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[bookmark: _Toc242440440]Executive Summary
This report provides strategy advice to RFD Global's client, Google (Alphabet Inc), regarding the risk-management strategies if the rate of AI adoption continues to go up in the UK and EU. AI both as a source of competitive value and a source of strategic, operational, ethical, legal and reputational exposure are taken into account. It takes a look at macroeconomic and international business by looking at enterprise risk management, data governance, moral AI, regulatory compliance and customer trust.
The analysis reveals that Google's AI risk will not be sufficiently reduced by (mainly) compliance and ethics measures. AI technology relies on intricate data, organisation and ongoing technological shifts. The UK and EU put on other institutional pressures as well. The overall framework of the UK environment is flexible with a regulator-led approach but needs coordination between regulators; EU sets integrated approach with AI Act alongside data and digital-market rules. In recent years, however, there have been interventions in the UK and EU in terms of Google Search which illustrates the intersection between AI and competition, data access and user choice.
Four Recommendations are proposed. Google needs to put in place an enterprise AI risk-governance architecture, lifecycle data and model assurance, ongoing UK/EU regulatory intelligence and control mapping, and make customer trust a measurable risk outcome. Responsibilities, KPIs and control mechanisms are included in a phased (18-month) plan for implementation. The report concludes that futureproofing doesn't mean that AI needs to be adopted at a slower pace. Rather, Google needs to make responsible governance a way of working across its organisation, and it needs to do this in ways that facilitate innovation and enhance its accountability, resilience and stakes.   ssssssss
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[bookmark: _Toc242440441]1. Introduction
Multinational corporations have gone from the "new tech challenge" zone to the "strategic" zone when it comes to artificial intelligence (AI). Google's change is significant due to its integration of AI across search, advertising, cloud solutions, consumer products and in the entire Gemini eco-system. However, the literature about Google's advertising products showed that while AI can enhance existing personalization and analytics, it might lead to measurement inaccuracies due to the lack of industry-specific considerations in the application of generic algorithms (Chukurna et al., 2024). More generally, the ability of artificial intelligence is not a function only of the algorithms, but also of data, technology, skills and coordination/organisation capacity (Mikalef and Gupta, 2021). Hence, the central management challenges are not about having to adopt AI, but how Google can leverage the scaling of AI and manage risk in tandem with the scaling.
This report has been created for RFD Global and advises Google (Alphabet Inc.) on AI risk management in the United Kingdom (UK) and European Union (EU). Data governance, ethical AI, regulatory compliance and customer trust are the four challenges analysed, as outlined by the brief. It also takes into account macro-economic, political and technological circumstances; the investment in AI impacts productivity, employment, competitiveness and the allocation of resources. However, as Acemoglu (2025) warns, effects of AI at the macro level depend on the extent and the nature of the tasks impacted and the magnitude of the gains in task productivity. Brynjolfsson, Li and Raymond (2025) present further evidence that generative AI boosts the productivity of workers, which varies by task and person. As a result, the report considers AI to be a source of value, as well as a new risk exposure.
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Table 1 (Artificial Intelligence (AI) Market Companies, Size and Trends 2026-2035, no date).
There are Institutional expectation differences across different jurisdictions; therefore, the importance of doing a UK/EU comparison. AI governance has been compared across countries, and there are significant differences in who (the government or private actors) is given the 'governance' role (Djeffal, Siewert and Wurster, 2022). The report weighs the applicability of regulatory provisions in the context of decision-making, practices with data, accountability and trust. Dwivedi et al. (2023) also demonstrate that the advent of generative AI brings along both opportunities and risks as well as policy challenges.
Google should do integrated AI risk management instead of compliance, ethics and cybersecurity controls, the report states. The model assessments, data governance, regulatory monitoring and oversight, with human oversight and engagement and stakeholder communication, should be interconnected with each other as a future-proof approach. Actions recommended thus include risk focussed governance structure; improved model documentation and audit; UK/EU regulatory intelligence; and tangible measures of trust controls.
[bookmark: _Toc242440442]Main body
[bookmark: _Toc242440443]2. AI and the International Business Environment
