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Abstract
The use of AI virtual assistants to improve customer service efficiency, responsiveness, and satisfaction in the banking industry is growing. The paper assesses the efficiency of AI virtual assistants in the UK banking sector and compares Gen Z and Millennial consumers. The introduction chapter reports the aim, objectives, problem statement, and rationale of the research, which helps in assessing the effectiveness of AI virtual assistants in improving customer service in the UK banking sector by comparing Gen Z and Millennial customers. A conceptual model rests on the Technology Acceptance Model, Expectation-Confirmation Theory, and Generational Cohort Theory to base the literature review on the investigation of technology adoption, satisfaction, and generational differences. It utilized a quantitative research method, where 120 consumers of UK banks were surveyed using a structured, closed questionnaire that was conducted using Google Forms. Correlation analysis, regression analysis, and independent sample t-tests were performed with SPSS to test the relationships between AI service attributes and overall customer satisfaction between generations. The results indicate a strong correlation of perceived usefulness, ease of use, trust, and service satisfaction, and the differences are considerable between Gen Z and Millennial users. The research recognizes gaps associated with sample heterogeneity and self-reported feedback and offers suggestions on how to improve AI-powered customer service approaches within banking via ethical, transparent, and customer-oriented execution.
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[bookmark: _Toc220595646]Chapter 1: Introduction 
[bookmark: _Toc220595647]1.1 Background of the study 
Over the last few years, the banking sector in the United Kingdom has been experiencing a fast-paced digital transformation induced by consumer-growing expectations and competitive forces of fintech innovators (Seyedjafarrangraz, 2024). Conventional service models that depended on in-branch and telephone services are now being supplemented or substituted with digital services that provide quicker, personalised, and scalable customer care experiences. Technological innovations in the field of artificial intelligence (AI), and in particular, the integration of AI-powered virtual assistants and chatbots that are available 24 hours around the clock and automate the most common service duties have been catalysts in this shift (Singh, 2025).
Based on machine learning, natural language processing (NLP), and conversational AI, AI virtual assistants extract the meaning of customer queries, give human-like answers, and escalate complex problems where needed (Shrivastava et al. 2025). In the case of UK banks, these tools provide a tactical path towards making operations more efficient, less expensive, and more responsive, particularly with digitally native customer groups. According to a 2024 report by the Bank of England, 75% of financial firms, including banks, are already using AI, while an additional 10% plan to adopt it within the next three years. This highlights the strong and growing acceptance of AI and explains the rapid acceleration of AI adoptions across the financial services industry (bankofengland.co.uk, 2026).
There are diverse attitudes towards AI based on their generational dimensions. Indicatively, a survey of UK industries revealed that approximately 48% of Gen Z and millennial consumers think AI can be used by banks to identify and fight fraud, whereas the acceptance rate among older generations is much lower (credit-connect.co.uk, 2026). These generational variations indicate that younger customers (more digitally active and AI-friendly) might be more satisfied with AI virtual assistants than with older user groups (Bratovcic, 2025). These insights are essential to the cognition and perception of customers regarding the influence of age on digitised service environments.
The adoption of AI virtual assistants also aligns with the general trends in the way consumers interact with financial services. According to UK banking consumer statistics, 57% of Generation Z and 60% of millennials choose mobile banking applications as their main service tools, signalling that these generations favour online interactions more than the conventional service delivery channels (absrbd.com, 2026).
Large banks in the UK are making active investments in these technologies. An example is Barclays, Lloyds and NatWest publicly declaring AI initiatives to improve customer interactions, including support chatbots and personalised financial advice tools, which is a reflection of an industry perception that AI can not only optimize service delivery but also put banks in a position to deal with the increasing customer expectations of rapidity, convenience, and customized engagement (Ainous and Nouichi, 2024). Knowledge of these differences can assist UK banks to better align AI strategies with the needs of a variety of customer segments, enhance levels of satisfaction, and design digital services in a more competitive environment.
[bookmark: _Toc220595648]1.2 Research Rationale 
The potential usefulness of AI virtual assistants in customer service is a more complicated concept to determine than the customer response speed or the degree of automation. The rationale behind the research is to comprehend the behavioural and psychological processes or mechanisms of trust, perceived service quality and ease of interaction, which have a bearing on customer satisfaction in AI-mediated banking services. Although AI virtual assistants are widely implemented in UK banks, their usefulness is not being enjoyed evenly across consumer groups. Walia (2025) emphasised that conversational AI has the potential to improve customer engagement and perceived efficiency, but generational disparities in trust and acceptance have been ignored. Equally, Zheng et al. (2023) observed that the response of consumers to AI service agents differs depending on the level of technological familiarity and expectations.
The current literature mainly discusses the operational advantages, including reduction of costs, availability of services, and optimisation of workloads to banks, but not the results for the consumers. The majority of the research evaluates AI virtual assistants based on overall customer satisfaction metrics, and does not factor in the generational differences between Gen Z and millennial customers. AI service interaction and customer experience will be analysed in terms of the perceived reliability, responsiveness, and problem-solving effectiveness, which were not evaluated simultaneously across the generational cohorts in the past research. This paper uses the comparative methodology in assessing the perceptions of AI-enabled banking services by digitally native Gen Z consumers and experience-oriented millennials.
According to previous studies, customer satisfaction with AI services is not only determined by the functional accuracy of AI services but also by the perceived empathy and openness of the interaction. Puchakayala (2022) stressed that accountability and customer trust are essential to responsible AI implementation in financial services.
[bookmark: _Toc220595649]1.3 Research Significance and Problem Statement 
Gen Z millennials are more receptive to AI than the Millennials, with the former showing higher interest in technology and safety-seeking, besides no changes in convenience for AI-oriented technologies (Kim et al. 2022). As said, the respective study highlights how AI virtual assistants enhance customer service and how Gen Zs perceive this, while further comparing it with the millennials. Eberi-Kalu, (2025), in this scenario, underlines that the motivational factors of AI technology acceptance, like interaction convenience, influenced millennials more than the Gen Z during online transactions. Both generations are differently receptive towards technology and perceive the technology differently. Hence, it is significant for the research to understand the value of AI assistants and their application towards customer assistance and that too from both the perspectives of Gen Z and millennials. It is also significant to understand the overall view from the lens of the banking industry, and the industry is growing with the trend of AI assistance towards customer service. The UK banking industry needs to be analysed in relation to the context.
Apart from this, the introduction of AI in the banking industry has imposed both advantages and disadvantages, be it for millennials or Gen Zs, which is one of the problems that this study desires to explore (Cho, 2024). The issue includes “why, what, and how”, such as why the UK banking industry relies on AI assistance for customer service. How do Gen Zs and millennials perceive this service differently, and what impact does such technology depict in the modern banking era? 
[bookmark: _Toc220595650]1.4 Research Aim and Objectives 
Aim 
The present research seeks to focus on the performance of AI virtual assistants in UK banking through the analysis of Gen Z and millennial consumer attitudes, experiences, and perceptions towards AI-enabled services. It aims at the comparative analysis of generational attitudes, evaluation of the influence on satisfaction, trust, and service efficiency, and the determination of the main variables to provide successful delivery of customer service with the help of AI.
Objectives
· To examine Gen Z and Millenial consumer’s perceptionson the adoption and utilisation of AI virtual assistants within the UK banking industry.
· To assess the impact of AI virtual assistants on customer satisfaction, trust, and perceived service effectiveness.
· To compare generational variations in attitudes, expectations, and service experience related to AI-enabled banking interactions.
· To analyse the key factors that facilitate or constrain the efficiency of AI virtual assistants in optimising customer service performance.
· To develop practical suggestions for UK banks to augment AI virtual assistants in addressing varying generational customer necessities.
[bookmark: _Toc220595651]1.5 Research Questions 
· What do Gen Z and millennial customers understand about the use and adoption of AI virtual assistants in the UK banking industry?
· How do AI virtual assistants affect the levels of customer satisfaction, trust, and perceived efficiency of the services provided by the banking customers in the UK?
· What can be done to compare the attitudes, expectations, and service experiences of Gen Z and millennial consumers to AI-enabled banking?
· Which attributes boost or impair the efficiency of AI virtual assistants in optimising customer-service results, and how can UK banks optimise such systems to address the varied generational requirements?
[bookmark: _Toc220595652]1.6 Dissertation Structure 
Introduction
The respective segment, which is the introduction, will introduce the context while describing it briefly under the significance and problem statement. Following this, the chapter derives objectives and aims of the research, which are aligned with the context of the study, which further assists in framing research questions as well. The introduction then carves the path for further elaboration of the study.
Literature review
The respective segment is where the overall study is elaborated using certain evidence from existing literature and compared with each other to derive an in-depth understanding. Certain models and theories will be used to ensure that the context is met thoroughly. This study will further elaborate on the AI assistance and its advantages towards Gen Z and millennials related to customer service.
Methodology
The respective segment is where the overall study retrieves data from credible sources, be it through interviews, surveys or pre-published data. The segment selects certain methods that assist in obtaining data from the sources and supports the study with empirical evidence, which is further analysed and discussed in the next segment, and proper analysis and findings will be derived as well.
Findings and Discussion
The findings and discussion are where the collected data through the methodology is analysed and aligned with the context of the study, which eventually ensures that the study is properly understood. Here, certain tools and techniques are used as well to further evaluate the study and the context, which is necessary for the researcher.
Conclusion and Recommendation
The conclusion and recommendation are the segment where the overall data is concluded or summarised, while underlining the facts and evidence that have been used throughout the study. The respective segment, after concluding the overall research, analyses certain limitations and then addresses them through proper recommendations.

[bookmark: _Toc220595653]Chapter 2: Literature Review 
[bookmark: _Toc220595654]2.1 Introduction 
In this chapter, the critical review of theoretical frameworks, scholarly discussions, and empirical evidence concerning the application of AI virtual assistants in customer service in the banking industry will be addressed. This chapter will assess the development of artificial intelligence as a strategic service tool, which affects customer satisfaction, trust, and efficiency of the service. It will examine behavioural, ethical, and technological aspects that influence consumer adoption by the different generations. In addition, it will comment on the quality of the service offered, forming trust, and the regulations of the interaction between AI-enabled banking.
