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[bookmark: _Toc71579268]1. Introduction
The purpose of this report is to analyse the dataset of house prices in India and to perform categorization and forecasting. The dataset needs to be pre-processed before being imported into Weka. After the import is successful, the data set can be previewed, and various classification methods can be used to create the model and get the classification results. The present questions related to the content of the dataset attempt to be answered using a different model. Any significant findings will then be discussed and reported, and finally a conclusion will be drawn on the whole process.


[bookmark: _Toc71579269]2. Dataset
The dataset used in this project is "Housing Price Forecasting Challenge" which is published by Devrup Banerjee on Kaggle in 2020. This dataset has been collected across various property aggregators across India [1]. Those who provided data included owners, dealers and builders.
The dataset is divided into test set and train set. The train set contains 29,451 pieces of data and 12 attributes, while the test set contains 68,720 pieces of data and 11 attributes [2]. All attributes will be used for analysis. The train set has one more housing price attribute (PRICE_IN_LACS) than the test set. The identity of the data provider (POSTED_BY) is also an attribute and other common attributes of the test set. The detailed description of the attributes is shown in the following Table 1.
Table 1 Attribute Description
	Attribute
	Description

	POSTED_BY
	Category marking who has listed the property

	UNDER_CONSTRUCTION
	Under Construction or Not

	RERA
	Rera approved or Not

	BHK_NO
	Number of Rooms

	BHKORRK
	Type of property

	SQUARE_FT
	Total area of the house in square feet

	READYTOMOVE
	Category marking Ready to move or Not

	RESALE
	Category marking Resale or not

	ADDRESS
	Address of the property

	LONGITUDE
	Longitude of the property

	LATITUDE
	Latitude of the property

	PRICE_IN_LACS
	House prices in India (Need to be predicted)


According to Kaggle, the purpose of this dataset is to predict house prices in India as accurately as possible. There may have other factors besides the size of a house that determine the price of a house/property, so it is necessary to find out the correlation between the various attributes.
The file names of the experiments are ‘train.csv ‘and ‘test.csv’. The size of the dataset and the number of attributes is appropriate for data analysis, and the dataset used for modelling does not include mismatches and missing values. Because it is impossible to accurately predict the accurate housing price and the test set does not contain the price attribute, it is necessary to classify the price attribute and the housing area attribute in advance, so that the prediction analysis can be carried out according to the attribute types of different documents. In summary, the data set needs to be pre-processed so that it can be loaded into Weka to facilitate experiments.
The original train dataset and test dataset are shown in Figure 1 and Figure 2.
[image: ]
Figure 1 The ‘train’ CSV file
[image: ]
Figure 2 The ‘test’ CSV file



[bookmark: _Toc71579270]3. Data Pre-Processing
[bookmark: _Toc71579271]3.1 Removal of inappropriate attributes
After observation, there are many wrong data of longitude and latitude in the data set, and some data indicate that the location is not in India. Compared with other attributes, latitude and longitude are not important, because if experimentation needs location information, keeping the address attribute is enough. The examples and reasons for deleting attributes are shown in Table 2.
Table 2 The deleted attributes
	Attribute

	Example Data
	Reason

	LONGITUDE
	-38.391261
	A lot of non-compliant data, for example, longitude cannot be negative


	LATITUDE
	-118.3541
	A lot of non-compliant data, for example, longitude cannot be negative


