Assessing the Impact of Generative AI (GenAI) on Customer Satisfaction in the UK Retail Industry: A Quantitative Analysis of ASOS PLC.


Abstract
Research aim: This study aims to assess the impact of generative AI on customer satisfaction in London, UK.
Research methodology: This study focuses on primary sources of data where the researcher collects data from 30 respondents who are consumers of ASOS PLC and living in UK currently. Since, this study wants to apply scientific approach, so this study needs to rely on quantitative research method. In this case, this study applies closed-hand questionnaire to collect data from respondents through survey method. In addition, this study uses SPSS software to analyses the data. Likely, this this study applies frequency analysis method to present the response of respondents, descriptive statistics to measure the central tendency of respondents and regression analysis method to test the hypothesis. 
Research findings: This study finds out that Generative AI impact on consumer satisfaction. Significantly, AI Chatbot, Agentic AI is scientifically significant to improve consumer satisfactions. 
Limitation: This study collects data from 30 respondents. However, quantitative research needs to collect data from more than 100 respondents. Even this study also finds out communication barrier. 
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[bookmark: _Toc220281169][bookmark: _Toc213364665][bookmark: _Toc215428938]Chapter One: Introduction 
[bookmark: _Toc220281170]1.1   Background of the topic 
The rapid development of digital technologies has significantly transformed the way businesses operate and interact with customers. The retail industry is no exception in this case. The development of Artificial Intelligence (AI) has emerged as a critical tool among technological advancements for increasing operational efficiency, customer engagement, and service personalization. Generative Artificial Intelligence (GenAI) has obtained increasing attention for its ability to generate original content, including text, images, videos, and personalized responses. 
GenAI enables more human-like interactions through advanced machine learning models and natural language processing, unlike traditional AI systems, which focus on prediction, automation, and classification. Retailers can move beyond standardized customer service with those capabilities, offering a highly personalized, adaptive, and responsive experience. Capabilities play a significant role in shaping customer perceptions and satisfaction in digital retail environments. 
Customer satisfaction has become a strategic priority for online retailers because satisfied customers are more likely to repeat purchases and remain loyal. Several factors, including personalization quality, service responsiveness, ease of navigation, trust, and emotional engagement, influence customer satisfaction. Retailers have been compelled by the increasing expectations of digitally savvy consumers to adopt advanced technologies to consistently meet the demands. 
The potential of Generative AI has been identified to transform the customer experience through intelligent chatbots, personalized recommendation systems, AI-generated visual content, and more. Retailers are allowed to engage customers in real time through tools that help them understand individual preferences and demands. Organizations are increasingly leveraging GenAI to differentiate themselves through superior customer experience. 
However, there is limited empirical research examining the direct impact on customer satisfaction, although the growing adoption of GenAI across retail platforms, particularly within specific organizational and geographic contexts. There is a gap in understanding how GenAI-driven technologies influence customer satisfaction outcomes. Their study addresses the gap by examining the role of GenAI in enhancing customer satisfaction within the UK retail industry, with ASOS PLC as a case study.
[bookmark: _Toc220281171]1.2   Background of the industry and organisation (ASOS PLC) 
The UK retail industry is one of the most developed and competitive markets globally, having a strong focus on digital commerce. Online retail has been a significant channel that is driven by mobile commerce, whitey sport use of the internet, and changing consumer preferences. The fashion retail segment has experienced significant growth, particularly due to increasing demand for convenience, personalization, and variety.
The UK e-commerce market was valued at over £120 billion, representing nearly 30% of total retail sales. Approximately 1/3 of online retail purchases are for fashion and apparel, making it one of the largest e-commerce categories in the UK. In addition, more than 85% of UK consumers engaged in online shopping, with younger demographics showing a strong preference for digital-first fashion retailers.
ASOS PLC is a leading UK-based online fashion retailer established in 2000 and headquartered in London. The company operates its business exclusively online and targets fashion-conscious consumers aged 18 to 35. The company serves more than 20 million active customers worldwide, with the UK among the largest and most significant markets.
The company offers over 85,000 products on its platform and processes millions of customer interactions each month through its website and mobile applications. The company has invested much in digital technologies to improve efficiency and customer experience. Generative AI plays a central role in ASOS's digital strategy, particularly in customer service automation, content generation, and personalization. 
AI-powered chatbots at ASOS handle a significant proportion of customer inquiries about order tracking, returns, and delivery information. Industry data suggests that AI chatbots can resolve up to 70% of routine customer service queries, reducing response times by nearly 50% compared to human-only service models. The capability is essential for ASOS, given the high volume of daily customer interactions. The company provides an appropriate and relevant organizational context for examining the impact of GenAI on customer satisfaction within the UK retail industry. Retail firms can use the findings to prioritize technologies that deliver the greatest value to customer experience, optimize resource allocation, and improve service design. 
Overall, the study is significant because it links the gap between theory and practice with measurable customer satisfaction outcomes. That study provides evidence-based knowledge that supports academic advancement, technological development, and policy formulation and contributes significantly to both research and real-world retail innovation.
[bookmark: _Toc220281172]1.3 Rationality of the study 
The rationale for the study lies in the increasing reliance of retail organizations on Generative AI to enhance the customer experience and maintain competitiveness. There is a lack of empirical evidence on the effectiveness of defect correction in improving customer satisfaction, while GenAI is expanding rapidly, particularly in the UK fashion retail sector. 
This research is significant for understanding whether investments in GenAI technologies translate into measurable improvements in customer satisfaction. The aspect also addresses the requirement for organization-specific analysis, as the effectiveness of GenAI may vary depending on customer demographics and implementation strategies. By focusing on ASOS PLC, the study provides practical insights into how GenAI tools influence customer satisfaction in a real-world environment.
[bookmark: _Toc220281173]1.4 Research aim 
This study aims to assess the impact of generative AI on customer satisfaction in London, UK.
[bookmark: _Toc220281174]1.5 Research objectives
1. To evaluate the effectiveness of generative AI in improving personalized customer interactions at ASOS PLC. 
2. To assess the impact of AI-driven chatbots and recommendation systems on customer satisfaction levels at ASOS PLC. 
3. To identify key AI technologies that have the most significant influence on customer satisfaction. 
[bookmark: _Toc220281175]1.6 Research questions 
1. What is the effectiveness of generative AI in improving personalized customer interactions at ASOS PLC?
2. What is the impact of AI-driven chatbots and recommendation systems on customer satisfaction levels at ASOS PLC?
3. What are the key AI technologies that have the most significant influence on customer satisfaction?
[bookmark: _Toc220281176]1.7 Significance of the study 
The study holds significant value from academic, managerial, and practical perspectives by contributing effectively to knowledge, decision-making, and strategic development in the context of Generative AI within the UK retail industry. From an academic perspective, the study contributes to the growing yet still limited body of literature on generative AI by providing quantitative evidence in a UK- and industry-specific context. The existing research on artificial intelligence in retail focuses on traditional AI applications with limited attention to the unique capabilities of GenAI. By focusing specifically on GenAI and its relationship with customer satisfaction, this research extends existing theoretical frameworks. The study offers a conceptual and empirical foundation for future research examining AI-driven customer experience and digital service transformation. 
From a managerial and organizational perspective, the study provides practical insights for retail managers, digital transformation leaders, and technology strategists. Customer satisfaction enables organizations to make informed investment decisions by understanding how different GenAI tools influence them. 
[bookmark: _Toc220281177]1.8 Dissertation structure 
· Introduction: The chapter comprises the background of the topic, the background of the original and the industry, the rationale of the study, the research aim and objectives, and the significance of the study.
· Literature review: This chapter reviews the existing literature on the impact of generative AI on customer satisfaction.
· Research methodology: This chapter outlines the methodologies used to conduct this research, from data collection to data analysis.
· Findings and analysis: This chapter addresses how the data were collected and analyzed to present the research outcomes. 
· Conclusion and recommendations: The chapter presents the research conclusion by evaluating the achievement of the research objectives using the findings and analysis. This chapter also includes recommendations based on the findings.
[bookmark: _Toc220281178]1.9 Conclusion 
This chapter introduces the research context by outlining the relevance of Generative AI in the UK retail industry and highlighting ASOS PLC as a case study organization. Data was presented to demonstrate the scale and significance of AI adoption within the fashion e-commerce sector. The chapter also addresses the rationale, objectives, and significance of the study, providing a foundation for the subsequent literature and methodological analysis.