[bookmark: _Toc220595655]2.2 Conceptual Framework 
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[bookmark: _Toc221021442]Figure 1: Conceptual Framework
(Source: Self-created)
[bookmark: _Toc220595656]The conceptual framework for this study investigates customer satisfaction with AI virtual assistants in the UK banking industry, with a comparative focus on Gen Z and Millennial consumers. The dependent variable of the study is “satisfaction with the assistant”, which reflects customers’ overall evaluation of their interaction experience and perceived service quality. The first independent variable, “service preference”, captures customers’ inclination towards AI-based support compared to human assistance and their expectations from digital banking services (Todupunuri, 2024). The second independent variable, “AI assistant used”, refers to customers’ actual engagement with AI virtual assistants and the frequency or context of their usage within banking services (Ramos et al. 2025). The third independent variable, “experience rating”, measures customers’ perceived quality of interaction, including ease of communication, clarity of responses and problem resolution effectiveness (Graham et al. 2025). “Data safety perception” is another key independent variable, reflecting customer confidence in data privacy, security and reliability of AI-driven banking systems (Junaedi et al. 2024). The final independent variable, “switch to human assistance (HA)”, examines customers’ tendency to move from AI support to human agents when facing complexity, dissatisfaction or trust concerns. These independent variables are expected to directly influence satisfaction with AI virtual assistants. 
2.3 Conceptualising AI virtual assistants and their role in customer service within the UK banking industry 
In the UK banking industry, the role of AI is known to be dominant as the present era is highly approachable towards technology and relies on technology for minor to major complexities. As this being said, Alanzi et al. (2023), states that in the UK banking industry the AI has played the role of transformation where the traditional methods found technical modern innovations to help with. The customer service which is 24/7 for customers having instant responses and hyper-personalisation, attracts Gen Z s and millennials at the same time. However, Bunea et al. (2024), contradicts that millennials might find the assistance difficult to work with while on the other hand Gen Zs are more familiar and linear with this change. This might be a minor disadvantage towards the millennials but with the changing era, such inconveniences can be resolved. Tools like instant responses and hyper-personalisation are powered by advanced Natural Language Processing (NLP) and machine learning which is able to handle a wide-range of inquiries from the balance checks and applications for loans. This enhances the operational efficiency and customer satisfaction at the same time. Being said so, it is also understood that AI assistance can be tricky as sometimes, certain complexities cannot be understood by the bots and require more professional assistance and this might be a disadvantage for the Gen Zs as well. However, with proper navigation, such complexities can be managed easily by the banking sector and specifically, by the UK banking sector.
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[bookmark: _Toc221021443]Figure 2: Role of AI in customer service
(Source: Andrade and Tumelero, 2022)
There are also key benefits to AI assistance and its role in the UK banking industry. First of all, the 24/7 support speed might provide immediate, round-the-clock service which might eliminate and exclude the waiting times and even if cannot eliminate completely, might reduce for sure. The modern customer expectations are minor for instant support and this might assist in fulfilling it further. Sharma et al. (2024), states that the operational efficiency and cost reduction might through automation and high-volume queries, can significantly reduce operational cost for the banks and manage human agents to focus on complex and more fragile tasks. Tasks that require emotional intelligence can be managed by humans when the AI takes over the minor tasks and creates room for more innovation and creativity. Apart from this, personalisation of customer data and spending habits including behavioural patterns provide tailored product recommendations, financial advice, and alerts that create a more relevant and engaging experience for the customers. Kim et al. (2022), states that the customers can be from any population of any such group of people, the benefits remain same for everyone and by saying so, it means that the AI assistance assists every person equally. Hence, the possibility of discrimination also reduces which might be common with human interference and hence, this ensures that the role of AI is more intense than mere management and ensuring appropriate outcomes. As this being said, the role of AI in UK banking is more supportive and creative rather than complex and difficult to manage.
Moreover, the aspect of enhanced security compliance is improved by AI through fraud detection and monitoring transactions to figure out anomalies and maintain regulatory compliance while adhering to strict guidelines. As this being said, Osakwe et al. (2024), further underlines that the AI and its inclusion provided data-driven insights where every interaction with the AI system results in valuable data and provide the banks with deeper insights towards customer necessities and pain points which also drives the banks towards emerging trends. This can form future service improvements and development of the products. Lastly, Tamara et al. (2023), highlights that there are also challenges that are associated with AI integration in the banking sectors of the UK. It has been further analysed that a significant number of customers do share concerns regarding data privacy and security despite AI integration. 
[bookmark: _Toc220595657]2.4 Analysing consumer acceptance of AI virtual assistants across generational cohorts 
All the Fintech associates, marketers, and policymakers promote inclusive and effective adoption of AI technologies. Consumers use AI as an integral part of their digital lives. The voice assistants are used for education, content creation, and career planning. AI has been trusted by millennials for decision-making in parenting. Whereas Szakacs, (2025) justified that AI has also been used in the workplace for decision-making and financing. However, due to the rapid digitalisation phase, there has been a decline in voice assistants' performance.
Generation X, born between 1965 and 1980, has adopted AI pragmatically for security and time-saving in the UK banking industry. For example, smart home automation such as Alexa has been particularly famous among the group for calendaring and fraud detection. Baby Boomers, born between 1946 and 1964, have been cautious with AI and have used it for practical tasks such as check-ins, reminders, and photo organization. Artificial Intelligence (AI) virtual assistants have taken over a major position in the markets. Siri, Alexa, Google Assistant, and ChatGPT have improved the consumer experience and transformed the interaction. The Technology Acceptance Model (TAM) can be used to understand how the consumer acce[ts and uses new technologies. The model focuses on Perceived Usefulness (PU) and Perceived Ease of Use (PEOU) as key determinants of acceptance. Gonçalves et al. (2023) mentioned that AI’s acceptance can be enhanced as trust increases with congruity and rejection sensitivity.
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[bookmark: _Toc221021444]Figure 3: Technology Acceptance Model
(Source: Davis, 1989)
The Technology Acceptance Model (TAM) by Davis (1989) defines that a system enhances performance and is free of effort. Bergmann et al. (2023) stated that behavioral intention and actual use define a technology's growth and usage. TAM can support the practical perspective of applying AI as these technologies improve trust and perceived value in everyday tasks. The Baby Boomers and Generation X’s cohort experience can be explained through TAM. Based on the model, AI is used to shape technological familiarity and cognitive expectations. However, baby boomers exhibit lower acceptance of AI virtual assistants due to their unfamiliarity with conversational interfaces. Johnson, (2025) stated that voice-based AI tools have faced concerns about privacy and data security. The perceived usefulness reduces as there has been a lack of trust. However, such a user interface can provide reminders, budget monitoring, and information retrieval benefits, reducing technological complexity in the UK banking industry.
For Generation X, AI virtual assistants are highly accepted as the latter are quite experienced in use. The perceived usefulness is high as AI can be used for scheduling, navigation, or smart home management in the UK banking industry. KM and Aruna, (2024) stated that millennials believe in AI’s accuracy, but after seeking clear evidence of performance enhancement. Positive attitudes are formed with the ease of use. According to the theory, millennials have relatively shown a relatively moderate acceptance level for AI virtual assistants due to moderate perceptions of both usefulness and ease of use. Millennials are well-versed with the internet and smartphones. As per Paleti, (2024), repeated use of devices in conversational interfaces and adaptive technologies has helped the latter in multitasking and personalization. Millennials have had good knowledge about AI assistants, which have been habitually used in entertainment, media, and personal management contexts.
For instance, Virgin Money (Redi) has leveraged AI for conversational banking and payments management (virginmoneyukplc.com, 2026). Based on the context of the TAM, Generation Z has the highest level of acceptance for AI virtual assistants and thereafter perceives the tool as intuitive and fast. The perceived ease of use is high, and the perceived usefulness includes creativity and social engagement. In simple terms, Generation Z uses generative and advanced AI features most for collaboration and sustainability.
[bookmark: _Toc220595658]2.5 The impact of AI virtual assistants on customer satisfaction, trust, and service efficiency 
AI virtual assistants can be used to improve the organization's interaction with consumers and policymakers. Such AI-based tools can be used for handling inquiries, personalizing recommendations, and resolving complaints. Rezaei et al. (2024) stated that customer satisfaction is determined by the perceived service efficiency, such as pay-per-click. The Expectation–Confirmation Theory (ECT) can be used to evaluate initial expectations and post-usage experiences of consumers while using new technical means. Trust improves as such tools are used for supervising spending habits, financial planning, and customized saving tips.
Expectation–Confirmation Theory by Oliver (1980) emphasis on the prior expectations and actual performance of consumers. Virtual assistants evaluate an organization's performance and evaluate whether the latter exceeds expectations. Conversely, if the performance decreases, then there is negative disconfirmation and trust loosens. In the context of AI virtual assistants, Islam et al. (2025) stated that a patron, before using an AI service, has expectations of speed, accuracy, and responsiveness. Customer satisfaction is positive if the expectation confirmation is positive. In case, AI virtual assistants provide relevant responses and reduce errorful human intervention, the satisfaction level is high.
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[bookmark: _Toc221021445]Figure 4: Expectation–Confirmation Theory
(Source: Albtoosh et al. 2034)
As per Adenekan, (2025), dissatisfaction increases when AI virtual assistants provide incorrect information, do not comprehend the demand, and have limited conversational ability. Customers having high technological literacy are less fooled and set expectations. Additionally, if AI performance diminishes the technical accuracy perception of consumers regarding interaction quality and personalization, it might predict failure.
Based on customer trust, Turksen et al. (2024) mentioned that AI virtual assistants perform the main tasks of handling sensitive information, personal data, and transaction details. Based on the framework, trust is developed while AI virtual assistants deliver reliable and secure service without any blockages. A consumer perceives an AI as more predictable and trusted if it develops cognitive trust. For instance, Lloyds Banking Group has been consistently accurate in billing inquiries and order tracking, which have built customer confidence (lloydsbankinggroup.com, 2-26). A system’s capabilities determine whether there will be repeated service failures or inconsistent responses. A trust is developed as privacy concerns reduce and AI assistants become less intrusive in data usage. It has been approved that the absence of human empathy in AI interactions can reduce trust.
