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Investigating Transparency and Fairness in Algorithmic Pricing at Uber: Impacts on User Trust, Driver Satisfaction, and Business Performance
[bookmark: _Toc224301973]1. Introduction
[bookmark: _Toc224301974]1.1 Organisational Background
Uber Technologies Inc was established in United States in year 2009. It is a world-wide known digital platform that connects riders and drivers in 405 cities across 60 countries, with ride-hailing being its main source of revenue even after expansion into distinct services like Uber Eats and freight logistics (Uber, 2026). For calculation of fare in real-time, the platform operates through algorithmic matching and dynamic pricing as well as using factors such as availability of driver, demand, distance, time, traffic, and price surgencies. Instead of operating as a traditional company of transportation, Uber functions as a digital intermediary. Drivers at Uber are categorized as independent contractors instead of employees (Slavulj, Kanizaj and Durdevic, 2016). While quick scalability and operational flexibility is enabled by this approach across markets, it also raises concerns about fairness, structures of commission, distribution of earnings, and pricing transparency.
[bookmark: _Toc224301975]2. Problem Identification
[bookmark: _Toc224301976]2.1 Industry / Sector Overview
Uber runs within the vast ride-hailing and gig economy sector, which is a basic component of the digital platform economy. Characterised by multi-sided marketplaces, this industry in terms of pricing mechanisms is algorithm-driven, utilizes flexible labour arrangements, and is heavily reliant on data analytics and artificial intelligence systems. The industry is highly competitive, price-sensitive, and dependent on network effects. Maintenance of equilibrium between demand of riders and driver supply is a key to the success of these ride-hailing platforms. Any disruption to trust on either side of the platform can lead to weakening the overall performance of the system (Yan et al., 2019).
[bookmark: _Toc224301977]2.1.1 Strategic Environment
Uber operates in a strategically sensitive environment that is shaped by regulation, technology, and expectations of stakeholders. Governments are progressively scrutinising algorithmic pricing and gig worker models and raising concerns about transparency, fairness, and labour protection. Concurrently, competitive advantage of Uber is reliant on complex pricing algorithms that are optimising supply and demand but remain largely opaque to users and drivers.
As a dual-sided platform, Uber must cautiously maintain trust on both sides of its marketplace. If pricing appears to be unpredictable to riders or commission structures seem unclear to drivers, it may result in decline of their confidence and trust. This can cause disruption of the balance between satisfaction of rider, driver motivation, and revenue growth of platform, ultimately affecting long-term performance and sustainability.
[bookmark: _Toc224301978]2.2 Management Dilemma
[bookmark: _Toc224301979]Problem Area: This research identifies growing concerns about the transparency and fairness of Uber’s algorithmic pricing model. Although dynamic and surge pricing are designed for balancing supply and demand, this system is increasingly viewed as unpredictable and opaque by both riders and drivers (M. Kamraju, 2025). As reported by University of Oxford (2025), customers experience sudden fluctuations in prices without clear fare breakdowns, while unclear commission structures and inconsistent calculations of earnings are reported by drivers. These perceptions raise concerns about declining trust, dissatisfaction of drivers, and potential risks to Uber’s platform stability and long-term performance.
[bookmark: _Toc224301980]2.2.1 Indicators vs Root Problem
Several indicators suggest a deeper structural issue. Riders experience frequent fluctuations in prices for the same route without any clear explanation or detailed breakdown of fare leading to confusion and suspicion. Likewise, drivers report unclear commission structures, inconsistent surge pricing, and limited visibility into how their earnings are calculated. While these concerns appear as pricing irregularity and income uncertainty, the underlying problem is algorithmic opacity, where a lack of transparency makes the system seem unpredictable and potentially biased. As per Stitching WIE Intrenational (2025), many drivers across EU have joined the legal action against Ubers over dynamic pay cuts as the new pay algorithm tacitly shifted risk onto drivers while enabling Uber in increasing its hidden commission, in some cases taking more than half of the fare.
The issue involves complex algorithmic mechanisms, perceptions of stakeholders, and behavioural outcomes that cannot be comprehended through assumptions or anecdotal evidence. A systematic research approach is required to empirically assess whether perceptions of unfairness are widespread, how transparency influences trust and driver satisfaction, and how these factors are affecting performance of platform.
