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ABSTRACT
With an eye on Nepal, this study investigates how management judgment in the financial sector is altered by AI-augmented data. In addition to conceptualizing management judgment as a socio-technical process rather than a merely algorithmic or entirely human activity, it aims to elucidate the philosophical underpinnings of AI-supported decision-making. The study uses a conceptual literature review methodology, including positivist, interpretivist, and socio-technical viewpoints through a pragmatic philosophical analysis based on peer-reviewed academic materials published between 2021 and 2025. The positioning of AI as a decision-support tool rather than an autonomous decision-maker; the crucial role of human–AI interaction in shaping managerial judgement; the ongoing significance of managerial accountability and ethical reasoning in AI-supported decisions; and the moderating influence of institutional and regulatory contexts, particularly within regulated financial environments, are the four main themes that emerge from recent literature, according to the review. These topics serve as the foundation for the study's pragmatic socio-technical theoretical framework, which explains how managerial judgment is reshaped but not replaced by AI-augmented analytics. By improving philosophical clarity in AI and management research and by offering a systematic conceptual framework for upcoming empirical research in financial institutions, the study advances DBA-level comprehension. 
Keywords: financial decision-making, socio-technical systems, pragmatism, management judgment, AI-enhanced analytics, and Nepal

46

[bookmark: _Toc217819209]CHAPTER ONE: INTRODUCTION
[bookmark: _Toc217819210]1.1 Digital Transformation and AI-Augmented Analytics in Financial Decision-Making 
The increasing adoption of artificial intelligence (AI) and advanced analytics has fundamentally altered how managerial decisions are made in contemporary organizations. In the financial sector, AI-augmented analytics are now widely applied to support complex decision processes, including credit risk assessment, fraud detection, portfolio optimization, and strategic performance management (Davenport & Ronanki, 2018; Raisch & Krakowski, 2021). These systems combine machine learning algorithms, large datasets, and predictive models to generate insights that extend beyond the limits of human cognitive capacity.
[bookmark: _Toc217819211]AI-augmented analytics increasingly serve as decision-support tools that transform management judgment by speeding up analysis, identifying trends, and providing probabilistic recommendations rather than taking the place of managers (Jarrahi, 2018). As a result, judgment is now a socio-technical process that results from interactions between intelligent systems and human decision-makers rather than a purely human, intuition-driven activity. This change brings up significant issues about the use, justification, and assessment of judgment in AI-enabled organizational settings. 
1.2 Setting AI-Assisted Managerial Decision-Making in Nepal's Financial Sector in Perspective
In developing financial situations like Nepal, the use of AI to alter management decision-making is very important. Strong regulatory monitoring from Nepal Rastra Bank, hierarchical organizational structures, and a historically conservative approach to technology innovation are characteristics of Nepal's financial industry. Large commercial banks have started implementing AI-enabled analytics and risk management technologies, but human supervision and managerial responsibility are still essential to the validity of decisions.
In this situation, management judgment is influenced by AI-augmented analytics under ethical, cultural, and legal limits rather than operating independently. In the end, managers must explain decisions to stakeholders and regulators by interpreting algorithmic results and balancing them with practical expertise. This leads to a special conflict between human accountability and data-driven logic, especially in high-stakes financial choices where mistakes can have serious social and economic repercussions. Rather of relying just on technical analysis, a thorough philosophical analysis is necessary to comprehend how management judgment is transformed under these circumstances.
The regulatory expectations in Nepal's banking sector support this cautious but expanding usage of sophisticated analytics. In order to promote the use of analytical tools while upholding distinct lines of management accountability, Nepal Rastra Bank has placed an increased focus on risk-based supervision, data-driven reporting, and tighter governance systems inside licensed financial institutions (Nepal Rastra Bank, 2021). Therefore, rather than fully automating decision-making, AI-augmented analytics in Nepalese banks function inside a governance structure that places a higher priority on human supervision, ethical responsibility, and regulatory compliance.
Recent legal changes in Nepal's banking industry further highlight the need of analyzing AI-supported management judgment. The Nepal Rastra Bank (NRB) has emphasized that financial organizations using advanced analytics and artificial intelligence must get clear consumer agreement for the use of personal data and provide transparency in decisions assisted by AI. These legal requirements show that AI technology cannot operate as independent decision-makers in banking practice, highlighting growing issues about responsibility, explainability, and data protection. Rather, managers must interpret, defend, and convey AI-generated insights in a way that complies with ethical and legal requirements. A compelling justification for the current study within Nepal's banking industry is provided by this changing regulatory climate, which highlights the necessity to investigate how AI-augmented analytics alter managerial judgment rather than replace it (Nepal Rastra Bank, 2024).
[bookmark: _Toc217819212]1.3 Dominant Philosophical Perspectives in Research on AI and Decision-Making 
Different philosophical presumptions underlie current research on AI-supported decision-making in financial services. A significant amount of the literature takes a positivist or post-positivist stance, emphasizing measurement, objectivity, and causal explanation. According to this viewpoint, managerial judgment is a cognitive process that may be enhanced by better models, more precise data, and results that have been statistically confirmed (Shrestha et al., 2019). Predictive accuracy, efficiency, and performance optimization are commonly used to gauge success.
Although positivist methods provide insightful information on AI systems' technical capabilities, they frequently ignore the contextual, ethical, and interpretative aspects of management decision-making. Interpretivist research, on the other hand, focuses on how managers negotiate meaning within organizational settings, build confidence in algorithmic systems, and make sense of AI suggestions (Weick, 1995; Glikson & Woolley, 2020). These studies demonstrate how judgment is socially formed and influenced by power dynamics, culture, and experience. 
However, interpretivist methods frequently have problems with practical application and generalizability, especially in regulated industries where decision-making procedures need to be standardized and auditable. As a result, positivism and interpretivism by themselves do not offer a sufficiently thorough philosophical framework for researching AI-augmented management judgment.
[bookmark: _Toc217819213]1.4 The Philosophical Gap: Combining Subjectivity and Objectivity 
A wider ontological and epistemological gap in the literature is shown by the cohabitation of AI-generated analytics and human management judgment. Although the results of AI-augmented analytics seem objective, data-driven, and authoritative, their interpretation and use are nevertheless influenced by organizational context, ethical reasoning, and human values (Floridi et al., 2018). While considering judgment as completely subjective diminishes the effectiveness of analytical technology, interpreting AI results as purely objective facts runs the risk of automation bias and over-reliance.
When it comes to financial decision-making, where managers are responsible for choices impacted by complicated or opaque algorithms, this tension is most noticeable. These conflicting aspects are difficult for current philosophical paradigms to reconcile, which leads to disjointed research methods that fall short of capturing the socio-technical aspect of AI-supported judgment. Therefore, a philosophical framework that logically and practically integrates both objective digital evidence and subjective management thinking is required.
[bookmark: _Toc217819214]1.5 The Integrative Philosophical Framework of Pragmatism 
By rejecting strict philosophical dualisms and emphasizing the useful implications of knowledge, pragmatism provides a convincing answer to this problem (Dewey, 1938; Saunders et al., 2019). From a pragmatic standpoint, knowledge is valuable not because it adheres to a certain epistemological ideology but because it can be applied to solve practical issues. Pragmatism acknowledges that, depending on the context and goal of the study, both quantitative and qualitative forms of knowledge may be legitimate.