In the UK banking industry, the objectivity and consistency of AI are widely appreciated in complaint resolution. However, Cedersund, (2023) mentioned that dissatisfaction occurs if emotional expectations are unmet despite functional efficiency. Services that do not include real-time transaction tracking for supporting biometric onboarding might reduce consumer trust.
AI virtual assistants increase service efficiency by providing faster service and reducing waiting times. Svoboda, (2023) mentioned that service efficiency improves as the banks operate continuously and deliver instant responses. Also, ease of handling multiple queries simultaneously increases service efficiency. From an ECT perspective, satisfaction increases as customers' effort reduces with AI assistance that understands natural language to increase engagement. perceived service costs. On the other hand, Sriram and Seen, (2023) mentioned that automated issue resolution, integrated payment solutions, fascinating scheduling, and tracking payments are some of the AI virtual performance which improves the services. Accurate information retrieval reduces privacy issues and improves the service quality. For example, institutions like NatWest (Cora) are adopting Generative AI for fraud detection and account management (natwestgroup.com, 2026). Conversely, rigid responses may meet speed expectations but give rise to flexibility problems, diminishing the bank's performance.
Based on the ECT framework, satisfaction is balanced between confirmation and post-adoption outcomes to develop trust. Oksanen, (2025) commented that AI-enabled services improve accuracy and increase satisfaction. Conversely, Bergmann et al. (2023) justified that satisfaction strengthens trust in the system. Later, trust reinforces repeated transactions and sensitive interactions. Customers rely on the tools; however, the latter might experience mixed confirmation, which diminishes the conditional trust. The following framework highlights the importance of limitations prior to use to manage customer expectations.
AI virtual assistants offer valuable managerial insights like it makes us understand how the UK banking sector must use AI-powered virtual powered assistants to meet realistic customer expectations and improve the communication and onboarding process. Prösch, (2025) justified that overpromising AI intelligence gives rise to disconfirmation. Trust narrows as hybrid AI-human service models are not used as feedback mechanisms. The AI virtual assistance is used to ensure data privacy and ethical AI practices that breed positive confirmation of expectations.
[bookmark: _Toc220595659]2.6 Examining generational differences in expectations and experiences of AI-enabled banking services
As mentioned by Okros (2019), Generational Cohort Theory shows that people born in the same era develop shared values through the unique historical events which they experience together. In the UK banking sector, this explains why Millennials and Gen Z view AI differently by showcasing how their specific upbringing influences their trust in technology. As stated by Eberi-Kalu (2025), millennials mostly approach AI-enabled services with a mindset that is shaped by transitioning from manual to digital systems, whereas Gen Z interacts with these tools through a native understanding of machine learning that comes from growing up with advanced tech as a standard part of life.
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[bookmark: _Toc221021446]Figure 5: Generational Cohort Theory
(Source: De Pelsmacker, 2025)
According to Bhatnagr and Rajesh (2025), Gen Z views AI-driven banking as an essential part of their daily routine through the lens of Generational Cohort Theory, which posits that their upbringing in a data-rich era makes them very comfortable with systems that analyse personal behaviour. They demand highly intuitive financial tools by expecting the same seamlessness that is found in social media, which means that features like automated savings as well as real-time insights are viewed as mandatory standards that define a satisfying experience. Moreover, Thapa (2025), mentioned that Gen Z prefers to handle their money by using AI-powered virtual assistants that offer immediate support, and they embrace personalized recommendations that anticipate their needs.
On the flip side, as per the reports of Mashishi (2024), millennials view AI in banking as a balance between modern speed as well as traditional trust because they grew up during the shift from physical banks to digital apps. This generation values the convenience which is provided by automated tools that flag fraud or track spending habits, but they often remain cautious about handing over total control to a machine. They prefer a system through which they can gain quick financial insights while still maintaining the power to make their own final choices. Instead of depending only on a computer, they look for a hybrid approach with a clear path to a human advisor for any complicated issues.
As mentioned by Szatmáry (2024), trust often acts as the primary space where generational gaps appear because Gen Z usually feels an inherent comfort with digital platforms that leads to a higher baseline trust in automated systems. This younger group tends to prioritise quick results along with personal convenience through tools that offer immediate value even if the inner workings of the technology remain unclear. Whereas, Rousi et al. (2024), identified that millennials focus more on privacy along side ethical transparency by reflecting on a history of data breaches as well as public debates that shaped their adult lives. This cautious perspective means that they often scrutinise financial data usage with a skeptical eye that demands clear explanations instead of blind faith. While both groups value security, the difference lies in a transitional experience which demands AI systems to earn trust through proven fairness rather than simply assuming it from the start.
Moreover, Tolani et al. (2025), stated that Gen Z users generally seek out immediate financial feedback and smart tools that act on their behalf by automatically organising their expenses or predicting future balances. This specific group prefers to manage their money through mobile apps that offer personalized advice which empowers them to take control of their wealth. While McHaney (2023), reported that, millennials also appreciate the convenience that is provided by modern technology, they often navigate a wider variety of platforms that include both phones as well as computers. Many individuals from this older group still depend on desktop websites for complex tasks through which they can visualise long-term goals.
Overall, UK banks can use Generational Cohort Theory to better understand how different age groups view AI banking services since younger people like Gen Z have always lived with technology that makes them expect fast and mobile-friendly features through automated systems they already trust. This contrasts with Millennials who experienced the shift from paper to digital and therefore prefer using AI for quick insights by checking that they still have access to human support or clear explanations. Therefore, banks need to focus on these unique needs through the creation of inclusive tools that balance modern innovation with the security and choice that older digital users require.
[bookmark: _Toc220595660]2.7 Factors influencing the effectiveness of AI virtual assistants in enhancing customer service outcomes 
The technological adaptability, the user perceptions and the contextual enablers have been shaping the effectiveness of the Ai virtual assistants (AIVAs)in improving the customer service outcomes especially when it comes to the UK banking industry; with a clear distinction between generation z and the millennials. As mentioned by Hentzen et al. (2022), it has been clearly shown by the financial services research that it is on the factor of perceived usefulness, usability, trust and personal relevance that the effectiveness of AI depends on and not just on automation. 
The strongest determinant of effectiveness has been the performance expectancy. The customers have been analysing the AIVAs on the basis of efficiency gains, accuracy and service accessibility. 
It has been demonstrated by Mashishi (2024) that the factor of perceived usefulness has showcased the fact that an approximate value of 41% of variance that exists in continuous mobile banking use mainly among the millennials and gen z has thrown light on the fact that the functional value is considered to be very important when it comes to sustained engagement. Hari et al. (2022) has found out that in the banking contexts, the customer brand engagement has been improved due to the presence of chatbot responsiveness and informational accuracy. This improves customer engagement has helped in improving satisfaction and loyalty. It has been reported by Alanzi et al. (2023) that the expectancy scores has been 2.79-3.06 which indicates moderate performance and that the users have been perceiving the Ai assistants as a way of improving efficiency and getting access to information. Tools like intent recognition, predictive analytics and AI driven process automation have been improving these outcomes by bringing down the services latency and the first-contact resolution especially considering the UK banks. 
Effectiveness of AI is closely related to effort expectancy. 
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[bookmark: _Toc221021447]Figure 6: Generative AI enabling customer journey
(Source: Shiftgearx, 2025)
This shows perceived ease of interaction. Alanzi et al. (2023) has stated the fact that the effort's expectancy mean scores have been between 2.83-3.12, and there also has been statistically significant generational differences (p< 0.001). Here the generation Z and the millennials have been reporting higher ease-of-use perceptions than the old cohorts. It has been identified by Mashishi (2024) that for the purpose of continuous digital banking use, interface simplicity and seamless navigation have been the most important predators. The use of tools like conservational user interface, natural language processing and voice-enabled assistants have been able to bring down cognitive efforts for generation z. On the other hand, the millennials have been giving importance to efficiency and task clarity.
The factors of trust, perceived risk and data security have been moderating the effectiveness of AIVA. It also has been argued by Kumar et al. (2022) that even though there have been advances in the field of banking, there still have been raising issues related to privacy, cybersecurity and algorithmic opacity. It has been empirically shown by Garekwe et al. (2024), that the readiness for the AI banking products gets negatively affected by the perceived risks but on the other hand trust usually exerts a positive influence (beta > 0.30). In the UK banking industry, transparency and confidence among the millennials are improved with the help of explainable AI (XAI), encryption protocols, biometric authentication and real time fraud detection. These millennials have been showing higher financial risk sensitivity than the Gen z community. 
[image: ]
[bookmark: _Toc221021448]Figure 7: Benefits of using AI-Powered Assistance
(Source: Smartdev, 2025)
Now comes the factor of social influence and normative acceptance. They also have been helping in giving a shape to the effectiveness. Alanzi et al. (2023) has stated that the social influence scores have been lower within the range of 2.51-2.84, such generational differences showcase the fact that both millennials and the gen z are quite responsive to the social acceptance of the Ai technologies. It has been further shown by Hari et al. (2022), that emotional engagement is improved with the help of anthropomorphic chatbot features and a perceived social presence. This has been having an indirect impact on satisfaction and on the brand attachment positively. When coming to banking contexts, the perceived legitimacy among the younger consumers are instantly reinforced with the help of peer recommendations, digital reviews and institutional endorsement. 
Now comes personalisation and customer-centric designs that have helped in improving the perceived service value. According to Ho and Chow (2023), the brand preference gets influenced by AI-driven personalisation and this is achieved by improving the perceptions regarding innovation and emotional connection. Tailored interactions have been facilitated via the use of customer segmentation, sentiment analysis and adaptive learning models. The Gen z has been responding more to real time personalisation while the millennials have been giving more importance to accuracy and decision support. 
