


Data Handling & Business Intelligence


BA Business Management                LCBB5000_BIRM        Abdallah Naser                                                                                            
     
Georgi Dimitrov                    Student number 2230344


Introduction
BI as a concept has hence emerged as a critical aspect within the contemporary business environment that relies heavily on data. While organizations struggle to respond to the challenges and possibilities of “big data” that includes the volume, variety, and velocity of data, the field of BI has adopted new trend like fast analytics and data science (Larson & Chang, 2016). The purpose of this report is to identify the current trends in BI as analyzed in the research article by Larson and Chang titled “A Review and Future Directions of Agile, Business Intelligence, Analytics & Data Science” published in 2016. It is through the identification of the ideas and arguments presented in the article and the explanation of the outline of the study that this report aims at shedding light on the current methods applied in BI and how organizations can enhance their competitiveness through the application of BI techniques. The article by Larson and Chang (2016) titled ‘A Review and Future Direction of Agile, Business Intelligence, Analytics and Data Science’. This article give useful information on the current state and the possible future of BI which focus more on agile method, fast analysis and big data for competitive advantage.
Agile methodologies have proven to be a valuable approach in the realm of business intelligence (BI) delivery. Larson and Chang (2016) point out that agility as a framework complements the iterative and incremental approach to BI development to allow organizations to address the challenges of unclear requirements, inadequate data quality, and insufficient stakeholder participation. The authors call special attention to the efficacy of Scrum and XP methodologies in software development and discuss their proper application to BI projects. Applying agile methods, such as collaboration, flexibility, and the ability to adapt to change, will enable organizations to deliver working Business Intelligence solutions on a regular basis so that stakeholders may give feedback and refine their requirements in the process of development (Larson & Chang, 2016). This iterative approach allows for rapid adaptation to new and changing business requirements as well as delivering value in small increments rather than waiting for the perfect end solution (Muntean & Surcel, 2013). However, agile BI delivery ensures that IT and the business side work together and are held responsible for the delivery of the project.
Fast analytics has become more popular as companies need fast ways to obtain and display data. Larson and Chang (2016) define fast analytics as the process of quickly querying, evaluating, and visualizing data to enable analysts to search and make sense of great amounts of structured and unstructured information. The authors attribute this development to the emergence of large data technologies like Hadoop and NoSQL databases due to their efficiency in managing large data sets (Larson & Chang, 2016). Fast analytics enable organizations to move from simple descriptive analytics to predictive and prescriptive analytics, using machine learning algorithms to find patterns, forecast outcomes, and suggest courses of action (Halpern, 2015). Fast analytics can enable organizations to make near real-time decisions, respond quickly to market signals and shifts, and uncover new sources of growth (Larson & Chang, 2016). Moreover, fast analytics helps organizations manage their affairs more effectively, enhance the value of customer experience, and spur innovation since insights are delivered at the tempo of business (Jarr, 2015).
Data science can now be regarded as an essential part of business intelligence systems because it helps analyze large and heterogeneous data to extract meaningful information. Larson and Chang (2016) state that data science involves aspects of statistics, computation, and subject matter specializations to develop data assets and models for decision-making. The authors also note that data scientists must be involved throughout this process, as they have the skills needed to obtain, clean, analyze, and visualize the data as well as present it to others (Larson & Chang, 2016). Data science, therefore, is an extension of existing fields like data mining and statistical analysis to meet the opportunities and challenges of big data (Dhar, 2013). Organizations can harness data science to maximize the post-acquisition value of their data resources, discover previously unknown patterns and trends, and make accurate future predictions (Larson & Chang, 2016). Some of the benefits of data science include that it can help organizations understand their customers better, improve business processes, create new products and services, and much more, according to Davenport and Patil, 2012.
Agile methodologies, business intelligence, and data science complement each other for the improvement of data analytics in organizations. According to Larson and Chang (2016), the integration of these approaches results in optimal and efficient use of data. The authors stress the relevance of agile principles like collaboration, iterative development, and responsiveness to change for data science projects since such projects are exploratory and iterative in nature. Using agile, data science teams are able to work hand-in-hand with business partners, experiment with models, and incorporate acquired knowledge and business feedback into the process at a much higher speed (Larson & Chang, 2016). This complementary approach enables organizations to bridge the gap between BI and data science projects such that the insights derived from the latter are communicated within the organization and integrated into the operation of the business (Koronios et al., 2014). By applying a culture of collaboration and a methodology of continuous improvement, organizations can enhance the value of data and idea generation (Larson & Chang, 2016). BI data, a science, and agile methodologies are integrated together to provide a strong framework that allows the organization to solve complex business problems, find new opportunities, and stay competitive in the big data era (Chen et al., 2012).
Although claiming the advantages of using agile methodologies, business intelligence, and data science in organizations, Larson & Chang (2016) also revealed the problems with these approaches and concluded possible directions of future research and application. The authors also point out that organizational culture and mindset are most often changed as the result of the decision to implement agile methodologies, and resources are needed for training. They also highlight the issue of data quality and governance since the effectiveness of BI and data science often relies on the data that is available (Larson & Chang, 2016). Similar concerns are also captured by other authors who note that organizations need to create a culture of analytics, expand data literacy, and implement sound data management systems for BI and data science to flourish (Carvalho et al., 2016; Kiron et al., 2014). However, Larson and Chang (2016) provide several future trends that are anticipated to define the future BI and data science solutions, including the cloud, self-service BI, and integration with enterprise applications. The authors also call for more research on those factors influencing agile BI and data science projects at the organizational and human aspects, new methods, and tools for managing them (Larson & Chang, 2016). Therefore, researchers and practitioners should continue researching more on new paths, challenges and possibilities to maximize the agility, BI and data science for improving the organizational performance (Chen & Nath, 2018).
The suggestions provided by Larson and Chang (2016) have significant implications for organizations that plan to use business intelligence and data science as sources of competitive advantage. The authors' observations point to the need to incorporate agility, encourage collaboration, and learn to experiment while recognizing and acquiring the necessary talent and tools that are required in the big data era. This transformation may require a radical change of attitude, and an organization will go from the traditional, linear, waterfall approach to BI and move to an iterative, data-oriented culture focused on rapid testing and learning (Larson & Chang, 2016). In addition, organizations must appreciate the significance of data quality and data governance, where data is assumed to be accurate, trusted, and adequately protected. If people, processes, and technology aspects are incorporated into an organization's BI and data science strategies, organizational leaders can leverage their data advantage and gain a competitive advantage within the business environment (Larson & Chang, 2016). Appropriate application of agile methodologies, BI, and data science results in faster and more accurate decisions, operations optimization, and innovation, which enhances business performance and sustainability (Watson & Wixom, 2007).


Conclusion
In conclusion, Larson and Chang's (2016) article entitled "A Review and Future Direction of Agile, Business Intelligence, analytics, and Data Science" offers a critical literature review of BI emphasizing agile, speed, and data science in the utilization of big data for competitive advantage. The authors' perspectives imply that organizations should embrace a more cyclical, cooperative, and experimental approach to BI, which focuses on the blitzkrieg testing and enhancement of BI and BI's synergy with data science initiatives. Thus, those companies that will be able to overcome the existing challenges and leverage the features of increasing volume, variety, and velocity of available data will be able to reap substantial benefits from their data and achieve a competitive advantage in the marketplace.
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