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Abstract- The overall work procedure has get done on the basis of the Big data model and data warehousing of an organization’s decision making purpose.
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INTRODUCTION
Big data has its prospective factors, concepts to the process of the data warehouse to present the possible evaluation of the big data model to enhance a company's identified factors to ensure the growth, its technological aspects, purposes to explore a company's present and future convergence goals to do the data exploration in a better way for its decision making approaches here.
Company background
Pestron Foods is a mini supermarket chain in the UK as it needs to grow on the basis of its own products, its consumers focused products all over with the assistance of Europe and America. This company needs to compile the growing factors of its products to highlight the business structure to aid the big data approaches to perform the various appraised recommended factors. 
Aims and Objectives
The main aim of this project is to make a big data model to perform a decision making process of the company Pestron Foods. 
O1: To evaluate the main perspectives of decision making approaches of this company
O2: To analyse the internal method of big data technology and the big data warehousing to develop the strategic affectivities
O3: To primarily examine the strategic importance for the production and customer satisfaction here
O4: To analyse the deployment of this modified technology for the small firms
Roles of Big data in small firms
Data warehousing with the big data model has its several importance and its purposes to highlight the major perspectives of company architecture to support its technological elements strategically. This Big data model would sustainably help to perform the integration of technological approaches as to perform the factors of this decision making support. There is several importance in the data warehousing testing to challenge the actual processing of this company Pestron Foods with data completeness, Data transformation, data quality to perform the reasonable objectives as to specifically automate the essential method to be simplified for the comparison. Big data has an important factor for the companies as to find the project perspective to intuitively do the data transformation in a strategic way. Companies have their particular regulations to analyse the compiling data to often process the meaningful information to collect them, making them assured for further usages to analytically process large data.
As per for the developing purposes of a company, the service of this big data model effectively performs to reduce its internal errors, processes to possibly change the major and minor possibilities. It helps to ensure the quality control proceedings as to accurate information. It creates the industry specific growth of the company's profile so that there would be a proper growth of production and its consumer focused perspectives to utilize the expert assistance from the demonstrative viability as to perform the evaluation of this big data warehousing implementation to create a model on this Pestron foods chain. The small enterprises exclusively get effective investment strategies to perform modified data technology. The data driven result has its important features on the basis of this big data model. 
Implementation of different strategy
These small companies would get a potential affectivity on the customer and product level pricing with the overall projects in a year to work operationally for evaluating a pricing strategy. It has its ensured factors as per the consistency to apply the collective data to get the analysis as per its standardized data affectivity. Big data warehousing has improved the objective to successfully access the strategies of a company such as Pestron Foods.
Big data integration for sales and marketing process
There are companies that have an essential need to monitor the customers' analytics, operational factors for data to considerably consider the sales and the marketing with its internal effectiveness to develop the objectives of the company to improve the products and its services. The evolved needs of the clients, the need for a good project as to perform the evaluative essentiality.
Big data collection processes
The big data collection process has its specific factors to valuably perform for the company's need to structure the generative terms and the investing processes.  There are several types of data to process the internal necessities of a small company, these are the structured data to highly perform for the predefined formats as its credit card, and then the unstructured data has to exist to generate access to the respective procedure. The range of the company has its common source to systematically work as per the big data model. It has some major important stages to organize the big data model to process the data as per normalization, involve them, extract, transform and load them. Various data are there to organize the business perspectives so that a proper term of data model would get evaluated here.
Data should get transformed with its cleaned data, normalized data for business use, the loading of data to move all data within the data model to access its usages. If there would be a major data management to additionally consider the requirements for each of the cases to prepare the reliable factors as to ensure any type of possibilities here. Data warehousing is an essential part of the big data model. The newer factor is its technological objectives which would effectively build the warehousing form for the companies. To develop the methodologies of the overall big model the processing of advanced technology would help to initialize the processing of prediction to develop the growth. There are some evaluative factors that would effectively form the usages of big data evaluation insight. 
The processes of the big data analytics have its essential factors so that to perform the scalability of the technology and its internal growth for forming the analytical affectivities to organizing operate the massive important factor of the data with its major techniques for making the specific causes as its main model to get the understanding of long term essentiality to factorize the possible data collection process to reverse the details of the big data model and the warehousing possibility. 