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Table 2 AI, international business environment (Moharrak, Nguyen and Mogaji, 2024).
At macro level, AI can impact on productivity, capital investments and demand for labour; its magnitude will depend on the implementation and task substitution. The size of the aggregate productivity gains depends on the fraction of tasks that are affected, and the cost savings from task level, as argued by Acemoglu (2025) (Challenge et al., 2024). Brynjolfsson, Li and Raymond (2025) present evidence of the potential of generative AI to boost productivity in customer-support jobs and point out heterogeneities among workers. The context here is that, at least for Google, the investment in AI cannot be called a productivity investment per se. Senior management should assess the nature of any change – such as tasks that are automated, quality – and economic benefit.
Meanwhile, the digitalisation research is focused on advanced technology and financial and operational benefits while highlighting governance and rules (Bisht et al., 2022). Infrastructure and innovation and risk management (in the case of Google, Abi-Raad and Odhabi 2024).
Comparative studies reveal that different governments favour one or another type of AI governance (market-led, entrepreneurial and regulation) (Djeffal, Siewert and Wurster, 2022). But there are differences in the approaches and the capacity to implement those policies (EU Policy research), as Woszczyna and Mania (2023) and Stan et al. (2025) found.
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Table 3 AI, International Business Environment and Risk Drivers for Google (Menzies et al., 2024).
Table 4 International business environment: external developments and management implications for Google.
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Compliance complexity is related to cross-border studies that centre around regulatory fragmentation (Sharma et al., 2021, Dong and Zhang, 2024, Celestin, 2025, Dako et al., 2022, Dumitru and Brînză, 2025, Al-haimi and Chuanjie, 2025).
[bookmark: _Toc242440444]3. AI and Risk Management at Google
The use of AI alters the risk landscape for Google, as the systems that generate economic benefits can also produce legal and reputational risks and operational vulnerabilities. The advantage of Enterprise Risk Management is that it helps align the process of risk identification to the process of decision making – it addresses risk as discrete process instead of risk as just a control process. Risk-management research indicates risk processes when applied within decision making are more effective (Crovini, Santoro and Ossola, 2021). While their study is focused upon SMEs, the principle is applicable to Google: AI risk needs to be a fleeting consideration at the outset of any product specifications, investment and deployment. Studies on enterprise risk management also provide evidence of correlation between structured risk management processes and firm's performance, but this correlation is dependent on the firm's resources and capabilities (Saeidi et al., 2021).
The first type of risk is a strategic risk. AI currently is altering arenas like search, ad, and consumer tech and there's pressure on Google to be more innovative and rapid. The exploration of today's companies reveals variations between Google and MSFT in terms of strategies, partnerships, infrastructure, and integration and risk management in terms of advanced AI (Odhabi and Abi-Raad, 2024). But AI investment doesn't translate to a competitive advantage. This is because the value is increasingly dependent on complementary organisational capabilities, which can be transformed by AI in accordance with the argument of Krakowski, Luger and Raisch (2023). Data, technology, human skill and organisational coordination are the other components of AI capability identified by Mikalef and Gupta (2021). The underlying message is that capacity of good governance is itself can be a strategic resource.
The second are called operational and model risk. AI systems can produce unreliable and inconsistent outputs, which can be biased and error-prone, especially when operating outside their context of use. Weidinger et al. (2022) have given a categorisation of the many hazards associated with the use and deployment of language models, such as discrimination, misinformation, privacy and malicious use. Bender et al. (2021) also warn about the potential for big language models to perpetuate undesirable patterns from their training data, which are not effectively addressed by scaling the models up. Thus, there is a need for risk assessment at model/product, as well as use-case level on Google. The advertising business makes a good point: Chukurna et al. (2024) found that significant measurement differences can occur for AI-supported evaluations due to little to no contextual adaptations with generic approaches.
Significant financial and compliance risks also exist. Having AI-driven risk assessments can enhance monitoring and streamline the analysis process, however, research about financial operations cautions that AI replace the human element under the guard of corporate governance (Adekunle et al., 2023; Faisal, Khan and Ishrat, 2025; Malik et al., 2025). In the operational risk research, the benefits from the technological innovation are depicted as delivering more effectiveness for monitoring, and the burden of some new dependencies and newly required control functions (Santorry, 2024; Sozonovitch, Buikin and Pitelinskiy, 2021). Thus, risk representation can be shaped up like this.
