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How AI-Driven Customer Service Tools Affect Customer Satisfaction in the UK Banking Sector
1. [bookmark: _Toc233685112]Identification of a Business Problem
The rise of Web 2.0 has ushered in an era where Artificial Intelligence (AI) significantly impacts the financial sector, especially banking (Al-Baity, 2023). AI is transforming banking by enhancing customer services, like chatbots and voice recognition, and improving backend operations (Almatrafi et al., 2024). This integration is reshaping the industry, boosting customer interactions, and streamlining financial processes, with substantial cost savings anticipated, including over $447 billion in 2023 for banks in the UK and USA (Abdulsalam and Tajudeen, 2024). Moreover, based on estimates from McKinsey & Company (2023), financial services companies around the world could earn up to $340 billion annually from AI adoption, with one of the largest areas of expenditure projected to be in customer service automation. 
While these technologies are well-received, there is still a lot of concern about their effect on customer satisfaction. Abdulsalam and Tajudeen (2024) noted that despite the benefits offered, AI implementation in banking comes with numerous challenges, including creating efficient customer relationship management systems and automating processes. On one hand, AI tools enhance the availability, speed, and cost-effectiveness of services for financial institutions, but on the other hand, they pose a dilemma between effective operation and maintaining the human touch that financial customers appreciate. Lemon and Verhoef (2016) point out that customer experience is a multi-dimensional phenomenon, comprising cognitive, emotional, and behavioural reactions over time and through various touch points. The integration of AI systems into banking functions has significant implications for customer perception and assessment of their interactions with the bank.
Therefore, this proposal aims to investigate a crucial and timely business problem, which is the impact of AI-powered customer service tools on customer satisfaction in the UK banking industry. The Financial Conduct Authority (FCA, 2022) has expressed concern that automated systems are not effectively managing the risk of vulnerability of the customer, noting that AI tools may not be able to detect emotional distress, complex financial situations, and accessibility issues. Additionally, according to PwC (2025), 59% of UK banking customers still value the convenience of being able to have a human service them with complex queries. The duality of customers both using and distrusting AI service tools poses a pivotal strategic dilemma for banking institutions.
The study problem has more than just customer experience implications. Customer satisfaction has been consistently related to customers' loyalty, retention, cross-selling opportunities, and reputational effects (Parasuraman et al., 2005). In a fiercely competitive industry, like the banking sector, where challenger banks like Monzo and Starling Bank are pushing the frontiers of digital innovation, established banks are under pressure to implement AI on a large scale while also maintaining the levels of trust and satisfaction of their current customer base. This research therefore resolves a pressing strategic issue that is relevant for business decision makers in the UK financial services industry.
[bookmark: _Toc233685113]2. Research Aim, Objectives, and Research Questions
[bookmark: _Toc233685114]2.1 Research Aim:
This study will aim to critically examine the effects of AI-powered customer service tools on customer satisfaction in the UK banking industry in order to identify the factors that influence positive or negative customer outcomes.
[bookmark: _Toc233685115]2.2 Research Objectives:
1. To explore consumer attitudes and perceptions towards AI customer service versus human customer service in the UK banking sector.
2. To identify the specific dimensions of customer satisfaction (reliability, responsiveness, empathy, assurance, and tangibles) impacted by AI customer service tools based on the SERVQUAL framework.
3. To examine the challenges and enablers for customer acceptance of AI-powered service tools in UK banking settings.
4. To evaluate the impact of the use of AI in customer service for strategic decision making and service design in UK retail banking.
[bookmark: _Toc233685116]2.3 Research Questions:
RQ1: How do UK banking customers perceive the quality of service delivered through AI-driven customer service tools?
RQ2: What dimensions of the SERVQUAL framework are most impacted by replacing human agents with AI tools?
RQ3: What personal, contextual, and technological factors influence customer satisfaction with AI-driven banking services?
RQ4: How can UK banks strategically deploy AI customer service tools to optimise customer satisfaction without compromising service quality?
[bookmark: _Toc233685117]3. Critical Literature Review
[bookmark: _Toc233685118]3.1 AI-Driven Customer Service Tools in Financial Services
AI's role in customer service spans a range of technologies, such as rule-based chatbots, natural language processing (NLP) tools, machine learning virtual agents, and predictive analytics. According to IBM (2023), AI Chatbots can resolve as many as 80% of the routine customer service requests without any human involvement, which is a significant change in the way customer service channels are handled. 
Huang and Rust (2021) identify three types of AI: mechanical AI (rule-based automation), analytical AI (data-driven personalisation), and empathetic AI (emotion-responsive systems), and assert that the vast majority of AI tools in use in the banking sector fall into the mechanical or analytical categories. This taxonomy is especially relevant for the field of customer satisfaction in service environments, as emotional intelligence and empathy are considered key customer service attributes that are difficult to achieve with existing AI systems (Wirtz et al., 2018). There is a significant gap between the capabilities of AI tools and what customers require for complete satisfaction, constituting a critical research gap.
[bookmark: _Toc233685119]3.2 Customer Satisfaction Frameworks and Supporting Theories
One of the most popular frameworks used to measure service quality and its association with customer satisfaction is the SERVQUAL model, which was first developed by Parasuraman et al. (2005). Five dimensions of service quality emerged from the model: tangibles, reliability, responsiveness, assurance, and empathy. Later adaptations to the service quality context for digital and electronic service environments — particularly the E-SERVQUAL model (Zeithaml et al., 2002) and the eBanking service quality framework (Parasuraman et al., 2005) — add dimensions of system availability, efficiency, privacy, and fulfilment. 
