From Task Automation to Agentic Work: Rethinking Talent Management in the AI Era
As AI moves work beyond task automation toward process automation and increasingly agentic forms of execution, it is not only changing how work is performed but also redefining who counts as strategically valuable talent. This chapter argues that shifts in the basic unit of work have profound implications for talent management, requiring organizations to rethink how they identify, develop, and retain AI-ready employees. To advance this argument, the chapter proposes a preliminary typology of talent in AI-transformed work to form an AI-ready talent pipeline.

Artificial intelligence (AI) has already entered both HRM research and practice. Yet much of the existing discussion still treats AI primarily as an HR tool, emphasizing its role in improving the efficiency of recruitment, training, performance management, and people analytics (Budhwar et al., 2023; Li & Cheng, 2025). Other studies examine the effects of AI on employees in relatively broad terms, such as job satisfaction, performance, and motivation, while a further stream of research focuses on worker substitution and the ethical concerns raised by algorithmic management and AI-enabled decision-making (Garcia & Kwok, 2025). Although these perspectives are important, they do not fully reveal a deeper shift now taking place: AI is transforming the basic unit of work itself. 

A major recent technical advancement is the emergence of popular open-source personal AI agents ( OpenClaw, formerly Clawdbot/Moltbot), that can run locally on users’ own hardware. The advances in generative and agentic AI have made AI’s transformative impact on the nature of work increasingly visible, as they open up the possibility of automating entire processes through AI agents rather than merely automating discrete tasks. In other words, it is increasingly pushing work beyond discrete task automation toward broader process orchestration and, in some contexts, more agentic forms of AI-enabled execution (Budhwar et al., 2023; Chowdhury et al., 2024). Under these conditions, organizations must rethink not only how work can be further automated and optimized, but also what kinds of talent will be most needed in the future. As AI reshapes the architecture of work, it also reshapes the definition of strategically valuable talent.

[bookmark: OLE_LINK23]The AI era should not be understood merely as a new phase of traditional automation; rather, it should be seen as a broader transformation in the architecture of work. As work shifts from task execution to process coordination and, increasingly, to AI-mediated or agentic forms of execution, the role of employees within organizations changes accordingly. Organizations are no longer concerned only with whether employees can function as efficient executors of predefined tasks. They are increasingly valuing employees’ ability to monitor AI outputs, manage exceptions, integrate information across workflows, exercise judgment under conditions of uncertainty, and coordinate and govern AI-enabled work systems (Budhwar et al., 2023; Garcia & Kwok, 2025; Matej & Amadeja, 2025). More importantly, workers are now expected to take greater responsibility of job craft for planning, structuring, and optimizing their own work, defining the boundaries of the tasks and modules for which they are accountable.. Under these conditions, professional depth, contextual understanding of one’s work, technical capability, accountability, and individual credibility become increasingly central.

From this perspective, AI is not merely changing job content; it is reshaping the very meaning of talent. For this reason, research needs to move beyond a narrow focus on job redesign, role adjustment, or the upskilling required to use AI tools. Such concerns remain important, but they are no longer sufficient. What is changing more fundamentally is the basis on which organizations judge who is strategically valuable. As AI transforms the structure of work, it also changes the criteria by which talent is recognized, developed, and retained. This suggests the need to shift the analytical focus from job redesign to talent redefinition (Chowdhury et al., 2024; Li et al., 2024).
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Figure1: Stage Model of the Evolution of the Nature of Work


The first contribution of this chapter lies in building a conceptual bridge between two streams of research that have largely developed in parallel. On the one hand, a growing body of work has begun to examine how generative AI, intelligent systems, and automation reshape HRM, work design, and organizational processes (Budhwar et al., 2023; Chowdhury et al., 2024; Garcia & Kwok, 2025; Matej & Amadeja, 2025). On the other hand, a substantial literature on talent management has explored how organizations identify, develop, and retain strategically valuable employees under conditions of digital transformation and changing organizational capabilities (Bolander et al., 2017; Kravariti & Johnston, 2020; Dawson & Agbozo, 2024; Li et al., 2024). Yet these two conversations are rarely integrated in ways that explicitly explain why changes in the structure of work should also alter the organizational definition of key talent. This connection becomes particularly significant in increasingly agentic forms of work, where the very basis on which talent is defined is being radically reconfigured. This chapter addresses that gap by arguing that talent management in the AI era cannot be organized solely around reskilling or tool-related capability development; rather, it must be grounded in the recognition that work itself has undergone a structural transformation.

The second contribution of this chapter lies in demonstrating how changes in the basic unit of work lead to a redefinition of human roles and, consequently, of strategically valuable talent. More specifically, this chapter develops its argument at three levels. First, it introduces an analytical framework to depict changing forms of work, explaining how AI-enabled work evolves from task automation to step automation, process orchestration, and agentic execution. Second, it argues that changes in the basic unit of work bring about corresponding changes in the role of human workers. Employees are typically valued in terms of task proficiency, execution efficiency, and accumulated experience in the traditional working settings; in the AI era, however, these criteria are no longer sufficient for fully defining key talent. 

The chapter’s third contribution lies in its implications for talent management. In the AI era, talent management can no longer be understood merely as the attraction and retention of conventionally high-performing employees; rather, it requires a redefinition of who constitutes key organizational talent and how new management systems should be designed around them. Building on the preceding analysis of work transformation, the chapter proposes a preliminary typology of talent according to work role to illustrate the different types of workers organizations are likely to need in the future, including reliable executors, AI-enabled monitors, process integrators, and AI orchestrators and governors. The purpose of this typology is not to impose rigid categories, but to demonstrate that as work expands from the level of discrete tasks to broader processes and systems, the forms of talent that organizations value also become more differentiated and elevated.

