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[bookmark: _Toc215676589][bookmark: _Toc216376325]Abstract

The overall aim of the dissertation was to critically analyse the importance of Artificial Intelligence (AI) technology in the reliability of products and customer satisfaction within the UK motor industry and use Tesla as an example of how customers had perceived the implementation of AI technology in the automobile innovation process. It was expected that the research would identify the customer perception and interaction with AI, the role played by AI in the reliability and satisfaction of products, ethical and cost issues, and the examination of the future leadership of the brand in the market.  The research aims to uncover how AI technology affects the perceived reliability and satisfaction of customers in the digital-age UK automotive sector, as evidenced by Tesla’s technological adoption.
The mixed-method approach through the online questionnaire was used in a pragmatic paradigm of the study by sending the questionnaire via email to 100 respondents, who, in the main, were Tesla owners and consumers with knowledge of EVs in the UK. The quantitative data were measured using descriptive statistics, and the perceived usefulness, trust and the level of satisfaction were measured using the quantitative data. The thematic analysis was used to analyse the qualitative data and helped to introduce more information on the experience and ethical issues. 
The significant conclusion was decisive in creating the hypothesis that AI and a better perception of product reliability and customer satisfaction are positively associated. The relevance of AI meant that most Tesla clients said they were satisfied, and many of them are willing to recommend the brand. Having AI, including hi-tech driver assistance and Autopilot, was also actively employed and believed to increase the level of safety, comfort, and driving confidence. The performance expectancy construct of TAM was also well-endorsed by the respondents since they were convinced that the role of AI would be meaningful to the automotive leadership in the future. Nonetheless, the research discovered serious issues with an ethical application of AI, information privacy, responsibility in the self-driving autonomous decision-making, and the so-called impossibility to afford and an electrical impairment of human driving skills.
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Artificial intelligence is a trend that has been perceived as among the most important aspects of the contemporary digital world. It has since influenced the way organisations design products, the way the organisation operates, and what response to customers (Farooqi et al., 2024). However, AI is no longer a hypothetical idea in scholarly literature, but a domestic characteristic of the goods and services of recent years. One of the industries that has experienced most of the transformation because of this development is the automobile industry (Schäfer et al., 2023). Vehicles are no longer viewed as a mechanical machine, but as a smarter digital platform that gathers data, calculates driving history and helps to make immediate decisions (Pillai, 2023).
The world automobile industry has witnessed a rapid change in technology. The conventional cars were largely reliant on mechanical engineering. The traditional cars were also heavily dependent on mechanical engineering, where performance was primarily rated by the design of the engines, the type of combustion and the physical parts that were acting independently (Bathla et al., 2022). Their operations were reliant on manual operation and hard-wired mechanical reactions, and digital system integration and real-time data processing were very limited. Online systems and software development also matter in the UK (Hossain et al., 2024). The creation of online systems and software is another important aspect in the UK because nowadays, cars are based on interconnected digital platforms, with the functionality of control of navigation, safety sensors, and real-time vehicle diagnosis (Enemosah, 2024). These are software-based systems that allow updates every minute, remote control and AI-assisted decisions that could not be made in conventional cars (Kolasani, 2024). Several applications can be utilised with the help of AI, including automatic braking, accuracy in navigation, predictive diagnostics, and driver assist (Rana and Khatri, 2024). The purchasers of the cars have lost interest in the engine power and shifted their focus to the digital sarcasm and behaviour of the systems and lifecycle reliability. This implies that quality is now physical in respect of the quality of products as well as satisfaction to the customer, which can also be electronic in quality (Farooqi et al., 2024).
The UK motor vehicle market has not been an exception. The UK clients require efficient, safe automobiles with the advancement in the field of technology. There are more autonomous functions and electric vehicles (Abro et al., 2023). The well-being of the same is that growth is now feasible due to the national policies that drive digital innovation and sustainable mobility (Hoffman et al, 2023). But again, there are also some emerging risks that are linked with the high pace of AI introduction. It is important to note that the level of AI acceptance will be high once people are convinced that the AI acts in a predictable and safe way (Gerlich, 2023). It is also more challenging when the customers do not fully comprehend how the digital decision is made in their cars, and this question becomes one that is difficult to address (Schäferet al., 2023).
Tesla is one of the key examples of automobile innovation in AI. The artificial intelligence application in the company is made up of design, production, navigation, self-driving, safety and predictive analytics (Suryana et al., 2025). Tesla is a motor vehicle company all over the world that has been linked to electric vehicles and online development. The firm has also been reported to use the latest technology that is AI-friendly. Tesla engages artificial intelligence to help in autonomous driving, predictive diagnostics, battery management, and safety systems. The technologies are based on the continuous collection of data concerning the vehicles and the real-time updating of the software (Abdelkader, 2021).
In the UK, Tesla has made sure that there is good attention due to its focus on sustainable transportation and high-tech applications. Tesla is a fitting study subject to investigate AI in normal driving because of its Autopilot system, Full Self-Driving features and performance configurations, which are automated (Suryana et al., 2025). The AI is also used in the quality control, manufacturing processes of the company and customer support. The factors make Tesla an appropriate organisation to explore the impact of the nature of AI on customer satisfaction and the reliability of its product in the UK motor industry (Hossain et al., 2024). 
Tesla cars have the choice to collect information about the environment and expand functions because of machine-learning algorithms (Ullah et al., 2022). The advantages of this direction are the improvement of the safety on the road, improvement of energy consumption, and personal driving. Meanwhile, the customers are continuing to debate how these systems are operated, their security, and the level of power control they have over the digital options available to them (Sonntaget al., 2023).
With the introduction of AI, the interaction between cars and customers is different. The primary notions of customer confidence in the past were durability and brand reputation. The online system's behaviour in real life is also found to have dependent trust. The customers would be curious that the AI capabilities need to be consistent in other conditions (Farooqi et al., 2024). 
Reliability of products has a close association with customer satisfaction. Customers are assured of the efforts of AI (Al-Araj et al., 2022). Customer satisfaction is closely related to the reliability of products because drivers need to be sure that the system will not fail at any moment due to failure to use AI-enabled features and feel safe and confident. When the technology can provide consistent and predictable results under various driving situations, the efforts of AI are guaranteed to the customers, thus strengthening the confidence in the car and brand. It should have a good balance between innovativeness, safety, transparency and sustainable use of the online car industry (Pillai, 2023). Tesla places a lot of stress on AI, and that is why it can be an appropriate researcher of the perceptions of these technologies by customers (Tsai, 2021). Tesla is a brand that not only appeals to people but also poses meaningful questions about whether AI has any relevant presence in the everyday driving process (Suryana et al., 2025).
The research is founded on the impact of AI technology on the reliability of the products and customer satisfaction within the UK automobile sector. It mainly centres on the customer experience and perceptions towards AI functions in automobiles. The study used Tesla as an example since it is becoming excessively reliant on AI-based systems. Tesla offers superior electronic applications such as autopilot capabilities, predictive maintenance, real-time software enhancement and self-driving performance (Enemosah, 2024). These attributes create the right research environment for customer reaction towards AI-assisted driving (Sonntag et al., 2023).
The emphasis of the research will be on the customer perception since customer perception is an immediate consideration regarding satisfaction and acceptance (Tulcanaza-Prieto et al., 2023). An automobile can be equipped with advanced AI functions, yet it will only be welcomed by consumers administrative on the condition that they feel the technology will make it safer, more comfortable and reliable in its use (Kolasani, 2024). Clarity, trust, usability, and the amount of control customers have over it would be the areas assessed by them as to AI capability (Hoffman et al., 2023). The customer satisfaction increases in the event of the AI aligning with the customer expectations. The satisfaction is lower when AI causes confusion, uncertainty, and risk. The consequence of this is a field of study that is of great interest in terms of customer perception (Hoffman et al., 2023).
The research is also based on the issue of product reliability. AI changes the concept of reliability (Mortaji and Sadeghi, 2024). The mechanical reliability was to be based on physical or engine strength or maintenance quality. The paper will look at how these features are perceived by the customers and how AI affects how customers perceive the reliability of products (Schäfer et al., 2023).
Tesla is the perfect foundation of this focus because the enterprise uses AI in technical, operational, and customer-facing systems (Adittee, 2025). The company uses AI as a strength of the brand. This creates high expectations of the customers and high concerns of the customers. The findings will assist in better comprehending the real impact of AI on the automobile industry in the UK (Bathla et al., 2022).
The basis of this research is connected with the rapid development of AI technologies on the car market and the need to understand how the perception of the buying population and their response to the changes are. With the new cars having AI as a feature in their systems, the driving experience has been altered, in the sense that the digital aspects of the experience, in terms of driving, encompass navigation, safety, energy consumption, and product anticipation (Hossain et al., 2024). There is no longer a mechanical driving experience, but instead, there is a digital one. The less advanced and independent the systems become, the more concerns will arise among customers regarding how AI makes a choice, whether they can exercise much control over it, and whether the technology is reliable enough to function within the driving environment in the real world (Mortaji et al., 2024). Despite the high level of technology in the industry, the perception of AI-powered cars among the customers regarding the industry and its products in particular UK environment has no literature (Okeke et al., 2024). The proposed research is therefore bound to fill this gap and make contributions that may facilitate the adoption of responsible innovation and customer-directed design (Schäfer et al., 2023).
The applicable practical requirement in the research is also available. The automobile organisations ought to possess a good comprehension of customer reaction to AI to improve on product development and communication strategies (Sonntag et al., 2023). They may not realise the benefits in case AI improves the performance, and the customers have not been fully informed of this. It can decrease the extent of adherence in the event of doubts and unease among customers. The awareness of these issues can be used to develop better design cycles, error-free development and the development of a solid customer association (Khatun et al., 2023).
It has a good scholarly justification as well. It also has an excellent academic reason since the study of customer perceptions of AI addresses an identified void in the literature that generally focuses on technical advancement more than user experience. The research is a contribution to the existing academic literature relating AI potential with the behavioural reactions, trust development, and satisfaction within the real-life presence in the automotive domain. The existing literature is quite solid as far as technical attributes of AI, such as the precision of the system, the form of the algorithm, or the sensor combination, are concerned. The number of studies that are associated with the customer perspectives and specifically in the UK setting is few (Hentzen et al., 2022). There is limited empirical research on the process by which AI-based functions in cars are considered by customers and affect customer satisfaction. Most of the literature only highlights the benefits of engineering, without revealing much information regarding the behaviour of customers in real driving conditions. The most suitable scenario to fill this gap is Tesla because the company has maximised the use of AI (Sonntag et al., 2023).
[bookmark: _Toc216376330]1.1 AI Benefits in the Automobile Industry
Artificial intelligence improves the safety of driving as it allows a vehicle to react to a specific danger with the help of built-in technology, detecting the road, braking, and preventing crashes, thereby minimising the number of accidents occurring (Rana et al., 2024).  By analysing the situation on the road and responding quicker than a human driver, AI systems control the vehicle, decrease the number of human mistakes that lead to road accidents, and enhance the general road safety in real-time scenarios (Sonntag et al., 2023).
Navigational AI offers better guidance on the paths to follow and real-time decisions, which allow drivers to navigate traffic, evaluate the road conditions, and minimise the time required to get to the required destination more efficiently and safely (Farooqi et al., 2024).  The concept of predictive maintenance is applicable, which is based on AI and aims to identify faults at an early stage so that sudden failures can be avoided and long-term dependability of a vehicle can be enhanced thanks to the constant monitoring of the health and performance tendencies of the systems (Suryana et al., 2025).
AI personalisation learns user behaviour and manipulates vehicle parameters like favourite routes, climate regulation and response to user driving behaviour to provide a customised and comfortable ride (Kolasani, 2024).  AI refines energy efficiency in electric vehicles through battery monitoring, optimisation of power use, and efficiency to increase the driving range, as well as enhance total energy sustainability (Ghalkhani and Habibi, 2022).
AI works best on big, precise data, yet not right, incorrect, or incomplete information may result in a misguided judgment, lowering the reliability of the system, and possibly influencing the overall performance and safety of the vehicle (Sonntag et al., 2023).   Algorithms can be biased when unbalanced or misrepresentative patterns in AI models are learnt, and this results in unfair, inaccurate or inconsistent results that damage trust and system credibility (Hanna et al., 2025).
Artificial intelligence-related functionalities cause safety hazards in case software malfunctions, sensor malfunctions, or unanticipated system behaviours arise, and this may affect the safety of the driver as well as decrease the trust with which users rely on automated tasks (Suryana et al., 2025).  The decisions made by AI are not usually transparent since the reasoning behind these operations is complex, and the user products cannot easily tell how or why certain decisions are made by the driver (Al-Araj et al., 2022).
Customers will doubt privacy over the lack of understanding of privacy collecting, storing, and sharing vehicle data because of their concerns about security, surveillance, and the loss of personal control (Schäfer et al., 2023).  The constant change in software can change the way the vehicle works or the way it behaves without involving the user explicitly or even promptly, and in other cases, making it perplexing and weakening the trust towards the viability of AI-driven adjustments (Enemosah, 2024).
Aim
To look at the impact of AI technology on product reliability and customer satisfaction in the digital age of the UK automobile industry, Tesla, which has adopted AI to become part of its product, may serve as a case study through the prism of the customer (Suryana et al., 2025).
Objectives
The research objectives applied in this research are in same as those stated in the approved proposal:
· To determine customer perception and interaction with an automobile using artificial intelligence.
· To investigate the current use of AI technologies in the UK automotive industry sector in terms of its managerial operations.
· To examine how the adoption of AI has affected the leadership structure of the production departments and the managerial decisions made, and the operational functions of the organisation.
· To explore the technical challenges, organisational barriers and strategic challenges that emerge because of the production line system implementation of AI.
· To critically assess the approaches that bring AI innovation and labour sustainability, and people-centred leadership together.
The research may have significance to organisations, customers, policymakers, and scholars. AI is reinventing the automobile industry, and as a responsible innovator, one must understand the effects of AI (Goyal and Pandey, 2025). The findings of the current research will help the automobile organisations advance AI by showing how customers perceive the digital features. There can be clear data on customer perceptions to continue communication, create safer systems, and implement more efficient customer support policies (Sonntag et al., 2023).
The customers who utilise AI-empowered cars also gain advantages from the study. When organisations are made aware of the expectations and concerns of the customers, they may develop less complicated systems to understand which are straightforward and more reliable (Hoffman et al, 2023). This can provide more security, build up trust, and improving and make driving. The policymakers can also use the findings to come up with guidelines that will guarantee the safe implementation of AI in vehicles (Alalwany and Mahgoub, 2024).
The research is scholarly relevant regarding the contribution to the growing literature on AI in consumer goods. It provides the example of the UK automobile industry, which is understudied currently. The study correlates technical issues and the impression of the customers, who present a balanced perspective of the problem and opportunity (Pillai, 2023). 
The relevance of the research is that it possesses the features of fusing practical and academic worth (Aguas, 2022). It encourages innovation in a responsible and customer-oriented manner, besides supplying more data on the role played by AI in the development of reliability and satisfaction of customers (Abro et al., 2023).



