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[bookmark: _Toc241431568]1. Background  
A literature review is a fundamental component of doctoral research because it establishes the existing knowledge surrounding a research problem and provides a foundation for developing further research. It is not simply a summary of previous studies; rather, it requires the researcher to identify, evaluate, compare and synthesise existing knowledge in order to understand how a field has developed and where further investigation is required (Webster and Watson, 2002; Torraco, 2005). A well-conducted literature review can consequently support the development of research questions, theoretical understanding and identification of research gaps (Snyder, 2019; Xiao and Watson, 2019).
The selection of an appropriate literature review approach is important because different approaches have different purposes, levels of methodological structure and forms of synthesis. Grant and Booth (2009) demonstrate that review methodologies differ considerably in their objectives and procedures, while Snyder (2019) argues that the choice of review methodology should be aligned with the research purpose. Therefore, the approach should be determined by the nature of the research question and the characteristics of the available literature rather than selected solely on the basis of popularity.
The present study examines Artificial Intelligence (AI) adoption in Human Resource Management (HRM) practices. The research proposal identifies AI applications across HRM, including recruitment, selection, performance management, workforce planning and related HR activities. It also identifies the literature as fragmented across different theoretical, methodological and contextual perspectives. This makes the selection of an appropriate review methodology particularly important because the study needs to establish the breadth and characteristics of existing knowledge before identifying areas requiring further doctoral investigation.
This section critically evaluates three approaches: Systematic Literature Review (SLR), Narrative Literature Review and Scoping Review. The strengths and limitations of each approach are considered in relation to AI adoption in HRM, followed by a justification for selecting the most appropriate approach.

[bookmark: _Toc241431569]2. Systematic Literature Review
A Systematic Literature Review (SLR) is a structured approach to identifying, selecting and synthesising existing research using predefined procedures. In management research, systematic reviews have been promoted as a means of developing evidence-informed knowledge through a transparent and organised process (Tranfield, Denyer and Smart, 2003). An SLR normally involves a clearly formulated research question, defined search strategies, inclusion and exclusion criteria, systematic screening and synthesis of the selected evidence (Snyder, 2019; Xiao and Watson, 2019).
A significant strength of an SLR is its methodological transparency. The researcher establishes the procedures for identifying and selecting studies, creating an audit trail that enables readers to understand how the evidence base was constructed. This structured approach can reduce arbitrary study selection and enhance the reproducibility of the review (Denyer and Tranfield, 2009). Furthermore, systematic reviews can provide a comprehensive synthesis where the research question is sufficiently focused and the available studies provide comparable evidence.
The systematic nature of the approach can also strengthen the credibility of conclusions. Explicit inclusion and exclusion criteria allow researchers to explain why particular studies were included while others were excluded. Reporting frameworks such as PRISMA have further strengthened transparency in systematic review reporting by providing a structured method for documenting the identification, screening and inclusion of studies (Page et al., 2021).
However, the strengths of SLR can become limitations when investigating a broad and developing research area. A highly structured review requires sufficiently clear concepts and boundaries. Where terminology, theoretical perspectives and methodologies vary considerably, strict eligibility criteria can result in relevant evidence being excluded (Munn et al., 2018). An SLR may therefore be less appropriate when the purpose is to explore and map the breadth of an emerging field rather than answer a narrowly focused question.
This issue is relevant to AI adoption in HRM because the literature encompasses different AI technologies, HR practices, organisational contexts and theoretical perspectives. The purpose of the present study is not to evaluate the effectiveness of one particular AI intervention but to understand the range, characteristics and development of research concerning AI adoption in HRM.
For this reason, SLR is not selected as the primary approach for the present study. Although its methodological rigour is valuable, its relatively focused orientation does not provide the breadth required to map the developing AI-HRM evidence base.

[bookmark: _Toc241431570]3. Narrative Literature Review
A Narrative Literature Review provides an interpretive synthesis of existing research and allows researchers to examine the development of concepts, theories and debates within a research area. Unlike a highly structured systematic review, the narrative approach provides greater flexibility in selecting and interpreting literature (Baumeister and Leary, 1997; Grant and Booth, 2009).
One of its major strengths is its ability to provide conceptual and theoretical understanding. Narrative reviews can bring together research using different methodologies and theoretical perspectives and explain relationships between concepts. This flexibility can be particularly useful in interdisciplinary research, where relevant knowledge may be distributed across different academic fields (Paré et al., 2017).
Narrative reviews can also provide a historical understanding of how a research topic has developed. Researchers can trace changes in concepts, identify theoretical debates and interpret inconsistencies across previous studies. Such flexibility could be useful for examining how AI has progressively been incorporated into HRM and how researchers have conceptualised AI adoption.
However, the flexibility of the narrative approach also creates methodological concerns. Where search and selection procedures are not sufficiently structured and transparent, researcher judgement may have a greater influence over the literature included in the review. This can increase the possibility of selection bias and make the review less reproducible (Grant and Booth, 2009; Snyder, 2019). For doctoral research, this is an important consideration because conclusions about research gaps should be based on a sufficiently transparent representation of the available evidence.
A narrative review could therefore provide valuable theoretical interpretation of AI and HRM, but it would be less suitable for systematically mapping the characteristics of the existing literature. The present study requires an approach capable of identifying the different applications, concepts, theoretical perspectives, research methods and contexts represented in the literature.
Therefore, a Narrative Literature Review is not selected as the primary approach. Although its interpretive flexibility is valuable, its comparatively less structured approach does not provide the systematic mapping required for the present study.

[bookmark: _Toc241431571]4. Scoping Review
A Scoping Review is designed to systematically examine and map the extent, range and characteristics of evidence within a particular research area. The methodological foundations of scoping reviews were established by Arksey and O'Malley (2005) and subsequently developed through further methodological guidance (Levac, Colquhoun and O'Brien, 2010; Peters et al., 2020).
A central strength of a scoping review is its capacity to address broad research questions and accommodate heterogeneous evidence. Unlike approaches that require a narrowly defined research question or a particular research design, scoping reviews can map evidence produced through different methodologies and perspectives. This makes them particularly appropriate for emerging or conceptually diverse research areas (Munn et al., 2018).
Scoping reviews can also clarify the boundaries of a research field. Arksey and O'Malley (2005) argue that scoping studies can be used to examine the extent, range and nature of research activity. This allows researchers to determine what has already been investigated, how the topic has been conceptualised and where evidence is concentrated or limited.
Another important strength is the identification of knowledge gaps. Peters et al. (2020) explain that scoping reviews can identify the types of evidence available and highlight areas requiring further research. This is particularly relevant to doctoral research because mapping the existing evidence can help establish a clear and defensible direction for subsequent research.
The flexibility of the scoping approach is particularly relevant to AI adoption in HRM. Existing studies may examine different AI applications, HR practices, employee perspectives, organisational factors and theoretical frameworks. Rather than excluding such studies because of methodological differences, a scoping review can map these variations and provide an overview of how the field has developed.
Nevertheless, a scoping review is not without limitations. The inclusion of diverse study designs can produce substantial heterogeneity, making direct comparison between studies difficult. Furthermore, scoping reviews primarily seek to map the available evidence rather than provide a narrowly focused assessment of intervention effectiveness (Munn et al., 2018). Consequently, methodological transparency remains essential to ensure that the review is systematic and credible.
For the present study, these limitations can be addressed through clearly defined eligibility criteria, systematic searching, screening and structured data extraction. The scope will also be defined using the Population, Concept and Context (PCC) framework. This is consistent with the feedback received on the research proposal, where the topic was identified as suitable for a scoping review and the PCC framework was specifically recommended. 
Therefore, the Scoping Review is selected for this study. It provides the appropriate balance between methodological transparency and breadth needed to map the developing literature on AI adoption in HRM.


