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2.1

University students are a population experiencing serious academic, social, and lifestyle shifts that affect health behaviors and general well-being (Tüfekçi and Bulut, 2024). The university phase is recognized as crucial in the development of enduring habits involving physical exercise, diet, and independence (Fan, 2020). However, data shows that numerous students find it challenging to maintain health-promoting behaviours among the realities of university life (Tüfekçi and Bulut, 2024). Student health has come to be seen as a complex concept that includes physical, mental, and behavioural aspects, rather than just isolated outcomes (Fan, 2020). Changes in routine, more independence, and stress from the environment can make it harder for students to take care of their health (Régnier and Chauvel, 2018). Nutrition, physical exercise, and mental well-being are all interconnected and require a holistic approach for assessing student health experiences (Meng et al., 2025). Even though people are starting to see how these things are connected, many current health support systems still treat mental and physical health separately, which makes them less useful for students (Power and Hanna, 2020). Digital health technologies are growing as a method for providing accessible and affordable health support among student populations (Haenlein and Kaplan, 2019). Researchers haveinvestigatedo using AI to make health advice more personal, keep an eye on people's behaviour, and change support to fit each person's situation (Masagca, 2025). Concerns continue regarding the transparency, adaptability, and equality of digital health systems used in practical healthcare environments (Obermeyer et al., 2019). This analysis student lifestyle limitations, health behaviours, nutrition, and adaptive digital health technologies to pinpoint deficiencies and guide the development of student health platforms (Haenlein and Kaplan, 2019).






2.2
University students go through a wide range of lifestyle constraints that significantly influence their engagement and focus on health-promoting behaviours, particularly physical activity (Tüfekçi and Bulut, 2024). Although physical activity is widely recognized as essential for having good physical and psychological wellbeing, participation levels in university students remain consistently low (Howley, 2001; Savcı et al., 2006). This suggests that students encounter multiple barriers that get in their way and disrupt their ability to maintain healthy routines and lifestyles.
Time constraints are one of the most frequently reported barriers, as academic workload, assessment deadlines, and lectures/classes significantly reduce available leisure time (Jackson, 2000). University life is regarded as a critical period for establishing long-term health behaviours; however, irregular schedules and competing academic demands often result in physical activity being pushed aside and ignored (Molina-García et al., 2009). Due to this, students may struggle to integrate regular exercise into their daily routines.
Financial limitations further contribute to unhealthy lifestyle patterns, particularly in relation to accessing fitness facilities and nutritious food options (Tüfekçi and Bulut, 2024). Research shows that restricted income negatively impacts the ability of students to participate in regular physical activity, as shown by the income part of leisure-time physical activity constraints. (Öcal, 2012). These challenges are especially relevant for students reliant on walking or public transport, which can restrict access to appropriate or affordable exercise environments (Tüfekçi and Bulut, 2024).
Living arrangements and surroundings also play a key role in the outcome of student health behaviours, with shared accommodation being a factor of increased time and facility-related constraints (Tüfekçi and Bulut, 2024). Limited access to appropriate places and exercise facilities has led to a decrease in participation in leisure-time physical activity. (Öcal, 2014). As well as this, social influences act as significant obstacles, as cultural attitudes and expectations from society might discourage the embrace of healthy behaviours. (Koca et al., 2009).
Motivational and psychological problems, such as lack of drive and low confidence, significantly restrict students from taking part in physical activity. (Kulavic et al., 2013). Students who don't exercise regularly say they have more motivational problems, that interact with outside factors to keep them from being active. (Tüfekçi and Bulut, 2024). There are also major differences based on gender, with female students saying they see more challenges linked to social, financial, and motivational problems. (Azevedo et al., 2007; İnal and Salar, 2020).
These lifestyle restrictions have been reported to negatively affect overall healthy living behaviors, which include diet, stress management, and general wellness. (Bahar et al., 2008; Tüfekçi and Bulut, 2024). Consequently, these limitations do not just affect physical activity but also have greater repercussions for students' physical and mental well-being, which will be examined in the next section.

