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01 - Gannt chart displaying the projected timeline for project completion, detailing each stages proposed start point and duration. 
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01 – Literature review table. Table detailing all literature reviewed during the process of conducting research for the purpose of this project. 
02 – Projected project timeline. Table detailing the intended progress path for the project and the predicted timeline and time allocated for each task, 



1. [bookmark: _Toc238907194]Introduction 
Risk is an inherent element of organisational activity, it is not intrinsically negative, without risk there is no enterprise, but it requires structured consideration and management. Certain enterprise risks, such as those arising from insurance operations, are subject to extensive regulation in the UK - being overseen by both the Prudential Regulation Authority (PRA) and the Financial Conduct Authority (FCA). These regulators set detailed requirements for market conduct and prudential soundness, with significant financial penalties for non‑compliance; for example, the PRA’s enforcement framework has no upper limit on fines, and the most serious infractions (Level 3) begin at £75 million [1].
With risk and regulation comes the need for effective risk management, which provides the mechanisms through which organisations identify, assess, remediate, and monitor enterprise risks to ensure compliance with regulatory frameworks. Risk management is a diverse landscape, it covers issues ranging from meeting regulations through to risk events and horizon scanning – predicting future events such as emerging trends or market changes, which will affect the organisation. For instance, the 2017 government change to the personal injury discount rate (Ogden rate) which was announced 3 weeks prior to its implementation creating significant operational and financial implications for insurers [2]. 
A risk event is an unplanned occurrence that materialises a risk and results in an impact on an organisation’s operations, finances, customers, regulatory compliance, or strategic objectives [3]. A near miss is essentially a risk event which has failed to materialise, either through controls working, human intervention or sheer luck. Risk events are an unwanted but inevitable consequence of operating a business. Risk management functions investigate, remediate, and monitor such incidents in the interests of organisational resilience.
An effective risk management framework relies on regular auditing to assess whether controls are operating as intended and whether they reduce the frequency and severity of risk incidents. Under the widely adopted Three Lines of Defence model, Audit, Risk Owners, and Risk and Compliance operate as distinct layers of control, oversight, and assurance [4]. This research proposes to explore whether additional insight and value can be gained by developing a combined dashboard that integrates audit findings with recorded risk incidents (including both near misses and risk events). The aim is to identify control gaps, generate analytical insights, and assess whether such integration can support the prediction of future incidents or highlight areas requiring targeted audit activity.
The industrial partner for this project will be EUI Ltd, trading as the Admiral Group, specifically within the Claims Audit and Claims Risk functions. The researcher has worked within the Internal Audit, Claims Audit function as a claim’s auditor for the past seven years and has extensive knowledge of reporting requirements, risk processes, and governance expectations. They also have established working relationships with risk owners and the risk event team, providing a strong foundation for access, collaboration, and practical insight throughout the project.






