1










Contents
Introduction	2
Problem statement	2
Research aim	3
Research objectives	3
Research questions	3
Critical literature review	3
Research methodology and design	5
Reliability, validity and ethics	5
Business relevance and practical implications	7
Proposed timetable	8
References	9
















[bookmark: _Toc233564133]Introduction 
Generative AI's importance in professional services continues to grow as it assists with text generation, document summarisation, information organisation, and research. But using those tools doesn't necessarily result in business value. They can be effective if they are based on real operational needs, are aligned with current processes, are comprehensible to the employees and are managed responsibly (Banh and Strobel, 2023). This proposal will target Grunberg, a London based accountancy, audit, tax and business advisory firm with over 80 professionals. The firm become part of the Xeinadin Group in 2026, which helped it expand its expertise and operational resources, while at the same time maintaining its current client base (Grunberg, 2026). Generative AI can help with repetitive communication, summarising documents, in-house research, and creating initial drafts. However, accounting and audit work is linked with confidential information of the client, professional judgement and responsibility to regulatory bodies. If the outputs are not accurate, if information is disclosed inappropriately or if too much information is given through automation, it can be detrimental to the quality of the service and to the client’s confidence. So, the question is not just whether Grunberg should use generative AI, but how it can determine where it is useful, how it can train its staff and put in place safeguards. This renders the problem contemporary, intricate and of strategic importance.
[bookmark: _Toc233564134]Problem statement
While AI usage is on the rise across the UK in the professional services sector, organisations still have challenges around employee capability, lack of business value, cost, information security, trust and regulation (DSIT,2026). There is limited publicly available information regarding Grunberg's organisational readiness, employees' current adoption of generative AI, or the conditions required for successful implementation.
With the integration into Xeinadin, Grunberg might have more access to technological know-how and resources. Adoption decisions, however, should be driven by evidence provided by the organisation and not by the general industry enthusiasm (OECD,2025). If there is no assessment system in place, use can be disjointed, uncoordinated or uncontrolled. Too much caution may also restrict the firm's ability to make efficiency and competitiveness enhancements. Therefore, a study is needed to assess the barriers, enablers and perceived consequences of adoption prior to widespread adoption
[bookmark: _Toc233564135]Research aim
This research aims to investigate the technological, organisational and environmental factors influencing responsible generative AI adoption at Grunberg and assess its perceived implications for employee productivity and client service quality.
[bookmark: _Toc233564136]Research objectives
· To assess employees' awareness, current use and perceptions of generative AI at Grunberg. 
· To identify the main technological, organisational and environmental barriers and enablers affecting generative AI adoption in the company. 
· To examine employees' and managers' views of the effects of generative AI on productivity and client service quality. 
· To develop evidence-based recommendations for responsible implementation of generative AI. 
[bookmark: _Toc233564137]Research questions
· What is the current level of generative AI awareness and use at Grunberg? 
· Which technological, organisational and environmental factors enable or restrict adoption? 
· How do employees and managers perceive the effects of generative AI on productivity and client service quality? 
· What governance, training, and implementation measures should Grunberg introduce? 
[bookmark: _Toc233564138]Critical literature review
Generative AI is frequently marketed as a huge chance for SMEs as it can help with communication, research, and content creation and routine administration (Banh and Strobel, 2023). The findings regarding SMEs are mostly positive, indicating that generative AI can enhance employee productivity, alleviate workload pressures and fill the skills gap of smaller companies (Sánchez, Calderón and Herrera, 2025). But these facts and figures should not be taken at face value. The majority of it comes from cross-sectoral and does not demonstrate a productivity impact attributable to AI. There could be an equal component of productivity coming from the capabilities of more digitally mature companies, which might be the first to make use of AI (OECD, 2025). So don't think that faster task completion equals better organisational performance, particularly where AI generated content needs checking, editing, or rework.
This distinction has a great significance in accountancy. There is some literature that suggests that generative AI could be helpful for summarising documents, first drafts, internal research and data analysis, potentially increasing efficiency and responsiveness for clients (Banh and Strobel, 2023). However, professional advice is more careful as the work of an accountant requires confidentiality and accuracy, which require professional judgement and accountability as well (ICAEW, 2023). ICAEW emphasizes that accountants are still held accountable for the final product and will need to exercise professional scepticism when using AI-generated content. This leads to a conflict in the literature with studies focusing on technology highlighting automation and productivity, and professional body literature discussing risks including hallucination, bias, data privacy and over-reliance. That translates for Grunberg to productivity as well as accuracy, rework, client trust and compliance, rather than just time saving.
It is useful to analyse these issues using the Technology–Organisation–Environment framework. Technological aspects involve usefulness, compatibility, complexity, reliability and security (Tornatzky and Fleischer, 1990). While convenient, public tools may not be attractive for responsible adoption with their own secure licences, staff training, integration with existing systems and quality-control processes. This means the actual price of the adoption is higher than the price of subscription fees (DSIT, 2026). Organisational dimension involves leadership, resources, skills, culture and governance. Clear leadership can make it easier to set acceptable uses and allocate resources, but unclear leadership can lead to informal and/or unapproved use. Training should extend to prompt writing and confidentiality, bias, verification and limitations of professional judgement (ICAEW, 2023). Other fears that employees may have include the fear of losing their job, being monitored, or loss of autonomy.