Pragmatism allows academics to combine data-driven insights with management expertise, ethical issues, and legal realities in the context of AI-augmented analytics. It encourages flexible investigation into the real-world operation of AI systems and validates methodological diversity. Because decision-making in Nepal's financial sector must strike a balance between analytical rigor and contextual sensitivity and accountability, pragmatism is especially well-suited for analyzing management judgment.
[bookmark: _Toc217819215]1.6 The Study's Purpose and Goals 
In light of this, the goal of this coursework is to present a philosophical analysis of how management judgment in Nepal's financial industry is reshaped by AI-augmented analytics. The study critically reviews recent literature to demonstrate how philosophical presumptions affect research design, interpretation, and practical consequences in AI-enabled decision-making research, in accordance with the criteria of the Research Principles and Philosophy module.
This study's main goal is to critically investigate, using a pragmatic philosophical lens, how AI-augmented analytics transform managerial judgment in Nepal's banking industry.
The following goals are pursued by the study in order to accomplish this goal: 
· To examine current research on management judgment and AI-augmented analytics in the financial services industry. 
· To examine the ontological and epistemological presuppositions that this literature is based on. 
· To assess positivist and interpretivist methods' shortcomings in elucidating managerial judgment backed by AI.
·  To support pragmatism as an integrated philosophical framework for researching decision-making facilitated by artificial intelligence.
·  To provide a conceptual framework that shows how management judgment and AI analytics in Nepalese financial institutions are mediated by pragmatism.
[bookmark: _Toc217819216]This coursework involves a thorough philosophical and methodological critique of one chosen empirical research on AI-supported decision-making in financial situations in addition to the theme philosophical evaluation. This concentrated examination looks at how the study's research design, conclusions, and ethical stance are influenced by its ontological, epistemological, and axiological presumptions. According to the learning objectives of the Research Principles and Philosophy module, the coursework illustrates how philosophical decisions directly affect methodological rigor, knowledge claims, and practical relevance in AI-enabled managerial research by critically evaluating a single significant study


CHAPTER TWO: METHOD FOR CONDUCING THE LITERATURE REVIEW
[bookmark: _Toc217819217]2.1 The Review's Objective and Philosophical Focus 
This literature review aims to critically analyze the philosophical presumptions that underlie the construction of knowledge in this field, rather than just summarizing the body of research on AI-augmented analytics and management judgment. Particularly in intricate socio-technical environments, research philosophy is crucial in determining how organizational phenomena are conceptualized, investigated, and understood (Crotty, 1998; Saunders et al., 2019). This review takes a critical and introspective stance, clearly concentrating on the ontological, epistemological, and axiological aspects of earlier research, in keeping with the goals of the Research Principles and Philosophy module.
The assessment recognizes that AI-augmented management judgment cannot be sufficiently described by a single paradigm, which is consistent with a pragmatic philosophical perspective. Pragmatism values knowledge for its practical implications and utility in solving real-world issues, rejecting rigid divisions between objectivism and subjectivism (Dewey, 1938; Morgan, 2007). Therefore, rather than favoring any one method from the outset, the paper assesses how several philosophical traditions help to understanding AI-supported decision-making in financial situations.
[bookmark: _Toc217819218]2.2 Strategy for Literature Search
To find pertinent scholarly material, a methodical and open search approach was used. Scopus, Web of Science, and Google Scholar—all well-known for their thorough coverage of peer-reviewed research in management, information systems, and financial decision-making—were the main databases evaluated (Tranfield et al., 2003). The evaluation primarily concentrated on research published between 2019 and 2024 to ensure relevance to current AI advancements, highlighting the quick growth of AI-enabled analytics in organizational contexts (Raisch & Krakowski, 2021).
Boolean operators were used to combine search phrases that were created repeatedly. "AI-augmented analytics," "managerial judgment," "algorithmic decision-making," "financial services," and "research philosophy" were among the key phrases. In order to collect research pertinent to regulated financial settings like Nepal, contextual keywords like "banking," "risk management," and "emerging economies" were also included. To find important research that are often cited in the literature on AI decision-making, backward and forward citation monitoring was also conducted (Webster & Watson, 2002).
[bookmark: _Toc217819219]2.3 Criteria for Inclusion and Exclusion 
To improve the review's rigor and focus, explicit inclusion and exclusion criteria were used. Research was incorporated if it
· Investigated sophisticated analytics, machine learning, or artificial intelligence in management or organizational decision-making situations; 
· Concentrated on financial services or closely associated regulated businesses; 
· Were published in credible conference proceedings or peer-reviewed academic journals; and 
· Showed enough methodological transparency to permit philosophical critique of underlying assumptions.
Studies that lacked clarity about study methodology and knowledge claims, or those were solely technical in nature for example, algorithm development articles with no management or organizational implications were removed. Because they usually lack explicit philosophical perspective, practitioner reports and regulatory papers were not considered key analytical sources, even if they were reviewed to give contextual knowledge (Saunders et al., 2019).
[bookmark: _Toc217819220]2.4 Examining the Literature Analytically 
Instead of doing a merely descriptive narrative review, the material was analyzed utilizing a theme and philosophical synthesis method. While philosophical analysis allows for a critical evaluation of how knowledge claims are justified, thematic analysis makes it possible to identify recurrent patterns and dominating views across a variety of research (Braun & Clarke, 2006; Alvesson & Skýberg, 2018). Studies were first categorized thematically according to their main areas of interest, such as algorithmic decision-making's ethical implications, managerial sensemaking, predictive accuracy, or confidence in AI.
Each subject was then investigated via axiological, ontological, and epistemological perspectives. The conceptualization of management judgment as either an objective, quantifiable process or a socially created, context-dependent phenomena was examined using ontological analysis (Jarrahi, 2018). The focus of epistemological analysis was on the creation and validation of knowledge, including the use of mixed-method designs, quantitative measures, and qualitative interpretation (Guba & Lincoln, 1994). In particular, the prioritization of efficiency, transparency, accountability, or justice in AI-supported decision-making was explored from an axiological perspective (Floridi et al., 2018).
[bookmark: _Toc217819221]2.5 Rationale for the Review Approach 
The selected review approach is consistent with a pragmatic research ethic that promotes problem-centered inquiry and methodological heterogeneity (Morgan, 2007; Saunders et al., 2019). A strictly systematic or positivist evaluation would run the danger of favoring technical performance indicators above ethical, interpretative, and contextual factors given the socio-technical complexity of AI-augmented analytics. On the other hand, a purely interpretivist approach would restrict interaction with the performance-oriented, quantitative research that predominates in financial decision-making studies.
This review approach allows for a fair and context-sensitive analysis of the body of current literature by combining methodical search techniques with philosophical criticism. This method is especially suitable for a DBA research, where the goal is to produce insights that guide management practice in regulated financial contexts like Nepal in addition to advancing theoretical knowledge (Van de Ven, 2007). Additionally, Chapter 4's concentrated philosophical and methodological examination of a specific empirical investigation is explicitly supported by this methodological base.
