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[bookmark: _Toc211030520]1. Introduction & Forward Planning 
[bookmark: _Toc211030521]1.1 Background & Problem Context
Alongside the fast growth of e-commerce, the UK IT components market has expanded, especially in laptops and mobile phones. As of 2024, online sales represented about 28.7% of total retail sales in the UK, and estimates indicate sales percentage will exceed 30% in 2025 (Statista, 2023). In early 2025, smartphones accounted for almost 60% of e-commerce purchases, showing that shoppers prefer mobile devices (Statista, 2025). The new 5G networks and advanced digital infrastructures are positive boosters for online shopping (Mordor Intelligence, 2025).
As digital shopping increases, UK retailers are allocating more of their budgets into online marketing strategies, consisting of paid search, social media marketing, influencer and affiliate marketing, display ads, and personalised emails. In 2024, digital advertising expenditures topped £35 billion and are projected to increase by 7% in 2025 (IAB UK, 2025). Many businesses, however, still find it hard to link sales and AOV to specific marketing channels. Multi-platform consumer behaviour leaves gaps in attribution, for instance, reported revenue gaps of £20,000 to £450,000 (QueryClick, 2023).
[image: ]
Figure 1: Share of mobile phone users in the United Kingdom (UK) from 2005 to 2024 [Source: Ofcom, 2024]
[bookmark: _Toc211030522]1.2 Research Aim, Objectives & Questions
Research Aim:
To evaluate the role of online marketing in influencing sales of laptops and mobile phones in the UK market.
Research Objectives:
· To evaluate the impact of online marketing strategies on the purchase decision-making of UK consumers.
· To analyse which online platforms and tools contribute most to IT component sales (e.g., Google Ads, social media, influencer marketing).
· To investigate the relationship between online consumer engagement and conversion rates for IT retailers.
· To recommend strategies to enhance online marketing effectiveness for IT retail firms.
Research Questions:
1. How does online marketing affect the sales of laptops and mobile phones in the UK?
2. Which digital marketing platforms most significantly impact IT component purchases?
3. What consumer behaviour patterns are influenced by online marketing stimuli?
[bookmark: _Toc211030523]1.5 Significance, Scope & Delimitations
This research contributes academically by building from the empirical exploration of under-researched dimensions of moderating factors like consumer reviews and promotional offers within the omnichannel marketing attribution literature (Mrad & Hnich, 2024). Practically it provides UK IT retailers with insights that can be implemented in terms of reallocation of their budget toward boosting their unit sales and AOV in a very competitive market environment. The study’s scope is confined to online marketing activities within the UK B2C retail segment on laptops and mobile phones. The exclusion of offline marketing and other international markets is due to differences in consumer behaviour, regulatory landscapes, and marketing omnichannel.
[bookmark: _Toc211030524]1.6 Outline of Proposal
This proposal is organized as follows: critical literature is reviewed in Section 2; Section 3 explains research design and methods; a timeline for completion is outlined in Section 4; and Section 5 explains the standards for presentation and academic integrity.
[bookmark: _Toc211030525]2. Literature Review
[bookmark: _Toc211030526]2.1 Theoretical lenses
Across the digital path to purchase for high consideration electronics, the Hierarchy of Effects/AIDA and Customer Decision Journey (CDJ) frames clarify how attention and interest from upper-funnel media convert to desire and action at lower-funnel touchpoints. In attribution, data-driven approaches increasingly supplant rule-based heuristics. According to Mrad and Hnich (2024), Bayesian network multi touch attribution (MTA) can more credibly map how sequences of impressions translate into conversion probabilities, improving decision-usefulness over naïve last click rules. They report high predictive accuracy on real e-commerce paths and introduce “negative observation propagation” to identify channel lift (Mrad & Hnich, 2024). By contrast, Shender et al. (2020) argue that time dynamics and incomplete paths necessitate a time to event MTA that models conversion as an inhomogeneous Poisson process; their emphasis is on handling streaming, partially observed journeys. Taken together, these methods complement persuasion based theories by offering empirically grounded credit assignment. Yet, a critical caveat is external validity: both studies optimise statistical fit within particular data environments, which may not translate to UK consumer electronics without careful recalibration.