[bookmark: _Toc241431572]5. Critical Comparison and Selection of the Approach
The three approaches demonstrate important methodological differences. An SLR provides a highly structured and transparent process and is particularly appropriate for focused research questions and comparable evidence. However, its restrictive boundaries may be less suitable for an emerging and heterogeneous research field. A Narrative Literature Review provides greater interpretive flexibility and can generate rich conceptual understanding, but its less structured selection procedures may increase the influence of researcher judgement. A Scoping Review occupies a useful position between these approaches by combining a structured search and selection process with sufficient breadth to accommodate diverse evidence.
The choice of approach for the present study is therefore based on the nature and purpose of the research problem. AI adoption in HRM is not represented by a single technology, HR practice, theoretical perspective or organisational context. Instead, the literature includes different applications of AI, different research designs and different perspectives on factors influencing adoption. The research proposal similarly identifies fragmentation in the existing literature and the need to examine theoretical, methodological and contextual gaps. 
A Scoping Review is consequently better aligned with the study because it enables the researcher to map existing evidence, clarify concepts, identify patterns and establish areas requiring further investigation. The approach also allows heterogeneous studies to be considered without imposing unnecessarily narrow methodological restrictions.
Importantly, this study adopts one literature review approach: the Scoping Review. The earlier proposal considered combining a Scoping Review and SLR; however, feedback on the proposal advised selecting one approach rather than using both. The Scoping Review is therefore retained as the sole review methodology.
The detailed PCC framework, journal retrieval process, screening procedure and data extraction strategy will be presented in Part 3. Part 1 therefore establishes the critical methodological rationale for selecting the Scoping Review without unnecessarily duplicating the methodology section that follows.






[bookmark: _Toc241431573]6. Aim and Objectives
Aim
To critically review the existing literature on Artificial Intelligence adoption in Human Resource Management practices and identify theoretical, methodological and contextual research gaps for future doctoral research.
Objectives
1. To examine the evolution of Artificial Intelligence adoption within Human Resource Management. 
2. To critically evaluate the major theoretical perspectives explaining Artificial Intelligence adoption in Human Resource Management. 
3. To identify technological, organisational and specific employee-related factors influencing Artificial Intelligence adoption within Human Resource Management. 
The third objective will be refined through the evidence identified in Part 2. In particular, the broad category of employee-related factors will be narrowed to specific HRM-relevant factors emerging from the reviewed literature. This responds directly to the feedback that the terminology should be made more specific rather than treating employee-related factors as an overly broad  category. 
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	No.
	  Author
	Year
	Title
	Population
	Concept
	Context
	Methodology / Study Type
	Key Findings
	Objective

	1
	FA Khan; NA Khan; A Aslam
	2024
	AI in HRM (general)
	329 HR professionals
	AI adoption
	Cross-industry HRM
	Quantitative survey.
	HR readiness, relative advantage, usefulness and ease of use positively associated with adoption intention.
	 2 , 3

	2
	Rusnandari Retno Cahyani; Anniez Rachmawati Musslifah
	2025
	Recruitment & Selection; Performance Management; Workforce Planning
	12 HR staff
	AI adoption
	Indonesian university
	Qualitative case study.
	AI supports recruitment and workforce planning but raises bias, transparency and human-judgement concerns.
	2 ,3

	3
	M Kaur; R AG; S Vikas
	2021
	AI in HRM (general)
	N/A
	AI adoption model
	Organisational HRM
	Conceptual study.
	Proposes an integrated TOE–TAM framework; model is not empirically tested.
	 2 ,3

	4
	Q Wu; X Gao; A Lipovka
	2026
	AI in HRM (general)
	347 reviewed studies
	AI integration
	Manufacturing HRM
	Systematic literature review.
	Identifies six challenges and approaches to AI integration in manufacturing HRM.
	 1, 2 , 3

	5
	B Hmoud
	2021
	AI in HRM (general)
	186 senior HR professionals
	AI adoption
	Jordanian HRM
	Quantitative survey.
	Performance expectancy and change-agent role positively related to adoption; employee-champion role negatively related.
	 2 ,3

	6
	Mohammad Pedrami; S. Vaezi
	2026
	AI in HRM (general)
	20 reviewed studies
	AI adoption factors
	Organisational HRM
	Systematic review and qualitative.
	Identifies organisational, technological, human-centric, ethical and environmental/economic considerations.
	 2 , 3

	7
	Sandhya Sheshadri; Hemant Palivela
	2023
	AI in HRM (general)
	Reviewed literature
	AI recruitment
	Recruitment
	Literature review.
	AI can streamline candidate sourcing and screening; raises bias, privacy and transparency concerns.
	 1 , 3

	8
	R. Baldegger; M. Caon; K. Sadiku
	2020
	AI adoption; entrepreneurial orientation
	310 eligible HR Section
	AI and entrepreneurship
	Swiss HR departments
	Survey study.
	Positive association between entrepreneurial orientation and AI introduction; skills and training identified as barriers.
	 3

	9
	A. Benabou; F. Touhami
	2025
	AI integration; human–AI collaboration
	91 reviewed publications
	AI opportunities and risks
	Recruitment
	Systematic literature review.
	AI offers efficiency gains but creates bias, privacy, ethical and reskilling challenges.
	1 ,3

	10
	P.R. Palos-Sánchez; P. Baena-Luna; A. Badicu; J.C. Infante-Moro
	2022
	AI HRM; bibliometrics
	73 reviewed publications
	AI–HRM research
	AI–HRM literature
	Bibliometric analysis.
	AI–HRM literature is growing but concentrates on recruitment and selection.
	 1 ,3

	11
	S. Khan; S. Vishwakarma; S. Kurmi
	2026
	AI HRM; research trends
	247 reviewed publications
	AI–HRM trends
	AI–HRM literature
	Bibliometric analysis.
	Research focuses on resource allocation, talent acquisition and training/development.
	 1 ,3

	12
	R.F. Naoum; T. Szakadáti; G. Balogh
	2026
	AI HRM; DEI; algorithmic fairness
	43 reviewed articles
	AI and DEI
	Recruitment
	Systematic literature review.
	AI may standardise assessment but can reproduce historical bias; transparency and human oversight may mitigate risks.
	 2, 3

	13
	M. Maghsoudi; M. Kamrani Shahri; M.A.M.A. Kermani; R. Khanizad
	2025
	AI HRM; collaboration networks
	102
	AI–HRM collaboration
	Global AI–HRM research
	Social network analysis, centrality.
	Identifies four thematic research clusters and regional/institutional collaboration communities.
	 1

