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This is an explanatory sequential mixed-methods study examining how Generative Artificial Intelligence (GenAI) influences employee productivity and job quality within Small and Medium Enterprises (SMEs) in the United Kingdom (UK). A comprehensive survey with 151 SME practitioners was conducted, with thematic interviews to understand the moderating effect of employee training and AI governance, using the Technology-Organisation-Environment (TOE) framework and the Job Demands-Resources (JD-R) model. Overall, the direct effect pathways of the potential relationship between GenAI adoption and employee productivity and job quality are very significant and large, as seen from the quantitative analysis based on the Hayes PROCESS macro. On the other hand, both the moderating hypotheses were statistically disconfirmed, pointing to a critical institutional void. This phenomenon was qualitatively analysed, identifying an automation-augmentation paradox. GenAI may offer some cognitive lift and speed for the first draft but at an inflated rate of a Verification Tax to ensure a meticulous and manual audit. What's more, there is always pressure to deliver and a liability mentality regarding policies due to expectation inflation by management. The findings of the study suggest that, while UK SMEs are embracing the technological shock of GenAI, there is a critical need for formalised ethical governance and effective upskilling to maintain human-AI workplace symbiosis.
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[bookmark: _Toc240816294][bookmark: _Toc241050385]1.1 Background of the study
The use of Generative Artificial Intelligence (GenAI), as a paradigm shift to smart support or cognitive augmentation for complicated HR jobs, can be seen as an emerging trend (Tiwari et al., 2026). GenAI's ability to do sophisticated cognitive activities that are non-routine knowledge work tasks makes it a promising General Purpose Technology (GPT) (Rao and Shivani, 2026). Although Large Language Models (LLMs) have seen tremendous improvements in productivity (Eloundou et al., 2023), the impact they would have on employees' interactions with them has received scant attention (Jetha et al., 2026). This gap disproportionately impacts SMEs, given the structural and financial differences that SMEs have compared to major international businesses (Sahana, 2025).
As a major contributor to the UK economy, SMEs often struggle to transition to a digital age due to a shortage of financing and a shortage of experts in AI in their own fields of research (Rajagukguk, 2026). GenAI has been employed for these types of strategic modifications in critical business processes, where there are high risks involved (Parida, Sjödin and Reim, 2019). Westover (2025) suggests the potential to enhance the productivity of workers by relieving them of the brainwork needed to perform more complex tasks, especially for those who are newer to the workforce. An experimental study reveals that employing GenAI augmentation improves writing quality (Noy and Zhang, 2023). However, its potential as a career is different for various jobs (Chui et al., 2023).
Most important is the ‘automation-augmentation paradox’, which applies to the design of work and the functions of artificial intelligence as an augmentation of humans working in AI-supported scenarios (Raisch and Krakowski, 2021). Though the human-AI symbiosis has the potential to enhance decision-making and foster greater work meaning (Wang and Long, 2025), human-AI symbiosis can also lead to increases in workplace monitoring and decreases in employee autonomy (Kellogg et al., 2020). Therefore, the following factors have to be studied through the moderating variables of Organisational Training and Internal AI Governance (Mikalef and Gupta, 2021). Reskilling of the population is recommended by global organisations to avoid technology displacement (World Economic Forum, 2023), but in SMEs, it is often the lack of tools that is the issue (Jaciow et al., 2026). Therefore, there is a need to become familiar with corporate governance and training techniques that help to counteract the control of algorithms and increase productivity in an ethical fashion. SME life has been buried in stories of how things are in the corporate world, which can result in a harmonious reduction in employee experience (Tanni et al., 2026).
[bookmark: _Toc240816295][bookmark: _Toc241050386]1.2 Problem Statement
GenAI has been growing rapidly and has demonstrated itself to be disruptive, speeding up the value of knowledge work (Brown et al., 2024), but what happens to GenAI in SMEs remains not that well understood. Scholarly debate is dominated by macroeconomic productivity frontiers (Chui et al., 2023) and the multiculturalisation strategies of MNCs (Muraleedharan and Velmurugan, 2025), when well-capitalised. As UK SMEs lack scarce resources and digital infrastructure, and there is no AI research division (Ben Slimane et al., 2022), SME operations are understudied. At the core of the matter is that if integrating GenAI causes disruptions in the workflow, especially within SMEs, it will make it impossible to achieve the promised (theoretical) productivity gains (Tokkozhina et al., 2025).
As part of a complex ‘automation-augmentation conundrum', work design and duties will undergo a drastic change with the advent of GenAI (Raisch and Krakowski, 2021). Human-AI symbiosis promises work without drudgery; however, it often translates to mechanical management, which drives up employee monitoring, job expectations and autonomy (Kellogg et al., 2020). When there is no robust HR structure to regulate work quality based on AI technology, it comes down to a significant decrease (Lévesque et al., 2024). Considering the effects, GenAI is changing the limits of what can be done cognitively and may cause psychological fatigue in applying it as a safeguard to reduce costs (Söllner et al., 2025). 
Lastly, big firms have expansive internal governance mechanisms and re-skilling initiatives in place to be able to face technology shocks, while UK SME's don't have either (Moch and Oberdieck, 2025). The direct impacts of a lack of organised ethical governance and focused GenAI training on SME work quality and productivity increases are unknown (Singh et al., 2024). This study addresses this gap in the literature by empirically measuring the concurrent impact of GenAI on both employee productivity and well-being in the workplace and meticulously uncovers the role of both organisational upskilling initiatives and internal governance in this effect.
[bookmark: _Toc240816296][bookmark: _Toc241050387]1.3 Research Rationale
This study was inspired by the differential use of Generative Artificial Intelligence (GenAI) in the UK economy (Chui et al., 2023). Despite its promise for the future, forecasts of the productivity impact of GenAI are often stated, such as in Sahoo et al. (2023). SMEs are resource-constrained entities, and an overly complex digital transformation could turn into an operational threat instead of a competence enabler (Ben Slimane et al., 2022). There is only limited literature with little academic interest or research on operating GenAI in SME with limited infrastructure (Shafik, 2025), while the empirical literature dangerously favours the well-capitalised multinational companies (Lusiah and Parulian, 2025).
Automatic and Academic Issues of the "Automation-augmentation paradox" (Raisch and Krakowski, 2021) at the job-design level also have to be addressed. Operational productivity measures should not be viewed in isolation, as whilst GenAI will significantly decrease cognitive burden and increase job speed (Noy and Zhang, 2023), various other factors make up the broader business. Algorithms used in the workplace could result in highly prescribed jobs, leading to less autonomy and psychological well-being (Benlian et al., 2022). The use of human-AI symbiosis, as proposed by several theoretical models (Jarrahi, 2018), either enhances work quality or adds to the stress of work in SMEs is the key question.
Finally, the moderating processes of digital transition ethics are assessed in the study in a rigorous way, thus validating it. The policy goal of technology adoption is among the highest on the agenda globally, but good governance (OECD, 2023) and ongoing and frequent re-skilling (World Economic Forum, 2023) may minimise job losses. Because SMEs seldom have the money to create AI ethical committees or custom upskilling programs (Singh et al., 2024), this research will provide much-needed concrete advice. The aim of this work is to measure and quantify the GenAI-productivity-welfare nexus, enabling UK SME practitioners and policymakers to have specific and detailed empirical data to assist in the safe navigation of the technologically dense future of work (Carayannis et al., 2024).
[bookmark: _Toc240816297][bookmark: _Toc241050388]1.4 Research Aim
This study focuses on analysing the dual effects of the implementation of Generative AI on both operational output and employee well-being in UK SMEs and on finally providing an evidence-based framework for maximally successful and ethical Generative AI integration.
[bookmark: _Toc240816298][bookmark: _Toc241050389]1.5 Research Objectives
The objectives of the study are:
· To measure the direct impact of GenAI tools on employee productivity, including an increase in self-reported output volume, task completion speed and output quality.
· To measure the effects of GenAI on aspects of job quality that are limited to employee autonomy, workload intensity, and algorithmic surveillance.
· To understand the moderating effect of employee training - whether structured organisational employee training moderates the possible negative effect on job quality and boosts the rate of productivity gains.
· To evaluate the impact of AI governance, examining the impact of internal ethical policies and regulatory compliance on employee satisfaction and performance indicators.
[bookmark: _Toc240816299][bookmark: _Toc241050390]1.6 Research Question
What are the likely short-term and long-term effects of the use of Generative AI on employee productivity and job quality in UK SMEs, and how do structure employee training and internal governance over AI moderate these effects?
[bookmark: _Toc240816300][bookmark: _Toc241050391]1.7 Research Structure
The dissertation follows a well-structured plan to allow a logical and rigorous flow from theoretical conceptualisation to empirical synthesis, within the required word count limits of the institution.
[bookmark: _Toc241052634]Table 1: Research Structure
	Chapter
	Focus Area
	Chapter Description

	Chapter 1
	Introduction
	Provides context for the research, clearly delineates the research problem and states the main research goals and objectives It offers a strong academic justification for the research exploring the micro-level implications of SME GenAI adoption in the particular context of resource poverty.

	Chapter 2
	Literature Review
	Offers an in-depth overview of the key and current literature. It challenges the automation-augmentation paradox, situating itself in the TOE perspective and JD-R, and clearly elucidates the gap in the empirical studies on AI governance and digital transformation in SMEs.

	Chapter 3
	Methodology
	Justifies the use of a pragmatist paradigm and explanatory sequential mixed methods design. It meticulously explains the quantitative and qualitative research data collection tools, sampling approach, analysis method with particular attention on ethical issues of the institution.

	Chapter 4
	Data Analysis
	Carries out empirical investigation using quantitative outputs (from SPSS) for regression and qualitative manual thematic coding. It attempts a careful analysis and discussion of these two-phase results while directly triangulating the emerging data with the theoretical frameworks and primary research questions.

	Chapter 5
	Conclusions and Recommendations
	Draws conclusions and reasons about the overall research results and determines whether all objectives were met. Its aim is to provide useful, scientific feedback for the managerial practices of small and medium enterprises and to clearly identify the limitations of the study and provide some parameters for further in-depth studies.





 

[bookmark: _Toc240816301][bookmark: _Toc241050392]Chapter Two: Literature Review
[bookmark: _Toc240816302][bookmark: _Toc241050393]2.1 Introduction
Despite some arguing that GenAI is also effective in gaining efficiency, the application of Generative Artificial Intelligence (GenAI) in organising knowledge work is increasing, especially in large companies (Chui et al., 2023).  This chapter examines the current research and identifies potential applications of these technological trends in the operation of United Kingdom Small and Medium-sized Enterprises (SMEs) on a day-to-day basis. For this, the review first considers the "Technology-Organisation-Environment" (TOE) framework and the "Job Demands-Resources" (JD-R) model to see how the balancing act between automation and augmentation (Raisch and Krakowski, 2021) can be explained. After that, recent empirical research analysis on the impact of GenAI on employee productivity, the influence of GenAI on job quality (autonomy and surveillance) and the potential for employee training and AI governance are examined. The chapter shows the knowledge gaps that aid this research in identifying key areas that further add to the existing literature on UK SMEs (Soudi and Bauters, 2024).
[bookmark: _Toc240816303][bookmark: _Toc241050394]2.2 Theoretical Foundations
To understand the role of GenAI in Small and Medium-sized Enterprises (SMEs), it is important to delve beyond simply the software's capabilities. This section reviews three frameworks that may bear relevance to the different factors influencing the adoption of AI: the Technology-Organisation-Environment (TOE) framework, the Job Demands-Resources (JD-R) model and Institutional Capability theories. These theories work together to explain that organisational support can enable employees to attain resources, which can help to mitigate the stress that may develop when new technology is introduced in smaller organisations (Sun and Bunchapattanasakda, 2019).
[bookmark: _Toc240816304][bookmark: _Toc241050395]2.2.1 The Technology-Organisation-Environment (TOE) Framework
This research adopts the Technology-Organisation-Environment (TOE) framework (Tornatzky and Fleischer, 1990) in order to understand the other factors that would affect the adoption of GenAI. With regard to the external environment, pressures are often at the heart of engaging in digital transformation; whilst organisational structure influences how these goals are achieved and the way individuals are brought on board to make it happen, technological readiness is a key enabler that often triggers the actual digital transformation process once pressure is applied (Cuong et al., 2025). According to the TOE framework, the provision of digital technology to boost digital transformation is rarely merely purchasing it from an outside source; it is rather moulded by three different pillars of the external and internal environment: Technological readiness, Internal organisational structure and External environmental pressures (Parida, Sjödin and Reim, 2019). Although large multinational companies sometimes have the extra capital and dedicated research and development units to embrace technological changes (Do et al., 2021). The situation of SMEs is different; they are limited in resources and may have high operational constraints (Ben Slimane et al., 2022).