Table 5 AI-related risk register: exposure, consequence and management response.
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Taking Cyber & Supply chain is another concern. Thus, digital transformation can lead to greater interdependence between data sources and clouds, software and external vendors, and also apply to strategic planning with the help of AI-driven analytics (Rane et al., 2024; Schmitt, 2023). According to the research on supply chain, the Digital transformation can bring new visibility and new vulnerabilities to the chain (Rauniyar et al., 2023). Likewise, cross-border governance research also sees the existence of interdependence between the two aspects, that is, between policy and compliance on the one hand and cyber risk on the other (Sharma et al., 2021). Google should therefore review AI systems throughout their entire lifecycle involving third-party models and data sets, API's and downstream users.
AI risk assessment should be integrated into the AI products development, investment approval and post-deployment monitoring for future security. These studies highlight the importance of attitudes to risks for organizational choices (Dvorsky et al., 2021) and call for a better coordination and integration between risks management and decision making (Crovini, Santoro and Ossola, 2021). For Google, this has meant that any risk data that is given to top company executives should look similar to performance data. Only introduce AI where benefit/value can be seen, together with the residual risk and accountability.
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Table 6 AI enterprise risk-management cycle for Google: identify, assess, control, monitor and learn Source: Adapted from Tabassi (2023).
[bookmark: _Toc242440445]4. Data Governance and Ethical AI
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Table 7 Data Governance and Ethical AI (Fraz, 2025).
Data-driven is an integral part of Google's strategy and could also pose risk. So, data governance plays a crucial role in the process of AI risk management. Abraham, Schneider and vom Brocke (2019) define data governance as the task of exercising authority and control over data to control and increase its value while at the same time lower cost and risk associated with data. Their model can also be applied to Google, as AI systems require complex sets of data. Governance will include aspects that apply to ownership, access, quality, security, lineage, retention and beyond privacy permitted use.
The studies indicate that healthcare services are utilized to the greatest extent when search results are presented to them more closely. The studies suggest that AI-based personalization and search optimization integrations can be correlated to real-time data and user profiling, with noted concerns of privacy and ethics (Bonthu, 2025). A formal "compliance" approach can be successful in meeting the compliance requirement but unable to offer information to users about what data is being used to support AI services.
A third data-governance problem is the EU's environment. The Digital Markets Act (DMA) has spurred the European Commission to seek action that would mandate the provision of anonymous search data from Google Search to other search engines that meet the criteria, such as AI search services, as implemented by Alphabet. In July 2026, the Commission made a final Specification decision (European Commission, 2026b). This was a classic governance dilemma: Data can be a competitive company asset, a regulatory sources, as well as a privacy issue. Google needs to be able to tell the difference between information that it can share and information that shouldn't be exposed, and stick to technical controls and auditable decisions rules.
An ethical AI related problem arises. Despite similarities in embracing shared ideas of transparency, fairness, responsibility and privacy, Jobin, Ienca and Vayena (2019) concluded that there is a significant lack of agreement on both the definition and application of these principles. The bias and fairness issues also continue to be concerns with AI, as stated by Eyo-Udo et al., (2025), Oyeniran et al., (2022) and Patel (2021). More thorough studies reveal that there is no single statistical definition of fairness, as such definitions must necessarily take into account the type of fairness at stake and the target group(s) involved (Giovanola and Tiribelli, 2023). Even in the healthcare field, evidence shows that mitigation cannot be solved with just one corrective measure, but rather a multitude of elements, many of them pertaining to data and design and evaluation of the model need to be paid attention to (Perez-Downes et al., 2024; Hanna et al., 2025). These studies are NOT GOOGLE specific, but rather ones that could be transferred to governance. Venkatasubbu, Krishnamoorthy (2022) also highlight the issues of bias and fairness as governance concerns.
The problem with ethics in governance can be broken down and charted as such.