	14
	S. Bankins
	2021
	Ethical AI; HRM; human oversight
	N/A
	Ethical AI decisions
	Recruitment
	Conceptual study.
	Proposes assessing data/AI and task sensitivities to determine appropriate human involvement.
	 2 , 3

	15
	Agarwal, A.
	2023
	AI adoption; TOE; TTF
	210 senior/specialist HR employees
	AI adoption antecedents
	IT firms
	Quantitative survey.
	Organisational preparedness, perceived benefits and technological readiness supported adoption; adoption linked to HR effectiveness.
	 2, 3

	16
	Singh, A. and Pandey, J.
	2026
	Humanised AI; employee reactions
	Three Indian companies
	AI HRM benefits
	Three Indian companies
	Case study.
	Recruitment efficiency, adaptive learning and productivity; concerns about human contact, control and displacement.
	 2 , 3

	17
	Benabou, A. and Touhami, F.
	2025
	PRISMA; human-AI collaboration
	141 reviewed articles
	AI integration opportunities
	HRM across sectors
	PRISMA systematic review.
	Efficiency and decision support alongside privacy, ethics and human-interaction concerns.
	 1 , 3

	18
	Zawada, M.
	2024
	AI HRM; opportunities; ethics
	N/A
	AI effects
	HRM
	Research-based narrative analysis.
	Potential productivity and matching gains alongside bias, ethical and displacement risks.
	 1 , 3

	19
	Chowdhury, S.R., Guha, S. and Sanju, N.L.
	2024
	TOE; JD-R; ethical AI
	70 reviewed research papers
	AI-enabled HRM
	Recruitment
	PRISMA-guided review and thematic.
	Highlights privacy, consent and organisational justice when integrating AI with HR systems.
	1, 2 , 3

	20
	Rismayadi, B.
	2024
	AI; HRM; challenges
	N/A
	AI adoption opportunities
	Recruitment
	Qualitative descriptive approach.
	Potential productivity gains; maintenance costs, job disruption and skills requirements.
	1, 3

	21
	Rayhan, J.
	2023
	AI HRM; conceptual review
	N/A
	Applications and future
	Recruitment
	Conceptual study.
	AI may automate HR tasks and improve efficiency; implementation challenges remain.
	1 , 3

	22
	Shin, H.H., Choi, S. and Kim, H.
	2025
	Employee reactions; dehumanisation
	Participants
	AI HR decision-making
	Promotion and performance
	Three empirical studies.
	AI involvement increased perceived dehumanisation and negative employee reactions; collaborative climate intensified effects.
	3

	23
	Rodgers, W., Murray, J.M., Stefanidis, A., Degbey, W.Y. and Tarba, S.Y.
	2023
	Ethics; throughput model
	N/A
	Ethical AI decision-making
	AI-supported HRM strategy
	Conceptual study.
	Throughput model links perception, judgement and information to ethical HRM strategy selection.
	2, 3

	24
	Rana, R. and Kumar, S.
	2026
	SPAR-4-SLR; bibliometrics
	288 reviewed articles
	AI-HRM research evolution
	AI–HRM literature
	Bibliometric analysis.
	Identifies co-word, co-citation and bibliographic coupling clusters and proposes an AI-HRM framework.
	1 , 2

	25
	Ncube, T.R., Sishi, K.K. and Skinner, J.P.
	2025
	PRISMA; HR functions
	Reviewed literature
	AI in recruitment
	Cross-industry HRM research
	Systematic literature review.
	Potential efficiency gains in hiring, appraisals and talent management; implementation limitations.
	1, 3

	26
	Stone, D.L., Lukaszewski, K.M. and Johnson, R.D.
	2024
	HR process change; AI
	N/A
	AI-driven transformation
	Recruitment
	Conceptual study.
	Discusses reduced processing time and costs and possible improvements in HR services.
	1, 3

	27
	Rane, N.L.
	2024
	Generative AI; ChatGPT; Gemini
	N/A
	Generative AI adoption
	Recruitment
	Analysis of case studies.
	Potential personalisation and efficiency; bias, privacy and human-oversight challenges.
	1 , 3

	28
	Madanchian, M. and Taherdoost, H.
	2025
	AI adoption; barriers; enablers
	N/A
	Organisational and technological
	HRM across organisational
	Critical interdisciplinary literature analysis.
	Change resistance, data security and integration costs inhibit adoption; leadership and culture enable it.
	2, 3

	29
	Murgai, A.
	2018
	AI HRM; transformation
	N/A
	AI use
	Recruitment and HR
	Narrative overview; no original.
	Discusses AI as support for HR decisions and changing HR processes.
	1

	30
	Sunil Basnet
	2024
	AI; machine learning; HRM trends
	Sample not stated
	AI and ML
	HR functions
	Survey study.
	Discusses potential AI/ML applications across HR functions and the balance between automated and human work.
	1 ,3

	31
	Kelvin M. Mwita; Felician Andrew Kitole
	2025
	Public sector; AI adoption; HR practitioners
	217 HR practitioners
	Perceived benefits, challenges
	Public institutions
	Cross-sectional questionnaire study; random.
	Respondents perceived efficiency and decision-making benefits; identified skills gaps, privacy, cost and resistance as barriers.
	2 ,3

	32
	Mohand Tuffaha; M. Rosario Perello-Marin
	2022
	Adoption factors; compatibility; managerial support
	N/A
	Factors influencing AI
	Organisational HRM
	Conceptual study.
	Identifies compatibility, relative advantage, complexity, managerial support, government involvement and vendor partnerships as potential adoption determinants.
	 2 ,3

	33
	Nawaz, N.; Arunachalam, H.; Pathi, B.K.; Gajenderan, V.
	2024
	AI; HRM
	274 IT employees
	AI adoption
	Indian IT sector
	Questionnaire study.
	Accuracy, computing capacity and personalisation related to time/cost savings; automation and real-time experience were not significant.
	 3

	34
	Bankins, S.; Formosa, P.; Griep, Y.; Richards, D.
	2022
	AI; HRM
	Experimental survey respondents
	Justice perceptions
	HR decision-making
	Survey study.
	Human decisions generally elicited stronger perceptions of respectful treatment; outcome valence also mattered.
	 2 , 3

	35
	Jiang, Y.; Cai, Z.; Wang, X.
	2025
	AI; HRM
	Reviewed literature
	GenAI risk analysis
	Organisational HR functions
	Literature review.
	Maps risks relating to people, tasks, structures and technology and proposes mitigation approaches.
	 2 , 3

	36
	Fernando Garcia, R.L.; Kwok, L.
	2025
	AI; HRM
	N/A
	Generative AI
	Hospitality and wider
	Viewpoint; selective narrative review.
	Classifies HR duties as potentially replaced, retained or newly emerging with GenAI.
	 1 , 3

	37
	Vrontis, D.; et al.
	2022
	AI; HRM
	45 reviewed studies
	AI, robotics
	Multiple HR functions
	Systematic literature review.
	Synthesises implications for recruitment, training, performance and human–AI collaboration.
	 1 ,3