2. [bookmark: _Toc238907195]Background to Research Proposal	
[bookmark: _Toc238907196]2.1 Introduction
Risk management is critical to organisational success, particularly within industries as heavily regulated as insurance or the wider financial services. Despite the importance of risk events and near misses, published academic work examining risk events is limited due to the sensitivity and confidential nature of risk events and their potential financial, operational and reputational consequences. 
Whilst this project is grounded in the risk event and wider risk landscape, its primary focus is analytical: identifying trends, exposing potential control gaps and exploring the potential to predict future patterns through integrated oversight. This literature review therefore examines the academic principles of risk management, audit assurance, incident learning, integrated oversight, and predictive analytics. The gap this project addresses – the lack of research combining audit findings with risk event and near miss data and evaluates analytical methods relevant to the study.  
[bookmark: _Toc238907197]2.2 Regulatory Environment and Enterprise Risk Management
Enterprise risk management (ERM) frameworks emphasise structured identification, assessment, and monitoring of risks across organisational processes. Regulatory bodies such as the PRA and FCA implement strict expectations for operational resilience, incident reporting and control effectiveness such as Solvency UK [5]. Cornwell et al. [6] conducted a systematic review of operational risk analytics across financial services and energy sections, concluding that data-driven approaches are increasingly central to ERM, particularly in risk identification, causal analysis, and predictive modelling. Their work highlights a shift toward quantitative, evidence-based risk oversight, but also identifies that many organisations still rely heavily on siloed datasets. 
The regulatory pressure underscores the need for integrated, transparent risk intelligence. Despite how established ERM frameworks are, the literature reveals limited exploration of how audit findings and risk events can be combined to strengthen oversight. This gap supports the rationale for this project.
[bookmark: _Toc238907198]2.3 Risk Events, Near Misses, and Organisational learning
Near misses – events which could have resulted in harm but did not – are becoming recognised as valuable sources of organisational learning. As’ad [7] developed the NM3 framework, demonstrating how near-miss reporting can generate “decision-grade intelligence” when analysed systematically. Their work emphasises that near misses often outnumber actual incidents, providing richer data for trend identification and predictive insight. 
Predictive Safety Analytics [8] also finds that incident and near-miss dataset are essential inputs for forecasting emerging risk. The guide highlights that organisations with mature or established near-miss analytics demonstrate earlier detection of control failures and more proactive risk mitigation. 
Despite this, the literature shows that near misses are frequently under-reported or under-analysed and rarely integrated with audit findings, demonstrating the gap identified for this project. 
[bookmark: _Toc238907199]2.4 Audit as a control Assurance Mechanism
Internal audit is central in assessing control effectiveness, identifying weaknesses, and providing assurance to leadership teams and regulators.  The 3 lines of defence model positions audit as an independent layer of oversight, separate from risk owners and compliance functions. Research such as ‘A Critical Analysis of Risk Auditing: An Auditor’s Approach’ [9] finds a positive association between high-quality risk disclosures and business performance, reinforcing the value of robust audit processes. M. Noch [9] also highlights the limitations, audit findings are typically reviewed in isolation from operational risk events, meaning organisations may miss correlation between control weaknesses and incident patterns. Cornwell et al. [6] note that while audit data is rich in qualitative insight, it is rarely used in quantitative risk modelling. This separation creates an opportunity for integrated analysis – the gap this project aims to address. 
2.5 Integrated Oversight and Data-Driven Risk Intelligence
Integrated oversight refers to combining multiple sources of organisational data to generate richer insight. Pires & Ferreira [10] demonstrate how AI-powered safety systems integrate diverse datasets to produce dashboards which support real-time decision-making. Their work shows that integrated analytics can reveal patterns not visible within siloed datasets. Cornwell et al [6] similarly argue cross-functional data integration enhances risk quantification and supports more accurate causal analysis. They also note that financial services organisations rarely integrate audit and risk event data, despite the clear potential benefits – demonstrating the gap this project is aimed at: developing a dashboard that combines audit findings with risk events to identify control gaps and emerging risks.
2.6 Predictive Analytics and Emerging Risk Identification
Predictive analytics is increasingly used across industries to anticipate incidents, identify emerging risks, and support proactive intervention. Leong [11] demonstrates how AI-driven predictive models in smart manufacturing use historical incidents, near misses, and contextual data to forecast future accidents. Their work emphasises the importance of explainability and visualisation, key elements for dashboards intended for diverse organisational use.
Predictive Safety Analytics [11] outlines minimum viable datasets for predictive modelling, noting that 2-3 years of incident and near-miss data typically provide sufficient depth for exploratory forecasting. This supports the use of historical data, and the need for caution around predictions and the insight generated.
Despite the advances in predictive modelling, the literature reveals a gap with no mention of it’s use for integrated audit-risk event datasets within the insurance claims environment.
2.7 Synthesis and Gap Analysis
Across the literature, several themes become apparent: 
· Risk management is increasingly data-driven, but datasets are siloed. 
· Near misses are valuable predictive indications but are under-utilised.
· Audit findings contain rich qualitative insight but are rarely analysed alongside risk events.
· Integrated oversight and dashboard are gaining traction, but not within the specific chosen discipline or scope of this project.
· Predictive analytics is expanding across industries but does not yet seem to have been applied to a combined risk-audit function. 
The literature supports there being a clear gap: no existing research examines whether combining audit findings with risk events and near misses can generate additional organisational value, business advantage, identify control gaps or support predictive insight.  
2.8 Conclusion
The literature demonstrates strong foundations in risk management, audit assurance, incident learning and predictive analytics. However, it also reveals a gap in integrated oversight, specifically, the combined analysis of audit findings and risk event and near misses within insurance claims. This project intends to close that gap by developing an integrated analytical dataset and dashboard designed to identify trends, highlight control weaknesses and explore predictive potential. 