[image: Technology-organization-environment framework - EduTech Wiki]
[bookmark: _Toc241052618]Figure 1: The Technology-Organisation-Environment (TOE) Framework
Adoption of GenAI typically involves paradigm shifts, not just buying new tools. The most recent uses of the framework highlight how much the ability for the SME to transform existing processes is key for alleviating environmental pressures, such as competition or shifting regulations, rather than the algorithms themselves (Tiago and Almeida, 2026). Adoption is an ongoing process rather than a one-stop solution; to this end, this framework can be useful in understanding why we can expect very different outcomes from the same GenAI tools depending on the specific SME environment.
[bookmark: _Toc240816305][bookmark: _Toc241050396]2.2.2 The Job Demands-Resources (JD-R) Model
The TOE framework is useful for explaining organisational adoption, whilst the Job Demands-Resources (JD-R) model can be used to explore how such tools are used to impact individual employees (Bakker and Demerouti, 2007). The JD-R model distinguishes between 'job demands' (e.g. physical, psychological or organisational), which come at a cost and 'job resources' (e.g. aids or outcomes), which help to accomplish work goals and can stimulate growth (Raisch and Krakowski, 2021). One challenge associated with bringing GenAI to the workspace is that it will change the existing job design, which may lead to tension between automation and augmentation of human abilities (Çoegenli, 2026).
[image: The Job Demands-Resources model. | Download Scientific Diagram]
[bookmark: _Toc241052619]Figure 2: The Job Demands-Resources (JD-R) Model
With the JD-R, use of GenAI can be a valuable job resource when used the right way, that is, supportively. It can reduce cognitive load, automate trivial task administration, and free up time for employees to devote to more complex decision-making, possibly increasing work's meaningfulness (Jarrahi, 2018). On the other hand, GenAI, when poorly implemented, has the potential to create a new job demand (Bankins and Formosa, 2023). Algorithmic management systems sometimes involve work assessment of the employee that remains opaque, and greater employee surveillance, which may diminish work autonomy (Kellogg et al., 2020). Thus, GenAI is neither inherently good nor bad but rather could have positive or negative effects on SME staff based on the alteration of the daily pressures they are under and whether they are receiving sufficient support to adapt to these changes (Block 2024).
[bookmark: _Toc240816306][bookmark: _Toc241050397]2.2.3 Institutional Theory and Capability Views
The institutional theory (DiMaggio and Powell, 1983) and resource-based view (Barney, 1991) are also included in this research. The institutional theory examines how institutional organisations respond to external pressures to maintain their legitimacy. In the business sector, SMEs can be forced to put in place transparent internal governance with regard to AI by macroeconomic policies and ethical compliance standards (Kabir, 2025).
Concurrently, capability theories indicate that a firm's advantage does not only result from the software that is easily copied but also from immobility in intangible sources such as adaptability in staff (Mikalef and Gupta, 2021). The mere introduction of new technology is not a panacea in itself, given that GenAI is changing fundamental HRM processes (Fenwick et al., 2024). Rana et al. (2024) show that developing in-house capabilities is a continuous process that involves training and reskilling of employees. These theories indicate that both training and governance are not merely administrative boxes to be ticked (Cappelli, Tambe and Yakubovich, 2019). But rather tools and facilitators that can either utilise a new technology to become a useful capability or cause workplace stress (Nyberg et al., 2025).
[bookmark: _Toc240816307][bookmark: _Toc241050398]2.3 Empirical Review of GenAI Integration
With regard to the theoretical models, this section summarises recent empirical studies associated with the primary research topics of the study. This review is to evaluate the current state of research and determine the research gap, especially for the SME sector in the United Kingdom.
[bookmark: _Toc240816308][bookmark: _Toc241050399]2.3.1 GenAI and Employee Productivity 
There is wide agreement on its potential, though the it is often taken from a very specific context and applied to the field of knowledge work (Grange et al., 2025). Bran et al. (2025) show much higher output volume and execution time when performing tasks in white-collar professions. Noy and Zhang (2023) showed in a randomised controlled trial of professional writing tasks how the technology can “cognitively augment” with measurable improvements in quality and shorter time spent doing the task. Brynjolfsson et al. (2023) studied customer support centers with generative AI and highlighted that the rates of issue resolution have increased, especially for newer employees. Most of the time, expectations spread informally within countries and are leveraged to create aggregate economic forecasts, and so it was with GenAI and its impact on the economy (Jakranpally, 2022).
The daily life of an SME undergoing digital transformation is often ignored, while macro analyses are completed in highly skilled jobs (Naqbi, Bahroun and Ahmed, 2024). Many of the written materials assume that there is a fair amount of IT integration that has already occurred in the company and that the employees will just switch to it (Mou et al., 2022).
A counter-argument is going on that says that productivity gains are by no means automatic and/or ‘scalable’ (Markelius et al., 2024; Damioli et al., 2021). However, gradual costs, legacy system issues, and business-specific technical shortcomings eradicate any gains in productivity potential, posing a problem for SMEs (Al-Amin et al., 2024). For instance, relying too heavily on GenAI, lacking education, may necessitate additional administrative efforts to verify the quality and accuracy of the generated results, which could counterbalance the efficiencies and benefits it is expected to bring (Eloundou et al., 2023). The results on the usefulness of using GenAI in real-world and low-resource settings to obtain efficiency are divided between these two works (Dinh et al., 2025). Shore et al. (2024) look at these measures of productivity in particular, taking at odds with the corporate approximations, but applied in the context of SME.
[bookmark: _Toc240816309][bookmark: _Toc241050400]2.3.2 GenAI and Job Quality: The Automation-Augmentation Paradox 
An automation-augmentation paradox with respect to the use of algorithmic systems in the workplace has been discussed (Raisch and Krakowski, 202). Sankaran et al. (2026) discuss this, especially with regard to the degree of autonomy and amount of labour intensity. Others argue that due to the higher cognitive strain on AI, there are more opportunities for an all-the-more digital form of supervision (Giering and Kirchner, 2025). Some put the spotlight on the way AI can help enhance the learning and performance of their employees (Ponca and Kotanch, 2025); others contend that it can increase the digital supervision of their work.
A significant aspect of this discourse is what is called the symposium that's happening between humans and AI. Lee and Cha (2026) argue that work involving free thinking and decision-making can be carried out by humans, while work involving machine intelligence and processing a lot of data can be carried out by machines. Generative artificial intelligence is believed to be a valuable tool in this context, as it could alleviate mental effort; it also could make work more meaningful and give workers more autonomy (Liu et al., 2025).
The importance of other groups of research can be stressed in the context of assessment of the current situation as recognized by Mohamad et al. (2026). In most scenarios, the use of Artificial Intelligence (AI) can be considered as a cost reduction option but may come with the drawback of even more demanding algorithm management (Nassiri and El Mzabi, 2026). Thus, this can not only create a space for asserting power over the professionals in the workplace (Deranty and Corbin, 2022), but also further reduce their autonomy, since algorithms remain to evaluate them. Besides that, the application of AI in HRM systems raises questions concerning justice, algorithmic bias, as well as the lack of a touch of humanism (Kertechian and El-Farr, 2024).
Within the realm of small and medium-sized enterprises (SMEs), this balance is not fully understood. Marimon, Hendy, et al. (2024) demonstrated that in the context of the workplace, this ‘psychological level’ of integration of GenAI can have significant associations with both basic job design and a trust-supportive context (institutions). Some workers might experience 'algorithmic anxiety ' and feel like they are being put under a ‘monitoring machine' to maximise their time use, affecting the quality of their employment (Zhu et al., 2020). Even if algorithmic monitoring is used in a serious, rigorous approach and used within small and medium-sized enterprises (SMEs), it is likely to affect the workers' morale, according to Leicht-Deobald et al. (2019). This is because of a more flexible working life for those who work in these organisations and the relative laxity in a job's location and distribution. The current research study on the impact of such automation augmentation in the context of resource constraints is carried out to determine the opportunities it affords to make work more enriched, but also the risks that it may introduce.
[bookmark: _Toc240816310][bookmark: _Toc241050401]2.3.3 The Moderating Role of Employee Training 
From a local and international perspective, it is acknowledged by practitioners (citizens and industries) that some capital investment in human beings is required to achieve a successful disruptive technology. This has led to the observation that a continuous process of retraining has been noticed, which has to be organized (Ajayi and Udeh, 2024). This reflects the concepts of capability theory, which emphasise that the achievement of success in a specific field of AI is not as dependent on the available hardware or software resources as it is on the ‘softer assets’ such as flexibility, culture or the skills of the workforce (Mikalef and Gupta, 2021). With this, and with the knowledge of the impact of stress on turnover, one can now speculate that training plays an important role for employees as a possible buffer to reduce the strain of having to deal with the switch to technology and can have a positive effect on raising productivity (Levin et al., 2024).
On the other hand, Ghobakhloo et al. (2024) studies of the effectiveness of digital upskilling show that the majority of studies have been done with large companies. Most of the time, and in a majority of cases, where there's a global corporation, there's also a Learning and Development (LandD) team, as well as a fairly large training budget. This provides the organization with more time, let's say, years, to prepare for the changes in the workforce in the future (Jaiswal, Arun, and Varma, 2021). As it pertains to formalised training, research has shown that whilst there may be a decline in employee unwillingness to interact with AI systems, there may likewise be a decline in algorithmic anxiety and the development of new skills thanks to increased utilization of AI in the workplace (Olutimehin et al., 2024).
The large-to-very-large enterprise industry might have several obstacles to directly applying the results to the small and medium-sized enterprise sector. In the UK, small and medium-sized enterprises (SMEs) tend not to have a separate budget for training; this leads to ad hoc, reactive and intra-organisational training (Clifton et al., 2020). Moreover, and most importantly, the roles of the LandD tend to be informal. There is a lack of holistic understanding of the prevailing on how the use of GenAI is being leveraged without trained specialists (Toorajipour et al., 2026). Without having predefined ways to upskill, small and medium-sized enterprise (SME) employees run the risk of being unable to create higher quality work products or becoming stressed while collaborating with consumer-grade artificial intelligence (GenAI) (Hogemann et al., 2025). The moderating effect of training is examined in this specific research on small and medium enterprises (SMEs) to gain insights into informal or nonexistent upskilling and its impact on productivity and job quality in the context of technological transformation, as done in other studies (NguyenDuc et al., 2023).
[bookmark: _Toc240816311][bookmark: _Toc241050402]2.3.4 The Moderating Effect of AI Governance Frameworks 
Chen et al. (2025) highlight the issue of institutional governance of AI. Policies at a macro level emphasise responsible and transparent use of AI, with the goal of equitable impacts on the labour market (Ghosh, Saini, and Barad 2025). The government’s "pro-innovation stance on AI regulation" in the UK aims to balance the facilitation of technology use with the right ethical limits (Batool et al., 2025). The general direction suggests companies should possess a governance mechanism within the organization regarding data privacy, algorithmic bias in the system and business compliance (Pokhrel and Somasiri, 2026).
While in the corporate world, algorithmic governance's transparent implementation is linked to trust, psychological safety and more engaged employees (Williams et al., 2023). The implementation of ethical guidelines regarding the use and assessment of AI may encourage employees to embrace the technology, promoting positive interactions with AI (Jiang and Abdullah, 2026). Clear guidelines around the ethical use of AI and how the output will be assessed could result in positive interactions with AI (Robles and Mallinson, 2025). During the digital transformation journey, ethical governance can provide a psychological cushion that helps maintain the trust and sense of procedural justice (Machkour and Abriane, 2026).
[bookmark: _Toc240816312]There is, however, a dearth of knowledge about the workings of these governance bodies in SMEs (Panda and Puri, 2025). There is a lack of understanding of the relevance of ‘principled AI' promotions, which are high-level ethical guidance published by the Government, but smaller companies struggle to make them action-oriented and translate them (Ali et al., 2025). Creating and applying a custom-made AI internal governance charter can be onerous and demands a level of legal expertise which may not be readily available in the UK for SMEs (Qin et al., 2025). This can lead to a situation where SMEs are using GenAI without any policy on data security and acceptable use. Furqan et al. (2026) conceptualise the implications of this field of action as still in the process of formation (empirical research). This research tries to identify and understand if the absence of structured AI governance in SMEs has a negative effect on the automation-augmentation paradox (Raisch and Krakowski, 2021). Uncertainty, loss of trust, and reduced productivity benefits of GenAI can arise from a lack of clear guidelines (Nguyen et al., 2026). Abrokwah-Larbi (2023) therefore explored the implications of GenAI in the practical context of SME's without any institutional rules or regulations.
[bookmark: _Toc241050403]2.4 Conceptual Framework and Hypotheses Development
The conceptual framework is a combination of elements from the Technology-Organisation-Environment (TOE) paradigm (Parida, Sjödin and Reim, 2019) and the Job Demands-Resources (JD-R) model (Raisch and Krakowski, 2021). By combining these models, the study tries to isolate the structure and the psychological aspects of the Digital transformation of SMEs. Based on variance-based structural modelling principles (Hair et al., 2022), it is intended to quantify real experiences with the automation-augmentation paradox.
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[bookmark: _Toc241052620]Figure 3: Conceptual Framework
The model concept is that there is one variable, Generative AI Adoption. This adoption may have a variety of positive and psychological effects, which are measured by 2 Dependent Variables (DVs): Employee Productivity and Job Quality. Direct pathways by which AI replaces human skills are moderated by Employee Training and AI Governance and thus are specifically placed in measurement to correctly capture the moderating effect of Employee Training and AI Governance.
H1: The adoption of GenAI has a significant positive effect on employee productivity within SMEs. 
GenAI is based on recent experimental evidence (Noy and Zhang, 2023) and can be assumed to be a highly leveraged cognitive tool. GenAI drastically reduces time spent on tasks by automating the process of performing repetitive tasks and processing complex data sets rapidly (Deveciyan et al., 2026). The technological support has been viewed as a productivity booster for the staff of resource-challenged SMEs to produce larger quantities of high-quality products (Ekrokpe, Jayawickrama and Butun, 2025).
H2: The adoption of GenAI has a significant positive effect on job quality. 
Adoption of AI is a natural outgrowth of the disruption of job design (Raisch and Krakowski, 2021). If implemented solely for economic motives, this could result in a "job demand" use of GenAI, as described by Kellogg, Valentine and Christin (2020), that will lead to increased algorithmic control (e.g., replacing the professional writing of muckrakers as a cost-containment measure, and thereby diminishing the space for professional autonomy). This can bring about algorithmic anxiety and impact general job quality (Pak, Rovira and McLaughlin, 2026).
H3: Structured employee training positively moderates the relationship between GenAI adoption and job quality, mitigating algorithmic anxiety. 
The formalised training serves as an important "job resource". Digital upskilling gives employees an opportunity to move from the passive to the active, from being performed by machines to becoming operators (Savolainen et al., 2025). Training can help demystify the technology and foster a positive attitude towards AI (Jarrahi, 2018) and reconstitute professional autonomy. Therefore, it is assumed that a higher level of training will act as a buffer to offset any potential negative impact and consequently have an empowering effect on GenAI (Asif and Bashir, 2026).
H4: Transparent AI governance frameworks positively moderate the relationship between GenAI adoption and employee productivity, maximising operational output. 
According to Institutional theory, in order to be well-functioning, a clear structure and legitimacy of the institution are crucial (OECD, 2023). In the absence of good governance, there could be a void where, similarly, SMEs could work in a void where they are unable to attain productivity improvements as a result of operating within a domain of unclear rules to follow. A transparent ethical policy of SMEs related to AI and data security, on the contrary, assists them in creating psychological safety (Ahmed, 2025). Having this trust can allow the employees to fully experiment and leverage the technology without fearing the possibility of it being non-compliant, which in turn can reduce the impact on productivity.
[bookmark: _Toc240816313][bookmark: _Toc241050404]2.5 The Empirical Imperative for UK SMEs
There is a consolidated interest in GenAI integration, yet it is very fragmented. From a macroeconomic point of view, models and theories (such as TOE) view GenAI as a disruptive technology (Parida, Sjödin and Reim, 2019). However, the practicalities of its operation are disputed. The application of the JD-R model brings the continuing automation-augmentation paradox (Raisch and Krakowski, 2021) to attention. Essentially, human-AI symbiosis has the potential to enhance the meaningfulness of work (Noy and Zhang, 2023; Jarrahi, 2018). In fact, sometimes the operation of algorithms as automatic management systems intensifies digital surveillance, which deprives autonomy (Kellogg, Valentine and Christin, 2020).
The notable in this debate is that the present study draws on studies that tend to engage more heavily with information harvested from large multinational corporations (Chui et al., 2023). These are able to absorb technological shifts with robust and supportive reskilling mechanisms approved by the ecosystem (WEF, 2023) and all-encompassing compliance plans (OECD, 2023). Thus, there is a need for further research on the functioning of GenAI in the resource-limited environments that SMEs are confronted with (Ben Slimane et al., 2022). The ability to adopt innovations is also challenging for UK SMEs due to limited internal capacities to execute and perform new innovations efficiently. Dwivedi et al., (2021) has not investigated much on how this lack of formalised training and clarity in AI governance affects productivity and algorithmic anxiety.
The need to transcend the general macroeconomic forecast is practical: getting a glimpse of SME staff's daily life. Managerial practices guided by these corporate approximations can be at risk of creating a workplace that is unsuitable for the SME workforce (Zhang et al., 2025). Thus, this study shifts the focus to primary data collection to identify and understand the moderating variables of upskilling and governance in smaller businesses.

[bookmark: _Toc240816314][bookmark: _Toc241050405]Chapter Three: Methodology
[bookmark: _Toc240816315][bookmark: _Toc241050406]3.1 Introduction
The chapter explains the methodology for the study of the effects of Generative Artificial Intelligence (GenAI) on employee productivity and job quality in Small to Medium-sized Enterprises (SMEs) in the UK. This chapter does not provide a comprehensive list of research strategies, but rather practical considerations that were made during the study to address the research questions. It includes information about the purpose of the study, why such an explanatory sequential mixed methods design was shown to be fitting for a pragmatic study, and the clear procedures for collecting, sampling and analysing data. Additionally, it explores efforts to ensure that there are methods of guaranteeing statistical reliability, qualitative trustworthiness and institutional ethics.
[bookmark: _Toc240816317][bookmark: _Toc241050407]3.2 Research Rationale
The methodological justification for this research lies in the fact that many macroeconomic forecasts are presented in terms of AI and require investigation when looking at the on-the-ground operational realities of SMEs. Chui et al. (2023) argued that available information primarily uses information from large, heavily financed multinational corporations, and this information may not accurately represent the experiences of smaller corporations. SMEs' assets are limited, and they do not have time to dedicate to AI research teams or funds to play out contingencies typical of a corporate ecosystem environment (Ben Slimane et al., 2022). Therefore, it might be hard to make managerial suggestions if the understanding of SME digital transformation is based only on models found in a corporate-centric approach (Sirinanda and Balota, 2024).
This research utilises a two-stage methodological approach to try to incorporate both the statistical variation of the diffusion of AI and the "human friction" when AI technologies are applied in unstructured environments with no formal training and governance infrastructure (Brynjolfsson, Li and Raymond, 2023). This study operationalises the Technology-Organisation-Environment (TOE) and the Job Demands-Resources (JD-R) framework by collecting primary data from which to gain grounded insights that can be useful for SME practitioners and policymakers both in the UK and when considering how to navigate the automation-augmentation paradox (Raisch and Krakowski, 2021).
[bookmark: _Toc240816318][bookmark: _Toc241050408]3.3 Research Design
The Explanatory Sequential Mixed-Methods Design (ESMMD) was used in this research (Creswell and Creswell, 2018).
A mono-method approach was taken into consideration, but was insufficient to explore the complexity of human-AI symbiosis in detail. While a purely quantitative, deductive approach is valuable in terms of productivity gains, the approach is unable to capture more nuanced psychological aspects of algorithmic surveillance and the deterioration of job quality (Basu et al., 2022). On the other hand, a purely qualitative and inductive approach provides deep insights into how the employee experience is, but cannot be very powerful and statistically sound for testing the moderation of training and governance. Hence, using a mixed method was the best option, with an almost even distribution of the two methods (Saunders et al., 2023).
The methodological triangulation of the specific choice of Explanatory Sequential (Quantitative Phase 1 followed by Qualitative Phase 2) is justified by the need, when it is essential, to have the support of an adequate method to show what is really the case. Phase 1 aims to set up an initial baseline of statistical linkages among GenAI use, productivity, and job quality. But it is not possible to elucidate fully through regression coefficients why certain variables interact. The results of these quantitative data analyses are then used in Phase 2 to deliberately choose an appropriate case for in-depth semi-structured interviews. Using this sequential bridging procedure allows for the qualitative inquiry to interpret the data in greater detail, as it is grounded in the statistical phenomena identified in Phase 1 (Gempes and Obenza, 2025).
[bookmark: _Toc240816319][bookmark: _Toc241050409]3.4 Research Philosophy
Research philosophy refers to the fundamental ontological (nature of reality) and epistemological (nature of knowledge) assumptions that underpin the research (Saunders et al., 2023).
Positivism takes the form of a single reality that is measurable by deduction and a high level of structured, quantitative instrumentation (Park et al., 2020). Useful for the productivity indicator specifically being used for this study, strict positivism has difficulty in revealing the realities that are socially constructed, such as employee anxiety and employee perceived autonomy.
Interpretivism: Interpretivism posits that reality is subjective and multiple, and it is built by human interaction, and a researcher needs to immerse themselves in qualitative data to understand the meaning (Aguzzoli et al., 2024). Interpretivism, generally, does not test the statistical significance often required to address the primary hypotheses of this study to understand the concept of job quality; however, it is important for this understanding.
The research has a Pragmatist philosophy. Pragmatism, therefore, challenges the dogmatic dichotomy of positivism and interpretivism and proposes that it is the question itself that should determine which epistemology is used to conduct the research (Casula et al., 2021). As this study asks a dual-nature question, the former being the objective of quantifying the efficiency in which AI devices are processed, and the latter subjective in terms of how AI devices impact humans' behaviours when interacting, the pragmatic approach was considered the most viable given the motivation of the study and the necessity to ask both questions (Jarrahi, 2018). It allows the researcher to include objective metrics and qualitative stories, knowing that job quality is subjective and experienced, and productivity is an objectively measurable reality (Borkowska and Jackson, 2026).
[bookmark: _Toc240816320][bookmark: _Toc241050410]3.5 Data Collection
Data collection was done in two stages in a sequence, which consisted of different and unique tools but with a structural connection.
Stage 1: Structured Online Questionnaire (Quantitative): The major quantitative instrument used was a cross-sectional survey which was sent out online using Qualtrics. Due to the requirement for inferential statistical testing for Hypotheses 1 through 4, a survey was used to collect standard data for the disparate geographic population quickly (Dillman, Smyth and Christian, 2014). In order to establish the construct validity, the questionnaire was based on pre-validated scales adapted from the literature and was peer-reviewed. Productivity constructs, task speed and output quality, are directly reproduced from the experimental framework of Noy and Zhang (2023). The Job quality dimensions are operationalised by scales taking into account the theoretical dimensions presented by Kellogg, Valentine and Christin (2020), which refer in their work to autonomy and algorithmic control. Governance and training effectiveness indicators are aligned with the institutions set up by the OECD (2023) and the World Economic Forum (2023). To collect responses, a 5-point Likert scale was used for obtaining the robust variance analysis.
Stage 2: Semi-Structured Interviews (Qualitative): To put the survey data into perspective, Phase 2 involved 25-minute semi-structured interviews on Microsoft Teams or Zoom. The interview protocol was geared toward discussing the preliminary trends that were identified in the SPSS analysis for Stage 1. The instrument consists of open-ended questions to gain insightful and chronological responses regarding disruption in the workflow, cognitive load reduction in their daily lives and the effectiveness of the informal SME training activities (Kallmuenzer et al., 2024). The use of semi-structured interviews is justified here, as it is necessary to ensure the discussion will focus on the research objectives, while also allowing flexibility for any ascertained employee insights to be explored (Bell and Bryman, 2022).
[bookmark: _Toc240816321][bookmark: _Toc241050411]3.6 Population and Sample
The target population is clearly defined as professional full-time workers who have actively worked with Generative AI tools in their weekly work in the past year, in SME organisations (those that employ less than 250 people) in the UK.
For the quantitative component, it was planned to attain a statistically valid sample of 100-150 valid responses at the initial stage. G*Power software was used to calculate an a priori power analysis and recommended that if we include up to 5 predictors, we need at least 92 to get the standard statistical power of 0.80 based on a medium effect size (f^2 = 0.15) and alpha of 0.05 (Faul et al., 2009).
This was done by sharing the survey link for a four-week data collection period. The participants were actively sought via reputable job contacts on LinkedIn and through job boards of industry job groups that cover manufacturing, retail and professional services (Chui et al., 2023). The collection platform got 184 first clicks on the links and 166 returns. Then, in the subsequent data cleaning process in SPSS, 15 responses were excluded. These were due to the following: either the responses were mainly incomplete (e.g., the respondents gave up working through the survey), or they failed the initial screening questions (e.g., the respondent was an employee of a large corporation instead of an SME). This practical data cleaning process yielded a sample size of N=151 that was valid. For good statistical validity of the regression models, this sample size is more than sufficient as compared to the minimum sample size set by G*Power.
The purpose of the qualitative phase was to draw 5-6 individuals from the survey group by purposive sub-sampling. The strength of the Explanatory Sequential design is not volume, that is, 10-12 interviews for the standard qualitative mono-methodology, but "Information Power" (Malterud et al., 2015). As these are very specific, information-rich cases that were deliberately chosen to explain already existing quantitative data, the smaller sample does not have scarcity of content in terms of its explanatory power (Bouncken et al., 2025).
The survey concluded with an enquiry as to whether respondents would be willing to attend a follow-up interview. The initial response was 9 persons who gave their contact particulars, showing they were interested. Nonetheless, because of scheduling conflicts, non-responses to follow-up and time limitations brought on by the dissertation deadline, five interviews were scheduled and finished up. The relatively large sample size of N=5 was considered to be enough for this explanatory phase because the interviews offered a lot of contextual detail, and directly addressed the anomalies in the survey results.
[bookmark: _Toc240816322][bookmark: _Toc241050412]3.7 Data and Analysis
The mixed-methods design means a two-step analysis, including computational statistics and manual thematic coding.
All options of the raw survey data that contained incomplete answers were filtered out and coded into IBM SPSS Statistics. To arrive at the demographic variance profile of the SME respondents, descriptive statistics (m, s, skewness, kurtosis) were obtained from the initial procedures (Noel et al., 2026). Inferential statistics were used to test our main hypotheses. Multiple linear regression analysis was used to examine the direct impact of the independent variable (GenAI Adoption) on the dependent variables (Productivity and Job Quality). To check the moderating effects of Training and Governance (Hypotheses 3 and 4) Hayes' PROCESS macro for SPSS was used (Hayes, 2018). This higher-order technique identifies the interaction terms in a mathematical model, finding out how much more variance in the quality of jobs or productivity can be captured by adding governance and training on top of the direct effect of the technology.
The challenging analysis was done making use of the approach of Reflexive Thematic Analysis (TA) developed by Braun and Clarke (2006). This procedure includes (1) getting reacquainted with the data; (2) creation of initial semantic codes and latent codes; (3) looking for broad themes; (4) reviewing and refining the themes; (5) defining and naming themes; and (6) the analytical synthesis. The researcher used a manual method of ‘Describe-Analyse-Synthesise ', which provided the opportunity to relate individually with the participants' experiences in relation to the integration of the algorithm and pressures in the workplace.
[bookmark: _Toc240816323][bookmark: _Toc241050413]3.8 Reliability and Validity
To maintain the integrity of the results, the quantitative and qualitative paradigms have specific criteria.
As part of the face-validation process, the survey instrument was given to a small number of SME professionals (n=10) as a pilot test to check for ambiguities in syntax and to operationalise the definitions, prior to its complete implementation. Multi-item constructs had external consistency (reliability) values which were deemed to be sufficient, with Cronbach's alpha coefficient values obtained within SPSS, using a threshold of alpha value > 0.70. (DeVellis, 2016). Construct validity was accomplished by adopting scales from peer-reviewed publications as opposed to creating proprietary, untested scales.
The criteria of trustworthiness: credibility, transferability, dependability and confirmability (Ahmed, 2024) were used to assess qualitative rigour. To ensure credibility, the interviewees were asked to review the initial thematic summations to confirm that there were accurate narratives in the data, namely “member checking”. Thick description of the SME contexts given in the final reporting helps in transferability. The theme analysis ran through Braun and Clarke (2006) positioning methodology to establish a clear methodological audit trail to support dependability and confirmability by documenting coding decisions.
[bookmark: _Toc240816324][bookmark: _Toc241050414]3.9 Limitations of the Research
The methodological rigor was maintained, but some practical constraints and limitations of this type of study must be pointed out. First, the cross-sectional quantitative survey gives a snapshot of the situation with GenAI integration at a certain moment in time. However, the regression models are not as reliable for indicating the long-term causal relationship of the variables in this case because of the lack of long-term data; only stronger relationships can be indicated (Soykan and Wang 2025). Secondly, self-reported questionnaires to measure workplace productivity and subjective job quality are given in the same place of occurrence, which means there is a possibility of Common Method Bias (CMB) and social desirability bias. Employees can intentionally overestimate their technological skills and underestimate their job difficulties in accordance with management expectations (Podsakoff et al., 2003). To investigate these self-defining claims, the qualitative interview phase was included, but given that only five interviews were carried out, this may not completely eliminate bias in the wider faith community.
[bookmark: _Toc240816325][bookmark: _Toc241050415]3.10 Research Ethics
This study has been carried out in accordance with the ethical guidelines laid out by the University of Wales Trinity Saint David (UWTSD). Primary data collections involved a detailed application for ethical approval formulated and ratified for each collection. It adheres to the ethical rules of research such as Voluntary participation, informed consent and safeguarding participants from physical, psychological and other harms (Bell and Bryman, 2022). Sensitive topics have been covered in the study in terms of job security and organisation monitoring, so protection of psychological well-being of participants and SMEs' commercial sensitivity was paramount.
Informed consent was obtained digitally prior to completing the online survey, and in writing prior to conducting the interviews. They were told that they could stop taking part in the research at that point without penalty or prejudice. Each set of data was intentionally de-identified in order to ensure the anonymity of the participants; the survey data was anonymised, and the interview transcripts were pseudonymised (e.g., Participant 1, UK Manufacturing). All the raw material, including encoded sound recordings and SPSS files, is securely stored on UWTSD-approved servers in accordance with the Research Data Management Policy (UWTSD).