2.3 (A
Physical health is a key part of student well-being, yet research shows that a lot of university pupils lose fitness as they go through university. (Zhang, 2016).
 Insufficient physical exercise has been acknowledged as an important factor leading to decreased health outcomes for students in colleges and universities. (Yang, 2015).  Regular exercise is very important for young adults to keep their cardiovascular systems healthy, their muscles strong, and their bodies working well in general. (Duan, 2015).
The transition to university life brings more freedom and independence, which can be detrimental for students' health if they lack understanding of how to manage their lifestyles (Zhang, 2016).
Reduced engagement in organized physical education and structured sporting events has been correlated to lower physical activity levels among pupils (Duan, 2015). As academic pressures mount, students often prioritize academic performance over physical activity, leading to more sedentary lives (Kang, 2014). Environmental and academic factors significantly impact student physical health, especially restricted access to sports facilities and leisure areas in university environments (Yang, 2015). Insufficient sports facilities have been proven to limit opportunities for regular physical activity and exercise engagement (Zhang, 2016). These constraints decrease the ability of students to create ongoing fitness routines during their academic time there (Yang, 2015). Lifestyle behaviours, such as extended screen time and lack of daily physical activity, substantially contribute to student inactivity (Yu, 2014).  Yu (2014) says that college students who spend too much time on online activities are less physically fit and less mindful of their health. Students may not have the motivation to keep up with their regular exercise routines if they don't get enough guidance and encouragement (Kang, 2014). The research suggests that student physical health is affected by a varied combination of behavioural decisions, academic challenges, and environmental limitations (Zhang, 2016). These results illustrate the significance of structured and supportive efforts to promote health in universities to enhance physical health outcomes (Duan, 2015).
2.3 (B
Mental health issues are very common among students in higher education. Research shows that this category of individuals has more psychological discomfort than the overall population (Stallman, 2010). Young individuals aged 15 to 24 are especially vulnerable to mood and anxiety problems when pursuing higher education (Statistics Canada, 2013). Stress, anxiety, and sleep disturbances have repeatedly emerged as the most common mental health issues reported by university students (Ualberta, 2011). Mental health issues have been demonstrated to negatively impact academic performance, motivation, and overall educational achievements (Richardson et al., 2012). Depression among university students relates to lowered academic performance and heightened health issues (Hysenbegasi et al., 2005). Chronic stress has been associated with extensive physical health issues, enhancing its effects on student well-being (Doom and Haeffel, 2013). Even though mental health problems are very common, a lot of students don't get professional help for them (Eisenberg et al., 2007). The stigma continues to be a major obstacle to receiving help since youngsters are often afraid of being judged or looked down upon by their peers and teachers (Gulliver et al., 2010). Internalized stigma has been demonstrated to decrease the willingness to pursue mental health assistance, especially among those suffering from anxiety and depression (Barney et al., 2006). Structural barriers also restrict access to mental health care, such as extended waiting periods and not enough counselling resources in educational institutions (Thielking, 2017). Due to limited treatment options, many students have been unable to receive immediate and suitable mental health care (Barua, 2015). Students are also less likely to use standard mental health services because they don't have enough time and have other academic responsibilities are prioritized instead (Yorgason et al., 2008). Research indicates that student mental health is influenced by a varied combination of psychological, social, and institutional elements (Kitzrow, 2003). 
These results point out the importance for accessible and adaptable mental health support systems that correspond with student lifestyles and minimize barriers to engagement (Crisp and Griffiths, 2014).




2.4 
A proper diet is an important indicator of physical and mental well-being; nevertheless, evidence indicates a lot of young individuals lack basic nutritional information that can promote healthy dietary behaviours (Meng et al., 2025). A lack of knowledge about basics of nutrition has been proven to make pupils make bad food choices, which leads to unhealthy eating habits (Meng et al., 2025). Students who have limited or poor nutritional understanding often discover it challenging to convert health objectives into effective eating habits, reducing their ability to achieve physical well-being or fitness-related results (Meng et al., 2025). 
Studies show that not knowing enough about nutrition might lead to not eating enough fruits and vegetables which play a huge role in gaining nutrients, drinking too many sugary drinks, and relying on quick and easy convenience meals (Meng et al., 2025). These kinds of eating habits can make students less energetic, unable to focus, and less likely to perform physically, which can make it harder for them to reach their fitness or physique goals (Meng et al., 2025). Students who don't know how to cook well have an even harder time picking healthy foods since they don't trust themselves to do so (Meng et al., 2025).
Perceived barriers, including decreased self-confidence and lack of abilities, have been recognized as major hindrances to the implementation of better eating behaviors (Olasoji et al., 2025). People are less likely to stick to healthy eating habits when they don't believe they can grow, cook, or choose healthy meals (Olasoji et al., 2025). This decrease in self-confidence may lead to frustration, poor dietary compliance, and the inability to achieve nutrition-related goals (Olasoji et al., 2025). The lack of changes in diet corresponding to health-related diagnoses points out problems in nutritional awareness and behavioral changes (Dubure et al., 2025). Even when people know about health hazards, not enough nutrition education may stop them from making real changes to their eating habits (Dubure et al., 2025). This indicates that basic awareness is not enough without effective, tailored guidance to help with nutritional decision-making (Dubure et al., 2025).
Environmental and contextual factors significantly influence students' nutritional behaviors, especially when they are in different food environments or new social settings (Davis et al., 2025). 
Students may find it hard to change how they eat when they can't get enough food, don't know what ingredients are, or don't have enough time. This can make their health and well-being goals even harder to reach (Davis et al., 2025). The literature collectively demonstrates that problems in nutritional knowledge, confidence, and environmental support lead to students experiencing health issues and difficulties in accomplishing desired health outcomes (Meng et al., 2025).