Environmental factors involve regulation, competition and client expectations and professional standards. Despite the pressure on the UK professional and business services sector to utilise AI to stay competitive, barriers exist regarding expertise, safety, transparency and cost (DSIT, 2026). Current studies thus reveal a multitude of adoption factors, yet much of them are of general nature, international or refer to SMEs in general. Evidence of responsible use of generative AI in an accountancy firm of medium size in the UK during its process of organisational change is limited. This study seeks to fill this gap by investigating the interaction between technological, organisational and environmental factors in Grunberg. These perspectives are compared, placing the adoption of AI in a strategic, ethical and organisational context, rather than a purely technical one, focusing on management and quality of service outcomes for clients.
[bookmark: _Toc233564139][bookmark: _Toc233564140]Research methodology and design
A pragmatic approach and a sequential explanatory mixed-methods case-study design will be employed in this study. Pragmatism is appropriate because the study aims to provide practical solutions to an organisational problem and allows the integration of both quantitative and qualitative evidence (Bisaria et al., 2026). The quantitative phase will identify patterns of awareness, AI use, barriers, enablers, and perceived effects on productivity. The qualitative phase will then explore the reasons underlying these patterns.
The study will adopt an abductive approach to reasoning, moving iteratively between existing theory and empirical findings. This approach enables the researcher to interpret the results in light of established theoretical frameworks while remaining open to new insights emerging from the data.
A survey can identify the prevalence of particular opinions but provides limited insight into employees' experiences. Interviews, on the other hand, offer rich and detailed perspectives but cannot determine whether these views are shared across the organisation. Therefore, combining both methods will provide a stronger basis for developing evidence-based recommendations (Cooper and Schindler, 2014).
The target population will consist of Grunberg employees and managers. All employees will be invited to complete an anonymous online questionnaire, subject to organisational permission. The study aims to obtain responses from approximately 40–50 employees, which is considered sufficient to represent different departments and roles within the organisation. Following the survey, around 8 semi-structured interviews will be conducted with purposefully selected participants, including managers, employees from different service areas, frequent AI users, occasional users, and non-users.
Awareness, frequency of use, task applications, perceived usefulness, ease of use, management support, training, perceived risks, employee productivity, and client service quality will be measured using the questionnaire. Most opinion-based questions will use a five-point Likert scale. Semi-structured interviews lasting approximately 30 to 40 minutes will explore appropriate AI use cases, employee concerns, leadership support, organisational capabilities, confidentiality, accuracy, and preferred governance measures (Bisaria et al., 2026).
Survey data will be analysed using Excel or SPSS. Results will be summarised using frequencies, percentages, means, and standard deviations. Spearman's correlation analysis will be used to examine relationships between AI use, organisational support, and perceived productivity, where appropriate. Correlation will not be interpreted as evidence of causation (Gupta and Gupta, 2022).
Interview data will be analysed using thematic analysis, involving systematic coding of interview transcripts and the identification of recurring themes. The quantitative and qualitative findings will then be compared to identify areas of convergence, divergence, and explanation.
Reliability, validity and ethics
The questionnaire will be pilot-tested with a small group of participants to identify unclear wording, repetitive questions, and any technical issues. To ensure content validity, the questionnaire items will be aligned with the research objectives and established technology adoption theories (Taherdoost, 2022). Reliability will be supported through the consistent administration of the questionnaire, and internal consistency will be evaluated for groups of questions measuring the same construct. Where appropriate, the characteristics of respondents will be compared to assess the potential for non-response bias.
In the qualitative phase, the credibility and dependability of the findings will be enhanced through the use of a structured interview guide, a transparent coding process, and the inclusion of diverse participant perspectives. Reflexive notes will be maintained throughout the research process to allow the researcher to consider how personal assumptions may influence the interpretation of findings. Survey findings will also be triangulated with interview data and, where available, relevant organisational documents to strengthen the validity of the study (Gupta and Gupta, 2022).
Data collection will require University ethical approval and formal permission from Grunberg. Participation will be entirely voluntary and based on informed consent. Responses will remain anonymous, stored securely, and reported only in aggregated form. Managers will not have access to information identifying which employees participated in the research (Taherdoost, 2022).
No client names, financial records, or confidential organisational information will be collected. Participants will be informed of their right to withdraw from the study before data are anonymised and analysed. The information collected will be used solely for academic research purposes and will not be used for employee performance evaluation or disciplinary action (Gupta and Gupta, 2022).
The study has several limitations. Employee productivity will be measured through self-reported perceptions rather than objective performance indicators. In addition, the study may be affected by non-response bias, while the findings from a single case study may have limited generalisability. Furthermore, the cross-sectional design captures participants' views at a single point in time during a period of rapid technological development (Taherdoost, 2022). These limitations will be acknowledged when interpreting the findings, and conclusions will be presented as being specific to Grunberg rather than universally applicable.

