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Abstract
As more individuals seek cheaper and greener garments, online thrift businesses have risen rapidly. The internet used goods sector is booming, but little is known about buyer satisfaction. This study examines how perceived service quality, expectation–confirmation, and confidence in e-commerce affect the pleasure of online used-item buyers. An organized questionnaire was employed in a quantitative investigation with 90 online used-item buyers. SPSS was used for descriptive and inferential statistics. Customer satisfaction is best predicted by perceived quality. Customer expectations and trust had no statistically significant influence. The study shows how positive reviews increase customer satisfaction in online second-hand markets, contributing to sustainable consumption research. Platform providers receive advise on improving customer service and trust.
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[bookmark: _Toc219615361][bookmark: background-and-significance]Background and significance
Fashion is bold and attractive, but its weaknesses are becoming apparent. Selling out, employing cheap materials, and using low-paid workers are all aspects of fast fashion. It damages the environment and makes too much. Scholars say the industry is criticized for creating inexpensive clothes and not caring about the environment. People are also becoming more conscious of how their choices influence the environment, which motivates them to make better ones (Assoune) (Cucos, 2022). Used goods buying has returned for this reason. Depop, Vinted, and eBay are capturing the used shopping sector from flea markets and thrift stores. These services make buying and selling old garments easier and cheaper than stores (Cosar, Panyi, & Varga, 2017). Studies show that the used clothes market has grown 21 times faster than new clothing in recent years (Assoune, n.d.). By 2023, it should be worth twice.
Customer experience is prioritized as online used-goods shopping grows. Happy consumers are more likely to return and tell their friends, according to continuing buyer behavior studies (Hallencreutz & Parmler, 2021). Online shoppers are happy when the products are nice, the website is easy to use, the assistance is decent, and they can trust the platform (Solomon, Askegaard, Hogg, & Bamossy, 2019). However, buying used products has unique issues. Because secondhand items can't be inspected before purchase, they may be in various situations (Silva, Rocha, De Cicco, Galhanone, & Manzini, 2021). Used item sales are done through a website provider and individual sellers. Responsibility becomes difficult. Companies and policymakers must understand human happiness to retain customers and promote circular consumption in this complex environment.
[bookmark: _Toc219615362][bookmark: purpose-and-research-question]Purpose and research question
This dissertation examines what makes online used purchase buyers pleased. It examines how consumer standards, trust, and quality effect happiness. Its perceived quality is how well a service or product satisfies standards. Customers evaluate the shopping experience based on their expectations (Glen, 2023). Online shoppers want their transactions to be safe, their data protected, and the seller trustworthy (Assoune, (Garbarino & Johnson, 1999).).
The primary research question guiding this study is:
How do internet shoppers' dreams, trust, and used item quality affect their happiness (Bhandari, 2022a)?
From this research question, three hypotheses are developed:
1. H1: Perceived quality has a positive effect on customer satisfaction.
1. H2: Customer expectations have a positive effect on customer satisfaction.
1. H3: Trust has a positive effect on customer satisfaction.
[bookmark: _Toc219615363][bookmark: rationale-and-significance]Rationale and significance
This effort is vital for many reasons. Trust, service quality, and expectation–confirmation theories are combined to add to the modest study on online secondhand items (Hayes, 2023). Existing quality scales solely include e-commerce service delivery, not physical or used goods (Chang, 2022). This study examines quality, expectations, and trust to understand second-hand platform happiness. Platform owners, sellers, and lawmakers benefit in practice (IBM). Knowing what factors most affect customer satisfaction helps businesses improve and retain customers. Third, by improving used products buyer satisfaction, we indirectly promote environmental sustainability (Calzon, 2023). Buying used reduces carbon pollution and resource use.
[bookmark: _Toc219615364][bookmark: literature-review]Literature Review
[bookmark: _Toc219615365][bookmark: secondhand-markets-and-sustainability]Second‑hand markets and sustainability
Buy used to get something someone else had. Because new goods were cheap, it lost popularity in the mid-20th century. In the last 20 years, it's grown popular again. Online marketplaces have altered used-item sales by connecting customers and sellers worldwide. Online second-hand markets attract shoppers who seek to save money and the environment by prolonging product life and reducing waste. One-third of buyers have bought more used products in recent years, according to industry data (Garbarino & Johnson, 1999). Buy used to save money, reduce textile waste, and reduce greenhouse gas emissions.
Despite its potential, the internet second-hand market has issues that may disappoint customers. Products vary in quality and may be broken or misrepresented. Because online purchases can't be checked out in person, trust and good interaction are crucial (Álvarez‑García, González‑Vázquez, Del Río‑Rama, & Durán‑Sánchez, 2019). Research shows that current service quality ratings primarily include delivery service, not used item condition or risk (Burity, 2021). Most scales don't differentiate between platform and seller, even though both affect buying experience. These difficulties demonstrate the need for second-hand market-specific conceptual models (Calvello, 2023).
[bookmark: _Toc219615366][bookmark: customer-satisfaction]Customer satisfaction
Customer satisfaction is significant in marketing and service study. Customer expectations determine their overall grade. According to Parasuraman et al., clients can evaluate service by comparing expectations to results. Technical and functional quality effect buyers' thoughts, according to Grönroos' Nordic model (Formplus, 2023). Customers are delighted when performance meets or exceeds expectations and unhappy otherwise (Roza, Octavia, & Sriahyudha, 2022). The SERVQUAL model reveals that service pleasure requires responsiveness, assurance, empathy, and tangibles.
Real-world research indicates that pleased consumers help businesses prosper. National customer satisfaction studies reveal that service affects satisfaction everywhere (Del Greco & Walop, 1987). Customers are satisfied with an online store that is easy to use, has a large selection, affordable prices, reliable service, is safe, and satisfies their demands (Bell, Bryman, & Harley, 2019). Customer satisfaction is more dependent on e-service quality than trust or perceived value (Sellpy). To satisfy e-commerce customers, products and services must improve (IBM).
