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Research Background: The rapid development of artificial intelligence(AI) is causing significant changes in enterprises and the workforce. Most companies are adopting AI technologies to streamline operations and optimize efficiency. However, there is also a trend of mixed work, where AI complements human labor. The resources invested in artificial intelligence are increasing all over the world, which is also an inevitable trend in the future.
Purpose: Artificial intelligence(AI) is widely believed by more than half of companies to reduce costs and create new business opportunities. AI's ability to process large volumes of data quickly and accurately enhances productivity by automating workflows.
Methods: An online questionnaire and two focus groups were conducted with 389 Internet users. The regression model and SPSS data analysis were used to determine relevant factors(trust, perceived benefits, perceived threats, enjoyment, organizational decision-making, perceived usefulness and perceived ease of use) as employees' intentions and driving forces for using artificial intelligence.
Findings: The results of this study found that the vast majority of respondents, regardless of gender(Male), job position(Supervisor), education level(Certificate / Diploma or above), age(Not Support), and vocational area(Except Education), are willing to use artificial intelligence.
Conclusions and Recommendations: This study suggests that enhancing trust and Performance Expectancy can help employees increase their willingness to use artificial intelligence. In addition, providing an easy-to-operate interface and providing perceived Usefulness can increase employees' usage intentions and help promote the use of artificial intelligence more effectively.
Limitations and Further Research: This study is limited by sample limitations, self-reporting bias, lack of objective indicators, time constraints, and causality. Further research may expand the scope and use multiple research methods, detail the objective indicators and data introduced in the study, and finally can use experimental designs and long-term follow-up studies to assess the time-bound and causal impacts of AI on workers.
Keywords: Trust, Perceived Benefits, Perceived Threats, Enjoyment, Organizational Decision-making, Perceived Usefulness, Perceived Ease of Use, Intend to Use, Usage Behavior
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1. [bookmark: _Toc149654784]Introduction
This research is focused on examining the effects of artificial intelligence(AI) on employees. In today’s fast-paced society, there is a strong emphasis on speed, efficiency, labor reduction, and high profitability. Many businesses, organizations, and government departments are grappling with staffing issues. As a result, the adoption of AI assistance is becoming a significant trend. The motivation for this research is outlined, beginning with a succinct explanation of the theoretical underpinnings, followed by a summary of the study’s objectives and constraints.

1.1. [bookmark: _Toc149654785]Research Background
In recent years, the rapid development of artificial intelligence has begun to have an impact on enterprises and employees. With the development of AI, the operation mode and working methods of traditional enterprises will face changes. In May 2023, the IBM CEO revealed that around 30% of back office jobs will be replaced by AI within the next five years; this 30% includes jobs where employees leave or retire, rather than outright layoffs(Tech nice, 2023). This shows that enterprises are streamlining human resources and optimizing efficiency. After experiencing the post-COVID-19 inflation, many companies have adopted measures to reduce manpower in order to maximize profits, and high-tech companies are no exception. At this time, the large number of applications of artificial intelligence provides a space for enterprises to think about whether they can use AI tools to enable a small number of employees to complete the same workload as before. The World Economic Forum(WEF) released this year's "Future of Work Report" in May this year. The report interviewed more than 800 companies from 45 economies and 27 industries around the world and employed approximately 11.3 million employees(Fortune Insight, 2023). More than 75% of the interviewed companies said that they will adopt artificial intelligence technology within five years. The report pointed out that artificial intelligence will eliminate 83 million jobs within five years, accounting for more than 10% of the current global total number of jobs(Fortune Insight, 2023), especially clerks, and cashiers, Jobs such as bank tellers and data entry clerks will be largely replaced. Mixed work and AI have become the development trend in the labor force. Cheng Yuhao, head of talent and organization consulting services at PricewaterhouseCoopers Hong Kong, said that the survey found that about 40% of Hong Kong employees interviewed believe that AI can improve productivity or efficiency, and about 30% think that it is learning. Opportunities for new skills; only 19% of respondents don’t think AI will have an impact on their jobs(Oriental Daily, 2023).
In addition, American artificial intelligence(AI) authority Ben Goertzel accepted an interview with AFP last week at the Web Summit held in Rio de Janeiro(Rio de Janeiro), the world's largest annual technology conference. In response to the threat that AI may replace human jobs, according to Gotzel speculation, about 80% of human jobs would be replaced without Artificial General Intelligence(AGI)(Digitaljournal, 2023).

[bookmark: _Toc149645727]Figure 1: Global Revenue of Artificial Intelligence in Enterprise Applications from 2016 to 2025(in million US dollars)
[image: ]
Source: Statista(2018)



[bookmark: _Toc149645728]Figure 2: Artificial intelligence market size
[image: ]
Source: Verifiedmarketresearch(2021)
As shown in Figures 1 and 2.Revenue and Market size will increase over 300% from 2021 to 2025(Statista, 2018) and 36.4% from 2021 to 2030 respectively(Verifiedmarketresearch, 2021), the resources invested in artificial intelligence are increasing all over the world, which is also an inevitable trend in the future.

1.2. [bookmark: _Toc149654786]Research Motivation
In 2015, only 10% of organizations would use artificial intelligence technology, but in 2019 this number has risen to 37%, an increase of 270% in 4 years(Gartner, 2019).A survey of AI statistics shows that more than 91% of top businesses report ongoing investment in AI(NewVantage, 2022), and most of the companies surveyed are in the financial services industry, but participants also include Facebook and McDonald’s and other leading companies, as well as healthcare companies such as Pfizer and CVS Health.
[bookmark: _Toc149645667]Table 1: Measurable Results from Data and AI Investments
[image: ]
Source: NewVantage(2022)
As shown in Table 1,over the past few years, organizations are reporting data and AI investments which represent an investment in AI that the measurable business outcomes, also increasing 21% from 2020 to 2022(NewVantage, 2022).AI has indeed broken the threshold of many professions, such as business design. In the past, the money spent by merchants was directly proportional to the results, but now with the use of AI, the fixed costs spent in the past may get better results. The boss spent a little money to get 60 points for pictures and design styles, and now with AI, the same amount of money may get 80 points or even higher results, which may crowd out a large number of unspecialized designers, and may also make professional designers feel a sense of crisis. Using AI technology or how to create more value may be one of the abilities that future designers must possess. Like the automation of production in the textile and cotton industries in the past, there was a surge of unemployed workers and opposition from social movements. At that time, a large number of manual workers lost their job opportunities because machines could replace their labor, and incidents of destroying textile machines often occurred. History seems to keep repeating itself, but at present, although AI will not immediately replace human work, how to make good use of AI as a tool is very important, and how to improve the value of human beings is also indispensable. Also, in the future, job responsibilities will continue to change and new positions will emerge, so continuous learning capabilities will become even more important. Each of the findings from the study points to AI's positive role in helping businesses improve analytics and speed decision-making. The ubiquity of AI in their lives gives employees the confidence to use it at work. And the study's main conclusion just confirmed this point that is, 93% of the respondents expressed their willingness to accept instructions from robots at work(Oracle, 2018), indicating that people began to trust the quality of information provided by AI, and began to value AI in saving time and cost. In addition, AI is also able to self-learn and adjust based on the user's personal preferences and historical behavior.




[bookmark: _Toc149645729]Figure 3: Employees Want More AI in the Workplace
[image: ]
Source: SnapLogic(2021)
As shown in Figure 3, Statistics show that 89% of employees said that using artificial intelligence in the workplace can reduce their own workload, and more than 60% believe that AI can help employees increase productivity and complete daily work more efficiently. Furthermore, more than 80% believe that AI can improve overall work performance, but only 51% of employees think that artificial intelligence can help them work-life balance(SnapLogic, 2021).
[bookmark: _Toc149645730]Figure 4: Cost decrease and revenue increase from AI adoption, by function, % of respondents
[image: ]
Source: McKinsey(2019)
As shown in Figure 4, Companies using AI report show more usefulness to reduce business costs in departments implementing AI, which also leads to revenue growth(McKinsey, 2019).One of the most popular uses of artificial intelligence is the use of voice-assisted devices, and data shows that this trend will only grow in the coming years. The use of voice-assisted devices in 2019 is about 3.25 billion. In just four years, in 2023, there will be an increase of 4.75 billion, and the number of artificial intelligence voice assistants is expected to reach 8 billion, an increase of 146%(Statista, 2019). That's more than the world's population.
A new study by University of California at Los Angeles and the School of Business Administration of the University of Southern California points out that the employees of enterprises are easily replaced by AI, which may help reduce labor costs, which is positive for the growth of enterprises(CommonWealth Magazine, 2023). Moreover, the ability of artificial intelligence continues to improve at an alarming rate. The emergence of the AI ​​chat robot ChatGPT seems to really allow enterprises to introduce AI technology into the company's daily work process. This is of course not good news for laborers' job opportunities. However, this report starts from the perspective of the enterprise and points out that the tasks of its employees can be replaced by AI. In the long run, it may greatly reduce labor costs and achieve a higher level of cash flow, and a higher corporate market value. The report's point of view is that when generative artificial intelligence technology and the productivity of enterprise employees can complement each other, the advancement of technology will also give enterprises greater cost competitiveness.
If companies use it to improve the working environment and increase output, employees may benefit from increased wages and increased productivity; however, if companies only want to use AI technology to spread rough cuts to save wages, employees will face unemployment In addition, how managers should distribute profits is also very important, which further emphasizes the responsibility of the management class to ensure that AI technology is correctly used to improve productivity, improve employee welfare, and promote overall economic growth. ; At the same time, it also means that employees have the right to supervise managers to ensure the fairness and rationality of profit distribution. Overall, the proper use of AI tools in the workplace has a certain degree of positive multiplier effect on the work efficiency and productivity of employees; Improving work ability without attitude, may not be able to give full play to the advantages brought by AI technology, and personal competitiveness will also decline accordingly.








1.3. [bookmark: _Toc149654787]Research Problems
Clearly setting research problems helps to focus and direct the research, making the research more organized and consistent(Koshy, 2005), and may also have practical significance and contribute to specific industries, society, or policies(Denscombe, 2017).
This research shows the following research problems:
· Do perceived benefits significantly influence employees’ intentions to use AI?
· Will perceived threat discourage employees from using AI?
· Does enjoyment significantly affect employees’ intentions to use AI?
· Do peer influence and performance expectations in organizational decision-making successfully attract employees to increase their intention to use AI?
· Does perceived usefulness significantly affect employees’ intentions to use AI?
· Does perceived ease of use significantly affect employees’ intentions to use AI?
· Does trust in AI make employees intend to use it?
· Do different job positions of employees and gender affect the intention to use AI?
· Develop hypotheses about factors influencing employee’s intention to use AI.
In Chapter 2, a review of related research on similar topics was conducted. In Chapter 3, a research model was developed for this study.








1.4. [bookmark: _Toc149654788]Research Aim and Objectives
More than half of the companies in the world believe that artificial intelligence will reduce costs and open up new businesses(Statista, 2017), and in the Visual Recognition Challenge(LSVRC) after 2015, depend on Figure 5, it was found that artificial intelligence is more accurate than humans(ImageNet, 2017).
[bookmark: _Toc149645731]Figure 5: ImageNet Large Scale Visual Recognition Challenge(2010 to 2017)
[image: ]
Source: ImageNet(2017)
Furthermore, image recognition and labeling, Patient data processing, localization and mapping, predictive maintenance, use of algorithms and machine learning to predict and prevent security threats, smart recruitment, and Human Recourses(HR) systems are examples of AI applications in many enterprises(Statista, 2018). So predicting the rapid growth of AI in enterprises is a big trend. In fact, the original data has always been in your system(business system, applicant system, candidate system, and employee system). How to conduct data mining insights and batch automation of repetitive and trivial HR tasks has always been the direction of AI development. Compared with humans, AI can process large amounts of data more quickly and accurately, and continuously optimize transactional management, especially workflows that require repetitive operations(such as screening resumes; querying salary and benefits; monitoring on boarding processes, compliance, and performance) automation will help dramatically increase productivity, allowing HR to focus on higher-order modules such as career development, succession management, and workforce planning.
In addition, AI also provides valuable insight into high-level planning such as talent strategy, making decision-making analysis more intelligent and simple. For example, AI can provide analysis suggestions for organizational restructuring and new market entry based on the changing market environment. The intelligent analysis and forecasting that integrates HR and financial data provides decision-making support for management, and better implementation of the overall business strategy and achievement of goals.
This research analysis highlights Artificial intelligence is gradually popularized and applied in various departments of the company. As such, the study’s objectives are as follow:
i. To ascertain the seven factors: Trust, Perceived Benefits, Perceived Threat, Enjoyment, Organization Decision Making, Perceived Usefulness and Perceived Ease of Use that influences intention to use.
ii. To interpret critical seven factors relationship with usage intention of AI instead of employee based on focus group and survey for qualitative and quantitative respectively: and
iii. Assess the impact of artificial intelligence on employees to provide the results of this study for the future business model of the enterprise, and at the same time, there will be major changes in the working environment and requirements of employees.
iv. Recommended to use of AI to implement work automation and data analysis. On the other hand, it can also help employees learn and develop skills faster, and can also improve the working environment. AI can help companies and governments process large amounts of information more efficiently, and it can also solve the shortage of manpower in some positions, because people in Hong Kong choose to work, and they would rather not do jobs they don't like.







1.5. [bookmark: _Toc149654789]Research Limitations
The development history of artificial intelligence is still very young, so in terms of time constraints, there are only short-term immediate benefits, and there is insufficient understanding of long-term impacts. Moreover, in terms of technical limitations, artificial intelligence is still in development, and many technologies have not yet been completed. Maturity will also add uncertainty to the future. In addition, social and ethical issues also need attention, such as privacy protection, and whether artificial intelligence will affect the job market.

1.6. [bookmark: _Toc149654790]Summary
Artificial intelligence is the future trend of the world, and artificial intelligence systems have been continuously researched and improved around the world. However, the level of employees in the department lags behind a lot. Most employees do not understand artificial intelligence, which affects the use and utilization of artificial intelligence. Realizing the full potential of AI depends on a successful partnership between humans and machines. Encouraging a positive attitude toward AI projects will be an important first step for leaders. Strong trust in leadership, transparency about how AI algorithms work, and confidence in their ability to transition to skills needed now and in the future will go a long way toward helping employees become AI advocates. The research structure is depicted in Figure 6 below, along with the research timetable Gantt chart(Appendix A).
[bookmark: _Toc149645732]Figure 6: Flowchart of the Research
[image: ]
Source: Constructed by the author




2. [bookmark: _Toc149654791]Literature Review
This chapter presents the definitions of the factors that impact the Usage Intention of AI(UIB) and intent to use(TBI), including trust(TI), perceived benefit(PB), perceived threat(PT), enjoyment(E), performance expectancy(PE) and peer influence(PI) in organization decision making, perceived usefulness(PU) and perceived ease of use(EOU). Through the following literature, the framework of the research can be clearly established, and the quality of the research can be improved, and the credibility and convincing force can be increased.

2.1 [bookmark: _Toc149654792]Usage Intention
Only when there are benefits and value can be created will people have the intention to use it(Riikkinen, et al., 2018).And when people have a lot of information to organize, there will be a need to use artificial intelligence to find correct and useful information to improve work efficiency and reduce time costs(Zhao, 2022).
[bookmark: _Toc149654793]2.1.1 Definition of Usage Intention
Usage Intention refers to the intention of employees to use artificial intelligence. Information user enterprise operation and management in making decisions tend to be flooded by all kinds of different types of information and no decision or choice(Zhao, 2022).When you use AI, you can analyze big data faster and more efficiently, and obtain information that is beneficial to decision-making(Huang &Chueh, 2021).AI and intelligent robots will become more affordable, faster, and far more reliable than humans(Li, Bonn & Ye, 2019) and automation(Schlögl, et al., 2019).Furthermore, AI can work 24 hours a day to Supports daily social life and economic activities(Lu, et al., 2018).Based on digitalization increases worldwide(Ikumoro& Jawad, 2019), there is many perceived benefits surround AI(Chiu, Zhu & Corbett, 2021). AI is key to promote business by incorporating the latest marketing technologies(Basri, 2020), the most important is lessen cost and maintain competitiveness(Faasolo&Sumarliah, 2022). Also, across a variety of statistics—including robotics shipments, AI start-ups, and patent counts—there is evidence of a large increase in AI-related activity(Furman &Seamans, 2019).


[bookmark: _Toc149645668]Table 2: Definition of Usage Intention
[image: ]
Source: Constructed by the author
The usage intention of anything can be inseparable from the creation of value(Riikkinen, et al., 2018).
[bookmark: _Toc149654794]2.1.2 Construct and Measurements
Employees' intention to use artificial intelligence is affected by their understanding of artificial intelligence. Explaining the concept, application and potential value of artificial intelligence to employees can make employees more accepting of artificial intelligence technology. This study used a questionnaire to determine respondents’ usage intentions using five variables adopted from Ronaghi (2022), Teo & Noyes (2011), Pal, et al. (2022) and Cao, et al. (2021).
Nowadays, the emergence of chatbots can more effectively triage problems first, and can easily break language barriers, improve existing services, and reduce the burden on employees(Riikkinen, et al., 2018). And employees can use artificial intelligence to Explore new markets or marketing dimensions(Basri, 2020). In addition, it can also improve efficiency, reduce costs, improve analytical process capabilities and improve operations(Ikumoro& Jawad, 2019), which will help attract employees to plan to use and plan to use(Ronaghi, 2022).
[bookmark: _Toc149645669]Table 3: Measurements of Usage Intention
[image: ]
Source: Constructed by the author
Although, artificial intelligence may change the roles and working methods of employees in the workplace, employees will feel the convenience brought by artificial intelligence and help improve decision-making(Nemati, et al., 2002), so there will be a certain attraction in Will use in the future, plan to use frequently(Teo & Noyes, 2011).
[bookmark: _Toc149654795]2.1.3 Association of TBI and UIB
According to Table 3, it is concluded that TBI has three main factors: 1. Plan, 2. Improve, 3. always try to use AI in the workplace. So everyone is willing to use AI, and the UIB is naturally high.

H9: TBI can be improved work, and people are willing to try, the higher the UIB. 


