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[bookmark: _Toc1589883289]Executive Summary
This report evaluates how Business Intelligence (BI) can improve decision-making and operational performance at IKEA through the integration of data warehousing, data mining, predictive analytics, reporting, and dashboard solutions. As one of the world’s largest furniture retailers, IKEA generates large volumes of data from physical stores, e-commerce platforms, supply chain operations, and customer interactions. Effectively managing and analysing this information enables the organisation to make faster, evidence-based, and strategic decisions. The report explains how a centralised data warehouse improves data quality and accessibility, while data mining techniques identify meaningful patterns that support customer insights, inventory management, and operational efficiency. Predictive analytics is examined as a tool for forecasting customer demand and optimising stock levels, with Microsoft Power BI recommended for its forecasting capabilities, interactive dashboards, and real-time visualisation. A simulated Microsoft Excel dataset was also analysed using correlation, regression, and pivot table techniques to demonstrate how analytical methods can support business decision-making. In addition, the report discusses the importance of ethical data management, cybersecurity, GDPR compliance, and effective dashboard reporting in supporting reliable Business Intelligence systems. The findings indicate that combining high-quality data governance with appropriate analytical tools enables IKEA to improve operational efficiency, customer satisfaction, and long-term strategic performance. Overall, the report concludes that Business Intelligence provides a competitive advantage by transforming organisational data into actionable insights that support sustainable growth and informed managerial decision-making.
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[bookmark: _Toc587464315]1.0 Introduction
In today’s highly competitive retail industry, organisations rely on Business Intelligence (BI) to transform data into valuable insights that support strategic and operational decision-making (Sharda et al., 2023). IKEA, one of the world’s leading home furnishing retailers, operates in multiple countries and manages extensive data generated from physical stores, e-commerce platforms, supply chain operations, warehouses, and customer interactions. Therefore, effective data management has become essential to maintaining operational efficiency and delivering a high-quality customer experience.
This report examines how Business Intelligence (BI), Data Warehousing (DW), Data Mining (DM), and Predictive Analytics can support IKEA’s strategic decision-making. It critically evaluates current BI trends, explores how a data warehouse can improve organisational performance, recommend appropriate data mining techniques and predictive analytics tools, and discuss ethical, security, and dashboard reporting considerations relevant to the organisation.













[bookmark: _Toc392428474]2.0 Current Trends in Business Intelligence, Data Warehousing, and Data Mining
Business Intelligence (BI), Data Warehousing (DW), and Data Mining (DM) are essential technologies that enable organisations to transform large volumes of data into valuable insights for strategic decision-making. Business Intelligence refers to the processes, technologies, and tools used to collect, analyse, and present business data to support informed managerial decisions (Sharda, Delen, Turban, 2024). A data warehouse is a centralised repository that integrates data from multiple organisational sources, providing consistent historical information for reporting and analysis (Kimball and Ross, 2013). Data mining complements these technologies by discovering hidden patterns, and relationships within large datasets to improve business performance and support predictive decision-making (Han, Pei and Tong, 2022).
Current BI is driven by cloud computing, artificial intelligence (AI), machine learning, and real-time analytics. Cloud-based data warehouses enable organisations to store and process large datasets efficiently, reducing infrastructure costs. AI-powered analytics automate data analysis, identify anomalies, and generate predictive insights that improve operational performance and customer experience (Sharda et al., 2024).
Furthermore, the Kimball Data Warehouse Architecture supports dimensional modelling for efficient reporting, while the CRISP-DM framework provides a structured methodology for developing effective data mining projects. Consequently, modern BI enables IKEA to improve strategic planning, operational efficiency, and data-driven decision-making in an increasingly competitive retail environment.
However, adopting modern Business Intelligence technologies alone does not guarantee better organizational performance. BI effectiveness depends on the quality, accuracy, and timelessness across the organization. For IKEA, poor data quality or fragmented information from different stores and supply chain systems reduce forecasting accuracy and lead to ineffective decision-making. Therefore, alongside investing in BI technologies, IKEA should strengthen its data governance, data quality management, and employee capabilities as organisations that effectively use analytics gain a stronger competitive advantage (Paulino, 2022).