[bookmark: _Toc238907200]2.9 Literature review table 
	Author / Source
	  Topic
	Relevance
	Purpose
	Result

	Cornwell et al. [6]
The role of data analytics within operational risk management: A systematic review from the financial services and energy sectors
	Systematic review of operational risk analytics in Financial Services & energy sectors
	Shows risk management is becoming data‑driven; highlights siloed datasets
	Provides justification for integrated oversight and analytical methods
	Organisations benefit from integrated, analytical risk intelligence

	As’ad [7]
Near miss reporting and organizational learning in health care: Conceptual framework development study
	Near‑miss reporting and organisational learning (NM³ framework)
	Demonstrates near misses as predictive indicators
	Supports inclusion of near misses in project dataset
	Near misses provide “decision‑grade intelligence” when analysed systematically

	SmartQHSE [8]
Predictive Safety Analytics 
	Industry guide on predictive safety and incident forecasting
	Shows how incidents + near misses + audit findings feed predictive models
	Supports exploratory predictive analysis in project
	Historical incident data is essential for forecasting emerging risks

	Muhammad Yamin Noch [9]
A critical analysis of risk auditing: An auditor's approach
	Relationship between risk disclosures and business performance
	Shows audit findings have measurable organisational value
	Supports use of audit findings as analytical inputs
	High‑quality audit disclosures correlate with better performance

	Pires & Ferreira [10]
AI‑powered safety: Transforming occupational risk management through predictive intelligence
	AI‑powered occupational risk management and dashboards
	Shows value of integrated dashboards for risk intelligence
	Supports dashboard development 
	Integrated dashboards improve decision‑making and reveal hidden patterns

	Leong [11]
AI‑driven predictive safety analytics for accident prevention in smart manufacturing
	AI‑driven predictive safety analytics in smart manufacturing
	Demonstrates predictive modelling using multi‑source data
	Provides analogy for combining audit + risk event data
	Predictive models require explainability and clear visualisation

	Institute of Internal Auditors (IIA) [12]
Three lines of defence model
	Governance model separating audit, risk owners, compliance
	Shows why audit and risk functions are siloed
	Supports aim to integrate oversight across lines
	Current model creates separation that your project bridges

	G. Monahan [13]
Enterprise Risk Management: A methodology for Achieving Strategic Objectives 
Operational Risk Management Literature (ERM frameworks)
	Risk identification, assessment, monitoring
	Establishes importance of structured risk management
	Supports project aligns with ERM frameworks
	ERM increasingly relies on data‑driven insight

	A. D. Livingstone et al [14]
Incident Learning & Root Cause Analysis Literature
	How organisations learn from incidents
	Shows value of analysing incident patterns
	Supports trend analysis and control gap identification
	Incident patterns reveal systemic control weaknesses

	K. Alles [15]
The evolution of audit analytics: opportunities and challenges
	Machine learning, anomaly detection, audit automation
	Shows audit data can be used analytically, not just qualitatively
	Supports quantitative analysis of audit findings
	Audit datasets are suitable for analytical and predictive modelling