[bookmark: _Toc220595661]2.8 Literature Gap 
AI virtual assistants are a widely studied topic in different spheres of service, however, empirical studies on the implementation of AI virtual assistants in the UK banking sector are relatively scarce. The existing body of literature generally takes a wider consumer viewpoint where the users are treated as a homogenous group, and there is no consideration of the generational differences in the expectations of technology and service interaction. In particular, there is a clear gap in the literature that specifically pits Gen Z and Millennial consumers regarding AI-based banking services. Additionally, the previous studies usually focus on the independent variables like trust, ease of use or efficiency of the provided services, instead of analyzing the combined impact of these variables on the overall effectiveness of customer service. In the view of Civelek (2023), it is paramount to detect the contextual and demographic gaps in order to equate research relevance and practical applicability. On the same note, recent research indicates a need to conduct sector-specific and user-centred research to inform AI service design in financial institutions more effectively (Kyrylenko, 2024). This research is a response to these gaps, and it provides a comparative study of current research in the UK banking sector.
[bookmark: _Toc220595662]2.9 Conclusion 
Regarding AI virtual assistance in banking customer service, this chapter critically examined various viewpoints in the literature, methodological strategies, and empirical data. It emphasised how artificial intelligence has evolved from a support technology to a core service delivery tool that shapes user experiences. The chapter also looked at trust-related, ethical, and behavioural aspects of adoption among Gen Z and millennial customers. Finally, it illustrated how artificial intelligence operations can improve client happiness, productivity, and competitiveness in the banking sector.




[bookmark: _Toc220595663]Chapter 3: Research Methodology 
[bookmark: _Toc220595664]3.1 Introduction 
This chapter will outline the research methodology adopted to examine the effectiveness of AI virtual assistants in UK banking. A primary quantitative approach will be employed to collect measurable data from Gen Z and Millennial consumers, ensuring objective analysis and reliable comparison of customer perceptions and experiences.
[bookmark: _Toc220595665]3.2 Research Onion 
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[bookmark: _Toc221021449]Figure 8: Research Onion
(Source: Saunders et al. 2019)
The research methodology is organized through the structure framework of Research Onion which provides a systematized and comprehensive view of research design integrating assumptions of philosophy, methodological decisions, and collection methods (Saunders et al. 2019). This paradigm helps the researchers to defend methodological choices in a logical manner and ensures consistency between the research aim and research methodology. Research Onion has been extensively used in both the field of management and social science research to facilitate better and transparent methodology and is therefore applicable in comparative studies in service-based industries.
[bookmark: _Toc220595666]3.3 Research Philosophy 
Research philosophy refers to a set of beliefs and assumptions that influence the way in which knowledge is created, understood, and confirmed in research. In the context of this research, Positivist philosophy is embraced.
Justification
Positivist philosophy stresses on the objective reality, measurable phenomena, hypothesis testing, and statistical analysis, supposing that social phenomena may be observed, quantified, and explained by empirical data (Ali, 2024). This philosophy supports the purpose of the study to make a comparison between generational perceptions of AI virtual assistant in the form of structured survey and statistical analysis whereas interpretivist or pragmatist approach focuses on subjective meanings and mixed insights, which are not as conducive to comparison.
[bookmark: _Toc220595667]3.4 Research Approach 
Research approach is the rational process in which both theory and empirical evidence are linked together within the research. This study uses a deductive approach, where hypotheses are drawn based on the existing theories and tested with empirical data.
Justification
Deductive approach concentrates on elaboration, objectivity, and generalisation using systematic measurements (Fife and Gossner, 2024). This approach is justified because the research is conducted on the established constructs of customer satisfaction, trust, and service efficiency concerning AI virtual assistants. Deduction unlike inductive methods develops theory and therefore a systematic comparison can be made between the Gen Z and Millennial consumers through a quantitative analysis.
[bookmark: _Toc220595668]3.5 Research Strategy 
Research strategy is the systematic plan through which data are gathered and analysed to answer research objectives. This research adopts a quantitative research strategy that is based on structured measurement and numerical approach (Taherdoost, 2022).
Justification
The quantitative approach would be suitable as the research will compare the perceptions of Gen Z and Millennial consumers towards AI virtual assistants based on a set of measurable variables, that is, their satisfaction, trust, and service quality. Compared to the qualitative methods which delve into the subjective experiences of the participants, the quantitative systems allow statistical comparison of groups, increase objectivity, and facilitate generalisation of the results to the UK banking consumers.
[bookmark: _Toc220595669]3.6 Research Design 
Research design can be defined as the general structure that guides a research to how it will be carried out to answer the research questions. This research is designed in an exploratory research design, which is appropriate to investigate emerging phenomena and learn more about under-studied fields of research.
Justification
In the context of this research, the suitable design is an exploratory design because the research examines how the generations of the UK banking sector perceive AI virtual assistants and there is no specific evidence of this area (Olawale et al. 2023). In contrast to descriptive or causal designs, the exploratory research permits the recognized key patterns, relationships, and insights to be flexible and permits the formulation of informed conclusions and research directions.
[bookmark: _Toc220595670]3.7 Data Collection Method 
Data collection method is the systematic way of obtaining useful information in order to answer research questions and achieve the objectives of the study. This study is based on the primary data collection to capture contemporary and context-based information regarding customer experience with AI virtual assistants in the banking industry in the UK.
Justification
Primary data collection methods allow working directly with respondents and have a more significant influence on the nature and relevance of the information obtained, which is needed against the backdrop of the research focusing on generational comparison (Ganesha and Aithal, 2022). The data is collected through a structured online questionnaire that is created specially to collect perceptions toward AI virtual assistants among Gen Z and Millennial banking customers. The survey consists of closed-ended questions that assess the customer satisfaction, customer trust, perceived efficiency, and the overall service experience. As per Lund (2022), questionnaire-based surveys are useful in gathering large amounts of standardised data that can be readily quantified. Online distribution using digitals facilitates an easy reach of technologically active participants, cuts time and cost, and also upholds the anonymity of respondents. This helps in objective measurement and statistical comparison of the generational groups and it is more suitable in comparison to qualitative or secondary data methods in achieving the objectives of the study. 
[bookmark: _Toc220595671]3.8 Sample Population 
The sample population plays a critical role in ensuring that research findings are relevant, reliable and in line with the objectives of the study. In this study, a sample of 120 banking consumers in the UK enables effective comparison between Gen Z and Millennial consumers, providing sufficient information to draw conclusions about the trends in the perception of AI virtual assistants. Participant’s selection focused on respondents who belong to these digitally active generations increase the validity of the insights concerning AI-based banking services. Convenience sampling is used because it facilitates the efficient gathering of data within realistic limits so as to have access to the right participants in a timely manner through the online platforms (Golzar et al. 2022). Although this method may limit complete generalisability, it is suitable in quantitative studies aimed at comparing behaviour. The selected sample size is sufficient to be feasible and analytically sound to undertake statistical analysis and interpretation of the generational differences in customer service experiences.
[bookmark: _Toc220595672]3.9 Data Analysis 
Data analysis is a crucial methodological process through which it is possible to conduct the systematic analysis and interpretation of the collected data in order to respond to the research questions addressing research objectives. This study applies statistical data analysis as it is suitable in analyzing quantitative survey data supporting objective evaluation (Rahayu et al. 2024). Data analysis was done through SPSS, a widely used statistical software that is accurate and reliable in quantitative research. SPSS also helps in efficient data coding and organising to allow clear presentation of the results. The overall perceptions of AI virtual assistants and the demographics of the respondents were summarised using descriptive methods of statistics, such as means and standard deviations. Further, correlation and regression analyses test the association of AI virtual assistant use and the customer service outcomes, which include satisfaction, trust, and perceived service efficiency. Adeyemi (2024) argues that statistical analysis contributes to the high level of reliability, objectivity, and strong comparison in quantitative research.
[bookmark: _Toc220595673]3.10 Reliability and Validity 
Reliability and validity are essential to ensure the accuracy and consistency of the research findings (Kusmaryono et al. 2022). Reliability is achieved by using a structured survey-based questionnaire with close-ended questions and consistent measurement scales. Internal consistency was ensured through the use of standardised scales to identify respondents’ pattern in association with the research topic. Validity is addressed by designing survey items based on established literature and aligning them closely with the research objectives. Content validity is ensured by covering all key variables to AI virtual assistants and customer service, enhancing credibility and dependability of the collected data. 
[bookmark: _Toc220595674]3.11 Linking Methodology with Objectives 
The study adopted a positivism research philosophy and descriptive design to explore how Gen Z and Millennial consumers perceive the adoption and use of AI virtual assistants in UK banking through objective measurement and statistical analysis of customer perceptions. The deductive approach and quantitative strategy examine the influence of AI virtual assistants on customer satisfaction, trust and service efficiency through hypothesis testing. Primary data collection methods and statistical analysis were applied to identify key factors that enhance or hinder the effectiveness of AI virtual assistants in improving customer service outcomes.
[bookmark: _Toc220595675]3.12 Ethical Consideration 
Ethical considerations are carefully addressed throughout the research process, with participation being entirely voluntary and respondents being informed about the purpose of the study (Adley et al. 2024). Informed consent was obtained before data collection, while confidentiality and anonymity were maintained to ensure that no personal or identifiable information is disclosed. Data is used solely for academic purposes and stored securely to prevent misuse. The study also avoided any form of bias or manipulation, ensuring honesty and transparency in data collection and analysis in accordance with ethical research guidelines.
[bookmark: _Toc220595676]3.13 Research Limitation 
Despite carefully planning, the research relies heavily on self-reported data which may be influenced by respondent bias or subjective interpretation. The use of quantitative approach limits deeper qualitative insights into customer emotions and experiences while focusing solely on GenZ and Millennial customers in the UK banking sector, thereby restricting the generalisability of findings to other generations or industries. Time and sample size constraints may also affect the depth of analysis and representation. 
[bookmark: _Toc220595677]3.14 Conclusion 
This chapter has presented the primary quantitative methodological choices used to evaluate the effectiveness of AI virtual assistants in UK banking and the differences in impacting both GenZ and Millennial consumers. The selected quantitative approach ensured systematic data collection, reliable analysis and meaningful comparison between the two groups, supporting the achievement of the research objectives.

[bookmark: _Toc220594832][bookmark: _Toc220595678]Chapter 4: Findings and Analysis 
[bookmark: _Toc220594833][bookmark: _Toc220595679]4.1 Introduction
The findings and analysis is a segment of a research that analyses the data collected or gathered throughout the study and justified in previous chapters. The respective segment will also analyse the data collected throughout the study through a statistical analysis which uses numeric evidence to prove the context precisely. The context that highlights the use of AI virtual assistants in the banking industry of the UK underlines that AI has become a significant aspect in the business environment and also by focusing on Gen Z and Millennials, the research ensures that a comparative analysis is thoroughly maintained. 