[bookmark: _Toc219615367][bookmark: perceived-quality]Perceived quality
Customers evaluate a product or service based on what they expected and received. It varies per person. Services are intangible, hard to separate, and tougher to evaluate than physical things. Parasuraman et al. created SERVQUAL to assess dependability, responsiveness, confidence, and empathy (Business Research Methodology, n.d.). Grönroos compares standards and service to determine technical and functional quality.
Online second-hand markets evaluate service, product condition, and description accuracy. Since customers can't touch or sample a product, they use photographs, descriptions, and the seller's reputation to determine quality (Assoune). According to research, a website's ease of use, services (such ordering and payment options), and legal protections determine its rating (Turney, 2022). Customer reviews show that the product is good and the seller is trustworthy, which promotes trust (Bock,.). More positive perceptions increase happiness.
[bookmark: _Toc219615368][bookmark: customer-expectations]Customer expectations
People relate their actions to expectations. Client expectations are influenced by past experiences, personal tastes, marketing messages, and word of mouth, according to Parasuraman et al. The expectation–confirmation hypothesis states that happiness depends on the difference between expectations and actions. Positive disconfirmation makes people pleased when performance exceeds projections, but negative disconfirmation makes them unhappy (Bhandari, 2022b). Used item buyers may have expectations about its condition, delivery time, price, and platform performance. Even with imperfect used things, customers demand accurate descriptions and photos.
Real-life research demonstrate regulating expectations makes individuals happier. Companies that disclose product flaws and provide accurate sizing information help customers set realistic goals, making them happier. If the platform misrepresents delivery timeframes or photographs, customers may be disappointed even if the product is good (IBM, n.d.). For online purchasing standards and trust, FAQs and real-time product information are essential (Silva, Santos, Duarte, & Vlacic, 2021).
[bookmark: _Toc219615369][bookmark: trust-in-online-shopping]Trust in online shopping
Trust is crucial in risky or ambiguous situations. Online shoppers trust the store to be honest, ethical, and protect their personal and financial information. Since customers can't talk to purchasers, they utilize website design, third-party certifications, user evaluations, and past experiences to assess a platform's trustworthiness. Lots of trust reduces risk and simplifies buying (Lee, Wang, Lu, Hsieh, Chien, & Tsai, 2016). Website quality and purchasing intention are mitigated by trust (Bernazzani, 2022). Beautiful websites may not sell if customers don't trust them (Bhandari, 2022b).
Trust, perceived danger, perceived security, and e-WOM are the most critical criteria in online shopping, according to a meta-analysis. Trusted online retailers get personal information, sell, and retain customers. Privacy concerns, frauds, and negative reviews undermine sales and confidence. This is especially critical when buying used products from people, whose reputation may be tougher to verify than well-known stores (Bernazzani, 2022). Safe payment methods, buyer security rules, and vendor ratings promote trust on platforms.
[bookmark: _Toc219615370][bookmark: conceptual-framework-and-hypotheses]Conceptual framework and hypotheses
Figure 5 depicts this study's thought model. The report claims customer expectations, perceived quality, and trust affect online used-goods buyers' happiness. Rating each notion involves many Likert scale questions. Several theories emerge from the study:
· Customer satisfaction comes from product or service quality. Better perceived service quality makes individuals happier, research finds (Bouchrika, 2023).
· Meeting client expectations makes them happy. According to the expectation–confirmation hypothesis, meeting or exceeding hopes increases satisfaction (Khoa & Nguyen, 2022).
[bookmark: consumer-motivations-and-barriers]H3: Trust has a positive effect on customer satisfaction. Trust reduces perceived risk, thereby encouraging positive evaluations of the purchasing experience Consumer motivations and barriers
People buy used products for several, sometimes conflicting, reasons besides saving money. Online resale platforms and thrift stores are driven by money, emotions, and morals. There are economic motives to buy, save, or be price alert (Bell, Bryman, & Harley, 2019). Students and young workers on a budget can buy brands and trends from used goods. Finding new things, "hunting" for unique stuff, and getting a good deal are hedonic causes. Many thrift store shoppers feel like they're in a treasure trove since they can find unique and antique fashions that stores don't (Business Research Methodology,.). Being authentic and unique is more crucial for young people who value self-expression and identity. Morality, the environment, and waste reduction matter. Some individuals buy used to reduce waste, aid the environment, and protest quick fashion (Gordon, 2015). Used clothing buyers worry more about the environment and feel more emotionally connected to items than new buyers, according to polls.
Despite these reasons, individuals may not buy used things. Cleaning, product authenticity, and sorting time are common issues. Many new shoppers worry about stains, smells, and broken electronics (Silva, Santos, Duarte, & Vlacic, 2021). Others find buying used products irritating because of crowded racks and constantly changing stuff. Bad experiences, including getting different things than promised, make people cautious and less likely to believe (Bock,). Because you can't see, touch, or know the products, online shopping is riskier. Some people only buy old products from trusted merchants or after inspecting them. Useful guidelines about cleanliness, item descriptions, and return procedures can make used goods sites more enticing.
[bookmark: perceived-value-and-risk]Perceived value and risk
People consider more than merchandise. They sense danger and worth as others do. Customer perceptions of a product's pros and negatives determine its "perceived value" (Toor, 2021). Value trumps price when buying vintage stuff. It offers distinctive features, emotional delight, and long-term advantages. People who enjoy unusual or old objects may overlook minor shortcomings. Some people like to buy used items that remind them of joyful family or friend moments. The environment motivates some to promote a revolving economy and less waste. When a product is excessively expensive or platform fees and shipping expenses cancel out the price benefits, people dislike it. E-commerce research demonstrates that service satisfaction is linked to value perception. Service suppliers should discuss value to establish confidence.
