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[bookmark: _Toc238592618]Abstract
Because consumers rely on financial institutions to investigate into errors, provide explanations for decisions, and build confidence when transactions fail, digital payment failures pose both operational and relational risks for banks. This quantitative pilot study investigated whether perceived fairness mediates this relationship, whether fraud concern moderates the fairness–trust path, and whether perceived digital payment dispute resolution quality (PDRQ) is linked to customer trust among young digital-payment users in Nepalese banks between the ages of 18 and 35. 52 answers were obtained from an online survey; 49 cases were examined following eligibility and completeness screening. SPSS was used for reliability analysis, exploratory factor analysis (EFA), descriptive statistics, Spearman correlations, regression diagnostics, and Hayes PROCESS Models 4 and 14. The internal consistency of all scales was good to outstanding (α =.852–.914). While perceived fairness did not significantly predict consumer trust when PDRQ was included in the model, PDRQ was significantly and favorably related with both perceived fairness and customer trust. The index of moderated mediation contained zero, the interaction between fairness and fraud concern was not significant, and the indirect effect through perceived fairness was not statistically significant. Therefore, the results partially corroborate the conceptual model: although the suggested mediation and moderated-mediation mechanisms were not demonstrated in this small sample, perceived conflict resolution quality emerged as the most consistent indicator of fairness and trust. The study identifies measuring and statistical power constraints that should guide more extensive future research while highlighting the practical significance of prompt, transparent, and communicative dispute resolution. 
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[bookmark: _Toc238592619]1. Introduction
The way that consumers move funds, make purchases, and communicate with financial institutions has changed as a result of the widespread use of digital payment technologies in modern banking. Their accessibility and ease of use come with service flaws and uncertainties such fraud issues, duplicate deductions, delayed payments, unsuccessful transactions, and processing mistakes. Because clients rely on organizations and technical systems to handle financial resources that they are unable to fully observe or control, these issues are especially significant in the financial services industry. According to Morgan and Hunt (1994) and Mayer, Davis, and Schoorman (1995), trust is essential to financial relationships because it reflects confidence in another party and a willingness to accept vulnerability. According to Devlin et al. (2025), current FinTech research further highlights the complexity of trust due to customers' simultaneous reliance on institutions, technologies, and governance frameworks.
It takes more than simply resolving a transaction to solve a digital payment issue. Customers assess the organization's response in terms of speed, explanation, communication, and corrective action, according to service-recovery research (Tax, Brown and Chandrashekaran, 1998; Smith, Bolton and Wagner, 1999; Van Vaerenbergh and Orsingher, 2016). The relationship between complaint handling and distributive, procedural, and interactional justice assessments in online recovery is supported by recent meta-analytic findings (Das et al., 2026). Therefore, justice theory offers a helpful explanation of how consumers differentiate between an organization's actions and whether the procedure, treatment, and result are deemed to be fair. Trust in a digital payment environment might not be entirely explained by fairness alone. While they remain concerned about fraud, cybersecurity, and potential financial loss, customers can assess a bank's reaction favorably. According to Protection Motivation Theory (PMT), perceived vulnerability and severity influence how people react to threats (Rogers, 1975). Threat-appraisal effects can be context-dependent rather than consistent, according to study on banking security (Naseer, Wijayanayake, and Jayasinghe, 2025). This raises a potentially significant boundary-condition question: when fraud be concerned is still high, does a favorable fairness rating translate equally strongly into customer trust?
Therefore, rather than a lack of study on service recovery, justice, trust, or digital threat, the research gap is one of fragmented integration. The evidence that is now available supports individual and partially related linkages, but it does not clearly prove the full process by which PDRQ connects to consumer trust through perceived fairness while the relationship between fairness and trust is conditioned by fraud concerns. Nepal offers a pertinent empirical setting because previous research on digital payments in Nepal has mostly focused on adoption, security and privacy, customer experience, behavioral intention, and trust; however, there is still a dearth of evidence that directly examines how dispute-resolution quality relates to customer trust through perceived fairness and under conditions of fraud concern (Poudel et al., 2023; Bajracharya, 2024; Dhakal and Acharya, 2024; Kumar et al., 2026). Since the survey does not need prior dispute experience and focuses on active digital payment users between the ages of 18 and 35, PDRQ represents perceived bank competence rather than an objective audit of actual recovery performance..
The study's practical relevance originates from the fact that dispute resolution is one of the ways that consumers can assess a bank's capacity and willingness to react when the digital payment system fails to function as anticipated. Disputes, in contrast to regular transactions, make organizational processes, communication quality, and accountability for correction exceptionally obvious. This implies that recovery capabilities for banks may have an impact on consumers' perceptions of institutional competence and dependability in addition to the outcome of a specific transaction. Without considering adoption or ongoing usage as the main goal, the environment offers researchers a chance to link service-recovery theory with digital-finance trust and danger assessment. Rather than being a conclusive population test, the study is purposefully positioned as a pilot-scale quantitative evaluation. Therefore, it is useful for determining whether the suggested constructs are measurable, whether the empirical relationships match the theoretical model, and whether the model needs to be adjusted or cautioned. This is especially crucial for the mediation and moderation hypotheses, which are kept because of their theoretical value rather than because their importance is predetermined.
The purpose of the study is to investigate how young digital payment users in Nepalese banks, ages 18 to 35, evaluate the quality of digital payment dispute resolution in relation to consumer trust, both in terms of perceived fairness and when fraud is a concern.
Research question: How much do young digital-payment users in Nepalese banks, ages 18 to 35, view the quality of digital payment dispute resolution in connection to customer trust, and what roles do perceived fairness and fraud concern play in understanding this relationship?
Research objectives: 
· to investigate the connection between perceived fairness and the quality of digital payment dispute settlement.
· to investigate the connection between consumer trust and perceived fairness.
· to evaluate the connection between customer trust and the perceived quality of digital payment dispute resolution.
· to ascertain whether consumer trust and perceived digital payment dispute resolution quality are mediated by perceived fairness.
· to investigate if the relationship between perceived fairness and customer trust is moderated by fraud concern.
· To determine whether the degree of fraud concern influences the indirect impact of perceived fairness in digital payment dispute resolution on customer trust

