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Secondary data set was sourced from the University of Wales Trinity Saint David, and it covers all students enrolled on one Leadership and Management Programme of study at a BA Degree level. First task was to identify what an average student’s profile looks like. Information about Who is typical student on this programme can be used to drive a more focused marketing efforts to not only attract more of the typical student, but also to widen the access to other potential students with different profiles. It transpires that a typical student on the Leadership and Management Programme in UWTSD is a 39-year-old female who lives in West Wales. 
 The data was analysed and interrogated using SPSS and Excel to further answer questions about the nominal data (gender and tutors) and establish if there is any relationship to the ordinal data (age, levels of study, grades) analysed. 
Four hypotheses are posed:
1. There is no relationship between genders and grades. This hypothesis is accepted as no statistically significant difference has been established. However, there appears to be a difference between gender groups and success rate, so a sub-hypothesis was posed.
1.1 There is a relationship between gender groups and success rate, and this hypothesis was accepted. 
2. There is no relationship between age of the student and grade achieved. This hypothesis was accepted as no significant differences in academic achievement based on the age of students was found.
3. There is no relationship between the levels of study and the success rate. This hypothesis was accepted as no significant differences between level of study and average grade has been established. 
4. There is no relationship between the lecturers and the success rate of students. This hypothesis was rejected as the significant difference was established. Further analysis was conducted to try and ascertain if favoritism was taking place with any one lecturer in particular.  The notion of favoritism was rejected after the additional analysis was conducted.  
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A deductive study of data was conducted based on secondary data sourced from a credible source by starting with hypothesis and then utilising a variety of testing using SPSS and Excell platforms to either prove or disprove them.
The approach of an “objective analyst” (Saunders et al, 2019) was assumed in the positivist tradition of research. The data was sourced as a complete data set, thus excluding any biases introduced by the researcher as the data collector.  
Four main hypotheses are posed, with one sub-hypothesis emerging organically after the initial testing was completed. The testing served a purpose of identifying any relationships between age, gender, lecturer, and the level of study, and the success rate of the subjects. The aim was highlighting the factors and testing potential relationships between the variables to identify which, if any, are affecting the grade of mature students on a first-degree course. 
First step was to identify what constitutes a typical student on this programme. The next step was to test the data to identify any factors affecting their success in HE. 
The results of both steps will be used to guide management decisions concerning the programme, from marketing strategy to standardisation of the lecture team approach to ensure the quality standards set by the awarding bodies are observed and the programme is fully compliant. 
Examining the programme using hypotheses and a comprehensive testing of data allows for the development of objective ontology that describes the concepts and their relationships within it, making it more transparent and identifying areas of concern. 
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A quantitative methodological approach was used to analyse a data set acquired through a secondary source.  The data was sourced from the University of Wales Trinity Saint David’s central registry department, and it details information about students and results achieved. This data is a result of the Exam board conducted.
Hypothesis testing was used as a statistical approach to draw conclusions and make inferences about the population, based on the sample of that population that is deemed representative of it. Hypotheses were formed by setting them as a default setting of Null hypothesis (H0) and the testing was subsequently done using a range of tests to either accept or reject the Null hypothesis. 
Significance level was set at 0.05% which meant that test results based on this significance level, could be accepted as valid with a 95% confidence. Tests used are paired sample t test, chi squared, Pearson correlation test and Cronbach alpha done in SPSS, as well as sample testing conducted using Microsoft Excel platform. Tests were chosen on their appropriateness to the sample and the questions the tests were expected to provide answers for. The results are presented, explained and the conclusions drawn are used for decision making about strategies suggested for the programme. 
Secondary data comes with limitations with regards to what data is available, the format it comes in, the accuracy and relevancy of supplied data. (Cohen et al., 2018). This data is deemed credible as it was supplied by the central department of the university and passes the CRAAP test. (Blakeslee,2004)
The data set covers eighteen modules on three levels on a first-degree programme run under the Institute of Management and Health umbrella of the business-related courses. 
When data was sourced, it contained identifying factors such as staff names, which have been replaced by code to satisfy the confidentiality requirements and protect the individuals involved. Students’ identities were deemed unimportant for this study, so they have been removed, and a serial number has been used, instead. Data set used is also missing some fields that would make testing more interesting, for example it would be interesting to see the data supplemented by another field that lists academic achievements to date. This will allow for additional testing to ascertain if previous academic accomplishments have any bearing on current or future academic success. Another example of fields of data not available in this data set would be employment status of the students and the position within the company. This information could help with marketing efforts and deciding on the market segment identification and targeting strategies.  Limitation of using secondary data is that there is no freedom for the researcher to design a specific sampling frame and ensure that all relevant characteristics are reported. (O’Leary and Hunt, 2016) Sampling frame in this case is the entire data set available. The only freedom the researcher had in this case was to remove fields deemed irrelevant, but none to add any fields deemed relevant or desirable.  