[bookmark: _Toc240816326][bookmark: _Toc241050416]Chapter Four: Findings and Discussion
[bookmark: _Toc240816327][bookmark: _Toc241050417]4.1 Introduction
The chapter provides the results of the mixed-methods data collection, which corresponds to the objectives of the study related to the integration of Generative AI in UK SMEs. First, it presents the quantitative findings from the surveys (N=151), using PROCESS moderation analysis to assess the associations among GenAI adoption, productivity, job quality, training, and governance. Second, it offers a thematic analysis of five interviews conducted at the end of the study to follow up. This qualitative phase is necessary to make sense of the statistical trends and get a deeper sense of the lived reality of the SME staff's operational experiences.
[bookmark: _Toc240816328][bookmark: _Toc241050418]4.2 Findings
[bookmark: _Toc240816329][bookmark: _Toc241050419]4.2.1 Demographic Findings
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[bookmark: _Toc241052621]Figure 4: Respondents utilise Generative AI tools within their daily professional workflows
The first pie chart, "Figure 4", provides insights into how and how often surveyed respondents use Generative AI tools as part of their daily professional workflow. It was found that the majority of users use these every day without issues, with a high rate of those users (64.24%) using these tools daily. 23.18% is the second-largest group who stated that they use emerging technology more than once a week. The true using group (once a week) is shown as a much smaller portion, 9.27% of the sample, with exactly 3.31% reporting using GenAI rarely.
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[bookmark: _Toc241052622]Figure 5: Respondents' respective organisations actively operate
The second pie chart, "Figure 5", shows details about the various primary industry sectors respondents' own organisations are engaged in, which illustrates a variety of professional fields. It's 36.42% of the respondents and is the largest proportion of participants working directly in the Professional Services sector. The next most prominent sector is Retail and E-commerce, which directly accounts for exactly 27.15% of the respondents. The other key piece of manufacturing and engineering would be another big one at 21.19%. As far as key industry segments are concerned, the largest is Technology and IT Services, accounting for 9.93% of the sample, followed by the Healthcare and Life Sciences sector, which represents the smallest with 5.30%.   
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[bookmark: _Toc241052623]Figure 6: Occupational role level of the respondents
The third pie chart, “Figure 6", categorises all the surveyed respondents simply according to their primary occupation role level. The largest age group is understandably the group of Entry-level or Junior participants with 40.40%. Mid-level Professionals and Specialists are also not far behind, accounting for exactly 35.76% of the overall workforce sample. Those engaged in Management or Supervisory professions comprise about one-fifth of the respondents (specifically 19.87%). Lastly, Executive & C-Suite is clearly the smallest segment of this population with just 3.97% of the population.
[bookmark: _Toc240816330][bookmark: _Toc241050420]4.2.2 Reliability Test
[bookmark: _Toc241052635]Table 2: Reliability Test
	Reliability Statistics

	Cronbach's Alpha
	N of Items

	.968
	21



The internal consistency of the survey instrument was evaluated using Cronbach’s Alpha. There was a coefficient of .968 with the 21 measurement items. This is well above the .70 academic cutoff, indicating a very high internal reliability. This indicates that all of the items in the survey are highly correlated and they measure the same latent variable. Therefore, the scale used in the measurement has good psychometric properties, so that the data obtained are very reliable for later inferential and regression analysis.
[bookmark: _Toc240816331][bookmark: _Toc241050421]4.2.3 Descriptive Findings
[bookmark: _Toc241052636]Table 3: Generative AI Adoption (GAA) 
	Descriptive Statistics

	
	N
	Mean
	Std. Deviation
	Variance
	Skewness
	Kurtosis

	
	Statistic
	Statistic
	Std. Error
	Statistic
	Statistic
	Statistic
	Std. Error
	Statistic
	Std. Error

	GAA1
	151
	4.77
	.057
	.697
	.486
	-3.599
	.197
	13.801
	.392

	GAA2
	151
	3.95
	.045
	.558
	.311
	-3.055
	.197
	15.560
	.392

	GAA3
	151
	4.70
	.056
	.683
	.467
	-2.836
	.197
	9.202
	.392

	GAA4
	151
	4.01
	.054
	.668
	.447
	-1.909
	.197
	7.695
	.392


Table 1 presents descriptive statistics of the Generative AI Adoption (GAA) construct, indicating that the sample (N=151) has a high extreme skewness and a high ceiling effect. Overall ratings are high with a very high score for GAA1 (M=4.77) and GAA3 (M=4.70) indicating very widespread use for complex cognitive use of GenAI. The values of the standard deviations vary from 0.558 to 0.697 which are relatively low meaning that there was not much variation, with the sampled SMEs having very homogenous operational environment. From a rather strict methodological perspective, the skewness and the kurtosis are important values. There is very negative skewness (that is −3.599 to −1.909) and very leptokurtic with highest Kurtosis statistics (Kurtosis statistics = 13.801 (GAA1); 15.560 (GAA2) respectively). Kurtosis is >3.0, indicating that responses were extremely kurtotic, and that the majority of the respondents has opted a 'strongest' choice for Likert item. These extreme properties conflict sorely with the assumptions of univariate normality that are required of traditional parametric testing, statistically. Both of these are quite appropriate given the use of Hayes PROCESS macro with bootstrap confidence intervals: bootstrapping does not make the assumption of a normal sampling distribution. As far as attitudes are concerned, it shows that GenAI is no longer an experimental and emerging technology in these SME but has become one the technology that these SME can no longer go away with.
[bookmark: _Toc241052637]Table 4: Employee Productivity (EP) 
	Descriptive Statistics

	
	N
	Mean
	Std. Deviation
	Variance
	Skewness
	Kurtosis

	
	Statistic
	Statistic
	Std. Error
	Statistic
	Statistic
	Statistic
	Std. Error
	Statistic
	Std. Error

	EP1
	151
	4.54
	.068
	.831
	.690
	-2.014
	.197
	3.745
	.392

	EP2
	151
	3.86
	.051
	.622
	.387
	-2.758
	.197
	9.689
	.392

	EP3
	151
	4.56
	.063
	.771
	.595
	-1.957
	.197
	3.985
	.392

	EP4
	151
	3.94
	.053
	.645
	.416
	-1.906
	.197
	6.846
	.392


The consensus for the Employee Productivity (EP) construct is good, and it's more sophisticated than are the adoption measures. The mean depict higher scores, indicating that the most powerful perception by the respondents is associated to output quality (EP3, M=4.56) and task speed (EP1, M=4.54) in terms of efficiency. In contrast, the mean scores for raw output volume (EP2: M=3.86) and administrative tasks being eliminated (EP4: M=3.94) are slightly lower, suggesting that AI can benefit from the quality and speed of its individual work, but its capacity to take over the amount of work is constrained by a requirement for human validation. Standard deviations (ranging between 0.622 and 0.831) of user experience with the IOM, as influenced by different occupations, show the marginal differences. The values of the skewness statistics (-1.906 to -2.758) also indicate a heavy distribution in the negative direction, as is well known from the self-report bias well documented for self-assessed productivity. The kurtosis values also range from 3.745 to 9.689 indicating concentration of data in particular, for EP2. The sample is universal (increased productivity), and the upper part of the distribution has a leptokurtic curve, which may be limiting the variance of the construct. These low levels of variability indicate that the perceived improvements in product quality when using GenAI are more or less the same in industries, resulting in a very stable but not normally distributed dependent variable for the subsequent hierarchical models.
[bookmark: _Toc241052638]Table 5: Job Quality (JQ) 
	Descriptive Statistics

	
	N
	Mean
	Std. Deviation
	Variance
	Skewness
	Kurtosis

	
	Statistic
	Statistic
	Std. Error
	Statistic
	Statistic
	Statistic
	Std. Error
	Statistic
	Std. Error

	JQ1
	151
	4.47
	.071
	.878
	.771
	-1.795
	.197
	2.994
	.392

	JQ2
	151
	3.85
	.058
	.719
	.517
	-1.948
	.197
	5.177
	.392

	JQ3
	151
	4.53
	.066
	.807
	.651
	-1.874
	.197
	3.366
	.392

	JQ4
	151
	3.93
	.060
	.731
	.535
	-1.545
	.197
	4.036
	.392

	JQ5
	151
	4.41
	.074
	.911
	.830
	-1.660
	.197
	2.384
	.392



Descriptive content of the Job Quality (JQ) concept shows the greatest variance in the data set, suggesting that the subjective psychological aspects of working with AI systems are more controversial than their hard productivity statistics. All the mean scores are still high ranging from 3.85 (on JQ2) to 4.53 (on JQ3). Standard deviations of this construct (0.719-0.911) are the largest of all measured constructs, especially for JQ5, measuring algorithmic anxiety and job security worries. This rise in the SE and variance implies that there is a positive general effect of are qualification on job quality, but it's very patchy - it is very different from one occupational level or from one sector to the next. Moderately negative skewness and significantly lower kurtosis values (−1.545 to −1.948 and 2.384 to 5.177, respectively) are found between the skew and kurt values for the new GAA construct. This slightly more bell-shaped distribution suggests that job quality outcomes are more complicated and that there's an active automation-augmentation paradox within the sample. Finally, GenAI decreases cognitive load in execution (increasing the mean on the dimensions of autonomy) but creates different types and levels of stress from the constant delivery pressures: causing a wider and more spread-out normal distribution of answers representing the psychological reality of the SME workforce.
[bookmark: _Toc241052639]Table 6:Employee Training (ET)

	Descriptive Statistics

	
	N
	Mean
	Std. Deviation
	Variance
	Skewness
	Kurtosis

	
	Statistic
	Statistic
	Std. Error
	Statistic
	Statistic
	Statistic
	Std. Error
	Statistic
	Std. Error

	ET1
	151
	4.54
	.069
	.847
	.717
	-2.152
	.197
	4.656
	.392

	ET2
	151
	3.83
	.055
	.671
	.450
	-2.468
	.197
	7.891
	.392

	ET3
	151
	4.49
	.073
	.893
	.798
	-1.760
	.197
	2.329
	.392

	ET4
	151
	3.83
	.057
	.697
	.486
	-1.918
	.197
	5.445
	.392



Descriptive statistics for the construct of employee training (ET) show an important gap between the institution and the individual's capabilities. Mean scores are high but a clear distinction is seen in the results: There is a higher score for learning styles that are unstructured and self-directed (ET1: M=4.54, ET3: M=4.49) compared to the more formal employer-led digital upskilling (ET2: M=3.83, ET4: M=3.83). Standard deviations, especially for ET3 (SD=0.893), reveal that there is no uniformity or standardisation in proficiencies with generative AI. Moreover, all the data are extremely concentrated (the negative skewness ranges from -1.760 to -2.468, and the kurtosis rises to a maximum of 7.891 for ET2). On the methodological level, this highly restrictive nature of statistical variance of the construct mathematically restricts the efficacy of the construct as a moderation variable. Overall, these data provide clear evidence that there is an ad hoc upskilling gap. SMEs are resigned to an employee taking matters into their own hands rather than implementing structured training that would help them address possible risks posed by new algorithms.
[bookmark: _Toc241052640]Table 7: AI Governance (AIG) 
	Descriptive Statistics

	
	N
	Mean
	Std. Deviation
	Variance
	Skewness
	Kurtosis

	
	Statistic
	Statistic
	Std. Error
	Statistic
	Statistic
	Statistic
	Std. Error
	Statistic
	Std. Error

	AIG1
	151
	4.48
	.072
	.886
	.784
	-1.854
	.197
	3.156
	.392

	AIG2
	151
	3.77
	.057
	.694
	.482
	-2.086
	.197
	5.186
	.392

	AIG3
	151
	4.47
	.073
	.893
	.797
	-1.987
	.197
	3.975
	.392

	AIG4
	151
	3.85
	.061
	.752
	.565
	-1.661
	.197
	4.066
	.392


The results of the descriptive statistics of the AI Governance (AIG) construct reveal some major levels of desensitisation and a perspective of the policies being followed by the institutions as polarised in the sampled SMEs. There is a pronounced split between mean scores for superficial awareness of guidelines (AIG1: M=4.48; AIG3: M=4.47) and confidence in the existence of strict internal data protocols and active internal leadership guidance (AIG2: M=3.77; AIG4: M=3.85). The standard deviations (0.694 to 0.893) are similar to those in the job quality construct, reflecting the differential level of implementation of the policies among organisations. Skewness statistics range from −1.661 to −2.086, indicating that respondents view these governance deficits in a concentrated way, while moderately high kurtosis values (3.156 to 5.186) also reflect this. On a methodological level, one thing that emerges from this data is that the SMEs have reactive, high-level policies, but do not have deeply embedded procedural policies on AI governance. Inferential outcomes of the study are mathematically explained by this statistical clustering and lack of wide sparring. The AIG variable, by virtue of a governance model that is highly focused on reactive, low-specification policies, does not have the distribution spread to create a strong moderating effect. That's why the interaction term in a PROCESS moderation analysis didn't turn out to be significant that's because the governance arrangements in UK SMEs are still very early-stage and clustered together.
[bookmark: _Toc240816332][bookmark: _Toc241050422]4.2.4 Inferential Analysis
[bookmark: _Toc241052641]Table 8: PROCESS Moderation Analysis (Model 1) - Predicting Employee Productivity (EP)
	Predictor
	b
	SE
	t
	p
	95% CI [LL, UL]

	Constant
	0.436
	0.533
	0.820
	.414
	[-0.616, 1.489]

	GenAI Adoption (GAA)
	0.670
	0.136
	4.945
	< .001
	[0.402, 0.938]

	Employee Training (ET)
	0.157
	0.263
	0.597
	.551
	[-0.363, 0.677]

	GAA × ET (Interaction)
	0.012
	0.058
	0.202
	.840
	[-0.102, 0.126]


Note. N=151. Model Summary: R2=.659, F(3,147)=94.81, p<.001. Test of highest-order unconditional interaction: ΔR2<.001, F(1,147) = 0.041, p=.840. Bootstrap confidence intervals (95%) are reported.
The PROCESS moderation analysis for Model 1 (Table 9) shows that the model fit overall, fit of the conditional process, and fit of the conditional direct effect are significant in predicting Employee Productivity, with R2=.659, F(3,147)=94.81 P< .001; R2=.655, F(2,148) = 93.34, P< .001; R2=.573, F(1,149) = 65.03, P< .001 respectively. Regarding the main predictors, there is a very strong positive link between Generative AI Adoption (GAA) and productivity (b=0.670, t=4.945, p<.001). This result backs up Hypothesis 1, indicating that those with regular GenAI use tend to report improved experience levels of task efficiency and number of items produced.
But results for the moderating variable turned out to be unexpected. Employee Training (ET) was not a statistically significant main effect (b=0.157, p=.551), and the interaction term (GAA × ET) was not significant (b=0.012, p=.840). Overall, the addition of the interaction was insignificant and weak (ΔR2<.001); therefore, Hypothesis 3 is not supported. However, for this sample, formal training did not seem to have an impact on productivity and the adoption of GenAI. This might indicate that workers are implementing changes in their work processes in an unorganized fashion instead of having a framework for optimising processes.
[bookmark: _Toc241052642]Table 9: PROCESS Moderation Analysis (Model 2)-Predicting Job Quality (JQ)
	Predictor
	b
	SE
	t
	p
	95% CI [LL, UL]

	Constant
	-0.365
	0.801
	-0.456
	.649
	[-1.948, 1.218]

	GenAI Adoption (GAA)
	0.779
	0.192
	4.067
	< .001
	[0.401, 1.158]

	AI Governance (AIG)
	0.514
	0.358
	1.438
	.153
	[-0.193, 1.221]

	GAA × AIG (Interaction)
	-0.050
	0.080
	-0.632
	.529
	[-0.208, 0.107]


Note. N=151. Model Summary: R2=.560, F(3,147)=62.36, p<.001. Test of highest-order unconditional interaction: ΔR2=.001, F(1,147)=0.399, p=.529. Bootstrap confidence intervals (95%) are reported.
The second model, predicting Job Quality (JQ), also shows a significant fit, carrying 56.0% of the variance (R2= .560, F(3,147) = 62.36, p < .001). A strong positive correlation was identified between self-reports of job quality (b=0.779, t=4.067, p<.001) and GenAI adoption. This contributes to Hypothesis 2 in that, generally, the use of these kinds of tools is related to having had a more positive work experience; this is probably owing to the help provided with repetitive tasks.
However, the interaction term (GAA × AIG) was not statistically significant (b=−0.050, p=.529), when examining the potential moderating effect of AI Governance (AIG). Based on this, it can be concluded that Hypothesis 4 cannot be accepted. This finding suggests that, in this data set, the adoption of AI does not have a significant impact on job quality depending on whether there was any internal AI policy or not. Perhaps because these tools are still relatively new in SMEs, formal governance may still not be mature and capable of making a measurable difference in the daily experiences of employees.
[bookmark: _Toc241052643]Table 10: Alignment of Statistical Findings with Research Hypotheses
	Hypothesis
	Path / Relationship
	Statistical Evidence
	Decision

	H1
	GenAI adoption has a direct positive effect on employee productivity.
	β=0.670, t=4.945, p<.001
	Supported

	H2
	GenAI adoption has a direct positive effect on job quality.
	β=0.779, t=4.067, p<.001
	Supported

	H3
	Employee training moderates the relationship between GenAI adoption and employee productivity.
	β=0.012, t=0.202, p=.840
	Rejected

	H4
	AI governance moderates the relationship between GenAI adoption and job quality.
	β=−0.050, t=−0.632, p=.529
	Rejected


