purchases have been enhanced as a result of the implementation of the recommendation systems. ASOS has higher conversion rates and retention (ASOS plc, 2025). These individualised tips come in handy in the process of getting users to find products of interest within just a few seconds. However, these findings are not necessarily steady. The operations of data infrastructure cost a lot due to the high cost of investment in data infrastructure (Landim et al., 2025). It also risks over-personalising, and repetition of the suggestions becomes less new and exciting. Zara, in turn, retains by providing scarcity of products, whereas Boohoo does so with pricing. This depicts that the model adopted by ASOS does not work best in all cases in the market.
[bookmark: _Toc229640486]4.3 Case Study 2: Zalando
[bookmark: _Toc229640487]4.3.1 Introduction and Background
Zalando is a large online fashion e-commerce store in Europe. It follows the hybrid strategy that is both a mix of personalisation that is data-driven and features that are community-based (Zalando SE, 2025). ASOS, Zara, H&M, and Boohoo are some of the other firms that the company is competing with in a highly competitive environment. Unlike ASOS, which relies on algorithms, Zalando socialises in its online system. This places it among pure personalisation and traditional retail. The archetype of its uses displays a greater change to facilities of interactive and experience-based e-commerce strategies.
[bookmark: _Toc229640488]4.3.2 Challenge or Opportunity
Zalando was confronted by the question of making a difference amid a competitive market. Another trait that competitor AsOS and other firms target is personalisation, but Zara focuses on the product speed and turnaround. Boohoo is price competitive, and H&M is balanced in both online and offline (Witek-Hajduk, Grudecka and Napiórkowska, 2022). Hence, Zalando had to have a unique value proposition. The goal was to increase customer experience by engaging, as opposed to just using a recommendation system. This is a strategic change from transactional to relational interaction with customers.
[bookmark: _Toc229640489]4.3.3 Approach and Implementation
Zalando adopted a mix of recommendation engines and social. Even though it applies data analytics to provide product offers personalisation, it includes customer reviews, content by influencers, and styling inspiration (Wang et al., 2019). This enhances a more interactive shopping experience. In comparison, Zalando deems its attention on technology and community as compared to ASOS, which relies on algorithmic suggestions. H&M is using a halfway version of it, and Zara and Boohoo have very minimal focus on such digital engagement tools.
[bookmark: _Toc229640490]4.3.4 Outcomes and Results
The brand positioning has led to excellent customer relations and customer loyalty at Zalando. The social aspect integration makes users spend more time on the site and engage in other non-buying activities (Zalando SE, 2025). However, this model has its limitations. The reduced degree of reliance on algorithms may limit the efficacy of the personalisation as concerns ASOS. Meanwhile, community-based solutions are based on the participation of users, which may vary (Yıldız, Güngör Şen and Işık, 2023). Compared to Zara with respect to efficiency or Boohoo in terms of pricing model, Zalando is more balanced and less focused. It means that despite the fact that hybrid strategies enhance engagement, they can reduce the clarity of strategies in very competitive markets.

