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1. Introduction
This post will look at how Agile has evolved alongside the burgeoning BI industry and how its methodology and concepts might be used for BI delivery. With the exponential growth of data produced by the Internet and smart devices, business intelligence has developed to accommodate new ways businesses and individuals use data. 
The information value chain is the organizational concept for business intelligence (BI) supply. It explains the stages necessary to develop relevant information and data. The initial step of the value chain is the collection of unprocessed data, followed by applying logic and business context to the data to generate information, which is then consumed by business intelligence (BI) users, who make decisions and take actions based on the data.
The vast expansion of the Internet and intelligent device data has altered how businesses and individuals utilize information. Agile delivery of business intelligence has increased, but business intelligence has changed Agile principles and practices. Big Data has limited corporate espionage and the use of information. Now, business intelligence encompasses both rapid analytics and data science. This paper examines how Agile principles and practices have evolved alongside BI and examines the challenges and potential for the future.
The information value chain facilitates an understanding of agile BI delivery. Although some companies attempt it, BI delivery is accomplished through data discovery and knowledge of how the data will be utilized. Agile methods for delivering BI should place less emphasis on software development and more on information utilization.










2. Discussion
[bookmark: _Hlk115534621]2.1.  Background
Business Intelligence (BI) is a data-driven process that combines data storage and collection with knowledge management to inform corporate decision-making. Business Intelligence (BI) is a set of practices, abilities, tools, and information that helps businesses make better decisions.
Fuzzy requirements; not knowing how data is collected and utilized; not being able to assess data quality; source system restrictions dictating design and service levels; developing based on perceptions of data; not demonstrating results quickly enough are all examples of typical BI project pitfalls, also dealing with a lack of trust between IT and business stakeholders (TDWI, 2009). "Big Data" has affected the desire for faster information despite these obstacles. Big Data describes massive, complicated data collections that typical IT methods and apps cannot handle (Y. Niu et al., 2021).
2.1.1. Big data
Though these problems persist, Big Data has increased the urgency with which we want information. Big Data is an umbrella phrase for data sets that are too massive, complicated, or varied to be handled by conventional information technology tools and techniques. The Big data volume is 100 terabytes or petabytes (however, research differs). Big Data is characterized by unstructured, unknown data kinds and, therefore, diversity. ” (Davenport, 2014). This study evaluates the connection between business intelligence (BI), sharing information, organizational innovation, and attaining competitive advantage for export enterprises(Larson, & Chang, V. (2016).
2.1.2. Analytics
Analytics is a 1950s notion. Traditional business intelligence (BI) uses a small subset of data from internal systems stored in a data mart or warehouse. BI emphasized descriptive analysis and reporting. Google and Yahoo began using big data for internal analytics and customer-centric operations in 2003, signaling its widespread adoption. Big data changes BI because data must be stored and handled quickly. Predictive and prescriptive analytics appeared around this period, although descriptive data was still the standard for visual analytics. Big Data surged in volume, diversity, and velocity, and corporations prioritized the data-driven economy. Companies of all types concentrate on data-driven goods and services to stay competitive. As data velocity rises, IT departments must process more data. (Davenport, 2013; Y. Niu et al.,2021).

2.2. Application of Agile to BI and Big Data
Agile is less formal, reactive, and client-focused. Agile is a strong fit for BI delivery, but the practice has focused on information usefulness above software development. Agile methods work effectively with big data because they accomplish small tasks quickly. Agile approaches offer prescriptive and predictive analytics validation. (Ambler & Lines, 2016; Y. Niu et al., 2021).
[bookmark: _Hlk116122386]2.2.1. Agile Principles
Analyzing Agile principles shows how it fits BI delivery. Individuals and interactions over procedures and tools; functional software over thorough documentation; customer collaboration over contract negotiation; and change over plan.
2.2.2. Individuals and Interactions over Processes and Tools
The many parts of a BI system include the source systems, the Extract, Transformation, and Load (ETL) procedures, the databases, and the user interface tools. A business intelligence system's foundation is the key to unlocking insights from an organization's data. Information value, not acquisition, drives business intelligence. Faster analytics and machine learning enable early discovery and iteration, necessitating more significant human interaction.
2.2.3. Working Software over Comprehensive Documentation
Agile documentation with quicker analytics and Big Data is not thorough. Faster analytics prioritize insight over documentation. Due to data availability, documentation is ignored.
2.2.4. Customer Collaboration over Contract Negotiation
Cooperation improves comprehension, anticipation, and accountability. Agile emphasizes "people and engagement over procedure and tools." Contracts without defined terms can give structure and flexibility.
[bookmark: _Hlk115535326]2.2.5. Responding to Change over Following a Plan
Project requirements change time, resources, and money; agile project management's foundation aims to reduce bureaucracy in software delivery. Agile encourages being flexible and adaptable. In BI and Big Data development, change is constant (Eidizadeh, R., Salehzadeh, R. and Chitsaz Esfahani, A,2017).
2.3. Agile Methodologies
Agile projects are more successful owing to shorter cycle times, higher quality, clearer goals, more adaptability, and enhanced stakeholder satisfaction. BI uses data. BI converts data into information. BI leverages client discovery.
Agile BI data warehouse development techniques include Agile Data Warehousing, Extreme Scoping, and Scrum. Data warehouses centralize data for analysis. Agile practices improve BI project quality, cycle time, and stakeholder satisfaction; however, 60–70% of BI efforts (including Big Data) fail. Agile's success in BI has increased its acceptability, while Big Data and analytics reinforce Agile. (Muntean &Surcel, 2013; Y. Niu et al, 2021).

[bookmark: _Hlk115535526]2.4. The BI and Fast Analytics Lifecycle
Science initiatives are more data-driven. Discovery, design, development, testing, production deployment, support, and value evaluation focus on requirements, structured data, code, and databases. Dynamic data requires creation in fast analytics and data science. Iteration and data visualization accelerate analytics. Model building, validation, and modification are data science tasks. (Schutt & O'Neil, 2013). Table 1 compares lifecycles.
Table 1. Comparison of the Business Intelligence Lifecycle and Fast Analytics/Data Science Project Lifecycle (Zheng, Jack. (2021).
[image: Table
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When it comes to business intelligence, it is not just about how much data you have but how valuable that data is. Increased human participation is needed as faster analytics, and machine learning encourage early discovery and iteration.
BI project delivery requires gear, software, and networks. The design will focus on modeling data and processes to enable BI architecture.
This phase creates conceptual, logical, and physical data and ETL process models. Development might comprise data collecting, staging, presentation, and information distribution. Deployment focuses on new components and BI system reliability. Source systems, business processes, software changes, new data integration, and organizational strategy might affect BI. End-user feedback shows how information is used and the BI system's usefulness.


[bookmark: _Hlk115535589]3. Conclusion
The fields of fast analytics and data science are now considered part of business intelligence. Agile principles are a natural fit for the realm of business intelligence, and studies of their practical implementation have developed. By encouraging communication and cooperation among all parties involved, Agile can solve many perennial issues plaguing BI initiatives. If everyone involved works closely together, expectations will be more easily defined, data will be comprehended, responsibility will be shared, and the final product will be of a better standard. There is a shift away from spending time trying to ascertain information needs and toward exploring what is feasible. As the landscape of business intelligence (BI) and data analysis is changing with Big Data, there are many potential avenues for future study. Current issues and likely future developments in the widespread use of business intelligence platforms, apps, and services have been discussed.
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