The dataset after removing the inappropriate attributes in Excel is shown in the figure 3.
[image: ]
Figure 3 The dataset with inappropriate attributes removed
[bookmark: _Toc71579272]3.2 Replacing the attribute content
When I imported the data into Weka, I found that the Address attribute value could not be displayed (Details shown in Figure 4). After browsing the original data, I found that the Address attribute included street, building name, block number and city at the end, for example, Electronics City Phase 1, Bangalore. I think the city is relatively the most important information, and keeping it alone is more helpful for experimental analysis, so I used the tool of Excel to divide the data and finally only retained the city information.
[image: ]
Figure 4 The display of Address (1)
First replace ",," with ", "with "," using the Find and Replace tool, otherwise the import into Weka will fail because the data cannot begin with a comma. Specific operation is shown in the figure 5. Then I need to use the Convert Text to Columns tool to split the 	Address data. The operation process is shown in Figure 6. The dataset after removing the columns that are not needed after the split is shown in the figure 7. I use city data replace the address data, After I replace the address data with the city data, Weka displays the address data.
[image: ]
Figure 5 Find and Replace
[image: ]
Convert Text to Columns (a)
Convert Text to Columns (b)[image: ][image: ]                                     Convert Text to Columns (c)
Figure 6 Convert Text to Columns 
[image: ]
Figure 7 Preserving the address attributes of the city data
[image: ]
Figure 8 The display of Address (2)
[bookmark: _Hlk71496101][bookmark: _Toc71579273]3.3 Change the content of the data without changing the meaning
When importing the Weka preview data, I found that it was easy for Weka to automatically recognize the data as numeric if the data content was 0 or 1, but I wanted a data type that I could classify. Therefore, I want replace 0 with no and replace 1 with yes and such replacement do not change the meaning of the data. The contents of the "UNDER_CONSTRUCTION", "RERA", "READY_TO_MOVE" and "RESALE" columns in the dataset are all 0 or 1. I use the Find and Replace tool in Excel to replace the content. Take the replacement of 0 with no as an example, the specific operation is shown in the figure 9 and the dataset is shown in figure 10.
[image: ]
Figure 9 Replacing 0 with no
[image: ]
Figure 10 The dataset with four column data contents changed
[bookmark: _Toc71579274]3.4 Creating new attributes column
[bookmark: _Hlk71489652]Because it is difficult to accurately predict the house price, I want to divide the house price into five classes: very low, low, middle, high, very high and create a new attribute named “THE LEVEL OF PRICE” for this. 
By sorting the house prices (The sorting used in Excel is shown in the figure 11, I first tried to count the house prices according to the number of digits in the data and the price is preliminarily divided into five classes: one-digit, double-digit, three-digit, four-digit and five-digit. Then I use the COUNTIF function to count the total number of digits at different price and the number of each class is shown in Figure 12. 
[image: ]
Figure 11 Sort house price
[image: ]
Figure 12 Preliminary price classification of the train set
Obviously, the two-digit data accounted for the largest proportion, so I considered using the median or average of the two-digit data to divide the two-digit data into two part. First, I use Median function and average function in Excel to calculate median and average and the result is 49.7 and 69.05056 respectively. When using the average value to divide the interval (COUNTIF function is also used to count the number of categories.), the data is divided into 14,591 and 6,645 pieces. The median divides the data equally into 10,681 numbers per segment. I think it's more scientific to use the median to divide the data because the data is more evenly distributed, so I use the median to divide the interval. The results of data division are shown in Table 3.
Table 3 The count of price label
	Label

	Count

	very low
	139

	low
	10618

	middle
	10618

	high
	7764

	very high
	312


Then use the IF function in Excel and according the basis of division to fill the data of “THE LEVEL OF PRICE”. The dataset with the new attribute, THE LEVEL OF PRICE, has been added as shown in the figure 13.
[image: ]
Figure 13 The dataset with “THE LEVEL OF PRICE”
Considering that the test set data does not have accurate housing price data, I would like to use house size (SQUARE_FT) as a classification basis as well. I try to divide the house size data with the method of dividing the price category data and create a new attribute named “THE LEVEL OF SQUARE” which has five class: very small, small, middle, big, very big. First, divide the data into categories according to the number of data, then calculate the median and average, and use them to divide the largest part.  The intermediate process of the method is shown in Figure 14. Finally, I merge some types of data and finally get five types of data and the final partition result according to the median number and average number are shown in table 4 and table 5 respectively.  Because the amount of data divided by the two methods is relatively balanced, the results are retained named “THE LEVEL OF SQUARE1” and “THE LEVEL OF SQUARE2” respectively. Then the better classification method of “SQUARE_FT” was selected through experiments in Weka.
[image: ]
Figure 14 The intermediate process of the method
Table 4 The count of “THE LEVEL OF SQUARE1” 
	Label