LITERATURE REVIEW 
Big data modelling is an important technological part to evaluate the data warehousing model for the growth, development of the companies to analyse the data insights, its possibilities to standardize the data from several sources to reduce the risks and its error for the interpretation. The data warehouses have uniform collective processes to standardize the business decisions to develop the strategies. There are several research literatures to get an overall idea, possibilities of this big data model, and data warehousing model to develop the company's profile as per for its decision making to drive the strategies. 
Big data warehouse architecture
From the literature of a researcher, [1] a basic understanding of the big data warehouse has been gained here to adopt the big data requirements, big data process, the evolution of the framework so that automatic detection capability would be adapted for the ultimate data warehouse model to propose the big data architecture. As per this literature, big data modelling is a process to largely store any company's datasets to process the decision making procedure for the ultimate technological development for the better scope of the organization. To utilize the overall objectives of this technology, there would be a specific processing algorithm for the modified traditional model representation. On the other hand, in a different research paper, there have been structured and unstructured data factors to enable the extraction, transformation of the data here. The several storing, processing, and factors of analysis are there to supportively implement the big data model and data warehousing access to modify the extensive defined development methods. Data volume, its architecture all is effectively attached to the maintenance of the defined and predefined a large amount of data so that the processing of the ensured data model would get ensured to evaluate the distributed system to transform the process.
The data type, characteristics, the scopes, process all has the different approaches of structured data to capably represent the predefined structures for generalizing the characteristics to perform the generalized representation of the objectives of this big data model. Even there are some unstructured data to predefine the values and it is generalized for recurrently visualizing the movements of chemical processes among the other data types. The literature of the other researcher [2] has evaluated the differences of the data warehouse and big data in a different way with respect to the Purpose, data source, data type, the scope to structure the integrative part of the supportive factor of the business factor for the small companies. This Big data and data warehouse has several sources for the data processing, structured, semi structured source of exceeded abilities to manage the analysis of data. 
Several methods are there from the different previous researchers, the constructed structures are difficult under the requirements of well known sources of the bottom up and hybrid proposals. Even the technologies are several for each of these models. The consisting part of the big data model performs as per its analysis purposes. For data exploration, specific technological knowledge is an important part here as to fulfil the specific terms. 
Challenges
There are some effective data protection factors of this big data model, a processing of precise adequate purposes has excessively appropriately obtained the data internally. From the research, in addition, some of the major problems have got revealed here as ore with the adequate challenges of this big data model and the data warehousing model. The imbalanced data and the internal developed factors have increasingly performed as per the data model here. [3] Detection of the dominant statistical approach has its process to reliably perform the quantitative and qualitative work. Even there are some big data models challenges that can be utilized as per its source data type. For this research purpose, an effective work procedure has been used here for common purposes. 
Beneficial factors
The data warehouse delivers a different objective to enhance the business decisions based on its data with an additional process of the marketing segmentation to manage the financial effectiveness of the companies as this Pestron Foods would get the understanding of its. A data warehouse is a special model which would assist to save the time of the large data analysing factor of the company as for the production to produce the supermarket chain objectives to start over the strong business decisions. The strategies of big data classification, as per to the unstructured data, structured data, the data manipulation to create the data value chain for this company particularly. It has an essential importance of getting a better decision making process to analyse the problems considering the market of better decision making process to understand the data flair to provide a proper data model here. 
It would help to make the data to get stored in a clear way as per the applicable purposes to allow the firms, organizations to transaction ally evaluate the big data model too precisely and inventory produces the products as per its long chain in the supermarket. It would assist to analyse the decision making approaches so that a service of data warehousing model would help to shape the 
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Figure 1: Data warehousing model
(Source:  [1])
Big data and decision making
As per the decision making purpose, there is a sign of an ability to provide the knowledge, information to value the decision of the processed data to thoroughly cover the research throughout the years of the production of a company. The author of the literature has effectively provided the significant benefits of the specific organization to provide the valuable resulting factors to make the decisions to necessarily increase the values of this data warehousing model. As per for the resulting factor of an analysing process, the phase of the identified opportunities for this increasing factor has get done here to necessarily process the dealing of an enhanced factor as to process the meaningful supply chain processes for the structured data and the framework quality as to process the decision making here on the basis of the framework of the data model.