[bookmark: _Toc211030527]2.2 Online channels & mechanisms
Channel effectiveness varies by product and audience. Huang et al. (2020) conduct a randomised field experiment on a major social network (37 million users; 71 products, 25 categories) and find social advertising is heterogeneous: “status goods” (e.g., fashion) respond strongly, whereas categories such as electrical appliances exhibit weaker effects. This cautions managers against assuming uniform social/display returns for laptops or mobiles. In contrast, Mrad and Hnich (2024) show that, within a B2C setting, data driven Multi-Touch Attribution (MTA) can pinpoint effective channels across search, social, affiliates and email by learning from full journeys offering a route to compare paid search/product listing ads (for high intent queries) against upper funnel media. Content quality also matters: Chen et al. (2022) demonstrate, via eye tracking, that consumers allocate disproportionate attention to negative review text implicating creative, targeting and on page assets (e.g., comparison pages, spec sheets, video reviews) in shaping lower funnel conversion. Weippert (2024) complements this with an omnichannel perspective: through expert interviews and consumer focus groups, the paper proposes decision trees for calibrating scope and intensity of personalisation across touchpoints, aligning Customer Relationship Management (CRM)/email and on site experiences with stage specific needs.
[bookmark: _Toc211030528]2.3 Moderators & contextual factors
The literature highlights multiple moderators. Chen et al. (2022) show gendered attentional biases toward negative comments, suggesting review valence/volume can interact with media effects and should be modelled as moderators. Weippert (2024) notes that the best personalisation hinges on factors like the particular channel, the journey stage, and the capabilities of the organization in which case, the impacts of email/CRM or retargeting differ by the type of retailer (marketplace vs D2C vs multi brand) as well as their type. Methodologically, Shender et al. (2020) argue seasonality and evolving ad effects require flexible hazards and rolling re estimation; this is critical for events like Back to School or Black Friday in UK electronics. Finally, Mrad and Hnich (2024) address class imbalance and show that robust learning can still yield actionable channel attributions, but their Middle East and North Africa region dataset may face differences in availability, fulfilment options or Buy now, Pay Later usage relative to the UK temper the direct transfer of their elasticities.
2.4 Empirical gaps & implications
Evidence is fragmented across categories and often outside the UK. Huang et al. (2020) question the blanket efficacy of social for durable electronics; Chen et al. (2022) reveal review driven attentional asymmetries that most marketing mix modeling/multi-touch attribution pipelines ignore; Shender et al. (2020) prioritise temporal realism but provide limited retail category specifics; and Weippert (2024) offers conceptual guidance without sales elasticities. Hence, there remains a gap for category specific, UK based panel evidence that jointly estimates channel effects and interactions with promotions, reviews/ratings and stock for laptops versus mobiles. Our study addresses this by integrating data driven attribution with moderator terms and seasonality controls to produce budget allocation guidance grounded in UK market realities.
[bookmark: _Toc211030529]3. Methodology 
[bookmark: _Toc211030530]3.1 Design & Approach
In this study, explanatory qualitative design will be the main approach that will be carried out to establish the influence of online marketing channels on sales performance of IT components within the United Kingdom. Quantitative approach makes it possible to measure and statistically analyze the impact of marketing initiatives based on the available data. It should however be noted that the qualitative approach would be equally relevant, as it provides an understanding of consumers and the influence of marketing on them. Unless there is enough quantitative information, this study will be considered qualitative or mixed methods. The reason is that the study of qualitative data will help to understand the context of the research problem. This is the study design advocated as being optimal through research balancing objectivity and depth (Saunders et al., 2019; Creswell & Creswell, 2017).