[bookmark: _Toc238592620]2. Critical Literature Review and Hypothesis Development
[bookmark: _Toc238592621]2.1 Service Recovery, PDRQ and Perceived Fairness
Instead of focusing only on technical improvements, service recovery addresses organizational reactions following a service failure.  According to foundational studies, recovery aspects that affect consumers' post-failure assessments include speed, explanations, communication, compensation, and corrective action (Tax, Brown, and Chandrashekaran, 1998; Smith, Bolton, and Wagner, 1999). Recovery is conceptualized as a process that shapes post-failure judgments by Van Vaerenbergh and Orsingher (2016). Effective online complaint handling enhances distributive, procedural, and interactional justice assessments, according to cumulative meta-analytic evidence presented by Das et al. (2026). Recovery in banking is not limited to front-line encounters; it is also integrated into organizational structures and coordination mechanisms (Rao et al., 2024).
Therefore, the current study conceptualizes PDRQ as the customers' evaluation of the bank's ability to resolve disputes in a timely, transparent, and communicative manner. While perceived fairness refers to the customer's assessment of whether processes, treatment, and results are fair, PDRQ focuses on perceived organizational responsiveness. The idea that stronger fairness assessments are linked to better perceived handling is supported by this conceptual division.
H1: Perceived fairness and perceived digital payment dispute resolution quality are positively correlated.
[bookmark: _Toc238592622]2.2 Perceived Fairness and Customer Trust
Distributive justice (fairness of outcomes), procedural justice (fairness of process), and interactional justice (fairness of interpersonal treatment) are all distinguished by justice theory (Tax, Brown, and Chandrashekaran, 1998; Smith, Bolton, and Wagner, 1999). This explains why a slow, inadequately described, or disrespectful process can nonetheless have a negative impact on a technically accurate financial outcome. On the other hand, even in cases where the issue is challenging, respectful communication and open procedures may enhance the customer's assessment.
Despite differences in downstream mechanisms, empirical data demonstrates the significance of fairness. Using 445 online banking customers who had experienced service failure, Ali et al. (2025) discovered that distributive, procedural, and interactional justice had a beneficial impact on after-recovery satisfaction, which in turn promoted commitment, trust, and behavioral intentions. Using 1,620 financial service consumers, Lin and Liu (2025) discovered that while legal understanding conditioned some interactions, perceived fairness was linked to institutional confidence in financial ADR. These studies do not identify the precise mechanism examined here, but they do show a relationship between fairness and trust. Because consumers accept vulnerability while relying on institutions to protect money and carry out transactions, trust is particularly important in the financial services industry (Mayer, Davis, and Schoorman, 1995).
H2: Customer trust is strongly correlated with perceived fairness.
[bookmark: _Toc238592623]2.3 Direct PDRQ–Customer Trust Relationship
A portion of the relationship between conflict resolution and trust may be explained by fairness, but it would be premature to assume full mediation. Relationship repercussions result from resolving complaints (Tax, Brown, and Chandrashekaran, 1998), and recovery activities can immediately convey competence, dependability, and responsiveness. In the financial services industry, Raza et al. (2023) demonstrate that an apology, an explanation, and an investigation restore several aspects of confidence, and that the degree of failure can alter the efficacy of recovery. Organizational recovery potential is further emphasized by Rao et al. (2024). As a result, a bank that is seen as prompt, open, and communicative may both directly indicate reliability and influence perceptions of justice.
H3: Customer trust is positively correlated with perceived quality of digital payment dispute resolution.
[bookmark: _Toc238592624]2.4 Perceived Fairness as a Mediating Mechanism
Three stages are integrated into the suggested mediation: service recovery deals with the organization's actions, justice theory deals with how consumers assess those acts, and trust theory deals with the subsequent broader relational judgment. These component relationships are supported by existing research, albeit their processes vary. Justice and recovery traits are linked by Smith, Bolton, and Wagner (1999); post-recovery satisfaction is linked to justice and trust-related outcomes by Ali et al. (2025); and broader post-recovery responses are included by Das et al. (2026). Therefore, it is still empirically unclear if total perceived justice transfers the relationship from PDRQ to customer trust.
H4: Customer trust and perceived digital payment dispute resolution quality are mediated by perceived fairness.
[bookmark: _Toc238592625]2.5 Fraud Concern as a Boundary Condition
Threat appraisal and coping appraisal are suggested by PMT as responses to threats (Rogers, 1975). Particularly, threat appraisal—perceived vulnerability to digital payment fraud and perceived seriousness of its repercussions—is used in this study. Naseer, Wijayanayake, and Jayasinghe (2025) warn against assuming a consistent behavioral effect by demonstrating that threat-appraisal evidence in banking security is varied and context-dependent. However, a boundary condition is plausible based on adjacent digital-payment research. While past cybercrime experience modifies downstream interactions, Aljaradat and Shukla (2025) indicate that grievance redressal enhances positive trust/cybersecurity views, and Raza et al. (2023) show that failure severity conditions some recovery effects.
Theoretically, a consumer may see dispute resolution as equitable while yet feeling susceptible to fraud in the future. Therefore, the degree to which fairness is translated into institutional trust may be weakened by increased fraud worry; nevertheless, this is a theoretical expectation rather than an assumed empirical fact.
H5: The connection between Perceived Fairness and Customer Trust is negatively moderated by Fraud Concern, making the positive connection weaker at top levels of Fraud Concern.
[bookmark: _Toc238592626]2.6 Integrated Conditional Process
Each theoretical perspective is given a specific role in the integrated model: service recovery explains perceived organizational response; justice theory explains fairness appraisal; trust theory explains confidence under vulnerability; and PMT provides the threat-appraisal rationale for fraud concern. While maintaining a direct PDRQ → Customer Trust path and placing Fraud Concern as a moderator of Perceived Fairness → Customer Trust, the suggested order is PDRQ → Perceived Fairness → Customer Trust. The indirect effect should change if there are differences in the second stage due to fraud concerns.
H6: Fraud concern is a condition for the indirect link between Perceived Digital Payment Dispute Resolution Quality and Customer Trust via Perceived Fairness.
Thus, recovery is essential, clients assess recovery through fairness, fairness is related to trust, and threat perceptions influence digital financial behavior, all of which are supported by the literature. Whether these mechanisms work together in the suggested conditional process is the unanswered question. The current pilot test is justified not only by geographical novelty but also by this mechanism-and-boundary gap.
	Hypothesis
	Proposition

	H1
	PDRQ is positively associated with Perceived Fairness.

	H2
	Perceived Fairness is positively associated with Customer Trust.

	H3
	PDRQ is positively associated with Customer Trust.

	H4
	Perceived Fairness mediates the PDRQ–Customer Trust relationship.

	H5
	Fraud Concern negatively moderates Perceived Fairness → Customer Trust.

	H6
	The indirect PDRQ → Perceived Fairness → Customer Trust relationship is conditional on Fraud Concern.


[bookmark: _Toc238592627]2.7 Critical Synthesis and Expected Contribution
Three conclusions are reasonably certain based on the evaluated literature. First, recovery quality is important because consumers assess the organization's post-failure responses as well as the ultimate technical fix. Second, while fairness is a key evaluative lens in recovery, its effects can also be felt through other categories like relationship quality, emotion, or satisfaction. Third, risk knowledge can coexist with trust rather than merely replace it since trust in digital banking grows in environments of ongoing vulnerability. These findings support the suggested model's component routes and demonstrate why the integrated mechanism is still amenable to empirical investigation.
Two contradictions are also revealed in the literature. One is conceptual: in order for fairness to serve as a mediator, it must continue to be distinct from PDRQ. PDRQ concerns beliefs about the bank’s actions and capability; fairness concerns the customer’s judgment of those activities and outcomes. Concerns about fraud are the second source of conflict. Although PMT makes threat appraisal theoretically significant, there is currently no concrete proof that fraud concerns undermine fairness-based trust. Therefore, compared to H1–H3, the moderation hypothesis is purposefully more experimental.
As a result, the expected contribution is specific but low. The study makes no claims regarding the novelty of the concepts of fraud concern, fairness, trust, or conflict resolution. Rather, it examines whether they cooperate in a mechanism-and-boundary configuration inside a digital payment context in Nepal. An unsupported model would nevertheless be instructive by pointing out which component linkages are strong and which theoretical connections need further detail, while a supported model would offer initial evidence for the integrated explanation.
[bookmark: _Toc238592628]3. Research Methodology and Data Analysis
[bookmark: _Toc238592629]3.1 Research Philosophy and Approach
This study's philosophical presumptions are consistent with its goal of investigating theoretically defined relationships rather than thoroughly examining individual stories. While critical realism might draw attention to more profound causal mechanisms and contextual structures, interpretivism might shed light on how consumers individually create meanings around payment failures. Choosing strategies for real-world issue resolution would be more important under pragmatism. Although these roles are important, the current project's main goals are to measure predictable correlations between preset constructs and statistically test hypotheses. Therefore, while avoiding the stronger assertion that social reality can be quantified without ambiguity, a positivist-leaning quantitative position offers the closest fit with the study goal (Creswell & Creswell, 2018; Saunders, Lewis, and Thornhill, 2019).
The study takes a cautious objectivist ontological stance. Customers' subjective experiences of PDRQ, perceived fairness, customer trust, and fraud worry are psychological perceptions. However, the study is predicated on the existence of sufficiently consistent patterns among respondents to allow for a systematic investigation of these dimensions and their interactions. Since the constructs are represented by a variety of questionnaire indicators rather than being directly observable truths, any assertion regarding their underlying reality depends on how well they are operationalized and measured.
Because knowledge claims are established through systematic empirical measurement and statistical verification of statements drawn from theory, the research has a positivist epistemological tendency.  Because sampling error, measurement constraints, and model definition limit what can be deduced from a cross-sectional survey, the resulting information is regarded as preliminary rather than absolute. The stance is one of value-aware neutrality from an axiological perspective. Complete value-freedom is not claimed because the researcher's prior professional exposure to banking practice affected the research challenge. Rather, stated hypotheses, consistent eligibility requirements, transparent data-screening decisions, predetermined statistical criteria, and the presentation of both supported and unsupported hypotheses are used to address the possible influence of values (Saunders, Lewis, and Thornhill, 2019).
These assumptions result in a deductive quantitative approach from a methodological standpoint. Prior to data analysis, the hypotheses were guided by literature on service recovery, justice, trust, and PMT. Survey data was then utilized to determine whether the observed connections matched those predictions. Then, certain statistical techniques were tailored to the dataset's empirical characteristics: Spearman correlation was driven by non-normal composite distributions, while HC3 robust standard errors were prompted by heteroskedasticity in the mediator equation. These modifications enhance the suitability of inference within the selected quantitative design without altering the deductive reasoning.
[bookmark: _Toc238592630]3.2 Research Design, Data Collection and Sample
Because the study aimed to operationalize theoretically derived dimensions and investigate statistical correlations among them, a quantitative, cross-sectional design was employed (Creswell & Creswell, 2018; Saunders, Lewis, and Thornhill, 2019). A structured online questionnaire was used to gather primary data from contacts in Nepal who satisfied the eligibility requirements, which included being between the ages of 18 and 35 and currently using digital payment services offered by a Nepalese bank. Five-point Likert-type items were used to measure the main components.
Initially, fifty-two answers were received. 50 cases remained after eligibility screening eliminated one respondent who was not within the age range and another who did not currently utilize an approved digital payment option offered by Nepalese banks. A final analytical sample of 49 complete cases was obtained by excluding rather than imputing one more respondent who had missing replies on PDRQ2, PDRQ3, and PDRQ6. Hayes' PROCESS macro was utilized in IBM SPSS Statistics for conditional process analysis and mediation.
Since the study was carried out within a constrained module schedule and there was no complete sampling frame of young Nepalese digital payment users, the sampling approach used was non-probability convenience sampling. Access to the target group was made easier by distribution through qualified personal contacts, but representativeness is diminished and selection bias may be introduced. Therefore, rather than serving as a foundation for population generalization or final validation of a complicated conditional-process model, the sample size should be interpreted as appropriate for a pilot-scale QRM exercise.
[bookmark: _Toc238592631]3.3 Screening, Reliability and Exploratory Factor Analysis
Eligibility, missing values, coding issues, and odd observations were all checked for in the data. Instead of being eliminated automatically, potential outliers were investigated. Cronbach's alpha, corrected item-total correlations, and alpha-if-item-deleted statistics were used to evaluate internal consistency independently (Field, 2018; Hair et al., 2019). Measurement structure was then investigated using EFA. KMO, Bartlett's Test of Sphericity, and individual anti-image measurements were used to evaluate the adequacy of the sampling. Direct Oblimin rotation was employed since the theoretical constructs may plausibly correlate, and Principal Axis Factoring was chosen because the goal was to investigate latent structures (Hair et al., 2019). Prior to examining a theoretically defined five-factor solution, an unconstrained extraction was evaluated. The EFA was regarded as diagnostic rather than confirmatory because N=49 compared to 31 items.
For PDRQ, perceived fairness, customer trust, fraud concern, and digital-payment literacy, mean-based composite scores were then computed. This produced construct-level variables for later analyzes while maintaining the original 1–5 metric.
As distinct aspects of research quality, reliability, validity, and bias were taken into consideration. Internal consistency was evaluated using item-total statistics and Cronbach's alpha, but strong reliability was not considered evidence of concept validity. Therefore, the later cross-loadings among PDRQ, fairness, and trust were kept as a limitation rather than hidden; EFA was used to investigate if items grouped in ways consistent with the hypothesized constructs. Convenience sampling raises the possibility of selection bias, and using the same self-report questionnaire to gather predictor, mediator, moderator, and outcome measures raises the possibility of response and common-method bias. Although some procedural pressures were lessened by anonymity, standardized instructions, and uniform scale forms, these precautions cannot completely eradicate bias. Additionally, the small sample reduces the validity of statistical conclusions, especially for EFA, interaction, and indirect-effect estimates (Field, 2018; Hair et al., 2019; Saunders, Lewis, and Thornhill, 2019).
[bookmark: _Toc238592632]3.4 Preliminary Analysis and Regression Diagnostics
Mean, standard deviation, minimum, maximum, skewness, kurtosis, histograms, boxplots, Q-Q plots, and Shapiro-Wilk tests were among the descriptive statistics and distributional diagnostics. For bivariate connections, Spearman's rank-order correlation was employed because the composite variables deviated from normality (Field, 2018). Linearity, homoscedasticity, residual normality, error independence, multicollinearity, and significant observations were all taken into account in regression diagnostics. Collinearity was evaluated using tolerance and VIF, and residual plots and Cook's distance were examined. Homoscedasticity was additionally examined using the Breusch–Pagan test (Breusch and Pagan, 1979). Final PROCESS inference employed HC3 heteroskedasticity-consistent standard errors since heteroskedasticity was found in the mediator equation (Hayes and Cai, 2007). The early customer-trust regression included digital-payment literacy as a control variable to see if the key correlations could still be understood in light of respondents' varying levels of digital-payment proficiency. The final PROCESS Models 4 and 14, which were designed to directly evaluate the proposed conditional-process model, did not include it as a covariate.
[bookmark: _Toc238592633]3.5 Ethical Considerations and Data Handling
Informed consent served as the basis for voluntary participation. Account numbers, card information, passwords, PINs, transaction references, and other banking credentials were not requested in the questionnaire. For academic purposes, responses were gathered anonymously, and participants were free to pause before submitting. Although there was no risk associated with the poll, questions about fraud might be a little uncomfortable. Therefore, confidentiality, minimizing personally identifying information, and using the responses only for the specified research objective were the main goals of data handling. Because the study focuses on financial-service experiences and perceptions of fraud, these precautions were especially crucial.
Additionally, the analysis adhered to an integrity standard when preparing the data. Cases were not eliminated just because they reduced statistical significance, nor were missing replies substituted with made-up values. Due to three missing components in the PDRQ scale, the one incomplete analytical case was openly eliminated. Potential outliers were examined diagnostically and kept unless there was a valid reason to remove them due to the quality of the data.
[bookmark: _Toc238592634]3.6 Hypothesis Testing
PROCESS Model 4 was used to test simple mediation, and PROCESS Model 14 was used to test the suggested second-stage moderated mediation. PDRQ was designated as X, perceived fairness as M, customer trust as Y, and fraud concern as W for Model 14. The components of continuous interaction were mean-centered. 5,000 bootstrap resamples, 95% confidence intervals, and HC3 standard errors were employed in both models. Bootstrap confidence intervals were used to assess indirect effects, and the index of moderated mediation was used to assess moderated mediation; an effect was deemed statistically supported when the relevant bootstrap interval excluded zero (Hayes, 2015; Hayes, 2022; Preacher and Hayes, 2008). Conventional coefficients were assessed at p<.05.
[bookmark: _Toc238592635]4. Results and Quantitative Analysis
[bookmark: _Toc238592636]4.1 Data Screening and Sample Profile
49 full and eligible respondents made up the final analytical sample. Of them, 10.2% were between the ages of 18 and 21, 20.4% were between the ages of 22 and 25, 51.0% were between the ages of 26 and 30, and 18.4% were between the ages of 31 and 35; hence, the highest portion of group was between the ages of 26 and 30.
	Screening stage
	Cases