Although cloud-based BI and AI-driven analytics offer significant advantages in scalability, speed, and predictive capability, organisations such as IKEA must also address challenges including data quality, integration complexity, cybersecurity risks, and employee training. Therefore, successful BI implementation depends not only on technology adoption but also on effective governance, organisational readiness, and continuous data management.
[bookmark: _Toc763553155]3.0 Data Warehousing at IKEA
A data warehouse is a centralised repository that consolidates data from multiple organisational systems into a single source for reporting and analysis. Unlike operational databases that support daily business transactions, a data warehouse stores historical and integrated data, enabling managers to analyse business performance and make informed strategic decisions (Kimball and Ross, 2013). As global organisations  generate increasing volumes of structured and unstructured data, data warehousing has become a critical component of Business Intelligence by providing reliable information for decision-making. 
[bookmark: _Int_gINLVgtQ]For IKEA, a data warehouse would integrate information from multiple operational sources, including physical stores, e-commerce platforms, warehouse management systems, supplier databases, logistics operations, and customer loyalty programmes such as IKEA Family. Rather than analysing  data sources separately, a centralised data warehouse enables managers to access accurate, consistent information through a single platform. This integration improves organisational visibility and allows decision-makers evaluate business performance across different countries, stores, and product categories more effectively.
One major advantage of data warehousing for IKEA is improving inventory management. As a global home furnishing retailer, IKEA must maintain the right stock levels while responding quickly to changing customer demand. Historical sales data combined with current inventory information allows managers to identify purchasing trends, forecast seasonal demand, and minimise stock shortages or excess inventory. Consequently, improved inventory visibility enhances customer satisfaction and supply chain efficiency. 
Furthermore, an integrated data warehouse supports strategic decision-making by supporting faster, more accurate reporting. Managers can monitor KPIs, including sales performance, product availability, supplier reliability, delivery times, and customer purchasing behaviour through BI dashboards. These insights support proactive rather than reactive decision-making.  However, poor-quality data can reduce the accuracy of Business Intelligence reports. Integrating multiple data sources requires significant investment, effective data governance, and continuous maintenance to ensure data quality and consistency. Therefore, IKEA should continue investing in cloud-based data warehousing supported by strong data governance policies and employee training to maximise the value of organisational data while strengthening long-term strategic decision-making.

Figure 1 illustrates how IKEA’s operational data are integrated into a data warehouse to support Business Intelligence and strategic decision-making.
[image: ]Figure 1. Proposed Business Intelligence Framework for IKEA (Source: Author, 2026).
A centralised data warehouse improves reporting accuracy by integrating information from multiple sources into a single repository. However, implementing a data warehouse requires substantial financial investment, skilled personnel, and continued maintenance. In addition, poor data quality from the source system may reduce the reliability of analytical results despite having a sophisticated data warehouse (Inmon, 2005).

[bookmark: _Toc736147538]4.0 Data Mining Techniques at IKEA
Data mining is the process of analysing large datasets to discover meaningful patterns, relationships, and trends that support organisational decision-making (Han, Pei and Tong, 2022). Within a Business Intelligence environment, data mining enables organisations to move beyond descriptive reporting by generating insights that improve operational efficiency, customer understanding, and future business planning. For a global retailer such as IKEA, where millions of customer transactions occur across physical stores and digital platforms, applying appropriate data mining techniques can significantly enhance strategic decision-making. 
One suitable data mining technique for IKEA is classification. Classification uses historical data to categorise records into predefined groups, enabling organisations to predict future outcomes. For example, IKEA can analyse customers’ previous purchasing behaviour, demographics, and shopping frequency to identify those who are more likely to purchase specific product categories, such as bedroom furniture or home office solutions. These insights enable IKEA to develop targeted marketing campagins  improve personalised recommendations and allocate inventory more effectively across different store locations (Wamba et al., 2017).