[bookmark: _Toc208324247][bookmark: _Toc216376331] Chapter 2. Literature Review
One of the greatest engines driving digital transformation in the digital industries of the twenty first century has been artificial intelligence (AI). Considering that, according to Cantú-Ortiz et al. (2020) it is a collection of technologies that can handle large volumes of structured and unstructured data, identify tendencies, and generate forecasts, AI has reinvented the process of designing, manufacturing, and delivering products and services in organisations. Specifically, in consonance with Javaid et al. (2021) the automotive business has emerged as a social centre of AI implementation because the industry extensively depends on sophisticated automation, safety-related systems, and consumer demands focused on innovation. Conforming to Crafts (2021) the automotive industry has been partially transformed by autonomous driving, predictive maintenance, personalised in-car experiences, and smart safety (and driving) features that are gradually becoming part of modern vehicles, where AI changes how customers engage with vehicles.
Under this change, customer views are of pivotal significance. In accordance with Piash and Tayyab (2025) when compared to purely technical reviews of the AI systems, customer perceptions either make or break innovations, by deciding on whether they will be trusted, assimilated, and eventually becoming successful in the market. As specified by Hossain et al. (2025) the automobile industry is one example of such prevalence concerns since the safety and dependability of vehicles can influence customer satisfaction and levels of adoption directly. 
2.1 [bookmark: _Toc208324249][bookmark: _Toc216376332]The Evolution of AI and Digital Transformation
Corresponding to Crafts (2021), the innovation of AI has driven the digitalization of sectors by being an example of a general-purpose technology with far-reaching applications to both productivity and innovation, as well as customer experience. As compared to the previous waves of automation where the most common practise is to automate the manual activities, it can be said according to Wan et al. (2020) that AI allows the development of adaptable and data-driven systems that may learn, forecast and optimise organisational operations. In line with Cantu-Ortiz et al. (2020), the idea of digitisation turning into actual digital intelligence is the central foundation of the industry 4.0 where interconnected technologies merge industry, supply chain, and customer engagement strategy to the continuous and synchronised systems.
In observance with Fisher and Severini (2025), AI has been used on both fronts of the wider digital transformation: to become operationalist productive and a strategic rethinking of the value of the customers that transformative potential of AI is not only in the technological innovation but also in the transformation of organisational cultures into being data-driven in the decision making process. In congruity with Chou (2025) this can be evidenced by the learning plan they present that adoption does not solely require the combination of technical abilities but also a change in attitude towards managerial views and, therefore, digital transformation might be social-technological instead of purely technological. The specified observation reflects the same argument formed by Herrmann and Pfeiffer (2022) who state that AI networks are supposed to be a part of human-centred organisational environments because they should ensure stable outcomes.
On the side of Mueller and Mezhuyev (2022) this massive transformation is experienced in the automotive industry very well. According to Pandey and Singh (2025) production and design radical changes vehicle manufacturers inclined to remain conservative in using mechanical engineering in their vehicles, today they consider the problems of machine learning, natural language processing and computer vision. As reported by Patil (2025) the AI applications are used not only to simplify the supply chains and reduce defects; nevertheless, AI predicts customers preferences and tailors’ products. In consonance with Niculescu and Tudorache (2022) there is also a further reduction in time cycle product development as a direct result of the concept of the digital twins whereby the artificial intelligence models are of an entire vehicle apparatus and are cheaper and more reliable.
Yet there is conforming to Roggeveen and Sethuraman (2020) a significant level of apprehension caused by the disruptive power of AI. Researchers have issued warnings that transparency and explainability are not at the next level and this casts question of reliability in AI decision-making. As per Shahin et al. (2024) any interacting software stares straight at the customer like self-driving cars, failure to ensure the decision-making process of AI is made understandable to consumers will reduce the adoption, even in the absence of technical competence. Claim that the AI-mediated customer service experiences should be built, according to Toni et al. (2021) to persist in the levels of satisfaction because people tend to evaluate not only its efficiency, but the validity of empathy and interactivity.
This means that the development of AI has a paradox in the digital transformation. It enriches trust, efficiency and customisation unlike ever before, on the one hand, and, on the other side, introduces a new risk of non-transparency, biases and mistrust of customers. Commensurate with Piash and Tayyab (2025) an example of the most acute application of such duality can be seen in the case of the automotive industry since not only convenience, but also human carnality, is at stake here. Thus, the literature pinpoints that future research should examine the domains of technical and the customer impressions in critical terms and not in the regions that were addressed on a partial basis in the present academic sources.
2.2 [bookmark: _Toc208324250][bookmark: _Toc216376333]AI in the Automobile Industry
The automotive industry has experienced a radical change due to the implementation of the AI technologies, strategies that have radically changed the experience of production, design, and ultimate users (Li, 2022). Articulate the fact that AI in Industry 4.0 is larger than operational efficiency and it can involve predictive modelling, adaptive manufacturing, even smart supply chain. With automobile companies, in the opinion of Pandey and Singh (2025) the modifications enable rapid prototyping process, improved resource allocation and quality of the products. The affiliative making business identifies problems during their occurrence and offloads defects in manufacturing that contribute to the resiliency of production.
Congruous with Killeen et al. (2022) one of the most valuable uses is the predictive maintenance. In addition, as believed by Hossain et al. (2025) sensor-based AI models can anticipate mechanical failures prior to their occurrence, thereby saving time and vehicles would have a longer lifetime. Accordant with Reddy et al. (2025) the autopilot systems are particularly effective in electric and autonomous vehicles as reliability of the work process can be an important aspect of the trust of the client base. Besides maintenance, in assent with Ahmed et al. (2021) AI contributes to the handling of design and thus, the generative algorithm produces and evaluates thousands of potential designs.
Autonomous driving is another technology aspect where the AI employs its application in the automobile industry. In observance with Shahin et al. (2024), ALLER review discourses explainable AI in self-driving cars in all its major characteristics, which involve transparent algorithms to sanction the development of definitions to satisfy the demanded regulatory necessities and gain the trust of the population. Despite the significant progress of sensor fusion and decision-making algorithms, as per Tiwari and Hany (2025) issues that have not been adjusted are dubious auxiliary aids, trustworthy environments and moral decision making in contrast with those supported by professionals. These limitations demonstrate that AI was beneficial in two aspects, to follow and to complicate, the way the automobile industry had to evolve.
2.3 [bookmark: _Toc208324251][bookmark: _Toc216376334]Customer Perception and Technology Acceptance
When it comes to the car industry, according to Abdullah (2024) AI relies on the customer perception since even the most advanced technologies cannot be probed without having customer belief and readiness because, in this case, the consumer does not desire to reject the usefulness of technologies, but s/he fears their impact on the assurance, availability, and use. The immediate effect of such perceptions on the diffusion of the market is in conformity with Baroni et al. (2022) that customer sceptics tend not to invest in vehicles which have AI application, under whatever circumstances where reliability has proven application. ‌ 
Technology Acceptance Model (TAM) has been actively used to learn about the customers, with regards to AI. Stealing unmanned vehicles, Uses TAM to learn that an intention to adopt is highly affected by the perceived usefulness and ease of use. In accordance with Awni (2023) this shows that consumers will still accept AI systems if they consider it as a way of making driving more convenient and infallible. Consonant with Jokinen (2025) it has however been contested that TAM can be applied to the context of high-stakes conditions (i.e. autonomous driving) since the intensity of important factors (especially trust and risk perception) and ethical considerations is higher than when using low-takes digital tooling.
According to Ahmed et al. (2025) and Awni Rawashdeh (2023), trust is one of the main topics that were developed in the literature. That one of the key predictors of the consumer confidence is explainability and transparency of the AI systems. As an illustration, the customers come out providing that the self-driving car algorithm is explained in a term the layman can relate to; according to Shahin et al. (2024) the customers declare that they are more dedicated to take them on board. Similarly, congruous with Baroni et al. (2022) prove that people offer more beneficial explanations to AI drivers as compared to human drivers, are more likely to assume that AI is safer and safety compliant. Such a lack of balance is following to Awni (2023) a sign not only of scepticism but is a demonstration as well of high hopes concerning machines.
Besides trust, in conformity with Hong et al. (2021) personalisation and quality of interaction constitute the component of customer perception. A recent study has shown as reported by Awni (2023) that, the level of satisfaction increases in customer care mediated by AI, in case the support system of the machine is transparent, compassionate and personalised. They demonstrate that consumer engagement and loyalty to a brand improve through AI-guided personalisation in the expanded digital economy. As per Toni et al. (2021) these observations suggest that auto buyers can get a chance of experience more personalisation that creates customer satisfaction provided that ethical considerations and transparency are adhered to using AI. However, according to Hossain et al. (2025), constant concerns can always be observed. As stated by Hong et al. (2021) autonomous driving-related cases are linked to the decrease of consumer confidence, as well as algorithmic bias and absence of fair decision. Conforming to Al-Maamari (2025) the issue of privacy on a predicament concerning the behavioural data that the AI-drive vehicles gather is also a matter of concern particularly within a very restrictive regulatory context such as the GDPR in the UK. All the problems described reveal that consumer acceptance is more of a negotiating process that cannot be attributed but again a negotiation between the perceived gains and the perceived losses.
‌As believed by Baroni et al. (2022), it is possible to say that TAM and business models are useful in understanding the way in which consumers are adopting AI in cars since they must be complemented by other models such as trust, ethics, and risk. Agreeing with Hermann and Pfeiffer (2022) the socio-technical reasons, such as clear, equitable and corresponding to consumer values, do not only play the role in usability, but the usefulness as well as that concerning impression a customer will have of a product. In step with Wan et al. (2020) this makes the interpretation of perceptions particularly critical in such a scenario, e. e. in such a case as with Tesla, in which the innovative rate is far outpacing the legal regulations, and the satisfaction of buyers is a prime motivating force behind adoption.
2.4 [bookmark: _Toc208324252][bookmark: _Toc216376335]AI, Product Reliability and Customer Satisfaction
AI has also been associated with improving the reliability of products in the production channel, especially the automobile sector by initialising predictive processes, real-time management, and quality management (Awni, 2023). Asset that AI algorithms are being utilised in the automotive manufacturing industry to guarantee constant quality through detecting abnormalities along sophisticated production lines. These models ensure, according to Killeen et al. (2022) the minimization of defects, enhance the confidence of the consumer and positively relate directly to product reliability perceptions. One of the most obvious examples of how AI can promote reliability is predictive maintenance, corresponding to Patil (2025), which continuously identifies possible equipment breakdowns and limits damages caused to the tailored card prior to their occurrence.