As the data was sourced from the central university’s department, the response rate was deemed as 100%. No subject was given an option of not participating. 
Data set analysed in this report contains an array of data types: categorical data; (genders), nominal data (lecturers, locations), ordinal data (levels of study) and numeric data (age), although all types of data have been converted to numerical values to aid the testing in Excel and SPSS. 
Independent variables such as age, gender, gender groups, levels and lecturers have been used to test the dependant variable of student success rate, i.e. grade achieved, in an attempt to find out if there is any relationship between these variables. (O’Leary and Hunt, 2016) Confounding variables have been considered, although they are deemed as outside of the researcher’s control. 
The data represents achievements of 233 (n) students of one programme, and in the first instance it was corrected in terms of marks. Each entry of “NS” representing a “non-submission” has been replaced by a zero (0). Each entry of EC signalling that an Extenuating circumstances application was lodged with the Academic office, has also been replaced with a zero (0) as the submission was not made at this time. 
If an initial submission has undergone moderation or internal verification process as part of a Quality Assurance process which is done on a random sample basis, only the agreed, final mark was used for the purposes of this report. 
Genders were coded (=IF(E4="F",0,IF(E4="M",1)) to show “0” for female students and “1” for male students.
Age of the students has been determined according to their dates of birth and calculated by first isolating the year of birth and then deducting that value from 2024. 
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Data has been tested for normality using Kolmogorov-Smirnov test. P value, set at 0.05, is greater than significance values shown by the test, we therefore fail to reject the Null hypothesis (H0) and accept that there is no significant difference between the sample distribution and the specific distribution.  Data is accepted as having normal distribution with 95% confidence. 
Certain limitations of data must be recognized, in this sample. The data could be said to contain a sampling bias, as the data set only shows mature students in Higher Education, on one particular programme. The data, and therefore any conclusions drawn after testing it, are also affected by temporal limitations as the data only shows one academic year.  If the testing is to be performed on data sets from other courses at other academic years, it is highly probable that the results would show a very different picture. This sampling error, in terms of the representation of the entire population, was however, unavoidable. 
Carmines & Zeller, (1979) define reliability as the “extent to which an experiment, test or any measuring procedure yields the same results on repeated trials” and as such, the reliability of this data set might be brought into question, given the fact that it represents a population of mature students, on one programme in one academic year. Test – Retest Reliability could only be determined if the same data set was to be tested again in the future, at a different time.  However, at any point in the future the data set would change as the students would be of different age, on a different level, taught by different lectures and achieving different grades. 
Internal Consistency Reliability was attempted by repeatedly using the same testing method on different items tested, to achieve a standardised approach to testing across variables. The testing was also done by using a variety of tests on the same set of variables, to ensure that the results are consistent.  Inter-Rater Reliability could be ascertained by having other people conduct the same measurements to see if the results can be replicated, however, this was not done at this time. Given these comments, the overall reliability cannot be determined, with any degree of certainty, until further testing is done on data sets from different programmes and / or different academic years, or this population at a different time or by a different tester. 
Validity of the data content can be defended as the data set was collected in a standardised manner, without external factors influencing the data collection. (Middleton,2022)
Therefore, any conclusions drawn from this data set, might not be applicable to the wider population of students in this or any other university, giving it a very limited generalizability, although this does not affect the relevancy of this data set for the programme or subjects in question. 
As the sample size was pre-determined by the number of students who enrolled on this course, it could not be extended to encompass a bigger sample in an effort to make the testing of it more reliable. 
A longitudinal study done with primary data collected by a researcher, in the future would allow for the correct design of the sampling frame to avoid sampling errors as much as possible ( although Creswell (2008) argues that chance error remains a constant presence in empirical investigations) and provide a data set, which when tested, might provide results which are more generalizable to the population it represents. Reliability in terms of testing methods and validity in terms of the data collection methods could be therefore tailored, pilot tested, peer reviewed to ensure the results are reliable, valid, and generalisable during future study of the concepts discussed in this paper.  
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Information gleaned from this data has created new knowledge, which can be used to drive marketing and academic strategies to benefit the students and the programme. 
The data lends itself to answering many questions that could drive decision making processes on a strategic, long-term planning, level. In order to develop understanding of the programme, the data offers answers to questions like:
Who is a typical student? And how does this affect the marketing strategy?
Is there a relationship between genders and success rate? What about gender groups?
Is there a relationship between age and student success rate?
Is there a relationship between levels and the average grade?
Is there a relationship between the lecturers and the average grade?
These questions form the hypotheses discussed in this paper.
	