[bookmark: _Toc220281179]CHAPTER TWO: LITERATURE REVIEW 
[bookmark: _Toc220281180]2.1 Introduction 
According to Verma, Rathee, and Malik (2023), technological advancement has been significant and rapid, which also influences the functions of the retail industry. Organisations operating in this industry must maintain advanced services to satisfy consumers. Furthermore, Sengar et al. (2024) state that the advancement of Generative Artificial Intelligence, commonly known as GenAI, has reshaped how retailers can engage with consumers and deliver personalised services. Customer experience can be significantly optimised in the UK retail sector, as competition is very intense there. Digital-first strategies must be determined to satisfy consumers. There is an increased focus on leveraging AI technology to enhance customer satisfaction, and organisations are determined to retain market share by satisfying customers' expected needs and demands. 
Everett and Hill (2025) said that ASOS PLC is a UK-based leading online fashion retailer that has been an early adopter of AAI-driven technologies. The company integrates chatbots and develops recommendation systems to deliver personalised content. Even automated video-based analysis is conducted to maintain its digital operations. A broader perspective and an industrial shift towards computational models of creating original content and autonomously solving customer queries can be conducted. 
There remains a clear requirement for industry-specific and empirical analysis focused on GenAI, although existing research has established the transformative role of AI. Notably, Morad and Essing (2025) address that the influence of GenAI on customer satisfaction is identical. Understanding the measurable outcomes of GenAI on customer satisfaction is essential for identifying opportunities, challenges, and implementing strategies. This chapter of the research report critically evaluates the conceptual foundations, technological developments, and embedded evidence on the role of GenAI in shaping customer satisfaction.
[bookmark: _Toc220281181]2.2 Generative AI 
Shao et al. (2025) say that Generative Artificial Intelligence refers to machine learning systems that can produce new text, images, audio, and other outputs based on patterns identified in training data. Sengar et al. (2024) support this, noting that GenAI models generate original and specific content, unlike traditional AI, which is focused on classification or prediction tasks. The impact of this capability in providing context-specific content has profound implications for the retail industry. There is a need to rely on mass customisation and scalable customer engagement to meet customers' expected needs and demands. However, Morad and Essing (2025) argue that there are concerns about reliability, transparency, and data usage, all of which generative models excel at in language understanding and content creation. Notably, Shen, Wang, and Fan (2025) argue that there are both opportunities and ethical risks in using GenAI. Even the potential replacement of human labour can also be there, along with biased reinforcement. Conversely, Eacersall et al. (2025) claim that GenAI offers many opportunities for retail industries to focus on delivering better customer experiences, as customer needs have evolved rapidly from rule-based systems to advanced large language models that can reason, perform sentiment analysis, and make emotional inferences. Eacersall et al. (2025) highlight that there are sectors such as health care, marketing, entertainment, and finance where an increasing orientation toward AI is preventing creativity and decision support. Mangaiyarkarasi, Catherine, and Kalaiselvi (2025) add that the retail industry has embraced GenAI for customer support, personalised recommendations, digital content creation, and inventory forecasting. However, Hepola (2025) argues that there are concerns that technological sophistication directly translates into customer satisfaction because customer trust depends not only on system accuracy but also on perceptions of fairness and emotional intelligence. The evolution of GenAI thus presents a dual narrative: capabilities have grown, and user expectations have also grown.
[bookmark: _Toc220281182]2.3 Key trends in Generative AI 
[bookmark: _Toc220281183]2.3.1 AI-powered chatbots
Sharma et al. (2025) note that there are similar trends in generative AI, with chatbots among the most widely adopted applications in the retail industry. In addition, Tatikonda et al. (2025) highlight that AI-powered chatbots are used by the orientations under the retail industry to analyse data and communicate directly with customers to understand their needs. LLM-based chatbots have outperformed earlier rule-based models by understanding context and delivering natural conversations. Siva and Metta (2025) add that the system is very significant because sentiment can be used to generate tailored services. Singh (2025) supports this and adds that the system provides instant assistance, reducing waiting times. Even the process can be generated by offering 24/7 availability. However, Truong and Chen (2025) argue that customer satisfaction is highly sensitive to chatbots' accuracy and the quality of their human-like interaction. Failure to understand complex queries can deliver negative outputs and inconsistent results to the organization. Even the purpose of determining and maintaining customer satisfaction cannot be achieved.
[bookmark: _Toc220281184]2.3.2 AI in video processing
Retail organizations determine and implement several measures to satisfy customers, while content-based marketing activities are conducted identically. Ji et al. (2025) say that AI in video processing is addressed with product demonstrations, virtual try-on, and dynamic content creation. Seo et al. (2025) opine that this key trend has had a significant impact on delivering accurate information to customers. Retailers use these technologies to personalize product displays and enhance user engagement. Customers can assess the product's authenticity throughteractive orientation. One can improve decisions by understanding the process and generating better insights. However, Rathi (2025) argues that video-based AI can improve decision-making confidence by reducing uncertainty about product appearance. Those benefits are identical, but there are concerns regarding privacy and security. There is still the question of the authenticity of AI-generated visual content, as the content cannot be real either. This aspect can undermine trust and transparency. Nevertheless, the significance of a generated video processing as a content creation and delivery process for customers is acknowledged.
[bookmark: _Toc220281185]2.3.3 Agentic AI and autonomous systems
Acharya, Kuppan, and Divya (2025) say that agentic AI refers to a system capable of operating independently, making decisions, and optimizing actions based on data inputs. The systems manage order fulfillment, customer requests, inventory operations, and personalized marketing activities within the retail industry. Raheem and Hossain (2025) add that agentic AI has increased system efficiency by integrating machine learning. Conversely, Mukherjee and Chang (2025) argue that there are challenges as well related to transparency and algorithmic accountability. Likewise, Pati (2025) claims that overly autonomous systems can reduce human oversight, leading to biased outcomes. As a result, expected outcomes cannot be determined to satisfy the customers.
[bookmark: _Toc220281186]2.3.4 Enhanced product recommendation systems
Consumers in the retail industry expect recommendations and suggestions to help them select the best product available to them. According to Parker et al. (2025), GenAI can generate recommendations and personalised positions by analysing customer preferences, combining historical data and behavioural patterns. Pilaniwala (2024) supports it and adds that the systems significantly influence purchase decisions, conversion rates, and satisfaction. However, Phuong et al. (2025) argue that a clear debate persists regarding hyper-personalisation. The process enhances relevance, but it may also raise ethical concerns, including data overage and potential manipulation. Consumer autonomy can be reduced, posing a significant challenge. 
[bookmark: _Toc220281187]2.4 Customer satisfaction 
Tahir, Adnan, and Saeed (2024) said that customer satisfaction is a relative term that indicates that customers have positive experiences with the usability of products and services. The term is measured by the frequency of product and service purchases, as customers take advantage of the expected deals. Notably, Cankül, Kaya, and Kızıltaş (2024) add that obtaining customer satisfaction is significant in digital retail, which depends on perceived service quality, ease of navigation, emotional connection, and reliability. It has been found that AI-based services can enhance satisfaction when implemented properly. Customers are satisfied when expectations are met, and issues are resolved. Conversely, Ardhana, Mariam, and Ramli (2024) argue that consumer satisfaction can decline if an AI system fails to determine the issues or is incapable of handling them.
Siva and Metta (2025) critically opine that customer satisfaction is multidimensional, involving cognitive judgments and emotional reactions. Rachel's interactions can be mediated using GenAI, and the process must address both dimensions positively to influence consumers' loyalty and purchase intent. 
[bookmark: _Toc220281188]2.5 GenAI's Role in Improving Customer Satisfaction
[bookmark: _Toc220281189]2.5.1 Real-time interactions in customer support 
The role of GenAI in improving customer satisfaction is identical to the process, and answers customer satisfaction by enabling instant support. There are conversational agents through which the prospect of instance support is maintained (Seo et al., 2025). Truong and Chen (2025) add that GenAI enables real-time interactions, enabling consumers to obtain proper data for informed decision-making. Consumers expect that real-time orientations can address the process through which frustration can be reduced. Verma, Rathee, and Malik (2023) support this and add that GenAI chatbots are used in orientation to provide tailored responses. Customers have specific inquiries, and chatbots are integrated with machine learning models that deliver instant, accurate data. Even sentiment analysis can be conducted effectively by leveraging GenAI chatbots. It has been evaluated that speed, accuracy, and conversational flow strongly determine the impact on perceived service quality.
Nevertheless, Sengar et al. (2024) argue that customers may still prefer human interaction for determining emotionally attached issues. There is still a trust issue, for which development aspects and machine learning rotations must be incorporated effectively. However, Seo et al. (2025) opine that the importance of applying the machine learning aspect of GenAI is on the rise, enabling brand portfolios to be maintained. 
[bookmark: _Toc220281190]2.5.2 Personalised responses and solutions 
There are differences in the consumer needs and demands, for which organisations must adapt to the scenario and provide personalized solutions accordingly (Rathi, 2025). Shao et al. (2025) add that personalization is fundamental for improving customer satisfaction on e-commerce platforms. Large amounts of data are integrated into generative AI to better understand customer needs and deliver tailored recommendations. Siva and Metta (2025) support this and add that personalisation helps individuals recognise their feelings, thereby strengthening brand loyalty. Customer satisfaction can be achieved through specific solutions to targeted scenarios, which can also foster customer loyalty. However, Truong and Chen (2025) argue that risks are associated with critical perspectives, including algorithmic bias and privacy invasion, which can reduce consumer trust and limit exposure. It has been evaluated that customer satisfaction improves if personalization is perceived as helpful rather than invasive.
[bookmark: _Toc220281191]2.5.3 Efficacy, speed, and reduced abandonment 
Rapid problem resolution and reduced waiting times significantly influence customer satisfaction. The processes are streamlined by GenAI systems, such as checkout assistance, enhanced tracking, and return processing. Customers expect speedy deals and efficient service so they can save time and adopt dynamic service approaches (Sengar et al., 2024). However, Phuong et al. (2025) argue that satisfaction cannot be effectively achieved by focusing solely onfficiency. Customers expect empathy and contextual awareness. Orden-Mejía et al. (2025) add that customer satisfaction cannot be implied if AI fails to exhibit emotional intelligence, even if the system operates efficiently.
[bookmark: _Toc220281192]2.5.4 Emotional connections
Recent GenAI models integrate sentiment analysis and emotion recognition. The system fosters more empathetic interactions, helping customers feel emotionally connected (Mukherjee and Chang, 2025). Ji et al. (2025) add that emotional alignment of the process improves customer satisfaction because a sense of human-like understanding can be created. When the organisation understands emotional orientation and delivers services accordingly, customers are more likely to be satisfied, which they reward by repeatedly purchasing products and availing services. Conversely, Eacersall et al. (2025) argue that there is a question regarding the artificiality of empathy generated if the process is genuine or ethically acceptable. There can be misinterpretation of emissions and descriptive responses, which can appear manipulative. This aspect can erode the brand's trust and transparency. 
[bookmark: _Toc220281193]2.6 Consumer perception and satisfaction 
Customer perception refers to how users interpret their interactions with AI systems. It is significant to understand how consumers are thinking about the process so that interactive orientations and strategies can be implemented accordingly. Likewise, Hanif, Astuti, and Sunardi (2024) add that positive perceptions of usefulness, fairness, and reliability improve satisfaction, whereas concerns about data privacy and errors can reduce acceptance. Singh and Singh (2024) find that the perceptions vary by age, digital literacy, and cultural background. Even though it is shaped by the functional performance of the tools used, it relates to GenAI. In addition, psychological comfort helps determine perceptual values while interacting with trends. 