Moreover, the process of identified problems as to internally and externally work for the data sources. An amount of the applied possible opportunities to consequently and beneficially perform for the risk management. Big data analytics and the identified factors of the decision making approach are qualitatively attached with the objectives for the several traditional data approaches [4]. From the business perspective, a strategic move of the business is dependent on the generative factors of technology here. There are some important analytics factors to ensure the variable of the different aspects of an organization. For this current era of modernized supported systems of processing, some additional optimized decisions have been evaluated internally. It would help to determine the customer journeys to organize the mixed profile of problems.
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Figure 2: Analysis of Big data challenges faced by a company 
(Source: [5]) 
It would help to predict the future outcomes as to regressively, crucially advance simulations to competitively enhance the situation for developing the correlation of identified products. The historical data would get analysed here by providing the performance level in a better way. Real time decision making approaches would be capable of receiving the information of transporting the assembling designing approaches for an informative system. The company would necessarily have a large volume of datasets to perform the capable business processes to be performed well. Decision making has potential improved factors to analyse the customer services, acquisition, and advantages of identified domain perspectives to ensure the efficient findings of the conducted managing perspectives.
The key role of this big data has intuitively challenged the management and the gathered data to critically achieve the sufficient data to accurately strategically perform the effective challenges for associative challenges to ensure the data-gathering processes [6] subsequently, the big data has no advantageous factors to generate the features of the objectives and the activity. As per the characteristics of the big data, there is a factor of big data that is to be mostly featured to analyse the leading features of the streaming data to analyse the representative objectives to add the values of organizational factors and apply the generative objectives here to add the big data technical aspects. For applicable and transactional factors, the inventories of big data analytics have to get improved here. There is a business perspective to predict the crucial aspect of its sales and the productive usual research for a frequent perspective. Quantified data is the main factor of these big data models to get the volume, storage, processing of the data to increase the evaluation factor as per its analytics for the semi structured data [7].  By utilizing the data storage possibilities, there would be a common factor of structured data to form the variety of data as per its research criteria and the criteria to evaluate the several aspects of the big data model [4]. Its environment would help to accept the possible data sources to increase the analysis method so that the implementation of storage would necessarily perform its best for the better perspective.
It has its major process as to evaluate the crucial interference for its network processes to get its volume of storage to be processed as its analysing purposes and methods to present the supported pre-processing stages as to perform the prediction in Hardtop rather in this Knife software. The several perspectives have its affectivities for Spark; Flank has several positive maximized evaluative factors for the various techniques to get better decisions for supportive maximized aspects. There is even a data management process to get an analysis of better decision making approaches for an ultimate pre-processed factor as an additional part to emerge the method of the beneficial part as its traditional part. 
Methods
In the development of data warehousing and big data modelling has been done in this research by the help of Knife software. Moreover, it can be said that there are different big data modelling processes that can be applicable for the Pestron Food Company. In addition to this, it has bee4nmm observed that the mentioned company is considered as a “mini-supermarket chain” that produces as well as sells consumer goods. In this regard, it has been observed that as a “Chief Executive Officer (CEO)” of the specified company, data modelling is referred to as a key factor related to record the overall selling and buying data of the company. By developing the data warehousing model, it becomes easiest for the company to demonstrate or discover the effectiveness of using “big data approach” for incorporating automated decision making processes. In this context, it can be said that by the incorporation of a “big data approach”, the mentioned company can access automated decision making approaches and by the development of this automated decision making process, the mentioned c0mpany can be benefited in their business infrastructure. 
In addition to this, it has been observed that the specified Knife software is not “data warehouse” software. A database that consists of Petron food details needs top be imported in  that specified software  to make it a data warehouse. Moreover, it can be said that without the incorporation of a database, the Knime software is not considered a data warehouse. In this regard, it has been analysed that the key advantage of using Knime software is that the specified software is able to deal with big data that is not going to be fitted in  the “main memory”. In addition to this, it can be said that the Petron food dataset consists of a huge amount of data and thus is being imported from the Knime software. Moreover, in the process of data storing in Knime, it has been observed that creation of temporary files needs to be done. The temporary files are being created on the hard drive.