	Hypotheses
	Accept / Reject
	Test employed

	1
	There is no relationship between gender and students’ success rate (average grade) 
	
Accepted
	· Chi Squared
· Grade mean extraction by gender by level

	1.1
	There is a relationship between gender groups and students’ success rate (average grade) 

	Accepted
	· Paired sample T test
· Grade mean extraction by gender by level.
· Correlation coefficient

	2
	There is no relationship between age and student’s success rate (average grade)
	
Accepted
	· Chi Squared
· Pearson Correlation test
· Random sample Mean test.
· Grade mean extraction by age

	3
	There is no relationship between a level and student’s success rate (average grade) 
	
Accepted
	· T test
· Pearson Correlation test
· Chi Squared
· Grade mean extraction by level

	4
	There is no relationship between tutors and student success rate
	
Rejected

	· Pearson Correlation test
· Paired sample test
· Grade mean extraction by lecturer
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Through the processing of data, it is obvious that marketing and advertising strategy will need to be more focused to attract potential applicants to whom this type of programme might appeal. In order to identify that type of applicant, an identification of a “typical applicant” is required to focus the marketing efforts towards a correct market segment. (Hutchings, 1995)
The data portrays a sample of 233 student (n=233) and it shows that 75% of the students on the programme are female so it would be reasonable to focus marketing efforts on the female market segment.
[image: ]
A mean age of male students is shown as 42 and female as the age of 39.A mode would also be acceptable test for age but for the purposes of focusing the marketing strategy it was sufficient to identify the mean age, as the mode is more likely to change annually. 
Analysis of location shows that the programme ran in five different locations and the students were divided into those coming from South Wales region (Cardiff, Treforest and Bridgend) and the West Wales region (Swansea and Carmarthen).  The majority of all students on the programme (52%) were recruited from West Wales (Carmarthen 18% and Swansea 34%), with South Wales totalling the 48% of all successful applicants (30% coming from Cardiff, 15% from Bridgend and 3% from Treforest area).
[image: ]  
From the above findings it can be inferred that; A typical student on this programme is a 39-year-old, female, based in West Wales.  
The split between geographical regions in terms of successful applicants, is very close, 52% coming from West Wales and 48% coming from South Wales. The difference is not high enough to justify redirecting all marketing efforts towards a more lucrative West Wales. If anything, it shows that marketing efforts could be more strengthened in South Wales. South Wales has a stronger competition in terms of universities based there (Cardiff University, Cardiff Metropolitan University and University of South Wales) and it still generated almost half (48%) of all successful applicants on this programme. West Wales region only has one direct competitor, Swansea University.
In terms of gender, the data shows a significantly higher proportion of females interested in this programme (174) than males (59). Leeman et al (2010), supports this finding: “more women than men start studying at Higher Education institutions…” This difference is significant and therefore a suggestion would be to focus the marketing and advertising efforts on female population. 
In terms of age of female applicants, the mean was returned as 39, however the mode was 33. For the purposes of the marketing strategy, the suggestion would be to focus on a demographic in the age category of 30 to 40 but use advertising channels accessible and regularly accessed by age categories of 25 to 45. 
