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[bookmark: _Toc224504706]Abstract

Artificial Intelligence (AI) is increasingly transforming organisational operations, competitive strategies, and labour markets across multiple industries. The UK retail sector, one of the largest employers in the country, is experiencing significant technological change as organisations adopt AI technologies in areas such as logistics, inventory management, automated checkout systems, and customer service platforms. This study examines how Artificial Intelligence adoption is influencing the future of work within the UK retail sector. A systematic literature review (SLR) was conducted to synthesise existing academic research on AI, automation, and employment transformation. Relevant studies were identified through structured database searches and screened using defined inclusion and exclusion criteria. The findings indicate that AI adoption is expanding across retail operations and is primarily transforming job tasks rather than eliminating employment entirely. However, technological change is increasing demand for digital and analytical skills while exposing routine roles to higher automation risk. The study highlights the importance of workforce reskilling, organisational adaptation, and supportive policy frameworks to ensure inclusive technological transformation within the retail sector.
Keywords: 
Artificial Intelligence, Retail Sector, Future of Work, Automation, Workforce Transformation








Impact of Artificial Intelligence on the Future of Work in the UK Retail Sector

[bookmark: _Toc224504707]Chapter 1:  Introduction
Artificial Intelligence (AI) is increasingly transforming organisational operations, competitive strategies, and labour markets across various industries. Progress in machine learning, predictive analytics, and automation technologies has enabled organisations to process vast data sets, enhance decision-making, and develop innovative digital business models. These developments are particularly significant within service industries such as retail, where technological innovation is reshaping operational processes and workforce structures.
The UK retail sector represents one of the largest and most dynamic components of the national economy. Retail organisations operate across physical stores, online platforms, distribution centres, and supply chain networks, employing millions of workers in roles ranging from customer service and sales to logistics and management. In recent years, the sector has experienced substantial technological disruption as retailers increasingly integrate AI technologies into core functions such as inventory management, demand forecasting, warehouse automation, personalised marketing, and AI-driven customer service systems (Statista, 2025).
The increasing availability of large datasets and advanced algorithms has enabled organisations to use Artificial Intelligence to improve forecasting and decision-making across business operations (Agrawal, Gans and Goldfarb, 2019). Retail firms increasingly rely on data-driven systems to analyse consumer behaviour, optimise supply chains, and improve service efficiency. As digital technologies continue to develop, AI is becoming a key component of organisational strategy and competitiveness.
However, the growing use of AI technology also raises  important questions regarding the future of work. Technological innovation has historically influenced labour markets by altering job roles, skill requirements, and employment structures. The integration of AI into organisational processes is expected to accelerate these changes by the automation of routine activities, enhancing human decision-making, and creating new technology-related roles.
Recent projections suggest that almost three-fifths of retail work activities could be automated or significantly enhanced by Artificial Intelligence by 2035, particularly in areas such as stock control, demand forecasting, and workflow coordination (Retail Gazette, 2025). Despite the increasing capabilities of AI systems, adoption across UK retail organisations remains uneven. Evidence suggests that only a limited proportion of retailers have fully integrated AI into their operational processes, reflecting differences in technological maturity, financial resources, and organisational readiness (Galvia, 2025).
Workforce preparedness also represents a significant challenge. Many retail employees have limited experience working with AI-supported technologies and digital systems. Industry reports indicate that a large proportion of retail workers have not received formal training related to AI implementation within their organisations (British Chambers of Commerce, 2025). This gap between technological development and workforce capability raises concerns regarding future employment structures, workforce adaptability, and the potential for labour market inequality.
Although Artificial Intelligence presents opportunities for improved efficiency and productivity, it also creates uncertainty regarding how work will evolve within the retail sector. Employees may increasingly collaborate with intelligent systems rather than being replaced entirely, leading to new forms of human–technology interaction. Understanding how AI adoption reshapes job roles, workforce skills, and organisational structures is therefore an important issue for businesses, policymakers, and researchers.
Despite growing interest in Artificial Intelligence and its impact on employment, much of the existing research focuses on cross-industry or global labour market trends. Consequently, there remains limited sector-specific analysis examining how AI adoption is reshaping employment structures, job roles, and workforce skills within the UK retail sector. This study therefore addresses this gap by systematically reviewing existing research to investigate how Artificial Intelligence adoption is transforming work within the UK retail industry.
[bookmark: _Toc224504708]1.1 Background to the Study