Perceived risk encompasses unknown and possible unfavorable situations when buying. Shopping at used-item stores is risky. The goods may not operate and you may feel humiliated or condemned for getting it dirty. You may lose money due to frauds or late deliveries (Bhandari, 2022c). People who don't trust others are reluctant to act. New thrift shoppers have clean, convenient, and time-saving expectations, according to the Generation Z survey (Business Research Methodology). These views raise risk awareness and reduce risk-taking. By ensuring information is legitimate, quality is vetted, and descriptions are detailed with lots of photographs, platforms may reduce perceived risk. Safe payment methods and buyer protection schemes reassure customers. Clear safety precautions could modify risk preferences to chance and encourage trial purchases.
[bookmark: Xeb4c21586930882b689e695219283b3651464cb]Cross‑cultural and generational considerations
Different countries, age groups, and socioeconomic strata view becoming acclimated to something differently. Sociodemographic characteristics including age, gender, education, and wealth affect incentives, impediments, and attitudes. Generation Z and younger generations shop online and care about the environment in many countries. Tech-savvy, socially conscious, and real Generation Z prefers thrift shopping to older generations (Lee, Wang, Lu, Hsieh, Chien, & Tsai, 2016). In the Slovakian survey, women rated secondhand shopping more real, entertaining, trendy, and environmentally friendly than males. Finding authentic attire was more exciting for women than men. Social conventions and buying habits may explain these discrepancies. Women may love trying new clothing and trends, while males may value quickness and brand trustworthiness. Used buyers were more environmentally conscious and felt more connected to their purchases.
Cross-cultural research reveal that economic progress, cultural values, and the legislation affect used-goods shopping. Poorer countries may view buying used items as a sign of poverty or necessity (Bock, n.d.). However, distinctive, retro, or eco-friendly old clothes may be stylish in the West (Cucos, 2022). One survey indicated that younger Chinese buyers worry more about the environment than older ones. Age and environmental support vary, and other research dispute the premise that younger people are more socially conscious. When entering new markets, platform operators must consider generational and cultural disparities. Marketing, user interface design, and local product selection can boost acceptance (Cucos, 2022). In places where used products are essential, cost and usefulness may work. However, sustainable and authentic may work in locations that value individuality and the environment.
[bookmark: emerging-methodological-perspectives]Emerging methodological perspectives
Secondhand buying research uses cross-sectional and quantitative methods like this study. These methods can test theories and derive broad conclusions from statistics, but they may miss customer differences and changes over time. Researchers are increasingly interested in qualitative and mixed-methods studies on why and how individuals acquire secondhand products. Ethnography, in-depth talks, and participant observation can reveal what used objects mean to people, how they express themselves via consumption, and thrift store culture. While searching for treasures, flea market shoppers enjoy to converse, tell stories, and meet new people, according to ethnographic research. Mixed-methods methods employ quantitative and qualitative data to improve accuracy and comprehension of complex situations (Assoune, n.d.). People's thoughts and actions are tracked over time in longitudinal research (Assoune, n.d.). They can demonstrate how repeated favorable platform experiences or features can influence quality, worth, and risk perceptions (Garbarino & Johnson, 1999).
Technology and data analytics enable new research methodologies. Transactional records, clickstream data, and user reviews reveal buying trends, ratings, and search engine exposure (Bhandari, 2022c). Test new platform features like augmented reality try-on and seller proof to see how they effect trust and consumer happiness (Atilgan & Alhussein, 2021). Simulations and agent-based models can examine network effects and group pressure on used item purchases (Bell, Bryman, & Harley, 2019). These strategies would advance theory and aid practitioners.
[bookmark: Xa1d5b59d056654b736abdd88e17d9dede0e7d78]Technological innovations and the future of second‑hand platforms
Technology is transforming how consumers search, rate, and buy used products. Based on your prior purchases and searches, AI systems generate tailored suggestions (Del Greco & Walop, 1987). This helps people identify goods they like in large stockpiles (Assoune). Machine-learning algorithms can estimate product costs, assist sellers set competitive prices, and uncover fraudulent listings by analysing text and image trends. Shopping help could soon be chatty using natural language processing to help clients clarify their needs and swiftly narrow down their selections.
Online shopping for old items is difficult because you can't see them. VR/AR could fix this. AR apps show how clothes and furniture will look in real life. Augmented reality changing rooms let customers "try on" garments (Silva, Rocha, De Cicco, Galhanone, & Manzini, 2021). They can decide if anything looks and fits well, reducing returns. Virtual reality screens can transport you to an ancient store (Armstrong, 2012). Used goods websites are more attractive with immersive technologies that combine real and online buying (Sellpy).
The blockchain improves trust and transparency. Blockchain can confirm anything is real and allow repairs or restorations by permanently recording its origin, owner, and state. Currently, blockchain verifies used luxury items like handbags and watches (Sellpy). This assures customers the things are legitimate. Smart contracts could automate trust and payment services. Buyer satisfaction must be guaranteed before sellers are compensated. Blockchain is rarely utilised in second-hand markets, but testing show it can speed up purchases and reduce scams (Silva, Santos, Duarte, & Vlacic, 2021).
New circular distribution methods simplify resale. Good reverse logistics systems collect, sort, and re-distribute used goods, saving money and the environment (Roza, Octavia, & Sriahyudha, 2022). Patagonia and IKEA accept used items that can be repaired and sold (Chouery, 2023). Partnerships with on-demand delivery services and locker networks can simplify sending and returning for second-hand buyers (Del Greco & Walop, 1987). Logistics is greener with carbon-neutral transit or offset programs.