Table 8 Data governance and ethical AI controls: questions, mechanisms and analytical implications.
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Mitchell et al. (2019) (not just Google researchers) created model cards to record the attributes of models, its uses and limits of usefulness. Raji et al. (2020) with the involvement of Google researchers, recommends end-to-end internal algorithmic auditing to fill the gaps of accountability. These are valuable contributions in that they articulate ethical principles in terms of organisational practices. But, having tools doesn't necessarily mean that governance is in place. AI governance, say Mäntymäki et al. (2022), needs to be attached to and integrated with corporate, IT and data governance, and not stand on its own as a sort of ethics programme.
This finding is corroborated with recent research on responsible-AI. Responsible AI principles and the governance processes to implement them are two distinct things, as Papagiannidis, Mikalef and Conboy (2025) argue that we need to separate these. However, Ghoshal (2025) highlights the crucial role of consistency across borders, both legally and ethically, albeit in a different legal technology context than Google. What it means in practice is that Google needs to have a common AI control framework, with modules for the various jurisdictions. Projects should not only rely on labels for conducting an ethical review; it should be called for by the level of risk.
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Table 9 Data-to-deployment ethical AI control chain for Google.
Source: Author's synthesis based on Jobin et al. (2019), Mitchell et al. (2019), Raji et al. (2020) and Weidinger et al. (2022).
Three lines of structure might be able to separate product ownership and specialist risk review and independent assurance. This would translate ethical responsibilities into routinized actions in an organization and provide evidence for evidence-based regulation, of to the senior management and concerned stakeholders.
[bookmark: _Toc242440446]5. Comparative Regulatory Analysis: UK and EU
The UK and EU offer an instructive comparison to illustrate both aim to achieve trusted AI, as well as differences in regulatory architecture. In general, the UK has evolved a new agile approach to regulators, where regulators who already operate within each sector have the ability to do so in the spirit of the Agile principles, with a central government coordination mechanism. As such, Roberts et al., (2023), regard it as a path towards governance and global leadership, while Akinola and Tunbosun and Oladapo (2022) reveal that regulation of AI is gradually becoming a business as usual using data, consumer and competition laws. Differences between the approach of the UK, EU and US in AI are also highlighted by Montasari (2023). Flexibility can be provided with the UK model although flexibility can enhance uncertainties in interpretation as firms need to interpret expectations in a number of regulatory spheres.
In Google's eyes, the UK's digital-market regulations are particularly vital. In October 2025 the Competition and Markets Authority declared Google as 'strategically important' in two areas: general search and search advertising. The CMA had by 2026 put in place conduct provisions for publisher content, fair ranking and data portability and was consulting on user choice. the CMA's approach explicitly incorporates AI Overviews and AI Mode into considerations of the criterion for a fair ranking (CMA 2026). This is significant because, AI alters the very search product, allowing for some overlap of competition and consumer choice risks with AI governance risks.
The EU has officially embraced a more horizontal approach with the AI Act(s) as well as the GDPR and DAM. The AI Act came into force in August 2024 and will have a wide scope with a number of exceptions and transition periods (European Commission, 2026a) beginning on 2 August 2026. It is risk-centric in nature, meaning that it imposes more responsibilities concerning prohibited practices, AI literacy, general purpose AI and high-risk systems. Schuett (2024) provides a detailed discussion of risk management in the Act since it is central to the Act and requires structured risk processes. Over the Counter (OTC) products rely on risk-based considerations to determine whether they are safe for consumers to use, whereas Veale and Zuiderveen Borgesius (2021) underline how, in the realm of the EU, the idea of risk is translated to enforceable requirements for products, whilst Laux, Wachter and Mittelstadt (2024) warn that the legal concept of trustworthiness cannot simply be equated with the acceptability of risk.
Nevertheless, there is an additional layer with the EU’s DMA. Google Search data will be made available to eligible competitors under FORD reasonable and fair terms regarding its July 2026 response to the Commission's decision. This has strategic implications – data is used for creating products of quality and developing AI. The requirement thus sets up a clear governance challenge, as Google is required to make the data accessible to regulators, in a way that doesn't compromise privacy, security and commercial interests.
The position of the comparative can be summarised as follows.
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Table 10 UK–EU regulatory comparison: institutional differences and implications for Google.
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To address this, the difference can be explained with the aid of Institutional theory: Multinational firms are in place in more than one institutional environment, they are reactive to formal rules, expectations of regulators and norms of stakeholders. Governments adopt different modes of governance as shown by Djeffal, Siewert and Wurster (2022) and experience data governance and AI policy in different patterns as found by Bisson, Giron and Verin (2023). Relevant is also Bradford's (2020) Brussels Effect as EU rules can impact the behaviour of companies beyond the EU's borders, where international companies would prefer to keep a consistent set of systems rather than multiple ones.
There are differences between states in their readiness—whether in terms of skills, adoption and capacity—as addressed in EU (Stan et al., 2025; Woszczyna and Mania, 2023; Manninen and Eskelinen, 2024). Google is advised to bring together the common standards and local capacity.