The retail sector in the UK holds a significant position in the national economy, contributing to employment, economic performance, and consumer activity. Retail organisations operate within highly competitive markets characterised by rapidly evolving consumer expectations, technological innovation, and increasing digitalisation. Traditionally, retail has been a labour-intensive sector that relies on large workforces performing routine transactional, administrative, and logistical tasks. However, the rapid development of Artificial Intelligence and automation technologies is transforming this traditional employment structure.
Retail organisations increasingly deploy automated checkout systems, AI-supported inventory platforms, warehouse robotics, and predictive analytics tools to improve efficiency and reduce operational costs (McKinsey Global Institute, 2021). These technologies enable organisations to monitor stock levels in real time, forecast demand patterns, and optimise supply chain coordination. AI-powered systems can also analyse large datasets relating to customer behaviour, enabling retailers to personalise marketing strategies and improve customer engagement.
The increasing integration of AI technologies has substantial implications for employment within the sector. According to the Office for National Statistics (ONS, 2019), occupations involving repetitive and rule-based tasks face higher risks of automation. Many retail roles, particularly cashier and sales assistant positions, involve routine tasks that may be automated using intelligent technologies (ONS, 2017). As AI systems become more widely implemented, employees working in these roles may experience job redesign, task restructuring, or displacement.
However, technological change does not necessarily lead to overall job loss. Research suggests that technological innovation often generates new employment opportunities by increasing demand for digital, analytical, and technical skills (PwC, 2024). For example, roles related to data analysis, digital marketing, and technology management are becoming increasingly important as organisations integrate AI into their operational processes.
Broader labour market evidence supports this transformation. Global employment statistics indicate that service-sector employment continues to represent a substantial share of total employment across advanced economies (ILO, 2023a). At the same time, research examining generative AI technologies suggests that many occupations may experience task restructuring rather than full job displacement (ILO, 2023b). These developments indicate that technological change is reshaping the composition of work rather than eliminating employment entirely.
[bookmark: _Toc224504709]1.2 Contribution of the Study
This study contributes to existing research by synthesising academic literature on Artificial Intelligence and employment specifically within the UK retail sector. While many studies examine automation and labour markets at a global or cross-industry level, fewer studies focus on sector-specific implications within national contexts. By systematically reviewing research on AI adoption and workforce transformation in retail, this study provides a clearer understanding of how technological advancements are altering employment structures, required skills, and organisational practices within a key UK employment sector. By focusing specifically on the UK retail sector, this research also contributes to the broader debate on how Artificial Intelligence is reshaping service-sector employment and workforce skills in digitally transforming economies.
[bookmark: _Toc224504710]1.3 Research Aim
[bookmark: _Toc224504711]This study aims to investigate the extent to which Artificial Intelligence (AI) adoption is transforming work within the UK retail sector. Specifically, it examines how AI technologies are being implemented across retail operations and how this technological integration is reshaping employment structures, job roles, and workforce skill requirements.
1.4 Research Questions
To guide the research, the following research questions are addressed:
RQ1: To what degree is Artificial Intelligence currently being adopted within the UK retail sector?
RQ2: How is AI adoption influencing employment structures and job roles within the retail workforce?
RQ3: What are the potential long-term implications of AI adoption for workforce development and skill requirements in UK retail?
[bookmark: _Toc224504712]1.5 Research Objectives
To address these research questions, the study pursues the following objectives:
1. To identify the main types of Artificial Intelligence technologies currently adopted within the UK retail sector.
2. To analyse how AI adoption is influencing employment outcomes, including job redesign, task restructuring, and job creation.
3. To evaluate the long-term implications of AI adoption for workforce development, skill requirements, and labour market inequality within UK retail.
This chapter introduced the research topic by examining the growing use of Artificial Intelligence technology within the UK retail sector and the associated implications for employment and workforce transformation. It highlighted the importance of the retail sector within the UK economy, the growing pace of digital transformation, and the structural shift in workforce skill requirements occurring across the labour market. The chapter also established the research aim, objectives, and research questions that guide the study.
This dissertation is arranged into five chapters. Chapter 1 introduced the research topic, outlined the research aim, questions, and objectives, and established the context for examining Artificial Intelligence adoption in the UK retail sector. Chapter 2 explains the research methodology and explains the systematic literature review approach used to identify and analyse relevant academic studies. Chapter 3 shows the results of the literature review, including preliminary analysis and thematic findings relating to AI adoption and employment transformation. Chapter 4 provides a critical discussion of these findings and explores their implications for organisations, policymakers, and future research. Finally, Chapter 5 sums up the key conclusions of the study and reflects on the implications of Artificial Intelligence for the future of work in the UK retail sector.