	Initial responses
	52

	Outside age criterion
	−1

	Not current eligible digital-payment user
	−1

	Eligible responses
	50

	Incomplete PDRQ responses
	−1

	Final analytical sample
	49


[bookmark: _Toc238592637]Table 1. Data screening and final analytical sample
[bookmark: _Toc238592638]4.2 Descriptive Statistics and Distributional Assessment
	Construct
	N
	Mean
	SD

	PDRQ
	49
	3.9569
	0.6000

	Perceived Fairness
	49
	4.1565
	0.5553

	Customer Trust
	49
	4.0850
	0.6209

	Fraud Concern
	49
	4.2245
	0.9264

	Digital-Payment Literacy
	49
	4.1582
	0.6469


[bookmark: _Toc238592639]Table 2. Descriptive statistics of study constructs
On the 1–5 scale, the means were usually high, with Fraud Concern having the highest mean (M=4.22) and Customer Trust having a comparatively high mean (M=4.09). For PDRQ (W=.907, p<.001), Perceived Fairness (W=.863, p<.001), Customer Trust (W=.933, p<.008), Fraud Concern (W=.801, p<.001), and Digital-Payment Literacy (W=.895, p<.001), Shapiro-Wilk tests were significant. The composite distributions showed a negative skew of -1.343, -1.660, -0.773, -0.919, and -0.997. Spearman correlation was used to account for these deviations, and residual diagnostics were the main method used to assess regression appropriateness.
[bookmark: _Toc238592640]4.3 Reliability and EFA
	Construct
	Items
	Cronbach’s α
	Assessment

	PDRQ
	9
	.878
	Good

	Perceived Fairness
	6
	.852
	Good

	Customer Trust
	6
	.890
	Good

	Fraud Concern
	6
	.914
	Excellent

	Digital-Payment Literacy
	4
	.856
	Good


[bookmark: _Toc238592641]Table 3. Reliability coefficients
The internal consistency of all five scales was satisfactory. Correlations between corrected items and totals stayed above.30. PDRQ4 (.393), the weakest PDRQ component, was kept since removing it would have merely raised alpha from.878 to.882. The item-total correlations for perceived fairness ranged from.477 to.749, customer trust from.639 to.803, fraud concern from.671 to.830, and digital payment literacy from.594 to.835.
Thirty-one retained items were subjected to the EFA. KMO=.734; all individual MSA values were greater than.50; Bartlett's Test was significant, χ²(465)=1395.975, p<.001. About 73.8% of the retrieved variance was explained by an unrestricted Principal Axis Factoring solution that yielded seven eigenvalues greater than 1. Next, a five-factor Direct Oblimin solution with theoretical specifications converged. Items related to fraud concern loaded logically on one factor (roughly.709–.872) and items related to digital payment literacy on another (roughly.638–.936). With cross-loadings and mixed clustering, PDRQ, Perceived Fairness, and Customer Trust were less different. Because of the tiny case-to-item ratio, the EFA is read cautiously and offered partial rather than full support for the suggested five-construct assessment structure.
[bookmark: _Toc238592642]4.4 Bivariate Relationships
	Variables
	PDRQ
	PF
	CT
	FC
	DPL

	PDRQ
	1
	
	
	
	

	PF
	.520***
	1
	
	
	

	CT
	.634***
	.523***
	1
	
	