However, Singh (2025) argues that certain customers remain sceptical, despite technological advancements in AI-driven recommendations. Data can be misused or manipulated, leading to a loss of confidentiality. Even the system's credibility cannot be implied positively. It is therefore necessary for retailers to balance innovation with transparency so that customer confidence can be improved and they can be satisfied.
[bookmark: _Toc220281194]2.7 Theoretical framework 
[bookmark: _Toc220281195]2.7.1 TAM Model 
The Technology Acceptance Model (TAM) implies that technology adoption is influenced by perceived usefulness and perceived ease of use. Wang et al. (2024) note that the retail industry must offer compelling deals and a user-friendly technology orientation to ensure the successful adoption of a specific technology model. Liu et al. (2024) argue that perceived usefulness refers to the perceived benefits of AI services, such as providing accurate recommendations and resolving queries. Perceived ease of use determines the simplicity and intuitiveness of interactions, enabling customer interactions to be effective. Mogaji et al. (2024) add that the factors are highly significant in deriving a positive impact on customers' behavioural intentions and satisfaction.
Notably, Mogaji et al. (2024) argue that TAM provides a strong foundation for understanding acceptance of GenAI, but the process may not adequately capture emotional, ethical, and trust-related factors.  AI-driven interactions can relate to perceived risk, trust, and enjoyment, which can often pose a risk to confidential data in digital retail environments. 
The model is relevant to ASOS because it helps evaluate how consumers perceive GenAI. They can determine perceived usefulness and ease of use to engage with the organization. The process can react to influence satisfaction, which makes the model relevant for predicting customer responses.
[bookmark: _Toc220281196]2.7.2 Customer Satisfaction Theory
Customer Satisfaction Theory determines that satisfaction is an emotional and cognitive evaluation. Customer expectations must be met by identifying cognitive elements related to rational assessments (Park et al., 2024). Park et al. (2024) and Pati (2025) add that customer satisfaction relies on certain expectations, including speed, accuracy, and relevance. Customers expect faster service and for their issues to be addressed immediately so they can meet their expectations. Matosas-López (2024) adds that customers are triggered by service interactions involving effective elements, as emotional responses are linked. 
However, Vafaei-Zadeh et al. (2024) argue that the theory highlights the importance of expectation management, which suggests that efficient AI tools may fail if customer expectations exceed actual performance. GenAI tools are becoming more advanced, and customer expectations are also rising. Therefore, there is a potential increase in customer dissatisfaction.
The model is relevant to ASOS because personalization and customer support can be determined by integrating GenAI tools. The tools support cognitive evaluations such as accuracy and speed. Even effective responses are also connected, such as feeling understood about the process. Therefore, the theory provides a dual lens for evaluating the experiential and psychological impact of GenAI.
[bookmark: _Toc220281197]2.8 Empirical review 
[bookmark: _Toc220281198]2.8.1 AI-powered chatbots' impact on consumer satisfaction 
Soni and Dubey (2024) conducted aconducted a quantitative study in which the researchers’ collected data from 50 respondents using a survey method. However, the researcher does not address the sampling method. Even though no suggestion has been found for the stakeholders. Notably, the study's findings indicate that the impact of AI-powered chatbots on consumer satisfaction is identical, as empirical studies show that AI chatbots reduce workloads for customer service teams. Routine inquiries can be handled significantly by maintaining speed and 24/7 availability. Liu et al. (2024) supportsupport the view that the system is very significant because consumers can receive information anytime they require. Immediate access to solutions can be effectively determined, thereby maintaining positive outcomes and improving service quality. Morad and Essing (2025) claim that trust can be increased on digital platforms by integrating AI-powered chatbots, while authenticity and transparency can be maintained.
On the other hand, Park et al. (2024) argue that chatbots can frustrate customers if they fail to recognize complex queries. It so happens that AI-powered chatbots cannot deliver the expected process because they cannot recognize queries. They even offer irrelevant responses and use unnatural language that consumers cannot understand. Singh (2025) opines that customer satisfaction can be improved if chatbots demonstrate conversational fluency and empathy. There is also the argument that the hybrid systems combining human and AI support delivered the highest satisfaction. It is concluded that fully automated systems cannot be universally effective because human interaction is required to address emotional attachment.
H1: AI-powered chatbots' impact on consumer satisfaction
[bookmark: _Toc220281199]2.8.2 AI in video processing impacts on consumer satisfaction
Ahmed and Aziz (2024) conducted a quantitative study with some limitations. The researchers highlight that they collect data from respondents through the survey method and use PLS-SEM to analyze the data. But the researcher does not present the sample size and sampling method. However, the study's findings indicate that retail organizations conduct digital marketing campaigns to promote processed foods, which are very significant in the present context because the organization can reach a wider range of customers. Agrawal and Mittal (2024) support this and add that consumer understanding of products can be positively determined by I-driven video processing. Uncertainty can be reduced, and the recession-making process can be simplified by dealing with confidence and trust. Ji et al. (2025) supportsupport the view that the system is significantly involved in determining virtual-try-on technologies and automated product tagging. Even dynamic video generation supports personalized experiences, helping customers feel more connected and satisfied. Visual explanations are very significant for product listings, especially in apparel retail.
Nevertheless, Ji et al. (2025) argue that there are concerns about the process, as data can be manipulated through visualization. Unrealistic try-on simulations and inaccurate scaling can undermine satisfaction. It is indicated that video-based AI can significantly enhance satisfaction; however, the effectiveness of the process depends heavily on transparency and accuracy. 
H2: AI in video processing impacts consumer satisfaction.
[bookmark: _Toc220281200]2.8.3 Agentic AI and autonomous system impact on consumer satisfaction
The impact of agentic AI and autonomous systems on consumer satisfaction is implied. The system automates fulfillment processes, customer interactions, and service personalization (Acharya, Kuppan, and Divya, 2025). Joshi (2025) adds that improvements are shown in response times, operational efficiency, and delivery accuracy, and that all activities positively influence satisfaction. In addition, proactive assistance can be enabled significantly by an autonomous system that predicts consumer needs before the process is articulated. 
However, Hosseini and Seilani (2025) argue that there are risks, including over-automation, system errors, and reduced human oversight. Negative customer experiences can occur when expected deals are not met. Human oversight is unavailable when emotional attachment is absent. It has been found that consumers feel uncomfortable when systems appear too autonomous. The process raises concerns about the loss of control. As a result, satisfaction relies on balanced automation and transparent system behaviour. 
H3: Agentic AI and autonomous system impact on consumer satisfaction
[bookmark: _Toc220281201]2.8.4 Enhanced product recommendation system impacts on consumer satisfaction
It has been a significant aspect and central driver of customer satisfaction by determining recommendations. Customers expect retail brands to provide recommendations so that the purpose of meeting their desires can be achieved (Ji et al., 2025). Mangaiyarkarasi, Catherine, and Kalaiselvi (2025) add that product recommendation systems have been a significant aspect in digital retail platforms, particularly in the fashion sector. Product variety is wide within the fashion sector, and consumer preferences are highly subjective. The system has been significantly advanced by generative AI, enabling personalized customer experience, improved contextual understanding, and effective predictive customer behavior. Orden-Mejía et al. (2025) support this and add that customer preferences are influenced differently from earlier recommendation engines, which relied on collaborative filtering and browsing history. GenAI systems analyse multimodal data, including text, images, sentiment, and even purchase patterns, to generate highly relevant product suggestions. Data analysis is conducted to identify patterns, providing the best outputs to customers. Parker et al. (2025) add that highly relevant product traditions can be imparted, thereby increasing contextual accuracy. Cognitive load can be reduced through which decision-making process can be informative and significant. Rathi (2025) supports this and adds that the process enhances the perceived usefulness of the prayer and significantly contributes to determining customer satisfaction. However, Shao et al. (2025) argue that the literature also highlights significant limitations and risks associated with hyper-personalized recommendation systems. Excessive personalisation can create a filter bubble, limiting exposure to diverse products. Even the process can narrow down consumer choices. Customers may perceive over-targeted recommendations as intrusive or manipulative, leading to discomfort, especially when they are inaccurate. It is also observed that customers become dissatisfied when recommendations are irrelevant or clearly algorithmically flawed. In addition, algorithmic bias remains a major concern if recommendation systems depend heavily on consumers' past behaviour, which can reinforce and systematically ignore new consumer intentions.
However, Singh (2025) opines that defectiveness of recommendation systems depends not only on technical accuracy but also on transparency, user control, and perceived fairness. Customers support it that where satisfaction can be maintained if the logic behind recommendations is understandable. The application of GenAI tools can derive both opportunities and risks. The system can produce unpredictable outputs, which makes it harder for users to interpret the recommended products. 
Product recommendation systems significantly improve customer satisfaction by increasing relevance and reducing decision fatigue. However, success depends on careful management of consumer expectations, transparency in algorithms, and privacy concerns. Retailers like ASOS must leverage GenAI effectively to deliver balanced, meaningful recommendations. Article sensitivity and technical excellence must be properly integrated, enabling recommendation systems to be more effective and customer satisfaction to improve.
H4: Enhanced product recommendation system impacts on consumer satisfaction
[bookmark: _Toc220281202]2.9 Research gap 
The researcher identified several gaps in the existing literature while presenting and evaluating the literature to demonstrate the research on AI in retail. There are a few empirical studies on the impacts of GenAI. Most of the studies examine traditional AI rather than generative models. Research on GenAI determines unique abilities, including contextual reasoning and content generation. 
There is a lack of industry-specific analysis. Few studies focus on fashion e-commerce. It is important to establish an industry-specific evaluation process to properly assess intensity. There is insufficient examination of emotional responses. Cognitive satisfaction has been widely studied; however, the defective influence of empathetic GenAI interactions remains underexplored. There is limited quantitative evidence in the UK retail context. Existing research relies on qualitative findings and focuses on global markets rather than the UK-specific consumer expectations. This study addresses the gaps by quantitatively evaluating how GenAI tools can influence customer satisfaction at ASOS. Evaluation of data and literature can yield actionable insights to demonstrate the extent to which GenAI tools satisfy customers.
[bookmark: _Toc220281203]2.10 Conclusion 
This chapter of the research report shows that GenAI is reshaping retail customer experience by improving personalization, efficiency, and emotional engagement. The system offers substantial benefits, including real-time support, intuitive video-based guidance, personalised recommendations, and so on. However, defectiveness depends on accuracy, transparency, ethical design, and emotional sensitivity. Functional and psychological factors highly influence customer satisfaction. They are theoretical models that are highly significant for evaluating the context and maintaining efficiency accordingly. The theoretical frameworks, including TAM and Customer Satisfaction Theory, address how perceptions of usefulness, ease of use, emotional connection, and expectation fulfilment can shape customer satisfaction. It has been evaluated that there are clear benefits of AI-driven tools, but there are also limitations and risks. Inaccurate implementation and a lack of empathy can raise privacy concerns and risk the loss of customers' and organisations' confidential data. The existing research lacks depth regarding GenAI-specific capabilities and the impact on customer satisfaction within the UK retail industry. The gap highlights the need for further investigation, for which this research provides a significant contribution by understanding the impact of GenAI on customer satisfaction.