[bookmark: _Toc229640491]4.4 Case Study 3: Zara
[bookmark: _Toc229640492]4.4.1 Introduction and Background
Zara is a global fast-fashion company that has high levels of online and offline integration. The Zara model is not digital personalisation-centred as compared to ASOS and Zalando. Rather, it builds on an effective supply chain, as well as on the rapid turnover of the products (Inditex, 2024). The company concentrates on ASOS, H&M and Boohoo, and its approach is a functional and not technical one. This is a reverse tale as far as Zara is concerned, with regard to understanding how customer retention can be achieved without a good recommendation element.
[bookmark: _Toc229640493]4.4.2 Challenge or Opportunity
The main challenge that is affecting Zara is to stay on track with fashion and be relevant. The marketplace is more competitive, with customers requiring new styles every time. The competitors of this kind, such as ASOS, focus on personalisation, while Boohoo competes by price (Pandey and Chawla, 2018). As a result, it gives Zara the opportunity of timeliness with regard to delivering new products. The possibility of declining speed would decrease customer interest and market share.
[bookmark: _Toc229640494]4.4.3 Approach and Implementation
Zara emphasises a very agile supply chain. It prepares small quantities of stock and comes up with new designs in a short period. This develops a 4 Ps sense of urgency on the part of the customers. Zara does not employ much digital personalisation in contrast with ASOS, which implements AI-based recommendation systems (Inditex, 2024). It employs the store experience and product availability as its approach. This slow-execution model pertains to H&M, but Boohoo has made speed and lower prices online. Instead, Zalando is a combination of information and community capabilities, and this is a result of the unmatched operational orientation of Zara.
[bookmark: _Toc229640495]4.4.4 Outcomes and Results
Among the reasons why Zara can attain high demand and retention of customers is due to scarcity and alignment with trends (Inditex, 2024). Recycling of new collections is also high since the customers recur. This creates interaction, without having to engage with recommending systems. However, this model has its flaws. It is highly reliant on the operational efficacy and may not accommodate a fully digital environment (Sutinen, Saarijärvi and Yrjölä, 2022). Zara does not bear high technology-related costs when compared to ASOS, at the expense of personalised engagement. This goes against the prevailing theories of individualisation as an important aspect of retention. It assumes the other forces, such as speed and exclusiveness, can maintain customer loyalty in fashion e-commerce as well.
[bookmark: _Toc229640496]4.5 Case Study 4: H&M
[bookmark: _Toc229640497]4.5.1 Introduction and Background
H&M is a multinational fashion retailer whose business model is omnichannel, consisting of both brick-and-mortar stores and an online business (H&M Group, 2025). H&M employs both offline and online growth, whereas ASOS is all online. It is competitive with Zara on fast fashion wear and with ASOS and Zalando on online shops. This vague position puts H&M in a fruitful zone of analysis of moderate adaptation of recommendation systems.
[bookmark: _Toc229640498]4.5.2 Challenge or Opportunity
H&M is threatened with a high level of operational and online competition. Zara is the fastest and most efficient supply chain, with ASOS being the data-driven personalisation leader. Competition: Boohoo is cheap, rapid fashion. Therefore, the issue confronting H&M is the relevance of the company in both offline and online platforms (H&M Group, 2025). Accessibility and digital innovation, on balance, are a possibility. Yet this doubled focus has the power to dull the strategic clarity.
[bookmark: _Toc229640499]4.5.3 Approach and Implementation
H&M has a moderate level of personalisation used. It uses the tool of recommendation both in their web page and mobile app, which is enabled by customer information. Customer loyalty programmes are also introduced in the company, as well as the use of apps. Weakness, however, is that its solution is less advanced than one that depends a lot on AI-driven systems (Hwangbo, Kim and Cha, 2018). H&M does not have powerful community-driven points in comparison with Zalando. Zara and Boohoo, in their turn, lack such an intense focus on the digital personalisation and, in its place, focus on the speed and the cost. This leaves H&M in the middle ground, where there is no strategic advantage.
[bookmark: _Toc229640500]4.5.4 Outcomes and Results
Availability of prices and product differentiation make H&M be in constant communication with the customers. But its retention performance is mixed back. In the middle level of personalisation, it enhances the user experience and does not make the brand very differentiated (H&M Group, 2025). It is failing to utilise the fullest of data to get involved, compared to ASOS. It lacks functional velocity as compared to Zara and cost advantage as compared to Boohoo. This is an aspect of great disadvantage. The plan feels like it is not a distinct strategy, but rather typical. It indicates that moderate personalisation might not be adequate to promote high retention (Guercini, Bernal and Prentice, 2018). This counters the suppositions that mix adoption of recommendation systems will result in automatic competitive advantage in the market of e-commerce based on fashion products.

[bookmark: _Toc229640501]4.6 Case Study 5: Boohoo
[bookmark: _Toc229640502]4.6.1 Introduction and Background
Boohoo is an online fast-fashion store based on a high-price-driven business model. It appeals to younger consumers whose products are trendy and of low cost. Unlike ASOS and Zalando, Booho is not oriented towards extremely technological personalisation (Boohoo group plc, 2025). It is a rival of Zara, H&M, and ASOS but gets differentiated primarily in terms of affordability and product turnaround. It possesses a highly transactional and not a relational model.
[bookmark: _Toc229640503]4.6.2 Challenge or Opportunity
The biggest challenge Boohoo has to go through is growing in a competitive and price-sensitive business environment. The tendency towards the customer to shift platforms is easy when there are competitive trends that are similar in nature. The opportunity available in the business lies in the fact that customers who are likely to be drawn to low prices and fast-moving inventories lie in the high volumes (Bilińska-Reformat and Dewalska-Opitek, 2021). However, the process stresses maintaining the margins since the products are continuously improved under this mechanism. The Boohoo model is less resistant to the variability of markets than Zara, which is more efficient in the working process, and ASOS, which uses the data to connect with the market.
[bookmark: _Toc229640504]4.6.3 Approach and Implementation
Boohoo employs a discounting, promotion, and immediate reaction to trend strategy. It relies on a few personalisation systems and does not spend a lot on AI-based personalisation (Boohoo group plc, 2025). Rather, it depends on constant updates of the products and cut-throat pricing. The focus of Boohoo is on short-term transactions, compared to ASOS, which builds engagement by creating a personalised experience. H&M is more balanced, and Zalando takes the elements of community and personalisation into consideration. This highlights the fact that Boohoo discusses minimal engagement-based strategies.
[bookmark: _Toc229640505]4.6.4 Outcomes and Results
The fact that Boohoo is a follower in terms of highly sold sales is typified by the low-price model and the product lifecycle. The customers are attracted to affordability and diversity. The customer loyalty is, however, poor in the long-term. Price is the motivator of retention instead of engagement and brand connection. This leaves a weak customer base that is easily transferred to the competitors (Boohoo group plc, 2025). This is not a sustainable strategy by Boohoo in comparison to Zara, which uses exclusivity, or ASOS, which uses personalisation. This refutes the idea that large sales will automatically translate into high retention (Chakraborty et al., 2021). It shows that under competitive conditions of online shopping in the fashion sector and business relationships with the customer, there cannot be strong relationships without deeper interaction.

