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Introduction

Geodemographics are consumer segmentation models that group people based on demographic
attributes within specific geographic areas. Factors like age, gender, education level, and income
help reveal lifestyle segments that can be used for marketing, retail planning, and site selection.

These profiles are valuable because they identify and locate lifestyle groups that are not easily
captured by traditional demographic data alone. While traditional data provides basic census
counts, geodemographic profiles offer deeper lifestyle insights, making them especially useful for
targeted analysis and decision-making.



Case Study Overview

The case study is a review

of Methadone
Hydrochloride oral liquid
prescribing for the year
2023, measured against
the socioeconomic and
long-term health of the
areas, compared within
each health board in
Wales.

The objective of the
analysis is to compare the
volumes of Methadone
prescribing across Wales

in comparison to long
term health and
socioeconomic status of
the areas.

The key questions from
this are do areas with
higher long-term health
have high Methadone
prescribing and do areas
with lower socioeconomic
status have higher volume
of Methadone
prescribing.




Datasets Gathered

Shape file Geographic data

Wales maps UK data service
) Shape file Geographic data y
Health board map UK data service
. . CSV file Health Data y
Prescribing data in Wales 2023 NHS data
o CSVfile Geographic data y
Addresses for GP surgeries in Wales NHS data
) Shape file Geographic Data y
Postcode data UK data service
o Shape file Geographic Data n
Gp main sites NHS data
) ) ) Ccsv socioeconomic data y
Socioeconomic Data UK data service
Ccsv Health Data y

Long Term Health Data UK data service
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Data Acquisition Overview

Once the case study topic was

agreed then our intial stepsin the

data acqusition are detailed
below.

Once the types of data were
identified as required, we set out
to obtain the data.

First step was to create a central

repository to store the data, for

our team we utilized Microsoft
Teams to store all the data.

Utilized Uk Dataservices, NWSSP
for prescribing data and health
maps Wales to obtain GP data
this gave us a diverse range of

sources on which to obtain data.

Next step was to identify the
types of data pertinent to our
case study e.g. geographic,
health, socioeconomic.

Ensured data had a appropriate
geogrpahical references so that
we can appropritaely link and
utlize the data within the GIS
environement (Maplnfo).
Demonstrate your understanding
of data acquisition




Types of Data Researched

Spatial Data: Geographic data such as maps, shapefiles, or raster data
(e.g., satellite images, aerial photography).

Non-Spatial Data: Databases, spreadsheets, or data from sources like APIs
that contain information related to the spatial entities but don’t have
inherent spatial characteristics.

External Data Sources: These can include web services, APIs, or real-time
feeds (e.g., weather data, demographic information) that need to be
integrated for dynamic updates.




Data Preparation

The spatial data was in a format ready to be loaded and utilized with in the GIS software whereas our
prescribing figures data needed preparation before use.

. The data is spread out for each month in separate CSV files, utilizing Python with the Pandas
library we can read in these files to create data frames to process the data programmatically.

. Once each of the files has been read in next the data needed to be filtered to our required drug
Methadone HCL Mix.

. Then we have our filtered data sets for each month, these need to be combined into a one data
frame.
. Once the data frames have been combined then the address data can be added by linking the

practice ID between the prescribing data CSV and the GP address CSV.

. Now the final dataset is complete this can be written back to CSV and now it is ready for loading
into our GIS software.

Now that our prescribing data has been prepared it was time to consider the other data we had acquired
and whether we need to include that.

itemData202301
itemData202302
itemData202303
itemData202304
itemData202305
itemData202306
itemData202307
itemData202308
itemData202309
itemData202310 = pd.
itemData202311 = pd.
itemData202312 = pd.

pd.
pd.
pd.
pd.
pd.
pd.
pd.
pd.
pd.

filter = 'BNFName.str.contains("Methadone Hcl_Mix")’

filtereditemData202301 = itemData202301.query(filter)
filtereditemData202302 = itemData202302.query(filter)
filtereditemData202303 = itemData202303.query(filter)
filtereditemData202304 = itemData202304.query(filter)
filtereditemData202305 = itemData202305.query(filter)

filtereditemData202306 = itemData202306.query(filter)
filtereditemData202307 = itemData202307.query(filter)
filtereditemData202308 = itemData202308.query(filter)
filtereditemData202309 = itemData202309.query(filter)
filtereditemData202310 = itemData202310.query(filter)
filtereditemData202311 = itemData202311.query(filter)
filtereditemData202312 = itemData202312.query(filter)

frames = (filtereditemData202301
filtereditemData202302
filtereditemData202303
filtereditemData202304
filtereditemData202305
filtereditemData202306
filtereditemData202307
filtereditemData202308
filtereditemData202309
filtereditemData202310
filtereditemData202311
filtereditemData202312
)




Data Preparation Continued

Now that the prescribing data has been prepared for use within the GIS it was time
for us to turn our attention towards our other data we have collected.

The data for the Wales map and the health board boundaries data were able to be
used as our geographic references.

We needed to make sure that with the other data sets we had gathered that we
had appropriate geographical references so that once it has been loaded into our
GIS software that we can geocode the data (e.g. Longitude and Latitude).




The End

Any Questions?
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