[bookmark: _Toc233564141]Business relevance and practical implications
The results might provide Grunberg with an indication of where generative AI has sufficient value to merit a controlled rollout. They might be used in preparing internal document summaries, meeting preparation, or writing initial drafts of non-confidential communication (Banh and Strobel, 2023). The study can also result in the introduction of approved systems, restricted data categories, staff training, human-review procedures, and clear accountability.
Management can leverage the results to create an adoption path that is aligned with outcomes such as task completion time, rework time, accuracy, employee workload, and client response time. The research could also help to explain how Xeinadin's broader expertise can contribute to Grunberg's work while maintaining professional standards and local organisational culture (Grunberg, 2026).
The project will further develop the researcher's knowledge of applied business research and how a managerial concern can be transformed into researchable questions, measurable concepts, and a feasible research design (Saunders, Lewis and Thornhill, 2019). It will show how ethical considerations, organisational access, sampling, and methodological constraints can impact the quality of business recommendations.
The study will also enhance the researcher's capacity to differentiate evidence-based conclusions from assumptions made by management. This is significant as recommendations for new technology should be made based on sound organisational evidence as well as trends and expectations (Adams et al., 2007). Findings will be communicated in a practical way, which will further enhance skills relevant to management, consultancy, and organisational decision-making.
[bookmark: _Toc233564142]Proposed timetable
The table below presents the proposed research timetable, outlining the key stages, activities, and estimated timeframe .
Table 1:Proposed research timetable outlining key stages and activities
	Stage
	Activity
	Period

	Preparation
	Literature review and research instrument design
	Weeks 1–2

	Approval
	Organisational permission, ethics and pilot testing
	Weeks 3–4

	Fieldwork
	Questionnaire distribution and interviews
	Weeks 5–6

	Analysis
	Quantitative and qualitative analysis
	Weeks 7–8

	Completion
	Recommendations and final report
	Weeks 9–10
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