[bookmark: _Toc229640506]4.7. Summary of Cross-Case Analysis
[bookmark: _Toc229640507]4.7.1 Recurring triggers across cases
In all five cases, the key driver was the need to keep customers in a competitive fashion e-commerce. Personalisation and digital engagement were the key elements of the response from ASOS and Zalando. Speed, availability, being priced and brand accessibility were more crucial elements to Zara, H&M and Boohoo (Boohoo group plc, 2025). This indicates that a single factor did not influence customer retention. The different firms differed in how they reacted to their changing customers' needs.
[bookmark: _Toc229640508]4.7.2 Common response patterns
One typology that emerged frequently was the simultaneous use of a number of strategies, rather than relying on only one strategy. ASOS have embedded recommendation systems throughout the customer journey to make it more personalised. Zalando de frameworked suggestions with community-based engagement (Guercini, Bernal and Prentice, 2018). H&M exhibited moderate personalisation throughout; they gave users access to the products across multiple channels. But Zara and Boohoo were more concerned with getting quicker turnovers and selling their products at a more affordable price (Boohoo group plc, 2025). So, while recommending systems helped retention, it was to the extent that they were a good match for the overall business model.
[bookmark: _Toc229640509]4.7.3 Major differences between the five cases
The only different thing was the part technology played. The ASOS retention strategy was largely based on the use of recommendation systems. It has a big play-out of brands alongside them, which Zalando used (Pandey and Chawla, 2018). Urgentness, trend pliancy, and price, as Zara and Boohoo demonstrated, can also help retain customers.
[bookmark: _Toc229640510]4.7.4 Emerging relationship between execution and results
The result reveals that the importance is more on execution than on technology itself. Firms with more alignment between business plans, customer experience and ability to execute the actual operation were better positioned for retention (Pandey and Chawla, 2018). Recommendation systems were helpful but not always successful, lacking a strategic fit.
[bookmark: _Toc229640511]4.8 Chapter Summary
In this chapter, results were displayed in five companies, with various methods of customer retention. ASOS is personalisation, Zara speed, Zalando a hybrid, H&M moderate integration and Boohoo pricing. This body of variation disproves predictions of recommendation systems being solitary retentional drivers (Ali Murat Tiryaki and Sait Can Yücebaş, 2023). Though there is a good involvement in ASOS, it possesses a costly model which cannot be sustained. Zara and Boohoo achieve retention without in-depth personalisation in their turn. It means that the former is that technology does not solely decide the outcome as compared to business models. The outcomes are, however, relative. In the following chapter, these patterns will be critically analysed and associated with theory to cover the gaps detected above.



[bookmark: _Toc229640512]Chapter 5: Discussion and Analysis
[bookmark: _Toc229640513]5.1 Purpose and Positioning
This chapter takes our research beyond the cases studied to critically analyse the cross-case analysis presented in Chapter 4. We show that strategies have many pathways for impacting customer retention, not just one. As ASOS demonstrates, with data-driven product recommendations, conversion and retention are increased, with personalisation reported to increase engagement by 20-30% in e-commerce (Wang and Zhao, 2025). However, Zara bucks the trend and has high retention by fast stock turnover and low inventory to create urgency without a significant level of personalisation. Boohoo uses discounts, which result in high turnover but low retention with low switching costs. Zalando is a hybrid; it uses recommendations combined with socially coordinated engagement to enhance dwell time but not user retention (Pappas, 2018). H&M's meagre omnichannel approach to recommendations is non-specific. Hence, this chapter argues that product recommendations impact on customer retention, but are dependent on need fit, engagement and the overall business model.
[bookmark: _Toc229640514]5.2 Analytical Framework and Logic
This chapter takes a two-fold approach, both theoretically and by comparing multiple cases, to offer some insights into the effect of product recommendations on customer retention. We use the theory of Dynamic Capabilities to assess the organisations' adaptation to changing needs. ASOS has strong digital capability with AI recommendations, and Zara has strong product capability with quick turnovers (2-3 weeks), indicating that adaptations are not digital in nature (Liao and Sundar, 2022). Theories on the Technology Acceptance Model (TAM) and UTAUT support observation of personalisation offering acceptance, usefulness and engagement with up to 30% increased conversion rates when it is integrated with online experience. But Boohoo's lack of personalisation indicates that acceptance isn't essential to keep customers when price is involved. Personalisation is expected to fuel loyalty, according to customer relationship management (CRM) and relationship marketing, but Zalando's efforts at community-building mean engagement does not mean loyal customers (Hassan, Abdelraouf and El-Shihy, 2025). Therefore, customer engagement and liking are mediators. It leads to loyalty through increasing relevance and satisfaction. The operational model is a moderator. Personalisation is enhanced by ASOS because it is online, but hindered by H&M. So, retention is driven by product recommendations, but would be even more effective for different operational models, based on strategy and operational models.