	FC
	.263
	.024
	.008
	1
	

	DPL
	.317*
	.149
	.426**
	.068
	1


[bookmark: _Toc238592643]Table 4. Spearman correlations

Note: Spearman's ρ. *p=.026 for PDRQ–DPL; **p=.002 for CT–DPL; ***p<.001 for PDRQ–PF, PDRQ–CT, and PF–CT. PDRQ (p=.068), PF (p=.868), CT (p=.959), and DPL (p=.642) did not substantially associated with fraud worry.
PDRQ had a larger positive correlation with customer trust (ρ=.634, p<.001) and a somewhat positive correlation with perceived fairness (ρ=.520, p<.001). Additionally, there was a positive correlation between perceived fairness and customer trust (ρ=.523, p<.001). Although they did not demonstrate mediation or moderation, these bivariate interactions were in line with the primary sequence.
[bookmark: _Toc238592644]4.5 Regression Diagnostics
The regression diagnostics were looked at prior to conditional-process inference. The model explained 68.5% of the variation (R²=.685; adjusted R²=.656) and was significant (F(4,44)=23.866, p<.001) in the initial customer-trust regression that included Digital-Payment Literacy as a control variable. Durbin-Watson was 2.053, indicating error independence. There was no proof of significant multicollinearity, with tolerance values ranging from.446 to.883 and VIF values from 1.132 to 2.242. Cook's distance was and the maximum standardized residual was 2.679.435, which is less than the typical major influence warning score of 1. The P-P plot revealed generally satisfactory residual normality, and a visual examination of the standardized residual-versus-predicted plot revealed no clear funnel pattern.
However, heteroskedasticity in the mediator equation was found by PROCESS diagnostics. Significant results were obtained from the Breusch-Pagan test (p=.0011; robust p=.0026). Consequently, HC3 heteroskedasticity-consistent standard errors were used to re-estimate the final mediation and moderated-mediation models. This choice is crucial since HC3 modifies the uncertainty utilized for significance tests and confidence intervals, but the coefficient estimates themselves stay the same. As a result, the conclusive inferential results shown below are based on the HC3 data.
[bookmark: _Toc238592645]4.6 Mediation and Direct Effects: PROCESS Model 4
F(HC3)(1,47)=15.065, p=.0003, R2=.4906 indicated that the mediator model was significant. Perceived Fairness was positively predicted by PDRQ, B=.6482, SEHC3=.1670, t=3.8814, p=.0003, 95% CI [.3122,.9842], supporting H1.
The entire model in the customer-trust equation was significant (F(HC3)(2,46)=28.7864, p<.001, R²=.5989). PDRQ continued to support H3 with a substantial favorable direct effect (B=.4548, SEHC3=.2013, t=2.2593, p=.0286, 95% CI [.0496,.8600]). With a positive but non-significant coefficient for perceived fairness (B=.4470, SEHC3=.2594, t=1.7234, p=.0915, 95% CI [−.0751,.9690]), H2 was not supported.
With 95% BootCI [−.0056,.6481], the bootstrapped indirect impact PDRQ → Perceived Fairness → Customer Trust was.2897 (BootSE=.1699). H4 was not supported since the interval included zero. Therefore, rather than being proof of mediation, the positive point estimate should be viewed as statistically ambiguous.
[bookmark: _Toc238592646]4.7 Moderation and Conditional Indirect Effect: PROCESS Model 14
The customer-trust equation for Model 14 was significant (F(HC3)(4,44)=15.5337, p<.001, R2=.6480). Trust was still significantly positively predicted by PDRQ (B=.5657, SEHC3=.1950, t=2.9016, p=.0058, 95% CI [.1728,.9587]). There was no significant relationship between Perceived Fairness and Fraud Concern, B=.1198, 95% CI [−.2140,.4536], SEHC3=.1656, t=.7234, p=.4733. H5 was not supported since the interaction added ΔR²=.0125, F(HC3)(1,44)=.5232, p=.4733.
	Fraud Concern (centred)
	Conditional indirect effect
	BootSE
	BootLLCI
	BootULCI

	-1.3912
	.2060
	.171
	−.1044
	.5667

	.4422
	.3484
	.204
	−.0414
	.7454

	.7755
	.3743
	.226
	−.0620
	.8046


[bookmark: _Toc238592647]Table 5. Conditional indirect effects at values of Fraud Concern

Zero was present in each of the three conditional indirect-effect confidence ranges. The moderated mediation index was.0777 (BootSE=.0986), with a 95% BootCI [−.1151,.2861]. H6 was not supported since the interval included zero. As a result, the conceptual model is partially supported by the results: PDRQ was consistently associated with Fairness and Trust, but the suggested mediation and moderated-mediation mechanisms were not proven.