	38
	Bujold, A.; et al.
	2024
	AI; HRM
	107Empirical studies reviewed
	Responsible AI
	HR decision-making
	Review of empirical research.
	Identifies governance and fairness concerns in responsible HR AI.
	 2 , 3

	39
	Chukwuka; Dibie
	2024
	AI; HRM
	N/A
	AI in employee
	Performance management
	Secondary-source study.
	Discusses AI applications to performance evaluation.
	1 ,3

	40
	Berhil; Benlahmar; Labani
	2020
	AI; HRM
	N/A
	AI applications
	HR functions
	Review paper.
	Surveys AI techniques used in HR.
	1

	41
	Croitoru; et al.
	2025
	AI; HRM
	150 respondents
	AI motivation
	Workplace technology acceptance
	Quantitative study.
	Examines motivation and acceptance associated with AI.
	2 , 3

	42
	Vasantham
	2021
	AI; HRM
	N/A
	AI role
	HRM functions
	Literature-based discussion.
	Discusses potential applications and advantages of AI in HR.
	1

	43
	Rani
	2019
	AI; HRM
	N/A
	AI in HRM
	Organisational HRM
	Literature-based discussion.
	Describes AI software and HRM implementation challenges.
	1 , 3

	44
	Azhar; Imran
	2024
	AI; HRM
	N/A
	Ethical AI adoption
	HR decisions
	Review.
	Discusses bias, privacy and accountability.
	2 , 3

	45
	Rosário, C.
	2025
	AI; HRM
	67 reviewed articles
	Benefits and risks
	Recruitment
	Literature review.
	Synthesises efficiency benefits and bias, transparency and change-resistance risks.
	1 , 3

	46
	Iancu; Oprea
	2025
	AI; HRM
	12,121 Web of Science publications
	AI and HR
	Public-sector HRM
	Literature-driven investigation.
	Maps emerging AI-driven HR themes.
	1

	47
	Kambur; Yildirim
	2023
	AI; HRM
	N/A
	Traditional to smart
	Electronic and smart
	Review.
	Traces development of smart HR and human–machine interaction.
	1

	48
	Abdeldayem; Aldulaimi
	2020
	AI; HRM
	N/A
	AI opportunities
	Bahrain public sector
	Literature-based discussion.
	Discusses potential AI applications in public HRM.
	1 ,3

	49
	Wuisan, D.S.S.; Sunardjo, R.A.; Aini, Q.; Yusuf, N.A.; Rahardja, U.
	2023
	AI; HRM
	110 complete responses
	AI adoption
	Indonesia
	Quantitative survey.
	Examines AI adoption, AI quality, employer reputation and performance.
	3

	50
	Alawiyah; Suharto; Burhan
	2026
	AI; HRM
	28 reviewed articles
	AI in HRM
	Multiple HR functions
	Systematic literature review.
	Synthesises AI use, ethics and employee outcomes.
	1 , 3

	51
	Kaur; Gandolfi
	2023
	AI; HRM
	N/A
	AI in HRM
	HRM
	Literature-based discussion.
	Discusses strategic HR role, skills and privacy challenges.
	1 , 3

	52
	Skypalova; Zvarikova; Chaudhuri
	2025
	AI; HRM
	451 HR managers
	CSR, HRM
	Czech companies
	Empirical questionnaire study.
	Examines relationships between CSR, HRM and AI.
	3

	53
	Kaur; Gujrati; Uygun
	2023
	AI; HRM
	N/A
	AI integration
	Organisational HRM
	Descriptive secondary-source review.
	Discusses AI uses and integration challenges.
	1 , 3

	54
	Gong; Fan; Bartram
	2024
	AI; HRM
	406 articles
	AI and HRM
	HRM
	Literature Review.
	Synthesises AI–HRM research.
	1, 2

	55
	Yawalkar,V.V

	2019
	AI; HRM
	N/A
	AI role
	HRM functions
	Descriptive study.
	Discusses AI applications in HR.
	1

	56
	Johnson; Coggburn; Llorens
	2022
	AI; HRM
	N/A
	AI in public
	Public-sector HRM
	Research and practice discussion.
	Identifies research questions and implications for public HRM.
	 1 ,3

	57
	Budhwar; et al.
	2022
	AI; HRM
	N/A
	AI and HRM
	Organisational HRM
	Invited review.
	Reviews developments in AI and HRM.
	 1 , 2

	58
	Revillod, G.
	2025
	AI adoption; HRM
	324 HR professionals
	AI tool acceptability
	Switzerland
	Survey study.
	Performance expectancy, effort expectancy and social influence positively associated with acceptance of four HR AI tools; public-sector employment negatively associated.
	 2 , 3

	59
	Kumari, P.B.; Hemalatha, A.
	2019
	AI adoption; HRM
	50 HR employees
	Perceptions of AI
	IT sector
	Quantitative survey.
	Respondents reported perceptions of AI applications in HR; 68% responded positively to using AI in HR, as reported in the study.
	3

	60
	Khan, R.; Hussain, A.; Ahmad, S.
	2023
	AI adoption; HRM
	Eight multinational firms
	AI adoption
	Multinational firms
	Interview study.
	Few participating companies had fully integrated AI in recruitment; pre-selection, candidate communication and feedback were identified as suitable uses; organisational readiness was a major challenge.
	 1 , 3

	61
	Mahade, A.; Elmahi, A.; Alomari, K.M.; Abdalla, A.A.
	2025
	AI adoption; HRM
	215 higher-education stakeholders
	AI-driven insights
	Higher education institutions
	Quantitative survey.
	AI-driven insights associated with improved sustainable HRM performance; HR practice optimisation and decision enhancement mediated the relationship; proposed moderators were not significant.
	2 ,3

	62
	Stanley, D.S.; Aggarwal, V.
	2019
	AI adoption; HRM
	Reviewed literature
	AI, robotics, networks
	HRM across organisations
	Conceptual study.
	Describes applications of AI, robotics and networks in recruitment, monitoring, coaching, performance and learning.
	1

	63
	Ahmadi, M.A.; Fachrunisa, R.A.; Baihaqi, A.; Kurniawan, F.; Abdillah, M.I.T.
	2024
	AI adoption; HRM
	Prospective job applicants
	AI recruitment
	Applicant perceptions
	Interview study.
	Authors report AI recruitment can improve process efficiency while human involvement remains important for applicants' experience.
	3

	64
	Sanyaolu, E.; Atsaboghena, R.
	2022
	AI; HRM
	N/A
	Benefits and challenges
	HR functions
	Descriptive review of papers.
	Discusses AI in recruitment, onboarding, compensation and retention.
	 1 , 3

	65
	Verma, R.; Bandi, S.
	2019
	AI; HRM
	N/A
	AI and HRM
	Indian IT sector
	Literature-based discussion with company.
	Discusses AI applications from recruitment to appraisal.
	 1, 3

	66
	Benabou, A.; Touhami, F.; Demraoui, L.
	2024
	AI; HRM
	N/A
	AI
	HR functions
	IEEE conference paper.
	Discusses AI-supported recruitment, training and planning.
	 1 , 3