[bookmark: _Toc229640515]5.3 Cross-Case Synthesis: Compare and Contrast with Literature
[bookmark: _Toc229640516]5.3.1 Product Recommendations as a Conditional Driver of Retention
The literature reviewed in Chapter 2 argues personalised product recommendations improve customer experience by decreasing their effort and effort, increasing useful information and stimulating repurchase behaviour. This seems to make sense for CRM because customers might feel special if the recommendations are considered useful or relevant (Ascarza et al., 2018). The TAM and UTAUT theories explain why product recommendations are accepted if they are perceived to save time and effort and to improve decisions. E-commerce studies give glowing references to personalisation, which can give a 10-30% boost to conversion, but the case studies in Chapter 4 suggest that this is not always the case.
The best evidence is from ASOS. They are an e-commerce company, so personalisation is important to their selling process (Khan et al., 2022). Personalised homepages, recommendations and personalised emails help you to find what you want and make it easy to buy. It's good news for the academics because the recommendations make it easy and relevant - two factors associated with reuse (Hanaysha, 2018). But H&M is an example of the latter. While it uses similar personalisation and loyalty programs, it reduces the impact when it has an omnichannel strategy that goes beyond personalisation. It doesn't really have a digital moat, as ASOS seems to.
The buffering, the greatest counterexample, is Zara. It uses fast stock turnover, scarcity and novelty of fashion to engage customers, but it doesn't use personalisation (Khan et al., 2022). This subverts the case for the need for recommendations for retention. The subtlety in this is that algorithms are a help to retention when part of a data-driven e-commerce business model, but they are not necessary for retention in all fashion e-commerce.
[bookmark: _Toc229640517]5.3.2 Dynamic Capabilities and Business Model Alignment
Dynamic Capabilities Theory postulates organisations are enabled by senses, seize, and reconfigure. In digital fashion retailing, this could be big data, artificial intelligence (AI), supply chains and logistics, customer loyalty and platforms (Mou, Shin and Cohen, 2017). This theory is built on in Chapter 4, as it shows that dynamic capability might not be digital. There are many different companies' capabilities to retain customers.
ASOS has a digital dynamic capability. It better understands the customer to recommend based on their behaviour. It does this as it is a digital business model. Zara is an operational dynamic capability. It does not use personalisation but rapidity (Yıldız, Güngör Şen and Işık, 2023). Its design and production cycle (also known as weeks, not months) leads to scarcity and recurrence. Zalando is relationally capable, which incorporates recommendations, reviews, inspiration and social. Boohoo represents price/marketing skill, responding to price and trends and to value sensing individuals. H&M is a catch-all, which dampens its message.
This relatively sophisticated perspective adds to the literature. If dynamic capabilities are true only online, then Zara is wrong to ASOS. But, as Chapter 4 reveals, the latter's retention capability is equally good (Mou, Shin and Cohen, 2017). Boohoo is also dynamic, but its capability in price sensitivity is less distinctive. Thus, retention is more about capability, not the firm having recommendation technology: is its capability suited to its model? The most successful have the right retention capability for their value proposition.
[bookmark: _Toc229640518]5.3.3 Customer Engagement Does Not Always Equal Loyalty
The assumption is in the CRM and relationship marketing literature that engagement is correct. Personalisation is to increase clicks, views, satisfaction and repeat customers. This is partly correct, but our prior in-market survey and across cases analysis suggest that engagement is not loyalty (Pandey and Chawla, 2018). This is important as the fashion e-commerce market has low loyalty. Yesterday, the shopper could have surfed one site and bought on another site.
ASOS makes personalised product recommendations to increase discovery and visits. This is more retention as personalisation means more purchases, as products are easier to find. This drives TAM through the benefit when shopping (Chakraborty et al., 2021). Zalando also has reviews, bloggers and inspiration. But it is more research and community-based. It can increase dwell or dwell on sites, but not necessarily retention. They can be happy customers.
Boohoo shows there's a problem with retention-loyalty. Discounts generate visits and revenues in the short term, but are transactional (Pappas, 2018). They come back because of low prices. They will shop around if offered a lower price. H&M has a problem. While its online and offline engagement objects are friendly, its "ordinary" approach to personalisation isn't.
This is one finger on one of the relationship marketing theory's 'dirty mac'. Engagement can be broken into two types of engagement: behavioural engagement and relational engagement. Behavioural engagement is clicks, visits and purchases. Relational engagement is relevant, satisfied, habituated and trusted. It is the latter that's more likely to lead to retention. So, engagement needs to be distinguished from retention unless it is retained value.
[bookmark: _Toc229640519]5.3.4 Alternative Retention Mechanisms: Speed, Scarcity, Price and Community
This part focuses on personalisation and recommendations (Chapter 2), which is par for the course in retention, but more generally, retention literature recognises that customers may stay for the value, convenience, novelty, trust, availability or habit (Hanaysha, 2018). This is dealt with in Chapter 4. Recommendations for products are critical, but other retention strategies are important.
Zara's product offerings are the extreme case. The quick introduction of new products creates scarcity and scarcity (Inditex, 2024). Back to get what's not there. This results in customer loyalty without mass personalisation. Zara cleverly leverages speed. Boohoo focuses on price. Its sales higher than competitors, discounting and reaching price-sensitive Gen Z shoppers. But it is a dangerous strategy as these price offerings can be quickly copied. This can often result in (price-sensitive) customer retention but not loyalty.
Zalando is based on community and inspiration. Styling, reviews, discover through influencers inspire and make customers feel part of a community (Zalando SE, 2025). This is an addition to the personalisation literature because there are different types of personalisation and recommendations. H&M is convenient, rewarding and somewhat personalised - but not special. It does a lot of things well, but not one thing.
This demonstrates fashion retention is multiple. ASOS displays the importance of personalisation, and Zara displays the importance of scarcity (ASOS plc, 2025). Boohoo shows the perils of price retention, and Zalando shows the importance of social. The take so far is that retention is founded on the perception of value, not recommendation systems.
[bookmark: _Toc229640520]5.3.5 Limits and Risks of Recommendation Systems
The existing literature in Chapter 2 identifies several potential problems when dealing with recommendation systems, including data quality, privacy, algorithms, cost and fatigue (Chakraborty et al., 2021). This is made clear in Chapter 4, which shows that personalisation - when it works - is dangerous. Details of the right customer and the right experience are only relevant if recommendation systems continue to be suitable.
AI-powered personalisation is the best course for ASOS, but in this strategy, the company will need to continuously work on data gathering, data processing and refinement of the ASOS website. Digital capability can, therefore, be expensive (Hassan, Abdelraouf and El-Shihy, 2025). And on the user side. For instance, recommendations may get boring, simplistic or self-indulgent in that the TAM prediction of the perceived usefulness is diminished. They are nurtured but bad or tracked. That is, recommendations can become annoying. This is apparent in the cross-case findings and theory in the dissertation.
H&M is a case of adoption. Boohoo has moderate recommendations that boost efficiency, but not uniqueness (Boohoo group plc, 2025). It has some costs, but not those of ASOS's. Boohoo is not putting much into big data, but at the expense of marketing relationships. That's cheaper and will help short-term profit, but generates discounts.
The findings add to the literature in revealing that it's not just technology that is a resource. Integration with trust, new sales information, relevance and position in the marketplace helps generate value (Pandey and Chawla, 2018). This means that product recommendation systems can be used to increase retention, but can also decrease retention when not incorporated into the overall system; when they are repeated or as part of an unlinked model.