	Hypothesis
	Key evidence
	Decision

	H1
	PDRQ → PF: B=.6482, p=.0003
	Supported

	H2
	PF → CT: B=.4470, p=.0915
	Not supported

	H3
	PDRQ → CT: B=.4548, p=.0286
	Supported

	H4
	Indirect=.2897; 95% BootCI [−.0056,.6481]
	Not supported

	H5
	PF×FC: B=.1198, p=.4733
	Not supported

	H6
	Index=.0777; 95% BootCI [−.1151,.2861]
	Not supported


[bookmark: _Toc238592648]Table 6. Summary of hypothesis testing

[bookmark: _Toc238592649]5. Discussion
[bookmark: _Toc238592650]5.1 Overview of Key Findings
The results offer some support for the suggested paradigm. The most reliable construct was PDRQ, which maintained a strong direct correlation with customer trust and significantly predicted perceived fairness. In contrast, the simple indirect effect was not statistically supported, the connection between Fairness and Trust was not moderated by Fraud Concern, and Perceived Fairness did not independently predict Trust at the 5% level once PDRQ was controlled. Zero was also included in the moderated mediation index. Therefore, direct PDRQ–Fairness and PDRQ–Trust links have more empirical evidence than the suggested conditional psychological pathway. The debate that follows is guided by this distinction: unsupported mediation and moderation paths are viewed as philosophically instructive findings rather than analytical failures, while supported linkages are understood in light of service-recovery and trust literature.
[bookmark: _Toc238592651]5.2 Dispute Resolution Quality, Fairness and Trust
The role of PDRQ is the most compelling finding. It maintained a strong correlation with customer trust across both PROCESS parameters and accounted for over half of the variation in perceived fairness. The PDRQ-Fairness outcome is in line with service-recovery and justice theory, which holds that consumers make judgments about justice based on the processes, responses, and results related to a complaint (Tax, Brown, and Chandrashekaran, 1998; Smith, Bolton, and Wagner, 1999). In a similar vein, Das et al. (2026) demonstrate how efficient online complaint processing supports distributive, procedural, and interactional fairness. Timeliness, transparency, and communication can thus provide the information consumers need to determine if a process is fair in disputes involving digital payments.
Additionally, trust-repair reasoning is consistent with the direct PDRQ–Trust result. Observable proof of institutional competency and dependability can be found in financial-service recovery. Rao et al. (2024) conceptualize recovery as an organizational system, while Raza et al. (2023) demonstrate that various recovery strategies restore various trust dimensions and that severity alters some impacts. The current findings imply that rather than depending solely on an intervening fairness assessment, consumers may determine a bank's trustworthiness by looking at how responsive, competent, and communicative it seems.
Nonetheless, the result should be seen as a connection rather than a cause. The EFA showed some overlap between the PDRQ, fairness, and trust items, and the cross-sectional design is unable to demonstrate temporal precedence. Therefore, a substantial link and some conceptual proximity between measures may be combined by the strong coefficients.
[bookmark: _Toc238592652]5.3 Perceived Fairness and the Unsupported Mediation Effect
The conclusions of fairness were more intricate. Fairness did not independently predict Customer Trust at p<.05 after PDRQ was controlled, and the bootstrap interval for the indirect impact encompassed zero, despite the fact that PDRQ highly predicted Perceived Fairness. In contrast, favorable justice judgments are linked to post-recovery results in the larger justice literature. It does not, however, mean that fairness is unimportant. According to Ali et al. (2025), justice and downstream trust-related outcomes are correlated with post-recovery happiness. This suggests that fairness could need a further psychological assessment before it becomes trust. According to Mayer, Davis, and Schoorman (1995), competence and dependability signals seen in PDRQ may have an impact on trust that goes beyond fairness alone because trust also encompasses capacity, compassion, and integrity.
Rather than being only attributable to low statistical power, the unsupported mediation effect should also be viewed in conjunction with the measurement and bivariate evidence. While PDRQ was positively correlated with both Perceived Fairness and Customer Trust, the EFA revealed an imperfect empirical separation between PDRQ, Fairness, and Trust, and its bivariate link with Customer Trust was stronger than its association with Fairness. This combination presents a crucial question: did respondents make the distinction between their fairness appraisal and the quality of dispute handling as clearly as the proposed sequential PDRQ → Fairness → Trust procedure assumes? From a conceptual standpoint, promptness, openness, and communication can convey expertise, dependability, and appropriate treatment in addition to procedural excellence. Therefore, rather than first translating recovery quality into a clear fairness judgment, customers may make a more comprehensive assessment of institutional trustworthiness right from the recovery process.
Instead of being theoretical, a competing explanation is methodological. The EFA's cross-loadings point to potential conceptual closeness across a few measures, which could have lessened PDRQ, Fairness, and Trust's empirical distinctiveness in this sample. Since the regression diagnostics did not reveal problematic VIF levels or prove that the constructs are logically similar, this should not be construed as traditional multicollinearity. Rather, it poses a discriminant-validity challenge regarding the measures' ability to capture enough different psychological judgments. This is especially important for mediation since the mediator must provide explanatory information that can be distinguished from both the predictor and the outcome in order to demonstrate an indirect mechanism.
However, there is not enough data to draw the conclusion that fairness plays no part. While the indirect effect was likewise positive (.2897) with a bootstrap interval that narrowly encompassed zero [−.0056, .6481], its Model 4 coefficient remained positive (B=.4470), but the HC3 confidence interval was broad and crossed zero [−.0751, .9690]. Measurement overlap and low statistical precision cannot be reliably separated with N=49. Therefore, rather than refuting the suggested sequential mechanism, the results cast doubt on it. Before evaluating whether Fairness offers a unique mediating pathway between PDRQ and Customer Trust, a larger study should first build the measuring model through CFA and evaluate convergent and discriminant validity.
The mediation estimate might have been weakened by three restrictions. First, an indirect effect with N=49 has poor precision; the point estimate was positive, but its lower bootstrap bound barely passed zero. Second, there was less assurance that the mediator was empirically distinct because EFA revealed overlap across PDRQ, Fairness, and Trust. Third, some fairness ratings were based on perceived bank capabilities rather than a specific recovery incident because respondents were not required to have had a recent dispute. Therefore, the proper conclusion is not that there is no mediation in this sample, but rather that there is inadequate evidence for mediation.
[bookmark: _Toc238592653]5.4 Fraud Concern and the Unsupported Moderation
The Fairness–Trust relationship was not considerably moderated by Fraud Concern. This calls into question the proposed PMT-based boundary condition. Instead of reflecting mistrust per se, Fraud Concern was meant to represent threat appraisal vulnerability to digital fraud and the seriousness of its repercussions (Rogers, 1975). The descriptive findings are illuminating: Customer trust was strong (M=4.09) and fraud concern was high (M=4.22), with virtually no zero-order association. Thus, customers can differentiate between "I trust my bank to handle problems" and "digital payments involve fraud risk." Institutional trust can coexist with vulnerability awareness, which is consistent with the notion that trust entails embracing vulnerability rather than removing risk (Mayer, Davis, and Schoorman, 1995).
Additionally, the nonsignificant interaction raises the possibility that a general fraud issue is too distant to influence a fairness assessment of a particular bank. Trust restoration may be more closely linked to more proximal factors, such as recent fraud victimization, perceived chance of recurrence, bank-specific security weakness, or failure severity. While Aljaradat and Shukla (2025) demonstrate how cybercrime experience can influence downstream digital-payment linkages, Raza et al. (2023) offer evidence that failure intensity might modify recovery consequences. Although they do not prove the particular moderation examined here, these researchs provide credence to conditionality.
[bookmark: _Toc238592654]5.5 Evaluation of the Integrated Model and Theoretical Implications
Partial support was given to the overall model. The data did not support basic mediation, second-stage moderation, or moderated mediation, but it did support PDRQ → Fairness and PDRQ → Trust. This implies that rather than being strictly sequential, the link between trust and dispute resolution may be multichannel. Customers' evaluation of recovery is explained by justice theory, recovery performance might impact confidence is explained by trust-repair perspectives, and threat appraisal is explained by PMT. The current research demonstrates that an integrated conditional mechanism is not always demonstrated by combining these viewpoints. It is necessary to test the empirical relationships between them.
In theory, this is helpful. It suggests that PDRQ may simultaneously communicate a number of signals, including competence, responsiveness, fairness, and dependability, but fairness by itself might not be sufficient to build trust. Although the literature, especially Ali et al. (2025), suggests that post-recovery happiness, institutional competence, and security reassurance are feasible additional processes, they were not evaluated here and should not be added retroactively to improve model fit. The proper conclusion is that rather than post-hoc modification, the suggested framework has to be refined.
An additional issue relates to how nonsignificant results should be interpreted. In order to maximize statistical significance, the original framework should not be rebuilt since it was created before to the study. It would be difficult to distinguish between post-hoc model building and theory testing if Fraud Concern was eliminated because its interaction was not significant or if a new mediator was included after the results were observed. Rather, the unsupported routes ought to be seen as proof of the limitations of the suggested explanation. Instead of looking for significant coefficients, this maintains the pilot's utility as a diagnostic test of theory.
The results also show why validity and dependability need to be taken into account independently. Every scale had a high Cronbach's alpha, however the EFA revealed that PDRQ, Fairness, and Trust were not fully separated. Therefore, high internal consistency does not demonstrate that nearby constructs are discriminant, but it does establish that items within a scale move together. The interpretation of the conditional-process model itself is affected by this distinction. When the measurements that represent latent concepts are not clearly separated, it is challenging to properly evaluate the structural relationships among those concepts. Therefore, rather than providing conclusive proof of the underlying causal process, the current PROCESS results should be interpreted as preliminary construct-level connections. Testing the structural mediation and moderation links should come after the measuring model has been developed through CFA and formal evaluation of convergent and discriminant validity. In mediation, where a mediator must provide conceptually different explanations between X and Y, this measurement problem is particularly crucial. As a result, the present findings encourage careful interpretation of the structural routes and highlight the necessity of better construct separation in future studies.
[bookmark: _Toc238592655]5.6 Practical Implications
The most persuasive practical message for Nepalese banks and digital payment providers is that the quality of dispute resolution itself is important. Instead of being only an administrative procedure for resolving complaints, dispute management ought to be viewed as a component of customer relationship management. Fairness assessments and trust can be influenced by prompt acknowledgment, clear explanations, consistent communication, and skillful research. As a result, banks should keep an eye on closure times that are longer than usual. Time to first response, adherence to advertised resolution timelines, update frequency, and escalation rates are all helpful operational indicators.
Additionally, the unsupported mediation outcome warns banks not to rely just on procedural justice to rebuild confidence. Evidence of institutional competency and dependability should accompany a fair procedure. In the same way, a high level of fraud worry should not be taken as a sign of mistrust. Clear information on safeguards, reporting routes, investigative procedures, and customer-protection systems can be combined with fraud-awareness communication. Lastly, rather than being handled as individual incidents, dispute data can be utilized organizationally to find recurrent transaction failures and coordination bottlenecks.
Banks can use these findings to create a recovery architecture that is more integrated. A client should be able to report an issue via a clear channel, get timely acknowledgment, comprehend the anticipated timeframe, receive insightful updates, and be given an explanation of the final decision. When many organizational units or outside payment providers are involved, the customer should not be given more responsibility for coordination; instead, it should remain invisible to them. This results from the discovery that fairness and trust are associated with the perceived quality of the entire handling process, not just the final result.
The outcome has various implications when it comes to fraud concerns. Concern should not be equated with mistrust in security communications. While still having faith in their bank, customers may have serious concerns about fraud. Therefore, banks might gain by combining threat awareness with efficacy information, such as what preventive procedures are in place, what customers should do, how quickly suspicious activity can be reported, and what recovery support is available. These suggestions are still applications of the observed pattern rather than assertions of causation because the current study did not evaluate such interventions.
[bookmark: _Toc238592656]5.7 Limitations and Future Research
The results were limited by a number of factors. First, for a 31-item EFA and for mediation, interaction, and moderated-mediation effects, the analytical sample of 49 was tiny; this low precision is reflected in the large bootstrap intervals. Future research should employ a far bigger sample size and perform an a priori power analysis to establish sample size. Second, representativeness is constrained by convenience-based hiring through personal connections. External validity would be enhanced by more extensive sample across geographies, banks, and socioeconomic classes.
Third, temporal ordering cannot be established by the cross-sectional design. In order to assess healing over time, longitudinal study could measure trust surrounding an actual disagreement, fairness following resolution, and subsequent trust. Fourth, it was not necessary for respondents to have encountered a recent conflict firsthand. Future studies should capture the type, severity, financial value, outcome, and settlement time of disputes and separate real complainants from regular users. Fifth, despite strong reliability, EFA revealed an insufficient separation between PDRQ, Fairness, and Trust. Prior to structural testing, future studies should improve semantically overlapping items and assess convergent and discriminant validity using CFA. Lastly, there may have been a common-method influence because all constructs were self-reported in a single survey. When it is both morally and practically possible, combining perceptions with independently recorded recovery markers would improve inference.
Future studies should not only apply the same model to additional scenarios. The unsupported routes point to the importance of logically investigating alternate causes, such as more proximal risk conditions and post-recovery satisfaction or perceived institutional competency. Rather than being added to the current model after the fact, these options need to be developed independently.
Additionally, the pilot draws attention to an interpretive constraint brought forth by the population definition. PDRQ is best defined as perceived competence because both experienced and inexperienced consumers were eligible. While some respondents relied on predictions regarding their primary bank, more seasoned respondents might have drawn from actual happenings. Although this increases the viability of recruiting, the results should not be interpreted as proof that every respondent's faith has been restored after a conflict. In the future, an experience-specific design might examine if prior fraud or dispute experience alters measurement or structural relationships by comparing real complainants with regular users.
Lastly, the module context should be taken into account while evaluating the analytical complexity. A conditional indirect process with multiple coefficients and an interaction term is estimated using PROCESS Model 14. Failure to get moderated mediation or significant moderation with N=49 may indicate both poor statistical precision and a truly weak effect. That uncertainty is effectively communicated by the bootstrap intervals. Therefore, rather than assuming that a sample adequate for direct regression is also adequate for moderated mediation, larger studies should be powered particularly for the interaction and indirect effects.
[bookmark: _Toc238592657]6. Conclusion
This quantitative pilot study investigated whether customer trust among young digital-payment users in Nepalese banks is correlated with the quality of digital payment dispute resolution, and whether this relationship is explained or conditioned by perceived fairness and fraud concern. PDRQ itself was the subject of the strongest evidence. Stronger views of justice and increased consumer trust were substantially correlated with higher PDRQ. These results bolster the theoretical and practical significance of how banks are thought to handle issues related to digital payments.
There was no statistical proof of the more intricate psychological mechanism. After controlling for PDRQ, perceived fairness did not independently predict customer trust at the 5% level, and the bootstrap confidence interval for the indirect effect contained zero. The Fairness–Trust link was not significantly moderated by Fraud Concern, and zero was included in the moderated mediation index. Thus, in this sample, H1 and H3 were supported but H2, H4, H5, and H6 were not.
Because perceived dispute resolution quality is positively correlated with both fairness and trust, the research issue can be tentatively answered. However, this pilot does not show that fairness extends the relationship into trust or that fraud concerns alter that process. By analyzing the direct PDRQ–Fairness, Fairness–Trust, and PDRQ–Trust correlations, the suggested mediating role of fairness, the moderating role of fraud concern, and the ensuing conditional indirect effect, the analyzes collectively addressed the six research objectives. The results suggest a more comprehensive, maybe multichannel interaction in which dispute resolution may concurrently communicate expertise, fairness, responsiveness, and dependability. This emphasizes the necessity for banks to handle disputes promptly, openly, and communicatively. Larger samples, more precise measurement separation, real dispute-experience designs, and more robust temporal evidence are required for research before the suggested process can be validated.
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[bookmark: _Toc238592660]Appendix A - Survey questionnaire
Participant Information
You are invited to participate in this research as part of a Doctor of Business Administration (DBA) program.
Purpose: This study examines how young digital-payment users perceive the ability of Nepalese banks to resolve digital-payment disputes and how these perceptions influence customer trust. It also examines the roles of perceived fairness and fraud concern.
Participation: Participation is voluntary. The survey requires approximately 7–9 minutes. You may stop completing the questionnaire at any time before submitting your responses.
Confidentiality: Your responses are anonymous and confidential. No personally identifiable information or banking credentials will be collected.
Risks: The study involves minimal risk. Some questions regarding fraud may cause minor discomfort.
Benefits: Your responses will contribute to research that may help improve digital-payment dispute management in Nepalese banks.
Consent (Required)
☐ I confirm that I am between 18 and 35 years old.
☐ I currently use digital-payment services provided by a Nepalese bank.
☐ I have read and understood the participant information.
☐ I voluntarily agree to participate in this study.
Section A: Digital-Payment Profile
A1. Age
○ 18–21
○ 22–25
○ 26–30
○ 31–35
○ Outside this age range (End survey)
A2. Do you currently use digital-payment services provided by a Nepalese bank?
○ Yes
○ No (End survey)
A3. Which digital-payment services do you currently use? (Select all that apply)
○ Mobile banking
○ Internet banking
○ QR payment
○ Debit card
○ Credit card
○ Interbank transfer
○ Digital wallet linked to a bank
○ Other
A4. How frequently do you use digital-payment services?
○ Daily
○ 3–5 times per week
○ 1–2 times per week
○ Several times per month
○ Less than once per month
A5. How long have you used digital-payment services?
○ less than 1 year
○ 1–2 years
○ 3–4 years
○ 5 years or more
Section B: Previous Experience
B1. Have you ever experienced a digital-payment problem or dispute?
○ Yes
○ No
○ Unsure
B2. Which problems have you experienced? (Select all that apply)
○ Failed transaction (amount deducted)
○ Delayed payment
○ Duplicate debit
○ Delayed refund
○ Incorrect transfer
○ Unauthorised transaction
○ Other
○ I have not experienced any problem
B3. Have you ever reported a digital-payment problem to your bank’s customer service or dispute resolution department?
○ Yes
○ No
○ Not applicable
B4. Have you ever experienced digital-payment fraud?
○ Yes
○ No
○ Unsure
Instructions for Sections C–G
Please answer the following statements based on your general perceptions and experiences with your main bank’s digital-payment services. If you have previously experienced a digital-payment problem, you may consider that experience when answering.
Scale: 1 = Strongly Disagree, 2 = Disagree, 3 = Neither Agree nor Disagree, 4 = Agree, 5 = Strongly Agree
Section C: Perceived Digital-Payment Dispute Resolution Quality
	Code
	Statement
	1
	2
	3
	4
	5