	67
	Kambur, E.; Akar, C.
	2022
	AI adoption; HRM
	821 observations
	HR employees' perceptions
	Large organisations
	Quantitative scale development.
	Respondents perceived potential for AI to reduce repetitive work, recruitment stress and training time; the study developed and evaluated a measurement scale.
	 3

	68
	Bharathi, T.B.; Rama Krishna, V.R.
	2025
	AI; HRM strategy; recruitment; workforce analytics
	No original participant sample
	AI integration
	HRM across functions
	Literature-based discussion.
	Authors discuss potential uses of AI for recruitment, onboarding, training, performance and workforce planning, alongside privacy, bias and employee-trust risks; these are literature-based claims, not measured effects.
	 1 , 3

	69
	Huang, X.; Yang, F.; Zheng, J.; Feng, C.; Zhang, L.
	2023
	Personalized HRM; HR analytics; artificial intelligence; strategic HRM
	N/A
	Personalized HRM enabled
	Organisational HRM
	Conceptual study.
	Proposes personalized HRM as a next generation of HRM and argues that advanced analytics and AI can tailor HR solutions and support productivity, flexibility and performance.
	 1 , 2

	70
	Úbeda-García, M.; Marco-Lajara, B.; Zaragoza-Saez, P.C.; Poveda-Pareja, E.
	2025
	Artificial intelligence; HRM; bibliometric analysis; SciMAT; science mapping
	203 Web of Science records
	AI–HRM evolution
	Global AI–HRM research
	Bibliometric analysis.
	Identifies six strategic research themes and shows rapid growth of AI–HRM research, especially after 2016; highlights automation, predictive analysis, personalization, ethics, fairness, privacy and technostress.
	 1, 2 , 3

	71
	Alherimi, N.; Abdulmaksoud, S.; Ahmed, V.; Bahroun, Z.
	2025
	Artificial intelligence; green HRM; GHRM; sustainability; performance management
	53 relevant articles published
	AI advancements
	Green/sustainable HRM
	Systematic literature review.
	Finds five major themes and shows AI can support green recruitment, training and performance management while raising ethical and organisational-readiness challenges.
	 1 , 3

	72
	Islam, M.; Al Mamun, A.; Afrin, S.; Quaosar, G.M.A.A.; Uddin, M.A.
	2022
	AI recruitment; UTAUT; technology adoption; HR professionals; Bangladesh
	283 HR professionals
	AI recruitment adoption
	Bangladesh
	Quantitative questionnaire; PLS-SEM; UTAUT.
	All direct hypothesised relationships were significant except perceived credibility; gender and firm size did not moderate the proposed relationships.
	 2 , 3

	73
	Khan, A.J.; Chaudhry, I.S.; Iqbal, J.; El Refae, G.A.
	2025
	AI; sustainable HRM; employee well-being; ethical AI; green HRM
	25 reviewed articles
	AI applications aligned
	Sustainable HRM
	Systematic literature review.
	AI-enabled HRM can enhance decision-making, ethical workplace practices, employee well-being and environmentally aligned HRM when integrated with sustainability goals.
	 1 , 3

	74
	Khan, M.I.; Parahyanti, E.; Hussain, S.
	2024
	Generative AI; HRM; employee engagement; AI-driven decision making; ethics
	Peer-reviewed literature
	Generative AI
	Recruitment
	Integrative literature-based review.
	Reports that generative AI can improve recruitment efficiency, matching and employee engagement while raising algorithmic-bias and privacy concerns; responsible governance is emphasized.
	 1 , 3

	75
	Kekez, I.; Lauwaert, L.; Begičević Ređep, N.
	2025
	Artificial intelligence; bias; discrimination; HRM; systematic review
	64 reviewed papers
	Bias and discrimination
	AI use
	PRISMA systematic review.
	Finds that many studies poorly define bias and discrimination and disproportionately focus on skin-tone/racial and gender bias; it does not find an overall negativity bias in the literature.
	 1 , 3

	76
	Lukaszewski, K.M.; Stone, D.L.
	2024
	AI; HRM; ethics; privacy; discrimination; erroneous data
	N/A
	Ethical risks
	Recruitment
	Conceptual study.
	Identifies privacy invasion, bias/unfair discrimination and harm from erroneous AI/ML data as major ethical risks and discusses organisational strategies to mitigate them.
	2, 3

	77
	Azeem, M.M.; Febriyanto, U.; Nurhadi, F.A.; Halid, H.
	2024
	Artificial intelligence; HRM; employee engagement; employee retention
	Reviewed literature
	AI-enabled HR practices
	Employee retention
	Systematic literature review.
	AI techniques such as machine learning and big-data analysis can support turnover prediction, recruitment, engagement and sentiment analysis, potentially strengthening employee retention.
	1, 3

	78
	Kim, S.; Khoreva, V.; Vaiman, V.
	2025
	Algorithmic management; AI; HR technology; strategic HRM
	Contemporary HRM literature
	Strategic HRM
	Work design
	Conceptual study.
	Shows how AI, ML and NLP reshape work structures, HR delivery and management of technology workers, while human agency and institutional context influence implementation.
	1 , 2

	79
	Bulut, A.; Batur Dinler, Ö.
	2023
	Industry 4.0; artificial intelligence; HRM; recruitment
	Reviewed literature
	Effect of Industry
	Recruitment
	Literature review.
	Concludes that AI can reduce time and cost in recruitment and support training, orientation and career-planning activities as HRM digitalises.
	 1 , 3

	80
	Murugesan, U.; Subramanian, P.; Srivastava, S.; Dwivedi, A.
	2023
	Artificial intelligence; HR digitalization; Industry 4.0; agility; SEM
	271 HR experts
	AI contributions
	Industry 4.0 organisations
	Quantitative study; SPSS.
	Five AI application areas support adaptability and HR capability; health and safety improvement emerged as an important AI application component.
	 1 , 3

	81
	Etemadi, M.; Chitsaz, E.; Koushki, S.; Jafari, S.M.
	2024
	AI; recruitment; evaluation methods; talent acquisition; meta-composite
	Authoritative scientific publications
	Effectiveness of AI-based
	Recruitment and hiring
	Meta-composite analysis / research.
	Develops two evaluative dimensions—traditional and AI-based methods—with eight and fourteen subcategories respectively, producing frameworks for recruitment assessment.
	 1 , 3

	82
	Saklani, N.; Khurana, A.
	2023
	Artificial intelligence; HRM; machine learning; human leadership
	Reviewed literature
	Influence and applications
	General HRM
	Comprehensive narrative review.
	Highlights automation of routine HR work and the use of AI/ML for faster data processing, allowing HR staff to focus on more strategic activities.
	 1 , 3

	83
	Aydın, Ö.; Karaarslan, E.; Gökçe Narin, N.
	2025
	HRM; AI; VR; AR; Metaverse; emerging technologies
	158 HR officers/professionals
	Perceptions of emerging
	HR training
	Quantitative survey.
	Most participants viewed AI, VR, AR and Metaverse integration as beneficial, especially for training, recruitment and performance management; ethical concerns and data-security risks were dominant challenges.
	 1 , 3