[bookmark: _Toc229640521]5.4 Integration to Conceptual Model
This section considers the conceptual model described in Chapter 2, where customer engagement with product recommendation systems has an impact on customer retention via an operational model. The findings of Chapter 4 confirm this model, but with many enhancements. First, product recommendations definitely enhance engagement (Liao and Sundar, 2022). See ASOS above, where AI personalisation assists customers to find products, and there is an increase in conversation (between 20-30% is common in industry reports). Zalando and H&M show engagement, but less integration leads to less impact. Second, engagement helps retention if it's good (Yıldız, Güngör Şen and Işık, 2023). ASOS can convert engagement into loyalty (via retention) due to repeat purchase, but Zalando's community engagement results in greater engagement, but not necessarily loyalty. Third, the business model is very important. Zara and Boohoo indicate retention can occur without mass personalisation (extreme personalisation, using competitive advantages).
But we need to improve our model. Personalisation is not the only factor. Scarcity, price and community have an impact. Zara's limited product life time generates scarcity (and thus time urgency), and Boohoo's low prices accelerate demand but at shallower depths (Mou, Shin and Cohen, 2017). Success also depends on technology. ASOS is very successful as it can undertake continuous integration, but H&M's mediocre capability hampers differentiation. And risks like fatigue, cost and security also block continuous success.
[bookmark: _Toc229640522]
5.5 Robustness Considerations
This study is based on secondary sources and needs to account for the validity of sources. Their findings are based on company reports, websites, industry studies or business publications, all sources of potentially biased information. Corporations such as ASOS and Zalando would tend to show positive statements, such as that implementing personalisation results in 20-30% increase in conversion, but do not show any negative recommendations or customer reactions (Wang and Zhao, 2025). This might result in an overvaluation of personalisation. Not all data is available. There is more data on ASOS's and Zalando's digital strategies, and less on those of Zara and Boohoo, particularly on algorithms. This can lead to more (or less) data mining capability.
Attribution bias is another issue. Recommendation systems cannot be responsible for better retention (or repeat purchase). Retention can be due to price, delivery timescales, branding and quality. Boohoo's sales growth is attributed to price, not personalisation and Zara's retention to speedy production (Liao and Sundar, 2022). But triangulation boosts validity. We form a bundle with five businesses, bridge theory and multiple data sources. Learning is thus not statistically but analytically general. They show connections and dynamics, not cause and effect.