	G. Burstein and I. Zuckerman [16]
A structured causal framework for operational risk quantification: Bridging subjective and objective uncertainty in advanced risk models
	Methods for linking controls to incidents
	Shows how controls relate to risk events
	Supports correlation analysis between audit findings and incidents
	Control weaknesses often correlate with incident frequency

	Table 01 – Literature review table
	
	
	
	



3. [bookmark: _Toc238907201]Aim and Objectives	
[bookmark: _Toc238907202]Research Aim: 
To evaluate whether combining oversight and analysis from the Claims Audit and Claims Risk Event functions can generate additional value by identifying control gaps, reducing future risk events, and supporting the prediction of emerging risks, without introducing onerous new controls that limit business flexibility.
[bookmark: _Toc238907203]Research Objectives: 
· Produce a combined dataset of past and present risk events and past, ongoing and future audits by collecting integrating, structuring, and (where necessary) completing the data into a single analytical dataset suitable for comparative and trend analysis. 
· Analyse the integrated dataset to identify patterns, correlations or discrepancies that may indicate weaknesses or gaps in existing controls.
· Evaluate the insight gained from combined audit and risk event analysis to determine whether it enhances understanding of the drivers of risk events, supports strategies aimed at reducing their future occurrence and highlights emerging risk, potential future incidents or areas requiring targeted auditing. 
· Design and develop an accessible dashboard that visually presents the integrated audit and risk event insights in a format interpretable by staff of all organisational levels 
· Asses whether the combined oversight approach and dashboard deliver additional value without requiring onerous new controls which restrict business flexibility.  
[bookmark: _Toc238907204]4.	Methodology
[bookmark: _Toc238907205]4.1	Research Methodology
4.1.1	Philosophy 
This project adopts a mixed approach, combining positivism and phenomenology. 
The quantitative components (data integration, trend analysis, correlation analysis, predictive exploration) follow a positivism philosophy, as they rely upon observable, measurable data from Claims Audit findings and Claims Risk Events. Positivism is a good fit because it supports objective analysis, statistical evaluation and reproducibility. Its downsides – reduced sensitivity to organisational context is mitigated by complimenting it with qualitative interpretation. 
The qualitative interpretation of audit findings, risk event reports and organisational processes and procedures follow a phenomenological philosophy, as audit findings and risk events contain contextual, human driven insights. Phenomenology allows exploration of meaning, patterns, and organisational behaviours that numerical data alone cannot capture. Its limitation – subjectivity – is addressed through triangulation with quantitative results. 
Utilising both philosophies enables a comprehensive evaluation of whether combined oversight provides additional value and competitive advantage. 
4.1.2	Approach
A mixed deductive – inductive approach will be used. 
The deductive approach applies to the quantitative analysis. The project will start with an assumption derived from literature review and industry practice: That integrating audit and risk event data may reveal additional insight. Deduction allows testing this assumption using structured data analysis. The limitation, a risk of overlooking unexpected findings will be mitigated by the inductive component. 
The inductive approach will be applied to the qualitative interpretation and dashboard development. Patterns emerging from the integrated dataset will inform understanding of control gaps, emerging risks and areas requiring targeted auditing. The Inductive approach allows for exploratory insight and theory building. The limitation of reduced generalisability will be addressed through clear documentation and cross-referencing with quantitative results.
4.1.3	Strategies
4.1.3.1 Literature review (Justification of research strategies)
The literature review will examine academic and industry sources relating to risk management, audit effectiveness, integrated oversight, operational risk events (where possible), predictive analytics and some machine learning. It will justify the use of: 
· Quantitative analytical strategy – Trend analysis, correlation analysis exploratory predictive analysis, supported by literature on operational risk modelling and audit / risk link
· Qualitative analytical strategy – Thematic interpretation of audit findings and risk event logs, supported by literature on organisational learning, control effectiveness and incident analysis. 
· Both strategies are appropriate in this instance as this research requires both measurable evidence and contextual understanding
4.1.3.2 Quantitative analytical strategy 
This strategy will be used to analyse the integrated dataset, identify correlations, detect trends and explore predictive indicators. It supports objective evaluation of whether combined oversight reduces risk events or reveals control gaps. 
4.1.3.3 Qualitative analytical strategy	
This strategy will be used to interpret audit findings, risk event logs and organisational context. It supports understanding of underlying causes, control weaknesses and organisational behaviours that quantitative data alone cannot reveal. 
4.1.4	Risks and Limitations
Potential risks to consider include: 
· Incomplete or inconsistent data. Mitigated through data cleaning, validation and structured integration. 
· Limited access to sensitive company data. Mitigated through engagement with stakeholders and adherence to confidentiality protocols and the use of AI to generate datasets for testing and display outside the business.
· Time constraints. Mitigated through phased planning and prioritisation of essential analysis and production of a minimum viable product. 
· Predictive analysis limitations. Any and all predictive analysis or insights will be clearly identified as such, confirming it is not definitive. 
4.1.5	Ethical Issues 
Ethical considerations include: 
· Handling confidential organisational data securely and in compliance with GDPR. 
· Ensuring no personally identifiable customer or staff information is used. 
· Protecting the reputation of the industrial partner (EUI ltd) by utilising AI generated or anonymising sensitive findings. 
· Ensuring no harm (physical, mental or reputational) occurs to participants, the industrial partner or University of Wales Trinity Saint David (UWTSD). 