It is important that this should be backed up with ongoing scan. Evidence from cross-border compliance studies reveals that compliance complexity and requiring a structured monitoring are emerging characteristics of regulatory fragmentation (Dong and Zhang, 2024; Sharma et al., 2021). Regarding foreign business law, there is also evidence that puts the importance of harmonized internal procedures in the foreground in the context of inconsistent legal requirements (Celestin, 2025). New rules will need to be translated into the product-level controls, training requirement and documentation and escalation thresholds for Google, via a central regulatory office.
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Table 11: (EU Instant Payments Regulation and Unified Payments Interface (UPI): Reshaping the Payments Landscape | by Umesh Adhikari | Medium, no date).
Table 12: UK–EU regulatory architecture affecting Google’s international AI governance.
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The commercial aspect is exemplified by Google's advert and search businesses. However, while AI offers possibilities for enhancing personalisation and optimisation, which could boost value to both advertisers and users, there are potential issues with accuracy in measuring such results, as well as ‘dark ranking’ effects which could erode trust (Chukurna et al., 2024; Bonthu, 2025; Glikson and Woolley, 2020). Trust then should be regarded as an operational indicator; in this sense indicators like complaint patterns, error rate, time of corrections and/or quality of disclosure and stakeholder feedback.
Stakeholder Theory can be applied for Google's AI decisions to take into account the impact on more than just direct users. Consumers, advertisers, publishers, employees, regulators, and developers and business customers are all important stakeholders. Ethical issues thus turn into governance issues where the cost of one stakeholders' benefit goes to the detriment of another. Jobin et al. (2019) distinguish four ethical principles that are continually restated: responsibility, fairness, privacy and transparency, while Novelli et al. (2024) highlight AI responsibility as a means of assigning responsibilities to AI systems.
Whereas, Responsible AI can play a role towards a competitive advantage, which comes on condition. Krakowski, Luger and Raisch (2023) propose that AI alters the way the sources of advantage are realized as "complementary organisational capabilities are more crucial. The same pattern can be seen in the research of Mikalef and Gupta (2021) that associates AI ability with organisational creativity and firm performance. Thus, Google will be able to add the governing of AI to its Capabilities Base. This means, however, that governance should be manifested in outcomes (products) and not only through principles.
Thus, a practical “trust” model is recommended instead of a promotional one. Google should reveal significant AI restrictions, include opportunities for challenge, publish documentation of AI models or systems, as appropriate, and monitor indicators of user impact and report on remediation outcomes. A way to communicate intended uses and limitations are through model cards (Mitchell et al., 2019). Internal algorithmic auditing is another way to enable pre- and post-deployment detection of harms (Raji et al., 2020).
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Figure 1: (AI and the Future of Human-Machine Interaction, no date).
Thus, trust is based on proportionality, accuracy, and accountability which can be shown.  The difference matters because an AI service should be equipped to make its user aware of when and when not it should be used; the right time for their human decision making should be preserved.
[bookmark: _Toc242440448]7. Strategic Recommendations
Based on the analysis, the following four recommendations are made, all of which are related. Firstly, Google needs to create an enterprise AI risk-governance framework which connects product, law, data, cybersecurity and ethics teams. AI governance should not be a standalone system of governance, but should intertwine with the existing corporate, IT and data governance (Mäntymäki et al., 2022). High Impact systems to be approved by Central AI Risk Committee with the requirement of evidence prior to deployment with the establishment of escalation thresholds. The committee should take a common risk metrics approach using strategic, operational, legal, data and ethical and reputational exposure.
Secondly, Google needs to improve its lifecycle information and model validation. All material AI systems are required to have an owner, line of sight to the dataset, purpose statement, a simple benchmark to track performance, along with any known limitations and a post-deployment monitoring plan. A backing documentation mechanism like model cards can be used in a practical way (Mitchell et al., 2019) and algorithmic auditing can be used to provide end-to-end assurance (Raji et al., 2020). This should be a risk-based recommendation as all low-risk systems do not need the same controls thus introducing unnecessary costs.
Thirdly, there should be a regulatory intelligence and control-mapping function at Google for the UK/EU region. The function should keep a record of the AI, competition, data and consumer requirements and convert these into product controls. The goal is to be able to watch legislation, and find out the repercussions for Google's operations early on. This is specifically significant as the structures and timing of the UK and EU approaches differ. A live obligations register to be maintained and a corresponding test to check compliance should be provided in the function when the product changes.
Fourth, Google needs to make trust "measurable". CIIs should be added to AI risk dashboards, in addition to technical and financial measures. Material error rates, complaints, remediation time, disclosure quality, outcomes of fairness findings and any stalled stakeholder concerns should be indicators. This would shift the goal of customers' trust from a communications goal to a governance outcome. Research in the area of responsible AI governance fosters this shift from principles to running processes (Papagiannidis, Mikalef and Conboy 2025, Yanney 2025).
[bookmark: _Toc242440449]8. Detailed Implementation Plan
It is recommended that the implementation take place within four phases on a time course of 18 months, with a review of the process along the way. The recommendations are turned into operational actions in the plan below.
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Figure 2: 18-month implementation Gantt chart for Google's integrated AI risk-management strategy.
[bookmark: _Toc241957314]Table 13 Phased implementation plan: ownership, performance measures and controls.
	Phase
	Action and owner
	KPI
	Risk/control