[bookmark: _Toc224504713]Chapter 2: Methodology
This chapter presents the methodological framework applied to explore how Artificial Intelligence (AI) adoption is shaping work within the UK retail sector. The study utilises a Systematic Literature Review (SLR) as its main research method. This approach offers a structured and clear process for identifying, assessing, and synthesising existing academic studies related to the research topic. 
The aim of this methodology is to maintain a rigorous, clear, and replicable research approach. In contrast to conventional descriptive literature reviews, which may depend on partial or unstructured methods of sourcing literature, systematic reviews follow clearly established methods for identifying relevant studies and analysing their findings. This method reduces the risk of selection bias and ensures that the conclusions of the research are based on a thorough and balanced evaluation of the existing literature.
This chapter provides an overview of the research philosophy, approach, and strategy guiding the research. It also explains the search strategy, keywords, databases, inclusion and exclusion criteria, and the screening process used to identify appropriate academic sources. Finally, the chapter discusses ethical considerations and methodological limitations associated with the systematic literature review approach.
[bookmark: _Toc224504714]2.1 Systematic Literature Review
A Systematic Literature Review (SLR) is a methodological approach used to systematically identify, assess, and integrate existing academic research in a clear and structured manner. This approach is widely applied in management, business, and social science research, as it enables researchers to examine a large body of literature while minimising bias in the selection and interpretation of sources (Tranfield, Denyer and Smart, 2003).
The systematic review method differs from traditional literature reviews as it follows structured procedures for identifying, selecting, and analysing academic studies. These steps help ensure that relevant research is located through a transparent and replicable process. By using defined selection criteria, researchers can ensure that the included literature is appropriate, credible, and academically robust (Snyder, 2019). 
In relation to this research, the systematic literature review aims to synthesise academic research examining the relationship between Artificial Intelligence, automation, and employment transformation within the retail sector. The review focuses on identifying patterns, themes, and debates within the literature regarding how AI adoption influences job roles, workforce structures, and skill requirements.
This approach is particularly suitable for studying the effect of Artificial Intelligence because AI-related research is rapidly expanding across multiple disciplines including economics, management, information systems, and labour studies. Conducting a systematic literature review allows the researcher to synthesise findings from these different fields and gain a comprehensive insight into how technological advancements impact employment within the retail sector.
[bookmark: _Toc224504715]2.2 Research Philosophy
This research adopts an interpretivist research philosophy. Interpretivism emphasises understanding complex social phenomena through interpretation and contextual analysis rather than purely objective measurement (Walliman, 2019). In contrast to positivist methods that focus on quantifiable data, interpretivist research explores how individuals, organisations, and institutions experience and interpret social and technological change.
The impact of Artificial Intelligence on employment involves complex organisational and social processes. AI adoption influences job roles, skill requirements, workplace practices, and organisational strategies. These changes cannot be fully understood through numerical data alone. Instead, they require interpretation of multiple perspectives and analysis of existing research findings.
Interpretivist research therefore provides an appropriate philosophical foundation for this study because it allows the researcher to analyse how technological developments influence workforce transformation and organisational practices within the retail sector. Qualitative interpretivist research aims to understand complex social phenomena through contextual analysis and interpretation rather than purely quantitative measurement (Lincoln and Guba, 1985).
[bookmark: _Toc224504716]2.3 Research Approach
[bookmark: _Toc224425316][bookmark: _Toc224500950][bookmark: _Toc224504717]This study is guided by an inductive research approach. Inductive research involves developing insights and conclusions based on patterns observed in existing data rather than testing predetermined hypotheses (Adams, Khan and Raeside, 2014).
An inductive approach is particularly suitable for exploratory research topics such as Artificial Intelligence and the future of work. The rapid development of AI technologies means that many aspects of their impact on employment are still evolving. Rather than attempting to test a specific theoretical model, the research analyses existing academic literature to identify common themes and patterns relating to technological adoption and workforce transformation. By analysing multiple studies, the inductive approach enables the study to develop a broader perspective on how AI adoption shapes employment structures and workforce skills within the retail sector.
[bookmark: _Toc224504718]2.4 Research Strategy
The research uses a qualitative secondary research strategy, relying entirely on previously published academic literature rather than primary data collection. Secondary research involves analysing existing research studies, reports, and academic publications to address a research problem.
Secondary research is appropriate for this study for several reasons. First, the topic of Artificial Intelligence and employment has already been widely examined across multiple disciplines, meaning that a large volume of existing literature is available for analysis. Second, the fast rate of technological development creates challenges in capturing the full range of impacts through primary data collection alone. By synthesising existing research, the study can draw on insights from multiple empirical studies conducted across different contexts.
The review focuses primarily on current developments and patterns relating to AI adoption and employment transformation rather than examining long-term changes over an extended period. This approach allows the study to capture recent developments in Artificial Intelligence technologies and their implications for the retail workforce.
2.5 Search Strategy
A clearly defined search strategy was created to identify relevant academic literature investigating the relationship between Artificial Intelligence, automation, and employment transformation. The search strategy was designed to make sure that the literature review remained systematic, transparent, and replicable.
The literature search was conducted in several stages. First, academic databases were explored using combinations of keywords related to Artificial Intelligence, automation, employment transformation, and retail. These searches produced an initial set of potentially relevant studies.
Secondly, the titles and abstracts of these studies were reviewed to assess their relevance to the research topic. Studies that did not address Artificial Intelligence, automation, or labour market transformation were excluded at this stage.
The final stage involved examining the complete texts of the selected studies to confirm their suitability based on the established inclusion criteria for the systematic review. Only studies that directly investigated the link between Artificial Intelligence, technological change, and employment outcomes were selected for the final analysis. Applying a structured search strategy helps reduce selection bias and strengthens the reliability of the systematic literature review (Tranfield, Denyer and Smart, 2003).
[bookmark: _Toc224504719]2.6 Keywords and Search Terms
[bookmark: _Toc224500953][bookmark: _Toc224504720]To identify relevant studies, a range of search terms and keywords was developed focusing on Artificial Intelligence, automation, employment, and workforce transformation. These search terms were designed to capture both general research on AI and the future of work as well as sector-specific research relating to retail.
Examples of search terms used include:
· Artificial Intelligence and employment
· Automation and future of work
· AI and job automation
· Technological change and labour market
· AI adoption in retail
· Workforce transformation and automation
These keywords were applied both independently and in conjunction to increase the range of suitable studies. Titles and abstracts were then screened to determine whether the identified studies addressed the research questions of the review.
To improve the accuracy of the search results, Boolean operators like AND and OR were applied. For example, combinations such as Artificial Intelligence AND employment or automation AND retail sector were used to identify studies examining both technological development and labour market outcomes.
The literature search was conducted using recognised academic databases and university library resources to ensure access to credible and high-quality scholarly research. The primary databases used in this study included:
· Scopus
· Web of Science
· Google Scholar
· ScienceDirect
These databases provide a range of peer-reviewed journal articles, conference papers, and scholarly publications across disciplines including management, economics, labour studies, and information systems. Using multiple databases enhances the thoroughness of the literature search and minimises the risk of overlooking important studies.
Priority was given to peer-reviewed journal articles and academic books because these sources typically undergo rigorous academic review processes. In addition, selected institutional reports from organisations such as the OECD, International Labour Organization (ILO), and McKinsey Global Institute were included to provide contextual insights into labour market trends and technological adoption.
[bookmark: _Toc224504721]2.7 Inclusion and Exclusion Criteria
Clear inclusion and exclusion criteria were used to maintain the suitability and quality of the selected studies. These criteria helped ensure that studies were evaluated consistently throughout the review process (Saunders, Lewis and Thornhill, 2019).
[bookmark: _Toc224504722]Inclusion Criteria 
The inclusion of studies in the review was determined by the following criteria:
· Published in peer-reviewed academic journals or scholarly books
· Written in English
· Directly related to Artificial Intelligence, automation, employment, or workforce transformation
· Relevant to technological change and labour market developments
· Recent publications prioritised where possible to reflect current developments
· Seminal or widely cited studies included to provide theoretical context
[bookmark: _Toc224504723]Exclusion Criteria 
Studies were excluded if they satisfied the following criteria:
· Non-academic sources such as blogs or opinion articles
· Studies not directly related to AI, automation, or employment transformation
· Research focusing on industries with limited relevance to the retail sector
· Duplicate studies identified across multiple databases
· Studies lacking sufficient methodological detail