Trading and social media may be linked. Social media helps peer-to-peer systems find adverts, establish communities, and boost vendor reputations (Bhandari, 2022b). Live streaming and short-form video can showcase goods, allow vendors and buyers to interact, and spur speedy action on rare findings. "Like," "Save," and "Share" buttons on a store's website can propagate e-WOM. Micro-influencers shrink groupings. New privacy laws require platforms to balance personalisation and data ownership and disclose suggestion algorithms.
New technologies present opportunities and challenges. Secondhand sites must invest in infrastructure, train workers, and partner with digital businesses to employ these technologies (Solomon, Askegaard, Hogg, & Bamossy, 2019). Also, they should simplify new technology utilisation. AR fitting rooms should accommodate people of all body shapes and fashion inclinations, and AI fashion ideas shouldn't be race or gender biased. We must keep obtaining user feedback, employing ethical design methodologies, and developing cross-field alliances to find solutions that build confidence, minimise risk, and benefit the rising number of used-good buyers. Survey of pleased online used-goods buyers: trust, quality, and expectations (Fryman, 2021)
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[bookmark: _Toc219615372][bookmark: research-design]Research design
This study tests famous hypotheses using logic and numbers. A cross-sectional poll was utilised to survey online used-goods buyers (Heath, 2023). Structured instruments and quantitative approaches can measure quality, expectations, trust, and happiness (Roza, Octavia, & Sriahyudha, 2022). Deduction makes it easy to test concepts and share outcomes with a bigger group (Bahari, Samad, Abu Yaziz, Mat Yunoh, & Rosli, 2021).
[bookmark: _Toc219615373][bookmark: instrumentation]Instrumentation
Data was collected using an English Google Forms self-administered form. The form had three parts:
1. Demographical questions included gender, age, employment, and wealth. This study employed these guidelines and checks.
1. For behaviour checks, respondents were asked about buying secondhand items online. Only "Yes" voters could vote again.
1. A Likert scale was used to assess client expectations, trust, happiness, and satisfaction. Respondents rated each statement from 1 to 5 (Burity, 2021).
Five questions assessed quality perceptions. These questions examined product or service quality, how it affected buying plans, platform information reliability, and delivery quality (Business Research Methodology, n.d.). Previous online used goods sales were asked about to determine if they met expectations (Business Research Methodology) (Formplus, 2023). FAQs and inventory on websites were verified. How users feel about disclosing personal information, how essential data security is, and how website design affects trust were utilised to assess website trust (Chiguavi, 2023). Customers were graded on overall happiness, service quality, price fairness, and data security importance.
A small number of students tested the questionnaire beforehand to ensure clarity. Small modifications were made based on feedback. Final polls were posted on Facebook, Instagram, LinkedIn, and others (Turney, 2022). Participation was voluntary and anonymous.
[bookmark: _Toc219615374][bookmark: sampling-and-data-collection]Sampling and data collection
A non-probability random sample was employed to contact online used-goods buyers. Although tricky to generalise, convenience selection worked well for our pilot study with little resources (Hayes, 2023). Information gathering took two weeks. 140 of 145 survey respondents bought used things online (Calculator.net, 2023). The final dataset has 90 answers (Business Research Methodology) (Geetika, Jain, Sachin, Kemble, Ndubisi, Shrivastava, Belhadi, & Venkatesh, 2022).
Several claimed to be "other." The group included males and women. 100% were students between 18 and 30. 56% made 10,000–25,000 SEK a month. Table 1 provides group profiles.
[bookmark: _Toc219615375][bookmark: data-analysis-procedures]Data analysis procedures
Survey responses were saved in Excel and analysed with SPSS 26. To show central tendencies and dispersion, descriptive statistics including means, medians, modes, and standard deviations were generated for each item. Multi-item systems were tested for dependability using Cronbach's alpha. The statistics above were considered internally consistent using established procedures (Calzon, 2023). The parameters given were sufficient for an exploratory investigation (Silva, Rocha, De Cicco, Galhanone, & Manzini, 2021).
Validity was checked using Pearson's correlation coefficients between groups. Regression analysis tested assertions. The models demonstrated that perceived quality, customer standards, and trust did not affect customer satisfaction (Bouchrika, 2023). Controls for satisfaction included gender, age, work, and pay (Handoyo, 2024). P and p values were tested for significance (Silva, Santos, Duarte, & Vlacic, 2021).
[bookmark: _Toc219615376][bookmark: ethical-considerations]Ethical considerations
People's rules followed research. Voluntary participants could quit at any moment. The poll respondents were informed of the study and assured of confidentiality (Khoa & Nguyen, 2022). It stated that the data will help researchers (Lee, Wang, Lu, Hsieh, Chien, & Tsai, 2016). No personal data was collected. People consented by clicking the poll link.
[bookmark: _Toc219615377][bookmark: analysis-of-findings]Analysis of Findings
[bookmark: _Toc219615378][bookmark: descriptive-statistics]Descriptive statistics
Table 2 summarises measurement item outcomes. The majority of respondents were delighted. Customer satisfaction items had mean five-point values of and (Silva, Rocha, De Cicco, Galhanone, & Manzini, 2021). The highest means (Item 3, Perceived Quality 3, M=) showed that platform information stability and reviewability affect quality perception. A list of client standards existed. Some respondents felt negative disconfirmation since item 1's mean (disappointment due to unfulfilled expectations) was less than the scale's midpoint (M=). People had average trust in online used-goods marketplaces (Glen, 2023).
Figure 2 shows each perceived quality item's mean scores. The third criterion—"The website is reliable and provides quality-related information (Garbarino & Johnson, 1999)."—scored highest. Answers like "Product reviews from other customers are important," scored slightly lower. Figures 3 and 4 illustrate consumer hope and faith averages. Only few of the consumer expectations criteria were met, as the average number was less than 4. Most trust items revealed that participants felt safe sharing personal information but were cautious (Handoyo, 2024).
Table 1: Demographic profile of respondents
	Variable
	Category
	Count
	Percentage