2.2 [bookmark: _Toc149654796]Trust
The level of trust a person has in someone or something can determine that person’s behavior(Siau & Wang, 2018), also is a core component of the interaction between humans and AI(Jacovi, et al., 2021) and highly complex and involves at least two actors: one actor trusts the other actor to do, or not to do, an activity(Gille, Jobin & Ienca, 2020).
[bookmark: _Toc149654797]2.2.1 Definition of Trust
Employees trust AI's accuracy and reliability, which includes stability, consistency, and accuracy when processing tasks(Arnold, et al., 2019). On the other hand, the behavior and reliability of AI Predictability of decision-making, and trust in AI's ability to protect privacy and data security(Toreini, et al., 2020).
Transparency and explain ability of the inner workings of an AI system, when employees can understand how the system arrives at a decision or recommendation, they are more likely to trust(Ferrario & Loi, 2022), and the degree to which a person trusts someone or something can determine that person's behavior(Siau & Wang, 2018).
[bookmark: _Toc149645670]Table 4: Definition of Trust
[image: ]
Source: Constructed by the author
As long as artificial intelligence can effectively handle complex and difficult tasks and provide useful and valuable results, employees will more naturally trust(Stanton & Jensen, 2021).

[bookmark: _Toc149654798]2.2.2 Construct and Measurement
Relationship between Trust and Intent to use are trustworthy, good feeling about relying AI, trust the information presented(Liu, et al., 2022) and help security and privacy protection(Siau & Wang, 2018), finally, AI can improve reliability and performance(Choudhury, 2022). On the other hand, relationship between Trust and Usage behavior are disposition to use, thoughts to use, trust the propensity(Riedl, 2022) and believe(Pal, et al., 2022).
Predicting the impact of AI model decisions and the concept of "warranted" and "unwarranted" trust(Jacovi, et al., 2021). Good user experience is important for building trust, and the system should be easy to use and provide clear guidance and help and be able to adapt to the needs and capabilities of users, make users feel trustworthy, have a good sense of dependence on artificial intelligence, and believe in the reliability and performance of the information provided(Liu, et al., 2022).
Users need to ensure the security of data and personal information, and comply with relevant laws and regulations(Siau & Wang, 2018). Transparency, accountability and responsibility(Gille, Jobin & Ienca, 2020) and usage tendencies, Use ideas, trust tendencies(Riedl, 2022).








[bookmark: _Toc149645671]Table 5: Measurements of Trust
[image: ]
Source: Constructed by the author
Finally, it should be noted that trust is a complex and multidimensional concept, and a single measurement method may not be able to fully capture all aspects of trust. User experience, automated systems to assess and measure subjective perception(Stanton & Jensen, 2021).

[bookmark: _Toc149654799]2.2.3 Association of TI, TBI and UIB
Considering the previous observations(Table 5), it is concluded that TI has five significant advantages: 1. Trustworthy, 2. Good feeling about relying, 3. Help security and privacy protection, 4. Disposition and thoughts to use, 5. Believe. Therefore, the higher the TI, the greater the TBI and UIB. 

H7: The higher TI, the greater TBI.
H8: The higher TI, the greater UIB.
2.3 [bookmark: _Toc149654800]Perceived Benefits
Perceived benefits are defined as the extent to which are anticipated to bring operational and strategic advantage to the organization(Chen, et al., 2015), improved employees' job performance by significantly increasing the relevance of feedback to each employee(Tong, et al., 2021) and the quality of information obtained from the information search process improved the decision making(Kim, 2020).

[bookmark: _Toc149654801]2.3.1 Definition of Perceived Benefits
Artificial intelligence can expand human cognitive and intellectual capabilities, just as language processing technology can help employees process and understand a large amount of text information more efficiently, and image recognition technology can also help automatically analyze and understand image content, helping employees in the quality of information obtained during information search improves the quality of decisions(Chen, et al., 2015).
Likewise, AI can automate and optimize various tasks and processes, increasing efficiency and productivity, and resulting in a more positive service experience and more favorable behavioral company outcomes as it facilitates more process-like user experiences(Hang & Chen, 2022). The extent to which it is expected to bring operational and strategic advantages to the organization(Chen, et al., 2015).
[bookmark: _Toc149645672]Table 6: Definition of Perceived Benefits
[image: ]
Source: Constructed by the author
Artificial intelligence can provide personalized experiences and services based on individual needs and preferences, helping to increase user satisfaction(Dubey & Sahu, 2021). It can also improve employee work by significantly increasing the relevance of each employee's feedback(Tong, et al., 2021).

[bookmark: _Toc149654802]2.3.2 Construct and Measurement
Perceived benefits in this study refer to predictive power, higher speed and accuracy save money and effort, value for money and satisfactory choice. This study used a questionnaire to determine respondents’ perceived benefits in AI using five variables adopted from Esmaeilzadeh (2020), Dubey & Sahu(2021) and Kim(2020).
According to the application fields and goals of artificial intelligence, corresponding performance indicators are developed to measure the effect and contribution of the system, such as increasing revenue, reducing costs, and improving efficiency(Hang & Chen, 2022).

[bookmark: _Toc149645673]Table 7: Measurements of Perceived Benefits
[image: ]
Source: Constructed by the author
The most direct impact of artificial intelligence is on economic benefits. Evaluate the competitiveness that artificial intelligence brings to companies and employees, including predictive capabilities, higher speed and accuracy(Esmaeilzadeh, 2020), and it can also save money and effort( Dubey & Sahu, 2021).

[bookmark: _Toc149654803]2.3.3 Association of PB and TBI
Table 7 shows that PB has three significant advantages, 1. Improve predictive capability, 2. Save money and effort, 3. Higher speed and accuracy. Therefore, the more obvious the PB, the higher the TBI.

H1: Higher PB, Stronger TBI

2.4 [bookmark: _Toc149654804]Perceived Threat
Perceived threat is defined as AI has penetrated many organizational processes, resulting in a growing fear that smart machines will soon replace many humans in decision making(Jarrahi, 2018) and users develop a threat perception when they believe that the malicious IT is likely to attack them and the negative consequences will be severe if they are attacked(Liang & Xue, 2010). Also creating fear among managers and workers because of the potential job losses(Cao, et al., 2021).

[bookmark: _Toc149654805]2.4.1 Definition of Threat
The popularization of artificial intelligence may lead to problems in the relationship between humans and machines. Automated systems may replace human jobs. Artificial intelligence also brings fear to managers and workers due to potential unemployment(Cao, et al., 2021). On the core tasks of medical roles such as medical diagnosis and treatment decision-making, ICDSS threatens doctors' professional identity and is likely to become the object of doctor resistance(Jussupow, 2018).
Artificial intelligence has penetrated many organizational processes, leading to growing concerns that intelligent machines will soon replace many humans in decision-making(Jarrahi, 2018), and that excessive reliance on artificial intelligence may lead to employees losing autonomy and judgment.

[bookmark: _Toc149645674]Table 8: Definition of Perceived Threat
[image: ]
Source: Constructed by the author
On the other hand, artificial intelligence may have security loopholes, making it vulnerable to malicious attacks and abuses. Attackers may tamper with data, destroy systems, or perform other malicious actions, which will generate threat perception(Liang & Xue, 2010).

[bookmark: _Toc149654806]2.4.2 Construct and Measurement
Perceived threat in this study refers to negative emotions, uncertainty, risk, and worry. This study used a questionnaire to determine respondents’ perceived threat in AI using four variables adopted from Cao, et al. (2021).
Employees can review historical data, failure cases, security vulnerability reports, etc. Through the analysis of these data, potential threat types and patterns can be effectively identified. Vulnerability scanning and security testing can also be performed, all of the potential loopholes and weaknesses(Cao, et al., 2021) are found in the presence of artificial intelligence.

[bookmark: _Toc149645675]Table 9: Measurements of Perceived Threat
[image: ]
Source: Constructed by the author
Perceived threats are an ever-evolving field, so continuous monitoring and improvement is required. Periodic assessment of system security and compliance can take timely actions to correct potential threats. Moreover, risk, avoidance motivation, assurance effectiveness, assurance cost and self-efficacy(Liang & Xue, 2010).
[bookmark: _Toc149654807]2.4.3 Association of PT and TBI
Table 9 shows that PT has three key elements, 1. Fear of exposure risks, 2. Anxiety about potential loss, 3. Risks due to misuse are high. Therefore, the more obvious the PT, the lower the TBI.

H2: Higher PT, Lower TBI.

2.5 [bookmark: _Toc149654808]Enjoyment
Enjoyment defined as that are partly or totally hedonic(Heerink, et al., 2008) and provides person with a lot of fun(Ronaghi, 2022).Utility of defining enjoyment as need satisfaction, enjoyment represented as the satisfaction of a comprehensive set of functional needs(Tamborini, et al., 2010).

[bookmark: _Toc149654809]2.5.1 Definition of Enjoyment
Artificial intelligence can answer questions, provide information, and arrange affairs schedules, and order goods or commodities on behalf of others, which can save time and energy. Collaboration tools can also help team members work together, share files and manage projects. These tools can improve work efficiency and the convenience of communication and collaboration makes employees happy to interact with AI products(Sohn & Kwon, 2020) and the perceived happiness is stronger than harmony and trust(Song, et al., 2022). Furthermore, artificial intelligence can automate repetitive , tedious tasks, thereby freeing employees' time and energy, allowing employees to focus on more valuable and creative work, making employees feel that work is not boring, but work is more interesting(Teo & Noyes, 2011).




[bookmark: _Toc149645676]Table 10: Definition of Enjoyment
[image: ]
Source: Constructed by the author
In addition to reducing the workload of employees, artificial intelligence can also provide real-time support and guidance to employees through big data, helping employees complete tasks better, without wasting a lot of time searching for information, and then screening it before it can be used Data is used to make decisions, and the data and information processed by artificial intelligence also have good accuracy. It brings a lot of fun to employees(Ronaghi, 2022).

[bookmark: _Toc149654810]2.5.2 Construct and Measurement
Enjoyment in this study refers to enjoyment of use, excitement, enjoyment, and fun. This study uses the four variables employed(Ronaghi, 2022) to determine respondents' preference for artificial intelligence through a questionnaire survey.
For employees to be willing to use artificial intelligence, they need to make employees feel satisfied and happy at work, reduce the workload, reduce the pressure caused by work, change workload, and help employees to be able to work at work. Better balance between work and life. And the use of artificial intelligence can compare the completion time of past work, productivity growth, and the quality of work results. The significant improvement in work efficiency will allow employees to use it, enjoy it(Sohn& Kwon, 2020) and loving to use.(Teo& Noyes, 2011).

[bookmark: _Toc149645677]Table 11: Measurements of Enjoyment
[image: ]
Source: Constructed by the author
Similarly, the use of artificial intelligence can also help employees learn and improve their skills at work. It can also stimulate employees' innovative thinking and creativity through the output of artificial intelligence, and can also increase teamwork, so that the relationship between employees the relationship is more harmonious, and everyone gets along happily(Heerink, et al., 2008). The artificial intelligence operation interface, convenience, and fluency of use all help to increase the user experience of employees(Song, et al., 2022) .Finally, it can also create opportunities for the personal growth and development of employees, because the company's implementation of artificial intelligence is an opportunity, and it can be easier to discover excellent employees for training.
[bookmark: _Toc149654811]2.5.3 Association of E and TBI
Table 11 shows that PT has three key elements, 1. Enjoyment, 2. Fun, 3. Pleasant experience. Therefore, the higher the E, the stronger the TBI. 

H3: With a good E, the higher TBI. 



2.6 [bookmark: _Toc149654812]Organization Decisions Making
Organization decisions making is defined as Performance Expectancy and Peer Influence. Also, able to evaluate the development of their product growth, performance, and competitiveness(Ikumoro & Jawad, 2019) and provides an infrastructure that enables businesses to extract, cleanse, and store vast amounts of data(Nemati, et al., 2002).

[bookmark: _Toc149654813]2.6.1 Definition of Decisions Making
There is a lot of information in today's society, how to effectively and accurately obtain useful information in the era of big data has become an important task, and artificial intelligence can be used in the work or business environment to enhance and automate the decision-making process, among which Including algorithms and processing a large amount of data, providing appropriate forecasts, enabling employees to make more informed and cost-effective choices when making decisions. It can also increase insight and decision-making on complex issues at the strategic level in industries such as manufacturing(Al-Surmi, Bashiri & Koliosis, 2022).
Artificial intelligence can conduct risk assessment and management, helping employees provide valuable references when facing uncertain issues and risks. It can also predict risk patterns, help formulate risk management strategies, and make more informed decisions. Easy to explore new markets or marketing dimensions(Basri, 2020). On the other hand, artificial intelligence provides the infrastructure that enables enterprises to extract, clean, and store large amounts of data(Nemati, et al., 2002), which can help employees optimize resource allocation and make good use of it to achieve better results.






[bookmark: _Toc149645678]Table 12: Definition of Organization Decisions Making
[image: ]
Source: Constructed by the author

Artificial intelligence can solve complex decision-making problems in a very short time, which involve a large number of variables and uncertainties. By analyzing multiple factors in big data, it can find the best solution or provide multiple feasible options for employees. Choice and artificial intelligence can also improve decision-making capabilities and prediction accuracy through continuous self-learning and updating. Furthermore, artificial intelligence can also provide personalized decision-making suggestions and solutions based on personal preferences, needs, and scenarios. It helps employees to be inspired and make decisions that are most suitable for the current situation. This has greatly increased the company's market competitiveness(Ikumoro & Jawad, 2019).

[bookmark: _Toc149654814]2.6.2 Construct and Measurement
This study uses a questionnaire to identify respondents' organizational decisions in AI, which are subdivided into performance expectations and peer influence, using the five variables respectively(Cao et al., 2021).
Assessing the accuracy of employees when using artificial intelligence to make decisions can be done by comparing the difference between the decision-making results and the actual results. The measurement of accuracy can help understand the contribution of artificial intelligence to decision-making and identify possible improvement directions(Wilson & Daugherty, 2018). By comparing the time, resources, and costs required for decision-making using artificial intelligence, compared with traditional decision-making methods, the advantages of artificial intelligence can be measured, the system response time is short, and the decision-making accuracy is high(Zhao , 2022). Finally, the rationality, consistency, and feasibility of decisions made through artificial intelligence can help make better decisions(Davenport & Ronanki, 2018).

[bookmark: _Toc149645679]Table 13: Measurements of Organization Decisions Making
[image: ]
Source: Constructed by the author

Incorporate artificial intelligence into the company's decision-making process, make it an artificial intelligence system, and design the corresponding interface so that employees can easily use artificial intelligence to make decisions(Krulicky & Horak, 2021). Because artificial intelligence makes decision-making too convenient, and it is necessary to establish a monitoring and feedback mechanism. Regular review, evaluation, and review can provide corresponding suggestions and improvement measures, and ensure that employees use artificial intelligence appropriately(Al-Surmi, Bashiri & Koliosis, 2022).
[bookmark: _Toc149654815]2.6.3 Association of PE, PI and TBI
Table 13 shows that Organization decision-making separates PE and PI, which includes four key elements: 1. Increases my productivity in decision-making, 2. Make decisions more quickly, 3. Increases chances of making important decisions, 4. The influence of Friends and superiors. Therefore, the stronger the PE and PI, the higher the TBI. 

H4: The greater the helping effect of PE, the greater the impact of PI, which will make TBI stronger.

2.7 [bookmark: _Toc149654816]Perceived Usefulness
Perceived usefulness is defined as saves time and effort in performing tasks(Ronaghi,2022), enhances effectiveness in daily work(Sohn & Kwon, 2020). Moreover, the user's belief about whether their experiences are improved by using technology(Jo, 2022)and believes that using a specific technology or system will improve job performance(Esfahbodi, et al., 2022).

[bookmark: _Toc149654817]2.7.1 Definition of Usefulness
With the advancement of technology today, people are more accepting of new things than ever before, and they are becoming more and more aware of using technology to handle tasks. Time is money, when artificial intelligence can save time and energy in performing tasks(Ronaghi, 2022) and improve daily work efficiency(Sohn & Kwon, 2020), so users believe that using a specific technology or system will improve job performance(Esfahbodi, et al., 2022). For example, artificial intelligence natural language processing and speech recognition technology can help employees more quickly and accurately process and modernize a large amount of text and voice data(Rodríguez-Espíndola, et al., 2022), which will be very effective for handling daily customer inquiries, organizing documents, writing reports, etc. Whether smart technology can improve the daily work experience(Jo, 2022).
On the other hand, artificial intelligence is also widely used in human resources. It can effectively and quickly analyze a company's human resources data and predict future manpower needs. Moreover, a recruitment advertisement often attracts hundreds of job applications. This can make HR teams have to spend a lot of time sifting through resumes to find the best candidates. However, artificial intelligence can quickly and accurately analyze resumes and cover letters, apply pre-set standards, and score and rank applicants based on skills, professional experience, and other relevant factors. This can greatly simplify the talent recruitment process and quickly screen out the most suitable applicants for review by the human resources team(Teo & Noyes, 2011). The artificial intelligence system will not be tired(nor will it neglect to omit outstanding talents due to the huge number of applications(Zhang, et al., 2023). For human resources practitioners and job seekers, using artificial intelligence is a win-win option.

[bookmark: _Toc149645680]Table 14: Definition of Perceived Usefulness
[image: ]
Source: Constructed by the author
Artificial intelligence can also be applied to customer relationship management systems to help employees track customer interactions, provide personalized product or service recommendations, and help improve customer relationships. In manufacturing, artificial intelligence can let engineers know which materials to use in this way can we make better products. At the same time, artificial intelligence reports can be used to further predict product orders, so as to avoid wasting materials and time(Tong, et al., 2021).

[bookmark: _Toc149654818]2.7.2 Construct and Measurement
Perceived usefulness in this study refer to quickly, effectiveness, saves time and effort in performing, also to accomplish things more quickly, improve chances of achieving things to find important. This study used a questionnaire to determine respondents’ perceived usefulness in AI using four variables(Ronaghi, 2022) and(Lenz, et al., 2023). 
In order to complete tasks faster, improve the chance of completing tasks and discover things that people may not have considered, artificial intelligence provides a variety of information as a reference(Lenz, et al., 2023). Indicators also need to be set up to evaluate time. Savings, cost savings, error rate reduction(Ronaghi, 2022) and user satisfaction, job satisfaction.

[bookmark: _Toc149645681]Table 15: Measurements of Perceived Usefulness
[image: ]
Source: Constructed by the author

At the employee level, individual performance evaluations can be used to better organize daily activities and improve the productivity of daily tasks(Debasa et al., 2023). Also, learning and development opportunities can be used to measure the effectiveness and value of artificial intelligence(Sohn & Kwon, 2020).
At the work team level, team collaboration can be achieved, including sharing resources and instant messaging to ensure smooth communication. Communication efficiency can be improved through calendar sharing and meeting management. Artificial intelligence can also better calculate the performance of each employee. The ability to allocate tasks to achieve maximum results, and also effectively promote team transparency, share values, and help establish a positive and good team culture. Finally, examine the changes brought about by artificial intelligence and compare the effects of the original traditional methods. The overall Effectiveness and productivity will increase(Jo, 2022).
Finally, at the company level, business effectiveness and efficiency, process optimization, cost savings, shortened delivery time, and the word of mouth brought about by customer experience and satisfaction will all have a positive impact on the company's overall performance and performance. It will have a positive impact and will also increase the visibility and trademark in the market.