As reported by Javaid et al. (2021) reliability, though, is not a single technical property because it is necessarily closely interrelated with customer satisfaction. Reliability is gradually becoming synonymous with trustworthiness by consumers especially in self-driven and semi-autonomous automobiles. In a situation where cars perform in a consistent way, keeping it safe and transparent, the satisfaction level rises; in the opposite scenario, when some ambiguity is introduced by some failures, Trust and the Brand image are reduced. when it comes to AI-efficient service experiences, considering that the customers are satisfied not only with system efficiency but also systems that are capable of transparency and empathy.  Pursuant to Baroni et al. (2022) in terms of cars, it means that the AI systems should be dependent on both technical quality and intelligible characteristics and interactions that would normally be seen as convenient by users in order to be completely satisfied.
As mentioned by Ahmed et al. (2025) personalisation is an important factor too. Demonstrate, AI-driven personalisation enhances interaction and brand loyalty by adjusting experiences, based on the preferences of its users. In car related cases this may be adaptation driver assistance, customised entertainment, or the safety feature that reacts to behaviour by the user. Not only do these customised functions provide a greater satisfaction, but they also develop according to Abdullah (2024) the feeling of reliability, since cars seem to suit user needs flawlessly. Nevertheless, there is a risk as stated in by Tiwari and Hany (2025) that algorithmic bias could undermine the perception of the fairness in particularly those cases where personalisation disproportionately benefits a particular type of users at the expense of other users.
In accordance with Awni (2023), consumer expectations make the relation between reliability and satisfaction quite challenging. Prove that customers place much higher expectations on AI-powered vehicles than human drivers because they believe that they will become almost entirely reliable. Commensurate with Hulsen (2023) this increased expectation implies that a failure can exist which predisposes the level of satisfaction at a disproportionate level. Explainable AI promotes a partial remedy since it can ensure that the process through which AI makes decisions is understandable by consumers and thus alleviates dissatisfaction in cases of errors.
Overall, the literature indicates that AI positively affects the reliability of the products and customer satisfaction but also increases expectations on a new level. Consilient with Zerilli et al. (2022) reliability is not only a technical but a psychological and relational one, which is visualised through trust, transparency and its perceived fairness. What should be included in customer satisfaction therefore, as mentioned by Abdullah (2024) is the balance between technical excellence, ethical and human-centred design and therefore, the fact that only a little study has been done on this matter in the existing literature.
2.5 [bookmark: _Toc208324253][bookmark: _Toc216376336]Ethical, Legal and Strategic Challenges
Introduction of AI in vehicles causes deep ethical, legal, and strategic issues that exert a direct influence on customer perceptions and integration related to sectors. As claimed by Hasan et al. (2022) the most urgent ethical threats include bias, privacy invasion, and lacking accountable because of which there is a view on the persistence of discrepancies in normative regimes strategically designed to counteract change and progress. Social inequalities, because AI systems are conditioned on past data, it is viewed according to Hermann and Pfeiffer (2022), that such systems can perpetuate damage to social aspects, regardless of whether autonomous vehicles are creating fair decisions or not. As mentioned by Zerilli et al. (2022) such biases destroy societal trust and lead to great reputational layer to manufacturers in case of safety critical situation such as driving.
Laws in different countries around the world are changing to cater to these issues especially in the privacy and data protection. The General Data Protection Regulation (GDPR) in UK and the European Union imposes stringent directives on the way personal and behavioural data is gathered, kept and manipulated. As said by Chou (2025), this especially applies to AI-powered cars, that absorb immense drivers’ data and use it towards predictive analytics and personalisation. Failure to comply penalises companies at a cost of fees and damaged reputation. In consonance with Cantu-Ortzi et al. (2020) there is a problem, however, in balancing between innovation and compliance, which is that strict regulation may retard the rate of technological development.
In compliance with Crafts (2021) the proactive implementation of AI needs organisations to congruence technological innovation and human-centred executives overall. That AI should be unified with socio-technical systems that have human oversight and responsibility priorities among their organisational structure. As mentioned by Md Islam and Jannatul (2025) in the absence of such integration, firms will run the risk of marginalising customers and employees, thus witnessing acquiescence but opposition demonstrating the need to adjust the workforce and change the skills as the key to the maintenance of competitive advantage in the industry of AI. The staff will have to train to work with AI systems, where strategic adoption optimises, but does not eliminate, human knowledge.
Conforming to Hong et al. (2021), the second ethical matter is AI decision-making transparency. As per Chou (2025) the explainability of the operation tends to ensure a higher level of trust on AI systems among customers. Within the framework of autonomous vehicles, according to Balasubramaniam et al. (2022) the deficiency of information regarding the mechanism of making decisions in the case of high-risk conditions (including crash-avoidance) introduces ethical concerns and undermines consumer acceptance. Knowledge sharing that provides an idea of the need to create explainable AI frameworks not only as necessary but also as a duty to be responsible.
In observance with Ahmed et al. (2021) sustainability on individual environmental level also creates further complexity. Even though AI-powered electric vehicles are usually marketed as low in carbon, describe a worry, based on the environmental footprint of lithium-ion batteries and the energy consumption of AI systems. As reported by Hossain et al. (2025) these contradictions also may bring discontent to consumers who believe in sustainability, especially when an ethical branding fails to be aligned with the acts on the ground.
Combined, the literature proves that the ethical, legal, and strategic issues are closely entangled with the perceptions of AI about the automobile industry by the customers. The answer to these challenges in the opinion of Li (2022) is to balance the promotion of innovation and the state of accountability, transparency, and sustainability. The existing literature recognises these risks but does not give much empirical data on the way consumers of markets, including the UK, perceive and address them. As stated in by Aisnet.org. (2023) this empty circle highlights the significance of the studies which would place the ethical and legal problems in the context of experienced life of customers involved with the kinds of AI-controlled vehicles.
2.6 [bookmark: _Toc208324254][bookmark: _Toc216376337]TAM, Socio-Technical and Ethical Models 
The introduction of AI into the auto sector can only be fully realised when one bases argument on well-defined theoretical concepts. Accordant with Baroni et al. (2022) Technology Acceptance Model (TAM) is the most popular theory used in the analysis of consumer adoption of new technologies. Huang (2021) illustrates that it is even more applicable to autonomous vehicles where perceived usefulness and the ease of use have a strong impact on adoption. Nevertheless, as per Hong et al. (2021) although TAM describes functional acceptance, it is more of a general concept that does not reflect issues related to risk perception, ethics, and trust, particularly at a high-stakes level, such as with AI-driven vehicles. It is only limited by this fact TAM requires other frameworks to obtain the picture of consumer perception.
In accord with Hermann and Pfeiffer (2022) a much wider point of view is provided in the Socio-Technical Systems Theory which advocates interdependence of technology, people, and organisational processes. As mentioned by ‌Aisnet.org. (2023) appropriate AI implementation must have a mix between technical systems and organisational activities that are human-centred. In the case of the automotive, it translates into the fact that AI cannot be rated based on performance conditions; the latter also needs to be integrated into the system within which accountability, transparency, and flexibility become facilitated. According to this framework, and heeding by Roggeveen and Sethuraman (2020), the role of workforce sustainability and leadership in the creation of customer experiences is the ability to transform skills and make decisions. 
In line with Aisnet.org. (2023) fairness, accountability and transparency are another vitally important feature of ethical frameworks, such as Responsible AI, and Conflict Models, which refer to it and resolve it as being ethical. Algorithms being unfair and prone to bias directly deal with the issue of responsible AI architecture of autonomous vehicles. Similar on the same line, as said by Ahmed et al. (2025) is the opposition between privacy and accountability, which prove the ethical complexity of the sphere of the implementation of industrial AI. Compliant with Baroni et al. (2022) the models demonstrate that EE is a more central issue, not a peripheral one, to consumer confidence and adoption.
Collectively, as observing by Balasubramaniam et al. (2022) these frameworks indicate that adoption of AI within the automobile industry must be analysed using a comprehensive theoretical prism. According to Baroni et al. (2022) TAM describes how functional adoption, socio-technical theory describes organisational and ethical model specify how equity and fairness are achieved by merging the two views together one can pursue in-depth understanding in the way customer perceptions of reliability and satisfaction are formed in the digital era.
Although a lot of literature exists on AI applications in the context of digital transformation and autonomous vehicles, several gaps still exist that make these areas open to the additional empirical studies. First, most research focuses on the technical advantages of AI, i.e., predictive maintenance, anomaly-detecting, and personalisation as mentioned by Mueller and Mezhuyev, (2022), but less of them explore how these technical advantages are perceived by customers in practise. Such factors as trust and usability, according to Abdullah (2024) can frequently influence the perception, but a systematic empirical trace of such a perception within the UK market is still lacking.
Furthermore, as stated by Baroni et al. (2022), TAM offers a platform of forming insights about the adoption of technology, however, current literature rarely takes into consideration the presence of complementary models to explain the process of risk, trust, and ethics in critical settings. This restricts, in observance with Balasubramaniam et al. (2022) the capability of the existing studies to serve as explanations as to why customers are likely to refute technically viable AI systems because of conceived risks to their ethical and privacy. As mentioned by Aisnet.org. (2023) an adequate focus on the UK-specific regulatory as well as cultural context is lacking. Despite the central role of GDPR and associated frameworks in forming the organisational practises, few studies have examined the impact that these legal determinants have on the perception of AI-enabled vehicles on customers. In the opinion of Toni et al. (2021) such a neglect is essential, since the adherence to data protection regulations can facilitate consumer trust and limit it.
Lastly, there are missing links concerning the interaction of sustainability, ethics, and customer satisfaction. According to Ahmed et al. (2025) environmental issues associated with the development of AI-enabled vehicles are essential, but few studies have been able to determine the effect of these issues on customer loyalty and brand trust.  Interestingly, the literature is yet to consider customer perceptions in the UK automobile setting wholesomely in the context of ethical, legal, and socio technical. This dissertation is proposed to fill that gap by empirically analysing the compaction of how customers understand the influence of AI in the reliability and satisfaction of the products, with Tesla being a case study.