[bookmark: _Toc224504724]Table 2.1 Inclusion and Exclusion Criteria
	Criteria
	Inclusion
	Exclusion

	Publication Type
	Peer-reviewed journal articles and academic books
	Blogs, opinion pieces

	Language
	English
	Non-English publications

	Topic Relevance
	AI, automation, employment
	Unrelated topics

	Publication Date
	Recent studies and key theoretical works
	Outdated studies



[bookmark: _Toc224504725]2.8 Study Selection and Screening Process
The selection of literature was carried out using a systematic screening method aligned with the PRISMA (Preferred Reporting Items for Systematic Reviews and Meta-Analyses) framework. PRISMA is a well-established approach that helps researchers clearly document how relevant studies are identified, screened, and chosen in systematic reviews.
The screening process consisted of four stages:
1. Identification – Academic database searches produced an initial set of potentially relevant studies.
2. Screening – Titles and abstracts were reviewed to assess relevance to Artificial Intelligence and employment transformation.
3. Eligibility – Full-text articles were evaluated using the inclusion and exclusion criteria.
4. Final Selection – Studies meeting all criteria were included in the final systematic literature review.
Following this screening process, 27 academic studies were selected for detailed analysis.
In addition to relevance screening, the methodological quality of selected studies was considered during the review process. Priority was given to peer-reviewed journal articles and well-established academic publications to ensure the findings were credible and reliable. Studies with unclear methodologies or insufficient empirical evidence were excluded where appropriate.
[bookmark: _Toc224504726]2.9 Ethical Considerations
Although this research is based solely on secondary sources, it is still essential to address ethical considerations to maintain integrity, accountability, and transparency throughout the research process. The research follows principles of academic integrity, honesty, and proper attribution of sources.
Because no human participants were involved in the research, issues such as informed consent and confidentiality were not applicable. However, accurate citation and representation of academic sources is essential to avoid plagiarism and maintain research credibility (Walliman, 2019).
The study also aims to present a balanced evaluation of the literature by considering both the positive and negative implications of Artificial Intelligence adoption for employment within the retail sector. Presenting diverse perspectives helps ensure that the research reflects the complexity of technological change and labour market transformation (Boell and Cecez-Kecmanovic, 2015).
[bookmark: _Toc224504727]2.10 Methodological Limitations
Although the systematic literature review approach has several strengths, it is important to recognise certain limitations. First, the study relies entirely on existing published literature, meaning that the findings depend on the availability and quality of prior research. Secondly, restricting the search to English-language publications may result in the exclusion of relevant studies conducted in other languages.
However, the use of recognised academic databases, clearly defined search criteria, and systematic screening procedures helps minimise these limitations and supports the reliability of the research findings.
The next section presents the results of the systematic literature review, including a preliminary analysis of the selected studies and a thematic analysis examining how Artificial Intelligence adoption is influencing employment and workforce transformation in the retail sector. The structured and transparent nature of the systematic literature review therefore strengthens the credibility and replicability of the research process.

[bookmark: _Toc224504728]Chapter 3: Results
This chapter presents the results of the systematic literature review conducted to examine how the adoption of Artificial Intelligence (AI) is influencing the nature of work in the UK retail industry. Following the methodological approach outlined in Chapter 2, relevant academic studies were identified, screened, and analysed using a structured search strategy and predefined inclusion criteria. The selected studies were systematically analysed using thematic analysis to identify recurring patterns, relationships, and debates within the literature relating to Artificial Intelligence adoption and employment transformation in the retail sector. The purpose of this chapter is to synthesise the findings of the reviewed studies and identify key patterns emerging across the literature.
The results are organised into two main sections. The first section provides a preliminary analysis of the selected studies, including an overview of publication trends and characteristics of the literature reviewed. The second section presents a detailed thematic analysis of the literature, identifying the major themes emerging from the studies regarding AI adoption and its implications for employment within the retail sector.
Through this structured approach, the chapter provides a comprehensive overview of how Artificial Intelligence is reshaping employment structures, job roles, and skill requirements within retail organisations.
[bookmark: _Toc224504729]3.1 Preliminary Analysis
The systematic literature review was conducted using a clearly structured screening process based on the PRISMA (Preferred Reporting Items for Systematic Reviews and Meta-Analyses) framework. This approach ensures a transparent and organised method for identifying, evaluating, and selecting relevant studies. 
The initial database search across Scopus, Web of Science, Google Scholar, and ScienceDirect identified a large number of potentially relevant publications relating to Artificial Intelligence, automation, and employment transformation. After removing duplicate records and screening titles and abstracts, a smaller set of studies was selected for full-text evaluation.
Studies that did not directly address Artificial Intelligence, employment transformation, or technological change in organisational contexts were excluded during this stage. After the application of inclusion and exclusion criteria, approximately 27 academic studies were selected for detailed analysis.
This structured screening process helped ensure that the literature included in the review was both relevant and academically credible.
An examination of the publication dates of the selected studies reveals a clear increase in academic research examining Artificial Intelligence and employment transformation in recent years. Earlier research on automation primarily focused on the potential risks of technological unemployment and job displacement (Frey and Osborne, 2017). However, more recent studies have increasingly emphasised the complex relationship between technology and labour markets.
The growing number of studies published since the late 2010s reflects the fast expansion of Artificial Intelligence technologies and their increasing adoption across industries. As organisations integrate AI systems into operational processes, researchers have become increasingly interested in understanding how technological change influences workforce structures and labour market dynamics.    

	Year
	Number of Studies

	2014
	1

	2015
	1

	2016
	2

	2017
	3

	2018
	2

	2019
	3

	2020
	5

	2021
	4

	2022
	4

	2023
	3


 Figure 3.1: The distribution of academic studies included in the review by year of publication.









As shown in Figure 3.1, the number of academic publications examining Artificial Intelligence and employment has increased significantly since 2019. This growth reflects the rapid expansion of AI technologies and their growing adoption across business operations. As organisations increasingly rely on AI for data analysis, automation, and operational decision-making, researchers have become more interested in understanding the impacts of these technologies for labour markets and workforce transformation. The studies included in this systematic literature review represent a diverse range of academic disciplines, including economics, management, labour market studies, and information systems research. Many studies examine technological change at a macroeconomic level, analysing how automation influences employment trends across national economies (Aghion, Jones and Jones, 2017; OECD, 2023).
Other studies focus on organisational or industry-level analysis, examining how businesses adopt Artificial Intelligence technologies to improve operational efficiency and decision-making processes (Davenport et al., 2020; Brynjolfsson, Rock and Syverson, 2021).
Several studies also investigate the relationship between automation and workforce skills. Research increasingly emphasises the importance of digital literacy, analytical thinking, and technological competence in AI-driven workplaces (World Economic Forum, 2023; Georgieff and Hyee, 2022). These studies highlight that workforce adaptability plays a critical role in determining whether technological change leads to positive or negative employment outcomes.
[bookmark: _Toc223950980]Macroeconomic evidence also shows that technological capital has increased significantly across advanced economies over the past decade, reflecting growing investment in digital technologies and automation (Feenstra, Inklaar and Timmer, 2023). These developments provide important context for understanding how technological change is reshaping labour markets across industries. Collectively, these perspectives demonstrate that AI influences employment through task transformation and skill restructuring, rather than job elimination. However, these theoretical perspectives also highlight that the employment impact of AI is context-dependent and influenced by organisational, institutional, and workforce factors. Table 3.1 summarises key theoretical perspectives that explain how automation and Artificial Intelligence influence employment outcomes. These theories provide a conceptual framework for interpreting the relationship between technological change, job transformation, and workforce adaptation within the retail sector.