[bookmark: _Toc220281204]CHAPTER THREE: RESEARCH METHODOLOGY 
[bookmark: _Toc220281205]3.1 Introduction 
Research methodology is the systematic framework that guides the planning of a study, which is subject to be conducted and evaluated to address the research aim and objectives (Saunders, Lewis, and Thornhill, 2019). The philosophical assumptions, research approaches, strategies, choices, data collection techniques, and article prose collectively ensure the reliability of the research outcomes (Kruger and Mitchell, 2022). According to Goddard and Melville (2021), research methodology determines distinctive orientations in the techniques used, which explain why the methods are appropriate for the study. Logical outcomes and coherence between the research problem and the theoretical frameworks demonstrate the validity of the research. This chapter of the research report outlines the structured approach adopted to assess the impact of generative AI on customer satisfaction in the UK retail industry, with the case study conducted on ASOS Plc. The chapter demonstrates a systematic design of quantitative methodological outcomes to justify the selection of methods for conducting the research.
Figure 1: Research onion
Source: (Saunders, Lewis, and Thornhill, 2019)
[bookmark: _Toc220281206]3.2 Research philosophy
Research philosophy indicates the researcher's perception of research assessment. Certain philosophies, including positivism, hold that reality is objective (Saunders, Lewis, and Thornhill, 2019). The reality can be observed and measured through statistical outcomes. According to Aylmer (2021), empirical observation and statistical analysis can be used to assess knowledge, and philosophy is strongly associated with the natural sciences. Madanchian (2024) states that the aim is to determine and identify patterns in the relationship between the variables. Interpretivism is another philosophy that assumes reality is socially constructed and shaped by human interactions and experiences. Focus is given on understanding phenomena from the participants' perspectives. This is found in the study by Thakur (2025), which shows that qualitative data can be obtained from interviews or focus groups, as well as from observations. The role of the researcher is very significant in interpreting social contexts and meanings. Mogaji and Jain (2024) stated that ontology is another philosophical aspect that concerns the nature of reality and what exists in the world, and that it can be studied. It addresses the reality that can be maintained independently of human perception and subjective knowledge. Punziano (2025) notes that epistemology, as a research philosophy, is concerned with the nature of knowledge. The method implies the validity and reliability of the knowledge and addresses questions about the relationship between the researcher and the study.
The researcher applied a positivist epistemological research philosophy for this study, as the research objectives required the objective evaluation and measurement of generative AI technologies and their impact on customer satisfaction at ASOS Plc. The researcher assumed that reality is independent, observable, and quantifiable, which aligns with the study's aim to assess the effectiveness of AI-driven technology. The researcher used measurable variables, including perceived service quality and response accuracy, to evaluate the actual insights. The focus was on evaluating the assessment impact, and a positivist stance enabled the researcher to formulate and test hypotheses. Agreeing with the study by Mogaji and Jain (2024), positivism was suitable for achieving the objective of identifying the key AI technologies with the most significant influence on customer satisfaction. This objective required maintaining a correlational analysis to determine the strength and significance of relationships between different AI tools and satisfaction outcomes.
Furthermore, this study adopted a positivist epistemological stance, aiming to generate valid and reliable knowledge through empirical evidence. The researcher focused on empirical evidence rather than subjective interpretation, and epistemology holds that knowledge is gained through observation and statistical testing. The researcher did not apply interpretivism to avoid being subject to bias and to account for individuals' different experiences. The researcher also avoided ontology to achieve total empirical evidence for the research objectives. So, they adopted a positive approach to research and epistemology.
[bookmark: _Toc220281207]3.3 Research approach 
Research approach refers to the methods used to maintain comparability with theoretical frameworks, ensuring the research outcomes are credible (Kruger and Mitchell, 2022). There are deductive and inductive approaches, with the former denoted as a theory-driven method. The researcher begins with existing theories and concepts, your frameworks, and then develops testable hypotheses to examine whether the theories hold (Saunders, Lewis, and Thornhill, 2019). The approach involves moving from general to specific aspects, and data collection and analysis are structured to confirm or reject predefined assumptions. Kruger and Mitchell (2022) mention that this approach is mainly associated with positivist philosophy and quantitative methods.
In contrast, Aylmer (2021) said that the inductive research approach maintains a data-driven process in which the movement is from specific observations to broader generalizations and the development of new theories. The researcher does not begin with predefined variables; instead, they maintain patterns, themes, and relationships from the collected data. This method is mainly associated with interpretivism philosophy and qualitative methods. 
This research adopted a deductive approach, with the objective of evaluating, assessing, and measuring the influence of generative AI technologies on customer satisfaction. Rather than developing new theories, the researcher intended to use established theories and literature, as they are well-established and provide valuable insights for the comparative evaluation. In line with the study by Joshi et al. (2024), the method was grounded in service quality, technology acceptance, customer satisfaction, and related constructs, and evaluated by formulating hypotheses to assess the effectiveness of the AI-driven personalization process. The approach enabled the researcher to determine theoretical assumptions for testing empirically within ASOS Plc. The researcher did not apply an inductive research approach because the study would not require deriving new theories from the outcomes. Existing frameworks are sufficient to present observable measures, and a deductive approach was suitable for identifying the most significant AI technologies to determine customer satisfaction. So, the researcher applied a detective research approach in this study.
[bookmark: _Toc220281208]3.4 Research choice 
Research choice specifies the type of data to be used and evaluated to achieve the research objectives. Quantitative research focuses on collecting numerical data to examine relationships between variables using statistical techniques (Goddard and Melville, 2021). Kruger and Mitchell (2022) stated that the choice is associated mainly with the positivist philosophy and deductive reasoning, which employers use to structure their data-collection instruments. The instruments include surveys, closed-ended questionnaires, and so on. Saunders, Lewis, and Thornhill (2019) also stated that the method is effective for determining the study when the research objectives are to measure impact.
In contrast, Goddard and Melville (2021) argue that qualitative research focuses on the exploration of meanings, perceptions, and experiences, which can be determined by maintaining non-numerical data. Data can be collected through interviews, focus groups, and open-ended responses. The method is mainly associated with interpretivism philosophy and inductive reasoning. Mixed methods refer to the combination of quantitative and qualitative approaches used to conduct the study.
This study adopted a quantitative research design, as the research objectives required measuring and evaluating the impact of generative AI technologies on customer satisfaction. Assessing AI-driven personalization and recommended systems using miserable indicators was associated with an objective focus. In line with the study by Kim, Kim, and Promsivapallop (2024), the researcher used the constructs to determine variables and evaluate the process using statistical techniques. The researcher did not apply qualitative choice because there was no application of qualitative data or the interpretivist philosophy. Even the researcher did not maintain the process of developing new theories from the study. Saunders, Lewis, and Thornhill (2019) note that the quantitative approach was used because it was suitable for identifying the key AI technologies with the greatest influence on customer satisfaction. The researcher adopted an approach to conduct a comparative analysis and variable testing to determine the strength and significance of relationships between AI technology and satisfaction outcomes. The method helped the researcher focus on generalizable, evidence-based findings to validate the research outcomes. Even the research aligned strongly with the research objectives. A quantitative research design was used in this study. 
[bookmark: _Toc220281209]3.5 Research strategy 
Research strategy determines the systematic application of methods for data collection and evaluation (Aylmer, 2021). A descriptive research strategy involves designing a study to describe the characteristics, behaviours, and relationships of the data population, where variables are not manipulated. The approach focuses on what, how, and to what extent questions, using a structured data collection process (Goddard and Melville, 2021). Surveys, questionnaires, and statistical summaries are conducted for the research study. Quantitative data is used for the research along with the application of standardized measurement. Frequencies, percentages, correlations, and related measures are used to present the study's findings. A descriptive strategy is applied when the researcher intends to provide an accurate orientation of the data and a detailed snapshot (Kruger and Mitchell, 2022).
In contrast, an exploratory research strategy is applied when the researcher continues to explore issues, generate insights, and identify potential patterns. In addition to testing the relationships among the variables, the researcher explores the flexible and relative nature of the data (Saunders, Lewis, and Thornhill, 2019). Data is collected through interviews, focus groups, and observation. It is significant for determining 3 development and problem identification. 
This research was conducted using a descriptive strategy, with the researcher specifying specific objectives to evaluate and assess the outcomes of the role of generative AI (Saunders, Lewis, and Thornhill, 2019). The study was conducted to describe the effectiveness of personalized AI-driven interactions and to evaluate the impact of advanced systems on customer satisfaction, identifying which air technologies can strongly influence it. A structured, systematic description of measurable variables supports the view that the descriptive strategy is highly appropriate. The researcher accurately captured customer perceptions by applying a descriptive strategy and determining satisfaction levels. The findings were presented in a table and were significant in determining the research outcomes, as the research goals were met. The researcher did not maintain an exploratory research strategy because there was no exploration of data regarding the research process in relation to new theories. A descriptive research strategy was used in this study.
[bookmark: _Toc220281210]3.6 Research technique 
[bookmark: _Toc220281211]3.6.1 Source of data
Data for the research is collected from primary and secondary sources. Primary data refers to the original elements collected directly by the researcher for a specific purpose and to address the research objectives (Kruger and Mitchell, 2022). Mogaji and Jain (2024) stated that data is collected firsthand through methods such as surveys, questionnaires, and interviews. The prime idea is relevant and accurate, enabling the purpose of maintaining the authentic orientation of data. In contrast, secondary data is collected from sources that have already gathered and published data. The data is precise, and the researcher collects it for different purposes and sources, including academic journals, company reports, industry statistics, and online databases (Punziano, 2025). Saunders, Lewis, and Thornhill (2019) stated that secondary data sources are cost-effective because the researcher does not need to travel to collect data. However, secondary data suffers from authenticity issues due to data manipulation.
The researcher collected data from primary sources for this study, as the research objectives require direct measurement of customer perception and satisfaction. The study had the objective of evaluating the effectiveness of AI-driven personalized interactions and assessing the impact of chatbots and recommendation systems to identify the AI technologies with the strongest influence on customer satisfaction. The objectives required current, measurable data to accurately reflect and capture real experiences. This purpose cannot be served by collecting data from secondary sources (Mogaji and Jain, 2024; Saunders, Lewis, and Thornhill, 2019). The use of primary data supported the positive waste philosophy and the deductive approach of this study, as the researcher maintained a quantitative method. Data collection from primary sources was conducted using a closed-ended questionnaire, and the researcher maintained proper controls. The researcher conducted statistical analysis and hypothetical testing to perform this research. The researcher did not collect data from secondary sources because it would be manipulated, as there was a possibility of fabricated data. Primarily, the data collection process was essential to the researcher's ability to meet the research goals and generate actionable insights for ASOS Plc.
[bookmark: _Toc220281212]3.6.2 Data collection method
The data collection method specifies how the researcher collects data for the research study. The survey method is a common approach for higher-level, structured data collection to gather quantifiable data. The survey method is mainly used to collect quantifiable data from large numbers of respondents (Goddard and Melville, 2021). The researcher uses standardized instruments, such as closed-ended questionnaires, to collect data. The method is widely used to determine the research process and to facilitate statistical analysis. Aylmer (2021) stated that the method allows researchers to objectively measure attitudes, perceptions, and satisfaction levels. The interview method is another way data is collected directly by examining the interaction between the researcher and participants. This method is applied mainly to determine and focus on in-depth orientation and insights. Data are collected on individuals' experiences, opinions, and motivations. Kruger and Mitchell (2022) note that the interview process can be structured, semi-structured, or unstructured, depending on the researcher's perception. This method is especially useful for developing a deeper understanding and for exploratory research. The method is time-consuming because the researcher must collect data from several individuals and compile the results accordingly (Mogaji and Jain, 2024). Even though the committee study method can also be applied, the research relies more on the analysis of existing documents on the associated research topic. Company reports, academic publications, policy documents, and so on serve as a basis for data collection for the document study method.
The researcher adopted a survey method for collecting data, as the objectives focused on measuring and evaluating customer satisfaction and efficiency using generative AI technologies. The objectives required the collection of standardized, quantifiable data to enable variable testing (Goddard and Melville, 2021). The researcher collected quantifiable data from a relatively large number of customers across various aspects, using a structured survey (Aylmer, 2021). The researcher used closed-ended questions to operationalize key variables. The researcher applied the survey method, which aligned strongly with the positivist philosophy and deductive reasoning. The researcher did not collect data through interviews because it would be time-consuming, as the researcher might need to obtain data from everyone. Even the researcher did not collect data using the documentation method, as it would be a credible issue. The survey method allowed the researcher to collect objective data and test hypotheses through statistical analysis. The method ensured the reliability of the research findings. The method provided the researcher with a greater scope to analyse which AI technologies have the greatest influence on customer satisfaction. The researcher used a survey method to collect data for this research.
[bookmark: _Toc220281213]3.6.3 Sampling method and sample size
Saunders, Lewis, and Thornhill (2019) stated that the sampling method indicates the researcher's purpose: to obtain a specific range of respondents from the data population and contact the study accordingly. Random sampling is a common sampling method that ensures every individual in the target population has an equal chance of being selected. This method is highly significant because it allows the researcher to reduce sample size and enhance sample representativeness (Thakur, 2025). The methodology is primarily associated with quantitative, positivist research. The random sampling method is objective and fair because the researcher does not introduce any bias when selecting respondents for the survey (Goddard and Melville, 2021).
In contrast, purposive sampling is a nonprobability sampling technique in which participants are deliberately selected. The researcher collects data from a specific range of individuals based on their election-based orientation. The method is primarily used in qualitative research to gain in-depth insights.
The researcher collected data using a random sampling method, selecting 30 respondents. The method was applied because the research objectives required objective, generalizable findings to determine the influence of generative AI. The study had the purpose of assessing the effectiveness of an AI-driven personalization process in evaluating the influence of chat boards and recommendation systems. Key AI technologies significantly influence customer satisfaction. The researcher achieved the purposes as the representative samples are from customers. The researcher did not use the intended purposive sampling method to reduce bias during data collection. The random sampling method of data collection was highly effective in maintaining efficiency and reducing bias. 
[bookmark: _Toc220281214]3.6.4 Data analysis method
It is important to specify the data analysis method so that the research purpose can be effectively achieved and goals can be met. The frequency analysis method is a quantitative technique used to examine how often specific responses occur within a data set. The method is effective in analyzing categorical data. The method allows researchers to summarize response patterns by using frequencies and percentages (Goddard and Melville, 2021; Kim, Kim, and Promsivapallop, 2024). Even the analysis method can be conducted by focusing on these gift statistics, which involve using statistical measures such as mean, median, mode, and standard deviation to describe numerical data (Aylmer, 2021). The researchers can aggregate individual responses into meaningful indicators. The analysis method can focus on regression analysis, an inferential statistical method. The research primarily determines the relationships between independent and dependent variables to infer the strength (Kruger and Mitchell, 2022). Even the researcher can analyse data using the thematic analysis method, which is a qualitative data analysis method. The method is used in interpretivist philosophy and inductive reasoning to explore meanings and experiences rather than to measure variables. Even the contextual analysis method can be applied. 
This research adopted a frequency analysis method to describe the outcomes. The researcher conducted primary data collection using closed-ended questionnaires. The study is significant for evaluating customer perceptions of generative AI-driven personalization. Frequency analysis enabled the research to identify patterns in responses and the dominant opinions. Even the researcher used descriptive statistics to summarize and interpret large volumes of quantitative data. The method was significant in providing a clear and objective presentation of the findings. 
[bookmark: _Toc220281215]3.7 Research ethics 
Research ethics refers to the principles and guidelines that govern the conduct of research, ensuring that research is carried out responsibly and respectfully. The researcher adhered to all ethical considerations required for conducting this research. The researcher focused on ethical considerations, ensuring that respondents' personal information would not be disclosed (Goddard and Melville, 2021). The researcher used the responses solely for this research purpose and, in accordance with the security protocol, hid personal data. The researcher obtained written consent from the participants to collect data and include the information in the research report. The researcher did not manipulate the research outcomes to maintain credibility. The research obtained informed consent from all participants before data collection, and this was clearly explained to them.
[bookmark: _Toc220281216]3.8 Conclusion 
This chapter outlines the research philosophy, approach, strategy, and methods for collecting, analyzing, and assembling data to investigate the impact of generative AI on customer satisfaction at ASOS Plc. Positivist philosophy and a deductive approach reflected the requirement for an objective-based research scenario. The researcher applied quantitative research methods and descriptive statistics to systematically evaluate the research outcomes. The researcher collected data from a primary source using a survey method supported by random sampling. The method was surveyed for summarizing responses. Ethical considerations were maintained, including informed consent, confidentiality, and voluntary participation. The researcher did not manipulate the outcomes of the research and forced the respondents to provide their opinions. Overall, the research design and methods were significant for conducting the study.