This inferential chain is summarised in Table 11, which shows an empirical picture of organisational lag in UK SMEs. The structuring models determine the generative AI's unidirectional and very disruptive independent variable by providing conclusive proof. It has raw power to stimulate productivity (H1) and job quality (H2) without any organisational structures. The mathematical results for both moderating hypotheses (H3, H4) result in a major structure failure. The overall statistical inertia of the interaction terms provides evidence that to date, neither the technical upskilling of SMEs nor their ethical governance are sufficiently developed, widely adopted or well implemented to have any kind of structuring impact on the workforce. The technology is working directly with employees and effectively short-circuiting the organisational level to expose staff to the unmoderated risks of being dependent on algorithmic systems.
[bookmark: _Toc240816333][bookmark: _Toc241050423]4.2.5 Thematic Analysis
Analysis of the five interview transcripts was then performed using reflexive thematic analysis (Braun and Clarke, 2022) after the quantitative results. The aim of this qualitative phase was to find out how SME employees were experiencing the use of GenAI and to provide context for the survey results. The analysis provided three overall key themes that speak to the day-to-day experience of working with AI, painting a less idealized picture of performance and work dynamics than the survey data does alone.
Theme 1: Balancing Speed and Accuracy: The Need for Manual Checking 
The participants agreed that GenAI facilitated the early stages of their tasks. They reported a decrease in the effort required to begin an email, report, or piece of code with the use of tools such as ChatGPT or Copilot across various sectors. This saved time was often negated by the need to thoroughly check the AI's work for correctness.
Sometimes, the tools may generate inaccurate technical data or the wrong tone, so employees said they were forced to verify content prior to completion of the deliverables. Participant 4, for example, was a software developer who stated: "However, it takes less time in keyboard-based coding at the beginning, but more in reviewing code and auditing PRs. Likewise, in highly regulated industries, accuracy requirements were a problem. An accountant stated that although structural drafting was quicker, one must beware of “financial calculations and technical text can be unreliable... every single figure and statutory reference must be checked against primary accounting standards”. This implies that although AI can speed up the initial creation of content, the need for extensive manual review and editing imposes a cap on the overall gains in productivity, as workers are becoming more of editors than creators.
Theme 2: Shifting Workload Pressures and Management Expectations 
Results from the surveys showed a positive association between the use of GenAI and the quality of work reported, but interviews painted a more nuanced picture when it came to workload and stress in daily work. Some of the participants indicated that the expectation of turnaround time had been implicit and associated with the use of these tools and their speed of drafting.
A few interviewees indicated that they did not have more time to work with AI, as it was rapidly followed by new work or shortened deadlines. To the latter, Participant 2, a marketer, stated, "Now, when they say that something will be done in 3 days, it's really supposed to be done in the afternoon.” The same was true for HR, where Participant 3 noted that senior leaders have new expectations for internal communications to be done in half the time. This suggests that, although AI can take the first bite out of the cognitive workload of an activity, managers believe they need it to happen instantly. The tools can therefore help create a faster-paced work setting, impacting time and task management.
Theme 3: Navigating AI Use Without Clear Organisational Policies
The interviews indicated that policy formalities were at a very low level with regard to training and governance in the sampled SMEs, similar to the quantitative (non-significant) findings for training and governance. The participants frequently expressed that the tools were provided to them, but that they were not being provided with information as to what they might do with the tools and with respect to using the data.
Lack of direction and oversight was causing confusion regarding accountability, in particular on how to handle information about sensitive clients or employees. Participant 1 spoke up about there being a possibility for such lines of ambiguity: "If something comes out in one of our contracts through the supplier side of it... I don't believe that leadership will turn around and say to the software, and show at the coordinator. “Secondly, it was determined that on the whole, employees were “self-taught” on the prompts, with some sections of teams using YouTube to learn and some sharing tips via Slack with other members of the group, which made for a lack of consistent understanding of the prompt in each group.” Participant 3 stated that from within the organisation, there were “big differences in skills and awareness”, with one feeling too much trust in the tool and others were “afraid of the tool” because of the lack of training organically within the organisation. This informal usage suggests that SMEs are not implementing organisational support and controls as is the case for larger companies using technology.
[bookmark: _Toc240816334][bookmark: _Toc241050424]4.3 Discussion
This study has an explanatory sequential mixed-methods design which highlights a comparison between expectations presented at a macro level in the existing studies and the actual everyday worlds of United Kingdom Small and Medium-sized Enterprises (SMEs). Incorporating economic values into the application of Generative Artificial Intelligence (GenAI) is expected to be a relatively straightforward process, as outlined in the empirical data collected here by using GenAI in smaller businesses. The automation-augmentation paradox (Raisch and Krakowski, 2021) will be discussed with statistical modelling and thematic analysis. The results suggest GenAI could yield positive effects on productivity (H1), though the observed non-significant moderating role of training (H3) and governance (H4) highlights structural issues. In sum, this study found evidence that SME's are using GenAI, but they lack the organisational arrangements in place to guarantee long-term sustainability (Soudi and Bauters, 2024).
[bookmark: _Toc240816335][bookmark: _Toc241050425]4.3.1 The Impact of GenAI on Productivity and the Need for Manual Review
Findings indicate that Hypothesis 1 (β=0.670,p<.001) is supported, as the quantitative analysis shows that the adoption of GenAI has a strong positive impact on employees' productivity. This dovetails with recent study by Noy and Zhang (2023). Grange et al. (2025) indicate that working time is shortened for white-collar jobs. The survey results suggest that GenAI for administrative tasks is likely to automate mundane tasks, thereby reducing the tail of the productivity distribution in accordance with other studies for UK SMEs (Jakranpally, 2022),.
But the qualitative thematic analysis shows a more nuanced picture, highlighting the operational frictions which sometimes remain unnoticed in macroanalyses (Mou et al., 2022). Correctly positioning a piece for its content, as in Theme 1, can be undone by tedious and labor-intensive fact-checking. Large Language Models may produce contextually inappropriate content, requiring SME personnel to invest time in checking the AI's work (Massey et al., 2025). This qualitative result aligns with the points suggested by Al Kuwaiti (2025) and Al-Amin et al. (2024) that, without a solid systematic integration notion practiced in SMEs, theoretical efficiencies can act as administrative bottlenecks. This mirrors the Technology-Organisation-Environment (TOE) model, which states that assimilation success significantly depends on the capability of the organisation to adapt workflows (Tiago and Almeida, 2026).
[bookmark: _Toc240816336][bookmark: _Toc241050426]4.3.2 Job Quality, Workload Pressures, and Changing Expectations
[bookmark: OLE_LINK11][bookmark: OLE_LINK12]Turning to the second research goal, results of the hierarchical regression align with Hypothesis 2 (β = 0.779 and p< .001), so that subjective reports of job quality are positively linked to GenAI adoption. From the Job Demands-Resources (JD-R) perspective (Bakker and Demerouti, 2007), GenAI seems to be a supportive job resource. This agrees with the consensus that machine intelligence could move data-intensive work from human to machine, increasing job meaningfulness and mental autonomy (Bankins and Formosa, 2023). Apparently, the relief of having successfully conquered the fatigue of getting started with tasks is an important one for the respondents (Eloundou et al., 2023).
However, qualitative data (Theme 2) clearly demonstrate the automation-augmentation paradox (Sankaran et al., 2026). Some interviews indicate that GenAI can also introduce new expectations associated with a job, such as more managerial expectations. Some SME leaders think AI will save a lot of time, leading to time compression of turnaround. This practice provides some evidence for the claims by Deranty and Corbin (2022), which warns that "digital Taylorism", whereby AI is deployed mainly for the purpose of speed maximisation, can introduce new domains of workplace control. The quantitative results suggest symbiosis (Lee and Cha, 2026), while the qualitative reality points to possible cognitive strain due to the rising expectation of delivery on the part of AI (Mohamad et al., 2026). This extends the JD-R model by emphasising the importance of psychological strain and the need to work continuously, regarding how this may influence employees' occupational states of wellbeing (Giering and Kirchner, 2025).
[bookmark: _Toc240816337][bookmark: _Toc241050427]4.3.3 The Role of Employee Training and Informal Learning in SMEs
A unique empirical finding of this study is the non-significant result for Hypothesis 3 (β=0.012, p=.840), indicating that formal employee training did not significantly moderate the link between GenAI adoption and productivity in this sample. This finding presents a challenge to capability theories which argue that an organisation's success hinges on proactively nurturing workforce skills (Ajayi and Udeh, 2024).
Olutimehin et al. (2024) assert that making AI training formal, through dedicated Learning and Development (LandD) units, can effectively reduce anxiety, as well as speed up capability building in large multinational corporations. This corporate model, however, would not necessarily work in the SME market; the data here indicate this (Raisch and Krakowski, 2021). As Clifton et al. (2020) have noted, there is a pervasive lack of formal budgets among SMEs for proactive upskilling. This explains why theme 3 relates to the quantitative failure of the moderating variable: employees rely on informal learning (Ghobakhloo et al., 2024). SME employees tend to use consumer-grade GenAI tools which they learn to use in an ad hoc, self-directed manner, with little guidance from the organisation (Toorajipour et al., 2026). Theories of 'psychological buffering' due to training (Asif and Bashir, 2026) are hard to enact in the context of no formal training, with the labour market largely left to its own devices to deal with technological maturation (Levin et al., 2024).
[bookmark: _Toc240816338][bookmark: _Toc241050428]4.3.4 Navigating AI Adoption Without Formal Governance
The inferential analysis results linked parallel to GenAI and training suggest a lack of support for Hypothesis 4 (β=−0.050, p=.529), demonstrating that AI Governance didn't significantly moderate the relationship between GenAI and job quality. This finding adds to the prevailing views of the Institutional Theory (DiMaggio and Powell, 1983) within smaller businesses. Macroeconomic policy frames show preferences for transparent internal governance to manage data privacy (Getzin et al., 2026), but it seems that these data privacy policy dimensions are either absent or underdeveloped in the sampled UK SMEs.
According to Robles and Mallinson (2025), transparent algorithmic governance leads to psychological safety and is supposed to offer procedural justice (Panda and Puri, 2025). This study does support the concerns about ‘Principled AI’ (Ali et al., 2025). For SMEs, drafting and implementation of a comprehensive and legally sound, well-thought-out internal AI charter can be costly and technically complex (Qin et al., 2025). This means that there are no specific policies in organisations, and they just have reactive directives (Furqan et al., 2026). This lack of policy is indicated in the thematic analysis, as employees are not certain. Employees might face individual legal and professional liability for AI inaccuracies or misuse, without being explicitly directed on copyright or client transparency. This underscores the challenge of maintaining safe integration of GenAI in SMEs where no localised and formal institutional rules exist, and this can erode trust and impede safe adoption and integration of GenAI technologies (Geppert et al., 2026).



[bookmark: _Toc240816339][bookmark: _Toc241050429]Chapter Five: Conclusions and Recommendations
[bookmark: _Toc240816340][bookmark: _Toc241050430]5.1 Introduction
The final chapter synthesises the quantitative findings from the survey and qualitative information from the interviews to form a general conclusion on the implementation of Generative Artificial Intelligence (GenAI) within UK Small and Medium-sized Enterprises (SMEs). The chapter opens with a brief summary of the topical findings and highlights the four initial research objectives and what has been accomplished. Thereafter, the chapter provides some clear guidelines to SME managers on how to use these tools, the nuances at which these findings enhance the existing academic theories, and the shortcomings of the study design. Last but not least, it presents some potential lines of further research in this field which is rapidly evolving.
[bookmark: _Toc240816341][bookmark: _Toc241050431]5.2 Summary of Conclusions 
The significant overall finding of this study is that although GenAI has the potential to bring real value to everyday work, it is operating in a patchy, uncoordinated, and lacking organisational support way within UK SMEs. Results from the quantitative survey showed that there was a strong positive correlation between the use of GenAI and the self-reported productivity and job quality. Many employees find the technology to be of great aid, as it asks them to do less work to overcome the first obstacle of starting to write a document or code.
However, these positive statistics stand in contrast to the findings from the qualitative interviews, providing a more complex picture of the GenAI experience that revealed it was not about doing things better and faster (Vera et al., 2025). Interestingly, the productivity this can sustain is not always carried over in reduced human labour hours because, often, employees need to review and/or edit or fine-tune AI-generated content to align with technical accuracy and the tone required for their business.
Moreover, the research notes a great lack of readiness of the organisations. The negative evidence (interviews with the workers and lack of significant values for the moderating variables training and governance) suggests that the working setting, in particular, is one in which workers come to rely on their own resources. Lack of formal data privacy policies and/or no clear training on how to use the tools effectively can lead to employees feeling uncertain about their responsibilities (Pokhrel and Somasiri, 2026). In conclusion, the study shows that SMEs are embracing GenAI to catch up with their competitors, and this is being achieved with no specific structure to fully support their staff.
[bookmark: _Toc240816342][bookmark: _Toc241050432]5.3 Achievement of the Research Objectives 
The study was guided by four primary research objectives, which were addressed through the mixed-methods design.
Objective 1: To quantify the direct effect of GenAI tools on employee productivity
The initial regression analysis demonstrated that self-reported productivity was positively associated with GenAI adoption (p<.001), achieving this objective. But it's not as if it’s an unprecedented productivity gain. An important qualitative component indicated that draft speeds could be quite high, but were limited by the amount of manual checking required. Staff commented on the fact that there were hallucinations and technical issues, and that one needed to be ‘very careful to read through the content '; the nature of their work became more editing and fact-checking work.
Objective 2: To evaluate the influence of GenAI on dimensions of job quality
The survey results showed a positive relationship between the use of GenAI and job quality, thus achieving this objective. The participants valued the opportunity to be relieved from boring and routine work. However, the results of the interview showed a slightly different scenario in the context of daily stress. Some of the participants felt that the tools decreased cognitive fatigue at task start-up but enhanced the management expectations. The expectation that tasks would be completed almost instantaneously with AI sometimes resulted in shortened deadlines, and therefore a higher tempo or pace of work, which did not always lead to less stress.
Objective 3: To analyse the moderating role of employee training
This objective aimed to see if structured training improved the outcomes of GenAI adoption. The moderating effect of the survey results showed no statistically significant. This does not mean that training is not important, but rather, the qualitative interviews highlighted this result: structured training is absent in most of the sampled SMEs. Informal, self-directed learning (e.g., watching YouTube tutorials) is being used a lot, and skills are inconsistent in teams. The lack of formal upskilling seems to limit the potential benefits of the technology across the broader organisation.
Objective 4: To assess the moderating effect of AI governance. 
Similarly, there was no significant role of AI governance as a moderating factor in job quality. This was clarified by the interviews and is probably related to an absence of clear and written AI policies in these smaller companies. The estimates varied regarding what data was okay to feed into an AI and who would be liable if an AI-induced mistake gets to a customer (Ghosh, Saini and Barad, 2025). This policy gap makes staff feel reluctant because employees feel there is an undercurrent of professional risk when there is no governance.
[bookmark: _Toc240816343][bookmark: _Toc241050433]5.4 Recommendations for Managerial Practice 
The experiences shared by participants highlight that there are some practical changes that SME leaders should be considering to accommodate their workforces better as GenAI becomes more common.
Managers and supervisors should not assume that AI and work go hand-in-hand and are "instantaneous". While Copilot or ChatGPT may come up with something in a flash, it should always be backed up with the 'human touch', especially in technical and client-facing roles. The project time periods need to be long enough to allow for this editing/fact checking process. Employee expectations of the turnaround time may be unrealistic, which could create stress towards employees and cause product quality issues.
The urgency for SMEs to form basic and easy-to-understand acceptable usage policies for AI is huge (Imtiaz et al., 2023). What data can be input into an LLM is acceptable, and what data needs to be kept confidential from employees needs to be known to them. Being clear about rules will help alleviate employees' concerns that they will accidentally violate data privacy regulations and define who is at fault in case of mistakes.
Having workers self-educate on the use of GenAI introduces risks and variability. Investing in targeted training sessions is a good idea, as it's more than just making a computer dance; it's the SME learning to utilise it in its business. Feedback may include prompt wording for specific work activities, identifying algorithmic bias, and responsibly validating AI-generated content.
Work is going from drafting to editing and, as such, how performance is measured may need to change. Managers who only care about the pace of production can sometimes have an impact by allowing employees to shortcut essential review processes. Measuring performance should consider quality, accuracy and critical thinking to manage AI outputs, not just tasks done.
[bookmark: _Toc240816344][bookmark: _Toc241050434]5.5 Contributions to Theory 
This study seeks to provide some context to the theoretical aspects presented and apply to some UK SMEs with limited resources, not a large multinational company.
The study proposes some modifications with respect to the Technology-Organisation-Environment (TOE) framework, in terms of how “organisational readiness” is perceived. In the talk, I will outline some differences between these two models and discuss the findings of a study that investigated this question. But as the data in this document shows, adoption occurs at the level of the individual employee and doesn't necessarily rely on formal organisation readiness to adopt new technology, such as GenAI. This shows a situation where technological application has been favoured over structural policy, which may be mimicked in future TOE applications in a small business context.
The study sheds light on the challenging dual function of GenAI based on the Job Demands-Resources (JD-R) model. Other qualitative findings indicate that although AI may be a "resource," it can also result in additional "demands," such as increased managerial demands. The deeper implication of this is that technological resources can affect the external exertion on the employee, making a simple calculation of the stress at the workplace more complex (Sun et al., 2026).
[bookmark: _Toc240816345][bookmark: _Toc241050435]5.6 Limitations of the Study 
The limitations of this research should be highlighted. The quantitative data are solely self-report survey measures that are vulnerable to response bias. Employees may think that they are more productive or respond the way they believe that they should. Secondly, it was found that the qualitative analysis was based on a small sample of five interviews. These gave ample contextual information but they were limited instances of experiences and care needs to be exercised in generalising these out to instances of experience for all SMEs.
Also the study is a "snapshot" and reflects a cross sectional study. These trends are in the early days of change as businesses slowly catch on since Generative AI models are evolving at a comparatively quick pace. Lastly, whilst the results are specific to UK SMEs, this may not entirely apply to large companies and businesses under different international regulatory systems.
[bookmark: _Toc240816346][bookmark: _Toc241050436]5.7 Recommendations for Future Research 
Future research could be conducted in a number of different ways in order to build on the findings of this study.
The situations seen in this study will adjust as employees get more accustomed to prompt engineering, and SMEs start creating formal policies. It would be interesting to see how the partnership with AI evolves over time, so by observing a group of SME employees over a period of 12-24 months.
Future studies would try to overcome the self-reported productivity. Researches that could generate objective backend metrics like the frequency of software commits, ticket resolution speed, or error tracking would yield a more solid evaluation of the time AI saves or costs a business (Williams et al., 2023).
The hypothesis was that workers in heavily regulated sectors (finance or health care, for example) feel under greater pressure to use AI than do workers in creative sectors. An in-depth comparative analysis may provide insights into regulatory effects on the use of and stress around GenAI.
[bookmark: _Toc240816347][bookmark: _Toc241050437]5.8 Concluding Remarks 
Certain AI solutions are able to manage a hefty workload and mitigate management friction for SMEs, although it is definitely clear that Generative Artificial Intelligence technologies are altering the way that knowledge is usually managed. But this study indicates that letting them gain access to the technology does not go far enough. It's time organisations catch up with the technology to be able to reap the benefits of these, but not create unnecessary stress and risk for the business. Regardless of future success or failure, the success of GenAI will also come down to the human factors, such as the need to set appropriate expectations, provide proper training, and put in place policies to ensure employees can safely and effectively use the tools.
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Survey Questionnaire

Participant Information and Consent Statement

Study Title: The Effect of Generative AI Adoption on Employee Productivity and Job Quality in UK SMEs: The Moderating Roles of Training and Governance.

Institution: Swansea Business School, University of Wales Trinity Saint David (UWTSD)

You are invited to participate in a research study investigating how Generative Artificial Intelligence (GenAI) impacts workflows within UK Small and Medium-sized Enterprises (SMEs). This survey will take approximately 5–7 minutes to complete.

Your participation is entirely voluntary. You have the right to withdraw at any time prior to submitting your responses without penalty. All data collected is strictly confidential and will be heavily anonymized. No identifying information regarding you or your specific employer will be published. This study has received full ethical approval from the UWTSD Ethics Committee.

· Consent Check: By clicking "I Agree" below, you confirm that you have read the participant information, you are over the age of 18, you are employed by a UK SME (fewer than 250 employees), and you voluntarily consent to participate in this study.