[bookmark: _Toc149654819]2.7.3 Association of PU and TBI
Table 15 shows that PU has three key elements, 1. Enhances effectiveness, 2. Saves time and effort in performing tasks, 3. Improves chances of achieving things. Therefore, the stronger the PU, the higher the TBI.

H5: The higher the efficiency of PU, the stronger the TBI.


2.8 [bookmark: _Toc149654820]Perceived Ease of Use
Perceived ease of use is defined as which a user believes that a specific technology or system requires less effort from users(Esfahbodi, et al., 2022) and implementation of technology and can use of it without major difficulties(Rodríguez-Espíndola, et al., 2022).

[bookmark: _Toc149654821]2.8.1 Definition of Ease of Use
Artificial intelligence should be easy for users to learn and use, allowing them to quickly learn, which means that the system should have a clear interface and guidance, and be easy to understand and operate(Rodríguez-Espíndola, et al., 2022). On the other hand, interaction is an important part. Artificial intelligence should be able to interact with users naturally and intuitively so that users can easily communicate with the system and issue instructions(Sohn & Kwon, 2020). Also, an easy-to-use artificial intelligence system needs to infer user preferences based on user preferences, needs, and context, thereby reducing the burden on users. Users believe that specific technologies or systems require less effort from users(Esfahbodi, et al., 2022).

[bookmark: _Toc149645682]Table 16: Definition of Perceived Ease of Use
[image: ]
Source: Constructed by the author

Artificial intelligence should also be able to maintain consistency in results under different functions and operations, helping to reduce users' cognitive load. It should also be able to collect and analyze user feedback, cope with changing needs and scale, and make decisions based on feedback. Improve and optimize the design and functionality of the system.
Finally, the most simple and straightforward is to provide detailed user guides, tutorials, and documents to help users learn and understand the functions and operations of the system(Teo & Noyes, 2011).















[bookmark: _Toc149654822]2.8.2 Construct and Measurement
Perceived ease of use in this study refers to clear, understandable, easy to use and easy to become skilled at using AI. This study used a questionnaire to determine respondents’ perceived ease of use in AI using four variables(Teo & Noyes, 2011) and(Lenz, et al., 2023).
Human-machine interface design can reduce mental effort and make tasks easier to understand and perform(Ashfaq et al., 2020), such as intuitive operation processes, clear instructions and prompts. Also, some repetitive, tedious or high mental load Task automation(Debasa et al., 2023), interactive training and simulation environments are appropriate training can help users become familiar with operations faster(Lenz, et al., 2023).

[bookmark: _Toc149645683]Table 17: Measurements of Perceived Ease of Use
[image: ]
Source: Constructed by the author
Moreover, artificial intelligence should bring users easy-to-understand information transmission, clear language, avoid the use of technical terms and technical vocabulary, so as to ensure that the content is easy to understand, and avoid lengthy and complicated descriptions(Saari et al., 2022). Also, Visual presentation can be used. Visual elements such as charts, pictures and images can help employees understand and remember information faster. Finally, artificial intelligence also uses cases or examples to explain abstract concepts or theories(Rodríguez-Espíndola, et al., 2022).
[bookmark: _Toc149654823]2.8.3 Association of EOU and TBI
Table 17 shows that EOU has three key elements, 1. Easy to become skilled at using, 2. Clear and understandable, 3. Easy to use. Therefore, the simpler and easier the EOU is to use, the stronger the TBI.

H6: The simpler the EOU, the stronger the TBI 














2.9 [bookmark: _Toc149654824]Factors Associated with Demographics and the Hypotheses
In this study, demographic variables such as gender, position, academic qualifications, age and vocational area were examined to determine there are differences in usage behavior between groups. 
Gender factors can be used to understand the views and experiences of different gender groups on specific topics or issues. Positions reflect the status and responsibilities of the respondents in the company or society. By understanding the positions of the interviewees, we can learn about a comparison of opinions and needs between different job levels, because people at different job levels may have different opinions and expectations for the working environment. Also, education background reflects an individual's education level and learning background. Respondents with different education levels everyone will have different opinions and perspectives.
Age is also a very important factor. People of different age groups may have different values, interests and needs. Age factors can be used to better understand the differences and changes between different age groups.
Finally, occupational field reflects the type of work or industry that the respondents are engaged in. Practitioners in different occupational fields have unique observations and insights on the views and trends of the industry.

H10a: There is a significant difference between the gender groups in UIB.
H10b: There is a significant difference between the job position groups in UIB.
H10c: There is a significant difference between the education level groups in UIB.
H10d: There is a significant difference between the age groups in UIB.
H10e: There is a significant difference between the vocational area groups in UIB.

2.10 [bookmark: _Toc149654825]Summary
This chapter defines the factors that drive employee intentions to use artificial intelligence. The purpose is that artificial intelligence has become a major trend and no one can avoid it. Therefore, everyone must recognize and understand the impact of artificial intelligence on employees as early as possible, and even what changes it will bring to employees' future requirements.
In terms of perceived benefits, employees believe that the use of artificial intelligence can save time, improve work efficiency, reduce repetitive tasks, increase productivity and improve work experience. In terms of perceived crisis, employees are worried about employment instability, skill changes, and privacy and data security questions. 
Employees are satisfied and enjoy the experience of using artificial intelligence, especially in dealing with complex and tedious tasks, which can bring employees extra time to focus on more valuable work. Furthermore, data analysis and predictive Models can provide employees with real-time information and insights to help them make more informed decisions.
Employees also feel that artificial intelligence is useful and can bring direct help and value to work. It can quickly solve problems, provide suggestions and support, and can also provide personalized experience. On the other hand, artificial intelligence is also easy to use and does not need to be used. Requires too much technical knowledge or training to be up and running quickly and apply in daily work.
Finally, in terms of trust, the AI ​​system can be trusted to process and analyze data correctly and provide accurate and reliable results based on transparency, data privacy and security, and interpretability of results.




3. [bookmark: _Toc149654826]Research Methodology
This study first used the literature definition framework, and then used two focus groups to invite different positions, industries, frontline and office personnel to deeply explore the respondents' feedback and opinions on the study. On the other hand, a Google questionnaire was also used after preliminary testing and subsequent modification of the questionnaire, in order to conduct extensive solicitation of the respondents' opinions on the research, the information collected from the final questionnaire survey was completed using SPSS research tools, which used many data analysis methods. Including rotated component matrix, correlation test, ANOVA test, coefficients table, reliability test and independent t-test.














3.1 [bookmark: _Toc149654827]Research Model with Hypotheses
This study aims to provide a conceptual framework for examining the relationship between the intentions to use AI.  

[bookmark: _Toc149645733]Figure 7: Conceptual model with Hypotheses
[image: ]
Source: Constructed by the author



3.2 [bookmark: _Toc149654828]Triangulation
Triangulation(Morse, 1991) is not only a verification method, but also can increase and expand the depth of research(Olsen, 2004). Primarily qualitative and quantitative methods are used to study the same phenomenon in order to increase the credibility of the research, When combined there is a high potential to offset the shortcomings of one method and enhance the advantages of the other for better results research results. Therefore, in order to obtain the benefits of both paradigms and minimize the disadvantages of each(Hussein, 2009).
[bookmark: _Toc149645734]Figure 8: Qualitative and Quantitative Research Methodologies
[image: ]
Source: Constructed by the author

3.3 [bookmark: _Toc149654829]Quantitative and Qualitative Research
This study uses the primary quantitative method(Norris, et al., 2015) to collect questionnaires(Roopa and Rani, 2012) to explore the impact of Hong Kong employees on AI. In addition, the primary qualitative data(Freitas, et al., 1998) in this study refer to a focus group(Bryman, 2006) to discuss in depth the impact of AI on employees. The people invited will be from different ranks in different industries, and there will also be frontline and head office employees. Mixed methods can increase research credibility(Hussein, 2009).
[bookmark: _Toc149654830]3.3.1 Quantitative Research
Quantitative research uses structured methods to collect data, which can be converted into numbers and statistics to provide objective quantitative results. It is also often used in large-sample surveys and research to obtain a wide range of opinions and trends, and can usually be done through questionnaires. Surveys collect large amounts of data quickly, and the data analysis process can be automated using statistical methods.
Quantitative research uses statistical methods for data analysis, which can measure the relationship, trend and difference between variables, help to verify hypotheses, determine causality, and provide numerical support and evidence. It can also provide objective and repeatable results, reducing subjective the influence of bias and the personal opinion of the researcher on the research results.
[bookmark: _Toc149654831]3.3.2 Qualitative Research
Qualitative research can usually be conducted through in-depth interviews, observation or text analysis. It can gain an in-depth understanding of participants’ views, opinions, beliefs, values ​​and experiences, thereby obtaining rich and detailed information. Furthermore, it can focus on the research phenomenon context and situation, and understand the impact of social and cultural factors on the behaviors and attitudes of participants. This helps to reveal the reasons and meanings behind complex human behaviors and social interactions. Finally, it can also pay attention to the voices and experiences of vulnerable groups, helping providing a voice for the voices of those who are often overlooked can help promote change and equity in research.
In conclusion, quantitative research and qualitative research differ in research methods and purposes, but they can complement each other to provide more comprehensive research results and understanding.

[bookmark: _Toc149645735]Figure 9: Primary Data Collection Process
[image: ]
Source: Constructed by the author
3.4 [bookmark: _Toc149654832]Focus Group
The Focus group(Rahman, 2020) will be held in Hong Kong for about 1 to 2 hours. The number of people will be 10 to 12 people from different industries. There will be managers, senior employees, ordinary employees and front-line employees to discuss the impact of AI on employees in depth, because different industries, different identities and different educational backgrounds may have different views(Ho, et al., 2020). 
[bookmark: _Toc149645736]Figure 10: Discussion technique of focus group
[image: ]
Source: (Finch, 2003)
We conducted two focus groups to gather opinions and feedback on the impact of AI on employees. Frontline staff and back-office staff should be separated to arrive at unbiased conclusions. 
The first meeting was held in a restaurant in Hong Kong on July 28(Appendix B). The meeting lasted for 75 minutes. The second meeting was held at the researcher's home on October 10, 2023(Appendix C). The meeting lasted for 60 minutes. Participants discussed in both Chinese and English, in order to make the discussion clearer for the researchers and facilitate the analysis of the research, the iPhone was used to record the whole process during the meeting. The goal of the focus group was to explore the intention of employees to use artificial intelligence and its impact on work changes.
During the two focus group discussions, everyone had a deeper understanding of the impact of artificial intelligence on employees. Through the interaction and collective discussion environment between the two parties, the collected data was also enriched. Facts have proved that the focus group is one of the successful methods of collecting data on research topics contributes to the diversity of perspectives and experiences of participants, and generates in-depth qualitative information. 

3.5 [bookmark: _Toc149654833]Questionnaire Survey Method
In terms of questionnaires, the snowball(Voicu and Babonea, 1997) in the non-probability samples is used to obtain samples. The questionnaire is divided into two sections. The first section discussed the factors that user’s intention to use AI. The second section contains demographic factors such as gender, age, position, academic qualifications and vocational area. 
The snowball sampling method can help researchers reach hard-to-reach participants in specific groups, and use participants' social networks to form a recommended chain sample collection. Such chain diffusion can improve the representativeness and diversity of the sample because participation Researchers often recommends others who have similar characteristics or backgrounds to them. Moreover, the snowball effect is highly efficient in obtaining information on research topics because researchers can tap into the social networks of existing participants without requiring a lot of time and resources. To find new research objects. Although the snowball sampling method has the above advantages, it also has some limitations. There may be bias in the recommendations based on the sampling process, and the sample may not be random enough. Furthermore, due to the social connections between participants this means that there is a close relationship or homogeneity tendency among participants, which may lead to duplication or tendency of information, and may also lead to bias or influence in the transmission of information.
Likert scale is a commonly used assessment tool that can be used to measure participants' attitudes, opinions or views on a specific topic. It can capture views in multiple dimensions, allowing researchers to obtain more comprehensive information(Hartley, 2014). Furthermore, using 7 options can provide more choice space than 5 options, making it easier for respondents to express their attitudes or opinions, and sometimes 5 options may not summarize everything. The range of opinions, and the 7 options can provide more subdivision and differentiated choices, reduce the bias of answers, increase sensitivity, allowing researchers to observe and analyze the subjects' answers in more detail, and will not appear When the options are ambiguous or similar, it can also make the statistical analysis more reliable and convincing.
[bookmark: _Toc149645737]Figure 11: 7 options of the Likert scale sample of the questionnaire
[image: ]
Source: Cheng et al. (2021)
The questionnaire consists of two parts. First, the general demographic data(Horodyski, 2023) are outlined, including gender, age, and education level, but also position(Baloshi, 2018) and vocational area(Van der Linden, Dunkel & Dutton, 2023) for a total of 5 factors. The other part is to study employees' willingness to use artificial intelligence. To have a high-quality result, effective data research and an appropriate amount of data collection are required. Therefore, when conducting large-scale research, it is necessary to conduct a preliminary survey to conduct prospective research. Analysis to lay the foundation for the final research report. A pilot test is used to develop the design of the full-scale experiment(Van Teijlingen and  Hundley, 2001). Considering that the target sample of the final study was over 385, therefore, 40 employees were invited to participate in the pilot test of the initial questionnaire to evaluate the structure definition, scale reliability, logical flow and focus primarily(Thabane, et al., 2010).

[bookmark: _Toc149645684]Table 18: Questionnaire Design Structure
[image: ]
Source: Constructed by the author



3.6 [bookmark: _Toc149654834]Pilot Test
A pilot test can help to test whether the questionnaire process is smooth. Through the test, you can check the order of questions in the questionnaire, skip question logic, and evaluate whether the questions are easy to understand. Through small-scale tests, the researcher can determine the clarity and clarity of the questions, and make necessary revisions and clarifications based on the feedback from the respondents. On the other hand, by observing the responses of the respondents, it can be determined whether the questions can effectively collect the expected information. If the situation does not meet expectations, the researcher can make further revisions in time or consider adding other questions to improve the validity of the questionnaire. At the same time, you can also test the answering time of the questionnaire. If it is too long, you can consider deleting questions or reorganizing the structure of the questionnaire to reduce the number of respondents. The respondent's burden can also be verified by verifying some technical issues to ensure that the respondent can successfully complete the questionnaire.
A pilot test invited 40 respondents from the left with work experience in Hong Kong to do this survey. A pilot test was conducted on June 4, 2023(Appendix D). The size of the pilot study should be 10% of the sample required for the complete study(Hertzog, 2008), so the sample this time was 40. 
[bookmark: _Toc149645685]Table 19: Pilot test output of 40 Respondents
[image: ]
Source: Constructed by the author
Based on 40 samples from the random sampling of WhatsApp, after Cronbach's Alpha test, appropriate fine-tuning was made to improve the quality of the questionnaire. First of all, the Cronbach's Alpha in PT is only 0.368, because PT2 is a checking question, so after removing it, it has reached 0.813. PB originally had 5 questions and Cronbach's Alpha was 0.800, but it was finally decided to remove PB4. PE and PI originally had 5 questions, and Cronbach's Alpha were 0.916 and 0.905 respectively. But In the end, PE4 and PI2 were removed respectively. Because the removed questions were similar to the questions in the original PB, PE, and PI, to save the time of the interviewees, and avoid the participants’ impatience and the long questionnaire time. After removal, Cronbach's Alpha PB was 0.804, PE was 0.905, and PI was 0.896. Finally, integrating PB, PE, and PI to study, the Cronbach's Alpha was also as high as 0.917. Because there are many perceived benefits It’s all about the efficiency of decision-making in the company, the working atmosphere driven by the mutual influence between colleagues, and everyone’s performance expectations for different work performances.
The remaining questions remained unchanged, and the overall Cronbach's Alpha was between 0.876 and 0.970. The original questionnaire had 47 items, Cronbach's Alpha was 0.975, and the changed questionnaire had 43 items, and Cronbach's Alpha was 0.973.

3.7 [bookmark: _Toc149654835]Final Survey
The final survey was started directly after the pilot test, and the final survey was conducted from June 4 to July 22, 2023(Appendix Draw appropriate conclusions to support the research results or support specific hypotheses. In the following paragraphs, the target population, sampling methods, and sampling size will be described to enhance the quality of the research report).





[bookmark: _Toc149645686]Table 20: Questionnaire survey
[image: ]
Source: Constructed by the author
[bookmark: _Toc149654836]3.7.1 Target Population
Clear target people can help researchers collect more accurate and valuable data, and identifying the target population can avoid wasting time and resources in unnecessary places.  The target population of this study is people over 15 years old and people with work experience to explore the impact of AI on employees. The target population of this study is people over 15 years old and people with work experience to explore the impact of AI on employees. As of 2023, according to the Census and Statistics Department, there are currently 3.65 million employed people in Hong Kong(Census and Statistics Department, 2023).

[bookmark: _Toc149654837]3.7.2 Sampling Method
After the pilot test is deemed successful, the questionnaire can be widely distributed through the snowball method(Thabane, et al., 2010). Demographic data can provide detailed information about the structure and characteristics of the population(Hofstede, 1984), including age distribution, gender ratio, educational level, position, and vocational. First, age can reflect the needs and characteristics of different age groups, and gender can reveal gender differences and social roles. The educational level can reflect knowledge level and learning experience. Positions and occupations can indicate job levels and areas of expertise. Different occupations have different requirements for specific skills, knowledge, and experience. These will directly affect the interviewee's views on the impact of artificial intelligence. The distinction between these characteristics helps to deeply understand people's needs, values, and behavior patterns(Hofstede, 2001).







[bookmark: _Toc149654838]3.7.3 Sampling Size
[bookmark: _Toc149645687]Table 21: Sample Size Calculation and Simple Random Sampling
[image: ]
Source: Constructed by the author
Based on Table 19, N refers to the target population which is 3.65millions, z= 1.96, e=5% for 95% confidence level, p= 0.48, q=0.53, as a result, n is 384 for the sample size in this study(Appendix E).