[bookmark: _Toc224504730]Table 3.1 Key Theoretical Perspectives on AI and Employment
	Author
	Key Argument
	Relevance

	Frey and Osborne (2017)
	Automation threatens routine jobs
	Highlights automation risk in retail roles

	Autor (2015)
	Automation replaces tasks rather than entire jobs
	Explains job redesign and task restructuring

	Acemoglu and Restrepo (2020)
	Displacement–reinstatement effect
	Explains how AI can both eliminate and create jobs



Table 3.1 summarises key theoretical perspectives explaining the relationship between automation and employment. These frameworks provide a conceptual foundation for analysing how Artificial Intelligence adoption may reshape job roles and workforce structures within the UK retail sector.
[bookmark: _Toc224504731]3.2 Detailed Thematic Analysis
The second stage of the results analysis involved identifying key themes emerging from the literature. Using thematic analysis, the selected studies were organised into four major themes aligned with the research questions:
1. AI adoption and technological transformation in retail
2. Job transformation and task restructuring
3. Changing skill requirements and workforce adaptation
4. Workforce inequality and labour market polarisation
These themes provide a structured framework for analysing how Artificial Intelligence adoption is influencing employment within the retail sector.
The reviewed studies indicate that Artificial Intelligence adoption is expanding across retail operations. Retail organisations are integrating AI technologies into supply chain management, inventory optimisation, marketing strategies, and customer interaction systems (Verhoef et al., 2021; Grewal, Roggeveen and Guha, 2024).
AI-powered systems allow retailers to analyse large volumes of consumer data and identify patterns that support more accurate decision-making (Davenport et al., 2020). For instance, machine learning techniques can examine customer purchasing behaviour to forecast demand trends, improve product positioning, and tailor marketing strategies.
Supply chain and logistics operations represent one of the most significant areas of AI implementation. Retail distribution centres increasingly rely on robotics, automated picking systems, and AI-driven inventory management tools to improve speed and accuracy in order fulfilment. These technologies enable organisations to monitor stock levels in real time and respond more effectively to fluctuations in consumer demand (Punukollu et al., 2022).
In-store retail environments have also experienced technological transformation. Automated checkout systems, digital payment technologies, and AI-powered recommendation engines are increasingly common features of modern retail operations. These technologies streamline transactions and allow retailers to allocate employees toward customer service and advisory roles.
However, while many studies emphasise the productivity benefits of AI adoption, some researchers argue that the long-term employment effects remain uncertain because technological change interacts with organisational strategy, labour market institutions, and workforce skill levels (Acemoglu, 2021). As a result, the employment outcomes of AI adoption vary significantly across organisations and sectors. 
Empirical evidence indicates that Artificial Intelligence adoption has increased significantly across advanced economies in recent years. Figure 3.2 illustrates the growth of AI adoption across OECD countries between 2018 and 2023.  






Figure 3.2: AI Adoption Across OECD Economies (2018–2023).

[image: ]Source: Adapted from OECD (2023).

Another key theme emerging from the literature concerns the impact of Artificial Intelligence on job roles and employment structures. Earlier research on automation suggested that technological change could result in widespread job displacement, particularly in routine occupations (Frey and Osborne, 2017).
More recent research, however, suggests that automation primarily transforms tasks within jobs rather than eliminating entire occupations (Autor, 2015; Acemoglu and Restrepo, 2020). Routine tasks are more easily automated, while non-routine tasks requiring human judgement and creativity remain difficult to replicate through technology.
Within the retail sector, activities such as transactional checkout work, basic stock monitoring, and administrative processing are increasingly automated. However, many retail jobs involve a combination of routine and non-routine tasks. As a result, employees often shift toward responsibilities that involve customer engagement, problem-solving, and supervision of automated systems.
Labour market data also highlights occupational differences in automation exposure. Studies analysing automation probability in England show that routine retail occupations are among the roles most exposed to technological substitution (White, Lacey and Ardanaz-Badia, 2019). However, global labour market evidence indicates that service-sector employment continues to represent a substantial share of employment across advanced economies (ILO, 2023c).
These findings suggest that technological change is reshaping the structure of work rather than eliminating employment entirely. 
Labour market studies also highlight differences in automation exposure across occupational groups. Figure 3.3 illustrates the estimated automation risk across different occupation types.

Figure 3.3: Estimated Automation Risk by Occupation Type
[image: ]
Source: Adapted from OECD (2023).

A third major theme in the literature concerns the changing skill requirements associated with AI adoption. As organisations integrate intelligent technologies into their operations, employees increasingly require digital literacy, analytical thinking, and technological competence. 
Research suggests that occupations with greater AI exposure often experience task transformation rather than full displacement (Felten, Raj and Seamans, 2021; Georgieff and Hyee, 2022). As a result, workers must develop complementary digital and analytical skills in order to remain productive. In retail environments, employees increasingly interact with digital systems such as predictive inventory platforms, automated payment systems, and AI-supported customer service tools.
The World Economic Forum (2023) identifies analytical thinking, digital literacy, and problem-solving as some of the fastest-growing skill requirements across modern labour markets. These skills allow employees to work effectively alongside intelligent technologies and adapt to evolving organisational processes. 
Human–AI collaboration has therefore become an increasingly important feature of modern workplaces, where AI systems augment rather than fully replace human decision-making (Raisch and Krakowski, 2021; Jarrahi, Robinson, and Meng, 2025). Employees may use AI-generated insights to improve decision-making, personalise customer interactions, or manage logistics operations.
The increasing integration of Artificial Intelligence technologies has also contributed to rising demand for digital and analytical skills across labour markets. Figure 3.4 illustrates the growth in demand for these skills over time.
Figure 3.4: Growth in Demand for Digital and Analytical Skills
[image: ]
Source: Adapted from OECD (2023); ILO (2023c).