[bookmark: _Toc220281217]CHAPTER FOUR: FINDINGS AND ANALYSIS 
[bookmark: _Toc220281218]4.1 Introduction 
The chapter presents the analysis and findings of the quantitative data collection process for assessing the impact of GenAI on customer satisfaction at ASOS PLC within the UK retail industry. The purpose of this chapter is to evaluate the empirical data in relation to the research of the tips and research questions outlined in chapter 1. Data was collected using a structured questionnaire distributed to customers of ASOS PLC who have interacted within the AI driven features such as chatbots, personalized product recommendations and automated digital content. The ability to evaluate relationships between Generative AI applications the customer satisfaction was adopted in this study for ensuring objectivity and reliability. The analysis was performed conducting statistical techniques which are appropriate for quantitative research.
[bookmark: _Toc220281219]4.2 Findings and analysis 
[bookmark: _Toc220281220]Demographic 
1. Age group:
[image: ]

The study found that 53.33% respondents were from the age group of 28-37. 40% of the total respondents were from 18-27 age group. And the rest 6.67% respondents belonged to the age group of 48-57.
2. Sex: 

[image: ]


The study found that male respondents were 50% where as 46.67% were female. It was found that 3.3% respondents did not prefer to say about their gender.
[bookmark: _Toc220281221]Customer Satisfaction
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	3. Generative AI provides more personalized responses to my inquiries than traditional customer service channels.
	15
	15
	0
	0
	0

	Mean
	4.50

	SE of Mean
	0.09

	SD
	0.51

	Analysis
This descriptive statistic indicates a very strong positive perception of generative AI’s ability to deliver personalized responses compared to traditional customer service channels. Out of 30 respondents, 100% expressed agreement. 50% of them agreed strongly and another 50% strongly agreed by statement. There was no neutral response and the anonymous agreement highlights a clear consensus among respondents regarding generative AI outcomes. It was found that the mean is score was 4.50 which reinforced the conclusion that respondents perceive generative AI as highly effective. Standard deviation was 0.51 which indicates that responses were consistent with minimal divergence. In addition, the standard error of mean was very small which was 0.09 implying that the estimated mean is reliable.



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	4. I feel that the AI-driven recommendation system at ASOS effectively suggests products that suit my preferences.
	11
	12
	3
	4
	

	Mean
	4.00

	SE of Mean
	0.19

	SD
	1.01

	Analysis
The outcomes indicate that AI driven recommendation system at ASOS effectively suggests products that suit the preferences of the customers. The majority expressed agreement with the statement where 77% positive responses were there overall. Only three respondents remained neutral and for respondents disagreed. A minority perceive limitations in personalization accuracy according to the scenario. The mean score was 4 suggesting that respondents agree that a recommendation system effectively alliance the preferences. Standard deviation was 1.01 which was relatively high compared to the previous statement. The aspect indicates greater variability in responses. 