3.8 [bookmark: _Toc149654839]Data Analysis Techniques
Using version 29 of SPSS to do reliability test, factor analysis, correlation analysis, simple and multiple regression analysis and one-way ANOVA test are all used in this study(Arkkelin, 2014).
i. Descriptive Statistics: The purpose of descriptive statistics is usually through collecting, organizing, summarizing and presenting data in order to better understand and describe the characteristics and trends of the data set(Larson, 2006). Representation in statistical data helps to extract from large amounts of data. Useful information and presented in a concise way(Potter et al, 2010).
ii. The Reliability Test: Cronbach’s Alpha is a method to evaluate the internal consistency and reliability of a measurement tool(Cronbach, 1951), determine the reliability of the measurement results, and provide guidance for improving the measurement results(Tavakol and Dennick, 2011). 


[bookmark: _Toc149645688]Table 22: Cronbach’s Alpha 
[image: ]
Source: Constructed by the author
iii. Factor Analysis: Factor analysis helps to extract meaningful information, simplify the questionnaire structure, and provide more reliable and valid quantitative data for analysis and interpretation(Costello and Osborne, 2005). The KMO test can help researchers evaluate the suitability of questionnaire data and determine whether factor analysis can be performed Analysis provides reliable explanation for the results(Kaiser, 1974). If the KMO value is lower than 0.5, it means that the sample data is not suitable for factor analysis. On the contrary, if the value is close to 1, it means that the sample data is very suitable for factor analysis(Wania, Kühn and Klotz, 2006).
[bookmark: _Toc149645689]Table 23: Factor Analysis
[image: ]
Source: (Kaiser, 1974)
iv. Correlation Test: The Pearson correlation coefficient is usually used to measure the degree of linear correlation between data sets and evaluate their relationships(Mukaka, 2012). The Pearson correlation coefficient is usually called "r" (Lee and Nicewander, 1988).
[bookmark: _Toc149645690]Table 24: Description of p-value
[image: ]
Source: Constructed by the author
The correlation coefficient, represented by r, is a measure of the strength of a straight line or linear relationship between two variables. When the correlation coefficient is close to 1 or -1, it means that there is a strong positive or negative linear relationship between the two variables(Pearson, 1895). When it is close to 0, it indicates that there is almost no linear relationship between the two variables(Ratner, 2009).
[bookmark: _Toc149645691]Table 25: Correlation Test
[image: ]
Source: (Pearson, 1895)

v. Linear Regression Analysis: Linear regression can be used to study the relationship between different variables in questionnaire surveys, understand the interaction between variables(Seber and Lee, 2003), determine the correlation and direction between variables, predict results and evaluate the validity of the model(Schuld, Sinayskiy and Petruccione, 2016). 
[bookmark: _Toc149645692]Table 26: Linear Regression
[image: ]
Source: (Tranmer and Elliot, 2008)
There are two different analysis models in linear regression analysis: simple linear regression and multiple linear regressions(Hanley, 2016). Simple linear regression only considers the impact of a single variable on the dependent variable, while multiple linear regressions has two or more independent variables which means that multiple linear regression can more comprehensively consider the influence of variables(Darlington, 1968). 
The coefficient of determination(R2) is a measure of the degree to which the variation in the dependent variable can be explained by the independent variable(Nagelkerke, 1991). When the coefficient of determination is close to 100%, it means that the independent variable can explain the variation in the dependent variable well. There is a strong correlation between them. On the contrary, when the coefficient of determination is close to zero, it means that the independent variable cannot explain the variation of the dependent variable, and there may be no obvious correlation between the two. It also helps to evaluate the reliability and validity of the questionnaire and test hypotheses(McKelvey and Zavoina, 1975). But one thing to note is that it is very rare to achieve a coefficient of determination of 100% in actual situations because it is often affected by multiple factors rather than just a single independent variable, Correlation does not equal causation, and the existence of causality cannot be automatically assumed(Jöreskog and Sörbom, 1982).
VIF can help detect whether there are multicollinearity problems in regression models(Imdadullah, Aslam and Altaf, 2016), and improve the accuracy and stability of the model. The commonly used threshold for VIF is usually 5 or 10. If the VIF of a certain independent variable If the value is less than 5, it is generally considered that the collinearity problem between the independent variables is small. If it is greater than 5 or 10(Shrestha, 2020), it is considered that there is a high correlation between the independent variables and there is a multicollinearity problem(Daoud, 2017). Finally, it should be noted that the threshold is only used as a reference and guide, not an absolute rule. 

vi. One-way Analysis of Variance(ANOVA): It is a statistical analysis method that can compare the differences between multiple groups at the same time, and also provides the ability to evaluate and explain these differences. This research was used to examine the impact of position(H10b), education level(H10c), age(H10d) and vocational area(H10e) on UIB. The null hypothesis and the alternative hypothesis are as follows
[image: ]

vii. Independent t-test(H10a): it is used to compare two independent samples(Male and Female)
There is no statistically significant difference between the two sample means
[image: ]
There is a statistically significant difference between the means of the two samples
[image: ]
Levene's test is a statistical test used to evaluate whether the variation numbers of two or more groups are significantly different(Nordstokke and Zumbo, 2010). The main purpose is to check the homogeneity of variation numbers between different groups or conditions. Levene's test is relatively It has strong adaptability to data deviations from the normal distribution, so it can still provide reliable results even when the assumption of normality is not met(Gastwirth, Gel and Miao, 2009).
Levene's test provides a test statistic and p-value, which is used to measure the strength of evidence for rejecting the null hypothesis that the variants are equal. Usually, the significance level of the p-value will be 0.05 for comparison(Mishra et al. 2019). If the p-value is less than the selected significance level, the result is considered significant and the null hypothesis can be rejected. However, if the p-value is greater than the selected significance level, the result is not significant, which means the null hypothesis cannot be rejected. This allows the researcher to make informed decisions about subsequent analysis(Kim, 2015). The advantage of Levene's test is that it provides objective and quantifiable statistical results, which can help researchers make scientific and accurate conclusions and decisions(Garson, 2012).
Determine homogeneity of means for pairs of participants(Male and Female)
[image: ]
If the null hypothesis is rejected, the results are usually reliable and not random
[image: ]
Finally, T-test for equality of means is a statistical test method used to compare whether there is a significant difference between the means of two samples(Kim, 2015).





3.9 [bookmark: _Toc149654840]Research Method Limitations
At present, data collection is only done in Hong Kong. If there are more data from other Asia-Pacific regions and Europe, it will be more accurate and convincing(De Leeuw, 2005). Moreover, the data collection time this time is relatively short, and it is not possible to conduct a questionnaire survey on people in a wider range of industries and ranks(Nayak and Narayan, 2019). Future data should be divided into frontline workers and support staff, and the proportion of the two sides should be close, so it should be possible to obtain more convincing data.
The respondents who participated in the study may not be representative and are subject to cultural and geographical limitations, which limit the broad applicability of the results, which may lead to biased results(Watters and Biernacki, 1989).

3.10 [bookmark: _Toc149654841]Research Ethics
This study is anonymous, and the information provided is only used for academic research and analysis, and will not be made public or used for commercial purposes. Each respondent participated voluntarily and with clear knowledge, and in a legal manner and obtain information through legitimate means. The final research also adheres to academic and professional ethical standards, avoids plagiarism, and properly cites and references.

3.11 [bookmark: _Toc149654842]Summary
This study chose to use quantitative and qualitative data methods, through questionnaire survey, to measure and design the questionnaire survey according to scholars and literature, and then conduct pilot testing and use the snowball method to complete the final questionnaire survey. On the other hand, respectively for front-line employees as a group and back-office employees as a group, two focus group meetings were held to obtain original data. Finally, all data were analyzed through SPSS. Detailed information about the analysis results will be provided in the following chapter.


4. [bookmark: _Toc149654843]Data Description and Analysis
This chapter is intended to provide more information about the original research results. Charts and statistics illustrate properties of data, present descriptive numbers, and provide information about variables. The data were also tested for correlation to determine if there was any relationship between the variables. Cross-tabulation, reliability, factor analysis, correlation, regression, one-way ANOVA and independent T-test were used in this study.

4.1 [bookmark: _Toc149654844]      Data from the Focus Group
Based on PB, PT, E, PI, PE, PU, ​​EOU, TI and TBI, two focus group activities were conducted to collect employees’ opinions and personal feedback on the use of artificial intelligence UIB. In order to conduct this study more comprehensively, frontline workers and back-office staff are necessary. As a result, they were divided into two groups.
The first focus group(Appendix B) was organized on July 28, 2023, and collected valuable feedback from four back-office staff in a restaurant. They have accumulated more than 10 years of working experience. Currently, two are senior staff, one is manager, and one is senior manager. They all work in Multinational Corporation and have sufficient and professional office experience.
The second focus group(Appendix C) is scheduled for October 10, 2023, with four front-line employee. One of them is engaged in foreign trade and procurement, one is a teacher in a well-known international school, and the other is an engineer in a well-known construction company, which requires frequent inspections at different sites. The last one has rich work experience and has held important positions in different front-line positions. Now Mr. Ho works as a chief consultant in a company. Participates’ ages range from 35 to 50 years old. There was a prevalence analysis in focus groups, as well as identifying terms and their relationship to the topic that provided variation.
As can be seen from Table 27, the first group responded more enthusiastically than the second group. The participants in the first group were all back-office staff. And both groups believe it can help companies streamline operations and become more efficient by automating tasks and providing data analysis insights. Also, the use of artificial intelligence raises concerns about bias and privacy. Dedicated personnel are needed to ensure the security of artificial intelligence systems(Scherer, 2015).

[bookmark: _Toc149645693]Table 27: The prevalence and correlation of Focus Group I and II variables
[image: ]
Source: Constructed by the author
According to Table 27, the top 3 things that both groups of respondents constantly emphasized were save time and effort(PU), which was mentioned 24 times, quickly(PE), which was mentioned 15 times, and easy of use(EOU), which was mentioned 12 times. These 3 points combine frontline and back-office employees who can most influence the use of artificial intelligence TBI and UIB. 




4.2 [bookmark: _Toc149654845]      Data from the Final Survey
A survey was conducted to determine the impact of PB, PT, E, PE, PI, PU, ​​EOU, and trust on employees’ intention to use and usage behavior of artificial intelligence. The questionnaire was promoted through social platforms such as WhatsApp, Facebook, and Email, and the questionnaire Respondents were given through hyperlinks. The questionnaire study was completed from June 4 to July 22, 2023. A total of 412 people were interviewed, and 412 questionnaires were collected, reaching a 100% response rate(Table 28). But unfortunately, 23 questionnaires need to be canceled, because some respondents may have filled in the questions randomly and failed the checking question.
Therefore, 389 of the final questionnaires were valid. All respondents were 15 years old or above and already had work experience.
[bookmark: _Toc149645694]Table 28: Rate of Response in the Pilot Test and in the Final Survey
[image: ]
Source: Constructed by the author








[bookmark: _Toc149654846]4.2.1 Demographic Data
Demographic data can quickly and cost-effectively understand demographic characteristics and trends(Minelli, Chambers and Dhiraj, 2013), helping governments, companies, and research institutions make informed decisions and plans. The following will be done through gender, position, academic qualifications, age, and vocational area. Summarize and analyze the 389 surveys collected.
[bookmark: _Toc149645695]Table 29: Overview of the Demographic Data collected from 389 participants 
[image: ]
Source: Constructed by the author

[bookmark: _Toc149654847]4.2.1.1 Gender
Figure 12 shows that the male and female respondents are 48.07% and 51.93% respectively. Both sides are very close. This helps the research report reduce gender bias(Moss-Racusin et al., 2012).

[bookmark: _Toc149645738]Figure 12: Graph of Participants’ Gender
[image: ]
Source: Constructed by the author





[bookmark: _Toc149654848]4.2.1.2 Age
The 389 respondents are divided into 5 age groups in Figure 13. The 25-34 year old group accounts for the largest number of people in this questionnaire, with 162 participants(41.65%). The youngest respondents are 55 years old or above, with only 15 participants(3.86%).

[bookmark: _Toc149645739]Figure 13: Graph of Participants’ Age
[image: ]
Source: Constructed by the author






[bookmark: _Toc149654849]4.2.1.3 Education Level
The educational level is divided into 5 levels in Figure 14. The group with a college degree or above accounts for the largest number of people in this questionnaire and more than half, with 215 participants(55.27%). The smallest group is professionals, with only 18 participants(4.63 %).

[bookmark: _Toc149645740]Figure 14: Graph of Participants’ Education Level
[image: ]
Source: Constructed by the author







[bookmark: _Toc149654850]4.2.1.4 Job Position
The job position is divided into 6 levels in Figure 15, and fortunately, the number of people in each level is relatively even, without being too biased towards a certain group. This helps to study the impact of artificial intelligence on people at different levels and positions.

[bookmark: _Toc149645741]Figure 15: Graph of Participants’ Job Position
[image: ]
Source: Constructed by the author






[bookmark: _Toc149654851]4.2.1.5 Vocational area
The vocational area is divided into 10 different job industries. The industry with the largest number of respondents is financial, with 76 participants(19.54%). The remaining job industries are relatively evenly distributed, with a 5% to 10% ratio. Only 16 participants(4.11%) in government services and public administration exist. But it is enough to show that the entire questionnaire survey covers a sufficient breadth of job types, and is more helpful for analyzing the views of various industries on artificial intelligence.

[bookmark: _Toc149645742]Figure 16: Graph of Participants’ Vocational area
[image: ]
Source: Constructed by the author


[bookmark: _Toc149654852]4.2.1.6 Summary of Demographic Data
This study obtained 389 valid responses from the questionnaire. The number of men and women was nearly equal, with the largest age group being 25-34 years old(41.65%). In terms of education, more than half of the respondents had a college degree or above(55.27%), job position, the respondents of each rank are relatively even, each accounting for 12% to 22%. Finally, the vocational area with the most respondents is financial(19.54%).

4.3 [bookmark: _Toc149654853]      Cross-Tabulation of Demographic Factors with “Usage Intention – Behavior”
Cross-tabulation is powerful statistical analysis methods that can help researchers gain an in-depth understanding of the relationship between different variables(Aldwaik and Pontius, 2012). It also provides a comprehensive perspective to help better understand the relationship between different variables to avoid the one-sided conclusions brought by single-variable analysis, and then make corresponding decisions or discover hidden information(Siraj and Abdoulha, 2009). 
Therefore, this study uses cross-tabulation to determine whether gender and job position are related to UIB on artificial intelligence.









[bookmark: _Toc149654854]4.3.1 Usage Intention Behavior and Gender
Through Figure 17 and Table 30, 81% of the 389 respondents agreed that they would always use AI at work, and the proportions of men and women were evenly divided, with 160 people(85.6%) and 155 people(76.6%)respectively. Therefore, the conclusion is that both men and women are very willing to use AI at work to help with their daily work, and it is also concluded that generally employees accept(Harman, 1975) artificial intelligence.
[bookmark: _Toc149645743]Figure 17: Usage Intention Behavior(UIB6) and Gender
[image: ]
Source: Constructed by the author
[bookmark: _Toc149645696]Table 30: Factor for D1_Gender*UIB6
[image: ]
Source: Constructed by the author
[bookmark: _Toc149654855]4.3.2 Usage Intention Behavior(UIB6) and Job Position
Through Figure 18 and Table 31, respondents at the Senior staff and Supervisor levels particularly agreed that AI is often used at work, with rates as high as 88.5% and 93.4% respectively. However, only 70.3% of managers at the level, which reflects Middle-level employees in companies need to process large amounts of data, organize information or make reports, and then report to their superiors, the manager-level personnel. Therefore, artificial intelligence can solve the needs of middle-level employees; speed up work efficiency, and save effort(Einarsdóttir, 2019).

[bookmark: _Toc149645744]Figure 18: Usage Intention Behavior(UIB6) and Job Position
[image: ]
Source: Constructed by the author





[bookmark: _Toc149645697]Table 31: Factor for D4_Job Position*UIB6
[image: ]
Source: Constructed by the author






4.4 [bookmark: _Toc149654856]      Each Factor’s Highest and Lowest Averages
Figure 19 shows the average rating of each factor and its maximum and minimum values, and all the minimum values ​​reach 4.0 or above, which means that the vast majority of respondents agree with each element. 
[bookmark: _Toc149645745]Figure 19: Each Factor’s Highest and Lowest Averages
[image: ]
Source: Constructed by the author

On the other hand, the mean, standard deviation, and minimum and maximum values ​​for each variable are listed in Table 32. The mean of PB2 was the highest at 5.74, with a standard deviation of 0.859. The biggest reason why respondents use AI is to help improve the speed and accuracy of their most common tasks. Secondly, the mean of PB3 is also 5.6 with a standard deviation of 0.924; the respondents generally believe that the artificial intelligence system can save money and effort. Thirdly, the mean of PU3 is 5.38 with a standard deviation of 0.976; the respondents all believe that the artificial intelligence system can help those complete tasks faster. From these three highest-scoring elements, it can be concluded that the respondents' intention to use artificial intelligence is inseparable from efficiency and accuracy, as the so-called "Time is Money".
[bookmark: _Toc149645698]Table 32: Descriptive Statistics
[image: ]
Source: Constructed by the author
4.5 [bookmark: _Toc149654857]      Reliability Test
Cronbach's alpha is a method to evaluate the internal consistency of a measurement tool, helping researchers determine the reliability of the measurement tool(Taber, 2018), while the reliability test is a method to reflect the stability, consistency, and accuracy of the measurement tool(Salmond, 2008).

[bookmark: _Toc149645699]Table 33: Reliability Statistics
[image: ]
Source: Constructed by the author
The Cronbach's coefficient of the 43 elements of the questionnaire reached 0.967(Table 33). This value exceeds the predefined minimum value of 0.7(Table 20), indicating an extremely high level of reliability. Compared with other studies, all systems maintain above 0.870, and more than half have higher Cronbach coefficients than other studies. Only the PB, PE, PI and TI systems are lower than Esmaeilzadeh (2020), Cao et al. (2021) and Liu et al. (2022).




4.6 [bookmark: _Toc149654858]      Factor Analysis
Kaiser-Meyer-Olkin(KMO) and Bartlett tests are common analytical methods to evaluate the suitability and feasibility of factors(Vignola and Tucci, 2014). In summary, KMO is used to evaluate whether the data set is suitable for Factor analysis(Shrestha, 2021), while the Bartlett test is used to verify whether there is sufficient correlation between the observed variables(Zwick and Velicer, 1982). 
The test result of KMO is between 0 and 1. The closer the value is to 1, the more suitable the data set is for factor analysis. Generally speaking, if the KMO value is greater than 0.6 or 0.7, the data set can be considered suitable for factor analysis. If the KMO value is low, below 0.5, you may need to reconsider using factor analysis.
According to Table 34, the KMO matrix value of this study is 0.969, which is much higher than 0.9 and is located in the marvelous zone(Table 23); therefore, factor analysis is a suitable method for this study(Shan et al. 2014). 