The marketing material would have to reflect the interests and resonate with females across the whole of Wales. (Hutchings, 1995) Message would need to be tailored to the specific needs of females in this age range considering things like family commitments, career progression, work commitments, caring responsibilities, and delivered through channels that would make this message visible to this specific demographic. Further research would be called for to establish where and how this market segment can be reached to maximise the impact with minimum investment and, in so doing, support the business level strategy of the programme. (Robbins and Coulter,2020)
For the student population already enrolled on the programme, a few questions were raised through the observation of data available. Questions were posed as hypotheses and the analysis and findings are explained. 
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Categorical variables: gender, and average grade, have been compared using the Chi Squared (X2 test), to ascertain if there is any relationship between these two variables. 
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X2 (df =190, N=233) = 201 271, P=0.274
Chi Squared test shows that significance levels in Chi test is higher than 0.05, we therefore accept the Null hypothesis (H0) and accept that there is not enough evidence to show any, statistically significant differences, in gender vs student success rate, comparison. 
Gender, as a categorical data, is not showing any association to the student success rate, in general. It appears to be independent of the grade achieved. 
In order to determine if any correlation exists, a correlations test was performed in Excel ( =CORREL(F2:F234(cell range showing gender groups) ,P2:P234( cell range showing grades achieved)). Correlation coefficient was calculated as 0.117, showing no significant correlation between males / females and grade achieved. 
A result of 1 would have shown a positive correlation meaning that as gender code increases from zero, signifying females to 1, signifying males – that the grades increased as well, however this is not the case. Any result close to the value of zero, points to the conclusion that either no corelations exists or the relationship is too weak to be statistically significant. 
It is also prudent to consider the limitations of data points. With 174 females and only 59 males, the correlation testing might lead to a less reliable results of testing the correlation. As this result only pertains to this data set, it cannot be argued, with any degree of certainty that this might be a repeatable result if tested next year with a new data set. There doesn’t appear to be enough information to make any definitive conclusions to the student population as a whole.  
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However, having conducted a paired sample test, the results seem to indicate that there is a statistically significant difference in average grade achieved by male vs female students, therefore forcing a new hypothesis that there is a relationship between gender groups and the success rate. 
t(232)=-24.629,p<0.001
High t-score signifies that the gender groups are different in terms of their academic achievement. We therefore reject the Null hypothesis at p=0.001, where p<0.05. 

[image: ]
Returning the significance value (α) of <0.01, the test shows that there is strong evidence of a statistically significant difference between the means of two samples tested, in this case the gender groups and the average grade. 
Standard error (SE), calculated by diving the standard deviation (σ) by the square root of the sample size (n), is reported as 1.541. 
SE = 23.526 = 1.541
         15 264

