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[bookmark: _74pxs5pyb4ff]Abstract
This study examines the impact of social proof on trust and its further effects on the behaviour of digital money consumers to use only digital financial technology (fintech) applications in the UK, such as Wise, Monzo and Revolut. This study can be classified as research using descriptive statistics, correlation and regression of data collected using questionnaires that were returned from fintech actors who are already users of fintech. The type of research used in this study is quantitative research because the data acquired in this study comes from questionnaires and the research subjects are users of fintech, so as to be likely to get data from them. The findings showed that social evidence (social reviews, ratings and recommendations) significantly and positively affects consumer trust. Therefore, one could expect the 'trust' to always influence the 'adoption intention', which means the more likely fintech services are to be adopted, the more one is likely to believe in their reliability, and to view them as credible. It can also be observed from the results that social proof is important to reduce the perception of danger, but the level is not high. To sum up, the study highlights the quintessential importance of trust-establishing means in the electronic monetary ecosystem and also provides some tips for fintech companies on how to create and sustain user trust and participation.
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FinTech
Digital financial services delivered through mobile or web-based platforms.
Social Proof
Influence of reviews, ratings, and recommendations on user decisions.
Consumer Trust
Confidence in the reliability and security of fintech platforms.
Adoption Intention
Likelihood of users adopting or continuing fintech usage.
Perceived Risk
Concerns about financial loss, privacy, or security.
Online Reviews
User-generated feedback about fintech services.
Ratings
Numerical scores given by users to evaluate apps or services.
Testimonials
Personal user experiences shared to influence others.
Technology Adoption
Process of accepting and using new digital systems.
Digital Banking
Banking services provided fully through online platforms.
Cybersecurity
Protection of systems and data from digital threats.
Privacy Risk
Risk of personal data misuse or unauthorized access.
Financial Risk
Possibility of monetary loss when using fintech services.
User Experience (UX)
Overall ease and satisfaction of using an application.
Trust Signals
Indicators like reviews and ratings that build credibility.
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[bookmark: _2n8es95ctt12]1.1 Background of the Study
Financial Technology (FinTech) has significantly transformed the global financial services industry by introducing innovative digital solutions that enhance accessibility, speed, and efficiency of financial transactions. Fintech applications enable users to perform banking, payments, investments, lending, and money transfer services entirely through mobile or web-based platforms without requiring physical interaction with traditional financial institutions. The rapid growth of smartphone penetration, digital infrastructure, and internet accessibility has accelerated the adoption of fintech applications across developed economies, particularly in the United Kingdom (Vijayagopal et al., 2024). The UK fintech sector is considered one of the most advanced globally, supported by strong regulatory frameworks, digital innovation, and high consumer acceptance of mobile banking services.
Among the most prominent digital-only fintech applications operating in the UK are Wise, Monzo, and Revolut. These companies provide fully digital financial services such as international money transfers, savings accounts, payment cards, budgeting tools, cryptocurrency services, and investment options. Unlike traditional banks, these fintech firms operate without physical branches, relying entirely on digital interfaces and user trust in technological systems. The increasing reliance on digital financial platforms introduces significant challenges related to trust formation. Since fintech services require users to share sensitive financial and personal information, perceived risk associated with privacy, security, fraud, and system reliability becomes a critical factor influencing adoption behaviour (Akın and Gürbüz, 2024). In traditional banking environments, trust is often built through physical presence, brand heritage, and interpersonal interaction. However, in digital-only fintech environments, consumers lack physical verification cues and therefore rely heavily on alternative signals to evaluate credibility.
One of the most influential mechanisms for reducing uncertainty in digital environments is social proof. Social proof refers to the psychological tendency of individuals to observe the behaviour and opinions of others when making decisions under conditions of uncertainty. According to Neglur et al., (2025). In online environments, social proof is commonly represented through user reviews, ratings, testimonials, recommendations, and user-generated content. These indicators provide informational cues that signal credibility, reliability, and quality of service.
In fintech applications such as Wise, Monzo, and Revolut, social proof can be observed in the form of customer ratings on app stores, positive testimonials on websites, influencer recommendations, online forums, and social media feedback (Balaskas, 2026). Potential users often evaluate these cues before deciding whether to trust and adopt a fintech application. Positive reviews and high ratings create perceptions of legitimacy and reduce perceived risk, which ultimately enhances adoption intention. Despite the rapid growth of fintech adoption, consumer hesitation remains evident due to concerns regarding cybersecurity threats, data privacy breaches, and lack of institutional familiarity. Therefore, understanding how social proof influences consumer trust is essential for fintech companies seeking to improve adoption rates and long-term customer engagement.
[bookmark: _57e7019y5tz5]1.2 Research Problem
Although fintech adoption has increased significantly in recent years, trust continues to represent one of the primary barriers preventing users from fully embracing digital-only financial services. Traditional financial institutions benefit from established reputations, physical presence, and regulatory assurance, whereas fintech applications must rely on digital signals to communicate credibility. Existing research has extensively explored social proof in e-commerce environments; however, limited empirical research specifically examines the relationship between social proof indicators and trust formation in digital-only fintech applications (Appiah and Agblewornu, 2025) Furthermore, the interaction between social proof, perceived risk, consumer trust, and behavioural intention remains underexplored within the UK fintech context.
One of the important questions in the adoption of fintech is the transfer of users who already have accounts in traditional banks, now offering sophisticated digital services. Most of the established banks have mobile banking applications and online systems that minimise the functional distinction between conventional and digital-only banks. Therefore, customers are not merely deciding between digital and physical banking, but consider whether to switch to completely digital options at the expense of well-known institutions. The existing reputations of traditional banks, as well as regulatory protection and physical presence, enhance consumer trust and perceived risk reduction (Akın and Gurbuz, 2024). Fintech apps, on the contrary, have to be based on online trust indicators. The users will be resistant to change because of the trust inertia, and satisfaction with the current services. Social proof, including reviews, ratings, and testimonials, are important in this sense to affect trust and stimulate the transition to digital-only banks (Vardari and Hameli, 2025; Neglur et al., 2025).
[bookmark: _e8ehw1ggg423]1.3 Aim of the Study
To examine how social proof indicators influence consumer trust and adoption intention among users of digital-only fintech applications such as Wise, Monzo, and Revolut in the UK. 
[bookmark: _lmjt0prr1mcz]1.4 Research Objectives
· To examine how social proof indicators (online reviews, ratings, and testimonials) influence consumer trust in digital-only fintech applications.
· To analyse the relationship between consumer trust and adoption intention in fintech services.
· To investigate how social proof reduces perceived risk among  fintech users.
· To provide recommendations for fintech companies to improve trust-building strategies using social proof mechanisms.
[bookmark: _f51qnu2jzxvd]1.5 Research Questions
1. How do social proof indicators influence consumer trust in digital-only fintech applications?
2. What role does consumer trust play in influencing adoption intention for fintech services?
3. How does social proof reduce perceived risk among  fintech users?
4. What strategies can fintech companies implement to effectively use social proof to increase adoption?
[bookmark: _hd32oeb68a1w]1.6 Rationale, Justification and Significance of the Study 
Fintech has revolutionized consumer banking as in a new generation, digital banks like Wise, Monzo and Revolut are taking the place of banking already. Banking on a smartphone, cashless banking, and financial services via applications have further driven financial dependence on digital trust mechanisms.The rise of smartphone banking, cashless banking, and app-based financial services have further fostered financial dependency on digital trust mechanisms. Despite the advances in technology, consumer hesitation persists with risks of cybersecurity threats, data privacy breaches, fraud and no physical presence of institutions in their communities. As the digital landscape is increasingly volatile, social proof metrics such as reviews, ratings, reviews, and customer feedback are becoming vital to earn consumer trust and impact their intent to adopt in these environments.
This study is considered to be of value as there is a general lack of literature that focusses on the technological and/or usability aspects of fintech adoptions, with under-researched work that critically examines the role of social proof and its relationship with trust in the context of the UK fintech environment. Also, Wise, Monzo and Revolut, which is significant in the market and also has an influence on consumer behavior, have not received particular academic attention. The study is important as it investigates the interaction of trust models, technology adoption models and social proof theory in the literature of fintech and consumer behavior. The statistics could prove useful in practical terms for generating ideas on trust-building and customer engagement approaches that fintechs can use. 
[bookmark: _bqlpbr830mg0]1.7 Scope of Study
This study aims to investigate how social proof affects consumer trust and their intention to use fintech in the UK fintech sector. The study in particular focuses on Wise, Monzo and Revolut, as they are all significant fintech providers in the UK. This study aims at understanding the influence of internet-based reviews, ratings, testaments and social influence on trust building and behavioral intentions of consumers. There is only a consumer perspective which does not consider the organisational/employee perspective. In addition, the study focuses mainly on the factors of trust and perceived risk as well as adoption intent, and does not cover other levels of fintech performance, including profitability or operational efficiency. The data will be collected using the quantitative research methodology from the users of fintech applications in the UK.

[bookmark: _6e8nb9gbn1aa]1.8 Theoretical Framework
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[bookmark: _rqa3pzffe7y3]Figure 1.1: Theoretical Framework
Source: Selfmade
The theoretical foundation of this study is based on Social Proof Theory, Trust Theory, Perceived Risk Theory, and Technology Adoption Models such as TAM and UTAUT2. Social Proof Theory explains how individuals rely on opinions and behaviours of others when making decisions under uncertainty. In fintech environments, social proof indicators act as external cues that influence perceptions of credibility and reliability.Trust Theory suggests that consumers evaluate digital platforms based on perceived competence, integrity, and security before engaging in financial transactions. Perceived Risk Theory highlights that uncertainty related to financial loss, privacy breaches, and technological failure can negatively influence behavioural intention. Technology adoption theories such as TAM and UTAUT2 explain how perceived usefulness, ease of use, and social influence affect users’ intention to adopt new technologies. By integrating these theoretical perspectives, this study proposes that social proof indicators positively influence consumer trust, which subsequently increases adoption intention while reducing perceived risk.
[bookmark: _pnyk4p6qv4m3]1.9 Chapter Overview
This dissertation comes in five interrelated and interdependent chapters in which the keynote influence of social proof on UK consumer trust and intention to use fintech has been investigated. The purpose of this research is to give the readers the background of the study, research problem, aims and objectives of the study, research problems, scope of the study and the theoretical background. Chapter 2 critically examines in-depth the previous literature on the social proof and perceived risk, trust formation, and fintech adoption theories and frameworks, as well as pinpoints the gaps in the research literature. The methodological framework is explained in chapter 3 as it deals with research and the philosophy of research, quantitative design, sampling strategy, method of data collection and ethical consideration. The statistical analysis and the interpretation of the survey results are included in chapter 4. Last, Chapter 5 presents a critical analysis of the results, draws conclusions, offers practical application, shortfalls and suggestions for future academic study in the rapidly changing fintech landscape.