[bookmark: _Toc220594834][bookmark: _Toc220595680]4.2 Specification of variables 
	Dependent Variable
	· Satisfied with AI assistant

	Independent Variables
	· Service preference
· AI assistant used
· Experience rating
· Data safety perception
· Switch to human agent 


[bookmark: _Toc221021465]Table 1: Variables Specification
The independent variables have a strong impact on the dependent variable, which is the “satisfied with AI assistant”. The positive perceptions of the “Experience rating” and “Data safety perception” are the most important to increase satisfaction. “AI assistant used” will further enhance the familiarity and trust in the system. The satisfaction is also predisposed to “service preference” as it matches the user expectations to the AI-driven service delivery. On the other hand, the dependency on “switch to HA” to resolve issue points how AI limitations impact satisfaction.
[bookmark: _Toc220594835][bookmark: _Toc220595681]4.3 Descriptive statistics 
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[bookmark: _Toc221021466]Table 2: Descriptive Statistics
(Source: Created through SPSS)
The descriptive statistics reflect a strong inclination towards AI-enabled banking services among 120 GenZ and Millennial respondents. The mean value for currently using bank accounts stands at 1.00, with standard deviation (SD) at 0.000. The age group mean of 1.23 suggests a higher representation of GenZ participants, while gender shows a mean of 1.37, reflecting a balanced but slightly skewed distribution. High engagement with AI is evident as using AI assistants regularly records a mean of 1.68 (SD=0.622). And AI experience in banking shows a mean of 1.29. Respondents report frequent AI usage, with usually using banking AI services having a mean of 1.83 and AI devices used also at 1.83, indicating consistent exposure across platforms. The data safety perception’s mean of 1.50 highlights moderate confidence in data security. Switch to Human Agents (HA) is supported by a mean of 1.69 for AI agent resolving issues, while response speed satisfaction records a higher mean of 2.00, emphasising quick service delivery. Satisfaction-related variables further reinforce effectiveness, with satisfaction with AI assistance quality, with mean of 1.91, and AI-based service preference, with mean of 1.68. The intention to advocate AI is reflected in recommending AI assistants to others at 1.78 as the mean value. Overall, the outcome demonstrates that AI virtual assistants significantly enhance customer service efficiency, satisfaction and preference among Gen Z and Millennials, validating their effectiveness as a dominant support channel in modern banking in the UK.
[bookmark: _Toc220594836][bookmark: _Toc220595682]4.4 Graphical Interpretation 
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[bookmark: _Toc221021450]Graph 1: Current use of bank account
(Source: Created through SPSS)
[bookmark: _Hlk220596568]Based on the graphical representation, 100% of the participants have and use bank accounts in the UK, while none do not own one. This shows that all of the participants actively use UK bank accounts. Therefore, their responses provide reliable and practical insights into experiences with AI virtual assistants in the UK banking industry, enhancing the validity of the research findings. 
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[bookmark: _Toc221021451]Graph 2: Age group of participants
(Source: Created through SPSS)
The age groups of the participants are divided into 18-28 years, at 76.67%, and 29 years and above, at 23.33%. The age distribution shows that the sample is dominated by younger respondents representing GenZ, while other participants represent the Millennials. This indicates a stronger GenZ perspective, reflecting their higher engagement with AI-driven banking services.
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[bookmark: _Toc221021452]Graph 3: Gender identity of the participants
(Source: Created through SPSS)
Around 63.33% of the participants are male, while 36.67% are female. This distribution suggests stronger male representation in the study, which should be considered when interpreting perceptions of AI virtual assistants and customer service effectiveness across GenZ and Millennial consumers in the UK banking contexts and outcomes. 
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[bookmark: _Toc221021453]Graph 4: Annual income of the participants
(Source: Created through SPSS)
Almost 37.5% holding UK bank accounts had an income between £30,001 and £40,001, followed by another group earning between £20,000 and £30,000 at 32.5%. While 13.33% earn £20,000, 10.83% earn between £40,001 and £50,000 and only 5.833% earn above £50,000. It indicates that the findings on AI virtual assistants largely reflect the perception of financially active, mainstream consumers rather than high-income groups. 
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[bookmark: _Toc221021454]Graph 5: Primary bank used by participants
(Source: Created through SPSS)
Among the most popular banks used by the GenZ and Millennial customers in the UK banking sector, NatWest bank found the highest representation at 54.17%, followed by HSBC at 39.17%, Barclays at 5.833% and only 0.833% for Lloyds. This shows that NatWest is the most widely used bank among GenZ and Millennial customers in the UK, indicating stronger reach and engagement, while the others suggest lower preference or penetration among young bank customers. 
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[bookmark: _Toc221021455]Graph 6: AI assistant used by participants
(Source: Created through SPSS)
As per the responses of GenZ and Millennial participants, approximately 74.17% have been using AI assistants on a frequent basis for banking purposes, while 22.5% showed occasional interest in the same. However, only 3.33% pursued the traditional banking services for assistance. The findings show a strong preference for AI virtual assistants in banking among both GenZ and Millennials, with widespread frequent usage, explaining the accelerated pace of the utilization of AI technologies in the industry.
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[bookmark: _Toc221021456]Graph 7: AI experience rating by participants
(Source: Created through SPSS)
59.17% of the participants expressed good results with respect to experiencing AI virtual assistants in their bank-oriented work in the UK, with 30% terming their experience as excellent. Around 9.167% acknowledged their average experience with AI virtual assistant for customer service, while 1.667% found the experience as poor. This shows that younger customer groups might be more satisfied with AI virtual assistants regarding the influence of age on digitised service environments.
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[bookmark: _Toc221021457]Graph 8: AI access device for banking
(Source: Created through SPSS)
Mobile application, at 62.5%, found major traction among the young participants as a credible AI access device for effective customer service, followed by website (desktop/laptop) at 31.67%. Only 5.833% participants continued to opt for conventional devices, like telephone/voice assistants. This reflects on this young group choosing mobile banking applications as their main service tools, signalling that both GenZ and Millennials favour online interactions more than the conventional service delivery channels. 
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[bookmark: _Toc221021458]Graph 9: Main purpose for using AI in banking
(Source: Created through SPSS)
According to 53.33% of the participants, the main pursuit of using AI in banking is to check account balance or transactions, while 20.83% believe that reporting issues or queries is AI’s main function. While 15% count AI as a reliable tool for making payments or transfers, 10.83% feel AI is used for getting product or loan information. This demonstrates that AI can not only optimise service delivery, but also put banks in a position to deal with the increasing customer expectations of rapidity, convenience and customised engagement 
[image: ]
[bookmark: _Toc221021459]Graph 10: AI data safety perception
(Source: Created through SPSS)
68.33% of the participants find AI data safety perceptions as viable, while 20% consider it as somewhat safe. However, 6.667% display a significant number of customers sharing concerns regarding data privacy and security despite AI integration. This showcases AI and its inclusion providing data-driven insights where every interaction with the AI system results in valuable data and providing the banks with deeper insights towards customer necessities. 
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[bookmark: _Toc221021460]Graph 11: Switching to human agent to resolve issue in banks
(Source: Created through SPSS)
61.67% always attempted to switch to human agents to resolve issues in the banking process in association with customer service, while 21.67% often pursued this route to prevent complicated bank-oriented lapses. With only 5% never switching to human agents, this displays that customer service demands emotional intelligence which can be managed by humans, while AI virtual assistants take over the minor tasks and creates room for more innovation and creativity.
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[bookmark: _Toc221021461]Graph 12: AI response speed
(Source: Created through SPSS)
The response speed of AI when solving customer service queries within UK banks suggested instant results, as per 37.5% of the participants, while 32.5% claimed the assistant to be given within a few seconds. 22.5% noticed such virtual assistants taking a noticeable amount of time, while only 7.5% project delayed or slow results in serving GenZ and Millennial bank customers. This shows that AI virtual assistants are trusted by the young customer groups, with UK banks adopting AI pragmatically for security and time-saving in the UK banking industry.
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[bookmark: _Toc221021462]Graph 13: Satisfied with AI assistant
(Source: Created through SPSS)
The majority of the participants, at 48.33%, are satisfied with the quality of AI virtual assistants in enhancing customer services within UK banks, while 38.33% were extremely satisfied with the assistance. 5.833% remained with the AI assistance, reflecting on such tools improving the consumer experience and transforming the interaction within the UK banking industry.
[image: ]
[bookmark: _Toc221021463]Graph 14: Service preferences
(Source: Created through SPSS)
51.67% prefer human agents over AI virtual assistants (40.83%) based on the complex nuances of customer services which can be solved primarily through traditional banking methods. A combination of both these paths was chosen by 6.667%, showing that trust on these methods improves as such tools are used for supervising spending habits, financial planning and customised saving tips.
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[bookmark: _Toc221021464]Graph 15: Recommend AI assistant to others
(Source: Created through SPSS)
Around 46.67% might recommend AI virtual assistants to enhance customer services among GenZ and Millennial customers in the UK banking industry, while 40% revealed a definite approval for the same. However, 8.333% were not sure about AI’s effectiveness in solving customer service complexities, attested further by another 5%. This outcome states that AI assistants offer immediate support and help the young customers embrace personalised recommendations that anticipate the customers’ needs.
[bookmark: _Toc220594837][bookmark: _Toc220595683]4.5 Correlation Analysis
[bookmark: _heading=h.e397noi62e0e][image: ]
[bookmark: _heading=h.mlkvvmqyfnbk][bookmark: _Toc221021467]Table 3: Correlation Analysis
(Source: Created through SPSS)
Correlation analysis helps to know the intensity and direction of the relationship between variables and to determine how a change in one construct correlates with a change in another (Werme et al. 2022). In this research, the results of the analysis indicate that there are significant and statistically significant positive correlations between the dependent variable, which is “satisfied with quality of AI assistant,” and all the selected independent variables at 0.01 level of significance (p = 0.000). It means that the views and experiences regarding AI virtual assistants are highly associated with the general satisfaction of Gen Z and Millennial consumers in the banking sector in the UK.