Although there is no accepted kevel of SE, the fact that sample size is only 233, it can be expected that SE will be reported a higher than it would be reported on a larger sample as the larger sample would provide more information about the sample and therefore increase the precision and decrease the standard error mean. 
Although the difference is clearly present, there is not enough evidence to show that correlation is the causation of the increase in grades, in and of itself. 
Having confirmed that the difference is present, however, it was prudent to further analyse the data to ascertain which of the genders is showing a higher success rate.
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Male students appear to be achieving higher grades than their female counterparts. However, the number of female students on this programme is 174, to male 59. This unequal representation of gender in numbers is a significant factor in the calculation of the average grade. 
Stoet and Geary (2020), conducted international research (of 18 nations) into the reason for underrepresentation of men in Higher Education. They considered factors such as reading proficiency of boys in secondary education, reading proficiency of girls in secondary education and social attitudes towards education of girls, but failed to comprehensively explain the reason for this underrepresentation in tertiary education. 
This trend seemed to have changed somewhere around 1990s. Pre 1990, men were overrepresented in Higher Education, but the gap seems to have not only closed, but reversed since then, with no comprehensive explanation as to the reason Why? (Stoet& Geary, 2020)
Although the data is not disputed in its report, additional factors must be considered as to the reason for the difference. 
Cronbach reliability test suggest that there are deeper issues with this data set.
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Description automatically generated]It returns a value of 0.08 which is extremely low, suggesting poor consistency of the items in the scale. The values are returned on a scale between 0 and 1, with any value above 0.7 being accepted as showing a good internal consistency between the items tested. 
The reason for this could be a highly unequal representation of the gender groups (174 females to 59 males) in the testing. Not enough samples could potentially affect the reliability testing. 
Having only 2 gender codes to choose from, the differentiation between the subjects, in this case students, might prove too binary and not provide enough variety and therefore artificially deflate the Cronbach alpha value. The sample could be deemed as too homogenous, which can reduce the variability in responses and reduce the correlation between the items tested. 
The sample size and unequal representation are just a couple of reasons for this variation, however. If we accept the premise that a difference is present, then wider reasons for it should also be considered.
Richardson et al (2012) warn that social and cultural factors can influence learning opportunities for men and women at different ages in their lives. Societal expectations and family commitments can affect the time and resources men can dedicate to learning, as opposed to women. Other variables such as prior knowledge, workplace experience and motivation can also affect the learning outcomes for individuals. 
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In order to determine if age has any bearing on the success rate of the students, a mean grade (Bell,2010) was identified for a sample of students from each age bracket. 
A random sample of 8 students from each bracket was selected. Reason for selecting 8 students from each bracket was due to the age bracket 60-69 only containing 8 students, rendering a higher sample inequivalent. 
A sample was necessary as some age brackets have higher number of students in them, thus skewing the mean of the average grade for that bracket.  
The test shows an increase in grades in the age brackets 30-39 and 40-49 comparing to others. 
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Having assessed the observable data using Excel, a Chi Squared was performed using SPSS to check the validity of observable value versus the expected value.
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X2 (df =7220, N=233) = 7233.025, P=0.05
Chi Squared test shows that significance levels are higher than 0.05 (0.455), we therefore fail to reject the Null hypothesis (H0) and accept that these differences are not statistically significant. 
The observable data analysed using Excel was done on a sample for each age bracket. The sample, albeit random, might have caused the observable difference in age versus grade. 
To confirm the findings of Chi Squared test, a Pearson correlation test, chosen over Spearman since the data was accepted as normal, was also performed on the same set of data. 
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Pearson correlation test returns a p value of 0.504, which is higher than 0.05, and this indicates that there is no statistically significant correlation between age and the success rate of students. 
Although humans of different ages, learn at different rates, it would seem that age is not the only determinant of academic success. 
Lockwood and Cutler (2022) suggest that the ability to learn changes profoundly from childhood to old age. They pose that adolescents are more optimal in their learning than children, and adults are more optimal than adolescents. This finding is significant for the programme in question as the entire student body is adult in age. Their study shows that dopamine receptors, which are crucial for learning, decline with age. This would provide an explanation of a grade decline after the age of 60 as shown by the X 2 test.
The optimal learning age appears to be during adulthood, which aligns with the age of most of the student body on this programme. However, age is not the only characteristic of these individuals, and it cannot be considered in isolation. 
Flege et al (1999), reminds us to consider variables such as state of neurological development and the state of cognitive development, although there are other variables that could also affect the success rate of the HE students such as socio-economic status, previous educational experience, prior learning, and prior work experience to name a few. 
The significance of the age when considering the success rate of this sample may be difficult to determine since it cannot be disentangled from other variables.


[bookmark: _Toc165122489]Hypothesis 3: There is no relationship between levels and student success rate.