	Count

	very small
	27

	small
	9594

	middle
	9820

	big
	9820

	very big
	190


[bookmark: _Hlk71489273]Table 5 The count of “THE LEVEL OF SQUARE2” 
	Label

	Count

	very small
	27

	small
	9594

	middle
	12926

	big
	6714

	very big
	190


[bookmark: _Hlk71492965]After using the IF function in Excel, the data of “THE LEVEL OF SQUARE1” and “THE LEVEL OF SQUARE2” are both filled. The dataset with “THE LEVEL OF SQUARE1” and “THE LEVEL OF SQUARE2” are shown in figure 15.
[image: ]
Figure 15 The dataset with “THE LEVEL OF SQUARE1” and “THE LEVEL OF SQUARE2”
[bookmark: _Toc71579275]3.5 Creating the ARFF file for Weka
After data pre-processing is completed, use Weka to open the CSV file and save the file as an ARFF format file. I can see the header section for the file in Editplus: 
@relation homework
@attribute POSTED_BY {Owner,Dealer,Builder}
@attribute UNDER_CONSTRUCTION {no,yes}
@attribute RERA {no,yes}
@attribute BHK_NO. {1,2,3,4,5,6,7,8,9,10,11,12,13,15,17,20}
@attribute BHK_OR_RK {BHK,RK}
@attribute SQUARE_FT numeric
@attribute READY_TO_MOVE {yes,no}
@attribute RESALE {yes,no}
@attribute ADDRESS {Bhubaneswar,Coimbatore,Bangalore,Hosur,Vadodara,Aurangabad,Maharashtra,Raigad,Rajkot …}(The city has a total of 432, omitted here)
@attribute LONGITUDE numeric
@attribute LATITUDE numeric
@attribute TARGET(PRICE_IN_LACS) numeric
@attribute 'THE LEVEL OF PRICE' {'very low',low,middle,high,'very high'}
@attribute 'THE LEVEL OF SQUARE1' {big,'very big',middle,small,'very small'}

[bookmark: _Toc71579276]4. Data Visualisation in Weka
The overview diagram after importing the data into Weka is shown in Figure 16. The city has too many classes and cannot be displayed in the overview diagram, but it can still be displayed separately in Weka as shown in Figure 17.
[image: ]
Figure 16 The visualisation of dataset in Weka (train set)
[image: ]
Figure 17 The display of Address (train set)
Roughly speaking, dealers provide the most data. Most houses have been built and have real estate certificates. Most houses have 2 rooms, and most houses are second-hand houses. These attributes all affect the final housing price. These conclusions are only superficial, if further analysis is needed, other tools or methods of classification and prediction in Weka may be needed.


[bookmark: _Toc71579277]5. Data Analysis
At first, I tried to use the model of the training set to predict the price of the test set, but I failed. If I choose “supplied set” in the test options block in Weka, there will remind me that the attributes of the train set are different from those of the test set, as shown in figure 18. Then I search the Internet for a solution, and the Internet said the same attribute should be added to the test set, with the value set to the missing value. I followed the solution and the modified test set is shown in figure 19. Then, I try to use RandomForest to do simple classification and prediction, but it doesn't work, as shown in figure 20. Therefore, it is more reasonable to use THE LEVEL OF SQUARE to classify the test set in this project and use both THE LEVEL OF PRICE and THE LEVEL OF SQUARE to classify the train set.
[image: ]
Figure 18 the prompt of Weka
[image: ]
Figure 19 the test set filled with the same attributes as the train set 
[image: ]
Figure 20 the result of using RandomForest
[bookmark: _Toc71579278]5.1 The classification and prediction in train set
When I first classified the data, the accuracy of either the J48 method or the RandomForest method was very high as shown in figure 20 and figure 21. But after looking at the Tree view as shown in figure 22, I found that because I did not delete the numeric attributes SQUARE_FT and TARGET(PRICE_IN_LACS). Because the content of THE LEVEL OF SQUARE and THE LEVEL OF PRICE based on the numeric attributes, so the classification algorithm can easily classify only based on them and other attributes had no effect on the classification results. In summary, I delete the attributes SQUARE_FT and TARGET(PRICE_IN_LACS) in train set and delete the SQUARE_FT in test set. 
[image: ]
Figure 20 The result of J48
[image: ]
Figure 21 The result of RandomForest

[image: ]
Figure 22 The Tree View of classification
[image: ]
Figure 23 All attributes in train set
There are 2 questions to investigate the train set:
Table 6 questions in train set
	Question
	Tool

	1. Can data mining be used to find out what is the relationship between various attributes and house prices in train set?
	· RandomForest algorithm
· J48 algorithm

	1. Can data mining be used to find out what is the relationship between various attributes and house area in train set?
	· RandomForest algorithm
· J48 algorithm 