	84
	Gong, Y.; Zhao, M.; Wang, Q.; Lv, Z.
	2022
	AI; HRMS; recruitment; salary prediction; neural network
	Resume/salary data used
	AI-based HR management
	Recruitment and salary
	System design and experiment.
	The optimized algorithm improved convergence and forecasting performance and outperformed comparison regression algorithms in the reported tests.
	 1 , 3

	85
	Chowdhury, S.; Budhwar, P.; Wood, G.
	2024
	Generative AI; strategic HRM; institutional entrepreneurship; responsible AI
	No participants
	Strategic integration
	Business and strategic
	Conceptual study.
	Proposes a strategic HRM framework for integrating generative AI through alignment with business objectives, resource orchestration, reinstitutionalisation, learning and responsible workforce development.
	 1, 2 , 3

	86
	Bhakuni, S.
	2023
	HRM; artificial intelligence; IT industry; recruitment
	Secondary sources plus information
	Application of AI
	Indian IT industry
	Research article using secondary.
	Reports that AI use in HRM, particularly recruitment, remains relatively young and limited; key benefits are speed, quality and removal of routine tasks, while organisational readiness is a major challenge.
	 1 , 3

	87
	Gârdan, I.P.; Manu, M.B.; Gârdan, D.A.; Negoiță, L.D.L.; Paștiu, C.A.; Ghiță, E.; Zaharia, A.
	2025
	AI adoption; teacher perceptions; HRM in education; generative AI; technology acceptance
	367 teachers
	AI adoption drivers
	Romanian education sector
	Survey study.
	Perceived utility positively shapes attitudes toward AI and positive attitudes strongly influence usage intention; familiarity, perceived challenges and resilience also form part of the adoption model.
	 2, 3

	88
	Abbasi, A.A.; Bilal, M.; Sherazi, S.K.H.; Tafakhar, S.; Ahmad, S.
	2025
	AI; HRM; Pakistan; technology adoption; organisational barriers
	460 HR practitioners
	Barriers to AI
	Pakistan
	Quantitative survey.
	Major barriers include data-confidentiality concerns, implementation expense, missing infrastructure and resistance linked to fear of job loss; only 15% of surveyed organisations reported using AI at full capacity.
	 3

	89
	Astawa, I.P.P.; Mahayasa, I.G.A.
	2024
	Artificial intelligence; HRM; recruitment; training; performance management
	8 reviewed studies
	Integration of AI
	Recruitment
	Systematic literature review.
	AI can improve recruitment efficiency, support personalized training and enable more data-driven and objective performance evaluation.
	 1 ,3

	90
	Karunakaran, A.; Lebovitz, S.; Narayanan, D.; Rahman, H.A.
	2025
	Artificial intelligence; workplace inequality; future of work; human–AI interaction
	335 reviewed articles
	AI’s impact
	Organisational and occupational/workplace
	Literature review.
	Identifies normative, cognitive, structural and relational perspectives and shows how AI can create or reinforce workplace inequalities.
	 3

	91
	Tambe, P.; Cappelli, P.; Yakubovich, V.
	2019
	Artificial intelligence in human resources management: Challenges and a path forward
	Prior research + practitioner workshop
	AI in HRM
	Organisational HRM
	Conceptual/practice review.
	Identifies data, fairness, accountability and employee-reaction challenges and proposes a path for responsible AI use in HRM.
	 1, 2 , 3

	92
	Jatobá, M.; Santos, J.; Gutierriz, I.; Moscon, D.; Fernandes, P.O.; Teixeira, J.P.
	2019
	Evolution of artificial intelligence research in human resources
	32 reviewed publications
	AI research evolution
	HRM research
	Literature review / conference paper.
	Maps the development of AI research in HRM and identifies growing application across HR activities.
	 1

	93
	Strohmeier, S.; Piazza, F.
	2015
	Artificial intelligence techniques in human resource management—a conceptual exploration
	No original participants
	AI techniques
	HRM functions
	Conceptual study.
	Explores how AI techniques can be matched with HRM tasks and highlights opportunities for technology-supported HR decision-making.
	 1 , 2

	94
	van Esch, P.; Black, J.S.
	2019
	Factors that influence new generation candidates to engage with and complete digital, AI-enabled recruiting
	293 participants
	AI-enabled recruiting
	Recruitment
	Quantitative empirical study.
	Examines factors influencing candidate engagement with and completion of AI-enabled digital recruitment processes.
	 2 , 3

	95
	Black, J.S.; van Esch, P.
	2020
	AI-enabled recruiting: What is it and how should a manager use it?
	No original participants
	AI-enabled recruiting
	Recruitment
	Conceptual/practice review.
	Explains AI-enabled recruitment applications and managerial considerations for using AI across the recruitment process.
	 1 , 3

	96
	Hunkenschroer, A.L.; Luetge, C.
	2022
	Ethics of AI-enabled recruiting and selection: A review and research agenda
	51 reviewed articles
	Ethical AI recruitment
	Recruitment and selection
	Systematic interpretative review.
	Identifies ethical concerns including bias, transparency, privacy and accountability and develops a research agenda for responsible AI recruitment.
	 2, 3

	97
	Ore, O.; Sposato, M.
	2022
	Opportunities and risks of artificial intelligence in recruitment and selection
	10 recruiters
	AI recruitment
	Fortune 500 manufacturing MNC
	Qualitative interview study.
	Recruiters described efficiency opportunities alongside concerns about bias, transparency, human judgement and implementation.
	2 , 3

	98
	Malik, A.; Budhwar, P.; Patel, C.; Srikanth, N.R.
	2022
	Artificial intelligence in human resource management
	10 interview participants
	AI-enabled HRM
	Indian subsidiary
	Qualitative case study.
	Shows how AI-enabled HRM can reshape HR processes while requiring organisational capability, employee acceptance and human–AI collaboration.
	 2 ,3

	99
	Charlwood, A.; Guenole, N.
	2022
	Can HR adapt to the paradoxes of artificial intelligence?
	No original participants
	AI and HRM
	Organisational HRM
	Conceptual/review article.
	Examines tensions created by AI in HRM, including efficiency versus fairness and automation versus human judgement.
	2 , 3

	100
	Pan, Y.; Froese, F.J.
	2023
	An interdisciplinary review of AI and HRM
	184 reviewed articles
	AI–HRM research
	Multidisciplinary HRM literature
	Systematic literature review.
	Synthesises interdisciplinary AI–HRM research and identifies theoretical, methodological and contextual directions for future research.
	1, 2 , 3




[bookmark: _Toc241431576]PART 3
Topic- Critical Review of Artificial Intelligence Adoption in Human Resource Management Practices
[bookmark: _Toc241431577]1. Introduction
Artificial Intelligence (AI) is becoming increasingly significant within Human Resource Management (HRM), influencing recruitment, selection, workforce planning, performance management, training and employee engagement. The evidence mapped in Part 2 demonstrates that research has moved beyond considering where AI might be used towards examining how organisations adopt and manage AI technologies. The literature identifies advantages including efficiency, automation and improved decision support, but also raises concerns regarding employee acceptance, skills, privacy, bias, transparency and human judgement.
This diversity makes AI adoption in HRM more than a technological issue. Agarwal (2023) identifies organisational preparedness, perceived benefits and technological readiness as adoption-related factors, while Islam et al. (2022) demonstrate the relevance of technology-acceptance factors among HR professionals. Other studies emphasise ethical and employee-related concerns, including fairness, privacy and human oversight. The evidence suggests that AI adoption involves interactions between technology, organisations and people.
This review addresses three objectives: to examine the evolution of AI adoption within HRM (RO1); critically evaluate the major theoretical perspectives explaining AI adoption (RO2); and identify technological, organisational and specific employee-related factors influencing adoption (RO3). These objectives are consistent with those established in Part 1.