[bookmark: _Toc216376338][bookmark: _Toc210755797]Chapter 3. Methodology
[bookmark: _Toc216376339]3.1 Aims and Objectives
The aims and objectives of this research are to:
· Determine customer perception and interaction with an automobile using artificial intelligence.
· Investigate the current use of AI technologies in the UK automotive industry sector in terms of its managerial operations.
· Examine how the adoption of AI has affected the leadership structure of the production departments and the managerial decisions made, and the operational functions of the organisation.
· Explore the technical challenges, organisational barriers and strategic challenges that emerge because of the production line system implementation of AI.
· Critically assess the approaches that bring AI innovation and labour sustainability, and people-centred leadership together.

[bookmark: _Toc210755798][bookmark: _Toc216376340]3.2 Research Rationale
The rationale of this study links into existing literature from Meckler-Pacheco (2022), Moore (2022), Lakmali (2023), Mehra and Samuel (2024) and Nielsen and Shepherd (2025) and the findings regarding the benefits of  the role of AI has emerged to be revolutionary in the automotive sector worldwide, making it redesign vehicles, manufacturing, and even customer experience. Its uses such as self-driving predictive maintenance and smart infotainment, enhanced performance and innovation. As an AI-based car leader, Tesla is a great opportunity to use as a case study to comprehend how customers perceive and evaluate such technologies.
The research is aware of the relationship between customer satisfaction and technological progression based on the application of AI (Ajitha et al., 2021). Although AI has improved efficiency and reliability, there is still a gap in understanding its influence on consumer trust and product performance (Moore, 2022). Twenty-first century motorists do not just think about the performance of the car, but also about the comfort, safety, and technology of the AI systems installed in it. In accordance with Lakmali (2023), advancements created by Tesla, such as self-driving, predictive updates, are some of the examples of what can and cannot be done by AI integration, particularly in the issue of privacy, fairness and accountability of algorithms.
Finally, the study seeks to fill the gap between the technical and customer perception, which is trust, satisfaction, and emotional involvement. It notes that it is not only the innovation that is under exploration but also building as well as sustaining the consumer trust in the successful deployment of AI in the motor industry (Jaymes, 2022). 
[bookmark: _Toc210755799][bookmark: _Toc216376341]3.3 Research Design
Research design is a practical guideline that helps in the collection, measurement, and processing of data (Qaid, Hossain and Sultana, 2024). It is expected that the proposed research will be in the format of a mixed-method case study, to understand the impact of Artificial Intelligence (AI) on the reliability of the products and customer satisfaction in relation to the UK automobile market (Raj, 2024).
As shared by Meckler-Pacheco (2022) the mixed-method approach enables the research to have a broad perspective of how AI affects the scenario, both regarding the technical output of AI applications of Tesla and the human experience of the users and satisfaction. This will cause the research to produce practical and actionable insights that would apply to the automotive industry in the UK.
This research is a case study of Tesla UK. Tesla has been known to be a first mover in the application of AI in autonomous driving, predictive maintenance, and driver-assistance systems (Schuilenburg and Eski, 2025). The strong presence of the company and its customer base in the UK makes it a good candidate to study the attitudes of the users towards innovations based on AI (Li, 2023).
The chosen case study provides insights for research to explore the concept of AI implementation in a real-life situation, when it is possible to study both technological and managerial practices in detail (Li, 2023). It also supports the discovery of how Tesla AI systems can contribute to customer satisfaction, ethical issues, and business practices (Häcker and Mostowfi, 2021). This type of research design is useful in answering the research question as it bridges the gap between empirical evidence and theoretical knowledge to generate valuable information about how AI technology, product reliability, and customer satisfaction are correlated in the UK automobile sector (Kunder et al., 2024).
[bookmark: _Toc210755800][bookmark: _Toc216376342]3.4 Research Paradigm
A research paradigm is the philosophical basis under which knowledge is assumed, methodological approaches, and interpretation in a study (Liang, 2022). It determines the methodology, techniques of data collection and interpretation of findings and understanding. Positivism, interpretivism, and pragmatism are the three most widely accepted paradigms in business and management research, which provide different concepts of reality and knowledge creation (Amuche, 2024).
Positivism is concerned with objective measurement and empirical testability (Moore, 2022). It presupposes that reality is independent and measurable, and it can be analysed and generalised through statistical approaches (Shao, Wang and Yang, 2021). Positivist studies are usually based on structured data gathering, for example surveys, experiments and case study, to determine patterns, correlations or causal connections. It is more inclined to emphasise numerical values over personal interpretation that might limit access to subjective experience, especially in research that deals with a complicated human-technology interaction (Moore, 2022).
Interpretivism, in its turn, focuses on subjective meanings and social contexts. It tries to comprehend the way people can see, perceive, and experience phenomena as they feel in their own individual worlds (Song, Chu and Im, 2021). This method serves a valuable purpose, especially when investigating emotions, cultural aspects, and cognitive responses, which gives more insight into human behaviour and decision-making (Song, Chu and Im, 2021). Qualitative methods frequently used in interpretivist studies include interviews, focus groups or observations to obtain descriptive and rich information. Nevertheless, interpretivism does not usually permit statistical generalisation, constraining its capacity to deliver results that may generalise across bigger populations (Lakmali, 2023).
This study will employ a pragmatic paradigm, which incorporates both the aspects of positivism and interpretivism. Pragmatism treats knowledge as practical and that which is focused on solving problems in the real world (Ganesan et al., 2024). Within the framework of the given research, pragmatism encourages the mixed-method design that will integrate quantitative surveys with qualitative thematic analysis (Tennant and Stilgoe, 2021). This will be able to gather quantifiable information on customer satisfaction and product reliability and will also be able to get a feeling of the subtle perceptions, experiences and attitudes of users in contact with AI-enabled vehicles (Suryana et al., 2025).
The pragmatic paradigm will be most applicable in investigating the effects of AI in the UK automobile industry. It allows the researcher to reconcile the empirical measurement and interpretive understanding linking objective performance measurements to subjective customer experiences (Ganesan et al., 2024). This dynamic and outcome-based approach permits the specified study to yield the broad-based findings that would encompass both the technical effectiveness of AI technologies and the human component that can be used to determine the degree of trust, satisfaction and acceptance among the Tesla customer audience. This correspondence makes the findings of the research practical and sound (Kunder et al., 2024).
[bookmark: _Toc210755801][bookmark: _Toc216376343]3.5 Data Collection
The initial raw data will be collected via a designed online system questionnaire, where 100 people are employed. It contains closed-ended questions in the Likert scale to determine customer satisfaction, confidence and perceived reliability to use AI features in Tesla cars (Liang, 2022). The open-ended questions will be included in the research and will enable them to give more informative answers about their experiences with AI technologies (Ganesan et al., 2024). The questionnaire will be distributed to Tesla Owners Club UK forums, online community and visitors in the Tesla showrooms to those with the corresponding experience. The process of collecting data is anonymous and performed without violence, and it is this that promises privacy and adherence to the standards of protecting data (Suryana et al., 2025). 
[bookmark: _Toc210755802][bookmark: _Toc216376344]3.6 Population and Sample
The participants included in the sample of this study are Tesla clients, automobile consumers that are aware of AI technologies, and individuals working in the UK automotive industry or the digital transformation industry. This population has been chosen because it is important to choose those participants who will have the required experience and knowledge about the use of AI-enabled cars, particularly those who are Tesla models (Kunder et al., 2024).
This is because the purposive sampling method employed by the researcher is a form of non-probability sampling whereby the researchers select the respondents based on their ability and suitability to the study goals (Wang, Duan and Liu, 2021). The strategy will ensure that individuals who have already had significant experience with Tesla vehicles or people who are well informed about AI systems in the motor industry are not left out. The purposive sampling will be particularly suitable in the proposed study since the chosen sample will be composed of informed individuals who will contribute to providing valuable data regarding the impact of AI on the reliability of products and customer satisfaction (Ajitha and Nagra, 2021).
[bookmark: _Toc210755803]This specific population and sample design will help the research to collect pertinent, high-quality data that will help in addressing the research goals but still be relevant to the UK automotive industry (Hickling et al., 2024).
[bookmark: _Toc216376345]3.7 Data and Analysis
With the statistical tools that are available in Excel, it is possible to identify trends and patterns effectively, which would give the primary data collection regarding how AI technologies are affecting consumer perceptions and experience (Shao, Wang and Yang, 2021).
As noted by Suryana et al., (2025), the data will be collected with Microsoft Forms questionnaire, with Tesla customers and industry representatives to learn more about their experiences and perceptions about the AI-controlled vehicles. Conforming to Ganesan et al., 2024), the thematic analysis is used to analyse the data, and it is a six-step systematic process: the process of getting acquainted with the data by reading the transcripts repeatedly, producing preliminary codes (with the help of applicable patterns and ideas), theming of codes through finding related codes, revising themes to achieve uniformity and consistency, identifying and naming themes to sum up the major findings and generating of a comprehensive narrative report reflecting the attitudes of the customers, ethical issues, and user experiences.
Thematic analysis can reveal some common perceptions and concerns related to AI in terms of trust, moral issues, and anticipations of technological reliability (Liu and Zhou, 2025). NVivo software is employed to help in coding and structuring data, making sure that the themes are transparent and systematically documented (Momen et al., 2023).
[bookmark: _Toc210755804][bookmark: _Toc216376346]3.8 Reliability and Validity
Reliability and validity are important factors in ensuring that the research findings are accurate, consistent and reliable. In the research, the mixed methods designs are developed to ensure these levels and deliver a strong output on the influence of AI on product reliability and customer satisfaction in the UK automotive market (Ganesan et al., 2024).
The mixed method will be conducted with reliability through the application of existing measurement scales that are effective in research in the past to determine customer satisfaction, trust, and perceptions of technological reliability (Ahmed et al., 2021). To make the questionnaire instrument clear, understandable, and internally consistent, it is pilot tested on a small sample of participants (Liu, 2024). The alpha value that is above 0.70 is acceptable, and it means that there is a high degree of reliability in the responses collected.
Validity is ensured with the help of the content validation in terms of checking previous research and matching the questionnaire with theoretically constructed which apply to AI adoption and customer satisfaction (Ahmed et al., 2021). 
Credibility, transferability, dependability, and confirmability are all used to determine trustworthiness in qualitative research. Trust is gained by member checking, where participants will check and discuss their questionnaire summaries and make sure that no one misrepresents their opinion (Chih, Tsai and Chien, 2023). Reliability is ensured by ensuring that the process of analysis is well documented consistently and systematically to allow others to reproduce the procedures. Researcher biases are monitored with the help of reflexive journaling, which makes the findings more transparent and objective (Raković, 2025).
The use of mixed methods also makes the study stronger by integrating the data obtained through various instruments, surveys, and interviews, and understanding customers and professionals in the industry (Braun, Cordts and Siebeneich, 2022). Such cross-checking enhances reliability and validity, which confirms that the results are reliable and representative of real-life experience with AI technologies.
[bookmark: _Toc210755805][bookmark: _Toc216376347]3.8.1 Limitations of the Research
Although the mixed-method approach has its advantages, the research is limited in several ways. Mixed methods consume a lot of time in terms of data collection and analysis (Teng, Ye and Martinez, 2024). The sample size might not allow generalising the findings to non-Tesla users, and finding people with adequate experience in AI-powered vehicles might be a tricky task. Also, survey self-reporting bias and researcher bias in qualitative interpretation might be a factor (Chih, Tsai and Chien, 2023). 
Questionnaires have certain restrictions as well, especially when it comes to the way the questions are structured. It was deemed suitable to incorporate a few multiple-choice questions so that the participants may select the answers that most closely matched their opinions. However, because of their unclear nature, multiple-choice questions typically yield quite imprecise statistical data (Hart, 2005). In addition, the quantity of answers was a problem. Due to the fact that the sample size was smaller than anticipated, it is not possible to generalise the findings.
[bookmark: _Toc210755806][bookmark: _Toc216376348]3.9 Research Ethics
The ethical aspects of this research are mainly concerned with the conduct of responsible research with respect to the rights of participants (Braun et al., 2022). The study complies with the Research Ethics Policy outlined by the University of Wales Trinity Saint David and in line with the UK data protection legislation, such as the General Data Protection Regulation (http://www.uwtsd.ac.uk).
Every member will be provided with an information sheet on the objectives of the study, procedures, and rights of the participants. As mentioned by Paran et al., (2024), the participants will be notified that their involvement is not compulsory, and they will be able to exit at any level. Data collection is performed by getting written consent to make sure that the participants are fully aware of their participation.
All data on the participants is anonymised to ensure no identity is revealed and no personal information is contained in the transcripts and reports. A password is used to store digital information on password-protected computer(s) (Dowthwaite et al., 2024). Digital files are encrypted, and the researcher is the only person who gains access to raw data. The principles of the GDPR are fully adhered to in data collection, data processing and storage, which guarantees lawful and safe manipulation of the data during the study (Ribo et al., 2023).
The research will not be carried out in a manner that will lead to psychological or emotional harm. Sensitive issues, including AI ethics, privacy, and data security, are approached with caution to reduce the possible discharge (Hickling et al., 2024).
Deontological ethics will ensure that research is conducted with integrity, accountability, and respect towards the welfare of the participants (Braun et al., 2022).


[bookmark: _Toc215150039][bookmark: _Toc216376349]Chapter 4: Data Analysis and Findings
[bookmark: _Toc215150041][bookmark: _Toc216376350]4.1 Presentation and Interpretation of Data
[bookmark: _Toc215150040][bookmark: _Toc216376351] 4.1.1 Introduction
This chapter offers data analysis and interpretation of the research that was carried out online through a questionnaire among 100 respondents, consisting of general automobile consumers and Tesla users in the United Kingdom. The research aimed to explore the effects of Artificial Intelligence (AI) on the reliability of products, customer satisfaction, trust and buying behaviour in the automotive industry with Tesla as a case study. 
As outlined by mixed method research, the results compare perceptions of advanced AI features, the confidence in autonomous systems, and the perception that AI has on the safety of driving, convenience, innovation, affordability, and future adoption intentions. The analysis is based on descriptive statistical analysis and relies on theoretical points of view such as the Technology Acceptance Model, the theory of customer satisfaction and responsible AI models (Wang et al., 2023). 
This research section is designed in a thematic way, embracing consumer awareness, benefits and risks, trust, satisfaction, ethical issues and prospects, with references to subsequent insertions as charts, diagrams and graphs.
[bookmark: _Toc216376352]4.1.2 Questionnaire
The first set of questions focused on the demographics of the respondents. Most of the respondents were in the 36-45 age group, with the majority being male. Research by Alqahtani (2025) indicated regarding this trend mirrors that men were more interested in the engineering-based automotive innovations and performance systems in the past. The high percentage of female respondents also suggests that electrification and vehicle-based AI are currently not limited to the conventional male demographics, which implies the expansion of the population targeted at their adoption.
The demographic review preliminarily offers some crucial insights into the roles played by the people defining the attitudes of the AI technology within the UK car market. The lack of participants under age 35 indicates that the data could reflect the opinion of the experienced drivers who are more financially independent and thus fully in control of their decisions.
The next set of questions focused on the respondent’s educational background (Figure. 1) and employment status (Figure. 2). Most respondents stated that their highest qualifications are Batchelors degrees. 
[bookmark: _Toc215150059]
Figure 1 Education Distribution
The profile of the respondents as enlightened technology adopters is also enhanced in terms of educational background. A higher number of respondents had a bachelor’s degree, 19% had a Master's, 2% had a Doctorate, and a small percentage obtained GCSEs and A-Levels as their best. The superior academic achievement is often correlated with the readiness for new technologies and enhanced knowledge of both the advantages and threats, and the suitability of this sample population is also justified. This highlights the fact that the middle classes are buying EV cars over the lower class.

[bookmark: _Toc215150060]Figure 2 Employment Status
Regarding employment 58% are full-time employed, 35% are self-employed, and only a fringe of society takes the label of being students or unemployed. Previous research by Daylan (2023) has indicated that it is probable that financial security will be a contributing factor to the desire to use high-end EV technologies like Tesla vehicles that have high market prices and feature advanced AI applications. Employment among the population also reflects an active population, majority of the respondents are full-time employed.
The respondents were then questioned with regard to consumer view on electric vehicles and AI awareness (Figure. 3). In addition to demographic factors, the data provides a good insight into the awareness and adoption of electric vehicles that are supported by AI. 67% are currently the owners of an electric vehicle, and they all informed that Tesla was their brand of choice. Another 14% have said that they consider buying an EV, and 19% said that they do not. Research by Pourmirza et al (2024) indicated that qualitative utterances, including Tesla with technology, comfort, and popularity, serve literature that the perceived innovation plays a significant role in EV brand preference and commitment. 

[bookmark: _Toc215150061]Figure 3 EV Owner Distribution
The next set of questions focussed upon the power of AI over buying behaviour (Figure. 4). Response explicates that, as the respondents pointed out, 75% of them stated that AI technology influences their purchasing decision of a vehicle, whereas 25% did not. Also, based on the research by Marto et al. (2023) and conforming to the responses from the Figure 5, indicated that 69% of those surveyed said they have used AI options in their cars, and 31% said they do not interact with AI-assisted driving features at all, indicating that AI-assisted driving interactions are common in real-world settings.

[bookmark: _Toc215150063]Figure 4 AI Technology preference


[bookmark: _Toc215150062]Figure 5 AI Option Available
Next of the questions focus on the relevant aspects on purchasing an EV (Figure. 6). In determining important factors to consider when purchasing an EV, it reveals that cost efficiency, safety, effectiveness, and comfort take the top 80%, 78%, 71% and 68% in that order, with a fifth of the respondents opting to have a futuristic-looking car. These results indicate preference by consumers towards reliability, protection, performance of operations and improved user experience. 

[bookmark: _Toc215150064]Figure 6 Aspects to choose EV
The respondents were then asked about the familiarity with the Automobile Sector (Figure. 7). Another notable familiarity of the respondents with AI in various types of vehicles was also evident. This shows that most respondents thought they were quite familiar or somewhat familiar with AI in both electric and hybrid cars, and almost half of them said that they had encountered AI in the conventionally powered engine, which showed the increased normalisation of automated technology in the entire automotive sector.
[bookmark: _Toc215150065]
Figure 7 Familiarity with the Automotive Sector
Then they were asked about the tastes regarding AI functions which were also represented coherently in Figure 8. It indicates that there is great interest in advanced driver assistant systems (27%), autopilot features (25%), neural network object recognition (25%), and AI system navigation that adapts to the habits of drivers (23%). In line with Yang et al (2024), these preferences support theoretical statements that the interest in AI is strongly correlated with an increase in safety performance and efficiency, as well as cognitive support in driving.