[bookmark: _Toc217819222]2.6 Synopsis 
The methodological approach used to perform the literature review, including the search strategy, selection criteria, and analytical framework, has been described in this chapter. The review goes beyond a cursory comparison of results to examine how knowledge regarding AI-augmented management judgment is formed by emphasizing philosophical presumptions and taking a pragmatic stance. This congruence between methodological execution and philosophical stance enhances the coursework's rigor and trustworthiness and offers a solid basis for the subsequent critical literature review and single-study analysis.











[bookmark: _Toc217819223]
CHAPTER THREE: CRITICAL LITERATURE REVIEW
[bookmark: _Toc217819224][bookmark: _Toc217819225]3.1 Positivist Views on Managerial Judgment and AI-Augmented Analytics 
3.1.1 Foundations of Positivist Ontology and Epistemology
Research on decision-making in the fields of finance and information systems has historically been dominated by positivism, especially where technical artifacts and measurable results are crucial (Guba & Lincoln, 1994; Saunders et al., 2019). From an ontological perspective, positivist research makes the assumption that there is a solid, objective reality that exists apart from human interpretation. In terms of epistemology, legitimate knowledge is generated via measurement, statistical testing, and empirical observation, allowing for predictive and generalizable explanations of organizational phenomena.
This paradigm views managerial judgment as a cognitive process that can be improved or optimized by better data and algorithmic models when it comes to AI-augmented analytics. Usually, objective metrics like predicted accuracy, mistake reduction, or financial performance outcomes are used to evaluate the quality of decisions (Hair et al., 2019). Consequently, judgment is portrayed more as a characteristic that can be measured, compared, and enhanced by technology intervention than as a contextual or interpretative act. 



[bookmark: _Toc217819226] 3.1.2 Analytics Enhanced by AI as Unbiased Decision-Support Systems
A substantial amount of positivist literature presents AI-augmented analytics as objective, logical decision-support tools that are able to overcome the limits and biases of human cognition. The ability of machine-learning algorithms to handle massive amounts of data, spot intricate patterns, and provide probabilistic forecasts that surpass human judgment in ordinary financial choices makes them valuable (Davenport & Ronanki, 2018; Brynjolfsson & McElheran, 2016). 
The growing dependence on algorithmic results in this literature reshapes management judgment. Instead of being the main decision-makers, managers are positioned as assessors or implementers of AI-generated suggestions. Studies usually presume that better organizational efficiency and risk control result from greater alignment between managerial decisions and algorithmic guidance, especially in high-frequency financial decision contexts like credit scoring and fraud detection (Shrestha et al., 2019; Raisch & Krakowski, 2021).
[bookmark: _Toc217819227]3.1.3 Methodological Implications and Knowledge Claims 
From an epistemological perspective, positivist research primarily uses quantitative techniques, such as statistical modeling, machine-learning validation metrics, and experimental designs. Criteria including statistical significance, model performance, and cross-context replicability are used to support knowledge claims (Guba & Lincoln, 1994; Hair et al., 2019). Decision accuracy, adherence to model recommendations, or performance indicators are frequently used to operationalize managerial judgment as a dependent variable.
[bookmark: _Toc217819228]This method narrows the conceptualization of judgment while bolstering claims of objectivity and generalizability. The interpretative and reflective processes via which managers interact with AI-generated insights are often overlooked by positivist research, which equates judgement quality with quantifiable outputs. Such reductionism runs the risk of seeing judgment as a mechanical reaction to data rather than a socio-technical practice influenced by experience, context, and accountability, as noted by Jarrahi (2018). 
3.1.4 Positivist Research's Impact on Financial Decision-Making
Considering these drawbacks, positivist research has significantly advanced AI-enabled financial services decision-making. Strong analytical systems that comply with legal criteria for transparency and auditability have been made possible by their emphasis on standardization, replicability, and predictive performance (Floridi et al., 2018). These contributions are especially important in developing financial situations like Nepal, where banks are under growing pressure to improve risk management and reporting procedures. 
Financial organizations may show data-driven decision processes using AI-augmented analytics, which increases organizational legitimacy in the eyes of stakeholders and regulators. According to this viewpoint, positivist methods offer a crucial basis for comprehending how AI modifies management judgment in contexts with rules and structure.
[bookmark: _Toc217819229]3.1.5 Limitations and Critique of Positivist Approaches
However, when it comes to AI-augmented management judgment, the positivist paradigm has significant shortcomings. Positivist research frequently ignores the ethical, social, and contextual aspects of decision-making by emphasizing objectivity and quantification (Floridi et al., 2018). Automation bias, in which managers follow AI advice even when contextual judgment advises a different course of action, might result from an over-reliance on algorithmic outputs (Glikson & Woolley, 2020). 
Furthermore, positivist research often views AI systems as value-neutral, ignoring the ways in which algorithms incorporate organizational agendas, training data biases, and human preconceptions. Managers are ultimately responsible for judgments impacted by AI systems in regulated areas like Nepal's banking industry. When algorithmic suggestions clash with moral principles, legal requirements, or local contextual information, positivist models provide little direction on how managers should use their discretion.
[bookmark: _Toc217819230]3.1.6 Implications for Nepal’s Financial Sector and Philosophical Integration
The shortcomings of positivist methods are especially noticeable in Nepal's finance industry. Because of regulatory supervision and cultural expectations of responsibility, management judgment is still crucial to the legitimacy of decisions, even when AI-augmented analytics improve efficiency and risk control. With its focus on decontextualized and generalizable information, positivist research finds it difficult to explain how managers reconcile algorithmic power with human accountability. 
These drawbacks highlight the necessity of complementing philosophical viewpoints that acknowledge judgment as a sociotechnical and morally complex process. In the end, this criticism encourages the creation of a pragmatic research philosophy that can integrate many types of information in AI-enabled decision-making research and serves as the basis for the interpretivist and socio-technical viewpoints covered in later parts.

[bookmark: _Toc217819231]3.2 Interpretivist Views on Managerial Judgment and AI-Augmented Analytics 
[bookmark: _Toc217819232]3.2.1 Interpretivist Epistemology and Ontology
The premise of interpretivist research is that social reality is socially produced and cannot be comprehended apart from context and human interpretation (Crotty, 1998). Interpretivism views organizational phenomena as molded by various realities created via interaction, experience, and meaning-making, rejecting the ontological idea of a single objective reality. According to epistemology, knowledge is produced by comprehending how people perceive their experiences rather than by objective measurement or forecasting (Schutz, 1967; Guba and Lincoln, 1994).
[bookmark: _Toc217819233]Interpretivist viewpoints view managerial judgment in AI-augmented analytics as a sensemaking process where managers interpret algorithmic recommendations in light of organizational objectives, ethical considerations, and contextual limitations rather than as a quantifiable output. According to this perspective, AI systems do not make decisions; rather, human interpretation and negotiation are the only ways in which their outputs take on significance. 
3.2.2 Meaning Construction and Managerial Sense making 
Interpretivist research's emphasis on sense making is a key contribution to AI-enabled decision-making. According to Sense-making theory, managers behave in uncertain situations and understand ambiguous information by creating meaning in hindsight (Weick, 1995). Algorithmic outputs frequently generate new types of ambiguity in AI-augmented environments, especially when models are complicated or opaque. 