[bookmark: _Toc229640523]5.6 Practical Synthesis: Bridge to Chapter 6
In this section, we put the cross-case conclusions into practice. First, personalised recommendations must be in line with the business model. ASOS is successful as personalisation forms part of its e-commerce business model, but H&M is not so successful with its modest use (Ascarza et al., 2018). Businesses shouldn't race to keep up with trends in AI. Second, personalisation should be more relevant and not visible. Studies confirm that personalisation boosts conversion by 20-30%, but more frequent recommendations decrease interest and value (Wang and Zhao, 2025). Third, engagement is more than digital. Zara demonstrates urgency and speed to drive frequent purchases with little personalisation. Boohoo shows that low prices stimulate repeat purchase, but cheap entry is counter-productive. Hence, managers need tech and operations. Fourth, watch out for engagement. Clicks or dwell time (the latter, for example, in the case of the Zalando community) may not lead to retention (Khan et al., 2022). It's essential to track the repeat purchase rate, customer lifetime value and customer churn.
Finally, for online investment, efforts are made not just to improve performance but also trust. Trust is influenced by privacy, lack of bias and transparency. Without trust, personalised recommendations do not occur.

[bookmark: _Toc229640524]5.7 Chapter Summary
This chapter has shown that product recommendation systems, to an extent, support retention by improving engagement, with ASOS seeing 20-30% more sales through the use of personalised data. However, Zara proposes that product scarcity and speed retailing result in high retention, without algorithms. Boohoo considers low prices useless to drive retention, with consumers highly switching (Pandey and Chawla, 2018). Zalando affirms community results in increased engagement, but not retention. H&M shows that low- to medium-level personalisation is not effective. The chapter improves the model to integrate, inspiring engagement and business model as a moderator. Reza concludes retention is a serving strategy, not an output of technology.





[bookmark: _Toc229640525]Chapter 6: Conclusion
[bookmark: _Toc229640526]6.1 Introduction
The chapter concludes the dissertation. It reviews the significant results, theory, managerial implications, limitations and future research directions. In this study, the product recommendation system's importance was examined in the context of customer retention in brick-and-mortar online fashion retailers in the UK. It was done with a multiple baseline design across behaviours with qualitative and secondary data (Nguyen et al., 2024). The key company used in this study is ASOS, and other comparison companies are Zalando, Zara, H&M and Boohoo. The findings from this study were analysed in the last chapter through the literature and theory discussed in Chapter 5. The intent of this chapter is not to duplicate the cases. To conclude from the results in regard to theory, practice and future research.
[bookmark: _Toc229640527]6.2 Brief Summary of Key Findings
The study showed that the use of these product recommendation systems might be beneficial in sustaining customers under certain circumstances. Those that do meet that solid business structure are best. ASOS is the best at displaying this. In its Digital-first method, it advises a basis for involving and re-purchasing (Dwivedi, 2023). Results show that there is no convergence. To a certain point, Zara and Boohoo have no personalisation. They buy more according to speed, the dearth of goods, fashion, price and more. These are models that we can differentiate, and H&M is in between these. It has some personalisation with ubiquity as the greatest feature, in both online and offline (Ascarza et al., 2018). There are NOT universal solutions: Recommendation Systems. They are all retention mechanisms. Requires strategic compatibility, customer requirements, data competence and data quality for performing execution.
[bookmark: _Toc229640528]6.3 Theoretical Implications
Dynamic Capabilities Theory is the issue of the first theoretical implication. This theory means that companies with more resources can sense the market change, exploit the market opportunities and reconfigure their resources. However, the results confirmed this as fact. Digital data helps ASOS to understand their customer behaviour (Khan et al., 2022). With specialised recommendations, it snaps this understanding up. It relates the client journey by using targeted product shows and marketing messages. This will help support the argument for digital competence as more than a tool. This is also a strategic ability. Helps the enterprise to respond to shifting customer demands.
However, this research is also a qualification of the Dynamic Capabilities Theory. Reconfiguration is not always an increase in personalisation, as can be illustrated in the cases. Zara "reconfigures resources" by speeding up the chain and by having scarce products. Boohoo does it via pricing and speedy pattern reactions (Giovanis and Athanasopoulou, 2018). Zalando does it in a half and half manner of information and community. This doesn't imply that dynamism ought to be defined by its digital sophistication. In the case of fashion e-commerce and a variety of skills that could bring about retention. Whichever firms do or don't use tech isn't really an issue. But the issue is whether or not it fits within the competitive logic of the company.
The second implication is with regard to customer relationship management and relationship marketing. These theories imply that companies will also strive to maintain customers through developing customer relationships and personalisation. This is partially validated with these findings. ASOS and Zalando have demonstrated how personalisation can be used to decrease the amount of searching, while boosting enhanced relevance and repeat visits (Hwangbo, Kim and Cha, 2018). This validates the literature which is associated with personalised experiences, engagement and loyalty. But there's a limit to the study. “Now” and “here” are the two things that Zara relies on to retain customers (Yıldız, Güngör Şen and Işık, 2023). Their low prices enable them to keep afloat with Boohoo. Relationships in fashion can be non-personal and non-algorithmic, as in these examples. It will also be influenced by "habit, speed, value, repeated exposure" to new products, as it will be determined.
The third issue of implications involving technology are those regarding Technology Acceptance. There are two theories studied – TAM (Total Addressable Market) and UTAUT (Unified Theory of Acceptance and Use of Technology) (Bastani et al., 2022). Both have relevance to perceived usefulness and perceived ease of use. The results indicate that these constructs are still relevant but that they are not exhaustive in explaining retention. If recommendations are found useful by the customer for their convenience, they can be accepted. However, just being accepted doesn't mean loyalty (Hassan, Abdelraouf and El-Shihy, 2025). A recommendation may lead a customer to be aware of the product, but they may still opt for a different retail outlet to get their product on price, delivery time, novelty or for brand preference. All that is just the starting point towards technology acceptance. There must still be a benefit after the technology has been adopted for there to be retention.
The fourth implication is that of the conceptual framework. The original model related product recommendation systems to customer retention and customer engagement, having the operational model as a moderator. These findings illustrate this structure but add detail to it. The share of customer engagement is still large (Chandra et al., 2022). Recommendations have a major impact on retention by making them more interesting to browse, more relevant and less time-consuming to look up. But engagement may also be developed via non-digital channels. These include the lack of product, a community presence, low prices and omnichannel access. Therefore, other than recommendation-based engagement, there must be multiple means of engagement for the model.
Another two conditions are included in the study. The first is on data capability. Helpful data, analytics and governance of Recommendation systems. These can cause personalisation to become repetitive or ineffective (Hanaysha, 2018). The other is how well it's carried out. Technology is amazing, and if it can't tie in with customer journeys, marketing and performance measurement processes, then it isn't useful. This adds the process perspective to the conceptual perspective. The retention and recommendation systems do not have a direct relationship. It goes through the maximisation of its implementation quality and customer experience.
In theory, these lessons will apply best to the digital fashion marketplace and other consumer markets. They are especially applicable when there is high product variety, low switching costs for customers and difficulty attracting customers (Yin, 2018). The findings have a potential impact across the beauty and lifestyle, and online grocery space, where suggestions and repurchasing are important. But, they might be less likely to carry over to areas where they are infrequently bought, very tightly regulated, or popularly recommended otherwise.