[bookmark: _hbi0tmwc5pzq]CHAPTER 2 - LITERATURE REVIEW
[bookmark: _rbi4yp1uyvdh]2.1 Introduction of the Literature
Literature review critically examines existing academic and industry studies on the adoption of fintech, social proof, consumer trust, perceived risk and behavioural intention in digital banking settings. The United Kingdom continues to be one of the global leaders in fintech, with over 2,500 fintech companies generating over £11 billion for the country's economy in 2024 (Markose et al., 2025). 
[bookmark: _dtzl9lk3vvoo][image: ]
[bookmark: _qmunfaqhirss]Figure 2.1: London-based Abound leads the pack for the biggest FinTech deal in UK for H1 2024
Source: (FinTech Global, 2024)
The digital-only banking applications, like Wise, Monzo or Revolut, have revolutionised consumer banking habits by providing mobile payments, international transfers, budgeting and investment services without physical branches. The growth of digital financial services has been highlighted by the fact that during 2024, Wise handled over £118 billion in cross-border transactions, while Revolut alone had over 50 million users worldwide (Panchal, 2024). The growth of fintech has also increased worries with regards to cybersecurity, privacy violations, fraud, and institutional trust since consumers can't physically watch digital only financial providers. Accordingly, mechanisms of social proof, such as online reviews, application ratings, testimonials, recommendations on social media and electronic word of mouth are increasingly shaping consumers' perceptions about the credibility of fintech. The literature suggests that positive social proof decreases uncertainty and increases trust perceptions and that negative reviews can have a significant impact on discouraging the adoption behaviour. Therefore, previous research analyzes the association of social proof with trust formation, risk reduction perception, and intention to adopt following the theory of Social Proof theory, Trust theory, the Technology Acceptance Model, and UTAUT2 (Amnas et al., 2023). This chapter provides a critical analysis of the key concepts, literature associated with the research objectives, theoretical frameworks, research gap, conceptual relationships, and findings from the key findings associated with fintech adoption in the UK digital banking environment. 
[bookmark: _lxhwxtknzbc7]2.2 Definitions of Main Themes and Key Concepts
[bookmark: _rhewygy4p6ji]2.2.1 Definition of Fintech
Fintech broadly encompasses the use of digital technology in finance to enhance accessibility, speed, automation and customer experience of financial services (Raviteja, 2024). The general perception of fintech is the technological innovation that affects financial products, processes and organisations, and another one is fintech as the technology that integrates software platforms, artificial intelligence, and mobile systems with financial services. The other side of the coin is that fintech in particular is seen as digital companies that are directly challenging legacy banks via the branchless financial services and platform-based offerings. These definitions are more similar since they both focus on innovation and technology-mediated financial transformation, but there are some distinctions as to whether fintech is complementary or competitive to traditional banking institutions. FinTech, as used in this research, is defined as digitally delivered financial services, as Wise, Monzo, and Revolut are almost exclusively mobile applications and cloud-based systems. 
[bookmark: _oy8lvh2x50vm][image: ]
[bookmark: _sz13rbrwemsw]Figure 2.2: Online Banking Statistics and Facts (2026)
Source: (Market.us, 2026)
These services are increasingly popular with UK consumers, with nearly 78% of all adults using digital banking apps on a regular basis in 2025, up from 63% in 2021 (Addula, 2025). Fintech's critics say that the technology erodes the traditional banking system by diminishing the need for physical bank branches and elevating the reliance on technology, whereas its proponents defend it as a source of competition, efficiency and financial inclusion. However, the growth of fintech shows that the digital innovation has now come to the forefront in contemporary banking systems.
[bookmark: _g06npprjssxg]2.2.2 Definition of Social Proof
Social proof is the psychological phenomenon, wherein someone's behavior or beliefs are influenced by other people's behavior or beliefs. Theories of consumer behaviour provide insights into the fact that people see the endorsement of others as a sign of legitimacy and trust, especially in the absence of physical evidence in the digital world. In online contexts, there are several methods that use social proof: customer reviews, ratings, testimonials, and influencer endorsements, as well as electronic word-of-mouth (eWOM) (Patwa, Gupta and Mittal, 2024). Likewise, consumer trust in the trustworthiness of the social media platform and the recommendation by peers is very much influenced by social media engagement. Social proof has grown in importance in the fintech sector due to the greater financial and privacy risk associated with digital-only banking as compared to traditional e-commerce purchases. The research found that 64% of British consumers would check customer ratings before installing a financial app and 52% said that bad online reviews had deterred them from using a fintech app. Social proof mechanisms are also criticized by scholars for the possibility of having false reviews, false ratings and paid endorsements, which can affect consumer judgment.
[bookmark: _w83t9x77iju8]2.2.3 Definition of Consumer Trust, Adoption Intention and Perceived Risk
Consumer trust is defined as the level of confidence in the reliability, integrity and security of digital financial platforms during online transactions. The concept of “trust” in fintech research often refers to the willingness of consumers to trust service providers even when they may not have full confidence or security. Adoption intention is a consumer's expectation of using or continuing to use fintech applications in the future, whereas, perceived risks are expected monetary, cybersecurity, privacy, or performance losses from digital banking systems. Concern around cybercrime and fraud continued to be the top challenge to full adoption of 100% digital banking services for 47% of UK consumers (Al-Surkhi and Maqableh, 2024). The risks are further compounded as no physical interaction occurs with the institution when using a fintech platform and they deal with sensitive financial information. A survey of the literature, therefore, reveals that there is a strong link between trust and risk reduction, as the consumer is more likely to use a fintech app when they feel that the platform is reliable, transparent and secure. However, there are also critics who have stated that people's intention for using fintech doesn't necessarily mean they are using it in practice as people are still loyal to traditional banks and might have some psychological attachment. In addition, the number of complaints concerning failure to authenticate mobile banking transactions rose by 18% between 2024 and 2025, highlighting the need for investor confidence-building measures and cybersecurity education in financial settings.
[bookmark: _j1b4kl8uy1d2]2.3 Literature Based on Research Objectives
[bookmark: _dc3nshknbdi2]2.3.1 Objective 1: To Examine How Social Proof Indicators Influence Consumer Trust in Digital-Only Fintech Applications
It is likely that social proof indicators have a strong effect on consumer trust in fintech environments, as consumers are likely to assess digital financial services when they have uncertainty or perceived financial risk. Online reviews, app ratings, testimonials, user-generated content and electronic word-of-mouth have been identified as key external trust signals that make up for the lack of physical banking infrastructure in studies on fintech adoption. The UK fintech market is a case in point as consumers have become increasingly reliant on mobile-first financial platforms for everyday banking (Chepkutwo, 2025). 
[bookmark: _4xkko76scb1][image: ]
[bookmark: _n7wri3u2t2bc]Figure 2.3: UK Fintech Market: Size, Growth Trends and Forecast 2034
Source:(IMARC Group, 2025)
Industry sources indicate that 71% of UK consumers engage with fintechs, significantly higher than the global average of 64% (Tenity, 2024). In this context, Wise, Monzo and Revolut have built strong digital reputation systems, referral programs, and signals of credibility in app stores. Palos-Sanchez et al. (2025) found that positive rating positively impacted trust, service quality and technological expertise, especially for younger consumers who depend on rating from their peers when considering adopting financial technology. 
There is also a body of literature, however, which shows that online social proof is not necessarily reliable. Some scholars suggest that fake reviews, fake ratings, and sponsored reviews from influencers undermine the credibility of online trust mechanisms, and can lead to reputational risk for start-ups in the fintech sector. Fraudulent testimonials are a growing concern since financial services require highly sensitive personal and transactional information. While in traditional e-commerce settings, consumers are less prone to risking their dollars, financial security, fraud exposure, and privacy protection are concerns within the fintech context that instills prudence in consumers to entirely rely on digital recommendations (Morić et al., 2024). There are also differences between the generations in how trust is formed, as noted in existing literature. Overall, younger consumers (18 to 34) are more reliant on online reviews and influencer recommendations, while older consumers still depend on the institutional reputation, government regulation and/or the proven banking history. Contrast between developed and developing countries also shows contrasting behaviour. Research on the comparative impact of social proof in fintech and e-commerce also shows that there is a higher emotional impact in fintech as financial decisions generally come with a greater perceived emotional impact than retail purchases. 
[bookmark: _vmgx2ttt0x6e]2.3.2 Objective 2: To Analyse the Relationship Between Consumer Trust and Adoption Intention in Fintech Services
It has been shown in the existing literature that among the most significant determinants of the intention to adopt a financial technology, the trust held by the user is always one. Consumers' trust is often equated with that of a platform's reliability, integrity, competence, and security (Beck, Wuyts and Jap, 2024). Trust is an even more crucial factor in the fintech industry, where digital-only banks like Wise, Monzo, and Revolut do not have physical branches, and consumers cannot interact with them in person or depend on the same sense of institutional presence as they might with traditional bricks-and-mortar banks. This correlation is backed by industry evidence, as mobile apps accounted for 61.05% of the United Kingdom fintech market share in 2025, and are expected to grow at a rate higher than 18% per annum, demonstrating high consumer demand for adopting app-based financial services when trust and usability are gained (Mordor Intelligence, 2025). The same study also revealed that fintech businesses with high trust ratings have greater customer retention, engagement and referral rates. 