Interpretivist research focuses how managers interact with AI systems through iterative processes of interpretation, inquiry, and validation (Jarrahi, 2018). Instead than taking algorithmic suggestions at face value, managers evaluate the applicability and reliability of AI-generated insights based on peer interactions, organizational standards, and professional expertise. Therefore, rather than being a merely logical reaction to evidence, judgment arises as a contextual practice influenced by social interaction.
[bookmark: _Toc217819234]3.2.3 Human-AI Interaction, Transparency, and Trust 
In interpretivist research on AI-augmented decision-making, trust is a recurring subject. Research highlights that managers' reliance on AI systems is dependent on perceived openness, explainability, and compatibility with human values in addition to technical correctness (Glikson and Woolley, 2020). According to an interpretivist viewpoint, trust is a relational construct created via frequent interactions between managers and AI systems rather than a static feature of technology.
Interpretivist academics contend that opaque or "black-box" algorithms hinder management judgment by obscuring the process by which suggestions are produced. Depending on organizational culture and individual managerial experience, this lack of interpretability may result in either resistance or over-reliance (Ribeiro, Singh, and Guestrin, 2016). Therefore, rather than replacing meaningful human judgment, interpretivist research emphasizes the significance of explainable AI. 
[bookmark: _Toc217819235]3.2.4 Methodological Features of Interpretivist Research 
Interpretivist research on AI-augmented analytics mostly uses qualitative methods, such as ethnography, case studies, and interviews. These techniques allow for a thorough investigation of managers' experiences, interpretations, and negotiations of AI-supported decision-making in particular organizational contexts (Myers, 2019). Credibility, reflexivity, and contextual richness are used to assess knowledge claims instead of statistical significance or generalizability.
[bookmark: _Toc217819236]This analytical approach has limitations even if it offers a sophisticated understanding of management behavior and thought processes. The ability to generalize findings across industries or regulatory regimes is hampered by interpretivist research' frequent concentration on small samples or single organizations. This restriction lessens the usefulness of exclusively interpretivist research in the financial services industry, where standardization and auditability are crucial. 
3.2.5 Interpretivist Views' Contributions 
By highlighting aspects of AI-augmented management judgment that positivist research ignores, interpretivist viewpoints offer significant contributions. Interpretivist studies shed light on how AI systems transform management roles, identities, and responsibilities by emphasizing meaning, trust, and ethical reflection (Raisch and Krakowski, 2021). Regardless of the level of technology, these insights are especially helpful in regulated industries where human accountability is still crucial.
Interpretivist techniques are particularly pertinent in developing financial environments like Nepal because of the significant effect of organizational culture, hierarchical decision-making, and regulatory expectations. It is easier to understand why comparable technology may result in diverse decision outcomes across institutions when one considers how managers interpret AI advice. 
3.2.6 Interpretivist Approaches' Drawbacks and Integration Consequences 
When used alone, interpretivist methods have serious drawbacks despite their advantages. The significance of analytical precision, scalability, and performance measurement all crucial in financial decision-making may be diminished by their focus on subjectivity and context. Furthermore, interpretivist insights are less valuable for developing and accessing AI systems due to their lack of forecasting power.
Though they come from a different philosophical perspective, these restrictions are similar to those found in positivist research. Interpretivism has the danger of overemphasizing subjectivity at the price of operational usefulness, whereas positivism runs the risk of limiting judgment to quantifiable outcomes. The requirement for an integrative framework that can support both objective analytics and subjective management interpretation is strengthened by this philosophical fragmentation. 
As the chapter goes on, these divergent viewpoints come together to support the adoption of a pragmatic research philosophy that emphasizes knowledge that can be used in actual organizational contexts and appreciates methodological heterogeneity. In order to provide a more thorough grasp of how AI-augmented analytics transform managerial judgment in Nepal's banking industry, pragmatism makes it possible to integrate positivist and interpretivist findings.
[bookmark: _Toc217819237][bookmark: _Toc217819238]3.3 Socio-Technical and Hybrid Views on Managerial Judgment Enhanced by AI 
3.3.1 Socio-Technical Thinking Foundations
The understanding that social actors and technology systems interact to achieve organizational results rather than any component acting alone gives rise to socio-technical viewpoints. This approach, which has its roots in socio-technical systems theory, avoids the extreme subjectivism associated with strictly interpretivist explanations while challenging the technological determinism sometimes implied in positivist research (Trist and Bamforth, 1951; Orlikowski, 1992). Socio-technical approaches acknowledge many sources of knowledge originating from both technological performance and human interpretation, but ontologically they postulate that reality is co-constructed through human–technology interaction.
Socio-technical methods conceptualize management judgment as a distributed process including humans, algorithms, organizational routines, and regulatory frameworks when applied to AI-augmented analytics. AI systems are viewed as artifacts embedded in social environments that both form and are affected by management activity, rather than as impartial instruments or independent decision-makers.
[bookmark: _Toc217819239]3.3.2 Human-AI Cooperation and Enhancement 
The idea of augmentation as opposed to automation is a key component of hybrid viewpoints. AI-augmented analytics are thought to expand human cognitive capacities while maintaining human accountability and supervision, rather than taking the place of management judgment (Jarrahi, 2018; Raisch and Krakowski, 2021). This perspective stands in stark contrast to interpretivist worries about the loss of human agency and positivist presumptions of algorithmic supremacy.
Hybrid research highlights how managers and AI systems work best together to make decisions. While people bring contextual understanding, ethical reasoning, and responsibility, algorithms contribute speed, scalability, and pattern recognition. As a result, judgment is no longer a purely human or technology function but rather an emerging characteristic of human–AI cooperation.
[bookmark: _Toc217819240]3.3.3 Decision Support and Bounded Rationality 
Theories of limited rationality, which acknowledge that human decision-makers function under cognitive, informational, and temporal restrictions, are frequently included into socio-technical viewpoints (Simon, 1955). By offering improved data processing and decision assistance, AI-augmented analytics are marketed as instruments that push the boundaries of reason. Socio-technical experts warn that these techniques also bring new limitations, such as difficulties with interpretability and a dependence on past data.
This perspective modifies, but does not completely eradicate, management judgment. Within organizational and legal settings, managers still need to understand AI findings, assess their applicability, and make final judgments. This is quite similar to financial decision-making situations where algorithms, no matter how sophisticated they are, cannot be trusted with accountability.
[bookmark: _Toc217819241]3.3.4 Organizational, Ethical, and Regulatory Aspects 
Because AI-augmented decision-making is intrinsically value-laden, hybrid approaches emphasize ethical and regulatory implications. Organizational goals and data selection procedures are reflected in the assumptions, priorities, and biases that algorithms include (Floridi et al., 2018). Therefore, socio-technical research emphasizes the significance of management accountability, transparency, and governance systems in AI-enabled financial choices.
These factors are especially important in regulated situations like the banking industry in Nepal. Managers must defend choices impacted by AI systems to stakeholders, auditors, and regulators. Instead of seeing judgments as discrete technological occurrences, socio-technical methods recognize this fact by placing AI-augmented judgment inside larger institutional and cultural settings.
