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[bookmark: _Toc191425655]Chapter 1: Introduction
[bookmark: _Toc191425656]1.1 Introduction to the Topic
[bookmark: _GoBack]Artificial Intelligence (AI) is the simulation of human intelligence processes by machines, especially by computer systems (Jarrahi, 2018). Properties of such processes include learning, reasoning, and self-correction. In the field of business decision making, the role of AI is very important as it helps in data analysis, automated tasks, predictive analysis and strategic planning (Akerkar, 2019). AI can process enormous data sets to discover patterns and insight to help make decisions that make things more efficient and effective (Sadiku, Fagbohungbe and Musa, 2020). This allows human resources to spend their time on more complex and creative tasks. AI powered Predictive analytics forecast market trends, consumer behaviour, and proactively formulates strategy. Therefore, AI is the cornerstone of modern business strategies with informed and timely decisions made.
[bookmark: _Toc191425657]1.2 Significance of the Topic
Business is adopting AI at a rapid pace and that’s because it promises to improve the efficiency, accuracy and competitive advantage (Shrestha, Ben-Menahem and Von Krogh, 2019). These AI technologies simplify operations, minimise errors, and provide personalised customer experiences that help build customer loyalty and satisfaction. AI is used in finance to do risk assessment and fraud detection, marketing to support targeted campaigns based on consumer behaviour analysis, operations to optimise supply chain and inventory management, and management to support data-driven strategic planning (Duan, Edwards and Dwivedi, 2019). The pervasiveness of AI across these domains indicates the importance of AI in modern business practises.
[bookmark: _Toc191425658]1.3 Purpose of the Research
Background of the Study
For nearly three decades after its theorization, AI had gone from theoretical concept to practical tool that is part of the modern business operations. The integration of such AI technologies like machine learning, deep learning, and expert system has turned traditional business models into an automation and improved data processing (Stone et al., 2020). The acceleration of change in the market landscape is in tandem with reliance of businesses on AI powered tools to gain insights, cut operational cost and stay competitive.
Statement of the Problem
On one hand, AI brings in a lot of advantages, but on the other hand, businesses continue to remain sceptical of AI adoption due to data privacy issues, as well as concerns that AI models can be biassed, and that AI is not ethical to automate decision making. For this, it is necessary to know how AI affects a decision making process. This research work seeks to establish how AI plays a role in business decisions making, describe and examine the opportunities that the concept presents as well as challenges in the same line for a conclusive realisation of how AI affects the situation in modern day business.
[bookmark: _Toc191425659]Chapter 2: Literature Review
[bookmark: _Toc191425660]2.1 Definition and Characteristics of AI in Business
Artificial intelligence (AI) is, in other words, the development of computer systems and languages, using mechanisms of learning, reasoning, solving problems, and understanding human languages which are comparable to the intelligence of human beings (Trunk, Birkel and Hartmann, 2020). In the business context, AI has three core functionalities that are: predictive analytics, automation, and cognitive computing. AI is used for automating repetitive things so there is no human intervention and this is the place where AI is used. Predictive analytics uses AI algorithms to analyse historical data and spot the patterns to predict future trends in order to take strategic decisions (Neiroukh, Aljuhmani and Alnajdawi, 2024). Cognitive computing AI systems can think like a human and interpret immense quantities of data to produce actionable insights to make difficult decisions.
[bookmark: _Toc191425661]2.2 Importance of AI in Business Decision-Making
The integration of AI has become essential for integration in the business decision making processes due to the capability of AI to enhance efficiency, risk management, cost reduction and strategic planning (Akerkar, 2019). With automation, operation becomes much more streamlined and this is done with the elimination of manual intervention and associated errors and has significant cost savings. Risk management AI systems employ large data and use to predict anomalies and potential threats for them to be proactive (Jarrahi, 2018). Data driven insights from AI helps in strategic planning that what would be informed decisions that can be compatible with the market dynamics. A perfect example of which is the finance industry using AI to detect fraud by spotting unusual transaction patterns. In healthcare, AI supports diagnostic processes through image analysis and predictive modeling. Retail companies leverage AI to personalise the customer experience and recommend using the customer’s purchasing behaviour. In several fields it shows the potential of AI to be transformative (Trunk, Birkel and Hartmann, 2020).