	0–3 months
	Establish AI Risk Committee; Legal maps UK/EU obligations
	Committee operational; 100% priority obligations assigned
	Duplication; integrate with existing governance

	3–6 months
	Data and AI teams create system inventory, lineage and risk tiers
	100% high-impact systems inventoried
	Incomplete inventory; executive sign-off

	6–12 months
	Independent assurance conducts model audits and stress tests
	High-risk systems independently reviewed
	Audit bottlenecks; risk-based scheduling

	12–18 months
	Product teams embed trust metrics and regulatory controls
	Trust dashboard active; remediation SLAs met
	Metric gaming; independent validation



here should be governance and accountability established in phase one. High-level leadership and product, engineering, legal, privacy, security, and other related expertise on compliance and responsible-AI should all be represented on the AI Risk Committee. The first job of its would be to set limits of risk appetite and minimum controls. Tolerance and assurance should be lower for high impact services.
Phase two should be to build the visibility. Google needs to have an enterprise AI inventory with respect to models that it has developed, and third-party models as well as material datasets and high impact models use cases. The level of potential user harm, regulatory exposure, size and independence/reversibility should be used to determine a risk classification for each system. Data lineage should be documented for high-risk systems including documented controls for access, retention and the use of that data. Evident in that is a form of data-governance where there is a focus on authority, control and risk reduction (Abraham et al., 2019).
The independent assurance should take place in phase three. Testing, adversarial evaluation, bias evaluation, and privacy and legal review should be done prior to deployment for high-risk systems. Model performance may vary as the data, users and system conditions vary and there is a need for post deployment monitoring. Independent assurance is significant as internal teams could self-evaluate their own controls, which may not be challenging enough.
In phase four, customers' trust and regulatory performance should be connected. Matrices should include technical performance metrics and complaints, incidents and remediation time and regulatory findings. There should be a quarterly risk report to senior leaders informed of AI risks and immediate escalation of the material incidents. Control mappings should be updated as the requirements change - this is the role of the UK/EU regulatory function. The ongoing change of the controls based on future changing technology and regulation supports a future proofer model.
Capability development should be a component of the plan. AI natives are needed for procurement and development of AI, deployment and supervision of AI. The EU AI-act also focuses on AI-literate requirements, and the responsible-AI research domain also focuses on organisational governance (principles) (Papagiannidis, Mikalef and Conboy 2025).
Governance is the governance as a learning process. Model reviews, data decisions and product controls should be based on incidents, complaints, audit findings and regulatory enquiries which feed back into the model.
Management should quarterly assess indicators to realign with risk appetite and controls should be adapting when evidence shows there are material changes in model performance, regulation, user behaviour and/or stakeholder expectations.
[bookmark: _Toc242440450]9. Conclusion
It may be a strategic opportunity for Google, but competitive advantage and risk-governance go hand in hand with AI. While AI can advance productivity, personalisation and innovation, the same technologies can lead to facing unreliable results, improper use of data, potential regulatory pressures and reputational damage. However, rather than shunning AI, the right way to manage the deployment is to do so in a way which is commensurate with risk, evidence of impact and stakeholders.
The UK and EU comparison illustrates the uselessness of any legal starting-point in multinational governance of AI. There are two types of compliance routes: the UK regulator-led environment versus the EU more formal approach to AI and the Digital Market. Google thus must have a jurisdictionally level baseline regulated with jurisdiction-specific controls, regulatory monitoring, documented accountability.
Google requires evolving controls over AI technologies to an integrated enterprise risk governance strategy. Recommended architecture is a combination of senior oversight, lifecycle data and model assurance, ongoing UK/EU regulatory intelligence and tangible customer-trust controls. This will maintain innovation whilst also ensuring a more consistent process of risk decisions, and more audibility.
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[bookmark: _Toc242440452]Appendices
The appendices provide supporting analytical material for the consultancy report. 
[bookmark: _Toc242440453]Appendix A: UK–EU AI Risk and Regulatory Comparison
	Issue
	United Kingdom
	European Union
	Implication for Google

	AI governance
	Principles-based, regulator-led development with sector responsibilities.
	Horizontal risk-based AI Act alongside existing digital and data rules.
	Use a common global baseline with local legal-control modules and evidence packs.

	Search and AI features
	CMA conduct requirements address fair ranking, publisher controls and data portability.
	DMA measures address search-data access and AI interoperability for competitors.
	Product, competition, privacy and AI governance teams must coordinate before material changes.

	Data
	UK privacy, competition and digital-market requirements interact.
	GDPR and DMA obligations interact with anonymisation and access requirements.
	Separate privacy safeguards from data-access controls and document both decisions.

	Trust
	Transparency and effective routes to challenge are increasingly important.
	Transparency, safety and fundamental-rights expectations are more explicitly embedded in AI governance.
	Trust should be monitored through measurable user outcomes, incidents and remediation.


[bookmark: _Toc241957315]Table 14 Table A1. Supporting UK–EU regulatory and risk comparison.

[bookmark: _Toc242440454]Appendix B: AI Risk Register for Google
	Risk
	Trigger / exposure
	Potential impact
	Control and monitoring response

	Model reliability
	Hallucination, drift, weak evaluation or use outside intended context.
	Incorrect information, user harm, remediation cost and trust loss.
	Pre-deployment evaluation, post-deployment monitoring, incident thresholds and rollback procedures.

	Data governance
	Unclear provenance, excessive access, poor lineage or re-identification risk.
	Privacy breaches, regulatory action and weaker stakeholder confidence.
	Dataset inventory, lineage records, access controls, privacy testing and audit trails.

	Ethical bias
	Unequal model performance or harmful outcomes for particular groups.
	Discrimination concerns, complaints, legal exposure and reputational damage.
	Context-specific fairness tests, human review, impact assessments and independent assurance.

	Regulatory divergence
	UK/EU rules change or impose different operational requirements.
	Delayed launches, duplicated controls, enforcement costs and strategic uncertainty.
	Regulatory inventory, obligation-to-control mapping, named owners and quarterly review.

	Customer trust
	Low transparency, inaccurate outputs or weak complaint handling.
	Reduced adoption, churn, negative publicity and stakeholder pressure.
	Trust dashboard, clear disclosures, feedback channels and remediation SLAs.


[bookmark: _Toc241957316]Table 15 Table B1. Supporting AI risk register and proposed controls.
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Brynjolfsson et al., 2025).
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while controlling model and 
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regulation
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(Veale and Zuiderveen 

Borgesius, 2021; Schuett, 2024).

Google faces increasing 
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across international markets.

Establish global AI governance 

standards with country-specific 

regulatory controls.

Intensifying AI 

competition

AI investment is increasing 

competitive pressure across 

technology markets 

(Brynjolfsson et al., 2025).
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from AI developers and 

digital-platform firms.