[bookmark: _tg2uk0fmxo5][image: ]
[bookmark: _yowyb1fsogy7]Figure 2.4: Revolut Revenue and Growth Statistics (2024)
Source: (SignHouse, 2025)
For instance, in 2024, Revolut reported more than 52 million global users while its profits rose by 149%, indicating that consumer trust plays a crucial role in the platform's growth and user base (Financial News London, 2024). Likewise, Monzo saw significant increases in revenue and profitability as it focused on improving its customer experience and digital banking offerings (Monzo, 2026).
However, conflicting views exist in literature about the role of trust in ensuring adoption intention. There are researchers who believe convenience, perceived usefulness, speed of transactions, and technological innovation are all factors as well. Research on Technology Acceptance Model (TAM) often indicates that the assumption that perceived usefulness and ease of use may be more prominent than trust in the adoption process for users with more experience in using technology (Vorm and Combs, 2022). This is especially true for the United Kingdom as the penetration of smartphones and digital competence would prompt consumers to take efficiency and convenience as a priority, in addition to trust factors. Mobile banking vs fintech studies also have mixed results. The importance of institutional trust on consumers' behavioural intention has been a key factor in the traditional research on mobile banking, as consumers have a perception of “institutional trust” about established financial institutions that provides them with financial stability and regulatory protection. Fintech literature, however, shows that the younger generation are more open to using new digital offerings despite limited institutional experience. 
[bookmark: _v9v7mcchxjbm]2.3.3 Objective 3: To Investigate How Social Proof Reduces Perceived Risk Among Fintech Users
The perceived risk is one of the major challenges to the adoption of fintech, as they are perceived to be vulnerable to cybersecurity threats, financial fraud, loss of privacy, and uncertainty regarding technology. The perceived risk is consistently shown to have a negative impact on trust and behavioural intention in the fintech literature. 
[bookmark: _huny9mxepk5k][image: ]
[bookmark: _idejqy46t8lg]Figure 2.5: Authorised Push Payment Fraud
Source: (Oakwood Solicitors, 2025)
These concerns are further bolstered by financial statistics reported in the UK where fraud was the leading crime category in England and Wales in 2024, with over 185,000 incidents of authorised push payment reported and total consumer losses amounting to more than £450 million (The Guardian, 2026). These signals are a message to consumers that they are not alone in using the fintech apps, which in turn lower uncertainty about reliability and security of the service. More research indicates that specific customer reviews have an even stronger impact, as they offer an authentic customer perspective that is otherwise unavailable through advertising. So, positive sentiment towards transaction speed, customer support and fraud protection directly impact perceived financial risk.
However, there are also limitations in the power of social proof to bring the complete resolution of uncertainty in the adoption of fintech products and services, as identified by the literature. When considering financial safety, several scholars claim that regulation, institutional legitimacy, and cybersecurity infrastructure are more significant than online reputation systems, when assessing the financial safety of the financial transaction environment. Especially after the scandals of fraud accusations against fintechs. An example of this is the case of Monzo, which was criticized for failing to reimburse thousands of fraud victims, even after enhancing its fraud detection measures (The Guardian, 2026). Revolut also received backlash on their AML procedures and customer service issues, indicating that good social proof is not enough to mitigate any operational or regulatory worries (Revolut, 2026). Consumer scepticism about sponsored reviews and influencer marketing similarly undermines the impact of digital trust signals as a financially incentivised endorsement could be seen as a commercially manipulated endorsement. Studies between fintech and e-commerce suggest that users are more skeptical in financial services, since monetary losses are linked with financial services as opposed to dissatisfaction with the product. 
[bookmark: _458qp5itd1ps]2.3.4 Objective 4: To Provide Recommendations for Fintech Companies to Improve Trust-Building Strategies Using Social Proof Mechanisms
Verified reviews, transparent testimonials, influencer marketing, community engagement and online reputation management are all key factors that can boost consumer confidence and adoption behavior, as highlighted in literature on fintech trust-building strategies. Researchers say that verified customer feedback systems are important for fintech companies as they diminish the chances of suspicion surrounding fake endorsements and skewed reviews. One study also shows that companies who respond well to social media complaints have better social media transparency and accountability. This is significant, as the United Kingdom fintech market is growing rapidly and reached more than twenty-one billion dollars in 2026, and still rising; mobile-first banking services (Mordor Intelligence, 2025). More and more, Wise, Monzo and Revolut invest in digital communities, referral programmes and personalised social media branding in order to deepen the emotional bond of their customers, giving the digital word of mouth a further boost. But researchers have criticized over-reliance on influencer marketing due to the fact that when it is obvious the endorsement is sponsored, it could damage credibility. Comparisons with traditional banking practices reveal that fintech companies are more inclined to digital engagement and peer advocacy, while traditional banks are more likely to rely on institutional legacy and branch presence. Therefore, verified social proof, regulatory clarity, cybersecurity messaging, proactive customer service, and genuine community involvement are all key elements of a successful fintech trust-building campaign to foster enduring consumer trust and adoption, according to the literature.
[bookmark: _mbwp6ej39fvf]2.4 Relevant Models and Theories
[bookmark: _gfm7xnehr9q4]2.4.1 Social Proof Theory
Robert Cialdini's theory on social proof suggests that people are more likely to follow what others are doing if they are unsure about or feel threatened by a situation. The theory suggests that collective behaviour is used as an informational heuristic because by watching what other people have done, the decision-making process becomes easier. In a fintech context, this factor becomes even more important due to the fact that digital-only banking apps don't have any branches and don't have any face-to-face interaction (Melnyk, 2024). As a result, consumers are increasingly relying on app reviews, customer ratings, testimonials, referral schemes, and social media interactions as key factors to consider when determining the credibility of fintechs before adopting them. 
[image: ]
[bookmark: _m4zanq5aiiwm]Figure 2.6: The UK Digital-Only Banks Report
Source: (eMarketer, 2025)
In fact, recent research into digital banking statistics reveals roughly 64% of UK consumers have read digital reviews before downloading a financial app, and 58% say positive customer reviews make them more likely to trust digital banking platforms in 2025 (Chauhan, Akhtar and Gupta, 2022). This theory is also very relevant to fintech services since financial vulnerability, cybersecurity and privacy uncertainty are important issues, and thus social proof signals are even more relevant. The theory also provides an account of why younger consumers are more dependent on eWOM than older consumers who are typically more dependent on institutional reputation, and why younger consumers are more dependent on influencer recommendations than on eWOM..
[bookmark: _8aat2t86cgw]2.4.2 Technology Acceptance Model (TAM)
Davis' technology acceptance model (TAM), which was introduced in 1989, is one of the most widely used theories to account for the technology adoption behaviour (Davis and Granić, 2024). Consumer intention to use technology stems mainly from the perceived usefulness and perceived ease of use. Perceived usefulness is the users' opinion of whether a technology is better and more efficient to use, and perceived ease of use is the users' opinion of the ease of understanding and usage of systems. In fintech contexts, TAM sheds light on the motivations behind consumers' use of digital banking apps offering financial management and budgeting tools, convenient transactions, and quicker cross-border payments. Mobile banking adoption in the United Kingdom saw a high level of adoption with over 79% of adults using mobile banking during 2025, making it highly relevant to TAM (Abu-Taieh et al., 2022). Convenience, transaction speed, accessibility and ease of use are all important factors that are found across all studies looking at behavioural intention to use fintech. The model is therefore a good sense of how people are thinking about adopting fintech brands like Wise, Monzo, or Revolut.. 
[bookmark: _cfzxtydb0sak]2.4.3 UTAUT2 Model
The Unified Theory of Acceptance and Use of Technology 2 (UTAUT2) is an extension of the previous theory of technology adoption that has introduced broader behavioural and social factors that affect consumer behaviour. 
[bookmark: _gzi8vyz3ohvn][image: ]
[bookmark: _v3p8owoeha78]Figure 2.7: The Unified Theory of Acceptance and Use of Technology 2 model
Source: (ResearchGate, 2022)
The model suggests that social influence, facilitating conditions, habit, hedonic motivation, performance expectancy, and effort expectancy are the factors that influence the behavioral intention. Social influence has a special significance in the fintech context, as consumers often seek out the advice of others, online forums, and digital interactions before taking a step into financial technologies (Mei, 2024). Facilitating conditions are those that make it easier to use fintech, such as technical infrastructure and availability of the internet and smart phones. Repeated behaviors that develop from frequent use of digital banking services are referred to as habit, whereas enjoyment and satisfaction from the functionality and user experience of an app are called hedonic motivation. UTAUT2 has become more relevant as the use of fintech is no longer solely dependent on the technological aspects, but also on behavioural, emotional and social ones. It was revealed in research that took place in the European digital banking landscape that over 70% of younger fintech users were swayed by social media interaction and peer recommendations when deciding on the financial apps they use (Del Sarto et al., 2025). UTAUT2 is more comprehensive than TAM as it adds social and behavioural factors along with technological factors. 
[bookmark: _c9q2q1pzsqf]2.4.4 Comparison Between TAM and UTAUT2
	Criteria
	TAM
	UTAUT2