[bookmark: _Toc71579279]5.1.1 Question 1- Can data mining be used to find out what is the relationship between various attributes and house prices?
I can use classification techniques to analyse the relationships between individual data in a data set. The core of this question is whether it is possible to use attributes other than THE LEVEL OF PRICE to classify the data set and then use the classification results and THE LEVEL OF PRICE to calculate the classification accuracy.
Since the training set contains 29541 pieces of data, percentage split can be used to split the data set.
[bookmark: OLE_LINK10](1) RandomForest algorithm
RandomForest [3] should be considered as a very simple but effective algorithm. Its core idea is to form a forest by training and combining different decision trees, and the final classification results are decided by voting among these trees.
The classification results of RandomForest algorithm with different percentage split is shown in table 7.
[bookmark: OLE_LINK11]Table 7 The classification results of RandomForest algorithm (train set)
	Percentage split
	Correctly Classified Instances
	Incorrectly Classified Instances

	90%
	73.3107 %
	26.6893 %

	75%
	73.095 %
	26.905 %

	66%
	73.0001 %
	26.9999 %



(2)J48 algorithm
J48 is a decision tree algorithm based on C4.5 [4] and it uses divide and conquer methods.
I use the different percentage split and the classification results of J48 algorithm are shown in the table 7.
[bookmark: _Hlk71565554][bookmark: _Hlk71570195]Table 8 The classification results of J48 algorithm (train set)
	Percentage split
	Correctly Classified Instances
	Incorrectly Classified Instances

	90%
	73.2428 %
	26.7572 %

	75%
	72.9186 %
	27.0814 %

	66%
	73.2548 %
	26.7452 %


[bookmark: _Hlk71571613]In general, the result of J48 algorithm is better than randomForest algorithm. Therefore, I choose J48 algorithm to obtain better results by improving parameter values.
I want to improve the accuracy by changing the number of random seeds, but the effect after changing is not as good as when the seed is 1. The table 8 below shows the accuracy rates of different seed numbers when percentage split is 66%.
Table 9 The accuracy rates of different seed numbers (train set)
	Seed
	Correctly Classified Instances
	Incorrectly Classified Instances

	3
	72.9452 %
	27.0548 %

	2
	73.1449 %
	26.8551 %

	1
	73.2548 %
	26.7452 %


[bookmark: OLE_LINK12]There was little difference in the results under different parameters. The highest classification accuracy is the result of using the J48 algorithm when the percentage split is 90% and the random number seed is 1.[image: ]
Figure 24 The result of using the J48 algorithm (percentage split is 90% and seed is 1)
As shown in Figure 24, the following conclusions can be drawn after analysing the confusion matrix:
1) The highest classification accuracy rate is group b (2838), followed by group c (2356) and group d (2085). This shows that the model is better for classifying data that accounts for a relatively large data set. 
2) It is more difficult to classify data of a small number of “very low” and “very big” types. Data on extreme house prices are hard to predict.
According to the Tree Visualizer as shown in figure 25, the most relevant properties for price are THE LEVEL OF SQUARE, REAR, and UNDER_CONSTRUCTION.
[image: ]
Figure 25 The Tree Visualizer of THE LEVEL OF PRICR
[bookmark: _Toc71579280]5.1.2 Question 2- Can data mining be used to find out what is the relationship between various property attributes and house area?
The house size category was based on the median and the average divided into two categories namely, THE LEVEL OF SQUARE1 and THE LEVEL OF SQUARE2.
(1) THE LEVEL OF SQUARE1
First, I use the RandomForest algorithm to calculate the classification result. I delete the attribute named THE LEVEL OF SQUARE2 to ensure the reliability of the classification result. I used RandomForest algorithm and J48 algorithm for classification respectively.
1) RandomForest algorithm
The classification results of RandomForest algorithm with different percentage split is shown in table 10.
Table 10 The classification results of RandomForest algorithm (train set)
	Percentage split
	Correctly Classified Instances
	Incorrectly Classified Instances

	90%
	75.8234 %
	24.1766 %

	75%
	75.472 %
	24.528 %

	66%
	75.9912 %
	24.0088 %


In this case, the best percentage split with RandomForest algorithm is 66%, with an accuracy of 75.9912%.
2) [bookmark: _Hlk71571513]J48 algorithm
The classification results of J48 algorithm with different percentage split is shown in table 11.
Table 11 The classification results of J48 algorithm (train set)
	Percentage split
	Correctly Classified Instances
	Incorrectly Classified Instances