Another valuable technique is association rule mining, which identifies products that are frequently purchased together. By analysing transaction data, IKEA can discover purchasing patterns such as customers who buy dining tables, also purchasing dining chairs, lighting products, or home accessories during the same shopping journey. These relationships enable IKEA to improve product placement, create bundled promotional offers, and enhance recommendation systems on its online platform. Consequently, association rule mining supports increased sales while improving the overall customer shopping experience. 
 Although data mining provides valuable business insights, its effectiveness depends on the availability of accurate, complete, and well-governed data. Poor data quality or biased datasets may lead to inaccurate predictions and inappropriate business decisions. Therefore, IKEA should combine robust data governance practices with advanced data mining techniques to ensure reliable insights that support strategic planning and sustainable business growth. Furthermore, some data mining models are difficult for managers to interpret, reducing transparency in decision-making. 
[bookmark: _Toc1299763704]5.0 Predictive Analytics at IKEA 
Predictive analytics uses historical data, statistical models, and machine learning techniques to forecast future events and support proactive decision-making (Khan, 2025; Sharda, Delen and Turban, 2023). Unlike traditional reporting, predictive analytics enables organisations to anticipate future customer behaviour, market trends, and operational challenges. As retail environments become increasingly dynamic, predictive analytics helps organisation make informed strategic decisions. Chen et al. (2025) further show that business intelligence can support predictive models in retail and distribution, enabling organisations to improve forecasting, operational planning and decision-making in the context of industry.
For IKEA, predictive analytics can significantly improve demand forecasting, inventory management, and supply chain planning. By analysing historical sales data, seasonal purchasing patterns, promotional activities, and customer preferences, IKEA can predict future product demand more accurately. This enables IKEA to optimise stock levels, reduce inventory shortages, minimise excess stock, and improve product availability across both physical stores and online channels. Accurate forecasting strengthens supplier planning and logistics operations, resulting in lower operational costs and improved customer satisfaction.
This report recommends Microsoft Power BI as the primary BI platform. Power BI provides interactive dashboards, forecasting capabilities, and real-time visualisation Microsoft (2024), enabling managers to monitor key performance indicators and identify emerging business trends. Its integration with cloud-based data platforms also supports collaboration across departments and improves the accessibility of business insights. However, predictive models are only as reliable as the quality of the data on which they are built. Therefore, IKEA should ensure effective data governance, regular model evaluation, and continuous employee training to maintain the accuracy and reliability of predictive decision-making.
Figure 2. Simulated Raw Dataset Used for Correlation, Regression and Pivot Table Analysis (Microsoft Excel).
[image: ]Figure 3. Correlation Matrix (Microsoft Excel). Showing Relationship among variables.
[image: ]Figure 4. Regression Analysis Output Showing the Relationship Between Ad Spend and Unit Sold (Microsoft Excel).
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Figure 5. Pivot Table Summary Generated in Microsoft Excel,  Summarizsng Monthly Ad Spend, Unit Sold, Revenue, and Customer Satisfaction.
[image: ]
Predictive analytics supports demand forecasting and inventory planning. However, predictive models rely heavily on historical data and may not accurately predict sudden
Market changes. Consequently, predictive analytics should complement managerial judgement rather than replace it.
[bookmark: _Toc1220547]6.0 Ethical and Data Security Considerations
As organisations increasingly rely on Business Intelligence and data analytics, ethical responsibility and data security have become fundamental to effective decision-making. Retail organisations like IKEA collect large volumes of customer, employee, supplier, operational data through online platforms, loyalty programmes, and in-store transactions. Consequently, ensuring the responsible use and protection of this information is essential for maintaining customer trust and regulatory compliance.