[bookmark: _Toc229640529]6.4 Managerial Implications
The first managerial implication is that companies should not consider the investment in the recommendation system as a standalone tool. They should be related to a defined retention plan as part of a manager's plan. ASOS is the best demonstration. Its recommendations assist in enabling a customer journey that is driven by digital (Wang and Zhao, 2025). For all other companies, the first step is to consider what kind of retention it will have. That will be personal relevance, community, velocity, cost and/or convenience. These should comprise repeat purchase rate, customer lifetime value, conversion rate and retention rate.
The second implication is that Data Quality needs to be viewed as a strategic asset. Intelligent recommendations can only be made when accurate customer information, product information, and behavioural information are available. Botched suggestions (that is, irrelevant suggestions) may be a result of the absence of good data (Pappas, 2018). Can contribute to a lack of trust and decreased engagement. Managers should invest in data integration and consent management, and in the regular testing of the recommendation outputs. Examples of measurables include whether the recommendation is click-through rate, add-to-basket rate, conversion on recommendation products and grievances for relevance.
What this means is that there needs to be some balance between personalisation and variety. When a customer experience is very narrow and repetitive, it can be very over-personalised. This can be hazardous in the fashion industry since your customer is seeking new experiences these days (Jaiswal et al., 2018). There is a need for relevance to be seamlessly integrated with discovery in recommendation systems in the interest of the firms. They can incorporate previous browsing signals, as well as any new fads, seasonal items, and complementary products. The manager must monitor repeat exposures, diversification of products in tips, the amount of browsing and feedback from customers.
The fourth implication is that businesses need to have recommendation systems in line with their business sense. ASOS is also data-driven, which is essential for this advanced personalisation to occur, as the business is online. Zalando will have the ability to create suggestions based on reviews and content styling (Nguyen et al., 2024). H&M can tie in recommendations to loyalty schemes and omnichannel access. For Zara and Boohoo, it could be more beneficial to focus on “speed, scarcity and price-led communication.” Without consideration of fit, managers should not force a clone.
The fifth implication of this is that you measure retention throughout the customer journey. Recommendations have the potential of stimulating clicks, which is not always translated to loyalty (Bastani et al., 2022). Link performance of recommendations to higher downstream results. It also helps to aid better investments.
The 6th implication is organisational. Recommendation systems require an effort from marketing, data teams, merchandising and customer service. If the customer is taken care of by individual teams, then the experience for the customer is disjointed (Hwangbo, Kim and Cha, 2018). Shared KPI's and processes should be established by firms. It’s not just about technology on the website. It’s about the technology being a part of the organisation.
[bookmark: _Toc229640530]6.5 Limitations and Directions for Future Research
This study has a number of limitations to note. Firstly, it is a secondary data-based study. Firms can feature positively in the public press/press releases, on the internet and in Business sources. They shouldn't display internal problems, aborted exams or precise performance results (Giovanis and Athanasopoulou, 2018). Secondly, the study was conducted on Fashion e-commerce and primarily on UK-relevant companies. This is not possible to generalise to the other sectors and other countries. Third, the study might not have been able to measure causality. It can't determine if customer retention was actually due to recommendation systems (Hanaysha, 2018). Other factors such as promotion, image, delivery of products, and product quality may also be important in influencing repeat purchasing.
In addition, it would be useful to test the model, which has been refined, with more robust data in the future. Interviews with customers, customer survey results, web analytics data, and financial data are all examples of mixed-methods data (Jaiswal et al., 2018). Longitudinal studies also would be useful. It could expose, at least in the case of one episode of shopping, whether personalisation brings increased retention over months or years. Scientists may also be able to correlate fashion with another industry. This would provide a reasonable gauge of whether the outcome would apply across all industry sectors.
[bookmark: _Toc229640531]6.6 Closing Statement
This dissertation shows that an appropriate product recommendation system can be used to enhance customer patronage, depending on the components it possesses. They provide value if they have data capability, customer relevance, and are fit for the business model as well as quality of engagement (Wang and Zhao, 2025). ASOS shows the most personalised logic, but the other cases illustrate how retention is possible via community, speed, scarcity and price. The contribution is impacted by being out of date. While Recommendation systems are an important strategy has to be important first of all.
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	Item
	Details