	90%
	75.5178 %
	24.4822 %

	75%
	75.5942 %
	24.4058 %

	66%
	75.7415 %
	24.2585 %


In this case, the best percentage split with J48 algorithm is same as RandomForest algorithm, but the Correctly Classified Instances is lower than RandomForest algorithm.
In summary, I choose RandomForest algorithm to analysis. The highest classification accuracy is the result of using the RandomForest algorithm when the percentage split is 66%. As shown in Figure 26, the following conclusions can be drawn after analysing the confusion matrix:
1)	The highest classification accuracy rate is group a (2909), followed by group d (2451) and group d (2199). This is because the number of the three classes accounted largest and model training is more sufficient. 
2)	It is more difficult to classify data of a small number of “very small” and “very big” types, but this part of the classification accuracy can reach more than 50%.
[image: ]
Figure 26 The confusion matrix of RandomForest algorithm (percentage split is 66%)
(2) THE LEVEL OF SQUARE2
For the same reason, I delete the attribute named THE LEVEL OF SQUARE1 and I used 1)	RandomForest algorithm and J48 algorithm for classification respectively.
1) RandomForest algorithm
The classification results of RandomForest algorithm with different percentage split is shown in table 10.
Table 12 The classification results of RandomForest algorithm (train set)
	Percentage split
	Correctly Classified Instances
	Incorrectly Classified Instances

	90%
	74.8048 %
	25.1952 %

	75%
	74.725 %
	25.275 %

	66%
	74.583 %
	25.417 %


In this case, the best percentage split with RandomForest algorithm is 90%, with an accuracy of 74.8048%
2) J48 algorithm
The classification results of J48 algorithm with different percentage split is shown in table 11.
Table 13 The classification results of J48 algorithm (train set)
	Percentage split
	Correctly Classified Instances
	Incorrectly Classified Instances

	90%
	75.0424 %
	24.9576 %

	75%
	74.9966 %
	25.0034 %

	66%
	75.0225 %
	24.9775 %


When the classification attribute is THE LEVEL OF SQUARE1, the suitable algorithm is RandomForest algorithm, but the best percentage split is 90%. Becaue the result is worse than the first one, I didn't analyse the situation.
In summary, when the algorithm is RandomForest algorithm and the attribute is THE LEVEL OF SQUARE1 (The data is better divided by the median), I can get relatively best result. 
[bookmark: _Toc71579281]5.2 The classification and prediction in test set
There are 1 question to investigate the test set: Can data mining find out the relationship between each attribute in the test set and the house area based on the classification basis of the train set? 
I use the median and average values calculated by the train set to classify the housing sizes in the test set and the test is shown in Figure 27.
[image: ]
Figure 27 The part of test set
[bookmark: OLE_LINK13]The core of this question is similar to the core of the training set question, whether it is possible to use attributes other than The LEVEL of SQUARE to classify the data set, but this question is based on the training set. Therefore, I use the similar experiment method and setup to classify the test set. I choose THE LEVEL OF SQUARE1 because it turns out to be more reasonable in the train set. 
1) RandomForest algorithm
The classification results of RandomForest algorithm with different percentage split is shown in table 14.
Table 14 The classification results of J48 algorithm (test set)
	Percentage split
	Correctly Classified Instances
	Incorrectly Classified Instances

	90%
	33.378 %
	66.622 %

	75%
	34.0022 %
	65.9978 %

	66%
	33.5884 %
	66.4116 %


2) J48 algorithm
The classification results of J48 algorithm with different percentage split is shown in table 15.
Table 15 The classification results of RandomForest algorithm (test set)
	Percentage split
	Correctly Classified Instances
	Incorrectly Classified Instances

	90%
	34.1145 %
	65.8855 %

	75%
	34.1368 %
	65.8632 %

	66%
	33.1511 %
	66.8489 %


As shown in the above two tables, the classified accuracy is very low. The classification method using the training set is not successful and there may be a lot of reasons. 
Relatively speaking, the better percentage split is 75% and the better algorithm is J48 algorithm. By analysing the confusion matrix (Figure 28), it can be seen that the Big, Middle and Small categories are still the most accurate predictions and small amounts of data are hard to predict.
[image: ]
Figure 28 The confusion matrix of J48 algorithm (percentage split is 75%)
[bookmark: OLE_LINK14]According to the Tree Visualizer(Figure 29), the most relevant properties for THE LEVE OF SQUARE are ADDRESS, REAR, and THE LEVEL OF PRICE.
[image: ]
Figure 29 the Tree Visualizer of THE LEVE OF SQUARE