[bookmark: _Toc215150066]Figure 8 AI features Experience
The next set of questions outline how the participants perceived significance and safety benefits of AI. The respondents were very confident about the role of AI in enhancing the safety of driving. In line with research by Mbelekani and Bengler (2025, the majority admitted that the importance of AI in vehicles was perceived to have a mean of 4.09 out of 5, which is a good perceived value. Most allowed the argument that AI makes driving safer and not more dangerous and showed faith in the superiority of automated assistance to human error.  Research by Derakhshan et al (2025) indicated the increasing confidence with semi-autonomous systems and demonstrate that familiarity and a positive experience reinforce acceptance, which confirms theoretical arguments that real-world interaction is a key tool towards the development of technology confidence.
The respondents were then questioned regarding customer satisfaction, trust and brand perception of Tesla AI (Figure. 9). One of the main research aims of the research was to determine the role of AI integration in customer satisfaction and perceived trust and reliability of Tesla cars. The data sets are highly convincing that the levels of customer satisfaction among Tesla owners are overwhelmingly positive. According to responses, 91% of Tesla drivers said they were satisfied with the cars, two-thirds said they never were, and only 9% said they were dissatisfied. Research by Alqahtani (2025) indicated that this level of satisfaction shows that Tesla AI systems were highly perceived as valuable and corresponds with the theory of technology adoption, positing that the quality of user experience is a key determinant of satisfaction and intentions to continue using the systems. 

[bookmark: _Toc215150068]Figure 9 Customer Satisfaction with Tesla cars
The next question asked which type of EV car they prefer to recommend. The majority indicated that they prefer to recommend Tesla (Figure. 10). It is also associated with high levels of satisfaction, which leads to loyalty behaviours, as it was found that 93% of the Tesla owners indicated that they would recommend AI-enabled Tesla vehicles to other users. Previous research by Ahmad and Dirbawanto (2024) had indicated that this reflects good brand advocacy and leaves behind the arguments that positive experiential value results in increased customer commitment and brand affinity in the long term.

[bookmark: _Toc215150069]Figure 10 Recommendation Distribution of cars
Consideration should also be made with regard to AI features. In addition, the majority (74%) of respondents reported that using AI features makes them feel more appreciated as customers, which is an emotional aspect of customer satisfaction. This favours the views in customer relationship theory that individualised and smart service aptitude encourages increased psychological interest in the brand. Research by Piash and Tayyab (2025) indicated that the correlation between AI responsiveness and perceived customer value implies that customers might perceive vehicle intelligence as a service experience instead of a mechanical process increasingly often 
The next set of questions focussed upon trust in Tesla’s AI Technology. Research by Chiou and Lee (2023) indicated that trust is a very important element that will determine the adoption of autonomous systems. The poll shows that the trust in AI functionality of Tesla is generally high. The scale responses on the trust scale showed that most of the respondents fell in the high and very high categories on trust, with comparatively few in the low and no trust categories. It also shows that credibility is established as automation continues to execute expectations, and thus perceived risk and uncertainty are minimised.
The introduction of AI into cars also affects the purchase decision of most respondents, and a considerable percentage of respondents gave a lot of affirmation on this query. In line with Na et al. (2022), the pattern of response also displays a strong behavioural relationship between the perception of the value of AI features and the purchase intention, which supports the hypothesis of the relevance of the performance expectancy and perceived usefulness constructs in the Technology Acceptance Model (TAM). The respondents seem not to perceive AI as a possible additional facility but as a strategic distinction that defines what people should buy and what brand loyalty should be.
This questionnaire findings demonstrate that AI has a high degree of improvement in the perceptions of reliability, comfort and control in driving. The perceived importance was high, with the mean score on how much AI features enhanced comfort and usability during driving being 4.26 out of 5. This proves that users get functional benefits because of automated steering support, smart navigation, collision prevention and smart cruise control. 
Answers pertaining to a sense of confidence also give additional support to the importance of AI as a performance-driving force. It demonstrates, most of the respondents reported that AI functions enhance their confidence, especially when they are driving a long distance, with a high percentage of these being promoters as opposed to detractors (Figure. 11). Research by Na et al (2022) indicated that confidence is a mandatory mediator in technology acceptance. 

[bookmark: _Toc215150073]Figure 11 Distribution of enhanced Confidence by AI features
The respondents were then asked whether they believed Tesla has increased innovation (Figure. 12). In addition, the respondents mentioned that the AI systems of Tesla offer greater consistency compared to traditional driving methods. Furthermore, it reveals that most people have chosen and expressed a preference as more consistent, there have been significantly small numbers who reported that AI performance was the same and even less consistent. In line with research by Johnson (2023), this observation supports the claim according to which automated systems are seen to have higher predictability than human decision-making, which is prone to emotional, cognitive and environmental changes.

[bookmark: _Toc215150074]Figure 12 Distribution of Tesla’s enhanced innovation
Next of questions look of the respondents’ ethical considerations and risk perceptions. Although the content of the dataset showed largely positive perceptions, the issue of ethical concerns became one of the significant ones. According to responses, the answers to the question concerning the ethical concerns of AI vehicles were predominantly spread, but the most numerous respondents were detractors (Figure. 13). However, qualitative feedback points to the same issues that were brought up by the recurring worries of the potential loss of human control, the issues of accountability within accident situations and the threat of technical error. Research by Lancaster et al (2024) indicated that these perceptions are part of discussions on autonomous technology on the topic of responsibility, the lack of accountability in algorithmic choices and the risk of bias in machine learning operations. 

[bookmark: _Toc215150075]Figure 13 Distribution of Ethical Use of AI
The respondents were asked if they believe that AI would decrease human driving skills. The issue of the influence of automation on human capability was also apparent. It shows that 72% of the respondents concurred that AI would decrease human driving skills with time, which points to the fear of excessive reliance on automation and the loss of skills (Figure. 14). These fears can impede accepting greater degrees of autonomy over and above performances that have been recognised as such.

[bookmark: _Toc215150076]Figure 14 Distribution of Human Driving Expertise
They were then questioned regarding price affordability of EV. Economic obstacles also occurred. It indicates that 45% of people think that AI makes cars unaffordable, whereas 36% of people think it has caused a substantial augmentation of costs, which implies a conflict of values between innovation and accessibility (Figure. 15). It can be argued in favour of the fact that affordability is the key to mass EV adoption, and AI can help create exclusive markets.

[bookmark: _Toc215150077]Figure 15 Distribution of Price Affordability
The next question was whether they are concerned about privacy in EV. In line with research by Fabrègue and Bogoni (2023), seams that another main issue was privacy, as the answers reflected the ambivalent yet considerable concern over the collection of personal data, behavioural tracking and security. These issues match up with the debates recommending responsible AI practices based on transparency, data protection and informed consent.
The questions then moved onto the AI usability and feature engagement. The usability patterns give a clue on how customers relate to AI functions in the real-life context. According to responses (Figure. 16), 71% of the respondents confirmed that they take advantage of every offered option of AI deviation on their vehicle, which reflects a high level of usage of the full AI capabilities. Nevertheless, 29% reported that they do not use all the features, and 10% stated that they turn off some of the AI features (Figure. 17). This also means that even with the positive tone and the high satisfaction rate, not all capabilities of the system are being adopted equally.

[bookmark: _Toc215150079]Figure 16 Distribution of use of AI options

[bookmark: _Toc215150080]Figure 17 Distribution of Switching off AI options
Regarding open questions, the most prevalent features that are commonly disabled are steering automated intervention, emergency braking sensitivity and lane-keeping functions. Research by Peters (2023) has indicated the existence of suggested reasons, such as lack control and dissonance between AI decision-making and human decision-making. This justifies the views that automation should deliver a harmonious assimilation with the human circumstance to be regarded as reliable. 
This distribution also supports the fact that the perception of balance in system autonomy is the factor that correlates with the acceptance of it by users. Too much automation with less than enough human intervention can create uneasiness, whereas the right level of support will escalate performance satisfaction. In line with research by Hughes et al (2025), this is related to the human-centred AI design principles that control, explainability and transparency are the necessary attributes to build trust.
The next set of question focus on innovation, operations and future leadership in the automotive sector. Research by Madhavaram et al (2024) indicated that one of the major goals of the EV market was to assess the attitude towards the impact of AI on automotive innovation, efficiency of operations, and future leadership of the industry. The results demonstrate that people are strongly convinced of AI possibilities in Tesla. Figure. 18 reveals that 90% of the respondents supported that AI has improved product innovation at Tesla, with a few opposed to the claim.

[bookmark: _Toc215150081]Figure 18 Distribution of Product Innovation
Prospects of AI supremacy in the car industry were also well articulated. In line with research by Bathla et al (2022) and according to the response, many of the respondents are convinced that AI is going to take over the industry, meaning that there is a high expectation that autonomous mobility systems will overtake the traditional driving models.
Research by Shamsuddoha et al (2025) indicated that most people rated Tesla's production and use of AI as a very effective or effective tool, which demonstrates a higher Tesla's trust in its operational and this is in line with claims that Tesla's integrated architecture based on software is a major competitive advantage over other manufacturers relying on a mechanically driven environment.
Tesla has been significantly predicted by the respondents to dominate the automotive market in the world, with a very few responses (Figure. 19). In line with research by Abbes (2025), this is an indication of high trust in the leadership innovation of Tesla and its ability to be competitive over time with AI-led developments.

[bookmark: _Toc215150084]Figure 19 Distribution of Automotive Sector Dominance

The next set of questions focused on customer decision-making and future purchase intentions. It is also interesting to note that the data that is obtained can be used to understand behavioural intentions about making future purchase decisions. Research by Sinthiya (2024) indicates that customer satisfaction affected by AI has a major influence on the likelihood of repurchase, which confirms the theoretical point that the positive experience outcomes can be used to motivate continuance intention when acquiring technology. 
The dataset provides information on the support of the decision-making of AI systems (Figure. 20). A large percentage of the respondents strongly signified support for AI assisting in making key decisions by customers, and the percentage of the respondents under the promoter category is also high. Research by Amariles and Baquero (2023) indicated that this consumer’s attitude promotes the human-centric approaches to the design of AI that focus on augmentation and not autonomy.

[bookmark: _Toc215150086]Figure 20 Distribution of Tesla's AI channel Decision-making
Another aspect that was addressed in the study was the perceived consistency of AI performance in comparison to traditional human practices of driving. As it was mentioned, most respondents stated that AI capabilities present better demonstrations of consistency and reliability. Research by Yang et al (2025) indicated the observation according to which trust and the perception of reliability are key constructs that determine the state of adoption willingness in safety-critical technologies.
[bookmark: _Toc215150052][bookmark: _Toc216376353]4.2 Synthesis of Findings Aligned to Research Objectives
The research findings were aligned with the research objectives. 
First, regarding the customer attitude and encounter of AI-powered vehicles, the results indicate that the use of AI features is prevalent, and most of the respondents are already using the entire gamut of AI features in their vehicles. Customers stated that they were very well-acquainted with AI systems and that innovative driver assistance systems, autopilot, and smart navigation would be necessary driving supplements (Kalla, 2022). 
Second, referring on AI influence on the reliability and customer satisfaction of products, the results prove that interestingly, a large share of the owners of Tesla cars shared their great satisfaction with the cars and were ready to recommend them (Le and Ho, 2021). According to the respondents, driving reliability, comfort, and confidence have improved, especially when travelling long distances. 
Third, regarding the impact of AI on trust and buying decisions, most of the respondents affirmed that AI directly affect purchasing choices and that they trust driving assistance systems that rely on AI highly. The trends of positive purchase intentions represent trust and confidence in the reliability of AI (Yen and Chiang, 2021).
Fourth, in regards of privacy and ethical and cost issues, although there was a lot of favour for AI, the respondents raised concerns about privacy, ethical issues, and increasing expenses associated with AI integration. It is a common belief that the use of AI will end up decreasing the driving abilities of humans (Yang and Kim, 2024).
Finally, referring to future adoption and leading in the industry, there is a popular conception among the respondents that the future of the automotive industry will be dominated by AI, and Tesla will be the brand of choice. There is a high readiness to buy AI-powered cars in the future, which confirms the faith in the long-term orientation of AI (Baskaran and Ahmed, 2025).
The results verify various theoretical explanations. To start with, the Technology Acceptance Model (TAM) is well supported by evidence that indicate that perceived usefulness, reliability and trust play a significant role in shaping adoption and behavioural intention (To and Trinh, 2021). The patterns of satisfaction, recommendations, and strong usage of AI are associated with high levels of satisfaction, which support the main TAM suggestion that the level of performance expectation determines acceptance behaviour (Alnaser et al., 2023).
Second, the possibility to believe in autonomous systems, as can be found in the discovery that the user believes that AI makes them safer, more consistent, and controllable, without losing the ability to express controllable degrees of risk awareness (Alzubaidi et al., 2023). Trust seems conditional and generally good, based on experience and empirically good performance of the system as opposed to theorising. 
Third, responsible AI models and ethics are applicable in concerns of privacy expressed by respondents and loss of skills in human driving (Jedličková, 2025). These revelations mirror important controversies of transparency, responsibility and humans in the development of automation.
Lastly, AI has a great stronger backing of innovation leadership theory with the perception of an increase in product differentiation and competitive advantage in the market (Zhang and Suntrayuth, 2024). Such dominance in the perception of respondents by Tesla can be seen as the strategic value of technological superiority in defining mobility markets in the future.
The data analysis proves that the incorporation of AI into Tesla has a serious effect on the perceptions of the product reliability, customer satisfaction, the purchase behaviour and brand loyalty in the UK market of EV (Pourmirza et al., 2024). Respondents appreciate AI as a key source of safety, comfort and innovation, and feel very confident in the fact that Tesla will be an innovator in transforming the automotive industry. Nevertheless, the results also point to ethical, cost and privacy issues that need to be resolved to preserve consumer confidence and be pro-mass adoption.