The trend illustrated in Figure 3.4 highlights the growing importance of digital and analytical capabilities within modern labour markets. As organisations increasingly integrate Artificial Intelligence into operational processes, employees are required to develop new technological competencies in order to collaborate effectively with intelligent systems. The final theme emerging from the literature concerns the potential for Artificial Intelligence to contribute to labour market inequality. Technological change often benefits workers with higher levels of education and technical expertise while creating challenges for workers performing routine tasks, reinforcing patterns of skill-biased technological change (Goos, Manning and Salomons, 2014; Van Reenen, 2018).
Research suggests that automation tends to complement skilled labour while substituting routine labour, contributing to labour market polarisation (Goos, Manning and Salomons, 2014). In the retail sector, this may result in reduced demand for routine operational roles while increasing demand for managerial, analytical, and technical positions.
If workforce adaptation is not adequately supported through training and reskilling programmes, technological change may widen skill gaps and employment inequality. Ensuring that employees have access to digital education and training opportunities is therefore essential for enabling inclusive technological transformation.
The next chapter critically discusses these findings and examines their implications for organisations, policymakers, and future research on Artificial Intelligence and employment transformation in the retail sector.

CHAPTER 4: Discussion and Future Research
This chapter provides a critical evaluation and interpretation of the results presented in Chapter 3. The purpose of this discussion is to examine how the findings from the systematic literature review contribute to understanding the impact of Artificial Intelligence (AI) on employment and workforce transformation within the UK retail sector. By integrating the key themes identified in the literature, this chapter explains how AI adoption is reshaping retail operations, job roles, and skill requirements.
The chapter also addresses the research questions outlined in Chapter 1 by analysing the extent of AI adoption in retail, the transformation of employment structures, and the implications of these developments for the future workforce. In addition, the discussion highlights the implications of these findings for businesses, policymakers, and theoretical research on technological change.