[bookmark: _Toc71579282]6. Reflection
After this experiment, I understand the importance of understanding the use method of Weka and the importance of classification method and basis.
i. [bookmark: _Hlk71578319]Importing the dataset into Weka for analysis and prediction requires the following considerations:
（1) Data need to be pre-processed, because most data analysis requires the data to be made in the nominal type, because numerical data cannot be classified by using the classification algorithm and cannot be accurately predicted. Therefore, I need to use replace tool in excel to replace the content without changing the meaning of data or I need to classify the numeric type data to a number of classes (In this experiment, it is divided into 5 categories) and create new attribute to put the sorted data in.
（2)  Delete numeric types that have already been classified during classification, because this data can cause an error in classification accuracy.
（3) If the data is too long to display in Weka, keep only the most important parts of the data. In this experiment, all address information is replaced with city information.
ii. Notes on data classification:
（1) No matter what classification algorithm is used, in order to achieve the best classification prediction effect, a large number of experiments are required to adjust parameters and variables. The best results were obtained through comparative experiments
（2) For the classification of housing area in the test set and the training set, it is necessary to comprehensively consider all the data, otherwise, the classification results will only be good in the train set. In this experiment, the best percentage split is 75% and the best algorithm is J48 algorithm in test set, but the result of correctly classification is 34.1368 %.
In sum, the classification tool used in this project were successful. In order to make the classification more accurate, the data were classified in advance in this experiment, and the accuracy of price classification can reach 73.3% on the training set, and the accuracy of housing area classification can reach 75%.
Since the test set does not provide house price data, Weka cannot be used for prediction analysis temporarily, and other software such as Python can be used for prediction and classification of housing prices in the test set in the future.
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BHK_NO. BHK_OR RK SQUARE_FT READY TO_MOVE RESALE ADDRESS

LONGITUDE LATITUDE

Owner 0 0 1 BHK 54517134 1 1 Kamrej,Surat 21262 73.0477
Dealer 1 1 2 BHK 800 0 0 Panvel,Lalitpur 18.966114 73.14828
Dealer 0 0 2 BHK 1257.09651 1 1 New Town,Kolkata 225922 88.48491
Dealer 0 0 3 BHK 1400.32949 1 1 Kalwar Road Jaipur 26.9883  75.5846
Owner 0 0 1 BHK 43047783 1 1 Mai Mandir,Nadiad 227 72.87
Owner 0 0 2 BHK 500 1 1 Elora Park,Vadodara 21.716412 73.00408
Dealer 0 0 1 BHK 724.835886 1 1 Shirgaon,Maharashtra 19.032025 73.62154
Dealer 1 1 1 BHK 778.842862 0 1 AnjurdiveMumbai 18.96667 72.83333
Dealer 0 0 1 BHK 600.055819 1 1 Rambaug,Maharashtra 19.243817 73.13469
Dealer 0 0 2 BHK 1323.5917 1 1 Borivali (West),Lalitpur 19.2361 72.8338
Dealer 0 1 4 BHK 2773.52716 1 1 Mahanagar,Lucknow 26.86056 80.91583
Owner 0 0 3 BHK 1653.22581 1 1 Dairy Farm Road,Secunderabad 11.655167 92.72872
Owner 0 0 4 BHK 2549.16242 1 1 Pal Road,Jodhpur 26.173068 73.26135
Dealer 0 0 3 BHK 1590.34823 1 1 Sector 88 Faridabad,Faridabad 28431862 77.3511
Owner 0 0 2 BHK 1304.34783 1 1 Sector 88 Faridabad,Faridabad 28431862 77.3511
Dealer 1 1 3 BHK 153846154 0 1 Jalahalli,Bangalore 13.0519 775416
Owner 0 1 2 BHK 1140.06515 1 1 Sector-45 Noida,Noida 28553374 77.35561
Owner 0 0 1 BHK 550.055006 1 1 New Barrakpur,Kolkata 22680731 88.44281
Owner 0 0 2 BHK 1135.07378 1 1 Immadihalli,Bangalore 12.96573  77.76357
Dealer 0 0 2 BHK 1000.87032 1 1 Mihan, Lalitpur 2469028 78.41889
Owner 0 0 3 BHK 1209.97766 1 1 Chikkabanavar,Bangalore 13.08465 77.50141
Dealer 0 0 3 BHK 1522.85714 1 1 Chinnakakani,Guntur 16.4046  80.5579
Dealer 1 1 3 BHK 1645.16129 0 1 Zirakpur,Chandigarh 30.662283  76.8224
Dealer 0 1 3 BHK 1705.23751 1 1 Faizabad Road,Lucknow 26.86056 80.91583
Owner 1 0 2 BHK 900.090009 0 1 Ghumni Bazar Near Jaiswal Dharmshala Number 1,Kanpur 26.4725 80.33111
Dealer 0 1 2 BHK 1209.91254 1 1 Shamshabad Road.Agra 27.140626 78.04328
Dealer 0 0 1 BHK 453.040599 1 1 Kutwal Colony,Pune 18.52361 73.84778
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BHK_NO. BHK_OR RK SQUARE_FT READY TO_MOVE RESALE ADDRESS