There is a moderately positive correlation between the variables of “satisfied with assistant” and “AI assistant used” (r = 0.769). It implies that the more exposed and often used the AI assistants, the more one is satisfied with the quality of service provided (Alnaser et al. 2023). In the same way, “Experience rating” is highly correlated with satisfaction (r = 0.882). It shows that favorable user experience is the direct factor of assessing quality (Karunarathna, 2024). The most significant association is between “Data safety perception” and satisfaction (r = 0.883), which indicates that trust in data security is one of the important factors that influence the perception of AI service quality in banking. The relationship between “switch to HA” and satisfaction is also high (r = 0.899). Moreover, there is a strong positive correlation between “service preference” and satisfaction (r = 0.876) and the fact that the preference to AI-enhanced service channels correlates with the perceived effectiveness is evident. 
[bookmark: _Toc220594838][bookmark: _Toc220595684]4.6 Regression Analysis
Regression analysis is a statistical technique used to analyze correlations between variables and quantitatively forecast the effect of independent variables on a dependent outcome (Tyagi et al. 2022).
[bookmark: _heading=h.in0pbct3ttji][image: ]
[bookmark: _heading=h.6fm43vgp0f4m][bookmark: _Toc221021468]Table 4: Regression Analysis
(Source: Created through SPSS)
To evaluate the strength of the relationship between the independent variables and the dependent variable, R, R-squared and adjusted R-squared are employed (Kim, 2025). The correlation between independent variables and the variable “satisfied with assistant” is very high in this model, which is 0.962. The R-square value 0.925 means that the data on the level of satisfaction is explained by the chosen AI-related variables by 92.5%. The robustness and accuracy of the model is confirmed by the adjusted R-squared of 0.922 that has low risk of over-fitting. The findings may imply that the key factors that define satisfaction with AI virtual assistants among the UK consumers of banking services are heavily conditioned by usage, experience, trust, and service preferences.
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[bookmark: _heading=h.3cxetqyunl7i][bookmark: _Toc221021469]Table 5: ANOVA
(Source: Created through SPSS)
The ANOVA testing is done to compare the predictor-explained variance with the unexplained variance in the model (Dugard et al. 2022). The regression mean square, in this instance, is 24.051, meaning that the independent variables predict a significant amount of variance in satisfaction with the AI assistant. The value of the residual mean square 0.085 indicates very little unexplained variance. The fact that the F-value of 287.598 is significant with a significance level of 0.000 is a testament to the fact that the regression model is significant.
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[bookmark: _heading=h.js87uekadty0][bookmark: _Toc221021470]Table 6: Coefficient analysis
(Source: Created through SPSS)
The coefficient table provides the importance of every predictor to the index of satisfaction of quality of AI assistant (Nieminen, 2022). The p-values of the AI experience rating, switch to HA and service preference are 0.000, which has strong and significant effects. It is also important o note data safety perception (p = 0.004) when it comes to AI assistants used. Conversely, the “AI assistant used” is not significant (p = 0.074) and there is no strong independent effect on the satisfaction.
[bookmark: _Toc220594839][bookmark: _Toc220595685]4.7 T-test  
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[bookmark: _Toc221021471]Table 7: T- Test
(Source: Created through SPSS)
The independent samples t-test of the differences in the generational characteristics of the respondents between Gen Z (N=92) and Millennial (N=28) shows statistically significant differences between respondents in all the assessed dimensions of AI virtual assistants. In case of “AI assistant used”, the levels between Gen Z (M=1.03, SD=.179) and students of the Millennial generation (M=2.14, SD=.356) did not differ significantly (F=19.539, p<.001; t(118)-22.208, p<.001), which confirms the unequal variances and significant mean difference of -1.110. “Experience rating” also had a significant difference with Gen Z (M=1.61, SD = .491) having lower score in comparison to Millennials (M=2.54, SD = .637), t (118)-= -8.137, p=.001. Under “data safety perception”, Gen Z (M=1.11, SD = .313) were very different compared to Millennials (M=2.79, SD = .876), t(118)= -15.507, p<.001, which implies a high trust gap.
In the same way, the difference between Gen Z and Millennial in “switching to HA” had the mean of 1.20 and 3.32, t(118) = -15.349, p=.001. Gen Z M=1.50 and Millennial M=3.25 had the greatest variance inequality (F=170.233, p<.001) and t(118)= -10.988, p<.001) with “satisfied with assistant”. Equal variances did not mean “service preference” t(118)-8.000= p<.001. Persistent generational disparity and substantial behavioral and perceptive variances among AI-enabled UK banking services have been proven by 95% confidence intervals that excluded zero throughout variables. Taking everything thought of, these statistically supported outcomes demonstrate apparent generational discrepancies in perceptions, satisfaction, trust, and behavior preferences concerning AI virtual assistants in UK banking.
[bookmark: _Toc220594840][bookmark: _Toc220595686]4.8 Residual Statistics
[bookmark: _heading=h.dls2t1mpxxoc][image: ]
[bookmark: _heading=h.gh8warwbism7][bookmark: _Toc221021472]Table 8: Residual Statistics
(Source: Created through SPSS)
The validity and consistency of the regression model is evaluated through the use of the residual statistics (Wen et al. 2022). The predicted value is assumed to be between 0.93 and 5.35 with mean of 1.91 and a standard deviation of 1.005, which is realistic and has stability in predictions. The values of the residual are in the range of -0.538 to 0.682 with a mean of 0.000 indicating that the errors of prediction are centred well. The standardized predicted values lie within the range between 0.949 and 3.040, whereas standardised residuals lie within the range between -1.841 and 2.332. These trends suggest the absence of severe outliers and prove that the model is appropriate to the data.
[bookmark: _Toc220594841][bookmark: _Toc220595687]4.9 Specification of Hypotheses 
	Hypothesis
	Statement
	p-value
	Result

	H1
	There is significant effectiveness of AI virtual assistants in enhancing customer service in the UK banking industry
	0.00
	Accepted 

	H2
	There is significant effectiveness of AI assistant used in enhancing customer service in the UK banking industry.
	0.074
	Rejected 

	H3
	There is significant effectiveness of AI experience rating in enhancing customer service in the UK banking industry.
	0.00
	Accepted 

	H4
	There is significant effectiveness of AI data safety perception in enhancing customer service in the UK banking industry.
	0.004
	Accepted 

	H5
	There is significant effectiveness of switching to a human agent to resolve issues in enhancing customer service in the UK banking industry.
	0.000
	Accepted

	H6
	There is significant effectiveness of preference for service assistants in enhancing customer service in the UK banking industry.
	0.000
	Accepted 


[bookmark: _Toc221021473]Table 9: Hypothesis Specification
A testable assertion that forecasts a relationship between variables and can be confirmed or refuted by empirical inquiry is called a hypothesis (Alabi and Vadhan, 2022). Even though the regression findings convey that H2 will be rejected due to its p-value (0.074) being more than the 0.05 level of significance, the correlation analysis provides a more comprehensive and integrative interpretation of the results. All independent variables are strongly and positively correlated to the dependent variable, which is satisfied with quality of AI assistant, meaning that there are significant associative relationships. This indicates that although “AI assistant used” to solve problems does not solely predict the effectiveness of customer service in the regression model, it, nevertheless, has a positive relational impact to customer perceptions. Conversely, the variables connected with the switch to human agents, the quality of the experience, the perception of data safety and the preference of the service demonstrate the strong predictive and correlated effects. Thus, all the hypotheses may be viewed as validated in their entirety at the correlational level since each variable plays a positive role in contributing to customer service effectiveness in the UK banking sector, which becomes a wider goal of the study.
[bookmark: _Toc220594842][bookmark: _Toc220595688]4.10 Conclusion 
The findings segment analyses the collected data from the previous segments while further underlining the relation between AI virtual assistance for customer services and the reaction of Gen Zs and Millennials towards them while focusing on the banking sector of the UK. The study delves deeper into this context through a statistical analysis which uses tools like regression, descriptive, and correlation analysis including graphical evidence to prove the context and relate it with the methods used previously. This provides ample discussion scope for the research in further stages and also for conclusions.


[bookmark: _Toc220595283][bookmark: _Toc220595689]Chapter 5: Discussion
[bookmark: _Toc220595284][bookmark: _Toc220595690]5.1 Introduction 
The discussion chapter summarizes the main quantitative results to assess the efficacy of AI virtual assistants in the UK banking industry. This section explains the different engagement patterns of Gen Z and Millennial consumers through graphical representation analysis. To ascertain how particular AI characteristics affect customer satisfaction statistical rigor is applied through correlation and regression analyses. T-test results also show notable demographic differences in the uptake of technology. The research objectives are validated by critically triangulating these results with existing literature. In the end this chapter clarifies whether AI acts as a strategic barrier or a bridge in contemporary banking relationships. 
[bookmark: _Toc220595285][bookmark: _Toc220595691]5.2 Discussion on Graphs 
With a focus on the interaction patterns of Gen Z and Millennial customers the graphical data presented provides a thorough overview of the integration of AI virtual assistants within the UK banking industry. Younger mobile-first people who value speed and convenience have a strong preference for digital banking according to the demographic analysis. With a definite preference for mobile applications over conventional desktop or phone-based services this data indicates that the adoption of AI tools is not just a trend but a fundamental change in how consumers handle their finances (Cho, 2024). Although consumers regularly use AI for routine tasks like checking account balances or completing transfers their acceptance of the technology is strongly correlated with the quality of the experience and the perceived security of their data according to the behavioral findings shown by the charts. 
The graph's high satisfaction rates show that AI successfully improves service efficiency however the ongoing need to use human agents to resolve complex issues suggests that AI is currently seen as an additional tool rather than a complete replacement for human interaction. Additionally, the findings show a complex connection between automated speed and customer confidence. Zhang et al. (2024) noted that although most users report almost instantaneous response times their willingness to recommend these services is still dependent on the assistant’s accuracy and dependability. In the end the graphs show that AI gives banks a competitive edge by boosting engagement frequency but maintaining long-term loyalty requires striking a balance between technological automation, strong data security and smooth human escalation channels (Tian, 2024).