4.1 Interpretation of Findings
AI Adoption Across Retail Operations
The findings of the systematic literature review demonstrate that Artificial Intelligence adoption is expanding across multiple areas of retail operations. Retail organisations are increasingly utilising AI technologies to optimise supply chains, improve demand forecasting, personalise marketing strategies, and enhance customer service systems. These developments reflect a broader process of digital transformation across service industries, where organisations are integrating intelligent technologies into core business processes to improve efficiency and competitiveness (Brynjolfsson and McAfee, 2014; Vial, 2021; Wamba-Taguimdje et al., 2020).
AI technologies are particularly prominent in logistics automation, warehouse robotics, inventory management, and predictive analytics. These systems allow retailers to analyse large datasets in real time, improving decision-making accuracy and operational efficiency. For example, predictive analytics tools can identify patterns in consumer behaviour and optimise product distribution across retail networks, reducing waste and improving stock availability. In large-scale distribution centres, automated systems improve speed, accuracy, and coordination, significantly transforming traditional operational processes.
However, the findings also indicate that the adoption of AI technologies varies significantly across organisations. Larger retailers often possess greater financial resources, technological infrastructure, and data capabilities, enabling them to implement advanced automation systems more rapidly than smaller firms. In contrast, smaller retailers may face barriers related to cost, expertise, and organisational readiness. As a result, AI adoption across the UK retail sector remains uneven, contributing to differences in productivity, efficiency, and workforce transformation.
Job Transformation Rather Than Job Displacement
A central finding of this study is that Artificial Intelligence is transforming job roles rather than eliminating employment entirely. Earlier research on automation frequently emphasised the risk of widespread technological unemployment (Frey and Osborne, 2017). However, more recent studies suggest that technological change can also generate new forms of employment alongside productivity growth (Autor, Levy and Murnane, 2003; Autor et al., 2024; Bessen et al., 2025).
More recent research highlights that technological change primarily restructures tasks within occupations rather than replacing entire jobs (Autor, 2015; Acemoglu and Restrepo, 2020). This indicates that the employment impact of Artificial Intelligence depends not only on technological capability but also on organisational practices, workforce skills, and institutional labour market conditions.
Within retail organisations, routine activities such as transactional checkout work, basic inventory monitoring, and administrative processing are increasingly automated. At the same time, employees continue to perform roles involving customer engagement, decision-making, problem-solving, and supervision of automated systems. These findings support the argument that AI transforms the content of jobs rather than eliminating employment entirely.
This reflects an important debate within the literature. While Frey and Osborne (2017) emphasise the potential for technological substitution and job displacement, task-based frameworks proposed by Autor (2015) and Acemoglu and Restrepo (2020) suggest a more nuanced outcome in which technology restructures tasks within occupations. The findings of this study align with the latter perspective, as the evidence indicates that AI adoption in retail is more commonly associated with task transformation and human–AI collaboration rather than large-scale job loss.
Changing Skill Requirements and Workforce Adaptation
Another important finding relates to workforce skill requirements. As organisations adopt AI-supported systems, employees increasingly require digital literacy, analytical thinking, and technological competence. Workers must be able to interpret data outputs generated by AI systems while also maintaining strong interpersonal skills required for customer interaction and service delivery.
These developments highlight the growing importance of hybrid skill sets that combine technological knowledge with communication and problem-solving capabilities (Deming, 2017; van Laar et al., 2020). Employees who possess both technical and interpersonal skills are more likely to adapt successfully to AI-driven workplaces and remain competitive within the labour market.
Overall, the findings suggest that the employment impact of Artificial Intelligence cannot be understood solely in terms of job displacement or job creation. Instead, AI adoption transforms work structures by automating repetitive tasks while shifting human effort towards more complex, interactive, and value-added roles. Within the retail sector, this transformation appears to involve a shift toward technology-supported service roles rather than a reduction in overall employment levels.
However, the benefits of skill transformation may not be evenly distributed across the workforce. While studies such as Georgieff and Hyee (2022) emphasise opportunities for workforce upskilling, other research suggests that workers performing routine tasks may face greater challenges in adapting to technological change (Goos et al., 2014). This highlights the importance of training, reskilling, and organisational support in ensuring inclusive workforce transformation.
4.2 Implications for Retail Organisations
Workforce Development and Continuous Learning
The findings of this study have significant implications for retail organisations implementing Artificial Intelligence technologies. One of the most important implications relates to workforce development. As AI technologies become embedded within retail operations, organisations must ensure that employees possess the skills required to interact effectively with intelligent systems.
Retail organisations should therefore prioritise employee reskilling and continuous learning initiatives. Training programmes focusing on digital literacy, data interpretation, and technological problem-solving can support workforce adaptation to AI-driven environments. Organisations that invest in workforce development are more likely to achieve smoother technological transitions, improved productivity, and greater organisational resilience.
Human-Centred AI Implementation
Another key implication relates to the strategic implementation of Artificial Intelligence technologies. Retail organisations should adopt a human-centred approach to AI implementation rather than focusing solely on cost reduction through automation. AI systems are most effective when they complement human capabilities rather than replace employees entirely.
For example, automated checkout systems can reduce transaction times and operational costs while enabling retail staff to focus on customer engagement and service quality. Similarly, AI-driven tools can support employee decision-making rather than replacing human judgement entirely. This approach can improve both organisational performance and customer experience.
Strategic Workforce Planning and Inclusion
Retail organisations should also strengthen strategic workforce planning. As technological change reshapes job roles, businesses must anticipate future skill requirements and adjust recruitment, training, and job design strategies accordingly. Emerging roles such as digital operations managers, data analysts, and automation supervisors are becoming increasingly important in technology-driven retail environments.
In addition, organisations must ensure that technological adoption is inclusive. Employees performing routine tasks face higher automation risk and may struggle to adapt without adequate support. Providing targeted training and development programmes can help ensure that these workers are not excluded from the benefits of technological innovation and can transition into new roles within the organisation.
4.3 Policy and Labour Market Implications
Reskilling and Education Systems
The findings of this study have important implications for policymakers and labour market institutions. As Artificial Intelligence continues to reshape employment structures within the retail sector, governments must support workforce adaptation and ensure that technological change contributes to inclusive economic growth.
A key policy priority is the expansion of national reskilling and upskilling initiatives. Governments should invest in training programmes that help workers develop the digital and analytical skills required in AI-driven workplaces. International policy discussions emphasise the importance of responsible AI governance, workforce reskilling, and inclusive technological adoption (European Commission, 2022; McKinsey Global Institute, 2023), while countries with strong lifelong learning systems tend to adapt more successfully to technological change (OECD, 2023).
Educational institutions also play a critical role in preparing future workers for technological transformation. Universities and vocational training providers should integrate digital literacy, data analysis, and AI awareness into their programmes to ensure that graduates are equipped with relevant skills.
Addressing Inequality and Labour Market Risk
Another important policy consideration involves addressing employment inequality. Workers performing routine or lower-skilled tasks face higher automation exposure compared to those in managerial or analytical roles. Without appropriate policy interventions, technological change may widen income and opportunity gaps within the labour market.
Governments should therefore provide targeted support for workers in vulnerable occupations through retraining programmes, job transition assistance, and education initiatives. Supporting workforce mobility will be essential to make sure that the benefits of Artificial Intelligence adoption are shared across society.
Researchers also highlight that algorithmic management and digital monitoring systems may reshape workplace control and organisational power structures as AI adoption increases (Kellogg et al., 2020; Zuboff, 2019).
4.4 Implications for Theory
The findings of this study contribute to theoretical debates on technological change and labour market transformation. Early automation theories emphasised the possibility of widespread technological unemployment resulting from advances in automation and digital technologies (Frey and Osborne, 2017).
However, the evidence reviewed in this study supports more recent task-based perspectives, which suggest that technology primarily restructures tasks within occupations rather than eliminating entire jobs (Autor, 2015; Acemoglu and Restrepo, 2020). Artificial Intelligence systems tend to automate repetitive tasks while increasing the importance of complex cognitive and interpersonal activities.
The results also reinforce the concept of skill-biased technological change, indicating that technological advancements increase demand for skilled workers while reducing demand for routine tasks. Workers with digital and analytical skills are more likely to benefit from AI adoption.
By examining these dynamics within the context of the UK retail sector, this study provides sector-specific insight into how technological change reshapes employment structures in service-based industries.