[bookmark: _Toc211030531]3.2 Data & Measures
The dependent variables will include units sold, revenue, conversion rate and average order value (AOV) that will be quantified at a product category level of laptops and mobile phones. The practices are identified in the retail and marketing research textbooks as a measure of the success of marketing projects.  Multi-channel online marketing measures (impressions, clicks, advertising expenditure, CTR, CPC, CPM, reach, engagement, and email campaign measures, send, open, and click rate) will be the main predictor variables. Other variables that will be described will include affiliate clicks and SEO visibility scores, which are major revenue generators (Weippert, 2024). Promotional activities (e.g., discounts and offers), average product ratings and number of reviews (Chen et al., 2022), price competitiveness (price index), stockouts (Bray et al., 2022), brand effects (B2C brand equity), seasonality (Gonzalez et al., 2020), retailer type (Bray et al., 2022), and device type (mobile vs. desktop) will serve as contextual factors from which moderating variables will be derived. Multiple-verified UK sources will be used for retailer analytics, marketing reports and public databases. Data collection will be done for reliability and accuracy. Prior to analysis, data will be cleaned and integrated to ensure logical coherent and consistency will support credible results while maximising data accuracy. Such an effort ensures that accuracy reflects behaviour of the UK market contextually.
[bookmark: _Toc211030532]3.3 Modelling Strategy
Rather than using complex regression models, in this research, basic descriptive statistics will be used. The intent will be to portray the data of sales and marketing the principal patterns and trends with respect to average median percentage variation and growth rates. Such simple statistics will also enable the finding of relationships between the results of sales and efforts made in online marketing without resorting to complicated econometric models.
The adopted approach is a result of the fact that this study is exploratory and it is meant to inform stakeholders about the size of the effect marketing will have without the possibility of any statistical forecast. The use of descriptive statistics also means that the result will be communicated more easily in simple charts and tables and thus make the result more easily for the reader to interpret. The lack of advanced regression techniques is linked to the presence of weak data or diverse data on which the current research is likely to be based. Such simple technique describes the research in a more precise, dependable, and insightful mode in respect to the UK IT market.
[bookmark: _Toc211030533]3.4 Validity, Reliability, and Ethics
As stated in the literature, marketing and econometric research conventions will be followed (Saunders et al., 2019). Internal validity will be further enhanced by comprehensive controls and lag modelling to mitigate omitted variable bias and reverse causality. Although the external validity is bounded to the UK B2C market context, transferable insights are anticipated within technologically akin markets (Bell et al., 2022). Reliability could be ensured by making the scripts of data processing as well as codebooks versioned and made reproducible. This will ensure that it can assure ethics through aggregate anonymised secondary data containing no personal data- GDPR and other applicable data sharing contracts. The information will be stored safely, and the access will be restricted.
[bookmark: _Toc211030534]3.5 Risks & Mitigations
The availability of the data will be determined by using the public sources of aggregate data and the proxy datasets that are provided in the industry. The issue of missing data constraints will be tackled using the multiple imputation methods and sensitivity analysis through listwise deletion. Since time is limited, I will consider the elements of the model in the priority of importance starting with the core channel sales relations, then integration of moderators and robustness checks.
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As per the assessment guidelines, AI technologies will only be used for the discovery, structuring, and proofreading of assistive technologies, and there will be no submission of AI-generated text.
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[bookmark: _Toc211030537]5. Expected Contributions
This research will provide unified, category specific insights which detail how various digital marketing channels influence the sales of laptops and mobile phones, while considering critical moderating variables like reviews and promotions. From an academic perspective, it will enhance the scholarship around the real world UK retail sector concerning omnichannel attribution. From the standpoint of generating a management tool, it will develop a realistic playbook on budget reallocations that will allow marketers to adjust analytical spend on a cross channel basis, by product category and over time, particularly in critical sales periods, to assess the ROI on managed reviews and the cost exclusion from reviews.
[bookmark: _Toc211030538]6. Limitations & Delimitations
The study solely examines the B2C market in the UK, which could limit the applicability of the findings to other areas of the market or to B2B contexts. Unaccounted variables and biases due to self-reporting on platforms also bring limitations to secondary data. Focusing on short-term sales attribution and the lack of consideration of offline media, for example, the study ignores the effects of post-purchase loyalty and long term sales on the analysis.
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