	PDRQ1
	my bank would acknowledge a digital-payment complaint promptly.
	○
	○
	○
	○
	○

	PDRQ2
	my bank would investigate a digital-payment problem without unnecessary delay.
	○
	○
	○
	○
	○

	PDRQ3
	my bank would resolve a digital-payment dispute within a reasonable period.
	○
	○
	○
	○
	○

	PDRQ4
	my bank would clearly explain the dispute-resolution process to me.
	○
	○
	○
	○
	○

	PDRQ5
	my bank would provide me with clear information about the expected resolution time.
	○
	○
	○
	○
	○

	PDRQ6
	my bank would clearly explain the reason for its final decision to me.
	○
	○
	○
	○
	○

	PDRQ7
	my bank would keep me informed throughout the dispute-resolution process.
	○
	○
	○
	○
	○

	PDRQ8
	bank representatives would answer my questions clearly and adequately.
	○
	○
	○
	○
	○

	PDRQ9
	my bank would communicate with me respectfully and consistently during dispute resolution.
	○
	○
	○
	○
	○



Section D: Perceived Fairness
	Code
	Statement
	1
	2
	3
	4
	5

	PF1
	I believe I would have an adequate opportunity to explain a digital-payment problem.
	○
	○
	○
	○
	○

	PF2
	I believe my bank would consider all relevant information before making a dispute decision.
	○
	○
	○
	○
	○

	PF3
	I believe the final decision would fairly reflect the payment problem I experienced.
	○
	○
	○
	○
	○

	PF4
	I believe any refund, correction or remedy I receive would be appropriate.
	○
	○
	○
	○
	○

	PF5
	I believe bank representatives would treat me with dignity and respect.
	○
	○
	○
	○
	○

	PF6
	I believe my bank would provide an honest and reasonable explanation for its dispute decision.
	○
	○
	○
	○
	○



Section E: Customer Trust
	Code
	Statement
	1
	2
	3
	4
	5

	CT1
	I believe my bank is capable of handling digital-payment problems effectively.
	○
	○
	○
	○
	○

	CT2
	I can rely on my bank when a digital-payment problem occurs.
	○
	○
	○
	○
	○

	CT3
	I believe my bank would act honestly when handling a digital-payment dispute.
	○
	○
	○
	○
	○

	CT4
	I believe my bank takes my legitimate interests into account.
	○
	○
	○
	○
	○

	CT5
	I have confidence in my bank’s ability to manage digital-payment disputes.
	○
	○
	○
	○
	○

	CT6
	Overall, I trust my bank.
	○
	○
	○
	○
	○



Section F: Fraud Concern
	Code
	Statement
	1
	2
	3
	4
	5

	FC1
	I believe I could become a victim of digital-payment fraud.
	○
	○
	○
	○
	○

	FC2
	I worry that unauthorised persons could gain access to my digital-payment account.
	○
	○
	○
	○
	○

	FC3
	I believe digital-payment fraud could happen to me even when I take reasonable precautions.
	○
	○
	○
	○
	○

	FC4
	Digital-payment fraud could cause me serious financial loss.
	○
	○
	○
	○
	○

	FC5
	Recovering money lost through digital-payment fraud could be difficult for me.
	○
	○
	○
	○
	○

	FC6
	A digital-payment fraud incident would seriously disrupt my financial activities.
	○
	○
	○
	○
	○



Section G: Digital-Payment Literacy (Control Variable)
	Code
	Statement
	1
	2
	3
	4
	5

	DPL1
	I can confidently use the digital-payment services provided by my bank.
	○
	○
	○
	○
	○

	DPL2
	I understand the basic security precautions required when using digital payments.
	○
	○
	○
	○
	○

	DPL3
	I can recognise common signs of suspicious digital-payment activity.
	○
	○
	○
	○
	○

	DPL4
	I know how to report a digital-payment problem to my bank.
	○
	○
	○
	○
	○


Section H: Respondent Profile
H1. Gender
○ Male
○ Female
○ Non-binary
○ Prefer not to say
H2. Highest educational qualification
○ Secondary or below
○ Higher Secondary
○ Bachelor’s
○ Master’s
○ Doctoral/Professional
○ Other
H3. Employment status
○ Student
○ Employed full-time
○ Employed part-time
○ Self-employed
○ Unemployed
○ Other
H4. Monthly personal income (NPR)
○ less than NPR 25,000
○ NPR 25,000–49,999
○ NPR 50,000–74,999
○ NPR 75,000–99,999
○ Above NPR 100,000
○ Prefer not to say
H5. Main financial institution used
○ Commercial bank
○ Development bank
○ Finance company
○ Other regulated provider
○ Unsure
H6. How familiar are you with your bank’s dispute-resolution procedure?
○ Not at all
○ Slightly
○ Moderately
○ Very
○ Extremely
Closing
Thank you for participating in this research. Please do not provide any personal banking information such as account numbers, card details, passwords, PINs or transaction references.
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	Reliability Statistics