4.5 Limitations and Future Research
While this study provides valuable insights, several limitations should be acknowledged.
First, the study is based entirely on secondary data obtained through a systematic literature review. Although this approach allows for the synthesis of multiple studies, it does not capture real-time organisational experiences or employee perspectives. Future research could address this limitation by using primary data collection methods such as interviews or surveys.
Second, the study adopts a cross-sectional perspective, focusing on current developments rather than long-term changes. Artificial Intelligence technologies continue to evolve rapidly, and workforce dynamics may change over time. Longitudinal research could provide deeper insights into these developments.
Third, the research focuses specifically on the UK retail sector, which may limit generalisability to other industries or countries. Future studies could compare multiple sectors to identify broader labour market patterns.
Finally, the study primarily examines economic and organisational impacts, with less attention given to social and psychological dimensions such as employee wellbeing and job satisfaction. Future research could explore these areas further, including organisational learning and workforce co-skilling strategies (Ransbotham et al., 2020; Zhang, Liu and Yan, 2025; Mindell and Reynolds, 2023).
4.6 Summary
This chapter provided a critical discussion of the findings from the systematic literature review. The results indicate that Artificial Intelligence is reshaping the retail sector through technological transformation, task restructuring, and evolving workforce skill requirements.
While AI offers opportunities for improved productivity and efficiency, it also presents challenges related to workforce adaptation and labour market inequality. The findings emphasise the importance of workforce training, organisational strategy, and supportive policy frameworks.
The study supports task-based theories of technological change (Autor, 2015; Acemoglu and Restrepo, 2020), suggesting that Artificial Intelligence restructures tasks within retail occupations rather than eliminating employment entirely.
The next chapter presents the final conclusion and summarises the key contributions of the research.
[bookmark: _Toc224504740]Chapter 5: Conclusion
This chapter presents the final conclusions of the study and summarises the main insights obtained from the systematic literature review. The research set out to investigate how the adoption of Artificial Intelligence (AI) is shaping the future of work in the UK retail sector. Through the analysis of existing academic studies and industry evidence, the study examined the level of AI adoption within retail organisations, its effects on employment structures and job roles, and the implications for workforce skills and long-term labour market trends.
The study addressed three research questions relating to the adoption of Artificial Intelligence technologies, the transformation of job roles within retail organisations, and the long-term implications of these changes for workforce development. Through a systematic literature review approach, the research synthesised findings from multiple academic studies to develop a thorough understanding of how technological change is reshaping employment within the retail industry.
[bookmark: _Toc224504741]5.1 Summary of Key Findings
The findings of this study demonstrate that Artificial Intelligence adoption is expanding across multiple areas of retail operations. Retail organisations increasingly use AI technologies in logistics systems, inventory management, automated checkout systems, customer service platforms, and data-driven marketing strategies. These technologies allow organisations to analyse large datasets, improve decision-making processes, and optimise operational efficiency.
Despite the growing use of Artificial Intelligence technologies, the research indicates that AI adoption within the retail sector remains uneven. Larger organisations often possess greater financial resources and technological capabilities, allowing them to implement advanced automation systems more rapidly than smaller firms. As a result, the diffusion of AI technologies varies across different organisations and operational contexts.
The research also highlights that Artificial Intelligence is primarily transforming job roles rather than eliminating employment entirely. Earlier research on automation often emphasised the potential for widespread technological unemployment (Frey and Osborne, 2017). However, more recent studies suggest that technological change tends to restructure tasks within occupations rather than replacing jobs completely (Autor, 2015; Acemoglu and Restrepo, 2020).
Within retail environments, routine activities such as transactional checkout work, stock monitoring, and administrative processing are increasingly automated. However, many retail roles involve a combination of routine and non-routine tasks, meaning that employees continue to perform functions that require human judgement, creativity, and interpersonal communication.
Another important finding concerns the changing skill requirements associated with AI adoption. As retail organisations integrate intelligent technologies into their operations, employees increasingly require digital literacy, analytical thinking, and technological competence. Workers must be able to interpret data generated by AI systems while maintaining strong communication and customer service skills.
These developments highlight the growing importance of hybrid skill sets, where employees combine technological knowledge with interpersonal capabilities. Workers who possess both digital and social skills are more likely to adapt successfully to AI-driven workplaces.
Finally, the findings indicate that technological change may contribute to labour market inequality if workforce adaptation is not adequately supported. Workers performing routine or lower-skilled tasks face higher automation exposure, while employees with higher levels of education and digital expertise may benefit from increased demand for technical and analytical roles. Overcoming these challenges will require collaborative efforts from organisations, policymakers, and educational institutions.
[bookmark: _Toc224504742]5.2 Implications for Organisations and Policymakers
The results of this study highlight several key implications for retail organisations, policymakers, and labour market institutions.
For retail businesses, successful AI adoption requires more than simply implementing new technologies. Organisations must also invest in workforce development and employee training to make sure that workers have the skills required to use and collaborate with intelligent systems. Retail firms that prioritise employee reskilling and continuous learning are more likely to achieve positive productivity outcomes and successful technological integration.
Retail organisations should also develop a strategic approach to Artificial Intelligence implementation. Instead of focusing solely on automation and cost reduction, businesses should prioritise human-centred AI strategies that enhance employee capabilities and improve customer experiences. Integrating technological innovation with workforce development can help organisations achieve sustainable long-term competitiveness.
For policymakers, the findings highlight the importance of supporting workforce adaptation through education and training initiatives. Governments should invest in digital education, vocational training programmes, and lifelong learning systems that train workers to develop the skills required in technology-driven labour markets.
Educational institutions are also key in preparing future workers for technological change. Universities and training providers should incorporate digital literacy, data analysis, and AI awareness into academic programmes to ensure that graduates are prepared with the skills required in modern workplaces. 
Finally, policymakers should ensure that Artificial Intelligence technologies are implemented in a clear and responsible way. Regulatory frameworks should consider issues such as data protection, algorithmic decision-making, and workplace monitoring to safeguard employees while promoting responsible technological innovation.
[bookmark: _Toc224504743]5.3 Final Conclusion
In conclusion, this study demonstrates that Artificial Intelligence is becoming increasingly influential in shaping the nature of work within the UK retail sector. The systematic literature review shows that AI adoption is expanding across retail operations and contributing to significant organisational transformation.
Rather than causing widespread job loss, the evidence suggests that Artificial Intelligence is reshaping the nature of work by automating routine and repetitive tasks while enhancing the importance of human-centred skills such as communication, decision-making, and problem-solving. Retail employees are increasingly required to collaborate with intelligent technologies, leading to new forms of technology-augmented work.   
However, the transition toward AI-driven retail environments also presents important challenges. Workforce reskilling, digital skill development, and labour market inequality represent key issues that must be resolved to guarantee that technological change benefits both organisations and employees.
Ultimately, the future of work in the UK retail sector will rely on how effectively organisations, governments, and educational institutions manage the transition toward AI-driven economic systems. By aligning technological innovation with workforce development, the retail sector can maximise the benefits of Artificial Intelligence and minimise the risks associated with labour market disruption. This study contributes to existing research by synthesising recent evidence on Artificial Intelligence and employment within the specific context of the UK retail sector, highlighting how technological transformation is reshaping job tasks, skill requirements, and organisational workforce strategies. Overall, the findings of this study provide clear answers to the research questions by demonstrating that AI adoption in the UK retail sector is expanding across operational functions, transforming job tasks rather than eliminating employment entirely, and increasing the importance of digital and analytical workforce skills.
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