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	5. The use of AI at ASOS has made my shopping experience more enjoyable and tailored to my needs.
	16
	14
	0
	0
	0

	Mean
	4.53

	SE of Mean
	0.09

	SD
	0.51

	Analysis
This descriptive statistic demonstrates an exceptionally strong positive perception regarding the usability of AI at ASOS in enhancing the overall shopping experience. No respondent remained neutral and all the respondents made positive attributes by agreeing and strongly agreeing the scenario. The mean score was 4.53 which was very close to the maximum value of the 5-point Likert scale. The orientation indicates that respondents not only accept an integration but strongly perceive meaningful value. Standard deviation was very low indicating minimal variability in responses. Even standard error of mean was 0.09 which reinforced the reliability and precision of the mean.





[bookmark: _Toc220281222]AI-driven Chatbots 
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	6. How satisfied are you with the accuracy of responses provided by ASOS's AI-powered chatbot?
	14
	13
	2
	1
	0

	Mean
	4.33

	SE of Mean
	0.14

	SD
	0.76

	Analysis
The descriptive results indicate a high level of satisfaction among respondents regarding the accuracy of AI powered chatbot of ASOS. A small disagreement of variation in user experiences was found from the study. 14 respondents strongly agreed and 13 agreed which represented 90% positive responses. Only 2 respondents reported neutral stance. The distribution indicates that most users find responses of chatbot accurate. The mean score was 4.33 which reflects I strong overall agreement and they are highly satisfied with the crazy of AI powered chatbot. Standard deviation indicates a moderate level of availability as the output was 0.76. And standard error of mean was 0.14 which was relatively low implying that the mean score is a reliable estimate.



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	7. To what extent do you agree that the AI chatbot resolved your queries promptly?
	14
	14
	2
	0
	0

	Mean
	4.40

	SE of Mean
	0.11

	SD
	0.62

	Analysis
The study found that a strong positive assessment regarding the ability of AI chatbot to resolve customer queries in a timely manner. Out of 30 respondents, 28 respondents provided positive agreement and only to respondents demonstrated the neutral option. There was no disagreement according to the findings. The distribution implies that the first majority of users perceive the AI chatbot significant in handling queries. The mean score was 4.40 which signified a high level of agreement regarding the chatbot efficiency to resolve queries.



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	8. How helpful do you find the AI-powered chatbot in providing personalized assistance?
	13
	15
	2
	0
	0

	Mean
	4.40

	SE of Mean
	0.12

	SD
	0.67

	Analysis
The findings indicate a very strong positive perception of the AI powered chatbot’s ability to deliver personalized assistance to customers. It was found that out of 30 respondents, the vast majority comprised of 93% reported positive views. Only two respondents selected the neutral option and there was no negative response. The mean is good was 4.40 demonstrating a very high level of percent helpfulness. The standard deviation indicates low to moderate variability as the output was 0.67 and standard error of mean was 0.12 signifying that the mean score is a reliable estimate.



[bookmark: _Toc220281223]AI in Video Processing
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	9. How satisfied are you with the AI-powered video recommendations and virtual try-ons offered by ASOS?
	18
	11
	1
	0
	0

	Mean
	4.57

	SE of Mean
	0.10

	SD
	0.56

	Analysis
The descriptive statistics reflects a very high level of satisfaction with AI powered video recommendations of ASOS. 29 respondents expressed positive satisfaction comprised of 97% of the total respondents. Only one respondent selected the neutral option. The mean score was 4.57 signifying the highest across the surveyed items and was very close to the maximum possible score of 5.0. The output demonstrates that respondents perceive AI powered video recommendations and virtual try-ons very effective and beneficial in determining and enhancing shopping experience.



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	10. To what extent do you trust the accuracy of AI-generated product videos and visuals?
	14
	14
	2
	0
	0

	Mean
	4.40

	SE of Mean
	0.11

	SD
	0.62

	Analysis
The findings indicate a high level of trust among respondents in the accuracy of AI generated product videos and visuals. 28 respondents expressed agreement with 14 strongly agreeing. The neutral option was selected by only to respondents and there was no negative response. The distribution suggests strong overall confidence in a generated visuals having minimal hesitation among users. The mean value was 4.40 which was well ever the neutral midpoint of 3.0. The output reflects a strong level of trust in the accuracy and reliability of AI generated product representations. Standard deviation was 0.62 indicating low to moderate variability in responses. The standard error of mean was 0.11 which was low and highlighted the position reliability of the estimated mean. 



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	11. Do AI-powered video features influence your purchase decisions?
	14
	14
	2
	0
	0

	Mean
	4.40

	SE of Mean
	0.11

	SD
	0.62

	Analysis
The findings found a strong positive influence of AI powered video features on purchase decisions of customers. Out of 30 respondents, 28 respondents reported agreement with 14 strongly agreeing. There was no negative response and only to respondents selected the neutral option. The distribution clearly indicates that most customers determine AI powered video features very important factor. The mean score what's 4.40 which was well above the neutral need point and reflected a high level of agreement regarding the influence of AI powered video content on purchasing behaviour.



[bookmark: _Toc220281224]Agentic AI and Autonomous Systems
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	12. How satisfied are you with the speed of order fulfilment and delivery when using ASOS's AI-driven systems?
	15
	15
	0
	0
	0

	Mean
	4.5

	SE of Mean
	0.09

	SD
	0.59

	Analysis
The findings found a strong positive influence of AI driven systems on customer satisfaction with order fulfilment and deliver speed. There was 100% agreement with the statement having equally 15 of strongly agreeing and agreeing. No disagreement or neutral point was there from the respondents. The mean score was 4.50 which was significantly above the neutral mid-point. The standard deviation was 0.59 indicating low variability in responses demonstrating that satisfaction levels are consistently high. Even the standard error of mean confirmed that the mean score is precise as the output was 0.09.



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	13. How confident are you in the AI’s ability to predict and fulfil your product preferences accurately?
	15
	15
	0
	0
	0

	Mean
	4.5
	
	
	
	

	SE of Mean
	0.09
	
	
	
	

	SD
	0.59
	
	
	
	

	Analysis
The descriptive statistics indicates a very high level of confidence among respondents determining the ability of AI to accurately predict and fulfil the product preferences. No neutral or negative response was there because of 100% respondents expressed positive confidence. The mean score was 4.50 which was above the neutral midpoint reflecting strong overall confidence in AI accuracy. The standard deviation was 0.59 determining low variability and indicating that most respondents share similar and highly positive perception.



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	14. Do you feel that the AI systems reduce the need for human intervention in your shopping experience?
	16
	13
	1
	0
	0

	Mean
	4.5

	SE of Mean
	0.10

	SD
	0.57

	Analysis
The findings indicate as strong positive perception regarding AI systems of ASOS in reducing reliance on human intervention during shopping experience. 97% of total respondents agreed with the statement with having 16 strongly agreed. The orientation indicates vast majority of users recognizing the efficiency and autonomy provided by AI driven systems. The mean score was 0.57 indicating low variability and demonstrating that respondents determined positive perceptions. The standard error of mean was very low as the output was 0.10 suggesting that the mean score is reliable. 



Enhanced Product Recommendation Systems
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	15. How accurate are the product recommendations you receive on ASOS based on your previous purchases and preferences?
	16
	13
	1
	0
	0

	Mean
	4.5

	SE of Mean
	0.10

	SD
	0.57

	Analysis
The results indicated a very positive and high level of perceived accuracy of AI driven product recommendations by ASOS. 29 respondents out of 30 expressed positive views with having 16 strongly agreement. Only 1 respondent selected the neutral option. The mean score was 4.50 of which was significant and well above the neutral meet point. The orientation reflected strong agreement because of the company provides highly accurate orientation through AI. 



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	16. To what extent do you agree that the personalized product recommendations improve your shopping experience at ASOS?
	13
	13
	4
	0
	0

	Mean
	4.3

	SE of Mean
	0.12

	SD
	0.70

	Analysis
The findings found a very strong positive perception regarding personalized product recommendations by ASOS in enhancing overall shopping experiences. Only 4 respondents selected the neutral option and the race number of respondents expressed positive agreement. The mean score was 4.30 which was above the neutral midpoint. 



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	17. How likely are you to purchase products based on ASOS's product recommendation system?
	17
	12
	1
	0
	0

	Mean
	4.53

	SE of Mean
	0.10

	SD
	0.57

	Analysis
The results indicated are very high likelihood that customers are influenced by product recommendation system of ASOS in making purchase decisions. 29 respondents expressed positive intentions with 17 strongly agreeing and 12 agreeing. The mean score was 4.53 which was close to the maximum of the 5-point Likert scale. Even the standard division was very low indicating a minimal variability. The standard error of mean 0.10 confirming that the mean score is reliable. 









[bookmark: _Toc220281225]Reliability test 
	Case Processing Summary

	
	N
	%

	Cases
	Valid
	30
	100.0

	
	Excludeda
	0
	.0

	
	Total
	30
	100.0

	a. Listwise deletion based on all variables in the procedure.



	Reliability Statistics

	Cronbach's Alpha
	N of Items

	.917
	15



[bookmark: _Toc220281226]Regression analysis 
	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	6.318
	4
	1.579
	14.743
	.000b

	
	Residual
	2.678
	25
	.107
	
	

	
	Total
	8.996
	29
	
	
	

	a. Dependent Variable: Customer Satisfaction

	b. Predictors: (Constant), Agentic AI, Enhanced_Product_Recommendation_Systems, AI Chatbot, AI Video



	Coefficients

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	1
	(Constant)
	-.178
	.658
	
	-.270
	.790

	
	Enhanced_Product_Recommendation_Systems
	.007
	.193
	.006
	.038
	.970

	
	AI Chatbot
	.416
	.177
	.412
	2.355
	.027

	
	AI Video
	.013
	.200
	.011
	.064
	.949

	
	Agentic AI
	.580
	.279
	.463
	2.077
	.048

	a. Dependent Variable: Customer Satisfaction



The table represents the outcomes of a multiple regression analysis examining the impact of different AI features on customer satisfaction as the dependent variable. Independent variables are enhanced product recommendation system, AI chatbot, AI video and authentic AI. The coefficient is extremely small and not statistically significant regarding enhanced product recommendation systems according to the outcomes. The coefficient is positive regarding AI chatbot having the impact on customer satisfaction. AI video as the coefficient is positive but not statistically significant according to the scenario. Agentic AI as the coffee scent is positive and statistically significant referring to autonomous AI system’s capability of performing actions.