[bookmark: _Toc220595286][bookmark: _Toc220595692]5.3 Discussion on Correlation Analysis
The statistical link to ascertain the direction and strength of relationships between the factors influencing the adoption of AI in the UK banking industry is correlation analysis. User experience and perceived safety serve as the main drivers of customer satisfaction in this intricately linked framework according to the analysis (Moragudi, 2024). Furthermore, switching to human agents show that their emotional intelligence makes AI complete as human interference is needed in certain scenarios. Additionally, the frequency of AI use is significantly positively correlated with perceptions of data safety. This demonstrates that trust is still a necessary condition, customers are more inclined to incorporate AI tools into their regular banking practices when they feel more secure about their financial information (Basri and Almutairi, 2023). The relationship between response time and service preference further highlights how much importance digitally native generations place on efficiency. It is clear that the independent variables of experience safety and speed work together to drive the dependent variable of customer loyalty because all measured variables produce significant values below the threshold. In the end these connections verify that improving the contemporary banking experience requires a smooth, safe and quick AI interface (Aziz and Adriansyah, 2023). 
[bookmark: _Toc220595287][bookmark: _Toc220595693]5.4 Discussion on Regression Analysis 
A strong statistical framework for assessing how various independent factors interact to affect the perceived efficacy of AI virtual assistants in the UK banking industry is provided by regression analysis. In order to ascertain the predictability of customer satisfaction based on particular service attributes this analytical approach makes use of the Model Summary ANOVA and Coefficient analysis. The chosen independent factors, such as experience rating, data safety perception and service preference, account for the great majority of the variance in overall satisfaction levels according to the Model Summary which shows an extraordinarily high correlation between the predictors and the dependent variable. The shift of Gen Z and Millennial customers toward automated banking solutions is strengthened by this high degree of predictability (Bhatnagr and Rajesh, 2025). By demonstrating that these independent variables have a statistically significant and significant impact on the dependent variable the ANOVA results further validate the model. This guarantees that the relationship is the product of organized technological performance rather than a coincidence. Lastly the coefficient analysis determines which particular elements, like perceived data security and experience rating, act as the most powerful motivators of satisfaction. These results support the theory that perceived utility and ease of use are important factors in technology adoption. In the end the regression output demonstrates that strategic investments in AI security and dependability directly result in increased customer satisfaction and service loyalty (Al-Araj et al. 2022).
[bookmark: _Toc220595288][bookmark: _Toc220595694]5.5 Discussion on T-test 
The results discussion reveals distinct generational differences in perceptions of AI-powered banking services. Participants from Generation Z typically exhibit greater ease with digital interactions and more seamless automation adaptation. However, millennials seem more circumspect and frequently favor well-rounded assistance that incorporates elements of human reassurance (Lim, 2025). Confidence levels are significantly influenced by perceptions of privacy and safety when using virtual assistants. Younger users appear to value speed personalization and intuitive responses over traditional structures according to satisfaction trends (Karunarathna, 2024). The desire for clarity, transparency and easy ways to escalate complicated issues is more pronounced among older respondents. Preferences for service efficiency show that enthusiasm increases when systems are perceived as dependable, responsive and generally emotionally sensitive. On the other hand, reluctance arises when conversations appear inflexible, repetitive or incapable of meeting individual financial expectations (Somu, 2025). All of these trends highlight how crucial it is to use adaptive design techniques that honor a range of consumer experiences. The general conversation focuses on strategic alignment inclusive innovation and ongoing improvement for the development of future banking services.
[bookmark: _Toc220595289][bookmark: _Toc220595695]5.6 Comparative Analysis with Literature Review
AI or Artificial Intelligence has been one of the major transformations of the business industry and several financial institutions as well. The inclusion of AI has been one of the major changes as this has enabled proper predictive analysis for the customers, banks, and other institutions, which results in accurate outcome, service improvement, or product development. Eberi-Kalu, (2025), in this regard says that AI has been one of the most reliable technologies by organisations specifically in the banking industry as customer assistance is the major goal for the sector. In recent times banks have adopted the technology for analysing and predicting the market demands and customer demands for better services and hence, have been providing that as well. The UK Banking sector has been closely related to the use of AI in its operations for securing customer trust by enhancing the services through virtual assistance.  Alanzi et al. (2023), in this regard states that the Gen Zs being one of the most active generations on social media or internet alone, find the virtual assistance extremely helpful. Likewise, the millennials who have been discovering the transformation of tradition to technology also find the innovative approach of virtual assistance useful to some extent. The regression analysis, if compared to this statement, shows that there is a close association between “Satisfy with the quality of AI assistance” and “Service preference”. This shows that the satisfaction of the customers, makes AI assistance credible for other customers as well which proves the satisfaction level of the customers.
While the analysis and the statements of the literature align with each other, there are also certain perspectives that contradict the view. Cho, (2024), underlines that even though the respective technology is one of the most favoured by the customers from both Gen Zs and millennials, there are certain obstacles that are also faced by both. It is further noticed that some customers, be it from any generation, require specific assistance which is related to deeper concerns and cannot be understood by Ai virtual assistance as it lacks emotional intelligence. Human agents have emotional intelligence and thus, complete dependence on AI technology remains incomplete as human interference is needed in certain scenarios. Being said so, the respective correlation analysis, through its Pearson and significant value, highlights a close association between the dependent variable “Satisfied with quality of AI assistant” and the independent variable of “Switch to HA”. This proves the statement that despite the predictive satisfaction of AI, some queries might remain difficult to resolve and hence, human assistance remains one of the major necessities. Bunea et al. (2024), in this regard underlines that complex and sensitive issues require human intelligence to understand and millennial consumers usually generate greater acceptance of AI chatbots and virtual assistance but somewhere prefer human inclusions and human agents to clarify and mitigate the obstacles faced by them. The continued acceptance or continued use of virtual assistance might change this perspective but, there still remains sensitive issues to deal with which require human assistance.
delving deeper into this context, there remains a hairline difference between millennials and Gen Zs in accepting AI virtual assistance. This has been analysed through the T-test where under certain dependent and independent variables the study highlights that in some aspects, Gen Zs are more flexible while in other scenarios, millennials are more organised (Sharma et al. 2024). For instance, under the AI assistants used, the test shows the mean value of Gen Z having higher variance than millennials which proves that there is a difference on how Gen Zs use virtual assistance and how millennials use virtual assistance. Similarly, under experience rating, Gen Zs and Millennials show high variance through their mean values. In switching to human assistance, millennials are more accustomed than Gen Zs. This shows that the variance remains between the two generations in accepting and proceeding with the technology where at some aspects Gen Zs are more aligned and at some point, millennials struggle to align. Kim et al. (2022), alludes to this that usually millennials are new to such drastic technologies while Gen Zs are quite well aligned which makes millennials feel more secure with human intelligence than virtual while Gen Zs are comfortable with both. Similarly, this affects the independent variable “AI experience rating” as the different experiences of Gen Zs and millennials affect the process of AI growth. The context of data safety according to T-test, indicates a strong trust gap between the millennials and the Gen Zs where for virtual safety, millennials trust AI much less that human agents while Gen Zs, even though having minor trust issues still prefer the virtual assistance because of its simplification.
AI risks data safety as well which has been further stated by Manolică et al. (2025), highlighting how AI is capable of personalising services through data analysis and gathering personal information such as expectations, likes, and dislikes of the customers. This allows AI to retrieve personal data regarding the customers which makes millennials and some Gen Zs feel insecure. However, the banking sectors of the UK understand the value of trust and hence, anti-breaching tools have been installed and implemented by the sectors to ensure personal safety and secure customers from identity theft. However, Tamara et al. (2023), highlights that the possibility does not reduce to null but remains low comparatively. Hence, the descriptive statistic highlights a close association between AI data safety and preferring human agents over AI for some of the millennials and Gen Zs. The graphical evidence on the other hand, shows majority support towards AI acceptance but for preferring service assistants over AI, the drastic difference minimises between Gen Zs and Millennials and the majority of the votes belong to agreeing rather than disagreement. Hence, it is proven that differences between millennials and Gen Z exist regarding AI and its use but can also be minimised through proper solutions.
[bookmark: _Toc220595290][bookmark: _Toc220595696]5.7 Conclusion
The effectiveness of AI virtual assistants in the UK banking sector has been thoroughly assessed in this chapter by combining quantitative data with well-established theoretical frameworks. The statistical analysis demonstrates that although Gen Z and Millennial consumers appreciate the effectiveness and speed of AI tools their continued use is solely dependent on data security and user experience quality. The results show a stark generational divide: Millennials value human-centric assistance for complicated problems while Gen Z prefers seamless automation. In the end the conversation emphasizes how AI is an essential strategic link for contemporary banking so long as it strikes a balance between technological advancement and human-led escalation. 


[bookmark: _Toc220595398][bookmark: _Toc220595697]Chapter 6: Conclusion and Recommendations 
[bookmark: _Toc220595399][bookmark: _Toc220595698]6.1 Introduction
This chapter explains the main understanding regarding the efficacies of AI-based virtual assistants in the improvement of customer service in the UK banking sector. It measures the effect of AI-driven interactions on service quality, satisfaction, and customer engagement among Gen Z and Millennial customers. Essential empirical results on the basis of the literature review and analysis-based chapters are admitted to criticism with supporting and opposing academic reasoning. Demographic and sector-specific constraints of the discussion, research limitations, and recommendations to enhance the AI-enabled banking services are also in the discussion.
[bookmark: _Toc220595400][bookmark: _Toc220595699]6.2 Key Understandings from the Study 
This section provides in-depth understanding derived from the comparative analysis of arguments between Gen Z and Millennial Consumers with regard to the effectiveness of AI Virtual Assistants in improving customer service in the UK banking sector. The results of various statistical tests such as descriptive statistics, graphical interpretation, correlation, regression analyses and t-test findings are collectively used to validate the research objectives. The key insights are presented below in alignment with each of these research objectives.
Objective 1: To examine Gen Z and Millennial consumer’s perceptions on the adoption and utilisation of AI virtual assistants within the UK banking industry.