2.5 
Artificial intelligence (AI) has been more frequently examined as an approach to enhance mental wellbeing by providing access to information, advice, and early psychological support (Aditama et al., 2023). AI-based systems have been suggested as a preliminary form of mental health support, especially for people who are encountering obstacles to conventional mental health care (Aminah et al., 2023). Digital AI tools can offer helpful mental health information and self-help options, potentially decreasing location and cost obstacles (Folastri et al., 2023). Even with these benefits, mental wellness treatment includes complicated emotional, cognitive, and social factors that need to be carefully understood and handled with care (Borg and Kristiansen, 2004). Mental health experts are educated to respond with empathy to individual traits, such as cultural background, personal values, and life experiences, which is something that AI systems currently do not possess (Constantine, 2001). The therapeutic relationship, established via trust, empathy, and interpersonal engagement, is recognized as an essential element of effective mental health therapy (Horvath, 2000). AI systems have limitations in terms of their ability to form therapeutic partnerships, as they lack the capability for genuine emotional understanding or relationship deepness (Knox et al., 2001). thorough assessment and diagnosis in mental health require sophisticated medical judgment that AI has not yet achieved (Gehart, 2016). Nonetheless, AI has shown promise in aiding the early detection of mental health issues and developing self-management techniques (Danieli et al., 2022). AI-based applications have shown effectiveness in helping individuals to manage stress and anxiety using structured workouts and psychological education material (Danieli et al., 2022). The existing research indicates that AI is most useful as a supplementary tool that improves accessibility and early therapy, rather than replacing traditional human-led mental health care (Rahayu et al., 2023).
Artificial intelligence is being utilized more in physical health areas to help with exercise guidance, monitoring, and training efficiency (Masagca, 2025). AI-generated workout programs create structured training schedules based on what the user says, making it easier for people who don't have much training experience to get help (Tran et al., 2018).
These kinds of systems often use machine learning methods like neural networks and evolutionary programming to make training suggestions more personalized (Fister, 2017).Studies have shown that AI-created training programs can help untrained undergraduates improve several aspects of their physical fitness, including as flexibility and muscular endurance (Masagca, 2025). AI-generated workout recommendations have shown the ability to produce highly customized training programs that improve physical fitness outcomes when implemented regularly (Wang and Park, 2021). AI systems can also give feedback on movement patterns in real time or after a particular event, which helps people use the right technique and lowers the chance of injury or harm (Novatchkov and Baca, 2013).
Research suggests that AI-generated training programs may be less successful than those created by people for enhancing specific fitness components, such as cardiovascular endurance (Masagca, 2025). Training specificity is a major problem with AI-generated programs, especially when sessions don't help the body grow in the manner in which they want it to (Coffey and Hawley, 2017). Consequently, AI-driven fitness solutions are predominantly considered as additions rather than replacements in physical health promotion (Cheng et al., 2023). Research indicates that artificial intelligence can improve accessibility and consistency in physical health therapies; nevertheless, optimal results require integration with professional monitoring and evidence-based training approaches (Zaleski et al., 2024).