[bookmark: _Toc217819242]3.3.5 Methodological Features and Restrictions 
According to Venkatesh, Brown, and Bala (2013), mixed-methods techniques are commonly used in socio-technical and hybrid research. These approaches combine quantitative performance measurements with qualitative examination of management experience and organizational practices. The understanding that no one approach can fully represent the complexity of human–AI interaction is reflected in this methodological pluralism.
However, socio-technical studies frequently lack clear conceptual consistency despite their integrative purpose. Although they pragmatically integrate approaches, they might not expressly state the philosophical justification for doing so. Therefore, without a cohesive epistemological Framework, hybrid techniques run the danger of being methodologically eclectic.
[bookmark: _Toc217819243]3.3.6 Consequences for the Philosophy of Pragmatic Research 
The necessity for a philosophically clear integrative framework is highlighted by the advantages and disadvantages of socio-technical and hybrid approaches. Although these methods are effective in bridging the gap between technological performance and human interpretation, they frequently fail to explain how conflicting knowledge claims should be assessed or prioritized in real-world situations.
By offering a conceptual basis for methodological pluralism and outcome-oriented research, pragmatism overcomes this constraint (Dewey, 1938; Morgan, 2007). From a pragmatic standpoint, the significance of socio-technical insights is not found in their adherence to a particular philosophical theory but rather in their capacity to guide responsible and successful decision-making. Because of this, pragmatism is especially well-suited to researching AI-augmented management judgment in Nepal's financial industry, where ethical duty, regulatory accountability, and practical implications are crucial.
[bookmark: _Toc217819244]3.4 Research Gaps and Synthesis 
[bookmark: _Toc217819245]3.4.1 Integration of Philosophical Viewpoints
The three main philosophical stances that support research on AI-augmented analytics and management judgment positivist, interpretivist, and socio-technical or hybrid approaches have been discussed in the previous sections. Although each viewpoint has significant conceptual and practical limits, it also provides unique insights into how management judgment is transformed by contact with AI systems. 
The financial industry's emphasis on efficiency, standardization, and regulatory compliance is well aligned with positivist research's strong focus on objectivity, measurement, and predicted accuracy (Guba and Lincoln, 1994; Davenport and Ronanki, 2018). However, positivist studies frequently ignore the interpretative, ethical, and contextual aspects of management decision-making by presenting judgment as a quantifiable output, especially in regulated settings where responsibility is still human-centered.
By seeing management judgment as a socially created and context-dependent process of sense-making, interpretivist viewpoints overcome these constraints (Weick, 1995; Crotty, 1998). These studies shed light on how managers negotiate meaning within organizational and cultural settings, understand insights produced by AI, and build confidence in algorithmic systems. However, interpretivist methods often lack predictive capacity and scalability, which restricts their use in financial organizations that need repeatable and auditable decision-making procedures. 
By acknowledging judgment as an emergent characteristic of human–AI interaction, socio-technical and hybrid viewpoints seek to bridge these paradigms (Orlikowski, 1992; Jarrahi, 2018). These methods provide a more comprehensive knowledge of AI-augmented decision-making, although they frequently lack conceptual clarity. There is sometimes conceptual ambiguity about how conflicting knowledge claims should be assessed since methodological integration is accomplished pragmatically but without a clear epistemological justification.
[bookmark: _Toc217819246]3.4.2 Determining the Research Gap 
A crucial philosophical gap in the body of current literature is shown by the synthesis. There is no agreement on how this issue should be philosophically investigated, despite the fact that research recognizes that AI-augmented analytics modify management judgment. Without directly addressing the philosophical ramifications of these decisions, current research frequently takes implicitly positivist, interpretivist, or hybrid stances.
This disparity is especially noticeable in financial decision-making situations, where managers are nonetheless morally and legally responsible for their choices even when AI-generated insights seem authoritative and impartial. This conflict between computational logic and human accountability is difficult for current paradigms to resolve. Because of this, research frequently yields disjointed findings that either emphasize technical performance or subjective interpretation, but few combine both in a cohesive and useful framework.
Additionally, philosophical study of developing financial sectors like Nepal is conspicuously lacking. A large portion of the research now in publication is based on developed nations with established digital infrastructures and legal frameworks. This restricts our ability to comprehend how AI-augmented management judgment develops in environments that are marked by cautious technology adoption, stringent regulatory scrutiny, and deeply ingrained managerial authority. One major shortcoming in current study is the lack of context-sensitive philosophical investigation.
[bookmark: _Toc217819247]3.4.3 Rationale for a Pragmatic Approach to Research 
A philosophically sound solution to the shortcomings noted in all three viewpoints is provided by pragmatism. Pragmatism, which has its roots in Dewey's (1938) work and has been further developed within management research, rejects strict ontological and epistemological dualisms in favor of problem-centered inquiry and practical implications (Morgan, 2007; Saunders et al., 2019). Pragmatism assesses knowledge according to how well it solves issues in the actual world rather than whether it is entirely objective or subjective
Pragmatism makes it possible to combine objective analytical results with subjective management interpretation, ethical reasoning, and regulatory responsibility in the context of AI-augmented managerial judgment. It validates methodological pluralism, enabling researchers to use mixed-method, quantitative, and qualitative methodologies as needed to address the study topic. In financial industries like Nepal's, where managerial choices must strike a balance between institutional limitations, cultural sensitivity, and analytical rigor, this flexibility is especially helpful. 
This study tackles the fragmentation seen in previous research and offers a cogent framework for investigating how AI-augmented analytics influence management judgment by explicitly taking a pragmatic philosophical approach. Pragmatism makes it possible to assess AI-assisted decision-making in terms of management usefulness, ethical responsibility, and practical effect in addition to technical performance.
[bookmark: _Toc217819248]3.4.4 Consequences for the Current Research
 The current coursework's structure and design are directly influenced by the finding of this conceptual gap. First, it supports the use of a philosophically grounded literature review that does more than just compare results; it also critically investigates underlying assumptions. Second, it offers the justification for the methodological and philosophical examination of a single empirical study in Chapter 4, which illustrates how philosophical stance influences research design and knowledge claims in real-world situations.
Lastly, the study is in line with the goals of doctoral-level business research, which aims to provide information that is both theoretically sound and practically applicable, by basing the analysis in a pragmatic framework. Thus, this synthesis ensures consistency throughout the coursework by acting as a link between the critical literature evaluation and the next in-depth study analysis.
[bookmark: _Toc217819249]3.5 Theoretical Framework
[image: theoretical framewrk]

[bookmark: _Toc217819250]Figure 1: theoretical framework
[bookmark: _Toc217819251]3.5.1 Overview of the Theory
With specific reference to the banking environment in Nepal, this chapter creates a theoretical framework to describe how AI-augmented analytics transform management judgment in the financial industry. Instead of testing causal linkages, the conceptual framework aims to combine the institutional, technical, philosophical, and human aspects of decision-making. The concept presents management judgment as an emerging socio-technical process impacted by interactions between AI systems, human decision-makers, and regulatory settings by embracing a pragmatic research methodology.
[bookmark: _Toc217819252]3.5.2 Philosophical Underpinnings: Pragmatism as an Integrative Perspective
 Pragmatism, which puts practical implications, contextual relevance, and problem-centered research ahead of strict epistemological commitments, is the foundation of the framework (Dewey, 1938; Morgan, 2007). When analyzing AI-augmented decision-making in financial institutions, where efficacy, accountability, and regulatory compliance are more important than philosophical purity, pragmatism is especially appropriate.