Studies show that users with higher digital competence tend to adopt AI-powered banking features early on. For instance, Bhatnagr and Rajesh, (2025) states that Gen Z consumers generally demonstrate a stronger acceptance of automated assistance in comparison to Millennials. The empirical findings of the study strongly validate this trend. The results of descriptive analysis show that a majority of respondents rely on AI assistants for routine activities such as balance checks and basic information retrieval which suggests that they have extensive exposure to AI Virtual Assistants. However, the t-test results indicate a highly significant difference between the two generations. The findings show that Gen Z engages with AI tools far more than Millennials which reflects greater digital ease among younger respondents. A similar pattern emerges from the perceptual responses which shows that Gen Z evaluate their AI experience more positively than Millennials, indicating that younger users perceive AI interactions as more intuitive and convenient (Lim et al. 2025). On the other hand, Millennial responses show higher levels of caution which is consistent with the views of Mashishi (2024) who states that older users scrutinise automated systems more closely, particularly with regard to privacy and accuracy.
Objective 2: To assess the impact of AI virtual assistants on customer satisfaction, trust, and perceived service effectiveness.
The literature suggests that user satisfaction with AI systems is largely determined by factors such as accuracy, responsiveness, clarity of communication, and emotional suitability (Alnaser et al. 2023). The study’s empirical results strongly support these arguments. The descriptive findings show that satisfaction levels with AI assistants are moderate and perceptions of response speed favourable. This implies that AI virtual assistants are meeting basic service expectations for many users. Correlation analysis reveals immensely strong associations between the study’s dependent variable “satisfied with assistant” and key predictors, like “experience rating”, “AI data safety perception” and “switch to HA”. The findings suggest that satisfaction is closely linked to trust, confidence in system security, and users’ willingness to integrate AI into routine banking activities (Ni, 2024). The regression results further confirm the relationship as experience rating is the strongest predictor of satisfaction which indicates that users who perceive AI tools as trustworthy and useful are most satisfied. The satisfaction levels are also influenced by generational differences. The t-test also confirms this indicating that Millennials report significantly higher dissatisfaction than Gen Z.
Objective 3: To compare generational variations in attitudes, expectations, and service experience related to AI-enabled banking interactions.
As per the views of Dimokas (2025), generational differences shape expectations of automated service in banking sector with Gen Z prioritising speed, convenience and limited human involvement, while Millennials focusing more on accuracy, clarity and options for human support. The study’s t-test results strongly validate these claims. The analysis revealed significant generational differences across all variables examined. Gen Z consistently displayed more favourable attitudes, as indicated by lower values on AI usage, safety perception and satisfaction, suggesting higher comfort and acceptance of automation (Addula, 2025). In contrast, Millennials showed significantly higher reliance on human agent’s assistance indicating a stronger preference for human or hybrid support in complex situations.
Objective 4: To analyse the key factors that facilitate or constrain the efficiency of AI virtual assistants in optimising customer service performance.
According to Paramesha et al. (2024), several factors shape AI efficiency, including system accuracy, natural language processing capability, clarity of responses and the mechanisms for escalating complex queries. The empirical findings align with literature with the correlation analysis showing that satisfaction is strongly associated with perceptions of data safety, transparent communication and overall service reliability. In contrast, for Millennials, obstacles such as privacy concerns and confusion about system behaviour are more prominent as they have greater tendency to switch to human agents and comparatively give lower experience ratings. This is in line with the views of de la Cuesta-González et al. (2022) who asserts that limitations arise not only from technological factors but also from users’ emotional and cognitive responses.
Objective 5: To develop practical suggestions for UK banks to augment AI virtual assistants in addressing varying generational customer necessities. 
According to the views of Sheth et al. (2022), banks should adopt differentiated AI strategies to accommodate varying generational expectations. This aligns with the study findings as per which for Gen Z, improvements should focus on faster response capabilities, more conversational AI features and personalised engagement experiences. Since Gen Z is more comfortable with automation and relies less on human support, banks can expand predictive features, integrate responsive chatbots and enhance automation while maintaining strong user engagement. On the other hand, as far as Millennials are concerned, the study findings indicate the need for stronger trust-building measures. Higher values of safety concerns, dissatisfaction, and preference for human intervention suggest that Millennials give importance to transparent data practices, clear security assurances and easily accessible human escalation options (Odumuwagun, 2025). According to the regression results, the strong link between safety perception and satisfaction confirms that privacy-centred measures can meaningfully improve Millennial trust and willingness to adopt AI tools. Overall, participants from both generations highlight clearer communication, higher accuracy and greater emotional intelligence in AI responses.
[bookmark: _Toc220595401][bookmark: _Toc220595700]6.3 Limitations of the study 
Although it has provided insights, this study has a number of limitations. Though the sample size of 120 banking consumers in the UK has made the results relevant in terms of comparison between Gen Z and Millennial customers, this could be a limited sample considering the overall and diversified UK banking customer population. Convenience sampling restricts the generalisability of the results, with the participants being chosen on the principle of accessibility more than randomisation. Moreover, although the analysis reviewed the principal attributes of AI virtual assistants, it did not address more sophisticated functions, like generative AI or emotionally sensitive ones, which could also respond to the quality of the service (Todericiu, 2025). The study was based on self-reported survey data which risked bias in responses. Besides, the cross-sectional design only captured perceptions at one juncture and did not allow monitoring of shifts in perception towards AI assistants as they occurred in the long run.
[bookmark: _Toc220595402][bookmark: _Toc220595701]6.4 Recommendations for the study
Using the results of this research, some recommendations are put forward when it comes to the banks and service managers. Financial institutions must focus on enhancing the precision and promptness of AI virtual assistants, since reliability has proven to be a determining factor of the customer's satisfaction among Gen Z and Millennial consumers. Jim and Munira, (2024) suggested that banks need to be transparent about how their AI systems use, store, and collect the data of customers in order to gain trust and minimize privacy issues. By giving explanations of AI-generated responses and decisions, users will gain confidence and think of better service quality. AI virtual assistants must not be exploited to reduce costs but embedded in long-term digital transformation strategies. Banks are supposed to invest in intelligent, user-friendly interfaces and offer personnel training to facilitate effective human-AI interaction whereby any form of query that is difficult to meet should be forwarded to the human agent. To ensure fairness, accuracy, and relevance, it is important to conduct continuous monitoring and performance evaluation (Osman et al. 2024). Lastly, strong ethical standards must be adopted to discourage excessive automation and responsible and customer-focused applications of AI in banking services.
[bookmark: _Toc220595403][bookmark: _Toc220595702]6.5 Future scope of the research 
Future studies can be one-step further from this study by adopting a bigger and more varied UK banking sample through probability sampling to raise the generalisability of the results, as well as a qualitative approach of semi-structured interviews to gain a deeper understanding. Longitudinal research would assist in analyzing the changes in trust, satisfaction, and dependence on AI virtual assistants of Gen Z and Millennial customers over a period of time. Psychological and emotional variables, such as perceived control, trust, and technology anxiety, could be included in further studies to get a deeper understanding of user responses (Cheng et al. 2022). The researchers can also look into powerful technologies like generative AI, emotion-detecting devices, and multilingual banking assistants. Also, cross-country research with respect to various service industries and cross-cultural conditions may identify sector-specific and cultural variations in acceptance and performance of AI-based customer service.
[bookmark: _Toc220595404][bookmark: _Toc220595703]6.6 Conclusion
This chapter has examined the major findings of the study and evaluated how effective the purpose of the research is. It has covered the increasing role of AI virtual assistants in improving customer service through the banking sector of the UK, with a comparative emphasis on Gen Z and Millennial customers. The results brought out the impacts of AI on service efficiency, trust and user satisfaction. Nevertheless, issues with sample size, scope, and methodology influenced the level of results. To mitigate these shortcomings and enhance the future banking services using AI, practical recommendations were given.
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1. Do you currently use a bank account?
a.   	Yes
b.  	No
2. Which age group do you belong to?
a.   	18 – 28 years = Gen Z
b.  	29 years and above = Millennial years
3. Which gender do you identify with?
a.   	Male
b.  	Female
c.   	Non-binary / Third gender
d.  	Prefer not to say
4. What is your approximate annual income (before tax)?
a.   	Below £20,000 
b.  	£20,000 - £30,000 
c.   	£30,001 - £40,000    
d.  	£40,001 - £50,000    
e.   	Above £50,000
5. Which UK bank do you mainly use?
a.   	HSBC
b.  	NatWest
c.   	Barclays
d.  	Lloyds
e.   	Other (please specify)
6. Have you ever used an AI-based virtual assistant or chatbot (e.g., “Cora”, “Amy”) from your bank?
a.   	Yes, frequently
b.  	Yes, occasionally
c.   	No, never
7. How would you describe your overall experience with your bank’s AI virtual assistant?
a.   	Excellent
b.  	Good
c.   	Average
d.  	Poor
8. Which device do you usually use to access your bank’s AI assistant?
Please select at most 2 options.
a.   	Mobile app
b.  	Website (desktop/laptop)
c.   	Telephone/voice assistant
d.  	Other
9. What is the main purpose for which you use the AI assistant?
a.   	Checking account balance or transactions
b.  	Reporting issues or queries
c.   	Making payments or transfer
d.  	Getting product or loan information
e.   	Other
10. Do you feel your personal information is safe when using AI virtual assistants?
a.   	Yes, completely safe
b.  	Somewhat safe
c.   	Not sure
d.  	No, unsafe
11. How often do you need to switch from the AI assistant to a human agent to resolve your issue?
a.   	Always
b.  	Often
c.   	Sometimes
d.  	Rarely
e.   	Never
12. How quickly does the AI assistant usually respond to your queries?
a.   	Instantly
b.  	Within a few seconds
c.   	Takes noticeable time
d.  	Slow or delayed
13. How satisfied are you with the quality of responses provided by the AI assistant?
a.   	Very satisfied
b.  	Satisfied
c.   	Neutral
d.  	Dissatisfied
e.   	Very dissatisfied
14. Would you prefer using AI assistants or human agents for routine banking queries?
a.   	Prefer AI assistant
b.  	Prefer human agent
c.   	Combination of both
d.  	No preference
15. Would you recommend your bank’s AI assistant service to others?
a.   	Yes, definitely
b.  	Maybe
c.   	Not sure
d.  	No
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