[bookmark: _Toc241431578]2. Literature Review
[bookmark: _Toc241431579]2.1 Theoretical Foundation
A major feature of the evidence is theoretical diversity. The Part 2 matrix identifies 40 of the 100 studies as contributing to Objective 2, indicating that theoretical explanation forms a substantial part of the evidence base. However, the studies do not rely on one common framework. Instead, they approach adoption through individual technology acceptance, technological and organisational readiness, strategic perspectives and ethical considerations.
Technology Acceptance Model
The Technology Acceptance Model (TAM), developed by Davis (1989), explains technology acceptance primarily through perceived usefulness and perceived ease of use. Its relevance to AI-HRM is supported by studies in Part 2. Khan, Khan and Aslam (2024), for example, found that HR readiness, relative advantage, usefulness and ease of use were positively associated with AI adoption intention. Similarly, Gârdan et al. (2025) found that perceived utility positively influenced attitudes towards AI and that positive attitudes strongly influenced usage intention. 
TAM is therefore useful for understanding individual acceptance. However, it has limitations for explaining organisation-wide AI adoption because organisational implementation also involves resources, infrastructure, management support, governance and strategic decisions.
UTAUT and Related Acceptance Perspectives
[bookmark: _Toc241431580]The evidence also includes broader technology-acceptance perspectives. Islam et al. (2022) studied 283 HR professionals using UTAUT and found support for most proposed relationships concerning AI recruitment adoption, although perceived credibility was not significant. Revillod (2025) similarly found that performance expectancy, effort expectancy and social influence were positively associated with acceptance of HR AI tools.
These studies extend the acceptance discussion beyond usefulness. Nevertheless, their focus remains on user perceptions and behavioural acceptance, meaning wider organisational conditions require additional theoretical explanation.
Organisational and Integrated Perspectives
Several studies address this limitation by considering technology alongside organisational conditions. Kaur, Rekha and Vikas (2021) propose an integrated TOE–TAM framework, although the model was not empirically tested. Agarwal (2023) provides evidence that organisational preparedness, perceived benefits and technological readiness support adoption. Tuffaha and Perello-Marin (2022) identify compatibility, relative advantage, complexity, managerial support, government involvement and vendor partnerships as potential adoption determinants.
Institutional Theory provides another perspective by explaining how organisations may respond to regulatory, professional and competitive pressures (DiMaggio and Powell, 1983). Strategic perspectives position AI adoption within organisational transformation. Chowdhury, Budhwar and Wood (2024) propose a strategic HRM framework involving business alignment, resource orchestration, learning and responsible workforce development.
Overall, the evidence addressing RO2 indicates that no single theory fully explains AI-HRM adoption. Individual acceptance theories explain employee and user perceptions, whereas organisational and institutional perspectives explain aspects of readiness and context. The fragmentation of these perspectives suggests a theoretical gap concerning how individual, technological and organisational factors interact during AI adoption.
2.2 Defining Key Terms
Artificial Intelligence
Artificial Intelligence broadly refers to technologies capable of undertaking functions associated with human intelligence, including learning, prediction, classification, pattern recognition and decision support. Within HRM, these technologies can support recruitment, employee assessment, workforce planning and other HR activities. Strohmeier and Piazza (2015), for example, conceptually examine how AI techniques can be matched with HRM tasks and support HR decision-making. 
AI Adoption
Within this review, AI adoption refers to the acceptance, introduction and integration of AI technologies into HRM activities. Adoption is broader than awareness or experimentation. Khan, Hussain and Ahmad (2023), for example, found that few participating multinational firms had fully integrated AI into recruitment and identified organisational readiness as a significant challenge. 
Human Resource Management
Human Resource Management (HRM) refers to the organisational practices and processes concerned with managing employees and employment-related activities (Armstrong and Taylor, 2023). In this review, AI-HRM specifically refers to the adoption and application of AI technologies across HR functions, including recruitment, performance management, training and workforce planning. The Part 2 evidence covers recruitment, performance management, training, workforce planning and other HR activities, demonstrating the breadth of this concept.

[bookmark: _Toc241431581]3. Methodology
[bookmark: _Toc241431582]3.1 Selected Literature Review Approach
This study adopts a Scoping Review as its sole review methodology. As established in Part 1, this approach is appropriate because AI-HRM research is broad, heterogeneous and represented through different methodologies, theoretical perspectives and organisational settings. Scoping reviews are particularly useful for mapping the extent and characteristics of evidence in developing research fields (Arksey and O'Malley, 2005; Peters et al., 2020). The approach therefore supports the objectives of examining the development, theoretical foundations and adoption factors represented within AI-HRM research. 
[bookmark: _Toc241431583]3.2 PCC Framework
The review boundaries were structured using the Population–Concept–Context (PCC) framework (Peters et al., 2020).
	PCC Component
	Application to the Present Study

	Population
	Employees, HR professionals, HR managers and organisations represented in eligible studies

	Concept
	AI adoption and application within Human Resource Management

	Context
	HRM practices and organisational settings


The PCC framework helped maintain a clear focus on AI adoption within HRM rather than expanding the review into the broader field of Artificial Intelligence. It also allowed evidence from different HR functions and organisational settings to be considered.
[bookmark: _Toc241431584]3.3 Journal/Data Retrieval Process
The literature search was structured around AI and HRM. Search terms included combinations of “Artificial Intelligence”, “AI”, “machine learning”, “generative AI”, “Human Resource Management”, “HRM”, “human resources”, “AI adoption”, “technology adoption”, “implementation”, “acceptance” and “integration”. Related terms were connected using OR, while the main concepts were combined using AND.
Google Scholar was used to identify potentially relevant literature. Titles and abstracts were initially screened, followed by full-text examination of relevant papers. Studies were retained where AI formed a substantive part of the HRM discussion and contributed to at least one research objective. The selected evidence was then charted in the Part 2 matrix according to population, concept, context, methodology, findings and relevant objective. The final evidence matrix contains 100 studies.
[bookmark: _Toc241431585]3.4 PRISMA-ScR
The review follows the PRISMA Extension for Scoping Reviews (PRISMA-ScR) developed by Tricco et al. (2018). PRISMA-ScR supports transparent reporting of scoping reviews by documenting elements including eligibility criteria, information sources, search strategy, study selection and data charting (Tricco et al., 2018).
The final confirmed evidence base contains 100 studies. A PRISMA-ScR flow diagram should present the identification, screening, eligibility and inclusion stages. Where earlier search counts were not formally recorded, they should not be retrospectively presented as exact figures. This avoids creating unsupported methodological information while maintaining transparency.
IDENTIFICATION
Google Scholar search 
17 result pages reviewed
Records identified/screened: approximately n = 170
↓
SCREENING
Titles and abstracts screened: approximately n = 170
Records excluded: approximately n = 50
Duplicate removal: not separately recorded
↓
ELIGIBILITY
Full-text papers assessed for eligibility: approximately n = 120
Full-text papers excluded: n = 20
Reason: HRM-related papers that did not substantively focus on AI
↓
INCLUDED
Studies included in the scoping review: n = 100
Studies charted in the Part 2 evidence matrix: n = 100
This also reconciles mathematically: 170 − 50 = 120, and 120 − 20 = 100.