[bookmark: _Toc215676590][bookmark: _Toc216376354]Chapter 5: Conclusions and Recommendations
The major findings of the research highlighted that the study was able to achieve all the above goals and gave a detailed response to the central research question: How does AI technology affect the perceived reliability and satisfaction of customers in the digital-age UK automotive sector, as evidenced by Tesla’s technological adoption?
The first goal showed that the level of familiarity and interaction is quite high. Two-thirds (75) of respondents noted that AI came into play with their shopping decision, and 69 % of them utilise AI features (ADAS and Autopilot). The customers understand AI as of great value in driving, which is needed to keep people safe (4.09/5 mean rating) or comfortable, which proves that AI is no longer a niche technology and one of the core functions.
The second goal, according to the Tesla case, proved that consumers are actually viewing AI integration not as a product attribute, but as a strategic point of differentiation, which can dictate the entire value chain of managers and operations. The majority (90% of the respondents) of them perceived AI as a core source of product and operation efficiency innovation, and the software-driven format of Tesla as one of the main competitive benefits.
In line with the third goal, the questionnaire received from all Tesla customer owners demonstrated that customer perceptions were quite high, but also that Tesla's artificial intelligence-based approach created a perception that the company had taken over the market (Figure 27). It means that the management decisions that are characterised by constant software updates and predictive maintenance, smooth digital integration (instead of mechanical orientation as it was previously the case), are seen by the customers as incredibly efficient and resistant to the future.
The fourth goal highlighted that socio-technical and ethical issues are the biggest, not the technical functionality, as seen by the customer. The most important issues that have been identified are:
· Ethical/Trust: One important issue is the risk of loss of human control, the perceived risk of loss of human control, and accountability in accidents, data privacy (Figure 21).
· Skill Dependency: 72% of the interviewees stated that in the long term, AI would lead to the decline of human driving capabilities.
· Affordability: The AI integration is seen as a strategic impediment to mass adoption (45% agreement) of the cost of cars.
The fifth goal demonstrated that the findings promote the application of the augmentation strategy, rather than an autonomous strategy. The fact that the customer is massively in favour of AI helps, as opposed to undoing the decisive choices, is overwhelming. It helps to establish the people-centred model of leadership where AI is developed to improve the capacity and the trust of human beings, such that transparency and user control mean more than the technological salience, which is final.
The paper concludes that the effect of AI technology on customer perception of reliability and customer satisfaction is dual and multifaceted.
· Positive Correlation (Performance Expectancy): AI is a useful tool for fulfilment and perceived trustworthiness. The higher levels of performance that the system should offer are consistency, predictability, and an increase in the level of safety that is directly proportional to high brand loyalty and recommendation (93% recommendation). This substantiates the major assumptions of the Technology Acceptance Model (TAM) of usefulness perception and reliability.
· Conditional Acceptance (Risk and Ethics): The acceptance by the customers is conditional upon the ethical and socio-technical circumstances of the AI. Although the systems are rated highly in terms of functionality, they have latent threats that can pose a major threat since they violate privacy, ethical decision-making and loss of some fundamental capabilities of human beings. In order to earn the confidence of the AI on a long-term, mass market scale, and particularly where it applies to the usage of the application in safety-related fields, businesses should address such so-called non-functional risks.
To sum up, Tesla has used AI to achieve very high rates of customer satisfaction and customer loyalty in the UK because it has developed the image of innovativeness and perceived reliability. Nevertheless, not only will the technical work of AI contribute to the further advance of autonomous driving and its eventual success, but also the possibility to address the structural challenges of society in the field of control, ethics, and transparency and make the deployment strategy responsible and human centred.
[bookmark: _Toc215676594][bookmark: _Toc216376355]5.1 Recommendations for Managerial Practice
According to the empirical results, the four practical recommendations will be offered to the car manufacturers, including Tesla and the other competitors, to develop confidence and embrace a deeper pool of AI technology in the UK.
[bookmark: _Toc215676595]Recommendation 1: Place More emphasis on Augmentation and Controllability than Full Autonomy
This information has shown that the trend to use AI help (augmentation) is extremely high, and loss of human driving skills is one of the major matters of concern (72% agree). Managers need to change and transition to transform the communication and design focus and shift off Full Self-Driving (FSD) to Intelligent Driver Augmentation, which facilitates the vision of human-centred AI design (Auernhammer, 2020) and the outcomes of Human-AI augmentation in the workplace (Nguyen and Elbanna, 2025).
· Practical Solution: HMI (Human-Machine Interface) programs should be designed in such a way that will allow the driver to determine how to utilise, circumvent or disable a specific automated intervention in the short term. Introduce auto-diagnostics in-car, where it will answer why an AI movement (braking or steering action) was triggered in a non-emergency scenario, and this will add some transparency and trust, without hurting safety.
· Managerial Rationality: This is a method that considers the needs of the user in control, a factor that is important to the psychological safety and trust and transforms the sceptics into users who do not feel substituted by the technology but are facilitated by it.

[bookmark: _Toc215676596]Recommendation 2: Workplace Recommendation - A Certified Transparent Data-Use Policy
One of the findings was the problems of privacy (Figure 21). It is only because AI cars are gathering the behavioural, as well as environmental data in large volumes that a simple policy that satisfies the law will no longer be a good enough step to win the trust of the consumer.
· Real-World Implementation:  A Certified Data Trust (Stachon et al., 2023) is deployed, in which the three types of collected data are articulated, that is, Safety-Critical, Personal/Behavioural and Anonymised/Aggregated. The customer information must be displayed concisely to the customer, and ethics training and disclosure affect the perceived culture of ethics (Kancharla and Dadhich, 2020). Present a preview of the in-car dashboard to the customers in a user-friendly format that gives a true picture of what is being displayed about them and enables the customers to control or view non-safety-critical information with ease and in real time.
· The Managerial Proactive: Data Governance that transcends the bare minimum GDPR requirements is merited. Managerial Proactive Data Governance, which eradicates the perception of ethical risk, instils customer trust and privacy as a competitive advantage.

[bookmark: _Toc215676597]Recommendation 3: Build and introduce subsidised AI Affordability Tiers
The second-largest obstacle to mass adoption was found to be the cost of the AI integration (high cost, 45% agreed). The threat of leaving behind the full range of developed features in which to integrate is that it will operate at the risk of drawing up an exclusive and small market.
· Suggestible Solution: Decree tiered and modular AI packets. Introduce the basic safety features, which are not subsidised for all vehicles. Movement of highly desirable, but not vital, features into subscription or buy packages. Nevertheless, more importantly, one can recommend working with insurance companies or governmental programs to ensure that the customers of the basic safety AI package are offered the guarantees of the discounts that will essentially cover the cost of the entry-level AI.
· Managerial Reason: The approach will widen the market that can be served, as required AI benefits will be provided to price-sensitive consumers, whereas the social purpose of the ubiquitous rise in safety will be achieved without the need to undermine high-margin earnings within the customers of advanced services.

[bookmark: _Toc215676598]Recommendation 4: Introduction of AI Driving Proficiency Education, which is compulsory
The socio-technical problem of dehumanisation of human beings in reference to driving capabilities (72% in agreement) is explainable. Education and training will be the way to address this risk.
· Practical Implementation: This is to be a required course of online education that should be completed by all new proprietors prior to them being permitted to access the next level of AI functionality. This program is aimed at the following: a) the drawbacks of the existing AI system; b) the human process of overseeing and replacing; and c) the cases to be handled by humans, simulated. Besides, provide non-compulsory short-course training on refreshing driving (AI Refresher) with the oversight of AI. This is what enables going through the complex situation with legal responsibility in autonomous systems (Subramanian, 2024).
· Managerial Rationality: This is aimed at fighting the fear of skill drain, making the drivers know that it is the ultimate responsibility, and increasing the overall competence of the customer base, which lowers the incidences that arise due to user error, leading to a low image of reliability of the brand.

[bookmark: _Toc215676600][bookmark: _Toc216376356]5.2 Study Limitations Resulting in Future Areas of Research
It is in the light of methodological weaknesses of the study, which, by default, result in opportunities for future research.
[bookmark: _Toc215676601][bookmark: _Toc216376357]5.2.1 Limitations of the Study
· Sample Bias: The purposive and convenience sampling methods have given a very highly educated sample, which was already likely to adopt technology. The increased results of the level of satisfaction and trust might not be replicated to a larger population in the UK, i.e. non-EV owners or those individuals who would not be able to apply AI.
· Self-Reported Data: The threat to the research validity will be the social desirability bias of self-reported data (questionnaires) because of the desire to present positive experiences or technical familiarity. It is more so when it concerns coming up with perceived reliability, which is not an objective measure but a subjective measure of failure rates.
· Specificity to the Case Study: The use of Tesla as the only strategy only narrows the generalisation of the research to the other manufacturers who have adopted AI in less vertically integrated forms. The positive view of AI that is being projected by Tesla can be an overstated fact due to the high brand loyalty and the perception of a technology company, which may not apply to other companies in the market.
· Temporal Limitation: The research was an image. Since the AI functionality (Autopilot, FSD) is constantly being improved due to the impact of an over-the-air update, consumer opinion, satisfaction, and ethical concerns are dynamic and can change either after the release of the software or a resolution-making incident involving a celebrity event.
[bookmark: _Toc215676602][bookmark: _Toc216376358]5.2.2 Areas for Further Research
Comparative AI Adoption Study Future researchers ought to carry out a comparative mixed methods study that will compare Tesla/ vehicle owners to the owners of vehicles provided by other traditional OEMs (ex, Mercedes-Benz, BMW or Ford) that operate on Level 2/3 ADAS systems. This would allow isolating the effect of the AI technology and the effect of the brand equity of Tesla.
· Longitudinal Skill Erosion Study: It is a longitudinal multi-wave study that ought to be conducted to test the hypothesis that is widely accepted, and that is the undermining of human driving capabilities by AI. This study can entail the following driving behaviour and cognitive capability of a sample group of AI users in car driving, among a sample group of car users over the years, with a control group of drivers who are not using AI.
· Objective Test of Ethical Congruence: Test and derive a psychological scale to objectively test the Perceived Ethical congruence in autonomous vehicles. The scale would also attempt to ensure that the sense of fairness, accountability and explainability is reached to deliver the standard measure of non-functional risk assessment.
· Influence of Insurance and Liability Model: No research has been done regarding the correlation between remodelling the legal and insurance system of liability and consumer confidence. The impact of the definite legal regulations of responsibility on the willingness of customers to encourage more autonomy (Level 3+) should be investigated.
· Affordability and Demographic Inclusion: This should also be another research study that examines the cost sensitivity and demographic disparities in the use of AI features. This would target the non-premium segments to determine how the AI can be repackaged or subsidised so that more people will be keen on getting an inclusion, and more people in the economy will have the privilege of enjoying better road safety.
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AI-generated content may be incorrect.]The Impact of AI technology in product reli
-
ability & customer satisfaction in the AUTO
UK
MBA Dissertation Research/ Student: ROBERT NAGY
Dear Respondents,
I am a final year MBA Programme student at the University of Wales Trinity Saint David. I am con
-
ducting research for my dissertation. This research aims to examine how AI technology modifies
customer perception and decision-making in the UK Automobile Industry.

Completion of the questionnaire will take around 10 minutes.






All information will be completely confidential. If you have any questions relating to this research at any time before, during or after your completion of the questionnaire, please contact me at: 1922896@student.uwtsd.ac.uk                                  
Thank you for taking your time in assisting me with this research!
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Demographic data: includes questions that collect general data 

1 What is your age? 
18-25 years
26-35 years
36-45 years
46-55 years
More than 55 years


2 What is your gender? 
Male
Female
Prefer not to say 

3 What is your highest level of education? 
GCSE
A Levels
Bachelor’s Degree
Master’s Degree
Doctorate
Other



4 What is your current employment status? 
Full-time
Part-time
Self-employed
Student
Unemployed


Consumers opinion on Electric Vehicles (EV)
[bookmark: _Toc215772417]	[image: A diagram of a car
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The following questions seek to determinate consumers opinions of Electric Vehicles (EV) to gather insights of how consumer attitudes towards EV could influence the electric vehicle market and open up new opportunities for EV drivers/potential EV car purchasers.

5 Do you presently own or plan to own an Electrical Vehicle (EV)? 
I own an EV
I do not own an EV
I am considering purchasing an EV


6 If your answer to the previous question was that you own an EV car, what brand is it?
Tesla
BYD
BMW
Mercedes Benz
Toyota
Audi
Lexus
Volvo
Jaguar
Kia
Other




7 If you are planning to buy an EV car, which brand would you prefer and why?

8 Do you have any AI options on your current car?
Yes
No

9 Does AI automotive technology influence your decision to buy a particular car?
Yes
No

10 What aspects are you looking for when you choose an EV car?
cost-efficiency
how effective is the car
comfort
safety
futuristic design
Other


11 How familiar are you with AI in the automotive sector? 
	Full Electric Vehicles	Hybrid Vehicles	Traditional Vehicles
Very
Somewhat
Neutral
Slightly
Not Familiar



12 Have you ever experienced AI features in traditionally powered vehicles (petrol; diesel)?
Yes
No





13 Would you like to experience AI features in all types of vehicles irrespective of how they are powered?
Autopilot system (for automatic driving)
Neural networks (for object recognition)
AI-powered navigation (that learns drivers’ preferences)
Advance driver assistance systems (to enhance driving safety and efficiency)


[image: A car driving on a road with red and blue lights
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Experience related to AI & EV in the automobile area: to improve the design and operation
The next group of questions focus on powers systems within vehicles that recognize traffic signs, personalize your infotainment settings and even predict mechanical issues.




14 How would you rate the significance of AI in many traditional vehicles? 
Not Important  Very Important


15 Do you believe that AI enhances overall driving safety? 
                                                                                  Neither agree nor
	                Strongly agree	    Agree          disagree	       Disagree	           Strongly disagree
AI driving is increasing safety	  			   	                   
AI makes driving more dangerous			   	            

[image: A close up of a logo
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Brand trust - TESLA AI Technology Innovation: why people may trust cars with AI
The next group questions focus on Tesla and owners/users of Tesla vehicles.  