Pragmatism allows for the integration of many types of information instead of defining AI-supported judgments as either socially produced or objectively ideal. This philosophical position, which reflects the complex reality of organizational decision-making, justifies the concurrent examination of management interpretation, institutional restrictions, and quantitative analytics (Saunders et al., 2019).
[bookmark: _Toc217819253]3.5.3 The Technical Aspect of AI-Augmented Analytics 
The framework's technological basis is AI-augmented analytics. These technologies include real-time risk dashboards, explainable AI tools, machine learning-based decision assistance, and predictive analytics. By analyzing massive amounts of organized and unstructured data, these technologies are intended to improve managerial decision-making's speed, accuracy, and consistency (Davenport and Ronanki, 2018).
Nonetheless, technological determinism is expressly rejected by the framework. Instead than being choice replacements, AI outputs are thought of as decision inputs that need contextual validation and human interpretation. This stance is consistent with recent studies that highlight AI as a tool for augmentation rather than an independent decision-maker (Jarrahi, 2018).
[bookmark: _Toc217819254]3.5.4 Human-AI Communication: The Socio-Technical Foundation
 The main way that AI-augmented analytics affect management judgment is through human-AI interaction, which is at the core of the framework. This socio-technical interface describes how managers evaluate algorithmic results, gauge their level of confidence in AI systems, accept or reject suggestions, and defend their choices.
The paradigm, which is based on socio-technical systems theory, emphasizes that human cognition and technology artifacts interact to produce decision quality rather than any component acting alone (Orlikowski, 1992). Therefore, explainability, openness, and usability are crucial elements that determine whether AI technologies strengthen or weaken management judgment (Schmitt, 2024).
[bookmark: _Toc217819255]3.5.5 The Human and Ethical Aspect of Managerial Judgment
 The approach views managerial judgment as a dynamic ethical and cognitive process rather than a fixed result. It includes professional competence, experience-based reasoning, sensemaking, and ethical assessment (Simon, 1955; Weick, 1995). Managers are still in charge of decision-making even when AI technologies offer advanced analytical help, especially in regulated financial settings.
The concept emphasizes that management judgment is reshaped but not replaced by AI-augmented analytics. Rather, judgment develops by interaction with analytical ideas, highlighting the crucial role of ethical duty and human accountability.
[bookmark: _Toc217819256]3.5.6 Institutional and Contextual Moderators 
The theoretical approach specifically takes into account institutional and contextual variables that influence the relationship between management judgment and AI-augmented analytics. The adoption, interpretation, and operationalization of AI technologies in the Nepalese financial industry are heavily influenced by the Nepal Rastra Bank's regulatory requirements, organizational digital maturity levels, management expertise, and prevalent ethical values. These contextual factors limit purely technical implementations and uphold standards of responsibility, explainability, and openness in AI-assisted decision-making.
The institutional forces influencing human-AI interaction are further demonstrated by recent regulatory guidelines from the Nepal Rastra Bank, which emphasizes the necessity for financial firms to seek informed permission for the use of client data and explain AI-supported judgments. These specifications highlight the fact that AI systems cannot make decisions on their own and that managers are still in charge of assessing algorithmic results, using professional judgment, and making sure that privacy and governance regulations are followed. The model represents the reality that managerial judgment in financial institutions is institutionally embedded, ethically grounded, and socio-technically mediated rather than technologically autonomous by incorporating organizational and regulatory context into the framework (Floridi et al., 2018; Nepal Rastra Bank, 2024).
[bookmark: _Toc217819257]3.5.7 Combined Structure Reasoning 
When combined, the paradigm shows how human-AI interaction mediates the generation of decision-relevant insights from AI-augmented data. This interplay gives rise to managerial judgment, which is influenced by institutional, legal, and cultural factors. By assessing AI-supported judgments according to their organizational relevance, ethical defensibility, and practical utility, pragmatism incorporates these factors.
Crucially, the paradigm offers a conceptual lens for comprehending the philosophical and theoretical underpinnings of AI-augmented management judgment rather than making empirically verifiable causal assertions. Additionally, it provides an organized framework for upcoming empirical DBA studies.
[bookmark: _Toc217819258]3.5.8 Summary and Feedback 
This theoretical framework advances management decision-making and artificial intelligence research by:
· Viewing management decision-making as a socio-technical procedure
· Providing a context-sensitive model pertinent to Nepal's financial industry;
· Integrating technical, human, and institutional factors; 
· and explicitly integrating pragmatism as the driving research philosophy 
[bookmark: _Toc217819259]The framework enhances knowledge of how new technologies alter management judgment while upholding human accountability and ethical responsibility by placing AI-augmented analytics into a pragmatic and socio-technical framework.

CHAPTER FOUR: PHILOSOPHICAL AND METHODOLOGICAL ANALYSIS
[bookmark: _Toc217819260]4.1 Study Selection and Relevance 
This chapter offers a methodological and philosophical examination of Schmitt's (2024) arXiv publication, "Explainable Automated Machine Learning for Credit Decisions: Enhancing Human–Artificial Intelligence Collaboration in Financial Engineering." The topic was chosen because it is highly relevant to the current research focus on management judgment and AI-augmented analytics in financial decision-making situations.
By improving transparency, interpretability, and human-AI collaboration, Schmitt (2024) investigates how explainable automated machine learning (AutoML) systems might assist human decision-makers in credit evaluation. Despite not being physically located in Nepal, the study's emphasis on human supervision, regulatory sensitivity, and credit decision-making makes it very applicable to the country's financial industry, where management responsibility and regulatory compliance are still crucial.
Because it combines technical AI research with human decision-making considerations, the subject is especially well-suited for philosophical analysis, allowing for a critical critique of its ontological, epistemological, and axiological presumptions. 
4.2 Positioning Ontologically 
Schmitt (2024) adopts a hybrid socio-technical ontological stance, according to which human actors and automated machine learning systems interact to produce credit decisions. AI outputs are not treated in the research as objective depictions of reality that exist apart from human perception. Rather, model explanations are presented as artifacts that gain significance by management involvement and contextual comprehension.
Strict positivist ontologies, which hold that algorithmic results represent an objective financial reality, are in opposition to this viewpoint. Schmitt (2024) indirectly acknowledges that human judgment, ethical issues, and regulatory expectations all influence creditworthiness, which is not only a technical concept. This is consistent with socio-technical viewpoints, which hold that human-technology interaction co-constructs reality. 
4.3 Assumptions Regarding Epistemology 
Schmitt (2024) exhibits a pragmatic approach to epistemology, integrating qualitative issues of interpretability and usability with quantitative model performance evaluation. Empirical testing of AutoML models and evaluation of how explanations enable human comprehension and oversight produce knowledge about efficient credit decision-making.
The study makes the assumption that legitimate knowledge encompasses the extent to which AI systems improve human judgment in addition to predicted accuracy. Both positivist dependence on statistical measures and simply interpretivist emphasis on subjective meaning are transcended by this epistemological position. Rather, it represents a "what works" logic that is in line with pragmatic inquiry, where information is assessed according to how it affects the quality and accountability of decisions. 