To test the hypothesis, an independent T test was performed to initially show the confidence level (set at 95%). As the (two sided) P value is shown to be higher than 0.05 (0.417), the Null Hypothesis (H0) is accepted as it shows that the difference present is negligible. 
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The test shows that there are no significant differences between levels and the achieved grade.
Pearson correlation test confirms these findings. The test returns a p value of 0.823, which is higher than 0.05, and this indicates that there is no statistically significant correlation between the levels of study and the success rate of students. 
[image: ]

This is confirmed by the Chi Squared test that returns a p value of 0.189, showing that we fail to reject the H0 and accept that the there is no statistically significant difference between levels and student success rates.
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X2 (df =380, N=233) = 404 162, P=0.05
The chi-squared test statistic was χ² = 404.162 with 380 degrees of freedom. The two-sided significance level (p-value) was calculated to be 0.189. Since the p-value (0.189) is higher than the set significance level of 0.05, we fail to reject the null hypothesis.
This proves that there is not enough evidence to suggest that there is a significant relationship between levels and grades. 
This is a positive finding from the standpoint of the Quality Assurance. It shows that across many variables in terms of 7 lecturers, 5 locations, 3 levels, 18 modules and 233 students, that the standard of marking is consistent. 
It also shows that students who do well on lower levels, tend to do just as well on higher levels of HE, and vice versa. This finding is relevant for the programme management purposes as it shows that students who require extra support can be identified early in the programme. Extra pastoral care and additional support can be organised to ensure that the student with additional needs have an equal opportunity to achieve their degree as all others. Students with learning differences can be signposted to relevant university departments such as Student Support Services for relevant testing. The results of these test can determine how much extra support they will need and what form should this support take. As the learning differences come as a whole spectrum of degrees, the support can be tailored to the individual student and can take form of free hardware to aid students without own computer gear, extra software that will allow speech to text function to aid assignment writing, recorded sessions to aid revision or even a differentiated deadline where student is allowed extra time for submission of their work. This support is determined based on individual needs and requirements of the student and is determined on a case-by-case basis. 



[bookmark: _Toc165122490]Hypothesis 4: There is no relationship between lecturers and student success rate.