[bookmark: _Toc191425662]2.3 Theoretical Models and Frameworks Related to AI Decision-Making
Herbert Simon’s decision making theory brings the notion of bounded rationality that the decision is made with limited information and cognitive limitation. It is a process that can be automated using AI systems that can process vast amounts of data more than the human can make a decision. The supervised and unsupervised learning are then categorised as a machine learning model that is a part of AI (Sestino and De Mauro, 2022). Supervised learning involves training the algorithms on labelled dataset so that the algorithms can predict some outcomes, whereas unsupervised learning refers to the search for hidden patterns in unorganised data (Akerkar, 2019). These models allow decision makers to have informed strategies by giving predictive insights and finding the data structures in the data.
[bookmark: _Toc191425663]2.4 Advantages of AI in Decision-Making
There are several advantages of adopting AI in decision making process such as accurate decision making, efficiency and data driven insights. A fact of AI is that we can process large datasets with precision and very little error due to humans (Jarrahi, 2018). The fast to make decisions comes from as AI can read and interpret the data in real-time to give immediate recommendations. Additionally, AI’s capability to discover intricate patterns and couplings within data allows companies to get even more out of market patterns, customer behaviour and operational performance and use them to orient strategic activity and fuel innovation (Trunk, Birkel and Hartmann, 2020).
[bookmark: _Toc191425664]2.5 Disadvantages and Challenges of AI in Decision-Making
All the advantages of AI are there, but we have an issue when we try to introduce AI in the decision making process. With regards to bias and fairness of AI models, there is a huge concern. With the training data biassed, the AI system would also be biassed in its output and will make unfair or discriminatory decisions. Furthermore, AI doesn’t have human intuition and creativity, which are needed for such cases that require having empathy and ethical judgement (Ruiz-Real et al., 2021). Besides, it is also a matter of security and privacy of data, since most AI systems require access to the sensitive data, so it can be a breach of data or misuse. In addition, the deployment of AI technologies is very costly given the expense of infrastructure, finding talent and maintaining them over their lifecycle.
[bookmark: _Toc191425665]2.6 Ethical Implications of AI in Business Decision-Making
The deployment of AI in business decision-making raises several ethical considerations. A major concern is job displacement, i.e., the possibility of workforce and livelihoods, and even of society structure reduction, due to the phenomenon of automation (Barrett and Twycross, 2018). Ethical concerns also arise regarding the transparency of AI decisions; the 'black-box' nature of some AI systems makes it difficult to understand how specific outcomes are derived, challenging accountability and trust . Yet, there are regulatory issues since the current legal frameworks may not have the right means to address the complexities introduced by AI and new governance models must be developed for the use of responsible AI that is consistent with societal values and ethical standards (Gioia, 2021).
[bookmark: _Toc191425666]2.7 Conceptual Framework
To conceptually integrate AI into business decision making, it is possible to draw a framework that presents how data quality, AI models and human AI partnership each interact with the other. In short, high quality, relevant data serve as a base for the AI models to feed data into and process and analyse to get insights. The part of human–AI collaboration that is crucial is to make sure that AI generated recommendations are read in context they are meant to be read and while ethical considerations are also taken into consideration (Gioia, 2021). Computational efficiency and human judgement are in a synergistic relation in the decision making process and one which makes the process better by allowing computational efficiency to decide about optimal outcome (Barrett and Twycross, 2018).