[bookmark: _Toc149645700]Table 34: KMO and Bartlett’s Test
[image: ]
Source: Constructed by the author




The eigenvalues ​​of all elements in Table 35(Holton III, Bates and Ruona, 2000) are greater than 1, emphasizing their importance. The eigenvalue of a determinant represents its contribution to the total variation. 
Under normal circumstances, the cumulative percentage indicates that it contains more systematic variability or data information, which can explain most of the variation in the data. 

[bookmark: _Toc149645701]Table 35: Total Variance Explained
[image: ]
Source: Constructed by the author







[bookmark: _Toc149645746]Figure 20: Screen plot for Eigenvalues 
[image: ]
Source: Constructed by the author

According to Table 35 and Figure 20, the eigenvalues are greater than one and the cumulative percentage of the eigenvalues ​​displayed exceeds 70.845%, which is a good value, so it is more valuable(Tunc Bozbura, 2004).
The 10 factors are composed of 6 components, and the eigenvalues ​​are 21.962, 2.356, 2.072, 1.593, 1.303 and 1.178 respectively. 
The scree plot becomes horizontal after the fourth component is observed; however since the eigenvalues ​​are greater than 1, all factors are essential. This research methodology emphasizes PE, EOU, TI, UIB and TBI as key components(Johnstone, 2001).



[bookmark: _Toc149645702]Table 36: Rotated Component Matrixa
[image: ]
Source: Constructed by the author
Table 36 shows that the components have been rotated to simplify and reduce overlap and confusion between variables and make them more interpretable and easier to understand(Sarkar, 2011). All factor loading is higher than 0.5. Thereby assigning variables to more meaningful factors, increasing measure the credibility and stability of the tool. Analyze and use a part or whole that is rotated to account for the area covered by the various elements(Helena, 2000). By conducting factor analysis, variables can be distinguished from the 46 factors related to the UIB of artificial intelligence.
4.7 [bookmark: _Toc149654859]      Correlation Test
The correlation coefficient is used to measure whether the relationship between two variables is positive or negative, and the strength of the relationship. When the correlation coefficient is close to 1 or -1, it means that there is a strong numerical relationship between the two variables(Asuero, Sayago & González, 2006).
Table 37 below shows that the average correlation is close to 0.6; at the 99% confidence level, the weakest negative correlation between PT and TBI is -0.366, and the strongest positive correlation between TBI and UIB is 0.746. And all the correlation coefficients are higher than other research. All hypotheses are supportive.

[bookmark: _Toc149645703]Table 37: Correlation Analysis of Factors
[image: ]
Source: Constructed by the author

4.8 [bookmark: _Toc149654860]      Regression Model
Two common models in regression analysis(Marill, 2004) are simple linear regression(SLR) and multiple linear regression(MLR). SLR is mainly used to study the linear relationship between two variables, while MLR is used for more complex situation, in which the relationship between multiple independent variables and dependent variables needs to be modeled and analyzed(Rong & Bao-Wen, 2018). This study will use MLR to analyze the relationship between TBI and UIB.

















[bookmark: _Toc149645704]Table 38: Model Summary and ANOVA of Dependent Variable
[image: ]
Source: Constructed by the author





[bookmark: _Toc149645705]Table 39: Coefficients of Dependent Variable
[image: ]
Source: Constructed by the author







[bookmark: _Toc149645706]Table 40: Histogram and Scatter Plot of Dependent Variable
[image: ]
Source: Constructed by the author

The histogram and scatter plot in Table 40 effectively solve this situation and show that the MLR model is suitable for use.


4.9 [bookmark: _Toc149654861]      One-way Analysis of Variance(ANOVA)
One-way ANOVA is a statistical method used to compare whether the means of two or more groups are significantly different. It is also a tool commonly used to analyze experimental design and observational research data(Quirk & Quirk, 2012). Considering the following equation, the following assumptions are significant: 
[image: ]

[bookmark: _Toc149654862]4.9.1 One-way ANOVA for Job Position
Table 41 presents the UIB for each job position group(Frontline; Staff; Senior Staff; Supervisor; Manager; Others) including the mean, standard deviation, and 95% confidence interval for the dependent variable. Table 41 Basically, respondents of all job position are willing to frequently use artificial intelligence at work, with a total mean as high as 5.24.

[bookmark: _Toc149645707]Table 41: Descriptive Table for Job Position
[image: ]
Source: Constructed by the author



Table 42 shows the ANOVA analysis results and whether there is a statistical difference between the group means. The statistical difference is that the p-value is less than 0.001, which is less than the significance level of 0.05; therefore, the one-way analysis of the variation test is valid at the 95% confidence level(Heiberger, et al., 2009).

[bookmark: _Toc149645708]Table 42: ANOVA Table for Job Position
[image: ]
Source: Constructed by the author

If ANOVA produces significant results, that is, there are significant differences in means between groups; in this case, post hoc comparisons are usually performed to determine which groups are significantly different. Commonly used methods are Bonferroni correction(Weisstein, 2004 ), which is a conservative post hoc comparison method, and the Sidak correction method is similar to the Bonferroni correction(Abdi, 2007). In this study, Tukey's HSD will be used to compare pair wise differences between all groups and calculate confidence intervals. Determine which differences between groups are significant(Alkhatib, et al., 1996).







Table 43 shows the differences between each group, indicating that there is a statistically significant difference in mean of UIB of Supervisor is greater than Staff groups(MD=0.931, p<0.05), and the Supervisor is greater than Manager groups(MD=0.634, p<0.05). The last one is Supervisor is greater than Others(MD=1.111, p<0.05). Therefore, the average UIB of these three is lower than the others.
[bookmark: _Toc149645709]Table 43: Multiple Comparisons of Job Position
[image: ]
Source: Constructed by the author

[bookmark: _Toc149645747]Figure 21: Mean Plot of Job Position 
[image: ]
Source: Constructed by the author
[bookmark: _Toc149654863]4.9.2 One-way ANOVA for Education Level
Table 44 presents the UIB for each education level group(Secondary school or below; Certificate/Diploma; University Degree or above; Professional qualification) including the mean, standard deviation, and 95% confidence interval for the dependent variable. Table 44 Basically, respondents of all education level are willing to frequently use artificial intelligence at work, with a total mean as high as 5.24.

[bookmark: _Toc149645710]Table 44: Descriptive Table for Education Level
[image: ]
Source: Constructed by the author

Table 45 shows the ANOVA analysis results and whether there is a statistical difference between the group means. The statistical difference is that the p-value is 0.002, which is less than the significance level of 0.05; therefore, the one-way analysis of the variation test is valid at the 95% confidence level(Jones, Rikli & Beam, 1999).

[bookmark: _Toc149645711]Table 45: ANOVA Table for Education Level
[image: ]
Source: Constructed by the author
Table 46 shows the differences between each group, indicating that there is a statistically significant difference in UIB of the Secondary school or below is less than Certificate/Diploma groups(MD= -0.709, p<0.05), and the Secondary school or below is less than University Degree or above groups(MD= -0.516, p<0.05). The last one is Secondary school or below is less Professional qualification(MD= -1.080, p<0.05). Therefore, the average UIB of these three is lower than the others.
[bookmark: _Toc149645712]Table 46: Multiple Comparisons of Education Level
[image: ]
Source: Constructed by the author
[bookmark: _Toc149645748]Figure 22: Mean Plot of Education Level 
[image: ]
Source: Constructed by the author
[bookmark: _Toc149654864]4.9.3 One-way ANOVA for Vocational area
Table 47 presents the UIB for each vocational area group(Industrial; Construction; Retail; Transport & storage; Financial; Business; Government services and public administration; Education; Healthcare & Welfare; Others) including the mean, standard deviation, and 95% confidence interval for the dependent variable. Table 47 Basically, respondents of all vocational area are willing to frequently use artificial intelligence at work, with a total mean as high as 5.24. However, respondents from the education industry generally have lower scores than those from other industries.

[bookmark: _Toc149645713]Table 47: Descriptive Table for Vocational area
[image: ]
Source: Constructed by the author






Table 48 shows the ANOVA analysis results and whether there is a statistical difference between the group means. The statistical difference is that the p-value is less than 0.001, which is less than the significance level of 0.05; therefore, the one-way analysis of the variation test is valid at the 95% confidence level(Koo & Li, 2016).

[bookmark: _Toc149645714]Table 48: ANOVA Table for Vocational area
[image: ]
Source: Constructed by the author













Table 49 shows the differences between each group, indicating that there is a statistically significant difference in UIB between the Education and Industrial groups(MD= -1.141, p<0.05), and between the Education and Retail groups(MD= -1.207, p<0.05), and between the Education and Transport & storage groups(MD= -1.190, p<0.05), and between the Education and Financial groups(MD= -1.336, p<0.05), and between the Education and Business groups(MD= -1.029, p<0.05). The last one is between Education and Healthcare & Welfare(MD= -1.263, p<0.05). Therefore, the average UIB of these six is lower than the others.

[bookmark: _Toc149645715]Table 49: Multiple Comparisons of Vocational area
[image: ]
Source: Constructed by the author






[bookmark: _Toc149645749]Figure 23: Mean Plot of Vocational area 
[image: ]
Source: Constructed by the author

[bookmark: _Toc149654865]4.9.4 One-way ANOVA for Age
All the p-values are greater than 0.05(Appendix F), thus there are no significant differences. It is usually explained that the observed data are not statistically significant, which means that no clear conclusion can be drawn to reject the null hypothesis(Goodman, 1993).

[bookmark: _Toc149654866]4.9.5 Summary of One-way ANOVA test
At 95% confidential level, education level will affect the respondent's willingness to use artificial intelligence. Only the mean of the secondary school or below group is lower than 5, especially the mean of the professional group is as high as 5.78. 
The ANOVA test showed that the variation between the means of each group was statistically significant, with p-values ​​less than the significance level of 0.05.
The Tukey HSD test shows that the mean ratio of respondents p-value = 0.003 < 5% significant level in the education industry to the willingness to use artificial intelligence significantly in most other industries.
4.10 [bookmark: _Toc149654867]      Independent t-test
[bookmark: OLE_LINK1]Independent t-test is used to compare whether there is a significant difference between the means of two independent samples(Nachar, 2008). It also has the ability to test the significance of the difference and provides a quantitative method(Magerl, et al., 2010). This study used the independent t-test to show the difference between gender on UIB.
[image: ]
Independent t-tests showed that the distribution and proportion of males and females were identical. This study also use Levene's equation test. The basic principle of the F test is to compare the proportion of variation between groups and variation within a group(Kruschke, 2013). Defining the numerator and denominator(Donaldson, 1968) requires calculating the degrees of freedom(df). The corresponding F value is shown in Table 50.

[bookmark: _Toc149645716]Table 50: Formula of F Test Statistic
[image: ]
Source: Constructed by the author

Table 51 show the result of the sample means, there is only a slight difference. Also, the female group has a mean UIB score of 4.81, whereas the male group scored 5.14. So the null hypothesis is rejected.  

[bookmark: _Toc149645717]Table 51: Group Statistics for Independent t-test
[image: ]
Source: Constructed by the author

Table 52 show that the p-value of Levene's test of equality of variations is 0.027, which is less than 0.05 significance level, and the result shows that the groups of men and women are not equal. On the other hand, according to the t-test of equality of means, the p-value is less than 0.05, and at 0.002, the overall mean There are obvious differences, among which the average UIB of women is 0.337 lower than that of men. Therefore, the null hypothesis is rejected, there is a significant difference between genders, and the p-values ​​are less than 0.05 at the 95% confidence level(Johnson, 1999).

[bookmark: _Toc149645718]Table 52: Levene’s Test 
[image: ]
Source: Constructed by the author
4.11 [bookmark: _Toc149654868]      Summary of the Research Findings
The Figure 24 and Table 53 below summarize the correlation coefficient (r) and R-squared (R2) from the regression analysis.

[bookmark: _Toc149645750]Figure 24: Explanation of Correlation Coefficient (r) and R-squared (R2) 
[image: ]
Source: Constructed by the author

The Pearson correlation coefficient can calculate whether there is a linear correlation and its strength between two variables, where 1 represents a completely positive linear correlation and -1 represents a completely negative linear correlation(Sedgwick, 2012).


[bookmark: _Toc149645719]Table 53: Summary of the research findings regarding the proposed hypothesis 
[image: ]
Source: Constructed by the author
In summary, Table 53 shows that the impact of H9 and TBI on UIB is very significant, with an r value of 0.746**. The impact of H7 and TI on TBI is also very obvious, with an r value of 0.761**. 
5. [bookmark: _Toc149654869]Conclusion and Recommendation
The impact of artificial intelligence on employees in today's workplace is a far-reaching and multi-faceted issue(Krzywdzinski, Gerst & Butollo, 2023). Although the development of artificial intelligence technology has brought many opportunities and benefits to enterprises, it has also brought pressure to the challenges and changes faced by employees(Dwivedi, et al., 2021).

[bookmark: _Toc149654870]5.1      Conclusion
This article proposes a theoretical framework exploring PB, PT, E, and PI, PE, PU,​EOU, TI, TBI and demographic factors. It was developed based on findings from two focus groups(Bryman, 2006) and a literature review(Thomas, et al., 2020). This study explores UIB factors in employees’ intentions to use artificial intelligence. Snowball indicator(Voicu and Babonea, 1997) was used to select 389 respondents with work experience. This theoretical framework is divided into five demographic factors: gender, job position, education, age and occupational field. Male and female the numbers are very close, 48.07% and 51.93% respectively. Among the age groups, 25-34 years old had the highest response, with 162 participants representing 41.6% of the sample. In addition, more than 50% of the respondents had an education level of university degree or above. Regardless of job position(Table. 29), respondents in vocational area(Appendix G) and men and women(Table. 28) are equally willing to use artificial intelligence in the workplace. Cross-tabulation shows that more than 70% Respondents are supportive.
Among the Education level groups, Secondary school or below has the lowest UIB average. Reflecting that a group of respondents with relatively poor academic qualifications are afraid that artificial intelligence will replace them or bring threats(Jiang, et al., 2017). People with poor academic qualifications are more accustomed to staying in their comfort zone and are less likely to seek change(Wals, 2011).
Qualitative and quantitative methods in triangulation(Morse, 1991) were used to obtain quantitative data from Hong Kong people with work experience, including surveys and interviews. Next comes thematic analysis, regression, and data analysis. In factor analysis, shown on Table 35, 70.845% of the cumulative variation can be attributed to the eigenvalues​​(PE, EOU, TI, UIB & TBI = 21.962, E = 2.356, PI = 2.072, PU = 1.593, PT = 1.303, PB = 1.178). Since the eigenvalues ​​exceed 1, all factors are correlated(Beavers, et al., 2013). PE, EOU, TI, UIB & TBI are important parts of this study.
This study shows that the PB brought about by the use of artificial intelligence will affect employees’ usage intentions. PE and PI are important contributors to employee UBI. The potential risks of artificial intelligence PT will affect employees' emotional reactions to use, and the convenience, enjoyment and efficiency that E, PU and EOU bring to users will greatly increase their willingness to use artificial intelligence. TI created a stronger intention to use it, attracting more employees to use it because users believed in the answers and feedback provided by artificial intelligence. TBI is an important variable in UIB, and the r-value = 0.746 strong positive relationship. 
This research paper helps deepen employees’ understanding of artificial intelligence UBI. The analysis results will help determine future strategies and contribute to society and the government.










[bookmark: _Toc149654871]5.2      Recommendations
In response to the original research question, TI and TBI have an important impact on UIB, and TI also has the greatest impact on TBI. On the other hand, PT is negatively correlated with TBI, and PB has a slightly smaller impact on TBI.
The impact of artificial intelligence on employees has both advantages and disadvantages. The rapid development of artificial intelligence technology has led to the automation of certain work tasks and the replacement of machines. This will affect jobs that are mainly repetitive and standardized, such as production line workers and customer service representatives. Bringing risks and disadvantages, these employees may need to change careers, retrain, or develop new skills to cope with market changes. The application of automation and machine learning allows some jobs to be completed remotely and also provides more flexible work options and working hours. At the same time, artificial intelligence has also changed the company's management methods and decision-making processes, providing faster, more time-saving, and more efficient methods.
The study found that regardless of gender, respondents of all ages are open to the use of artificial intelligence and are willing to use it in the workplace. However, in the education industry, the mean obtained is the lowest, below 4.7.(Appendix H), This shows that artificial intelligence can bring positive changes to education(Tang, Chang & Hwang, 2023), but its impact also needs to be applied and evaluated carefully to ensure that the quality and value of education are maintained and improved. Therefore, educators generally agree with artificial intelligence. But it won't be given too high a score. The application of artificial intelligence is expected to continue to expand in the future, including self-driving cars, smart homes, medical care and construction, financial services, education and training, etc. Artificial intelligence is the general trend of today's generation and is inevitable. Therefore, sufficient research and development are needed to Understanding artificial intelligence can bring advantages to public and private enterprises.



[bookmark: _Toc149654872]5.2.1 Theoretical Implications
The theoretical significance of this paper is to conduct an in-depth study of the impact of artificial intelligence on employees and provide theoretical and empirical foundations from multiple perspectives such as social sciences, organizational behavior, ethics, and law to promote understanding of the application and impact of artificial intelligence in work scenarios. This study can help guide policy development, organizational management, and career development decisions to ensure that AI applications benefit employees and society(Makridakis, 2017). 
The application of artificial intelligence is rapidly changing work scenarios and the way organizations operate. Papers can explore the PB brought about by artificial intelligence, including the impact on employee work content, work structure, and career development(Verganti, Vendraminelli & Iansiti, 2020). Such research helps provide empirical and theoretical evidence on how to respond to technological change and organizational change.
The use of artificial intelligence raises a series of ethical and legal issues, including privacy protection, data security, algorithm fairness, etc. The paper can explore the impact of PT on employees. The thesis may examine the impact of artificial intelligence on employee well-being and job satisfaction. This involves the analysis of E, PU, ​​EOU, PI, and PE. Such research can help understand how employees adapt and respond to changes caused by artificial intelligence and provide corresponding management and policy recommendations(Jarrahi, 2018).

[bookmark: _Toc149654873]5.2.2 Practical Implications
Studying the impact of artificial intelligence on workers is important for understanding future work environments, skills needs and employment opportunities. These research results can provide policymakers, organizational managers and individuals with a basis for decision-making and action to adapt to the rapid development of artificial intelligence and respond to related challenges and opportunities.