[bookmark: _Toc224301981]2.3 Significance of the Study
[bookmark: _Toc224301982]2.3.1 Strategic Importance
Algorithmic pricing is central to the revenue model and competitive positioning of Uber. As a platform business, Uber relies on maintenance of trust between riders and drivers with optimization of supply and demand through dynamic pricing. If the pricing system is perceived as unfair or opaque, it can weaken confidence on both sides of the marketplace. In an environment where digital platforms are increasingly scrutinised for accountability and fairness, transparency emerges as a strategic priority rather than a technical issue.
[bookmark: _Toc224301983]2.3.2 Risk of Inaction
Failure in addressing perceived pricing unfairness may result in declination of rider trust, reduction in repeated usage, and increased switching to competitors. Driver dissatisfaction may lead to lower motivation, higher turnover, and reduced availability of supply. Over time, this imbalance can disrupt the platform’s network effects and expose the company to reputational damage and regulatory intervention.
[bookmark: _Toc224301984]3. Research Aim, Objectives and Questions
[bookmark: _Toc224301985]3.1 Research Aim
The aim of this research is to examine how perceived transparency and fairness of pricing algorithm of Uber influences user trust and driver satisfaction, and to identify strategic improvements for pricing communication and design.
[bookmark: _Toc224301986]3.2 Research Objectives
1. Examine how users and drivers perceive fairness, transparency, and clarity in Uber’s algorithmic pricing and commission system.
2. Assess drivers’ understanding of fare calculations, commission deductions, and distribution of earnings, and examine how this influences their satisfaction and predictability of income.
3. Develop evidence-based strategic recommendations that enhance pricing transparency while maintaining the effectiveness of dynamic pricing mechanisms.
[bookmark: _Toc224301987]3.3 Questionnaire
Q1: To what extent do users perceive Uber’s pricing algorithm as fair, transparent, and consistent?
Q2: How evidently do drivers understand fare and commission structures, and how does this affect their satisfaction and perceptions of income stability?
Q3: What is the relationship between perceived pricing transparency and key outcomes such as user trust, continued usage, and driver retention intentions?
4. [bookmark: _Toc224301988]Literature Review
A central framework for analysing reactions to dynamic pricing is equity theory. Adams (1965) argues that individuals evaluate fairness by comparing their input–output ratios with those of others. In pricing contexts, Anderson and Wieseke (2015) suggest that fairness perceptions appear from comparisons between the price paid and the value received, and what others are charged. Within the ride-hailing platforms in which price fluctuations are visible and immediate, such distributive comparisons become particularly salient. Surge pricing may therefore be perceived as unfair when price differences appear irregular and uneven across users.
However, outcome-based explanations alone are not sufficient. Procedural justice theory maintains that individuals assess not only outcomes but also the fairness of the processes that produce them (Thibaut and Walker, 1975; Leventhal, 1980). In algorithmic pricing systems, where decision logic is often opaque, users may question the legitimacy of price adjustments even when economically justified. This distinction between distributive and procedural fairness is critical in digital platform environments.
Scholars further emphasise the role of transparency in shaping trust. Mittelstadt et al. (2016) observes that trust declines when algorithmic decisions lack explanation, while Pasquale (2015) contends that “black box” systems undermine confidence because decision processes cannot be scrutinised. Similarly, Fairness Heuristic Theory proposes that under conditions of uncertainty, individuals rely on perceived fairness as a shortcut for determining whether to trust a system (Lind, 2001). In surge pricing contexts, where users cannot observe algorithmic logic, fairness functions as a proxy for legitimacy.
Trust Theory provides additional insight into relational consequences. Mayer, Davis and Schoorman (1995) argue that trust depends on perceptions of ability, benevolence and integrity. Frequent or unexplained price surges may weaken perceived benevolence, while opaque pricing mechanisms may reduce perceived integrity. Consequently, diminished fairness perceptions may translate into reduced trust of user and lower long-term engagement.
Empirical evidence supports these theoretical claims. Ameen and Malik (2026) report that perceived unfairness is reduced by 18% through transparency, while formulating and presenting surge pricing as demand management rather than profit maximisation reduces unfairness perceptions by 15%. They further find that frequent surges are associated with a 25% increase in negative evaluations by customers, suggesting that perceptions of exploitation are amplified by recurrence.
Nevertheless, consumer-focused findings are challenged by research examining driver outcomes. Binns et al. (2025), by analysing 1.5 million UK trips, found that dynamic pricing reduced earnings predictability and increased income inequality. Although Uber publicly states a 25% commission rate, the median take rate has risen to 29%, with instances exceeding 50%. These findings indicate that algorithmic pricing may shift economic risk toward drivers while increasing platform margins.