16 If you are a TESLA driver, are you satisfied with your Tesla car?
Yes
No

17 Do you believe that AI features make you feel more valued as a customer?
Yes
No

18 If you own a TESLA car, will you recommend Tesla AI-enabled vehicles to others?
Yes
No

19 Do you believe that AI vehicles pose any ethical issues?
0
1
2
3
4
5
6
7
8
9
10

Strongly disagree	Strongly Agree

20 Do you believe that AI might minimise human driving expertise over time?
Yes
No

21 Do you believe that AI has enhanced the price of vehicles beyond affordability?
Yes
No
Sometimes

22 Do you believe that AI will dominate the automotive sector in the future?
Yes
No

23 Do you use all the AI options that are available on your car?
Yes
No

24 Do you swich off some AI options on your car? 
Yes
No

25 If you switch off some AI options on your car, what are they?
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                        26 How much do you trust Tesla’s AI channel for decision-making while driving? 
                              Very high trust                  High trust          Neutral           Low Trust                   No Trust
	27 Does AI integration into vehicles influence your purchase decision? 
	
	



	






                                                     nor disagree

                                                                               

	

	


		Neither agree nor
	Strongly agree	Agree	disagree
	Disagree













28 How satisfied are you with AI-driven structures in Tesla vehicles? 
Very Satisfied   Somewhat Satisfied   Neither satisfied nor dissatisfied 

Somewhat dissatisfied            Very dissatisfied 


29. To what extent do AI features improve your comfort and suitability while driving?

	




	

	30
How consistent do you find Tesla’s AI technology in comparison to the traditional driving schemes? 
Much more	Much less consistent More consistent About the same Less consistent c Much less consistent     


31
Do you believe that AI features enhance your confidence in long-distance driving? 

	
	








0
1
2
3
4
5
6
7
8
9
10

Strongly Disagree	Strongly Agree

32 If you own a TESLA car, can you please rate the power of TESLA's AI.
	Excellent	Good	Average	Poor	Very poor



33 Do you believe that AI has enhanced Tesla’s product innovation?
Yes
No
TESLA AI customers satisfaction
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This section analyses customers behaviour. The future of customer service must be AI-based for organisation to improve the customer experience and increase customer loyalty.


34 How efficiently do you think Tesla utilises AI in operations and production? 
	Very effective 	Effective	Neutral	Ineffective	Very ineffective


35 Do you believe that AI helps Tesla customers make essential decisions? 
0
1
2
3
4
5
6
7
8
9
10

Strongly disagree	Strongly agree
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36 How worried are you about information privacy with Tesla’s AI technology? 
	37 How likely are you to buy an AI-enabled Tesla in the upcoming years? 
	
	

	Very likely	Likely	                    Neutral                    Unlikely
	Very likely
	


Very worried	Worried	Neutral            	Slightly worried    Not worried    

38 Do you believe that AI TESLA will be the leader on the market? If not, who will be according to you the leader on the automotive market?


                          This content is neither created nor endorsed by Microsoft. The data you submit will be sent to the form owner.
Microsoft Forms




















2. [bookmark: _Toc216376362]Ethics Form


APPLICATION FOR ETHICAL APPROVAL

In order for research to result in benefit and minimise risk of harm, it must be conducted ethically. 

The University follows the OECD Frascati manual definition of research activity: “creative work undertaken on a systematic basis in order to increase the stock of knowledge, including knowledge of man, culture and society, and the use of this stock of knowledge to devise new applications”. As such this covers activities undertaken by members of staff, postgraduate research students, and both taught postgraduate and undergraduate students working on dissertations/projects.

The individual undertaking the research activity is known as the “principal researcher”.

This form must be completed and approved prior to undertaking any research activity. 

SECTION A: About You (Principal Researcher)
	1
	Full Name:
	ROBERT NAGY

	2
	Student Number:
	1922896

	3
	Email address:
	1922896@student.uwtsd.ac.uk 

	4
	Programme of Study:
	MBA (Business Administration)

	5
	Supervisor:
	MARIE PITSON




SECTION B:  Internal and External Ethical Guidance Materials
	
	Please list the core ethical guidance documents that have been referred to during the completion of this form (including any discipline-specific codes of research ethics, location-specific dodes of research ethics, and also any specific ethical guidance relating to the proposed methodology).  Please tick to confirm that your research proposal adheres to these codes and guidelines. You may add rows to this table if needed.

	1
	UWTSD Research Ethics & Integrity Code of Practice
	☒
	2
	UWTSD Research Data Management Policy
	☒



SECTION C: Details of Research Activity
	1
	Indicative title:
	The impact of AI technology in product reliability and customer satisfaction in the digital age in Automobile Area in UK.
Case Study: Tesla’s Integration of AI in Automobile Innovation from Customers Perception.

	2
	Proposed start date:
	12.08.2025
	Proposed end date:
	12.12.2025

	
	Introduction to the Research (maximum 300 words in each section)
Ensure that you write for a Non-Specialist Audience when outlining your response to the three points below:
· Purpose of Research Activity
· Proposed Research Question
· Aims of Research Activity
· Objectives of Research Activity
Demonstrate, briefly, how Existing Research has informed the proposed activity and explain
· What the research activity will add to the body of knowledge 
· How it addresses an area of importance. 

	3
	Purpose of Research Activity
The research proposal examines the effects of Artificial Intelligence (AI) technology on customers perception during the digital age for the UK automobile sector. The study examines the integration of AI applications into productivity processes, their effects on management tasks and decision-making processes, as well as the emergence of ethical boundaries and organisational challenges related to AI. To provide evidence to support the appropriate management of AI in customer service applications, the analysis focuses on organisations in the automotive industry Tesla UK.

Adoption of AI technology in production departments is accelerated by organisations' growing issues in the global market and digital disruption. Along with its impact on production and the ethical issues facing the industry, the study explores the crucial consequences of AI technology on typical customer satisfaction.

This research assesses the adoption of Artificial Intelligence (AI) technology and its characteristics in relation to customer satisfaction processes such as acquisition, performance evaluation, expectations, and growth. This study examines the effects of AI on the automotive sector, as well as consumer decision-making skills and organisational work culture norms. The study examines consumer perspectives on AI-based tactics and details the moral dilemmas and practical challenges that arise from the use of AI.

In order to investigate the UK automaker Tesla, which is a leader in technical innovation, the study uses a case study methodology based on quantitative methods. The study examines consumer input to obtain relevant contextual data. Thematic approaches are used in the research analysis to comprehend findings supported by theoretical models, such as socio-technical systems theory and the Technology Acceptance Model (TAM).

Essential components of study design include data protection regulations, assumed confidentiality standards, and ethical components, including participant consent procedures. Three major obstacles face the researcher: restricted interaction with study participants, potential response bias, and conclusions that are limited to specific companies.

The aim of this research is to improve the academic understanding of artificial intelligence (AI) in the automotive sector and to produce useful recommendations for successfully integrating AI implementation into consumer-centric strategy. To maintain responsible progress in the digital workplace, the study helps managers and senior leaders address the ethical and strategic needs of AI.

	4
	Research Question
What is the impact of AI technology from customer perspective?

	5
	Aims of Research Activity
The research aims to investigate how customer perception and decision-making in the UK automotive industry are being influenced by artificial intelligence technologies during digital transformation.

	6
	Objectives of Research Activity
· To determine customer perception and interaction with an automobile using artificial intelligence.
· To investigate the current use of AI technologies in the UK automotive industry sector in terms of its managerial operations.
· To examine how the adoption of AI has affected the leadership structure of the production departments and the managerial decisions made, and the operational functions of the organisation.
· To explore the technical challenges, organisational barriers and strategic challenges that emerge because of the production line system implementation of AI.
· To critically assess the approaches that bring AI innovation and labour sustainability, and people-centred leadership together.

	
	Proposed data collection methods (maximum 600 words)
Provide a brief summary of all the methods that may be used in the research activity to collect data, making it clear what specific techniques may be used. If methods other than those listed in this section are deemed appropriate later, additional ethical approval for those methods will be needed. You do not need to justify the methods here, but should instead describe how you intend to collect the data necessary for you to complete your project.

	7
	The study will incorporate a thorough investigation of intricate, multilevel phenomena in organisations through the use of mixed methods. This allows the researcher to get subtle insights from qualitative data while combining findings from quantitative metrics. Because it enables the analysis of the intricate system including AI integration in the automotive industry, the pragmatic research philosophy is beneficial to this study. Under pragmatism, researchers recognize that, depending on their goals and study setting, both quantitative objective data and qualitative subjective data offer crucial information. Pragmatic philosophy supports the chosen research methodology by emphasizing optimal practices to answer research issues. Because it excludes hypothesis testing and outcome predictions, this research examines perceptions in addition to experiences and implications. This study prioritizes understanding how the UK automotive industry uses and responds to AI technology in the eyes of consumers. The study uses mixed methods since they are appropriate for exploratory research. Quantitative research is the suitable way to gather comprehensive information about how artificial intelligence affects consumers in the automotive industry, leadership dynamics, and ethical considerations because there is a dearth of empirical evidence in both the field and the automotive sector.

The Tesla UK case study is used in the design of the research study, which aims to evaluate UK automobile organisations that are using artificial intelligence systems to create their innovative features. The chosen research methodology uses the case study because it allows researchers to examine the integration of artificial intelligence at both the process and cultural level, while analysing complex difficulties in real-world contexts.

The research requires 100 participants who either initiate or monitor AI-based operations in driving a Tesla car, due to their best knowledge of these automobiles.







SECTION D: Scope of Research Activity
	
	Will the research activity include:
	YES
	NO

	1
	Use of a questionnaire or similar research instrument?
	☒
	☐

	2
	Use of interviews?
	☐
	☒

	3
	Use of focus groups?
	☐
	☒

	4
	Use of participant diaries? 
	☐
	☒

	5
	Use of video or audio recording?
	☐
	☒

	6
	Use of computer-generated log files?
	☐
	☒

	7
	Participant observation with their knowledge?
	☐
	☒

	8
	Participant observation without their knowledge?
	☐
	☒

	9
	Access to personal or confidential information without the participants’ specific consent?
	☐
	☒

	10
	Administration of any questions, test stimuli, presentation that may be experienced as physically, mentally or emotionally harmful / offensive?
	☐
	☒

	11
	Performance of any acts which may cause embarrassment or affect self-esteem?
	☐
	☒

	12
	Investigation of participants involved in illegal activities?
	☐
	☒

	13
	Use of procedures that involve deception?
	☐
	☒

	14
	Administration of any substance, agent or placebo?
	☐
	☒

	15
	Working with live vertebrate animals?
	☐
	☒

	16
	Procedures that may have a negative impact on the environment?
	☐
	☒

	17
	Other primary data collection methods. Please indicate the type of data collection method(s) below.
	☐
	☒

	
	Details of any other primary data collection method:

	
	



If you have ticked NO to every question then the research activity is (ethically) low risk and you may skip section E and continue to section F.

If YES to any question, then no research activity should be undertaken until full ethical approval has been obtained. 

SECTION E: Intended Participants
	
	Who are the intended participants:
	
YES
	
NO

	1
	Students or staff at the University?
	☐
	☒

	2
	Adults (over the age of 18 and competent to give consent)?
	☒
	☐

	3
	Vulnerable adults?
	☐
	☒

	4
	Children and Young People under the age of 18? (Consent from Parent, Carer or Guardian will be required)
	☐
	☒

	5
	Prisoners?
	☐
	☒

	6
	Young offenders?
	☐
	☒

	7
	Those who could be considered to have a particularly dependent relationship with the investigator or a gatekeeper?
	☐
	☒

	8
	People engaged in illegal activities?
	☐
	☒

	9
	Others. Please indicate the participants below, and specifically any group who may be unable to give consent.

	☐
	☒

	
	Details of any other participant groups:

	
	



	
	Participant numbers and source
Provide an estimate of the expected number of participants. How will you identify participants and how will they be recruited? 

	10
	How many participants are expected?

	
100 participants will be included for the questionnaire


	11
	Who will the participants be?

	
Inclusion criteria for participants:
· The participants need to have a car with AI (preferable a Tesla car), or to work either in the car insurance area, or the digital transformation sector.
· The participants must be employed by a UK company that manufactures or services automobiles.
· The participants need to demonstrate how to manipulate artificial intelligence-based automotive technology platforms or play a significant role within these platforms.

	12
	How will you identify the participants?
	
Tesla’s customers club members, Uber drivers that are using Tesla cars, customers from Tesla Salons (Show Rooms), customers from the Tesla Repair Garages. 





	
	Information for participants:
	
YES
	NO
	
N/A

	13
	Will you describe the main research procedures to participants in advance, so that they are informed about what to expect?
	☒
	☐
	☐

	14
	Will you tell participants that their participation is voluntary?
	☒
	☐
	☐

	15
	Will you obtain written consent for participation?
	☒
	☐
	☐

	16
	Will you explain to participants that refusal to participate in the research will not affect their treatment or education (if relevant)?
	☒
	☐
	☐

	17
	If the research is observational, will you ask participants for their consent to being observed?
	☒
	☐
	☐

	18
	Will you tell participants that they may withdraw from the research at any time and for any reason?
	☒
	☐
	☐

	19
	With questionnaires, will you give participants the option of omitting questions they do not want to answer?
	☒
	☐
	☐

	20
	Will you tell participants that their data will be treated with full confidentiality and that, if published, it will not be identifiable as theirs?
	☒
	☐
	☐

	21
	Will you debrief participants at the end of their participation, in a way appropriate to the type of research undertaken?
	☒
	☐
	☐

	22
	If NO to any of above questions, please give an explanation 

	
	




	
	Information for participants:
	
YES
	NO
	
N/A

	24
	Will participants be paid?
	☐
	☒
	☐

	25
	Is specialist electrical or other equipment to be used with participants?
	☐
	☒
	☐

	26
	Are there any financial or other interests to the investigator or University arising from this study?
	☐
	☒
	☐

	27
	Will the research activity involve deliberately misleading participants in any way, or the partial or full concealment of the specific study aims?
	☐
	☒
	☐

	28
	If YES to any question, please provide full details 

	
	



SECTION F: Anticipated Risks

	
	
Outline any anticipated risks that may adversely affect any of the participants, the researchers and/or the University, and the steps that will be taken to address them.  