	Developer
	Davis (1989)
	Venkatesh et al.

	Main Focus
	Usefulness and ease of use
	Social, behavioural, and technological factors

	Complexity
	Simple and easy to apply
	More comprehensive but complex

	Social Influence
	Limited
	Strong emphasis

	Emotional Factors
	Weak consideration
	Includes hedonic motivation

	Behavioural Explanation
	Technology-centred
	Consumer-centred

	Suitability for Fintech
	Explains convenience and usability
	Explains social influence and behavioural intention

	Major Limitation
	Ignores emotional/social factors
	Difficult to operationalise fully


[bookmark: _3zt1zm6qqsrg]Table 2.1: Comparative Analysis of Technology Acceptance Model (TAM) and Unified Theory of Acceptance and Use of Technology 2 (UTAUT2)
Source: Selfmade
The results reveal that both TAM and UTAUT2 provide valuable theoretical insights into the adoption behaviour of fintechs. While TAM is well suited to explain technological efficiency and usability perceptions, UTAUT2 is more capable of explaining social influences, behavioural habits and emotional motivation. Technological capabilities of fintech products are not the only factors that explain fintech adoption within the UK – peer recommendations and social proof have a significant impact on consumer decision-making. The combination of TAM and UTAUT2 with SPT and TT is therefore a more in-depth explanation of the intention to adopt Wise, Monzo and Revolut. 
[bookmark: _ly9cyujl1w1]2.5 Research Gap
While there is a significant amount of literature on the adoption of fintech, some crucial aspects are not well-done researched. First, Asian economies or American economies are the main area of interest for most fintech studies, and relatively little research exists that specifically looks at the U.K., even though it is one of the largest fintech hubs in the world. Second, previous studies do not critically examine social proof mechanisms like reviews, ratings, testimonials, and electronic word-of-mouth, but focus rather on perceived usefulness, technological efficiency, cybersecurity and convenience. Third, there are conflicting results on which of the two factors trust or usefulness is the most powerful predictor of intention to use fintech. Some research studies cite trust as the most influential variable on behavioral intention while others state that convenience, innovation, and accessibility are more influential. Fourth, there is a lack of academic studies that consider Wise, Monzo and Revolut together, as they are all influential players in the UK digital banking market. Current research often examines the adoption of fintech broadly, rather than in the context of digital-only banking apps. Last but not least, there is a lack of empirical research on the relationship between social proof, trust building, risk perception and intention to adopt digital banking in the UK context.. 
[bookmark: _6ylnq2nre43g]2.6 Conceptual Framework / Theoretical Framework
[image: ]
[bookmark: _8yko7dm7dwao]Figure 2.8: Conceptual Framework
Source: Selfmade
The conceptual framework provides the explanation for the relationship of major variables affecting the behaviour of adoption of fintech in the United Kingdom. The social proof indicators, such as reviews, ratings, testimonials and social influence, are independent variables as they influence consumers' perceptions of the credibility and legitimacy of fintech. Consumer trust is the mediator since it converts positive social proof into behavioral intention to adopt the fintech (Vardari and Hameli, 2025). Within this framework, trust also encompasses notions of reliability, credibility, confidence in security and institutional legitimacy. Previous research has consistently highlighted that positive reviews, customer ratings, and eWOM enhance consumer trust, whereas negative reviews, ratings, and eWOM create uncertainty and block consumer adoption of fintech. The framework thus suggests that social proof has positive impact on consumer trust, which in turn has positive impact on the consumers' intention to adopt, and perceived risk has negative impact on consumer trust and intention to adopt. 
[bookmark: _j2p632mot6xo]2.7 Findings
The literature examined shows that in a digital banking context, social proof positively affects consumer trust and the behaviour of fintech adoption. Reviews, ratings, testimonials and EWOM create informational reassurance and alleviate uncertainty about the credibility of the platform and quality of service. Existing studies have consistently pointed to trust as a key driver of fintech adoption intent as consumers are very concerned about cyber security threats, privacy breaches, and financial fraud. Digital communities, social media engagement and recommendations from experts and influencers tend to be more influential for younger consumers in general than for older consumers, who remain more concerned with institutional legitimacy and regulatory protection (Wang and Huang, 2023). Results are variable, however, across countries and demographic groups, with some studies suggesting that usefulness, convenience and technological efficiency outweigh trust. In the literature, it has been mentioned that perceived risk is also a negative effect on fintech's adoption behaviour, despite the fact that consumers are becoming increasingly familiar with digital banking services. This means there is a need for further research in the UK fintech context as there are only limited studies that analyze the interplay between social proof, trust, perceived risk and intention to use that explicitly explore the joint effect of these four variables with Wise, Monzo and Revolut. 
[bookmark: _lwvaw0tox4zm]2.8 Chapter Summary
This chapter critically analysed the key concepts, theories and existing research on fintech adoption behaviour. Fintech, social proof, consumer trust, perceived risk, and adoption intention were among the key concepts that were discussed. The literature confirmed that social proof has a significant impact on digital consumer behavior via reviews, ratings, testimonials, and eWOM and that trust formation is also crucial in the context of financial uncertainty and cybersecurity issues in fintech. The chapter also examined Social Proof Theory, Trust Theory, TAM and UTAUT2 to shed light on the adoption behavior of fintech in technological, psychological and social aspects. This study uncovered a number of gaps to build upon, such as a lack of research focusing specifically on the UK and the lack of research studying Wise, Monzo and Revolut as a combined service. The chapter thus provided a theoretical base for the dissertation and showed that there was a need for additional empirical research. The methodological framework of the study, which consists of research philosophy, research design, quantitative methodology, survey strategy, sampling methods, data collection procedures, data analysis techniques and ethical considerations will be discussed in chapter 3. 


[bookmark: _ocyfz0hmjy4l]Chapter 3 - Research Methodology
[bookmark: _aamt41qteo1o]3.1 Introduction
This chapter provides information about how this effect was explored in terms of social proof on consumer trust and consumer intention to sign up for a fintech app in the UK. It details the design and implementation of the research to answer the research aim and questions of Chapter Three. The chapter begins by identifying the philosophy and approach that have been used in the research and then the research strategy and methodological decisions used in the research are identified. It then explains the data collection method, sampling and data analysis procedures used. These elements are discussed in detail and this facilitates transparency and demonstration of good, structured, reliable research.
[bookmark: _hno6hecbquwp]3.2 Research Onion Framework
This research was structured systematically with Saunders’ Research Onion as a reference for this research (Saunders et al., 2023). The research onion gives a step-by-step way of designing a piece of research by considering various layers, each linked to a methodological choice, which represents a logical next step taken towards achieving the research aim and objectives.
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[bookmark: _2mxy0iydjglg]Figure 3.1: Research Onion
(Source: Saunders et al., 2023)
The outer layer emphasises the philosophy of research, that is, understanding the knowledge of the outside in research. The third part of the research approach describes whether the approach is deductive or inductive. Then the research strategy that illustrates the plan that has been adopted in collecting and analysing the data. The methodological choice layer indicates the adoption of either a qualitative, quantitative, or mixed method approach. Whether the study is cross-sectional or longitudinal is determined by the time horizon layer. Lastly, the inner layer concentrates on data collection and evaluating approaches. To ensure that the methodology is well structured, consistent and aligned with their research objective, they have used the research onion.
[bookmark: _la1p6iwzmqwl]3.3 Research Philosophy
[bookmark: _d0rqjyekfvru]3.3.1 Positivism
This is the view of reality that determines there is only one reality and it is measurable, observable and quantifiable data (Ali et al., 2024). It is used in research studies focused on testing associations among variables statistically. For this method, tasks are primarily structured and are based on either surveys or experiments, where the data, in these two examples, are analysed numerically with a generalisable outcome.
As the variables addressed in this study can be measured, such as social proof, consumer trust, perceived risk and intention to adopt, positivism is suitable for this study. Data is gathered at the structured questionnaire that is analysed by applying statistical methods such as descriptive statistics, ANOVA and regression. This allows the study to be able to order clearly and objectively patterns and relationships between the variables.
[bookmark: _tquy6idndhvb]3.3.2 Interpretivism
Interpretivism is a philosophy of inquiry which puts emphasis on comprehending the actions of people by deciphering their subjective meanings and their own experiences (Acharya, 2025). Typically, this is associated with qualitative research methodologies such as interviews, observation and case study. This is done in order to find out how the individuals perceive their experiences, not to measure them by numerical data.
It is not practised in this study as the research is not about an in-depth exploration of individual experiences. However, it indicates the use of measurable interconnections between numbers to analyse it. Thus, it does not take a qualitative and interpretive approach.
[bookmark: _4imwb28rswct]3.3.3 Justification of Chosen Philosophy
This study’s research philosophy will be positivism because the results of this research are taken from data collected. This is because the research is based on numbers that have been obtained from surveys, and is analysed using statistical analysis which examines the relationship between variables. The positivist method is relevant to the objective of the study to find out whether there is an influence of social proof on consumer trust and consumer intention to use an application for fintech.
[bookmark: _6t3jfws0tv7]3.4 Research Approach
[bookmark: _h6637ypmk8r]3.4.1 Deductive Approach
The deductive approach begins with the theories and then tests the theories using the data obtained through empirical observations (Okoli, 2023). The process was conducted methodologically, in creating hypotheses, creating a theory, and shaping hypotheses through the material of data obtained from the analysis. This takes the research from theory to data, enabling researchers to test their theory using a statistical test.
The research method employed in this research is a deductive method that is used through theories that already exist in the Technology Acceptance Model (TAM), Unified Theory of Acceptance and Use of Technology (UTAUT2) and Social Proof Theory. These theories are used as a basis to comprehend the effect of social proof on consumer confidence and intent to use in fintech apps (Amnas et al., 2023). These theories are analysed using quantitative data analysis to form an investigation of relationships among selected variables such as social proof, trust, perceived risk and adoption intention.
[bookmark: _mr2iva3mlgf7]3.4.2 Inductive Approach
In the inductive method, a new theory is created based on the data (Yuwono and Rachmawati, 2023). It is not used to test a theory. It is often used in qualitative research, where it is possible to synthesise ideas or observations into patterns, themes and insights. It is more exploratory, more flexible and takes a data to theory approach.
But the induction approach cannot be applied in this research as the study is not to produce any new theories. Rather, it is aimed at evaluating current theoretical knowledge with the help of structured data (Proudfoot, 2023). The study does not use any inductive approach, since it relies on numbers and statistical analysis.
[bookmark: _fcvkh3h09ivi]3.4.3 Justification of Approach
In this study, a deductive approach was found suitable because this type of study is in line with the purpose of this study, which is to test the relationship between variables. Specifically, this paper investigates how intention to adopt can be related to trust and how social proof can be used to build trust. Deductive approach; established theories and quantitative data are used which is most appropriate for this research.
[bookmark: _l5224le4ogin]3.5 Research Strategy
This time, this research uses the survey method. In quantitative research, one of the most widely used methods of data collection is a survey, as this can help in reaching a large number of respondents in order to get the data in a structured and efficient way. The technique can be applied to examining relationships between variables, consumer behaviour patterns, etc.
The methodology used in this study was a questionnaire for primary data collection which was targeted at fintech users in the United Kingdom. A questionnaire was developed using the Likert scale to obtain the attitudes towards social proof, attitudes towards trust, perceived risk and intention to adopt from the respondents. The survey is appropriate because it allows for examining relationships between important variables and it is also appropriate for a quantitative type of research based on the goal of the study.
[bookmark: _6z3qx1akdnsb]3.6 Methodological Selection
In this study, a quantitative research approach is adopted. This suggests that data is being gathered and analysed quantitatively only for the purposes of answering the research objectives. A single method is used to ensure consistency in data collection and analysis, enabling the results to be easily understood and interpreted in an orderly manner.
The approach of this study was quantitative research because it focuses on the interactions between variables that can be measured, that is, conscientialization (social proof), trust and intention to use. In all of the studies in this research, structured survey data is used instead of examining subjective experiences. It will be possible to statistically analyse the data and identify patterns and relationships between variables using a quantitative approach. On top of that, this way can aid in a more objective result and one that can turn out to be used on a bigger mass of individuals. Hence, a qualitative approach was not used as the principal purpose of conducting this study was to obtain statistically valid and reliable results.
[bookmark: _sn0ryk2zm1um]3.7 Time Horizon
This study is carried out in a cross-sectional time horizon. The study process where data is collected at a single time point is called the cross-sectional study, not a long-term study. This is appropriate as it can be employed in finding out the fintech users' perception towards social proof, trust, perceived risk and fintech usage intention. The aim here is to explore relationships between certain variables. There is no need for a longitudinal approach to the research.
[bookmark: _j1rn7oqu096u]3.8 Data Collection Methods
Primary Data has been used in this study with the help of a structured questionnaire. The questionnaire had a 5-point Likert scale with different statements indicated by the respondents as a level of agreement (Yaska and Nuhu, 2024). Questions focused on elements such as social proof, consumer trust and perceived risk and adoption intention.
The way of collecting the data was an online survey adapted from fintech users in the United Kingdom. The questionnaire was spread online and made accessible through Google Forms. This enabled efficient preparation of data collection from the various respondents with uniformity of the answers. Some structured questions can help to carry out a quantitative analysis and can help with looking for relationships in variables.
[bookmark: _3uv2a59zjxni]3.9 Sampling Technique and Sample Size
In this study, the sampling technique used is a convenience sampling technique. The convenience sampling method was used in this study because it was easily available and at the same time, the time frame was constrained. It was easier as the data was collected from the respondents that were readily available and accessible. This may not be as widely applicable, but it can be utilised in exploratory quantitative research studies.
The number of respondents in this study is about 120-140 people. Defining inclusion criteria for study participants was used. Participants had to be residents of the United Kingdom and be fintech application users. It guaranteed that the information collected would be appropriate for the topic and the researcher's research was on fintech adoption in the UK market.
[bookmark: _puwlhn8tz7b0]3.10 Data Analysis Techniques
Data collected from this study were analysed using Microsoft Excel which is effective in handling quantitative survey data and in statistical analysis. The dataset was first organised and cleaned before conducting the analysis.
Descriptive data were summarised to present summary data, statistical mean and standard deviation to present general trends in respondents' perceptions. Demographic variable (age, gender) was analyzed by using frequencies and percentages. Cross-tabulation was used to compare the differences between groups.
To understand the relationship among the important variables, a correlation analysis was conducted of social proof, trust and adoption intention. The effect of each of the Independent variables on the Dependent variables was also tested using regression analysis. These methods have been employed to enable a systematic and objective approach towards the data as well as the air to reach the research.
[bookmark: _ybh2jq9z798a]3.11 Ethical Considerations
The ethical aspects related to the realisation of the study were meticulously considered. All participants in the study provided informed consent before engaging in the study, and they were told the purpose of the study. The participation was voluntary, and no one was obliged to answer or continue; and everyone was able to move out of the participation at any moment.
No personally identifiable information was collected to ensure anonymity and confidentiality (Kang, 2023). All data collected was used for research purposes only, and no one else was to share it with anyone else but the researcher. To avoid misuse of answers, all answers were stored in a safe location and the privacy and the protection of data were always well observed for the participants.
[bookmark: _ycwm687y6rfa]3.12 Limitations of Methodology
There are methodological limitations of this study. This study's sample size was relatively small, and the results may not be widely applicable to the general population. Furthermore, the use of convenience sampling may have incorporated a certain degree of bias, as the sample selected may not agree with fintech users in the UK.
Since data is primarily collected, it could be subject to self-bias or misperceptions. The study suggests that these are the constraints to consider while acquiring insights into the relationship between social proof, responsibility and fintech acceptance.
[bookmark: _jkyeibvpor42]3.13 Chapter Summary
This chapter outlined the methodology of the study, how the study has been conducted, which is the methodology used in the research, the philosophy of research, research approach, research strategy and data collection. Sampling techniques, data analysis processes, limitations and ethical problems of the study were also covered by it. These are the factors which make the research carried out systematically and transparently. The discussion related to the data and the ensuing results of the data collected are written in the next chapter.
[bookmark: _od64pttb5uwd]