[bookmark: _Toc149654874]5.2.2.1 Perceived Benefits
This research paper highlights the importance of PB in influencing employees' intentions to use AI and then influencing their UIB. These include automating work, improving work efficiency, data analysis and insights, career development and learning opportunities, etc.
Education: Employees must be educated on the importance of PB and how they can benefit from using AI. However, the impact of artificial intelligence on employees is not entirely positive, and there are also some potential challenges and risks. For example, automation may lead to the reduction or disappearance of certain jobs, requiring employees to transition or re-employ(Roos & Shroff, 2017). In addition, the rapid development of artificial intelligence may bring certain uncertainty and competitive pressure to employees who lack relevant skills.
Therefore, the perceived benefits of artificial intelligence to employees are a two-sided issue. It can provide more efficient, creative and valuable work opportunities, but also requires employees to continuously learn and adapt to the requirements of new technologies. In the process of implementing artificial intelligence technology, paying attention to the well-being and development of employees and providing corresponding training and support(Lee & Yoon, 2021) is one of the important factors to ensure that artificial intelligence has a positive impact on employees. 

[bookmark: _Toc149654875]5.2.2.2 Perceived Threat
Perceived threats will make employees feel hesitant to use artificial intelligence, thus affecting UIB. Therefore, relieving employees' concerns can effectively improve UIB.
Encourage awareness of risks: Employees should be encouraged to proactively recognize the risks associated with artificial intelligence. The application of artificial intelligence in data analysis and processing may involve the collection and use of large amounts of personal data. This raises concerns about personal privacy and data security. Employees may worry that their personal information will be improperly used or disclosed, which may have a negative impact on their trust and work attitudes(Bansal & Gefen, 2010). Knowledge and skills in certain professional fields may become less scarce or less valuable due to the development of artificial intelligence. For example, professionals in certain fields may face the risk that automated tools or algorithms can replace their jobs. This can create uncertainty and competitive pressures for employees in those specialist areas.
The perceived threat of AI to employees is a real issue. It could lead to the automation and reduction of jobs, pose new challenges to skill requirements, raise concerns about privacy and the security of personal information, and diminish the value of the profession. In response to these threats, companies and governments can help employees cope with changes through lectures, provide retraining and transformation opportunities, and formulate corresponding policies and regulations to ensure that their rights and well-being are protected.

[bookmark: _Toc149654876]5.2.2.3 Enjoyment
E was repeatedly mentioned in focus groups and the impact of artificial intelligence on employees can effectively increase TBI in terms of enjoyment of work and bring positive impact to UIB.

[bookmark: _Toc149645720]Table 54: Regular reviews and opinion surveys of Enjoyment 
[image: ]
Source: Constructed by the author

Therefore, when implementing artificial intelligence technology, it is necessary to balance the roles of automation and human labor, provide corresponding training and support, and ensure that employees can fully participate in and enjoy the work process. At the same time, we value employees’ opinions and feedback in order to continuously improve and optimize the artificial intelligence system to make it more in line with employees’ needs and improve their job satisfaction and enjoyment(Brougham & Haar, 2018).

[bookmark: _Toc149654877]5.2.2.4 Organization Decision Making(Peer Influence & Performance Expectancy)
PI and PE were mentioned repeatedly in focus groups and surveys. Employees feel cooperation and competition among colleagues, performance evaluation and recognition. This is an indispensable factor in promoting artificial intelligence.
Establish A Relationship: The impact of AI on employees’ coworkers and performance expectations is a complex issue. It may change cooperative and competitive relationships among colleagues, impact employee expectations for technical capabilities, have an impact on performance evaluation and recognition, and provide learning and development opportunities. In dealing with these impacts, companies can ensure that employees can remain good colleagues in the AI ​​era by promoting teamwork and knowledge sharing, providing training and development opportunities, establishing fair performance evaluation mechanisms, and valuing employee feedback and participation(Cawley, Keeping & Levy, 1998) to keep relationships and performance expectations.




[bookmark: _Toc149654878]5.2.2.5 Perceived Usefulness
PU positively affects TBI. Through automation, efficiency improvement, data processing and decision support, employees can feel the actual value and usefulness of artificial intelligence at work, thereby increasing UIB.

[bookmark: _Toc149645721]Table 55: Ensure transparency and engagement of Perceived Usefulness 
[image: ]
Source: Constructed by the author

Artificial intelligence technology can help employees process and analyze large amounts of data and provide decision support. By leveraging AI algorithms and models, employees can more accurately perform data analysis, predictions, and pattern recognition to make smarter decisions. This data processing and decision support function can improve the quality and accuracy of employees' work, and provide better guidance and suggestions in complex business environments. Employees can also improve themselves by learning and mastering skills related to artificial intelligence to improve competitiveness and progress in career development. Such AI-related learning and development opportunities can enhance employees' perceptions of AI's usefulness because they realize that mastering these skills is critical for future career development(Hornung & Smolnik, 2022).

[bookmark: _Toc149654879]5.2.2.6 Perceived Ease of Use
EOU was mentioned repeatedly in focus groups and surveys. Because humans are inert creatures(Frost, 2016), the more convenient something is, the easier it is to evoke the intention to use it.
Humanized interface design: The interface design of an AI system is critical to employees’ perceived ease of use. Employees will find it easier to pick up and use AI tools if the interface design is intuitive, clear, and easy to navigate. Conversely, if the interface is complex, confusing, or unintuitive, employees may become confused and frustrated, reducing the perceived ease of use of AI(Day, et al., 2020). Furthermore, if the process of using an AI tool is smooth, efficient, and meets employee expectations, they will find it easy to use. Conversely, if employees experience difficulties, delays, or unsatisfactory results during use, they may perceive it as not easy to use. Organizations can improve employees’ perceived ease of use of AI by providing appropriate support, training, and improved interface design, thereby driving their wider acceptance and use of AI technology.









[bookmark: _Toc149654880]5.2.2.7 Trust
TI was repeatedly mentioned in focus groups and surveys as an important factor affecting employee TBI and UIB. Employees need to feel safe when using artificial intelligence and trust the authenticity and credibility of the information.

[bookmark: _Toc149645722]Table 56: Reliability and transparency of Trust 
[image: ]
Source: Constructed by the author

Trust in artificial intelligence is also influenced by ethical considerations. Employees need to ensure that artificial intelligence systems are designed and used ethically, respect privacy, fairness, and avoid bias or discrimination. Organizations should establish ethical guidelines and practices for AI to demonstrate a commitment to responsible and trustworthy AI applications. Promote successful integration and acceptance in the workplace.




[bookmark: _Toc149654881]5.2.2.8 Demographic Factors
Help each other: According to the survey, any age group accepts the use of artificial intelligence in the workplace, but the younger generation of employees may be more adaptable to new technologies and tools and can quickly learn and apply new skills(Angeline, 2011). However, older workers may need more time and support to adapt to and take advantage of AI. Therefore, the senior employees are responsible for sharing their work experience and teaching the younger generation, while the younger generation teaches the older employees how to use new technologies.

[bookmark: _Toc149645723]Table 57: AI's Impact on the Employees 
[image: ]
Source: Constructed by the author






[bookmark: _Toc149654882]5.3      Limitations
There may be the following limitations regarding the impact of artificial intelligence on employees. 
[bookmark: _Toc149645724]Table 58: Limitations regarding the impact of artificial intelligence on employees  
[image: ]
Source: Constructed by the author
In Summary, this study is based on the results of a questionnaire survey and two focus groups with a total number of approximately 400 employees. When evaluating the impact of artificial intelligence on employees, it may be affected by limitations such as sample limitations, lack of objective indicators, and time constraints. These limitations need to be considered when interpreting the study results and drawing conclusions.
[bookmark: _Toc149654883]5.4      Suggestion for future research
This study highlights PB, PT, E, PI, PE, PU, ​​EOU and TI as important factors for employees' use of artificial intelligence TBI and thus affects UIB. Further research is recommended in the following areas:

[bookmark: _Toc149645725]Table 59: Highlight of further research  
[image: ]
Source: Constructed by the author



[bookmark: _Toc149654884]5.5      Summary
Artificial intelligence is the future trend, whether it is applied to public institutions or private enterprises. Matthew Tsang, a recent DSE candidate at Diocesan Boys' School, disappeared on October 4, 2023. After many days of searching to no avail, firemen finally relied on artificial intelligence smart technology saves people; drones take thousands of photos and intersect AI analysis(Hong Kong 01, 2023). In view of this, artificial intelligence can complement humans. In addition to bringing more efficient work and cost savings to private companies, it can also make great contributions to society. Life is priceless.

[bookmark: _Toc149645726]Table 60: Suggestions for governments and businesses  
[image: ]
Source: Constructed by the author
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	PB1
	AI can improve predictive capability.
	1
	2
	3
	4
	5
	6
	7

	PB2
	AI can improve higher speed and accuracy.
	1
	2
	3
	4
	5
	6
	7

	PB3
	AI can help to save money and effort.
	1
	2
	3
	4
	5
	6
	7

	PB4
	The use of AI is a good value for the money.
	1
	2
	3
	4
	5
	6
	7

	PB5
	I am confident I made a satisfactory choice by using AI.
	1
	2
	3
	4
	5
	6
	7

	
	

	PT1
	My fear of exposure to AI's risks is high.
	1
	2
	3
	4
	5
	6
	7

	PT2
	The extent of my worry about AI's risks is low.
	1
	2
	3
	4
	5
	6
	7

	PT3
	The extent of my anxiety about potential loss due to AI's risks is high.
	1
	2
	3
	4
	5
	6
	7

	PT4
	The extent of my worry about AI's risks due to misuse is high.
	1
	2
	3
	4
	5
	6
	7

	
	

	E1
	Using AI technology provides me with a lot of enjoyment.
	1
	2
	3
	4
	5
	6
	7

	E2
	Using AI technology provides me with a lot of fun.
	1
	2
	3
	4
	5
	6
	7

	E3
	Using AI technology provides me with a lot of excitement.
	1
	2
	3
	4
	5
	6
	7

	E4
	It is a pleasant experience in using the AI technology.
	1
	2
	3
	4
	5
	6
	7

	
	

	PE1
	I find AI useful in my decision-making.
	1
	2
	3
	4
	5
	6
	7

	PE2
	Using AI increases my chances of making important decisions.
	1
	2
	3
	4
	5
	6
	7

	PE3
	Using AI helps me make decisions more quickly.
	1
	2
	3
	4
	5
	6
	7

	PE4
	Using AI increases my productivity.
	1
	2
	3
	4
	5
	6
	7

	PE5
	Using AI increases my productivity in decision-making.
	1
	2
	3
	4
	5
	6
	7

	
	

	PI1
	Peers who are important to me would think that I should use AI.
	1
	2
	3
	4
	5
	6
	7

	PI2
	Peers who influence my behavior would think that I should use AI.
	1
	2
	3
	4
	5
	6
	7

	PI3
	My superiors who influence my behavior would think that I should use AI.
	1
	2
	3
	4
	5
	6
	7

	PI4
	My superiors to whom I report would think that I should use AI.
	1
	2
	3
	4
	5
	6
	7

	PI5
	My business partners would think that I should use AI.
	1
	2
	3
	4
	5
	6
	7

	
	

	PU1
	Using AI technology enhances my task effectiveness.
	1
	2
	3
	4
	5
	6
	7

	PU2
	Using AI technology saves me time and effort in performing tasks.
	1
	2
	3
	4
	5
	6
	7

	PU3
	Using AI would help me to accomplish things more quickly.
	1
	2
	3
	4
	5
	6
	7

	PU4
	Using AI would improve my chances of achieving things I find important.
	1
	2
	3
	4
	5
	6
	7

	
	

	EOU1
	I would find it easy to become skilled at using AI.
	1
	2
	3
	4
	5
	6
	7

	EOU2
	My interaction with AI is clear and understandable.
	1
	2
	3
	4
	5
	6
	7

	EOU3
	I find it easy to get AI to do what I want it to do.
	1
	2
	3
	4
	5
	6
	7

	EOU4
	I find AI easy to use.
	1
	2
	3
	4
	5
	6
	7

	
	

	TI1
	I think this AI is trustworthy.
	1
	2
	3
	4
	5
	6
	7

	TI2
	I have a good feeling about relying on AI.
	1
	2
	3
	4
	5
	6
	7

	TI3
	I can trust the information presented by AI Human likeness.
	1
	2
	3
	4
	5
	6
	7

	TI4
	I believe AI can improve reliability and performance.
	1
	2
	3
	4
	5
	6
	7

	TI5
	I believe AI can help us with security and privacy protection.
	1
	2
	3
	4
	5
	6
	7

	
	

	TBI1
	I have the disposition to use AI.
	1
	2
	3
	4
	5
	6
	7

	TBI2
	I have thoughts to use AI.
	1
	2
	3
	4
	5
	6
	7

	TBI3
	I trust the propensity of AI.
	1
	2
	3
	4
	5
	6
	7

	TBI4
	I feel that AI is trustworthy.
	1
	2
	3
	4
	5
	6
	7

	TBI5
	I believe in what AI tells me.
	1
	2
	3
	4
	5
	6
	7

	
	

	UIB1
	I plan to use the AI technology in the future.
	1
	2
	3
	4
	5
	6
	7

	UIB2
	I intend to use the AI technology in the future.
	1
	2
	3
	4
	5
	6
	7

	UIB3
	I will use AI in the future.
	1
	2
	3
	4
	5
	6
	7

	UIB4
	I plan to use AI often.
	1
	2
	3
	4
	5
	6
	7

	UIB5
	I expect to continue using AI in the future.
	1
	2
	3
	4
	5
	6
	7

	UIB6
	I will always try to use AI in my workplace.
	1
	2
	3
	4
	5
	6
	7


Section 2: Personal Information (Please tick into the correct answer box✔  )
1. Age
□ 15- 24 □ 25- 34 □ 35- 44 □ 45-54 □ 55 years-old or above
2. Gender
□ Male □ Female 
3. Education level
□ Secondary school or below  □ Certificate / Diploma
□ University degree or above  □ Professional qualification 
4. Job Position 
□ Frontline □ Staff □ Senior Staff 
□ Supervisor □ Manager □ Others
5. Vocational area
□ Industrial production □ Construction □ Retail trade 
□ Transport and storage □ Financial □ Business services
□ Government services and public administration  □ Education
□ Healthcare and welfare □ Others
End.
Thank you for your time and effort in completing this questionnaire.
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	Multiple Comparisons

	Tukey HSD

	Dependent Variable
	(I) 1 Age
	(J) 1 Age
	Mean Difference (I-J)
	Std. Error
	Sig.
	95% Confidence Interval

	
	
	
	
	
	
	Lower Bound
	Upper Bound

	UIB1.   I plan to use the AI technology in the future.
	15-24
	25-34
	0.304
	0.233
	0.69
	-0.34
	0.94

	
	
	35-44
	-0.001
	0.239
	1
	-0.66
	0.65

	
	
	45-54
	0.483
	0.262
	0.351
	-0.24
	1.2

	
	
	55 or above
	0.433
	0.371
	0.77
	-0.58
	1.45

	
	25-34
	15-24
	-0.304
	0.233
	0.69
	-0.94
	0.34

	
	
	35-44
	-0.305
	0.141
	0.194
	-0.69
	0.08

	
	
	45-54
	0.18
	0.177
	0.849
	-0.31
	0.67

	
	
	55 or above
	0.13
	0.317
	0.994
	-0.74
	1

	
	35-44
	15-24
	0.001
	0.239
	1
	-0.65
	0.66

	
	
	25-34
	0.305
	0.141
	0.194
	-0.08
	0.69

	
	
	45-54
	0.484
	0.185
	0.069
	-0.02
	0.99

	
	
	55 or above
	0.434
	0.321
	0.658
	-0.45
	1.31

	
	45-54
	15-24
	-0.483
	0.262
	0.351
	-1.2
	0.24

	
	
	25-34
	-0.18
	0.177
	0.849
	-0.67
	0.31

	
	
	35-44
	-0.484
	0.185
	0.069
	-0.99
	0.02

	
	
	55 or above
	-0.05
	0.339
	1
	-0.98
	0.88

	
	55 or above
	15-24
	-0.433
	0.371
	0.77
	-1.45
	0.58

	
	
	25-34
	-0.13
	0.317
	0.994
	-1
	0.74

	
	
	35-44
	-0.434
	0.321
	0.658
	-1.31
	0.45

	
	
	45-54
	0.05
	0.339
	1
	-0.88
	0.98

	UIB2.   I intend to use the AI technology in the future. 
	15-24
	25-34
	0.298
	0.236
	0.715
	-0.35
	0.94

	
	
	35-44
	0.04
	0.242
	1
	-0.62
	0.7

	
	
	45-54
	0.3
	0.265
	0.79
	-0.43
	1.03

	
	
	55 or above
	0.3
	0.375
	0.931
	-0.73
	1.33

	
	25-34
	15-24
	-0.298
	0.236
	0.715
	-0.94
	0.35

	
	
	35-44
	-0.258
	0.142
	0.368
	-0.65
	0.13

	
	
	45-54
	0.002
	0.179
	1
	-0.49
	0.49

	
	
	55 or above
	0.002
	0.32
	1
	-0.87
	0.88

	
	35-44
	15-24
	-0.04
	0.242
	1
	-0.7
	0.62

	
	
	25-34
	0.258
	0.142
	0.368
	-0.13
	0.65

	
	
	45-54
	0.26
	0.187
	0.634
	-0.25
	0.77

	
	
	55 or above
	0.26
	0.325
	0.93
	-0.63
	1.15

	
	45-54
	15-24
	-0.3
	0.265
	0.79
	-1.03
	0.43

	
	
	25-34
	-0.002
	0.179
	1
	-0.49
	0.49

	
	
	35-44
	-0.26
	0.187
	0.634
	-0.77
	0.25

	
	
	55 or above
	0
	0.342
	1
	-0.94
	0.94

	
	55 or above
	15-24
	-0.3
	0.375
	0.931
	-1.33
	0.73

	
	
	25-34
	-0.002
	0.32
	1
	-0.88
	0.87

	
	
	35-44
	-0.26
	0.325
	0.93
	-1.15
	0.63

	
	
	45-54
	0
	0.342
	1
	-0.94
	0.94

	UIB3.   I will use AI in the future. 
	15-24
	25-34
	0.168
	0.22
	0.941
	-0.43
	0.77

	
	
	35-44
	-0.067
	0.225
	0.998
	-0.68
	0.55

	
	
	45-54
	0.2
	0.247
	0.928
	-0.48
	0.88

	
	
	55 or above
	0.233
	0.349
	0.963
	-0.72
	1.19

	
	25-34
	15-24
	-0.168
	0.22
	0.941
	-0.77
	0.43

	
	
	35-44
	-0.235
	0.132
	0.392
	-0.6
	0.13

	
	