Philosophical presumptions are still mostly implicit, though. Many AI decision-support research use hybrid epistemologies without clearly stating how various knowledge claims are prioritized, as Buçinca et al. (2021) contend. Schmitt's otherwise integrated method is limited by this absence of overt philosophical reflexivity.
[bookmark: _Toc217819261]4.4 Design and Assessment of Methods 
Schmitt (2024) focuses on the creation and assessment of explainable AutoML systems for credit judgments utilizing an experimental and design-oriented research methodology. In order to facilitate human understanding, the study integrates explainability methodologies with existing quantitative criteria to evaluate model performance.
Because it allows for the simultaneous assessment of both technological efficacy and human usability, this methodological design is in line with the study's epistemological position. Nevertheless, the approach places more emphasis on explanatory processes and system performance than on empirical research on management experience. From a DBA standpoint, this presents a chance to supplement such designs with qualitative techniques that record managers' actual interactions with AI explanations in actual organizational settings.
According to Buçinca et al. (2021), human-AI collaboration is dependent on organizational practices, cognitive load, trust calibration, and explanation quality. Schmitt (2024) only touches on a few of these aspects, suggesting a methodological divide between lived management judgment and technical design. 

4.5 Ethical and Axiological Issues 
From an axiological perspective, Schmitt (2024) emphasizes the importance of values like responsibility, openness, and justice in credit decision-making. The ethical dangers of opaque automated choices, especially in regulated financial systems, are clearly acknowledged in the paper. The study's emphasis on explainability reflects normative commitments to human control and responsible AI deployment.
In Nepal's financial industry, where social responsibility and regulatory scrutiny are crucial, this value orientation is extremely pertinent. However, system design—rather than organizational or cultural values—is the primary focus of ethical issues, which are mostly presented in technical terms. According to Buçinca et al. (2021), explainable models are necessary for ethical AI, but so is alignment with human cognitive abilities and institutional accountability frameworks. This implies that although Schmitt's axiological stance is sound, it may be improved by a closer examination of organizational and administrative ethics.
[bookmark: _Toc217819262]4.6 Strengths and Limitations of the Study
The merging of explainable AI with automated machine learning in a high-stakes financial decision environment is Schmitt's (2024) main strength. The work contributes to our understanding of how AI systems might enhance human judgment rather than replace it, which is in line with current ethical and legal requirements. 
However, a number of drawbacks are apparent. First, how managers understand and use AI explanations in real-world situations is not experimentally examined in this work. Second, philosophical presumptions are still implicit, which restricts reflexive comprehension of the construction of knowledge claims. Lastly, the lack of contextual analysis limits our understanding of how organizational culture and legal frameworks influence human-AI cooperation.
These restrictions are a reflection of more general issues noted by Buçinca et al. (2021), who warn against overestimating explain ability's efficacy without taking organizational and human cognitive aspects into account.
[bookmark: _Toc217819263]4.7 Consequences for Current Research
 When researching AI-augmented management judgment, it is crucial to adopt a clearly pragmatic research attitude, as Schmitt's (2024) analysis highlights. The study's shortcomings underscore the need for research strategies that include technical evaluation with management expertise and contextual sensitivity, even if it shows how explainable AutoML may improve decision assistance.
[bookmark: _Toc217819264]This analysis encourages the use of pragmatism to direct methodological decisions for the current investigation based on practical usefulness rather than philosophical purity. Pragmatic study makes it possible to examine how AI analytics work in reality, balancing performance, explainability, and human judgment in Nepal's financial industry, where management responsibility and regulatory compliance are crucial.






CHAPTER FIVE: DISCUSSION AND CONTRIBUTION
[bookmark: _Toc217819265]5.1 Reinterpreting Managerial Judgment in Financial Decision-Making Enhanced by AI 
By changing how information is produced, understood, and used inside organizations, AI-augmented analytics radically transform management judgment, as the study in the previous chapter’s shows. Conventional ideas of management judgment place a strong focus on personal intuition, experience, and thought (Simon, 1955). However, this perspective is called into question by the growing incorporation of AI systems into financial decision-making, which introduces algorithmic recommendations that affect managers' perceptions of risk, opportunity, and responsibility (Davenport and Ronanki, 2018).
According to positivist, interpretivist, and socio-technical viewpoints, judgment is neither exclusively algorithmic nor exclusively human. Particularly in data-intensive fields like credit evaluation, positivist research frequently presents AI results as superior and objective predictors of outcomes (Ghassemi et al., 2021). Interpretivist research, on the other hand, emphasizes that managers actively interpret AI-generated insights using professional experience, organizational norms, and contextual knowledge (Weick, 1995; Glikson and Woolley, 2022). By conceptualizing judgment as a distributed process influenced by interactions between people, technology, and institutional structures, socio-technical perspectives incorporate multiple viewpoints (Orlikowski, 1992; Jarrahi, 2018).
This mixed character of judgment is especially noticeable in regulated financial sectors like the banking industry in Nepal. Even if AI-augmented analytics help with decision-making, human managers are still ultimately responsible for the results, which emphasizes the need to see judgment as a socio-technical and context-dependent process rather than just a technological one. 
5.2 Philosophical Consequences: Defending Pragmatism 
The synthesis of philosophical viewpoints shows that studying AI-augmented management judgment using a single research paradigm has serious drawbacks. Although positivist methods are methodologically rigorous and predictive, they frequently overlook contextual interpretation and ethical obligation (Guba and Lincoln, 1994). Although interpretivist methods address these issues by looking at trust and sensemaking, they fall short in terms of generalizability and decision auditability, which are crucial in the financial services industry (Crotty, 1998).
Although socio-technical views offer a more balanced understanding, they often lack clear philosophical articulation, leading to methodological eclecticism rather than philosophical coherence (Venkatesh, Brown, and Bala, 2013). Researchers attempting to combine technical performance indicators with management and ethical issues face difficulties as a result of this fragmentation. 
By emphasizing the useful implications of knowledge rather than ontological or epistemological absolutism, pragmatism offers a philosophically sound answer to these problems (Dewey, 1938; Morgan, 2007). From a practical standpoint, the value of AI-generated insights is found in their capacity to facilitate practical decisions that are efficient, responsible, and morally justifiable. According to Saunders et al. (2019), this strategy validates methodological pluralism and permits researchers to mix quantitative and qualitative approaches according to how well they work to solve practical issues.
Pragmatism is especially relevant in the context of Nepal's financial industry since it is necessary to strike a balance between ethical accountability, regulatory compliance, and analytical efficiency. AI-augmented analytics may be evaluated for management usability, transparency, and governance in addition to predicting accuracy thanks to pragmatic inquiry. 
5.3 Contributions to Theory 
This work adds a number of significant theoretical insights to the field of management judgment and AI-augmented analytics. 
First, it promotes a conceptualization of management judgment as a socio-technical phenomena that is anchored in philosophy. The study goes beyond disjointed explanations of AI-supported decision-making and provides an integrated understanding of how judgment is reshaped through human–AI interaction by combining positivist, interpretivist, and socio-technical insights within a pragmatic framework (Jarrahi, 2018; Raisch and Krakowski, 2021).