	Gender
	Female
	61
	 %

	
	Male
	28
	 %

	
	Other
	1
	 %

	Age
	Under 18
	2
	 %

	
	18–30
	72
	 %

	
	31–50
	15
	 %

	
	51+
	1
	 %

	Occupation
	Student
	52
	 %

	
	Working
	37
	 %

	
	Unemployed
	1
	 %

	Monthly income
	<10,000 SEK
	10
	 %

	
	10,000–25,000 SEK
	53
	 %

	
	25,000–35,000 SEK
	17
	 %

	
	>35,000 SEK
	10
	 %


Table 2: Descriptive statistics of measurement items
	Construct and item
	Mean
	Median
	Mode
	Std. Deviation

	Customer satisfaction (CS)
	
	
	
	

	CS1: The performance of product/service meets expectations
	
	4
	5
	

	CS2: The delivery of product/service influences satisfaction
	
	4
	4
	

	CS3: Lower prices make me feel satisfied
	
	4
	5
	

	CS4: Privacy policies and data security influence satisfaction
	
	4
	5
	

	Perceived quality (PQ)
	
	
	
	

	PQ1: Product/service quality is important when purchasing
	
	4
	4
	

	PQ2: Quality influences purchase intention
	
	4
	4
	

	PQ3: Website is reliable and provides quality information
	
	5
	5
	

	PQ4: Delivery affects perceived quality
	
	4
	4
	

	PQ5: Customer reviews influence perceived quality
	
	4
	4
	

	Customer expectations (CE)
	
	
	
	

	CE1: Previous purchases failed to meet expectations
	
	3
	3
	

	CE2: I have been happily surprised by low expectations
	
	4
	4
	

	CE3: Availability of FAQ is expected
	
	3
	3
	

	CE4: Technological advances raise expectations
	
	4
	3
	

	Trust (TR)
	
	
	
	

	TR1: I am comfortable shopping second‑hand online
	
	4
	4
	

	TR2: I trust websites with my personal information
	
	4
	3
	


[bookmark: _Toc219615379][bookmark: reliability-and-validity]
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Reliability and validity
Each plan was tested for consistency using Cronbach's alpha. The perceived quality scale's alpha number was above average, indicating reliability (Bouchrika, 2023). Use customer satisfaction alpha for exploratory research. Here were the average consumer criteria and trust scores. The wrong expected scale made some items look out of place. Because of this, the regression study only examined CE2 and CE4 (Bock, n.d.). Table 3 shows dependability and validity results.
Research indicates a significant correlation between perceived quality, customer goals, and customer satisfaction (r = p < ). The correlation between faith and hopes was weak (r =, p <). The relationship between trust and happiness was weak (r =, p). This suggests that trust may not affect pleasure in this population (Turney, 2022). These results initially supported Hypothesis 1, but now they cast doubt on Hypotheses 2 and 3.
Table 3: Reliability and validity results
	Construct
	Cronbach’s alpha
	Significant correlations

	Perceived quality (PQ)
	
	PQ–CS (r =, p < ); PQ–CE (r =, p < ) (Calzon, 2023) 

	Customer satisfaction (CS)
	
	CS–PQ (r =, p < ); CS–TR (r =, p < ) (Fryman, 2021) 

	Customer expectations (CE)
	
	CE–PQ (r =, p < ); CE–TR (r =, p < ) (Burity, 2021) 

	Trust (TR)
	
	TR–CE (r =, p < ); TR–CS (r =, p < ) (Garbarino & Johnson, 1999) 


[bookmark: _Toc219615380][bookmark: regression-results]Regression results
The assumptions were tested by multiple regression. A baseline model just considers demographics, three models consider one predictor, and one considers all predictors (Del Greco & Walop, 1987). Find them in Table 4.
As predicted, Model 5 confirmed a substantial correlation between perceived quality and customer satisfaction (β =, p), supporting Hypothesis 1. Hypotheses 2 and 3 were rejected as customer expectations (β = -, p <) and trust (β =, p <) had no impact on happiness (Silva, Santos, Duarte, & Vlacic, 2021). Independent factors and controls explain % of customer satisfaction difference (adjusted R =). The F-test indicated a significant model (F =, p <) (Handoyo, 2024).
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Table 4: Regression analysis results (Dependent variable: Customer satisfaction)
	Predictor
	Model 1 (Controls only)
	Model 2 (PQ)
	Model 3 (CE)
	Model 4 (TR)
	Model 5 (All)

	Intercept
	 ()
	–
	–
	–
	 ()

	Gender
	– ()
	– ()
	– ()
	– ()
	– ()

	Age
	– ()
	– ()
	– ()
	– ()
	– ()

	Occupation
	 ()
	 ()
	 ()
	 ()
	 ()

	Income
	 ()
	 ()
	 ()
	 ()
	 ()

	Perceived quality (PQ)
	–
	*** ()
	–
	–
	*** ()

	Customer expectations (CE)
	–
	–
	 ()
	–
	– ()

	Trust (TR)
	–
	–
	–
	 ()
	 ()

	Adjusted R²
	
	
	
	
	

