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[bookmark: _Toc220870437]1. Introduction
This report presents a data-driven analysis conducted using Microsoft Excel and IBM SPSS, with the aim of demonstrating key Business Intelligence competencies at Level 5. The analysis focuses on data cleaning, descriptive statistics, data visualisation, and statistical testing to support evidence-based decision-making. Although the original assessment brief refers to a food delivery dataset, the dataset available for this coursework consists of 6,366 observations of full-time employees from the East North Central region of the United States. The report applies the required analytical techniques consistently to this dataset, and this limitation is acknowledged and reflected upon in the final section.
[bookmark: _Toc220870438]2. Data Cleaning and Preparation (Excel)
Data preparation was carried out in Microsoft Excel, following best practices in data quality management. Initial checks confirmed that the dataset contained no missing values across the main variables. However, a small number of records reported zero hours worked per week. As these values would invalidate derived measures such as hourly earnings, they were excluded only from calculations that depended on working hours, while being retained for all other analyses. This selective treatment ensured analytical accuracy without unnecessary data loss.
[bookmark: _Toc220870439]3. Descriptive Statistics and Summary (Excel & SPSS)
Descriptive statistics were generated using both Excel and SPSS to summarise the dataset. The average number of hours worked per week was 42.19, while mean annual earnings were approximately 37,796. The earnings variable displayed substantial dispersion and right-skewness, indicating income inequality and the presence of high-earning outliers. The average age of employees was 40 years, and the mean education level was approximately 13.5 years. These findings provide a foundational understanding of the workforce profile.
[bookmark: _Toc220870440]4. Trend Analysis and Visualisation (Excel)
In the absence of a time-based variable, trend analysis focused on identifying patterns and relationships between key variables. Visualisations were created in Excel to support intuitive interpretation and communication of insights to non-technical audiences.
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Figure 1: Average annual earnings by gender.
Source: Author’s own analysis using Microsoft Excel, 2026.
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Figure 2: Relationship between education level and annual earnings.
Source: Author’s own analysis using Microsoft Excel, 2026.
[bookmark: _Toc220870441]5. Statistical Analysis using SPSS
Inferential statistical analysis was conducted using IBM SPSS. An independent samples t-test revealed a statistically significant difference in mean annual earnings between male and female employees (p < 0.001). Pearson correlation analysis identified a moderate positive relationship between education and earnings, while age and hours worked demonstrated weaker associations. A multiple linear regression model further confirmed education and gender as significant predictors of earnings, although overall explanatory power remained limited.
[bookmark: _Toc220870442]6. Insights and Recommendations
The analysis highlights several key insights relevant to managerial decision-making. Education emerges as a consistent predictor of higher earnings, supporting the importance of investment in training and professional development. The presence of a statistically significant gender pay gap suggests the need for regular pay equity audits and transparent remuneration policies. From a Business Intelligence perspective, organisations are encouraged to enrich workforce datasets with variables such as job role, tenure, and industry, in order to improve predictive accuracy and strategic relevance.
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