[bookmark: _f7la9ry5h2]Chapter 4 - Data Analysis
[bookmark: _mfjz5z2qqw5p]4.1 Introduction 
This chapter summarizes the findings of the main data gathered for this research on the effect of social proof on consumers' trust and their intention to adopt fintech applications in the United Kingdom. It used structured questionnaires to gather the data from users of digital-only fintech platforms, such as Wise, Monzo and Revolut.
The analysis is directed towards finding patterns and relationships in the responses. Data that was collected includes quantitative data (using the Likert scale) and analysed using Microsoft Excel (South et al., 2022). Different analyses like descriptive, frequencies and percentages, correlation and regression analysis, and cross-tabulation, are used to analyse the relationship of social proof, trust and adoption intention.
The results are arranged in a sequential manner based on the research goals to facilitate the arrangement so as to have a good structure. Results, tables and brief explanations are provided for each section. First, the sample and analytical process are explained and then the results are presented.
[bookmark: _kedr3n565vcl]4.2 Restating Research Objectives 
The analysis contained in this chapter is guided by the following research objectives:
Objective 1: To examine how social proof indicators (online reviews, ratings, and testimonials) influence consumer trust in digital-only fintech applications.
Objective 2: To analyse the relationship between consumer trust and adoption intention in fintech services.
Objective 3: To investigate how social proof reduces perceived risk among  fintech users.
Objective 4: To provide recommendations for fintech companies to improve trust-building strategies using social proof mechanisms.
[bookmark: _l39kv15d4g75]4.3 Sample and Data Description 
Data for this study were gathered by using a structured questionnaire; the number of respondents was 203 and has undergone data cleaning process. The survey targeted digital fintech app users, such as Wise, Monzo and Revolut. A five-point Likert scale (1: strongly disagree to 5: strongly agree) was used to measure responses and thus participants' attitudes and perceptions, consistently.
[bookmark: _o1lonfddztvc]Table 4.1: Gender Distribution
	Gender
	Frequency
	Percentage

	Male
	83
	40.89%

	Female
	84
	41.38%

	Prefer not to say
	36
	17.73%

	Total
	203
	100.00%


Gender distribution wise the sample is fairly balanced with a slightly higher participation of females as compared to males, in the survey. A fascinating percent of the subjects didn't wish to reveal their gender, which incorporated to the diversity of the sample.
[bookmark: _c7h3szl48tm1]Table 4.2: Age Distribution
	Age Group
	Frequency
	Percentage

	18–24
	11
	3.12%

	25–34
	158
	44.76%

	35–44
	57
	16.15%

	45–54
	52
	14.73%

	55+
	75
	21.25%

	Total
	353
	100.00%


As revealed through the age distribution, the majority age group is indicated as 25-34 years. This shows a higher preference of fintech apps with younger adults. There is a good spread of ages within each band and other age bands are represented as well, particularly within the 55+ band.
[bookmark: _2jmzmwkor0t5]4.4 Analytical Approach
The data collected from the questionnaire has been analysed using MS Excel. Various statistical methods were used to analyze the relationships of social proof on consumer trust and intention to adopt in fintech apps (Zhang et al., 2023).
The data have been summarised by using descriptive statistics. This was done by using the means and standard deviations of the composites which were statistically analysed to get the overall patterns in the respondents perceptions. Besides, frequencies and percentages were presented to provide overview sample characteristics of the prevailing demographics like age distribution, gender, etc.
To check whether there were any different levels of trust and adoption among different demographic groups, especially by gender, cross-tabulation was used. This led to highlight the patterns, which exist between the representatives of different groups.
Correlation analysis was used to assess the relationships and directions between important variables like social proof and trust and adoption intention. Correlation results also enabled the statistical significance to be determined using the p-values. Additionally, regression analysis was conducted to gain insights into the impact of independent variables on the dependent variables how social proof is likely to affect trust, and how trust is likely to affect intention to adopt (Alenizi, 2023). Strength of any of these relationships was measured using the regression output, which contains information on the coefficient(s) and R2 result.
Analysis of variance was conducted if applicable, to determine if there were any differences between the age levels and to identify any significance in the differences. Finally, these techniques provide background and a systematic way for analysing the data and achieving the objective of the research.
[bookmark: _olkclufhtkfz]4.5 Presentation of Findings
[bookmark: _6lmo3m4eks10]4.5.1 Objective 1: Social Proof and Trust
The results on the first research objective pertaining to the relationship between social proof and fintech application consumer trust are presented in this section.
[bookmark: _kgm8kvczzgyc]Table 4.3: Descriptive Statistics
	Variable
	Mean
	Standard Deviation

	Social Proof
	2.98
	0.55

	Trust
	3.25
	0.60


The descriptive scores for social proof and trust are shown in table 4.3. The mean score for social proof is 2.98, which is in the moderate range of agreement for how much impact reviewers, ratings, and recommendations have on customers. The mean score of trust is slightly above the medium level with a score of 3.25, which suggests moderate or positive trust level on the fintech application by the respondents.
The standard deviation of both the variables in the study (social proof = 0.55 and trust = 0.60) were found to be relatively low. This indicates that participants' responses and the answers to the questions are rather alike, and there is little variation among the participants. The amount of consistency denotes that people viewing the content have comparable perceptions about social proof and trust.
[bookmark: _34s7xaaelllm]Table 4.4: Correlation between Social Proof and Trust
	Variables
	Social Proof
	Trust

	Social Proof
	1
	0.578*

	Trust
	0.578*
	1


Table 4.4 shows the results of the correlation analysis between social proof and trust. The value of the coefficient of correlation of the two variables is equal to 0.578, which is a moderate positive correlation between the two variables. This shows that social evidence contributes positively and as much evidence provided, the more the trust will increase.
If the results are statistically significant (p < 0.05), it means that the association that has been found may not have occurred by chance. This further confirms the correlation between User Opinion and user trust and quantifiable impact social proof has when it comes to building Users Opinion.
[bookmark: _pku9ov4j7m00]Table 4.5: Regression Results (Social Proof and Trust)
	Variable
	Coefficient (β)
	p-value
	R2

	Social Proof
	0.632
	0.000
	0.334


The results of the regression analysis are shown in table 4.5, in which social proof is considered as the independent variable and trust as the dependent variable. The strong positive effect on trust with a regression coefficient of 0.632 is evident for social proof. That means that the more social proof that a product or service gains, the greater the amount of trust the customer holds.
The p-value is < 0.05, implying is statistically significant. The R-squared value of .334 means that social proof accounts for about 33.4% of the variance in trust.
The results indicated that social proof can be a very powerful and positive effect in increasing the consumer trust. Results of the descriptive statistics, correlation and regression analysis always support the facts that this relationship is meaningful.
[bookmark: _knnqc3wjo4yy]4.5.2 Objective 2: Trust and Adoption Intention
This section will explain the outcome of the research objective 2, which is factors influencing consumer trust towards the adoption intention of fintech apps. The study reviews the influence of trust on the users' attitude towards adoption, intention to continue use and intention to recommend fintech service. The results provide descriptive statistics, correlation and regression analysis of survey data gathered to gain insights into the strength and significance of the relationship between trust and adoption intention.
[bookmark: _qw3go963pk34]Table 4.6: Descriptive Statistics
	Variable
	Mean
	Standard Deviation