Talent Typology 

In highly AI-enabled or agentic work settings, talent can be broadly classified into four categories according to their work roles: direct task execution, oversight of AI outputs, coordination and integration of human–AI workflows, and the orchestration and governance of AI-enabled processes.

Reliable executors are individuals who consistently perform clearly defined tasks to a high standard. They should not be regarded as “low-value” workers; rather, they remain essential at the task level in AI-enabled work systems. Their importance is particularly evident in areas where task boundaries or accountability boundaries cannot be fully codified, where AI cannot yet operate autonomously with sufficient reliability, or where effective task completion still depends on human judgment, coordination, or human–AI collaboration.

AI Oversight Specialists are workers whose primary role is to oversee AI performance and assess whether AI-generated outputs are accurate, reasonable, and fit for purpose. Rather than directly executing tasks, they draw on their professional expertise to inspect results, identify errors or anomalies, evaluate whether alternative solution paths may be more appropriate, and intervene when correction is needed. The core of their work lies in supervision, verification, and problem detection, especially in tasks that require human checking, validation, anomaly recognition, and corrective adjustment.

Process integrators are workers who connect tasks, people, systems, and information sources so that the overall workflow can function effectively. Their core contribution lies in enabling the continuity and coordination of the broader process. Even when many individual tasks have been substantially covered by AI, human involvement remains crucial in bridging gaps across departments, systems, and data sources. In many settings, workflows cannot be made fully seamless and work cannot be completely automated. This integrative role becomes especially important when exceptions, anomalies, or emergent situations arise, as these conditions demand human coordination, communication, and adaptive realignment across the process.

AI orchestrators and governors are actors who determine how AI-enabled work systems operate and who ultimately shoulder responsibility for the outcomes. Their core role lies in organizing, constraining, and governing AI-driven work systems. They design AI-enabled work structures, configure workflows, and manage interactions among human workers, AI systems, and autonomous agents. Their responsibilities include setting goals, allocating tasks across human and AI actors, defining operational boundaries, managing risks, and ensuring accountability for system-level outcomes.
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Overall, this chapter argues that the real challenge AI poses for human resource management lies not simply in how HR professionals or employees use AI tools, but in how organizations redefine and manage talent once AI begins to transform the basic architecture of work. By linking AI-driven work transformation with the reconfiguration of talent management, the chapter seeks to provide a more explanatory conceptual framework for understanding talent management in the AI era. In terms of structure, it first examines how AI changes the basic unit of work, then analyzes how such changes reshape human roles and the definition of key talent, and finally discusses the implications for talent identification, development, leadership formation, and the building of AI-ready talent pipelines.

Reference:
Bolander, P., Werr, A. and Asplund, K. (2017) “The practice of talent management: a framework and typology,” Personnel review, 46(8), pp. 1523–1551. Available at: https://doi.org/10.1108/PR-02-2016-0037.

Budhwar, P. et al. (2023) “Human resource management in the age of generative artificial intelligence: Perspectives and research directions on ChatGPT,” Human resource management journal, 33(3), pp. 606–659. Available at: https://doi.org/10.1111/1748-8583.12524.

Chowdhury, S., Budhwar, P. and Wood, G. (2024) “Generative Artificial Intelligence in Business: Towards a Strategic Human Resource Management Framework,” British journal of management, 35(4), pp. 1680–1691. Available at: https://doi.org/10.1111/1467-8551.12824.

Dawson, J.Y. and Agbozo, E. (2024) “AI in talent management in the digital era – an overview,” Journal of Science and Technology Policy Management [Preprint]. Available at: https://doi.org/10.1108/JSTPM-06-2023-0104.

Florin, L. and Pichault, F. (2020) “Emerging Forms of Precariousness Related to Autonomy at Work: Toward an Empirical Typology,” Frontiers in sociology, 5, p. 34. Available at: https://doi.org/10.3389/fsoc.2020.00034.

Garcia, R.F. and Kwok, L., 2025. Generative artificial intelligence in human resource management: a critical reflection on impacts, resilience and roles. International Journal of Contemporary Hospitality Management, 37(9), pp.3136-3158.

Kravariti, F. and Johnston, K. (2020) “Talent management: a critical literature review and research agenda for public sector human resource management,” Public management review, 22(1), pp. 75–95. Available at: https://doi.org/10.1080/14719037.2019.1638439.

Li, B. and Cheng, Y. (2025) “ChatGPT in human resource management: A systematic review of influential factors, processes, and outcomes,” Heliyon, 11(15). Available at: https://doi.org/10.1016/j.heliyon.2025.e44048.

Matej, Č. and Amadeja, L. (2026) “Work Has Changed, Has HRM? Designing for the Distributed, Fragmented, and Fluid Era,” Human resource management, 65(2), pp. 305–324. Available at: https://doi.org/10.1002/hrm.70028.





image1.png
Al Capabili’cy Evolution

Change in  Task  Step Process Agentic
Work Unit Automation Automation Orchestration Execution
Ch. i Aut u
Hu::geia:l‘e l Tasksj L S\{Eefs I Pn:c;ses 1 Wo:ﬁr:&):
o AL-Ready
\%ompill—ul\:w{ns Task Executors %Process Monitors H;{egmﬁm Coovdimfusﬁ AL Orchestrators W,Talewt P.Feh'ne
v Talew - 7
Management K] 4@1 ﬂ a





image2.png
A Role-Based Typology of Talent in Al-Transformed Work

Governance A
Al-Enabled Al Orchestrators |
Monitors | and Governors |
Nature of
human
contribution
Reliable Process
Executors Integrators
Execution / .y
Scope of work Process / System

Reliable Executors —> Al-Enabled Monitors —> Process Integrators —> Al Orchestrators and Governors