Combine AI innovation and 

infrastructure investment with 

effective risk governance.

Stronger data 

governance 

requirements

Privacy, data-use and cross-

border data requirements 

increase the complexity of AI 

development (Jobin et al., 2019; 

Weidinger et al., 2022).

Google's data-intensive AI 

systems face privacy, 

security and data-governance 

exposure.

Strengthen data provenance, 

access controls, privacy-by-

design and monitoring.

Greater 

regulatory 

scrutiny of 

Google Search

Competition authorities are 

increasingly addressing ranking, 

data access and AI-enabled 

search.

The UK CMA has imposed 

fair-ranking and data-

portability requirements on 

Google, including 

requirements covering AI 

search features. (GOV.UK)

Regulatory requirements should 

be integrated into product 

development, risk assessment 

and compliance monitoring.

Rising 

expectations for 

trustworthy AI

Stakeholders increasingly expect 

fairness, transparency, 

accountability and safety 

(Mitchell et al., 2019; Raji et 

al., 2020).

AI failures may create legal, 

reputational and customer-

trust risks.

Use continuous AI auditing, 

human oversight, transparency 
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Data and 

privacy risk

Large-scale use of data for 

AI development and 

personalised services

Privacy breaches, regulatory 

penalties and reduced customer trust 

(Weidinger et al., 2022; Alphabet 

Inc., 2026)

Strengthen data governance, 

privacy-by-design, access 

controls and data lineage.

Model and 

operational risk

Generative AI and AI-

enabled Search may 

produce inaccurate or 

unreliable outputs

Poor decisions, service disruption 

and reputational damage (Raji et 

al., 2020; Weidinger et al., 2022)

Apply continuous model testing, 

validation, monitoring and 

human oversight.

Cybersecurity 

risk

AI systems and supporting 

infrastructure create 

additional attack surfaces

Data compromise, system disruption 

and financial/reputational losses 

(Montasari, 2023; Ajuwon et al., 

2025)

Integrate AI-specific security 

testing, access controls, incident 

response and continuous threat 

monitoring.

Ethical and 

fairness risk

AI outputs may reproduce 

bias or create 

discriminatory outcomes

Customer complaints, reputational 

harm and regulatory scrutiny (Jobin 

et al., 2019; Mitchell et al., 2019)

Conduct bias testing, 

algorithmic audits, transparency 

assessments and documented 

remediation.

Regulatory risk

Different UK and EU AI, 

privacy and competition 

requirements

Compliance costs, enforcement 

action and changes to products or 

processes (Veale and Zuiderveen 

Borgesius, 2021; Schuett, 2024)

Maintain regulatory intelligence 

and map legal obligations to 

specific AI controls.

Reputational 

and trust risk

AI failures, limited 

transparency or harmful 

outputs may affect user 

confidence

Lower trust, reduced adoption and 

damage to Google's brand (Glikson 

and Woolley, 2020; Roberts et al., 

2023)

Establish trust metrics, user 

feedback mechanisms, 

transparency measures and 

rapid remediation.
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metrics (disparate
impact, equal
opportunity, etc.).

* Compare subgroup
performance.

* Document
validation protocols
and results.

* Publish
interpretability
artefacts (e.g., SHAP
and LIME
explanations).

« Test for data
leakage and model
robustness.

* Validate that test
data remains isolated.

» Validate privacy-
preserving claims
(test for re-
identification risks).

* Include qualitative
validation, e.g.,
expert review.

* Ensure
interpretability for
end users.

Deployment &
Monitoring

* Continuously monitor
fairness drift.

* Re-evaluate bias when
new data arrives.

* Create alerts for
demographic
performance gaps.

* Provide accessible
dashboards for
explainability.

* Log decisions for audit
trails.

* Secure model APIs.
* Monitor for data
exfiltration or
adversarial attacks.

* Monitor for privacy
breaches in logs and
data pipelines.

* Implement user data
deletion protocols.

* Maintain human
override mechanisms.
« Collect user feedback
for continuous
improvement.
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Governance issue Key question for Google

Control 

mechanism

Supporting evidence

Data provenance

Where did training and

evaluation data originate?

Dataset registers

and lineage records

Controlimplication:lineageevidenceshouldallow

Googletotracematerialdatasetsfromsourceand

permission through training and deployment

(Abraham, Schneider and vom Brocke, 2019;

Bisson, Giron and Verin, 2023).

Fairness

Could outputs

disadvantage identifiable

groups?

Context-specific 

testing and bias

review

Control implication: fairness testing should be

context-specific because a technically accurate

modelcanstillcreateunequaleffectsinparticular

uses(GiovanolaandTiribelli,2023;Hannaetal.,

2025).

Transparency

Can users and reviewers

understand intended use

and limits?