[bookmark: _Toc191425667]Chapter 3: Research Methods and Methodology
[bookmark: _Toc191425668]3.1 Research Philosophy
To conceptually integrate AI into business decision making, it is possible to draw a framework that presents how data quality, AI models and human AI partnership each interact with the other. In short, high quality, relevant data serve as a base for the AI models to feed data into and process and analyse to get insights. The part of human–AI collaboration that is crucial is to make sure that AI generated recommendations are read in context they are meant to be read and while ethical considerations are also taken into consideration (Gioia, 2021). Computational efficiency and human judgement are in a synergistic relation in the decision making process and one which makes the process better by allowing computational efficiency to decide about optimal outcome.
[bookmark: _Toc191425669]3.2 Research Paradigm
This study is based on the interpretivist philosophy for data collection method hence applying qualitative paradigm. Qualitative research is very useful to get the richness of the human experience in terms of the behaviour and what the human considers as meaning. It encourages investigation of the patterns, themes and narratives in the textual data to enrich the phenomena of interest (Barrett and Twycross, 2018). In this paradigm, it is easily applicable to study the minute interconnection of businesses and human decisions in the environment of AI technologies.
[bookmark: _Toc191425670]3.3 Research Approach
The induction research approach is used to determine how AI affects business decision making. The first is that inductive reasoning is the process of collecting and analysing some specific observations and forming more generalisation and theories. In this study, this line involves a probing of the existing secondary data (academic literature, industry reports, and case studies) of existing secondary data to explore the avenues of AI’s influence on decision making processes. This is a feminist method which makes it possible to bring about insights from empirical evidence.
[bookmark: _Toc191425671]3.4 Research Methodology
The methodology of the research is qualitative secondary research methodology in which the analysis of the available data sources is done to study how AI changes the business decision making. It is based on an extensive research on abundance of academic journals, business reports, case studies, and authoritative books (Gioia, 2021). Upon the completion of above sources, the study will process the findings to have a complete picture of how AI is included in the business decision making as of today, advantages, challenges, and ethical implications.
[bookmark: _Toc191425672]3.5 Research Strategy
The research strategy encompasses content analysis and the case study method. In analysing the content, textual data is examined systematically to determine type of patterns, recurring themes and other insights arising from the uses of AI in the business context. Using case study method, we can get into some of the instances of how AI has been used to make business decisions and offer concrete instances of what needs to be learned from the instance about how the same was used and resulted in practice (Gioia, 2021).
[bookmark: _Toc191425673]3.6 Sampling Methods
Purposive sampling is used to choose relevant literature and case studies from the reputable sources. This is a non probability sampling technique in which the researcher chooses these cases which are important to the research objective but the cheque with a lot of information and more (Barrett and Twycross, 2018). The study guarantees the provision of quality data of high value information on the role of AI in business decision making in its authoritative and relevant perspectives.
[bookmark: _Toc191425674]3.7 Data Collection Methods and Tools
The secondary data is collected by systematic collection of the information from the peer reviewed journals, government reports, white papers as well as the AI industry data. Useful literature related to the research can be found in online databases like Google Scholar, IEEE Xplore, Springer and Scopus. These platforms have made the data accessible and covered through these platforms on a wide range of scholarly articles and reports so that data must be collected as it is required for the data in the research questions.
[bookmark: _Toc191425675]3.8 Data Interpretation Methods
The data are then interpreted thematically. This method tries to observe the patterns (themes) in the data and present them to understand AI’s influence on the business decisions. Thematic analysis helps by providing you a way of coding and categorising data systemically, extracting meaningful insights and drawing a coherent narrative around the research question (Lobe, Morgan and Hoffman, 2020).
[bookmark: _Toc191425676]3.10 Ethical Considerations
Of course, this research is highly ethical. It is important to critically evaluate the data as a great deal is given to ensure credibility and reliability of the secondary sources, and the data is accurate or not accurate or with some bias. The study also notes that representation and reporting of data must be avoided, and the attempt should be made to report objectively and balanced findings. The study adheres to them out of integrity with ethical research practises and as an ethical contribution to academic discussion of AI in business decision making.
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