[bookmark: _Toc220281227]4.3 Discussion 
[bookmark: _Toc220281228]4.3.1 The effectiveness of generative AI in improving personalized customer interactions at ASOS PLC.
Generative AI has evolved into a transformative force in digital commerce, enabling highly personalized customer interactions. The aspect is associated with online retailing, where the organization's ability is tailored to provide accurate information and recommendations, as well as responses tailored to individual needs. It is suggested that generative AI systems leverage natural language processing, large language models, and deep learning, which outperform traditional rule-based customer service channels. The capability increases responsiveness, perceived relevance, and empathy, which are significant aspects for maintaining good relationships with customers and satisfying them. Studies on service-dominant logic emphasize that value is created through interactions between customers and service systems. Generative AI supports an orientation in which continuous learning is driven by customer interactions, enabling personalization accuracy to improve over time. In addition, AI-driven personalization reduces cognitive effort for customers, enabling a faster decision-making process and smoother navigation across digital platforms. The aspect also highlights that perceived personalization enhances emotional engagement and trust, thereby enabling higher satisfaction and loyalty intentions. When customers perceive that the organization understands their needs, the service experience shifts from transitional to rational. In omni-channel retail environments, generative AI further enhances consistency across touchpoints by maintaining contextual memory of prior interactions. This orientation reduces frustration and reputation in digital customer journeys. Personalization driven by generative AI is linked to competitive advantage from our strategic perspective, because firms can differentiate not only through product offerings but also through superior customer experience. However, the critical point is that personalization must be balanced with ethical data practices and transparency, as excessive data-driven personalization may raise privacy concerns and resistance. Consistent positions of generative AI determine a powerful envelope of personalization that is efficient and emotionally resonant. 
The study obtained data from respondents, which strongly supports the effectiveness of generative AI in enhancing personalized customer interactions at ASOS. There was substantial agreement among respondents, with 50% strongly agreeing and 50% agreeing. This response ensured that generative AI provided more personalized responses than traditional customer service channels, resulting in a high margin score of 4.50. In addition, the statement indicates that AI has made the shopping experience more enjoyable and tailored, as evidenced by a stronger mean of 4.55, with 100% of respondents selecting either agree or strongly agree. The results indicate universal acceptance of AI-driven personalization among ASOS customers. The descriptive statistics confirm that customers perceive generative AI as a critical contributor to personalization quality from a collective viewpoint, reinforcing its role as a foundational driver of overall customer satisfaction.
[bookmark: _Toc220281229]4.3.2 The impact of AI-powered chatbots on consumer satisfaction.
It is important to understand how consumers become satisfied so that organizations can take appropriate measures. AI-powered chatbots have become integral to maintaining contemporary service strategies for organizations, especially in high-volume online retail environments. The aspect identifies chatbots as cost-efficient and level tools that can deliver instant support, handle limited inquiries, and operate continuously. The effectiveness of the chatbot is evaluated across dimensions of responsiveness, personalization, problem resolution, and accuracy, from a service quality perspective. Prior research demonstrates that prompt responses and perceived competence significantly impact users' satisfaction, particularly when customers are seeking instant assistance during the purchase or post-purchase stages. The Technology Acceptance Model (TAM) explains that adoption of chatbots, driven by perceived usefulness and ease of use, is significant for delivering accurate, contextually relevant responses. Users are likely to obtain them as a useful orientation that helps them be satisfied. In addition, chatbots are enabled in conversational AI to enable more human-like interaction styles. Perceived social distance can be reduced, and engagement can be enhanced in the scenario. It is indicated that personalized chatbot interactions significantly reduce frustration and build trust, particularly when systems can remember customers' previous interactions. However, scholars suggest that chatbot satisfaction depends on task complexity. Satisfaction is determined for structured, routine queries, but dissatisfaction may arise if the organization fails to address complex or emotionally sensitive issues. Hybrid service models are often recommended because AI chatbots complement rather than replace human agents. AI chatbots are artificial, but they are far from identical; they deliver timely, accurate, and personalized assistance, which reinforces their strategic importance in digital customer experience management. 
The researcher collected data from the respondents to evaluate the justification of the findings with the literature. The findings reveal a very strong positive perception of ASOS's AI-powered chatbot performance. A mean of 4.36 was recorded regarding satisfaction with response accuracy. 90% of respondents selected either agree or strongly agree. A mean score of 4.33 was accepted through prompt query resolution. The aspect provided personalized assistance significantly. The consistently high mean values, combined with low standard deviations, indicate strong approval and consciousness among respondents. However, regression analysis shows that the AI chatbot was not a statistically significant predictor of overall customer satisfaction. The scenario suggests that the impact of chatbots may be indirect or mediated. However, they are well-received compared with other air systems and do not act as a primary driver of satisfaction on their own.
[bookmark: _Toc220281230]4.3.3 AI in video processing impacts consumer satisfaction.
Contents developed with AI are highly significant in shaping a better understanding of consumer needs, thereby enabling satisfactory deals to be maintained. AI-driven video processing technologies, comprising automated product videos, virtual try-ons, and visual recommendations, are very significant for gaining prominence in online fashion retail. The focus is on the fact that visual uncertainty is a major barrier to contemporary online Apple purchases because consumers cannot physically inspect products. It is a significant deal, and consumers expect to receive an inspectional value so they can make an effective decision before proceeding to the final purchase. The limitation is addressed by AI-powered video solutions that enhance product visualization, interactivity, and realism. Personalized video recommendations and virtual try-ons help consumers make better evaluations and assessments, reducing perceived purchase risk. Immersive visual content enhances engagement and value from an experiential marketing perspective. The orientation contributes to a more enjoyable shopping experience for customers, as video-based AI features are suggested to enhance information richness. The aspect enhances perceived usefulness and consumer trust. In addition, customers are more likely to rely on them during purchase decisions when they perceive the generated visuals as realistic and accurate. They are attracted positively according to the scenario. However, the orientation cautions that unrealistic or inaccurate visual representations may negatively affect customer credibility and post-purchase satisfaction. AI in video processing is widely recognized as a performance enhancement for improving the digital customer experience. The aspect is particularly important in visually driven sectors such as fashion retail. The effectiveness lies not only in improving aesthetic appeal but also in supporting an informed editing process. Even organizations can achieve higher conversion rates by moving information-generating scenarios toward actual product purchases. Video content is very significant in association with air technology, helping attract and inform customers about the facilities and services they can obtain from the product. 
The researcher collected data from the respondents to evaluate the process and justify the findings. The survey outcomes demonstrate exceptionally strong customer approval of AI-powered video features at ASOS. The mean satisfaction score was 4.53 for video recommendations and virtual try-ons. 97% of respondents agreed or strongly agreed that the scenario determines that trust in an alternative result, and then friends' purchases are significant. Trust and its influence on purchases had a mean value of 4.57. The scenario indicates that high perceived reliability is significant for maintaining visual content through AI-powered technologies. However, the favourable perceptions cannot maintain a similar aspect of regression analysis. Regression analysis indicates that AI video processing does not have a statistically significant direct impact on customer satisfaction. Down edition suggests that video AI enhances experience quality and engagement, but its contribution to satisfying customer satisfaction may be complementary rather than decisive in comparisons with other AI-driven systems.
[bookmark: _Toc220281231]4.3.4 Agentic AI and autonomous system impact on consumer satisfaction
The development of AI technology in identifying customer needs and satisfying customers accordingly is identical. Agentic AI and autonomous systems represent a more advanced application of artificial intelligence. The scenario is characterized by predictive analytics, minimal human intervention, and decision-making autonomy. The systems are commonly applied to inventory management in retail operations, logistics management, demand forecasting, and order fulfilment. The orientation significantly highlights reliability, speed, and accuracy as critical outcomes of autonomous AI deployment. Faster deliveries and fewer fulfilment errors significantly enhance perceived service quality and satisfaction. From an operational efficiency perspective, delays are reduced in autonomous systems, and consistency improves accordingly. Customers often interpret this as a sign of reliability and professionalism. In addition, firms can anticipate customer preferences and stock availability by developing predictive capabilities, addressing delivery constraints, and reducing stickiness. It is emphasized that automation minimizes human error and operational variability, enabling the stabilization of the customer experience. However, it is noted that customer trust is essential for acceptance of agentic AI. System reliability, performance consistency, and transparency influence confidence in AI-powered decisions. Agentic AI is considered a strong strategic driver of customer satisfaction when implemented effectively, helping maintain it. The impact is direct regarding service outcomes rather than on interaction quality. Autonomous systems enhance service performance by reducing variability and improving efficiency in determining the fulfilment process. Reliability and responsiveness are critical dimensions and predictors of customer satisfaction, particularly in e-commerce environments. Customers expect fast, error-free service in this orientation, and authentic AI contributes to this by continuously learning from historical and real-time data. Retailers can anticipate demand fluctuations and optimize their delivery systems to better serve customers. Customers experience fewer delays in the scenario, which positively influences their experience throughout the process. It is also highlighted that predictive intelligence shapes customer perceptions. Demand forecasting for individual customer preferences can be effectively maintained by leveraging autonomous AI systems. Perceived service competence can be aligned effectively by reinforcing customer confidence.
The researcher collected data from the respondents to justify the impact of agentic AI and autonomous systems on consumer satisfaction. The empirical findings clearly demonstrate a decisive role for agentic AI and autonomous systems in shaping consumer satisfaction at ASOS. High levels of customer satisfaction with order fulfilment speed are indicated in the descriptive statistics, with a mean score of 4.50. The standard deviation was 0.59, which was very low for the scenario. A mean of 4.50 was similarly recorded regarding customer confidence in the AI system's ability to accurately predict and fulfill product preferences. Perceptions indicate that AI reduces the need for human intervention, with a mean of 4.35. The results suggest strong customer acceptance of AI-powered decision-making. In addition, irrigation analysis confirms that agentic AI and autonomous systems are the strongest statistically significant predictors of customer satisfaction, with standardized beta coefficients of 0.471 and 0.000, respectively. In addition, the belt indicates that improvements in autonomous operational efficiency substantially enhance customer satisfaction levels. The findings highlight that customers place greater value on outcome-based service performance, including operational reliability and faster delivery.
[bookmark: _Toc220281232]4.3.5 An enhanced product recommendation system impacts consumer satisfaction.
Customers expect the organization to provide proper recommendations so they can achieve a satisfactory level. Enhanced product recommendation systems are widely recognized in the literature as among the most influential applications of artificial intelligence in e-commerce. Advanced machine techniques are the aspects on which the systems depend. The techniques include content-based filtering, collaborative filtering, and hybrid recommendation algorithms. The aspects are evaluated based on large volumes of customer data, including purchase history, preference patterns, and browsing behaviour. The primary objective of such systems is to reduce information overload by presenting customers with highly relevant product options. The orientation streamlines decision-making in digital retail environments.  Accurate and personalized recommendations in terms of perceived usefulness and convenience, according to the viewpoint of consumer behaviour. Perceived usefulness and convenience are the key antecedents of customer satisfaction. The orientation is grounded in the Technology Acceptance Model (TAM), which indicates that customers are more likely to trust and rely on organizations during purchase decisions if recommendation systems are useful and easy to understand. In addition, satisfaction arises when system-generated recommendations meet or exceed customer expectations for relevance and accuracy. Customer experience becomes significant when recommendations align closely with individual preferences. The scenario results in higher certification and positive post-purchase evaluations. It is also reflected in the scenario regarding the exponential value of recommendation systems. A sense of being understood by the retailer is suggested by a personalized orientation, which strengthens emotional engagement and relational bonds. The aspect is particularly significant in fashion retail, where personal taste plays a central role. In addition, effective recommendation systems enhance perceived enjoyment by making the shopping process more engaging and less effort-intensive. There is a further argument that recommendation systems have a dual impact, as they not only improve satisfaction but also increase purchase intention. However, the effectiveness of the recommendation depends heavily on data quality and algorithm transparency. 
The study collected data from respondents, and the empirical results strongly confirm the positive impact of enhanced product recommendation systems on customer satisfaction at ASOS. Product recommendations were rated highly by respondents, with a mean score of 4.50. There was less deviation because it was scored by 0.57. This aspect indicated strong alignment between suggested products and individual preferences. The overall shopping experience improved, as perceptions of personalized recommendations also recorded a high mean of 4.30. The likelihood of purchasing products based on a recommendation had a mean score of 4.53. In addition, regression analysis reveals that enhanced product recommendation systems have a statistically significant positive impact on customer satisfaction. The finding indicates that recommendation accuracy and relevance are highly significant factors in maintaining satisfactory customer levels. Compared to other AI applications, product recommendations are among the most significant drivers of customer satisfaction. The aspect highlights the strategic importance of shaping a positive consumer experience.