Model cards and

user disclosures

Control implication: model cards and user

disclosuresshouldstateintended use,limitations

and performance boundaries so transparency

supportsinformedoversight(Mitchelletal.,2019;

Jobin, Ienca and Vayena, 2019).

Accountability

Who owns decisions and

remediation?

Internalauditsand

namedaccountable

owners

Control implication: named owners and internal

auditsconvertaccountabilityfromaprincipleinto

arepeatableremediationprocess(Rajietal.,2020;

Novelli, Taddeo and Floridi, 2024).
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Dimension United Kingdom European Union Implications for Google

Regulatory 

approach

Uses a more principles-based and 

regulator-led approach, with 

existing regulators applying AI 

principles within their sectors 

(Roberts et al., 2023).

Uses a more formal, risk-based 

regulatory framework through 

the EU AI Act (Veale and 

Zuiderveen Borgesius, 2021; 

Schuett, 2024).

Google needs common global AI 

controls while adapting compliance 

processes to each jurisdiction.

AI governance

Focuses on flexible, context-

specific regulation intended to 

support innovation alongside risk 

management (Roberts et al., 

2023).

Establishes structured 

obligations according to 

different levels of AI risk 

(Schuett, 2024).

Google should classify AI risks 

consistently while allowing 

jurisdiction-specific governance 

requirements.

Regulatory scope

AI governance is distributed 

across existing regulatory 

institutions rather than one 

comprehensive AI law (Roberts et 

al., 2023).

AI regulation interacts with 

wider EU digital, privacy and 

fundamental-rights frameworks 

(Veale and Zuiderveen 

Borgesius, 2021; Laux et al., 

2024).

Google faces greater coordination 

requirements across legal, technical 

and compliance functions.

International 

influence

The UK's approach emphasises 

innovation and regulatory 

flexibility (Roberts et al., 2023).

EU regulation can influence 

global firms beyond Europe 

through the Brussels Effect 

(Bradford, 2020).

Google may need to adopt EU-

level controls more broadly where 

applying separate systems would 

increase operational complexity.

Risk-

management 

implications

Greater regulatory flexibility can 

support rapid adaptation but may 

create uncertainty across different 

regulators (Roberts et al., 2023).

More formal requirements can 

improve consistency but 

increase compliance and 

documentation demands 

(Schuett, 2024; Laux et al., 

2024).

Google should establish central 

regulatory intelligence, control 

mapping and continuous 

compliance monitoring.
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Risk Categorisation

Prohibitions

High Risk Requirements

Oversight

Compliance

Focus on Pre Approval

EU Al Act

Prescriptive, risk based legislation

Unacceptable, High Risk, Limited
Risk, Minimal Risk

Bans specific high risk Al systems
outright

Strict rules on documentation,
transparency, bias mitigation,
human oversight, conformity
assessments

European Al Board, National
Competent Authorities

Certifications, potential fines for
non compliance

Strict testing required for high-
risk Al systems

UK Proposed Regulations

Principles based, context specific,
emphasis on guidance

No formal categorisations, risk
addressed within principles

No explicit bans, but regulators
can intervene if principles
breached

Less prescriptive, relies on
regulators interpreting principles
within sectors, potential for
targeted binding rules on general-
purpose Al

Sector specific regulators, a
central function for coordination
and risk monitoring

More focus on self assessment,
ongoing monitoring, enforcement
actions likely sector-specific

Primarily post-market monitoring,
but potential for targeted pre-
approval requirements for
general-purpose Al
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ti United Kingdom European Union Implication for Google

Regulatory 

approach

CMA uses targeted digital-market 

conduct requirements for Google 

Search, including fair ranking and 

data portability (CMA, 2026).

EU combines the DMA with broader AI 

and data regulation, creating specific 

obligations for Google as a gatekeeper 

(European Commission, 2026).

Google needs a common global 

governance framework with UK- 

and EU-specific controls.

AI search and 

ranking

Google must apply objective and 

non-discriminatory ranking 

criteria, including AI search 

features, with greater 

transparency (CMA, 2026).

EU scrutiny addresses Google’s Search 

practices and AI-related platform 

behaviour under the DMA (European 

Commission, 2026).

Ranking and AI-generated 

results require transparent and 

auditable governance.

Data 

governance

Google must facilitate effective 

portability of search data for 

authorised third parties (CMA, 

2026).

Google must share anonymised Search 

data with eligible search engines under 

fair, reasonable and non-discriminatory 

terms (European Commission, 2026).

Data-sharing controls must 

address portability, 

anonymisation, privacy and 

cybersecurity.

AI 

interoperability

UK regulation focuses mainly on 

search competition, ranking, 

publisher controls and user 

choice (CMA, 2026).

EU requires Google to provide effective 

interoperability for competing AI 

services through Android (European 

Commission, 2026).

Google must balance 

interoperability with security, 

privacy and competitive-risk 

controls.
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Figure 11. Proposed 18-month implementation Gantt chart for Google's integrated Al risk-management strategy.
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