TARGET(PRICE_IN_LACS)

0 0 2 BHK 130023641 1 1 Ksfc Layout,Bangalore 55
0 0 2 BHK 1275 1 1 Vishweshwara Nagar,Mysore 51
0 0 2 BHK 933159722 1 1 Jigani,Bangalore 43
0 1 2 BHK 929921143 1 1 Sector-1 Vaishali Ghaziabad 625
1 0 2 BHK 999.009247 0 1 New Town Kolkata 605
0 0 3 BHK 1250 1 1 South Chittoor Kochi 42
0 0 3 BHK 1495.05396 1 1 Sodala Jaipur 66.5
0 1 3 BHK 118101295 1 1 Kharar,Mohali 52
0 1 2 BHK 1040 1 1 Bileshivale,Bangalore 416
0 1 2 BHK £879.120879 1 1 Chromepet,Chennai 36
0 0 3 BHK 135030864 1 1 Deshbandhu Para Siliguri 5
0 0 2 BHK 133301018 1 1 Hebbal Bangalore 110
0 0 2 BHK 927.177902 1 1 Garebhavipalya,Bangalore 48
0 1 2 BHK 112217195 1 1 Sector-119 Noida,Noida 62
0 0 1 BHK 649.98375 1 1 sanjay nagar Raigad 20
1 1 3 BHK 139411765 0 1 Sector-150 Noida,Noida 711
0 0 3 BHK 1800.08471 1 1 Jharapada,Bhubaneswar ES
1 1 3 BHK 212489671 0 1 Konanakunte Bangalore 180
0 0 2 BHK 1100 1 1 Nagpur Road Wardha 2
0 1 3 BHK 217864924 1 1 Kogilu,Bangalore 120
0 0 2 BHK £881.143529 1 1 Poonamallee,Chennai 45
0 0 2 BHK 94488189 1 1 Undri,Pune 42
0 1 3 BHK 131014769 1 1 Sector-134 Noida,Noida 55
0 0 1 BHK 63000063 1 1 Bandra (West) Mumbai 300
0 0 2 BHK 121980971 1 1 Narendra Nagar,Nagpur 50
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POSTED_EUNDER C'RERA  BHK_NO. BHK OR_RK SQUARE_FT READY.TO_MRESALE  |ADDRESS TARGET(PRICE_IN_LACS)
Owner no no 2 BHK 3yes yes Hajipur 12
Owner no no 2 BHK 3985594238 yes Yes Raipur 249
Owner no no 2 BHK 5 yes Yes Chandigarh 45
Owner no no 2 BHK 9397110316 yes Yes Haldia 25
Owner no no 1 BHK 10 yes Yes Surat B
Owner no no 1 BHK 10.97990637 yes Yes Jalgaon 273
Owner no no 1 BHK 3178006662 yes Yes Noida 166
Owner no no 1 BHK 32 yes Yes Ghaziabad 13
Owner no no 1 BHK 22 yes Yes Noida 16
Owner no no 1 BHK 3768069607 yes Yes Lucknow. 165
Owner no no 4 BHK 4500019149 yes Yes Kanpur 25
Owner no no 1 BHK 49.00009188 yes Yes Kakinada 16
Owner no no 2 BHK 4980079681 yes Yes Nagpur 30
Owner no no 1 BHK 54.99945001 yes Yes Ghaziabad 35
Owner no no 1 BHK 55 yes Yes Mathura 165
Owner no no 1 BHK 58.00143623 yes Yes Goa 21
Owner yes no 1 BHK 60.00109093 no Yes Kanpur 2
Owner yes yes 2 BHK 70.88386956 no Yes Goa 488
Owner  no no 2 BHK 7400098668 yes Yes Goa 39
Owner no no 2 BHK 80 yes Yes Agra 2
Owner no no 1 BHK 80 yes Yes Pune 2%
Builder yes yes 1 BHK 9025270758 no no Maharashtra 2
Builder yes Yes 1 BHK 9025270758 no no Raigad 2
Owner no no 2 BHK 91000091 yes yes Aligarh 30
Owner no no 2 BHK 9800078401 yes Yes Aligarh 50
Owner no no 2 BHK 9800078401 yes Yes Aligarh 50
Owner no no 3 BHK 9997500625 yes Yes Jind 40