[bookmark: _Toc241431586]4. Analysis and Discussion
[bookmark: _Toc241431587]4.1 Development of AI Adoption Research in HRM - RO1
The Part 2 evidence demonstrates a clear development in AI-HRM research. Earlier studies were frequently conceptual and focused on identifying possible applications of AI. Strohmeier and Piazza (2015), for example, explored how AI techniques could support HRM tasks, while Murgai (2018) discussed AI as a mechanism for supporting HR decisions and transforming HR processes. 
Later research increasingly examines implementation and adoption conditions. Agarwal (2023) empirically examines organisational preparedness and technological readiness, while Nawaz et al. (2024) investigate AI adoption among 274 IT employees and report relationships involving accuracy, computing capacity, personalisation and time/cost savings. More recent studies also address generative AI, responsible implementation and strategic integration.
RO1 therefore reveals a movement from asking primarily where AI can be applied towards examining how and under what conditions AI can be adopted and integrated into HRM. Nevertheless, development remains uneven because studies cover different HR functions, sectors and organisational contexts.
[bookmark: _Toc241431588]4.2 Theoretical Patterns - RO2
RO2 is supported by 40 studies in the Part 2 matrix coded as contributing to Objective 2. These studies demonstrate that theoretical explanation is distributed across several perspectives rather than organised around one dominant model.
For example, Khan, Khan and Aslam (2024) focus on readiness, usefulness and ease of use; Kaur, Rekha and Vikas (2021) integrate TOE and TAM; Islam et al. (2022) employ UTAUT; and Agarwal (2023) examines organisational preparedness and technological readiness. Collectively, these findings demonstrate that adoption involves both individual perceptions and organisational capabilities.
The theoretical evidence therefore complements rather than replaces different perspectives. Acceptance theories provide stronger explanations of user attitudes, while organisational frameworks capture readiness and resources. Institutional and strategic perspectives broaden the analysis further by considering external pressures and organisational transformation. The absence of a consistently integrated perspective across these levels is an important finding from the review.
[bookmark: _Toc241431589]4.3 Technological and Organisational Factors - RO3
Technological factors repeatedly identified in Part 2 include usefulness, compatibility, automation, technological readiness, infrastructure and perceived performance benefits. Nawaz et al. (2024), for example, found that accuracy, computing capacity and personalisation were associated with time and cost savings. 
However, technological capability alone does not guarantee adoption. Organisational preparedness, leadership, skills, culture and financial resources also appear important. Madanchian and Taherdoost (2025), for example, identify change resistance, data security and integration costs as barriers, while leadership and culture operate as enablers. Abbasi et al. (2025) similarly identify data-confidentiality concerns, implementation costs, inadequate infrastructure and resistance linked to fear of job loss. 
The evidence therefore suggests that technological and organisational readiness should be examined together rather than as independent conditions.
[bookmark: _Toc241431590]4.4 Specific Employee-Related Factors - RO3
Part 2 also enables the broad category of “employee-related factors” to be made more specific. Employee acceptance, trust, skills, perceived usefulness, fear of job displacement, fairness perceptions and attitudes towards AI appear across the evidence.
Shin, Choi and Kim (2025), for example, found that AI involvement in HR decision-making increased perceived dehumanisation and negative employee reactions. Bankins et al. (2022) similarly found differences in perceptions of respectful treatment when comparing human and AI-related HR decisions. 
These findings show why employee-related factors should not be represented as one general variable. Acceptance, trust, perceived fairness, skills and reactions to reduced human involvement represent distinct dimensions that can shape implementation.
[bookmark: _Toc241431591]4.5 Ethical and Responsible AI Adoption - RO3
Ethical concerns cut across technological, organisational and employee-related dimensions. The Part 2 evidence repeatedly identifies bias, privacy, fairness, transparency and accountability. Hunkenschroer and Luetge (2022), for example, identify concerns involving bias, transparency, privacy and accountability in AI-enabled recruitment and selection. Tambe, Cappelli and Yakubovich (2019) similarly identify data, fairness, accountability and employee-reaction challenges.
This creates an important tension within AI-HRM adoption. AI may improve efficiency and decision support, but technological efficiency does not automatically make an HR decision fair, transparent or trusted. Ethical governance and human oversight should therefore be considered part of adoption itself rather than issues arising only after implementation.

[bookmark: _Toc241431592]5. Research Gaps and Contribution
Several gaps emerge from the review. First, there is a theoretical gap. Although 40 studies in Part 2 contribute to RO2, they employ different theoretical and conceptual perspectives, with limited integration between individual acceptance, organisational readiness and wider institutional conditions.
Second, there is a methodological and contextual gap. The evidence includes conceptual papers, reviews, surveys, qualitative studies and bibliometric analyses conducted across different sectors and countries. This provides breadth but limits direct comparison and suggests a need for more context-sensitive empirical investigation.
Third, the evidence reveals an employee-related gap. Employee acceptance, trust, skills, fairness perceptions, dehumanisation and fear of job displacement are present in the literature but are often investigated separately. Future research could examine how these employee responses interact with organisational readiness and implementation decisions.
Finally, an ethical gap remains. Bias, privacy, transparency, accountability and human oversight are increasingly discussed, but they are not consistently integrated into models explaining adoption.
The contribution of this review is therefore to bring together the theoretical, technological, organisational, employee-related and ethical dimensions of AI-HRM adoption. The evidence suggests that AI adoption should be understood as a multilevel organisational process rather than simply the introduction of technology.

[bookmark: _Toc241431593]6. Conclusion and Limitations
This scoping review demonstrates that AI adoption in HRM is a developing and multidimensional research area. The literature has evolved from broad conceptual discussion of AI applications towards increasing examination of adoption, organisational integration, employee responses and responsible implementation.
The findings also demonstrate that no single factor or theory sufficiently explains adoption. Technological benefits interact with organisational readiness, while employee acceptance, skills, fairness and trust influence how AI is experienced and implemented. The 40 studies contributing to RO2 further demonstrate substantial theoretical interest, but also reveal fragmentation across individual, organisational and institutional perspectives.
The principal limitation is the heterogeneity of the evidence. Studies differ considerably in methodology, population, organisational context and AI application, making direct comparison difficult. In addition, the review is dependent on its search strategy and available search records. The findings should therefore be interpreted as a structured map of the existing evidence rather than a definitive assessment of AI effectiveness.
Overall, the review identifies a need for more integrated research examining how technological readiness, organisational capability, employee responses and responsible governance interact in shaping AI adoption within HRM.
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