Despite the growing body of literature on fairness, transparency and income volatility, most studies examine consumers or drivers in isolation. While consumer research emphasises trust and perception, driver research highlights structural inequality and earnings instability. Limited research integrates these perspectives within a unified framework.
In summary, existing literature demonstrates that dynamic pricing is linked to distributive fairness, procedural transparency, heuristic formation of trust and income predictability. However, little is known about how these factors interact across both sides of the marketplace. This gap highlights the need for an integrated model examining how algorithmic transparency influences perceived fairness, user trust, driver satisfaction and overall platform sustainability.
5. [bookmark: _Toc224301989]Research Methodology and Design
[bookmark: _Toc224301990]5.1 Research Approach
This research adopts a mixed-methods approach, combining quantitative and qualitative techniques. The research is explanatory in nature, examining the relationships between perceived algorithmic transparency, perceptions of fairness (distributive and procedural), trust, and satisfaction of stakeholder within ride-hailing platforms.
The quantitative component enables statistical testing of these relationships, while the qualitative component provides deeper insight into how users and drivers interpret surge pricing and algorithmic opacity. The integration of both methods enhances analytical depth and overall validity.
The study is guided by a pragmatic philosophical position, which supports the use of multiple methods to address complex real-world business problems. Pragmatism emphasises practical solutions and methodological flexibility, making it appropriate for investigating both measurable relationships and subjective stakeholder experiences.
[bookmark: _Toc224301991]5.2 Data Collection and Analysis
Data will be collected from primary sources with unit of analysis as individual. The quantitative phase will use an online structured survey targeting ride-hailing users and drivers who have experienced dynamic pricing. The survey will measure perceived transparency, fairness, trust, and satisfaction using Likert-scale items grounded in established theoretical frameworks.
Quantitative data will be analysed using basic statistical techniques, including descriptive statistics and simple correlation analysis, to examine the relationship between perceived transparency, fairness, trust, and satisfaction. 
The qualitative phase will involve semi-structured interviews to explore participants’ experiences of surge pricing and perceptions of algorithmic decision-making. Interview responses will be analysed through thematic analysis to identify common themes related to fairness, transparency, and income stability.
These methods will help identify general patterns and associations among the key variables. The study follows a cross-sectional design, with Uber serving as the contextual case and the individual as the unit of analysis.
[bookmark: _Toc224301992]5.3 Sampling Strategy
A non-probability purposive sampling technique will be employed for this research. Participants will be selected based on direct experience with ride-hailing platforms and exposure to surge pricing. Although this limits generalisability, it is appropriate for perception-based research within a defined context of Uber platform.
[bookmark: _Toc224301993]5.4 Research Ethics
The study will follow recognised ethical standards. Participation will be voluntary with informed consent, that will be obtained and respondents may withdraw at any time. All data will remain anonymous and securely stored, particularly considering the sensitivity of income-related information among drivers.
[bookmark: _Toc224301994]5.5 Reliability and Validity
Reliability will be ensured through the use of established measurement scales aligned with equity, procedural justice, fairness heuristic, and trust theories. Internal consistency will be assessed using Cronbach’s alpha. Validity will be strengthened through theoretical alignment and methodological triangulation between survey and interview findings. Although cross-sectional data limits causal inference, the mixed-methods design enhances robustness and credibility.
[bookmark: _Toc224301995]6. Business Relevance and Practical Implications
[bookmark: _Toc224301996]6.1 Organisational Relevance
This research has direct relevance for platform like Uber. By examining how algorithmic transparency influences fairness perceptions, trust, and stakeholder satisfaction, the study will provide evidence to support pricing and governance decisions.
Understanding how fairness perceptions shaped by transparency may help reduce negative reactions to surge pricing. Insights into driver income volatility and commission variability may also assist in management of developing pricing structures that balance profitability with long term driver retention.
[bookmark: _Toc224301997]6.2 Practical Implications and Strategic Recommendations
The findings may lead to practical recommendations. If transparency improves fairness and trust, its in-app explanations of surge pricing and clarification of how prices are calculated can be strengthened. Clear communication may reduce perceptions of exploitation. 
If income unpredictability affects satisfaction of drivers, the platform could consider more stable models of commission or improved forecasting tools of earnings. These strategies may enhance both trust and sustainability of platform.
[bookmark: _Toc224301998]6.3 Contribution to Applied Business Research
This project contributes to applied business research by integrating equity theory, procedural justice theory, fairness heuristic theory, and trust theory within a real digital platform context. It demonstrates how theoretical concepts such as fairness and legitimacy can be tested empirically to address complex organisational challenges in algorithm driven environments.
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