	Cronbach's Alpha
	Cronbach's Alpha Based on Standardized Items
	N of Items

	.878
	.880
	9




	Item-Total Statistics

	
	Scale Mean if Item Deleted
	Scale Variance if Item Deleted
	Corrected Item-Total Correlation
	Squared Multiple Correlation
	Cronbach's Alpha if Item Deleted

	PDRQ1
	31.49
	22.797
	.584
	.685
	.869

	PDRQ2
	31.78
	21.719
	.724
	.646
	.855

	PDRQ3
	31.76
	22.980
	.733
	.718
	.856

	PDRQ4
	31.53
	25.713
	.393
	.415
	.882

	PDRQ5
	31.57
	25.000
	.620
	.586
	.868

	PDRQ6
	31.76
	22.980
	.678
	.566
	.860

	PDRQ7
	31.98
	22.312
	.662
	.558
	.862

	PDRQ8
	31.55
	23.753
	.564
	.733
	.870

	PDRQ9
	31.49
	23.255
	.675
	.775
	.861



	KMO and Bartlett's Test

	Kaiser-Meyer-Olkin Measure of Sampling Adequacy.
	.734

	Bartlett's Test of Sphericity
	Approx. Chi-Square
	1395.975

	
	df
	465

	
	Sig.
	<.001


	Total Variance Explained

	Factor
	Initial Eigenvalues
	Extraction Sums of Squared Loadings
	Rotation Sums of Squared Loadingsa

	
	Total
	% of Variance
	Cumulative %
	Total
	% of Variance
	Cumulative %
	Total

	1
	10.982
	35.427
	35.427
	10.639
	34.319
	34.319
	7.035

	2
	4.565
	14.726
	50.153
	4.299
	13.869
	48.189
	4.767

	3
	2.883
	9.300
	59.453
	2.571
	8.293
	56.482
	5.047

	4
	1.785
	5.758
	65.210
	1.527
	4.926
	61.407
	4.382

	5
	1.718
	5.543
	70.754
	1.404
	4.530
	65.937
	7.049

	6
	1.442
	4.651
	75.404
	
	
	
	

	7
	1.187
	3.831
	79.235
	
	
	
	

	8
	.924
	2.979
	82.214
	
	
	
	

	9
	.786
	2.535
	84.749
	
	
	
	

	10
	.649
	2.095
	86.844
	
	
	
	

	11
	.605
	1.952
	88.796
	
	
	
	

	12
	.504
	1.625
	90.421
	
	
	
	

	13
	.484
	1.560
	91.981
	
	
	
	

	14
	.357
	1.152
	93.133
	
	
	
	

	15
	.336
	1.084
	94.217
	
	
	
	

	16
	.260
	.838
	95.055
	
	
	
	

	17
	.234
	.755
	95.810
	
	
	
	

	18
	.207
	.668
	96.478
	
	
	
	

	19
	.190
	.614
	97.093
	
	
	
	

	20
	.181
	.583
	97.676
	
	
	
	

	21
	.150
	.483
	98.159
	
	
	
	

	22
	.125
	.402
	98.561
	
	
	
	

	23
	.090
	.292
	98.852
	
	
	
	

	24
	.080
	.260
	99.112
	
	
	
	

	25
	.071
	.227
	99.339
	
	
	
	

	26
	.049
	.157
	99.497
	
	
	
	

	27
	.041
	.131
	99.628
	
	
	
	

	28
	.034
	.111
	99.738
	
	
	
	

	29
	.031
	.100
	99.838
	
	
	
	

	30
	.026
	.084
	99.922
	
	
	
	

	31
	.024
	.078
	100.000
	
	
	
	

	Extraction Method: Principal Axis Factoring.

	a. When factors are correlated, sums of squared loadings cannot be added to obtain a total variance.






	Pattern Matrixa

	
	Factor

	
	1
	2
	3
	4
	5

	PDRQ1
	.707
	.146
	-.296
	.248
	-.359

	PF6
	.704
	-.035
	.035
	-.342
	.099

	CT6
	.680
	-.141
	.263
	-.170
	-.060

	CT1
	.671
	.018
	.151
	.043
	-.076

	PF5
	.655
	-.106
	.107
	.056
	-.086

	PDRQ4
	.569
	.054
	-.070
	-.173
	.060

	PF2
	.455
	.054
	.144
	-.212
	-.156

	FC3
	.322
	.872
	-.121
	-.003
	.110

	FC2
	-.134
	.866
	-.019
	.164
	-.069

	FC4
	-.064
	.826
	.191
	-.016
	.032

	FC5
	-.150
	.818
	-.060
	-.171
	-.097

	FC1
	.093
	.810
	-.054
	.290
	-.128

	FC6
	-.027
	.709
	.097
	-.241
	.056

	DPL2
	-.094
	-.021
	.936
	-.085
	-.032

	DPL1
	.259
	.279
	.692
	-.027
	.031

	DPL3
	.170
	.001
	.653
	-.106
	.065

	DPL4
	-.082
	-.076
	.638
	.127
	-.273

	PF1
	.402
	.233
	.409
	.014
	-.037

	PF4
	-.052
	-.028
	.081
	-.938
	-.165

	PF3
	.303
	.012
	.028
	-.726
	-.046

	PDRQ5
	.168
	.123
	-.089
	-.383
	-.327

	PDRQ3
	-.019
	.144
	-.249
	-.319
	-.724

	PDRQ9
	-.120
	.239
	.325
	-.105
	-.667

	CT5
	.187
	-.163
	.277
	.023
	-.650

	PDRQ8
	.057
	.140
	.339
	.193
	-.602

	PDRQ2
	.363
	.025
	-.341
	-.133
	-.593

	PDRQ6
	.093
	.085
	.283
	-.148
	-.550

	PDRQ7
	.117
	.088
	.043
	-.340
	-.493

	CT4
	.333
	-.180
	.130
	-.042
	-.413

	CT2
	.264
	-.085
	.374
	-.209
	-.385

	CT3
	.173
	-.161
	.345
	-.136
	-.360

	Extraction Method: Principal Axis Factoring. 
 Rotation Method: Oblimin with Kaiser Normalization.

	a. Rotation converged in 21 iterations.
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	Model Summaryb

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate
	Durbin-Watson

	1
	.827a
	.685
	.656
	.36428
	2.053

	a. Predictors: (Constant), DPL_MEAN, FC_MEAN, PF_MEAN, PDRQ_MEAN

	b. Dependent Variable: CT_MEAN





	Coefficientsa

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.
	Collinearity Statistics

	
	B
	Std. Error
	Beta
	
	
	Tolerance
	VIF

	1
	(Constant)
	.360
	.481
	
	.748
	.458
	
	

	
	PDRQ_MEAN
	.502
	.131
	.485
	3.826
	<.001
	.446
	2.242

	
	PF_MEAN
	.317
	.138
	.283
	2.297
	.026
	.471
	2.123

	
	FC_MEAN
	-.134
	.060
	-.199
	-2.213
	.032
	.883
	1.132

	
	DPL_MEAN
	.237
	.091
	.247
	2.613
	.012
	.802
	1.247

	a. Dependent Variable: CT_MEAN
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***************** PROCESS Procedure for SPSS Version 5.0 *****************

          Written by Andrew F. Hayes, Ph.D.       www.afhayes.com
    Documentation available in Hayes (2022). www.guilford.com/p/hayes3

**************************************************************************
  Model: 4
      Y: CT_MEAN
      X: PDRQ_M
      M: PF_MEAN

Sample
Size:  49

Variable descriptive statistics
        CT_MEAN     PDRQ_M    PF_MEAN
Mean     4.0850     3.9569     4.1565
SD        .6209      .6000      .5553
Min      2.3333     1.7778     2.0000
Max      5.0000     4.8889     5.0000

Variable intercorrelations (Pearson r)
           CT_MEAN     PDRQ_M    PF_MEAN
CT_MEAN     1.0000      .7194      .7075
PDRQ_M       .7194     1.0000      .7004
PF_MEAN      .7075      .7004     1.0000

**************************************************************************

OUTCOME VARIABLE:
 PF_MEAN

Model Summary
          R       R-sq        MSE     F(HC3)        df1        df2          p
      .7004      .4906      .1604    15.0650     1.0000    47.0000      .0003

Model
              coeff    se(HC3)          t          p       LLCI       ULCI
constant     1.5916      .6943     2.2924      .0264      .1948     2.9883
PDRQ_M        .6482      .1670     3.8814      .0003      .3122      .9842

-----------
Some regression diagnostics

               Min.       Max.
fitted       2.7439     4.7606
residual     -.9683      .8918
t-resid     -2.5936     2.4138

Shape of residuals
        Skewness   Kurtosis
Value     -.1116      .5010
se         .3398      .6681

Bonferroni-corrected p for largest t-residual
    t-resid    p-value    casenum
    -2.5936      .6220    10.0000