nn. 23 RHK 100 ves ves Kannur A2
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POSTED_BY UNDER CONSTRUCTION ~RERA BHKNO. BHK ORRK SQUAREFT READY.TO_MOVE RESALE ADDRESS TARGET(PRICE_IN_LACS) [THE LEVEL OF PRICE
Owner no no 2 BHK 3yes yes Hajipur 12{low
Owner no no 2 BHK 3985594238 yes Yes Raipur 24.9|low
Owner no no 2 BHK 5 yes Yes Chandigat 45|low
Owner no no 2 BHK 9397110316 yes Yes Haldia 325low
Owner no no 1 BHK 10 yes Yes Surat 8|very low
Owner no no 1 BHK 10.97990637 yes Yes Jalgaon 27.3|low
Owner no no 1 BHK 3178006662 yes Yes Noida 16.6|low
Owner no no 1 BHK 32 yes Yes Ghaziabac 13{low
Owner no no 1 BHK 22 yes Yes Noida 16{low
Owner no no 1 BHK 3768069607 yes Yes Lucknow 16.5low
Owner no no 4 BHK 4500019149 yes Yes Kanpur 235|low
Owner no no 1 BHK 49.00009188 yes Yes Kakinada 16{low
Owner no no 2 BHK 4980079681 yes Yes Nagpur 30|low
Owner no no 1 BHK 54.99945001 yes Yes Ghaziabac 35|low
Owner no no 1 BHK 55 yes Yes Mathura 16.5low
Owner no no 1 BHK 58.00143623 yes Yes Goa 21low
Owner yes no 1 BHK 60.00109093 no Yes Kanpur 22{low
Owner Yes yes 2 BHK 70.88386956 no Yes Goa 48.8|middle
Owner no no 2 BHK 7400098668 yes Yes Goa 39|low
Owner no no 2 BHK 80 yes Yes Agra 22{low
Owner no no 1 BHK 80 yes Yes Pune 24{low
Builder yes yes 1 BHK 9025270758 no no Maharash 2|very low
Builder Yes Yes 1 BHK 9025270758 no no Raigad 2|very low
Owner no no 2 BHK 91000091 yes yes Aligarh 30|low
Owner no no 2 BHK 9800078401 yes Yes Aligarh 50| middle
Owner no no 2 BHK 9800078401 yes Yes Aligarh 50| middle
Owner no no 3 BHK 9997500625 yes Yes Jind 40|low

no no 3 BHK 100 yes ves Kanpur 42]low.
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no 2 BHK 3yes yes Hajipur 12{low very small
no 2 BHK 3985594238 yes Yes Raipur 24.9|low very small
no 2 BHK 5 yes Yes Chandigat 45|low very small
no 2 BHK 9397110316 yes Yes Haldia 325low very small
no 1 BHK 10 yes Yes Surat 8|very low very small
no 1 BHK 10.97990637 yes Yes Jalgaon 27.3|low very small
no 1 BHK 3178006662 yes Yes Noida 16.6|low very small
no 1 BHK 32 yes Yes Ghaziabac 13{low very small
no 1 BHK 22 yes Yes Noida 16{low very small
no 1 BHK 3768069607 yes Yes Lucknow 16.5low very small
no 4 BHK 4500019149 yes Yes Kanpur 235|low very small
no 1 BHK 49.00009188 yes Yes Kakinada 16{low very small
no 2 BHK 4980079681 yes Yes Nagpur 30|low very small
no 1 BHK 54.99945001 yes Yes Ghaziabac 35|low very small
no 1 BHK 55 yes Yes Mathura 16.5low very small
no 1 BHK 58.00143623 yes Yes Goa 21low very small
no 1 BHK 60.00109093 no Yes Kanpur 22{low very small
yes 2 BHK 70.88386956 no Yes Goa 48.8|middle very small
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no 3 BHK 9997500625 yes Yes Jind 40|low very small
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