	F‑value
	*
	***
	
	
	***


Notes: Standard errors are in parentheses. *** p <; * p <.
[bookmark: _Toc219615381][bookmark: discussion]Discussion
A study found out what makes customers satisfied when they buy used online. As expected, perceived quality best predicted happiness. Other research reveals that a customer's impression of a service or product's quality affects their overall opinion. When buying used items, quality depends on storage, description, shipment, and platform use (Handoyo, 2024). Buyers prefer things with nice images, detailed descriptions, and trusted seller ratings.
No evidence showed that consumer hopes made them happier (Hypothesis 2). Expectations are considered to affect happiness, but this study found weak evidence. People have different expectations, and buying antique goods may regulate them. Many participants were thrilled when their aims were realistic, but dissatisfied when they weren't. Low hopes may have reduced their impact (Business Research Methodology) (Geetika, Jain, Sachin, Kemble, Ndubisi, Shrivastava, Belhadi, & Venkatesh, 2022). The expectation scale is unreliable, therefore it may have misrepresented the concept.
Also rejected was the concept that trust would make people happier. Trust predicted happiness only weakly in the regression analysis. Many e-commerce articles believe trust is crucial for online transactions, but this study proves the reverse. There are various reasons. Used item buyers may trust the item's quality above the site's (Assoune,.). Many of the respondents were young and tech-savvy, making them more comfortable exploring online markets and assessing risk (Cosar, Panyi, & Varga, 2017). Non-trusting customers may have bypassed this group since they had to buy something. Third, platform characteristics like buyer security rules may have devalued trust in satisfaction (Silva, Rocha, De Cicco, Galhanone, & Manzini, 2021).
One-third of happiness differences were explained by regression models. This study didn't consider perceived worth or danger, which may have been crucial. Still, the results demonstrate that individuals are happiest when they think something is good, especially when it comes to platform performance and information reliability (Business Research Methodology, n.d.). This supports a study that indicated e-service quality affects satisfaction more than trust or perceived worth.
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[bookmark: _Toc219615382][bookmark: conclusion-and-recommendations]Conclusion and Recommendations
This dissertation examined how purchasers' quality, trust, and seller reliability concerns affect their enjoyment while buying used products online. Service quality, expectation–confirmation, and trust hypotheses were developed. Hypotheses were tested using 90 survey results. According to a study, a product's perceived quality strongly predicts consumer satisfaction. No statistically significant consumer trust and hope benefits existed. The figures indicate how buyers' quality perceptions affect their feelings regarding secondhand goods.
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The study advances science in several ways. Starting with service quality analysis improves online used goods sales. Along with service dimensions, product status and platform functionality matter (Toor, 2021). Second, it suggests that satisfaction may depend more on perception than trust and norms (Gordon, 2015). This contradicts expectation–confirmation and trust theories and suggests that second-hand markets should value touch and knowledge more.
[bookmark: _Toc219615384][bookmark: practical-recommendations]Practical recommendations
For online second‑hand platform providers and sellers, the following recommendations emerge:
1. Improve the work with accurate descriptions, high-resolution images, and a concise list of issues. Set buyer rules for stability and clarity. Offer zoomable and 360-degree photos to make it look like a cheque (Bhandari, 2020).
1. Buy website and mobile app features that make it easy to navigate, secure payments, and serve consumers fast. Easy ordering and returning boosts quality and satisfaction (Chiguavi, 2023).
1. Get buyer ratings and reviews. Show the seller's history and response rate. Maintain your image with review checks.
1. Set expectations with arrival times, shipping costs, and return procedures. Size and condition comments help buyers set realistic goals (Silva, Santos, Duarte, & Vlacic, 2021).
1. Building and maintaining trust: This study found no influence of trust on happiness, but it's crucial to foster trust. Provide buyers with safe payment methods and easy dispute resolution. Check for bogus adverts and third-party seals or certificates (Chouery, 2023).
[bookmark: _Toc219615385][bookmark: X50f7b31c1c7c74146592fc61a1f8661af5f1f63]Implications for sustainability and circular economy
Shopping buying secondhand goods supports the cycle economy and the UN's Sustainable Development Goals. Due to waste and water use, the fashion industry pollutes heavily (IBM) (Atilgan & Alhussein, 2021). Reusing garments to prolong their life is eco-friendly. Sustainability advocates suggest making garments last nine months reduces their environmental impact by 20–30%. New products waste resources and pollute the environment, therefore buy old ones. Thus, online used-item markets are crucial for decoupling economic growth from resource use.
Second-hand markets can offer new opportunities for businesses and governments when viewed through the circular economy. Governments might support local repair businesses and include reselling in producer responsibility initiatives as part of national waste management plans. Policies that require corporations to manufacture durable, recyclable products will improve their second and third lives. Platforms should promote eco-friendly purchasing with product sharing, rental services, and upcycling collaborations (Heath, 2023).
Used items facilitate knowledge sharing and bonding. Exchanges, repair cafés, and online communities allow people to discuss their garments, learn how to maintain them, and appreciate good craftsmanship. These discussions unite and challenge fast fashion's disposable nature (Atilgan & Alhussein, 2021). Secondhand retailers can make individuals more eco-friendly by changing their buying habits. Media and schools may promote reuse and demonstrate its value to society (Solomon, Askegaard, Hogg, & Bamossy, 2019). Documentaries, workshops, and multimedia content demonstrate the circular economy's creativity and kindness (Silva, Santos, Duarte, & Vlacic, 2021).
Finally, introducing sustainability features to a platform can increase responsibility and usage. Platforms can calculate how much carbon and water each purchase saves against new. Badges or awards for sustainable purchases could keep players playing (Bhandari, 2022a). Clarifying how the platform handles returned or unsold items promotes trust and strengthens the cycle economy. Sustainable business methods can help used goods platforms stand out in a crowded market and meet increased demand for eco-friendly products (Hallencreutz & Parmler, 2021).
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The study's findings affect politicians, regulators, and market participants who want sustainable consumption and open markets beyond platform-level notions. Government, corporations, and neighbourhood groups must collaborate to generate a circular economy (Glen, 2023). Reduced taxes, recycling programs, and neighbourhood swap activities will encourage more individuals to buy and keep old items in circulation. Making more people aware of how long-lasting products are good for the environment might reduce the social stigma of buying secondhand things and question cleanliness and inconvenience (Bernazzani, 2022). Cities and NGOs should produce textile waste education campaigns and show how reselling clothes reduces carbon emissions (Business Research Methodology) (Bernazzani, 2022).
Online used-item markets need guidelines to safeguard clients and ensure honesty. Putting descriptions, grades, and photographs together might be fair and promote trust (Sellpy, n.d.). Rule requiring sellers must discuss major issues or solutions would prevent lies and safeguard purchasers (Fryman, 2021). However, severe rules should be avoided to make second-hand shops casual and accessible. Consumer protection groups could engage with platforms to develop dispute resolution standards and ensure fair and effective buyer protection programs. Giving trustworthy suppliers certifications or badges of merit could reduce risk and increase industry trust (Toor, 2021).