Similarly, it has been analysed that the specified software is referred to as a “big data connector”. In this regard, it can be said that the specified software is able to perform three impositions as well as exporting of SQL files and SQL analytics that can be able to analyse the big data related to the mentioned company. In addition to this, it has been observed that the Knime software is mainly used t\=for disposing the analytical performance. In this context. It has been analysed that the Pestron food company is needed to perform big data analytics and, in this regard, it is necessary for the specified company to do analytics performance regarding aiding of a “decision making” process that is suitable for the company. 
The Knime software is considered as an analytical platform that is an open source platform. In addition to that, it can be said that by the usage of this mentioned software, intuitive, and continuously integrated development has been done. On the other handoff, it has been analysed that visual programming can also be done in this software. The advantage of having visual programming is that by creating a visual workflow, it becomes easier to have an overall idea on the business workflow and infrastructure. In the Knime software, visual workflow has been developed for doing the data analytics with the help of “intuitive, drag and drop” style that are present in the graphical interface of the software. In addition to this, it has been observed that visual programming does not require any coding. In this context, it has been  analysed that the Knime Hub is consist of “Drag and drop nodes” and also components that are required for the development of data analytics model. In the development process of data antics, each and every step of data analytics are being modelled and this process controls over the data flow. Nodes are being developed that consist of their entire lifecycle of data science. 
In addition to this, it has been observed that the bleeding tools are included in the Knime software that helps in doing a “Knime native nodes” that are in a single workflow. This blend tool also includes scripting in python, R or “connectors to Apache Spark”. There are several steps that are being followed to do the data analytics process, for example,
Bleeding of data that are from different sources
The first process of this data analytics is “open and combines” of files that are in csv format or consist of unstructured data or “time series” data. The next process is to build a connection with the database host as well as a data warehouse for integrating data from Microsoft SQL, “Apache Hive”, or oracle. The final process is to be accessing the data and retrieving the data from various sources. 
Shaping the data
The data that are being considered for doing the data antics is needed to be in proper shape for doing the data analysis. In this regard, it has been observed that deriving of statistics that includes mean and standard deviation is needed for shaping the data. In this context, it can be said that incorporation of “correlation analysis, reducing of dimension” has been done in the workflow. After the derive statistics, “aggregate, sorting, filtering and joining of data has been done in the local machine of the database or the data that present in the “big data environment”. Moreover, it can be said that the cleaning data process has been done in the processing of the software work that has been done in the Knime software. The data cleaning has been done with the help of the normalization process. The missing values that are present in the dataset csv file are also being cleaned. Extraction and feature selection has been done in  the software work. 
Machine learning approach 
In this regard, it can be said that the machine learning approach can be done in data analysis  of the specified logistic food supply chain company. In addition to this, it has been analysed that the machine learning model helps in model building, classification of model, regression of the model and dimension reduction. In this context, it can be said that the regression model has been developed in the software work that has been done in the knime software. Optimization has been done on the predictive model. On the other hand, it has been observed that by the development of the optimization   process, boosting, stacking, and building of complex emblems has been done.  Moreover, it has been analysed from the software that by validating the dataset, it can be said that by applying or incorporating performance metrics in the development of the data analysis of Pestron company food data, it gives an accurate predictive data on rating. 
Sharing and discovering of data insights
In the mentioned process, data visualization has been done, that includes scatter plot. In addition to this, it can be said that customization has been done on the data. In the development of the software work, it has been analysed that there are several null values that present in the dataset. In this context, it can be said that the elimination of the null values needs to be reduced for getting an accurate result on the predictive model [8]. The statistics regarding dataset have been displayed that are based on columns that present in Knife table. Moreover, it has been analysed that in the mentioned processes helps to reduce or filter out the data that are irrelevant. In this regard, it can be said that the reports that are being developed in the Knime can be exported as various file formats to stakeholders for presenting predictive results. The processed data are being stored in common databases. 
Scale execution
The scale execution has been done in the development of the Knime data analytics process and building a predictive model regarding the mentioned company’s data set. The scale execution process includes three key processes that are being followed in development of the data analytics model. These processes are as follows, building of “workflow prototypes”, “scale the performance of workflow”, and “exercise the power of process in processing of the database”. 