· [ ] I Agree

· [ ] I Do Not Agree (Terminates Survey)

Section A: Screening and Professional Demographics

This section verifies your eligibility and gathers contextual professional data.

A1. Are you currently employed by a firm based in the United Kingdom that employs fewer than 250 people?

· [ ] Yes

· [ ] No (If No, terminate survey)

A2. How frequently do you utilize Generative AI tools (e.g., ChatGPT, Claude, Copilot, Midjourney) in your professional workflows?

· [ ] Daily

· [ ] Multiple times per week

· [ ] Once a week

· [ ] Rarely / Never (If Rarely/Never, terminate survey)

A3. Which primary industry sector does your organization operate within?

· [ ] Professional Services (e.g., Consulting, Legal, Finance)

· [ ] Retail / E-commerce

· [ ] Manufacturing / Engineering

· [ ] Technology / IT Services

· [ ] Healthcare / Life Sciences

A4. What is your primary occupational role level?

· [ ] Entry-level / Junior

· [ ] Mid-level Professional / Specialist

· [ ] Management / Supervisor

· [ ] Executive / C-Suite

Section B: Generative AI Adoption 

Please indicate your level of agreement with the following statements regarding your integration of GenAI.

(Scale: 1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = Strongly Agree)

· GAA1: I actively integrate GenAI into my daily or weekly work routines.

· GAA2: GenAI is essential for executing my core professional responsibilities.

· GAA3: I rely on GenAI to assist with complex, non-routine cognitive tasks rather than just simple administrative duties.

· GAA4: My organization encourages the proactive exploration of new GenAI tools to improve business processes.

Section C: Employee Productivity 

(Scale: 1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = Strongly Agree)

· EP1: Since adopting GenAI, the average time it takes me to complete complex tasks has significantly decreased.

· EP2: GenAI enables me to produce a significantly higher volume of work within standard working hours.

· EP3: The use of GenAI has noticeably improved the overall quality and accuracy of my professional deliverables.

· EP4: GenAI eliminates routine administrative bottlenecks, allowing me to focus on high-value strategic work.

Section D: Job Quality and Algorithmic Surveillance 

(Scale: 1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = Strongly Agree)

· JQ1: The integration of GenAI has enhanced my professional autonomy and control over my workflow.

· JQ2: GenAI effectively reduces my daily cognitive fatigue and mental workload.

· JQ3: Since adopting AI tools, I feel my work is subject to increased monitoring and algorithmic surveillance by management.

· JQ4: Collaborating with AI allows me to engage in more creative, meaningful work.

· JQ5: I frequently worry that the continued integration of GenAI will devalue my professional skills or threaten my job security.

Section E: Employee Training 

(Scale: 1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = Strongly Agree)

· ET1: My organization provides formal, structured training programs specifically focused on the effective use of GenAI.

· ET2: I feel adequately trained to mitigate the risks (e.g., hallucinations, data errors) associated with GenAI outputs.

· ET3: I have had to teach myself how to use GenAI because my company offers no official upskilling resources.

· ET4: My employer actively invests time and resources into continuously updating our digital competencies.

Section F: AI Governance Frameworks 

Informed by OECD (2023). Please indicate your level of agreement regarding institutional policies.

(Scale: 1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = Strongly Agree)

· AIG1: My organization has published clear, transparent, and accessible ethical guidelines regarding acceptable GenAI usage.

· AIG2: There are strict internal protocols governing what proprietary or client data can be inputted into external GenAI platforms.

· AIG3: I trust that my organization’s AI governance framework protects my employee rights and ensures fair performance evaluation.

· AIG4: There is a lack of leadership guidance on AI, leaving employees uncertain about compliance and ethical boundaries.

Section G: Follow-up Opt-In 

To gain deeper insights into the realities of GenAI in SMEs, the primary researcher will be conducting brief (45-minute) online interviews. These sessions are highly valuable for the study and are strictly confidential.

G1. Would you be willing to participate in a brief, confidential follow-up interview via Microsoft Teams or Zoom?

· [ ] Yes, I am willing to participate. (Please provide your professional email address below).

· [ ] No, I do not wish to participate in the interview phase.

Email Address (If Yes): ___________________________________

(Note: Your email will only be used to contact you regarding the interview and will be permanently separated from your survey responses to maintain strict data anonymity).
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Interview Questionnaire

Study Title: The Effect of Generative AI Adoption on Employee Productivity and Job Quality in UK SMEs: The Moderating Roles of Training and Governance

Target Group: Full-time UK SME employees actively utilizing GenAI tools

Design Role: Qualitative explanatory follow-up (Explaining the quantitative survey findings)

Estimated Duration: 20–25 Minutes

Introductory Script & Ethical Protocol

"Thank you for agreeing to participate in this interview. This study investigates the integration of Generative AI in UK Small and Medium Enterprises, specifically focusing on work outcomes and employee experiences. There are no right or wrong answers; we are interested entirely in your personal, everyday experiences.

Your participation is completely voluntary. You may decline to answer any question, pause the discussion, or withdraw at any point without consequence. This session is recorded solely for accurate transcription, and all identifying details including your name and organization will be fully anonymized using participant pseudonyms in accordance with UWTSD ethical guidelines. Do you have any questions before we begin?"



Q1: Could you walk me through how Generative AI tools (such as ChatGPT, Claude, or Microsoft Copilot) entered your daily or weekly workflow?

Q2: What unique opportunities or challenges has your organization encountered while integrating these tools into existing systems?

Q3: How has the integration of Generative AI influenced the pace and volume of your daily work?

Q4: How would you describe the effect of AI-generated content on the quality and accuracy of your final deliverables?

Q5: In what ways has working alongside AI influenced your sense of professional autonomy and decision-making authority?

Q6: Reflecting on your daily mental workload, how has GenAI impacted your work-related stress or cognitive fatigue?

Q7: How, if at all, has the introduction of AI influenced how your performance is monitored or evaluated by management?

Q8: What support, guidance, or training has your company provided to help staff navigate Generative AI tools?

Q9: How confident do you feel in your ability to use AI safely and effectively compared to the rest of your team?

Q10: What formal or informal guidelines exist in your organization regarding data privacy, acceptable use, and ethical AI deployment?

Q11: How does the clarity or lack of clarity in company AI policy affect your confidence when using these tools on sensitive projects?

Q12: Looking ahead, what strategic adjustments or support mechanisms should SME leadership implement to maximize AI benefits while safeguarding employee well-being?
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APPLICATION FOR ETHICAL APPROVAL – INTRODUCTORY NOTES



In order for research to result in benefit and minimise risk of harm, it must be conducted ethically. A researcher may not be covered by the University’s insurance if ethical approval has not been obtained prior to commencement.



The University follows the OECD Frascati manual definition of research activity: 

“[C]reative work undertaken on a systematic basis in order to increase the stock of knowledge, including knowledge of man, culture and society, and the use of this stock of knowledge to devise new applications”. 

As such this covers activities undertaken by:

· Members of staff (academic staff or support staff);

· Individuals holding honorary title from the University;

· Postgraduate research students;

In all of these cases ethical review is required regardless of discipline.



The individual undertaking the research activity is known as the lead researcher.



Ethical approval is not required for routine audits, performance reviews, quality assurance studies, testing within normal educational requirements, and literary or artistic criticism. 



For most projects you will only need to complete sections in the main part of the form. A few projects will need more detailed ethical consideration and will need you to fill in sections in an appendix. At some points in this form you will be asked questions about your research in the following way:



		1

		Does your research involve <<something specific>>?

		YES

		Click to continue to appendix <<N>>

		NO

		Continue to the next section



		2

		Have you completed appendix <<N>>? 

		YES

		☐

		NO

		☐







Clicking in the appropriate box will take you to the appropriate location in the text. At the end of each appendix is a box. Clicking on this will return you to the question that originally took you to the appendix.



		

		

		

		

		





		Return to the main form







NB These clickable links will only work if you are editing the document in the desktop version of Word, not the browser version. Please download and save the form before editing it.



Guidance notes are provided as comments or as text IN GREEN throughout this form. Please ensure that the comments are removed and that the green text is replaced by your own text or removed as appropriate BEFORE submitting this form.



Please ensure that you have read the UWTSD Research Ethics and Integrity Policy and the UWTSD Research Data Management Policy BEFORE submitting this form.








APPLICATION FOR ETHICAL APPROVAL

SECTION A: About You (Lead Researcher)

		1

		Full Name:

		Mst Hanna Bagum Rima



		2

		Tick all boxes that apply:

		Member of staff:

		☐

		Honorary research fellow:

		☐



		

		Undergraduate Student

		☐		Taught Postgraduate Student

		☒		Postgraduate Research Student

		☐

		3

		Institute/Academic Discipline/Centre:

		

Swansea Business School



		4

		Campus:

		





		5

		E-mail address:

		





		6

		Contact Telephone Number:

		





		7

		Project Title

		

The Effect of Generative AI Adoption on Employee Productivity and Job Quality in UK SMEs: The Moderating Roles of Training and Governance



		8

		Proposed Start Date

		June 2026



		Proposed End Date

		September 2026





		For students:



		9

		Student Number:

		2437621



		10

		Programme of Study:

		BMMB7003



		11

		Director of Studies/Supervisor:

		







SECTION B: Grant or Contract Funding 

		1

		Has your research been awarded, applied for, or intend to apply for external funding?

		YES

		Click to continue to appendix 1

		NO

		Continue to the next section



		2

		Have you completed appendix 1? 

		YES

		☐

		NO

		☐







[bookmark: SEC_C]SECTION C:  Internal and External Ethical Guidance Materials

		Ethical Guidance Documents

Please list the core ethical guidance documents that have been referred to during the completion of this form (including any discipline-specific codes of research ethics, location-specific codes of research ethics, and also any specific ethical guidance relating to the proposed methodology).  Please tick to confirm that your research proposal adheres to these codes and guidelines. You may add rows to this table if needed.



		1

		UWTSD Research Ethics & Integrity Policy

		☒

		2

		UWTSD Research Data Management Policy

		☒



		3

		UWTSD Open Access Publications Policy

		☐



		4

		UWTSD Export Control Policy 

Required if Appendix 8 completed

		☐

		5

		UWTSD Trusted Research and Innovation Policy 

Required if research is taking place outside the UK

		☐



		6

		[List any other relevant documents here]

		☐









[bookmark: SEC_D]SECTION D: External Collaborative Research Activity 

		1

		Does your research involve collaborating partners at another institution or organisation?

		YES

		Click to continue to appendix 2

		NO

		Continue to the next section



		2

		Have you completed appendix 2? 

		YES

		☐

		NO

		☐







[bookmark: SEC_E]SECTION E: Details of Research Activity

		Aims, Vision and Approach of the Research (maximum 200 words per section)

Please outline what are you hoping to achieve with your proposed work and how will you deliver it?



		1

		Research aims and objectives



		The primary aim of this study is to critically evaluate the dual impact of Generative AI adoption on operational output and employee welfare within UK SMEs, ultimately proposing an evidence-based framework for optimized, ethical AI integration. To achieve this aim, the study establishes the following four objectives:

· To quantify the direct effect of GenAI tools on employee productivity, specifically measuring changes in self-reported output volume, task completion speed, and output quality.

· To evaluate the influence of GenAI on dimensions of job quality, focusing strictly on employee autonomy, workload intensity, and perceived algorithmic surveillance.

· To analyze the moderating role of employee training, determining whether structured organizational upskilling mitigates potential negative effects on job quality and accelerates productivity gains.

· To assess the moderating effect of AI governance, exploring how internal ethical guidelines and regulatory compliance influence employee satisfaction and performance metrics.



		2

		Vision



		This research addresses a critical gap, as empirical findings on digital transformation in SMEs are currently scarce, with most existing literature focusing overwhelmingly on large, multinational companies. It offers much-needed empirical evidence regarding the extent of productivity improvement and job quality change in resource-constrained smaller firms compared to large corporations



(this box should expand as you type)



		3

		Approach



		The study will utilize an Explanatory Sequential Mixed-Methods Design operating within a pragmatist paradigm. Phase 1 involves deploying a cross-sectional online survey to statistically baseline relationships, followed by Phase 2, which consists of 45-minute semi-structured, in-depth interviews with 5-6 survey respondents via Microsoft Teams/Zoom









(this box should expand as you type)



		4

		Location of research activity

Identify all locations where research activity will take place.



		Primary data collection will be conducted remotely/online within the United Kingdom







(this box should expand as you type)







		5

		Will any of your research be undertaken outside of the UK?

		YES

		Click to continue to appendix 3

		NO

		Continue to the next section



		6

		Have you completed any of appendix 3? 

		YES

		☐

		NO

		☐







[bookmark: SEC_F]SECTION F: Research Methods 

		Will the research activity include:

		YES

		NO



		[bookmark: _Hlk153204538]1

		Use of a questionnaire or similar research instrument?

		☒

		☐



		2

		Use of interviews?

		☒

		☐



		3

		Use of focus groups?

		☐

		☒



		4

		Use of participant diaries? 

		☐

		☒



		5

		Use of video or audio recording?

		☐

		☒



		6

		Use of computer-generated log files?

		☐

		☒



		7

		Participant observation with their knowledge?

		☐

		☒



		8

		Participant observation without their knowledge?

		☐

		☒



		9

		Access to personal or confidential information without the participants’ specific consent?

		☐

		☒



		10

		Administration of any questions, test stimuli, presentation that may be experienced as physically, mentally or emotionally harmful / offensive?

		☐

		☒



		11

		Performance of any acts which may cause embarrassment or affect self-esteem?

		☐

		☒



		12

		Investigation of participants involved in illegal activities?

		☐

		☒



		13

		Use of procedures that involve deception?

		☐

		☒



		14

		Administration of any substance, agent or placebo?

		☐

		☒



		15

		Working with live vertebrate animals?

		☐

		☒



		16

		Procedures that may have a negative impact on the environment?

		☐

		☒



		17

		Other primary data collection methods. Please indicate the type of data collection method(s) below.

		☐

		☒



		Details of any other primary data collection method:







(this box should expand as you type)

		

		







SECTION G: Research Participants 



		Research participants include people who will be taking part in your research as providers of research data (e.g. being interviewed, answering questionnaires, or doing user testing of hardware or software). This includes animal participants.



		1

		Does your research involve human or non-human participants?

		YES

		Continue this section

		NO

		Click to continue to section N









		Participant numbers and source

How will you ensure an appropriately convened sample group in order to meet the aims of the research? Give details for subgroups separately, if appropriate. How will any potential pitfalls, for example dual roles or potential for coercion, be addressed?



		1

		How many participants will be recruited and how was the number decided upon?

		The target for the quantitative survey is 100-150 valid responses. A purposive sub-sample of 5-6 individuals will be selected for the qualitative interviews. This number is strategic to ensure methodological triangulation while accommodating the limited resources of a student project.



(this box should expand as you type)



		2

		Who will the participants be?

		Professional individuals employed in SMEs (fewer than 250 employees) who have embraced Generative AI technology in their day-to-day work within the last 12 months.

(this box should expand as you type)



		3

		How will you identify the participants?

		Through purposive, snowball sampling disseminated via professional networks and UK industry associations.

(this box should expand as you type)



		4

		Will you be excluding any groups of people, and if so what is the rationale for that?

		Yes, strict inclusion criteria will be applied; the study will exclude individuals who do not actively use GenAI or who are not employed by a UK SME.

(this box should expand as you type)



		5

		Will the research involve any element of deception?  If yes, please describe why this is necessary and whether participants will be informed at the end of the study

		No.

(this box should expand as you type)



		6

		Describe whether participants will be able to withdraw from the study, and up to what point (eg if data is to be anonymised). If withdrawal is not possible, after a certain point, explain why not. 

		Informed consent will be required, giving participants the right to withdraw voluntarily with no repercussions. Data withdrawal will be permitted up until the point of data aggregation and anonymisation.

(this box should expand as you type)



		7

		How long will the participant have to decide whether to take part in the research?

		Participants will be given 7 days after reading the Participant Information Sheet to decide if they wish to participate in the interview phase.



(this box should expand as you type)



		8

		What arrangements have been made for participants who might have difficulties understanding verbal explanations or written information, or who have particular communication needs that should be taken into account to facilitate their involvement in the research?

		

Interviews conducted via Teams/Zoom can utilize live closed-captioning if requested to assist with accessibility.





(this box should expand as you type)











SECTION H: Research with Vulnerable People 

		1

		Are your participants classed as vulnerable people?

		YES

		Click to continue to appendix 4

		NO

		Continue to the next section



		2

		Have you completed appendix 4? 

		YES

		☐

		NO

		☐







[bookmark: SEC_I]SECTION I: Research Involving Animals 

		1

		Are your participants non-human animals?

		YES

		Click to continue to appendix 5

		NO

		Continue to the next section



		2

		Have you completed appendix 5? 

		YES

		☐

		NO

		☐







[bookmark: SEC_K]SECTION J: Research with the Prison Service or the Probation Service

		1

		Are your participants staff or offenders within the Prison Service or the Probation service?

		YES

		Click to continue to appendix 6

		NO

		Continue to the next section



		2

		Have you completed appendix 6? 

		YES

		☐

		NO

		☐







[bookmark: SEC_J]SECTION K: Health and Social Care Research

		1

		Are your participants selected due to their health or social care needs?

		YES

		Click to continue to appendix 7

		NO

		Continue to the next section



		2

		Have you completed appendix 7? 

		YES

		☐

		NO

		☐







[bookmark: SEC_L]SECTION L: Types of Personal Data

		Personal Data

Does the research activity involve personal data (as defined by the General Data Protection Regulation 2016 and the Data Protection Act 2018)?

		YES

		NO



		[bookmark: _Hlk153191083]1

		Personal data means any information relating to an identified or identifiable natural person (‘data subject’). An identifiable natural person is one who can be identified, directly or indirectly, in particular by reference to an identifier such as a name, an identification number, location data, an online identifier or to one or more factors specific to the physical, physiological, genetic, mental, economic, cultural or social identity of that natural person. Any video or audio recordings of participants and transcription of such are considered to be personal data.

		☐

		☐



		

		If you ticked YES, provide a description of the data and explain why this data needs to be collected:

		

		



		

Audio and video recordings from the Phase 2 semi-structured interviews conducted via Microsoft Teams/Zoom. This data must be collected to allow for rigorous manual Thematic Analysis (TA) of the interview transcripts.



(this box should expand as you type)







		Special Category Data 

Does the research involve the processing of special category data (as defined by the General Data Protection Regulation 2016 and the Data Protection Act 2018)?

		YES

		NO



		[bookmark: _Hlk153206093]2

		Racial or ethnic origin

		☐

		☒



		3

		Political opinions

		☐

		☒



		4

		Religious or philosophical beliefs

		☐

		☒



		5

		Genetic, biometric or health data

		☐

		☒



		6

		Sex life or sexual orientation

		☐

		☒



		7

		Trade union membership

		☐

		☒



		If you ticked YES to any of questions L2-L7, provide a description of the data and explain why this special category data needs to be collected to support the research and that it is in the public interest to do so:



		8

		











(this box should expand as you type)



		9

		Please describe how the research has been designed to gather the minimum amount of personal data necessary for the specified research purpose:



		

The survey will only collect relevant professional demographic information (e.g., sector, frequency of GenAI usage) required to test the stated hypotheses.



(this box should expand as you type)



		10

		Demonstrate that the processing is not likely to cause substantial damage or distress to individuals and that their interests will be safeguarded:



		

All quantitative and qualitative data will be heavily anonymised in order to limit potential risks to the well-being of staff and to ensure commercial sensitivity.





(this box should expand as you type)



		11

		Demonstrate that the data will not be used to take any action or make decisions in relation to the individuals concerned:



		Data is collected strictly for academic evaluation of SME productivity and job quality trends; it will not be shared with the participants' employers.



(this box should expand as you type)



		12

		Data should be anonymised wherever possible, either at point of capture or once collated. If the data cannot be anonymised, and if pseudonymisation is not possible, demonstrate why the that is possible.  If special category data cannot be anonymised, explicit consent to share that data must normally be obtained.



		Transcripts will replace identifiable names with participant codes (e.g., P1, P2). Company names will be generalized (e.g., "A UK Retail SME").





(this box should expand as you type)



		13

		If special category data cannot be anonymised, will you obtain explicit consent to share that data?