On this programme, the lecturers do not follow a traditional pattern of teaching only one module in their field of expertise. The lecturers, on this particular programme, are generalists who teach all modules on any given level. This means that one lecturer will take a whole cohort through the entire level. As such, relationships will develop between the lecturer and students, and this allows for tailored pastoral care of students. 
However, it needs to be established if this interpersonal relationship is affecting the numerical grade achieved by the students. Are individual lecturers rewarding their students with higher grades due to any other factor other than, academic capability. 
The data was analysed to extract the mean of grades of all cohorts in each lecturer’s care. If an attempt has been made by students and a submission was made, awarding zero for that attempt, can be extremely detrimental to student’s confidence levels. As all students on this programme are mature students who have been out of education for a long time, sometimes as long as 30 years, their confidence levels are already low. Getting a grade of zero could be devastating enough for them to decide to leave higher education. For this reason, none of the lecturers will award a grade of zero for any submitted work. All zeros in this data sample, signify that no work has been submitted. Non submissions are excluded from this list in order to avoid skewing the data and to allow the tests to identify a true grading practice of the lecturers. 
Average (mean) grade has been calculated for all students who have submitted work, for each lecturer. Lecturers’ names have been replaced by the alphanumeric code; L1, L2, and so on. (Table below)
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The expectation was to observe a natural curve starting higher on Level 4 and slightly decreasing as the students proceed to higher levels. The above bar graph shows that the expectation is supported by the data. 
Pearson correlation test shows that the correlation is at a significant level.[image: A screenshot of a graph
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Pearson test reports a p value 0.043 (lower than 0.05) indicating a strong correlation between the lecturers and grades achieved. 
A paired sample test was performed, and it confirms that the difference is present and that it is statistically significant.[image: ]
A significance value of <0.01 in the paired test indicates a strong difference between the means of the paired samples, in this case the lecturer and the average grade. In this case the Null hypothesis is rejected and acceptance of a difference that is statistically significant, is confirmed. 
A further analysis to find out if a particular lecturer was scoring the work of their cohorts higher than average was conducted. The expectation would be to identify one lecturer on one level that has a significantly higher grades than all other lecturers on all other levels. 
Average grade per lecturers was plotted to see if any observable deviation is present. There appears to be a loose curve with L4, shown as the lecturer with highest average grade but only with a slight margin to the runner up. 
The next step was to find out if there are any differences in terms of average grades per lecturer per level. The expectation would be to isolate a potential lecturer with higher grades based on a level they teach and make the difference more visible. However, it appears that there are higher and lower grades on all levels. The table below shows that there is a presence of both lower scoring and higher scoring cohorts on each level of studies, strongly suggesting that no one, individual, lecturer is more lenient in terms of grades with their cohort. 
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We can conclude that there is no favouritism present on the programme as no one lecturer grades their cohort higher than any others.
The only outlier to this pattern is a level 5 lecturer (L5) who appears to be awarding lower than expected grades to their cohorts. As this is not an acceptable practice within the university, further analysis was required to ascertain the details. 
Upon further analysis of this, particular, cohort, it transpires that this cohort consisted of 10 students in total. Two students submitted no work and achieved a zero (0) for each of the six modules. Further four students were given the opportunity to repeat the year and have only submitted one module in the previous year, giving them a pass mark for only one out of six modules. All six students were subsequently withdrawn. 
In order to get a truer representation of this lecturer’s grading standard, the 6 students mentioned above were removed from the calculations to leave only students who were enrolled, engaged and submitting work on regular basis. The new mean was calculated and the average grade for this lecturer was returned as 36.
This now shows a more standardised grading practice across the cohorts, levels, and lecturers.
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This new, more standardised grading practice is more in line with the followed grading standard. The programme in question is heavily regulated due to the double certification with a professional awarding body (ILM), as well as the university in question. As such, the programme team conducts moderation process on a 20% random sample basis as standard practice. The programme is also subject to internal verification process conducted on 20% random sample of assessments. Since both samples are selected on random basis from the student population, they do not always cover the same students. So, it is very possible that up to 40% of the assessments are looked at twice in one academic year. Due to the programme being double certificated, it is also looked after by two External Quality Assurers, one from the ILM and one appointed by the university. This makes it possible for one assessment to be verified up to four times by different, quality verifiers. Twice in each academic year, the lecture team also takes part in a standardisation exercise where the entire team blind marks an assessment. The grades and verbal feedback are then discussed as part of the exercise to ensure that each assessment is marked in a standardised way. This practice is in accordance with ILM Assessment Guidance (currently: version 6, 2024) and has been in place from the start of the programme, over 10 years ago and it continues each year. 
If a new lecturer joins the programme team, the marking standard is covered as part of their onboarding process. New lecturers’ assessment practice is closely scrutinised by a team member who used to be an External Quality Assurer for the ILM and is a qualified Internal Quality Assurer, to ensure that they follow the same standard as the rest of the lecture team.  New lecturer’s assessment is internally verified on a 20% random sample basis after the first module, unless a deviation from the standard is identified, in which case the sample size is increased up to 100%. Each time a new lecturer joins the programme, the standardisation exercise is undertaken again.
Due to these stringent practices, the differences identified by the test performed on the data are deemed acceptable. It is accepted that there is a “statistically” significant difference between the lecturers and average grades, but the notion of one single lecturer deviating from the standard, is rejected. 