Results
The big data model has been created in this research process that includes big data model prediction of Pestron Foods company. In this regard, it has been observed that Knime analytics platform has been chosen for the development of big data models. In this context, it has been analysed that a csv reader has been imported in the “projecttest 1” file. In the Knime explorer, a “projecttest 1” has been created. In that particular Knime project, a Knime workflow file has been imported from a directory into the Knime workspace. In the node repository space, it has been observed that the specified workspace concludes different types of analysis process. In addition to this, it has been analysed that normalization, statistical process, linear regression has been done in  the development of the predictive model. In this regard, it has been observed that there are several linear regression processes that can be followers in developing the predictive process [9]. These are “Linear Discriminant analysis” and linear or polynomial regression. The linear correlation has also been in the predictive model. 
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Figure 3: ETL process in small data warehouse
(Source: Created by Knime)
From the above diagram, it has been observed that the csv reader node is present in the development model. The specified csv reader node provides support to the “plat flow variable”. In addition to this, it can be said that the usage of this node is for reading the csv file that consists of a dataset. Moreover, it has been observed that the normalization node has been connected with the csv read node. In this regard, it can be said that the specified normalization is basically “normalizing the values” that are present in the column of the dataset [10]. In this context it has been analysed that for proceeding with the normalization process, the columns that are included with numerical values are being considered. There are overall three types of normalization processes that have been applied in the development model. These normalization types are, “min-max normalization”, “z-score normalization”, and “decimal scaling normalization” [11]. In this regard, it has been observed that “z-score” normalization has been done in this research process. 
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Figure 4: Normalization process
(Source: Created by Knime)
The statistics outcome regarding the dataset has been developed in the outcome of the statistical model of the dataset. The statistics node includes of different attributes. These attributes are “computation of medium values”, “column filters” and detection of nominal; values. In this regard, it has been observed that from the statistical model, a histogram has been developed that includes different attributes that are present in the dataset. In this context, it has been analysed that the width and height of the histogram can also be measured from statistical nodes [12]. The following diagram shows the statistical data of dataset those include Pestron food company dataset. 
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Figure 6: Statistical table
(Source: Created by Knime)
The above figure shows statistics of the dataset. In this context, it has been analysed that there are overall 16 columns that are being taken for developing the statistics table regarding the Pestron Foods dataset. The min value, max value, mean value, standard deviation, variation, and histogram has been present in the statistics table. In addition to this it can be said that the statistical table also consists of null values. 
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Figure 5: x-axis and y-axis of scatter plot
(Source: Created by Knime)
In this regards it has been observed that for developing the scatter plot, note 4 has been added. The scatter plot is referred to as a “java based charting library function”. From the scatter plot, the big data analysis regarding time and date and total data flow can be evaluated. 
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Figure 7: Scatter plot
(Source: Created by Knime)
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Figure 8: Linear regression
(Source: Created by Knime)
CONCLUSION 
The big data model with the warehousing has its different architecture of data warehouse to complementary work for the small enterprises and even for any type of Big data model. Over this report, the entire structure is based on the essential objectives of the big data model to develop the data technologies, the generative properties of the Big data warehousing to make the decision making of the company of Pestron Foods to evolve the proposal of the internal factors of the production in the different countries here. To build the big data model initially the use of KNIME software has to be evaluated with all its important stages so that a model would get formed here. For an extensive selection of the process, the production and even the extraction of data is an important factor of this overall work procedure to analytically evaluate the data model of the big data of this company’s decision making. 
Rise of the big data has a specific summarized factor to advent the comparative study of the advantages of the technologies to generate the difficult activity for the business. This research method would competitively help to conduct the significant process of evaluation for the developing emerging medium as to ensure the changes of the business.  The support of the competitive decisions of a business structure is based on fulfilling the purpose of emerging the sources to evaluate the adoptive segments of the resources to ensure the capabilities so that a research opportunity for an enhanced opportunity for high speed decisions that are needed to be done. As per this company, big data analysis would help to analyse the large data of this company to extract the objectives of crucial aspects to generate the organizational values of the applicable improved quality to improve the clarified values as per the organized representative aspect and add the essential factor for the representative technical aspect here [13]. 
There are some effective evaluative factors as to maintain the overall big data model to ensure the effective forms so that there would be a necessity features to evaluate the essential factor of ensured approaches of the evaluation in the taken software so that an ensured factor would be taken to form the essential factors here and the result.
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