Critically, the empathy dimension has been the most challenging dimension of SERVQUAL in AI-mediated service interactions. Klaus and Maklan (2013) suggest that customer experience quality is formed by an individual's cognitive evaluation of the service's functional performance and by the affective response to emotional engagement, and that current service quality measures fail to cover the experience of digital service interactions. Liljander et al. (2015) have recently discovered that customers who engage in conversations with a chatbot rate lower on satisfaction scores than those who talk to a human agent on the same dimensions, such as empathy and assurance, even if the efficiency is similar. This discovery indicates that there could be areas where customers are not satisfied with the use of AI that they consider most important.
The Technology Acceptance Model (TAM) proposed by Davis (1989) and modified by Venkatesh and Bala (2008) is a useful complementary theory to understand the behaviour of customers when using AI service tools. According to TAM, perceived usefulness and perceived ease of use are two key factors for technology acceptance. In the context of AI in banking, Alalwan (2020) identified perceived usefulness, perceived trust, and perceived innovativeness as significant predictors of customers' satisfaction with AI services in mobile banking in the UK, and perceived data privacy concerns and perceived system reliability concerns negatively moderated the relationships between these three constructs.
[bookmark: _Toc233685120]3.3 Gaps in Existing Literature
Although there has been an increasing research effort in the field of AI in relation to service offering, there are still some significant gaps. First, existing quantum studies mainly concentrate on post-adoption satisfaction outcomes, which restricts the information regarding the quality of customers' experiences in the long-run. First, most of the previous quantitative research has been conducted on customer acceptance and adoption, and they are not directly related to the satisfaction outcomes after purchase, thereby restricting the knowledge about customer experience quality in the long-run (Dwivedi et al., 2021). Second, despite the unique nature of the FCA's regulatory framework and the unique nature of UK consumer attitudes towards financial services (Deloitte, 2023), few studies have examined the UK banking sector specifically. Third, the current body of research has largely been based on quantitative survey approaches that may not adequately reflect the contextually complex nature of customer dissatisfaction with AI tools. This research directly fills these gaps, using a qualitative method to uncover rich, contextualised data on the nature and factors associated with banking satisfaction that may be missed by quantitative techniques.
[bookmark: _Toc233685121]4. Research Methodology and Design
[bookmark: _Toc233685122]4.1 Research Philosophy and Approach
The study will take a philosophical perspective based on an interpretivist approach, which acknowledges that customer satisfaction is a subjective, socially constructed phenomenon that can be measured objectively only to a certain extent (Saunders et al., 2019). The interpretivist approach is well-suited for this research due to the desire to gain insight into the meaning that emerges from the relationship between the user and the AI-powered banking system and the factors influencing their subjective assessment of this relationship.
The study is qualitative in nature, consistent with this philosophy. Qualitative research is more suitable for exploring phenomena that are complex and context-dependent in depth, and provides rich descriptive data that will illuminate the 'how' and 'why' of customer experience, rather than the 'what' and 'how many' (Bryman, 2016). Such an approach is appropriate in relation to the research aims, which aim to investigate perceptions, explore mediating factors, and understand strategic implications. The identified aims demand depth of insight rather than statistical generalisation.
[bookmark: _Toc233685123]4.2 Research design and data collection
The primary data collection method will be semi-structured interviews. Semi-structured interviews are suitable because they enable the researcher to follow a set sequence of questions across the different groups of participants, but still be able to follow up on emerging themes and questions with probing and detailed responses from the participants (Robson and McCartan, 2016). The interview questions will be designed based on the SERVQUAL framework and TAM, encompassing related experience participants had with AI customer service tools in each of the five dimensions: reliability, responsiveness, empathy, assurance, and perceived usefulness.
Two sets of participants will be interviewed: (1) banking customers who have used AI-based service tools in the last 12 months, and (2) customer service professionals working within UK retail banking. The dual-participant design enables triangulation between customer experience perspectives and insider experiences from the practitioners, enhancing the validity and richness of findings. Interviews will be approximately 45-60 minutes long and will be held through video conferencing platforms (Microsoft Teams or Zoom) to broaden accessibility and geographic reach.
[bookmark: _Toc233685124]4.3 Sampling Strategy
Participants will be obtained from Lloyds Banking Group, which is one of the biggest UK retail banking companies with a customer base of more than 26 million. The firm has also implemented numerous AI-powered systems for customer service. Therefore, a purposive sampling approach will be used to identify those who have first-hand experience in AI-enabled customer service for banking. This is a non-probability sampling method that is suitable for qualitative research where the purpose is to gain theoretical understanding rather than statistical representativeness (Saunders et al., 2019). A sample of 12-15 individuals with diverse characteristics, such as different age groups, digital literacy levels, and experiences of AI service interactions (chatbot enquiries, virtual assistant complaints, automated fraud alerts), will be selected from the customer participant group. For the practitioner group, 5–8 customer service managers or digital transformation leads from UK retail banks will be targeted.
The recruitment will be done through professional networks, LinkedIn outreach, and banking customer forums. The study sample size will be determined by theoretical saturation, which is when additional interviews are unlikely to yield new themes (Braun and Clarke, 2021).
[bookmark: _Toc233685125]4.4 Proposed Research Timeline
The proposed study will be completed in two months (from July 1 to August 30th August). The table below shows the activities that will be involved. 
Table 1: Research timeline
	Phase 
	Activity 
	Month 1 (July 2026)
	Month 2 (August 2026)