[bookmark: _Toc165122491]Conclusions

Secondary analysis: locating the data, assessing relevance and credibility, and analysis, has been conducted on secondary tangible data. (O’Leary and Hunt, 2016) From the epistemological standpoint, this study was conducted using purely quantitative methodology.
The outward nature of this enquiry allows for a reflection-in-action (Coughlan and Brannick, 2014) of the workings of the lecture team, the fluidity of the effects some variables can have on the success of the students, and it poses further questions such as: Can we do more to support the students? If so, how? What do they need from the lecture team to achieve better results and be more engaged?
The results show that, procedurally, the programme lecture team has succeeded in levelling the playing field for all students enrolled on it, in respect of age, level of study, gender and the allocation of lecturer. The results show that although slight differences in success rate have emerged based on the lecturer, the notion of favouritism cannot be accepted. 
The results also point to a male gender group achieving slightly higher results that the female gender group, although the reasons for this are not evident. 
Sirin (2005) lists some of the potential reasons for the differences in academic achievement at the mature age: socio economic status (SSE), locale of the educational institution and accessibility such as transport or computer equipment and digital skills to use it, cultural backgrounds, and their attitude towards the education. Gender differences in academic attainment are also, potentially, linked to culture, family organisation; are both parents ( mature students) employed and spending equal time, effort, and other resources to support the family, prior education and the level of success during that time will also impact the level of motivation for furthering one’s education, employment status and the position held within the company might influence motivation levels for achieving a, potentially, career-furthering qualification. Breen et al (2010) argues that the increase in the number of women returning to the HE is strongly linked to the changing gender image and higher labour force participation of women, partly caused by an increase in the demand for labour in the service sector.  Age can be an influencing factor in choosing whether to continue education; level of maturity, affordability, eligibility for financial help, career status, requirement for qualification to progress within the company and a host of other factors tied to an age of the person can influence the level of motivation for considering enrolment into HE. 
Therefore, it must be accepted that although the testing of the data set answers questions like Where, What age, What place, What grade, Which lecturer, it doesn’t offer any answers to the questions Why? And Where do we go from here?
Melchin and Pickard (2008), structure the human knowledge as experience, understanding, judgement and decision-making.  Cognitive experience (Gendlin, 2007) has instigated this enquiry into the elements affecting the success of the students. Understanding the programme content and the students’ profiles has aided the hypothesis formulation. Judgement aspect was executed through testing of the hypotheses in this report. The decision-making process, is based on the results and should be guided and driven by them to improve the opportunities, widen the access and make the whole experience engaging for the students, in an attempt to raise the average grade in short term, increase career prospects for the students and the referral rates in medium term and ensure the survival and prosperity of the programme as a strategic, long-term goal. 
Understanding why some students seem to engage more and subsequently do better in academia, cannot be defined in the scope of this paper. A future enquiry involving a multi-level, multi-cohort observation or some other form of peripheral participation might offer some insights into the different teaching styles, perhaps, or some other element that hasn’t even been identified yet. 
Educational research is a fluid concoction of factors, elements and variables and the research approach would have to be tailored accordingly if the axiology of it was to be fully understood.  Cohen et al (2018) argue that since education is meant to open minds, the educational research should not be constrained by traditional approaches but be open to new developments as well. 
Change is constant in the world of industry and so educational system that produces human resource for the industry should be constantly changing too. First industrial revolution brought the mechanical loom in 1784, the second happened in early 20th century and brought in mass production, the third began in 1970s and made mass production faster and more cost effective by automating it using electronics and information technology and now we are in the fourth stage of this same revolution where we combine the automated technology with cyber technology. In this latest stage the industry enters the virtual world of human, machine, and information connectivity where everything is accessible from everywhere. (Schwab, 2016)
Pan (2016) argues that the curriculum must adapt to support students in preparing for the world of industry that has artificial intelligence, wearable technology, 3D printing, advanced robotics, augmented and virtual reality. The curriculum must evolve to keep up with the demand of the industry it is generating the human resources for. 
Lase (2019) warns that although the “role of educator, will not be wholly replaced by technological sophistication because the treatment of a teacher to students has a specificity that cannot be done by just anyone or replaced by technology”, educators cannot afford to be complacent with the current practices. Educators, especially in HE due to the close proximity of industry, careers, mature students and so on, “must continue to improve themselves so they can become teachers who can produce better quality human resources”. Aspects of continuous improvement for educators are identified as “friendly with technology”, exercising collaboration for own improvement, increased creativity, utilising their sense of humour and “teaching holistically”, along with multiple long lists of other skills.
This study provides a few answers but uncovers more questions along the way. The results of this study are not deemed generalisable, but the literature is deemed to be too general attempting to answer some questions with suggestions that are applicable to everyone and therefore not fully applicable to anyone. 
Recommendation is therefore for a carefully tailored further study, potentially using an aspect of qualitative enquiry in addition to quantitative, in hope that the mixed method approach will produce clearer results and uncover new variables to be tested. New knowledge about the statistical properties as well as the psychological factors influencing them, could potentially uncover strategies that will be more applicable and generalisable to the wider student population.
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