	Trust
	3.25
	0.60

	Adoption Intention
	3.06
	0.65


Table 4.6 shows the descriptive statistics for the variables trust and adoption intention. From the results obtained from this test, it is found that the average score of trust is 3.25. This result indicates that the respondents are at a moderate level of trust in fintech applications. Similarly, the Mean score of the score of adoption intention is a score of 3.04, and it indicates a moderate level of intention to get acquainted and use fintech services by the respondents. Both the standard deviation (0.60 for trust and 0.65 for adoption intention) values are considered reasonable and suggest a reasonable variability of responses, which means the responses of the respondents were not very divergent in both variables.
[bookmark: _uu00f1h8tc45]Table 4.7: Correlation between Trust and Adoption Intention
	Variables
	Trust
	Adoption Intention

	Trust
	1
	0.450*

	Adoption Intention
	0.450*
	1


*Correlation is significant at p < 0.05
Correlation analysis was carried out as shown in Table 4.7 to find out more about the relationship between Trust and Adoption Intention. The results indicate that the two variables are positively correlated (at a 0.05 level of significance, correlation coefficient = 0.450). This indicates that the more there is trust, the more there is intention to adopt, and the more there is no trust, the more there is no intention to adopt. With the correlation being statistically significant, it would mean that this relationship would not appear by chance and that there is a correlation between the variables.
[bookmark: _m6btivocvlo4]Table 4.8: Regression Results (Trust and Adoption Intention)
	Variable
	Coefficient (β)
	p-value
	R2

	Trust
	0.488
	0.000
	0.203


A regression was performed to determine the strength and direction of association among plants and people. The following are the results from Table 4.8. The value of the regression coefficient (beta = 0.488) shows that the relationship between trust and the adoption intention is positive, which means a positive change in trust results in a positive change in the intention to adopt fintech applications. A P value (p = 0.000) means that this relationship is significant.
Based on the R2 value (0.203), trust explains the variance of the adopter's intention to use about 20.3%. This not only shows that trust is a key predictor, but also suggests other factors may be affecting the users' intention to adopt.
The results on the whole support the positive and statistically significant link between trust and the intention to adopt. This is because the value of the Independent variable of trust will never be insignificant in influencing the Dependent variable of willingness to adopt fintech applications in both the correlation analysis and the regression analysis.
[bookmark: _ekh4shdcra6k]4.5.3 Objective 3: Social Proof and Perceived Risk
This section presents the results of the third research objective, which is how social proof is influenced in reducing the perceived risk of FinTech application users. Because perceived risk was not directly measured with more than one item, it is measured using a proxy that measures the extent to which participants agree that social proof lessens their concerns when using fintech applications.
[bookmark: _owlhr1yn86nd]Table 4.9: Descriptive Statistics for Perceived Risk (Proxy Measure)
	Variable
	Mean
	Standard Deviation

	Social proof reduces concerns (Perceived Risk)
	3.06
	0.65


Descriptive statistics on this proxy are provided in Table 4.9. Based on the results, the mean value is 3, which means that the respondents' level of agreement is in the moderate category. Altogether, from the perspective of the Users Participants, there is an indication that social proof is beneficial in reducing the apprehensions of Users using fintech services. This has a moderate sample variation of 0.65 with a high level of agreement, meaning that while a majority of respondents agree with this statement, within the sample, there is some disagreement also.
Findings indicate that the function of social proof might impact users' perception of risk, especially in that of digital financial services where uncertainty could be involved. A moderate mean score implies that the respondents are not that confident when it comes to the usage of Social Proof alone, but they see it as an important element in the applications of fintech. The inclusion of customer reviews, ratings, and recommendations can help build trust and create a sense of reliability.
In addition, the link between Social Proof and trust, discovered above, clarifies this discovery. The results indicate that there is a positive statistically significant relationship between social proof (r = 0.578, p < 0.05), meaning the more that users are exposed to social proof, the more people are more likely to trust. Risk has been correlated with trust and here, it would be possible that if there is social proof, then it would indirectly reduce the perceived risk by giving users confidence toward fintech platforms.
Summarising the results, social proof has some positive impact to a moderate degree to reduce perceived risk. While it does not fix the concern, it appears that the fintech application does seem to support the comfortable thinking of the users who use fintech.
[bookmark: _xbfemq3iqrov]4.5.4 Demographic Analysis
Results of analyses of the demographic data provided below include analyses of the gender differences in the level of trust among respondents. The results were obtained by cross-tabulation to check any difference in the level of trust of various gender groups, as shown in Table 4.10.
[bookmark: _eu1k9tzb7lwx]Table 4.10: Cross-tabulation of Gender and Trust Level (%)
	Gender
	Low (%)
	Medium (%)
	High (%)

	Male
	3.65
	46.72
	10.22

	Female
	4.38
	11.68
	14.60

	Prefer not to say
	1.46
	4.38
	2.92


According to the results, it can be inferred that the majority of the respondents have a medium level of trust in both the gender categories. Based on the result, it can be seen that the medium category (46.72%) is in the majority, which means that the majority of the respondents are males who trust fintech application in the moderate level. However, in the case of females, the percentage of people in the high trust category is slightly higher (14.60%) than it is for males (10.22%), indicating that the level of trust for females was relatively higher than for males.
The group that has low trust does not make up a large percentage of any of the gender groups, indicating that potentially overall negative perceptions of fintech applications are restricted within the sample. For those respondents who did not choose a gender preference, the percentages are lower across the board and overall represent a smaller percentage.
Overall, there is no significant variation in higher-grade achievement by gender (some variation does exist). The results show that there is no significant effect between the trust level towards the application of fintech based on gender, this is because most of the respondents in both genders have a medium level of trust.
[bookmark: _192mshslci9d]4.6 Chapter Summary
Based on the objective of the study for this chapter, the survey data has been analysed. Various statistical techniques like, descriptive statistics, correlation analysis, regression analysis and demographic comparison have been used for displaying the results. The application of these methods helped to develop the understanding of the relationships between social proof, consumer trust and intention to use fintech applications.
The results indicated that social proof is good for consumers' trust. User's perception on 'the influence of reviews, ratings and recommendations on the use of fintech applications' was rated in the moderate level of Agreement. The results also indicated that there is a positive correlation between the trust and intention to use fintech services (Ali et al., 2021). It translates to greater trust and more likelihood of adoption and continued use as trust is gained.
The statistically same relationship between the variables obtained by the correlation and regression is also confirmed. In other words, if the relationships between the variables seen is unlikely due to chance, it is likely it is caused by the variable. The regressions also show that social proof is a factor which can be used to explain the different levels of trust among users.
Few demographic differences were found as well, primarily with age and a gender difference. But there was also difference in perception of trust and intention to use but no in-depth analysis of such difference was done in this chapter. The findings from the overall research presented in this chapter have been presented in an organized manner in order to establish a solid foundation for the discussion of the same in the next chapter.