Managers value targeted marketing and classification. Ads that emphasise fun, authenticity, and environmental benefits may reach women and younger shoppers, who choose used goods retailers. You can employ "fashion treasure" stories, virtual styling courses, and eco-friendly social media stars. For cautious older or male buyers, sanitation, ease of use, and quality assurance education may work better (Bell, Bryman, & Harley, 2019). Showcase certified refurbished devices, quality filters, or time-saving search and advising algorithms (Chang, 2022). Switching between visual motivation and useful lists makes user interfaces more adaptable (Solomon, Askegaard, Hogg, & Bamossy, 2019).
Due to cultural variations, localisation is needed. A market that links old products to need or poverty may need to rename the items "pre-loved," "vintage," or "eco-friendly" to make them more appealing. Work with local artisans who upcycle fabric or make new products from used clothes to give used items cultural meaning and originality. Platforms should promote long-term resale benefits and create confidence with environmental NGOs in environmentally friendly places (Bahari, Samad, Abu Yaziz, Mat Yunoh, & Rosli, 2021). The site will be easier to use with many languages, localised payment choices, and culturally appropriate sizes and designs (Chang, 2022).
Managers should consider supply chain connections. Reselling systems may help big stores introduce buy-back, trade-in, and used-item areas. Customers who value brand trust and convenience of use will like these connections, which help prolong product life. Brands should consider "resale as a service," which simplifies reselling on some platforms (Bahari, Samad, Abu Yaziz, Mat Yunoh, & Rosli, 2021). Quality remains high, and brand loyalty grows. Small, independent merchants can improve advertisements and client satisfaction with photo, description, and customer service training (Bock). Peer and community groups make people feel like they belong, so they join again (Sellpy, n.d.).
Finally, teaching groups matter. School lessons on circular economies and sustainable spending may influence future customers (Calculator.net, 2023). Colleges and trade schools can teach ethical marketing, textile recycling, and sustainable fashion (Silva, Santos, Duarte, & Vlacic, 2021). Company training programs can inform personnel about secondhand markets and encourage circular purchase and disposal (Silva, Santos, Duarte, & Vlacic, 2021). By encouraging recycling, repair, and smart purchases, society can accelerate the shift from linear to circular models (Sellpy).
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This study has many flaws. Generalisation is prevented by limited samples and convenient selection (Handoyo, 2024). Most participants were college students, which may not be typical of used-goods buyers. Cross-sectional research can't reveal how people's perceptions evolve or determine causes (Business Research Methodology). Better measurement methods are needed because the trust and consumer expectations scales were unreliable. Also consider how perceived value, risk, brand image, and social impact affect satisfaction.
The study only examined one society and group, limiting its findings. Even though age and gender were recorded, the sample size was too small to undertake a proper subgroup analysis or study how gender, income, and schooling interact (Heale & Twycross, 2015). Women purchase for used goods more than males and think they're more real, thus research should include balanced, representative groups. Comparative research between countries or areas could illustrate how culture, economy, and rules effect used goods purchases. Focus groups and other qualitative methods can reveal local opinions on used products, guilt, memories, and community values.
Self-reported data may reduce accuracy. To impress others, people may exaggerate environmental concerns or downplay unfavourable events (Khoa & Nguyen, 2022). For improved satisfaction, trust, and loyalty data, longitudinal designs should examine real spending behaviours (Atilgan & Alhussein, 2021). Platform purchase and user review data can reveal how information signals and product characteristics influence buying decisions. Experimental designs to adjust clear information, quality certifications, and seller type may also reveal direct relationships between platform features and customer delight (Bahari, Samad, Abu Yaziz, Mat Yunoh, & Rosli, 2021).
The relationship between apparent quality, expectations, and trust may be more complex than this study suggests. Quality and pleasure can be reduced or altered by perceived worth and danger. Hedonic and utilitarian considerations may affect happiness, especially for younger buyers of antique objects (Silva, Santos, Duarte, & Vlacic, 2021). Future study should consider multi-level models that include demographic, psychographic, and hierarchical data, such as nested buyers within dealers or platforms. Mixed-methods research could involve polls, diaries, interviews, and ethnographies to understand used-goods shopping (Bock, n.d.).
Future longitudinal research could examine how happiness evolves over time and how product or feature modifications like knowledge or security affect satisfaction. Qualitative studies could improve numeric results by exploring used goods buyers' experiences and researching happiness aspects (Bock, n.d.). Finally, comparing how different countries and age groups view quality, expectations, trust, and happiness may help us understand how race and culture affect these links (Handoyo, 2024).
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[bookmark: _Toc219615390][bookmark: appendix-a-survey-instrument]Appendix A: Survey instrument
1. Demographic questions (gender, age, occupation, monthly income).
1. Behavioural filter: Have you ever shopped second‑hand online? (Y/N).
1. Customer satisfaction items
· CS1 – The performance of the product/service meets my expectations.
· CS2 – The delivery of the product/service influences my satisfaction.
· CS3 – Lower prices make me feel satisfied.
· CS4 – If a company values data privacy (e.g., customer data and payment information), it increases my satisfaction.
1. Perceived quality items
· PQ1 – The quality of a product or service is important when purchasing.
· PQ2 – Product/service quality influences my purchase intention.
· PQ3 – The website is reliable and provides quality‑related information.
· PQ4 – Delivery influences how I perceive the overall quality.
· PQ5 – Reading reviews from other customers influences my perception of quality.
1. Customer expectations items
· CE1 – I have been disappointed because a purchase did not meet my expectations.
· CE2 – I have been pleasantly surprised because my expectations were low.
· CE3 – The availability of a FAQ is expected on a website.
· CE4 – Technological advancements raise my expectations when shopping online.
1. Trust items
· TR1 – I am comfortable when shopping second‑hand online.
· TR2 – I trust online platforms with my personal information.
[bookmark: _Toc219615391][bookmark: appendix-b-additional-figures]Appendix B: Additional figures
Below are the figures referenced in the main text. They have been created using Python’s Matplotlib library and an AI‑generated illustration to visually support the discussion.
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Figure 1: Decorative illustration of online second‑hand shopping
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Figure 2: Mean scores for perceived quality items
[image: assets/customer_expectations.png]
Figure 3: Mean scores for customer expectations items
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Figure 4: Mean scores for trust items
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Figure 5: Conceptual model of independent variables affecting customer satisfaction
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Figure 6: Project timeline Gantt chart
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4.4.1 Operationalization Table
Table 1 - Operationalization Table