Second, by showing how implicit philosophical presumptions influence AI and management research, the paper advances research philosophy. Even technically sophisticated investigations frequently incorporate unexamined epistemological and axiological attitudes, especially with regard to objectivity, explainability, and accountability, as Schmitt's (2024) study demonstrates. This supports arguments for more philosophical reflection in business research at the PhD level (Johnson and Clark, 2006). 
Third, by concentrating on developing financial environments, the study fills a research vacuum that mostly looks at AI adoption in established nations (Ghassemi et al., 2021). The paper illustrates how institutional maturity, legal frameworks, and cultural norms affect the molding of management judgment by placing the issue inside Nepal's banking industry.
[bookmark: _Toc217819266]5.4 Useful Advice for Policymakers and Managers 
Practically speaking, the results have important ramifications for managers and legislators.
The study emphasizes how crucial it is for managers to continue critical interaction with AI-generated advice. Although explainable AI systems improve transparency, professional judgment, ethical reasoning, and contextual awareness are still necessary (Buçinca et al., 2021; Schmitt, 2024). As a result, managers need to learn how to assess AI results, identify model limits, and defend choices to stakeholders and regulators.
The paper emphasizes that politicians and regulators must consider AI governance as a socio-technical issue rather than just a technological one. Given that algorithms cannot be given decision-making authority, regulatory frameworks should place a strong focus on explainability, accountability, and human oversight (Floridi et al., 2018). This highlights the significance of coordinating AI implementation with current banking laws and moral principles in Nepal's financial industry to guarantee that AI enhances rather than diminishes management accountability.
[bookmark: _Toc217819267]5.5 Consequences for Upcoming DBA Studies 
Additionally, this discovery has significant ramifications for DBA research in the future. Instead of strictly sticking to single paradigms, future research may create inquiry that directly addresses management and regulatory concerns by embracing a pragmatic research philosophy (Saunders et al., 2019). Because they enable researchers to integrate performance evaluation with insights into management interpretation and ethical reasoning, mixed-method techniques are especially well-suited to studying AI-augmented decision-making.
As AI usage in financial institutions develops, future studies may examine long-term shifts in executive responsibilities and decision cultures. Such research would improve knowledge of how AI changes judgment over time, especially in developing nations where the use of technology is changing quickly.
[bookmark: _Toc217819268]5.6 Overview of the Chapter 
This chapter has shown how AI-augmented analytics change management judgment in intricate ways that call for philosophical integration as opposed to paradigm exclusivity. This study synthesizes several viewpoints to produce findings that are both theoretically sound and practically applicable by using a pragmatic research philosophy. The conversation offers a solid basis for the appropriate deployment of AI in financial services and highlights the significance of conceptual clarity in AI research.




[bookmark: _Toc217819269]
CHAPTER SIX: CONCLUSION
[bookmark: _Toc217819270]6.1 Overview of the Study
Using a research philosophy lens and concentrating on Nepal's banking industry, this project aimed to critically analyze how AI-augmented analytics modify managerial judgment. The study showed that a single philosophical paradigm is insufficient to fully comprehend AI-supported decision-making by methodically examining positivist, interpretivist, and socio-technical viewpoints. Rather, human interpretation, algorithmic insights, ethical concerns, and regulatory limitations create managerial judgement as a complicated, context-dependent process (Orlikowski, 1992; Jarrahi, 2018). 
The philosophical review made clear that although AI-augmented analytics improve efficiency and predictive power, they also present new ethical and epistemic problems. These difficulties are especially noticeable in regulated financial settings, where, despite a growing dependence on algorithmic assistance, decision responsibility is still human-centered (Floridi et al., 2018; Schmitt, 2024).
[bookmark: _Toc217819271]6.2 Important Philosophical Understandings 
The three main philosophical stances were found to have distinct advantages and disadvantages. The interpretative and ethical aspects of management judgment are often marginalized by positivist methods, despite their contribution to methodological rigor and performance assessment (Guba and Lincoln, 1994; Davenport and Ronanki, 2018). Although interpretivist viewpoints emphasize context, trust, and sensemaking to close this gap, they frequently lack generalizability and decision auditability (Weick, 1995; Crotty, 1998).
Although socio-technical and hybrid views provide a more comprehensive knowledge of human–AI collaboration, they sometimes lack conceptual clarity, which limits consistency in study design and interpretation (Venkatesh, Brown, and Bala, 2013). The necessity for a research philosophy that can integrate several types of information without favoring one paradigm over another is highlighted by this fragmentation.
[bookmark: _Toc217819272]6.3 The Rationale and Significance of Pragmatism 
The best philosophical position for analyzing AI-augmented management judgment in Nepal's banking industry was found to be pragmatism. Pragmatism, which has its roots in problem-centered inquiry and practical implications, allows researchers to assess information not according to ontological or epistemological absolutes but rather according to how useful it is in making decisions in the actual world (Dewey, 1938; Morgan, 2007).
Pragmatism encourages the integration of quantitative performance measures with qualitative insights into management interpretation and ethical reasoning by validating methodological diversity (Saunders et al., 2019). This strategy is especially pertinent in financial settings, where AI systems need to enable transparent, responsible, and morally sound judgments in addition to performing properly. Schmitt's (2024) investigation showed how pragmatic inquiry may highlight the advantages and disadvantages of AI-driven decision assistance, highlighting the necessity of human supervision and contextual awareness.
[bookmark: _Toc217819273]6.4 Contributions and Implications
Both theoretical and practical contributions are made by the study. Theoretically, it promotes a philosophically based comprehension of management judgment as a socio-technical phenomena influenced by interactions between humans and artificial intelligence. By demonstrating how implicit philosophical presumptions affect AI and management research, it also advances research philosophy by highlighting the significance of explicit philosophical orientation in doctoral-level investigation (Johnson and Clark, 2006). 
Practically speaking, the results emphasize how crucial it is for managers and policymakers to critically interact with AI-augmented analytics. Responsible AI implementation in Nepal's financial industry necessitates not just advanced technology but also governance frameworks that guarantee accountability, transparency, and moral supervision. While regulators must acknowledge the socio-technical character of AI-supported decision-making, managers must continue to actively participate in the interpretation of AI outputs (Buçinca et al., 2021; Floridi et al., 2018).
[bookmark: _Toc217819274]6.5 Restrictions and Prospects for Further Research
This assignment's use of conceptual analysis and secondary sources limits it as a philosophically focused evaluation. Future research should expand on this work by empirically examining management experiences in Nepal's financial institutions, even if the chosen study offered insightful information on AI-augmented decision-making. When analyzing how management judgment changes as AI adoption develops over time, longitudinal and mixed-method research would be very helpful.
In order to determine how cultural, institutional, and regulatory variations influence human–AI cooperation in financial decision-making, future DBA research might also examine comparative study across emerging nations.
[bookmark: _Toc217819275]6.6 Concluding Remarks 
[bookmark: _Toc217819276]This study concludes by showing how AI-augmented analytics transform management judgment in ways that necessitate philosophical integration rather than paradigm exclusivity. The study offers a logical framework for investigating AI-supported decision-making that is both analytically sound and practically applicable by embracing a pragmatic research ethic. For academics, managers, and legislators attempting to negotiate the moral and practical difficulties of AI adoption in financial services, this strategy provides helpful direction.
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