[bookmark: _38tshiwi67z]CHAPTER 5: DISCUSSION OF FINDINGS 
[bookmark: _d4q9qo6dp118]5.1 Introduction
The results of the discussion on social proof and its effect on consumer trust and intention to use digital-only fintech applications (Wise, Monzo, and Revolut) in the United Kingdom is presented in this chapter.This chapter critically reflects the findings presented in Chapter 4 about the impact of social proof on the consumers' trust and intention towards digital-only fintech applications (Wise, Monzo, and Revolut) in the United Kingdom. Chapter 4 treated the presentations of statistical results from descriptive statistics, correlation analysis, ANOVA, regression analysis, and Bayesian testing, but this chapter goes beyond the numbers and considers the meaning and implications of the statistical results in the light of the goals of the research.The evidence collected and examined in the literature shows whether it supports the already proposed theories and literature in Chapter 2 or does it refute them. The Social Proof Theory, the Trust Theory, Perceived Risk Theory, the Technology Acceptance Model (TAM), and the Unified Theory of Acceptance and Use of Technology (UTAUT2) are the theories given special attention.
[bookmark: _me90zz9s722a]5.2 Discussion of Findings in Relation to Research Objective 1
To Examine How Social Proof Indicators Influence Consumer Trust in Digital-Only Fintech Applications
[bookmark: _fgx6y0eassx8]5.2.1 Summary of Findings
The results from Chapter 4 suggest that the indicators of social proof are contributing factors that influence consumer trust in digital-only financial technology applications. The descriptive statistics showed moderate to high consensus between responses on how a consumer's opinion was affected by ORWRCs. As an illustration, the general perception from respondents is that high ratings on apps was a positive influence on app usage (mean = 3.46), and positive testimonials from other users positively influenced trust perceptions (mean = 3.22). However, their mean scores were relatively high as well for trust-related variables (mean score 3.58 for trust in widely used fintech apps). 
[image: ]
[bookmark: _gul6yn3r14fs]Figure 5.1: Institutional Trust, Risk-Taking, and FinTech Adoption
Source: (Deák and Horváth, 2026) 
[bookmark: _lwd9gsh1jitv]5.2.2 Comparison with Existing Literature
Results align with past studies that have deemed social proof to be one of the key factors leading to consumer trust in digital finance services. Palos-Sanchez et al. (2025) suggested that with the positive ratings or customers' feedback, the credibility and the service quality are strongly improved for the fintech users. This is supported by the present study, which found that respondents were more likely to adopt highly-rated fintech applications and felt these apps were more trustworthy. Findings show that ratings and trust exhibit a positive association during consumers' assessment of unfamiliar financial technologies, supporting the consumers' use of ratings as a heuristic cue.Likewise, Patwa et al. (2024) discovered that the power of customer reviews and Electronic Word of Mouth (eWOM) on consumer decisions was significant as it helps viewers to minimize uncertainty and offers proof of service quality. These results corroborate the conclusions of this research with positive correlations between social proof through the review and trust variables.
[bookmark: _2hu6rtp45wqt]5.2.3 Contradictions and Critical Discussion
Though promising, a closer examination points out a number of drawbacks of using social proof to build trust. Several studies and case reports have highlighted doubts about the authenticity of reviews, ratings, and testimonials as a source of information; however, this source is generally trusted by respondents. These false reviews, fake ratings and sponsored recommendations can mislead consumers and lead to loss of trust, as noted by Morić et al. (2024). Hence, the benefit of social proof revealed in this research should not be seen as a complete proof of trustworthiness.The results indicate that consumers often use social proof to get a first impression and then proceed to search for whatever they need, but do not necessarily know if the source is dependable just because other people have used it as a source
[bookmark: _hhoq9tssw1t2]5.3 Discussion of Findings in Relation to Research Objective 2
To Analyse the Relationship Between Consumer Trust and Adoption Intention in Fintech Services
[bookmark: _yc3onkqh5ewr]5.3.1 Summary of Findings
Chapter 4 results show that, for digital-only fintech applications, there is a positive relationship between the trust of the consumers and the intention to adopt the digital fintech application. Correlation analysis showed that a positive relationship exists between Trust in fincrowdsourcing platforms and the behavioural intentions to use fincrowdsourcing services, as well as continue using and recommending the same. The positive correlation results between variables to be analyzed as trust and adoption intention indicate that trust can be said to be an important factor that influences consumer behavior in the fintech field (Balaskas, 2026).Moreover, regression analysis further confirmed a relationship between trust and variations in adoption intention, where the influence of trust was able to explain the variations.
[image: ]
[bookmark: _k83we18zejn4]Figure 5.2: Data Security, Customer Trust and Intention for Adoption of Fintech Services
Source: (Zhang et al., 2023)
[bookmark: _tw82kj37ondp]5.3.2 Comparison with Existing Literature
Results are similar to the current literature which attributes trust as one of the most significant drivers of fintech adoption practices. According to Beck, Wuyts and Jap (2024), consumer trust is based on the perceptions of reliability, integrity and competence and has a direct impact on consumers' willingness to interact with digital financial services. This positive correlation found in this study corroborates this argument, indicating that trust remains a relevant new factor in deciding to take up a new venture in settings with financial insecurity and perceived risk.The findings also corroborate that industry evidence by Mordor Intelligence (2025) revealed that users are more likely to be engaged, retained, and use platforms of fintech providers that are perceived as trustier by customers. The results of this study indicate that trust is effective not only in encouraging adoption of a product/service, but also continued usage. It is a revelation significant to the UK fintech sector, where financial institutions can be either traditional or digital-only, like Wise, Monzo, or Revolut.
Moreover, the results align with Financial News London's 2024 report that found Revolut's growth is fueled by growing consumer confits services and the platform's rising customer base. Likewise, Monzo (2026) found that thdence in ieir customer experience and programs designed to build trust in customers led to enhanced customer acquisition and retention. 
[bookmark: _1aw37pytqtzv]5.3.3 Critical Evaluation of Findings
The results indicated that there is a high positive correlation between trust and intention to adopt, however, a critical analysis showed that trust is not the only factor that can explain fintech adoption behaviour. Vorm and Combs (2022) claimed that trust is not the dominant influence for technologically informed consumers since perceived convenient, usefulness and efficiency of technology play stronger roles in their adoption compare to trust. In the UK, for example, where there is a high penetration of mobile phones and digital up-sperti, consumers will also be more interested in picking financial products that offer greater utility and ease of use. 
[bookmark: _52psaqyskke4]5.4 Discussion of Findings in Relation to Research Objective 3
To Investigate How Social Proof Reduces Perceived Risk Among Fintech Users
[bookmark: _pqkiqge7dm2b]5.4.1 Summary of Findings
The results displayed in Chapter 4 show that social proof plays an important role in lowering perceived risk among the users of fintech services. The descriptive data showed that people had higher confidence in the descriptive applications that had positive reviews, positive ratings, good recommendations, and proven use. Social proof based variables had moderate to high mean scores indicating that consumers value experiences of other users when assessing fintech services. Additionally, correlation analysis also revealed positive relationships between social proof indicators and the trust variables, suggesting that social proof helps alleviate uncertainty and boosts confidence in digital financial platforms.
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[bookmark: _tsd5gh2treaw]Figure 5.3: The Moderating Effect of Perceived Risk on Users' Continuance Intention for FinTech Services
Source: (Thalassinos et al., 2023) 
[bookmark: _66rzo4omtvgg]5.4.2 Comparison with Existing Literature
The results align with the other pervious studies which single out perceived risk as being among the key obstacles preventing the adoption of fintech. Al-Surkhi and Maqableh (2024) suggested that for consumers, financial loss, security concerns, privacy concerns, and fraud are important considerations that squeeze their propensity to take up DFS services. The present results echo this claim, with respondents seemingly using social proof techniques in order to determine trustfulness of the fintech platform before interacting with it. Positive review and recommendations added confidence and support that fintech applications are reliable and safe, thus lowering perceived uncertainty.
Likewise, Akın and Gürbüz (2024) proposed that digital-only banks have higher perceived risks due to the lack of physical presence and face-to-face contact. Unlike traditional financial institutions which already benefit from a reputation and a physical location, fintech companies like Wise, Monzo and Revolut are forced to rely more heavily on digital trust signals. 


[bookmark: _1ppskubxv6a7]5.4.3 Critical Discussion
Although there was a positive association found between social proof and decreased perceived risk, the results also indicate that despite this effect, actual risk cannot be eliminated in fintech settings with social proof. Users were more likely to express trust in platforms that had positive reviews and extensive usage rates, but a favourable social proof is not enough to ensure the safety and reliability of a fintech app. As discussed in previous articles, Cybersecurity issues, Data breaches, Fraud and technological failures are just as much a reality as positive feedback online (Liu and Babar, 2026).
In addition, trustworthiness of information available is essential for social proof to be effective. When information such as a review or testimonial is skewed or provided in only certain instances, consumers can possibly feel that they are safe from the product. Therefore, instead of thinking of social proof as a psychological mechanism that plays a role in lowering actual risk, it's more about lowering perceived risk. 
[bookmark: _loa8h873zhlf]5.5 Discussion of Findings in Relation to Research Objective 4
To Provide Recommendations for Fintech Companies to Improve Trust-Building Strategies Using Social Proof Mechanisms
[bookmark: _5poilpk7xtza]5.5.1 Interpretation of Findings
The results of this study have practical applications for fintech companies wishing to improve consumers' trust and their willingness to use fintech. The descriptive analysis, correlation analysis, and regression analysis all showed consistent findings that the power of social proof is influential in the process of building trust between fintech users. The apps gaining higher ratings, positive reviews, testimonies and data on high usage levels were those which received higher levels of trust. Moreover, the results showed that while trust had a positive impact on intention to adopt, it means consumers tend to be more inclined to use fintech services if they find they are credible and reliable. 
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[bookmark: _nhoxe1gq59g8]Figure 5.4: Trust and FinTech
Source: (Devlin et al., 2025) 
[bookmark: _jnc4fh1bu9h3]5.5.2 Comparison with Previous Literature
The results align with earlier studies which highlight the role of social proof in the decision making process of consumers. Patwa et al. (2024) suggested that customer reviews have a significant impact on the customer perception because of the information they share that helps to reduce the uncertainty of the customer in the decision-making process. The current results confirm this attitude – a sense of trust regarding fintech services with favorable reviews and recommendations was higher among the respondents.
Likewise, Neglur et al. (2025) pointed out the importance of the community in boosting the credibility of digital environments for the future of consumers. This argument is justified by the positive correlation found between the recommendations, testimonials and trust variables. When witnessing positive engagement with applications, consumers seem more inclined to look favorably on fintech apps.
The results also corroborate Palos-Sanchez et al. (2025), who posited that these signals of credibility, via ratings and user generated content, rather than impediment, are a force that helps foster adoption. Thus, the following strategies should be employed; investing in referral programmes, customer advocacy, building an online community, and user-generated content. 
[bookmark: _uosnk0mec2lo]5.5.3 Theoretical Contribution
The findings support in part several theoretical perspectives that are discussed in Chapter 2. First, the findings lend empirical support to Social Proof Theory as they show that customers use other people's thoughts and actions when they are uncertain in their assessment of fintech apps. The generation of positive reviews, ratings and testimonials played a major role in the development of trust, as well as the role of social influence in digital financial environments.Second, the results uphold the Trust Theory as the results have shown that trust acts as an important link between social proof and acceptance intentions. Third, the findings support the Perceived Risk Theory because they demonstrated that social proof can decrease the uncertainty, which helps to invalidate privacy, security, and financial loss concerns. Lastly, the results corroborate with TAM and UTAUT2 and do show that trust is a phenomenon that further boosts the intention to use fintech in addition to social influence. 
[bookmark: _5umfxndb8cn1]5.6 Chapter Summary
The results of the study were critically discussed with the research objectives and literature. As revealed during the discussion, indicators such as reviews, ratings, recommendations, and testimonials have a positive effect on the trustworthiness of digital-only fintech applications.The result substantially corroborates the previous studies findings, and helps to validate theories like Social Proof Theory, Trust Theory, Perceived Risk Theory, TAM and UTAUT2. The conversation also pointed out, though, that social proof is a trust-building element but it can't be enough on its own – it will need to be complemented by robust cybersecurity, regulatory compliance, and transparency in companies' practices.