		YES

		NO

		N/A



		

		

		☐

		☐

		☒







SECTION M: Participant Information and Consent 



		Information for participants

It is normally expected that those participating in research should do so having given their informed consent. If this is not appropriate or practical, explicit justification must be provided, in line with prevailing disciplinary conventions.  Please note however, that informed consent to participate in the research is separate from consent to process (e.g. collect, analyse, store, reuse or share) personal data, as the University’s lawful basis for processing personal data in research activities is part of its ‘public task’. 

		YES

		NO

		N/A



		[bookmark: _Hlk156475507]1

		Will you obtain written consent for participation?

		☒

		☐

		☐



		2

		Will you describe the main research procedures to participants in advance, so that they are informed about what to expect?

		☒

		☐

		☐



		3

		Will you tell participants that their participation is voluntary?

		☒

		☐

		☐



		4

		Will you explain to participants that refusal to participate in the research will not affect their treatment or education (if relevant)?

		☒

		☐

		☐



		5

		If the research is observational, will you ask participants for their consent to being observed?

		☒

		☐

		☐



		6

		Will you tell participants that they may withdraw from the research at any time and for any reason?

		☒

		☐

		☐



		7

		Will participants be made aware of how you will treat any information that may reasonably by considered as confidential? 

		☒

		☐

		☐



		8

		If your research requires your participants to sign up for a service provided by an external company or organisation will you inform them that their data may be stored and processed outside UWTSD?

		☒

		☐

		☐



		9

		Will you give participants the UWTSD Privacy Notice for Research?

		☒

		☐

		☐



		If you have answered NO to any of questions M1-M8, please provide justification detailing why this is necessary for the research.  



		10

		





(this box should expand as you type)



		Informed consent: Describe the arrangements to inform potential participants, before providing consent, of what is involved in participating. Describe the arrangements for participants to provide full consent before the research begins. If gaining consent in this way is inappropriate, explain how consent will be obtained and recorded. 



		11

		

Informed consent will be formally required before accessing the online questionnaire (Stage 1) and a secondary written consent form will be provided prior to the Phase 2 interviews.



(this box should expand as you type)



		Confidentiality: Confidential information refers to information that can be related to an identifiable individual, whether living or deceased, which is not in the public domain and which is given with the expectation that it will be kept confidential.  Under Common Law when an individual entrusts a researcher or research team with confidential information, the team must handle this in line with ‘reasonable expectations’. In other words, confidential information should only normally be shared when there would be ‘no surprises’ for the individuals concerned. Where participants would not expect the researcher to be sharing their confidential information with others, researchers can manage their expectations by informing them of their intentions (e.g. in the participant information sheet or during discussions about participation) and asking them if they are happy with these plans. They should understand what is being proposed and what this might mean for them, before they decide whether the researcher can share their confidential information with others.  



		Please detail how you will treat confidential information:



		12

		

All data will be heavily anonymised to ensure commercial sensitivity and protect the participants.



(this box should expand as you type)



		Copies of any written consent form, written information and all other explanatory material should accompany this application. If you have included these then please list the documents included here.



		13

		Sample information sheets and consent forms are available from the University ethical review intranet page at https://intranet.uwtsd.ac.uk/research/research-integrity-and-ethics 





		14

		Consent form attached?

		YES

☐

		NO

☐

		N/A

☐







SECTION N: Research with Potential Military Application

		1

		Does your research have any potential military application?

		YES

		Click to continue to appendix 8

		NO

		Continue to the next section



		2

		Have you completed appendix 8? 

		YES

		☐

		NO

		☐







[bookmark: SEC_O]SECTION O: Use of Artificial Intelligence Tools

		Use of generative AI and other AI-based tools

There are a number of ethical issues relating to the use of generative AI and other AI-based tools, including data security, output bias, and output errors. In general you should assume that any generative AI or other AI-based tool that you pay to use is more secure and accurate than one which is free to use.



Will the research use AI tools to do any of the following:

		YES

		NO

		N/A



		1

		Capture data?

		☐

		☒

		☐



		2

		Generate and/or edit text?

		☐

		☒

		☐



		3

		Generate graphics?

		☐

		☒

		☐



		4

		Generate video?

		☐

		☒

		☐



		5

		Generate sound/music?

		☐

		☒

		☐



		6

		Generate code?

		☐

		☒

		☐



		7

		Generate synthetic data?

		☐

		☒

		☐



		8

		Analyse data?

		☐

		☒

		☐



		9

		Analyse personal or sensitive data?

		☐

		☒

		☐



		10

		Classify data?

		☐

		☒

		☐



		11

		Do you intend to use the free version of any AI tools?

		☐

		☒

		☐



		If you have answered YES to any of questions O1-O11, please provide justification detailing why this is necessary for the research.  



		12

		







(this box should expand as you type)









Section P: Research Data Management Plan



		1

		Data Summary



		Cross-sectional online survey data and transcripts from 5-6 semi-structured interviews.



		2

		Responsibilities



		The lead researcher (Mst Hanna Bagum Rima) is solely responsible.



		3

		Assessment of existing data



		



		4

		Management and curation of data



		Quantitative data will be cleaned, coded, and analyzed in SPSS. Interview recordings will be manually transcribed for analysis.



		5

		Quality assurance of data



		· Describe the procedures for quality assurance that will be carried out on the data collected at the time of data collection, data entry, digitisation and data checking.





		6

		Short-term data storage



		Data will be stored on a password-protected UWTSD OneDrive account.



		7

		Long-term data storage and preservation 



		· Which data are of long-term value and should be retained, shared, and/or preserved?

· How the data will be stored in the long term?

· Are the plans for preparing and documenting data for sharing and archiving with an external data repository (e.g. the UK Data Service) or the UWTSD data repository? 

· How long will it be stored for and why?





		8

		Documentation and metadata



		· What documentation and metadata will accompany the data?

· How will the data be documented during research to provide high quality contextual information and/or structured metadata for secondary users?





		9

		Data sharing



		· If you plan to share your research data explain how it will be shared and the value it will have to others

· If you are planning to share the data, please advise when you will be releasing it.  

· Are any restrictions on data sharing required?

· Identify any potential obstacles to sharing your data, explain which and the possible measures you can apply to overcome these

· If the data will have value to different audiences, how these groups will be informed?

· Will the data need to be updated? Include future plans for updating if this is the case.

· Will the data be open or will you charge for it? Justify if charging to access the data.





		10

		Copyright and intellectual property ownership



		· Who will own the copyright and Intellectual Property Rights (IPR) of any new data that you will generate?





		11

		Resources



		All methodological and analytical tools (e.g., SPSS, Microsoft Forms) are provisioned with standard UWTSD institutional licences, requiring zero additional financial resources.







SECTION Q: Risk Assessment 



		
Outline any anticipated risks that may adversely affect any of the participants, the researchers and/or the University, and the steps that will be taken to address them. 



If you have completed a full risk assessment (for example as required by a laboratory, or external research collaborator) you may append that to this form.  



		1

		Full risk assessment completed and appended? 

		YES

		NO



		[bookmark: _Hlk152919011]

		

		☐

		☒



		Risks to participants, researchers, and the University 



		2

		Social risks: disclosures that could affect participants standing in the community, in their family and their job.

		YES

		NO



		

		

		☐

		☒



		Risk:





(this box should expand as you type)

		How will you address any risks?





		3

		Legal risks: activities that could result in the participant, researchers and / or University committing an offence; activities that might lead to a participant disclosing criminal activity to a researcher which would necessitate reporting to enforcement authorities; activities that could result in a civil claim for compensation

		YES

		NO



		

		

		☐

		☒



		Risk:





(this box should expand as you type)

		How will you address any risks?





		4

		Economic harm: financial harm to participant, researcher and / or University through disclosure or other event.

		YES

		NO



		

		

		☐

		☒



		Risk:





(this box should expand as you type)

		How will you address any risks?







		5

		Reputational risk: damage to public perception of University or the University / researchers’ reputation in the eyes of funders, the research community and / or the general public.

		YES

		NO



		

		

		☐

		☒



		Risk:







(this box should expand as you type)

		How will you address any risks?









		6

		Safeguarding risks:  Risk to young people, vulnerable adults and / or researcher from improper behaviour, abuse or exploitation. Risk to researcher of being in a comprising situation, in which there might be accusations of improper behaviour.

		YES

		NO



		

		

		☐

		☒



		Risk:







(this box should expand as you type)

		How will you address any risks?









		7

		Sensitive, embarrassing or upsetting topics. If research activity may include sensitive, embarrassing or upsetting topics or issues likely to disclose information requiring further action (e.g. criminal activity), give details of the procedures to deal with these issues, including any support/advice (e.g. helpline numbers) to be offered to participants. Note that where applicable, consent procedures should make it clear that if something potentially or actually illegal is discovered in the course of a project, it may need to be disclosed to the proper authorities.  

		YES

		NO



		

		

		☐

		☒



		







(this box should expand as you type)



		

		Health and safety risks



		8

		Location hazards: for example: fire; visiting or working in participant’s homes; working in remote locations and in high crime areas; overseas travel; hot, cold or extreme weather conditions; working on or by water. Also hazardous work locations, such as construction sites, confined spaces, roofs or laboratories. For overseas travel, researchers will need to check country / city specific information, travel health requirements and consider emergency arrangements as part of their research planning. In all cases the University’s International Travel Policy must be followed.

		YES

		NO



		

		

		☐

		☒



		Risk:





(this box should expand as you type)

		How will you address any risks?









		9

		Activity hazards: for example: potentially mentally harmful activities; distressing and stressful work and content; driving; tripping, or slipping; falling from height; physically demanding work; lifting, carrying, pushing and pulling loads; night time and weekend working.

		YES

		NO



		

		

		☐

		☒



		Risk:







(this box should expand as you type)

		How will you address any risks?







		10

		Machinery and equipment: for example: ergonomic hazards, including computer workstations and equipment; contact with electricity; contact with moving, rotating, ejecting or cutting parts in machinery and instruments; accidental release of energy from machines and instruments.

		YES

		NO



		

		

		☐

		☒



		Risk:







(this box should expand as you type)

		How will you address any risks?





		11

		Chemicals and other hazardous substances: the use, production, storage, waste, transportation and accidental release of chemicals and hazardous substances; flammable, dangerous and explosive substances; asphyxiating gases; allergens; biological agents, blood and blood products. 

		YES

		NO



		

		

		☐

		☒



		Risk:





(this box should expand as you type)

		How will you address any risks?









		12

		Physical agents: for example: excessive noise exposure, hand-arm vibration and whole body vibration; ionising radiation; lasers; artificial optical radiation and electromagnetic fields

		YES

		NO



		

		

		☐

		☒



		Risk:





(this box should expand as you type)

		How will you address any risks?







		13

		Environmental risks: for example: accidental spillage of pollutants, damage to local ecosystems

		YES

		NO



		

		

		☐

		☒



		Risk:





(this box should expand as you type)

		How will you address any risks?













SECTION R: Disclosure and Barring Service



		Disclosure and Barring Service



		1

		If the research activity involves children or vulnerable adults, a Disclosure and Barring Service (DBS) certificate must be obtained before any contact with such participants.

		YES



		NO



		N/A





		

		Does your research require you to hold a current DBS Certificate?

		☐

		☐

		☒



		2

		If YES, please give the certificate number. If the certificate number is not available please write “Pending”; in this case any ethical approval will be subject to providing the appropriate certificate number.

		









[bookmark: SEX_S]SECTION S: Declaration

		The information which I have provided is correct and complete to the best of my knowledge. I have attempted to identify any risks and issues related to the research activity and acknowledge my obligations and the rights of the participants.



In submitting this application I hereby confirm that I undertake to ensure that the above named research activity will meet the University’s Research Ethics and Integrity Policy which is published on the website: https://www.uwtsd.ac.uk/research/research-ethics/ 





		1

		Name of applicant

		Mst Hanna Bagum Rima



		2

		Electronic or written signature of applicant:

		



		3

		Date

		



		4

		Name of Director of Studies

		



		5

		Electronic or written signature of Director of Studies:

		



		6

		Date

		







Checklist: Please complete the checklist below to ensure that you have completed the form according to the guidelines and attached any required documentation:

		1

		☒

		I have read the guidance notes supplied before completing the form.



		2

		☒

		I have completed all relevant sections of the form in full.



		3

		☐

		[bookmark: OLE_LINK5][bookmark: OLE_LINK6]I have attached a copy of the Participant Information Sheet (PIS) or Consent Form



		4

		☐

		I have attached a completed copy of the Trusted Research and Innovation Checklist (where applicable)



		5

		☐

		I have attached a full risk assessment (where appropriate) 



		6

		☒

		I understand that it is my responsibility to ensure that the above named research activity will meet the University’s Research Ethics and Integrity Code of Practice



		7

		☒

		I understand that it is my responsibility to ensure that the above named research activity will meet the University’s Research Data Management Policy



		8

		☐

		I understand that it is my responsibility to ensure that the above named research activity will meet the University’s Research Export Control Policy



		9

		☐

		I understand that it is my responsibility to ensure that the above named research activity will meet the University’s Open Access Research Policy



		10

		I have completed the following appendices:

		1

		☐

		2

		☐

		3

		☐

		4

		☐



		

		

		5

		☐

		6

		☐

		7

		☐

		8

		☐







		

All communications relating to this application during its processing must be in writing and emailed to pgresearch@uwtsd.ac.uk , with the title ‘Ethical Approval’ followed by your name.














[bookmark: APP_1]APPENDIX 1 – Grant or Contract Funding



		A1.1

		Has your research been awarded external funding?

		YES

		☐

		NO

		☐



		A1.2

		Have you applied for funding / awaiting decision?

		YES

		☐

		NO

		☐



		A1.3

		Are you intending to apply for funding?

		YES

		☐

		NO

		☐



		A1.4

		[bookmark: _Hlk152243903]Funding Body

		



		A1.5

		Lead institution (grant holder)

		



		A1.6

		If awarded, grant reference

		



		A1.7

		If awarded, grant value

		



		A1.8

		If awarded, start date and duration

		







		

		

		

		

		





		Return to the main form












[bookmark: APP_2]APPENDIX 2: External Collaborative Research Activity



		INSTITUTION 1                        



		[bookmark: _Hlk152247185]A2.1

		Name

		





		A2.2

		Researcher name and position 

		





		A2.3

		Role in project (e.g. co-investigator)

		





		A2.4

		Contact e-mail address

		





		A2.5

		External Ethical Approval

Please detail the ethical approval required and arrangements for this partner. See Section 14 of the UWTSD Research Ethics and Integrity Policy. If approved, please supply confirmation. 

		Obtained?

		YES

		NO

		PENDING



		

		

		

		☐

		☐

		☐



		[bookmark: _Hlk152841402]

		

		









		INSTITUTION 2                      



		A2.6

		Name

		





		A2.7

		Researcher name and position 

		





		A2.8

		Role in project (e.g. co-investigator)

		





		A2.9

		Contact e-mail address

		





		A2.10

		External Ethical Approval

Please detail the ethical approval required and arrangements for this partner. See Section 14 of the UWTSD Research Ethics and Integrity Policy. If approved, please supply confirmation. 

		Obtained?

		YES

		NO

		PENDING



		

		

		

		☐

		☐

		☐



		

		

		









		INSTITUTION 3                       



		A2.11

		Name

		





		A2.12

		Researcher name and position 

		





		A2.13

		Role in project (e.g. co-investigator)

		





		A2.14

		Contact e-mail address

		





		A2.15

		External Ethical Approval

Please detail the ethical approval required and arrangements for this partner. See Section 14 of the UWTSD Research Ethics and Integrity Policy. If approved, please supply confirmation. 

		Obtained?

		YES

		NO

		PENDING



		

		

		

		☐

		☐

		☐



		

		

		









Add additional collaborators as needed



		

		

		

		

		





		Return to the main form





[bookmark: APP_3]




APPENDIX 3: Research Undertaken Outside of the UK



		A3.1

		Research activity outside of the UK

If research activity will take place overseas, you are responsible for ensuring that local ethical considerations are complied with and that the relevant permissions are sought. Specify any local guidelines (e.g. from local professional associations/learned societies/universities) that exist and whether these involve any ethical stipulations beyond those usual in the UK (provide details of any licenses or permissions required). Also specify whether there are any specific ethical issues raised by the local context in which the research activity is taking place, for example, particular cultural and/or legal sensitivities or vulnerabilities of participants. Describe the measures you have taken to comply with these and provide evidence of approvals etc. If you live in the country where you will do the research then please state this. If you have a local research supervisor or research advisor then please give their contact details here.



		







(this box should expand as you type)



		A3.2

		Responsible Research and Innovation

If research is taking place overseas please refer to the UWTSD Trusted Research and Innovation Policy and complete the Trusted Research and Innovation Checklist and submit it with this form.



		A3.3

		Confirm that you have read the Trusted Research and Innovation Policy

		☐







		If you are a postgraduate research student working with a research supervisor or research advisor at your local university then you do not need to fill in any more sections of this appendix.

If you are working in a research collaboration with an overseas partner please complete the remaining sections of this appendix.

		Return to the main form





[bookmark: _Hlk160779412]

		Organisational Details



		A3.4

		Name of Organisation 



		



		A3.5

		Country where organisation is based:



		



		A3.6

		Registration number and name of registration body (examples of relevant registration bodies are government, tax, corporation, charity, educational authority):



		



(this box should expand as you type)



		A3.7

		What is the legal status of the organisation? (for example: public university, private university, charity, private company, non-profit making company, government research organisation, independent research organisation) Please include the date of foundation. Note: We may be required to ask for evidence of this at a later stage.



		



(this box should expand as you type)



		A3.8

		Is your organisation affiliated to any other organisation? (i.e. is the organisation legally part of a larger organisation or a group of larger organisations).



		



(this box should expand as you type)



		A3.9

		Name(s) of investigators in the organisation who will be responsible for the collaborative research and innovation 



		



(this box should expand as you type)









		About New Partners



		A3.10

		Why does a partner want to work with you?



		



(this box should expand as you type)



		A3.11

		What are they expecting in return for their financial support or involvement?



		



(this box should expand as you type)





		A3.12

		Is the organisation associated with a country which may be viewed as hostile to the UK or one which has different democratic and ethical values from our own? If you have ticked YES, please briefly describe below how you will maintain the UK’s democratic and ethical values within the research.

		YES

		NO



		

		

		☐

		☐



		





(this box should expand as you type)



		A3.13

		Has due diligence into the partner identified any involvement in research on behalf of the military or police with links to a hostile state? If you have ticked YES, please summarise below how you will prevent information from this research from being released to these organisations.

		YES

		NO



		

		

		☐

		☐



		





(this box should expand as you type)



		A3.14

		Set within the context of any information gained from due diligence, could your research be misused or have unintended applications which would be negative? If you have ticked YES, please summarise below how this might occur.

		YES

		NO



		

		

		☐

		☐



		





(this box should expand as you type)



		A3.15

		Are there any legal, regulatory or university policy constraints on undertaking your research with this partner? If you have ticked YES, please summarise these below.

		YES

		NO



		

		

		☐

		☐



		





(this box should expand as you type)



		A3.16

		Having considered the answers to questions A3.10-A3.15, are there potential reputational or ethical risks to you or the university? If you have ticked YES, please summarise these risks below.

		YES

		NO



		

		

		☐

		☐



		





(this box should expand as you type)









		About Research Relationships

		YES

		NO



		A3.17

		Are the terms of any proposed Memorandum of Understanding (MoU) in keeping with the expectations of your department and university?

		☐

		☐



		A3.18

		Are you providing existing intellectual property (IP), research data, confidential or personally identifiable data to the project? If so, how is this going to be protected?

		☐

		☐





		





(this box should expand as you type)



		A3.19

		Who will own any IP that is generated?



		



(this box should expand as you type)



		A3.20

		What plans do you have in place for protecting the resulting IP?



		



(this box should expand as you type)



		A3.21

		What contractual requirements are you able to put in place to protect the interests of your academic institutions?



		



(this box should expand as you type)



		A3.22

		What access will the research partner have to your IT network? If they do have access, what broader visibility might this provide?



		



(this box should expand as you type)



		A3.23

		Is there any physical separation or protection required between research in similar fields?



		



(this box should expand as you type)









		About Existing Partners



		A3.24

		Would proceeding with the research raise potential conflicts of interest with existing research partners? If you have ticked YES, please explain these conflicts below.

		YES

		NO



		

		

		☐

		☐



		





(this box should expand as you type)



		A3.25

		Have you spoken with your existing partners about any potential conflict of interest? If you have ticked YES, please briefly summarise their response(s) below.