4.1.6	Validity, Reliability and Generalisability
4.1.6.1	 Validity
The mixed methods approach is valid as it allows both objective measurement and contextual interpretation. It provides a structured and repeatable way to identify trends, correlations, and potential predictive indicators, while qualitative interpretation supports understanding of the organisational context behind control gaps and event drivers. Together these methods offer a comprehensive means of evaluating where combined oversight from Claims Audit and Claims Risk Event functions can generate additional value and business advantage. 
Utilising a historical dataset strengthens validity by ensuring that analysis is grounded in operational outcomes rather than hypothetical scenarios. Historical data reduces the influence of short term anomalies, supporting more reliable identification of patterns, meaning that predictive analysis will be more conservative and relevant.
4.1.6.2	 Reliability
Reliability is supported by the use of structured data and a repeatable method, with clear documentation. It is intended that another researcher with access to the same dataset should reach the same quantitative result and conclusions. 
Comprehensive documentation will be produced to outline the analytical steps, data preparation processes, and predictive techniques used. This includes the configuration of the dashboard and exploratory predictive models. The intention is that should the report prove effective, staff at the industrial partner will be able to continue running the updating and interpreting the analysis independently, without requiring input from the original author. This supports long term reliability and operational sustainability of the project outcomes
4.1.6.3	 Generalisability
Findings will be most applicable to businesses or organisations with similar risk management structures, audit processes and regulatory environments – I.E UK insurance or financial services. Predictive insights will be business or organisation specific and dependent upon the audit findings and risk event logs utilised; the methodology itself is transferable. 
4.1.7	Data Evaluation Methods 
4.1.7.1	 Data Collection 
Data will include: 
· Claims Audit findings – past, ongoing and planned reviews.
· Claims risk events, including near misses. 
· Claims Audit scopes, outcomes and control assessments.
· Claims Risk event attributes (severity, category and root cause).
Data will be obtained from the in place secure organisational systems. The minimum viable dataset required will be a multiyear sample of Claims Audit findings and Claims risk events. This information is business sensitive and so cannot be released outside of the organisation. For demonstration and marking purposes data will be obtained utilising AI to create records. If data gaps occur which cannot be completed, imputation will be used to complete the record, or the analysis will be limited to subsets to maintain accuracy. 
4.1.7.2 Data Evaluation 
The following techniques may be used to evaluate data
· Descriptive statistics
· Trend analysis 
· Correlation analysis 
· Exploratory predictive techniques 
· Thematic qualitative analysis 
It is intended for results to be presented through tables, charts and a dashboard designed for interpretation by staff at all organisational levels. 
4.2 	Development Methodology
4.2.1	Software Development Methodology OR other relevant Major Methodology 
Dashboard development will follow a feature driven development approach, an agile methodology suitable for single developer projects. Feature driven development is appropriate as it allows iterative development of dashboard features, continuous refinement based on findings and flexibility to include emerging/discovered elements. 
[bookmark: _Toc238907206]5. 	Resources and Planning 
[bookmark: _Toc238907207]5.1	Hardware Resources 
This project will be completed on a standard networked laptop provided by the industrial partner which is capable of running data analysis and dashboard development software. No specialist hardware is required. Access to restricted secure organisational data will be provided through the industrial partners standard workstation environment.
[bookmark: _Toc238907208]5.2	Software Resources
The following software resources will be utilised:
· Microsoft Excel (Office 365) – initial data cleansing, structuring and exploratory analysis.
· Power BI – dashboard development, data modelling and visualisation.
· R Studio - dashboard development, data modelling and visualisation
· Python – potential use for analytical tasks if required, such as testing or exploratory predictive analysis. 
A final decision has not been made on which software will be utilised for each section. Microsoft Excel will likely be utilised for initial data collection as the majority of the required data is stored via this medium. R studio is designed for modelling large datasets without the need for powerful machines, whilst PowerBI is the likely candidate for dashboard development and visualisation.  
[bookmark: _Toc238907209]5.3	Information Resources 
The project depends upon internal data collected and provided by the industrial partner (EUI Ltd / The Admiral Group). This includes: 
· Claims Audit reports (past, ongoing and planned) – including scopes, outcomes and control assessments
· Claims risk registers.
· Claims Audit risk coverage tracker.
· Claims Audit plan tracker(s). 
· Claims risk events and near misses – including severity, root cause and business impact)
No external datasets will be required. Due to the sensitivity of the data involved in this project, this information will not be available to anyone outside of the industrial partner. For these elements of the project AI generated records will be utilised. 