Most influential observations
            casenum     dfbeta
constant    11.0000     -.5483
PDRQ_M      11.0000      .1331

Variable tolerance and VIF
             Tol.        VIF
PDRQ_M     1.0000     1.0000

Breusch-Pagan test of heteroskedasticity
           Chi-sq         df          p
Normal    10.5842     1.0000      .0011
Robust     9.0801     1.0000      .0026

**************************************************************************

OUTCOME VARIABLE:
 CT_MEAN

Model Summary
          R       R-sq        MSE     F(HC3)        df1        df2          p
      .7739      .5989      .1614    28.7864     2.0000    46.0000      .0000

Model
              coeff    se(HC3)          t          p       LLCI       ULCI
constant      .4277      .5852      .7309      .4686     -.7503     1.6057
PDRQ_M        .4548      .2013     2.2593      .0286      .0496      .8600
PF_MEAN       .4470      .2594     1.7234      .0915     -.0751      .9690

-----------
Some regression diagnostics

               Min.       Max.
fitted       2.1301     4.8859
residual    -1.1028      .9627
t-resid     -3.2772     2.6924

Shape of residuals
        Skewness   Kurtosis
Value     -.0808      .7497
se         .3398      .6681

Bonferroni-corrected p for largest t-residual
    t-resid    p-value    casenum
    -3.2772      .0992    10.0000

Most influential observations
            casenum     dfbeta
constant    11.0000      .3963
PDRQ_M      21.0000      .0908
PF_MEAN     10.0000      .1665

Variable tolerance and VIF
              Tol.        VIF
PDRQ_M       .5094     1.9629
PF_MEAN      .5094     1.9629

Breusch-Pagan test of heteroskedasticity
           Chi-sq         df          p
Normal     4.9226     2.0000      .0853
Robust     3.8528     2.0000      .1457


****************** DIRECT AND INDIRECT EFFECTS OF X ON Y ******************

Direct effect of X on Y
     Effect    se(HC3)          t          p       LLCI       ULCI
      .4548      .2013     2.2593      .0286      .0496      .8600

Indirect effect(s) of X on Y:
            Effect     BootSE   BootLLCI   BootULCI
PF_MEAN      .2897      .1699     -.0056      .6481

Cases with greatest influence on indirect effect(s):
           casenum     dfb_ie
PF_MEAN    10.0000      .1126

*********************** ANALYSIS NOTES AND ERRORS ************************

Level of confidence for all confidence intervals in output:
  95.0000

Number of bootstrap samples for percentile bootstrap confidence intervals:
  5000

NOTE: A heteroskedasticity-consistent standard error and covariance matrix
      estimator was used.

------ END MATRIX -----
[bookmark: _Toc238592664]Appendix E — PROCESS Model 14: Moderated-Mediation Analysis


***************** PROCESS Procedure for SPSS Version 5.0 *****************

          Written by Andrew F. Hayes, Ph.D.       www.afhayes.com
    Documentation available in Hayes (2022). www.guilford.com/p/hayes3

**************************************************************************
  Model: 14
      Y: CT_MEAN
      X: PDRQ_M
      M: PF_MEAN
      W: FC_MEAN

Sample
Size:  49

Variable descriptive statistics
        CT_MEAN     PDRQ_M    PF_MEAN    FC_MEAN
Mean     4.0850     3.9569     4.1565     4.2245
SD        .6209      .6000      .5553      .9264
Min      2.3333     1.7778     2.0000     2.1667
Max      5.0000     4.8889     5.0000     5.0000

Variable intercorrelations (Pearson r)
           CT_MEAN     PDRQ_M    PF_MEAN    FC_MEAN
CT_MEAN     1.0000      .7194      .7075     -.0047
PDRQ_M       .7194     1.0000      .7004      .3044
PF_MEAN      .7075      .7004     1.0000      .1035
FC_MEAN     -.0047      .3044      .1035     1.0000

**************************************************************************

OUTCOME VARIABLE:
 PF_MEAN

Model Summary
          R       R-sq        MSE     F(HC3)        df1        df2          p
      .7004      .4906      .1604    15.0650     1.0000    47.0000      .0003

Model
              coeff    se(HC3)          t          p       LLCI       ULCI
constant    -2.5649      .6943    -3.6943      .0006    -3.9616    -1.1682
PDRQ_M        .6482      .1670     3.8814      .0003      .3122      .9842

-----------
Some regression diagnostics

               Min.       Max.
fitted      -1.4125      .6041
residual     -.9683      .8918
t-resid     -2.5936     2.4138

Shape of residuals
        Skewness   Kurtosis
Value     -.1116      .5010
se         .3398      .6681

Bonferroni-corrected p for largest t-residual
    t-resid    p-value    casenum
    -2.5936      .6220    10.0000

Most influential observations
            casenum     dfbeta
constant    11.0000     -.5483
PDRQ_M      11.0000      .1331

Variable tolerance and VIF
             Tol.        VIF
PDRQ_M     1.0000     1.0000

Breusch-Pagan test of heteroskedasticity
           Chi-sq         df          p
Normal    10.5842     1.0000      .0011
Robust     9.0801     1.0000      .0026

**************************************************************************

OUTCOME VARIABLE:
 CT_MEAN

Model Summary
          R       R-sq        MSE     F(HC3)        df1        df2          p
      .8050      .6480      .1481    15.5337     4.0000    44.0000      .0000

Model
              coeff    se(HC3)          t          p       LLCI       ULCI
constant     1.8402      .7588     2.4252      .0195      .3110     3.3695
PDRQ_M        .5657      .1950     2.9016      .0058      .1728      .9587
PF_MEAN       .4845      .2940     1.6479      .1065     -.1081     1.0771
FC_MEAN      -.1380      .0771    -1.7892      .0805     -.2934      .0174
Int_1         .1198      .1656      .7234      .4733     -.2140      .4536

Product terms key:
 Int_1    :        PF_MEAN  x        FC_MEAN

Test(s) of highest order unconditional interaction(s):
       R2-chng     F(HC3)        df1        df2          p
M*W      .0125      .5232     1.0000    44.0000      .4733
----------
    Focal predict: PF_MEAN  (M)
          Mod var: FC_MEAN  (W)

Data for visualizing the conditional effect of the focal predictor:
Paste text below into a SPSS syntax window and execute to produce plot.

DATA LIST FREE/
   PF_MEAN    FC_MEAN    CT_MEAN    .
BEGIN DATA.
     -.3231    -1.3912     4.1680
      .0102    -1.3912     4.2740
      .5102    -1.3912     4.4329
     -.3231      .4422     3.8441
      .0102      .4422     4.0233
      .5102      .4422     4.2920
     -.3231      .7755     3.7852
      .0102      .7755     3.9777
      .5102      .7755     4.2664
END DATA.
GRAPH/SCATTERPLOT=
 PF_MEAN  WITH     CT_MEAN  BY       FC_MEAN  .

-----------
Some regression diagnostics

               Min.       Max.
fitted       2.6167     4.9861
residual     -.8986      .9056
t-resid     -2.9913     2.5778

Shape of residuals
        Skewness   Kurtosis
Value     -.0987      .3797
se         .3398      .6681

Bonferroni-corrected p for largest t-residual
    t-resid    p-value    casenum
    -2.9913      .2247    10.0000

Most influential observations
            casenum     dfbeta
constant    21.0000     -.3960
PDRQ_M      21.0000      .1040
PF_MEAN     10.0000      .2384
FC_MEAN     21.0000     -.0453
Int_1       10.0000      .1119

Variable tolerance and VIF
              Tol.        VIF
PDRQ_M       .4516     2.2144
PF_MEAN      .4007     2.4957
FC_MEAN      .8834     1.1320
Int_1        .6174     1.6198

Breusch-Pagan test of heteroskedasticity
           Chi-sq         df          p
Normal     7.0036     4.0000      .1357
Robust     6.3036     4.0000      .1776


****************** DIRECT AND INDIRECT EFFECTS OF X ON Y ******************

Direct effect of X on Y
     Effect    se(HC3)          t          p       LLCI       ULCI
      .5657      .1950     2.9016      .0058      .1728      .9587

Conditional indirect effects of X on Y:

INDIRECT EFFECT:
 PDRQ_M      ->    PF_MEAN     ->    CT_MEAN

    FC_MEAN     Effect     BootSE   BootLLCI   BootULCI
    -1.3912      .2060      .1711     -.1044      .5667
      .4422      .3484      .2044     -.0414      .7454
      .7755      .3743      .2260     -.0620      .8046

      Index of moderated mediation:
             Index     BootSE   BootLLCI   BootULCI
FC_MEAN      .0777      .0986     -.1151      .2861

*********************** ANALYSIS NOTES AND ERRORS ************************

Level of confidence for all confidence intervals in output:
  95.0000

Number of bootstrap samples for percentile bootstrap confidence intervals:
  5000

W values in conditional tables are the 16th, 50th, and 84th percentiles.

NOTE: A heteroskedasticity-consistent standard error and covariance matrix
      estimator was used.

NOTE: The following variables were mean centered prior to analysis:
          FC_MEAN  PF_MEAN

------ END MATRIX -----
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