		YES

		NO



		

		

		☐

		☐



		





(this box should expand as you type)



		A3.26

		Does any non-disclosure agreement for this project include an expectation that you will need to provide visibility to existing partners? If you have ticked YES, please explain below how this will be managed.

		YES

		NO



		

		

		☐

		☐



		





(this box should expand as you type)



		A3.27

		Will this research breach any existing contractual agreements that you, your department or university already have? If you have ticked YES, please explain below how this will be managed.

		YES

		NO



		

		

		☐

		☐





		





(this box should expand as you type)







		

		

		

		

		





		Return to the main form










[bookmark: APP_4]APPENDIX 4: Research with Vulnerable People



		Will the research involve data processing involving the following data subjects:

		YES

		NO



		A4.1

		Children under 16

		☐

		☐



		A4.2

		Adults with learning disabilities

		☐

		☐



		A4.3

		Adults with other forms of mental incapacity or mental illness

		☐

		☐



		A4.4

		Adults in emergency situations

		☐

		☐



		A4.5

		Prisoners or young offenders

		☐

		☐



		A4.6

		Those who could be considered to have a particularly dependent relationship with the investigator, e.g. members of staff, students

		☐

		☐



		A4.7

		People who have not given their explicit consent to participate in the project

		☐

		☐



		A4.8

		People engaged in illegal activities

		☐

		☐



		A4.9

		Any other people who can be considered vulnerable in the context of this project

		☐

		☐



		Please justify the inclusion of the above people (if applicable), explaining why the research cannot be conducted on non-vulnerable people.



		A4.10

		







(this box should expand as you type)



		Please give details of extra steps taken to assure the protection of vulnerable people participating in the research.  You should describe any arrangements to be made for obtaining consent from a legal representative.



		A4.11

		







(this box should expand as you type)



		It is the researcher’s responsibility to check whether a DBS check (or equivalent) is required and to obtain one if it is needed. Please confirm:



		A4.12

		DBS Check required? 

		YES

		NO



		

		

		☐

		☐



		A4.13

		DBS certificate obtained? 

		YES

		NO

		N/A



		

		

		☐

		☐

		☐







		

		

		

		

		





		Return to the main form










[bookmark: APP_5]APPENDIX 5: Research Involving Animals

		The use of animals in research is tightly governed and monitored by law and by the Home Office, specifically under the Animals (Scientific Procedures) Act 1986 and its accompanying codes of practice and processes. The Act regulates procedures that are carried out on protected animals for scientific or educational purposes that may cause pain, suffering, distress or lasting harm. Under the Act, a protected animal is ‘any living vertebrate, other than man, and any living cephalopod’. The University does not hold a Home Office issued Establishment Licence and therefore researchers must ensure that any proposed work involving animals is either exempt from the Act or falls outside of its scope. Exempted research, for example involving routine veterinary practice or clinical veterinary research, may still require external ethical approval from the Royal Society of Veterinary Surgeons. When undertaking collaborative research involving animals, the UWTSD Research Ethics Committee must be assured that the partner institution(s) conform to the appropriate regulatory framework or legislation, and have approval from their local Research Ethics Committee. Any such work must follow the guidance of the National Centre for the Replacement, Reduction and Refinement of Animals in Research, known as the 3Rs.  In all cases, advise must be sought from INSPIRE for any proposed research involving animals, either at UWTSD, or by research collaborators in partnership with UWTSD. This should be at the very early stages of research design, so that an appropriate due diligence exercise can be undertaken.



		Will the research involve any work with any of the following animals (including observation in their natural habitat)

		YES

		NO



		[bookmark: _Hlk156319509]A5.1

		Any living vertebrates, other than humans?

		☐

		☐



		A5.2

		Any living cephalopods?

		☐

		☐



		A5.3

		[bookmark: _Hlk156462984]Has INSPIRE undertaken an initial due diligence exercise?

		☐

		☐



		A5.4

		[bookmark: _Hlk156464303]Due diligence assessment appended to this application?

		☐

		☐



		Please provide a summary of the due diligence exercise, noting arrangements for compliance with the necessary regulatory frameworks and legislation. Please append the full due diligence assessment from INSPIRE. 



		[bookmark: _Hlk156464347]A5.5

		



(this box should expand as you type)







		

		

		

		

		





		Return to the main form










[bookmark: APP_6]APPENDIX 6: Research with Staff or Offenders in Prison Establishments and Probation Services 



		Research with staff and/or offenders in prison establishments, the Probation Service or within His Majesty’s Prison and Probation Services requires additional approvals.



		Will the research involve any of the following?

		YES

		NO



		A6.1

		Staff in prison establishments

		☐

		☐



		A6.2

		Offenders in prison establishments

		☐

		☐



		A6.3

		The Probation Service

		☐

		☐



		A6.4

		His Majesty’s Prison and Probation Services

		☐

		☐



		All researchers wanting to conduct research with staff and/or offenders in prison establishments, the Probation Service regions or within HM Prison and Probation Service (HMPPS) Headquarters are required to formally apply for research approval to the HMPPS National Research Committee (NRC). Before doing so, INSPIRE must undertake an initial due diligence exercise. If you have not contacted INSPIRE, please do so immediately. If YES to any of the above, please confirm:



		A6.5

		[bookmark: _Hlk156464314]Has INSPIRE undertaken an initial due diligence exercise?

		☐

		☐



		A6.6

		Have you applied to the HMPPS National Research Committee (NRC)?

		☐

		☐



		A6.7

		Has HMPPS National Research Committee approval been granted? If yes, please append to this application. 

		☐

		☐



		A6.8

		Due diligence assessment appended to this application?

		☐

		☐



		Please provide a summary of the due diligence exercise, noting arrangements for compliance with the necessary regulatory frameworks and legislation. Please append the full due diligence assessment from INSPIRE. 



		A6.9

		









(this box should expand as you type)







		

		

		

		

		





		Return to the main form










[bookmark: APP_7]APPENDIX 7:  Health and Social Care Research 

		All health and social care research must have a sponsor as defined by the Health Research Authority UK Policy Framework for Health & Social Care.  The University will under no circumstances act as the sponsor of health and social care research (i.e. that which requires approval by a NHS Research Ethics Committee). In all cases, therefore, an appropriate collaborating partner must lead the research.  Any health and social care research therefore requires an initial due diligence exercise, which will be undertaken by INSPIRE. The purpose of the due diligence exercise is to ensure that the University has the capability to undertake the research, either independently or in collaboration with research partners. This will include advice on suitable collaborative arrangements and the appropriate involvement of UWTSD researchers in the proposed research study.  This is likely to apply to the following areas:



		Will the data processing involve:

		YES

		NO



		A7.1

		Participants who have been recruited on the basis of medical and health conditions, life stage or other physical or mental attribute.

		☐

		☐



		A7.2

		Participants who will engage in physical exercise, activity or exertion of any kind, or who use exercise equipment, assistive devices or other apparatus for the purposes of the research study. This includes interventions that are minimally invasive.

		☐

		☐



		A7.3

		Patients and users of the NHS (including NHS patients treated in the private sector).

		☐

		☐



		A7.4

		Individuals identified as potential participants because of their status as relatives or carers of patients and users of the NHS.

		☐

		☐



		A7.5

		Patients who are cared for in private and voluntary sector nursing homes.

		☐

		☐



		A7.6

		Confidential patient information.

		☐

		☐



		A7.7

		Clinical trial of a medicinal product or medical device.

		☐

		☐



		A7.8

		Access to organs or other bodily material of past and present NHS patients, or any material consisting of or containing human cells.

		☐

		☐



		A7.9

		Use of human tissue (including non-NHS sources) where the collection is not covered by a Human Tissue Authority licence.

		☐

		☐



		A7.10

		Foetal material and IVF involving NHS patients.

		☐

		☐



		A7.11

		The recently deceased under NHS care.

		☐

		☐



		A7.12

		NHS staff or premises.

		☐

		☐



		A7.13

		Practising midwives conducting a clinical trial.

		☐

		☐



		A7.14

		Investigational medicinal product.

		☐

		☐



		A7.15

		Medical devices that are not CE-marked or CE-marked medical devices that have been modified or are being used for a new purpose.

		☐

		☐



		A7.16

		Exposure to ionising radiation.

		☐

		☐



		A7.17

		Other health and social care related research.

		☐



		☐





		Please specify 







(this box should expand as you type)

		

		



		Researchers proposing to work on projects involving health and social care research must check whether their study meets the HRA definition of research and whether it should undergo ethics review by a NHS Research Ethics Committee. If you have answered YES to any of questions A7.1-A7.17 then this is likely to be the case and sponsorship by a third party will be required. This can be checked via the Health Research Authority’s Decision Tool : https://www.hra-decisiontools.org.uk/research/  



		A7.18

		Does the research meet the HRA definition of research?

		YES 

		NO

		N/A



		

		

		☐

		☐

		☐



		A7.19

		Is the Research being sponsored by a collaborating partner?

		YES 

		NO

		N/A



		

		

		☐

		☐

		☐



		A7.20

		Has NHS ethics approval been granted?

		YES 

		NO

		N/A



		

		

		☐

		☐

		☐



		A7.21

		Has INSPIRE undertaken an initial due diligence exercise?

		YES 

		NO



		

		

		☐

		☐



		Please provide a summary of the due diligence exercise, noting arrangements for compliance with the necessary regulatory frameworks and legislation. Please append the full due diligence assessment from INSPIRE. If you have not contacted INSPIRE, please do immediately. 



		A7.22

		









(this box should expand as you type)







		A7.23

		Have you been granted NHS ethical approval?

		YES

		Click to continue to Section R

		NO

		Return to the main form












[bookmark: APP_8]APPENDIX 8: Export Control for Research with Potential Military End Uses

		Export controls apply to the physical, electronic or oral transmission outside the UK of applied research, sensitive technology, software and equipment that could potentially be misused, either directly or indirectly, for military purposes. These legal controls are a serious obligation and UWTSD researchers must actively manage the risks of these being misused to fuel conflict, threaten national security, support terrorism and crime, violate human rights or proliferate Weapons of Mass Destruction.  UWTSD’s Export Control Policy provides a clear six step process to determine if your research is covered by export controls. Please complete the following screening to judge if you need to compete a full export control assessment. If you are in any doubt, then please contact INSPIRE. Any research in UWTSD involving the following high-risk areas must be screened.

Will the research involve:



		Defence

		YES

		NO



		A8.1

		Military equipment and munitions

		☐

		☐



		A8.2

		Defence equipment, including satellites

		☐

		☐



		A8.3

		Technical data, including some border and port information

		☐

		☐



		A8.4

		Dual use research

		☐

		☐



		Materials and Technologies

		YES

		NO



		A8.5

		Nuclear materials, facilities and equipment

		☐

		☐



		A8.6

		Chemicals, microorganisms and toxins

		☐

		☐



		A8.7

		Electronics design, development and production

		☐

		☐



		 A8.8

		Computers

		☐

		☐



		A8.9

		Telecommunications

		☐

		☐



		A8.10

		Sensors and lasers

		☐

		☐



		A8.11

		Navigation and avionics

		☐

		☐



		A8.12

		Marine technology

		☐

		☐



		A8.13

		Composite materials

		☐

		☐



		A8.14

		Aerospace and propulsion

		☐

		☐



		Sensitive Information

		YES

		NO



		A8.15

		Cryptology

		☐

		☐



		A8.16

		Counterterrorism

		☐

		☐



		A8.17

		Counternarcotics

		☐

		☐



		A8.18

		Cyber-related

		☐

		☐



		A8.19

		Non-proliferation

		☐

		☐



		A8.20

		Transnational criminal organisations

		☐

		☐










		Genetic Resources

		YES

		NO



		A8.21

		Genetic material of actual or potential value

		☐

		☐



		A8.22

		Organisms, or parts thereof

		☐

		☐



		A8.23

		Populations (or organisms)

		☐

		☐



		A8.24

		Other biotic components of ecosystems

		☐

		☐



		A8.25

		Domesticated or cultivated species in which the evolutionary process has been influenced by humans

		☐

		☐







		Will you be exporting military or dual-use technology, now or possibly in the future? This information may take many forms, including:

		YES

		NO



		A8.26

		Physical transfer of goods, technologies, material or equipment

		☐

		☐



		A8.27

		Blueprints

		☐

		☐



		A8.28

		Plans

		☐

		☐



		A8.29

		Diagrams

		☐

		☐



		A8.30

		Models

		☐

		☐



		A8.31

		Formulae

		☐

		☐



		A8.32

		Tables

		☐

		☐



		A8.33

		Engineering designs and specifications

		☐

		☐



		A8.34

		Manuals and instructions

		☐

		☐



		A8.35

		Software

		☐

		☐



		A8.36

		Know-how

		☐

		☐







		Will your project transfer technology using any of the following physical methods?

		YES

		NO



		A8.37

		USB flash drives

		☐

		☐



		A8.38

		Portable hard drives

		☐

		☐



		A8.39

		Laptops

		☐

		☐



		A8.40

		Tablets

		☐

		☐



		A8.41

		Intangible forms by using electronic media, such as email, phone storage and cloud file sharing

		☐

		☐



		A8.42

		Physical exports

		☐

		☐







		Will your project involve any of the following?

		YES

		NO



		A8.43

		Oral transfer by phone or videoconferencing or presentations

		☐

		☐



		A8.44

		Travelling overseas for any purpose, while unintendingly carrying any of the above.

		☐

		☐



		A8.45

		Will you be hosting foreign visitors?

		☐

		☐










		If you answer YES to any of questions A8,1-A8.45 then you should complete a full export control assessment and append that to this application. Before doing this please contact INSPIRE who will advise further.

		YES

		NO



		A8.46

		Full export control assessment required?

		☐



		☐





		A8.47

		Full export control assessment completed?

		☐



		☐





		A8.48

		Full export control assessment appended?

		☐



		☐









		

		

		

		

		





		Return to the main form
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Responses.xlsx


Responses.xlsx
Form responses 1

		A1. How frequently do you utilize Generative AI tools (e.g., ChatGPT, Claude, Copilot, Midjourney) in your professional workflows?		A2. Which primary industry sector does your organization operate within?		A3. What is your primary occupational role level?		GAA1		GAA2		GAA3		GAA4		EP1		EP2		EP3		EP4		JQ1		JQ2		JQ3		JQ4		JQ5		ET1		ET2		ET3		ET4		AIG1		AIG2		AIG3		AIG4		GAA		EP		JQ		ET		AIG

		Multiple times per week		Retail / E-commerce		Entry-level / Junior		5		4		5		4		2		4		5		5		4		5		5		5		5		4		3		3		2		4		3		4		3		4.5		4		4.8		3		3.5

		Once a week		Healthcare / Life Sciences		Mid-level Professional / Specialist		1		1		2		1		2		2		3		3		1		2		2		2		2		1		1		2		1		2		3		1		2		1.25		2.5		1.8		1.25		2

		Daily		Healthcare / Life Sciences		Mid-level Professional / Specialist		3		4		4		4		3		4		4		4		4		4		4		4		4		4		3		3		3		4		4		4		4		3.75		3.75		4		3.25		4

		Rarely		Healthcare / Life Sciences		Entry-level / Junior		4		4		4		4		4		3		4		4		4		5		4		4		4		4		4		2		3		4		3		4		3		4		3.75		4.2		3.25		3.5

		Daily		Professional Services		Mid-level Professional / Specialist		5		4		5		5		5		4		5		4		5		4		5		5		5		5		4		5		4		5		4		5		4		4.75		4.5		4.8		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		4		5		4		5		4		5		4		4		4		4.5		4.5		4.4		4.5		4.25

		Daily		Professional Services		Mid-level Professional / Specialist		5		4		4		4		5		4		5		4		5		4		5		4		4		5		4		5		4		5		4		5		4		4.25		4.5		4.4		4.5		4.5

		Daily		Professional Services		Mid-level Professional / Specialist		5		4		5		4		5		4		4		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.25		4.6		4.5		4.5

		Multiple times per week		Professional Services		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		3		2		3		2		4.5		4.5		4.6		4.5		2.5

		Multiple times per week		Manufacturing / Engineering		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Retail / E-commerce		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Manufacturing / Engineering		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Manufacturing / Engineering		Mid-level Professional / Specialist		1		1		1		1		1		1		1		1		1		1		1		1		1		1		1		1		2		1		2		1		2		1		1		1		1.25		1.5

		Rarely		Healthcare / Life Sciences		Management / Supervisor		5		4		4		5		2		5		4		5		5		4		5		4		5		5		4		5		5		5		4		5		4		4.5		4		4.6		4.75		4.5

		Multiple times per week		Technology / IT Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Entry-level / Junior		5		4		5		5		5		4		5		5		5		4		5		4		5		5		4		5		4		5		4		5		4		4.75		4.75		4.6		4.5		4.5

		Daily		Manufacturing / Engineering		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		5		5		4		5		4		4.5		4.5		4.6		4.75		4.5

		Daily		Professional Services		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Professional Services		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		3		2		3		2		3		2		3		3		2		5		4		5		4		5		4		5		4		4.5		2.5		2.6		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		4		4		4		4		4		4		2		4		4		4		4		2		2		2		2		2		2		2		2		4.25		4		3.6		2		2

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		5		5		5		5		5		4		5		4		5		4		5		4		4.5		4.5		5		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		5		5		5		4		5		4		5		4		5		4		4.5		4.5		4.8		4.5		4.5

		Daily		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Professional Services		Management / Supervisor		5		4		5		4		5		4		5		4		3		5		4		5		5		5		4		4		5		5		4		5		4		4.5		4.5		4.4		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4

		Multiple times per week		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Professional Services		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Once a week		Technology / IT Services		Mid-level Professional / Specialist		5		4		5		4		5		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4.5		4.25		4		4		4

		Once a week		Manufacturing / Engineering		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Rarely		Manufacturing / Engineering		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		5		4.5		4.5		4.6		4.5		4.75

		Daily		Professional Services		Executive / C-Suite		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Rarely		Manufacturing / Engineering		Entry-level / Junior		5		4		5		4		5		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4.5		4.25		4		4		4

		Once a week		Technology / IT Services		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Entry-level / Junior		2		1		2		1		2		1		2		1		2		1		2		1		2		2		1		2		1		2		1		2		1		1.5		1.5		1.6		1.5		1.5

		Once a week		Manufacturing / Engineering		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		4		5		5		5		4		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Manufacturing / Engineering		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Manufacturing / Engineering		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Once a week		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Once a week		Retail / E-commerce		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Rarely		Professional Services		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		5		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.75		4.6		4.5		4.5

		Daily		Retail / E-commerce		Entry-level / Junior		5		4		5		4		5		4		4		5		4		4		4		4		4		4		4		4		4		4		4		4		4		4.5		4.5		4		4		4

		Multiple times per week		Manufacturing / Engineering		Management / Supervisor		5		5		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4.5		4		4		4		4

		Daily		Manufacturing / Engineering		Mid-level Professional / Specialist		5		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4.25		4		4		4		4

		Daily		Professional Services		Executive / C-Suite		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		5		4.5		4.5		4.6		4.5		4.75

		Once a week		Technology / IT Services		Management / Supervisor		5		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3.5		3		3		3		3

		Daily		Technology / IT Services		Entry-level / Junior		5		4		4		3		4		3		4		3		4		3		4		3		4		4		3		4		3		4		3		4		3		4		3.5		3.6		3.5		3.5

		Multiple times per week		Technology / IT Services		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Once a week		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		4		4		5		5		4		4		4		4		4		4.5		4.5		4.4		4.5		4

		Multiple times per week		Technology / IT Services		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Manufacturing / Engineering		Mid-level Professional / Specialist		5		5		5		5		4		4		4		4		3		3		3		3		3		2		2		2		2		1		1		1		1		5		4		3		2		1

		Daily		Professional Services		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Professional Services		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Once a week		Technology / IT Services		Executive / C-Suite		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Manufacturing / Engineering		Entry-level / Junior		5		4		4		5		5		4		5		4		5		4		5		4		4		5		4		5		4		5		4		5		4		4.5		4.5		4.4		4.5		4.5

		Daily		Retail / E-commerce		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		4		5		4		5		4		5		4		5		4		4.5		4.5		4.4		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		4		5		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Professional Services		Entry-level / Junior		5		5		4		4		5		4		4		4		5		4		5		4		4		5		4		5		4		5		4		4		4		4.5		4.25		4.4		4.5		4.25