	1
	Risks to participants
For example: sector-specific health & safety, emotional distress, financial disclosure, physical harm, transfer of personal data, sensitive organisational information. If you have identified in section D that there are no participants, then enter N/A and go skip to question 3.

	
	Risk to participants:
· Anonymity and Confidentiality

· Emotional Distress

· Criticism

· Sensitive organisational information





	How you will mitigate the risk to participants:

Confidentiality and anonymity are guaranteed by the study since reports and transcripts will not contain any personally identifiable information. Securely stored data will only be accessible by the researcher. 

To avoid emotional distress for the participants, the researcher will provide a clear informed consent process including potential risks, allow participants to skip questions or withdraw anytime, build rapport to foster comfort, use sensitive phrasing, offer breaks, and check in with participants about their emotional state during the questionnaire. Will be presented a plan in place to offer support or guide participants to resources if distress arises. 

The participants will not experience any negative consequences or discomfort as a result of their participation, according to the researcher.

In order to discuss delicate topics discreetly and prevent criticism of the organisation's brand, professional methods will be used.

Complying with the University standards, the research activity will not cover delicate, embarrassing, or distressing subjects (such as drug use or sexual activity) or problems that could reveal information that needs to be addressed further (such as criminal activity). It will also provide information about how these problems will be handled, including any support or guidance (such as helpline numbers) that participants may receive.

	2
	If research activity may include sensitive, embarrassing or upsetting topics (e.g. sexual activity, drug use) or issues likely to disclose information requiring further action (e.g. criminal activity), give details of the procedures to deal with these issues, including any support/advice (e.g. helpline numbers) to be offered to participants. Note that where applicable, consent procedures should make it clear that if something potentially or actually illegal is discovered in the course of a project, it may need to be disclosed to the proper authorities

	
	

	3
	Risks to the investigator
For example: personal health & safety, physical harm, emotional distress, risk of accusation of harm/impropriety, conflict of interest

	
	Risk to the investigator:

· Maleficence/ non-maleficence

· Conflict of interest for loyalty brand
	How you will mitigate the risk to the investigator:

The researcher will be aware to avoid violating non-maleficence (the principle of "do no harm") with a questionnaire, minimize potential psychological, social, or physical harm by using clear, respectful language; avoiding leading or intrusive questions; ensuring anonymity and data security; providing clear information about the study's purpose and risks; offering support resources; and respecting participants' autonomy to decline participation at any time.

The research will avoid criticism and conflict of interest for loyalty brand, by focussing on unbiased phrasing, measure genuine goodwill and perceived quality, and ensure participants' anonymity. Will be used neutral, open-ended questions about their feelings rather than leading questions, avoid brand promotion within the survey itself, and disclose any potential conflicts of interest clearly to participants. 

	4
	University/institutional risks
For example: adverse publicity, financial loss, data protection

	
	Risk to the University:


· Data protection

· Adverse publicity 

	How you will mitigate the risk to the University:

The research team will protect all digital files using encryption techniques that comply with GDPR regulations and University Data Management Procedures, in accordance with the University's Ethical Norms.
To prevent adverse publicity stemming from questionnaire, the study will ensure that the questions are neutral, unbiased, and clear, using anonymous or confidential formats, providing balanced response options, and avoiding jargon, double-negatives, and loaded terms. 

	5
	Environmental risks
For example: accidental spillage of pollutants, damage to local ecosystems

	
	Risk to the environment:
NO
	How you will mitigate the risk to environment:





SECTION G: Feedback, Consent and Confidentiality

If you have identified in section D that there are no participants then enter skip this section and continue to section H.

	1
	Feedback
What de-briefing and feedback will be provided to participants, how will this be done and when? 

	
	
An email address will be set up for each participant in case more information or results are needed. Multiple devices (computers, laptops, and mobile devices) can be used to administer the survey with built-in compatibility features that allow for smooth transitions between them. As respondents complete the survey, they receive data validation suggestions to help them with certain questions. Especially in self-administered surveys, this reduces the possibility of respondent errors.

	2
	Informed consent
Describe the arrangements to inform potential participants, before providing consent, of what is involved in participating. Describe the arrangements for participants to provide full consent before data collection begins. If gaining consent in this way is inappropriate, explain how consent will be obtained and recorded in accordance with prevailing data protection legislation.

	
	An online questionnaire will be used. Each participant receives the online questionnaire via email and can access it via a URL (link). Respondents to the online questionnaire cannot go back and modify their responses to earlier questions. Because it is impossible to definitively verify if the contact information provided by respondents is unique for the survey, this is done for data security concerns. The online survey's "back" option has been removed, making it impossible for anyone other than the respondent to view data they have already entered. The researcher must get the participants' permission to gather and examine the data before beginning the survey.

	3
	Confidentiality / Anonymity
Set out how anonymity of participants and confidentiality will be ensured in any outputs. If anonymity is not being offered, explain why this is the case. 

	
	Anonymity and confidentiality will be kept at. The research will not collect names of the participants or confidential data about the organisation. Anonymity and confidentiality in the survey are crucial for ensuring trust and protecting respondents' privacy.
· Anonymity allows individuals to share feedback without revealing their identity, fostering a sense of safety and openness. 
· Confidentiality, on the other hand, links responses to identifiable individuals while maintaining privacy, allowing for follow-up and analysis without exposing personal information.  
· Transparency in data collection practices is essential to build trust and ensure that respondents feel secure sharing their opinions. 

In summary, both anonymity and confidentiality serve important purposes in survey design, and the choice depends on the specific needs of the survey and the context in which the feedback will be used.




SECTION H: Data Protection and Storage

	
	Does the research activity involve personal data (as defined by the General Data Protection Regulation 2016 “GDPR” and the Data Protection Act 2018 “DPA”)?
	YES
	NO

	1
	“Personal data” means any information relating to an identified or identifiable natural person (‘data subject’). An identifiable natural person is one who can be identified, directly or indirectly, in particular by reference to an identifier such as a name, an identification number, location data, an online identifier or to one or more factors specific to the physical, physiological, genetic, mental, economic, cultural or social identity of that natural person. Any video or audio recordings of participants is considered to be personal data.
	☐
	☐

	
	If YES, provide a description of the data and explain why this data needs to be collected:

	2
	

	
	Does it involve special category data (as defined by the GDPR)?
	YES
	NO

	3
	“Special category data” means sensitive personal data consisting of information as to the data subjects’ –
(a) racial or ethnic origin,
(b) political opinions,
(c ) religious beliefs or other beliefs of a similar nature,
(d) membership of a trade union (within the meaning of the Trade Union and Labour Relations (Consolidation) Act 1992),
(e) physical or mental health or condition,
(f) sexual life,
(g) genetics,
(h) biometric data (as used for ID purposes),
	
☐
	
☐

	
	If YES, provide a description of the special category data and explain why this data needs to be collected:

	4
	




	
	
Will data from the research activity (collected data, drafts of the thesis, or materials for publication) be stored in any of the following ways?
	YES
	NO

	5
	Manual files (i.e. in paper form)?
	☐
	☒

	6
	University computers?
	☒
	☐

	7
	Private company computers?
	☐
	☒

	8
	Home or other personal computers?
	☒
	☐

	9
	Laptop computers/ CDs/ Portable disk-drives/ memory sticks?
	☐
	☒

	10
	“Cloud” storage or websites?
	☐
	☒

	11
	Other – specify:

	☐
	☒

	12
	For all stored data, explain the measures in place to ensure the security of the data collected, data confidentiality, including details of backup procedures, password protection, encryption, anonymisation and pseudonymisation:

	
	Every piece of information on the University Office 365 system will be kept in private, password-protected cloud storage. To confirm the accuracy of the reporting, participants will view transcriptions of both visual and audio data. Each USB stick used for storage or data transfer will be password-protected. Each participant will be given a unique identification number in order to preserve confidentiality, and this list will be securely kept in a password-protected folder. 



	
	Data Protection

	
	Will the research activity involve any of the following activities:
	YES
	NO

	13
	Electronic transfer of data in any form?
	☐
	☒

	14
	Sharing of data with others at the University outside of the immediate research team?
	☐
	☒

	15
	Sharing of data with other organisations?
	☐
	☒

	16
	Export of data outside the UK or importing of data from outside the UK?
	☐
	☒

	17
	Use of personal addresses, postcodes, faxes, emails or telephone numbers?
	☐
	☒

	18
	Publication of data that might allow identification of individuals?
	☐
	☒

	19
	If YES to any question, please provide full details, explaining how this will be conducted in accordance with the GDPR and Data Protection Act (2018) (and/or any international equivalent):

	
	All data will be secured and kept on the University Office 365 system in private, password-protected cloud storage. USB sticks will be used for password-protected data storage and transfer. All data transfers will be encrypted and protected with passwords. 

Each participant will be given a unique identification number in order to ensure anonymity, and the list will be securely kept in a password-protected folder. Before being deleted, the data will remain on file until the project is completed. The DPA2018 states that participants will have the right to see what information is stored about them; if they do so, the information will be immediately deleted and not used in the project.

	20
	List all who will have access to the data generated by the research activity:

	
	
Principal Researcher and MARIE PITSON


	21
	List who will have control of, and act as custodian(s) for, data generated by the research activity:

	
	
Principal Researcher


	22
	Give details of data storage arrangements, including security measures in place to protect the data, where data will be stored, how long for, and in what form. 

	
	All encrypted data will be stored by the University Office 365 system in password-protected, private cloud storage. Any USB sticks used for data transmission or storage will be password-protected and reformatted to remove the data after the project's conclusion. Following project completion, the data will be deleted. 


	22
	Confirm that you have read the UWTSD guidance on data management (see https://www.uwtsd.ac.uk/library/research-data-management/)
	☒

	23
	Confirm that you are aware that you need to keep all data until after your research has completed or the end of your funding
	☒




SECTION I: Declaration
	
	The information which I have provided is correct and complete to the best of my knowledge. I have attempted to identify any risks and issues related to the research activity and acknowledge my obligations and the rights of the participants.
In submitting this application I hereby confirm that I undertake to ensure that the above named research activity will meet the University’s Research Ethics and Integrity Code of Practice which is published on the website: https://www.uwtsd.ac.uk/research/research-ethics/ 

	1
	Signature of applicant:
	ROBERT NAGY
	Date:
18.08.2025


	2
	Director of Studies/Supervisor:
	MARIE PITSON
	Date:

	3
	Signature:
	

	





FOR INTERNAL USE ONLY:
	
	Ethical approval given 

	1
	Signature of assessor:
	
	Date:


	2
	Name:
	

	3
	Role:
	








Employment Status

 	
Full-time	Self-employed	Student or unemployed	58	35	7	


EV Owner Distribution

 	[CATEGORY NAME], 67

EV Owners	Consider to buy an EV car	Not interested to buy an EV car	66	14	19	

AI Technology preference

Series 1	[CATEGORY NAME], 25

AI influences their puchasing decision	AI don't influence their purchasing decision	75	31	


AI Option Available

Series 1	31

AI interaction	AI non-interaction	69	50	


Aspects to choose EV

Series 1	
Comfort	Efficiency	Safety	Effectiveness	80	78	71	68	


Familiarity with the Automotive Sector

Series 1	
Full Electric Vehicles	Hybrid Vehicles	Traditional Vehicles	60	30	10	


AI Functions

Assessment	
Advanced driver assistant systems	Autopilot features	Neural network object recognition	AI system navigation that adapts to the habits of driver	27	25	25	23	50	


Customer Satisfaction with Tesla cars

Series 1	
Satisfied	Dissatisfied	91	9	

Loyalty Behaviour

Series 1	
Will recommend Tesla	Prefer another type of car	93	7	

Distribution of enhanced Confidence by AI features

Series 1	73

Promoters	Detractors	Passives	70	18	9	


Distribution of Tesla’s enhanced innovation

Series 1	
AI systems of Tesla offer greater consistency	AI systems of tradition cars offer greater consistency	90	10	


Distribution of ethical use of AI

Series 1	
Promoters	Detractors	Passives	10	82	8	



Distribution of Human Driving Expertise

Series 1	
AI would decrease human drivin skills	AI would not decrease human driving skills	72	28	


Price Affordability

Series 1	
AI makes cars unaffordable	AI will not increase the affordability	Sustantial augumentation of costs	45	19	36	


Distribution of use of AI options

Series 1	
a high level of usage of the full AI capabilities	 not use all the AI features 	71	29	

Distribution of Switching off AI options

Series 1	
turn of AI features	use all the AI features options	10	90	

Product Innovation

Series 1	
AI has improved product innovation at Tesla	AI didn't improved product innovation at Tesla	90	10	


Automotive Sector Dominance

Series 1	
Tesla dominate the EV market	Other EV cars dominate the EV market	92	8	


Tesla's AI channel Decision-making

Series 1	AI focus on Augumentation	Autonomy	86	24	


The Profile of the Respondents in terms of Education Background

 	
GCSE	A Levels	Bacnhelor's Degree	Master's Degree	Doctorate	Onther	10	11	54	19	2	3	
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