One of the most significant ethical considerations is the protection of personal data in accordance with the General Data Protection Regulation (European Union, 2016). IKEA must ensure that customer information is collected transparently, processed lawfully, and used only for legitimate business purposes. Customers should be informed about how their data is collected, stored, and analysed, while retaining the right to access or request the deletion of their personal information where appropriate. In addition, IKEA should implement role-based access control, data encryption, and multi-factor authentication for sensitive information. Regular cybersecurity audits and employee training can reduce the risk of both external cyberattacks and internal data misuse. These measures strengthen data security while supporting compliance with GDPR.
In addition to legal compliance, robust cybersecurity measures are necessary to protect organisational data from cyberattacks, unauthorised access, and data breaches. However, technology alone cannot eliminate security threats. Employees must receive continuous training to minimise human error and promote responsible data handling practices. Therefore, IKEA should combine strong data governance with ethical leadership and comprehensive security controls to ensure that Business Intelligence supports sustainable and trustworthy decision-making.
[bookmark: _Toc1215293397]7.0 Dashboard Solutions
Business Intelligence dashboards provide managers with visual representations of organisational performance, enabling faster interpretation of complex business data and supporting evidence-based decision-making (Watson, 2017). Rather than reviewing lengthy reports or spreadsheets, dashboards present real-time information through charts, graphs, and key performance indicators (KPIs), allowing decision-makers to monitor business performance efficiently (Sharda, Delen and Turban, 2023).
For IKEA, an interactive Business Intelligence dashboard developed using Microsoft Power BI would provide comprehensive visibility across retail operations. The dashboard could integrate data from physical stores, e-commerce platforms, warehouses, and supply chain systems to display important performance indicators such as total sales revenue, inventory availability, stock turnover, product demand, supplier performance, delivery times, and customer satisfaction. By presenting these metrics within a single visual platform, managers can quickly identify emerging trends, operational issues, and opportunities for improvement.
Furthermore, dashboard reporting enables proactive rather than reactive decision-making. For example, a sudden decline in product availability or an unexpected increase in customer demand can be identified immediately, allowing managers to respond before these issues significantly affect business performance. However, dashboards should be designed to display only relevant and reliable information, as excessive or poor-quality data may reduce decision-making effectiveness. Therefore, IKEA should implement user-friendly dashboard solutions supported by accurate data governance to improve strategic planning and operational performance across the organisation.














[bookmark: _Toc1159420165]8.0 Conclusion
 Business Intelligence has become a fundamental capability for organisations seeking to improve strategic decision-making in increasingly competitive business environments. This report has demonstrated that the effective integration of Business Intelligence, Data Warehousing, Data Mining, and Predictive Analytics can significantly enhance IKEA’s operational efficiency, customer insights, inventory management, and long-term business performance. By consolidating organisational data into a centralised data warehouse, applying appropriate data mining techniques, and utilising predictive analytics supported by interactive dashboards, IKEA can make faster, more accurate, and evidence-based decisions.
However, technological investment alone is insufficient to guarantee successful Business Intelligence implementation. Sustainable success also depends on high-quality data governance, ethical data management, cybersecurity, and continuous employee development. Therefore, IKEA should continue strengthening its Business Intelligence capabilities through cloud-based technologies, strong data governance, and continues analytical innovation to maintain its competitive advantage and support sustainable growth in the global retail market (Sharda, Delen and Turban, 2023).
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[bookmark: _Toc689060767]Appendices
Appendix A. Simulated raw dataset (Microsoft Excel)
Simulated dataset used to perform the Excel analyses presented in this report.
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Appendix B Correlation Matrix (Microsoft Excel)
Correlation matrix showing the relationship between Ad Spend, Unit Sold, Revenue, and Customer Satisfaction.
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Appendix C Regression Analysis Output (Microsoft Excel)
Regression analysis output examining the relationship between Ad Spend and Unit Sold using Microsoft Excel.
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Appendix D. Pivot Table Summary (Microsoft Excel)
Pivot Table summarizing monthly Ad Spend, Unit Sold, Revenue, and Customer Satisfaction generated using Microsoft Excel.
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