[bookmark: _Toc238907210]5.4 	Human Resources 
The author will be the main resource focus for this project. In addition, the following may also provide input and direction:
Lecturer – Academic guidance and methodological oversight. 
Industrial partner stakeholders / subject matter experts. Access to restricted platforms, clarification on Audit processes, risk registers and risk event logs. 
Risk / Audit staff for testing effectiveness of the dashboard and the ability to continue utilising and running the project without the continued support of the author. 
[bookmark: _Toc238907211]5.5	Cost Resource 
No additional funding is required. Existing industrial partner and university resource will support project delivery. 
[bookmark: _Toc238907212]5.6	Project Plan
Below is a structured plan covering the intended phases of the project. Dates are approximate and may vary depending on the speed of completion, unexpected delays or additional findings and fixes needing to be implemented. 
	Phrase 
	Activities 
	Timeline

	Initiation
	Finalise aim, objectives, methodology etc from feedback on proposal 
	January 2027
1 week

	Data acquisition and understanding
	Obtain Claims Audit reports, Claims Audit risk coverage tracker, Claims Audit plan tracker, Claims risk registers, and risk event data. Review structure. Identify any gaps present. Identify if any additional data required. 
	3 – 5 weeks
Jan – Feb

	Data Cleaning and integration
	Standardise formats; merge datasets; prepare analytical dataset 
	3 – 5 weeks
Feb – March

	Data analysis 
	Trend analysis, correlation analysis, quantitative interpretation
	3 - 5 weeks
March – April

	Dashboard development
	Build dashboard; refine visualisations; stakeholder feedback
	3 - 5 weeks
April – May

	Evaluation 
	Assess organisational value – evaluate predictive potential
	2 - 4 weeks
May - June

	Report writing 
	Complete final report, prepare dashboard documentation and presentation for industrial partner stakeholders
	2 – 3 weeks
June - July


Table 02 – Intended project timeline

Figure 1 – Gannt chart
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