[bookmark: _ccb5yyvuyaee]CHAPTER 6: CONCLUSION AND RECOMMENDATIONS 
[bookmark: _1wmrj96go51]6.2 Conclusion
[bookmark: _lmbm3b767l3l]6.2.1 Conclusion Related to Research Objective 1
To Examine How Social Proof Indicators Influence Consumer Trust in Digital-Only Fintech Applications
These findings from the study show that social proof indicators have a significant impact on consumer trust in the digital-only Fintech applications like Wise, Monzo and Revolut. The descriptive statistics indicated that the influence of reviews, ratings, recommendations and testimonials were moderate to high with some social proof variables having a mean higher than 3.2 out of 5. Secondly, through correlation, positive correlations were found between the variables related to social proof and the trust variables, which means that the respondents were more confident in the fintech platforms that received positive comments and were widely used by the other consumers. The results of this study confirm Social Proof Theory, which maintains that people use the experiences and opinions of others in their making decisions in uncertain situations. But to say, an evaluation points out that Trust formation can't be asserted by Social proof alone.. 
[bookmark: _3qqr3hsl9wrk]6.2.2 Conclusion Related to Research Objective 2
To Analyse the Relationship Between Consumer Trust and Adoption Intention
According to the study, consumer trust is crucial in shaping the adoption intention for fintech services, which is alignment with most of the previous studies.The study highlights that consumer trust is one of the foundation factors that affect adoption intention of fintech services, similar to most of the studies. Correlation and regression results showed positive correlation for variables of trust and behavioural intention towards fintech application, suggesting that those participants who considered fintech application to be trustworthy were more likely to adopt, continue using, and recommending the use of fintech application. The regression model also demonstrated well-established relationships between the items examined and hence between social proof and adoption behaviours through trust, to support the assertion that trust plays as an important intermediary between the two. The results show that the perception of the user plays a crucial role in the acceptance of technology (Technology Acceptance Model (TAM) and UTAUT2).
[bookmark: _xxau3q4nuiix]6.2.3 Conclusion Related to Research Objective 3
To Investigate How Social Proof Reduces Perceived Risk Among Fintech Users
The results show that social proof plays a major part in lowering the perceived risk of customers when using fintech. Positive reviews, recommendations, ratings, and general acceptance by the user segments were linked to higher levels of trust around fintech platforms. Those who felt they got strong social proof were generally more comfortable engaging with these applications which indicates that social proof helps alleviate uncertainty, by signaling credibility and reliability. The results are in line with the Perceived Risk Theory which states that a consumer is in search of external clues to reduce uncertainty when viewing potentially risky services. But, also the findings show that social proof doesn't eliminate perceived risk, it serves to lower it. 
[bookmark: _mylo7ipwn0fj]6.2.4 Overall Conclusion
The research indicates that in general, the four factors — social proof, consumer trust, perceived risk and intention to adopt — are interdependent in the context of the fintech landscape in the UK. Trust was the key driver of the intention to adopt both in terms of overall influence and in reducing uncertainty, while social proof had a significant effect on increasing trust. The highest levels of ANOVA support were also found for the use of the different age groups in understanding the trust signals, reflecting that differentiated approaches to the building of trust are needed.
[bookmark: _moo3po5kgtg]6.3 Recommendations
[bookmark: _kfyg5c3v6xql]6.3.1 Strengthen Authentic Review and Rating Systems
The results showed that the reviews/ratings/forthrightness/recommendations positively affected the consumer's trust and the means scores of the social proof variables were moderate to high. Fintech companies need to adhere to the authenticity of their review processes by ensuring that users leave authenticated reviews and that there are tougher monitors to detect fake reviews or testimonials (Ali et al., 2025). Positive ratings build trust, but fake social proof can result in a loss of credibility and, ultimately, consumer confidence. This should help to make fintech providers more transparent, as they're more likely to make it obvious when a review is verified and what steps are taken in collecting and moderating such feedback.
[bookmark: _piwqmbj3p34f]6.3.2 Improve Security and Trust Communication
While many communities have positive levels of trust, the results suggest that more issues with privacy, cybersecurity, and financial security still remain issues which affect uptake. To this end, the role of better communication about security should be taken up by fintech companies who need to deliver clear messages on encryption technologies, fraud detection systems and protections for customers. Financial regulations and data protection laws should be emphasised too. 
[bookmark: _p513m75igb1v]6.3.3 Develop Age-Specific Marketing Strategies
The ANOVA test found age group differences to be statistically significant (F = 8.545; p < .001) suggesting age group differences in how consumers view the fintech trust signals. As consumers' age decreases, their attraction to positive ratings, social interactions and social recommendations increase, while older consumers value the aspects of credibility, security and institutional reliability. Thus, it is important for fintech organisations to implement multiple marketing approaches as opposed to a singular one.
[bookmark: _7pumjd42140g]6.3.4 Increase Customer Education and Awareness
The research showed that although there are positive signs of social proof, perceived risk factors still exist. Fintech businesses can invest in education initiatives for customers regarding cybersecurity dangers, privacy safety and secure digital banking techniques (Olaiya et al., 2024). The use of social media or webinars and apps to provide education to consumers can help enhance their understanding of fintech services. 


[bookmark: _73kh0lnskhgh]6.3.5 Use Social Proof Strategically
Social proof, indicated by the positive connections between social proof, trust and adoption intention, should be used strategically and ethically by fintech organisations. Companies should present authentic positive customer success stories, implement referral schemes, and promote community engagement projects that can create positive electronic word of mouth. But companies shouldn't overdo it when it comes to influencers' endorsements or inflated content marketing. 
[bookmark: _n0kgl8g88069]6.4 Limitations of the Study
The results of this research need to be interpreted with the following cautions. First, the sample number was relatively small (n = 137), meaning the results may not be representative of other residents in the UK. Secondly, convenience sampling also means that there is a higher risk of sampling bias. Third, the cross-sectional research design allowed for perceptions to be observed at a single point in time, and did not allow for perceptions to be examined across time. In addition, self-reported survey responses were used that can be subject to personal bias or social desirability bias.
[bookmark: _4ljq2auzzrkl]6.5 Future Research Directions
Longitudinal research designs could be used in future studies to explore the dynamics of trust in and adoption intentions over time as fintech markets grow (Balaskas, 2026). The scientists need to also use more varied and larger samples in multiple countries for generalisability and cross-country research comparisons. The interviews and/or focus groups could yield deeper insights into consumer motivations and/or trust-building processes, using qualitative methods.
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Gender 
· Male
· Female
· Prefer Not to Say
· Other:
Age 
· 18-24 years
· 25-34 years
· 35-44 years
· 45-54 years
· 55 years and above
 I usually read online reviews before using a fintech app.   
· Strongly Disagree
· Disagree
· Neutral
· Agree
· Strongly Agree
Positive customer reviews increase my trust in fintech apps.   
· Strongly Disagree
· Disagree
· Neutral
· Agree
· Strongly Agree
 High app ratings influence my decision to use fintech services.   
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly agree
 Recommendations from friends or family affect my choice of fintech apps.   
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly agree
Testimonials from other users make fintech apps appear more reliable.   
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly agree
Social proof reduces my concerns about using fintech apps. 
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly agree
I trust fintech apps that are widely used by many people. 
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly agree
I believe fintech apps can securely protect my personal information. 
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly agree
I feel confident using fintech apps for financial transactions. 
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly agree
Trust is an important factor in my decision to use fintech services. 
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly agree
Positive online feedback increases my willingness to adopt fintech apps. 
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly agree
I intend to continue using fintech apps in the future. 
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly agree
I would recommend fintech apps to others if I trust them. 
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly agree
I would switch from traditional banking to fintech apps if they appear trustworthy. 
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly agree
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Descriptive Statistics

Social Proof Trust Adoption Intention
Mean 2983090024 3.24513382 3.062043796
Standard Error 0.046975704. 0.051360585 0.055660014
Median 28 3.333333333 3
Mode 28 3.333333333 3
Standard Deviation 0.549836523 0.601160236 0.651483758
Sample Variance 0.302320202 0.36139363 0.424431086
Kurtosis 2431083095 1.337684387 1.658757161
Skewness 0.757686616 -0.152015442 0.457196335
Range 34 35 375
Minimum 16 15 125
Maximum 5 5 5
Sum 408.6833333 4445833333 4195

Count 137 137 137





image17.png
Row Labels
Male

Female

Prefer not to say
Grand Total

- |Frequency

83
84
36
203

Percentage
40.89%

41.38%

17.73%

100.00%




image18.png
Row Labels ~ | Frequency Percentage

18-24 1 3.12%
25-34 158 44.76%
35-44 57 16.15%
45-54 52 14.73%
55+ 75 21.25%

Grand Total 353 100.00%




image19.png
-

Medium

Row Labels - [Count

Male
Female
Prefer not to say

Grand Total

64
16

6
86

Low

Percentage |Count

46.72%
11.68%

4.38%
62.77%

13

High
Percentage |Count Percentage
3.65% 14 10.22%
4.38% 20 14.60%
1.46% 4 2.92%
9.49%| 38 27.74%|

Total Count  Total Percentage

83 60.58%
42 30.66%
12 8.76%
137 100.00%




image20.png
Correlation

Social Proof Trust Adoption Intention

Social Proof

Trust 0.578 (p=0.000)

Adoption Intention




image21.png
SUMMARY OUTPUT

Regression Statistics
Multiple R 0.450189986
R Square 0.202671024.
Adjusted R Square  0.196764883
Standard Error 0.583881797
Observations 137
ANOVA
df ss Ms F Significance F

Regression 1 11.69870405 11.69870405 34.31530646  3.3995E-08.
Residual 135 46.02392369 0.340917953
Total 136 5772262774

Coefficients _Standard Error ___t Stat P-value __Lower95% _ Upper 95% _ Lower 95.0% Upper 95.0%
Intercept 1478821902 0.27483509 5.380760887 3.18288E-07 0.935282667 2.022361136 0.935282667 2.022361136
Trust 0.487875688 _ 0.083284702 5.857926806 _ 3.39956-08 0.323164176 0.652587199 0.323164176 0.652587199





image22.png
SUMMARY OUTPUT

Regression Statistics
Multiple R 0.578218371
R Square 0.334336484.
Adjusted R Square  0.329405643
Standard Error 0.49228907
Observations 137
ANOVA
df ss Ms F Significance F

Regression 1 16.43248228 16.43248228 67.80516623 1.37237E-13
Residual 135 3271705138 0.242348529
Total 136 49.14953366

Coefficients _Standard Error ___t Stat P-value __Lower95% _ Upper 95% _ Lower 95.0% Upper 95.0%
Intercept 1.359250117  0.232855252 5.837317836 3.75248E-08 0.898734083 1.819766151 0.898734083 1.819766151
Social Proof 0.632191348  0.076774528 8.234380244 1.37237E-13 0.480354957 0.784027739 0.480354957 0.784027739





image7.png
£213.7M LOST TO APP FRAUD BETWEEN JANUARY
- JUNE 2024

W Purchase Scams

MW Investment Scams

B Romance Scams

H Advance Fee Scams

H Invoice and Mandate Scams

m CEO Scam

B Impersonation Scam (police or
Bank)




image8.png
millions, % of population, and % of digital banking
users

214

2021 2022 2023

M Digital-only bank account holders
9% of population 1M % of digital banking users

Source: Insider Intellgence, May 2021
s





image9.png
Behavioral
intention

Age

Gender

Experience

Use
behavior





image10.png
Figure 2.3: Conceptual Framework
Fintech Adoption Behaviour in the UK
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