2.6 
Adaptive health tracking is the continuous evaluation and modification of health behaviors by digital self-tracking systems that change according to individual data over time (Régnier et Chauvel, 2018). Self-tracking programs allow users to assess, document, and measure behaviors, including dietary habits and physical activity, hence allowing the identification of patterns and trends (Régnier and Chauvel, 2018). Graphs and numbers that show health data have been proven to make people more aware of and involved in their own health behaviors (Pharabod et al., 2013). Adaptive feedback systems help with changes in behavior through the transformation of personal data into significant insights that inform decision-making and self-regulation (Peng et al., 2016). People use adaptive tracking systems differently depending on their social, economic, and cultural backgrounds, which affects how well they understand and respond on feedback (Régnier and Chauvel, 2018). 
Evidence suggests that adaptive monitoring is most effective when users actively interact with data rather than only documenting occasionally (Régnier and Chauvel, 2018). 
So, to help people improve their health behaviors in a way that lasts, adaptive health tracking systems need to consider each person's situation and level of engagement (Loiselle and Ahmed, 2017). Mental health feedback systems build on adaptive health tracking to give students personalized and responsive support that changes over time based on their emotional and mental states (Power and Hanna, 2020). Students can talk about their worries like stress, loneliness, and uncertainty through wellbeing check-ins. This makes it easier to find out about mental health problems early on (Power and Hanna, 2020). Regular, student-focused feedback has been demonstrated to improve self-confidence by encouraging a sense of being heard, supported, and empowered to use relevant resources (Australian Red Cross and Australian Psychological Society, 2020). Structured psychosocial evaluation frameworks offer customized feedback that focuses on safety, emotional regulation, social connectivity, and coping abilities (Australian Association of Social Workers, 2015). Mental wellness feedback methods can be particularly useful at times of higher stress, such as health crises, when uncertainty and disturbances increase emotional vulnerability (Carbone and Jorm, 2020). Accessible and non-clinical feedback systems could reduce stigma and encourage students to pursue help sooner, rather than delaying until their distress grows more severe (Power and Hanna, 2020). These methods show how adaptive, responsive input can help keep mental health stable while also keeping an eye on physical health (Power and Hanna, 2020).


2.7
Even though artificial intelligence has come a long way, there are still big gaps between what it can accomplish technically and how effectively it works in complicated areas that are focused on people, like health and well-being (Haenlein and Kaplan, 2019). A lot of the AI research that has been done so far has been on restricted, task-specific systems. This has made it hard to make adaptive models that can recognize emotional, social, and contextual elements at the same time (Kaplan and Haenlein, 2019). A significant research need is to the confidentiality of numerous AI systems, as black-box models hinder transparency and user trust, especially in sensitive health-related contexts (Burrell, 2016). Bias inherent in training data presents a significant limitation since AI systems may mistakenly increase existing inequities when applied on a large scale (Angwin et al., 2016). The current research highlights the lack of legal and ethical frameworks governing the responsible application of AI in decision-support contexts, such as health monitoring and recommendation systems (Haenlein and Kaplan, 2019). There is an absence of research investigating the effective collaboration between humans and AI, as opposed to AI completely supplanting human judgment (Shrestha et al., 2019). Future research should prioritize the creation of understandable and transparent AI models that facilitate accountability and informed decision-making (Burrell, 2016). We need to focus more on hybrid systems that mix human knowledge with AI-driven insights to make them flexible and safer (Haenlein and Kaplan, 2019). It is important to fill these gaps so that AI may be used in a moral and useful way in personalized health and wellness systems (Kaplan and Haenlein, 2019).


2.8

Reviews have shown that university students have lifestyle constraints that are linked to each other and have a bad effect on their physical health, mental health, and eating habits (Tüfekçi and Bulut, 2024). Evidence suggests that disjointed health support systems regularly fail to properly reflect the combined and shifting nature of student health requirements (Fan, 2020). Students often have poor nutrition knowledge, don't exercise regularly, and are under a lot of stress, which makes it harder for them to feel well and reach their health goals (Meng et al., 2025). Digital health technologies present an opportunity to tackle these issues by delivering accessible and flexible assistance customized to specific circumstances (Haenlein and Kaplan, 2019). Artificial intelligence shows effectiveness in personalizing physical health advice, assisting behavior monitoring, and modifying suggestions over time (Masagca, 2025). Adaptive monitoring and wellbeing feedback mechanisms can similarly improve self-awareness, engagement, and early support for mental health (Régnier and Chauvel, 2018; Power and Hanna, 2020). This research directly tackles these restrictions by integrating physical exercise, nutrition, and mental well-being support into a single adaptive system (Haenlein and Kaplan, 2019).In general, the proposed platform could offer realistic, student-centered health support that fits with their lifestyles and encourages long-term gains in their health (Tüfekçi and Bulut, 2024).
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