		Multiple times per week		Professional Services		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		4		4		4		4		4		4		4		3		4		4		3		4		3		4.5		4.5		4		3.75		3.5

		Multiple times per week		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Technology / IT Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		5		4		5		5		4		4		5		4.5		4.5		4.6		4.75		4.5

		Multiple times per week		Professional Services		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Manufacturing / Engineering		Mid-level Professional / Specialist		5		4		4		5		5		4		5		5		5		4		5		5		4		5		4		5		4		5		4		5		4		4.5		4.75		4.6		4.5		4.5

		Daily		Retail / E-commerce		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Professional Services		Mid-level Professional / Specialist		5		4		4		3		4		3		4		3		4		3		4		4		3		4		3		4		3		4		3		4		4		4		3.5		3.6		3.5		3.75

		Once a week		Professional Services		Executive / C-Suite		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Professional Services		Management / Supervisor		5		4		4		4		4		4		4		4		4		4		4		4		4		4		3		4		3		4		3		4		3		4.25		4		4		3.5		3.5

		Daily		Manufacturing / Engineering		Entry-level / Junior		5		4		5		4		4		4		4		4		4		4		4		4		4		3		3		3		3		3		3		3		3		4.5		4		4		3		3

		Daily		Manufacturing / Engineering		Entry-level / Junior		5		5		5		5		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		4		5		4		4		4		4

		Multiple times per week		Manufacturing / Engineering		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		4		4		3		3		4		4		4		4		4.5		4.5		4.6		3.5		4

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		4		4		4		4		4		4		4		4		4		3		3		3		3		3		3		4		4		4.5		4		4		3		3.5

		Multiple times per week		Professional Services		Entry-level / Junior		5		5		5		5		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Retail / E-commerce		Executive / C-Suite		5		3		4		4		4		3		3		4		4		4		4		4		4		4		4		4		4		5		4		5		4		4		3.5		4		4		4.5

		Daily		Manufacturing / Engineering		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Manufacturing / Engineering		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Manufacturing / Engineering		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		5		4		5		5		4		5		4		4.5		4.5		4.6		4.75		4.5

		Daily		Manufacturing / Engineering		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Multiple times per week		Manufacturing / Engineering		Entry-level / Junior		5		4		5		5		4		4		5		5		4		5		4		5		5		5		5		4		4		5		4		5		4		4.75		4.5		4.6		4.5		4.5

		Daily		Professional Services		Management / Supervisor		5		4		4		4		4		3		4		4		4		3		4		3		4		4		4		4		4		4		3		4		4		4.25		3.75		3.6		4		3.75

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Healthcare / Life Sciences		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		5		4		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		5		5		5		5		5		5		3		3		3		3		3		3		3		3		4.5		4.75		5		3		3

		Daily		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		3		2		3		2		3		3		3		3		3		4		4		5		4		4.5		4.5		2.6		3		4.25

		Daily		Retail / E-commerce		Management / Supervisor		5		4		5		5		5		4		5		4		3		2		3		2		3		5		4		5		4		5		4		5		4		4.75		4.5		2.6		4.5		4.5

		Daily		Healthcare / Life Sciences		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		3		3		3		3		3		3		3		3		3		5		4		5		4		5		4		5		4		4.5		3		3		4.5		4.5

		Daily		Technology / IT Services		Mid-level Professional / Specialist		5		4		5		4		3		5		4		5		5		4		5		5		4		5		4		5		4		5		4		5		4		4.5		4.25		4.6		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Entry-level / Junior		5		4		5		5		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		5		4		4.75		4.5		4.6		4.5		4.5

		Daily		Professional Services		Mid-level Professional / Specialist		5		4		5		5		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.75		4.5		4.6		4.5		4.5

		Daily		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		3		3		3		3		3		5		4		5		4		5		4		5		4		4.5		4.5		3		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		3		5		3		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		5		4		4.5		4.6		4.5		4.75

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		3		5		4		5		4		5		4		5		4		5		4		5		4		4.5		4.5		4.2		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Once a week		Manufacturing / Engineering		Mid-level Professional / Specialist		3		3		3		2		2		1		2		2		2		1		2		2		2		2		1		2		1		2		1		2		1		2.75		1.75		1.8		1.5		1.5

		Daily		Retail / E-commerce		Entry-level / Junior		2		2		2		2		2		2		2		2		2		2		2		2		2		2		2		2		2		2		2		2		2		2		2		2		2		2

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		3		2		3		2		3		3		2		3		2		5		4		5		5		4.5		4.5		2.6		2.5		4.75

		Daily		Manufacturing / Engineering		Management / Supervisor		5		4		5		4		5		4		5		4		3		5		4		5		5		5		4		5		4		5		4		5		5		4.5		4.5		4.4		4.5		4.75

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		3		2		3		2		4.5		4.5		4.6		4.5		2.5

		Daily		Professional Services		Management / Supervisor		5		4		5		5		5		4		5		4		5		4		5		5		5		5		4		5		4		5		4		5		5		4.75		4.5		4.8		4.5		4.75

		Daily		Manufacturing / Engineering		Management / Supervisor		5		4		5		4		5		4		5		5		5		4		5		5		5		5		4		5		5		5		4		5		4		4.5		4.75		4.8		4.75		4.5

		Daily		Professional Services		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		5		5		5		4		5		4		5		5		5		5		4.5		4.5		4.8		4.5		5

		Daily		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		5		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.75		4.5		4.6		4.5		4.5

		Once a week		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		3		2		3		2		3		2		3		2		3		5		4		5		5		5		4		5		4		4.5		2.5		2.6		4.75		4.5

		Multiple times per week		Manufacturing / Engineering		Mid-level Professional / Specialist		5		4		5		5		5		4		5		5		5		4		5		4		5		5		4		5		4		3		3		3		3		4.75		4.75		4.6		4.5		3

		Daily		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		5		5		4		5		5		5		4		5		4		5		5		4		5		4		5		4		5		4		4.75		4.75		4.6		4.5		4.5

		Daily		Professional Services		Mid-level Professional / Specialist		5		4		5		5		5		5		5		5		5		5		5		5		5		5		5		5		5		5		4		5		4		4.75		5		5		5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		3		2		3		2		5		4		5		4		5		5		4		5		4		3		2		3		2		4.5		2.5		4.6		4.5		2.5

		Daily		Retail / E-commerce		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Professional Services		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		3		2		3		2		4.5		4.5		4.6		4.5		2.5

		Daily		Manufacturing / Engineering		Management / Supervisor		5		4		5		5		5		4		5		5		5		4		5		5		5		5		4		5		4		5		4		5		5		4.75		4.75		4.8		4.5		4.75

		Daily		Professional Services		Mid-level Professional / Specialist		5		4		5		4		5		4		5		4		3		2		3		2		3		5		4		5		4		3		2		3		3		4.5		4.5		2.6		4.5		2.75

		Daily		Technology / IT Services		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Professional Services		Management / Supervisor		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Daily		Manufacturing / Engineering		Entry-level / Junior		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3		3

		Daily		Healthcare / Life Sciences		Entry-level / Junior		5		4		5		4		5		4		5		4		5		4		5		4		5		5		4		5		4		5		4		5		4		4.5		4.5		4.6		4.5		4.5

		Once a week		Retail / E-commerce		Management / Supervisor		4		4		4		5		4		5		4		5		4		4		4		4		4		4		4		4		5		4		4		5		4		4.25		4.5		4		4.25		4.25

		Multiple times per week		Manufacturing / Engineering		Mid-level Professional / Specialist		4		5		4		5		4		4		4		4		5		5		4		5		5		4		5		5		4		4		4		4		5		4.5		4		4.8		4.5		4.25

		Multiple times per week		Technology / IT Services		Entry-level / Junior		5		4		5		4		4		5		4		4		4		4		5		4		4		4		4		5		5		5		4		4		5		4.5		4.25		4.2		4.5		4.5

		Daily		Healthcare / Life Sciences		Entry-level / Junior		5		5		4		4		4		4		4		4		5		4		5		4		4		4		4		5		4		4		4		4		4		4.5		4		4.4		4.25		4

		Multiple times per week		Retail / E-commerce		Mid-level Professional / Specialist		4		4		5		4		4		4		4		4		5		4		5		4		4		4		4		4		4		4		5		4		5		4.25		4		4.4		4		4.5

		Multiple times per week		Professional Services		Management / Supervisor		4		4		4		4		4		4		4		4		4		5		4		5		4		5		4		5		4		4		5		5		5		4		4		4.4		4.5		4.75

		Multiple times per week		Manufacturing / Engineering		Management / Supervisor		5		4		5		5		4		4		3		4		4		3		4		4		3		4		4		5		3		3		3		4		5		4.75		3.75		3.6		4		3.75

		Daily		Retail / E-commerce		Entry-level / Junior		4		5		4		5		4		4		5		4		4		4		5		4		5		4		4		3		4		3		4		4		4		4.5		4.25		4.4		3.75		3.75

		Daily		Retail / E-commerce		Mid-level Professional / Specialist		3		3		4		5		4		4		3		4		3		4		4		3		4		3		4		4		3		4		4		4		3		3.75		3.75		3.6		3.5		3.75

		Daily		Technology / IT Services		Mid-level Professional / Specialist		4		5		3		3		3		4		4		4		4		3		4		3		5		4		4		4		3		4		4		4		3		3.75		3.75		3.8		3.75		3.75

		Daily		Technology / IT Services		Executive / C-Suite		4		4		5		3		4		4		3		5		4		4		3		4		3		4		3		4		4		4		4		4		4		4		4		3.6		3.75		4

		Daily		Retail / E-commerce		Entry-level / Junior		3		4		4		4		4		4		4		3		4		5		4		4		2		4		4		3		4		4		4		3		4		3.75		3.75		3.8		3.75		3.75

		Daily		Technology / IT Services		Entry-level / Junior		5		4		4		4		4		4		4		5		4		4		4		4		3		4		4		5		4		4		5		5		5		4.25		4.25		3.8		4.25		4.75

		Multiple times per week		Professional Services		Mid-level Professional / Specialist		4		4		5		3		4		4		4		3		4		4		5		4		1		4		4		3		4		4		5		4		4		4		3.75		3.6		3.75		4.25

		Daily		Manufacturing / Engineering		Mid-level Professional / Specialist		4		5		4		3		4		4		4		3		4		4		4		4		5		4		3		4		4		4		4		4		4		4		3.75		4.2		3.75		4






image12.emf
Data.spv


Data.spv


00000000001_lightNotesData.bin





00000000003_lightTableData.bin





000000000041_lightTableData.bin





000000000042_lightTableData.bin





000000000043_lightTableData.bin





outputViewer0000000000_heading.xml

  Output  Frequencies  Title  <head><style type="text/css">p{color:0;font-family:SansSerif;font-size:18pt;font-style:normal;font-weight:bold;text-decoration:none}</style></head><BR>Frequencies  Notes   00000000001_lightNotesData.bin  Active Dataset  <head><style type="text/css">p{color:0;font-family:Monospaced;font-size:14pt;font-style:normal;font-weight:normal;text-decoration:none}</style></head><BR>[DataSet1]&nbsp;  Statistics   00000000003_lightTableData.bin  Frequency Table  Title  <head><style type="text/css">p{color:0;font-family:SansSerif;font-size:18pt;font-style:normal;font-weight:bold;text-decoration:none}</style></head><BR>Frequency&nbsp;Table  A1. How frequently do you utilize Generative AI tools (e.g., ChatGPT, Claude, Copilot, Midjourney) in your professional workflows?   000000000041_lightTableData.bin  A2. Which primary industry sector does your organization operate within?   000000000042_lightTableData.bin  A3. What is your primary occupational role level?   000000000043_lightTableData.bin






00000000011_lightNotesData.bin





00000000012_lightTableData.bin





outputViewer0000000001_heading.xml

  Output  Descriptives  Title  <head><style type="text/css">p{color:0;font-family:SansSerif;font-size:18pt;font-style:normal;font-weight:bold;text-decoration:none}</style></head><BR>Descriptives  Notes   00000000011_lightNotesData.bin  Descriptive Statistics   00000000012_lightTableData.bin






00000000021_lightNotesData.bin





00000000022_lightTableData.bin





outputViewer0000000002_heading.xml

  Output  Descriptives  Title  <head><style type="text/css">p{color:0;font-family:SansSerif;font-size:18pt;font-style:normal;font-weight:bold;text-decoration:none}</style></head><BR>Descriptives  Notes   00000000021_lightNotesData.bin  Descriptive Statistics   00000000022_lightTableData.bin






00000000031_lightNotesData.bin





00000000032_lightTableData.bin





outputViewer0000000003_heading.xml

  Output  Descriptives  Title  <head><style type="text/css">p{color:0;font-family:SansSerif;font-size:18pt;font-style:normal;font-weight:bold;text-decoration:none}</style></head><BR>Descriptives  Notes   00000000031_lightNotesData.bin  Descriptive Statistics   00000000032_lightTableData.bin






00000000041_lightNotesData.bin





00000000042_lightTableData.bin





outputViewer0000000004_heading.xml

  Output  Descriptives  Title  <head><style type="text/css">p{color:0;font-family:SansSerif;font-size:18pt;font-style:normal;font-weight:bold;text-decoration:none}</style></head><BR>Descriptives  Notes   00000000041_lightNotesData.bin  Descriptive Statistics   00000000042_lightTableData.bin






00000000051_lightNotesData.bin





00000000052_lightTableData.bin





outputViewer0000000005_heading.xml

  Output  Descriptives  Title  <head><style type="text/css">p{color:0;font-family:SansSerif;font-size:18pt;font-style:normal;font-weight:bold;text-decoration:none}</style></head><BR>Descriptives  Notes   00000000051_lightNotesData.bin  Descriptive Statistics   00000000052_lightTableData.bin






00000000061_lightNotesData.bin





000000000621_lightTableData.bin





000000000622_lightTableData.bin





outputViewer0000000006_heading.xml

  Output  Reliability  Title  <head><style type="text/css">p{color:0;font-family:SansSerif;font-size:18pt;font-style:normal;font-weight:bold;text-decoration:none}</style></head><BR>Reliability  Notes   00000000061_lightNotesData.bin  Scale: ALL VARIABLES  Title  <head><style type="text/css">p{color:0;font-family:SansSerif;font-size:18pt;font-style:normal;font-weight:bold;text-decoration:none}</style></head><BR>Scale:&nbsp;ALL&nbsp;VARIABLES  Case Processing Summary   000000000621_lightTableData.bin  Reliability Statistics   000000000622_lightTableData.bin






00000000071_lightNotesData.bin





outputViewer0000000007_heading.xml

  Output  Matrix  Title  <head><style type="text/css">p{color:0;font-family:SansSerif;font-size:18pt;font-style:normal;font-weight:bold;text-decoration:none}</style></head><BR>Matrix  Notes   00000000071_lightNotesData.bin  Text Output  <head><style type="text/css">p{color:0;font-family:Monospaced;font-size:14pt;font-style:normal;font-weight:normal;text-decoration:none}</style></head><BR>Run&nbsp;MATRIX&nbsp;procedure:<br></br><br></br>*****************&nbsp;PROCESS&nbsp;Procedure&nbsp;for&nbsp;SPSS&nbsp;Version&nbsp;4.2&nbsp;*****************<br></br><br></br>&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;Written&nbsp;by&nbsp;Andrew&nbsp;F.&nbsp;Hayes,&nbsp;Ph.D.&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;www.afhayes.com<br></br>&nbsp;&nbsp;&nbsp;&nbsp;Documentation&nbsp;available&nbsp;in&nbsp;Hayes&nbsp;(2022).&nbsp;www.guilford.com/p/hayes3<br></br><br></br>**************************************************************************<br></br>Model&nbsp;&nbsp;:&nbsp;1<br></br>&nbsp;&nbsp;&nbsp;&nbsp;Y&nbsp;&nbsp;:&nbsp;EP<br></br>&nbsp;&nbsp;&nbsp;&nbsp;X&nbsp;&nbsp;:&nbsp;GAA<br></br>&nbsp;&nbsp;&nbsp;&nbsp;W&nbsp;&nbsp;:&nbsp;ET<br></br><br></br>Sample<br></br>Size:&nbsp;&nbsp;151<br></br><br></br>**************************************************************************<br></br>OUTCOME&nbsp;VARIABLE:<br></br>&nbsp;EP<br></br><br></br>Model&nbsp;Summary<br></br>&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;R&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;R-sq&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;MSE&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;F&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;df1&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;df2&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;p<br></br>&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.8120&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.6593&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.1384&nbsp;&nbsp;&nbsp;&nbsp;94.8108&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;3.0000&nbsp;&nbsp;&nbsp;147.0000&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.0000<br></br><br></br>Model<br></br>&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;coeff&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;se&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;t&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;p&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;LLCI&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;ULCI<br></br>constant&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.4363&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.5325&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.8195&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.4138&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;-.6159&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;1.4886<br></br>GAA&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.6701&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.1355&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;4.9448&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.0000&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.4023&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.9379<br></br>ET&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.1569&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.2629&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.5970&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.5514&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;-.3626&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.6765<br></br>Int_1&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.0117&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.0576&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.2021&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.8401&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;-.1023&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.1256<br></br><br></br>Product&nbsp;terms&nbsp;key:<br></br>&nbsp;Int_1&nbsp;&nbsp;&nbsp;&nbsp;:&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;GAA&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;x&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;ET<br></br><br></br>Test(s)&nbsp;of&nbsp;highest&nbsp;order&nbsp;unconditional&nbsp;interaction(s):<br></br>&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;R2-chng&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;F&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;df1&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;df2&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;p<br></br>X*W&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.0001&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.0409&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;1.0000&nbsp;&nbsp;&nbsp;147.0000&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;&nbsp;.8401<br></br><br></br>***********************&nbsp;ANALYSIS&nbsp;NOTES&nbsp;AND&nbsp;ERRORS&nbsp;************************<br></br><br></br>Level&nbsp;of&nbsp;confidence&nbsp;for&nbsp;all&nbsp;confidence&nbsp;intervals&nbsp;in&nbsp;output:<br></br>&nbsp;&nbsp;95.0000<br></br><br></br>------&nbsp;END&nbsp;MATRIX&nbsp;-----






00000000081_lightNotesData.bin





outputViewer0000000008_heading.xml

  Output  Matrix  Title  <head><style type="text/css">p{color:0;font-family:SansSerif;font-size:18pt;font-style:normal;font-weight:bold;text-decoration:none}</style></head><BR>Matrix  Notes   00000000081_lightNotesData.bin  Text Output  <html><head><style type="text/css">p{color:000000;font-family:Monospaced;font-size:14pt;font-style:normal;font-weight:normal;text-decoration:none}</style></head><font size="4" face="Monospaced" color="#000000">Run MATRIX procedure:<BR><BR>***************** PROCESS Procedure for SPSS Version 4.2 *****************<BR><BR>          Written by Andrew F. Hayes, Ph.D.       www.afhayes.com<BR>    Documentation available in Hayes (2022). www.guilford.com/p/hayes3<BR><BR>**************************************************************************<BR>Model  : 1<BR>    Y  : JQ<BR>    X  : GAA<BR>    W  : AIG<BR><BR>Sample<BR>Size:  151<BR><BR>**************************************************************************<BR>OUTCOME VARIABLE:<BR> JQ<BR><BR>Model Summary<BR>          R       R-sq        MSE          F        df1        df2          p<BR>      .7483      .5600      .2341    62.3578     3.0000   147.0000      .0000<BR><BR>Model<BR>              coeff         se          t          p       LLCI       ULCI<BR>constant     -.3653      .8011     -.4560      .6491    -1.9484     1.2178<BR>GAA           .7793      .1916     4.0665      .0001      .4006     1.1580<BR>AIG           .5141      .3575     1.4378      .1526     -.1925     1.2206<BR>Int_1        -.0504      .0798     -.6315      .5287     -.2082      .1073<BR><BR>Product terms key:<BR> Int_1    :        GAA      x        AIG<BR><BR>Test(s) of highest order unconditional interaction(s):<BR>       R2-chng          F        df1        df2          p<BR>X*W      .0012      .3988     1.0000   147.0000      .5287<BR><BR>*********************** ANALYSIS NOTES AND ERRORS ************************<BR><BR>Level of confidence for all confidence intervals in output:<BR>  95.0000<BR><BR>------ END MATRIX -----</font></html>
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