[bookmark: _Toc220281233]CHAPTER FIVE: CONCLUSION AND RECOMMENDATIONS 
[bookmark: _Toc220281234]5.1 Introduction 
The chapter presents the study's concluding scenario, synthesizing the key findings from the quantitative analysis assessing the impact of GenAI within the UK retail industry. The purpose of this chapter is to evaluate critically how effectively the research aims and objectives have been achieved based on empirical evidence. Even this chapter presents the research findings as practical and strategic recommendations that can support ASOS PLC and similar digital-first retail organizations in optimizing the use of GenAI technologies to enhance the customer experience. The chapter also acknowledges the limitations encountered during the research process and identifies potential areas of development for future academic investigation. The chapter provides a holistic conclusion to the study. It highlights the research's overall contribution to both the academic literature and managerial practice in the context of AI-driven retail transformation. 
[bookmark: _Toc220281235]5.2 Justification of achieving research objectives 
This research aimed to evaluate the impact of GenAI on customer satisfaction in the UK retail context. The aim was operationalized through three specific research objectives, which are evaluated here based on the findings. 
Objective 1: To evaluate the effectiveness of generative AI in improving personalized customer interactions at ASOS PLC
Data collected indicates that Generative AI has been effective in enhancing personalized customer interactions at ASOS PLC. The researcher collected responses from individuals through a survey, which revealed that a significant proportion of respondents received AI-driven interactions that were responsive and relevant, tailored to individual needs. The use of GenAI-enabled systems, including intelligent chat boards and personalized recommendations, enabled the organization to provide customized support. 
Regression and descriptive analyses demonstrated that customers valued GenAI systems' ability to evaluate and understand context and deliver consistent responses. The outcomes align with the Technology Acceptance Model, suggesting that perceived usefulness and ease of use positively influenced user satisfaction. Customers report greater satisfaction when interactions feel intuitive and effective, supporting the conclusion that GenAI has improved personalization at ASOS PLC. Therefore, the first objective of the research was successfully achieved, as empirical evidence confirmed that GenAI significantly enhances personalized customer engagement within ASOS.
Objective 2: To assess the impact of AI-driven chatbots and recommendation systems on customer satisfaction levels at ASOS PLC.
The second research objective focused on evaluating the influence of specific GenAI applications, particularly AI-powered chatbots and recommendation systems, on customer satisfaction. The findings revealed that AI-driven chatbots had a strong positive impact on satisfaction, particularly in response speed, availability, and accuracy. The 24/7 accessibility of chatbots was appreciated by customers for routine inquiries, including order tracking, returns, and delivery updates. 
An AI-driven product recommendation system significantly influenced customer satisfaction by reducing search effort and improving product relevance. Respondents indicated that personalized recommendations helped them discover suitable products more efficiently. The analysis confirmed that both chatbots and recommendation systems were positively relevant to customer satisfaction. 
However, the findings also revealed that customer satisfaction declined when the chat box failed to handle complex issues effectively. This aligns with the existing literature on the importance of hybrid AI-human support models. Overall, the second research objective was achieved, as the study clearly demonstrates that AI-driven chatbots and recommendation systems play a crucial role in shaping customer satisfaction at ASOS.
Objective 3: To identify key AI technologies that have the most significant influence on customer satisfaction 
The third objective aimed to identify which GenAI technologies have the strongest influence on customer satisfaction. The researcher conducted a regression analysis, which revealed that AI-powered chatbots and product recommendation systems had the most statistically significant impact on customer satisfaction. Customer perceptions are directly influenced by the technologies used to enhance service quality, efficiency, and personalization. 
Video processing through AI contributed positively by enhancing product visualization and reducing uncertainty in purchase decisions. However, the impact was comparatively lower than that of chatbots and recommendation systems. Autonomous systems and agentic AI improved operational efficiency but raised concerns about transparency. The study successfully identified chatbots and recommendation systems as the most influential GenAI technologies for improving customer satisfaction, thereby achieving the third objective.
[bookmark: _Toc220281236]5.3 Recommendations 
It is recommended to implement a hybrid AI-human support model to handle routine inquiries, while customers still prefer human assistance for complex and emotionally sensitive issues. ASOS should implement a hybrid service model that seamlessly escalates conversations to human agents when needed. The approach can balance efficiency with empathy and enhance consumer trust. 
It is recommended to increase transparency in AI-driven recommendations, as customers have expressed concerns about excessive personalization. The company should increase transparency by clearly explaining why certain products are recommended. Perceived fairness can be improved by providing customers with control options. 
It is recommended to invest in emotional intelligence capabilities with advanced sentiment analysis. Training AI models can identify customer dissatisfaction to generate more empathetic responses and determine appropriate time interventions. 
It is recommended to optimize AI-generated visual content to ensure accuracy and realism. ASOS should validate AI-generated visuals to avoid misleading product representations. Customer trust can be maintained and dissatisfaction reduced by fostering transparency.
It is recommended to strengthen data privacy and ethical governance, for which the company should reinforce its ethical AI governance framework. The data collection process must be integrated with a clear communication channel. The aspect will improve customer confidence and satisfaction.
[bookmark: _Toc220281237]5.4 Further study 
The research provides valuable insights; however, several avenues for future research remain. Future studies should adopt a mixed-methods approach by incorporating qualitative interviews to gain deeper insights. Even longitudinal studies in schools evaluate how customer satisfaction evolves as GenAI technologies also evolve. In addition, future studies could compare multiple UK retail organizations to enhance generalizability. Demographic differences, including age and digital literacy, can be explored to provide a more comprehensive understanding of customer responses. Future studies should examine the article's implications of hyper-personalisation and autonomous AI decision-making in greater depth. 
[bookmark: _Toc220281238]5.5 Limitations of the study 
The study has certain limitations, although it offers several contributions. The sample size was limited to 30 respondents, which might restrict the generalizability of the findings to the entire UK retail population. The research focused exclusively on ASOS PLC, limiting the applicability of the findings to other retail formats, such as physical stores. Even though the study examined GenAI at a single point in time, wireless customer perceptions may evolve as technologies advance. Nevertheless, the study provides significant insights into the impact of GenAI on customer satisfaction.
[bookmark: _Toc220281239]5.6 Conclusion 
The study has successfully evaluated the impact of GenAI on customer satisfaction in the UK retail industry, using ASOS PLC as a case study. The findings demonstrate that GenAI significantly improves customer satisfaction by enhancing personalisation and responsiveness. The emergence of AI-powered chatbots and personalized recommendation systems has been the most influential technology in determining aspects of customer satisfaction. Even AI-driven video processing and autonomous systems provided additional value when implemented transparently and effectively. 
The study contributes significantly to the academic literature by providing UK-specific quantitative evidence on GenAI. A key research gap was addressed in this study. The findings offer actionable insights for retail organizations seeking to leverage GenAI to improve the customer experience from a managerial perspective. Their study confirms that Generative AI can deliver and serve as a powerful driver of customer satisfaction if the process is designed responsibly and aligned with customer expectations. Even a competitive advantage can be achieved in the digital return landscape through the contribution of generative AI.
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