	45-54
	0.032
	0.167
	1
	-0.43
	0.49

	
	
	55 or above
	0.065
	0.298
	0.999
	-0.75
	0.88

	
	35-44
	15-24
	0.067
	0.225
	0.998
	-0.55
	0.68

	
	
	25-34
	0.235
	0.132
	0.392
	-0.13
	0.6

	
	
	45-54
	0.267
	0.174
	0.543
	-0.21
	0.74

	
	
	55 or above
	0.3
	0.302
	0.859
	-0.53
	1.13

	
	45-54
	15-24
	-0.2
	0.247
	0.928
	-0.88
	0.48

	
	
	25-34
	-0.032
	0.167
	1
	-0.49
	0.43

	
	
	35-44
	-0.267
	0.174
	0.543
	-0.74
	0.21

	
	
	55 or above
	0.033
	0.319
	1
	-0.84
	0.91

	
	55 or above
	15-24
	-0.233
	0.349
	0.963
	-1.19
	0.72

	
	
	25-34
	-0.065
	0.298
	0.999
	-0.88
	0.75

	
	
	35-44
	-0.3
	0.302
	0.859
	-1.13
	0.53

	
	
	45-54
	-0.033
	0.319
	1
	-0.91
	0.84

	UIB4.    I plan to use AI often. 
	15-24
	25-34
	0.552
	0.23
	0.117
	-0.08
	1.18

	
	
	35-44
	0.277
	0.236
	0.766
	-0.37
	0.92

	
	
	45-54
	0.433
	0.258
	0.45
	-0.28
	1.14

	
	
	55 or above
	0.367
	0.366
	0.854
	-0.64
	1.37

	
	25-34
	15-24
	-0.552
	0.23
	0.117
	-1.18
	0.08

	
	
	35-44
	-0.275
	0.139
	0.274
	-0.66
	0.1

	
	
	45-54
	-0.119
	0.175
	0.961
	-0.6
	0.36

	
	
	55 or above
	-0.185
	0.312
	0.976
	-1.04
	0.67

	
	35-44
	15-24
	-0.277
	0.236
	0.766
	-0.92
	0.37

	
	
	25-34
	0.275
	0.139
	0.274
	-0.1
	0.66

	
	
	45-54
	0.157
	0.182
	0.911
	-0.34
	0.66

	
	
	55 or above
	0.09
	0.316
	0.999
	-0.78
	0.96

	
	45-54
	15-24
	-0.433
	0.258
	0.45
	-1.14
	0.28

	
	
	25-34
	0.119
	0.175
	0.961
	-0.36
	0.6

	
	
	35-44
	-0.157
	0.182
	0.911
	-0.66
	0.34

	
	
	55 or above
	-0.067
	0.334
	1
	-0.98
	0.85

	
	55 or above
	15-24
	-0.367
	0.366
	0.854
	-1.37
	0.64

	
	
	25-34
	0.185
	0.312
	0.976
	-0.67
	1.04

	
	
	35-44
	-0.09
	0.316
	0.999
	-0.96
	0.78

	
	
	45-54
	0.067
	0.334
	1
	-0.85
	0.98

	UIB5.   I expect to continue using AI in the future.
	15-24
	25-34
	0.454
	0.233
	0.291
	-0.18
	1.09

	
	
	35-44
	0.215
	0.238
	0.896
	-0.44
	0.87

	
	
	45-54
	0.433
	0.262
	0.463
	-0.28
	1.15

	
	
	55 or above
	0.5
	0.37
	0.659
	-0.51
	1.51

	
	25-34
	15-24
	-0.454
	0.233
	0.291
	-1.09
	0.18

	
	
	35-44
	-0.239
	0.14
	0.433
	-0.62
	0.15

	
	
	45-54
	-0.021
	0.177
	1
	-0.51
	0.46

	
	
	55 or above
	0.046
	0.316
	1
	-0.82
	0.91

	
	35-44
	15-24
	-0.215
	0.238
	0.896
	-0.87
	0.44

	
	
	25-34
	0.239
	0.14
	0.433
	-0.15
	0.62

	
	
	45-54
	0.218
	0.185
	0.762
	-0.29
	0.72

	
	
	55 or above
	0.285
	0.32
	0.901
	-0.59
	1.16

	
	45-54
	15-24
	-0.433
	0.262
	0.463
	-1.15
	0.28

	
	
	25-34
	0.021
	0.177
	1
	-0.46
	0.51

	
	
	35-44
	-0.218
	0.185
	0.762
	-0.72
	0.29

	
	
	55 or above
	0.067
	0.338
	1
	-0.86
	0.99

	
	55 or above
	15-24
	-0.5
	0.37
	0.659
	-1.51
	0.51

	
	
	25-34
	-0.046
	0.316
	1
	-0.91
	0.82

	
	
	35-44
	-0.285
	0.32
	0.901
	-1.16
	0.59

	
	
	45-54
	-0.067
	0.338
	1
	-0.99
	0.86

	UIB6.   I will always try to use AI in my workplace.
	15-24
	25-34
	0.473
	0.26
	0.365
	-0.24
	1.19

	
	
	35-44
	0.109
	0.267
	0.994
	-0.62
	0.84

	
	
	45-54
	0.45
	0.293
	0.538
	-0.35
	1.25

	
	
	55 or above
	0.3
	0.414
	0.951
	-0.83
	1.43

	
	25-34
	15-24
	-0.473
	0.26
	0.365
	-1.19
	0.24

	
	
	35-44
	-0.364
	0.157
	0.14
	-0.79
	0.07

	
	
	45-54
	-0.023
	0.198
	1
	-0.56
	0.52

	
	
	55 or above
	-0.173
	0.353
	0.988
	-1.14
	0.8

	
	35-44
	15-24
	-0.109
	0.267
	0.994
	-0.84
	0.62

	
	
	25-34
	0.364
	0.157
	0.14
	-0.07
	0.79

	
	
	45-54
	0.341
	0.206
	0.464
	-0.22
	0.91

	
	
	55 or above
	0.191
	0.358
	0.984
	-0.79
	1.17

	
	45-54
	15-24
	-0.45
	0.293
	0.538
	-1.25
	0.35

	
	
	25-34
	0.023
	0.198
	1
	-0.52
	0.56

	
	
	35-44
	-0.341
	0.206
	0.464
	-0.91
	0.22

	
	
	55 or above
	-0.15
	0.378
	0.995
	-1.19
	0.89

	
	55 or above
	15-24
	-0.3
	0.414
	0.951
	-1.43
	0.83

	
	
	25-34
	0.173
	0.353
	0.988
	-0.8
	1.14

	
	
	35-44
	-0.191
	0.358
	0.984
	-1.17
	0.79

	
	
	45-54
	0.15
	0.378
	0.995
	-0.89
	1.19
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	N
	Mean
	Std. Deviation
	Std. Error
	95% Confidence Interval for Mean
	Minimum
	Maximum

	
	
	
	
	
	Lower Bound
	Upper Bound
	
	

	UIB1.   I plan to use the AI technology in the future.
	Industrial
	26
	5.27
	1.343
	0.263
	4.73
	5.81
	1
	7

	
	Construction
	21
	4.86
	1.108
	0.242
	4.35
	5.36
	2
	6

	
	Retail
	45
	5.47
	1.1
	0.164
	5.14
	5.8
	2
	7

	
	Transport & storage
	36
	5.47
	0.941
	0.157
	5.15
	5.79
	3
	7

	
	Financial
	76
	5.57
	0.971
	0.111
	5.34
	5.79
	2
	7

	
	Business
	45
	5.4
	1.031
	0.154
	5.09
	5.71
	2
	7

	
	Govt Service & Public Adm
	16
	5.38
	0.619
	0.155
	5.05
	5.7
	4
	6

	
	Education
	39
	4.31
	1.341
	0.215
	3.87
	4.74
	1
	6

	
	Healthcare & Welfare
	44
	5.43
	1.208
	0.182
	5.06
	5.8
	1
	7

	
	Others
	41
	4.59
	1.264
	0.197
	4.19
	4.98
	1
	7

	
	Total
	389
	5.22
	1.182
	0.06
	5.1
	5.33
	1
	7

	UIB2.   I intend to use the AI technology in the future. 
	Industrial
	26
	5.42
	1.362
	0.267
	4.87
	5.97
	1
	7

	
	Construction
	21
	4.86
	1.153
	0.252
	4.33
	5.38
	2
	7

	
	Retail
	45
	5.49
	1.079
	0.161
	5.16
	5.81
	2
	7

	
	Transport & storage
	36
	5.47
	0.971
	0.162
	5.14
	5.8
	3
	7

	
	Financial
	76
	5.62
	1.006
	0.115
	5.39
	5.85
	2
	7

	
	Business
	45
	5.31
	1.019
	0.152
	5.01
	5.62
	2
	7

	
	Govt Service & Public Adm
	16
	5.06
	0.574
	0.143
	4.76
	5.37
	4
	6

	
	Education
	39
	4.28
	1.468
	0.235
	3.81
	4.76
	1
	7

	
	Healthcare & Welfare
	44
	5.55
	0.975
	0.147
	5.25
	5.84
	2
	7

	
	Others
	41
	4.71
	1.309
	0.204
	4.29
	5.12
	1
	7

	
	Total
	389
	5.24
	1.187
	0.06
	5.12
	5.36
	1
	7

	UIB3.   I will use AI in the future.
	Industrial
	26
	5.42
	1.27
	0.249
	4.91
	5.94
	2
	7

	
	Construction
	21
	5.05
	1.203
	0.263
	4.5
	5.6
	2
	7

	
	Retail
	45
	5.47
	1.057
	0.158
	5.15
	5.78
	2
	7

	
	Transport & storage
	36
	5.53
	0.91
	0.152
	5.22
	5.84
	3
	7

	
	Financial
	76
	5.66
	0.873
	0.1
	5.46
	5.86
	3
	7

	
	Business
	45
	5.44
	0.967
	0.144
	5.15
	5.73
	2
	7

	
	Govt Service & Public Adm
	16
	5.44
	0.629
	0.157
	5.1
	5.77
	4
	6

	
	Education
	39
	4.67
	1.305
	0.209
	4.24
	5.09
	1
	7

	
	Healthcare & Welfare
	44
	5.64
	1.036
	0.156
	5.32
	5.95
	2
	7

	
	Others
	41
	4.76
	1.261
	0.197
	4.36
	5.15
	1
	7

	
	Total
	389
	5.34
	1.105
	0.056
	5.23
	5.45
	1
	7

	UIB4.    I plan to use AI often. 
	Industrial
	26
	5.08
	1.324
	0.26
	4.54
	5.61
	1
	7

	
	Construction
	21
	4.81
	1.123
	0.245
	4.3
	5.32
	2
	6

	
	Retail
	45
	5.11
	0.91
	0.136
	4.84
	5.38
	2
	6

	
	Transport & storage
	36
	5.14
	0.593
	0.099
	4.94
	5.34
	4
	6

	
	Financial
	76
	5.25
	1.021
	0.117
	5.02
	5.48
	2
	7

	
	Business
	45
	5.02
	1.011
	0.151
	4.72
	5.33
	2
	7

	
	Govt Service & Public Adm
	16
	5.25
	0.775
	0.194
	4.84
	5.66
	3
	6

	
	Education
	39
	4.23
	1.63
	0.261
	3.7
	4.76
	1
	7

	
	Healthcare & Welfare
	44
	5.2
	1.133
	0.171
	4.86
	5.55
	2
	7

	
	Others
	41
	4.44
	1.343
	0.21
	4.02
	4.86
	1
	7

	
	Total
	389
	4.97
	1.162
	0.059
	4.85
	5.08
	1
	7

	UIB5.   I expect to continue using AI in the future.
	Industrial
	26
	5.15
	1.434
	0.281
	4.57
	5.73
	1
	7

	
	Construction
	21
	5
	1.095
	0.239
	4.5
	5.5
	2
	7

	
	Retail
	45
	5.47
	1.057
	0.158
	5.15
	5.78
	2
	7

	
	Transport & storage
	36
	5.5
	0.697
	0.116
	5.26
	5.74
	4
	7

	
	Financial
	76
	5.68
	0.996
	0.114
	5.46
	5.91
	2
	7

	
	Business
	45
	5.44
	0.918
	0.137
	5.17
	5.72
	2
	7

	
	Govt Service & Public Adm
	16
	5.63
	0.719
	0.18
	5.24
	6.01
	4
	7

	
	Education
	39
	4.41
	1.446
	0.232
	3.94
	4.88
	1
	7

	
	Healthcare & Welfare
	44
	5.48
	1.21
	0.182
	5.11
	5.85
	2
	7

	
	Others
	41
	4.76
	1.3
	0.203
	4.35
	5.17
	1
	7

	
	Total
	389
	5.29
	1.173
	0.059
	5.17
	5.41
	1
	7

	UIB6.   I will always try to use AI in my workplace.
	Industrial
	26
	5.42
	1.554
	0.305
	4.8
	6.05
	1
	7

	
	Construction
	21
	5.1
	1.338
	0.292
	4.49
	5.7
	2
	7

	
	Retail
	45
	5.62
	0.96
	0.143
	5.33
	5.91
	2
	7

	
	Transport & storage
	36
	5.75
	0.967
	0.161
	5.42
	6.08
	2
	7

	
	Financial
	76
	5.62
	1.243
	0.143
	5.33
	5.9
	1
	7

	
	Business
	45
	5.38
	1.029
	0.153
	5.07
	5.69
	2
	7

	
	Govt Service & Public Adm
	16
	5.69
	0.704
	0.176
	5.31
	6.06
	4
	7

	
	Education
	39
	4.21
	1.641
	0.263
	3.67
	4.74
	1
	7

	
	Healthcare & Welfare
	44
	5.5
	1.338
	0.202
	5.09
	5.91
	1
	7

	
	Others
	41
	4.78
	1.314
	0.205
	4.37
	5.2
	1
	7

	
	Total
	389
	5.32
	1.315
	0.067
	5.19
	5.45
	1
	7
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Ensure transparency and engagement

@ Prepare employees to better adapt to and leverage Al technologies, organizations
should provide relevant education and training opportunities. This can include training
employees on how to use Al tools and platforms, as well as how to interpret and apply
the data and results generated by AL Through education and training, employees can
increase their understanding and confidence in Al and better leverage its benefits
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@ If Al systems can consistently deliver accurate and reliable results, employees are
more likely to trust and rely on them. Conversely, if an Al system produces unreliable or
inconsistent results, this can undermine trust and arouse suspicion among employees. On
the other hand, employees need to understand how artificial intelligence algorithms work,
the decision-making process and the data used. When the inner workings of an AI system
are transparent, employees can better understand the process and results, thereby
increasing trust(Yu & Li, 2022). Trust can be built by positioning Al as a tool that
augments human capabilities rather than replacing them. Trust in the technology and its
benefits can be built when employees view Al as a partner, assisting them in completing
tasks and increasing productivity(Siau & Wang, 2018).
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@ Artificial intelligence has different impacts on employees in different career fields.
Through questionnaires and focus groups, we learned that, for example, in the
education industry, there will be a lack of emotion, social interaction, and
communication between people. In these fields, employees may need to avoid
overreliance on artificial intelligence and ignore students” critical thinking and
development of solving skills. Meanwhile, in other areas, such as art, design and
creative industries, Al may be used to provide creative and assistive tools that impact
the way employees work.
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@ The survey may be limited to employees in specific organizations, industries or
regions, so the generalizability and representativeness of the results may be limited.
The impact of Al on employees may differ across industries, organization sizes,
regions or cultural backgrounds.

@ The results of the questionnaire are based on the self-report of the participants, and
there is a risk of self-report bias. This may lead to subjective cognitive or memory
errors on the part of the respondent, thereby affecting the accuracy of the results.

@ There is a lack of objective indicators: Questionnaire surveys may lack objective
indicators or objective data to provide more quantitative results. This can make it
difficult to assess the specific impact of Al on employees.

@ Survey results may only reflect a specific point in time and fail to capture impacts
over time. Artificial intelligence technology and applications are constantly evolving.
and results may not reflect future changes and trends.

@ Survey results may only reflect a specific point in time and fail to capture impacts
over time. Artificial intelligence technology and applications are constantly evolving.
and results may not reflect future changes and trends.
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@ Expand the sample: Research can expand the scope of the survey sample to include
employees from different industries, organizational sizes, regions, and cultural
backgrounds. This helps provide a more comprehensive understanding of the impact of
Al on different groups of employees and improves the representativeness of the results.

@ Use nultiple research methods: In addition to questionnaires, other methods can be
used to supplement the research results. For example, in-depth interviews, case
studies, or observational studies can be conducted to gain richer data and insights.

@ Consider objective metrics and data: Introducing objective metrics and data into
research will help quantify the impact of A on employees. Relevant job performance
indicators, employee satisfaction surveys, or organizational data can be collected to
obtain more objective resuls.

@ Long-term follow-up studies: Conduct long-term follow-up studies to capture
changes in the impact of Al on employees over time. This can provide a more complete
picture and reveal how employee experiences and outcomes evolve as Al technology
and applications develop.

@ Consider cause and effect: Further research could use experimental designs or long-|
term follow-up studies to assess the causal impact of Al on employees. This may
require controlling variables, introducing control groups, random assignment, and
tracking results to determine the direct impact of Al on employee outcomes.
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Reliability and transparency: If Al systems can

1 Trust |consistently deliver accurate and reliable results, employees Highest (0.761)

Jare more Hkely to trust and rely on them

[Establish A Relationship: Impact employee expectations

for technical capabiliies, have 2n impact on performance

levaluation and recognition and provide learning and

|development opporturities.

[Humanized interface design: Employees will find it easier|

3 Perceived Ease of Use  [to pick up and use AT tools if the interface design is inuitive, High (0.669)

clear, and easy to navigate.

[Ensure transparency and engagement: To prepare

lemployees to better adapt to and leverage AT technalogies,

lorganizations should provide relevant education and training
-

[Establish A Relationship: Companies can ensure that

lemployees can remain good colleagues in the Al era by

[promoting teamwork and knowledge sharing, providing

|iraning and development opportunities

[Regular reviews and opinion surveys are required:

[Employees can share their views and concerns.

High (0.691)

4 Perceived Usefiiness Mediom (0.648)

Medium (0.618)

Low (0.589)

Education: Employees must be educated on the importance|

7 Perceived Benefits lof PB 2nd how they can benefit from using AT

Low (0.564)

[Encourage awareness of risks: Employees should be
3 Perceived Threat lencouraged to proactively recognize the risks associated. Lowest (-0.366)
[with artificial inteligence.

|Study the relationship between intention and actual
luse: This can be achieved by observing employees” actual
luse of AT tools, monitoring relevant data, or conducting long-
[term follow-up studies.