	Phase 1
	Ethics approval & participant recruitment
	Weeks 1–2
	—

	Phase 2
	Finalise interview guide & pilot test
	Week 3
	—

	Phase 3
	Conduct semi-structured interviews
	Week 4
	Weeks 1–2

	Phase 4
	Transcription & data preparation
	—
	Week 2

	Phase 5
	Thematic analysis (RTA)  
	—
	Weeks 3–4

	Phase 6
	Write-up, review & submission
	—
	Week 4



[bookmark: _Toc233685126]4.4 Data Analysis
Interviews will be audio recorded with participant consent, transcribed verbatim, and analysed through Reflexive Thematic Analysis (RTA) (Braun and Clarke, 2006; 2021). RTA is an adaptable approach that can be used to uncover, describe, and explain patterns of meaning within qualitative data theoretically. The analytical process will consist of six stages: familiarising oneself with data, generating initial codes, searching for themes, reviewing themes, defining and naming themes, and producing the final report. NVivo qualitative data analysis software will be used to aid in data management and coding.
[bookmark: _Toc233685127]4.5 Ethical Considerations
The research will be carried out following the guidelines of the British Educational Research Association (BERA, 2018) and according to the University’s research ethics guidelines. All participants will provide written informed consent prior to participation, and will be made aware of their right to withdraw at any time without consequence. The data will be anonymised and held securely on password-protected servers at the University in compliance with the UK General Data Protection Regulation (UK GDPR, 2021). 
Member checking (sharing emerging findings with participants to ascertain verification), reflexive journaling to consider researcher positionality, and documentation of analytical decisions in order to provide an audit trail (Bowen, 2008) will be used to address the issues of reliability and validity.
[bookmark: _Toc233685128]5. Business Relevance and Practical Implications
The proposed research has significant practical implications for the UK retail banking institutions. With the increasing adoption of AI technology in the banking industry, banks are under pressure to understand how AI-powered customer service can improve customer experience rather than decrease it. The results of this study will provide direct evidence-based input into the strategic decision-making process in several areas.
First, by uncovering which dimensions of SERVQUAL are most adversely affected by AI-enabled service, results will help banks develop focused human-AI hybrid service models that maintain human touch for high-stakes, emotionally charged interactions while utilising AI for routine transactions. This is consistent with the new concept of 'augmented intelligence' — using AI to augment rather than supplant human judgement (Daugherty and Wilson, 2018).
Secondly, the study will provide valuable insights into customer segmentation that will determine the most receptive and least receptive groups of customers to AI service tools, demographically and attitudinally. These learnings in turn have implications for customer journey mapping, channel strategy, and digital inclusion programmes – especially when considering FCA guidance on the fair treatment of vulnerable customers (FCA, 2022).
Third, practitioner perspectives will emerge organisational and cultural considerations that affect the success or failure of using AI, to support recommendations for change management, staff training, and technology governance. These findings will be relevant not only to banking institutions but also to any service organisation that is in the midst of a digital transformation and has to deal with the challenges of balancing service quality with digital transformation.
Lastly, the research will help me as the researcher to become a more effective business analyst or management consultant by building the skills of qualitative research design, stakeholder engagement, critical analysis, and evidence-based strategic recommendations. These skills are essential to working at the graduate level in the business and financial services sector.
[bookmark: _Toc233685129]6. Summary
This proposal has outlined a rigorous, well-grounded research plan to investigate the impact of AI-driven customer service tools on customer satisfaction in the UK banking sector. Based on previous studies such as SERVQUAL and TAM and implemented with an interpretivist qualitative approach, the study aims to provide in-depth, contextualised results that will enhance the academic understanding as well as practical strategic decisions. The identified gaps in the existing literature further support the need for this research, especially the lack of qualitative research to date in the UK that investigates post-adoption satisfaction. 
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