CONCEPTS ITEMS QUESTIONS REFERENCES

Your gender is
female/male/other
Age
DEMOGRAPHICS You are xxx years old
Occupation
Your occupation is Xxx
Income
Your income is Xxx

Behavior Have you ever shopped second
hand online?
BEHAVIORAL

Performance | When I shop second hand
CUSTOMER online it is important to me
SATISFACTION that the perfont}ance (?f a
product or service delivers as
expected. It makes me feel
satisfied

Armstrong et al., (2012).

‘When I shop second hand
Delivering online it is important for my
satisfaction how the product or
service delivers

Cosar et al., (2017)

‘When I shop second hand Armstrong et al., (2012)
online Lower prices makes me

feel satisfied

If a company values privacy | cogar et al., (2017)
policies high (eg. customer

data & customer payment
information) it makes me feel
satisfied while shopping
second hand online
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Calculation Sample Size
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Table 2 - Calculation Sample Size
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Demographics Results - Percent %

Gender Age Occupation Income

Female | 67,6% |Under 18 [ 14% | Student [ 579% [Under10000SEK | 6,9 %

Male [31,7% (1830 |80% |Working [40,7% [10000-25000SEK | 58,6 %

Other |0,7% (3050  [103% |Unemployed [14% [25000-35000SEK | 18,6 %

51+ 14% 35000 SEK + 159%

Table 3 - Demographics Result in percent

Demographics Results - Quantity

Gender Age Occupation Income
Female |98 |Under18 |2 Student |84 | Under 10000 SEK 10
Male [46 | 1830 116 |Working |59 |10000-25000SEK |85
Other |1 |3150 15 |Unemployed |2 |25000-35000SEK |27
51+ 2 35 000 SEK + 23

Table 4 - Demographic Result in quantity
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5.2 Behavioral

Behavioral Result
Have you ever shopped second hand online? Quantity Percent %
Yes 90 62,1%
No 55 37.9%

Tuble 5 - Behavioral results in quantitative and percent
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Ttem Mean | Median | Mode | Std.Dev. | Skewness | Kurtosis
Cus_Sat1 426 4 5 0,787 0,631 | -0648
Cus_Sat2 4,08 4 4 0,738 0124 | 1,134
Cus_Sat3 3,99 4 5 0918 0423 | -0841
Cus_Satd 4,06 4 5 0,884 0414 | -0926
Per_Qu1l 4,20 4 4 0,722 0322 | -1,018
Per_Qu2 418 4 4 0,728 0,466 | -0359
Per_Qu3 439 5 5 0,803 1,492 2,836
Per Qud 4,02 4 4 0,821 0416 | 0519
Per_Qu5 3,69 4 4 0,990 0400 | -0225
Cus_Exl 2,88 3 3 1,225 0,163 0,845
Cus_Ex2 3,54 4 4 1,182 0,505 | -0.541
Cus_Ex3 334 3 3 1,123 0083 | 0775
Cus_Exd 3,68 4 3 1,026 0335 | -0465
Trust_1 3,64 4 4 0,865 0,087 | -0,636
Trust_2 3,59 4 3 0,942 0,606 0,849

Table 6 - Descriptive Analysis of dependant and independent variables
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5.4 Validity Control - Pearson's Correlation

‘Variable Customer Perceived | Customer Trust
Satisfaction Quality | Expectations
Customer 1,000 0.608+* 0,283%% 0,234%
Satisfaction
Perceived Quality [ 0,608+* 1,000 0,354%% 0,215%
Customer 0,2834% 0,354%% 1,000 03284+
Expectation
Trust 0,234% 0,215% 0,328%% 1,000
**. Correlation is significant at the 0,01 level (2-tailed)
*. Correlation is significant at the 0,05 level (2-tailed)

Table 7 - Pearson correlation test of dependant and independent variables
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5.5 Reliability Control - Cronbach’s Correlation

Variable N of Item Cronbach’s Alpha
Customer Satisfaction 4 0,59
Perceived Quality 5 0,725
Customer Expectation 4 0292
Trust 2 0,552

Table 8 - Chronbach s Alpha test of the dependant and independent variables
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Variable N of Item Cronbach’s Alpha
Customer Satisfaction 2 0,767
(Cus_Satl & Cus_Sat2)

Customer Expectation 2 0463

(Cus_Ex2 & Cus_Exd)

Table 9 - Cronbach's Alpha test of individual items within independent variables
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Variables (independent) VIF statistics
Perceived Quality 1,172
Customer Expectations 1,200
Trust 1,03

Table 10 - VIF statistics of independent variable
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5.6 Regression Analysis

Model 5
Exp. Model 1 ‘Model 2 Model 3 Model 4 | (All models)
sign. | (Control)
4714 | 1791 | 4231%%% | 4,099%%% | 1,689
Intercept ©0417) | (0566) | (0514) | (0616) | (0,643)
Control Variable: 0,150 | -0,118 0,145 0,142 1,460
Gender ©158) | 0130) | ©157) | (©161) | (0531
Control Variable: 0070 | -0,154 0,154 0,151 1471
Age ©144) | 0157 | (©18) | (0192) | (0,588
Control Variable: 0,083 0,031 0,053 0,098 1211
Occupation ©19) | (0163) | (©198) | (0201) | (0539
Control Variable: 0,038 0,084 0,055 0,059 1,141
Income ©115) | 0094) | (O14) | (0102) | (0556
Perceived Quality 0.575%5% 0,594%4%
@1 + (0.106) (0,117)
Customer
Expectations 0,176 0,055
@) + (0,081) 0,076)
Trust 0,143 0,030
@3) + ©,098) | (0,085
R 0331 0,031 0,021 0339
Adjusted R* 0323 0,020 0,009 0316
Std. Error of
Estimates 056520 | 068011 | 0,69048 | 0,57381
F-Value 43476 | 2,801 1801 | 14379%%%
Degree of freedom (df) 1 1 1 3

S.E. (Standard Error) is presented in the parentheses for each variable

*p<0,05; **p<0,01; ***p<0,001, N= 90

Table 11 - Regression analysis of dependant and independent variables
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