Tntent to use

High (0.746)

** p < 0.01correlation test
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NOTES
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Provisions for Bars on Access to Higher Degree Dissertations

“The University expects that research work acoepted for a higher degree shall bo
openly available, and subject to no security classification of restricton of access.
(Pleass note, however, that the Universty requires the reader of a dissertation
10 sign a declaration that in any statement or writen work being prepared on the
subject (or cognate subject) of the dissertation, due acknowiedgement to the
author will be made for any helpful information obtained from the dissertation.)

Nevertheless, in cases where thers is an overriding need for a restriction of
copying or access (for example where sponsored research has resulted in a
dissertation which contains commercially-sensitive information) the University
may place a bar on photocopying of and/or access to a dissertation for a
specified period (normally three years in the first instance). It is the
responsibilty of your supervisor to make an appication to the University for a
bar to be saught as soon as is reasonably practicable, ideally at the outset of
your candidature.

Please note that, in the event that a bar on photocopying andior access is
granted by the University, the signed statement to be included with each copy of
the dissertation submitted should indicate that the dissertation may be made
openly available after the expiry of the bar on access.

Normally, the title and summary of the dissertation will be made available.
‘Taught Master's Dissertation Archive

‘The University will kesp a record of al issertations successfully submitted for
Part Il of a taught Master's Degree. The record wilinclude the student code,
student name, the dissertation tte and the mark awarded. The record wil also

include the title of the degree awarded and the year in which the award was
conferred

“The University il keep one copy of each dissertation successfully submitted
for Part Il of a Taught Master's Degree. Folowing the successful outcome of
the refevant
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Progression/Award Examining Board, a printed copy of the dissertation will be
sent to Library and Leamning Resourcss for cataloguing and storage wihin the
Library.

Dissetations will subsequently be avalabie for reference use only.

An electronic copy of any dissertation deposited in the National Library of
Wales will also be deposited in the University's digital repository.

3 National Library of Wales

In the event of the dissertation meeting the criteria for being deposited i the
National Library of Wales, the candidate will be required to provide an
additional copy in permanent, hardback binding.

Dissertations are only deposited in the National Library of Wales if:

(3 deemed by the examiners to be of Distinction standard
o

(6)  ifthey are n the fields of Catic Studies, Welsh or Weish History;
o

(©  ifthey donot meet sither of the above criteria, but are considered by the
examiners 1o be of particular relevance to Wales




image97.png
o«
N
=}
Q
P~

TASK




image98.png
Appendix B: Focus Group
The focus group with 4 respondents that age 15 or above and back-office working
experience in Hong Kong. The focus group aims to discuss The Impact of Artificial
Intelligence on Employeesand details are as below.

Focus Group Discussion

Date:28/07/2023

‘Venue: Restaurant

‘Time: One hour from 9:30 p.m.to 10:45 p.m.

Question

1. Why the push for artificial intelligence?

2. Howartificial intelligence will affect employees?

3. Whatare the advantages and disadvantages of artificial intelligence in terms of
employee performance?

4. Whoisin charge?

5. When will it be implemented?

6. Wherei

it carried out?
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Name | Age

Gender|

Oceupation

Question

Signature

Martin Sun|35-44

Male

Senior

Accountant

1. Al can save man power, pass some repefitive |
work to AL and can reduce human errors. People

have rest time; AI can work contimuously 24 hours a |
day. |

2. Although some jobs will be replaced by AL there |
are still many jobs where AI cannot replace humans.
AT can only serve as an auxiliary role, helping

employees check output and reduce human errors.

3. Advantages: Al calculation is fast, saves
manpower, is highly efficient, and can be very broad
in scope.

Disadvantages: Al uses big data to collect
information and then feeds it back to users, but big.
data is not necessarily 100% accurate. When Al is
lused frequently, the relationship between people will
Ibecome alienated.

/4. All directors should be accountable and all
employees need to be included.

5. Depends user is ready or not. You need to
calculate the benefit and value first, how deep you
need to use AL and then proceed step by step.

6. Depending on when people want to use AL they
can connect it anywhere, at any time, and use it

'when needed.
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Name | Age [Gender

Occupation

Question

Signature|

INathan Tso[35-44| Male

Senior
Commercial

Manager

1. Al system s efficient and can solve human

lerrors, save time and solve difficult problems.

2. Al may replace human work. Al will improve
work efficiency, and low-tech work load and paper|
‘work will be replaced. Ultimately, manpower will
Ibe reduced, cost will be saved, and some
lemployees will be unemployed. Therefore,

lemployees need to increase their value.

their work faster. On the other hand, it can also
integrate data to facilitate managers to make better
\decisions. Use Al o set the platform, and let the
lhuman brain do the thinking and application,
saving time and effort

[Disadvantages: The conclusions drawn by Al may
Inot necessarily be accurate and require people to
think, and Al may be difficult for some people to
lear and master.

/3. Advantages: Al can help employees complete.

4. Ttis implemented step by step. The general
imanager s responsible for promoting it Then it s
Ipassed to the information technology department

o the director of the department. Finally, it passes

o ordinary employees

N

land the operation department to promote it first, In
the second step, the department manager passes i

5. Itis implemented in phases. Firs, discussions
ave held to design a model, Each deparument.
lmplements AT for testing, compares the output of
imanual work, and finally obains data for
evaluation before rolling it out o the entire

company.

/6. Alis available anytime and anywhere as you
[want, especially in the sales & marketing

\department.
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Name | Age [Gender| Occupation Question Signature|

1. AT can reduce human error, provide more
(comprehensive information, and do it faster and

Imore efficiently than humans.

/2. AT will not make mistakes, humans will make
imistakes, low-skilled manpower will be replaced
lby AL and companies will not need to hire too

lmany employees.

3. Advantages: Al can save companies money,
save human resources, and improve productivity.
Suleg|Piedvantages: Human beings willely on AL and
ales
(Terence Chan(3544| Male lsome aspects of the AT system can be faked, such
Manager | s
Jas images. Because they are so real, humansare | \
|very similar to whether they are real people or AT

lsynthesis.

4. Everyone who uses it is responsible.

5. Anyone can use it anytime they wat, there
Ishould be no restrictions.

6. Any time, any place, depending on the user.
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Name | Age |Gender

Occupation

Question

Signature|

{Turbo Yu|35-44

i
|
|
|
|
|

Male

Senior
Accounting

Supervisor

1. Al can help humans find useful information in

|big data more effectively, improve efficiency, and

|save time.

2. Al can give employees more rest time, increase
productiviy, and save time and effor. Low-skilled |

lcmployees will be replaced.

3. Advantages: Al can save time and reduce human
resources, and Al can bring unexpected effects to
employees.

Disadvantages: Al may give wrong answers and
lack creativity. On the other hand, the risks of AT
must be controlled to prevent Al from
lover-growing and out of control through
self-learning.

4. From top to bottom, grassroots employees do not|
Ineed to be responsible, so the general manager has |

lto push it down.

|5. Depend on the industry, a rial approach should
Ibe used and AI should not be used to make final

decisions, but it can be used as a reference first.

(6. Al is available anytime and anywhere as you

want.
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Appendix C: Foeus Group

The focus group with 4 respondents that age 15 or above and frontline working
experience in Hong Kong. The focus group aims to discuss The Impact of Artificial
Intelligence on Employees and details are as below:

Foeus Group Discussion

Date: 10/10/2023

Venue: Researcher's home

‘Time: One hour from 8:30 p.m. to 9:30 p.n.

Question

1. Why the push for artificial intelligence?

2. How artificial intelligence will affect employees?

3. What are the advantages and disadvantages of artificial intelligence in terms of
employee performance?

4. Who is in charge?
5. When will it be implemented?

6. Where is it carried out?




image5.png
List of Abbreviations

Artificial Intelligence AL
Agence France-Presse AFP
Chicf Executive Officer CEO
Enjoyment E
International Business Machines Corporation IBM
Intent to use TBI
Perceived Benefits PB
Perceived Ease of Use EOU
Performance Expectancy PE
Peer Influence PI
Perceived Threat PT
Perceived Usefulness PU
Trust TI
Usage Behavior UB
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Name

Age

(Gender]

Occupation

Question

|Signature

Miss Tsol

13544 Female,

International
School
Elementary
Teacher

1. Alteaching can save teachers from preparing
lessons and designing classroom actvites. For
Istudens, it is more interactive and interesting,
thereby increasing students'nterest in learing.
[Finaly, it can save effot, save money, improve:
[productivity, and make work more efficient.

2. Students' demand for human educators will be
Ireduced, and it will also promote teachers' learning
|and application of Al education skills.

5. Advantags: It can enhance teaching, make
learing more interesting, and increase:
[participation and enthusiosm. It can aso help use
data 10 help analysis and evaluation. Improve
eaching skills and srategics

IDisadvantages: There will be a lack of emtion,
social iteraction, and communication between
Ipeople. Over-reliance on Al may cause people to
o thir critcalthinking and problem-salving
abliies, and may also leak privacy.

4. Management, Information Technology
Department.

pDopermen
5. Establish an Al education team, arrange staff.

fraining i batches, and then implement it in
(iffrent lasses in sages, and compare it with
Jnon-Al teaching clases to collectdata for faure
(decision-making.

6. Used for assessmen, classroom management,
data analysis, administrative affars and parent

communicaion.
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Name | Age [Gender

Oceupation

Question

Signature

Mr Zhao|35-44) Male

Trading(External
procurement and
inspection)

1. Develop procurement srategies, provide.
the best logistis solutions, and predict
imarket trends

2. Improve efficiency, diversify thinking

5. Advantages: Improve effciency and
speed.

Disadvantages: Dependence on AL lack of
et

4 It can be done in the technical departmen,
Ipurchasing department, finance department
Jand logistcs department firs..

5.t should be done incrementally. At the
Jsame time, risks and impacts need to be
Jssessed,laws and regulatons should be
formulated, and human physiological and
syehological guidance should be taken into
Jaccount. Ifnecessary, allsectrs of society
should be clarified for Al technology.

6. Provide suggestions before purchasing,
Iprovide mare complte information on
products and more comprehensive
information on technical support, save time.
jand effort.
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MName [Age |Gender|Occupation|Question

[Signature]

1. Al can help reduce a ot of masual ofort and tme
fom humans. All the mundane tasks can bave 3
Jcompletdoutput quickly.  Constracton werk s
(dangerous and physically taxiog. 1 Al and robors can]
{oomplete said tasks for humans, then a ot of riks 2ad
loosts associated with consrction can be minimized
|The ultimate goal is o save costs and time.

f2 A1 will changs evrythin. It will make paaring ad|
lopeating & consruction task much casier and fiste
[Less people will be requird to do  job. e wil savel
costs and time fo the compacs. The physicaly taxing
Joture of construction work may also be a thing of the
{patif AT and robotcscan gt hat advanced.

| 5. Advantages: AL will make job & ot casir nd faster
on sie construction work will aso be » lot safr aad
Jeasice it cam e done by robot.

Engineer [Dissdvaniages: Al can replace me aliogether in the
industry by rendering my ils redundant.If we get oo
dependent on AL, then those that own or ontrl the AL
Jan use i againstus.

IMr Kwoki25-34{Male

e ——
YT —p———
(Caution should be taken when using AL they can make|
e o, s i can b
| ffor bumans. Asother problem is the use of Al will
[ et

lodee techmologies are ofien most wnderstood and|
Iwielded by the already leading members of a sociery.
S0 measures should be taken to ensure & minimum)
{standard hat the masses and the disadvantaged do not
00 fr behina.

6. Al axranged delivery and logisics operations. |
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[Neme] Age Gendeorpaion] Quton

1. Al can be used to automate routie tasks, such as data
Jotry and customer service, llowing frontine workers o
{focus on more compiex and creative work. This helps.
lncrease productivity, reduce errors and cost saving.

| 12 &S AT becomes more commonplace, new job oles may)
| Jamerge that requie skils wsing AT sysems. Erontline
safTs ay noed 0 develop now kil or adapt cxisting
skills 0 use AL technology effectvely.

5. Advantages: Al can improve the effcency of business

oty matin sy peions save e
it e s of i ety s
A ———
R ———
(S ———
x| Compmis o Ay e
el s et | ot e gy S o
I ————————
ISCH R ———
A————————
¢ Iformtion Tectlop epaes,
e —————
mpanies should identify specific business problems ]
fthat can be solved using AI for improve efficiency or
frecuce costs. After the model is built and tested, it can be
|deployed into a production environment. This involves
|integrating the model into existing systems and processes. |
A———————————
imay involve tracking key metrics and adjusting as.

PR

{6 Through colsborve nteligence, ramans and AT
Jctvel enance each other’s complemeatary srengtts.
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Dissertation Questionnaire.
TITLE.

Hi, Tam a student who studying in Master of Business Administration, MBA in University of Wales Trinity Saint David. I am now conducting a dissertation research on the impact of artificial intelligence on the company's employees.
‘This questionnaire will have 2 sections and only take you 5-10 minutes. Section 1 please circles the correct number and section 2 please put a tick into the correct answer box. This questionnaire must be at least 18 years old or above

and have work experience, and it must be filled out anonymously. All the information collected will be kept confidential and for academic purpose only. Your opinion will be very useful to us. Thank you so much for your cooperation.

Section 1: 1 means "strongly disagree" and 7 means "strongly agree". Using the scale below, please complete the answers to each of the questions below. (Choose only one number per sentence and circle the correct answer).
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To find sample size

N(z/e)"2
N-1+(z/€)*2pq
3,650,000 38416 04750  0.5250
0.0025
3,650,382
0.9999 x 3

at least sample size

N [[131650,0001] Tareet population

z 1.96 Confidence level 95%

e 5.0% Tolerance level

» 0.48 Successful rate from Pilot test (UIBG)=19/40

q 0,53 Failure

UIBG. | will always try to use Al in my workplace.
Valid | Cumulative
Frequency | Percent | Percent | Percent

Valid  Strongly 2] 5.0 5.0 50
Gisagree 2 50) 50) 0.0
Slightly disagree 3| 75 75 175
Neutral om0 525
Slightly agree 9| 225 225 75.0
Agree 5| r2s|  w2s ES
Strongly agree s| 25| 125|100

Total 40| 1000|1000
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Bar Chart
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UIB6. | will alwavs trv to use Al in mv workplace.

5 Vocational area

industrial
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W Transport & storage
WFinancial
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UIB6. 1 will always try to use Al in my workplace.
* 5 Vocational area Crosstabulation

5 Vocational area
Senice &
Construct Transport Pudlic Healhcare &
Industial _ on _ Refal &storage Financial Business Adm _Education Weftare Others Total
UB6._Twil Strongly _ Court T T T o 7 g T 3 7 7 7
alwaystry  disagree.
touse Alin
my
%wihin5  380%  000%  000%  000%  130%  000%  0.00% 770%  230% 240%  180%
Vocational
area
Disagree_Count i i i i 3 B 0 @ 2 1 6
%wihins  380%  480%  220%  280%  390%  440%  000%  1030%  450% 240%  410%
Vocational
area
Sighty  Count B B i 0 i 0 0 5 1 @ 6
OS30CS o yiins  770%  950%  220%  000%  130%  000%  000%  1280%  230% o80%  410%
Vocational
area
Neutral  Count 1 3 1 2 5 3 1 7 2 o £
%wihin5  380% 1430%  220%  660%  790%  670%  630%  17.80%  450% 2200%  900%
Vocational
area
Sighty  Count B 5 B B B 7 B 3 8 W £l
S0 Gwihins  770% 2380% 2800% 1670% 1180% 3780% 2500%  3330%  1820% 3410%  2340%
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Equation

regression

The coefficients of the regression equation show the values of the dependent variable TBI4 based
on the independent variables; TT1 trustworthy). PE1 (useful), EOU1(skilled). PI3(report to be
used), E3(excellent), PU1(effectiveness) and PT1(fear). Following is  formulation of the

[The coefficients of the regression equation show the values of the dependent variable UIB3 based on the
jindependent variables: TBI2(thoughts to use), TBI3(Trust), TBIS (believe), TI4(relabilty and
[performance). Following s a formulation of the regression

- 0.070 PT1

[TB14 = 0.422 T11 = 0.140 PE1 = 0.181 EOUL = 0.131 PI3 + 0.125 E3 = 0.151 PE3 - 0.119 PUL

[UIBS = 0.517+0.492 TBI2 = 0.173 TBI3 + 0.142 TBIS + 0.131 TH

Tnterpretation

[ The main purpose of VIF is to help determine whether there is multicollinearity in the mulfiple
regression model. Model 7 shows that all VIF values are greater than 1 and less than 5, which
[means there is a reasonable correlation between the independent variables

[The main purpose of VIF is to help determine whether there is multicollnearity in the muliple regression
Imodel. Model 4 showws that all VIF values are greater than 1 and less than 5, which means there is 2
|correlation between the independent variables.

s P

B TIT = 0.422; p PE1 = 0.140; f EOUI =

18T; f PI3 = 0.131; p E3 = 0.125; p PE3 = 0.151.
-0.119 and p PT1 - 0.070. If postive p values mean positive relationship between TI1
and TBI4: PE11 and TBI4; EOU1 and TBI4: P13 and TBI4; E3 and TBI4; PE3 and TBI4
respectively. As a resuit, TI1 is the strongest postive relationship. If negative b values mean
|negative relationship between PUI1 and TBI4; PT1 and TBI4.

B TBI2 = 0.492; f TBI3 = 0.173; p TBIS = 0.142; p TI4 = 0.131 that mean positive relationship between
I TBI2 and UIBS: TBI3 and UIBS: TBIS and UIBS; TI4 and UIBS respectively. As a result, PBI2 i the
strongest postive relationship
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[Education <Retail 1207
Hice |Education < Transport & storage 1190 Support
[Education < Financial 1336
[Education < Business 1029
[Education < Heathcare & Welfare 1263
[+ p <0 0lcomelation test

* p <0.05 One Way ANOVA Test and Independent t-Test.
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@ Reducing arduous tasks, increasing work efficiency, and providing innovative tools
and resources can bring positive enjoyment to employees. Organizations can create an
open and transparent communication channel by holding workshops, discussions or
feedback sessions where employees can share their views and concerns. However, the
impact of artificial intelligence on employees' enjoyment of work may also have some
challenges. For example, new tools and resources can create learning pressures and
challenges for employees who are unfamiliar with new technologies or whose skills are
ot up to par. In addition, over-reliance on Al technology may weaken employees’
autonomy and creativity(Howard, 2019), making their work feel monotonous and
unchallenging.