	Data type
	Secondary qualitative documents

	Main case
	ASOS

	Comparison cases
	Zalando, Zara, H&M, Boohoo

	Method
	Thematic analysis with cross-case synthesis

	Approach
	Abductive and interpretivist

	Main theory
	Dynamic Capabilities Theory

	Supporting concepts
	Product recommendation systems, CRM, customer engagement, customer retention, technology adoption

	Data focus
	Personalisation, recommendations, engagement, repeat purchase, loyalty and retention
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	Code
	Meaning
	Link

	Algorithmic personalisation
	Use of AI, machine learning and data analytics for recommendations
	RQ1

	Product relevance
	Matching recommendations with customer preferences
	RQ1

	Search reduction
	Helping customers find suitable products faster
	RQ1

	Customer engagement
	Increasing browsing, interaction and platform use
	RQ1

	Repeat purchase
	Recommendation systems encouraging customers to return
	RQ1

	Retention limits
	Recommendations are useful but not sufficient alone
	RQ1

	Trust in recommendations
	Customer belief that suggestions are accurate and useful
	RQ1

	Business model fit
	Effectiveness depends on each retailer’s operating model
	Cross-case

	Speed and trend retention
	Zara retains customers through fast product turnover
	Cross-case

	Price-led retention
	Boohoo retains customers through affordability and fast trends
	Cross-case

	Community engagement
	Zalando combines recommendations with reviews and social features
	Cross-case

	Omnichannel support
	H&M combines digital tools with store-based accessibility
	Cross-case
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[bookmark: _Toc229640536]Appendix 3: Code-to-Theme Development
	Final Theme
	Codes Grouped Under Theme
	Reason

	Recommendation Systems and Personalised Experience
	Algorithmic personalisation, product relevance, search reduction
	These codes show how ASOS uses recommendations to improve the online shopping experience.

	Engagement and Retention Impact
	Customer engagement, repeat purchase, trust in recommendations, retention limits
	These codes explain how recommendations support retention but do not guarantee loyalty.

	Business Model Fit and Dynamic Capability
	Business model fit, omnichannel support, retention limits
	These codes show that recommendation systems work best when aligned with the retailer’s wider strategy and capabilities.

	Alternative Retention Routes
	Speed and trend retention, price-led retention, community engagement
	These codes explain how competitors retain customers without relying mainly on recommendation systems.
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[bookmark: _Toc229640537]Appendix 4: Final Themes Linked to Research Question
	Research Question
	Final Theme
	Key Finding

	How do product recommendation systems contribute to customer retention within ASOS’s e-commerce platform?
	Recommendation Systems and Personalised Experience
	ASOS uses recommendation systems to personalise the shopping journey, improve product relevance and reduce search effort.

	Same RQ
	Engagement and Retention Impact
	Recommendations support engagement and repeat purchase, but retention also depends on trust, product availability, price and overall experience.

	Same RQ / Cross-case
	Business Model Fit and Dynamic Capability
	Recommendation systems are most effective when supported by data capability, platform design and strategic alignment.

	Same RQ / Cross-case
	Alternative Retention Routes
	Zara, Boohoo, Zalando and H&M show that retention can also be driven by speed, price, community and omnichannel access.
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	Case
	Main Retention Route
	Key Tension

	ASOS
	Algorithmic recommendations and personalisation
	High data capability is needed; over-personalisation may reduce novelty.

	Zalando
	Recommendations plus community engagement
	Hybrid model supports engagement but may reduce strategic clarity.

	Zara
	Speed, scarcity and trend turnover
	Retention depends less on personalisation and more on product freshness.

	H&M
	Omnichannel access and moderate personalisation
	Must connect online tools with physical retail experience.

	Boohoo
	Price, fast trends and frequent promotions
	Price-led retention may weaken long-term loyalty.
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